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Abstract
Research Summary: When a firm and a competitor

collaborate with the same partner, they compete for

the shared partner's resources and attention. Such

“peer competition” has been shown to negatively affect

a firm's access to resources and its performance.

One might expect that also the employees’ careers to

suffer as a result. However, we argue that the firm's

employees benefit from such collaborations. They lever-

age these collaborations to build social capital—
helping their mobility and careers. We find empirical

support for our theory using a large sample dataset of

video game companies. Our study points to an impor-

tant yet hitherto neglected agency conflict: employees

seek interfirm collaborations that benefit them person-

ally but hurt their firm.
Managerial Summary: We show that some alliances

can be detrimental to a firm's performance yet can ben-

efit its employees. Specifically, we find that collaborat-

ing with the same partner as a competing firm hurts

firm performance but can be leveraged by employees to

advance their careers—by using the opportunity to

connect with competing firms and find better job

opportunities. We also find that firms often take on

more collaboration than is good for them but entering
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many collaborations can benefit employees. Our study

shows that the interests of firms and their employees

are not always aligned when it comes to interfirm

collaborations.
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1 | INTRODUCTION

When developing and commercializing new products, firms often collaborate with partners to
access complementary resources (Ahuja, 2000; Baum & Silverman, 2004; Gulati, 1998;
Stuart, 2000). Such collaborations are common in various empirical contexts, for example,
between technology ventures and corporations (Diestre & Rajagopalan, 2012; Dushnitsky &
Lavie, 2010; Hallen, Katila, & Rosenberger, 2014), movie studios and movie publishers
(Vandaie & Zaheer, 2015), biotech and pharma (Powell, White, Koput, & Owen-Smith, 2005;
Rothaermel & Hill, 2005), or start-ups and investors (Bernstein, Giroud, & Townsend, 2016;
Hallen, 2008; Pahnke, Katila, & Eisenhardt, 2015a; Zhelyazkov & Tatarynowicz, 2021).

Partners with complementary resources often collaborate not only with the focal firm but
also with its competitors. These simultaneous collaborations expose all the firms in the partner's
portfolio to peer competition, whereby they have to compete for the resources of the shared part-
ner. Research shows that such peer competition negatively affects firms’ access to resources
and performance (Aggarwal, 2020; Ozmel & Guler, 2015; Pahnke, McDonald, Wang, &
Hallen, 2015b). However, despite these negative implications, collaborations that expose firms
to peer competition are quite common. One would expect that firms’ employees take action to
avoid such collaborations as these collaborations can be expected, ceteris paribus, to also hurt
their careers (Faulkner & Anderson, 1987; Phillips, 2001; Sutton & Callahan, 1987). We hypoth-
esize, however, that the ceteris paribus assumption does not hold. We suggest that such collabo-
rations benefit employees by allowing them to build social capital, which they use in turn to
advance their careers. If true, this would indicate an agency conflict: employees may pursue
interfirm collaborations that benefit their careers at the expense of firm performance.

We test our theory on the divergent outcomes of such collaborations—bad for the business,
beneficial for the employee—by studying collaborations between video game developers (firms)
and publishers (partners). The video game industry, which has been examined in other studies
(e.g., Lee, 2022; Mollick, 2012; Rietveld & Eggers, 2018), is an apt testing ground for two rea-
sons. First, publishers collaborate with different sets of developers, which results in variation in
the degree of peer competition (i.e., the explanatory variable). Second, fine-grained data on indi-
viduals, products, and firms allow us to track collaboration success and the evolution of
employees' careers. Beyond compiling and analyzing a comprehensive data set, we also con-
ducted 38 interviews with industry experts to deepen our understanding of the industry and
strengthen our research design.

We start by replicating research on the negative effect of peer competition on firm perfor-
mance. We then test and find supporting evidence for our theory on the positive effect of peer
competition on employees' careers. Finally, we explore the underlying mechanisms and find
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that peer competition allows employees to develop their social capital, and helps them to find
better job opportunities, thus benefitting them personally.

Our study contributes to the literature on inter-organizational collaborations and alliance
portfolios (Baum & Silverman, 2004; Gulati, 1998; Hallen et al., 2014; Lavie, 2007; Ozcan &
Eisenhardt, 2009). We start out by replicating research on the adverse effect of peer competition
among firms collaborating with the same partner (Aggarwal, 2020; Ozmel & Guler, 2015;
Pahnke et al., 2015b) and by extending it to a different context by consolidating previous results.
The finding that interorganizational collaborations shape employees' mobility and careers also
complements work on interorganizational collaborations that examined how employees' social
networks shape interorganizational collaborations (Broschak, 2004; Devarakonda, Pavi�cevi�c, &
Reuer, 2022; Dokko & Rosenkopf, 2010; Rogan, 2014; Somaya, Williamson, & Lorinkova, 2008;
Young-Hyman & Kleinbaum, 2020). We examine the reverse: how interorganizational collabo-
rations can help employees develop their social capital. Our study further provides an alterna-
tive portrait of partners' alliance portfolios. They are not just an arena for interfirm peer
competition but also a seedbed for employees' social capital.

We also contribute to research on employee mobility and careers. A rich body of work has
examined how different features of organizations affect peoples' mobility and careers (Bidwell,
Won, Barbulescu, & Mollick, 2015; Burton, Sørensen, & Beckman, 2002; Chattopadhyay &
Choudhury, 2017; Kacperczyk & Younkin, 2021; Mawdsley & Somaya, 2016; Small, 2009; Sor-
enson, Dahl, Canales, & Burton, 2021). We complement this work by highlighting an essential
but neglected organizational feature: interorganizational collaborations. We illustrate how inter-
firm alliances provide employees with the chance and coverage to develop their social
capital—eventually benefitting their careers.

Our broadest—and probably most important—contribution lies in uncovering a potential
agency conflict in interfirm collaboration: employees may favor alliances that benefit them-
selves personally but hurt their employer. Despite an abundance of research on agency conflicts
between employees and employers as well as interfirm alliances, these two literatures have yet
to speak to one another. We are not the first to point out that firms often pick the wrong partner
(Rogan & Sorenson, 2014; Sorenson & Waguespack, 2006), but we add an important twist: what
may be the “wrong” partner for the firm may be the “right” partner for its employees.

