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Initial trust represents the trust that develops upon first use of a product. It is built on the basis of the net effect of
factors that stimulate as well as inhibit it. Future transactions require less consumer effort after initial-trust
formation. Despite being recognized as an important factor affecting the adoption of innovations, initial trust
has been not been greatly explored by prior scholars. The present study remedies this gap by invoking the in-
formation systems success (ISS) model, transaction cost economics (TCE) theory, and the IT continuance model
to propose a two-step framework that includes the antecedents of a pre-adoption factor, such as initial trust, and
post-adoption factors, such as confirmation, perceived usefulness, satisfaction, and continuation intention toward
mobile-based payments. Cross-sectional data of 954 first-time mobile-wallet users are analyzed to test the
framework. The study findings suggest that information and service quality positively influence initial trust,
which, in turn, has a positive association with confirmation and perceived usefulness. Results also reveal a
positive relationship between perceived usefulness and continuation intention. These results pave the way for
making useful recommendations for future researchers. The study also discusses various inferences that can
improve managerial efficacy in promoting the use of mobile-based payment methods.

1. Introduction Despite offering convenience and advantages to consumers, the

adoption and use of mobile-based payment methods, including mobile

Mobile-payment methods use wireless networks (such as 4G) and
high-performance mobile-operating systems (such as iOS) to undertake
financial transactions (Acker and Murthy, 2018). There are a variety of
mobile-payment options, like mobile applications for online shopping,
mobile payments at the point of sale, and special mobile-payment
methods such as mobile wallets (Clement, 2019). Of all these
methods, mobile wallets have notably transformed the way people
handle their financial transactions (Naidu, 2018). Some of the popular
mobile wallets include PayPal, Google Pay, and Apple Pay. The advan-
tages of mobile wallets for consumers, as with other m-payment solu-
tions, include ease and convenience (Acker and Murthy, 2018), and the
ability to perform a transaction without limits of location or time (Qasim
and Abu-Shanab, 2016).

wallets, has been slow in both developed and emerging countries
(Kongaut and Lis, 2017). The unanticipated low diffusion of mobile
payments, despite increased penetration of enabling technologies, calls
for deeper research into consumer behavior impeding the adoption and
use of these methods.

The extant literature has revealed that trust, or its lack thereof, is a
major reason for non-adoption of online payments (Gao and Waechter,
2017; Liébana-Cabanillas et al., 2015). Notably, in prior empirical in-
vestigations of mobile payments, initial trust has been referred to as one
of the reasons for uncertainty and has also been considered to cause
resistance to payment modes through mobile apps (Hoek, 2017). It is
interesting to note here that though prior literature has described two
types of trust, namely continuous and initial trust (Siau and Shen, 2003),
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only the continuous form of trust, which goes beyond the initial adop-
tion of the product, has been well researched for mobile-based payments
(Slade et al., 2015). In comparison, initial trust, which represents users’
trust at the first encounter (Yang, 2016; Zhou, 2014), has not been
evaluated deeply enough to yield robust insights.

Since initial trust represents the inclination of users to take a risk to
some extent (Kim and Prabhakar, 2004), a deeper investigation should
illuminate users’ pre-adoption decision-making better. Supporting the
importance of initial-trust formation in consumer choice behavior, some
prior studies have examined and confirmed its impact on the adoption
decision related to new technological offerings (Ogonowski et al., 2014).
In fact, initial trust can be considered a key pre-adoption variable since it
acts as a pull factor in initial usage (Yang, 2016).

We argue here that initial trust is crucial for initial acceptance and
continued usage of mobile-based payments because these online trans-
action methods represent perceived high-risk options and initial trust
may actually be necessary for pulling consumers toward them. Thus, the
study proposes to investigate initial trust at the point of first adoption by
taking mobile wallets as representative of mobile-based payment
methods. We propose a two-step model based on antecedents of initial
trust drawn from the information systems success (ISS) model (DeLone
and McLean, 2002) and the transaction cost economics (TCE) theory
(Coase, 1937) and its consequences drawn from the information tech-
nology (IT) continuance model (Bhattacherjee, 2001). The proposed
model is evaluated by analyzing the extensive data of 954 first-time
mobile-wallet users from India.

To contextualize our study’s contribution, we attempt to build on the
propositions of two prior studies, Gao and Waechter (2017) and Bhat-
tacherjee (2001), which we identified as our conversant articles.
Focusing on the pre-adoption stage, the first study theorizes the ante-
cedents and effects of initial trust on the intention to use mobile-based
payment systems. The second study focuses on post-adoption continu-
ation intention concerning products and services. The novelty of our
investigation is that, first, it brings together pre- and post-adoption as-
pects dealt with separately by our conversant studies to offer a more
complete insight into consumer behavior related to mobile-based pay-
ment usage; second, it modifies the post-adoption model proposed by
Bhattacherjee (2001) to include dissatisfaction as an antecedent of
continuation intention, instead of the more frequently used measure,
satisfaction. We have chosen dissatisfaction to gain a better insight into
the discontinuation of mobile-based payment methods after adoption.
Notably, it has been argued that the sources of satisfaction are different
from those of dissatisfaction (Najmul Islam, 2014), and we anticipate
our findings to underscore the differences further.

2. Background literature and theories
2.1. Initial trust

Research has noted differences between the two forms of trust,
namely, initial and continuous (Gao and Waechter, 2017), but very few
studies have delved into the effect of initial trust on potential users of
mobile-based payments (Lin et al., 2014). Initial trust presumes that
users and service providers are yet to have any reliable information and
bond before preliminary encounter (Li et al., 2014).

Though initial trust as a concept has been discussed for quite some
time (Gefen et al., 2003; Kim et al., 2009), related studies have begun to
appear only recently. These studies focused largely on e-commerce
(Stouthuysen et al., 2018), wearable commerce (Gu et al., 2016), and
mobile commerce and banking (Silic and Ruf, 2018). Furthermore, the
literature on initial trust has discussed both its antecedents and out-
comes. For instance, some studies on initial trust discuss the influence of
different cues, such as central cues (e.g., information quality, computer
monitoring) and peripheral cues (e.g., structural assurance, functional
consistency) on initial-trust formation (Silic and Ruf, 2018; Yang, 2016).
Yang (2016) argued that central cues influence initial trust, and this is
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transferable from web-based shopping experiences to the mobile-based
shopping experiences. Prior literature has suggested that factors like
security perception, the reputation of the company, the usability of the
site, and the support of government also have an association with initial
trust (Susanto et al., 2013). Furthermore, social presence and trust
propensity (Ogonowski et al., 2014) influence initial trust positively,
whereas risk influences initial trust negatively. Initial trust, in turn, in-
fluences adoption behavior through intention (Oliveira et al., 2014).
Silic and Ruf (2018) discussed the importance of central and peripheral
cues and satisfaction in initial-trust formation and usage intention in
m-commerce. They also underscored how the quality of service has a
high impact on initial trust. Zhang et al. (2018) revealed the impact of
brand trust on initial trust in online banking and e-commerce. In sum-
mary, initial trust is essential in any online transaction (Yang, 2016). As
is evident from the literature discussed, initial trust has remained
underexplored in the area of mobile-based payments. Prior studies
examining the role of initial trust in the area are presented in Table 1.

