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Abstract 
 

This study aims to determine the effect of household characteristics and 
children's living environment on child labor to reduce the likelihood of child 
labor occurrence. The data source of this research is Sakernas (Indonesian 
National Labor Force Survey) of August 2018, including school 
accreditation, household head gender, age, working sector, employment 
status, household size, dependency ratio, location, and school quality, towards 
the probability of child labor occurrence in Indonesia. Results suggest that the 
government must prioritize welfare programs for women household heads, 
asses the minimum age for marriage, improve education facilities, and 
increase parental awareness to eliminate child labor. The government needs 
to improve education infrastructure. This infrastructure improvement should 
be accompanied by the convenience of school access and its costs. The lack 
of education infrastructure, especialy in rural areas makes it difficult for 
children there to attend formal schooling. 
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INTRODUCTION 

Children should spend their time playing and learning new things to prepare 
them to become mature individuals in the future without being burdened with heavy 
responsibilities. However, many children are abandoned or forced to help their 
household economics, leading to the deprivation of their childhood. There are 152 
million child workers globally, equivalent to 9.6 percent of the children population, 
wherein about 72 million are doing hazardous work for themselves and their future 
(ILO, 2017). Criteria for hazardous work are work that physically, sexually, and 
psychologically abuses children, works with dangerous equipment, substances, 
processes, and places, or works too long (ILO, 2020). Research findings suggest 
that child labor adversely affects children's education (He, 2016) and health 
(Ibrahim et al. 2019). These findings reinforce the hypothesis that child labor can 
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hinder a child's development, the impact of which will become more pronounced 
as they grow up. Therefore, we must support all efforts to reduce and eliminate 
child labor. 

Child labor is common in low-income countries. For example, there was 
19.4% of child labor in low-income countries in 2016, whereas, in countries with 
higher GNI, the percentage of child labor was lower (ILO, 2017). Therefore, it 
indicates that welfare determines the number of child laborers. Some previous 
studies also indicate this and found that poverty is one of the determinants of child 
labor (Hamenoo et al. 2018). The higher the poverty rate of a country or region, the 
higher the number of child laborers. 

On the contrary, in their study, Basu et al. (2010) used land ownership as a 
wealth indicator to see the wealth effect has on child labor. The results show that 
land wealth will increase child labor but decrease when the household already has 
at least 4 acres (± 1.6 ha) of land; thus, Basu concludes that the relationship between 
land wealth and child labor is a reversed U-shape. Meanwhile, Bhalotra (2003) uses 
fishpond ownership as a wealth indicator. Through research in Pakistan and Ghana, 
Bhalotra found that wealth was positively related to child labor. Another study 
conducted by (Lima, et al. 2015) also used indicators of land ownership as wealth. 
The results show that wealth goes hand in hand with an increase in child labor, so 
they hypothesized that the so-called "wealth paradox" in child labor is driven by 
parents' preferences (households). 

The results of this study are interesting to explore because children grow 
and develop in a household. Therefore, the condition of the household will 
influence its development. Children do not have a mature mindset, so the household 
acts as a decision-maker in the child's life. It causes the household head to play a 
significant role in decisions concerning the lives of children, including in terms of 
work. Thus, the preference of the household head plays a more critical role in the 
child's decision to go to work than any other factor (Lima et al. 2015). Therefore, it 
is vital to know the characteristics of the household head concerning their influence 
on the existence of child labor in the household. 

Household characteristics, such as the household head's gender, age, 
occupation, and the number of household members, are known to influence child 
labor (Ali & Arabsheibani, 2017; Chong & Yanez-Pagans, 2019; Tang et al. 2018). 
However, there are contradictions in the results of previous studies on the effect of 
some household characteristics on child labor. Susanli et al. (2016) and Cummings 
(2016) found that parent’s education affects child labor, while Tang et al. (2018) 
and Afriyie et al. (2019) found that parent’s education had no significant effect.  

Furthermore, the household head gender has less influence on child labor, 
according to Tang et al. (2018), while Ali & Arabsheibani (2017) find that children 
are more likely to work if the household head is a woman, rather than man. 
Regardless, we will place a position supported by solid evidence and argument from 
observations on the household level of 96,971 children aged 11-17 years recorded 
in Indonesia's August 2018 Sakernas regarding their influence characteristics on the 
likelihood of child labor occurrence.  

