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Abstract 

Purpose – This article aims to determine how to influence the customer journey of 
mobile food ordering applications (MFQA) users. It researches how available 
information could influence customers’ intention to use MFOAs platforms in the pre-
purchase stage and explores the potential of personalized information to improve 
customer satisfaction with these services in the post-purchase stage.

Design/methodology/approach – This research followed a mixed design, combining 
qualitative (focus groups) and quantitative (online survey) research and using both 
content analysis and PLS-SEM.

Findings – Two types of available information (firm-generated information and online 
customer reviews) had a positive influence on the behavioral intention to use MFOAs. 
Additionally, findings showed that different web personalization strategies, namely 
content personalization, functional personalization, and system-driven personalization, 
were useful tools to create customer satisfaction with this type of platform.

Research limitations/implications – The article discusses limitations regarding the 
sample and sampling process, indicator variables, and measures.

Practical implications – The present research provides actionable insights for online 
food delivery providers.

Originality/value – This article addresses a research gap in the literature and provides a 
novel and richer understanding of customer behavior toward mobile food delivery 
platforms. Also, it adds to the personalization research by identifying and testing a 
range of Web personalization strategies.

Keywords – Customer journey, Mobile food ordering applications, Web 
personalization; User-generated information; Firm-generated information; Customer 
satisfaction 

Paper type: Research paper
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Introduction 
The online shopping experience is a major topic in marketing research due to the rapid 

development of information technology and the growing importance of the Internet 

(Pigatto et al., 2017; Suhartanto et al., 2019; Xu & Huang, 2019). The prevalence of 

mobile devices and the development of mobile commerce made online-to-offline 

businesses quite popular by linking suppliers and users through mobile applications 

(Kapoor & Vij, 2018; Lee et al., 2019; Ramos et al., 2019; Rita et al., 2018; Xu & 

Huang, 2019). In this context, the online food delivery market has been reshaped 

allowing consumers to dine at home with the same food they would enjoy at a restaurant 

(Hirschberg et al., 2016). 

The online food delivery market includes two different delivery methods: 

restaurant-to-consumer delivery, which involves the preparation and direct delivery of 

meals by the restaurant, and platform-to-consumer delivery, which is characterized by 

the assignment of online meal order and delivery to an online meal-delivery platform 

(Blumtritt, 2018; Yeo et al., 2017). The focus of this study is on platform-to-consumer 

delivery. These platforms usually consist of Mobile Food Ordering Applications 

(MFOAs). According to a study conducted by Deloitte (2019) in four European 

countries, 59% of adults ordered food from an MFOA at least once a month; further, 

adults aged between 18 and 39 years old showed a usage rate of these applications 

above 71% in the last seven days. The growing popularity of these platforms is justified 

by the convenience they provide since that through a single platform customers can 

access the menus of a wide range of restaurants and compare the different options 

available, place their orders, pay, and track orders as they are being prepared and 

delivered (Deloitte, 2019). Regarding these platforms, the leading players in Europe are 

Just Eat, Takeaway.com, Delivery Hero, Deliveroo, Glovo, Wolt, and Uber Eats (Sifted, 

2020). 

Only a narrow set of studies have approached MFOAs (Cho et al., 2019; Kapoor 

& Vij, 2018; Lee et al., 2017; Lee et al., 2019; Ray et al., 2019; Xu & Huang, 2019; 

Yeo et al., 2017). Prior research merely emphasized the pre-purchase and purchase 

stages of the customer journey by focusing on testing the factors that contribute to the 

customer’s intention to use and actual use of online meal delivery services; thus, some 

authors highlighted the need for additional research on consumer behavior and 
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consumption habits regarding these services, especially concerning the pre-purchase and 

post-purchase stages (Kapoor & Vij, 2018). Additionally, most of the extant studies 

were conducted in Asian countries, though, more recent studies were carried out in 

other countries (Al Amin et al., 2021; Belarmino et al., 2021; Dirsehan & Cankat, 2021; 

Hussein & Mansour, 2020).

This study contributes to filling this gap regarding the customer journey in the 

mobile meal ordering industry, particularly in the platform-to-customer delivery 

segment, by contributing to three research fields. First, this article contributes to the 

online food delivery services literature by unveiling how to influence the customer’s 

intention, usage, and satisfaction with an MFOA. Instead of identifying the factors that 

lead customers to use online meal delivery services as performed by previous authors, 

this research adds to the current knowledge on how customers are influenced by the 

available information online – i.e., user-generated information (online customer reviews 

and online customer ratings) and firm-generated information - when choosing an 

MFOA in the pre-purchase stage of the customer journey. Likewise, it seeks to 

understand how personalized information can generate customer satisfaction with those 

applications in the post-purchase stage of the customer journey. Farther, the current 

study also adds to the personalization research by identifying and testing simultaneously 

a range of web personalization strategies - content, interface, functional and social - and 

approaches – user-driven and system- as antecedents of customer satisfaction. In this 

view, by contributing to the understanding of MFOAs and the restaurant sector, this 

research adds to the existing knowledge in services by a better understanding of the 

customer journey of a particular type of customer.

Several authors manifested that new dimensions of web personalization are of 

great interest and some of the existing dimensions, namely presentation and relational 

personalization, need to be more explored (Haiyan & Poole, 2009; Kumar & Desai, 

2016). Finally, the proposition of two forms of information – available and personalized 

– as key influencers of customers’ behaviors in the pre-purchase and post-purchase 

stages of the customer journey, respectively, meets the priority research of the 

Marketing Research Institute (MSI) to describe the customer journey along the purchase 

funnel and to develop strategies to influence that journey (Marketing Science Institute, 

2018), contributing to the customer journey literature.
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The article is organized as follows. Firstly, relevant literature is reviewed to 

establish key relationships and support the research model. Sections 3 and 4 address the 

methodology and the empirical results, respectively. Finally, section 5 presents the main 

conclusions, limitations, and recommendations for future research.
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Literature review and conceptual model

The customer journey in online meal delivery services

Customers move towards a purchase through a set of four stages: awareness, 

consideration, purchase intent, and customer satisfaction (Colicev et al., 2019). This 

customer journey was simplified by Lemon & Verhoef (2016) into three stages: pre-

purchase, purchase, and post-purchase. The present study adopts Lemon and Verhoef’s 

conceptualization of the customer journey; accordingly, the pre-purchase stage consists 

of the user’s experience before installing the MFOA, the purchase stage includes the 

installation and usage of the application, and the post-purchase stage encompasses the 

user’s satisfaction the application.

Online food delivery services can be defined as internet-based services that 

provide customers the ordering and delivery of food to the desired location (Ray et al., 

2019), but are not responsible for the meal preparation (Ray et al., 2019). In the 

platform-to-consumer delivery segment, online food delivery services work mainly 

through mobile food ordering applications (MFOAs). These mobile applications 

provide an innovative and convenient channel to search for restaurants among several 

alternatives, place meal orders from the available menu, and make payments without 

any direct interaction with the restaurant (Alalwan, 2019).

The growing importance of MFOAs in the restaurant market emphasizes the 

need of investigating customers’ behavior in this market segment.  Hitherto, with some 

exceptions (e.g., Al Amin et al., 2021; Belarmino et al., 2021; Dirsehan & Cankat, 

2021) most literature was conducted on Asian countries and it was devoted to 

comprehending the factors that induce customers to explore and use MFOAs in the pre-

purchase and purchase stages of the customer journey. Lee et. al (2017) found that 

perceived usefulness and perceived ease of use affected the attitude toward the use of 

MFOAs in Korea. In China, Cho et al. (2019) discovered that convenience, design, 

trustworthiness, and various choice foods of food delivery applications have a positive 

impact on user’s perceived value, whereas Yeo et al. (2017) identified convenience 

motivation and post-usage usefulness as drivers of the attitude towards online food 

delivery services. Xu & Huang (2019) analyzed how restaurant-generated information 

cues in online-to-offline mobile applications influenced diners’ expectations and 

suggested, for future research, the inspection of those cues on other outcomes such as 
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purchase intention. Research in Indonesia identified food quality and e-service quality 

to have a positive impact on customers’ perceived value (Suhartanto et al., 2019). 

Finally, in India, Kapoor & Vij (2018) stated that four key attributes of MFOAs – visual 

design, navigational design, information design, and collaboration design – have a 

positive effect on placing an order. The post-purchase stage of the customer journey 

remains unexplored and a lack of insights regarding strategies to influence customer 

behavior in the application funnel of MFOAs was identified.

More recently, responding to the growing interest of society in the COVID-19 

pandemic, researchers have studied the use of MFOAs in the context of the pandemic. 