2 | THEORETICAL BACKGROUND AND HYPOTHESES

2.1 | Collaborations between firms and their partners

Firms working on new ideas often benefit from collaborating with partners. Partners support
them by providing complementary resources (Baum & Silverman, 2004; Hallen, Cohen, &
Bingham, 2020; Yu, 2020) or helping them to connect with others, for example, with start-ups
(Hallen et al., 2014; Pollock & Gulati, 2007), investors (Zhang, Gupta, & Hallen, 2017;
Zhelyazkov & Gulati, 2016) and the media (Petkova, Rindova, & Gupta, 2013; Santos &
Eisenhardt, 2009).

Although such benefits are possible, they are far from guaranteed. While the firm and its
partner may have an agreement about the support the partner is supposed to provide, such
agreements often fall apart (Contractor & Reuer, 2014; Faulkner & Anderson, 1987). Also, cer-
tain kinds of support such as providing advice and making introductions, are difficult to con-
tract for. Consequently, support is mainly at the partner's discretion so that firms constantly
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face the risk of their partner reducing or stopping its support (Guler, 2007; Katila, Piezunka,
Reineke, & Eisenhardt, 2022; Ozmel & Guler, 2015; Zhelyazkov & Gulati, 2016).

2.2 | Peer competition among firms collaborating with the same
partner

Whether and to what degree a partner supports a firm depends partly on whether it also collab-
orates with that firm's competitors. While it may seem plausible that the firm could benefit
from such an indirect linkage to competitors (Bothner, 2003; Clough & Piezunka, 2020;
Waldinger, 2012), research shows that such linkages result in peer competition, which reduces
the support that firms receive from their partner and the focal firm's success (Aggarwal, 2020;
Ozmel & Guler, 2015; Pahnke et al., 2015b; Zhelyazkov, 2018). Prior studies suggest that the
extent to which peer competition reduces the partner's support will depend on the number and
the quality (or superiority) of peers through the following three main mechanisms.

First, other firms collaborating with the same partner—particularly superior ones—reduce
the focal firm's access to a partner's resources. Because a partner's resources—especially its
attention—are limited (March & Simon, 1958; Ocasio, 1997; Piezunka & Dahlander, 2015), the
number of peers is inversely proportional to the attention they can receive. Such peer competi-
tion may be difficult for the partner to attenuate, as certain resources cannot be scaled
(Levinthal & Wu, 2010). For example, a book publisher can market only one author's book as
“book of the year”. The negative effect of peer competition is unequally distributed as partners
will distribute the nonscalable resources unequally—focusing resources on the most promising
firms in their portfolio (Ozmel & Guler, 2015).1 This resource allocation is thus most harmful to
firms that face competition from superior peers. In brief, peer competition, particularly with
superior peers, hinders firms’ access to the partner's resources and limits performance.

Second, peer competition can result in harmful leakage of information. While firms must
grant their partner access to proprietary information to get feedback on their progress, there is
evidence that partners pass on information to peer firms (Garg & Eisenhardt, 2017). Clearly,
such leakage can be harmful to firms (Pahnke et al., 2015b). While firms may control how
much information they share with their partner, they cannot control leakage to peer firms with
which they are indirectly connected. Such leakage is most harmful to firms with a low relative
standing, as partners are likely to focus their advice on superior peers in which they see the
most potential. Such firms are therefore more likely to be harmed by the partner's knowledge
brokering. Of course, firms may choose not to share information with a partner in the presence
of peer competition (Hernandez, Sanders, & Tuschke, 2015), but the consequences of this may
be even worse, as they will miss out on helpful feedback during product development (Brown &
Eisenhardt, 1997; MacCormack, Verganti, & Iansiti, 2001).

Third, peer competition can result in detrimental conflict. Peer firms are structurally equivalent
as they compete for the partner's resources and potential for the same consumers. Research shows
that structural equivalence can turn competition into a conflict where peers attack one another
(Gould, 2003; Li & Piezunka, 2020; Piezunka, Lee, Haynes, & Bothner, 2018a). When collaborating
with the same partner, such conflict is particularly likely given its importance (Piezunka, Lee,

1Partners tend to discriminate among the firms they collaborate with to maximize return. As the success of
collaborations is often skewed, partners would rather focus their resources than spread them equally. They also need to
make sure to differentiate their portfolio and may thus cull it (Katila et al., 2022; Pahnke et al., 2015b).
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Haynes, & Bothner, 2018b): winning the upstream competition for the partner's resources substan-
tially increases their chances of winning the downstream competition for consumers (Ozmel &
Guler, 2015). Firms of low relative standing are particularly likely to become involved in the con-
flict; they are concerned about the expected down-spiraling dynamic and take unreasonable actions
(Bothner, Kang, & Stuart, 2007). One can imagine that peer firms may sabotage or bad-mouth each
other to win an edge—ultimately to the detriment of everyone.

Our baseline hypothesis, in line with prior research (Aggarwal, 2020; Ozmel & Guler, 2015;
Pahnke et al., 2015b) is:

Hypothesis 1. Exposure to more (H1a)/superior (H1b) peer firms in a partner's port-
folio decreases the performance of firms.

2.3 | The effect of peer competition on firms' employees

The adverse effect of peer competition on a firm's success raises the question of why firms enter
partnerships that expose them to it. As firms are generally savvy about which partner they col-
laborate with (Hallen & Pahnke, 2016; Hoetker, 2005; Mindruta, Moeen, & Agarwal, 2016; Mul-
otte, Ren, Dussauge, & Anand, 2022) and have agency in the process (Hallen, Davis, &
Murray, 2020; Katila et al., 2022), one might expect them to avoid such collaborations—
whereas, in fact, they are quite common.

Puzzled by this, we conducted interviews with employees of firms in our sample. We were
surprised to learn that they were aware of the competition among peers for their partner's
resources but did not seem bothered by it. In fact, they often spoke enthusiastically about the
peer firm. Some outlined how they could connect to people they would not have met otherwise.
Some provided examples of such connections leading to personal benefits, such as finding a job
at a peer firm. If such reports are representative, it would indicate that employees benefit per-
sonally from peer competition despite its negative effect on their firm's success.

We hypothesize that employees do indeed benefit from peer competition. We do so on three
grounds. First, following an abductive approach, this would help explain the surprising com-
monality of collaborations that hurt firm performance. Second, our interviews suggest that
employees benefit personally from peer competition despite its negative effect on their firm's
success. Third, it can be derived from the theoretical mechanisms outlined below.

