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Simultaneous Transmission and Reflection
Beamforming Design for RIS-Aided MU-MISO

Yuming Lin, Yuanjun Shen, and Ang Li, Senior Member, IEEE

Abstract—In this paper, we study the beamforming design
for the simultaneous transmission and reflection reconfigurable
intelligent surface (STAR-RIS) assisted MU-MISO system, where
the energy splitting (ES) mode is adopted for STAR-RIS. We
aim to jointly design the beamforming strategy at the BS and
the transmission-reflection coefficients (TRCs) at the STAR-
RIS to minimize the total downlink transmit power of the
base station (BS) subject to each user’s SINR constraint. The
formulated optimization problem is difficult to solve directly,
and therefore we employ the iterative alternating optimization
(AO) framework to obtain suboptimal solutions with promising
performance. Specifically, we propose an AO-based solution to
optimize each amplitude and phase of the TRCs at the STAR-RIS
separately in a sequential manner, where two distinct approaches
are introduced for the design of the amplitudes of STAR-
RIS elements. Simulation results show that the proposed joint
beamforming design at BS and passive design at STAR-RIS
achieves a promising performance, and requires fewer iterations
compared with the state-of-the-art.

Index Terms—Reconfigurable Intelligent Surface (RIS), STAR-
RIS, MU-MISO, beamforming, optimization.

I. INTRODUCTION

IN recent years, the concept of reconfigurable intelligent
surface (RIS) and Holographic Multiple-Input Multiple-

Output (HMIMO) have arouse worldwide interests from both
industry and academia with the capability to reconfigure the
wireless environment to a better state [1], [2]. Due to the
unique benefits such as passive reflection of wireless signals,
full-duplex operating mode, low cost, flexible deployments,
etc., RIS is seen as a promising technique for the next
generation of wireless communication systems [3]. The spatial
degrees of freedom of the wireless communication systems can
be enhanced by optimizing the orientation and location of RIS
in the network [4], whose performance gains can be further
improved by exploiting the deep reinforcement learning [5],
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[6]. The fundamental channel estimation problems have also
been considered in RIS-assisted wireless scenarios, where the
channels of the receiver-to-RIS and RIS-to-transmitter can be
separately estimated [7] [8]. Meanwhile, channel estimation
problems for both uplink and downlink in RIS-assisted wire-
less MISO systems are studied in [9].

Nevertheless, current works on RIS mainly focus on the
reflecting-only case, where RIS can only reflect the incident
signals. To overcome this shortcoming, a novel concept termed
simultaneous transmission and reflection RIS (STAR-RIS)
has recently been proposed in [10], [11]. Compared with
conventional RISs, STAR-RIS is a new type of RIS which
can transmit and reflect the signal simultaneously. Similar
to conventional RISs, the transmission-reflection coefficients
(TRCs) for STAR-RIS can be optimized independently via
altering the electronic and magnetic parameters [10]. In [11],
three operating modes for STAR-RISs are introduced: energy
splitting (ES), mode switching (MS) and time switching (TS),
where the advantages and shortcomings of each mode and their
potential applications are discussed. [12] proposes to deploy
STAR-RIS in non-orthogonal multiple access (NOMA) and
orthogonal multiple access (OMA) communication systems,
where STAR-RIS is employed to enhance the fundamental
coverage range of the proposed communication networks of
NOMA and OMA. [13] proposes a STAR-RIS assisted secrecy
scheme to enhance the reliability of the MISO network,
i.e. the secrecy achievable sum rate. [14] proposes general
penalty-based semidefinite relaxation (SDR) approximation
solutions to the power minimization problem for the three
operation modes of STAR-RIS, where a multi-user MISO
communication system is considered. Nevertheless, it should
be mentioned that the above works have only considered the
optimization on the phases of the STAR-RIS elements, while
ignoring the impact of the amplitudes, whose effect is also
crucial to the system performance.

