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ABSTRACT Today, due to the high penetration of renewable energy resources and restructuring of power
systems, photovoltaic power plants (PVPPs) and wind power plants (WPPs) as renewable power plants
(RPPs) can participate in the electricity markets. However, the intermittent power generation of RPPs may
be challenging for the owners of these power plants. In order to mitigate the unpredictable and intermittent
power generation of RPPs, energy storage systems like compressed air energy storage (CAES) can be an
appropriate solution. In this paper, the optimal day-ahead and look-ahead strategic offering and bidding of
integrated RPPs and CAES in the electricity market are investigated. Also, a stochastic-robust approach is
proposed for modeling renewable generation and electricity price uncertainty. The proposed mixed-integer
linear program (MILP) is formulated in GAMS software under the CPLEX solver. Three case studies are
investigated to validate the proposed method. According to numerical results, in the optimistic strategy, the
coordinator of RPPs and CAES has more opportunities to participate in the electricity market. But in the
pessimistic strategy, due to low electricity market (EM) prices, the coordinator has no more tendency to
participate in the electricity market compared to the optimistic strategy.

INDEX TERMS Look-ahead, stochastic-robust approach, strategic bidding and offering, renewable power

plants, CAES.
NOMENCLATURE B. PARAMETERS
A. INDICES PriceP®  EM price for DO at time 7.

Definition Price®D! ‘e for D1 at i

L Index of time for LA. rice), EM price for D1 at time h.

s Index of scenarios Ps Probability of each scenario.

¢ Index of time for DA. PZW D0 Produced power of WPP for DO at time ¢.

PfV’DO Produced power of PVPP for DO at time .
C’ h . . .
The associate editor coordinating the review of this manuscript and n ; Cl.larglng' efflCIe.n.Cy of CAES.

approving it for publication was Madeleine Gibescu. nC, s Discharging efficiency of CAES.
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C,ch
VMin

C,ch
VMax

C.dis
VMin

C,dis
VMax

Minimum injected air to CAES in the charg-
ing mode.

Maximum injected air to CAES in the charg-
ing mode.

Minimum extracted air from CAES in the
discharging mode.

Maximum extracted air from CAES in the
discharging mode.

Initial LoA of CAES.

Minimum LoA of CAES.

Maximum LoA of CAES.

Efficiency of PVPP.

Solar radiation in PVPP for DO at time ¢.
Wind speed in WPP for DO at time ¢.

Cut-in speed of wind turbines in WPP.

Rated power of wind turbines in WPP.

Rated speed of wind turbines in WPP.
Cut-out speed of wind turbines in WPP.
Produced power of WPP for D1 at time h.
Produced power of PVPP for D1 at time /.
Solar radiation in PVPP for D1 at time /4 in
scenario s.

Wind speed in WPP for D1 at time ¢ in sce-
nario s.

Discount factor.

Number of wind turbines in WPP.

C. VARIABLES

ProfitT
Profit?°

ProfitP!
Pivl,DO

PtC’Ch’DO
PtC,dls,DO
V,C’Ch’DO

Vtc ,dis,D0

BtC’Ch’DO

Btc’dlS’DO

ACAES ,DO

1
,D1

C,ch,D1
Ph,s

C,dis,D1
Ph,s

C,ch,D1
Vh,s
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Total profit.

Profit of DO.

Profit of D1.

Bidding/offering of integrated system in EM
for DO at time 7.

Charging power of CAES for DO at time ¢.
Discharging power of CAES for DO at time 7.
Injected air to CAES in the charging mode for
DO at time ¢.

Extracted air from CAES in the discharging
mode for DO at time 7.

Binary variable of CAES in charging mode
for DO at time ¢.

Binary variable of CAES in charging mode
for DO at time ¢.

LoA of CAES for DO at time ¢.
Bidding/offering of integrated system in EM
for D1 at time / in scenario s.

Charging power of CAES for D1 at time /4 in
scenario s.

Discharging power of CAES for D1 at time &
in scenario s.

Injected air to CAES in the charging mode for
D1 at time & in scenario s.

V,f S’dis’D ' Extracted air from CAES in the discharging
mode for D1 at time 4 in scenario s.

Bi;Ch’D ! binary variable of CAES in charging mode for
D1 at time % in scenario s.

B;E’Sd”’m binary variable of CAES in charging mode for
D1 at time A in scenario s.

CAES,D1 . . .
Ay LoA of CAES for D1 at time 4 in scenario s.
D. ACRONYMS
CAES Compressed air energy storage.

EM Electricity market.

RPP Renewable power plant.
LA Look-ahead.

