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ABSTRACT
Modern power grid has a fundamental role in the operation of smart cities. However, high impact low probability extreme events
bring  severe  challenges  to  the  security  of  urban  power  grid.  With  an  increasing  focus  on  these  threats,  the  resilience  of  urban
power grid has become a prior topic for a modern smart city. A resilient power grid can resist, adapt to, and timely recover from
disruptions. It has four characteristics, namely anticipation, absorption, adaptation, and recovery. This paper aims to systematically
investigate the development of resilient power grid for smart city. Firstly, this paper makes a review on the high impact low probability
extreme events categories that influence power grid, which can be divided into extreme weather and natural disaster, human-made
malicious attacks, and social crisis. Then, resilience evaluation frameworks and quantification metrics are discussed. In addition,
various  existing  resilience  enhancement  strategies,  which  are  based  on  microgrids,  active  distribution  networks,  integrated  and
multi energy systems, distributed energy resources and flexible resources, cyber-physical systems, and some resilience enhancement
methods, including probabilistic forecasting and analysis, artificial intelligence driven methods, and other cutting-edge technologies
are summarized. Finally,  this paper presents some further possible directions and developments for  urban power grid resilience
research, which focus on power-electronized urban distribution network, flexible distributed resource aggregation, cyber-physical-
social systems, multi-energy systems, intelligent electrical transportation and artificial intelligence and Big Data technology.

KEYWORDS
Resilient power grid, smart city, extreme event, resilience metric, resilience enhancement strategy.

 

A s the global city-scale expands unceasingly and the urban
function  becomes  complex,  modern  cities  play  a  more
and  more  key  role  in  energy  consumption,  pollutant

emissions,  and  carbon  emission  levels  constantly.  According  to
UN  Habitat,  modern  cities  consume  78  percent  of  the  world’s
energy  and  produce  more  than  60  percent  of  greenhouse  gas
emissions[1].  Environmental  problems  associated  with  climate
change become increasingly serious, accompanying with kinds of
extreme  weathers  and  the  public  health  events.  Furthermore,
human-made cyber-attacks[2],  terrorist  attacks[3], and military con-
fliction[4] pose  serious  threat  to  global  energy  security.  This  high
impact low probability (HLIP) events introduce severe challenges
to the resilient running of modern city.

With the  rapid  development  and  broad  application  of  infor-
mation and communication technology,  urban intelligence  levels
have been  enhanced  significantly.  Various  smart  urban  infras-
tructure also make the concept of smart city form, which gradually
draws lots  of  attentions from academia and industry[5].  The main
purpose of a smart city is to support urban economic development
while also enhance citizens’ quality of life by utilizing smart tech-
nologies.  The  characteristics  of  a  successful  smart  city  can  be
determined as safe, sustainable, efficient, low-carbon, and resilient,
which asks the city has the similar smartness like human beings. A
safer,  lower-carbon,  and  cleaner  resilient  urban  power  grid  is  of
importance to realize the smart city[6]. As the electricity energy sys-
tem  should  supply  nearly  all  other  urban  infrastructure,  the  first
step to ensuring resilient operation of a city is to ensure a resilient
power grid.  An ideal  smart  city  which is  supported by a resilient
power grid is shown in Figure 1.

Resilience is defined as the “the ability of a system, community
or  society  exposed  to  hazards  to  resist,  absorb,  accommodate  to

and recover from the effects of  a hazard in a timely and efficient
manner, including through the preservation and restoration of its
essential  basic structures and functions”,  according to the United
Nations  Office  for  Disaster  Reduction[7].  From  the  perspective  of
urban  power  grid,  the  resilience  has  the  four  characters,  namely
anticipation,  absorption,  adaptation,  and  recovery[8].  Anticipation
means a resilient power grid should have the capability to forecast,
simulate,  alert,  adapt,  take  precautions,  defend,  and  resist  risk
before  and  during  the  extreme  events[9].  Absorption  means  a
resilient  urban  power  grid  should  maintain  key  functions  and
security of critical components through offsetting or isolating the
impact  of  extreme  events[10].  Adaptation  represents  the  urban
power grid is able to self-organization to achieve basic functional
repair  before  implementation  of  recovery  measurements[11].
Recovery is the capacity of urban power grid to recover partial loss
of functionality to a reasonable level timely after damaged[12].

Comparing to other similar concepts such as reliability, vulner-
ability, robustness, flexibility, risk assessment, contingency analysis,
and  adaptability,  power  grid  resilience  analysis  is  based  on  the
trend  of  network  topology  changes,  which  is  influenced  by  the
severity of HILP events,  and so it  exhibits a dynamic behavior as
shown in Figure 2[13, 14]. It can be considered as a higher requirement
for the concept of reliability which focus on the usual failure with
high probability and low impact rather than extreme events. Also,
resilience analysis progress contains the traditional risk assessment
and contingency analysis whose methods and quantification met-
rics  can  be  integrated  in  it.  In  addition,  entire  resilience  analysis
progress of urban power grid consists of many time states, each of
which has different resilience objectives and characteristics. At dif-
ferent time states, some parts of vulnerability and robustness anal- 
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ysis  of  power  systems  have  the  same  direction  and  effectiveness.
And the resilient operation of urban power grid can be supported
by  fully  utilizing  grid’s  flexibility  and  adaptability  against  HILP
extreme events. Thus, resilience in power systems is an integrated
concept brings some demands and functions of traditional analysis
methods  and  concepts  together,  aiming  to  keep  the  safety  of
power grid under more terrible conditions.

Meanwhile,  the urban power grid is  increasingly coupled with
other urban infrastructures, such as the communication system[15],
the  transportation  system[16],  and  the  integrated  energy  system
within  multi-energy  flow[17−20].  The  normal  operation  of  urban
infrastructure  systems  is  supplied  by  urban  power  grid  and  the
dependency on  it  deepen  as  electrification  increasing.  Thus,  dif-
ferent  infrastructures  can  be  considered  as  potential  resilience
support and energy resource for power grid resilient operation by
smart  city  technologies.  Likewise,  a  resilient  grid  can  reduce  the
risk of collapse of other urban infrastructures against HILP events,
to enhance the overall resilience of the city.

This  paper  makes  a  comprehensive  review  on  the  HLIP
extreme  event  categories  that  influence  urban  power  grid,
resilience evaluation frameworks and metrics, and advanced vari-
ous resilience enhancement strategies. Finally, this paper proposes
and discusses some further possible directions and developments
for urban power grid resilience research.

1    Impacts of extreme events on power grid
HLIP extreme events that pose severe risks to resilient power grid
can  be  divided  into  three  main  categories,  namely  extreme
weather and natural disaster, human-made malicious attacks, and
other  global  black  swan  event  (e.g.,  Covid  19  Pandemic,  energy
crisis), as shown in Figure 3. Among them, the impacts of extreme
weather and natural disaster to urban power have more adequate
previous  studies,  which  is  the  mainstream  research  direction  of
resilience. Damages caused by extreme weather and natural disaster
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Fig. 1    An ideal smart city supported by a resilient power grid.
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to urban power grid are most common, some of which will lead to
large-scale  urban  power  grid  collapses.  Also,  two  other  types  of
extreme  events  are  creating  increasingly  serious  challenges  to
resilient urban power grid.

1.1    Extreme weather and natural disasters
Today, with increased human economic activity, extreme weather
events are trending to be more frequent than in previous historical
periods, creating unprecedented challenges to the resilient opera-
tion  of  infrastructure  in  cities.  Extreme  weather  events  generally
include high temperatures,  drought,  fire,  low temperatures,  icing,
heavy precipitation,  flood,  windstorms,  sandstorms,  thunder-
storms, earthquakes, and other geological or astronomical natural
disasters.

1.1.1    High temperature and drought

High  temperature  out  of  expected  is  a  typical  form  of  extreme
weather,  which  has  a  negative  impact  on  resilient  operation  of
urban  power  grid.  First,  excessive  ambient  temperatures  can
reduce temperature differences during combustion, decreasing the
efficiency of boilers, turbines, and generating units[21]. While thermal
power  plants  require  cooling  water  for  circulation  and  cooling
during operation, drought may reduce their power production or
shutdown[22]. In addition, hydroelectric power generation would be
greatly affected by high temperatures and drought, and the reduc-
tion  in  available  water  resources  due  to  drought  can  directly
reduce  the  output  of  hydroelectric  generating  units[23]. High  tem-
perature also makes PV modules less efficient and accelerate solar
panel  aging[24],  while  cooling  systems  are  less  efficient[25],  all  of
which would reduce overall solar power output.

From a load-side perspective, there is a strong positive correlation
between electricity demand and temperature in high-temperature
environments. Studies have shown that for every degree of ambient
temperature rise during peak summer electricity consumption, the
urban  electricity  load  rises  by  3%−7%.  Excessive  cooling  and  air
conditioning  compliance  with  demand  can  significantly  increase
peak grid loads and the risk of unexpected energy supply events[26].
Even if the high temperature may not directly damage the structure
of  energy infrastructure,  high tension of  power supply caused by
high temperature and drought evidently make a resilience crisis of
urban power grid.  It  will  become more vulnerable to other types
of potential or concurrent HILP extreme events, which should be
paid more attention by operators of a smart city.

1.1.2    Fires

Drought  also  leads  to  an  increased  chance  of  fires.  Fires  can
directly  destroy  network  components  such  as  transmission  and
distribution towers,  or  cause  outages  due  to  ash  ionization  path-
ways,  threatening  the  ability  to  supply  power  to  the  grid.  For
example,  New  Mexico  and  California  in  the  United  States  have
experienced large-scale power incidents caused by wildfires[27].

1.1.3    Low temperature and icing

Low-temperature environments can, first and foremost, adversely
affect wind turbines’ constituent materials and internal mechanical
properties[28]. Low ambient temperatures in cities can lead to icing
formation,  increasing  wind  turbine  downtime[29].  In  cold  winters,
extreme  ambient  low  temperatures  can  drive  up  system  power
peaks, which will reduce the degree of grid resilience and increase
the  risk  of  outages.  Severe  icing  and  snow  even  will  directly
destroy the components of power grid, leading to large-scale black
out. For instance, in southern China, the grid suffered severe snow
and ice events in 2008[30]. More recently, widespread severe outages
with wind turbines damaged due to the extreme low temperature
occurred in Texas in the winter of 2021[31].

1.1.4    Heavy precipitation and flood

Heavy precipitation can lead to the water spills of reservoir, flooding
downstream  of  the  reservoir[32].  Moreover,  there  is  a  high  risk  of
severe  damage  to  dam  structures  from  debris  flows  and  alluvial
deposits  generated  by  flooding[33].  Hydro  generator  power  will
decrease due to structural damage. In addition, floods will directly
damage the resilient operation of the power grid in the smart city.
For  instance,  lightning  strikes  and  electrocution  from  downed
power lines caused by the record rainfall made some of the deaths
and large-scale blackouts in Beijing, 2012[34]. And the massive flood
destroy  the  urban  electricity  supply  and  internet  service  in
Zhengzhou, 2021[35].

1.1.5    Windstorms and sand

Extreme storms often exceed the maximum operating conditions
for  which  wind  turbines  are  designed  and  can  cause  damage  to
wind turbines.  Hurricanes  and typhoons  pose  serious  hazards  to
wind  turbine  plant  operations  worldwide[36, 37]. Moreover,  sand-
storms caused by wind storms can increase the time workers take
to clear photovoltaic mirrors and reduce the power generated[38].

More  seriously,  windstorms  are  often  accompanied  by  other
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extreme weather such as  heavy precipitation,  flooding,  and light-
ning.  They  significantly  impact  the  urban grid  structure  and can
damage  power  overhead  lines,  transformers,  and  towers[27, 39].
Damage to urban transmission and distribution networks can lead
to a resilience reduction in power transmission capacity, reducing
urban  energy  resilience.  For  instance,  a  large-scale  blackout
occurred in Australia, 2016[40],  which is caused by windstorm and
accompanying extreme weather.

1.1.6    Thunderstorms
Thunderstorms  are  also  a  significant  cause  of  damage  to  urban
transmission  and  distribution  networks.  Although  transmission
and distribution networks are  generally  equipped with insulation
and  shielding  to  prevent  lightning  damage,  thunderstorms  can
also  cause  damage  to  grid  components  through  charge  transfer,
high peak currents,  and electromagnetic  pulse  overvoltage.  Espe-
cially in less economically developed areas, such as Java and Bali,
thunderstorms often cause grid damage to power outages[41].

1.1.7    Other natural disasters
In  addition  to  the  extreme  weather  mentioned  above  caused  by
increased atmospheric activity due to global climate change, other
geological  or  astronomical  natural  disasters  can  also  adversely
affect  urban  grid  operations,  including  earthquakes[42],  solar
activity[43], geomagnetic storms[44], tsunamis[45], volcanic eruptions[46].
The probability of these black swan events[47] is very dependent on
the  city’s  geographical  location.  Thus,  local  grid  operators  often
need to specify resilience enhancement policies based on the specific
urban natural characteristics and economic development level.

In  general,  extreme  weathers  and  natural  disasters  can  trigger
cascading  failures  of  urban  power  grid[48] and  hurt  the  resilient
operation  of  smart  cities  at  three  levels:  the  generation  side,  the
grid side, and the load side. It creates new challenges for the intel-
ligent operation of modern distribution networks in smart cities.

1.2    Malicious attacks
Active malicious attacks on city power grids are generally planned
by  criminal  or  hostile  organizations.  These  extreme  events  often
target  urban critical  cyber  and physical  infrastructure,  which  can
be  classified  into  three  categories:  cyber-attacks,  terrorist  attacks,
and military operations.

1.2.1    Cyber attacks
The  development  of  modern  smart  grid  technology  has  made
cyber-physical  systems  (CPS)  a  reality[2].  CPS  is  subject  to  cyber-
attacks  from  various  sources,  including  threats  from  outside  the
system, such as terrorist organizations, foreign intelligence services,
and hackers.  These  hostile  forces  steal  the  identities  of  legitimate
users  through  spam,  phishing,  and  malicious  programs  to  make
financial  gains  and  disrupt  the  public.  Besides,  there  are  also
threats from within the system, such as unrestricted access to the
target  system  by  system  administrators  to  carry  out  damage,  or
more seriously, illegal operation of field devices by operations and
maintenance personnel.

Cyber-attacks have occurred in recent years and caused signifi-
cant  harm  to  the  grid.  In  2010,  the  Stuxnet  worm  attacked
Siemens’ SIMATIC  WinCC  system[49].  In  2012,  Schneider
Electric’s  power  SCADA system was  hacked[50].  In  2015,  a  cyber-
attack on the Ukrainian grid caused a massive blackout[51]. A major
cyber-attack occurs on the Israeli power grid in 2016[52]. US power
companies was blackmailed by a Russian hacker group in 2017[53].

1.2.2    Terrorist attacks

An analysis of the global terrorism index (GTI) of current global

terrorist  activity  through  big  data  reveals  that  global  terrorist
activity  significantly  affects  Middle  East  and  UK[54].  This  result
indicates that terrorist attacks continue to threaten cities’ security
in developed and developing regions. The US Committee on Sci-
ence  and  Technology  for  Countering  Terrorism  claimed: “The
nation’s  electric  power  systems  must  clearly  be  made  more
resilient to terrorist attacks”[55].

Modern cities  are  responsible  for  keeping local  power systems
safe  under  rampant  terrorist  attacks.  Terrorists  hope  to  provoke
panic  in  crowds  through  uncertain  terrorist  activity[56],  and  the
spread  of  panic  can  be  exacerbated  by  causing  a  massive  power
outage.  Terrorists  may  plan  unpredictable  attacks  on  complex
urban  transmission  and  distribution  networks  in  cities  to  trigger
large-scale  cascading  failures[57].  Therefore,  governments  must
increase  the  resilience  of  urban  power  grids  when  the  public  is
exposed to  potential  terrorist  threats,  including  increased  invest-
ment,  as  summarized  by  the  US National  Research  Council  in  a
workshop conducted in 2013[58].

1.2.3    Military operations

Modern  military  operations  often  directly  claim  an  economic
interest  in  energy[59].  Moreover,  as  modern  military  installations
become more electrified, the sustainability of the military is often
determined by the supply ability of electrical energy[4]. Meanwhile,
due  to  the  long-range  and  wide-scale  characteristics  of  modern
energy supply networks,  the shutdown of energy production due
to military conflicts in localized areas can also create energy supply
constraints  in  faraway  modern  cities.  For  example,  the  Russian−
Ukrainian military conflict in 2022 not only led to power outages
in major cities within the country of Ukraine but even to creating
power supply gaps in European cities[60]. Short-term power short-
ages  have  also  accelerated  the  transformation  of  national  energy
policies in Europe[61].

