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Abstract 

Purpose: This study investigates key factors influencing behavioral intention to use hybrid education of undergraduate students 

in Arts and Design of three universities in Chongqing, China. Perceived ease of use, perceived usefulness, performance 

expectancy, self-efficacy, effort expectancy, social influence, and behavioral intention were associated in a conceptual framework. 

Research design, data, and methods: The researchers used a quantitative approach for survey distribution to 500 participants. 

The sampling techniques involve judgmental, quota and convenience samplings. Item Objective Congruence (IOC) Index and 

Cronbach’s Alpha reliability test were approved prior to the data collection. Confirmatory Factor Analysis (CFA) and Structural 

Equation Model (SEM) were used to test models’ goodness of fit, validity, and reliability. Results: Perceived usefulness has the 

strongest significant impact on behavioral intention, followed by perceived ease of use, self-efficacy, effort expectancy, and social 

influence. Furthermore, perceived ease of use strongly and significantly impacts perceived usefulness. In contrary, the relationship 

between performance expectancy and behavioral intention was not supported. Conclusion: Hybrid education has gained the most 

concern in the system adoption for teaching and learning effectiveness. Therefore, educational stakeholders should identify the 

main contributors to achieve the hybrid learning implementation and increase student engagement and learning performance. 
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1. Introduction12 

 
Higher education has been transformed from the pure 

physical classroom to hybrid learning, using system 

technology to facilitate distance learning. According to Barr 

and Tagg (1995), a paradigm shift of educational model has 

been redefined to focus less on traditional lecturing to more 

on self-pace learning in a student-centered environment. 
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When considering the benefits of online and offline education, 

some report argues that combining both formats provide more 

pleasure and convenience to learners (Popma, 2012). Many 

literatures postulated that hybrid education is more practical for 

students in a modern world. The researchers have explored the 

history, current status, and current limitations of hybrid education 

in China, based on how well students could adopt such format of 

learning to accomplish their academic goals. 
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Some experts describe hybrid education as a 

combination of face-to-face and virtual learning, involving 

educational data portals, digital resources, assignment 

submissions, and asynchronous or synchronous online 

content (Buzzetto-Moore & Sweat-Guy, 2006). Effective 

use of instructional time and reduction of travel time are two 

important aspects of hybrid education model (Hochberg, 

2006). In recent years, due to the spread of the COVID-19, 

hybrid education generates obvious advantages in education 

industry. Public universities in China have quickly 

introduced hybrid learning at the beginning of epidemic, 

especially in Arts and Design program. Consequently, more 

and more Arts teachers have been trying to embed 

technologies to educate their students during the outbreak. 

This study is crucial for better understanding of 

undergraduate students in Arts and Design of their 

behavioral intention to use hybrid education for their 

learning activities. 
 

1.1 Objectives of this Research 
 

a) To investigate the causal relationship among 

perceived ease of use, perceived usefulness, performance 

expectancy, self-efficacy, effort expectancy, social influence, 

and behavioral intention to use hybrid education among 

undergraduate students in Arts and Design from three 

universities in Chongqing, China. 

b) To examine the causal relationship from perceived 

ease of use toward perceived usefulness of using hybrid 

education among undergraduate students in Arts and Design 

from three universities in Chongqing, China. 

c) To make recommendations to academic practitioners 

and higher education executives for better improvement of 

hybrid education for students’ successful adoption and 

learning performance optimization. 

 

1.2 Research Questions 
 

a) Do perceived ease of use, perceived usefulness, 

performance expectancy, self-efficacy, effort expectancy, 

social influence have significant impact on behavioral 

intention to use hybrid education among undergraduate 

students in Arts and Design from three universities in 

Chongqing, China?  

b) Does perceived ease of use have a significant impact 

on perceived usefulness of using hybrid education among 

undergraduate students in Arts and Design from three 

universities in Chongqing, China. 

c) What are recommendations for academic practitioners 

and higher education executives for better improvement of 

hybrid education for students’ successful adoption and 

learning performance optimization? 

 

 

1.3 Significance of the Study 
 

With the globalization and the impact of global epidemic, 

the implementation of teaching and learning in colleges and 

universities worldwide has been facing major challenges. In 

digital era, the educational sector has undergone a rapid 

change. Especially in colleges and universities, multimedia 

and digital teaching facilities have been implemented. 