The hypothesis that peer competition benefits employees may at first seem counterintuitive.
Typically, the opportunities available to employees depend partly on the success of their
employer (Bidwell et al., 2015; Burton et al., 2002; Sutton & Callahan, 1987), such that any fac-
tor that reduces the firm's success (like peer competition) can be expected, ceteris paribus, to
negatively affect the personal success of the employee. We propose, however, that the ceteris
paribus assumption does not hold because of a side-effect of peer competition. Peer competition
allows employees to develop social capital as they connect with employees of peer firms that
collaborate with the same partner.

2.3.1 | The challenge of developing social capital

A rich body of research illustrates the role played by social capital within and beyond firm
boundaries in career advancement (Fernandez, Castilla, & Moore, 2000; Granovetter, 1973;
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Ibarra, 1993). While connections with employees of peer firms can be crucial for people's
careers, they are difficult to develop (Engel, Kaandorp, & Elfring, 2017); employees may lack
the time, energy, or bandwidth to do so. In addition, geographical distance makes it harder to
connect to employees of other firms. Moreover, employees may face social obstacles as they
may be expected to show allegiance to their current firm (Grohsjean, Kober, & Zucchini, 2016).
Meeting with employees from other firms may therefore be frowned upon. While research illus-
trates that employees are interested in relationships with employees at competing firms
(Ingram & Roberts, 2000), all these factors may prevent it. It is thus not surprising that
employees typically develop relationships with co-located co-workers (Dahlander &
McFarland, 2013; Gargiulo & Benassi, 2000; Small, 2009).

2.3.2 | Indirect linkage to peers as a solution

We suggest that collaborations that link firms to structurally equivalent peers (and thus expose
them to peer competition) help employees connect to employees of peer firms and develop valu-
able social capital. Such connections occur either through chance encounters at the partner's
site or because the partner actively fosters them. We learned from our interviewees that part-
ners also take an active brokering role. For example, they referred employees from one firm to
employees at a peer firm to discuss operational challenges (Burt, 2005; Obstfeld, 2005) and orga-
nized informal get-togethers at which employees of peer firms could mingle (Ingram &
Morris, 2007). Thus, collaboration with a partner gave employees the chance to connect to
employees of peer firms.

Interestingly, such interactions also provide employees with coverage for forming other-
wise frowned-upon relationships. Piskorski (2013, 2014) develops the idea of networks as
coverage, citing the example of LinkedIn. Employees may claim—perhaps truly—to be on
LinkedIn for their work, but they also make themselves known to headhunters and alterna-
tive employers. Coverage to connect with employees at competing firms can also be pro-
vided when a partner invites the employees of its portfolio firms to consult with each other
or to attend social events. Hence, collaboration with a shared partner gives employees the
chance and coverage to overcome time and distance constraints and connect with employees
of peer firms.

2.3.3 | The benefits of peer-competition-induced social capital

The connections that employees develop with employees of (competing) peer firms can benefit
them personally in two ways. First, they may benefit from job opportunities in those firms.
When an employer and potential employee already know each other, there is a greater likeli-
hood of a match, and the match is likely to be of higher quality (Campbell, Di Lorenzo, &
Tartari, 2021; Fernandez et al., 2000; Weller, Hymer, Nyberg, & Ebert, 2019). Peer firms are
likely to be particularly attractive given the potential similarities (e.g., type of work, geographi-
cal location). Our interviewees described instances in which employees at peer firms informed
them of a job opportunity they were a good fit for. Such connections may be beneficial in mov-
ing to superior firms. Joining a superior firm may generally be hindered by status barriers, but
such barriers have less of an effect if the hiring firm and the employee already know one
another.
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Second, the social connections formed with employees at other firms can help focal
employees develop their skills. The linkage between people's connections and skills is well
documented (Burt, 2005), showing how employees at peer firms play an essential role as
they often face similar challenges, how employees interact with employees at peer firms,
and how it helps them develop their knowledge (von Hippel, 1987). Losing access to peer
employees hinders skills development, as shown by research using evidence from the dis-
missal of scientists in Nazi Germany (Waldinger, 2012). While plausible, there is no evi-
dence that connections to peer firms to which employees are indirectly linked helps them
develop their skills.

Both mechanisms—job opportunities and skill development—can contribute to future suc-
cess. Employees strive to work on more and more successful projects as this allows them to
increase their income and long-term employment opportunities etc. (Bidwell & Mollick, 2015).
Both mechanisms can help. More job opportunities may bring more and better projects to work
on. Beyond simply “finding a job”, employees may find a job that constitutes a better match
and/or at a superior peer (Campbell et al., 2021), whereas skill development may increase the
success of whatever projects they work on.

Hypothesis 2. Exposure to more (H2a)/superior (H2b) peer firms in a partner's port-
folio increases a firm's employee's personal success.

3 | METHODS

3.1 | Setting: The global video game industry

Our empirical context is the global video games industry. While video game developers (firms)
conceive and develop games (projects), video game publishers (partners) finance and market
them. In addition, the publisher supports and oversees the development process, and employees
from the developer and the publisher meet regularly to discuss milestones and problems. While
syndicates are common in venture capital (Zhang et al., 2017; Zhelyazkov & Gulati, 2016), video
game publishers usually do not co-invest.

3.2 | Data sources and sample

We build a comprehensive dataset that entails detailed information on video games, the
employees involved in their development, the developers they work for, and the publishers.
MobyGames, our primary data source,2 allowed us to track employees' entire careers in both
public and private firms around the globe. Information entry follows strict coding standards
and instructions specified on the MobyGames website. All entries are peer-reviewed before they

2One of the world's largest video game documentation projects, it contains comprehensive information on games past
and present from public and private firms from all around the world. The data include, among other things, a game's
release date, the employees and firms involved in making it, whether it draws on licensed or franchised material, and
reviews from print and online game magazines. A key reason for the quality of the data is that those involved in game
development have an incentive to document their participation in detail. Employees point to MobyGames to validate
their track records when interacting with industry stakeholders.
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are published. For these reasons, research has widely used MobyGames (e.g., Claussen,
Grohsjean, Luger, & Probst, 2014; Katila et al., 2022; Mollick, 2012).