In addition, other infrastructure such as urban electrical trans-
port  networks  can  help  to  defense  malicious  attacks  to  grid[62].
Existing research  generally  uses  vulnerability  or  resilience  assess-
ment  methods  for  these  malicious  attacks  and  flexible  defenses
using available urban resources[2].

1.3    Other social crisis
The Covid 19 pandemic has affected the world from 2020 to the
present. Covid 19 poses a severe threat not only to human life and
health  but  also  to  energy  security  in  all  cities  of  the  world[63].  In
general,  the  reduction  in  economic  activity  due  to  Covid  19
reduces the electricity load in cities[64]. In Spain, the overall electricity
demand  of  the  society  in  the  context  of  a  pandemic  produced  a
significant  decrease  and  a  significant  increase  in  electricity
demand  uncertainty[65].  In  some  areas,  Covid-19  also  has  the
potential to link up with other natural hazards, such as hurricanes,
and together have a devastating impact on grid resilience[66]. As the
Covid  19  pandemic  is  receding  globally,  countries  worldwide
began  to  gradually  de-quarantine  and  adopt  economic  stimulus
policies.  Covid  19  affected  Malaysia's  renewable  energy  strategy,
delaying its solar energy strategy[67]. In Europe, the energy shortage
caused  by  Covid  19  has  recognized  the  importance  of  resilient
grids.  It  has  led  European  countries  to  plan  policies  to  increase
system flexibility and resilience during the epidemic[68]. In the face
of the impending post-epidemic era,  the US state of  Connecticut
has  adopted  Tree-trimming  operations  (TTOs)  in  space  to
enhance  local  grid  resilience[69].  In  the  future,  urban  electricity
demand will predictably return to its peak on a global scale[70]. The
shortage  of  power  operations  and  maintenance  staff  caused  by
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Covid 19 will pose new challenges to resilient urban grid operation
during the future global economic recovery.

Meanwhile, the global energy crisis also has significant impacts
on  resilient  operation  of  power  grid  in  modern  city[71].  Soaring
international  prices  for  coal,  oil  and  gas[72] will  exacerbate  energy
shortages  within  the  city.  In  Europe,  the  price  of  natural  gas  in
August  2022  was  already  over  $3,100  per  1,000  cubic  meters,
which  has  an  increase  of  610% year-on-year  as  measured  by  the
Dutch  TTF  market[73].  Meanwhile,  EU  member  states  generally
adopt  relatively  aggressive  renewable  energy  policies,  which  will
undoubtedly  reduce  the  resilience  of  power  grid  in  major  EU
cities  under  extreme  weathers.  In  addition,  the  energy  crisis  will
also  make  urban  electricity  prices  increasingly  volatile.  German
power prices for next year on August 29, 2022, which are considered
Europe’s benchmark, briefly jumped above € 1,000 per megawatt
hour  before  falling  back  to  €  840  per  megawatt  hour[74].  When
electricity prices in EU keep smashing records and highly volatile,
the corresponding costs of resilience-supporting ancillary services
and the  citizens’ concerns  about  the  security  of  energy supply  in
cities  will  rise  accordingly.  In  summary,  urban  power  supply
capacity will also be reduced because of the energy crisis, and rising
electricity  prices  will  contribute  to  increase  the  cost  of  the  urban
resilient  operation.  To  clearly  show  the  realistic  results  of  HILP
extreme  events,  some  typical  examples  of  the  adverse  effects  of
different extreme events on urban power grid is list in Table 1.

2    Resilience evaluation framework
There is no consensus on the standard of grid resilience, and the
resilience  evaluation  is  classified  as  qualitative  and  quantitative.
Qualitative  methods  focus  on  long-term  planning  and  decision
making,  which  use  checklist  and  questionnaires[75],  matrix-based
approach and influence of humans[76] to assess resilience of power
grid. However, qualitative methods are lack of numerical descrip-
tors and probabilistic approaches. Thus, this paper focus on quan-
titative resilience assessment metrics of power grid in smart city.

2.1    Resilience curve
Resilience  curve  is  a  widely  used  method  to  make  a  quantitative
assessment  for  the  power  grid.  First,  power  grid  operator  need
choose  a  resilience  metric,  which  match  its  expected  aim  and

preference.  Different  resilience  quantification  metrics  have  their
advantages  and  disadvantages  and  can  be  calculated  by  specific
and  executable  system  function  equations.  Then,  power  grid
resilience  can  be  quantified  as  a  system  function  value  at  each
moment.  Thus,  changes  in  resilience  of  the  power  grid  can  be
expressed  as  changes  in  the  value  of  the  system  function,  which
can be visually observed and utilized by the grid operator. A typical
resilience curve is depicted in Figure 4. The whole resilience curve
analyze  progress  can  be  divided  into  three  main  time  states[8,14],
namely pre-event, during and after event, and recovery.

Generally, the power grid operates in the state of normal con-
dition,  as  well  as  pre-event  state.  In  this  period,  the  power  grid
operates  in  stable  state.  Thus,  the  system function  value  is  stable
and  highest  overall,  which  represents  the  resilience  level  under
normal operation. Some anticipation methods can be utilized for
predicting  the  potential  damage[77],  building  power  backup
strategies[12], deploying various prevention technologies[78]. In addi-
tion, real-time monitoring the operational status of the grid[79] and
utilizing  other  cutting-edge  communication technologies  are  two
key methods in this state[80].

When an extreme event occurs at t1 in Figure 4, the power grid
is possible  to  change  to  the  damaged  condition.  During  the  dis-
rupted event,  some preparatory responses can keep the resilience
of  grid  at  stable  level  in  a  short  time.  Then,  the  power  grid  may
suffer a resilience degradation after the event, as shown as the time
period t1—t2. At the state of during and after event, the magnitude
and speed of the degradation impact depends on the robustness[71],
absorption[81], adaptability[82] and capacity of power grid[83]. In addi-
tion,  the  identification  of  critical  components  of  power  grid  and
the deployment of adaptive technologies in the power supply and
demand sides  are  two  main  coping  methods  in  this  state,  elimi-
nating  the  negative  impact  as  fast  as  possible.  In  the  damaged
condition  at  period t2—t3,  the  system  function  will  keep  a  low
value waiting for restoration actions.

The recovery state is the transition state of the power grid from
its damaged condition to its stable condition, which starts from t3
to t6 in Figure4. The whole recovery progress consists of restoration
and infrastructure recovery. Restoration action starts from t3 to t4,
which  will  rebuild  a  certain  portion  of  the  performance  of  the
power grid. There are two features in this state: (1) the maximum
energy  performance  damaged  (the  difference  between  the  target

 

Table 1    Examples of the adverse effects of different extreme events on urban power grid

Extreme events Location Date Adverse effects

Heavy rain and
waterlogging

Zhengzhou, China 2021.7.20
Urban waterlogging beyond the disaster prevention limit led to 292 deaths and 47 missing
people and led to power outages and communication network failures within the city for

nearly 7 days.

Beijing, China 2012.7.21
Extraordinarily heavy rainfall caused urban flooding, resulting in 1.602 million people

affected and economic losses of 11.64 billion yuan. One 110 kV substation was flooded and
out of service, and 25 10 kV distribution lines had permanent failures.

High temperature and
drought Chengdu, China 2022.8 Due to the tight supply of water and electricity and high temperature, a large number of

office areas, factories and residential areas have been cut off or limited.

Storms Dallas, USA 2021.2.15
The extreme cold weather caused many winds power and natural gas-fired generators to
shut down, resulting in the collapse of power grid and causing power outages in up to 4

million homes and affecting water for more than 10 million people.

Lightning strike London, UK 2019.8.9

Affected by lightning strike, large gas-fired generators were disturbed and shut down, the
system frequency dropped rapidly, and the low-frequency tolerance of wind turbines caused

the turbines to go off-grid, further triggering low-frequency load shedding actions and
affecting more than 1 million people with power outages.

Fire hazard New York, USA 2019.7.13
The transformer fire caused a widespread power outage for more than 24 hours, resulting in
the failure of traffic signals, the suspension of subway operations, and the paralysis of traffic,

affecting more than 9 million people.
Cyber attacks Kiev, Ukraine 2015.12.23 Ukraine's power grid was hit by a cyber-attack, causing a massive blackout in the capital city

of Kiev, with power interruptions of 3-6h, affecting about 1.4 million people.
Military Operations Ukraine 2022.9 Due to the Russian bombing, there was a large-scale power outage in six states in Ukraine,

including Poltava, Sume, Kharkov, Dniporo, Odessa and Zaporoge.
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and the minimum performance level), and (2) the time needed to
return  to  the  stable  condition[84−86].  The  effectiveness  depends  on
the  restoration  resources  of  the  power  grid,  including  supply,
demand, energy  resource  availability,  storage,  transportation  sys-
tem,  and  communication  network  support[87−89].  The  restoration
actions will make the resilience recover to a higher but still damaged
level, awaiting further infrastructure recovery at t4—t5. After repair
and reconstruction by the grid maintenance stuffs, the infrastruc-
ture  of  power  grid  will  be  fully  restored  to  its  capacity  of  energy
supply and delivery, which may take a long time. The infrastructure
recovery progress is  shown as the time period t5—t6 in Figure 4.
The  time  period  after t6 can  be  cosidered  as  post-event  state,  as
well as the next pre-event state beginning.

2.2    Resilience quantification
Different  resilience  quantification  assessment  methods  differs
from resilience quantification metrics[90]. In this paper, the proposed
metric  is  divided  into  four  main  categories,  namely  analytical
matric, probabilistic metric, curve-based metric, and hybrid metric,
which focus on different time states,  features, and resilience indi-
cators.

2.2.1    Curve-based metrics
A metric based on operability trajectory is introduced in ref. [91].
It is only used for the restoration, which can assess the resilience of
grid  at  the  time  state  of  during  and  after  event.  A  systematic
resilience metric considering the social welfare is proposed in ref.
[92] using a bi-stage stochastic framework for network restoration
and planning. In the study, the social welfare curve is composed of
sub-indices of resilience metric, including normalized robustness,
recoverability, and rapidness. It is regarded as a generic index for
different  systems  because  it  can  assess  the  impact  of  repair  crew
shortage with normalized value. A tri-stage metric that consists of
vulnerability  metrics,  degradation  metrics,  restoration  efficiency
metrics and microgrids resilience metric are proposed in ref. [93]
to  assess  damage  level,  temporal  degradation,  restoration  effects,
and  resilience  of  microgrids.  It  uses  normalized  value  to  reduce
complexity,  but  it  cannot  capture  preventive,  post-degraded,
infrastructural recovery, and adaptive resilience of the grid. Curve-
based  metrics  are  the  mainstream to  resilience  quantification,  by
which operators can visualize the changes in the resilience level of
the urban power grid. And many real-time response strategies can
be developed based on curve-based metrics and in actual deploy-
ment.

2.2.2    Analytical metrics

Multiple  indexes  can  be  used  to  characterize  power  supply

performance planning, design, management, and operation[94]. An
analytical metric proposed in ref. [95] focus on the network topol-
ogy, using  six  factors  named  algebraic  connectivity,  critical  frac-
tion, clustering coefficient,  average path length, betweenness cen-
trality,  and  graph  diameter  of  the  network.  Take  timely  and
proactive measures such as deploying distributed PV, energy stor-
age  systems  and  other  distributed  resources.  In  ref.  [96],  the
resilience quantification progress is  formulated as a  multi-criteria
decision-making  problem  using  various  parameters  of  network
topology. However, it cannot assess the speed of recovery and the
time required for supply restoration, which is of value for resilient
grid.

In addition,  metrics  are  defined  to  measure  demand  loss  per-
cent, generation margin, and transmission system adequacy during
and  after-event.  And  the  metrics  that  accounts  for  quantifying
efficiency and economic consumption of restoration progress are
also proposed. Focusing connectivity and operational functionality
of the power grid, assorted metrics are proposed in ref. [97]. The
resilience metric in ref. [98] is defined as a ratio of energy storage
failure  rate  during  the  extreme  event  to  the  critical  demanded.
However, the metric is not generic for resilience assessment outside
of battery system, due to the lack of considering other infrastructure
degradations.  For  restoration,  an  resilience  metric  for  hybrid
microgrids is proposed in ref. [99] to assess the demand response
effects and the capability of power system. Analytical metrics con-
tain  various  factors,  which  can  match  the  operators’ diverse
demands and combine more information with specific objectives.

2.2.3    Probabilistic metrics

As the  resilient  operation  of  urban  power  grid  has  high  uncer-
tainties,  probabilistic  metrics  are  of  importance  to  the  resilience
quantification  assessment.  Traditionally,  Bayes  formula  based
probabilistic  metric  can  be  utilized  for  this  process.  In  addition,
four  key  indices  are  proposed  in  ref.  [100],  which  named  the
expected number of  line outages,  loss  of  load probability,  EDNS,
and  difficulty  level  of  grid  recovery,  to  consider  the  impact  of
probabilistic  line  disruption  on  system  resilience.  A  probabilistic
resilience metric utilizing point estimation method is proposed to
cope with the challenges of uncertainty in matching photovoltaic
energy supply and users’ demands[101] . Relatively speaking, current
research  on  probabilistic  metrics-based  resilience  assessment
methods is lacking. However, the increasing uncertainty in urban
power grid caused by more and more renewable energy and dis-
tributed  resource  should  be  quantified  by  advanced  probabilistic
metrics.
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2.2.4    Hybrid metrics

A  code-based  metric  is  proposed  in  ref.  [102]  to  assess  the  real-
time  resilience  of  urban  power  grid,  considering  the  reliability
index.  However,  it  is  unable  to  quantify  and  compare  network
resilience  for  longtime-last  event.  To  the  future  energy  resource
structure changes  and infrastructure  development  policies,  trans-
mission system resilience is evaluated by combining with adequacy
index[103]. Bi-stage multiple metrics measuring supply and demand
balance,  microgrids  deployment  and  renewable  energy  resources
is defined in ref. [104]. However, the impact of deployment of dis-
tributed  generation  (DG)  is  not  included,  which  is  valued  by
urban distribution operators. In general, the hybrid metrics com-
bines  the  advantages  of  different  types  of  resilience  assessment
methods,  which  consider  other  concepts  and  characteristics  of
power grid operation assessment.

In  summary,  a  uniform  standard  and  all-inclusive  resilience
metric  is  lack  in  current  research,  as  the  demand  is  diverse  and
varied. Most of the resilience metrics concentrating on degradation
and recovery  progress  against  extreme events,  while  fewer  reflect
the preventive and adaptive capacity of the urban power grid[90]. A
rational integrated resilience evaluation method should select dif-
ferent  resilience  metrics  depending  on  the  scenario.  At  different
time  states  of  an  extreme  event,  all  these  metrics  combinations
should  have  been  tested  as  possible  to  make  a  most  matchable
metric combination for actual demands. Resilience quantification
metric chosen progress is the first step of achieving resilient oper-
ation of urban power grid, which should be consider carefully for
operators and designer of a smart city.

3    Resilience enhancement strategies
Global climate change, economic recession, and regional conflicts
have  increased  the  frequency  of  extreme  HILP  events  in  nature
and society, with even worse consequences for urban power grids.
With  the  proposed  urban  power  grid  infrastructure  resilience
evaluation  framework,  operators  have  already  visualized  and
understood the level of resilience of an urban power grid in multiple
dimensions.  Next,  an ideal  city  urgently  needs  effective  resilience
enhancement strategies to ensure security of the urban power grid,
which is the energy basic of urban infrastructure. There are various
strategies  that  can  enhance  the  resilience  of  urban  power  grid.
This paper summarizes these strategies into six categories, including
microgrids  based  strategies,  active  distribution  networks-based
strategies,  integred  and  multi  energy  systems-based  strategies,
DERs and  flexible  resources-based  strategies,  cyber-physical  sys-
tems  defense  methods  to  enhance  resilience,  and  other  specific
resilience enhancement methods including probabilistic forecasting
and analysis,  AI  driven  methods,  and  other  cutting-edge  tech-
nologies, as shown in Figure 5.