In this paper, we investigate the beamforming design for
the STAR-RIS-assisted MU-MISO system, where we allow
the optimization on the amplitude of the TRCs as well. The
ES model of STAR-RIS is adopted, where the energy of
incident signal is split for users located in the transmission
side and reflection side of STAR-RIS, respectively. We aim
to jointly design the beamforming strategy at the BS and
the transmission-reflection coefficients (TRC) at the STAR-
RIS to minimize the total transmit power of the BS. Since
the optimization on the amplitude and phase of TRCs is
independent, we propose an alternating optimization (AO)
design to update the phase and amplitude iteratively. We first
design a beamforming scheme where the amplitudes of each
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STAR-RIS element can be updated independently. In order to
further simplify the design procedure, we then assume that all
the elements of STAR-RIS share a same amplitude value in
transmission (T) mode or reflection (R) mode, based on which
a feasible solution of the amplitudes of T-mode and R-mode
is derived. Numerical results validate that the beamforming
design with independent amplitude value of each STAR-RIS
element achieves the best performance, while both proposed
beamforming approaches outperform existing schemes that
only optimize the phases of the STAR-RIS elements.

Notations: In this paper, a, a and A denote scalars, vectors
and matrices, respectively. (·)T, (·)H denotes transpose and
conjugate transpose, respectively. |·| denotes the absolute value
of a real number or the modulus of a complex number, and
∥·∥2 denotes ℓ2 norm. diag (·) transforms a column vector
into a diagonal matrix. vec(·) extracts the diagonal elements
of a square matrix and transforms them into a column vector.
v(k) and A(k,m) denote the entry in the corresponding vector
or matrix. tr(·) denotes the trace of a square matrix. S ⪰
0 denotes matrix S is positive semidefinite. R{·} and I{·}
respectively denote the real and imaginary part of a complex
scalar, vector or matrix. 1 denotes a column vector with all
entries being 1.

II. SYSTEM MODEL AND PROBLEM FORMULATION

A. System Model

As shown in Fig.1, we consider a STAR-RIS-aided MU-
MISO communication system in the downlink, where the
BS equipped with NT transmit antennas serves K users
located at either the transmission side (T ) or the reflection
side (R) of STAR-RIS, respectively, where the STAR-RIS
consists of M reconfigurable elements. We focus on the
ES mode of STAR-RIS, where the power of the incident
signal is split into both transmission side and reflection side
simultaneously. The baseband equivalent channel from BS to
user k, BS to STAR-RIS, STAR-RIS to user k is denoted
by hd,k ∈ CNt×1, Ht ∈ CM×Nt , and hr,k ∈ CM×1, re-
spectively, where k ∈ K = {1, 2, · · · ,K0,K0 + 1, · · · ,K},
T = {1, 2, · · · ,K0} ⊆ K and R = {K0 + 1, · · · ,K} ⊆
K collect KT and KR users at the T region and R re-
gion, respectively, where KT = K0 and KR = K −
K0. Φχ = diag

([
βχ,1e

jθχ,1 , βχ,2e
jθχ,2 , · · · , βχ,Mejθχ,M

])T

denotes the TRC matrices, where χ ∈ {T,R}. We in-
troduce βχ = [βχ,1, βχ,2, · · · , βχ,M ]

T, and Θχ =[
ejθχ,1 , ejθχ,2 , · · · , ejθχ,M

]T
to represent the amplitude and

phase vectors of STAR-RIS in T and R region, respectively.
Then, the received signal at user k in the T or R region is
given by

yk =
(
hT
r,kΦχHt + hT

d,k

)
wksk

+
∑

j∈K,j ̸=k

(
hT
r,kΦχHt + hT

d,k

)
wjsj + nk, k ∈ K, (1)

where wk∈CNt×1 denotes the transmit beamforming vector of
BS, sk denotes the transmit signals satisfying E

(
sks

H
k

)
= 1.

nk ∼ CN (0, σ2
k) denotes the additive Gaussian white noise at

user k’s receiver. Without loss of generality, we express user

Fig. 1: A STAR-RIS aided MISO wireless network.