In addition to the household, the child's home environment also affects the 
lives of children, including working, rural, and urban environments differ in terms 
of population density, infrastructure, and other socioeconomic conditions. For 
example, Webbink et al. (2012) found that children were less likely to work in urban 
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areas. It may be related to road infrastructure and educational facilities that are 
generally better, thus encouraging parents to send their children to school rather 
than work. Education variables are often researched concerning child labor, where 
they are related to children's participation in schools and education subsidies 
(Canagarajah & Coulombe, 1999; Ravallion & Wodon, 1999; Tang et al., 2018).  

In general, this study aims to determine the effect of household 
characteristics (household head’s gender, age, education, working sector, 
employment status, number of household members, and household dependency 
ratio) and environmental characteristics (household location and KLP) on the risk 
of children becoming child laborers in Indonesia. The urgency of this research is to 
provide information for the Indonesian government to fight child labor. Reducing 
child labor is essential because Indonesia has vowed to fulfill the sustainable 
development goals (SDGs), and one of the targets of the SDGs is to eliminate child 
labor by 2030. 

 
METHOD  

The Sakernas 2018, by Indonesian Statistics, provides data on child labor, 
child household characteristics, and residential location characteristics. In addition, 
the KLP data in a regency or city area was obtained from the National Accreditation 
Board for Schools or Madrasa (BANSM). This KLP data includes 54,007 primary 
and secondary school accreditation data throughout Indonesia in 2018, which 
BANSM has assessed. Specifically, the measurement of this data is expressed by 
the percentage of primary and secondary schools that are accredited at least Good 
(B) in one regency or city, so the KLP data is in the form of aggregate data at the 
regency or city level. On the other hand, the Sakernas data is in the form of 
individual child data. Therefore, when these two data are combined, it will result in 
children's KLP data in the same regency or city. We analyze the combined data 
using the Binary Logistic (logit) model. 

The logit model can estimate binary response opportunities based on a set 
of predictor variables (Putri & Prasetyani, 2021). The dependent variable in the 
logit model has two possible values (binary), which are "1" if it meets specific given 
criteria or "0" if otherwise (Dawood et al. 2019). Among the advantages of the logit 
model is that the relationship continuity between the dependent and independent 
variables is unnecessary. Moreover, the dependent variable does not have to be 
normally distributed. In addition, it does not have to be protected from 
heteroskedasticity (Yah, 2020). Previous researchers have widely used the logit 
model to determine the determinants of child labor (Afriyie et al. 2019; Ali & 
Haszelinna, 2016; Binci & Giannelli, 2016; Chakrabarty, 2015; Cummings, 2016; 
(Oryoie et al. 2017). The following equation shows our logistic regression model:  

 
Ln! !!

"#	!!
"  = Zi = β0 + β1X1 + β2X2 + β3X3 + ,,, + βnXn   (1) 

 
Wherein Pi is a Bernoulli random variable that is defined as the probability 

that the ST variable is valued 1 with condition Z as follows: 
 
Pi = E (ST = 1 │Zi ) =   "

"%	&"#$
         (2) 
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The 1 - Pi is the probability that the variable ST is zero and  !!
"#	!!

 is the odds 
ratio value that a child falls into the category of child labor (ST = 1). In addition, 
the random variable εi defines the marginal change in probability, which is assumed 
to follow a normal distribution with a mean of zero and variance   "

'!!!("#	!!)
  where 

N is the number of children. 
The object of this study is children aged 11-17 years recorded in the August 

2018 Sakernas. The dependent variable in this study is child labor (PA) which is 
defined as follows: 

 
PA =  # 1 ∶ 𝐶ℎ𝑖𝑙𝑑	𝑙𝑎𝑏𝑜𝑟

2: 𝑂𝑡ℎ𝑒𝑟	𝐶𝑜𝑛𝑑𝑖𝑡𝑖𝑜𝑛 
 
Meanwhile, the independent variables are 1) the household head (JKKRT), 

which is a binary variable with “1” representing male and “0” representing female, 
2) the household head Age (UMRKRT) in years, 3) the household head education 
(SEKRT) as measured by the length of the school year, 4) the household head 
working sector (TANI) with “1” representing the agricultural sector, while “0” if 
otherwise, 5) the household head employment status (BURUH) with “1” 
representing the status as a worker/employee/free-worker and “0” if others, 6) 
Dependency ratio (DEP) with “1” if the number of non-productive household 
members is more than the productive members (high dependency) and “0” if other 
than that (low dependency), 7) the location of the household (KOTA) is “1” if in 
urban areas and “0” if rural, and 8) Quality of educational institutions (KLP) the 
percentage of schools that are accredited at least Good (B) in the Regency or City 
where children live. Thus, the research model is as follows: 