Introduction of a hybrid teaching and learning mode leads 

to a reform of the traditional Arts and Design courses in 

China. Therefore, this paper is beneficial to the design of 

Arts and Design education. Universities can exploit the 

findings to customize a reasonable educational model for 

students in Arts and Design program in terms of 

motivational factors of hybrid system adoption, which can 

effectively improve students' learning capabilities and 

performance. With the development of hybrid education 

courses, educators can consider the allocation of investment, 

materials, and human resources. In addition, Chinese 

government could issue the policies to enhance the country’s 

hybrid education for international competitive advantage. 

 

 

2. Literature Review 
 

2.1 Perceived Ease of Use 
 

The perception of how easy to use the system technology 

is described as perceived ease of use. It also explains on how 

confident people are to engage with particular technology 

(Chauhan, 2015). The perceived ease of use is a strong 

predictor of a person's future behavior (Davis, 1989). This 

perspective has been shown in several studies to influence 

an individual’s behavior and motivation to use the target 

system (Venkatesh, 2000). Students are more likely to 

accept hybrid education when they feel it is easy to use to 

fulfil their learning objectives (Lee, 2009). Perceived ease 

of use can promote both perceived usefulness and 

behavioral intention of students to use hybrid learning, 

which means they feel it is not difficult to use and it is useful 

to them (Chang et al., 2012). Thereby, two hypotheses are 

constructed per follows: 

H1: Perceived ease of use has a significant impact on 

perceived usefulness of hybrid education among 

undergraduates in Arts and Design. 

H3: Perceived ease of use has a significant impact on 

behavioral intention of hybrid education among 

undergraduates in Arts and Design. 

 

2.2 Perceived Usefulness 
 

Perceived usefulness is described as a person's belief that 

using a certain technology would increase their productivity. 
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It is also characterized as a user's willingness to adopt new 

technologies (Davis, 1989). According to other researches, 

perceived usefulness identifies the users’ anticipation that 

the system technology would help them enhance their job 

performance, which is an important factor in determining 

whether to employ it (Bhattacherjee & Sanford, 2006). 

Majdalawi et al. (2014) used TAM with its core dimensions 

of perceived usefulness and perceived ease of use, as well as 

other external factors such as GPA, teacher, and academic 

year, to investigate the influence of these variables on 

students' behavioral intentions to use the Learning 

Management System (LMS). The possibility that a user 

would engage in the intended activity is referred to 

behavioral intention (Ajzen, 1991). Subsequently, a 

hypothesis is derived: 

H2: Perceived usefulness has a significant impact on 

behavioral intention of hybrid education among 

undergraduates in Arts and Design. 

 

2.3 Performance Expectancy 
 

Students' awareness of how to employ hybrid learning 

and its advantages are described as performance expectancy 

(Ssekakubo et al., 2011). The degree of comfort and 

convenience in which technology may be located, adopted, 

and utilized is characterized as performance expectancy 

(Duangekanong, 2022). Performance expectancy has a 

significant influence on educational technology acceptance, 

and is an essential indicator of behavioral intention.  

Ngampornchai and Adams (2016) investigated 

undergraduate students' preparedness for online learning in 

the UTAUT model that has been proven to be essential 

theory in a successful technology adoption (Venkatesh et al., 

2003). Therefore, a hypothesis is developed: 

H4: Performance expectancy has a significant impact on 

behavioral intention of hybrid education among 

undergraduates in Arts and Design. 

 

2.4 Self-Efficacy 
 

Self-efficacy is defined as an evaluation of own's ability 

to accomplish a learning task with a specific goal (Fokides, 

2017). Bandura (1982) defined self-efficacy as "the ability 

of a person to organize and execute the actions required to 

produce different achievements". It is considered that 

several technical, social and personal constraints, such as 

technical support, instructional design, and perceived self-

efficacy, might limit the acceptance and application of new 

technologies (Asiri, 2019). The successful use of a hybrid 

education requires self-efficacy of a student which is a 

subjective evaluation of what one has to control over their 

task (Phyu & Vongurai, 2020). Behavioral intention is 

strongly influenced by self-efficacy (Qin et al., 2019). 

Accordingly, H5 is indicated: 

H5: Self-efficacy has a significant impact on behavioral 

intention of hybrid education among undergraduates in Arts 

and Design. 