We match the data from MobyGames with revenue data collected by NPD Group,3 that
has tracked sales of video games in the United States since 1995, covering all distribution
channels. We have monthly sales data from January 1995 through December 2018. NPD
data is the primary source for video game sales information in many studies
(e.g., Kretschmer & Claussen, 2016; Zhu & Iansiti, 2012). We complement our dataset by
manually gathering information on the ownership of the developing and publishing firms
from various websites, including MobyGames, RAWG, GiantBomb, VGChartz, and
Wikipedia.

We test our baseline hypothesis H1 by examining the effect of peer competition on two
levels: the project (game) level and the year level. At the project level, we study the revenue-
based performance of 28,560 video games. At the year level, we study the revenue-based perfor-
mance of 3,420 developers, relying on 20,020 firm-year observations. As some developers are
involved in multiple projects in a year, we use the average of the variables across the games
with which the developer was involved in the focal year.

To test our hypothesis on the effect of peer competition on employees' personal suc-
cess (H2), we created an unbalanced panel of all employees active in the video games
industry. Though we analyze only 1995–2017, we collect data from the dawn of the
industry in the 1970s to allow for accurate historical measures at the beginning of our
panel regression (e.g., experience-related measures). The unit of analysis to test H2 is the
employee-year. This dataset has 582,272 employee-year observations from 135,580
employees. As some employees are involved in multiple projects in a year, we build the
average of our measures across all games with which the employee was involved in the
focal year to test H2.

3.3 | Dependent variables

3.3.1 | H1: Firm performance

We measure firm performance at the individual project level and across all projects at the level
of the year. At the project level, we operationalize firm performance (project level) as a game's
revenues measured in millions of USD.4 As the distribution of revenues in the video game
industry is skewed, we use the natural logarithm of the revenues as a robustness check. At the
year level, we operationalize firm performance (year level) as the sum of the revenues of all
games a developer released in the focal year.

3We used a five-step process to merge the MobyGames and NPD data. (a) We identified all versions of a single game
listed in NPD and aggregated their revenues. (b) We matched the two data sources—based on the game's name,
platform, and release date. (c) We manually reviewed all matching results to ensure accuracy. (d) To improve the
merge, we gave the unmatched observations to three research assistants who independently tried to identify the
corresponding titles in NPD and MobyGames. If they did not identify the same pair of names in NPD and MobyGames
as belonging to the same game, we tried to match them ourselves. (e) We managed to merge 83% of all the revenues
listed in the NPD data to games in MobyGames.
4To compare games released at different times, we focus on the revenues in the first 12 months after release. This is
reasonable as the games in our sample made 83% of the recorded revenues in their first year.
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3.3.2 | H2: Employee's personal success

For the dependent variable at the employee level, we add the revenues of all games in which an
employee participated in year t + 1.5

3.4 | Explanatory variables

3.4.1 | Number of peers

We measure the number of peer firms by counting the other developers releasing games with
the publisher in the same year as the focal developer.

3.4.2 | Superiority of peers

We operationalize the superiority of peers by dividing the average review score that all games of
developers working with the publisher received in the focal year by the review score of the focal
developer's game (Katila et al., 2022). Thus, superiority of peers is always positive. The higher
the score, the more superior the other developers in the publisher's portfolio. We set the vari-
able to zero if a developer is the only one working with a publisher. To identify whether peers
are superior we build on game review scores by third-party sites as aggregated by MobyGames.

3.5 | Project-level control variables

We use control variables at the project, firm, partner, and dyad levels to predict firm performance
at the project and the year level (H1) and to predict an eemployee's personal success (H2).

3.5.1 | Project is based on a license

Video games often build on intellectual property licensed from other domains, such as movies,
books, and sports. Accounting for licensed content is important because a well-known name,
story, or brand in another field may drive a game's success. Project is based on a license is a
dummy equal to 1 if a game draws on licensed content and 0 otherwise.

3.5.2 | Project is part of a series

Many popular games are developed as a franchise title, that is, a series of games developed
around some intellectual property involving the characters, setting, and trademarks. Games

5How much revenues a game generates is important to employees because their personal income depends on it. Also,
being affiliated with high-grossing games increases their chances to work on interesting games in the future. Finally, it
is meaningful and satisfying, as it earns recognition (Boudreau & Jeppesen, 2015). Interviewees often reported with
great pride that they had worked on games that had generated hundreds of millions in revenues.
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based on franchises are responsible for a large share of revenues. We use a dummy equal to 1 if
a game is a franchise title and 0 otherwise.6

3.5.3 | Team size

As labor costs are the largest segment of game development costs, the size of the development
team is a good proxy for the cost of game development. Therefore, we control for team size,
defined as the number of all people involved in creating the game.7

3.6 | Firm-level control variables

3.6.1 | Number of partners the firm collaborates with

The performance of a project may depend not only on the partner's attention to the focal
firm but also on the focal firm's attention to the partner. Hence, we control for the number
of partners the firm collaborates with by counting the number of publishers the developer
works with.

3.6.2 | Firm's number of projects

A project might suffer when the firm works on many projects. We thus control for the number
of games released in the same years as the focal game.

3.6.3 | Firm's average past performance

To account for time-variant differences in a video game developer's performance, we include
the variable firm's average past performance, which is the average of the revenues of all games
created by the developer in t − 1.8

3.6.4 | Firm age

The difference between the year in which a developer produced its first game and the release
year of the focal game.

6Although it may not always be clear that a developer will turn a game into a series when releasing the first
title, MobyGames codifies the first title of a series as being part of a series. We follow their procedure for our
analysis. However, we also run the analysis coding project is part of a series for the first title of a series 0.
Results are similar.
7In some cases, MobyGames provides no information on the number of employees on a game. We coped with this in
two ways. First, we dropped those games. Second, we assumed those games to have an average team size. Our results
hold up for specifications at both the game and firm levels.
8We also run a robustness check using the natural logarithm of this average and get very similar results.
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3.7 | Partner-level control variable

3.7.1 | Partner's past performance

We conceptualize partner's past performance as the total of revenues of all games released by
the publisher in the year before the release of the focal game.

3.8 | Dyad-level control variables

3.8.1 | Number of prior iterations of collaboration

Developers and publishers with greater experience working together might be better able to
produce more successful games. We thus count the number of games on which a focal devel-
oper and publisher have collaborated.

3.8.2 | Firm and partner based in the same country

As domestic collaborations may be easier than cross-border ones, we include a dummy variable
that equals 1 if the developer and the publisher were based in the same country, and
0 otherwise.