3.1    Microgrids
Microgrids are smaller, decentralized, independent power systems,
which  is  capable  of  self-control,  protection,  and  management.  It
can be operated either with the external grid or in isolation, which
can  be  considered  small-scale  power  generation  and  distribution
system. It brings distributed power sources, energy storage devices,
energy  conversion  devices,  associated  loads  and  monitoring,  and
protection  devices  together  and  has  highly  flexibility.  Thus,
microgrids  approaches  are  the  most  mainstream  strategies  to
enhancing  grid  resilience  in  smart  grid  technology[105]. The  capa-
bilities  of  a  microgrid  to  enhance  the  grid  resilience  include  five
main categories as follow[14].

3.1.1    Converting grid to microgrids

A planner–attacker–defender  model  is  adopted  to  determine  the
capacity  and  optimal  location  of  power  switches  in  ref.  [106].
Through  the  combination  of  capacity  expansion  and  switch
installation, the power grid can ensure optimum resilience perfor-
mance  under  attacks.  In  ref.  [107],  local  distributed  energy
resources  (DERs)  and  neighboring  load  centers  are  integrated  to
make  the  fast  division  of  distribution  network  into  community
microgrids against an extreme event. Similarly, a distribution sys-
tem reconfiguration method is proposed in ref. [108]. In addition,
graph  and  network  theories  are  used  in  ref.  [109]  to  assess  the
effect of adding microgrids on the resilience of an interdependent
gas-power network.

3.1.2    Dynamic microgrids deployment

A load shedding method for creating dynamic microgrids is pro-
posed in ref. [110] to restore critical loads from the power outage.
And  an  event-driven  and  service-oriented  approach  is  described
in ref. [111] to assess and rebuild better resilient grid partitions at
run-time.  Besides,  an  instant  and  dynamic  reconfiguration
method  linking  a  cluster  of  microgrids  together  can  significantly
enhance  the  grid  reliability  and  resilience[112].  For  restorative
process,  a  recovery  scheme  using  master-slave  method  with
microgrids[113] exploits  benefits  of  operational  flexibility  to  enable
more critical load pickup.

3.1.3    Networked microgrids

During extreme events, many pre-connected microgrids can form
a network to support each other to keep the continuous electricity
supply, which are named networked microgrids. These microgrids
can  inter-exchange  energy  to  achieve  higher  overall  operational
efficiency and lower risk of  damaged.  Networked microgrids can
enhance  the  power  grid  resilience  by  flexible  disconnecting/
reconnecting strategies[114], sharing power and optimal planning[115].
A resilience-oriented optimization strategy is proposed in ref. [116]
considering feasible islanding in normal condition for saving critical
loads. Another  operational  method  considers  connecting  neigh-
boring  microgrids  to  improve  resilience[117].  In  short,  the  future
deployment of smart grid technologies, new business models, and
involvement of new stakeholders enable networked microgrids to
be an operational method to enhance grid resilience[118].
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3.1.4    Multiple-microgrids

Comparing to networked microgrids research based on topology
changing  of  many  existing  or  dynamic  microgrids,  multiple-
microgrids  consist  of  microgrids  and  other  different  physical
forms of  energy systems,  whose resilience enhancement problem
always has diverse objectives. One direction of multiple-microgrids
methods  is  based  on  make  various  interdependent  microgrids  a
set to enhance the resilience of power grid[109]. The stochastic multi-
objective  framework  with  multiple-grids  are  widely  studied  in
energy  storage  system[119],  power-water  distribution  system[120] and
urban plugin electric vehicle and renewable energy system (PEV-
RES ) interlink system[121]. In addition, a hybrid stochastic-interval
operation strategy for multi-energy microgrids is proposed in ref.
[122], in which adjustable operational strategies are determined to
hedge  uncertainty  by  considering  operators'  risk  preferences.
Another  research  direction  focuses  on  the  vulnerable  equipment
identifying  in  multiple-microgrids[123]. By  addressing  the  vulnera-
bility of  multiple  energy  carrier  microgrids  against  various  inter-
dictions,  preventive  reinforcements  can  increase  the  resilience  of
energy supply.

3.1.5    Other methods

Other  microgrids-based methods  also  are  proposed to  cope with
different challenges in various types of smart cities. To identify the
sensitive  loads  in  island  mode,  stability  analysis[124] and  economic
analysis[125] are necessary. When destructive events occur, a bi-stage
reserve scheduling-based framework can help the distribution sys-
tem operator against resilience decreasing[126]. Comparing to other
types  of  resilience  enhancement  methods,  microgrid  methods
have a high possibility of implementation in real urban power grid
and its effectiveness has been proven many times.

3.2    Active distribution networks
The  active  distribution  networks  (ADNs)  also  have  been  a  vital
research  field  of  planning  and  operation  of  electric  power  grid.
ADNs are an actively controlled and operationally capable distri-
bution  network.  It  contains  multiple  forms  of  distributed
resources,  including  distributed  generation,  distributed  energy
storage,  electric  vehicle  charging  and  switching  facilities,  and
demand response resources. The core of ADNs is the conversion
from passive consumption to active guidance and active utilization
of distributed resources. These technologies can transform the tra-
ditional passive energy consumption distribution network to that
can  actively  regulate  and  participate  in  the  control  of  the  urban
power grid according to the actual operating state of a smart city.
For  dynamic  resilience  enhancement,  a  recursive  optimization
model  based  on  Markov  decision  processes  is  developed  in  ref.
[127] to make state-based actions for ADNs. By making full use of
DG,  ADNs  make  the  distribution  system  become  considerably
resilient  through  planning-operation  activities  prior,  during,  and
after an extreme event[128].

Meanwhile,  high  penetration  of  distributed  renewable  energy
introduces  significant  uncertainties  to  ADNs.  Optimal  control
methods  accounting  for  inherent  uncertainties  are  required  to
enhance the resilience of power grid by keeping voltage security of
ADNs. A stochastic receding horizon control method is proposed
in  ref.  [129],which  can  effectively  enforce  voltage  regulation
against uncertainties with the prescribed probability level. Besides,
distributed control approaches are widely utilized in voltage control
of ADNs to enhance the resilience of urban power grid. A strategy
to ensure voltage security of ADNs with global sensitivities is pro-
posed  in  ref.  [130],  which  integrates  network  information  from

global  optimization  view  to  coordinate  energy  storages,  PV
inverters and  the  OLTC  within  little  communication  and  com-
puting time. In summary, ADNs make the urban power grid can
active  response  extreme  events  to  resilient  operation,  which  is  a
thriving  research  direction  with  the  development  of  intelligent
sensing and control technologies.

3.3    Integrated and multi energy systems
Integrated energy systems (IES) and multi energy systems are new
type  of  energy  system  that  integrate  a  variety  of  energy  sources
such as electricity, natural gas, heating, cooling, water, and energy
storage in a region. They can achieve coordinated planning, opti-
mized operation, collaborative management, interactive response,
and  complementarity  between  multiple  heterogeneous  energy
subsystems, effectively improving energy efficiency. They combine
different  forms  of  energy  networks,  whose  resilient  operation
interacts with each other[20]. Meanwhile, multi energy systems form
as other urban infrastructure networks such as transportation sys-
tem  become  more  electrified.  Urban  transportation  system  can
enhance  the  resilience  of  distribution  network.  As  the  increasing
proportion  of  urban  electric  vehicles  (EV),  EV aggregator  would
like  to  reduce  the  risk  of  high  complexities  and  uncertainties[131].
Based  on  effective  scheduling  of  EV  aggregators,  EV  fleets  with
vehicle-to-grid tech can defense the random attacks for distribution
network  during  and  after  the  event  occurs[62].  In  restoration,  an
autonomous EV-assisted load restoration architecture is proposed
to  enhanced  feeder-level  resilience[132].  Besides,  frequency
regulation[133] and adaptive frequency response[134] of electrified rail-
way also can be frequency support for keep the urban power grid
resilient  operation.  Through  line  hardening  and  DG  placement
when  outages  occur,  the  distribution  lines  and  traffic  lights  are
more  resilient  with  the  coupled  power  distribution  system  and
urban transportation system[135]. By  optimizing multiple  time sec-
tions  of  traffic  flow  with  the  power  grid,  the  system  adaptability
increases by reducing incident response times significantly.

For  integrated  electricity  and  heat  system,  some  novel  models
are  proposed  to  reduce  the  mathematical  complexity  of  the
resilience enhancements  strategies,  including the  flexibility  evalu-
ation method incorporating district heating networks[136] , the effi-
cient  robust  scheduling  model[18],  and  the  convex  heat  and
power  dispatch  model  based  on  simplification,  and  constraint
relaxations[137]. For integrated electricity and natural gas system, the
non-isothermal model proposed in ref. [19] avoids the traditional
isothermal  assumptions  and  can  improves  the  accuracy  of
resilience interaction assessment significantly.

3.4    DERs and flexible resources
With large-scale distributed energy resources (DERs) and flexible
resources  connected  to  the  urban  power  grid,  there  is  a  high
degree  of  flexibility  at  both the  source  and load ends.  In  a  smart
city, DERs and flexible resources include distributed energy source
(e.g.  distributed  photovoltaic,  distributed  wind  power,  and  fuel
cells), energy  storage  devices  (e.g.  lithium batteries,  super  capaci-
tors,  flywheel  energy  storage,  thermal  storage,  ice  storage  and
cooling, hydrogen energy, and other types of new energy storage),
flexible loads (e.g. electric vehicles, switching stations, dispatchable
loads  and  other  types  of  flexible  loads),  flexible  prosumers  (e.g.
photovoltaic users, intelligent buildings, virtual power plants, and
other  types  of  energy  producers,  and  consumers),  flexible  grid
devices  (e.g.  intelligent  soft  switches,  flexible  switches,  energy
routers, solid-state transformers, new converters and other flexible
and controllable intelligent equipment). It can be used to enhance
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the  resilience  of  urban  power  grid  through  intelligent  operating
methods.  Moreover,  the  cost  of  using  DERs  to  support  urban
power  grid  resilience  will  be  significantly  less  than  the  cost  of
infrastructure  reconstruction  in  developed  cities  and  that  of
infrastructure construction in developing cities.

There are many studies focusing on the rational use of DERs to
support  resilience  of  urban  power  grid.  A  framework  which  can
enhance the recovery capability under extreme events for resilient
distribution network to utilize all  DERs is  proposed in ref.  [138].
In addition, an optimal dispatch model of repair crews and mobile
emergency  generators  are  proposed  in  ref.  [139]  to  improve  the
restoration capabilities of existing DERs installed in the distribution
systems. And a stochastic optimization method based on scenario
probability  is  proposed  to  configure  the  photovoltaic  and energy
storage  devices  considering  resilience  enhancement  against
typhoon disaster[140].  DERs  and  flexible  resources  are  the  valuable
during extreme events, but the lack of cross-regionality makes it is
only  one piece  of  the  perfect  solution that  keep the  whole  urban
power grid resilient in a disaster.

3.5    Cyber-physical systems
From the perspective of urban power grid, cyber-physical systems
(CPS) are the integration of the physical power grid with commu-
nication network. Therefore, CPS aim to fully reflect the informa-
tion  and  physical  processes  of  urban  power  grid  operation,
reflecting the  information-physical  coupling mechanism and risk
propagation  mechanism.  To  ensure  resilient  urban  power  grid
operation, CPS support global system optimization through more
accurate control methods with cyber technologies,  improving the
efficiency  of  energy  and  equipment  utilization  under  extreme
events.

However, CPS have the high risk of cyber-attacks and cyberse-
curity  and  resilience  of  wide-area  monitoring,  protection,  and
control applications (WAMPAC) to CPS is summarized in ref. [2].
The CPS resilience can be divided into infrastructure layer attack
resilience  application  layer  attack  resilience.  To  achieve
WAMPAC, there are four specific steps: risk assessment, preven-
tion,  detection,  and  mitigation.  The  concept  of  holistic  resilience
cycle  is  introduced  to  improve  CPS  security  of  electrical  power
systems.  For  defense  the  potential  false  data  injection  (FDI)
attacks[141], optimal coding schemes[142] can enhance the resilience of
CPS. In restoration, various smart grid methods is summarized in
ref. [143] to enhance CPS resilience. Furthermore, the exploitation
of other urban components’ behaviors to inform the design of the
physical  system  and  the  cyber  system  to  ultimately  enhance  the
resilience  of  CPS  is  introduced  in  ref.  [144].  CPS  technologies  is
developing  fast  now,  making  the  resilience  enhancement  of  CPS
in smart city more safe, efficient, and economical.

3.6    Other resilience enhancement methods

3.6.1    Probabilistic forecasting & analysis

With the percentage of renewable sources continues to increase in
urban energy supply systems, the actual urban power grid resilient
operation  always  has  a  high  degree  of  uncertainty.  Probabilistic
forecasting is of important to cope with various uncertainty chal-
lenges during the entire time states of resilience analysis progress
and  probabilistic  forecasting.  Traditional  forecasting  methods  in
power systems take a single point value as the output result, which
have  ineradicable  errors  and  cannot  effectively  quantify  high
uncertainty. Therefore, various forecasting methods have become
effective  means  of  dealing  with  such  uncertainty  problems  in

power  systems.  Unlike  traditional  point  forecasting,  probabilistic
forecasting  in  power  systems  takes  the  probability  distribution,
quantile, and prediction interval of the forecast object as the output
form,  which  can  effectively  quantify  the  forecast  uncertainty.  In
addition,  probabilistic  analysis  which  focus  on  influence  of
extreme  events,  flexibility  of  DGs,  volatility  of  renewable  energy
resources, and infrastructure maintenance fleets. Through digging
out  their  uncertainty  characteristics  and  analysis  the  coupling
relationship, urban  power  grid  operators  can  establish  corre-
sponding resilience resources allocation strategies.

Some reasonable combinations of probabilistic forecasting and
analysis  technologies  form  various  probabilistic  methods,  which
are  proposed  to  enhance  the  resilience  of  urban  power  grid.  A
stochastic  approach  to  modeling  the  outage  time  and  duration
and uncertainty in the load and solar resource forecast are consider
in probabilistic resilience of DER systems[145]. Besides, a risk-based
probabilistic  resilience  framework  is  proposed  in  ref.  [146]  to
quantify  the  effects  of  smart  operational  measures.  Meanwhile,
infrastructure hardening solutions are detailed to improve the dis-
tribution  system  resilience.  For  prediction  intervals,  an  cost-ori-
ented  machine  learning  framework  is  established  in  ref.  [147]  to
bridge the gap between forecasting and decision. And a method-
ology to  probabilistically  assess  the  resilience  of  distribution  net-
work under different weather scenarios was presented in ref. [148],
enhancing distribution grid resilience by considering other external
factors  such  as  urban  traffic  and  vegetation.  To  quantify  the
uncertainty  of  wind  power  generation,  an  extreme  learning
machine based probabilistic forecasting method is proposed in ref.
[149].  And  an  adaptive  bilevel  programming  (ABP)  model  with
extreme learning machine based quantile  regression is  developed
in ref. [150], which show the significant effectiveness in anticipate
process  of  resilience  enhancement.  By  probabilistic  forecasting
and  analysis  technologies,  the  uncertainty  during  urban  power
grid  resilient  operation  can  be  model  as  relatively  certain  and
quantified mathematical problems, which significantly reduce the
operational risk of a smart city.

3.6.2    AI driven methods

Artificial intelligence (AI) methods can compensate for the short-
comings of modeling-based grid resilience enhancement methods
which  depend  on  accurate  parameters  and  system  knowledge.
Cause  it  is  quite  challenging  for  modern  power  grids  with
increasing  dimensionality  and  complexity.  Various  advanced
machine learning technologies are integrated with large amount of
real-time data from wide area measurement systems and intelligent
electronic devices to effectively enhance power grid resilience and
ensure the reliable and secure operation of power grid[151]. A data-
driven multi-agent framework using a deep reinforcement learning
(DRL) algorithm is proposed to plan for the deployment of shunts
to  enhance  power  grid  resilience  against  multiple  line  failures[152].
DRL  framework  also  can  be  utilized  to  solve  multi-microgrids
formation problems[153]. A hierarchical and community-scale solu-
tion is developed to resolve crucial distribution grid issues arising
from  high-penetration  PV  and  enhance  grid  reliability  and
resilience, which combines the AI, home energy management sys-
tem  and  aggregator[154].  However,  the  effectiveness  of  current  AI
driven  resilience  enhancement  methods  in  resilient  power  grid
depends  on the  quality  of  historical  data  set  from HILP extreme
events. Thus, the high precision disaster simulation techniques are
crucial  because  the  high-quality  historical  data  set  of  HILP
extreme events is rare.