For instance, during the pandemic period, Dirsehan and Cankat (2021) showed that 

MFOAs satisfaction plays a critical role in developing restaurants' brand satisfaction 

and loyalty, while Belarmino et al. (2021) compared the satisfaction of customers with 

online meal delivery platforms such as MFOAs before and during the quarantine. In 

both periods, food quality was a significant factor in customer satisfaction with online 

meal delivery platforms. They also found that some other variables such as price 

became less important during the quarantine while service speed significantly impacted 

satisfaction only during the quarantine.

Firm-generated information and user-generated information

The search for both internal and external information is an important step in the 

customer’s decision-making process (Park & Stoel, 2005). It is particularly relevant in 

the context of online services where the purchase risk is perceived as higher, leading 

customers to do research to deal with uncertainties regarding the potential favorable or 

unfavorable outcomes (Park & Stoel, 2005). Based on prior research, two types of 

information that influence consumer purchase intention have been distinguished: firm-

generated information and user-generated information (Lee et al., 2017; Yoon et al., 

1993).  

Firm-generated information consists of any information that is available by the 

firm on its platforms (Daiya & Roy, 2016). Available research has mostly focused on 

firm-generated communication, such as ads (Pehlivan et al., 2011) and social media 

content (Colicev et al., 2019; Daiya & Roy, 2016; Hu et al., 2019). This study 

understands firm-generated information as the general information provided by MFOAs 

to their customers in mobile applications stores. Previous research highlighted the 
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importance of firm-generated information for the customer’s purchase process by 

determining that the information about a product or service should be displayed to the 

customer because it reduces enhances customers’ intention to buy by lowering 

customers’ risk perceptions (Boshoff, 2003; J. Park & Stoel, 2005). Accordingly, this 

study proposes that:

H1: Firm-generated information positively influences customers’ behavioral intention 

to use an MFOA.

User-generated information, also designed as word-of-mouth (WOM), has been 

proven to have a significant impact on customer purchase decisions (Arndt, 1967), 

being more influential than traditional means of marketing given its higher credibility 

(Viglia et al., 2016), especially in the context of the service (Hogan et al., 2004). With 

the advent of the Internet, electronic word-of-mouth (e-WOM) emerged, consisting of 

“any positive or negative statement made by potential, actual, or former customers 

about a product or company, which is made available to a multitude of people and 

institutions via Internet”(Hennig-Thurau et al., 2004). Online customer reviews and 

online customer ratings are two forms of e-WOM that have been studied in the last 

years (Alalwan, 2019; Chevalier & Mayzlin, 2006; Filieri, 2015; Zhang et al., 2019) 

since they constitute a powerful source of information for potential and actual customers 

and are positively related with instant and long-term business performance (Wang et al., 

2018). The present study focuses on the impact of online customer reviews and online 

customer ratings on the pre-purchase stage of the customer journey of MFOAs.

Online customer reviews consist of positive, neutral, or negative peer-generated 

product evaluations created by potential, former or actual customers and displayed on 

the firm or third-party websites (Filieri, 2015; Mudambi & Schuff, 2010). Such online 

reviews are often checked by potential customers because they provide a hint of the 

purchase and usage experience of other users (Thakur, 2018), helping them in the 

process of purchasing products or evaluating alternatives (Alalwan, 2019). Some 

researchers highlighted its positive effect on sales (e.g., Chen & Xie (2008) and Zhu & 

Zhang (2010)) and its influence on customers’ attitudes and purchase decisions (Tata et 

al., 2019). Online ratings allow customers to numerically rate their shopping experience 
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according to a scale that typically ranges from one to five stars (Zhang et al., 2019). The 

numerical rating has been used as a proxy for e-WOM, since it allows customers to 

make direct comparisons between products or services based on the ratings of other 

customers (Zhang et al., 2010), including its strengths and weaknesses (Filieri, 2015). 

Previous studies showed that online ratings positively influence consumer purchase 

decisions (Alalwan, 2019) and product sales (Chevalier & Mayzlin, 2006; Moe et al., 

2011). However, the relative importance of these two types of e-WOM is still 

inconclusive (Chevalier & Mayzlin, 2006; Hong & Park, 2012; Viglia et al., 2016).

From the fulfilled literature review, it is propounded that:

H2: User-generated information influences customers’ behavioral intention to use an 

MFOA, such that:

H2a: Online customer reviews have a positive effect on customers’ behavioral 

intention to use an MFOA.

H2b: Online customer ratings have a positive effect on customers’ behavioral 

intention to use an MFOA. 

Intention to use, usage, and satisfaction

The Technology Acceptance Model (TAM) is basilar in comprehending the predictors 

of human behavior toward potential acceptance or rejection of technology (Diop et al., 

2019); thus, the intention is appropriate to test consumers’ behavior (Chao et al., 2011) 

and it consists on the individual’s perceived probability of using a system (Diop et al., 

2019). In the consumer’s willingness and perspective to use online services whereas 

actual use consists of the frequency of using those services during a given period of 

time (Sujatha & Sekkizhar, 2019). Thus, we define behavioral intention as the 

consumer’s willingness and perspective to use MFOAs and actual use as the frequency 

a customer uses MFOAs during a given period of time.

The extant literature shows that intention influences the actual behavior of a 

customer to perform a purchase (He et al., 2008; Laohapensang, 2009) and, in the online 

context, Sujatha & Sekkizhar (2019) proved that there is a direct effect of the behavioral 

intention of individuals toward m-services on the actual use of m-commerce. Therefore, 

it is proposed:
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H3: Behavioral intention to use MFOAs has a positive effect on the actual use of 

MFOAs.

A possible outcome of service usage is customer satisfaction.  Customer 

satisfaction can be briefly described as the assessment of the overall consumption 

experience (Tran et al., 2019). It also constitutes an indicator of the company’s 

performance, given its direct and positive relationship with economic results (Anderson 

et al., 2004). In the online shopping context, customer satisfaction is usually referred to 

as e-satisfaction (Tran et al., 2019) and it consists of the customer’s contentment 

regarding his/her prior purchasing experience with a certain e-commerce firm 

(Anderson & Srinivasan, 2003). The current study embraces this conceptualization of 

customer satisfaction and applies it to the research topic in question by defining it as the 

contentment of the customer considering prior purchasing experience with an MFOA. 

The link between usage and customer satisfaction has been studied for several years but 

the extant literature finds this relationship to be mixed and inconclusive since some 

researchers stated that usage leads to user satisfaction (Bokhari, 2005), others that user 

satisfaction leads to usage (Bokhari, 2005) and the remaining that usage could be both 

an antecedent and consequence of satisfaction (Bolton & Lemon, 1999). Considering 

the adopted e-satisfaction definition the present study establishes actual usage as a 

predictor of customer satisfaction (Brill et al., 2019; Chung et al., 2020) and not vice-

versa, and proposes:

H4: Actual usage of MFOAs has a positive impact on customer satisfaction with 

those applications.

Web personalization

Personalization is commonly reputed to be the main driver of marketing efficiency 

(Kalaignanam et al., 2008) and the most effective strategy for achieving business 

success online (Salonen & Karjaluoto, 2016). It can be defined as the strategy to 

proactively custom products and the customer purchasing experiences according to the 

tastes of individual customers based upon their personal and preference information in 
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order to deliver a targeted solution (Chellappa & Sin, 2005; Kwon & Kim, 2012). Web 

personalization is viewed as a sub-topic of personalization research and can be 

described as the process of individualized matching to consumer needs and preferences 

in the web context (Salonen & Karjaluoto, 2016), by adjusting all aspects of a website 

that are visible to the user in order to ‘‘deliver the right content to the right person in the 

right format at the right time to maximize immediate and future business opportunities” 

(Tam & Ho, 2006). 

Three major dimensions of web personalization implementation have been 

identified in the extant literature: the “what” dimension concerns the features of the 

system that are personalized, the “to whom” dimension pertains the target of 

personalization and the “who” dimension relates to the author of the personalization 

(Haiyan & Poole, 2009).