3.9 | Employee-level control variables

When predicting an employee's personal success, we need to account for their salient char-
acteristics. Besides controlling for time-invariant differences across employees by including
employee fixed effects, we also control for the following time-variant employee
characteristics.

3.9.1 | Employee's industry experience

Employees who work longer in the industry may not only have more knowledge and skills but
also have access to better job opportunities. We thus control for the difference between the
release year of the focal game and the release year of the first game on which an employee
worked.

3.9.2 | Employee's number of projects

An employee's personal success is determined not only by overall experience but also—and
especially—by their most recent experience. Those working on more games now may work on
even more or better games in the future. We, therefore, control for the number of games on
which an employee worked in the current year.
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3.10 | Estimation procedure

We use ordinary least squares (OLS) regressions with firm and partner fixed effects and stan-
dard errors clustered at the firm-level to predict its performance at the project level. To predict
the firm performance at the year level, we apply OLS regressions with firm fixed effects and
standard errors clustered at the firm-level. As a developer may work with multiple publishers in
a year, we cannot include partner fixed effects in this regression model. Finally, we estimate a
series of OLS panel regressions with employee fixed effects and standard errors clustered at the
employee-level to predict an employee's personal success. Employee-level fixed effects allow us
to control for unobserved time-invariant employee characteristics.

4 | RESULTS

Table 1 reports descriptive statistics and pairwise correlations at the employee-year level. Over-
all, the variables display considerable variance.

We report the main results for H1 and H2 in Table 2. Model 1 and Model 2 show the results
of an OLS regression predicting firm performance at the project level and at the year level,
respectively. Models 3–6 show the results of the OLS regressions with employee fixed effects
predicting the personal success of an employee. Our control variables generally have the
expected impact on the dependent variables, but one finding is notable: divergent effects for the
number of partners with which a firm collaborates. While number of partners the firm collabo-
rates with has a negative effect (p-value = .001) on firm performance (project level), it has a pos-
itive effect (p-value = .000) on an employee's personal success. This is consistent with our main
theory that features of a firm's collaboration strategy can be harmful to the firm but beneficial
to employees.

We first replicate the findings in the literature that peer competition harms the focal firm's
performance (Baseline H1). In line with prior research, we find a negative effect at the project
level (p-value = .017 in Model 1) and at the year level (p-value = .010 in Model 2). A one-stan-
dard-deviation increase in number of peers is associated with approximately 583k USD less
revenue—an economically significant amount given that the average game revenue in our sam-
ple is 2.07 million USD. At the year level, a one-SD increase in number of peers is associated
with approximately 1,192k USD less revenue. Moreover, the coefficient of superiority of peers is
negative at the project level (p-value = .000 in Model 1) and at the year level (p-value = .003 in
Model 2). While a one-SD increase in superiority of peers results in roughly 267k USD less reve-
nue at the project level, it reduces firm performance at the year level by approximately 581k
USD. Overall, this analysis corroborates the finding that peer competition negatively affects
firm performance.

In H2, we suggested that peer competition increases an employee's personal success. We
conduct the corresponding tests in Models 4–6 in Table 2. We find indeed a positive effect on
employee personal success (p-value = .000 in Models 4 and 6). The effect size indicates that a
one-SD increase in the variable increases the revenue of the games with which the employee is
affiliated by roughly 824k USD. We also find a positive effect of superiority of peers on an
employee's personal success (p-value = .000 in Models 5 and 6). A one-SD increase in superiority
of peers is associated with an increase in the revenues of the games with which the employee is
affiliated in the next year of roughly 696k USD.
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Overall, our results support the hypothesized divergent effects: a negative effect of
peer competition on firm performance, but a positive effect on an employee's personal
success.

4.1 | Robustness checks

We run additional tests to ensure the robustness of our results. First, we show that the
results for our predictions on an employee's personal success hold for alternative specifica-
tions of our dependent variable (Table 3). Although firms in the video game industry always
strive to create a blockbuster game, we check whether our results are robust by using the
natural logarithm to account for the extreme dispersion of our dependent variable. Results
are in line with our main results (Model 1). We also adjust the dependent variable for the
size of the game's development team by dividing the sum of the revenues by the number of
employees involved in developing the game (Model 2). In Model 3, we adjust the dependent
variable by dividing the sum of the game's revenues by the natural logarithm of the number
of employees involved in its development. We find in both cases a positive sign for number
of peers (p-value < .006) and for superiority of peers (p-value < .007). In Model 4, we extend
our dependent variable by taking the sum of all revenues of all games an employee was
involved with in the following 2 years instead of 1 year. Again, we find a positive sign for
the number of peers (p-value = .000) and for the superiority of peers (p-value = .000). Overall,
our robustness checks against alternative specifications of the dependent variable further
support H2.

Second, although we provided theoretical reasons for selecting our control variables,
these decisions could always reflect the subjective and defensible views of the researchers
(King, Goldfarb, & Simcoe, 2021). We therefore checked the robustness of our results across
all possible combinations of control variables using the specification curve analysis
suggested by Simonsohn, Simmons, and Nelson (2020). To validate the results for H1a
(H1b), we ran 1,024 regressions of project-level firm performance on number of peers (supe-
riority of peers) and developer and publisher fixed effects, systematically alternating the set
of control variables. To validate the results for H2a (H2b), we ran 8,192 regressions of
employee's personal success on number of peers (superiority of peers) and employee fixed
effects, alternating systematically the set of control variables. We use Stata's speccheck mod-
ule (Cook, 2019) to visualize the results of these regression analyses (Figure 1). Each panel
on the left shows the distribution of the coefficient of the focal explanatory variable derived
from each regression analysis; for example, the first panel on the left shows 1,024 coeffi-
cients for number of peers. On the right of each panel, we display the distribution of the
t-statistic for the coefficient of the variable of interest. The vertical line in the right panels
corresponds to a t-statistic of 1.96.

Our specification curve analysis reveals that number of peers and superiority of peers harm
the performance of the firm at the project level irrespective of the set of control variables; the
corresponding t values are all above 1.96. Second, we find that irrespective of how many and
which control variables we include, number of peers and superiority of peers improve an
employee's personal success; again, the corresponding t values are all above 1.96. Overall, the
specification curve analyses show that our results are robust to the inclusion or exclusion of
control variables, providing additional support for our findings.
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4.2 | Exploring the mechanism and ruling out alternative
explanations

Having tested the robustness of our results, we want to shed light on the mechanisms proposed
in the theory. We suggested that employees whose firms were exposed to greater peer competi-
tion would accumulate more social capital which, in turn, might help them get job opportunities
at peer companies and/or develop their skills.