3.6.3    Other cutting-edge technologies

Oher cutting-edge technologies  are  also deployed to enhance the
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resilience  of  urban  power  grid.  For  instance,  a  soft  open  points-
assisted  method  is  proposed  to  enhance  distribution  network
resilience  against  the  potential  cyber-attacks[155].  A  self-organizing
map based method is proposed to achieve resource allocation and
operational dispatch, which can removes some of the disadvantages
of  subjective  weight  assignment  methods[156].  Peer-to  peer  (P2P)
energy  trading  method  in  distribution  network[157,158] is  utilized  to
manage  the  volatility  of  renewable  energy  generation,  which  can
reduce  the  risk  of  uncertainty  against  extreme  events.  With
increased battery capacity,  improved safety technology and lower
costs,  the battery storage station[159] and wind-hydrogen storage[160]

can  enhance  distribution  grid  resilience.  In  addition,  mobile
energy storage can by providing localized support to critical loads
during an extreme event[161]. Its mobility provides operational flex-
ibility to support geographically dispersed loads comparing to sta-
tionary  storage.  By  combining  a  wide  range  of  cross-disciplinary
and cutting-edge technologies, the resilience enhancement methods
become  more  and  more  flexible  and  effective  against  extreme
events for urban power grid in a smart city.

4    Further development
Nowadays, global major cities have an increasingly well-developing
and smart infrastructure, which make the citizens’ future demand
for a smart city more diverse and complex. However, the deterio-
ration of  the global  climate and the intensification of  geopolitical
conflicts deepen the influence of HLIP extreme events on a smart
city and  how  to  achieve  these  goals  is  becoming  a  greater  chal-
lenge.  More and more future technologies can be used to ensure
the  resilient  operation of  urban power  grid.  This  paper  proposes
six possible future further development directions, namely power-
electronized  urban  distribution  network,  flexible  distributed
resource  aggregation,  cyber-physical-social  systems,  multi-energy
systems,  intelligent  electrical  transportation,  and  AI  and  big  data
technology as shown in Figure 6.
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Fig. 6    Future further development research directions.
 

4.1    Power-electronized urban distribution network
With the vigorous promotion of the green and low carbon trans-
formation of energy, the traditional urban power system dominated
by  the  power  generation  is  changing  to  the  modern  power  grid
dominated  by  the  power  electronic  devices.  A  large  amount  of
renewable  energy  resource  is  connected to  the  urban power  grid
through  electronic  devices,  which  will  make  the  resilient  power
grid  have  obvious  non-linear  characteristics.  The  wide  range  of

non-linear characteristics makes power-electronized devices more
difficult  to  control  when coping with  extreme events,  because  its
instability risk will be possible to superimpose double uncertainty
of renewable energy resource outputs and damage level of extreme
events. Meanwhile, massive flexible resources are connected to the
distribution  network  through  power  electronic  devices,  and  the
resulting  problems  of  keeping  the  urban  power  grid  resilient
under  extreme  events  and  coordinating  control  of  source-grid-
load-storage  have  become  more  prominent.  Power  electronic
devices  are  the  key  future  technologies  to  increase  the  energy
delivery  capability  of  urban  distribution  network,  which  can
change power flow over designated routes and topology of distri-
bution network. Thus, the interaction of the load, grid and gener-
ation will be changeable, which will threaten the existing resilient
operation of urban power grid.

Based on more and more key power electronics devices such as
flexible  soft  switches,  power  electronic  transformers,  and  energy
routers  deployed  in  the  urban  power  grid,  a  power-electronized
urban distribution network gradually forms. It will provide inter-
faces for large-scale distributed power supplies, solving the problem
of  intermittent  and  fluctuating  distributed  power  supplies  and
optimizing urban distribution network currents and power quality
in the extreme condition.  It  will  also enhance flexibility  of  urban
power  grid  reconfiguration  during  emergency  control  and
increase the speed and efficiency of grid recovery after a disaster.
Combining  with  conventional  control  strategies  of  the  power-
electronized urban distribution network, it will increase resilience
of the urban power grid against extreme events.

4.2    Flexible distributed resource aggregation
For  the  complex  coupling  of  multiple  uncertainties  in  urban
power grid, safe and reliable flexible distributed resource aggrega-
tion  has  been  an  important  direction  of  power  grid  resilience.
Future  aggregation  technologies  for  modern  urban  distribution
grids  are  required  to  make  the  massive  flexibility  resources  be
measured  and  mobilized.  When  extreme  event  occurs,  flexibility
resources  can  automatically  and  timely  become  an  adequate
adjustable  resource  to  the  damaged distribution networks,  which
will be a key resilience enhancement technological solution for the
urban  power  grid.  In  the  direction  of  future  flexibility  resource
aggregation, the aggregation and coordinated optimization of dis-
tributed  energy  resources  such  as  distributed  generators,  energy
storage  systems,  controllable  loads  and  electric  vehicles  will  be
realized through advanced information and communication tech-
nologies and software systems. A virtual power plants with power
supply coordination and management functions and participation
in  grid  operation  will  be  established,  which  will  provide  a  more
adequate  prevention  resource  and  auxiliary  services  for  resilient
urban power grid.

Moreover,  decentralized  approaches  have  become  a  new
research hotspot to aggregating flexibility resources. Decentralized
resource  aggregation  approaches  will  often  use  decentralized
computing, eliminating the need for a central authority to manage
and  allocate  resources,  which  will  expand  the  range  of  resources
that can be aggregated and encompass a wider variety of distributed
resources.  Moreover,  resources  are  aggregated  and  optimized
spontaneously  by  users  in  the  network,  thus  the  economic  and
time costs of the transaction and resource aggregation process will
be reduced. It is important when defending against extreme events,
where  the  time  saved  can  increase  the  resilience  of  urban  power
grid.  The development  of  various  peer-to-peer  (P2P),  blockchain
and smart  contract  technologies  can significantly  reduce  the  cost
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and decrease the response time of flexibility resource aggregation,
which can be utilized to compensate for the shortcomings of tra-
ditional aggregation methods.  In summary,  centralized or decen-
tralized  distributed  resource  aggregation  approach  will  effectively
improve the resilience level of the urban power grid before, during
and after extreme events.

4.3    Cyber-physical-social systems
Cyber-physical-social  systems (CPSS)  are  the  extension of  cyber-
physical  systems  (CPS),  which  integrate  cyber  systems,  physical
systems,  and  social  systems.  CPSS  promote  information  and
energy  resource  from  a  single  dimension  to  three  dimensions,
which will include more urban infrastructure operators in a smart
city. Meanwhile, more and more unexpected social crisis occurs in
a modern city,  which will  challenge the urban resilient  operation
under the citizen’s wonderful vision of a smart city. The lockdown
caused by various epidemics, the energy price skyrocketing due to
regional  conflicts,  and  tensions  spread  by  social  networks  are  no
doubts that hurt urban infrastructure actual defense capacity facing
extreme events. From the perspective of resilient urban power grid,
the influence of social system is often ignored in traditional studies.
In contrast to natural disasters, extreme events in the social sphere
can also cause large-scale power outages in the grid. For example,
the spread of rumors of natural disasters on mobile social media is
potential  to  trigger  public  transport  overloads  and  reduce  the
resilience restoration action of the grid. Therefore, it is important
to  model  and assess  the  behaviors  of  various  agents  in  the  social
system.

Conversely, rational methods of dispatching energy at the societal
level  can  be  of  importance  for  the  whole  CPSS  in  a  smart  city,
such  as  considering  stochastic  gaming,  blockchain  technology,
and  other  smart  energy  trading  strategies.  They  can  not  only
enhance the resilience of the power grid for a smart city from the
physical systems through optimizing energy delivery capacity but
also decrease the risk of the urban infrastructure network collapse
under  malicious  cyber-attacks.  Thus,  the  resilient  enhancement
methods  of  power  grid  under  CPSS  vision  should  be  extensive
researched by academia and industry to achieve the more complex
goals of a smart city in the future.

4.4    Multi-energy systems
In  the  future,  smart  cities  will  be  more  complex  with  multiple
energy  coupling  and  will  combine  multiple  forms  of  microgrid
development. In addition to the coupling of complex energy supply
networks such  as  electricity,  heat,  cooling,  and  natural  gas  deep-
ening, some new forms of energy delivery network such as hydro-
gen network.  Meanwhile,  the  energy  supply  infrastructure  con-
tained  within  the  urban  buildings  also  becomes  complex.  Some
mutually  supportive  communities  can  be  formed  under  extreme
events through flexible multi-energy aggregators, in which various
energy demands of citizens can be satisfied.

As  the  coupling  relationship  between  multi-energy  flows  and
power  grid  is  not  fully  adequately  studied,  the  potential  risk  and
stability against extreme events of multi  energy system should be
carefully assessed. Most of the existing studies have only developed
planning  models  from  a  single  or  two  dimensions  for  normal
condition, such as economic or environmental, without taking the
diversity and expandability of the objectives of multi-energy cou-
pled systems into account under extreme events. And the necessary
consideration of effective and quantitive requirements assessment
methods  in  emergency  situations  for  energy  consume  terminals
and end users are lack. In addition, to address the coupled uncer-
tainty of complex multi-energy systems, most of the existing studies
utilize  robust  optimization  based  on  the  worst-case  scenario  or
stochastic optimization based on probabilistic scenarios. However,

the historical data set for extreme scenarios of multi-energy systems
is  usually  incomplete  or  missing,  because  the  resilience  research
focus on HLIP extreme events which pose a most terrible challenge
to resilient  urban  power  grid.  Besides,  cities  with  different  geo-
graphical characteristics and energy endowments will have varied
multi-energy system structures. Combing local development plan
and engineering feasibility, the interconversion flexibility of multi-
energy  systems  can  be  fully  used  through  smart  and  reasonable
operating strategies to enhance resilience of urban power grid.

4.5    Intelligent electrical transportation
With  the  modern  urban  transportation  system  becoming  more
intelligent  and  electrical,  there  will  be  more  and  more  intelligent
transportation-based  solutions  to  support  resilient  power  grid,
such as automatic mobile energy storage fleet,  high-speed mobile
emergency repair fleet, advanced forms of mobile energy carriers,
etc. These transport fleets with disaster response and repair func-
tions can directly increase the resilience level  of  the urban power
grid during and after a disaster. The key to future research is how
to allocate them most  efficiently  when they all  have some degree
of  intelligence.  Also,  through  flexible  V2G  and  thriving
autonomous  driving  technologies,  shared  autonomous  electrical
vehicle can be a resilience enhancement strategy. It will make full
use of each individual’s tiny mobile energy storage unit in the city,
to achieve macroscopic disasters defense goals.

In addition, the electrification and intelligence of public transport
systems  are  enabling  the  accelerated  movement  of  people  and
materials  in  urban areas,  including future  electric  high-speed rail
systems,  urban  electric  metro  systems,  electric  logistics  systems,
and  electric  bus  systems.  It  also  makes  the  electric  energy  flow
more  complex  and  large-scale.  Under  extreme  events  occurring,
various forms  of  energy  storage  in  the  electrical  public  trans-
portation systems will be valuable emergency resources to support
the resilient operation of urban power grid and restoration process
of damaged urban infrastructure systems. To summarize, an inte-
grated  smart  city  infrastructure  control  framework  and  system
needs  to  be  established  under  extreme  events,  somewhere  it  is
named a smart city brain. An ideal smart city brain must include
electricity network, transportation system and other urban infras-
tructure systems, which should full consider the complex coupling
relationship  between  these  urban  infrastructure  networks  and
achieve most  resilient  operation status.  Among them, there is  no
doubt that a modern resilient urban power grid has the priority to
be protected and restored, by which the city can keep fundamental
functions out of chaos. Based on the decision making through the
smart  city  brain,  a  smart  city  operator  can  real-time  optimize
existing  emergency  response  strategies  under  extreme  events,
ensuring  the  rational  distribution  of  emergency  personnel,  tools,
vehicles,  and  energy  to  achieve  the  predetermined  resilient
operation.

4.6    AI and big data technology
As the proportion of renewable energy supply in urban distribution
grids increases, the risk of uncertainty in the resilient operation of
urban grids will continue to grow. Massive measurement data and
high complexity of future power system will pose a new challenge
to AI and big data technology. Thus, it’s necessary to analyze the
spatio-temporal characteristics  of  multivariate  heterogeneous dis-
tributed  resources  including  storage,  heat,  cooling,  gas,  water,
transportation, and other multiple users in the infrastructure net-
work of a future smart city. Then the researchers can establish an
effective  and  simple  feature  modelling  method  to  quantify  the
resource response potential.  Combining the dynamic aggregation
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method  of  distributed  resources  and  mining  the  key  features  of
multivariate correlation  variables,  some  effective  AI-driven  pre-
diction  model  can  be  constructed  for  massive  distributed
resources in the future. With the rapid development of AI and big
data technology, there will be more data-driven solutions for pre-
dicting operational risk through historical data sets.

However, AI-driven methods have the disadvantage of unstable
and uninterpretable.  It  will  lead to the unsuitability  of  traditional
AI-driven methods  in  resilient  urban  power  grid  operation  sce-
narios with high load security requirements. In contrast, traditional
model-driven  methods  have  the  advantage  of  high  accuracy  and
interpretability, which can compensate the shortcomings of tradi-
tional  AI-driven  modeling  methods.  Therefore,  the  future  efforts
would be paid on developing AI-Modeling hybrid driven methods
to assess and enhance the urban power grid resilience. In addition,
the cloud-based hyper-converged architecture is needed for urban
power  grid  resilience  enhancement  to  achieve  real-time  AI  data
processing  capabilities.  Combing  with  edge  computing,  it  can
maximize the value of cloud and edge computing applications and
meet  the  needs  of  various  resilient  urban  power  grid  scenarios
through  a  tightly  synergistic  approach,  which  will  strengthen
intelligent  and  secure  big  data  storage  and  analysis  for  future
smart city operation.

5    Conclusions
This  paper  makes  a  systematical  review  on  the  development  of
resilient  power  grid  for  smart  city.  Firstly,  this  paper  divides  the
HILP  extreme  events  that  have  impacts  on  resilient  power  grid
into three categories extreme weather and natural disaster, human-
made  malicious  attacks,  and  other  black  swan  events.  Secondly,
resilience  evaluation  frameworks  consist  of  resilience  curve  and
quantification  metrics  are  reviewed.  Then,  this  paper  summaries
some  types  of  proposed  resilience  enhancement  strategies  and
methods.  They  are  categorized  as  microgrids,  active  distribution
networks, integrated and multi energy systems, distributed energy
resources and flexible resources, defense in cyber-physical systems,
and other resilience enhancement methods including probabilistic
forecasting and analysis, artificial intelligence driven methods and
other cutting-edge technologies. Finally, this paper proposed some
potential  future  further  research  directions  for  some  critical  and
creative discussion,  including  power-electronized  urban  distribu-
tion  network,  flexible  distributed  resource  aggregation,  cyber-
physical-social systems, multi-energy systems, intelligent electrical
transportation and artificial intelligence and Big Data technology.
In conclusion, it is executable and possible to assess and enhance
the  resilience  of  urban  power  grid  through  diverse  and  flexible
methods, which will effectively ensure safety of a smart city.

Acknowledgement
This work was supported in part by the National Natural Science
Foundation  of  China  under  Grants 51877189, 52277130 and
U2166203,  in  part  by  the  Zhejiang  Provincial  Natural  Science
Foundation of China under Grant LR22E070003.

Article history
Received:  14  July  2022;  Revised:  6  October  2022;  Accepted:  20
October 2022

Additional information

© 2022 The Author(s). This is an open access article under the CC
BY license (http://creativecommons.org/licenses/by/4.0/).

Declaration of competing interest
The authors have no competing interests to declare that are relevant
to the content of this article.

References
 United Nations. Climate Action: Cities and Pollution. Available at
https://www.un.org/en/climatechange/climate-solutions/cities-pol-
lution.

[1]

 Ashok,  A.,  Govindarasu,  M.,  Wang,  J.  (2017).  Cyber-physical
attack-resilient  wide-area  monitoring,  protection,  and  control  for
the power grid. Proceedings of the IEEE, 105: 1389–1407.

[2]

 Wang, S. L., Zhang, J. H., Zhao, M. W., Min, X. (2017). Vulnerability
analysis and critical areas identification of the power systems under
terrorist attacks. Physica A: Statistical Mechanics and Its Applica-
tions, 473: 156–165.