 

2.5 Effort Expectancy 
 

When students anticipate that using hybrid learning will 

be simple and free of effort is described as effort expectancy. 

Effort expectancy is key predictor of educational system and 

technology adoption (Ssekakubo et al., 2011), which is 

signified as the acceptance of hybrid learning relying on 

students' perceptions of how simple it will be to use (Wang 

et al., 2009). Before making decision to embrace the specific 

technology, an individual observes or forecasts the effort to 

encounter the use procedure. Effort expectancy has been 

evidenced to have a significant impact on behavioral 

intention to use a system (Bervell et al., 2017; Venkatesh et 

al., 2003). Hence, a hypothesis is proposed: 

H6: Effort expectancy has a significant impact on behavioral 

intention of hybrid education among undergraduates in Arts 

and Design. 

 

2.6 Social Influence 
  

Social influence is conceptualized as one of the 

components in the technology adoption model. Social 

influence can be specified as the influence of other persons 

considered significant on the decision of potential adopters 

to accept a new technology (Bervell et al., 2017). Subjective 

norms were firstly initiated to describe social influence 

(Fishbein & Ajzen, 1975). Social factors, according to some 

experts, have both good and bad influences on people's 

behavioral intentions (Vermeir & Verbeke, 2006). In this 

study, social influence of students can come from their peers, 

teachers and parents who encourage them to use hybrid 

learning. Based on previous studies, a below hypothesis is 

developed: 

H7: Social influence has a significant impact on behavioral 

intention of hybrid education among undergraduates in Arts 

and Design. 

 

2.7 Behavioral Intention 
 

Behavioral intention is taken from a psychology theory 

that focuses on complete action and explains why people 

adopt a certain system (Chauhan, 2015). The cognitive 

awareness and decision of an individual to use a certain 

system depends on their level of intention. It also displays a 

student's willingness to accept a hybrid education, which 

was predicted by antecedent factors such as perceived ease 

of use, perceived usefulness, self-efficacy, social influence 

and many mores (Wang et al., 2016). Behavioral intention 
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describes how much effort/desire a person must carry out a 

specific activity (Fishbein & Ajzen, 1975). The stronger 

desire of an individual to do something, the more likely they 

will perform an action (Ajzen, 1991). 

 

 

3. Conceptual Framework 
 

The conceptual framework was developed by reviewing 

previous academic studies, based on the TAM and UTAUT 

theories. Firstly, Shin and Kang (2015) investigated an 

association between perceived ease of use (PEOU), 

perceived usefulness (PU), and behavioral intention (BI). 

Secondly, Cheung and Vogel (2013) identified a correlation 

between self-efficacy (SE) and behavioral intention (BI). 

Lastly, Attuquayefio and Addo (2014) established a 

correlation between effort expectancy (EE), performance 

expectancy (PE), social influence (SI), and behavioral 

intention (BI). As a result, a conceptual framework is 

visualized in Figure 1, followed by the summary of 

proposed hypotheses. 

  

 
 
Figure 1: Conceptual Framework 

 

H1: Perceived ease of use has a significant impact on 

perceived usefulness of hybrid education among 

undergraduates in Arts and Design. 

H2: Perceived usefulness has a significant impact on 

behavioral intention of hybrid education among 

undergraduates in Arts and Design. 

H3: Perceived ease of use has a significant impact on 

behavioral intention of hybrid education among 

undergraduates in Arts and Design. 

H4: Performance expectancy has a significant impact on 

behavioral intention of hybrid education among 

undergraduates in Arts and Design. 

H5: Self-efficacy has a significant impact on behavioral 

intention of hybrid education among undergraduates in Arts 

and Design. 

H6: Effort expectancy has a significant impact on behavioral 

intention of hybrid education among undergraduates in Arts 

and Design. 

H7: Social influence has a significant impact on behavioral 

intention of hybrid education among undergraduates in Arts 

and Design. 

 

 

4. Research Methods and Materials 

 

4.1 Research Methodology 
  

This quantitative study applied nonprobability sampling 

in distributing questionnaire to undergraduate students in 

Arts and Design who have been experiencing hybrid 

education form three universities in Chongqing, China. 