FIGURE 1 Specification curves. Results from our specification curves. On the left, we show the distribution

of the coefficient estimates obtained by estimating the effect of the independent variable on the dependent

variable for different sets of control variables. On the right, we show the distribution of the t-statistic for the

coefficient of the variable of interest. The vertical line in the right panels corresponds to a t-value of 1.96. These

figures show that we find, irrespective of the set of control variables in our analysis, a negative and significant

effect for H1a and H1b on the project level, but a positive and significant effect for H2a and H2b
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Our first set of analyses, shown in Models 1–4 in Table 4, focuses on the job opportunities
mechanism. We run logit models predicting the likelihood that an employee will join different
types of firms.9 In Model 1, we predict how number of peers and superiority of peers influence
the likelihood of joining a peer developer finding a positive effect. However, it is possible that it
was employees' connection to a peer firm that led them to choose the same partner. To mitigate
this problem of reverse causality when predicting the likelihood that an employee will join a
peer firm, we control for the number of employees at peer firms with whom the focal employee
worked before collaborating with the partner. We find a positive effect of number of peers
(p-value = .000) and superiority of peers (p-value = .000) on joining a peer firm, as shown in
Model 1 in Table 4, suggesting those job opportunities is indeed a mechanism.

We examine in Model 2 in Table 4 how peer competition affects the likelihood of working
for a superior peer firm. Number of peers (p-value = .000) and especially superiority of peers
(p-value = .000) have a positive effect, suggesting that employees exposed to peer competition
are more likely to join a superior peer.

In Model 3, we investigate whether the job opportunities available to employees exposed to
peer competition are indeed due to the social capital they have formed with employees at peer
firms. It would also be plausible that peer competition increases employees' visibility in the
industry in general or fosters their skills, improving their odds of finding job opportunities else-
where. However, we find that number of peers negatively (p-value = .000) influences the likeli-
hood of working for a nonpeer firm in the next year. Our finding that employees exposed to
peer competition are more likely to find a job at a peer firm but less likely to find a job at
another firm provides suggestive evidence that job opportunities are the key mechanism by
which firm-level peer competition increases an employee's personal success.

Finally, we propose that it is a firm's indirect ties to peer developers, not its direct ties to
publishers, that benefits employees. Although publishers also have some employees working in
the typical occupations found at developers, that is, artists, designers, programmers, and pro-
ducers, most employees looking for a new job would find it at a developer owned by the pub-
lisher. We therefore ran a logit regression predicting the likelihood of joining the publisher or a
developer owned by the publisher directly. We found that number of peers and the superiority of
peers had a negative effect on the likelihood of joining a publisher or a developer owned by the
publisher, indicating that it was the indirect ties that were providing job opportunities.

In Models 5 and 6 in Table 4, we want to explore whether peer competition helps employees in
developing their skills and thus contributes to their subsequent success.We do so by running additional
models at both the firm (Model 5) and the employee level (Model 6). In Model 5, we investigate the
idea that although peer competition is detrimental to firm performance in the short run (as illustrated
by prior research and replicated by us in Models 1 and 2 in Table 2), it may be beneficial in the long
run, as the employees may develop their skills by interacting with employees from peer firms. Also,
even if employees depart the focal firmmay still derive benefits from these connections (Corredoira &
Rosenkopf, 2010). To test this idea, we include the number of peers and the superiority of peers in not
only the focal but also the previous year (number of peers lagged/superiority of peers lagged). We also
control for the number of employees that the firm lost in the previous year. Our analysis, however,
provides inconsistent evidence, casting doubt on the skill-based explanation. We find in Model 5 in
Table 4 that superiority of peers lagged has a negative impact (p-value = .098) on firm performance
while number of peers lagged has a positive impact (p-value= .097). Given such inconsistent evidence,
we looked formore direct evidence of an improvement of skills at the employee level.

9As a robustness check, we also ran Models 1–4 with an OLS model; the results are consistent.
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To do so, we restricted our analysis in Model 6 to those in our sample who stayed with the
focal firm. If peer competition helps them improve their skills, they may do better in the focal
firm and be promoted. We found, however, no significant effect of peer competition on promo-
tion. Overall, the results shown in Models 5 and 6 do not provide compelling evidence that
employees benefit from peer competition by developing their skills.

Building on our result that peer competition improves employee's personal success through the
job opportunitiesmechanism,we directly tested these relationships in amediation analysis. Following
recent literature (Choudhury &Haas, 2018; Hallen, Cohen, & Bingham, 2020), we tested for potential
mediation by running a structural equation model with bootstrapping. Structural equation modeling
fits a single model to test the significance of the indirect paths from the independent variables (num-
ber of peers/superiority of peers) to the dependent variable (employee's personal success) through the
potential mediator (employee works for peer firm/employee works for superior peer firm). There are two
advantages to this approach. First, it allows the error terms in the model specification to correlate
(Shaver, 2005). Second, bootstrapping is a nonparametric approach that imposes no assumptions
about the distributions of the variables or the sampling distribution of the statistic. We used the same
independent and control variables and employee fixed effects used in our analysis so far. Table 5 pre-
sents the results.

We find that the positive effect of number of peers and superiority of peers on an employee's
personal success is partially mediated through employee works for a peer firm. While the vari-
able mediates about 36% (0.042/0.117) of the effect of number of peers on the employee's per-
sonal success, it accounts for roughly 70% (1.295/1.845) of the effect of superiority of peers on an
employee's personal success. Using employee works for superior peer firm as a mediator reduces
the mediation effect. While the variable mediates roughly 23% (0.024/0.108) of the effect of
number of peers on an employee's personal success, it mediates 58% (1.074/1.861) of the effect of
superiority of peers on an employee's personal success. The mediation analysis thus provides fur-
ther evidence that the positive effect of peer competition on an employee's personal success is
mainly driven by a job opportunities mechanism.

As a final step in our analysis, we build on the idea of Campbell et al. (2021) to investigate
whether interorganizational ties provide better matches between employees and employers.
If so, then employees who join a firm via peer competition should stay longer than those who
join by ordinary routes. Indeed, as shown in Table 6, we find that employees joining peer firms
stay on average more than 4 years (95% CI = 3.98–4.07), while those who join by ordinary
routes stay only 1.74 years (95% CI = 1.73–1.75).