Regarding the “what” dimension, Kumar & Desai (2016) distinguished four 

features of the system that can be operated to deliver personalization to the user: the 

content (i.e., the provided information), the user interface (i.e. how the information is 

presented to the user), the user navigation (i.e. what link structure of the website is 

presented) and the functionality (i.e. what users can do with the system) (Kumar & 

Desai, 2016). Accordingly, Wang & Yen (2010) and Desai & Kumar (2016) 

discriminated against three types of personalization – information personalization, 

presentation personalization, and navigation personalization – and studied its effects on 

users’ intention to continue to use a website. Further, Haiyan & Poole (2009) proposed 

four ideal types of personalization: commercial personalization, architectural 

personalization, and instrumental personalization - corresponding to the personalization 

of the content, the interface and the user’s navigation, respectively - and a new type of 

personalization, relational personalization,  that intends to fulfill the user’s needs for 

socialization and a sense of belonging (Haiyan & Poole, 2009). From the performed 

literature review, four types of personalization are suggested: 

 Content personalization – corresponding to content personalization (Kumar & 

Desai, 2016), commercial personalization (Haiyan & Poole, 2009), or 

information personalization (Wang & Yen, 2010);
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  Interface personalization – also called user interface (Kumar & Desai, 2016), 

architectural personalization (Haiyan & Poole, 2009), or presentation 

personalization (Wang & Yen, 2010);

 Functional personalization – is referred to as user navigation and functionality 

(Kumar & Desai, 2016), instrumental personalization (Haiyan & Poole, 2009), 

or navigation personalization  (Wang & Yen, 2010);

 Social personalization – is based on Haiyan and Poole’s relational 

personalization concept (Haiyan & Poole, 2009).

The “to whom” dimension refers to the target of personalization, which can be a 

specific individual or a category of individuals (Haiyan & Poole, 2009).

Lastly, the “who” dimension relates to the authorship of the personalization: user-

initiated (or explicit) personalization, which is usually called customization (Haiyan & 

Poole, 2009; Kwon & Kim, 2012; Sundar & Marathe, 2010), and system-initiated (or 

implicit) personalization (Kumar & Desai, 2016). User-initiated personalization 

provides users a range of options and facilities in the form of information and interfaces 

layout, allowing them to continuously monitor their changing individual tastes and 

preferences (Kumar & Desai, 2016). Examples of user-initiated personalization features 

are the theme, font size, and color preferences, favorite page layout, display of the 

number of information, and a set of multiple search options, e.g. gender, brand, price 

range, or product type (Desai & Kumar, 2017). System-initiated personalization exhibits 

personalization features by considering users' implicit needs through the analysis of 

their navigational behavior and their demographics based on users’ profiles (Desai & 

Kumar, 2017). The system is conceived to personalize content for different users based 

on information collected explicitly, by directly asking the user personal data, such as 

name, contacts, birth date, gender, or address, or implicitly, by tracking user behavior 

using cookies (Sundar & Marathe, 2010).  Examples of system-initiated personalization 

include greeting the user by his/her name upon login (Sundar & Marathe, 2010) and 

product suggestions based on purchasing history or geolocation (Desai & Kumar, 2017). 

This research addresses only two of the referred three dimensions, “the what” and 

“the who” dimensions, because we considered that, to improve the customer experience, 

it is not relevant for the user to know if the personalization was developed to his/her 
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individual needs or if it was designed for a group of customers similar to him/her (“to 

whom” dimension), as long as he/she receives the desired level of personalization.

The effect of web personalization on customer satisfaction

Customer satisfaction is usually seen as a driver of customer retention, ensuring 

reputation and repetition of purchase while strengthening the relationship between the 

customer and the seller (Shaladdin et al., 2018). Satisfied customers show a tendency to 

repurchase and recommend products or services whereas dissatisfied customers are 

more likely to switch between brands (Anderson & Srinivasan, 2003). Several authors 

identified personalization as a predictor of customer satisfaction (e.g. (Al-Kasasbeh et 

al., 2011; Ball et al., 2006; Halimi et al., 2011). Accordingly, this study proposes 

personalization as a potential strategy to create customer satisfaction with online food 

delivery services as explained below.

Regarding the “what” dimension, there is a lack of empirical evidence to 

determine the importance of each one of the four identified types of web personalization 

– content, interface, functional and social personalization – on the post-purchase stage 

of the customer journey. The preferred web personalization strategy studied by the 

literature is content personalization. Some researchers tested its effect on pre-purchase 

and purchase contexts. For instance, Serino et al. (2005) hypothesized that content 

personalization impacts customers relationships by increasing trusting beliefs (pre-

purchase stage), whereas Ho & Tam (2005) proposed that content personalization 

increases the likelihood of a product being considered (pre-purchase stage) and chosen 

(purchase stage) by the customer. Regarding the post-purchase stage, the effect of 

content personalization on customer satisfaction was tested by Liang et al. (2006). Other 

authors went one step further in research by considering more than one web 

personalization strategy in the post-purchase environment. Kwon & Kim (2012) 

considered both content and interface personalization and suggested that the two types 

of web personalization have various effects on customer retention. Wang & Yen (2010) 

assessed the influence of information personalization, presentation personalization, and 

navigation personalization on the intention to continue to use a website. However, to 

our knowledge, there is not research comparing the effectiveness of the four different 

personalization types on customer post-purchase behaviors, especially on customer 
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satisfaction, by testing them simultaneously. Thus, the following hypotheses are 

proposed:

H5: Web personalization types have a positive effect on customer satisfaction    

with MFOAs, such that:

H5a: Content personalization has a positive effect on customer satisfaction with 

MFOAs.

H5b: Interface personalization has a positive effect on customer satisfaction 

with MFOAs.

H5c: Functional personalization has a positive effect on customer satisfaction 

with MFOAs.

H5d: Social personalization has a positive effect on customer satisfaction with 

MFOAs.

Considering the “who” dimension of web personalization, research has 

highlighted the supremacy of user-initiated personalization in building customer 

satisfaction. Liang et al. (2006) proposed that user involvement in the personalization 

process influences user satisfaction in a way that user satisfaction is higher when 

explicit user feedback for personalization is considered in comparison to systems that 

do not require explicit user feedback; however, results showed that both strategies 

performed equally well. Yet, other authors enhanced that user-initiated personalization 

is a more effective strategy to drive customer satisfaction than system-initiated 

personalization (Kwon & Kim, 2012). Consequently, it is anticipated that, although both 

user-initiated personalization and system-driven personalization create customer 

satisfaction, user-initiated personalization will result in more satisfied customers than 

system-initiated personalization in the MFOAs context:

H6: Web personalization approaches have a positive effect on customer 

satisfaction with MFOAs, such that:

H6a: User-driven personalization has a positive effect on customer satisfaction 

with MFOAs.
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H6b: System-driven personalization has a positive effect on customer 

satisfaction with MFOAs.

H6c: User-driven personalization generates a higher level of customer 

satisfaction with MFOAs than system-driven personalization.

The proposed research model of this study is presented below in Figure 1. 

Figure 1 about here
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Research method and instruments 
Our exploratory research followed a mixed design, combining qualitative and 

quantitative research. Qualitative data were collected via focus groups and analyzed 

using content analysis; then, results were used to develop measurement items for web 

personalization’ constructs, and quantitative data was gathered using an online 

questionnaire. Two eligibility criteria were defined to qualify for the present study: first, 

to be a former and actual user of MFOAs, since usage experience was required to 

answer the questions of the study; second, to be currently living or studying/working in 

the Metropolitan Areas of Lisbon or Porto, since these are the two Portuguese 

geographical areas with the greatest presence of mobile food ordering services.

Qualitative research

Qualitative two online focus groups were executed to overcome the non-existence of 

measurement items for web personalization constructs due to a lack of quantitative 

research regarding the topic. Each group had six participants, resulting in a total sample 

of 12 MFOAs. Each focus group discussion lasted between 90 to 120 minutes, and it 

was conducted using a semi-structured guide with the following main themes of 

discussion: personalization authorship; content personalization; interface 

personalization; functional personalization; and social personalization. Qualitative 

analysis was performed using content analysis matrices. The main conclusions of this 

exploratory study are as follows.

Regarding web personalization approaches, the participants considered that both 

user-driven personalization and system-driven personalization are necessary, valuable, 

and important; however, their importance varies according to the user lifecycle: in the 

initial phase of using the application, user-driven personalization is considered more 

relevant, since the personalization by the platform is dependent on it to achieve an 

adequate personalization, but as the user becomes a regular customer system-driven 

personalization can enrich and facilitate the user’s experience. Examples of features 

related to each strategy were presented, and the general feedback was as follows: 

content personalization was well accepted, with the exception of a feature that 

suggested that the application could regularly share curious statistical data about its 

consumption behavior with the user; interface personalization was considered important 

by 75% of the participants, since it makes the application more appealing, pleasing, 
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interesting, and provides greater simplicity and visual objectivity as well as the 

possibility of self-expression by the user; functional personalization was considered 

important, useful, practical and convenient, since it makes the experience faster, easier 

and more convenient for the user; and finally, social personalization was considered 

important but not essential and its main advantage was to serve as a bridge of contact 

with interesting third parties. These insights were used to develop measurement items to 

measure web personalization-related constructs for the online questionnaire that can be 

found in Table 1.