 
PA = β0 + β1JKKRT + β2UMRKRT + β3SEKRT + β4TANI + β5BURUH  
 + β6JUM+ β7DEP +β8KOTA + β9KLP + ε (3) 
  
 

RESULTS AND DISCUSSION 
As many as 187.420 households were sampled in August 2018 Sakernas. 

There are 96.971 children of 11-17 years from all the sample households. However, 
several regions did not have KLP data; thus, we omit as many as 688 children aged 
11-17 years old. Table 1 provides a comparative description of the characteristics 
of child households involved in child labor with those not child laborers. Table 1 
shows 3,652 child workers from 96,971 child data samples in Sakernas in August 
2018, equivalent to 3.77 percent of all registered children, and the rest are not child 
laborers. Of the child laborers, 60 percent are men, and 40 percent are women. It 
indicates that men still dominate child labor in Indonesia. The household head age 
ranged between 41 to 64 years, around 71.2 percent. The household head gender is 
primarily male. 
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Table 1. Descriptives of Children Based on Household Characteristics 

Household 
characteristics 

Non-child labor Child labor Total 

Men Wome
n 

Total 
Men Wom

en 
Total 

Men Wome
n 

Total 

Sum % Sum % Sum % 

Total 48.084 45.235 93.319 96,23 2.188 1.464 3.652 3,77 50.272 46.699 96.971 100 

Househ
old head 
age 

<= 40 years 10.939 10.224 21.163 21,82 577 415 992 1,02 11.516 10.639 22.155 22,85 
41 - 64 
years 34.380 32.237 66.617 68,70 1.490 951 2.441 2,52 35.870 33.188 69.058 71,22 

>= 65 years 2.765 2.774 5.539 5,71 121 98 219 0,23 2.886 2.872 5.758 5,94 

Househ
old head 
gender 

Women 5.071 4.788 9.859 10,17 308 216 524 0,54 5.379 5.004 10.383 10,71 

Men 43.013 40.447 83.460 86,07 1.880 1.248 3.128 3,23 44.893 41.695 86.588 89,29 

Househ
old head 
educatio
n 

<= Ele sch 22.823 21.672 44.495 45,88 1.454 801 2.255 2,33 24.277 22.473 46.750 48,21 

High sch  20.884 19.413 40.297 41,56 682 577 1.259 1,30 21.566 19.990 41.556 42,85 
University 4.377 4.150 8.527 8,79 52 86 138 0,14 4.429 4.236 8.665 8,94 

Househ
old head 
field of 
business 

Agricultural 
sector 17.624 16.552 34.176 35,24 1.074 618 1.692 1,74 18.698 17.170 35.868 36,99 

Others 30.460 28.683 59.143 60,99 1.114 846 1.960 2,02 31.574 29.529 61.103 63,01 

Depen-
dency 
ratio 

High 
dependency 40.379 37.828 78.207 80,65 1.688 1.101 2.789 2,88 42.067 38.929 80.996 83,53 

Low 
dependency 7.705 7.407 15.112 15,58 500 363 863 0,89 8.205 7.770 15.975 16,47 

Househ
old 
location 

Rural 26.547 24.918 51.465 53,07 1.471 914 2.385 2,46 28.018 25.832 53.850 55,53 

Urban 21.537 20.317 41.854 43,16 717 550 1.267 1,31 22.254 20.867 43.121 44,47 

Source: Sakernas August 2018, data processed 
 
 
Meanwhile, the household head's education mostly graduated from 

elementary school or may not even finish whether the household is from child labor. 
Even though Indonesia is an agricultural country, the household head field of work 
in the agricultural sector is smaller when compared to all non-agricultural sectors, 
which is 46,3 percent. The majority of child households are in rural areas, and the 
most dependency ratio is low dependency. 
 