[3]

 Saritas,  O.,  Burmaoglu,  S.  (2016).  Future  of  sustainable  military
operations  under  emerging  energy  and  security  considerations.
Technological Forecasting and Social Change, 102: 331–343.

[4]

 Konstantinou, C. (2022). Toward a secure and resilient all-renewable
energy grid for smart cities. IEEE Consumer Electronics Magazine,
11: 33–41.

[5]

 Masera,  M.,  Bompard,  E.  F.,  Profumo,  F.,  Hadjsaid,  N.  (2018).
Smart (electricity) grids for smart cities: Assessing roles and societal
impacts. Proceedings of the IEEE, 106: 613–625.

[6]

 United  Nations  (2015).  Third  UN  World  Conference  on  Disaster
Risk Reduction.  Available at  https://www.un.org/sustainabledevel-
opment/un-world-conference-on-disaster-risk-reduction/.

[7]

 Ahmadi, S., Saboohi, Y., Vakili, A. (2021). Frameworks, quantitative
indicators,  characters,  and  modeling  approaches  to  analysis  of
energy  system  resilience:  A  review. Renewable  and  Sustainable
Energy Reviews, 144: 110988.

[8]

 Brown, K., Westaway, E. (2011). Agency, capacity, and resilience
to environmental change: Lessons from human development, well-
being, and disasters. Annual Review of Environment and Resources,
36: 321–342.

[9]

 Peng, C., Yuan, M. H., Gu, C. L., Peng, Z. R., Ming, T. Z. (2017).
A review of the theory and practice of regional resilience. Sustainable
Cities and Society, 29: 86–96.

[10]

 Vugrin,  E.  D.,  Warren,  D.  E.,  Ehlen,  M.  A.  (2011).  A  resilience
assessment  framework  for  infrastructure  and  economic  systems:
Quantitative  and  qualitative  resilience  analysis  of  petrochemical
supply  chains  to  a  hurricane. Process  Safety  Progress,  30:  280–
290.

[11]

 Bruneau, M., Chang, S. E., Eguchi, R. T., Lee, G. C., O’Rourke, T.
D., Reinhorn, A. M., Shinozuka, M., Tierney, K., Wallace, W. A.,
von  Winterfeldt,  D.  (2003).  A  framework  to  quantitatively  assess
and  enhance  the  seismic  resilience  of  communities. Earthquake
Spectra, 19: 733–752.

[12]

 Mahzarnia, M., Moghaddam, M. P., Baboli, P. T., Siano, P. (2020).
A  review  of  the  measures  to  enhance  power  systems  resilience.
IEEE Systems Journal, 14: 4059–4070.

[13]

 Younesi, A., Shayeghi, H., Wang, Z. J., Siano, P., Mehrizi-Sani, A.,
Safari, A. (2022). Trends in modern power systems resilience: State-
of-the-art review. Renewable and Sustainable Energy Reviews, 162:
112397.

[14]

 Arghandeh,  R.,  von  Meier,  A.,  Mehrmanesh,  L.,  Mili,  L.  (2016).
On  the  definition  of  cyber-physical  resilience  in  power  systems.
Renewable and Sustainable Energy Reviews, 58: 1060–1069.

[15]

 Shao, C. C., Shahidehpour, M., Wang, X. F.,  Wang, X. L., Wang,
B.  Y.  (2017).  Integrated  planning  of  electricity  and  natural  gas
transportation  systems  for  enhancing  the  power  grid  resilience.
IEEE Transactions on Power Systems, 32: 4418–4429.

[16]

 Li,  X.,  Du,  X.  X.,  Jiang,  T.,  Zhang,  R.  F.,  Chen,  H.  H.  (2022).
Coordinating multi-energy to improve urban integrated energy sys-
tem resilience against extreme weather events. Applied Energy, 309:
118455.

[17]

REVIEW Resilient power grid for smart city

 

336 iEnergy | VOL 1 | September 2022 | 325–340

http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1109/JPROC.2017.2686394
https://doi.org/10.1016/j.physa.2017.01.003
https://doi.org/10.1016/j.physa.2017.01.003
https://doi.org/10.1016/j.physa.2017.01.003
https://doi.org/10.1016/j.techfore.2015.08.010
https://doi.org/10.1109/MCE.2021.3055492
https://doi.org/10.1109/JPROC.2018.2812212
https://doi.org/10.1016/j.rser.2021.110988
https://doi.org/10.1016/j.rser.2021.110988
https://doi.org/10.1146/annurev-environ-052610-092905
https://doi.org/10.1016/j.scs.2016.12.003
https://doi.org/10.1016/j.scs.2016.12.003
https://doi.org/10.1002/prs.10437
https://doi.org/10.1193/1.1623497
https://doi.org/10.1193/1.1623497
https://doi.org/10.1109/JSYST.2020.2965993
https://doi.org/10.1016/j.rser.2022.112397
https://doi.org/10.1016/j.rser.2015.12.193
https://doi.org/10.1109/TPWRS.2017.2672728
https://doi.org/10.1016/j.apenergy.2021.118455
http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1109/JPROC.2017.2686394
https://doi.org/10.1016/j.physa.2017.01.003
https://doi.org/10.1016/j.physa.2017.01.003
https://doi.org/10.1016/j.physa.2017.01.003
https://doi.org/10.1016/j.techfore.2015.08.010
https://doi.org/10.1109/MCE.2021.3055492
https://doi.org/10.1109/JPROC.2018.2812212
https://doi.org/10.1016/j.rser.2021.110988
https://doi.org/10.1016/j.rser.2021.110988
https://doi.org/10.1146/annurev-environ-052610-092905
https://doi.org/10.1016/j.scs.2016.12.003
https://doi.org/10.1016/j.scs.2016.12.003
https://doi.org/10.1002/prs.10437
https://doi.org/10.1193/1.1623497
https://doi.org/10.1193/1.1623497
https://doi.org/10.1109/JSYST.2020.2965993
https://doi.org/10.1016/j.rser.2022.112397
https://doi.org/10.1016/j.rser.2015.12.193
https://doi.org/10.1109/TPWRS.2017.2672728
https://doi.org/10.1016/j.apenergy.2021.118455


 Jiang,  Y.  B.,  Wan,  C.,  Botterud,  A.,  Song,  Y.  H.,  Dong,  Z.  Y.
(2021). Efficient robust scheduling of integrated electricity and heat
systems: A direct constraint tightening approach. IEEE Transactions
on Smart Grid, 12: 3016–3029.

[18]

 Chen,  D.,  Wan,  C.,  Song,  Y.,  Guo,  C.,  Shahidehpour,  M.  (2021).
Non-isothermal optimal power and gas flow. IEEE Transactions on
Power Systems, 36: 5453–5464.

[19]

 Yu, P., Wan, C., Song, Y., Jiang, Y. (2020). Distributed control of
multi-energy storage systems for  voltage regulation in distribution
networks:  A  back-and-forth  communication  framework. IEEE
Transactions on Smart Grid, 12: 1964–1977.

[20]

 Neumann,  J.  E.,  Price,  J.  C.  (2009).  Adapting  to  climate  change:
The  public  policy  response —Public  infrastructure.  Available  at
https://hazdoc.colorado.edu/handle/10590/6120.

[21]

 Macknick, J., Newmark, R., Heath, G., Hallett, K. C. (2012). Oper-
ational  water  consumption  and  withdrawal  factors  for  electricity
generating  technologies:  A  review  of  existing  literature. Environ-
mental Research Letters, 7: 045802.

[22]

 Choi, T., Keith, L., Hocking, E., Friedman, K., Matheu, E. (2011).
Dams and energy sectors interdependency study. Technical report,
US Department of Energy and Department of Homeland Security.
Available  at  http://energy.  gov/sites/prod/files/Dams-EnergyInter-
dependencyStudy.pdf.

[23]

 Radziemska,  E.  (2003).  The  effect  of  temperature  on  the  power
drop in crystalline silicon solar cells. Renewable Energy, 28: 1–12.

[24]

 Peterseim, J.  H.,  White,  S.,  Tadros,  A.,  Hellwig,  U.  (2013).  Con-
centrated  solar  power  hybrid  plants,  which  technologies  are  best
suited for hybridisation. Renewable Energy, 57: 520–532.

[25]

 Añel, J., Fernández-González, M., Labandeira, X., López-Otero, X.,
de la Torre, L. (2017). Impact of cold waves and heat waves on the
energy production sector. Atmosphere, 8: 209.

[26]

 DOE  (2013).  US  energy  sector  vulnerabilities  to  climate  change
and  extreme  weather.  Department  of  Energy,  Washington  DC,
USA.

[27]

 Lacroix,  A.,  Manwell,  J.  F.  (2000).  Wind  energy:  Cold  weather
issues. University of Massachusetts at Amherst, Renewable Energy
Laboratory, UK.

[28]

 Lise,  W.,  van  der  Laan,  J.  (2015).  Investment  needs  for  climate
change adaptation measures  of  electricity  power  plants  in  the  EU.
Energy for Sustainable Development, 28: 10–20.

[29]

 Ye,  Q.  (2014).  Building  resilient  power  grids  from integrated  risk
governance  perspective:  A  lesson  learned  from  china’ s  2008  Ice-
Snow Storm disaster. The European Physical Journal Special Top-
ics, 223: 2439–2449.

[30]

 Busby, J. W., Baker, K., Bazilian, M. D., Gilbert, A. Q., Grubert, E.,
Rai,  V.,  Rhodes,  J.  D.,  Shidore,  S.,  Smith,  C.  A.,  Webber,  M.  E.
(2021). Cascading risks: Understanding the 2021 winter blackout in
texas. Energy Research & Social Science, 77: 102106.

[31]

 Syariman,  P.,  Heru,  A.  (2011).  Extreme  weather  impacts  on
citarum  cascade  reservoir  operation  pattern  2011. Jurnal  Teknik
Hidraulik, 2: 57–68.

[32]

 Hauenstein, W. (2005). Hydropower and climate change—A recip-
rocal relation: Institutional energy issues in Switzerland. Mountain
Research and Development, 25: 321–325.

[33]

 Beijing  chaos  after  record  floods  in  Chinese  capital.  Available  at
https://baike.baidu.com/item/7%C2%B721%E5%8C%97%E4%BA%
AC%E7%89%B9%E5%A4%A7%E6%9A%B4%E9%9B%A8/
9658641?fr=aladdin.

[34]

 China floods: ‘Digital  dark age’ after disaster wreaks havoc onin-
ternet and electricity. Available at https://baike.baidu.com/item/7%
C2%B720%E9%83%91%E5%B7%9E%E7%89%B9%E5%A4%
A7%E6%9A%B4%E9%9B%A8/58047836?fr=aladdin.

[35]

 Sotomayor,  F.  (2020).  Puerto  Rico’ s  electric  power  system:  An
analysis  of  contemporary  failures  and the  opportunity  to  rebuild  a
more  resilient  grid,  including  the  development  of  a  utility-scale
solar  farm  on  the  Island  Municipality  of  Culebra.  International
Development, Community and Environment (IDCE), 246. Available
at https://commons.clarku.edu/idce_masters_papers/246.

[36]

 Clausen, N. E., Candelaria, A., Gjerding, S., Hernando, S., Nørgård,
P.,  Ott,  S.,  Tarp-Johansen,  N.  (2007).  Wind  farms  in  regions
exposed to tropical cyclones. In: Proceedings of the 2007 European
Wind  Energy  Conference  and  Exhibition.  European  Wind  Energy
Association (EWEA), pp. 61400–61403.

[37]

 Jacobson,  M.  Z.,  Delucchi,  M.  A.  (2009).  A  path  to  sustainable
energy by 2030. Scientific American, 301: 58–65.

[38]

 Cruz, A. M., Steinberg, L. J., Vetere Arellano, A. L., Nordvik, J. P.,
Pisano, F. (2004). State of the art in Natech risk management. Ispra:
European Commission Joint Research Centre.

[39]

 Yan,  R.  F.,  Masood,  N.  A.,  Kumar  Saha,  T.,  Bai,  F.  F.,  Gu,  H.  J.
(2018).  The  anatomy  of  the  2016  South  Australia  blackout:  A
catastrophic event in a high renewable network. IEEE Transactions
on Power Systems, 33: 5374–5388.

[40]

 Handayani, K., Filatova, T., Krozer, Y. (2019). The vulnerability of
the power sector to climate variability and change: Evidence from
Indonesia. Energies, 12: 3640.

[41]

 Lagos,  T.,  Moreno,  R.,  Espinosa,  A.  N.,  Panteli,  M.,  Sacaan,  R.,
Ordonez, F., Rudnick, H., Mancarella, P. (2020). Identifying optimal
portfolios of resilient network investments against natural hazards,
with applications to earthquakes. IEEE Transactions on Power Sys-
tems, 35: 1411–1421.

[42]

 Lewandowski,  K.  (2015).  Massive electricity  and communications
blackouts on Earth as effect of change the Sun activity. Journal of
Polish Safety and Reliability Association, 6: 91–98.

[43]

 J.  Kappenman,  Geomagnetic  storms  and  their  impacts  on  the
USpower grid. Citeseer, 2010.

[44]

 Setiawan, A. A., Zhao, Y., Nayar, C. V. (2009). Design, economic
analysis  and  environmental  considerations  of  mini-grid  hybrid
power  system  with  reverse  osmosis  desalination  plant  for  remote
areas. Renewable Energy, 34: 374–383.

[45]

 Saltos-Rodríguez, M., Aguirre-Velasco, M., Velásquez-Lozano, A.,
Villamarín-Jácome,  A.,  Haro,  J.  R.,  Ortiz-Villalba,  D.  (2021).
Resilience  assessment  in  electric  power  systems  against  volcanic
eruptions:  Case on lahars  occurrence.  In:  Proceedings of  the  2021
IEEE  Green  Technologies  Conference  (GreenTech),  Denver,  CO,
USA.

[46]

 Sachs, M. K.,  Yoder,  M. R.,  Turcotte,  D.  L.,  Rundle,  J.  B.,  Mala-
mud,  B.  D.  (2012).  Black  swans,  power  laws,  and  dragon-Kings:
Earthquakes,  volcanic  eruptions,  landslides,  wildfires,  floods,  and
SOC models. The European Physical Journal Special Topics, 205:
167–182.

[47]

 Liu, H. C., Wang, C., Ju, P., Li, H. Y. (2022). A sequentially pre-
ventive model enhancing power system resilience against extreme-
weather-triggered  failures. Renewable  and  Sustainable  Energy
Reviews, 156: 111945.

[48]

 Langner,  R.  (2011).  Stuxnet:  Dissecting  a  cyberwarfare  weapon.
IEEE Security & Privacy, 9: 49–51.

[49]

 Public power grids face cyber attacks. Available at http://smartgrids.
ofweek.com/2015-07/ART-290003-11000-28981378.html.

[50]

 Liang,  G.  Q.,  Weller,  S.  R.,  Zhao,  J.  H.,  Luo,  F.  J.,  Dong,  Z.  Y.
(2016).  The  2015  Ukraine  blackout:  Implications  for  false  data
injection  attacks. IEEE  Transactions  on  Power  Systems,  32:
3317–3318.

[51]

 Goodin, D. (2016). Israel’s electric authority hit by “severe” hack
attack. Available at http://arstechnica.com/security/2016/01/israels-
electric-grid-hit-by-severehack-attack.

[52]

 Greenberg, A. (2018). The untold story of NotPetya, the most dev-
astatingcyberattack in history. Available at https://www.wired.com/
story/notpetya-cyberattack-ukraine-russia-code-crashed-the-world/.

[53]

 Bhatia, K., Chhabra, B., Kumar, M. (2020). Data analysis of various
terrorism  activities  using  big  data  approaches  on  global  terrorism
database. In: Proceedings of the 2020 Sixth International Conference
on Parallel, Distributed and Grid Computing (PDGC), Waknaghat,
India.

[54]

 National  Research  Council  (2002).  Making  the  Nation  Safer:  The
role of science andtechnology in countering terrorism. Washington,
DC, USA: National Academies Press.