DA Day-ahead.

PVPP PV power plant.

WPP  Wind power plant.

I. INTRODUCTION

A. MOTIVATION

Fossil fuels depletion and environmental issues have raised
the penetration of renewable energies (especially solar and
wind energies) in the electricity system for power production.
One of the main problems related to renewable power plants
(RPPs) is the uncertain output of these energy resources.
Due to this feature, the participation of PV power plants
(PVPPs) and wind power plants (WPPs) in the electricity
market may face great challenges. To overcome this concern,
storage devices can be used in pairs with RPPs to achieve
higher profits in the electricity market. Storage device prof-
itability can be increased by adjusting the final state of charge
(SOC) on the first day in the look-ahead (LA) framework.
However, optimal decisions of storage device paired RPPs in
the electricity market are affected by electricity price uncer-
tainty. Therefore, to achieve better results, uncertainties of
renewable energies and electricity prices must be considered
in the decisions of the integrated system.

B. LITERATURE REVIEW

In the literature, there are various types of research that
focus on the operation of renewable energies individually
or integrated with storage devices in the electricity system.
References [1], [2], [3], [4], [5], [6], [7], [8] have evaluated
the individual participation of WPP in the electricity market.
Reference [1] has described an offering strategy based on the
minimization imbalance cost of WPP. In [2], the best offering
strategy for a WPP that participates in the different floors of
the electricity market has been presented, taking uncertainties
of wind energy and electricity price into account. Authors
of alashery2019second have introduced an offering model
for the WPP based on second-order stochastic dominance
constraints. An optimization model for the participation of
thermal units and WPP in the medium and long-term electric-
ity markets is presented in [4]. Reference [5] has provided a
strategy in which WPP participates in the electricity market as
a price-maker. The introduced strategy in [6] considers wind
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producers as a price-taker in the day-ahead (DA) market and
as a price-maker in the balancing market. In [7], uncertain
parameters have been handled through the information gap
decision theory (IGDT) method. A bi-level model has been
used in [8] to minimize the operation cost of grid-connected
energy hubs, which include wind power.

Power production of WPP is usually high during midnight
as well as in the winter season. On the other hand, PVPP
can generate electricity during the daytime and their pro-
duction decreases in winter. So, the characteristics of these
two energies show that they complement each other. Given
that solar and wind energies have complementary character-
istics, some studies have analyzed the coordinated operation
of these systems in the electricity network. Reference [9]
has evaluated the coordinated operation of WPP and PVPP
from the economic viewpoint. Authors in [10] have proposed
a stochastic model for the trading of coordinated RPPs in
the DA market. Reference [11] has offered a stochastic bi-
objective framework for an integrated solar-wind-thermal
system considering uncertainties of renewable energies and
price. The aim of the first objective function is the profit
maximization of the integrated system and the aim of the
second one is emission minimization.

However, when renewable energies participate in the elec-
tricity market without storage devices, they have to buy/sell
their shortage/surplus power at higher/lower prices from/to
the market. Storage devices can increase total profits by
shifting the power of renewable resources from low-priced
moments to high-priced moments. Therefore, to achieve
higher profits, storage devices can be integrated with renew-
able energies. There are various types of storage devices
such as flywheels [12], batteries [13], pumped storages [14],
and compressed air energy storages (CAES) [15]. Among
these storage devices, only pumped storage and CAES have
the capability to store a significant amount of energy [16].
However, the round-trip efficiency of CAES is usually higher
than of pumped storage [17]. CAES consumes power to store
compressed air in the underground reservoir or salt cavern,
and it generates power using compressed air as an expander
air for the turbine [18].