 
Figure 1. Quality of Educational Institutions in Indonesian Regencies/Cities 2018 

Source: BANSM, data processed 
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The average quality of educational institutions in Indonesia is 82 percent, 
meaning 82 percent of schools or madrasah (Islamic schools) in Indonesia already 
have good quality (minimum accreditation B) by the expected standards. However, 
there are quite striking differences when viewed by Indonesia's regency or city area. 
For example, in Figure 1, the regency or city number 1-151 is in Sumatra, 152-270 
in Java, and 271-510 in Kalimantan and Eastern Indonesia. The KLP is already 
good in the Java region, where the percentage of schools in the region is generally 
above average. However, there are more regions with low and below average KLP 
rates in regions outside Java, especially in the eastern region. It shows that there are 
still gaps in the quality of educational institutions in Indonesia. 

As for seeing the relationship between household characteristics and 
regional characteristics with child labor, as seen in the logistic regression result in 
Table 2. By considering the last three lines, the significance of the Hosmer and 
Lemeshow-Test is greater than 0.05, so there is no difference between the model 
and its observational values significant. On the other hand, the significance of the 
Omnibus-Test is smaller than 0.05, meaning that there is at least one independent 
variable that significantly influences the dependent variable. These two tests 
indicate that the model is appropriate for estimating the dependent variable. The 
estimation accuracy as shown from the Overall Percentage value, which is 96.2 
percent. 

Through the coefficients in Table 2, we can write the model as follows. 
 

PA = - 1.905 – 0.297JKKRT – 0.015UMRKRT – 0.062SEKRT + 0.071TANI  
 - 0.177BURUH + 0.04JUM + 0.352DEP – 0.155KOTA – 0.154KLP     (4) 

 
A negative sign of intercept indicates that children tend to avoid child labor if they 
are not influenced by the characteristics of the household and the environment. 
Whereas if influenced by household and environmental characteristics such as the 
male head of household, 48 years old, graduated elementary school (6 years), 
worked in agriculture as a laborer with five household members with high 
dependency in rural areas and 75% KLP is 

 
PA = - 1.905 – 0.297(1) – 0.015(48)- 0.062(6)+ 0.071(1) - 0.177(1)+ 0.04(5)+ 

 0.352(1) - 0.155(0) - 0.154(0.75) 
       = -3,1185 
  P  = *%&

"%	*%&
 =	 *"',))*+

"%	*"',))*+
 = 0.0423 

 
So the risk of children becoming child laborers with these characteristics is 4.23 
percent. 

 Through the Wald test's significance, independent variables that have a 
significant effect on child labor can be found. All independent variables tested 
significantly affect child labor, but to different levels. For example, in addition to 
the business activities of household heads and KLP, which are significant at the 10 
percent level, other independent variables are significant at the 1 percent level. The 
gender coefficient of household heads (JKKRT) is negative. Because this variable 
is coded 1 for boys, this coefficient indicates that children in a household headed 
by a woman are more likely to be child labor by 1/0.743 = 1.34 times than children 
in the household that males head. The head of the household is the person most 
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responsible in the family. In a country where most people adhere to patrilineal, the 
household head is male, wherein in Indonesia, in 2018, the percentage of male 
household heads was 84.83 percent (BPS, 2019). As for women, they do more work 
in the household. It results in those men being more prepared to lead the household 
than women. In a situation where a woman must be the head of the household, she 
needs to adjust to this role, especially in terms of meeting household needs. 
Children are more likely to work if the woman, being the head household, does not 
meet their needs. 

 
Table 2. Variables in the Equation 

Variable Coefficient (B) S.E. Wald P-Value Exp(B) 
JKKRT -0.297 0.051 33.333 0.000 0.743 
UMRKRT -0.015 0.002 69.459 0.000 0.985 
SEKRT -0.062 0.004 257.896 0.000 0.940 
TANI 0.071 0.040 3.131 0.077 1.074 
BURUH -0.177 0.039 20.546 0.000 0.838 
JUM 0.040 0.010 15.179 0.000 1.040 
DEP 0.352 0.042 71.199 0.000 1.422 
KOTA -0.155 0.041 14.672 0.000 0.856 
KLP -0.154 0.088 3.079 0.079 0.858 
Constant -1.905 0.128 223.154 0.000 0.149 
Hosmer and Lemeshow-Test 0.054  
Omnibus-Test 0.000  
Overall Percentage 96.20  
Total Observation 96,283  