Given its importance in online transactions, it would be interesting to
inspect the role of initial trust in mobile-wallet adoption, an area that
has remained underexplored to date. Therefore, the present study ex-
amines the formation of initial trust at preliminary encounter,
measuring initial trust using Gefen et al. (2003) summarization of prior
studies that considered trust to have three distinct sets of beliefs,
namely, perceived integrity, benevolence, and ability. Perceived integ-
rity conveys the belief that the service provider adheres to consistent
policies and provides reliable services; perceived benevolence conveys
the thought that the service provider has the best interests of users in
mind, while perceived ability conveys the perception that the service
provider has the skills to render excellent service.

2.2. Pre-adoption factors: the ISS model and TCE theory

Consumers always face options that bring benefits along with asso-
ciated risks or unknown factors, following which they have to make
choices by weighing the positive and negative factors. Lu et al (2011)
underscored this dilemma by discussing the role of both perceived risk
and perceived benefits that consumers need to evaluate while taking
their product-use decision. Similarly, Ryu (2018) argued that perceived
benefits influence Fintech (innovations in the financial and technology
crossover space) continuation intention positively and perceived risks
influence the same negatively. Potential users of mobile wallets can also
be expected to form their perceptions by weighing various benefits
offered by mobile-based payment methods, such as convenience, ubiq-
uity, and performance (Morosan and DeFranco, 2016), with risks, such
as financial, privacy and psychological (Yang et al., 2015). Prior studies
have also argued that while evaluating innovations like mobile pay-
ments, consumers look at both positive and negative dimensions (Fazio
et al., 2015). Similarly, initial trust formation can also be expected to be
influenced by both positive and negative perceptions that potential users
have about mobile-based payments. Agreeing with this argument, the
present study draws the antecedents of initial trust from factors that are
likely to stimulate it as well from the factors that are likely to inhibit it,
resulting in initial-trust formation as a net effect of the two.

2.2.1. Stimulators of initial trust: the ISS model

Although no theories have been developed exclusively on the ante-
cedents of initial trust in mobile-payment methods, there are some
precedents in the literature to help identify related risks and benefits.
Gao and Waechter (2017) used the ISS model (DeLone and McLean,
2002), which has three quality dimensions—perceived information
quality, system quality, and service quality—for identifying the
perceived benefits of mobile-based payments. Zhou (2011a) also used
system and information quality as antecedents of initial trust in mobile
banking. Many other prior studies have invoked the benefits dimensions
of the ISS model for mobile services, health infomediaries, and online
shopping (e.g., Gao and Bai, 2014).
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Table 1
Prior literature on initial trust and mobile-based payments.
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Author(s) Country Sample Theory Findings of the study
Gao and Australia 851 potential m-payment The valence framework, Perceived information, system and service quality correlated positively with initial
Waechter adopters ISS model, TCE model trust formation. In comparison, perceived uncertainty correlated negatively with
(2017) initial trust, which positively influenced perceived benefit and convenience.
Together, all three variables predicted usage intention. Furthermore, convenience
correlated positively with benefit.
Zhou (2014) China 229 first-time users of Theory of planned Self-perception-based variables such as ubiquitous connection and effort expectancy,
mobile payment behavior as well as transference-based variables such as structural assurance and trust in
online payment correlated with initial trust, which in turn influenced performance
expectancy and usage intention.
Lu et al. (2011) China 961 users of AliPay internet Trust transfer theory, The customer’s trust formed in internet payment services influenced initial trust in
payment The valence framework mobile-payment services. The findings also revealed the direct and indirect influence
of trust and determinants of positive and negative valence on behavioral intention.
Zhou (2011a) China 210 first-time mobile Theory of reasoned action  Structural assurance and information quality correlated with initial trust. In

banking users

Zhou (2011b) China 277 first time mobile- -
payment users

Kimetal. (2009)  Korea 192 cell phone users not Theory of innovation
registered for mobile
banking

comparison, information and system quality influenced perceived usefulness, which
was also influenced by initial trust. Furthermore, initial trust and perceived
usefulness predicted the intention to use mobile banking.

The influence of perceived security, ubiquity, and ease of use on initial trust, which
in turn correlated with perceived usefulness and intention to use. Perceived cost was
also found to be a driver of usage intention toward mobile payments.

Relative benefits, propensity to trust, and structural assurances influenced initial
trust formation in mobile banking.

In accordance with existing studies, the present study also utilizes
the ISS model to propose the stimulators of initial trust. However, only
information and service quality are used as antecedents of initial trust.
System quality is not employed on the basis of a review of the literature,
opinions of an expert panel, and the results of a pilot study that
confirmed, in the case of financially literate mobile-phone users, that
peripheral cues like usability may not influence trust formation as
compared to primary cues like information and service quality (Silic and
Ruf, 2018).

2.2.2. Inhibitors of initial trust: TCE theory

There is also no consensus on the application of any theory to mea-
sure the perceived risk that influences initial-trust formation. As
mentioned above, initial trust in mobile-based payments is itself an
underexplored concept. However, the transaction-related nature of
mobile-based payments helped us in drawing on TCE theory (Coase,
1937) to identify the inhibitors of initial trust. The key postulate of TCE
is that users prefer to conduct their transactions such that cost is mini-
mized. Some of the key determinants of transaction costs have been
named as frequency, asset specificity, and uncertainty (Williamson,
1996). Of these, uncertainty and asset specificity have been studied
more frequently, while prior studies invoking TCE in the online context
have not evaluated the third aspect, namely, transaction frequency (e.g.,
Gao and Waechter, 2017). As postulated by TCE, uncertainty represents
the risk arising on account of unanticipated outcomes and the asym-
metry of available information. Asset specificity refers to investments
made from the long-term perspective to support the chosen mode of
transaction. It can represent physical, monetary, informational, or
relationship-based asset investment. High asset specificity implies
higher switching costs, thereby reducing the flexibility to move from one
method to another. It is clear that uncertainty and asset specificity will
act as negative cues in consumer choice decisions.

Since mobile-based payments also represent transactions, we have
invoked TCE to theorize the inhibitors of initial trust. As we are inves-
tigating pre-adoption behavior, transaction frequency is not relevant;
only uncertainty and asset specificity have been chosen as antecedents
of initial trust. This is also in consonance with the arguments offered by
Gao and Waechter (2017) and Ketokivi and Mahoney (2017). Since
uncertainty and asset specificity have unfavorable effects on intention
(Kim and Li, 2009), we anticipate that first-time users of mobile wallets
might have lower trust if they perceive that the uncertainty associated
with such methods is high. Similarly, if first-time users feel that they

have to commit time and effort to learn the usage and complete the
procedural formalities, they might have lower initial trust.

In summary, the present study has identified information and service
quality as stimulators of initial trust and asset specificity and uncertainty
as inhibitors of initial trust by referring to the propositions of the ISS
model and TCE theory, respectively.