[55]

Resilient power grid for smart city REVIEW

 

iEnergy | VOL 1 | September 2022 | 325–340 337

https://doi.org/10.1109/TSG.2021.3066449
https://doi.org/10.1109/TSG.2021.3066449
https://doi.org/10.1109/TPWRS.2021.3084941
https://doi.org/10.1109/TPWRS.2021.3084941
https://hazdoc.colorado.edu/handle/10590/6120
https://doi.org/10.1088/1748-9326/7/4/045802
https://doi.org/10.1088/1748-9326/7/4/045802
https://doi.org/10.1016/S0960-1481(02)00015-0
https://doi.org/10.1016/j.renene.2013.02.014
https://doi.org/10.3390/atmos8110209
https://doi.org/10.1016/j.esd.2015.06.003
https://doi.org/10.1140/epjst/e2014-02218-7
https://doi.org/10.1140/epjst/e2014-02218-7
https://doi.org/10.1140/epjst/e2014-02218-7
https://doi.org/10.1659/0276-4741(2005)025[0321:HACCRR]2.0.CO;2
https://doi.org/10.1659/0276-4741(2005)025[0321:HACCRR]2.0.CO;2
https://baike.baidu.com/item/7%C2%B721%E5%8C%97%E4%BA%AC%E7%89%B9%E5%A4%A7%E6%9A%B4%E9%9B%A8/9658641?fr=aladdin
https://baike.baidu.com/item/7%C2%B721%E5%8C%97%E4%BA%AC%E7%89%B9%E5%A4%A7%E6%9A%B4%E9%9B%A8/9658641?fr=aladdin
https://baike.baidu.com/item/7%C2%B721%E5%8C%97%E4%BA%AC%E7%89%B9%E5%A4%A7%E6%9A%B4%E9%9B%A8/9658641?fr=aladdin
https://baike.baidu.com/item/7%C2%B720%E9%83%91%E5%B7%9E%E7%89%B9%E5%A4%A7%E6%9A%B4%E9%9B%A8/58047836?fr=aladdin
https://baike.baidu.com/item/7%C2%B720%E9%83%91%E5%B7%9E%E7%89%B9%E5%A4%A7%E6%9A%B4%E9%9B%A8/58047836?fr=aladdin
https://baike.baidu.com/item/7%C2%B720%E9%83%91%E5%B7%9E%E7%89%B9%E5%A4%A7%E6%9A%B4%E9%9B%A8/58047836?fr=aladdin
https://doi.org/10.3390/en12193640
https://doi.org/10.1109/TPWRS.2019.2945316
https://doi.org/10.1109/TPWRS.2019.2945316
https://doi.org/10.1109/TPWRS.2019.2945316
https://doi.org/10.1016/j.renene.2008.05.014
https://doi.org/10.1140/epjst/e2012-01569-3
https://doi.org/10.1016/j.rser.2021.111945
https://doi.org/10.1016/j.rser.2021.111945
https://www.wired.com/story/notpetya-cyberattack-ukraine-russia-code-crashed-the-world/
https://www.wired.com/story/notpetya-cyberattack-ukraine-russia-code-crashed-the-world/
https://doi.org/10.1109/TSG.2021.3066449
https://doi.org/10.1109/TSG.2021.3066449
https://doi.org/10.1109/TPWRS.2021.3084941
https://doi.org/10.1109/TPWRS.2021.3084941
https://hazdoc.colorado.edu/handle/10590/6120
https://doi.org/10.1088/1748-9326/7/4/045802
https://doi.org/10.1088/1748-9326/7/4/045802
https://doi.org/10.1016/S0960-1481(02)00015-0
https://doi.org/10.1016/j.renene.2013.02.014
https://doi.org/10.3390/atmos8110209
https://doi.org/10.1016/j.esd.2015.06.003
https://doi.org/10.1140/epjst/e2014-02218-7
https://doi.org/10.1140/epjst/e2014-02218-7
https://doi.org/10.1140/epjst/e2014-02218-7
https://doi.org/10.1659/0276-4741(2005)025[0321:HACCRR]2.0.CO;2
https://doi.org/10.1659/0276-4741(2005)025[0321:HACCRR]2.0.CO;2
https://baike.baidu.com/item/7%C2%B721%E5%8C%97%E4%BA%AC%E7%89%B9%E5%A4%A7%E6%9A%B4%E9%9B%A8/9658641?fr=aladdin
https://baike.baidu.com/item/7%C2%B721%E5%8C%97%E4%BA%AC%E7%89%B9%E5%A4%A7%E6%9A%B4%E9%9B%A8/9658641?fr=aladdin
https://baike.baidu.com/item/7%C2%B721%E5%8C%97%E4%BA%AC%E7%89%B9%E5%A4%A7%E6%9A%B4%E9%9B%A8/9658641?fr=aladdin
https://baike.baidu.com/item/7%C2%B720%E9%83%91%E5%B7%9E%E7%89%B9%E5%A4%A7%E6%9A%B4%E9%9B%A8/58047836?fr=aladdin
https://baike.baidu.com/item/7%C2%B720%E9%83%91%E5%B7%9E%E7%89%B9%E5%A4%A7%E6%9A%B4%E9%9B%A8/58047836?fr=aladdin
https://baike.baidu.com/item/7%C2%B720%E9%83%91%E5%B7%9E%E7%89%B9%E5%A4%A7%E6%9A%B4%E9%9B%A8/58047836?fr=aladdin
https://doi.org/10.3390/en12193640
https://doi.org/10.1109/TPWRS.2019.2945316
https://doi.org/10.1109/TPWRS.2019.2945316
https://doi.org/10.1109/TPWRS.2019.2945316
https://doi.org/10.1016/j.renene.2008.05.014
https://doi.org/10.1140/epjst/e2012-01569-3
https://doi.org/10.1016/j.rser.2021.111945
https://doi.org/10.1016/j.rser.2021.111945
https://www.wired.com/story/notpetya-cyberattack-ukraine-russia-code-crashed-the-world/
https://www.wired.com/story/notpetya-cyberattack-ukraine-russia-code-crashed-the-world/


 Salmeron,  J.,  Wood,  K.,  Baldick,  R.  (2004).  Analysis  of  electric
grid  security  under  terrorist  threat. IEEE  Transactions  on  Power
Systems, 19: 905–912.

[56]

 National  Research  Council  (2012).  Terrorism  and  the  Electric
Power  Delivery  System.  Washington,  D  C,  USA:  National
Academies Press.

[57]

 National  Research  Council  (2013).  The  Resilience  of  the  Electric
Power Delivery System in Response to Terrorism and Natural Dis-
asters. Washington, DC, USA: National Academies Press.

[58]

 Johnstone, P.,  McLeish, C. (2022). World wars and sociotechnical
change in energy,  food, and transport:  A deep transitions perspec-
tive. Technological Forecasting and Social Change, 174: 121206.

[59]

 Flowers, S.  (2022).  How the  Russia/Ukraine  war  changes  energy-
markets.  Available  at  https://www.woodmac.com/news/the-edge/
how-the-russiaukrainewar-changes-energy-markets/.

[60]

 Tollefson,  J.  (2022).  What  the  war  in  Ukraine  means  for  energy,
climate  and  food.  Available  at  https://www.nature.com/articles/
d41586-022-00969-9.

[61]

 Liu, N., Hu, X. J., Ma, L., Yu, X. H. (2022). Vulnerability assessment
for coupled  network  consisting  of  power  grid  and  EV  traffic  net-
work. IEEE Transactions on Smart Grid, 13: 589–598.

[62]

 World Health Organization (2022). WHO Coronavirus (COVID-19)
Dashboard. Available at https://covid19.who.int/.

[63]

 Xu, T., Gao, W., Li, Y., Qian, F. (2021). Impact of the COVID-19
pandemic on the reduction of electricity demand and the integration
of renewable energy into the power grid. Journal of Renewable and
Sustainable Energy, 13: 026304.

[64]

 Santiago, I., Moreno-Munoz, A., Quintero-Jiménez, P., Garcia-Tor-
res, F., Gonzalez-Redondo, M. J. (2021). Electricity demand during
pandemic times: The case of the COVID-19 in Spain. Energy Pol-
icy, 148: 111964.

[65]

 Clark-Ginsberg,  A.,  Rueda,  I.  A.,  Monken,  J.,  Liu,  J.,  Chen,  H.
(2020). Maintaining critical infrastructure resilience to natural haz-
ards  during  the  COVID-19  pandemic:  Hurricane  preparations  by
US energy companies. Journal  of  Infrastructure  Preservation and
Resilience, 1: 10.

[66]

 Vaka,  M.,  Walvekar,  R.,  Rasheed,  A.  K.,  Khalid,  M.  (2020).  A
review on Malaysia’s solar energy pathway towards carbon-neutral
Malaysia beyond Covid’19 pandemic. Journal of Cleaner Produc-
tion, 273: 122834.

[67]

 Heffron, R. J., Körner, M. F., Schöpf, M., Wagner, J., Weibelzahl,
M. (2021). The role of flexibility in the light of the COVID-19 pan-
demic  and  beyond:  Contributing  to  a  sustainable  and  resilient
energy  future  in  Europe. Renewable  and  Sustainable  Energy
Reviews, 140: 110743.

[68]

 Gallaher,  A.,  Graziano,  M.,  Fiaschetti,  M.  (2021).  Legacy  and
shockwaves:  A  spatial  analysis  of  strengthening  resilience  of  the
power grid in Connecticut. Energy Policy, 159: 112582.

[69]

 Alasali,  F.,  Nusair,  K.,  Alhmoud, L.,  Zarour,  E.  (2021).  Impact  of
the COVID-19 pandemic on electricity demand and load forecast-
ing. Sustainability, 13: 1435.

[70]

 Erker, S., Stangl, R., Stoeglehner, G. (2017). Resilience in the light
of  energy  crises  -  Part  I:  A  framework  to  conceptualise  regional
energy resilience. Journal of Cleaner Production, 164: 420–433.

[71]

 Ding,  Y.  T.,  Chen,  S.,  Zheng,  Y.  L.,  Chai,  S.  L.,  Nie,  R.  (2022).
Resilience assessment of China’s natural  gas system under supply
shortages: A system dynamics approach. Energy, 247: 123518.

[72]

 Jayanti,  S.  (2022).  Europe’ s  energy  crisis  is  going  to  get  worse.
Available  at  https://time.com/6209272/europes-energy-crisis-get-
ting-worse/.

[73]

 Horowitz,  J.  (2022).  European  power  prices  shatter  records  as
energy  crisis  intensifies.  Available  at  https://www.cnn.com/2022/
08/29/energy/europe-powerprices/index.html.

[74]

 Carlson, J. L., Haffenden, R. A., Bassett, G. W., Buehring, W. A.,
Collins III, M. J., Folga, S. M., Petit, F, D., Phillips, J. A., Verner,
D. R., Whitfield, R. G. (2012). Resilience: Theory and Application
(No. ANL/DIS-12-1).  Argonne National Lab.(ANL), Argonne, IL,
USA.

[75]

 Miller, C., Martin, M., Pinney, D., Walker, G. (2014). Achieving a
resilient and agile grid. National Rural Electric Cooperative Associ-
ation (NRECA): Arlington, VA, USA.

[76]

 Eskandarpour, R., Khodaei, A., Arab, A. (2017). Improving power
grid resilience through predictive outage estimation. In: Proceedings
of the 2017 North American Power Symposium (NAPS), Morgan-
town, WV, USA.

[77]

 Ma, S. S., Chen, B. K., Wang, Z. Y. (2018). Resilience enhancement
strategy  for  distribution  systems  under  extreme  weather  events.
IEEE Transactions on Smart Grid, 9: 1442–1451.

[78]

 Panteli,  M.,  Trakas,  D.  N.,  Mancarella,  P.,  Hatziargyriou,  N.  D.
(2017). Power systems resilience assessment: Hardening and smart
operational enhancement strategies. Proceedings of the IEEE, 105:
1202–1213.

[79]

 Hoffman,  P.,  Bryan,  W.,  Farber-DeAnda,  M.,  Cleaver,  M.,
Lewandowski, C., Young, K. (2010). Hardening and resiliency: US
energy  industry  response  to  recent  hurricane  seasons.  OE/ISER
Final Report, Office of Electricity Delivery and Energy Reliability,
US Department of Energy.

[80]

 Cadini, F., Agliardi, G. L., Zio, E. (2017). A modeling and simulation
framework  for  the  reliability/availability  assessment  of  a  power
transmission  grid  subject  to  cascading  failures  under  extreme
weather conditions. Applied Energy, 185: 267–279.

[81]

 Beheshtian, A., Donaghy, K. P., Geddes, R. R., Gao, H. O. (2018).
Climate-adaptive planning  for  the  long-term  resilience  of  trans-
portation  energy  infrastructure. Transportation  Research  Part  E:
Logistics and Transportation Review, 113: 99–122.

[82]

 Espinoza, S., Panteli, M., Mancarella, P., Rudnick, H. (2016). Multi-
phase  assessment  and  adaptation  of  power  systems  resilience  to
natural hazards. Electric Power Systems Research, 136: 352–361.

[83]

 Zobel,  C.  W. (2017).  Representing perceived tradeoffs  in  defining
disaster resilience. Decision Support Systems, 50: 394–403.

[84]

 Todman, L. C., Fraser, F. C., Corstanje, R., Deeks, L. K., Harris, J.
A.,  Pawlett,  M.,  Ritz,  K.,  Whitmore,  A.  P.  (2016).  Defining  and
quantifying the resilience of responses to disturbance: A conceptual
and  modelling  approach  from  soil  science. Scientific  Reports,  6:
28426.

[85]

 Cassottana, B., Shen, L. J., Tang, L. C. (2019). Modeling the recovery
process:  A key dimension of  resilience. Reliability  Engineering &
System Safety, 190: 106528.

[86]

 Sansavini, G.  (2017).  Engineering  resilience  in  critical  infrastruc-
tures. Resilience and Risk, 2017: 189–203.

[87]

 Reed, D. A., Powell, M. D., Westerman, J. M. (2010). Energy supply
system performance for hurricane katrina. Journal of Energy Engi-
neering, 136: 95–102.

[88]

 He,  P.  J.,  Ng,  T.  S.,  Su,  B.  (2017).  Energy-economic  recovery
resilience  with  input-output  linear  programming  models. Energy
Economics, 68: 177–191.

[89]

 Afzal,  S.,  Mokhlis,  H.,  Illias,  H.  A.,  Mansor,  N.  N.,  Shareef,  H.
(2020).  State-of-the-art  review  on  power  system  resilience  and
assessment techniques. IET Generation,  Transmission & Distribu-
tion, 14: 6107–6121.

[90]

 Tan, Y. S., Das, A. K., Arabshahi, P., Kirschen, D. S. (2018). Dis-
tribution systems hardening against  natural  disasters. IEEE Trans-
actions on Power Systems, 33: 6849–6860.

[91]

 Najafi,  J.,  Peiravi,  A.,  Guerrero,  J.  M.  (2018).  Power  distribution
system  improvement  planning  under  hurricanes  based  on  a  new
resilience index. Sustainable Cities and Society, 39: 592–604.

[92]

 Amirioun,  M.  H.,  Aminifar,  F.,  Lesani,  H.,  Shahidehpour,  M.
(2019). Metrics and quantitative framework for assessing microgrid
resilience  against  windstorms. International  Journal  of  Electrical
Power & Energy Systems, 104: 716–723.

[93]

 Obama, B. (2013). Presidential policy directive 21: Critical infras-
tructure  security  and  resilience.  Available  at  https://obamawhite-
house.archives.gov/the-press-office/2013/02/12/presidential-policy-
directive-critical-infrastructure-security-and-resil/.

[94]

 Chanda,  S.,  Srivastava,  A.  K.  (2016).  Defining  and  enabling
resiliency of electric distribution systems with multiple microgrids.

