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Abstract. The emergence of COVID-19 pandemic has made it difficult for people to access health services. 

According to JKN statistics, FKTP visits was decreased from 337.69 million (2019) to 193.03 (2021). 

Teleconsultation, a type of telemedicine, could be the right solution so that people can still access the health 

services they need and protect themselves from the spread of COVID-19. There was an increase in the use of 

several teleconsultation applications in Indonesia during pandemic, from 4 million to more than 15 million people. 

However, this rate is only 7.63% of the internet users and 5.6% of the total population of Indonesia, so increasing 

access to health services through telemedicine is still challenging to achieve. Therefore, this study aims to 

determine the description and factors related to the intention to use health teleconsultation services during 

COVID-19 pandemic among Jabodetabek residents aged 19-49. This quantitative study used a cross-sectional 

design and PLS-SEM data analysis method. The results showed a significant relationship between social 

influence, perceived usefulness, trust in providers, and trust in the internet on the intention to use teleconsultation 

services. Intention-to-use was also significantly related to the use of teleconsultation services. In addition, a 

significant relationship was found between perceived need with trust in the provider, and perceived health risk 

and perceived ease of use with perceived usefulness. 

Keywords: Intention-to-use, Telemedicine Adoption, Technology Acceptance Model, Health Belief 

Model, Andersen's Behavioral Model of Health Service Utilization 

 

Abstrak. Pandemi COVID-19 menyebabkan masyarakat kesulitan dalam mengakses pelayanan kesehatan. 

Berdasarkan statistik JKN, kunjungan FKTP menurun dari 337,69 juta (2019) menjadi hanya 193,03 juta (2021). 

Telekonsultasi, salah satu jenis telemedicine, dikatakan dapat menjadi solusi yang tepat agar masyarakat tetap 

dapat mengakses pelayanan kesehatan yang dibutuhkan sekaligus menjaga diri dari penularan COVID-19. 

Terdapat peningkatan penggunaan aplikasi telekonsultasi di Indonesia semasa pandemi, dari 4 juta menjadi lebih 

dari 15 juta orang. Tetapi, angka ini hanya 7,63% dari penduduk pengguna internet dan 5,6% dari total populasi 

Indonesia sehingga peningkatan akses pelayanan kesehatan melalui telemedicine masih terbilang sulit untuk 

dicapai. Oleh karena itu, penelitian ini bertujuan untuk mengetahui gambaran serta faktor yang berhubungan 

dengan intention-to-use layanan telekonsultasi di masa pandemi COVID-19 pada penduduk Jabodetabek usia 19-

49 tahun. Penelitian kuantitatif ini menggunakan desain cross-sectional dengan metode analisis data PLS-SEM. 

Hasil penelitian menunjukkan adanya hubungan signifikan antara pengaruh sosial, perceived usefulness, trust in 

provider, dan trust in internet terhadap intention-to-use layanan telekonsultasi. Intention-to-use juga terbukti 

berhubungan signifikan dengan penggunaan sesungguhnya dari layanan telekonsultasi. Selain itu, ditemukan 

pula hubungan signifikan antara perceived need dengan trust in provider, serta perceived health risk dan 

perceived ease of use terhadap perceived usefulness. 

Kata Kunci:  Niat Penggunaan, Adopsi Telemedicine, Technology Acceptance Model, Health Belief 

Model, Andersen's Behavioral Model of Health Service Utilization. 

 

INTRODUCTION 

Since the beginning of 2020, the world has been 

shocked by the emergence of a new disease, 

COVID-19, which later developed into an epidemic. 

COVID-19 cases in Indonesia are high because on 

October 22, 2021, Indonesia was ranked 14th as the 

country with the most cases worldwide (1). To 

reduce transmission, the government issued a policy 

restricting people's movement. With this restriction, 

mainly when health facilities focused on fulfilling 

the needs of COVID-19 patients, the stigma and fear 

in society made it more challenging to provide 

health services for other diseases. When there is 
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overcapacity in health facilities, and the community 

cannot get the health services they need, the number 

of direct deaths from COVID-19 and indirect deaths 

from diseases that could otherwise be prevented and 

treated will increase drastically (2). According to 

JKN data, the COVID-19 pandemic has impacted 

decreasing visits to health facilities. In 2019, FKTP 

had 337.69 million visits, and FKRTL had 84.75 

million visits, then decreased to 193.03 and 44.27 

million visits in August 2021 (3). 

To answer this problem, Telemedicine can be a 

solution to maintain and even increase public access 

to health services and prevent the spread of COVID-

19 (2). Of the countries experiencing health service 

disruptions due to the pandemic, around 58% of 

countries have used telemedicine to replace face-to-

face doctor consultations (4). One of the 

telemedicine services that many people need is 

clinical teleconsultation. Clinical teleconsultation is 

a remote clinical consultation service to help 

establish a diagnosis and/or provide 

considerations/advice (Permenkes No. 20 Tahun 

2019, n.d.). The existence of teleconsultation makes 

people no longer need to come to the doctor or 

hospital directly to check their health condition and 

ask for treatment recommendations. 

In Indonesia, there is an increase in the use of doctor 

consultation applications that have collaborated with 

the Indonesian Ministry of Health from 4 million to 

more than 15 million people (6). Although there is 

an increase, this number is relatively small 

compared to the number of Indonesians who have 

used the internet, which is 196.7 million people 

(7.63%) (7). If compared to Indonesia's population 

of 269.6 million people, the percentage of 

telemedicine application users is only 5.6% (8). 

With these numbers, the hope of expanding and 

facilitating public access to health services through 

telemedicine or internet-based services is still 

challenging. Even so, there are very few studies in 

Indonesia that analyze what causes people to still not 

want to use telemedicine, especially 

teleconsultation, and what things relate to people's 

intentions to use teleconsultation, either application-

based or institutional.  