Three universities are Sichuan Fine Arts Institute (SCFAI), 

Chongqing University (CQU), and Southwest University 

(SWU). The questionnaire contains three sections. Firstly, 

screening questions were organized to identify right 

characteristics of respondents (Voß et al., 2021). Next, 

demographic information was collected for descriptive 

analysis such as gender, universities, year of study and 

majors. Finally, five-point Likert scale was implemented to 

measure scale items (Salkind, 2017). 

Before the data collection, item-objective congruence 

(IOC) index was applied to select three experts with Ph.D. 

credentials and educational specialists, and they were 

invited to validate each content. The IOC showed that all 

items were reserved at the score equal or over 0.67. In pilot 

testing, Clark-Carter (2010) found that 30 respondents were 

adequate. The Cronbach's Alpha coefficient values were 

measured to determine internal consistency reliability of 

equal or above 0.7 (Nunnally & Bernstein, 1994). 

The data were collected from 500 undergraduate 

students. The researchers applied statistical program of 

SPSS and AMOS for the data analysis. Additionally, the 

confirmatory factor analysis (CFA) was used to evaluate 

factor loading, t-value, composite reliability (CR), average 

variance extracted (AVE), and discriminant validity. The 

structural equation model (SEM) was subsequently 

employed to test hypotheses and significant level of each 

relationship. 

 

4.2 Population and Sample Size 
 

The target population of interest is 500 undergraduate 

students in Arts and Design program from three public 

universities in Chongqing, China. The minimum sample size 

for structural equation model should be 200-500 (Israel, 

1992). The questionnaire was distributed widely both offline 

and online to over 3,000 receivers. However, 500 students 
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were the target quantity which researchers aim to collect for 

the proper statistical analyses.  
 

4.3 Sampling Techniques 
 

The researchers utilized three sampling techniques to 

meet this study’s objectives. Initially, the researchers applied 

judgmental sampling to identify 2,400 undergraduate 

students in Arts and Design program with at least one month 

experience with hybrid education in three public universities 

in Chongqing, China. Additionally, 500 participants were 

determined as the final sample from quota sampling as of 

Table 1. For convenience sampling, researchers distribute 

questionnaires via offices of student affairs in both paper 

and online link formats.  

 
Table 1: Sample Units and Sample Size 

Target 

Public 

Universities 

Student 

Grade 

Population 

Size 

Total = 

2,400 

Proportional 

Sample Unit 

Size Total = 500 

Sichuan Fine 

Arts Institute 

(SCFAI) 

Freshman 395 82 

Sophomore 395 82 

Junior 390 81 

Senior 390 81 

Chongqing 

University 

(CQU) 

Freshman 130 27 

Sophomore 140 29 

Junior 150 31 

Senior 140 29 

Southwest 

University 

(SWU) 

Freshman 60 13 

Sophomore 70 15 

Junior 70 15 

Senior 70 15 

Source: Created by the author. 

 
 

5. Results and Discussion 
 

5.1 Demographic Information 
  

  The demographical data of 500 respondents were that 

21.48% are males, and 78.52% are females. In terms of 

colleges, 65.4% of students are from Sichuan Fine Arts 

Institute (SCFAI), 23.4% are from Chongqing University 

(CQU), and 11.2% are from Southwest University (SWU). 

For year of study, 24.37% are freshmen, 25.21% are 

sophomores, 25.42% are juniors, and 25% are seniors. In 

addition, 24.5% of the respondents are Product Designs, 

21.8% from Ring of Arts Design, 9.3% from Visual 

Communication Design, 20.2% from Digital Media Arts 

Design, and 24.2% of the students have not yet determined 

their major. 

 

5.2 Confirmatory Factor Analysis (CFA) 
 

CFA was used to verify the number of constructs and 

factor loadings among observed variables (Malhotra et al., 

2004). Initially, measurement model was constructed to 

examine the goodness of fit. In Table 2, the goodness of fits 

in CFA, including CMIN/DF, GFI, AGFI, NFI, CFI, TLI and 

RMSEA, were acceptable. 

According to the statistical results summarized in Table 

3, Cronbach’s Alpha coefficient values are approved at more 

than 0.70. Furthermore, the acceptable values are evidenced 

as factor loadings more than 0.50, t-value more than 1.98, p-

values less than 0.50, composite reliability (CR) more than 

0.70, and average variance extracted (AVE) more than 0.50 

(Hair et al., 2006). Therefore, CFA was approved to certify 

convergent and discriminant validities. 