2.3. Post-adoption factors: expectation confirmation theory and the IT
continuance model

Bhattacherjee (2001) proposed the IT continuance model by adapt-
ing expectation confirmation theory (ECT) (Oliver, 1980, 1993) to
explore users’ intention to continue using IS services and products. The
proposed model is also called the post-acceptance model.

The present ECT is the modified version proposed by Kristensen et al.
(1999), though initially the theory was called the
expectancy-disconfirmation theory (Oliver, 1980). ECT proposes that
satisfaction is the chief influencer of the intention of users to continue
usage. The theory further posits that satisfaction itself is an outcome of
both pre-purchase expectations as well as post-purchase perceptions of
deviation from pre-purchase expectations. Positive pre-purchase ex-
pectations may lead consumers to use a given product. After adoption,
consumers make a cognitive assessment of the expected and perceived
performance (this represents users’ perception of the actual perfor-
mance). A comparison of perceived performance with expectation leads
to confirmation. If the product falls short of expectations, it leads to
negative confirmation. Conversely, if it exceeds expectations, it leads to
positive confirmation (Churchill and Surprenant, 1982), which increases
satisfaction, thereby enhancing repurchase intention (Bhattacherjee and
Lin, 2015; Mantymaki and Najmul Islam, 2014). On the other hand,
negative confirmation would adversely affect repurchase intention
(Najmul Islam et al., 2017).

The IT continuance model focuses on post-adoption cognitive beliefs
that can influence continuation intention (Bhattacherjee, 2001). It does
not include two components of ECT, namely, pre-purchase expectation
and perceived performance. However, the model incorporates perceived
usefulness (representing post-adoption expectation), which is hypothe-
sized as a consequence of confirmation (embodiment of prior expecta-
tions). The model further posits perceived usefulness as the antecedent
of satisfaction and continuation intention. It has been used by re-
searchers to examine the behavior of users in a social virtual world
(Mantymaki and Najmul Islam, 2014) and smartphone banking (Susanto
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et al., 2016).

The IT continuance model was chosen for the current study to model
the post-initial adoption behavior of new users of mobile wallets since it
is well accepted in the extant literature as a post-adoption framework.
The model helps us in examining the effect of pre-adoption factors,
initial trust, and post-adoption behavior because users’ perception of
confirmation and perceived usefulness in this model subsumes the effect
of pre-adoption expectations of the ECT model (Najmul Isalm et al.,
2017). Furthermore, the model is suitable for our study because it in-
cludes perceived usefulness, which reflects the utilitarian aspects that
have been argued in the past to be key considerations for initial adoption
as well as the continued usage of the IS products.

3. Hypothesis development and research model

The present investigation utilizes the theoretical propositions of the
ISS model, TCE, and the IT continuance model to formulate a two-step
framework to investigate the antecedents and outcomes of initial trust
(Fig. 1). Initial trust plays a pivotal role in our model. In its first part,
perceived benefits and risks of mobile-based payments are hypothesized
as its antecedents, and initial trust itself is measured as a second-order
construct, using perceived benevolence, ability, and integrity. The an-
tecedents of initial trust utilized in the model are information and ser-
vice quality (stimulators) and perceived asset specificity and uncertainty
(inhibitors). Notably, system quality has not been employed as one of
the stimulators of initial trust, despite being a part of the original ISS
model, on the basis of prior literature, the opinions of a panel, and a pilot
study. Thus, the first step captures the factors that enable and/or reduce
initial trust formation, such that the net effect of the two would either
increase initial trust or decrease it.

In the second part of the model, initial trust represents the point of
adoption. In this context, it embodies the positive expectations that
initial adopters have about a mobile-based payment that caused them to
use it for the first time. By positing initial trust to represent prior ex-
pectations, we borrow the pre-adoption aspect of ECT (Oliver, 1980,
1993), and this provides us the basis for utilizing the IT continuance
model to hypothesize post-initial adoption behavior. The use of initial

STIMULATORS AND INHIBITORS OF INITIAL
TRUST

Perceived
Information Quality,

Perceived Service
Quality
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trust to represent pre-adoption expectation is based on the fact that both
comprise what non-users believe they will get if they proceeded with
initial adoption.

Moving from pre-adoption to the initial post-adoption stage, we use
initial trust (representing expectation in the original ECT) to serve as a
link between the pre-adoption aspect of ECT and the post-adoption
theory of IT continuance. By positing the association of initial trust
with confirmation, perceived usefulness, and satisfaction, we agree with
Bhattacherjee (2001), who argued that the effect of any pre-adoption
factor is captured in post-adoption variables, namely, confirmation
and perceived usefulness. Furthermore, linking initial trust with
perceived usefulness is also in harmony with the IT continuance model
since it postulates perceived usefulness as post-consumption expecta-
tion. Thus, we posit that initial trust impacts confirmation, consumers’
assessment of perceived usefulness, and satisfaction. These three con-
structs constitute the IT continuance model along with continuation
intention. Based on our review of the literature and subsequent discus-
sions with experts, we substituted satisfaction with dissatisfaction in the
post-adoption model. This was done because we wanted to capture the
adverse impact of issues related to service or other operational issues
regarding continuation intention. The operational description of the
constructs constituting the proposed framework is presented in Table 2.

3.1. Perceived information quality and initial trust

Information quality reflects mobile quality aspects, such as accuracy,
clarity, relevance, newness, sufficiency, and consistency (Ramayah
et al., 2017). From the viewpoint of the initial trust lifecycle, informa-
tion quality helps at the information assimilation stage, leading to initial
trust (Nicolaou and McKnight, 2006). In the online context as well, in-
formation quality is an important factor for trust formation (Yi et al.,
2013). It also significantly affects initial trust in mobile-based shopping
(Yang, 2016). The favorable formation of initial trust is related to higher
information-quality evaluation. In the present context, also, it is likely
that the availability of relevant and sufficient information would act as a
standard for consumers to form views about the trustworthiness of
mobile-based payments. Thus, we believe that information quality will

IT CONTINUANCE MODEL

Perceived

IHs X
: Usclliljm/ HY HII

i H6 H8 HI2 Continuation

Dissatisfaction

Initial Trust

Perceived Asset
Specificity

O First order factor

Perceived
Ability

I:] Second order factor

Intention

! H10

Confirmation

Fig. 1. Proposed research model.
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Table 2
Description of constructs.

Construct Operational description Source

Users trust at first encounter
and, consequently, their
inclination to take risk to some

Initial trust (InT) Yang (2016); Kim and

Prabhakar (2004)

extent.
Antecedents of initial trust
Perceived Mobile quality aspects such as Ramayabh et al. (2017)
information accuracy, clarity, relevance,

quality (PIQ) newness, sufficiency, and
consistency of information.
Personalization, dependability,
and speed of the service.
Special investments in
transaction-specific assets such
as human resource, brand,
location, time, or physical
asset.

Perceived service Gao and Waechter (2017)
quality (PSQ)
Perceived asset

specificity (PAS)

Cozzarin and Dimitrov
(2016)

Perceived Financial and privacy risks, Hérault and Belvaux
uncertainty having the potential to cause (2015)
(PrU) monetary and psychological

losses.