[95]

REVIEW Resilient power grid for smart city

 

338 iEnergy | VOL 1 | September 2022 | 325–340

https://doi.org/10.1109/TPWRS.2004.825888
https://doi.org/10.1109/TPWRS.2004.825888
https://doi.org/10.1016/j.techfore.2021.121206
https://doi.org/10.1109/TSG.2021.3112464
https://doi.org/10.1063/5.0045825
https://doi.org/10.1063/5.0045825
https://doi.org/10.1016/j.enpol.2020.111964
https://doi.org/10.1016/j.enpol.2020.111964
https://doi.org/10.1016/j.enpol.2020.111964
https://doi.org/10.1186/s43065-020-00010-1
https://doi.org/10.1186/s43065-020-00010-1
https://doi.org/10.1016/j.jclepro.2020.122834
https://doi.org/10.1016/j.jclepro.2020.122834
https://doi.org/10.1016/j.jclepro.2020.122834
https://doi.org/10.1016/j.rser.2021.110743
https://doi.org/10.1016/j.rser.2021.110743
https://doi.org/10.1016/j.enpol.2021.112582
https://doi.org/10.3390/su13031435
https://doi.org/10.1016/j.jclepro.2017.06.163
https://doi.org/10.1016/j.energy.2022.123518
https://doi.org/10.1109/TSG.2016.2591885
https://doi.org/10.1109/JPROC.2017.2691357
https://doi.org/10.1016/j.apenergy.2016.10.086
https://doi.org/10.1016/j.tre.2018.02.009
https://doi.org/10.1016/j.tre.2018.02.009
https://doi.org/10.1016/j.epsr.2016.03.019
https://doi.org/10.1038/srep28426
https://doi.org/10.1061/(ASCE)EY.1943-7897.0000028
https://doi.org/10.1061/(ASCE)EY.1943-7897.0000028
https://doi.org/10.1061/(ASCE)EY.1943-7897.0000028
https://doi.org/10.1016/j.eneco.2017.10.005
https://doi.org/10.1016/j.eneco.2017.10.005
https://doi.org/10.1109/TPWRS.2018.2836391
https://doi.org/10.1109/TPWRS.2018.2836391
https://doi.org/10.1109/TPWRS.2018.2836391
https://doi.org/10.1016/j.scs.2018.03.022
https://doi.org/10.1109/TPWRS.2004.825888
https://doi.org/10.1109/TPWRS.2004.825888
https://doi.org/10.1016/j.techfore.2021.121206
https://doi.org/10.1109/TSG.2021.3112464
https://doi.org/10.1063/5.0045825
https://doi.org/10.1063/5.0045825
https://doi.org/10.1016/j.enpol.2020.111964
https://doi.org/10.1016/j.enpol.2020.111964
https://doi.org/10.1016/j.enpol.2020.111964
https://doi.org/10.1186/s43065-020-00010-1
https://doi.org/10.1186/s43065-020-00010-1
https://doi.org/10.1016/j.jclepro.2020.122834
https://doi.org/10.1016/j.jclepro.2020.122834
https://doi.org/10.1016/j.jclepro.2020.122834
https://doi.org/10.1016/j.rser.2021.110743
https://doi.org/10.1016/j.rser.2021.110743
https://doi.org/10.1016/j.enpol.2021.112582
https://doi.org/10.3390/su13031435
https://doi.org/10.1016/j.jclepro.2017.06.163
https://doi.org/10.1016/j.energy.2022.123518
https://doi.org/10.1109/TSG.2016.2591885
https://doi.org/10.1109/JPROC.2017.2691357
https://doi.org/10.1016/j.apenergy.2016.10.086
https://doi.org/10.1016/j.tre.2018.02.009
https://doi.org/10.1016/j.tre.2018.02.009
https://doi.org/10.1016/j.epsr.2016.03.019
https://doi.org/10.1038/srep28426
https://doi.org/10.1061/(ASCE)EY.1943-7897.0000028
https://doi.org/10.1061/(ASCE)EY.1943-7897.0000028
https://doi.org/10.1061/(ASCE)EY.1943-7897.0000028
https://doi.org/10.1016/j.eneco.2017.10.005
https://doi.org/10.1016/j.eneco.2017.10.005
https://doi.org/10.1109/TPWRS.2018.2836391
https://doi.org/10.1109/TPWRS.2018.2836391
https://doi.org/10.1109/TPWRS.2018.2836391
https://doi.org/10.1016/j.scs.2018.03.022


IEEE Transactions on Smart Grid, 7: 2859–2868.
 Bajpai, P., Chanda, S., Srivastava, A. K. (2018). A novel metric to
quantify and enable resilient distribution system using graph theory
and  choquet  integral. IEEE  Transactions  on  Smart  Grid,  9:
2918–2929.

[96]

 Dehghanian,  P.,  Aslan,  S.,  Dehghanian,  P.  (2018).  Maintaining
electric  system  safety  through  an  enhanced  network  resilience.
IEEE Transactions on Industry Applications, 54: 4927–4937.

[97]

 Nazemi, M.,  Moeini-Aghtaie,  M.,  Fotuhi-Firuzabad,  M.,  Dehgha-
nian, P. (2019). Energy storage planning for enhanced resilience of
power distribution networks against earthquakes. IEEE Transactions
on Sustainable Energy, 11: 795–806.

[98]

 Hussain, A., Oulis Rousis, A., Konstantelos, I., Strbac, G., Jeon, J.,
Kim, H. M. (2019). Impact of uncertainties on resilient operation of
microgrids:  A  data-driven  approach. IEEE  Access,  7:  14924–
14937.

[99]

 Liu, X. D., Shahidehpour, M., Li, Z. Y., Liu, X., Cao, Y. J., Bie, Z.
H.  (2017).  Microgrids  for  enhancing  the  power  grid  resilience  in
extreme conditions. IEEE Transactions on Smart Grid, 8: 589–597.

[100]

 Bazargani,  N.  T.,  Bathaee,  S.  M.  T.  (2018).  A novel  approach for
probabilistic hurricane resiliency assessment of an active distribution
system  using  point  estimate  method.  In:  Proceedings  of  the  2018
19th IEEE Mediterranean Electrotechnical Conference, Marrakech,
Morocco.

[101]

 Chanda, S., Srivastava, A. K., Mohanpurkar, M. U., Hovsapian, R.
(2018).  Quantifying  power  distribution  system  resiliency  using
code-based metric. IEEE Transactions on Industry Applications, 54:
3676–3686.

[102]

 Fu, G. H., Wilkinson, S., Dawson, R. J., Fowler, H. J., Kilsby, C.,
Panteli,  M.,  Mancarella,  P.  (2018).  Integrated  approach  to  assess
the resilience of future electricity infrastructure networks to climate
hazards. IEEE Systems Journal, 12: 3169–3180.

[103]

 Mousavizadeh, S., Haghifam, M. R., Shariatkhah, M. H. (2018). A
linear two-stage method for resiliency analysis  in distribution sys-
tems considering renewable energy and demand response resources.
Applied Energy, 211: 443–460.

[104]

 Wang,  Y.,  Rousis,  A.  O.,  Strbac,  G.  (2020).  On  microgrids  and
resilience:  A  comprehensive  review  on  modeling  and  operational
strategies. Renewable  and  Sustainable  Energy  Reviews,  134:
110313.

[105]

 Fang, Y.,  Sansavini,  G.  (2017).  Optimizing  power  system  invest-
ments and resilience against attacks. Reliability Engineering & Sys-
tem Safety, 159: 161–173.

[106]

 Yuan,  C.  (2016).  Resilient  distribution  systems  with  community
microgrids. Ph.D. Thesis. The Ohio State University, USA.

[107]

 Qi, H. R., Wang, X. R., Tolbert, L. M., Li, F. X., Peng, F. Z., Ning,
P.,  Amin,  M.  (2011).  A  resilient  real-time  system  design  for  a
secure and reconfigurable power grid. IEEE Transactions on Smart
Grid, 2: 770–781.

[108]

 Yodo, N.,  Arfin,  T.  (2021).  A resilience assessment of  an interde-
pendent  multi-energy  system  with  microgrids. Sustainable  and
Resilient Infrastructure, 6(1–2): 42–55.

[109]

 Chen, C., Wang, J. H., Qiu, F., Zhao, D. B. (2016). Resilient distri-
bution system by microgrids formation after natural disasters. IEEE
Transactions on Smart Grid, 7: 958–966.

[110]

 Simonov,  M.  (2014).  Dynamic  partitioning  of  DC  microgrid  in
resilient  clusters  using  event-driven  approach. IEEE  Transactions
on Smart Grid, 5: 2618–2625.

[111]

 He, M., Giesselmann, M. (2015). Reliability-constrained self-orga-
nization  and  energy  management  towards  a  resilient  microgrid
cluster. In: Proceedings of the 2015 IEEE Power & Energy Society
Innovative Smart Grid Technologies Conference, Washington, DC,
USA.

[112]

 Ding, T., Lin, Y. L., Bie, Z. H., Chen, C. (2017). A resilient microgrid
formation  strategy  for  load  restoration  considering  master-slave
distributed  generators  and  topology  reconfiguration. Applied
Energy, 199: 205–216.

[113]

 Hussain, A., Bui, V. H., Kim, H. M. (2018). A resilient and privacy-[114]

preserving energy management strategy for networked microgrids.
IEEE Transactions on Smart Grid, 9: 2127–2139.
 Zhou,  Q.,  Shahidehpour,  M.,  Alabdulwahab,  A.,  Abusorrah,  A.
(2020).  Flexible  division  and  unification  control  strategies  for
resilience enhancement in networked microgrids. IEEE Transactions
on Power Systems, 35: 474–486.

[115]

 Hussain,  A.,  Bui,  V.  H.,  Kim,  H.  M.  (2019).  Resilience-oriented
optimal operation of networked hybrid microgrids. IEEE Transac-
tions on Smart Grid, 10: 204–215.

[116]

 Wu, L., Li, J., Erol-Kantarci, M., Kantarci, B. (2017). An integrated
reconfigurable control  and  self-organizing  communication  frame-
work for community resilience microgrids. The Electricity Journal,
30: 27–34.

[117]

 Chen, B., Wang, J. H., Lu, X. N., Chen, C., Zhao, S. J. (2021). Net-
worked microgrids for grid resilience, robustness, and efficiency: A
review. IEEE Transactions on Smart Grid, 12: 18–32.

[118]

 Farzin,  H.,  Fotuhi-Firuzabad,  M.,  Moeini-Aghtaie,  M.  (2017).  A
stochastic  multi-objective  framework  for  optimal  scheduling  of
energy storage systems in microgrids. IEEE Transactions on Smart
Grid, 8: 117–127.

[119]

 Najafi,  J.,  Peiravi,  A.,  Anvari-Moghaddam,  A.,  Guerrero,  J.  M.
(2019). Resilience improvement planning of power-water distribu-
tion  systems  with  multiple  microgrids  against  hurricanes  using
clean strategies. Journal of Cleaner Production, 223: 109–126.

[120]

 Ebadat-Parast, M., Nazari, M. H., Hosseinian, S. H. (2022). Distri-
bution  system  resilience  enhancement  through  resilience-oriented
optimal  scheduling  of  multi-microgrids  considering  normal  and
emergency conditions  interlink  utilizing  multi-objective  program-
ming. Sustainable Cities and Society, 76: 103467.

[121]

 Jiang,  Y.  B.,  Wan,  C.,  Chen,  C.,  Shahidehpour,  M.,  Song,  Y.  H.
(2020).  A  hybrid  stochastic-interval  operation  strategy  for  multi-
energy  microgrids. IEEE  Transactions  on  Smart  Grid,  11:  440–
456.

[122]

 Manshadi,  S.  D.,  Khodayar,  M.  E.  (2015).  Resilient  operation  of
multiple  energy  carrier  microgrids. IEEE  Transactions  on  Smart
Grid, 6: 2283–2292.

[123]

 Tsikalakis, A. G., Hatziargyriou, N. D. (2011). Operation of micro-
grids with demand side bidding and continuity of supply for critical
loads. European Transactions on Electrical Power, 21: 1238–1254.

[124]

 Gouveia, C., Moreira, J., Moreira, C. L., Peças Lopes, J. A. (2013).
Coordinating storage and demand response for microgrid emergency
operation. IEEE Transactions on Smart Grid, 4: 1898–1908.

[125]

 Quashie,  M.,  Marnay,  C.,  Bouffard,  F.,  Joós,  G.  (2018).  Optimal
planning  of  microgrid  power  and  operating  reserve  capacity.
Applied Energy, 210: 1229–1236.

[126]

 Wang,  C.,  Ju,  P.,  Lei,  S.  B.,  Wang,  Z.  Y.,  Wu,  F.,  Hou,  Y.  H.
(2020). Markov decision process-based resilience enhancement for
distribution  systems:  An  approximate  dynamic  programming
approach. IEEE Transactions on Smart Grid, 11: 2498–2510.

[127]

 Mishra,  D.  K.,  Ghadi,  M.  J.,  Azizivahed,  A.,  Li,  L.,  Zhang,  J.  F.
(2021). A review on resilience studies in active distribution systems.
Renewable and Sustainable Energy Reviews, 135: 110201.

[128]

 Jiang,  Y.  B.,  Wan,  C.,  Wang,  J.  H.,  Song,  Y.  H.,  Dong,  Z.  Y.
(2019).  Stochastic  receding  horizon  control  of  active  distribution
networks  with  distributed  renewables. IEEE  Transactions  on
Power Systems, 34: 1325–1341.

[129]

 Yu, P., Wan, C., Sun, M. Y., Zhou, Y. Z., Song, Y. H. (2022). Dis-
tributed voltage control of active distribution networks with global
sensitivity. IEEE Transactions on Power Systems, 37: 4214–4228.

[130]

 Zhao,  J.,  Wan,  C.,  Xu,  Z.,  Wang,  J.  H.  (2017).  Risk-based  day-
ahead  scheduling  of  electric  vehicle  aggregator  using  information
gap  decision  theory. IEEE  Transactions  on  Smart  Grid,  8:
1609–1618.

[131]

 Jamborsalamati,  P.,  Hossain,  M.  J.,  Taghizadeh,  S.,  Konstantinou,
G.,  Manbachi,  M.,  Dehghanian,  P.  (2020).  Enhancing  power  grid
resilience through an IEC61850-based EV-assisted load restoration.
IEEE Transactions on Industrial Informatics, 16: 1799–1810.

[132]

 He, Z. H., Wan, C., Song, Y. H. (2022). Frequency regulation from[133]

Resilient power grid for smart city REVIEW

 

iEnergy | VOL 1 | September 2022 | 325–340 339

https://doi.org/10.1109/TSG.2016.2561303
https://doi.org/10.1109/TSG.2016.2623818
https://doi.org/10.1109/TIA.2018.2828389
https://doi.org/10.1109/ACCESS.2019.2891786
https://doi.org/10.1109/TIA.2018.2808483
https://doi.org/10.1109/JSYST.2017.2700791
https://doi.org/10.1016/j.apenergy.2017.11.067
https://doi.org/10.1016/j.rser.2020.110313
https://doi.org/10.1109/TSG.2011.2159819
https://doi.org/10.1109/TSG.2011.2159819
https://doi.org/10.1109/TSG.2015.2429653
https://doi.org/10.1109/TSG.2015.2429653
https://doi.org/10.1109/TSG.2014.2302992
https://doi.org/10.1109/TSG.2014.2302992
https://doi.org/10.1016/j.apenergy.2017.05.012
https://doi.org/10.1016/j.apenergy.2017.05.012
https://doi.org/10.1109/TSG.2016.2607422
https://doi.org/10.1109/TPWRS.2019.2932939
https://doi.org/10.1109/TPWRS.2019.2932939
https://doi.org/10.1109/TSG.2017.2737024
https://doi.org/10.1109/TSG.2017.2737024
https://doi.org/10.1109/TSG.2017.2737024
https://doi.org/10.1016/j.tej.2017.03.011
https://doi.org/10.1109/TSG.2020.3010570
https://doi.org/10.1109/TSG.2016.2598678
https://doi.org/10.1109/TSG.2016.2598678
https://doi.org/10.1016/j.jclepro.2019.03.141
https://doi.org/10.1016/j.scs.2021.103467
https://doi.org/10.1109/TSG.2019.2923984
https://doi.org/10.1109/TSG.2015.2397318
https://doi.org/10.1109/TSG.2015.2397318
https://doi.org/10.1002/etep.441
https://doi.org/10.1109/TSG.2013.2257895
https://doi.org/10.1016/j.apenergy.2017.08.015
https://doi.org/10.1109/TSG.2019.2956740
https://doi.org/10.1016/j.rser.2020.110201
https://doi.org/10.1109/TPWRS.2018.2879451
https://doi.org/10.1109/TPWRS.2018.2879451
https://doi.org/10.1109/TSG.2015.2494371
https://doi.org/10.1109/TII.2019.2923714
https://doi.org/10.1109/TSG.2016.2561303
https://doi.org/10.1109/TSG.2016.2623818
https://doi.org/10.1109/TIA.2018.2828389
https://doi.org/10.1109/ACCESS.2019.2891786
https://doi.org/10.1109/TIA.2018.2808483
https://doi.org/10.1109/JSYST.2017.2700791
https://doi.org/10.1016/j.apenergy.2017.11.067
https://doi.org/10.1016/j.rser.2020.110313
https://doi.org/10.1109/TSG.2011.2159819
https://doi.org/10.1109/TSG.2011.2159819
https://doi.org/10.1109/TSG.2015.2429653
https://doi.org/10.1109/TSG.2015.2429653
https://doi.org/10.1109/TSG.2014.2302992
https://doi.org/10.1109/TSG.2014.2302992
https://doi.org/10.1016/j.apenergy.2017.05.012
https://doi.org/10.1016/j.apenergy.2017.05.012
https://doi.org/10.1109/TSG.2016.2607422
https://doi.org/10.1109/TPWRS.2019.2932939
https://doi.org/10.1109/TPWRS.2019.2932939
https://doi.org/10.1109/TSG.2017.2737024
https://doi.org/10.1109/TSG.2017.2737024
https://doi.org/10.1109/TSG.2017.2737024
https://doi.org/10.1016/j.tej.2017.03.011
https://doi.org/10.1109/TSG.2020.3010570
https://doi.org/10.1109/TSG.2016.2598678
https://doi.org/10.1109/TSG.2016.2598678
https://doi.org/10.1016/j.jclepro.2019.03.141
https://doi.org/10.1016/j.scs.2021.103467
https://doi.org/10.1109/TSG.2019.2923984
https://doi.org/10.1109/TSG.2015.2397318
https://doi.org/10.1109/TSG.2015.2397318
https://doi.org/10.1002/etep.441
https://doi.org/10.1109/TSG.2013.2257895
https://doi.org/10.1016/j.apenergy.2017.08.015
https://doi.org/10.1109/TSG.2019.2956740
https://doi.org/10.1016/j.rser.2020.110201
https://doi.org/10.1109/TPWRS.2018.2879451
https://doi.org/10.1109/TPWRS.2018.2879451
https://doi.org/10.1109/TSG.2015.2494371
https://doi.org/10.1109/TII.2019.2923714


electrified  railway. IEEE  Transactions  on  Power  Systems,  37:
2414–2431.
 He,  Z.  H.,  Wan,  C.,  Song,  Y.  H.  (2022).  Adaptive  frequency
response  from  electrified  railway. IEEE  Transactions  on  Power
Systems, https://doi.org/10.1109/TPWRS.2022.3179369.