 
Table 2: Goodness-of-Fit for Measurement Model 

Fit Index 
Acceptable 

Criteria 
Source 

After 

Adjustment 

Values 

CMIN/DF < 5.00 

(Al-Mamary & 

Shamsuddin, 2015; 

Awang, 2012) 

2.716 

GFI ≥ 0.85 (Sica & Ghisi, 2007) 0.803 

AGFI ≥ 0.80 (Sica & Ghisi, 2007) 0.871 

NFI ≥ 0.80 (Wu & Wang, 2006) 0.884 

CFI ≥ 0.80 (Bentler, 1990) 0.923 

TLI ≥ 0.80 (Sharma et al., 2005) 0.913 

RMSEA < 0.08 (Pedroso et al., 2016) 0.059 

Note: CMIN/DF = The ratio of the chi-square value to degree of freedom, 

GFI = Goodness-of-fit index, AGFI = Adjusted goodness-of-fit index, NFI 

= Normed fit index, CFI = Comparative fit index, TLI = Tucker-Lewis 

index, and RMSEA = Root mean square error of approximation.

 

Table 3: Confirmatory Factor Analysis Result, Composite Reliability (CR) and Average Variance Extracted (AVE) 

Latent Variables 
Source of 

Questionnaire 

No. of 

Items 

Cronbach's 

Alpha 

Factors 

Loading 
CR AVE 

Perceived Ease of Use (PEOU) Shin and Kang (2015) 5 0.847 0.626-0.877 0.855 0.548 

Perceived Usefulness (PU) Mtebe and Raisamo (2014) 4 0.876 0.659-0.920 0.884 0.661 

Performance Expectancy (PE) Mtebe and Raisamo (2014) 4 0.869 0.616-0.923 0.878 0.649 
Self-Efficacy (SE) Mtebe and Raisamo (2014) 4 0.845 0.626-0.858 0.848 0.586 
Effort Expectancy (EE) Mtebe and Raisamo (2014) 4 0.858 0.646-0.845 0.863 0.614 

Social Influence (SI) Mtebe and Raisamo (2014) 4 0.857 0.568-0.898 0.867 0.626 

Behavioral Intention (BI) Shin and Kang (2015) 5 0.868 0.642-0.874 0.873 0.582 

Source: Created by the author. 
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The convergent validity was determined when the value 

of CR is larger than AVE, while the AVE is higher than 0.50 

(Hair et al., 2006). The values of the discriminant validity 

were examined to exceeding the critical point values as 

demonstrated in Table 4. Consequently, the convergent 

validity and the discriminant validity of this research were 

adequate.  

 
Table 4: Discriminant Validity 

 
PEO

U 
PU PE SE EE SI BI 

 PEO

U 
0.740       

PU 0.367 0.813      

PE 0.388 0.354 0.806     

SE 0.290 0.212 0.294 0.766    

EE 0.400 0.36 0.348 0.244 0.784   

SI 
0.419 0.294 0.323 0.253 0.285 0.79

1 
 

BI 0.342 0.289 0.264 0.227 0.277 0.27 0.763 

Note: The diagonally listed value is the AVE square roots of the variables 

Source: Created by the author. 

 

5.4 Structural Equation Model (SEM) 
 

After the CFA process, the structural equation model 

(SEM) was conducted to estimate a linear equation and 

verify a structural model fit. Additionally, SEM determines 

the causal relationship among each variable (Jaruwanakul, 

2021). The results were illustrated in Table 5, adjusted by 

SPSS AMOS. CMIN/DF, GFI, AGFI, CFI, TLI and the 

RMSEA are all approved. Consequently, each indicator of 

the goodness of fits in SEM verification for this research 

was acceptable. 