5 | DISCUSSION

We found divergent effects. Sharing a partner with peer firms exposes a firm to peer
competition—hindering the firm's success but benefitting its employees. Peer competition

TABLE 6 T-test comparing tenure for employees joining from peer firm versus employees not joining from

peer firm

Joined from peer firm N Mean SE SD 95% CI

No 463.611 1.74 0.01 4.07 1.73–1.75

Yes 51,542 4.02 0.02 5.48 3.98–4.07
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enables employees to develop their social capital, opening up access to better job opportunities
at peer firms. The theoretical implications of these findings are discussed below.

5.1 | Alliance portfolios: Arenas of peer competition and seedbeds of
social capital

While replicatingwork on peer competition is not our primary contribution, we consider it important.
Scholars have pointed to a need for replication in strategic management (Ethiraj, Gambardella, &
Helfat, 2016), and recent work underscores its potential (Goldfarb & Yan, 2021; Goldfarb,
Zavyalova, & Pillai, 2018). Our results on H1 replicate the finding on the detrimental effect of peer
competition on firm success in a different context and across different levels of analysis—firm and
project—thus fortifying earlier findings. They also reveal an additional downside of collaborations in
which firms are exposed to peer competition: a potential exodus of employees. Our study thus under-
scores the conceptualization of alliance portfolios as arenas of peer competition.

We offer an alternative complementary conceptualization of partners’ portfolios as seedbeds
of social capital. We present evidence in support of our theory that partners’ alliance portfolios
give employees the chance and coverage to form interpersonal relationships that will benefit
their participation in the labor market. While research on alliance portfolios has taken the per-
spective of alliance portfolio owners or member firms (Cennamo & Santalo, 2013; Lavie, 2007;
Ozcan & Eisenhardt, 2009), we complement such work by illustrating their implications for the
employees of member firms.

Our study also contributes to research that examines the role of individual employees in the
context of interfirm relationships (Broschak, 2004; Devarakonda et al., 2022; Dokko &
Rosenkopf, 2010; Rogan, 2014; Rosenkopf, Metiu, & George, 2001; Somaya et al., 2008; Wang,
Pahnke, & McDonald, 2022; Young-Hyman & Kleinbaum, 2020). Prior work has shown how
employees' interpersonal ties shape interorganizational ties (Broschak, 2004; Devarakonda
et al., 2022; Dokko & Rosenkopf, 2010; Rogan, 2014; Rosenkopf et al., 2001; Somaya et al., 2008;
Young-Hyman & Kleinbaum, 2020). We illustrate the reverse: how interorganizational ties
shape employees' interpersonal ties.

5.2 | Interorganizational ties: A catalyst for employees' ties, mobility,
and careers

Our study contributes to research on mobility and careers, pointing to the importance of a
specific type of social capital: employees' relationships with their employer's competitors. The link-
age between social capital and successful intra- and inter-firm mobility is well established
(Carnabuci & Wezel, 2011; Hasan, 2019; Kleinbaum, 2012; Lee & Gargiulo, 2021; Seibert,
Kraimer, & Liden, 2001; Somaya et al., 2008).10 We illustrate that it is essential to be connected

10Social capital is important for employees to find a new job and change employers (Fernandez et al., 2000) and improve
their matching with employers (Campbell et al., 2021; Weller et al., 2019). Increased employer–employee matching, in
turn, has been shown to positively influence productivity (Lazear & Oyer, 2004) as well as to reduce turnover (Hom,
Lee, Shaw, & Hausknecht, 2017). Further, not knowing the colleagues at the new employer well is often seen as one of
the reasons why employees' performance falls, temporarily at least, when they move between organizations
(Bidwell, 2011; Groysberg, Lee, & Nanda, 2008; Huckman & Pisano, 2006; Mawdsley & Somaya, 2016).
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to one's employer's competitors, as the same features that render a peer firm a competitor also
make it an alternative employer.

Our study also illustrates how employees develop relationships with their employer's com-
petitors. Sharing a partner (so that the firm is indirectly linked to its competitors) provides
employees with the chance and the coverage to develop this kind of relationship. The shared
partner provides coverage as it allows employees to devote time to developing that relationship
(and connect with peers) yet claim that their networking benefits the organization. One can
think of other examples: employees may attend conferences claiming that it helps them
recruit—which it may well do—but with the added effect of getting to know potential
recruiters. Our paper thus contributes to an emerging stream of research on how actors form
ties that may have benefits but are difficult to form as they lack legitimacy (Piskorski, 2013,
2014; Schilke & Rossman, 2018; Zhang, Aven, & Kleinbaum, 2022).

An interesting feature of our study is that it shows how organizations may foster interfirm
mobility. Research, notably on noncompetes (Marx, Strumsky, & Fleming, 2009; Starr, Ganco, &
Campbell, 2018) illustrates that firms often take action to reduce interfirm mobility. We show
that they can also be a catalyst for their own employees' departure—albeit unwittingly, they
may do so via interfirm collaborations.

Our study also re-conceptualizes the types of networks that organizations can help their
employees form. Research suggests that organizations help employees form closed networks as
they connect with co-located colleagues with whom they share a departmental affiliation and
geographical space (Dahlander & McFarland, 2013; Kleinbaum, Stuart, & Tushman, 2013). We
show that organizations—via their interorganizational ties—also help people form open net-
works that cross organizational boundaries (Burt, 2004; Tandon, Ertug, & Carnabuci, 2020).
While beneficial, such relationships are difficult to develop.

Our study also illustrates the role that organizations play in the career of their employees
(Bidwell et al., 2015; Burton et al., 2002; Carnahan, Rabier, & Uribe, 2022; Chattopadhyay &
Choudhury, 2017; Choudhury, Khanna, & Sevcenko, 2022; Clement & Puranam, 2018;
Kacperczyk & Younkin, 2021; Mawdsley & Somaya, 2016; Small, 2009; Sorenson et al., 2021).
While prior work has examined how various characteristics of an organization shape the career
of individuals, for example, firm age (Burton, Dahl, & Sorenson, 2018; Sorenson et al., 2021),
survival (Sutton & Callahan, 1987), or status (Bidwell et al., 2015; Burton et al., 2002), our paper
focusses on a neglected organizational feature: interfirm collaboration.