k’s equivalent channel as hT
k = hT

r,kΦχHt+hT
d,k. Thus, the

SINR of user k can be given by

SINRk =

∣∣hT
kwk

∣∣2∑
j∈K,j ̸=k

∣∣hT
kwj

∣∣2 + σ2
k

, ∀k. (2)

B. Problem Formulation

We aim to minimize the total power consumption of the
BS by jointly optimizing the beamforming vectors wk and
the TRCs Φχ subject to the received SINR target of each user
[15]. Accordingly, the optimization problem can be formulated
as

P1 : min
wk,Φχ

∑
k∈K

∥wk∥22 , (3a)

s.t. C1 :

∣∣hT
kwk

∣∣2∑
j∈K,j ̸=k

∣∣hT
kwj

∣∣2 + σ2
k

≥ γk,∀k ∈ K, (3b)

C2 : β2
T,i + β2

R,i ≤ 1, i = 1, 2, · · · ,M, (3c)

where γk denotes user k’s SINR threshold, βT,i and βR,i

denote the amplitudes of the i-th element of STAR-RIS for
T region and R region, respectively. (3c) denotes the STAR-
RIS’s passive feature, where the STAR-RIS cannot amplify
the incident signal and the conservation law of energy must
be satisfied, i.e. the energy of transmission and reflection
signal should be no more than that of the incident signal, i.e.,
β2
T,i + β2

R,i ≤ 1.

III. PROPOSED SOLUTION VIA ITERATIVE ALTERNATING
OPMITIZATION

Due to the tight coupling of wk and Φχ, problem P1

is hard to solve directly [15]. Thus, we propose an AO-
based iterative algorithm to obtain a feasible solution, i.e.,
we alternately update the amplitude and phase of STAR-RIS.
More specifically, we decompose the original problem P1 into
three subproblems related to wk, Θχ and βχ, which are solved
in an iterative manner as shown below.
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A. Optimization on wk

For given Φχ, problem P1 reduces to an optimization
problem on wk only:

P2 : min
wk

∑
k∈K

∥wk∥22 , (4a)

s.t. C1 :

∣∣hT
kwk

∣∣2∑
j∈K,j ̸=k

∣∣hT
kwj

∣∣2 + σ2
k

≥ γk,∀k ∈ K. (4b)

Problem P2 is a standard power minimization problem which
can be solved by fixed-point iteration or SDR method [16]. In
what follows, we focus on the optimization on θχ and βχ.

B. Optimization on Θχ

For the optimization on Φχ for given wk, we first perform
a decomposition of Φχ into

Φχ = diag
(
βχ

)
·Θχ, (5)

where Θχ = diag
([

ejθχ,1 , ejθχ,2 , · · · , ejθχ,M
]T)

. Generally,
the phases of the T region and R region in a STAR-RIS system
are independent and adjustable [10]. In order to simplify the
problem, we assume the T region and R region share the same
phase, i.e. ΘT = ΘR = Θ.

For the optimization on Θ with a given βχ, we employ the
SDR method in [15]. Let

ak,n = diag (βT ) · diag
(
hT
r,k

)
Htwn, k ∈ T ,∀n ∈ K, (6a)

ak,n = diag (βR) · diag
(
hT
r,k

)
Htwn, k ∈ R,∀n ∈ K, (6b)

bk,n = hT
d,kwn,∀k ,n ∈ K. (6c)

Moreover, by introducing

v =
[
ejθ1 , ejθ2 , · · · , ejθM

]T
, (7)

and

v(i) = ejθi , i = 1, 2, · · · ,M , (8)

such that hT
r,kΦχHtwn = vTak,n, the optimization on Θ is

equivalent to finding v:

P3 : Find v, (9a)

s.t. C1 :

∣∣vTak,n + bk,k
∣∣2∑

n∈K,n̸=k

|vTak,n + bk ,n |2 + σ2
k

≥ γk,∀k ∈ K,

(9b)
C2 : |v(i)| = 1, i = 1, 2, · · · ,M. (9c)