 
Table 5: Goodness of Fit for Structural Model 

Fit Index 
Acceptable 

Criteria 
Source 

After 

Adjustment 

Values 

CMIN/DF < 5.00 

(Al-Mamary & 

Shamsuddin, 2015; 

Awang, 2012) 

1123.641/386 

or 2.911 

GFI ≥ 0.85 (Sica & Ghisi, 2007) 0.851 

AGFI ≥ 0.80 (Sica & Ghisi, 2007) 0.821 

NFI ≥ 0.80 (Wu & Wang, 2006) 0.876 

CFI ≥ 0.80 (Bentler, 1990) 0.914 

TLI ≥ 0.80 (Sharma et al., 2005) 0.903 

RMSEA < 0.08 (Pedroso et al., 2016) 0.062 

Note: CMIN/DF = The ratio of the chi-square value to degree of freedom, 

GFI = Goodness-of-fit index, AGFI = Adjusted goodness-of-fit index, NFI 

= Normed fit index, CFI = Comparative fit index, TLI = Tucker-Lewis 

index, and RMSEA = Root mean square error of approximation. 

 

 

 

5.5 Research Hypothesis Testing Result 
 

The significance of each variable is determined by 

regression weights and R2 variance. Based on the results in 

Table 6, the support relationship has p-values less than 0.05. 

The strongest effect is presented in the relationship between 

perceived ease of use on perceived usefulness with a 

standardized path coefficient (β) of 0.293 (t-value = 

5.667***). Perceived usefulness has the strongest 

significant impact on behavioral intention at (β) of 0.196 (t-

value = 3.951***), followed by perceived ease of use on 

behavioral intention at (β) of 0.178 (t-value = 3.519***), 

self-efficacy on behavioral intention at (β) of 0.133 (t-value 

= 2.733**), effort expectancy on behavioral intention at (β) 

of 0.133 (t-value = 2.744**), and social influence on 

behavioral intention at (β) of 0.130 (t-value = 2.712**). 

Nevertheless, the relationship between performance 

expectancy and behavioral intention is not supported at (β) 

of -0.006 (t-value =-0.134).  

 
Table 6: Hypothesis Results of the Structural Equation Modeling 

Hypothesis (β) S.E. t-value Result 

H1: PEOU→PU 0.293 0.063 5.667*** Supported 

H2: PU→BI 0.196 0.061 3.951*** Supported 

H3: PEOU→BI 0.178 0.075 3.519*** Supported 

H4: PE→BI -0.006 0.074 -0.134 
Not 

Supported 

H5: SE→BI 0.133 0.071 2.733** Supported 

H6: EE→BI 0.133 0.066 2.744** Supported 

H7: SI→BI 0.130 0.073 2.712** Supported 

Note: *** p<0.001, ** p<0.01, * p<0.05 

Source: Created by the author. 

 

H1 confirms that perceived ease of use is one of the 

strongest factors of perceived usefulness, with a 

standardized path coefficient value of 0.293 in the structural 

pathway. The assumption is that students are more likely to 

accept hybrid education when they feel it is easy to use and 

useful to them (Huang et al., 2007; Wang et al., 2016).  

H2 explicates that the relationship between perceived 

usefulness and behavioral intention is supported, with a 

standardized coefficient value of 0.196. Perceived 

usefulness identifies the students’ anticipation that hybrid 

education would help them enhancing their learning 

performance (Davis, 1986). 

For H3, the results show that perceived ease of use 

significantly impacts behavioral intention, with a standard 

coefficient value of 0.178. Davis (1986) found that when 

students can easily use hybrid learning, they tend to have 

behavioral intention for future learning activities (Chang et 

al., 2012).   

H4 fails to confirm the significant impact of performance 

expectancy on behavioral intention, with a standard 
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coefficient value of -0.006. The result contradicts with 

previous studies (Duangekanong, 2022; Venkatesh et al., 

2003), and can be assumed that students would think that 

hybrid education is lack of full engagement and complicated. 

H5 supports that self-efficacy significantly impacts 

behavioral intention, with a standardized coefficient value 

of .133. The finding implies that students with high level of 

self-efficacy are less hindered in their ability to operate with 

hybrid education when they encounter challenges (Lai, 

2008).  

H6 affirms the influence of effort expectancy on behavioral 

intention, with a standardized coefficient value of .133, 

which is consistent with earlier academic studies (Bardakci, 

2019; Teo & Noyes, 2014). Students usually anticipate that 

using hybrid learning will be simple and free of effort. 

In H7, social influence significantly impacts behavioral 

intention, with a standardized coefficient value of 0.130, 

confirming that social influence of students can come from 

their peers, teachers and parents who encourage them to use 

hybrid learning (Kesharwani & Tripathy, 2012). 