5.3 | Agency conflict and interorganizational collaboration

Our study illustrates a potential agency conflict. We show that collaborations that undermine
the success of firms often benefit their employees, specifically those that expose the firm to
more and/or superior peer competition (hypothesized) and those with multiple partners (seren-
dipitously found). The divergent effects in each case create the potential for agency conflict if
employees pursue their own rather than their firm's interests (Gottschalg & Zollo, 2007).

Employees may (ab)use interorganizational collaborations for their own benefit. Those who
can influence which ones their firm enters may seek out—and/or manage—collaborations that
benefit themselves but not their employer. For example, instead of focusing on outcompeting
their peers and guarding their employer's intellectual property, employees may focus on devel-
oping relationships with their peers. In some cases, developing personal relationships may fur-
ther hurt their employer, for example, if they share proprietary knowledge to present
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themselves as knowledgeable potential hires (Schrader, 1995; von Hippel, 1987). In brief, they
focus on their own benefit to the detriment of the employer.

For our theory to hold, employees do not need to act with “guile”—none of our interviews
suggested that people deliberately traded off the success of their employer for personal gain.
The effect may be more subtle: employees seemed to associate peer competition mostly with
opportunities to connect to other firms and their employees, which in turn helped them person-
ally. And while they may not have actively pursued such ties, they did not object to their forma-
tion. In so doing, they simply did not pay sufficient attention to the detrimental effects of peer
competition.

Our study emphasizes the need to examine the role of agency conflict in shaping inter-
organizational networks. We are not the first to postulate a tension between organizationally
and personally optimal network structures (Clement, Shipilov, & Galunic, 2018; Jackson &
Wolinsky, 1996). Our paper provides empirical evidence of the potential for agency conflict by
pointing to divergent effects. Future research could examine how personal motives affect the
formation and management of social networks.

Our argument that agency conflicts shape the selection of partners also has methodological
implications. Matching models simultaneously estimate the antecedents and consequences of
collaborations but use as a critical ingredient the variable managers strive to optimize (Chen,
Huang, Meyer-Doyle, & Mindruta, 2021; Mindruta et al., 2016). For example, research on the
effect of collaborating with certain types of venture capitalists assumes that ventures strive to
maximize their chances of a successful exit (Sørensen, 2007). Our study shows that when
selecting partners, managers may not (only) strive to maximize firm performance. The assump-
tion that they do may result in biased estimates regarding the antecedents and consequences
of ties.

5.4 | Boundary conditions

Underlying the positive effect of peer competition on employee success are countervailing
forces. Peer competition hinders employees' current firms, which, ceteris paribus, hinders their
own success yet can also help them develop social capital, which can help their success. We
found the latter to outweigh the former, but this may be specific to the context. Thus, while we
suggest that peer competition generally enables the development of social capital, there are
boundaries to the notion of an overall positive effect of peer competition on career success.
Interestingly, the agency conflict may persist. If peer competition is highly detrimental to firms,
but only slightly so to employees, employees may insufficiently take it into account.

The effect of social capital on people's careers is likely to vary across industries and regions
(Powell, Koput, & Smith-Doerr, 1996). In project-driven industries, in which it is common to
change employers (Lee & Gargiulo, 2021; Petriglieri, Ashford, & Wrzesniewski, 2019), an
increase in social capital is likely to be particularly consequential. Also, we have pointed out
that interfirm alliances provide employees with the otherwise scarce opportunity to build social
capital; in certain industries, such opportunities may not be scarce.

Our study on peer competition from shared partnerships only applies to firms that compete
for the partner's resources, and who may provide job opportunities to their respective
employees. Such peer competition is particularly likely to occur when a partner collaborates
with firms that are active in the same domain (e.g., the same segment of the value chain in the
same industry). Moreover, the formation of social capital may be contingent on face-to-face
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encounters (Chai & Freeman, 2019; Choudhury, 2017). Thus, when face-to-face meetings are uncom-
mon, for example, because of remotework, the effects we observe are less likely tomaterialize.

5.5 | Limitations

Our limitation is our operationalization of employee success. While we base our measure on
the feedback of our interviewees, we would ideally have alternative measures, such as their sal-
aries. Another limitation is that our assignment is nonrandom. Our discussion of agency con-
flict suggests that employees may intentionally form ties that expose them to peer competition
to foster their careers. One could thus argue that it is not peer competition per se but employees
who prioritize their careers that hurt the firm's success. Although this alternative explanation
casts doubt on the effect of peer competition on firm success, our main argument that ties in
which firms face peer competition foster employee success—and may have been entered into
for precisely that reason—remains robust. In brief, the treatment of exposure to peer competi-
tion is not exogenous.

While our research design aims to establish a linkage between peer competition and firm/
individual performance, it does not feature an experimental treatment. Although such designs
have been hard to establish in the setting of interfirm networks, recent work on individual net-
works illustrates the potential and need for causal evidence on social networks (Hasan &
Koning, 2019, 2020; Maoret, Dufour, & Fonti, 2022).

5.6 | Managerial implications

Our study has important managerial implications. For principals, it points out the danger that
employees may engage in collaborations that are in their own—but not their firms'—best inter-
ests. For employees, it points out the potential to leverage interorganizational collaborations for
personal success. For partners, it suggests that they may attract firms by pointing out that even
if the firm fails, the partner's portfolio may still aid individual careers.

6 | CONCLUSIONS

This work was inspired by Sutton and Hargadon (1996), who illustrates that is critical to ask,
“effectiveness at what” and “effectiveness for whom” (also see Berger (2011) on the need for a
dual perspective). At the time of their study, brainstorming was seen critically as alternative
techniques were considered superior in generating ideas. Sutton and Hargadon (1996) showed
that brainstorming had numerous additional purposes beyond generating ideas—and was
highly effective. Inspired by their work, we studied collaborations, specifically collaborations
that led to peer competition, which were often labeled ineffective (Aggarwal, 2020; Ozmel &
Guler, 2015; Pahnke et al., 2015b). We found them to be highly effective for employees as they
helped them build social capital and find new jobs. Taking a broader perspective and examining
the consequences for firms and employees led us (1) to reassess these collaborations and (2) to
uncover the tensions to which they give rise between employees and organizations. We thus
hope that our study serves as further encouragement to ask “effectiveness at what” and “effec-
tiveness for whom.”
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