IT continuance model
Confirmation Extent of fulfillment of initial

(CNF) expectations perceived by the
user after initial adoption.
Post-adoption subjective views
of the user that technology
improved the way he/she
completed the transaction.

Churchill and Surprenant
(1982)

Perceived
usefulness (PU)

Bhattacherjee (2001);
Liébana-Cabanillas et al.
(2017)

Dissatisfaction Determinant of discontinued Bhattacherjee (2001);
(DSAT) use of IS; it is dependent on pre- Oliver (1980)
purchase expectations.
Continuation Willingness to continue to use Bhattacherjee and Lin

intention (CI) IT-based products on the basis (2015)
of confirmation of

expectations.

act as a stimulator of initial trust formation, and we propose:

H1. Perceived information quality has a positive association with
initial trust.

3.2. Perceived service quality and initial trust

Service quality represents personalization, dependability, and speed
of the service (Gao and Waechter, 2017). It also represents the match
between what users expect and what they receive (Tam and Oliveira,
2016). Perceived quality of service has been found to build initial trust in
shopping through mobile apps (Yang, 2016). A recent study by Silic and
Ruf (2018) also suggests that it has a substantial effect on initial trust in
mobile-based services. We also anticipate that the belief in the ability of
the mobile-based payment service provider to deliver reliable and timely
service is likely to stimulate the formation of initial trust among
non-users. Since customers may have high expectations related to ser-
vice when using mobile apps, the present study has measured service
quality through the ability to deliver professional and personalized
services. This implies that consumers expect mobile wallets to provide
fast and reliable services and give them a personalized experience at the
same time. Hence:

H2. Perceived service quality has a positive association with initial
trust.

3.3. Perceived uncertainty and initial trust

Perceived uncertainty may be understood as privacy and financial
risks, which can cause losses, both monetary and psychological (Hérault
and Belvaux, 2015). Scholars have argued that, despite various conve-
niences offered by mobile payments, they have low adoption rates due to
various perceived risks (Lin et al., 2014), such as concerns about privacy
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(Bailey et al., 2017) and the fear that a small screen size hampers in-
formation display (Guo and Bouwman, 2016). Prior findings have
revealed that risk and uncertainty cause individual-level inertia and the
persistence of the status quo, which ultimately reduce trust (Eid, 2011).
Extended literature also suggests that risk is negatively related to con-
sumers’ initial trust in different areas, including online
consumer-to-consumer behavior (Wu et al., 2015).

The findings of prior studies lead us to believe that, for mobile-based
payments also, perception of risk, which reduces the safety of trans-
actions, is likely to hamper initial trust formation. The present study has
measured perceived uncertainty in terms of worries and concerns
related to the possibility of access to the account by others, sending
sensitive information digitally, and the chances of transactions
remaining incomplete. The study anticipates that the feeling of uncer-
tainty about the safety of the account and personal information will limit
initial trust formation, thereby dissuading non-users from using the
payment methods and thus posits:

H3. Perceived uncertainty has a negative association with initial trust.
3.4. Perceived asset specificity and initial trust

Asset specificity represents special investments in transaction-
specific assets, such as human resources, brand, location, time, or
physical assets (Cozzarin and Dimitrov, 2016). Prior studies have argued
that for innovations like online shopping and payments, consumers
consider asset specificity a risk (Wang et al., 2012). For mobile-based
payments, asset specificity comes from specific needs, such as a smart-
phone, additional software, and the acquisition of knowledge to use
them (Thakur and Srivastava, 2014), and this need for specific assets
implies physical asset specificity (Cozzarin and Dimitrov, 2016). The
association of asset specificity with the use of m-payment increases
transaction costs, which can be expected to impact initial trust formation
(Gao and Waechter, 2017). Thus, if users need to make more specific
asset investments to use mobile wallets, then their initial trust is likely to
decrease. We anticipate that if a consumer feels that he/she has to
devote time getting to know a mobile-payment system and in building
relationships with service providers, then he/she might feel constricted
and this will reduce initial trust. Perceived asset specificity can also be
understood in terms of the perception of potential users about the ease of
using the system. Thus, if the system is difficult to use, then it is likely to
increase perceived asset specificity and decrease initial trust. The pre-
sent study has captured asset specificity through time taken to learn the
use of app and effort needed to be expended to collect information about
user experience. Both these factors are likely to erode initial trust.
Therefore:

H4. Perceived asset specificity has a negative association with initial
trust.

3.5. Initial trust, perceived usefulness, dissatisfaction, confirmation, and
continuation intention

The first four hypotheses represent step one of our model, which
discusses the antecedents of initial trust in the pre-adoption stage. Here,
initial trust represents the embodiment of pre-adoption expectations (an
ECT construct). We now transition to step two, where initial trust rep-
resents the point of adoption, which is associated with post-adoption
constructs postulated by the IT continuance model. Therefore, initial
trust is here posited as the antecedent of confirmation, satisfaction, and
perceived usefulness, which further influence continuation intention.

In the IT continuance model, perceived usefulness represents post-
adoption users’ belief (Bhattacherjee, 2001) that they will realize ex-
pected utility from the use of a product. It can also be said to represent
users’ subjective views that the technology improves the way they
complete a transaction (Liébana-Cabanillas et al., 2017). Perceived
usefulness is a commonly used variable in studies on mobile-based
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banking adoption (Shaikh and Karjaluoto, 2014) and is an important
factor in mobile-based payment usage (Dahlberg et al., 2015). It has also
been argued that consumers form usefulness perceptions about a new IS
in the early post-adoption stage (Guo et al., 2018).

Since initial trust is influenced by expectations of quality and func-
tional consistency that are likely to improve the user experience (Silic
and Ruf, 2018; Yang, 2016), it can be assumed that high initial trust,
which is a net effect of stimulators and inhibitors, would enhance
perceived usefulness. The positive association between trust and
perceived usefulness has been revealed in different areas, including
online recommendation agents (Benbasat and Wang, 2018). Thus:

H5. [Initial trust has a positive association with perceived usefulness.

Trust is important as it leads to an increase in the adoption of the
product or service through increasing intention to use as well as satis-
faction. For instance, initial trust is an important determinant of the
intention to adopt any m-payment service (Yan and Yang, 2014). Agag
and El-Masry (2016) also argued that trust plays a key role in predicting
purchase intention. Additionally, prior studies have argued that satis-
faction also impacts the usage intention of consumers (Susanto et al.,
2016) as well as the relationship between initial trust and intention
toward m-commerce (Silic and Ruf, 2018).

Researchers have confirmed that overall satisfaction is positively
influenced by initial trust (Liébana-Cabanillas et al., 2013; Silic and Ruf,
2018). ECT (Oliver, 1980, 1993) also hypothesizes that satisfaction is
determined by pre-purchase expectations. Since our study draws upon
the pre-adoption part of ECT and proposes that initial trust is an
embodiment of pre-adoption expectations, we also anticipate that initial
trust will have an association with the post-adoption construct, satis-
faction. Furthermore, based on prior findings, the present study also
anticipates a positive association of initial trust with satisfaction.
However, this study measured dissatisfaction instead of satisfaction.
Dissatisfaction was selected as a construct because it is an important
determinant of discontinued use of IS (Bhattacherjee, 2001) and the
literature provides limited insight into why users discontinue usage in
the initial post-adoption phase. Furthermore, prior research has argued
that the sources of dissatisfaction might be different from those of
satisfaction (Najmul Isalm, 2014). Hence, this study attempts to inves-
tigate whether dissatisfaction is influenced by initial trust and posits a
negative association between the two. Thus:

H6. Initial trust has a negative association with dissatisfaction.