Quantitative research 
The research instrument used for quantitative data collection was an online 

questionnaire designed using the online Qualtrics software. The instrument was initially 

written in English and then translated to Portuguese.

A pilot questionnaire was conducted using a convenience sampling technique for 

data collection. This pilot was applied to 30 individuals from the target population and it 

was available for three days. The purpose of this pilot was to validate the participant's 

ability to understand each question and its relevance to the study, as well as to assess the 

time required to complete the questionnaire.

The final questionnaire was administered between April 30, 2020, and May 18, 

2020. The chosen sampling method was snowball sampling, a non-probability sampling 

method that selects an initial group of respondents, usually at random, and subsequent 

respondents are based on referrals (Malhotra & Birks, 2006). The respondents were 

selected through social media, university platforms, and circles of friends and family, 

resulting in a final sample of 341 complete qualified answers. Of the 341 participants, 

69% were female, 30% were male and 1% preferred not to answer. The average age of 

the sample was 29 years, with the youngest respondent being 18 years old and the oldest 

67 years old.  The two most representative age groups were the youngest generations: 

18-24 (46%) and 25-34 (32%). The demographic information of the sample regarding 

age and gender is consistent with previous studies in foreign countries which stated that 

most of MFOAs’ users are under the age of 39 years old (Comscore, 2019; Daxue 

Consulting, 2019; Statista, 2020; Zion, Spangles, & Hollmann, 2019) and are female 

(Comscore, 2019; Daxue Consulting, 2019). Most respondents had a higher education 

degree (74%), followed by high school graduates (24%).
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Partial Least Squares Structural Equation Modeling (PLS-SEM) was used to 

analyze the results from the questionnaire. The final sample of 341 participants meets 

the minimum sample size required for this type of analysis. There was no missing data 

in the sample, since all the questions of the questionnaire were mandatory, except the 

ones regarding demographic data. Some variables presented a nonnormal distribution, 

but that was not an issue since PLS-SEM is a non-parametric model, being able to 

handle extremely non-normal data (Hair et al., 2017). PLS-SEM is taken to test a 

complex model with many constructs, indicators, and paths without imposing 

distributional assumptions on data (Hair et al., 2019).

Measurement items

The theoretical framework of the present study includes 12 reflective constructs, each 

one measured through multiple indicators. Except for web personalization-related 

constructs, the reflective indicators were adopted from previous research with 

appropriate adaptation to the MFOAs’ context and are summarized in Table 1. A 7-

point rating scale with a range from 1 - Strongly Disagree to 7 - Strongly Agree was 

chosen to measure the respondent's level of agreement with each item. Given the 

scarcity of literature regarding web personalization, qualitative research was conducted 

to develop items to measure both web personalization approaches and web 

personalization types’ constructs. Concerning the two web personalization approaches, 

“User-driven Personalization” items were based on the performed qualitative research 

whereas “System-driven Personalization” items were adapted from Chellappa & Sin 

(2005) and also complemented with qualitative research insights. 

Regarding the defined web personalization types, we adopted an approach 

similar to Fan (2007) by using an interpretive analysis to match the four types of web 

personalization identified by extant research with several personalization features by 

comparing their personalization goals. Then, we used the proposed web personalized 

feature(s) to measure the corresponding web personalization strategy. Web 

personalization types and respective features are summarized in Table 2. Therefore, the 

participant was presented with a set of MFOAs’ features and a group of items to 

measure them using the same 7-point rating scale. The measurement items were adapted 

from Fan’s (2007) Web Personalization Measurement Instrument (WPMI) and 

developed according to the qualitative research results.
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Table 1 about here

Table 2 about here
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Results

Measurement model

There are four key criteria to evaluate reflective measurement models: indicator 

reliability, internal consistency reliability, convergent validity, and discriminant validity 

(Hair et al., 2011; Hair et al., 2017). First of all, the indicators’ reliability was assessed 

through the analysis of the loadings, which should be greater than 0.7. All indicators 

have loadings greater than 0.7, except OR3 (0.649), U1 (0.036), U2 (0.467) and SP4 

(0.571) – Appendix 1. OR3, U2, and SP4 were retained for further analysis since their 

values are between 0.4 and 0.7 and their deletion from the model do not substantially 

increase the composite reliability or the average variance extracted (Hair et al., 2017; 

Henseler et al., 2009), as can be seen in Table 3, and U1 was excluded due to its low 

loading. 

Regarding internal consistent reliability, we evaluated the Composite Reliability 

(CR), which should be equal to or greater than 0.7 (Henseler et al., 2009) for a construct 

to be considered valid. All the constructs present higher values than 0.7 in CR, except 

“MFOA Usage” with a value of 0.657; however, values of 0.6 to 0.7 are considered 

satisfactory in exploratory research (Hair et al., 2011), which is the case, confirming 

construct reliability.

A measure of convergent validity is Average Variance Extracted (AVE) and its 

value should be at least 0.5, meaning that the construct explains, on average, more than 

half of its indicators’ variance (Hair et al., 2011; Hair et al., 2017; Henseler et al., 2009). 

Since all the constructs present AVE values greater than 0.5, convergent validity is 

confirmed.

Internal consistent reliability and convergent validity results are presented in 

Table 3.

Table 3 about here

Lastly, discriminant validity means that the construct must share more variance 

with its own indicators than with other constructs in the path model (Hair et al., 2017). 

To assess discriminant validity, two measures should be considered: the Fornell–
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Larcker criterion and the cross-loadings. The Fornell–Larcker criterion states that the 

square root of the AVE of each construct should be greater than its highest squared 

correlation with any other construct (Hair et al., 2011). Additionally, an indicator’s 

loading with its corresponding construct should be higher than the cross-loadings (i.e. 

its loadings with the other constructs) (Hair et al., 2011). Also, a full collinearity test 

was conducted using the WarpPLS software. Average Block VIF (AFIF) = 1.369 and 

Average Full Collinearity VIF (AFVIF) = 1.676, presenting values below the threshold 

of 3.3, which suggests that the model is free of common method bias (Kock, 2015, 

2020). Since the previous criteria were verified, there is evidence of discriminant 

validity. Accordingly, the reflective measurement model is adequate since it meets all 

four required criteria.

Table 4 about here

Structural model

The structural model represents the relationships between the latent constructs (Hair et 

al., 2011). The path coefficients and  are presented in Figure 2.𝑅2

Figure 2 about here

 

A bootstrapping procedure with 5.000 resamples was used to estimate the 

statistical significance of the path relationships. The proposed research model explains 

20.0% of the variation in Behavioral Intention to Use MFOAs, 17.8% of the variation in 

MFOA Usage, and 40.3% of the variation in Customer Satisfaction. 

Firm-generated Information (  = 0.285, p < 0.05) and Online Customer Reviews 𝛽

(  = 0.230, p < 0.05) are statistically significant in explaining the Behavioral Intention 𝛽

to Use MFOAs, which endorses hypotheses H1 and H2a; however, Online Ratings (  = 𝛽

0.074, p > 0.05) is not statistically significant in explaining the same construct, not 

supporting H2b. Behavioral Intention to Use MFOAs (  = 0.422, p < 0.05) was found to 𝛽

be statistically significant in explaining MFOAs Usage, supporting H3. Regarding the 

post-purchase stage of the customer journey, MFOAs Usage (  = 0.273, p < 0.05) as 𝛽

well as two web personalization strategies, Content Personalization (  = 0.144, p < 𝛽
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0.05) and Functional Personalization (  = 0.189, p < 0.05), were found to be statistically 𝛽

significant predictors of Customer Satisfaction, supporting H4, H5a, and H5c; yet, 

hypotheses H5b (Interface Personalization (  = 0.025, p > 0.05)) and H5d (Social 𝛽

Personalization (  = -0.057, p > 0.05)) were not supported. Lastly, concerning the two 𝛽

web personalization approaches, both User-driven Personalization (  = -0.145, p < 𝛽

0.05) and System-Driven Personalization (  = 0.327, p < 0.05) have a statistically 𝛽

significant relationship with Customer Satisfaction; however, in opposite directions: 

while System-driven Personalization has a positive effect on Customer Satisfaction, 

User-driven Personalization shows a negative impact on Customer Satisfaction. 

Therefore, H6b was supported but H6a and H6c were not. 

Additionally, VIF values are below the recommended threshold of 5, the highest 

being 1.847 (System-driven Personalization), indicating that multicollinearity is not a 

critical issue in the structural model (Appendix 2).