The author targeted the Jabodetabek area in this 

study for the following considerations: (1) The 

number of COVID-19 cases, of which Jabodetabek 

contributed 27.01% of the total confirmed COVID-

19 cases as of 23/10/2021 (9); (2) The level of 

mobility, where many of the residents have activities 

that require them to commuting (10); (3) The level 

of health complaints, where about 1 in 4 

Jabodetabek residents have experienced health 

complaints in the last month (11); the level of 

internet usage, where DKI Jakarta (85% of the total 

population), Banten (78.5%), and West Java 

(71.6%) occupy the first, second, and fourth 

positions in Java (7). This study aims to determine 

the description and factors related to the intention to 

use health teleconsultation services during the 

COVID-19 pandemic in Jabodetabek residents, both 

application-based and institutional teleconsultation. 

This study uses a model compiled based on a 

synthesis of Andersen's Behavioral Model of Health 

Service Utilization (12) as well as the Technology 

Acceptance Model (TAM) and Health Belief Model 

(HBM) Extension, which have been synthesized by 

Nurbojatmiko & Wahyuni (2017) and Zhao et al. 

(2018) to obtain 12 variables from aspects of health 

service utilization, technology acceptance, and 

behavior/belief in health. 

H1: Gender is significantly related with 

intention-to-use teleconsultation. 

Research by Lee & Rho (2013) and Drake et al. 

(2021) found that female individuals had more 

positive perceptions or were more likely to use 

telemedicine than men. This variation in use may be 

due to fundamental differences in social drivers, 

patient and provider preferences, technological 

literacy, and the complexity of the patient's 

condition and type of medical visit, whether 

evaluation, diagnostic, consultation, or intervention 

(16). 

H2: Education level is significantly related to 

intention-to-use teleconsultation. 

Research by Luo et al. (2021) found that education 

level has a significant effect on telemedicine 

adoption. Fischer et al. (2020) said that people with 

a minimum education level in secondary school had 

lower telehealth use levels than those with higher 

education. 

H3: Occupation is significantly associated with 

intention-to-use teleconsultation. 

Employment status is said to be significantly related 

to at least one type of health-promoting behavior 

among users of the mHealth application (19). 

Employment is often linked to income and the 

ability to pay. Drake et al. (2021) find that higher 

incomes are more likely to use telemedicine. 

Telemedicine is known to reduce the burden of costs 

that must be incurred (20). 

H4: Social influence is significantly related to 

intention-to-use teleconsultation. 

This study’s results (15) found a significant 

difference between mHealth service users and non-

users related to social influence. The social impact 
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 often influences adopting technology such as 

mHealth (21,22). 

H5: Evaluation of the nearest offline health 

facility is significantly related to the intention-to-

use teleconsultation. 

Salesika et al. (2021) found that travel time to health 

facilities and staff behavior were related to 

telemedicine services. Distance or access to health 

facilities often affects their utilization. The more 

difficult access is, the more reluctant people are to 

use these health services (24,25). 

H6: Health consciousness is significantly related 

to the intention-to-use teleconsultation. 

HC is health awareness or the degree to which health 

problems are integrated into a person's daily 

activities (26). Previous studies have shown that 

health awareness positively affects the intention to 

use e-Health services (13,27). 

H7: Perceived need is significantly related to the 

intention-to-use teleconsultation. 

Siboro et al. (2021) and Mallampati et al. (2021) 

found a relationship between perceived need or 

individual health assessment and the future use of 

telemedicine. 

H8: Perceived health risk is significantly related 

to the intention-to-use teleconsultation. 

PHR is an individual's belief in the severity and 

likelihood of exposure to a disease. Nurbojatmiko & 

Wahyuni (2017) found that PHR significantly 

influences the intention-to-use of e-Health services. 

H9: Perceived usefulness is significantly related 

to the intention-to-use teleconsultation. 

PU is defined as the belief that using the system will 

improve job performance (29). Alam et al. (2018) 

proves that Performance Expectancy (another name 

for PU) significantly affects intentions to use 

mHealth services. 

H10: Perceived ease of use is significantly related 

to the intention-to-use teleconsultation. 

PEOU means the belief that using the system will 

make work more accessible (29). PEOU is proven to 

have a significant relationship with the adoption of 

mHealth services (21,30). 

H11: Trust in providers is significantly related 

with intention-to-use teleconsultation. 

TP means individual trust in service providers 

(platforms/responsible doctors) for integrity and 

benefits (31,32). Previous research found that trust 

in providers positively related with behavioral 

intentions (33–35). 

H12: Trust in the internet is significantly 

associated with intention-to-use teleconsultation. 

TI means the extent to which a person believes that 

using the mHealth service is safe and does not 

threaten their privacy (36). Trust significantly 

impacts the intention to adopt mHealth (14,37). 

 

METHODS 

This research is a quantitative analytical descriptive 

study using a cross-sectional approach. Data was 

collected through an online survey using a 

questionnaire instrument with a 5-level Likert scale 

distributed in January 2022 to Jabodetabek residents 

aged 19 to 49 years, both users and non-users of 

teleconsultation services for the past year (January 

2021 to January 2022) in total with 222 respondents. 

The data was analyzed using the Partial Least 

Squares Structural Equation Model (PLS-SEM) 

method using the SmartPLS 3 application and 

Google Spreadsheet. 

 

RESULTS AND DISCUSSION 

The description of the characteristics of the 

respondents in this study is most of them are women 

(71.2%), aged 19-25 years (66.7%), have a higher 

education degree (73%), and do not work (61.26%). 

Then, the description of the use of health 

teleconsultation services for Jabodetabek residents 

during the COVID-19 pandemic is as follows: 

1. 36% of Jabodetabek residents have not used 

teleconsultation services during the past year 

(January 2021 - January 2022), 64% of 

Jabodetabek residents have used them with 

frequencies including: 52.8% used 1-2 times, 

25.4% used as much as 2-4 times, and 21.8% 

used more than four times. 

2. The most used teleconsulting service is 

technology platforms such as HaloDoc, 

AloDokter, Getwell, etc. (90% of the total 

who have used teleconsultation in the past 

year), and the problem that most users feel is 

the incorrect diagnosis result (35%). 