Source: Authors’ calculations 
 

Older household heads reduce the risk of children in the household 
becoming child laborers. One year increase in the household head age is in line with 
a decrease of 0.985 times the risk of children becoming child laborers. It is because 
older household heads have more life experience. This experience can also make it 
wiser to make children's decisions, including for work. Therefore, children in 
households with older household heads are less likely to become child laborers. 
This result is in line with research by Ali & Arabsheibani (2017), the age of the 
head of the household has a negative relation to the incidence of child labor. 

The variable of the head of household education significantly influences 
child labor. The sign of the education coefficient of household heads is negative, 
which is -0.062, which means the length of schooling of the head of the household 
is in line with the reduction in child labor. A one-year increase in the head of 
household education will reduce the risk of a child becoming child labor 0.94 times 
as much as the odds ratio for the education of household heads by 0.94. These 
findings confirm the research results from Cummings (2016), Ali & Arabsheibani 
(2017), where the education of household heads is negatively related to the 
opportunities for children to become child laborers. With better education, the head 
of the household will enable him to work or get a better income so that children no 
longer need to work. Besides, education will affect the household head's knowledge 
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of the negative effects of child labor so that it will certainly be difficult to permit 
children in their households to work. 

Children in agricultural households are at greater risk of becoming child 
labor 1.074 times than children in non-agriculture. This result is in line with the 
findings of (Tang et al. 2018) that the involvement of households in the non-
agricultural sector is negatively related to child labor in China. Children's 
participation at work in their household agriculture as unpaid labor is generally in 
light jobs such as at harvest. However, the household is less aware that the work 
time is longer than the child deserves. In line with these results, the variable of the 
work status of the head of the household as laborer/employee/free-worker is 
negatively related to child labor. It means that if the household head has the status 
of outside employment, namely as an entrepreneur or not working at all, it will 
increase the risk of child labor in the household by 1/0.838 = 1.19 times. The August 
2018 Sakernas results found that most child workers (60.8 percent) were family or 
unpaid workers. It informs that child workers are involved in their household 
businesses so that household heads who as entrepreneurs are more likely to involve 
their children to work than the head of the household as a laborer. 

Agricultural households are primarily in rural areas, so children in rural 
areas are also more at risk of child labor than children in urban areas 1/0.856 = 
1.168 times. Besides the factor of agricultural households, the increased risk of 
child labor in rural areas is due to the lack of educational facilities and more difficult 
access to achieve this than in urban areas. Tang et al. (2016) also found the same 
thing that the factor of residence of children in rural areas has the opportunity to 
increase child labor. Large households tend to send their children to the workforce, 
as seen from the coefficient of the number of positive household members. The 
addition of one household member is associated with an increase in the opportunity 
for children in the household to become child labor 1.04 times.  

The greater the number of household members, their needs will also 
increase. If adults cannot meet these needs, they will send children to the workforce 
to help meet household needs. A similar result found by Nengroo & Bhat (2017) 
suggests that the family's size forced children to enter the labor market at an early 
age. Correspondingly, many household members followed by high dependency 
increasingly force children in the household to work. High dependency indicates 
that fewer people are more productive to work than non-productive people. So they 
have a greater burden in meeting household needs. Children are more likely to work 
if productive members can no longer bear the burden. Children in high dependency 
households are 1.422 times more likely to be child laborers than children in low 
dependency households. These results confirm the findings of (Priyambada et al. 
2005) that the dependency ratio is in line with the incidence of child labor. 

A good quality educational institution will encourage households to send 
their children to school (Bae, 2007). Meanwhile, the presence of children in school 
automatically reduces the time children do other activities, especially work, and 
will undoubtedly lead to a reduction in child labor (Canagarajah & Coulombe, 
1999). It is evident in this study that the quality of good educational institutions is 
related to the reduction of child labor, where an increase of one percent of schools 
that are accredited minimally both in regency or cities where children live affects 
reducing child labor by 0.858 times. What can we do with the results of this study? 
Formulating policies to reduce child labor is one of the more values expected in this 
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study. Government should prioritize Household welfare improvement programs, 
especially for households headed by single women. The women became the 
household head due to several problems, such as the household head who had 
previously died, causing the children to be orphaned. Novella (2018) found that 
orphans tend to work and not go to school. 