Note that problem P3 is nonconvex due to the constant-
modulus constraint (10c). Considering that the constraint (10b)
can be transformed into a quadratic form, we then employ the
SDR technique to solve problem P3 efficiently. To proceed,
we introduce an auxiliary variable t and form a new vector

v =
[
vT t

]T
. Thus, we can transform problem P3 into a

semidefinite programming (SDP) form [15]:

P4 : max
V,αk

∑
k∈K

αk, (10a)

s.t. C1 : tr (Rk,kV) + |bk,k|2 ≥

γk
∑

n∈K,k ̸=n

(
tr (Rk,nV) + |bk,n|2

)
+ γkσ

2
k + αk,

k ∈ K, (10b)
C2 : |V (i, i) | = 1, i = 1, 2, · · · ,M + 1, (10c)
C3 : rank (V) = 1, (10d)

where

Rk,n =

[
ak,na

T
k,n aT

k,n

ak,n 0

]
, (11)

V = vvH and αk, k ∈ K denote nonnegative auxiliary vari-
ables introduced into the users’ SINR constraints to maximize
each user’s achievable SINR as well as to obtain a better
solution of the total transmit power.

Notice that if we drop the rank-1 constraint, problem P4

becomes a convex problem that can readily be solved [17].
Subsequently, Gaussian randomization approach is employed
to obtain an approximate solution to problem P4 [15]. Finally,
we extract v from v and obtain Θ = diag(v).

C. Optimization on βχ

In this subsection, we focus on optimizing the amplitude
βχ based on given wk and Θ. Since the total energy of the
incident signal is split into both T region and R region, βT

and βR should satisfy β2
T,i+β2

R,i = 1, i ∈ 1, 2, · · · ,M , where
βχ,i = βχ (i). Accordingly, the SINR constraint of the user k
in T region for given wk and Θ can be simplified as∣∣∣hT

r,kdiag (βT )ΘHtwk + hT
d,kwk

∣∣∣2∑
n∈K,k ̸=n

∣∣∣hT
r,kdiag (βT )ΘHtwn + hT

d,kwn

∣∣∣2 + σ2
k

≥ γk, k ∈ T ,

(12)

and the SINR constraints of users in R region can be similarly
constructed. Thus, the optimization on βT and βR is given by:

P5 : Find βT ,βR, (13a)

s.t. C1 :

∣∣∣hT
r,kdiag (βT )ΘHtwk + hT

d,kwk

∣∣∣2∑
n∈K,k ̸=n

∣∣∣hT
r,kdiag (βT )ΘHtwn + hT

d,kwn

∣∣∣2 + σ2
k

≥ γk, k ∈ T , (13b)

C2 :

∣∣∣hT
r,kdiag (βR)ΘHtwk + hT

d,kwk

∣∣∣2∑
n∈K,k ̸=n

∣∣∣hT
r,kdiag (βR)ΘHtwn + hT

d,kwn

∣∣∣2 + σ2
k

≥ γk, k ∈ R, (13c)

C3 : vec
(
βTβ

T
T + βRβ

T
R

)
= 1, (13d)

Problem P5 is a non-convex quadratically-constrained
quadratic programming (QCQP) problem due to the non-
convex constraint (14b) and (14c). In the remaining part of
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this subsection, we derive two schemes to obtain the solution
to P5.

1) Independent Optimization on Each βχ,m: We first study
the scheme where each βχ,m can be optimized independently.
Note that the constraints (13b) and (13c) in P5 can be
transformed as well. We let

âk,n = diag
(
hT
r,k

)
ΘHtwn, (14)

R̂k,n =

[
âk,nâ

T
k,n âT

k,n

âk,n 0

]
, (15)

and

β̂T =
[
βT
T , tT

]T
, (16a)

β̂R =
[
βT
R, tR

]T
, (16b)

where tT and tR are auxiliary variables introduced to form
new amplitude vectors. Recalling bk,n = hT

d,kwn in (6c), then
we can transform problem P5 into an SDP form similar to the
transformation of P3:

P6 : max
B̂T ,B̂R,α̂k

∑
k∈K

α̂k, (17a)

s.t. C1 : tr
(
R̂k,kB̂T

)
+ |bk,k|2 ≥

γk
∑

n∈K,k ̸=n

[
tr
(
Rk,nB̂T

)
+ |bk,n|2

]
+ γkσ

2
k + α̂k,

k ∈ T , (17b)

C2 : tr
(
R̂k,kB̂R

)
+ |bk,k|2 ≥

γk
∑

n∈K,k ̸=n

[
tr
(
Rk,nB̂R

)
+ |bk,n|2

]
+ γkσ

2
k + α̂k,

k ∈ R, (17c)

C3 : vec
(
B̂T + B̂R

)
= 1, (17d)

C4 : rank
(
B̂T

)
= 1, rank

(
B̂R

)
= 1, (17e)

where B̂χ = β̂χβ̂
T
χ . Notice that if we drop the rank-1

constraint, problem P6 becomes a convex problem that can
readily be solved [17]. Then, we derive feasible βχ from the
solution to P6, i.e., B̂χ by extracting the square roots of the
first M diagonal entries in B̂χ:

βχ =

[√
B̂χ (1, 1),

√
B̂χ (2, 2) · · · ,

√
B̂χ (M,M)

]T

.

(18)

2) A Low-Complexity Solution: The independent optimiza-
tion on the amplitudes of each STAR-RIS elements increases
the computational complexity of the proposed beamforming
design dramatically. To obtain a low-complexity solution, we
propose a beamforming approach where each element of
STAR-RIS shares the same βT and βR values. Accordingly,
the amplitude vectors βχ can be simplified into two scalars,

i.e. βT and βR, respectively, and the SINR constraint of the
user k in T region for given wk and Θ can be simplified as∣∣∣βTh

T
r,kΘHtwk + hT

d,kwk

∣∣∣2∑
n∈K,k ̸=n

∣∣∣βThT
r,kΘHtwn + hT

d,kwn

∣∣∣2 + σ2
k

≥ γk, k ∈ T .

(19)

The SINR constraints of users in R region can be similarly
constructed, which is omitted for brevity. For convenience of
subsequent derivations, we further introduce

ck,n = hT
r,kΘHtwn. (20)

Recalling bk,n = hT
d,kwn in (6c), we then formulate the

optimization on βχ, given by:

P7 : Find βT , βR, (21a)

s.t. C1 : |βT ck,k + bk,k|2

≥
∑

n∈K,k ̸=n

γk |βT ck,n + bk,n|2 + γkσ
2
k, k ∈ T ,

(21b)

C2 : |βRck,k + bk,k|2

≥
∑

n∈K,k ̸=n

γk |βRck,n + bk,n|2 + γkσ
2
k, k ∈ R,

(21c)

C3 : β2
T + β2

R ≤ 1, (21d)
C4 : βT , βR ∈ [0, 1] . (21e)

Thus, the optimization on βχ is equivalent to finding two
scalars βT and βR. Note that P7 is a QCQP problem as
well, which enables us to transform problem P7 into an SDP
form. However, more than two auxiliary variables are required,
which would further increase the computational complexity.
To obtain a low-cost solution, we expand the square terms
in (22b) and (22c) and then form K quadratic functions on
βT and βR, respectively. Thus, problem P7 can be solved by
finding appropriate βT and βR which satisfies constraint (22b)
and (22c), respectively. To be more specific, we introduce

m2,k =
(
|ck,k|2 − γk|ck,n|2

)
, (22)

m1,k = 2 [(R{ck,k}R{bk,k}+ I{ck,k}I{bk,k})
−γk (R{ck,n}R{bk,n}+ I{ck,n}I{bk,n})] , (23)

m0,k = |bk,k|2 − γk
(
|bk,n|2 + σ2

k

)
, (24)

where m2,k, m1,k, m0,k denote the coefficient for the quadratic
term, one-order term and constant term in the k-th expres-
sion, respectively. Thus, constraints (22b) and (22c) can be
expressed as

m2,kβ
2
T +m1,kβT +m0,k ≥ 0, k ∈ T , (25a)

m2,kβ
2
R +m1,kβR +m0,k ≥ 0, k ∈ R. (25b)

Note that (26a) and (26b) are quadratic inequalities with
respect to βT and βR, respectively. We then solve KT inequali-
ties in (26b) and obtain KT regions satisfying constraint (26b).
Due to the feature of quadratic function, the feasible region of
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βT depends on the value of the coefficient for quadratic term,
i.e.