3. Most non-users do not use teleconsultation 

because they do not need the service (75%). 

4. Then, regarding information dissemination, 
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most information regarding teleconsultation 

comes from social media (81%). 

5. The most popular consulting services are 

face-to-face consultations (46.6%) and via 

chat/written (41%). In addition, the most 

significant benefit of using teleconsultation 

services is that it can prevent someone from 

being exposed to diseases such as COVID-19 

and facilitate access to health services. 

 

 

Table 1. Respondents’ Demographic Distribution 

Category 
Teleconsultation Use 

Total 
Use Not Use 

 n % n % n % 

Sex 

Man 41 64,06 23 35,94 64 100,00 

Woman 101 63,92 57 36,08 158 100,00 

Total 142 63,96 80 36,04 222 100,00 

Category 
Teleconsultation Use 

Total 
Use Note Use 

 n % n % n % 

Age 

19-25 years old 87 58,78 61 41,22 148 100,00 

26-30 years old 27 75,00 9 25,00 36 100,00 

31-35 years old 9 75,00 3 25,00 12 100,00 

36-40 years old 8 72,73 3 27,27 11 100,00 

41-45 years old 5 71,43 2 28,57 7 100,00 

45-49 years old 6 75,00 2 25,00 8 100,00 

Total 142 63,96 80 36,04 222 100,00 

Domicile 

Jakarta 52 65,82 27 34,18 79 100,00 

Bogor 18 58,06 13 41,94 31 100,00 

Depok 26 66,67 13 33,33 39 100,00 

Tangerang 20 64,52 11 35,48 31 100,00 

Bekasi 26 61,90 16 38,10 42 100,00 

Total 142 63,96 80 36,04 222 100,00 

Education 

Low Education 13 59,09 9 40,91 22 100,00 

High Education 129 64,50 71 35,50 200 100,00 

Total 142 63,96 80 36,04 222 100,00 

Employment 

Unemployed 81 59,56% 55 40,44% 136 100,00 

Employed 61 70,93% 25 29,07% 86 100,00 

Total 142 63,96% 80 36,04% 222 100,00 

 

 

1. Measurement Model 

The measurement model stage to measure the 

reliability and validity of indicators, where 

reliability is evaluated using Composite Reliability, 

whose value must be higher than 0.70, then validity 

is evaluated using Indicator Loading values which 

must be higher than 0.70 and Average Variance 

Extracted (AVE) which must be higher than 0.50 

(38). Indicators with Loading < 0.70 need to be 

removed so that indicators SI3, SI4, FL3, FL4, FL5, 

HC1, PN1, and PHR2 are excluded from the 

measurement. The final results of the measurement 

model test are described in Table 2. 
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Tabel 2. Validity and Reliability Test Result (Measurement Model) 

Variable Indicator 
Outer 

Loading 
AVE 

Composite 

Reliability 
Result 

Intention-to-Use 

ITU1 0,797 

0,704 0,934 

Valid 

ITU2 0,863 Valid 

ITU3 0,865 Valid 

ITU4 0,777 Valid 

ITU5 0,879 Valid 

ITU6 0,848 Valid 

Social Influence 
SI1 0,905 

0,798 0,819 
Valid 

SI2 0,881 Valid 

Evaluation of Offline 

Health Facilities 

FL1 0,926 
0,780 0,793 

Valid 

FL2 0,839 Valid 

Health Consciousness 

HC2 0,868 

0,712 0,857 

Valid 

HC3 0,823 Valid 

HC4 0,840 Valid 

Perceived Need 
PN2 0,823 

0,626 0,741 
Valid 

PN3 0,758 Valid 

Perceived Health Risk 

PHR1 0,723 

0,591 0,780 

Valid 

PHR3 0,798 Valid 

PHR4 0,785 Valid 

Perceived Usefulness 

PU1 0,783 

0,726 0,914 

Valid 

PU2 0,894 Valid 

PU3 0,882 Valid 

PU4 0,844 Valid 

Perceived Ease of Use 

PEOU1 0,792 

0,655 0,883 

Valid 

PEOU2 0,805 Valid 

PEOU3 0,851 Valid 

PEOU4 0,787 Valid 

Trust in Provider 

TP1 0,859 

0,717 0,910 

Valid 

TP2 0,891 Valid 

TP3 0,851 Valid 

TP4 0,782 Valid 

Trust in Internet 

TI1 0,837 

0,701 0,904 

Valid 

TI2 0,859 Valid 

TI3 0,859 Valid 

TI4 0,793 Valid 

After the convergent validity test (loading and AVE) 

is completed, the validity test is continued to 

discriminant validity by evaluating the Fornell and 

Larcker criteria. Based on the test results in Table 3, 

it can be seen that all variables have a correlation 

value with themselves (the square root of AVE) 

which is higher than the correlation value of that 

variable with other variables, or it can be said that 

the value in the top column is not smaller than the 

value indicated. The test concludes that this 

instrument is declared valid to be used as a 

measurement scale. 

 

Tabel 3. Discriminant Validity Test Results: Fornell and Larcker Criteria 

 FL HC ITU SI PEOU PHR PN PU TI TP 

FL 0,883          

HC 0,468 0,844         

ITU 0,385 0,481 0,839        

SI 0,230 0,354 0,539 0,893       
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PEOU 0,340 0,436 0,657 0,378 0,809      

PHR 0,247 0,341 0,442 0,428 0,370 0,769     

PN 0,343 0,251 0,345 0,333 0,251 0,344 0,791    

PU 0,288 0,394 0,699 0,467 0,760 0,413 0,227 0,852   

TI 0,389 0,418 0,625 0,341 0,538 0,303 0,235 0,508 0,837  

TP 0,295 0,367 0,698 0,414 0,731 0,299 0,199 0,697 0,582 0,847 

2. Structural Model 

The structural model stage aims to evaluate the 

relationship hypothesized in the study. The 

evaluation is measured using the following criteria: 

(1) Coefficient of Determination (R2), to measure 

how accurate the predictions of the model are; (2) 

Cross-Validated Redundancy (Q2), to see the 

relevance of the predictions that have been prepared; 

and (3) Path Coefficients, to determine the value of 

the hypothetical relationship (38). The R2 value of 

this study is 0.684, which falls into the moderate → 

strong category so it can be concluded that the 

variables in this study can explain the intention-to-

use teleconsultation services by 68.5%. There are 

other variables can explain this but are not observed 

in this study. The Q2 value of this study is 0.466 or 

0, which means that the relevance and predictive 

accuracy of the research model is acceptable. 