 

 

6. Conclusions and Recommendation 
  

6.1 Conclusion 
 

The study validates factors impacting behavioral 

intention to use hybrid education of undergraduate students 

in Arts and Design at three public universities in Chongqing, 

China. The hypotheses were presented in a conceptual 

framework. Questionnaires were distributed to 500 

undergraduate students who have at least one month of 

hybrid learning experience. Statistical analyses were 

conducted through a confirmatory factor analysis (CFA) to 

check the validity and reliability, and structural equation 

model (SEM) was used to validate factors that significantly 

impact behavioral intention. 

The findings can be implied for a clearer picture of how 

students would adopt hybrid education. Firstly, perceived 

usefulness has the strongest significant impact on behavioral 

intention. The assumption is that students are more likely to 

accept hybrid education when they feel it is easy to use and 

useful to them (Huang et al., 2007; Wang et al., 2016). 

Secondly, the significant relationship between perceived 

usefulness and behavioral intention signifies that the 

students anticipate that hybrid education would help them 

enhancing their learning performance (Davis, 1986). Thirdly, 

perceived ease of use significantly impacts behavioral 

intention. Thus, students expect hybrid learning to be easy 

to use for future learning activities (Chang et al., 2012).  

Fourthly, self-efficacy significantly impacts behavioral 

intentions as confirmed by many scholars that students with 

high level of self-efficacy are less hindered in their ability to 

operate with hybrid education when they encounter 

challenges (Lai, 2008). Fifthly, effort expectancy is 

evidenced to have a significant impact on students’ 

behavioral intention to adopt hybrid education (Ssekakubo 

et al., 2011). Next, peers, teachers and parents are important 

influencers who encourage them to accept hybrid learning. 

(Kesharwani & Tripathy, 2012), which confirms the 

significant impact of social influence on behavioral 

intention. Lastly, this study fails to prove the relationship 

between performance expectancy and behavioral intention, 

opposing with other researchers (Ngampornchai & Adams, 

2016; Ssekakubo et al., 2011; Venkatesh et al., 2003). It can 

be assumed that students would think that hybrid education 

is complicated and not practical for Arts and Design 

program. 

 

6.2 Recommendation 
 

Researchers have explored the core factors of behavioral 

intention to adopt hybrid education of undergraduate 

students in Arts and Design. The design and reform of future 

hybrid education programs for Arts and Design program are 

needed to achieve more desirable teaching and learning 

outcomes. For universities and academic executives in Arts 

and Design faculty, they should fully consider students' 

behavioral intentions in order to improve the hybrid 

education to be suitable and practical. 

The curriculum of Arts and Design major is designed to 

provide students with new and fresh contents, emphasizing 

practical skills and active learning. Hybrid education plays 

an important role to encourage students' interests and to 

develop a curriculum that matches their personalities. The 

results show that perceived ease of use had the strongest 

impact on perceived usefulness which educator should 

select the system that easy and appropriate to the nature of 

Arts and Design program. Moreover, universities should 

promote benefits of hybrid education such as flexibility, 

convenience, and study and life balance.  

Perceived usefulness has the strongest significant impact 

on behavioral intention, followed by perceived ease of use, 

self-efficacy, effort expectancy, and social influence. 

Universities are recommended to measure and monitor on 

learning performance of students in using hybrid learning. 

The survey could be given to students for their feedbacks for 

improvement, regarding to ease-of-use system, benefits, and 

self-control over the system. Additionally, teachers and 

parents could be encouraged to monitoring student’s 

motivation in using hybrid education.  

Performance expectancy has no significant impact on 

behavioral intention, which can be assumed that students are 

not able to reconcile the relationship between theory and 

practice during the learning process. In the nature of Arts 

and Design program, students majorly learning from 

practice. Online classroom can lessen practice and 

interaction to the design task. Therefore, educators are 
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required to deploy learning format per appropriate to 

learning styles that match with students’ learning and 

development. 

 

6.3 Limitation and Further Study 
 

The limitations of this study are guided. Firstly, the 

population and sample selection are only from three public 

universities in Chongqing, China. Thus, future scholars 

should consider to expand the study to other regions of 

China. Second is to extend the model to include other 

potential variables such as trust, perceived interaction, 

learning motivation, performance expectations, and 

facilitation conditions. Finally, qualitative study could be 

useful for the future researchers to determine better 

interpretation of the results. 
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