In conclusion, from a total of 12 hypotheses, 7 are supported. Results are summarized in 

Table 5.

Table 5 about here
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Discussion

This research found that two types of available information (firm-generated information 

and online customer reviews) had a positive influence on the behavioral intention to use 

MFOAs. Additionally, findings showed that different web personalization strategies 

(content personalization, functional personalization, and system-driven personalization) 

were useful tools to create customer satisfaction with these apps.

Theoretical contribution

The present research provides a richer understanding of customer behavior 

toward mobile food delivery platforms and actionable insights for online food delivery 

providers. Most of the proposed hypotheses were supported, resulting in an acceptance 

of 7 of the 12 hypotheses. Findings reveal that among the constructs related to available 

information, firm-generated information and online customer reviews have a positive 

effect on the behavioral intention to use MFOAs, whereas online customer ratings do 

not have a statistically significant impact. These results suggest that customers who 

perceive firm-generated information and online customer reviews as informative have a 

higher intention to use the MFOA, which is consistent with preceding research that 

stated that the quality of the information provided by the firm and the quality of the 

information contained on online customer reviews have positive effects on customers’ 

purchase intentions (Lee et al., 2017; Park et al., 2007).

Regarding the post-purchase stage, results show that higher usage of MFOAs 

results in higher customer satisfaction with the platform, which is consistent with 

existing literature that highlighted that usage has a positive effect on user satisfaction 

(Lee et al., 1995, as cited in Bokhari, 2005).

The empirical results support web personalization as an effective strategy to 

create customer satisfaction with MFOAs, being consistent with earlier studies that 

tested the relationship between these two constructs in other contexts (Al-Kasasbeh et 

al., 2011; Ball et al., 2006; Kwon & Kim, 2012); however, not all types of web 

personalization are suitable for generating satisfaction in the MFOAs context. System-

initiated personalization was found to be the major determinant in customer satisfaction 

with MFOAs, suggesting that users highly value platforms that comprehend their 

implicit needs based on their demographical profile and navigational behavior and that 
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facilitate the use of the application, whereas user-initiated personalization, that requires 

user’s effort, has a negative impact on customer satisfaction.

Concerning web personalization strategies, content personalization, which 

focuses on providing relevant content to the user (Kumar & Desai, 2016; Wang & Yen, 

2010), and functional personalization, are positively related to users’ perceived ease of 

use and usefulness (Wang & Yen, 2010), are determinant factors of customer 

satisfaction with MFOAs.

This study contributed for a better understanding of the role of information and 

information technology on the customer journey in the specific context of MFOAs of 

platform-to-consumer delivery. More specifically, the research identified how 

customers are influenced by information online when choosing a MFOA in the pre-

purchase stage of the customer journey and distinguished between user-generated 

information such as customer reviews and firm-generated information.

Another source of originality and contribution of this research was its focus not 

only in the pre-purchase stage but also in the less studied post-purchase stage by 

analyzing the factors of customer satisfaction with MFOAs, showing how personalized 

information generates customer satisfaction with MFOAs. A more specific contribution 

was the identification and testing of different personalization strategies (content, 

interface, functional and social) and approaches (user-driven and system-driven) as 

antecedents of customer strategies.

To sum up, this research contributed for a better understanding of the customer 

journey in the services sector by putting together primary contributions of the literature 

on both information technology and marketing in an original research model about the 

role of information for the customer journey.

Managerial implications
From a managerial point of view, firm-generated and user-generated information 

are powerful tools in the pre-purchase stage of the customer journey of MFOAs users. 

Thereby, food delivery organizations should seek to provide high-quality information to 

their potential customers; accordingly, companies must regularly review and update the 

information available on mobile applications stores, such as contacts, tutorials on how 

the application works, acceptable payment methods, changes to the delivery fee pricing 

policy and new features available in the platform. Additionally, food delivery 
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organizations should encourage users to review the service, which can be achieved by 

providing an incentive to customers (such as a discount code or a free delivery rate) in 

exchange for their honest opinion about the application. Further, since the content of the 

reviews is relevant to the users’ decision process, businesses should seek to reduce 

negative reviews and promote positive rich reviews; in this sense, two actions can be 

taken: first, control and management of manipulated or fraudulent reviews must be 

carried out; second, firms should identify strategies to maintain customers satisfied, 

since a valuable outcome of customer satisfaction is positive WOM, such as online 

customer reviews (Thakur, 2018). 

Considering that the major factors that drive the usage of MFOAs are 

performance expectancy, effort expectancy, and ease of use (Lee et al., 2019; Ray et al., 

2019), suggesting that what users highly value in these platforms is the possibility to 

place an order as quickly and easily as possible, it is logical that content and functional 

personalization, by presenting meal suggestions and by creating tabs to save favorite 

orders, respectively, make the customers’ experience more convenient by promptly 

providing them the resources to place an order, improving customer satisfaction.

Other web personalization strategies that are more concerned with different 

aspects of the application such as aesthetics or socialization, as is the case with interface 

personalization and social personalization, respectively, are not significant to customer 

satisfaction in this context. Accordingly, practitioners should implement functionalities 

that allow the operationalization of content and functional personalization strategies, if 

they don’t already.

This study proposes two examples of content personalization, such as providing 

special offers and promotions tailor-made for the customer and providing personalized 

recommendations of restaurants and meals, and four examples of functional 

personalization, such as the option to save the restaurants that the user wants to try in 

the future (wishlist), the existence of a favorites’ tab with the restaurants or meals most 

requested by the user, the option to save and manage multiple delivery addresses and 

the option to pre-order the meal well in advance (hours, days). Companies must 

proactively identify new interesting features, according to the emerging needs of users, 

and make better use of the personal information voluntarily provided by the customer 

by using it to make the application as personalized as possible. Customer satisfaction is 
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a key factor for successful businesses since it has an impactful effect on customer 

retention and customer loyalty (Rodgers et al., 2005); accordingly, and taking into 

account that personalization is a driver of satisfied customers, practitioners should 

consider including this strategy in their marketing plan.

Limitations and future research 

Although the present study adds valuable knowledge to the mobile food delivery 

services research, some limitations must be recognized and considered in future 

research. The first limitation concerns the characterization of the sample and the nature 

of the sampling process used. The study was carried out in a single country, Portugal, 

more specifically in the metropolitan areas of Lisbon and Porto. Also, all the 

respondents have used an MFOA at least once, but the frequency of using this type of 

mobile application was not addressed; thus, results can be influenced by different 

degrees of familiarity with MFOAs. Thereby, in the future, it is necessary to investigate 

whether the conclusions drawn from the study are applicable in different geographical 

contexts and to consider the influence of distinct consumption patterns regarding usage 

frequency, gender, and, among others, eating habits. When studying the influence of 

these variables, another interesting avenue of research is to study the impact of major 

events such as the COVID-19 pandemic on MFOAs. Quantitative data collection for 

this research was carried out in May 2020 just after the beginning of the pandemic and 

during a period of several restrictions when there was a strong demand for these 

services. It would be interesting to research whether there have been important changes 

in the demand for these services and how the use of MFOAs and consumer satisfaction 

have changed as a result of these environmental changes in the sector.

Secondly, the indicator variables used to measure most web personalization-

related constructs were developed based on qualitative research. This study suggested 

that user-driven personalization has a negative impact on customer satisfaction 

regarding MFOAs, which is not consistent with previous literature (Kwon & Kim, 

2012).  Further research must test and improve the proposed measurement models for 

these constructs regarding web personalization types and web personalization 

approaches. Another limitation that can be pointed out to the model proposed in this 

research concerns the studied relationship between MFQA usage and customer 

satisfaction (H4). In fact, it can be argued that the relationship is bi-directional in the 
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sense that, as proposed, MFQA usage influences customer satisfaction, but it is also 

expected that customer satisfaction influences MFQA usage. We believe that the 

relationship studied in this article (H4) is more original and makes sense in the context 

of electronic markets. However, future studies may also investigate the inverse 

relationship that is how customer satisfaction influences MFQA usage.

Lastly, the model explains only 20.0%, 17.8%, and 40.3% of the variances of 

behavioral intention to use MFOAs, actual usage of MFOAs, and customer satisfaction 

in this type of application, respectively. Even though the results show the influence of 

available information, namely firm-generated information and online customer reviews, 

on the behavioral intention to use MFOAs, other important drivers in the pre-purchase 

stage identified by previous literature, such as convenience, design, trustworthiness, 

various choice foods, perceived usefulness and perceived ease of use, are not included 

in the research model. Thus, future work can compare the importance of these factors 

with that of the available information in the behavioral intention to use MFOAs. 