Furthermore, the results of the Path Coefficients test 

are described in Table 4. 

 

 

Tabel 4. Hypothesis Test Results 

 

Original 

Sample 

(O) 

Sample 

Mean 

(M) 

Standard 

Deviation 

(STDEV) 

T-Statistics P-Values Result 

Sex → ITU 0,039 0,043 0,042 0,948 0,344 Not Significant 

Education → ITU -0,041 -0,038 0,041 1,017 0,310 Not Significant 

Employment → ITU -0,007 -0,006 0,043 0,160 0,873 Not Significant 

SI → ITU 0,158 0,167 0,058 2,724 0,007 Significant 

FL → ITU 0,032 0,027 0,053 0,593 0,553 Not Significant 

HC → ITU 0,089 0,085 0,062 1,434 0,152 Not Significant 

PN → ITU 0,071 0,073 0,056 1,274 0,203 Not Significant 

PHR → ITU 0,064 0,057 0,069 0,929 0,353 Not Significant 

PU → ITU 0,242 0,239 0,073 3,330 0,001 Significant 

PEOU → ITU 0,034 0,036 0,074 0,459 0,646 Not Significant 

TP → ITU 0,251 0,252 0,067 3,774 0,000 Significant 

TI → ITU 0,196 0,199 0,059 3,324 0,001 Significant 

ITU → Actual Usage 0,281 0,291 0,058 4,862 0,000 Significant 

Based on the table above, it is found that the 

variables of social influence (SI), perceived 

usefulness (PU), trust in provider (TP), and trust in 

the internet (TI) have a P-value below 0.05 and a T-

statistic above 1.96 so it can be concluded that the 

four variables have a significant relationship with 

the intention-to-use of health teleconsultation 

services. In addition, intention-to-use also has a 

significant relationship with the actual use of 

teleconsultation services.  

Social influence or the extent to which a person feels 

that family, friends, colleagues, or health workers, 

support or encourage his belief in using 

teleconsultation has been shown to be related to his 

intention to use teleconsultation services during the 

COVID-19 pandemic. This finding is in line with the 

research by Lee & Rho (2013), De Veer et al. (2015), 

Hoque & Sorwar (2017), Zhao et al. (2018), and 

Alam et al. (2018) which states that there is a 

significant relationship between the role of the 

surrounding environment and the use of 

telemedicine services. An individual is more likely 

to meet the expectations of others when the referring 

other person has the ability to reward the desired 

behavior or punish non-behavior (40,41) in 

Venkatesh et al. (2003). Verkijika & De Wet (2018) 

mentions in their research that social media is a 

medium that should be considered in terms of the 

social influence it causes. It is known that 81% of 

respondents in this study received information 

related to teleconsultation services from social 
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 media, and as many as 76% said the information 

came from the internet, after that it was followed in 

third place by friends/family. 

Perceived usefulness or a person's belief in the 

benefits that may be obtained from using 

teleconsultation has been proven to be related to his 

intention to use teleconsultation services during the 

COVID-19 pandemic. This finding is in line with the 

research by Venkatesh & Davis (2000), Chuttur 

(2009), Ahadzadeh et al. (2015), Y. Zhao et al. 

(2018), Nurbojatmiko & Wahyuni (2017), Hoque & 

Sorwar (2017), and Alam et al. (2018). Individuals 

who strongly believe that using e-health will help 

them (high perceived usefulness) are more likely to 

use these health-based internet applications in the 

future. On the other hand, individuals who do not 

believe that there are possible benefits to using e-

health are less likely to use e-health (39). Based on 

the data obtained, some respondents still feel that 

teleconsultation is less beneficial for them. This is 

caused by several things, for example, the difficulty 

of exchanging information online, inappropriate or 

less convincing diagnoses obtained the existence of 

unnecessary drug prescriptions, and internet 

connection problems. However, not a few people 

agree that teleconsultation provides many benefits, 

including helping them to avoid exposure to disease, 

making it easier to get access to health services even 

during non-operational hours, saving costs, being 

time efficient, and so on.  

Trust in a provider or someone's trust in a 

teleconsulting provider can increase their 

effectiveness in managing health, are accurate, 

timely, understandable, and useful proven to be 

related to their intention to use teleconsultation 

services during the COVID-19 pandemic. This is in 

accordance with the research by Yi et al. (2013),  

Mou et al. (2016), Gong et al. (2019), Octavius & 

Antonio (2021), and Wu et al. (2021). A person with 

a higher level of trust will feel less uncertain and 

more convinced that the services provided can 

increase the effectiveness in managing their health 

(34). When patients are provided with information 

that is accurate, timely, understandable, and useful, 

they are more likely to believe that doctors can 

provide high-quality care (46). 

Trust in the internet or someone's trust in the use of 

teleconsultation that is safe and does not pose a 

threat to their privacy has been shown to be related 

to their intention to use teleconsultation services 

during the COVID-19 pandemic. This finding is in 

line with the research by Guo et al. (2015), Y. Zhao 

et al. (2018), Deng et al. (2018), and An et al. (2021). 

When people perceive the potential risks that may 

occur due to the use of mHealth they are less likely 

to trust and adopt the service (30). In the context of 

mHealth, security and privacy risk refer to the 

possible misuse of information such as theft and 

leakage of information (48). Potential users of the 

mHealth service may not want to use the app if they 

feel their privacy and security are being threatened 

(45). 

