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Introduction
State of the Art Vegetation responds to weather and soil conditions
Homogeneous management of heterogeneous fields: * seasonal climatic conditions may improve our understanding of spatio-temporal yield patterns
* Inefficiencies and environmental risks (e.g. use excess of resources; N leaching)

Objectives

Use of clustering: The SMARTAGRI platform is created based on a Regional Development Plan of the Umbria region in
* recognize spatial patterns in crop fields order to assist farmers in the agricultural management practices
* identify of homogeneous zones for management (e.g. fertility)
* understand causes of spatial and temporal variability in crop yields This research project aims at:
* bulk clustering incorporates contrasting & confounding factors * improving clustering method by accounting for crop seasonality, climatic variability,

heterogeneous morphology for applications in the context of the SMARTAGRI platform

Data Set Description
Study area: —
* Farms in hilly area (Umbria region), Central Italy All years N24 Dry N7 Normal N3 Wet N12
= Vector files of agricultural fields
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