[βT,k−, βT,k+] , if m2,k < 0, (26a)
(−∞, βT,k−] ∪ [βT,k+,∞) , if m2,k > 0, (26b)

where βT,k− and βT,k+ denote the values of βT in the k-th
inequality when strict equality is achieved. We compare region
[0, 1] with KT regions obtained from (27a) and then obtain
the overlapping region [βT,−, βT,+] from the above (KT + 1)
regions, where βT,− and βT,+ denote the overlapping region’s
endpoint, respectively. Similarly, we solve the KR inequalities
in (27b) and obtain a feasible region [βR,−, βR,+] similarly to
the procedure above. We then take the value of the overlapping
regions’ left endpoints as the feasible solutions to βT and βR,
i.e., βT = βT,− and βR = βR,−.

Finally, we verify whether the value of β2
T + β2

R, βT and
βR safisfy constraint (22e), and implement a normalization
procedure on the amplitude if β2

T + β2
R ≤ 1. Conversely, if

β2
T + β2

R > 1, problem P7 becomes infeasible, and we take
the value of βT and βR in the previous iteration as a feasible
solution. If βT and βR have no feasible solutions in the first
iteration, we take the initial wk calculated by the initial θχ
and βχ, which is used to calculate the required transmit power.

The overall beamforming procedure including the above 3
steps is summarized in Algorithm 1 below.

Algorithm 1 Alternating Optimization for Solving P1

Input: hd,k,hr,k,Ht, σ
2
k, γk.

Initialization: θ1, β1
T = β1

R = 1√
2
· 1 and the number of

iteration n = 1.
Repeat:
1.Calculate the equivalent channel hk with given
hd,k,hr,k,Ht,θ

n,βn.
2.Solve P2 to obtain wn

k .
3.Solve P4 to obtain θn+1.
4.Solve P5 or P7 to update amplitude vectors.

If:
(
β̂n+1
T

)2
+
(
β̂n+1
R

)2
≤ 1

βn+1
T =

β̂n+1
T√

(β̂n+1
T )

2
+(β̂n+1

R )
2

,

βn+1
R =

β̂n+1
R√

(β̂n+1
T )

2
+(β̂n+1

R )
2

, βn+1
T = βn+1

T ·1,

and βn+1
R = βn+1

R ·1.
Else: βn+1

T = βn
T and βn+1

R = βn
R.

5. Update n = n + 1.
Until: The fractional decrease of the objective value is
lower than a threshold ε > 0 or a maximum iteration
number is achieved.

D. Complexity Analysis

The analysis of computational complexity of Algorithm 1
is summarized as follows. According to [18], computational
complexity of conventional power minimization problem P2

is O
(
KN 3.5

T

)
. Problem P4 is a standard SDR problem with

complexity of O
(
KM 3.5

)
. Problem P6 is an SDP problem

with complexity of O
(
KM 3.5

)
. The procedure of solving P7

has a complexity of O (K ). Thus, the total computational com-
plexity of Algorithm 1 is O

(
KN 3.5

T +KM 3.5 +K
)
, while

the total computational complexity of optimization scheme
by solving problem P6 to obtain amplitude vectors βχ is
O
(
KN 3.5

T + 2KM 3.5
)
.