In addition, several variables were found not to be 

directly related to intention-to-use, but were related 

to intermediate variables. This study found that an 

individual's perception of his own health condition 

(perceived need) was not directly correlated with his 

intention to use telemedicine, but was significantly 

related to trust or trust in doctors and the information 

they received, where that trust would make patients 

more willing to use telemedicine. telemedicine 

services (35). Individuals with high health 

assessments tend to assume that their bodies do not 

have very serious problems and are more likely to 

believe that the medical services provided by 

doctors can meet their needs (49). Perceived health 

risk or a person's knowledge of the health risks they 

might get if they seek treatment at offline health 

services is proven not to be able to influence their 

decision to use teleconsultation services but is 

mediated by perceived usefulness. Further findings, 

this study which is also supported by research by 

Nurbojatmiko & Wahyuni (2017) finds that PEOU 

does not have a correlation with intention-to-use, but 

it has a significant relationship with perceived 

usefulness. This means that users with lower effort 

in operating the mHealth application may have 

higher expectations of benefiting from using 

mHealth (50). 

 

CONCLUSION 

This study found that the intention of Jabodetabek 

residents to use teleconsultation services during the 

COVID-19 pandemic was significantly related to 

social influence, perceived usefulness, trust in 

providers, and trust in the internet. Intention-to-use 

was also shown to be significantly related to the 

actual usage of teleconsulting services. In addition, 

several variables were found not directly related to 

intention-to-use, but related to intermediary 

variables, namely: the perceived need was related to 

trust in the provider, and perceived health risk and 

perceived ease of use were related to perceived 

usefulness. Gender, education level, occupation, 

evaluation of nearest offline health facilities, health 

consciousness, perceived need, perceived health 

risk, and perceived ease of use were not significantly 

related to intention-to-use. 

 

RECOMMENDATIONS 

This study will give a few recommendations to 

teleconsultation service providers and the 
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Indonesian government. Service providers need to 

facilitate doctors so that they can implement service 

excellence so that patients get maximum satisfaction 

to recommend teleconsultation to people around 

them, develop digital technology that can be used as 

a diagnostic tool, and improve security in the system 

used to protect patients from a cyber problem such 

as data leak. The government needs to develop a 

digitization system for health facilities so that people 

who seek treatment face-to-face remain free from 

disease and are time efficient, then ensure the 

security system for the teleconsultation system is 

safe from cybercrime, and enforce regulations 

regarding prohibitions and sanctions on the 

distribution of patient personal data. 

 

ACKNOWLEDGEMENT 

The author would like to thank Prof. dr. Amal Chalik 

Sjaaf, S.KM., Dr.PH and Prof. dr. Purnawan Junadi, 

MPH., Ph.D. as examiners, as well as reviewers and 

editors of the Journal of IHPA for the reviews. 

Thanks to Mrs. Kurnia Sari S.K.M., M.S.E. as a 

supervisor who has supported the author in 

publishing this article. 

 

 

REFERENCES 

1. WHO. WHO Coronavirus (COVID-19) 

Dashboard: Situation by Region, Country, 

Territory & Area [Internet]. 2021. Available 

from: https://covid19.who.int/table 

2. WHO. COVID-19: Operational guidance for 

maintaining essential health services during an 

outbreak. 2020 [cited 2021 Oct 22]; Available 

from: https://www.who.int/docs/default-

source/searo/indonesia/covid19/maintaining-

essential-health-services---

ind.pdf?sfvrsn=d8bbc480_2 

3. Dewan Jaminan Sosial Nasional. Statistik JKN 

2015-2019 [Internet]. Jakarta: Kementerian 

Koordinator Bidang Pembangunan Manusia 

dan Kebudayaan; 2021. Available from: 

https://rri.co.id/humaniora/info-

publik/1229251/buku-statistik-jkn-2015-

2019-diluncurkan-hari-ini  

4. WHO. COVID-19 significantly impacts health 

services for noncommunicable diseases 

[Internet]. 2020 [cited 2021 Oct 23]. Available 

from: https://www.who.int/news/item/01-06-

2020-covid-19-significantly-impacts-health-

services-for-noncommunicable-diseases  

5. Permenkes No. 20 Tahun 2019 tentang 

Penyelenggaraan Pelayanan Telemedicine 

Antar Fasilitas Pelayanan Kesehatan.  

6. Kementerian Komunikasi dan Informatika. 

Presiden Apresiasi Telemedicine Kurangi 

Risiko Penularan Covid-19 [Internet]. 2020 

[cited 2021 Oct 23]. Available from: 

https://www.kominfo.go.id/content/detail/257

79/presiden-apresiasi-telemedicine-kurangi-

risiko-penularan-covid-19/0/berita  

7. APJII. LAPORAN SURVEI INTERNET 

APJII 2019 – 2020 (Q2) [Internet]. Asosiasi 

Penyelenggaran Jasa Internet Indonesia. 2020 

[cited 2021 Oct 25]. Available from: 

https://www.apjii.or.id/content/read/39/521/L

aporan-Survei-Internet-APJII-2019-2020-Q2  

8. Direktur Jenderal Pelayanan Kesehatan 

Kemenkes RI. Pemanfaatan Teknologi 

Informasi dalam Rangka Pencegahan 

Penyebaran COVID-19. 2020; Available from: 

http://persi.or.id/wp-

content/uploads/2020/06/materi_drbambangw

_dirjenyankes_telemedicine.pdf  

9. Satgas COVID-19. Peta Sebaran COVID-19 | 

Covid19.go.id [Internet]. 2021 [cited 2021 Oct 

24]. Available from: 

https://covid19.go.id/peta-sebaran-covid19  

10. BPS. Statistik Komuter Jabodetabek 2019. 

2019; Available from: 

https://www.bps.go.id/publication/2019/12/04

/eab87d14d99459f4016bb057/statistik-

komuter-jabodetabek-2019.html  

11. BPS. Survei Sosial Ekonomi Nasional 

(Susenas). 2021; Available from: 

https://www.bps.go.id/indicator/30/222/1/pers

entase-penduduk-yang-mempunyai-keluhan-

kesehatan-selama-sebulan-terakhir.html  

12. Andersen R, Kravits J, Anderson OW. Equity 

in Health Services. Med Care. 1975 

May;15(5):452.  