An operation strategy has been provided in [19] to earn
higher profits for the CAES. Reference [20] has used a
stochastic method for CAES participation in the energy mar-
ket. In the same study, the downside risk constraint approach
is applied to manage the risk of electricity price uncer-
tainty. An IGDT-based self-scheduling model of a CAES
unit has been presented in [21] considering price uncer-
tainty. References [22] and [23] have evaluated participation
of CAES in DA and ancillary service markets. Authors of [24]
have proposed an optimal bidding/offering strategy for a
CAES unit based on the stochastic-robust method. In that
work, the uncertainty of storage capacity has been modeled
through a robust approach, while a stochastic method has
been used to model price uncertainty. It should be noted
that no renewable energy in [19], [20], [21], [22], [23],
and [24]. In reference [25], CAES has included in a network
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constrained unit commitment (UC) model to provide contin-
gency reserves. Reference [26] has presented an IGDT-based
UC model to evaluate the role of CAES in energy and reserve
markets, considering the uncertainty of wind output. Schedul-
ing of WPP and CAES has been studied in [27]. However,
in this study, WPP and CAES are not coordinated and they
operate separately. Participation of WPP paired with CAES
and battery in DA and intraday markets has been evaluated
through a stochastic framework in [28]. The work has also
considered wind and electricity price uncertainties in the
proposed model and used the conditional value at risk index
to manage risk. Battery degradation cost is also included in
that model. In [29], a similar study to [28] has been car-
ried out and it has evaluated the optimal behavior of hybrid
power plant containing CAES, WPP, and concentrating solar
power plant in DA and intraday markets. These works have
used the stochastic method to model uncertain parameters.
Reference [30] has presented an offering strategy for the
participation of coordinated CAES and the WPP in different
electricity markets considering uncertain parameters. More-
over, the work has modeled the uncertainty of DA price via
a robust approach while it has used the stochastic method to
model uncertainties related to intra-day and balancing market
prices as well as wind power. CAES and WPP participation
in energy and ancillary service markets is modeled through
the distributionally robust method in [31]. A risk-constrained
strategy has been provided in reference [32] in which CAES
and wind power aggregator have participated as a hybrid
power plant in electricity markets (DA, intra-day, and balanc-
ing markets).

One important parameter that can increase the profitability
of CAES is the SOC value at the end of the first day. Since this
value is equal to the initial SOC on the second day, therefore,
it affects the profitability of CAES on the second day. The
LA framework has been vastly applied to adjust the SOC of
storage devices. In this framework, DA refers to the first day,
while LA refers to the second day. Reference [33] has applied
the LA framework for scheduling an energy hub that contains
energy storage systems. In this paper, uncertain parameters
are modeled through the stochastic method. In [34], the
LA bidding model has been presented for the integrated
wind farm and concentrating PVPP equipped with thermal
energy storage. Authors of [35] and [36] have used LA risk-
constrained models in their research. Reference [35] has pro-
posed a LA bi-level model in which the upper-level problem
maximizes the profit of energy storage while the lower-level
problem maximizes social welfare. In reference [36], the LA
framework has been used to minimize the total cost of a
system that includes wind and thermal units as well as CAES.

C. NOVELTIES AND CONTRIBUTIONS

The following research gaps can be found in the reviewed
studies:

« Some studies, for example [1], [2], [3], [4], [7], [10],
[11], have evaluated the operation of renewable energies

107903



IEEE Access

A. Mirzapour-Kamanaj et al.: Optimal Look-Ahead Strategic Bidding/Offering

without CAES. Some others, e.g [19], [20], [21], [22],
[23], [24], have evaluated the individual operation of the
CAES in the electricity market. However, the individual
participation of renewable energies and CAES in the
electricity market is less profitable, and coordination of
these technologies leads to higher profit for the inte-
grated system.

o References [27], [28], [30], [31], [32] have studied
the participation of integrated WPP and CAES units
in the electricity market and they have not considered
solar energy. However, wind power and solar energy
have complementary characteristics and joint bidding
of these energy resources is more profitable. Also, in
this research, the trading horizon has been restricted to
one day. However, by extending the trading horizon to
two days through the LA framework, the optimal value
for the final SOC of the CAES unit on the first day is
determined and the total profit of the integrated system
increases.

o References [34], [35], [36] have used the stochastic
method to model uncertain parameters in their LA
model. However, this approach is not a suitable choice
for handling all uncertain parameters. As mentioned in

[37], the robust method is a suitable choice for modeling
electricity price uncertainty and the stochastic approach
is suitable for modeling the uncertainty of renewable
energies.

To address mentioned gaps, this paper proposes a bid-
ding/offering strategy for the CAES system integrated with
RPPs. This method maximizes the total profit of the inte-
grated system for two consecutive days (the first day intro-
duced as the DA and the second day introduced as the LA).
In this paper, the uncertainties related to renewable ener-
gies and electricity prices on the second day are handled
through a hybrid robust-stochastic approach. Uncertainty of
renewable energies (wind and solar) are modeled through
the stochastic method, while the robust approach is used to
model the uncertainty of price. To the best of the authors’
knowledge, it is the first work to use robust and stochas-
tic methods to handle uncertainties in the bidding/offering
model, taking the look-ahead framework into account.
The major contributions of the paper can be declared as
follows:

« Proposing a bidding/offering strategy for an integrated
system that consists of a CAES system and RPPs with
the aim of maximizing profit in two consecutive days.

o Considering a look-ahead framework in the proposed
bidding/offering model. This framework proposes an
opportunity to make a profit on the second day by deter-
mining the energy in the storage system at the end of the
first day.

o Managing uncertainties of the second day through
the hybrid robust-stochastic approach. This hybrid
approach takes advantage of both uncertainty modeling
methods.