Confirmation captures the extent of fulfillment of initial expectations
perceived by users after initial adoption. If the product exceeds user
expectations, it leads to positive confirmation (Churchill and Surpren-
ant, 1982). The current study defines confirmation as the positive
congruence between expectations of m-payment methods in the
pre-adoption stage and users’ perceptions of the actual performance
after adoption. Since initial trust is an embodiment of a user’s expec-
tation of the quality and ability of service providers, it can be inferred to
represent the pre-purchase expectation in ECT (Oliver, 1980, 1993);
therefore, it can be anticipated to have an association with confirmation,
which, in turn, represents the embodiment of the net positive outcome a
user is likely to have from the initial adoption of mobile payments. This
implies that when users have higher pre-adoption expectations in terms
of the belief that the service provider will protect their interests, will
refund losses after unauthorized transactions, and will provide timely,
safe, and reliable service, their positive confirmation is likely to be high.
Therefore:

H7. Initial trust has a positive association with confirmation.

The IT continuance model (Bhattacherjee, 2001) adapts ECT to the
post-adoption IS context by postulating that the adoption may change
user expectations, such that post-adoption expectations (perceived
usefulness) may be different from pre-adoption expectations (initial
trust). Bhattacherjee (2001) contended that pre-adoption expectations
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captured by confirmation impact post-adoption expectations, captured
by perceived usefulness, which in turn, impacts satisfaction positively.
Thereafter, many studies revealed the positive association of confirma-
tion with both perceived usefulness and satisfaction (Ouyang et al.,
2017).

The current study also expects confirmation to influence perceived
usefulness positively. This implies that positive confirmation in the post-
adoption phase is likely to increase belief about the usefulness of m-
payments. Furthermore, it is also anticipated that high perceived use-
fulness will lead to an increase in the satisfaction of users from mobile-
based payments. Since we are considering dissatisfaction instead of
satisfaction, we anticipate an inverse association between the two con-
structs. Thus:

H8. Confirmation has a positive association with perceived usefulness.

H9. Perceived
dissatisfaction.

usefulness has a negative association with

ECT (Oliver, 1980, 1993) has been one of the most widely used
theories to study satisfaction (Morgan-Thomas and Veloutsou, 2013).
Satisfaction of a mobile service, from the ECT perspective, represents a
psychological state, which is an outcome of the consumer’s evaluation of
perceived deviation of performance from expectation (Chen et al.,
2013). In other words, satisfaction is dependent on the difference be-
tween pre-purchase expected and post-purchase perceived performance
(Marian et al., 2014). Positive confirmation leads to satisfaction (Bhat-
tacherjee and Lin, 2015; Mantymaki and Najmul Isalm, 2014). On the
other hand, negative confirmation can be expected to lead to dissatis-
faction (Najmul Isalm et al., 2017).

This research also anticipates that positive confirmation will increase
belief in the usefulness of these payment methods after initial adoption
and will increase the satisfaction of consumers or, from the perspective
of our study, lower their dissatisfaction. Therefore:

H10. Confirmation has a negative association with dissatisfaction.

Intentions have been examined extensively by prior research on
mobile-based payments (e.g., de Luna et al., 2019; Francisco et al., 2015;
Kalinic et al., 2019; Shao et al., 2019). The IT continuance model
(Bhattacherjee, 2001) has been one of the most widely used theories to
study continuation intention (Guo et al., 2018). It hypothesizes that both
perceived usefulness and satisfaction influence continuation of the
intention to use IS products. Many studies have confirmed these prop-
ositions of the IT continuance model. For instance, Oghuma et al. (2016)
examined and confirmed the underlying relationships of the IT contin-
uance model for mobile instant messaging. Ouyang et al. (2017)
revealed the influence of perceived usefulness and satisfaction on
continuation intention toward massive open online courses (MOOCs).
Other scholars have also confirmed the same associations (e.g., Susanto
et al., 2016).

The present study also anticipates the positive association of
perceived usefulness with continuation intention, as well as the negative
association of dissatisfaction with continuation intention. This implies
that dissatisfaction will attenuate and perceived usefulness would
reinforce the positive aspects of mobile payments, causing users to carry
on using the service. Hence:

H11. Perceived usefulness has a positive association with continuation
intention.

H12. Dissatisfaction has a negative association with continuation
intention.

3.6. Data and methods

Existing validated measures were adapted to develop the items
included in our questionnaire by keeping in mind the definitions of the
constructs proposed to be tested. The initial instrument was further
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refined by input from experts from the field of mobile payments. As a
final check, three researchers independently reviewed the items to
ensure that there was no ambiguity in any item constituting the ques-
tionnaire. It was also pilot-tested with 20 existing mobile-based wallet
users and 20 non-users. Minor changes were made in each part to
develop the final instrument used for data collection.

The questionnaire was administered to students at two universities in
North India. The target group comprised students adept at using
smartphones, who were aged 18 to 28 years and were pursuing grad-
uate, post-graduate, or doctoral programs. Although we selected the
respondents on the basis of convenience sampling, to ensure effective
sampling, we followed the criteria recommended by Akrout and Nagy
(2018). First, the study participants should have been non-users of
mobile wallets at that point in time; second, the participants should have
expressed their willingness to download the app and use the mobile
wallet at least once. Although using a student sample has limitations, the
choice of 18-to-28-year-old students as a target segment was motivated
by the fact that this age group has been recognized by prior research as
early adopters of technology (e.g., Marcum et al., 2016) and is generally
considered to have the aptitude to handle relatively novel technologies
(e.g., Runnemark et al., 2015).

The final pen-and-pencil survey, comprising two parts, was admin-
istered to non-users of mobile wallets. Participant consent was obtained
along with confirmation that they would complete part one of the survey
before using the wallet for the first time and part two of the survey after
using the app. We received 963 responses of which 9 were discarded as
they were incomplete. Demographic details (age, gender, and educa-
tional qualification) are presented in Table 3. Of the 954 complete re-
sponses, 478 respondents did not have a credit card and 146 did not
have a debit card. This confirms that the respondents were already un-
dertaking financial transactions through other means and were thus fit
to participate in a study on payment methods. Our approach to data
collection—i.e., first collecting data from non-users and then exposing
them to the payment app—is consistent with one of the early studies in
the area of mobile banking and initial trust (Zhou, 2011a). The collected
data were analyzed using structural equation modeling.

4. Results
4.1. Initial trust

We measured initial trust in terms of perceived integrity, benevo-
lence, and ability (Gefen et al., 2003). Since perceived integrity,
benevolence, and ability were measured through multiple items, we
measured them as first-order constructs. Consequently, initial trust was
measured as a second-order construct. Notably, in prior studies, initial
trust has been measured as both a first-order (e.g., Wu et al., 2015; Yang,
2016) and a second-order construct (e.g., Gao and Waechter, 2017; Lu
et al., 2011).