IV. NUMERICAL RESULTS

In this section, numerical results are given to illustrate the
effectiveness of our proposed schemes. We consider a three-
dimensional (3D) simulation setup similar to [14], where the
BS and the STAR-RIS are located at (0, 0, 0) and (0, 50, 0),
respectively. K users are all located on the circle centered at
the STAR-RIS with a radius of 2

√
2 meters, half of which are

located on the T region and half on R region. The STAR-
RIS is assumed to be equipped with a uniform planar array
(UPA) composed of M = MyMz elements, where My = 4 and
we increase Mz linearly with M . Throughout our simulations,
Rician fading is adopted, and the channel vector hd,k is
modeled as

hd,k = C0

(
dhd,k

d0

)−α
(√

κ

κ+ 1
hLoS
d,k +

√
1

κ+ 1
hNLoS
d,k

)
,

(27)

where C0, dhd,k
, d0 and α denote the fading of reference

distance, distance of channel, reference distance and large-
scale fading factor, respectively. κ denotes the Rician factor.
hLoS
d,k , hNLoS

d,k denote the line-of-sight (LoS) and non-line-
of-sight (NLoS, i.e. Rayleigh fading), respectively. The other
channels are similarly modeled. We set C0 = −30dB, d0 = 1
meter, α = 2.2 and κ = 3dB for all channels, respectively. We
set the noise of the receivers as σ2

k = −80dBm. We compare
our proposed scheme of the STAR-RIS aided communication
system with two other baseline schemes proposed in [14]: 1)
STAR-RIS with uniform amplitude and optimizing the phase
only. 2) conventional RIS with half of the elements serving
users in the transmitting region and half serving users in the
reflecting region. The proposed AO-based scheme has been
proved for its convergence in [15] under the AO framework.
For a fair comparison, we also compare our proposed schemes
with the penalty-based SDR approximation scheme for ES
model proposed in [14].

In Fig.2, we study the convergence of the total transmit
power versus the number of iterations in each scheme. We
fix NT = 8, M = 40, K = 4, K0 = 2 and SINR threshold
= 20 dB. As can be seen, both proposed schemes (‘STAR-
RIS, independent/same optimized amplitude’) that allow the
optimization on amplitudes converge to a lower transmit
power requirement, validating the effectiveness of optimizing
amplitudes of STAR-RIS. Conventional RIS with merely phase
optimization requires a higher power consumption because of
the limited capability in affecting the wireless environment.
In addition, compared with conventional reflecting-only RISs
that can only serve users in the R region, STAR-RIS aided
wireless communication systems can enhance the link quality
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Numerical results of the proposed STAR-RIS precoding, NT = 8, K = 4

for users in both the T Region and R Region. The independent
optimization on amplitudes leads to a better performance but
requires more iterations than the proposed low-complexity
solution.

In Fig.3, we study the total required transmit power versus
the users’ targeted SINR threshold. We set NT = 8, K = 4,
K0 = 2 and M = 40. Our proposed optimization scheme
obtains a desirable result compared with conventional RIS and
STAR-RIS that does not optimize the amplitude (‘STAR-RIS,
fixed amplitude’) and the penalty-based SDR scheme (‘STAR-
RIS, penalty-based SDR’) for ES mode in [14], which implies
the effectiveness of optimizing the amplitude.

In Fig.4, we study the total transmitting power versus the
elements of STAR-RIS. We set NT = 8, K = 4, K0 = 2 and
each user’s SINR threshold = 20dB. Simulation results show
that our proposed alternate optimization scheme can achieve
better performance compared with two baseline schemes and
the penalty-based SDR scheme for ES mode in [14] with an
increasing M due to the exploitation of the amplitude.

V. CONCLUSION

In this paper, we propose an AO-based beamforming design
to minimize the total transmit power for a STAR-RIS-aided
MU-MISO communication system. The proposed AO-based
beamforming iteratively updates the beamforming vectors at
the BS, the phases of each STAR-RIS element, and the ampli-
tude of each STAR-RIS element, where SDR-based solutions
are obtained. Simulation results show that joint beamform-
ing design of BS and the STAR-RIS can achieve a better
performance compared with conventional RIS, validating the
effectiveness of optimizing the amplitudes of STAR-RIS.
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