[134]

 Wang,  X.,  Shahidehpour,  M.,  Jiang,  C.  W.,  Li,  Z.  Y.  (2019).
Resilience  enhancement  strategies  for  power  distribution  network
coupled  with  urban  transportation  system. IEEE  Transactions  on
Smart Grid, 10: 4068–4079.

[135]

 Jiang, Y. B., Wan, C., Botterud, A., Song, Y. H., Xia, S. W. (2020).
Exploiting flexibility of district heating networks in combined heat
and power dispatch. IEEE Transactions on Sustainable Energy, 11:
2174–2188.

[136]

 Jiang, Y. B., Wan, C., Botterud, A., Song, Y. H., Shahidehpour, M.
(2021).  Convex  relaxation  of  combined  heat  and  power  dispatch.
IEEE Transactions on Power Systems, 36: 1442–1458.

[137]

 Deng,  Y.  F.,  Jiang,  W.,  Hu,  F.  T.,  Sun,  K.,  Yu,  J.  L.  (2022).
Resilience-oriented dynamic distribution network with considering
recovery ability of distributed resources. IEEE Journal on Emerging
and Selected Topics in Circuits and Systems, 12: 149–160.

[138]

 Ye,  Z.  G.,  Chen,  C.,  Chen,  B.,  Wu,  K.  (2021).  Resilient  service
restoration  for  unbalanced  distribution  systems  with  distributed
energy resources  by  leveraging mobile  generators. IEEE Transac-
tions on Industrial Informatics, 17: 1386–1396.

[139]

 Wang,  Y.  S.,  Zhang,  F.,  Zhou,  Z.  Q.,  Wang,  X.,  Jiang,  C.  W.
(2021). Configuration strategy for flexible resources with resilience
enhancement of the distribution system against typhoon disaster. In:
Proceedings of the 2021 IEEE Sustainable Power and Energy Con-
ference (iSPEC), Nanjing, China.

[140]

 Deng,  R.  L.,  Zhuang,  P.,  Liang,  H.  (2019).  False  data  injection
attacks against state estimation in power distribution systems. IEEE
Transactions on Smart Grid, 10: 2871–2881.

[141]

 Liu,  C.  S.,  Deng,  R.  L.,  He,  W.  L.,  Liang,  H.,  Du,  W.  L.  (2022).
Optimal coding schemes for detecting false data injection attacks in
power system state estimation. IEEE Transactions on Smart Grid,
13: 738–749.

[142]

 Haggi,  H.,  nejad,  R.  R.,  Song,  M.,  Sun,  W.  (2019).  A  review  of
smart grid restoration to enhance cyber-physical system resilience.
In: Proceedings of the 2019 IEEE Innovative Smart Grid Technolo-
gies—Asia, Chengdu, China.

[143]

 Xu, L., Guo, Q. L., Sheng, Y. J., Muyeen, S. M., Sun, H. B. (2021).
On  the  resilience  of  modern  power  systems:  A  comprehensive
review  from  the  cyber-physical  perspective. Renewable and  Sus-
tainable Energy Reviews, 152: 111642.

[144]

 Mishra,  S.,  Anderson,  K.  (2021).  Probabilistic  resilience  of  DER
systems—A  simulation  assisted  optimization  approach.  In:  Pro-
ceedings  of  the  2021  IEEE  Power  &  Energy  Society  Innovative
Smart Grid Technologies Conference, Washington, DC, USA.

[145]

 Poudel,  S.,  Dubey,  A.,  Bose,  A.  (2019).  Risk-based  probabilistic
quantification  of  power  distribution  system  operational  resilience.
IEEE Systems Journal, 14: 3506–3517.

[146]

 Zhao, C. F., Wan, C., Song, Y. H. (2022). Cost-oriented prediction
intervals:  On  bridging  the  gap  between  forecasting  and  decision.
IEEE Transactions on Power Systems, 37: 3048–3062.

[147]

 Bessani, M., Massignan, J. A. D., Fanucchi, R. Z., Camillo, M. H.
M.,  London,  J.  B.  A.,  Delbem,  A.  C.  B.,  Maciel,  C.  D.  (2019).
Probabilistic  assessment  of  power  distribution  systems  resilience
under extreme weather. IEEE Systems Journal, 13: 1747–1756.

[148]

 Wan,  C.,  Xu,  Z.,  Pinson,  P.,  Dong,  Z.  Y.,  Wong,  K.  P.  (2014).
Probabilistic  forecasting  of  wind  power  generation  using  extreme
learning  machine. IEEE  Transactions  on  Power  Systems,  29:
1033–1044.

[149]

 Zhao, C. F., Wan, C., Song, Y. H. (2020). An adaptive bilevel pro-
gramming  model  for  nonparametric  prediction  intervals  of  wind
power  generation. IEEE  Transactions  on  Power  Systems,  35:
424–439.

[150]

 Xie,  J.,  Alvarez-Fernandez,  I.,  Sun,  W.  (2020).  A  review  of
machine learning applications in power system resilience.  In:  Pro-
ceedings of the 2020 IEEE Power & Energy Society General Meet-
ing, Montreal, QC, Canada.

[151]

 Kamruzzaman,  M.,  Duan,  J.  J.,  Shi,  D.,  Benidris,  M.  (2021).  A
deep  reinforcement  learning-based  multi-agent  framework  to
enhance  power  system  resilience  using  shunt  resources. IEEE
Transactions on Power Systems, 36: 5525–5536.

[152]

 Zhao, J., Li, F. X., Mukherjee, S., Sticht, C. (2022). Deep reinforce-
ment  learning-based  model-free  on-line  dynamic  multi-microgrid
formation to enhance resilience. IEEE Transactions on Smart Grid,
13: 2557–2567.

[153]

 Jin, X., Ding, F., Bilby, C., Forman, D., Kovscek, M., Adhikari, R.
(2022).  AI-driven  smart  community  control  for  accelerating  PV
adoption  and  enhancing  grid  resilience  (No.  NREL/PR-5500-
82576).  National  Renewable  Energy  Lab.(NREL),  Golden,  CO,
USA.

[154]

 Ma,  L.,  Wang,  L.  F.,  Liu,  Z.  X.  (2022).  Soft  open  points-assisted
resilience  enhancement  of  power  distribution  networks  against
cyber  risks. IEEE Transactions  on Power  Systems,  https://doi.org/
10.1109/TPWRS.2022.3165169.

[155]

 Utkarsh, K., Ding, F. (2022). Self-organizing map-based resilience
quantification  and  resilient  control  of  distribution  systems  under
extreme events. IEEE Transactions on Smart Grid, 13: 1923–1937.

[156]

 Jia,  Y.  B.,  Wan,  C.,  Yu,  P.,  Song,  Y.  H.,  Ju,  P.  (2022).  Security
constrained P2P energy trading in distribution network: An integrated
transaction and operation model. IEEE Transactions on Smart Grid,
13: 4773–4786.

[157]

 Jia, Y. B., Wan, C., Cui, W. K., Song, Y. H., Ju, P. (2022). Peer-to-
peer energy trading using prediction intervals of renewable energy
generation. IEEE  Transactions  on  Smart  Grid,  https://doi.org/
10.1109/TSG.2022.3168150.

[158]

 Zhang, B.,  Dehghanian,  P.,  Kezunovic,  M.  (20219).  Optimal  allo-
cation of PV generation and battery storage for enhanced resilience.
IEEE Transactions on Smart Grid, 10: 535–545.

[159]

 Wang, X. J., Li, B. K., Wang, Y. W., Lu, H., Zhao, H. R., Xue, W.
L.  (2022).  A  bargaining  game-based  profit  allocation  method  for
the wind-hydrogen-storage combined system. Applied Energy, 310:
118472.

[160]

 Kim,  J.,  Dvorkin,  Y.  (2019).  Enhancing  distribution  system
resilience with mobile energy storage and microgrids. IEEE Trans-
actions on Smart Grid, 10: 4996–5006.

[161]

REVIEW Resilient power grid for smart city

 

340 iEnergy | VOL 1 | September 2022 | 325–340

https://doi.org/10.1109/TPWRS.2021.3119706
https://doi.org/10.1109/TSG.2018.2848970
https://doi.org/10.1109/TSG.2018.2848970
https://doi.org/10.1109/TSTE.2019.2952147
https://doi.org/10.1109/TPWRS.2020.3025070
https://doi.org/10.1109/JETCAS.2022.3150470
https://doi.org/10.1109/JETCAS.2022.3150470
https://doi.org/10.1109/TII.2020.2976831
https://doi.org/10.1109/TII.2020.2976831
https://doi.org/10.1109/TII.2020.2976831
https://doi.org/10.1109/TSG.2018.2813280
https://doi.org/10.1109/TSG.2018.2813280
https://doi.org/10.1109/TSG.2021.3107972
https://doi.org/10.1016/j.rser.2021.111642
https://doi.org/10.1016/j.rser.2021.111642
https://doi.org/10.1016/j.rser.2021.111642
https://doi.org/10.1109/TPWRS.2021.3128567
https://doi.org/10.1109/JSYST.2018.2853554
https://doi.org/10.1109/TPWRS.2013.2287871
https://doi.org/10.1109/TPWRS.2019.2924355
https://doi.org/10.1109/TPWRS.2021.3078446
https://doi.org/10.1109/TPWRS.2021.3078446
https://doi.org/10.1109/TSG.2022.3160387
https://doi.org/10.1109/TSG.2022.3150226
https://doi.org/10.1016/j.apenergy.2021.118472
https://doi.org/10.1109/TSG.2018.2872521
https://doi.org/10.1109/TSG.2018.2872521
https://doi.org/10.1109/TSG.2018.2872521
https://doi.org/10.1109/TPWRS.2021.3119706
https://doi.org/10.1109/TSG.2018.2848970
https://doi.org/10.1109/TSG.2018.2848970
https://doi.org/10.1109/TSTE.2019.2952147
https://doi.org/10.1109/TPWRS.2020.3025070
https://doi.org/10.1109/JETCAS.2022.3150470
https://doi.org/10.1109/JETCAS.2022.3150470
https://doi.org/10.1109/TII.2020.2976831
https://doi.org/10.1109/TII.2020.2976831
https://doi.org/10.1109/TII.2020.2976831
https://doi.org/10.1109/TSG.2018.2813280
https://doi.org/10.1109/TSG.2018.2813280
https://doi.org/10.1109/TSG.2021.3107972
https://doi.org/10.1016/j.rser.2021.111642
https://doi.org/10.1016/j.rser.2021.111642
https://doi.org/10.1016/j.rser.2021.111642
https://doi.org/10.1109/TPWRS.2021.3128567
https://doi.org/10.1109/JSYST.2018.2853554
https://doi.org/10.1109/TPWRS.2013.2287871
https://doi.org/10.1109/TPWRS.2019.2924355
https://doi.org/10.1109/TPWRS.2021.3078446
https://doi.org/10.1109/TPWRS.2021.3078446
https://doi.org/10.1109/TSG.2022.3160387
https://doi.org/10.1109/TSG.2022.3150226
https://doi.org/10.1016/j.apenergy.2021.118472
https://doi.org/10.1109/TSG.2018.2872521
https://doi.org/10.1109/TSG.2018.2872521
https://doi.org/10.1109/TSG.2018.2872521
https://doi.org/10.1109/TPWRS.2021.3119706
https://doi.org/10.1109/TSG.2018.2848970
https://doi.org/10.1109/TSG.2018.2848970
https://doi.org/10.1109/TSTE.2019.2952147
https://doi.org/10.1109/TPWRS.2020.3025070
https://doi.org/10.1109/JETCAS.2022.3150470
https://doi.org/10.1109/JETCAS.2022.3150470
https://doi.org/10.1109/TII.2020.2976831
https://doi.org/10.1109/TII.2020.2976831
https://doi.org/10.1109/TII.2020.2976831
https://doi.org/10.1109/TSG.2018.2813280
https://doi.org/10.1109/TSG.2018.2813280
https://doi.org/10.1109/TSG.2021.3107972
https://doi.org/10.1016/j.rser.2021.111642
https://doi.org/10.1016/j.rser.2021.111642
https://doi.org/10.1016/j.rser.2021.111642
https://doi.org/10.1109/TPWRS.2021.3128567
https://doi.org/10.1109/JSYST.2018.2853554
https://doi.org/10.1109/TPWRS.2013.2287871
https://doi.org/10.1109/TPWRS.2019.2924355
https://doi.org/10.1109/TPWRS.2021.3078446
https://doi.org/10.1109/TPWRS.2021.3078446
https://doi.org/10.1109/TSG.2022.3160387
https://doi.org/10.1109/TSG.2022.3150226
https://doi.org/10.1016/j.apenergy.2021.118472
https://doi.org/10.1109/TSG.2018.2872521
https://doi.org/10.1109/TSG.2018.2872521
https://doi.org/10.1109/TSG.2018.2872521
https://doi.org/10.1109/TPWRS.2021.3119706
https://doi.org/10.1109/TSG.2018.2848970
https://doi.org/10.1109/TSG.2018.2848970
https://doi.org/10.1109/TSTE.2019.2952147
https://doi.org/10.1109/TPWRS.2020.3025070
https://doi.org/10.1109/JETCAS.2022.3150470
https://doi.org/10.1109/JETCAS.2022.3150470
https://doi.org/10.1109/TII.2020.2976831
https://doi.org/10.1109/TII.2020.2976831
https://doi.org/10.1109/TII.2020.2976831
https://doi.org/10.1109/TSG.2018.2813280
https://doi.org/10.1109/TSG.2018.2813280
https://doi.org/10.1109/TSG.2021.3107972
https://doi.org/10.1016/j.rser.2021.111642
https://doi.org/10.1016/j.rser.2021.111642
https://doi.org/10.1016/j.rser.2021.111642
https://doi.org/10.1109/TPWRS.2021.3128567
https://doi.org/10.1109/JSYST.2018.2853554
https://doi.org/10.1109/TPWRS.2013.2287871
https://doi.org/10.1109/TPWRS.2019.2924355
https://doi.org/10.1109/TPWRS.2021.3078446
https://doi.org/10.1109/TPWRS.2021.3078446
https://doi.org/10.1109/TSG.2022.3160387
https://doi.org/10.1109/TSG.2022.3150226
https://doi.org/10.1016/j.apenergy.2021.118472
https://doi.org/10.1109/TSG.2018.2872521
https://doi.org/10.1109/TSG.2018.2872521
https://doi.org/10.1109/TSG.2018.2872521