4.2. Common method bias (CMB)
To counter the threat of potential CMB, to begin with, we ensured

that the questions in the survey were clear and concise. We subsequently
applied the single factor test proposed by Harman (1976) and found that

Table 3
Demographic profile of the survey respondents.
Variables Category Frequency  Percentage
Age 18-28 years Mean age of 21.61 years [SD = 2.31
years]
Gender Female 639 67
Male 310 325
Educational background = Undergraduate = 634 66.5
Graduate 232 24.3
Doctoral level 29 3
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no variances in the CFA model exceeded the cutoff. Next, to be on the
safe side we also applied the marker-variable technique (Zeugner-Roth
and Zabkar, 2015), which again confirmed that the study was free from
CMB-related issues.

4.3. Validity and reliability

A pilot survey was employed to confirm face validity, and expert
opinion was used to confirm content validity. The average variance
extracted (AVE) value of more than 0.50 for all constructs and the
composite reliability (CR) value of more than 0.70 confirmed construct
reliability and convergent validity (Mackenzie et al., 2011) (Table 4).
Furthermore, all inter-construct correlations were less than 85%
(Sgrensen and Slater, 2010) and the square root of each construct’s AVE
was greater than the inter-construct correlations, thereby confirming
discriminant validity, as displayed in Table 4.

Item level validity was examined using factor loadings, keeping in
mind the traditional cutoff of 0.4 (Hair et al., 2010). None of the load-
ings were below 0.65, as displayed in Table 5.

Next, model fit was evaluated for both the measurement and the
structural models. It can be observed in Table 6 that most actual values
demonstrated a good fit (Gefen et al., 2018), indicating an acceptable
degree of confidence in the reliability of measures. Thus, the measures
used in the study are adequate and fit to be used for testing hypotheses,
the last step of the analysis.

4.4. Structural model

The output of the analyses is exhibited in Fig. 2 and Table 7. The
hypothesized stimulators, perceived information (f = 0.42, p < 0.001),
and service quality (8 = 0.33, p < 0.001) were found to have a positive
association with initial trust, whereas both the inhibitors, perceived
uncertainty (f = 0.04, p > 0.05) and perceived asset specificity (§ =
0.15, p < 0.001) did not share the hypothesized association with initial
trust. In contrast, a positive association was found between initial trust
and perceived asset specificity.

The hypothesized association of initial trust with perceived useful-
ness (f = 0.45, p < 0.001) and confirmation (8 = 0.60, p < 0.001) was
also confirmed, but no relationship with dissatisfaction (4 = 0.05, p >
0.05) was revealed. Similarly, the hypothesized association of confir-
mation with only perceived usefulness (f = 0.29, p < 0.001) was sup-
ported, but not with dissatisfaction (f = 0.15, p < 0.01). Additionally,
the hypothesized association of perceived usefulness with continuation
intention (f = 0.43, p < 0.001) was supported but not with dissatis-
faction (f = —0.08, p > 0.05). Lastly, dissatisfaction had no relationship
with continuation intention (# = 0.04, p > 0.05).

The percentage variance explained in the initial trust was 54.5%. For
confirmation, perceived usefulness, dissatisfaction, and continuation
intention, the respective percentage variance explained was 36.1%,
43.2%, 4.0%, and 18.7%. Although the values are low from a general
perspective, except for dissatisfaction, these values are quite good, given
that this study is a consumer-behavior study (Hair et al., 2011). The
possible causes of the low R2 value for dissatisfaction are discussed later.

5. Discussion and implications
5.1. Discussion of structural path analysis output

The results of the study support H1 and H2, representing stimulators
of initial trust in the pre-adoption phase. This is in accordance with prior
investigations in various online contexts (e.g., Ramayah et al., 2017;
Silic and Ruf, 2018; Yang, 2016), as also argued and anticipated by us.
The magnitude of the impact of information quality on initial trust is the
largest among all stimulators and inhibitors. This is a new finding in the
context of mobile-based wallets. However, H3 and H4, representing the
inhibitors of initial trust, were not supported, in contradiction to our
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Table 4
Validity and reliability analysis.
CR AVE MSV ASV InT PSQ PIQ PruU PAS CI DSAT PU CNF
InT 0.79 0.55 0.40 0.22 0.74
PSQ 0.75 0.60 0.49 0.18 0.61 0.77
PIQ 0.73 0.57 0.49 0.20 0.63 0.70 0.76
PrU 0.80 0.57 0.33 0.11 0.30 0.23 0.20 0.76
PAS 0.80 0.67 0.37 0.12 0.30 0.17 0.18 0.57 0.82
CI 0.80 0.58 0.22 0.12 0.44 0.44 0.47 0.15 0.13 0.76
DSAT 0.83 0.63 0.37 0.10 0.18 0.11 0.11 0.54 0.61 0.06 0.79
PU 0.76 0.52 0.29 0.13 0.54 0.39 0.42 0.08 0.11 0.36 0.06 0.72
CNF 0.70 0.54 0.30 0.16 0.55 0.43 0.45 0.21 0.28 0.38 0.24 0.51 0.74

Note: Composite reliability = CR, Average variance extracted = AVE, Maximum shared variance = MSV, Average shared variance = ASV.

arguments based on the prior literature (Thakur and Srivastava, 2014;
Wu et al., 2015). A possible reason behind this lack of concern for pri-
vacy and security, as proposed by H3, could be that, with time and
multiple m-payment options, technology has improved, leading pro-
spective users to have confidence that service providers have sufficient
privacy protection and encryption measures in place. Service providers
can be anticipated to be careful in protecting privacy and security
because any breach can damage their reputation irreversibly. The lack of
support for H4 is probably because smartphone use has diffused, and
users do not find downloading, installing, and using an app that much of
a challenge. A completely unexpected, statistically significant positive
association was found between asset specificity and initial trust, which
needs to be researched more.

H5 and H7, proposing a relationship of initial trust with perceived
usefulness and confirmation, respectively, were confirmed—as antici-
pated based on the extant literature (e.g., Benbasat and Wang, 2018; Lin
et al., 2014). This result implies that, in the case of mobile wallets,
post-purchase positive experience is also related to the expectations
formed during the pre-purchase stage. Furthermore, H8 and H11, hy-
pothesizing the positive relationship of confirmation with perceived
usefulness and that of perceived usefulness with continuation intention
were also supported, as posited by the IT continuance model (Bhatta-
cherjee, 2001) and confirmed by past researchers (e.g., Guo et al., 2018;
Ouyang et al., 2017).

In comparison, all associations related to dissatisfaction, H6, H9,
H10, and H12, hypothesizing the association of dissatisfaction with
initial trust, perceived usefulness, confirmation, and continuation
intention, respectively, were not supported. Since there is no a priori, we
proposed these hypotheses by treating dissatisfaction as the opposite of
satisfaction, which has been found by prior studies to have a positive
association with other IT continuance model constructs (e.g., Morgan--
Thomas and Veloutsou, 2013; Silic and Ruf, 2018). Our results seem to
confirm the contention of Najmul Isalm (2014) that dissatisfaction de-
pends on factors different from those leading to satisfaction. This has
been discussed in detail while delineating the theoretical implications of
the study.