13. Nurbojatmiko, Wahyuni R. Explaining 

acceptance of e-health services: An extension 

of TAM and health belief model approach. 

2017 5th Int Conf Cyber IT Serv Manag 

CITSM 2017. 2017 Oct 27;  

14. Zhao Y, Ni Q, Zhou R. What factors influence 

the mobile health service adoption? A meta-

analysis and the moderating role of age. Int J 

Inf Manage. 2018;43(August 2017):342–50.  

15. Lee J, Rho MJ. Perception of influencing 

factors on acceptance of mobile health 

monitoring service: A comparison between 

https://covid19.who.int/table
https://www.who.int/docs/default-source/searo/indonesia/covid19/maintaining-essential-health-services---ind.pdf?sfvrsn=d8bbc480_2
https://www.who.int/docs/default-source/searo/indonesia/covid19/maintaining-essential-health-services---ind.pdf?sfvrsn=d8bbc480_2
https://www.who.int/docs/default-source/searo/indonesia/covid19/maintaining-essential-health-services---ind.pdf?sfvrsn=d8bbc480_2
https://www.who.int/docs/default-source/searo/indonesia/covid19/maintaining-essential-health-services---ind.pdf?sfvrsn=d8bbc480_2
https://rri.co.id/humaniora/info-publik/1229251/buku-statistik-jkn-2015-2019-diluncurkan-hari-ini
https://rri.co.id/humaniora/info-publik/1229251/buku-statistik-jkn-2015-2019-diluncurkan-hari-ini
https://rri.co.id/humaniora/info-publik/1229251/buku-statistik-jkn-2015-2019-diluncurkan-hari-ini
https://www.who.int/news/item/01-06-2020-covid-19-significantly-impacts-health-services-for-noncommunicable-diseases
https://www.who.int/news/item/01-06-2020-covid-19-significantly-impacts-health-services-for-noncommunicable-diseases
https://www.who.int/news/item/01-06-2020-covid-19-significantly-impacts-health-services-for-noncommunicable-diseases
https://www.kominfo.go.id/content/detail/25779/presiden-apresiasi-telemedicine-kurangi-risiko-penularan-covid-19/0/berita
https://www.kominfo.go.id/content/detail/25779/presiden-apresiasi-telemedicine-kurangi-risiko-penularan-covid-19/0/berita
https://www.kominfo.go.id/content/detail/25779/presiden-apresiasi-telemedicine-kurangi-risiko-penularan-covid-19/0/berita
https://www.apjii.or.id/content/read/39/521/Laporan-Survei-Internet-APJII-2019-2020-Q2
https://www.apjii.or.id/content/read/39/521/Laporan-Survei-Internet-APJII-2019-2020-Q2
http://persi.or.id/wp-content/uploads/2020/06/materi_drbambangw_dirjenyankes_telemedicine.pdf
http://persi.or.id/wp-content/uploads/2020/06/materi_drbambangw_dirjenyankes_telemedicine.pdf
http://persi.or.id/wp-content/uploads/2020/06/materi_drbambangw_dirjenyankes_telemedicine.pdf
https://covid19.go.id/peta-sebaran-covid19
https://www.bps.go.id/publication/2019/12/04/eab87d14d99459f4016bb057/statistik-komuter-jabodetabek-2019.html
https://www.bps.go.id/publication/2019/12/04/eab87d14d99459f4016bb057/statistik-komuter-jabodetabek-2019.html
https://www.bps.go.id/publication/2019/12/04/eab87d14d99459f4016bb057/statistik-komuter-jabodetabek-2019.html
https://www.bps.go.id/indicator/30/222/1/persentase-penduduk-yang-mempunyai-keluhan-kesehatan-selama-sebulan-terakhir.html
https://www.bps.go.id/indicator/30/222/1/persentase-penduduk-yang-mempunyai-keluhan-kesehatan-selama-sebulan-terakhir.html
https://www.bps.go.id/indicator/30/222/1/persentase-penduduk-yang-mempunyai-keluhan-kesehatan-selama-sebulan-terakhir.html


 

270 

JOURNAL OF INDONESIAN HEALTH POLICY AND ADMINISTRATION Sept 2022, Vol. 7, No. 3, Page.262-272 

 
 users and non-users. Healthc Inform Res. 

2013;19(3):167–76.  

16. Drake C, Lian T, Cameron B, Medynskaya K, 

Bosworth HB, Shah K. Understanding 

Telemedicine’s “New Normal”: Variations in 

Telemedicine Use by Specialty Line and 

Patient Demographics. Telemed e-Health 

[Internet]. 2021 Mar 25 [cited 2021 Oct 

29];tmj.2021.0041. Available from: 

https://www.liebertpub.com/doi/10.1089/tmj.

2021.0041  

17. Luo J, Tong L, Crotty BH, Somai M, Taylor B, 

Osinski K, et al. Telemedicine Adoption 

during the COVID-19 Pandemic: Gaps and 

Inequalities. Appl Clin Inform [Internet]. 2021 

Sep 8 [cited 2021 Oct 30];12(04):836–44. 

Available from: http://www.thieme-

connect.com/products/ejournals/html/10.1055/

s-0041-1733848  

18. Fischer SH, Ray KN, Mehrotra A, Bloom EL, 

Uscher-Pines L. Prevalence and 

Characteristics of Telehealth Utilization in the 

United States. JAMA Netw Open [Internet]. 

2020 Oct 1 [cited 2021 Oct 

29];3(10):e2022302–e2022302. Available 

from: 

https://jamanetwork.com/journals/jamanetwor

kopen/fullarticle/2772162  

19. Mahmood A, Kedia S, Wyant DK, Ahn S, 

Bhuyan SS. Use of mobile health applications 

for health-promoting behavior among 

individuals with chronic medical conditions. 