Similarly, it may be useful to test the potential of other strategies besides 

personalization to generate consumer satisfaction with this type of platform, such as co-

creation by using e-WOM in the post-purchase stage. In short, since the proposed model 

evaluated only the impact of information – available and personalized – on the customer 

journey of MFOAs users, high values were not expected; thus, other relevant factors 𝑅2 

can be identified to provide a deeper and richer understanding of MFOAs.

Page 27 of 50 Journal of Services Marketing

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60



Journal of Services M
arketing

28

References
Al Amin, M., Arefin, M.S., Sultana, N., Islam, M.R., Jahan, I. & Akhtar, A. (2021). 

Evaluating the customers' dining attitudes, e-satisfaction, and continuance 

intention toward mobile food ordering apps (MFOAs): evidence from Bangladesh. 

European Journal of Management and Business Economics, 30(2), 211-229. 

https://doi.org/10.1108/EJMBE-04-2020-0066

Al-Kasasbeh, M., Dasgupta, S., & AL-Faouri, A. (2011). Factors Affecting E-Service 

Satisfaction. Communications of the IBIMA, 2011, 1–12. 

https://doi.org/10.5171/2011.547937

Alalwan, A. A. (2019). Mobile food ordering apps: An empirical study of the factors 

affecting customer e-satisfaction and continued intention to reuse. International 

Journal of Information Management, 50, 28–44. 

https://doi.org/10.1016/j.ijinfomgt.2019.04.008

Anderson, E. W., Fornell, C., & Mazvancheryl, S. K. (2004). Customer satisfaction and 

shareholder value. Journal of Marketing, 68(4), 172–185. 

https://doi.org/10.1509/jmkg.68.4.172.42723

Anderson, R. E., & Srinivasan, S. S. (2003). E-Satisfaction and E-Loyalty: A 

Contingency Framework. Psychology and Marketing, 20(2), 123–138. 

https://doi.org/10.1002/mar.10063

Ball, A. D., Coelho, P. S., & Vilares, M. J. (2006). Service Personalization and Loyalty. 

Journal of Services Marketing, 20(6), 391–403. 

https://digitalcommons.unl.edu/cgi/viewcontent.cgi?article=1012&context=marketi

ngfacpub

Belarmino, A., Raab, C., Tang, J. & Han, W. (2021). Exploring the motivations to use 

online meal delivery platforms: Before and during quarantine, International 

Journal of Hospitality Management, 96. 

https://doi.org/10.1016/j.ijhm.2021.102983

Blumtritt, C. (2018). eServices Report 2018 – Online Food Delivery. 

https://statistacloudfront.s3.amazonaws.com/download/pdf/OnlineFoodDelivery_P

review.pdf

Bokhari, R. H. (2005). The relationship between system usage and user satisfaction: A 

meta-analysis. Journal of Enterprise Information Management, 18(2), 211–234. 

Page 28 of 50Journal of Services Marketing

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60



Journal of Services M
arketing

29

https://doi.org/10.1108/17410390510579927

Bolton, R. N., & Lemon, K. N. (1999). A dynamic model of customers’ usage of 

services: Usage as an antecedent and consequence of satisfaction. Journal of 

Marketing Research, 36(2), 171–186. https://doi.org/10.2307/3152091

Boshoff, C. (2003). Intentions to buy a service: The influence of service guarantees, 

general information, and price information in advertising. South African Journal of 

Business Management, 34(1), 39–44. https://doi.org/10.4102/sajbm.v34i1.676

Brill, T. M., Munoz, L., & Miller, R. J. (2019). Siri, Alexa, and other digital assistants: a 

study of customer satisfaction with artificial intelligence applications. Journal of 

Marketing Management, 35(15-16), 1401-1436.

Chao, W., Prybutok, V. R., & Chenyan, X. (2011). An integrated model for customer 

online repurchase intention. Journal of Computer Information Systems. 

https://www.researchgate.net/publication/261510555

Chellappa, R. K., & Sin, R. G. (2005). Personalization versus privacy: An empirical 

examination of the online consumer’s dilemma. Information Technology and 

Management, 6(2–3), 181–202. https://doi.org/10.1007/s10799-005-5879-y

Chen, Y., & Xie, J. (2008). Online Consumer Review: Word-of-Mouth as a New 

Element of Marketing Communication Mix. Management Science, 54(3), 477–491. 

https://doi.org/10.1287/mnsc.1070.0810

Chevalier, J. A., & Mayzlin, D. (2006). The Effect of Word of Mouth on Sales: Online 

Book Reviews. Journal of Marketing Research, 43, 345–354.

Cho, M., Bonn, M. A., & Li, J. (2019). Differences in perceptions about food delivery 

apps between single-person and multi-person households. International Journal of 

Hospitality Management, 77, 108–116. https://doi.org/10.1016/j.ijhm.2018.06.019

Chung, M., Ko, E., Joung, H., & Kim, S. J. (2020). Chatbot e-service and customer 

satisfaction regarding luxury brands. Journal of Business Research, 117, 587-595.

Colicev, A., Kumar, A., & O’Connor, P. (2019). Modeling the relationship between a 

firm and user-generated content and the stages of the marketing funnel. 

International Journal of Research in Marketing, 36, 100–116. 

https://doi.org/10.1016/j.ijresmar.2018.09.005

Daiya, A., & Roy, S. (2016). User and Firm Generated Content on Online Social Media. 

International Journal of Online Marketing, 6(3), 34–49. 

Page 29 of 50 Journal of Services Marketing

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60



Journal of Services M
arketing

30

https://doi.org/10.4018/ijom.2016070103

Deloitte. (2019). Delivering growth: The impact of third-party platform ordering on 

restaurants. 

https://www2.deloitte.com/content/dam/Deloitte/uk/Documents/corporate-

finance/deloitte-uk-delivering-growth-full-report.pdf

Desai, D., & Kumar, S. (2017). A Study of Design Aspects of Web Personalization for 

Online Users in India. https://www.gtu.ac.in/uploads/Darshana Desai Final Thesis 

12009909992004 15 aug.pdf

Diamantopoulos, A., Sarstedt, M., Fuchs, C., Wilczynski, P., & Kaiser, S. (2012). 

Guidelines for choosing between multi-item and single-item scales for construct 

measurement: A predictive validity perspective. Journal of the Academy of 

Marketing Science, 40(3), 434–449. https://doi.org/10.1007/s11747-011-0300-3

Diop, E. B., Zhao, S., & Duy, T. Van. (2019). An extension of the technology 

acceptance model for understanding travelers’ adoption of variable message signs. 

PLoS ONE, 14(4), 1–18. https://doi.org/10.1371/journal.pone.0216007

Dirsehan,T. & Canka. E. (2021). Role of mobile food-ordering applications in 

developing restaurants’ brand satisfaction and loyalty in the pandemic period. 

Journal of Retailing and Consumer Services, 62. 

https://doi.org/10.1016/j.jretconser.2021.102608

Fan, H. (2007). Web Personalization – a Typology, Instrument and Test of a Predicative 

Model. https://core.ac.uk/download/pdf/4277837.pdf

Filieri, R. (2015). What makes online reviews helpful? A diagnosticity-adoption 

framework to explain informational and normative influences in e-WOM. Journal 

of Business Research, 68, 1261–1270. 

https://doi.org/10.1016/j.jbusres.2014.11.006

Hair, Joe F., Ringle, C. M., & Sarstedt, M. (2011). PLS-SEM: Indeed a silver bullet. 

Journal of Marketing Theory and Practice, 19(2), 139–152. 

https://doi.org/10.2753/MTP1069-6679190202

Hair, Joseph F., Hult, G. T., Ringles, C., & Sarstedt, M. (2017). A Primer on Partial 

Least Squares Structural Equation Modeling (PLS-SEM). In SAGE Publications 

(Vol. 2). https://doi.org/10.1017/CBO9781107415324.004

Hair, J. F., Risher, J. J., Sarstedt, M., & Ringle, C. M. (2019). When to use and how to 

Page 30 of 50Journal of Services Marketing

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60



Journal of Services M
arketing

31

report the results of PLS-SEM. European Business Review, 31(1), 2–24.