The minimum age limit for marriage needs to be studied more closely. 
Immature marriages will tend to make their children enter the workforce early, 
burdening the next generation. Mature age is also marked by adequate education 
provision before marriage. A good education will make it easier for them to get a 
better income. Besides, they will have wisdom in making decisions in the 
household, including the possibility of working for their children later. They also 
need to plan well the number of their children later. The number of household 
members is closely related to the magnitude of the cost of meeting the needs of life. 
The number of qualified large household members will be a potential for welfare, 
but if not qualified, it will be a burden, including for the children themselves. 

Parental awareness is vital in preventing their children from the adverse 
effects of child labor. Children's participation in domestic business needs to pay 
close attention to the child's age and working hours. Therefore, it does not interfere 
with physical, mental, and spiritual development and does not interfere with their 
study time. Children 12 years or younger may not work at all. Older children may 
help with light work no more than 15 hours a week for children aged 13-14 years 
and no more than 40 hours a week for children aged 15-17 years. Work that involves 
children should be work that contributes to the development of children and gives 
them additional skills and experience and helps them prepare to become productive 
members of society in the future. 

 The government needs to improve education infrastructure. This 
infrastructure improvement should be accompanied by the convenience of school 
access and its costs. The lack of education infrastructure, especialy in rural areas 
makes it difficult for children there to attend formal schooling, so it encourages 
them not to go to school, and work is a positive activity that they might do. It is 
worth noting that through data processing in August 2018 Sakernas, it turns out that 
the majority (53.4 percent) of child laborers are children who are active in school. 
They combine functions as students and economic actors. Increasing KLP can at 
least make the portion of their function as students can be greater than as economic 
actors. 

 
CONCLUSION 

The contribution of this research in the literature is to determine the 
opportunities for children to become child laborers based on household 
characteristics and their environment as a reference in efforts to eliminate child 
labor. Using Sakernas Indonesia data for August 2018, it was found that household 
quality is in line with the opportunity to reduce child labor. In contrast, the 
household head's working status, the number of household members, and high 
dependency in the household tend to increase child labor. To reduce the occurrence 
of child labor,  the government must prioritize welfare improvement programs for 
households led by women, assess the minimum marriage age, and control the 
population. Government should also improve the quality of education, and raise 
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parent awareness of the adverse effects of child labor.  Future studies can consider 
adding household welfare variables.  
 
REFERENCES 
Afriyie, L. T., Saeed, B. I., & Alhassan, A. (2019). Determinants of child labour 

practices in Ghana. Journal of Public Health, 27(2), 211–217. 
https://doi.org/https://doi.org/10.1007/s10389-018-0935-3 

Ali, D. H. A., & Haszelinna, D. (2016). Incidence of Child Labour in Indonesia: 
Determinants, Trade-off Between Work and School, Non-leisure Time 
Allocation and Son Preference. Swansea University. 

Ali, D. H. binti A., & Arabsheibani, G. R. (2017). Child labour in Indonesia: supply-
side determinants. Economics and Finance in Indonesia, 62(3), 162. 
https://doi.org/10.7454/efi.v62i3.555 

Bae, S. H. (2007). The relationship between ISO 9000 participation and educational 
outcomes of schools. Quality Assurance in Education. 

Bhalotra, S. (2003). Child farm labor: The wealth paradox. The World Bank 
Economic Review, 17(2), 197–227. https://doi.org/10.1093/wber/lhg017 

Binci, M., & Giannelli, G. C. (2016). Internal versus international migration: 
Impacts of remittances on child labor and schooling in Vietnam. International 
Migration Review, 52(1), 1–23. 
https://doi.org/https://doi.org/10.1111/imre.12267 

Canagarajah, S., & Coulombe, H. (1999). Child Labor and Schooling in Ghana. 
https://doi.org/https://doi.org/10.1596/1813-9450-1844 

Chakrabarty, S. (2015). A nexus between child labour and microfinance: an 
empirical investigation. Economic Papers: A Journal of Applied Economics 
and Policy 34, No. 1-2 (2015): 76-91., 34(1), 76–91. 
https://doi.org/https://doi.org/10.1111/1759-3441.12098 

Chong, A., & Yanez-Pagans, M. (2019). Not so fast! cash transfers can increase 
child labor: Evidence for Bolivia. Economics Letters, 179, 57–61. 
https://doi.org/https://doi.org/10.1016/j.econlet.2019.03.021 

Cummings, P. M. (2016). Child labor and household composition: Determinants of 
child labor in Mexico. Asian Journal of Latin American Studies 29, No. 3 
(2016): 29-54., 29(3), 29–54. 