5.2. Theory-related inferences

The study draws five theory-related inferences: to begin, our study
extends the work of Gao and Waechter (2017), our conversant article, in
two ways, first by applying it in the specific context of mobile wallets
and second by investigating pre- and post-adoption factors together in
the same model. This opens up new areas of investigation concerning
mobile-based payments in general. Second, our study adds a new
dimension to our another conversant article, Bhattacherjee (2001), by
replacing satisfaction with dissatisfaction in the IT continuance model
and revealing the fact that dissatisfaction does not act as an antonym of
satisfaction, that is, its inverse relationship with the other constructs is
not statistically significant. This finding creates newer areas of investi-
gation for future researchers.

Third, our study brings together three seminal theories to explain the

entire spectrum of consumer behavior toward technological innovation,
spanning the pre-adoption to the post-adoption phase. In the past, most
studies applied mainly theories like innovation resistance theory
(Laukkanen, 2015), IT adoption theories such as TAM (Davis, 1989), and
UTAUT (Venkatesh et al., 2003) to study consumer behavior toward
mobile payments. The ISS model, TCE, initial trust, and the IT contin-
uance model had not previously been used together to assess user
adoption and continued use of mobile-based payment methods like
wallets.

Fourth, the findings of the study suggest that perceived asset speci-
ficity, representing specific needs such as smartphones, additional
software, and the acquisition of knowledge to use them (Thakur and
Srivastava, 2014) had an unexpected positive association with initial
trust. This needs to be investigated further in terms of the influence of
moderators to capture individual differences among users. One possible
explanation might be the hedonic value, which represents pleasure,
recreation, and high-arousal stimuli that any consumption gives (Babin
et al., 1994). For instance, consumers might buy new models of gadgets
like a camera or new styles of garments to derive hedonic value (Yim
et al., 2014). For the present purpose, it can be said that the thrill con-
sumers derive from learning to use a mobile-payment app, and using it
thereafter, gives them a hedonic value that causes asset specificity to
have a positive effect on initial trust, instead of eroding it.

Last, the IT continuation model posits user satisfaction as an overall
evaluation of any IS. Satisfaction has been posited as a prerequisite for
understanding consumers’ repurchase decisions by ECT also (Oliver,
1980, 1993). However, our findings reveal a diminished role of satis-
faction, when tested through proposing an inverse association of the
related constructs with satisfaction’s opposite, dissatisfaction. Although
the current research is the first to examine such an association for
mobile-based wallets, this finding raises a question about the emphasis
of satisfaction in the context of a utility-driven IS product like the mobile
wallet. Consumers likely seek functionality, and confirmation is enough
for them to continue using the mobile wallet. This theoretical insight
needs to be tested further through analysis of data drawn from multiple
samples, as well as different survey approaches (cross-sectional and
longitudinal). However, these findings could also be viewed in a
different light. They could be interpreted to raise an important question
regarding the treatment of dissatisfaction as an antonym of satisfaction.
The issue has been discussed in detail by Najmul Isalm (2014), who
argued that there was a difference between the factors leading to
satisfaction and dissatisfaction among users of a learning management
system. The low-explained variance of dissatisfaction in our study sup-
ports the argument of Najmul Isalm (2014) that satisfaction is derived
from different factors compared to dissatisfaction. Future researchers
could study such differences for app-based payments and add a new
dimension to satisfaction research in the IS context, which has been
primarily skewed toward satisfaction.

5.3. Practice-related inferences

Our study offers five suggestions for practice: first, the study finding
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Table 5
Factor loadings of all items.
Study Measures Measurement items CFA SEM
PSQ PSQ1. Mobile wallets provide .66 .66
(Gao & Waechter, 2017) professional services
PSQ2. Mobile wallets provide .87 .87
personalized services
PIQ PIQ1. Mobile wallets provide me .81 .81
(Gao & Waechter, 2017) with information relevant to my
needs
PIQ2. Mobile wallets provide me .70 .70
with sufficient information
PrU PrUl. I am worried about using .76 .76

(Gao & Waechter, 2017) mobile wallets because other people

may be able to access my account

PrU2. I would not feel secure sending .79 .79
sensitive information via a mobile

wallet

PrU3. I feel using mobile wallets still 72 72
has the risk of an incomplete

transaction
PAS PASI. Learning how to use mobile .83 .83
(Gao & Waechter, 2017) wallets takes time
PAS2. It takes time and effort to .80 .80
gather mobile-wallet use experience
InT PBI. I believe that mobile wallets .68 .67

(Gao & Waechter, 2017) would repay my money if taken from

my account through unauthorized

transactions

PB2. I believe that mobile wallets .69 .69
have my best interests in mind

PI1. I believe mobile wallets have .68 .68
consistent online practices and

policies

PI2. Mobile wallets always provide .80 .80
reliable financial services

PI3. Mobile wallets always provide .68 .68
safe financial services

PAL. I believe that mobile wallets .75 .75

provide an excellent mobile-

payment service

PA2. I believe that mobile wallets .73 .73
process my transactions accurately

and on time

CNF CNF1. The expectations that I had .73 .73
(Bhattacherjee, 2001) about mobile wallets were correct
CNF2. Overall, most of my .75 .75

expectations from using mobile
wallets were confirmed

PU PU1. Mobile wallets allow me to save .65 .65
(Bhattacherjee, 2001; time during my shopping
Limayem et al.,2007) PU2. Mobile wallets make my .84 .80
shopping less time consuming
PU3. Mobile wallets are a convenient .66 .67
way to do shopping
DSAT DSAT1. I am dissatisfied with .76 .76
(Bhattacherjee, 2001); mobile-wallet service
Lin & Bhattacherjee, DSAT2. In my opinion, mobile .83 .83
2008) wallets provide unsatisfactory
service
DSAT3. I am dissatisfied with the .78 .78
quality of mobile-wallet service
CI CI1. I intend to reuse mobile wallets .65 .65
(Bhattacherjee, 2001; CI2. I will always try to use mobile .92 .93
Limayem et al.,2007) wallets
CI3. I plan to use the mobile wallets .67 .67
frequently

Note: PB = Perceived Benevolence, PI = Perceived Integrity, PA = Perceived
Ability; Initial Trust = PB + PI + PA

that initial trust has a positive association with confirmation and
perceived usefulness is of use to managers. It indicates a need to
establish the trust of users even before the trial of the product takes
place. Thus, service providers should ensure that not only the percep-
tions related to technological soundness are taken care of but also that
there is effective communication about their reliability and integrity
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(Lee and Choi, 2011). Since prior findings have also confirmed that only
stimulators are key antecedents of initial trust, service providers should
focus on these issues. The reinforcement of positive aspects through
advertisement and existing customer reviews, as well as providing in-
surance cover to ensure protection in case of service issues could help
the service providers gain the initial trust of potential users, as suggested
by Stouthuysen et al. (2018) for e-commerce.