Haiyan, F., & Poole, M. S. (2009). What Is Personalization? Perspectives on the Design 

and Implementation of Personalization in Information Systems. Journal of 

Organizational Computing and Electronic Commerce, 16(3), 179–202. 

https://doi.org/10.1207/s15327744joce1603

Halimi, A., Chavosh, A., Namdar, J., Espahbodi, S., & Esferjani, P. S. (2011). The 

Contribution of Personalization to Customers ’ Loyalty Across the Bank Industry 

in Sweden. In International Conference on Social Science and Humanity (Vol. 5). 

http://www.ipedr.com/vol5/no1/82-H00171.pdf

He, D., Lu, Y., & Zhou, D. (2008). Empirical Study of Consumers’ Purchase Intentions 

in C2C Electronic Commerce. Tsinghua Science and Technology, 13(3), 287–292. 

https://doi.org/10.1016/S1007-0214(08)70046-4

Hennig-Thurau, T., Gwinner, K. P., Walsh, G., & Gremler, D. D. (2004). Electronic 

Word-of-Mouth via consumer-opinion platforms: What motivates consumers to 

articulate themselves on the Internet? Journal of Interactive Marketing, 18(1), 38–

52. https://doi.org/10.1002/dir.10073

Henseler, J., Ringle, C. M., & Sinkovics, R. R. (2009). The use of partial least squares 

path modeling in international marketing. Advances in International Marketing, 

20(2009), 277–319. https://doi.org/10.1108/S1474-7979(2009)0000020014

Hirschberg, C., Rajko, A., Schumacher, T., & Wrulich, M. (2016). The changing market 

for food delivery. McKinsey & Company. 

https://www.mckinsey.com/industries/technology-media-and-

telecommunications/our-insights/the-changing-market-for-food-delivery#

Ho, S. Y., & Tam, K. Y. (2005). An empirical examination of the effects of Web 

personalization at different stages of decision making. International Journal of 

Human-Computer Interaction, 19(1), 95–112. 

https://doi.org/10.1207/s15327590ijhc1901_7

Hogan, J. E., Lemon, K. N., & Libai, B. (2004). Quantifying the ripple: Word-of-mouth 

and advertising effectiveness. Journal of Advertising Research, 44(3), 271–280. 

https://doi.org/10.1017/S0021849904040243

Hong, S., & Park, H. S. (2012). Computer-mediated persuasion in online reviews: 

Statistical versus narrative evidence. Computers in Human Behavior, 28, 906–919. 

Page 31 of 50 Journal of Services Marketing

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60



Journal of Services M
arketing

32

https://doi.org/10.1016/j.chb.2011.12.011

Hu, Y., Xu, A., Hong, Y., Gal, D., Sinha, V., & Akkiraju, R. (2019). Generating 

Business Intelligence Through Social Media Analytics: Measuring Brand 

Personality with Consumer-, Employee-, and Firm-Generated Content. Journal of 

Management Information Systems, 36(3), 893–930. 

https://doi.org/10.1080/07421222.2019.1628908

Hussien, F.M., Mansour, N.M. (2020). Factors affecting customer satisfaction towards 

mobile food ordering applications (MFOAs), The Scientific Journal of the Faculty 

of Tourism and Hotels, Alexandria University, 17(1), 17-35.

Kalaignanam, K., Kushwaha, T., & Varadarajan, P. (2008). Marketing operations 

efficiency and the Internet: An organizing framework. Journal of Business 

Research, 61(4), 300–308. https://doi.org/10.1016/j.jbusres.2007.06.019

Kapoor, A. P., & Vij, M. (2018). Technology at the dinner table: Ordering food online 

through mobile apps. Journal of Retailing and Consumer Services, 43, 342–351. 

https://doi.org/10.1016/j.jretconser.2018.04.001

Kock, N. (2015). Common method bias in PLS-SEM: A full collinearity assessment 

approach. International Journal of E-Collaboration, 11(4), 1–10. 

https://doi.org/10.4018/ijec.2015100101

Kock, N. (2020). WarpPLS User Manual: Version 7.0. 94.

Kumar, S., & Desai, D. (2016). Web Personalization: A Perspective of Design And 

Implementation Strategies in Websites. Khoj Journal of Indian Management 

Research & Practices - National Research Conference, 109–119.

Kwon, K., & Kim, C. (2012). How to design personalization in a context of customer 

retention: Who personalizes what and to what extent? Electronic Commerce 

Research and Applications, 11(2), 101–116. 

https://doi.org/10.1016/j.elerap.2011.05.002

Laohapensang, O. (2009). Factors influencing internet shopping behavior: A survey of 

consumers in Thailand. Journal of Fashion Marketing and Management, 13(4), 

501–513. https://doi.org/10.1108/13612020910991367

Lee, E.-Y., Lee, S.-B., & Jeon, Y. J. J. (2017). Factors influencing the behavioral 

intention to use food delivery apps. Social Behavior and Personality: An 

International Journal, 45(9), 1461–1473. https://doi.org/10.2224/sbp.6185

Page 32 of 50Journal of Services Marketing

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60



Journal of Services M
arketing

33

Lee, S. W., Sung, H. J., & Jeon, H. M. (2019). Determinants of Continuous Intention on 

Food Delivery Apps : Extending UTAUT2 with Information Quality. 

Sustainability, 11(3141), 1–15. https://doi.org/10.3390/su11113141

Lemon, K. N., & Verhoef, P. C. (2016). Understanding Customer Experience 

Throughout the Customer Journey. Journal of Marketing, 80(6), 69–96. 

https://doi.org/10.1509/jm.15.0420

Liang, T. P., Lai, H. J., & Ku, Y. I. C. (2006). Personalized content recommendation 

and user satisfaction: Theoretical synthesis and empirical findings. Journal of 

Management Information Systems, 23(3), 45–70. https://doi.org/10.2753/MIS0742-

1222230303

Malhotra, N. K., & Birks, D. F. (2006). Sampling: design and procedures. In Marketing 

Research: An Applied Approach (2nd ed., pp. 363–364). Pearson Education 

Limited.

Marketing Science Institute. (2018). Research Priorities 2018-2020. 

https://www.msi.org/uploads/articles/MSI_RP18-20.pdf

Moe, W. W., Trusov, M., & Smith, R. H. (2011). The value of social dynamics in online 

product rating forums. Journal of Marketing Research, 48(3), 444–456. 

https://doi.org/10.1509/jmkr.48.3.444

Mudambi, S., & Schuff, D. (2010). What makes a helpful online review? A study of 

customer reviews on Amazon.com. MIS Quarterly, 34(1), 185–200. 

https://doi.org/10.2307/20721420

Park, D.-H., Lee, J., & Han, I. (2007). The Effect of On-Line Consumer Reviews on 

Consumer Purchasing Intention: The Moderating Role of Involvement. 

International Journal of Electronic Commerce, 11(4), 125–148. 

https://doi.org/10.2753/JEC1086-4415110405

Park, J., & Stoel, L. (2005). Effect of brand familiarity, experience, and information on 

online apparel purchase. International Journal of Retail and Distribution 

Management, 33(2), 148–160. https://doi.org/10.1108/09590550510581476

Pehlivan, E., Sarican, F., & Berthon, P. (2011). Mining messages: Exploring consumer 

response to consumer- vs. firm-generated ads. Journal of Consumer Behaviour, 10, 

313–321. https://doi.org/10.1002/cb

Pigatto, G., Machado, J. G. de C. F., Negreti, A. dos S., & Machado, L. M. (2017). 

Page 33 of 50 Journal of Services Marketing

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60



Journal of Services M
arketing

34

Have you chosen your request? Analysis of online food delivery companies in 

Brazil. British Food Journal, 119(3), 639–657. https://doi.org/10.1108/BFJ-05-

2016-0207

Ramos, R., Rita, P., & Moro, S. (2019). From institutional websites to social media and 

mobile applications: a usability perspective. European Research on Management 

and Business Economics, 25(3), 138–143. 

https://doi.org/10.1016/j.iedeen.2019.07.001

Ray, A., Dhir, A., Bala, P. K., & Kaur, P. (2019). Why do people use food delivery apps 

(FDA)? A uses and gratification theory perspective. Journal of Retailing and 

Consumer Services, 51, 221–230. https://doi.org/10.1016/j.jretconser.2019.05.025

Rita, P., Oliveira, T., Estorninho, A., & Moro, S. (2018). Mobile services adoption in a 

hospitality consumer context. International Journal of Culture, Tourism, and 

Hospitality Research, 12(1), 143–158. https://doi.org/10.1108/IJCTHR-04-2017-

0041

Rodgers, W., Negash, S., & Suk, K. (2005). The moderating effect of online experience 

on the antecedents and consequences of online satisfaction. Psychology and 

Marketing, 22(4), 313–331. https://doi.org/10.1002/mar.20061

Salonen, V., & Karjaluoto, H. (2016). Web personalization: The state of the art and 

future avenues for research and practice. Telematics and Informatics, 33, 1088–

1104. https://doi.org/10.1016/j.tele.2016.03.004

Serino, C. M., Furner, C. P., & Smatt, C. (2005). Making it Personal: How 

Personalization Affects Trust Over Time. Proceedings of the 38th Annual Hawaii 

International Conference on System Sciences, System Sciences, 2005. HICSS ’05. 