Digit Heal [Internet]. 2019 [cited 2021 Oct 

30];5. Available from: 

https:///pmc/articles/PMC6791047/  

20. Bhuyan SS, Lu N, Chandak A, Kim H, Wyant 

D, Bhatt J, et al. Use of Mobile Health 

Applications for Health-Seeking Behavior 

Among US Adults. J Med Syst. 2016 Jun 

1;40(6).  

21. Alam M., Hu W, Barua Z. Using the UTAUT 

Model to Determine Factors Affecting 

Acceptance and Use of Mobile Health 

(mHealth) Services in Bangladesh 

Mohammad. J Stud Soc Sci. 2018;17(2):137–

72.  

22. Hoque R, Sorwar G. Understanding factors 

influencing the adoption of mHealth by the 

elderly: An extension of the UTAUT model. 

Int J Med Inform. 2017 May 1;101:75–84.  

23. Salesika, Sitorus RJ, Syakurah RA. ANALISIS 

FAKTOR-FAKTOR YANG 

MEMPENGARUHI PEMANFAATAN 

LAYANAN TELEMEDICINE PADA 

PESERTA JAMINAN KESEHATAN 

NASIONAL DI FASILITAS KESEHATAN 

TINGKAT PERTAMA KABUPATEN MUSI 

RAWAS [Internet]. Sriwijaya University; 

2021 [cited 2022 Mar 3]. Available from: 

https://repository.unsri.ac.id/59337/  

24. Oktarianita, Sartika A, Wati N, Ferasinta. 

Faktor Yang Berhubungan Dengan 

Pemanfaatan Pelayanan Kesehatan Pada Masa 

Pandemi Covid-19 Di Puskesmas Lingkar 

Barat. In: Prosiding Seminar Nasional 

UNIMUS. 2021. p. 1369–77.  

25. Siboro MD, Surjoputro A, Budiyanti RT. 

FAKTOR-FAKTOR YANG 

MEMPENGARUHI PENGGUNAAN 

LAYANAN TELEMEDICINE PADA MASA 

PANDEMI COVID-19 DI PULAU JAWA. J 

Kesehat Masy [Internet]. 2021 [cited 2022 Feb 

28];9(5). Available from: 

https://ejournal3.undip.ac.id/index.php/jkm/art

icle/view/30762/25819  

26. Jayanti RK, Burns AC. The antecedents of 

preventive health care behavior: An empirical 

study. J Acad Mark Sci. 1998;26(1):6–15.  

27. Ahadzadeh AS, Pahlevan Sharif S, Ong FS, 

Khong KW. Integrating Health Belief Model 

and Technology Acceptance Model: An 

investigation of health-related Internet use. J 

Med Internet Res. 2015;17(2).  

28. Mallampati D, Talati AN, Honart AW, 

Johnson JD, Vladutiu C, Menard K. 971 

Preferences and perceived needs for telehealth 

use among maternity care providers nationally. 

Am J Obstet Gynecol [Internet]. 2021 Feb 1 

[cited 2021 Oct 31];224(2):S602. Available 

from: 

http://www.ajog.org/article/S0002937820323

723/fulltext  

29. Chuttur M. Overview of the Technology 

Acceptance Model: Origins, Developments 

and Future Directions. Sprouts Work Pap Inf 

Syst. 2009;9:1–23.  

30. Deng Z, Hong Z, Ren C, Zhang W, Xiang F. 

What Predicts Patients’ Adoption Intention 

Toward mHealth Services in China: Empirical 

Study. JMIR Mhealth Uhealth 2018;6(8)e172 

https//mhealth.jmir.org/2018/8/e172 

[Internet]. 2018 Aug 29 [cited 2021 Nov 

1];6(8):e9316. Available from: 

https://mhealth.jmir.org/2018/8/e172  

https://www.liebertpub.com/doi/10.1089/tmj.2021.0041
https://www.liebertpub.com/doi/10.1089/tmj.2021.0041
http://www.thieme-connect.com/products/ejournals/html/10.1055/s-0041-1733848
http://www.thieme-connect.com/products/ejournals/html/10.1055/s-0041-1733848
http://www.thieme-connect.com/products/ejournals/html/10.1055/s-0041-1733848
https://jamanetwork.com/journals/jamanetworkopen/fullarticle/2772162
https://jamanetwork.com/journals/jamanetworkopen/fullarticle/2772162
https://pmc/articles/PMC6791047/
https://repository.unsri.ac.id/59337/
https://ejournal3.undip.ac.id/index.php/jkm/article/view/30762/25819
https://ejournal3.undip.ac.id/index.php/jkm/article/view/30762/25819
http://www.ajog.org/article/S0002937820323723/fulltext
http://www.ajog.org/article/S0002937820323723/fulltext
https://mhealth.jmir.org/2018/8/e172


 

271 

JOURNAL OF INDONESIAN HEALTH POLICY AND ADMINISTRATION Sept 2022, Vol. 7, No. 3, Page.262-272 

 
 

 
31. Bhattacherjee A. Individual Trust in Online 

Firms: Scale Development and Initial Test. 

https://doi.org/101080/074212222002110457

15  [Internet]. 2014 [cited 2021 Dec 

4];19(1):211–41. Available from: 

https://www.tandfonline.com/doi/abs/10.1080

/07421222.2002.11045715  

32. Yi MY, Yoon JJ, Davis JM, Lee T. Untangling 

the antecedents of initial trust in Web-based 

health information: The roles of argument 

quality, source expertise, and user perceptions 

of information quality and risk. Decis Support 

Syst. 2013 Apr 1;55(1):284–95.  

33. Gong Z, Han Z, Li X, Yu C, Reinhardt JD. 

Factors Influencing the Adoption of Online 

Health Consultation Services: The Role of 

Subjective Norm, Trust, Perceived Benefit, 

and Offline Habit. Front Public Heal. 2019 Oct 

4;7:286.  

34. Mou J, Shin DH, Cohen J. Health beliefs and 

the valence framework in health information 

seeking behaviors. Inf Technol People. 