Second, since information quality is the chief driver in the formation
of initial trust in m-payments, providers of these services should place
extra emphasis on keeping their apps updated and providing relevant
information accurately and quickly. Research has also shown that users
of mobile-payment services need to obtain and process high-quality
information (Zhou, 2014), and by serving this need for up-to-date in-
formation, mobile-based payment service providers can undoubtedly
impact the continuation intention. This is critical because any instance
of lapse in information quality is likely to impair the trust of users (Slade
et al., 2015). Service providers should, therefore, divert sufficient re-
sources toward maintaining and improving information quality.

Third, the magnitude of the association of service quality with initial
trust was also found to be notable, though not as high as that of infor-
mation quality. This implies that prospective users would expect m-
payment service providers to render fast and reliable service, along with
a personalized experience, to form an initial trust in them. Since the
quality of service is critical in the case of services that are mobile-based
(Silic and Ruf, 2018), service providers should focus on the following
aspects: first, promptly addressing queries raised by users (Yang, 2016);
second, generating a customized transaction completion message; and
third, investing in technology to reduce transaction-processing time.

Fourth, we suggest m-payment service providers take the initiative
and request credit-rating agencies to institute a rating for mobile-based
payments. Such a rating could be calculated on the basis of information
quality, service quality, convenience, speed, user reviews, merchant tie-
ups, and so on. Such ratings would make prospective users feel safe to
adopt m-payments on the one hand and, on the other, motivate service
providers to focus more on the aspects that can potentially increase the
diffusion of m-payments.

Lastly, our study has revealed that both uncertainty and asset spec-
ificity have no negative influence on initial-trust formation for mobile-
wallet users, a finding that provides insight for service providers
retailing mobile payment methods by confirming that technology-
related anxieties do not hamper consumers’ initial-trust formation.
This input is vital in the development of promotional messages and
advertisements by indicating that these anxieties need not be empha-
sized. Instead, the tenor of promotions should be more focused on
informational and service-quality aspects.

6. Conclusions

Mobile payments, mainly mobile wallets, are being offered by many
service providers competing for a larger market share. Thus, under-
standing consumer behavior, both in pre- and post-adoption phase, to-
ward these services is essential for them. What would induce users to use
the mobile-wallet services of a provider for the first time, and what
would motivate them to continue using the services, is also of interest to
the research community. While behavioral aspects of mobile payments
have been researched to an appreciable extent, there are some unad-
dressed gaps. This study is one of the limited empirical studies to
examine the entire spectrum of consumer behavior from pre-adoption
concerns to continuation intention. The study employed a two-step
model for this purpose. In the first step, the model explained the stim-
ulators and inhibitors of initial trust by utilizing the ISS model and TCE
theory, respectively, and thereafter, the model examined the impact of
initial trust on confirmation, satisfaction, and continuation intention
using IT continuance model.

The proposed model is intended to extend existing theories in the
context of digitally driven products like mobile-based payments. The
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Table 6
The goodness of fit indices.
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Model Fit Indices

Model CMIN/DF GFI NFI TLI CFI AGFI RMSEA
Recommended values <3 >0.90 >0.90 >0.90 >0.90 >0.90 <0.08
Measurement model 2.70 0.95 0.92 0.94 0.95 0.93 0.04
Structural model 3.05 0.94 0.91 0.92 0.93 0.92 0.05

Note. Chi-square ratio degrees of freedom (CMIN/DF), Comparative Fit Index (CFI), Tucker-Lewis Index (TLI) Goodness of Fit Index(GFI), Adjusted Goodness of Fit
Index (AGFI), Normed Fit Index (NFI), Root mean square error of approximation (RMSEA).
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Fig. 2. Result of hypotheses testing.

Table 7

Result of hypothesis testing.
Hypothesis Path B Significance Support
H1 PIQ — InT 0.42 <0.001 Yes
H2 PSQ — InT 0.33 <0.001 Yes
H3 PrU — InT 0.04 >0.05 No
H4 PAS — InT 0.15 <0.001 No
H5 InT - PU 0.45 <0.001 Yes
H6 InT — DSAT 0.05 >0.05 No
H7 InT — CNF 0.60 <0.001 Yes
H8 CNF - PU 0.29 <0.001 Yes
H9 PU — DSAT —0.08 >0.05 No
H10 CNF — DSAT 0.15 <0.01 No
H11 PU - CI 0.43 <0.001 Yes
H12 DSAT - CI 0.04 >0.05 No

objective of the extension is, first, to propose contextually relevant an-
tecedents and consequences of initial trust through an overarching re-
view of the literature, and second, to amalgamate relevant theories to
propose a model that explains both initial use and subsequent intention
to continue usage. Such adaptation is in accordance with prior attempts
to amalgamate or extend theories to explain adoption behavior in the
context of technological innovations. For example, technology accep-
tance theory (TAM) (Davis, 1989) was extended to propose extended
technology acceptance theory TAM2 (Venkatesh and Davis, 2000) by
including social factors to explain intention to adopt. Similarly, UTAUT
is a theory developed by amalgamating eight different acceptance
models (Venkatesh et al., 2003).

Our findings confirm a significant positive association of proposed
stimulators with initial trust, with information quality being the chief
driver. Additionally, the results also revealed a positive association of
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initial trust with perceived usefulness and confirmation, where
perceived wusefulness further predicted continuation intention
significantly.

6.1. Limitations and future work

While this study provides various interesting propositions and in-
ferences, it has three main limitations: first, the research design was
based on self-reported data, which is prone to methodological issues;
second, the data were collected from only one country, though the
findings could have been more robust had the data been obtained from
multiple geographies; and third, the study is based on data collected
from young-adult students between 18 and 28 years of age, so the
findings may not be generalizable to other potential users of mobile-
based payments. These limitations notwithstanding, the study has
made a meaningful start by combining key IS theories to explain con-
sumer satisfaction and the continuation intention of mobile-wallet use.
Future studies can build on our findings to enhance the related literature
further.

We recommend future researchers address these three limitations in
their investigations, for example, researchers could utilize other types of
research designs such as longitudinal, experimental, and log-data-based
examinations. In addition to this, our study findings could be replicated
by collecting data from different geographies to test the wider applica-
bility of the results. This is important because differences among coun-
tries in terms of usage of mobile-based payments and maturity of the
market exist (Guo and Bouwman, 2016). A study of such differences
could be insightful and stimulating (Dennehy and Sammon, 2015). To
address the limitation of generalizability, future researchers could un-
dertake comparative studies by collecting data from different age groups
and drawing inferences from the data analysis results. Other possibilities
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for future work could be: (a) scholars could investigate the moderating
effect of demographic variables, such as age and gender, on the associ-
ation of stimulators and inhibitors with initial trust. Prior literature has
confirmed that demographic variables significantly predict mobile- and
internet-banking adoption decisions (Laukkanen, 2016); (b) future
studies could try to capture the impact of cultural differences on initial
trust in m-payments. In the past, intention and adoption of technology
have been revealed to be impacted by cultural dimensions (e.g., Lauk-
kanen, 2015).
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