Proceedings of the 38th Annual Hawaii International Conference On, 1–9. 

https://doi.org/10.1109/HICSS.2005.398

Shaladdin, Z. F. M., Mokhtar, M. Z., & Zawawi, N. H. M. (2018). Determinants of 

Customer Satisfaction in Takaful (Islamic Insurance) Services in Malaysia. Jurnal 

Pengurusan, 54. https://doi.org/10.17576/pengurusan-2018-54-16

Sifted. (2020). The Sift Report 2020: The future of on-demand food delivery. 

https://mailchi.mp/sifted/food-report-download

Suhartanto, D., Helmi Ali, M., Tan, K. H., Sjahroeddin, F., & Kusdibyo, L. (2019). 

Loyalty toward online food delivery service: the role of e-service quality and food 

Page 34 of 50Journal of Services Marketing

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60



Journal of Services M
arketing

35

quality. Journal of Foodservice Business Research, 22(1), 81–97. 

https://doi.org/10.1080/15378020.2018.1546076

Sujatha, R., & Sekkizhar, J. (2019). Determinants of M-Commerce Adoption in India 

Using Technology Acceptance Model Infused with Innovation Diffusion Theory. 

Journal of Management Research, 19(3), 193–204.

Sundar, S. S., & Marathe, S. S. (2010). Personalization versus customization: The 

importance of agency, privacy, and power usage. Human Communication 

Research, 36(3), 298–322. https://doi.org/10.1111/j.1468-2958.2010.01377.x

Tam, K. Y., & Ho, S. Y. (2006). Understanding the impact of web personalization on 

user information processing and decision outcomes. MIS Quarterly, 30(4), 865–

890.

Tata, S. V., Prashar, S., & Gupta, S. (2019). An examination of the role of review 

valence and review source in varying consumption contexts on the purchase 

decision. Journal of Retailing and Consumer Services, 52(June 2018), 1–10. 

https://doi.org/10.1016/j.jretconser.2019.01.003

Thakur, R. (2018). Customer engagement and online reviews. Journal of Retailing and 

Consumer Services, 41, 48–59. https://doi.org/10.1016/j.jretconser.2017.11.002

Tran, L. T. T., Pham, L. M. T., & Le, L. T. (2019). E-satisfaction and continuance 

intention: The moderator role of online ratings. International Journal of 

Hospitality Management, 77, 311–322. https://doi.org/10.1016/j.ijhm.2018.07.011

Viglia, G., Minazzi, R., & Buhalis, D. (2016). The influence of e-word-of-mouth on 

hotel occupancy rate. International Journal of Contemporary Hospitality 

Management, 28(9), 2035–2051. https://doi.org/10.1108/IJCHM-05-2015-0238

Wang, F., Menon, K., & Ranaweera, C. (2018). Dynamic trends in online product 

ratings: A diagnostic utility explanation. Journal of Business Research, 87, 80–89. 

https://doi.org/10.1016/j.jbusres.2018.02.015

Wang, M., & Yen, B. (2010). The effects of website personalization on user intention to 

return through cognitive beliefs and affective reactions. PACIS 2010 - 14th Pacific 

Asia Conference on Information Systems, 1610–1617.

Xu, X., & Huang, Y. (2019). Restaurant information cues, Diners’ expectations, and 

need for cognition: Experimental studies of online-to-offline mobile food ordering. 

Journal of Retailing and Consumer Services, 51, 231–241. 

Page 35 of 50 Journal of Services Marketing

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60



Journal of Services M
arketing

36

https://doi.org/10.1016/j.jretconser.2019.06.010

Yeo, V. C. S., Goh, S. K., & Rezaei, S. (2017). Consumer experiences, attitude, and 

behavioral intention toward online food delivery (OFD) services. Journal of 

Retailing and Consumer Services, 35, 150–162. 

https://doi.org/10.1016/j.jretconser.2016.12.013

Yoon, E., Guffey, H. J., & Kijewski, V. (1993). The effects of information and 

company reputation on intentions to buy a business service. Journal of Business 

Research, 27(3), 215–228. https://doi.org/10.1016/0148-2963(93)90027-M

Zhang, Zili, Liang, S., Li, H., & Zhang, Z. (2019). Booking now or later: Do online peer 

reviews matter? International Journal of Hospitality Management, 77, 147–158. 

https://doi.org/10.1016/j.ijhm.2018.06.024

Zhang, Ziqiong, Ye, Q., Law, R., & Li, Y. (2010). The impact of e-word-of-mouth on 

the online popularity of restaurants: A comparison of consumer reviews and editor 

reviews. International Journal of Hospitality Management, 29(4), 694–700. 

https://doi.org/https://doi.org/10.1016/j.ijhm.2010.02.002

Zhu, F., & Zhang, X. (2010). Impact of Online Consumer Reviews on Sales: The 

Moderating Role of Product and Consumer Characteristics. Journal of Marketing, 

74, 133–148. https://doi.org/10.1509/jmkg.74.2.133

Appendices about here

Page 36 of 50Journal of Services Marketing

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60



Journal of Services M
arketing

37

Figure 1 - Research model
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Figure 2 - Structural model results with path coefficients and R-squares

Page 38 of 50Journal of Services Marketing

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60



Journal of Services M
arketing

39

 

Page 39 of 50 Journal of Services Marketing

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60



Journal of Services M
arketing

40

Page 40 of 50Journal of Services Marketing

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60



Journal of Services M
arketing

41

Table 1 - Constructs and measurement items

Notes: 
*QR – Qualitative Research
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Table 2 - Web personalization types and features
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Table 3 - Indicator's reliability assessment (OR3, U2, and SP4), CR, and AVE

Notes:

 The removal of U2 would result in MFOA Usage becoming a single-item construct.  1
According to Diamantopoulos et al. (2012), single-item constructs should be considered 
only if the following conditions are simultaneously verified: (1) small sample sizes (N < 
50), (2) path coefficients  0.30, (3) items of the multi-item scale are highly ≤
homogeneous and (4) the items are semantically redundant, which is not the case.
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Table 4 – Fornell-Larcker criterion

Notes: 
1. FI: Firm-generated Information; OCR: Online Customer Reviews; OR: Online 
Customer Ratings; BI: Behavioral Intention to Use MFOAs; US: MFOA Usage; CP: 
Content Personalization; IP: Interface Personalization; FP: Functional Personalization; 
SOP: Social Personalization; UP: User-initiated Personalization; SP: System-initiated 
Personalization; CS: Customer Satisfaction.
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Table 5 - Hypotheses Summary

Notes: 
1. FI: Firm-generated Information; OCR: Online Customer Reviews; OR: Online 
Customer Ratings; BI: Behavioral Intention to Use MFOAs; US: MFOA Usage; CP: 
Content Personalization; IP: Interface Personalization; FP: Functional Personalization; 
SOP: Social Personalization; UP: User-initiated Personalization; SP: System-initiated 
Personalization; CS: Customer Satisfaction.
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Appendices

Appendix 1 – Loadings and cross-loadings

Notes: 

Page 47 of 50 Journal of Services Marketing

1
2
3
4
5
6
7
8
9
10
11
12
13
14
15
16
17
18
19
20
21
22
23
24
25
26
27
28
29
30
31
32
33
34
35
36
37
38
39
40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60



Journal of Services M
arketing

48

FI: Firm-generated Information; OCR: Online Customer Reviews; OR: Online 
Customer Ratings; BI: Behavioral Intention to Use MFOAs; US: MFOA Usage; CP: 
Content Personalization; IP: Interface Personalization; FP: Functional Personalization; 
SOP: Social Personalization; UP: User-initiated Personalization; SP: System-initiated 
Personalization; CS: Customer Satisfaction.

Appendix 2 – Variance Inflation Factor (VIF) values

Notes: 
1. FI: Firm-generated Information; OCR: Online Customer Reviews; OR: Online 
Customer Ratings; BI: Behavioral Intention to Use MFOAs; US: MFOA Usage; CP: 
Content Personalization; IP: Interface Personalization; FP: Functional Personalization; 
SOP: Social Personalization; UP: User-initiated Personalization; SP: System-initiated 
Personalization; CS: Customer Satisfaction.
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