2016;29(4):876–900.  

35. Wu D, Gu H, Gu S, You H. Individual 

motivation and social influence: a study of 

telemedicine adoption in China based on social 

cognitive theory. Heal Policy Technol. 2021 

Sep 1;10(3):100525.  

36. Wei TT, Marthandan G, Chong AYL, Ooi KB, 

Arumugam S. What drives Malaysian m-

commerce adoption? An empirical analysis. 

Ind Manag Data Syst. 2009 Mar 

20;109(3):370–88.  

37. Guo X, Han X, Zhang X, Dang Y, Chen C. 

Investigating m-Health Acceptance from a 

Protection Motivation Theory Perspective: 

Gender and Age Differences. 

https://home.liebertpub.com/tmj [Internet]. 

2015 Jul 28 [cited 2021 Dec 4];21(8):661–9. 

Available from: 

https://www.liebertpub.com/doi/abs/10.1089/t

mj.2014.0166  

38. Hair JF, Hult GTM, Ringle CM, Sarstedt M. A 

Primer on Partial Least Squares Structural 

Equation Modeling (PLS-SEM). Sage, 

Thousand Oaks, CA; 2014.  

39. De Veer AJE, Peeters JM, Brabers AEM, 

Schellevis FG, Rademakers JJDJM, Francke 

AL. Determinants of the intention to use e-

health by community dwelling older people. 

BMC Health Serv Res. 2015;15(1):1–9.  

40. French. JRP, Raven B. The Bases of Social 

Power. Stud Soc Power D Cart (Ed), Ann 

Arbor, Mich Inst Soc Itcsearch. 1959;150–67.  

41. Warshaw PR. A New Model for Predicting 

Behavioral Intentions: An Alternative to 

Fishbein: 

https://doi.org/101177/002224378001700201 

[Internet]. 2018 Nov 28 [cited 2022 Mar 

2];17(2):153–72. Available from: 

https://journals.sagepub.com/doi/10.1177/002

224378001700201  

42. Venkatesh V, Morris MG, Davis GB, Davis 

FD. USER ACCEPTANCE OF 

INFORMATION TECHNOLOGY: 

TOWARD A UNIFIED VIEW. 

2003;27(3):425–78. Available from: 

https://www.jstor.org/stable/30036540  

43. Verkijika SF, De Wet L. E-government 

adoption in sub-Saharan Africa. Electron 

Commer Res Appl [Internet]. 2018 [cited 2021 

Dec 9];30:83–93. Available from: 

https://doi.org/10.1016/j.elerap.2018.05.012  

44. Venkatesh V, Davis FD. Theoretical extension 

of the Technology Acceptance Model: Four 

longitudinal field studies. Manage Sci. 

2000;46(2):186–204.  

45. Octavius GS, Antonio F. Antecedents of 

Intention to Adopt Mobile Health (mHealth) 

Application and Its Impact on Intention to 

Recommend: An Evidence from Indonesian 

Customers. Int J Telemed Appl. 

2021;2021(March 2019).  

46. Nielsen BB. Trust in strategic alliances: 

Toward a co-evolutionary research model. 

http://dx.doi.org/101080/21515581201160351

0 [Internet]. 2011 Oct [cited 2021 Dec 

4];1(2):159–76. Available from: 

https://www.tandfonline.com/doi/abs/10.1080

/21515581.2011.603510  

47. An MH, You SC, Park RW, Lee S. Using an 

extended technology acceptance model to 

understand the factors influencing telehealth 

utilization after flattening the COVID-19 curve 

in South Korea: Cross-sectional survey study. 

JMIR Med Informatics. 2021 Jan 1;9(1).  

48. Lim N. Consumers’ perceived risk: sources 

versus consequences. Electron Commer Res 

Appl [Internet]. 2003 Sep;2(3):216–28. 

Available from: 

https://linkinghub.elsevier.com/retrieve/pii/S1

567422303000255  

https://doi.org/101080/07421222200211045715
https://doi.org/101080/07421222200211045715
https://www.tandfonline.com/doi/abs/10.1080/07421222.2002.11045715
https://www.tandfonline.com/doi/abs/10.1080/07421222.2002.11045715
https://www.liebertpub.com/doi/abs/10.1089/tmj.2014.0166
https://www.liebertpub.com/doi/abs/10.1089/tmj.2014.0166
https://journals.sagepub.com/doi/10.1177/002224378001700201
https://journals.sagepub.com/doi/10.1177/002224378001700201
https://www.jstor.org/stable/30036540
https://doi.org/10.1016/j.elerap.2018.05.012
https://www.tandfonline.com/doi/abs/10.1080/21515581.2011.603510
https://www.tandfonline.com/doi/abs/10.1080/21515581.2011.603510
https://linkinghub.elsevier.com/retrieve/pii/S1567422303000255
https://linkinghub.elsevier.com/retrieve/pii/S1567422303000255


 

272 

JOURNAL OF INDONESIAN HEALTH POLICY AND ADMINISTRATION Sept 2022, Vol. 7, No. 3, Page.262-272 

 
 49. Zhao D, Zhang Z. Changes in public trust in 

physicians: empirical evidence from China. 

Front Med 2018 134 [Internet]. 2018 Sep 7 

[cited 2022 Mar 5];13(4):504–10. Available 

from: 

https://link.springer.com/article/10.1007/s116

84-018-0666-4  

50. Oliveira T, Thomas M, Baptista G, Campos F. 

Mobile payment: Understanding the 

determinants of customer adoption and 

intention to recommend the technology. 

Comput Human Behav [Internet]. 2016 

Aug;61:404–14. Available from: 

https://linkinghub.elsevier.com/retrieve/pii/S0

747563216301972  

https://link.springer.com/article/10.1007/s11684-018-0666-4
https://link.springer.com/article/10.1007/s11684-018-0666-4
https://linkinghub.elsevier.com/retrieve/pii/S0747563216301972
https://linkinghub.elsevier.com/retrieve/pii/S0747563216301972