Dawood, T. C., Pratama, H., Masbar, R., & Effendi, R. (2019). Does financial 
inclusion alleviate household poverty? Empirical evidence from Indonesia. 
Economics & Sociology, 12(2), 235-252. https://doi.org/DOI: 10.14254/2071-
789X.2019/12-2/14 

He, H. (2016). Child labour and academic achievement: Evidence from Gansu 
Province in China. China Economic Review, 38, 130–150. 
https://doi.org/10.1016/j.chieco.2015.12.008 

Ibrahim, A., Abdalla, S. M., Jafer, M., Abdelgadir, J., & De Vries, N. (2019). Child 
labor and health: A systematic literature review of the impacts of child labor 
on child’s health in low- and middle-income countries. Journal of Public 
Health, 41(1), 18–26. https://doi.org/https://doi.org/10.1093/pubmed/fdy018 

ILO. (2017). Global estimates of child labour: Results and trends, 2012-2016. 
https://doi.org/https://doi.org/10.1016/j.soilbio.2011.02.006 

ILO. (2020). The worst forms of child labour. Retrieved from The worst forms of 
child labour website: 



 Jurnal Ekonomi dan Studi Pembangunan, 14 (1), 2022 
 ISSN 2086-1575   E-ISSN 2502-7115 

 82 

https://www.ilo.org/ipec/Campaignandadvocacy/Youthinaction/C182-Youth-
orientated/worstforms/lang--en/index.htm 

Lima, L. R., Mesquita, S., & Wanamaker, M. (2015). Child labor and the wealth 
paradox: The role of altruistic parents. Economics Letters, 130, 80–82. 
https://doi.org/https://doi.org/10.1016/j.econlet.2015.03.005 

Novella, R. (2018). Orphanhood, household relationships, school attendance and 
child labor in Zimbabwe. Journal of International Development, 30(5), 725–
744. https://doi.org/https://doi.org/10.1002/jid.3353 

Oryoie, A. R., Alwang, J., & Tideman, N. (2017). Child labor and household land 
holding: Theory and empirical evidence from Zimbabwe. World Development, 
100, 45–58. https://doi.org/https://doi.org/10.1016/j.worlddev.2017.07.025 

Priyambada, A., Suryahadi, A., & Sumarto, S. (2005). What happened to child 
labor in Indonesia during the economic crisis? The trade-off between school 
and work. Jakarta. 

Putri, E. I. S., & Prasetyani, D. (2021). New evidence of individual level of 
happiness in Indonesia: Does Easterlin Paradox matter? Jurnal Ekonomi Dan 
Studi Pembangunan, 13(1), 60-71. 

Ravallion, M., & Wodon, Q. (1999). Does child labor displace schooling? Evidence 
on behavioral responses to an enrollment subsidy. 

Susanli, Z. B., Inanc-Tuncer, O., & Kologlugil, S. (2016). Child domestic labour 
and mothers’ employment in Turkey. Economic Research-Ekonomska 
Istraživanja, 29(1), 967–979. 
https://doi.org/https://doi.org/10.1080/1331677X.2016.1204100 

Tang, C., Zhao, L., & Zhao, Z. (2018). Child labor in China. China Economic 
Review, 51, 149–166. 
https://doi.org/https://doi.org/10.1016/j.chieco.2016.05.006 

Webbink, E., Smits, J., & de Jong, E. (2012). Hidden child labor: Determinants of 
housework and family business work of children in 16 developing countries. 
World Development, 40(3), 631–642. 
https://doi.org/10.1016/j.worlddev.2011.07.005 

Yah, N. C. (2020). The political economy of financial reforms in Cameroon. Jurnal 
Ekonomi Dan Studi Pembangunan, 12(2), 127-142. 

 