107904

D. PAPER ORGANIZATION

The rest of the paper is organized as follows. The problem
description and formulation of the proposed robust-stochastic
model for optimal bidding/offering of integrated CAES sys-
tem and RPPs are presented in sections II and I11, respectively.
Numerical results of simulations are provided in section IV.
Finally, section V presents the conclusion of this paper.

Il. PROBLEM DESCRIPTION

The structure of the proposed model is shown in Fig.l.
According to the proposed model, the coordinator is respon-
sible for the optimal offering/ bidding of RPPs and CAES
in the electricity market (EM). The coordinator has data
trading with entities and is responsible for their optimal and
secure operation. RPPs can sell either produced power to the
electricity market or send it to CAES for the charging process.
Also, the CAES system can purchase power from EM in the
absence of RPPs or the low price of EM. With the high price
of EM, CAES can offer energy to EM. The energy storage’s
state-of-charge (SoC) is one of the crucial parameters that
have an important rule on the optimal operation of energy
storage. Because the final SoC of energy storage on the first
day can influence the scheduling of energy storage on the
next day. So to do this, it is essential to calculate an optimal
amount of initial (final) SoC for the next (first) day. Therefore
in this paper, the optimization problem is investigated for
two consecutive days (DA and LA). As mentioned above,
CAES is utilized as an energy storage system in our proposed
model. So instead of SoC, the level of air (LoA) of CAES
is considered, which is in the same concept as SoC, and
it shows the amount of stored air in the salt cavern. The
optimization problem for DA is modeled deterministically.
But for uncertainty assessment of renewable generation and
electricity price, a hybrid stochastic-robust approach is taken
into account for LA. The uncertainty related to renewable
generation is handled by stochastic programming, and due
to the tangible impact of electricity price on the optimal
bidding/ offering of integrated RPPs and CAES in the EM, the
robust optimization method is modeled for electricity price.
The proposed model is not practically restricted and it can
be used by owners of RPPs integrated with energy storage
systems to better participate in the electricity market or it can
be followed by the owner of smart homes and microgrids in
order to improve the performance of these systems. Also, the
proposed model is general and it can be developed for the
different types of energy storage systems such as pumped
hydro storage, battery storage, and hydrogen storage while
being applied to large-scale or small-scale systems.

Ill. PROBLEM FORMULATION

A. STOCHASTIC-BASED MODEL OF INTEGRATED RPPs
AND CAES SYSTEM

Initially, the mathematical problem is investigated without
EM price uncertainty for simplicity, so only the uncer-
tainty of RPPs generation is considered in the first step.
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FIGURE 1. Scheme of integrated RPPs and CAES.

The mathematical formulation of the proposed model with-
out considering the price uncertainty is represented in
equations (1)-(25) and (26), as shown at the bottom of the
next page. The objective function of the proposed mathemat-
ical model is defined as (1) that the goal is maximizing total
profit. The first term of the objective function is the obtained
profit for DA that can be calculated by (2), and the second one
is related to obtained profit in the LA that is formulated by (3).
These profits can be reachable by optimal bidding/ offering
of the coordinator in EM. In equation (1), £P! is the discount
factor which varies in the interval [0,1]. This factor indicates
the intention of the integrated system coordinator to make a
balance in profits of the first and second days. The different
amount assigned to £P1 affects the final LoA of CAES on the
first day. The mathematical formulation of the DA problem is
represented by (4)- (13) and (14), as shown at the bottom of
the next page. The amount of bidden or offered power by the
coordinator in EM can be expressed by (4) that the negative
values of Pﬁw D0 represent the amount of purchased power by
the coordinator from EM, and the positive values of Pﬁw DO
indicate sold power to EM. According to equation (4), the
amount of purchased or sold power from/ to EM is dependent
on the generation power of RPPs and the charging/ discharg-
ing power of CAES. Equations (5) and (6) show the linear
relation between charging/ discharging power and charging/
discharging air of the CAES system. The permissible range
of charging/ discharging air of CAES can be expressed by (7)
and (8), respectively. Equation (9) avouches that the charg-
ing and discharging process of the CAES will not happen

isochronal which binary variables BS*"*P° and BS- 752 are

used for this purpose. The amount of stored air at + = 1 and
t > 1 can be calculated by (10) and (11), respectively.
According to equations (10) and (11), the LoA at each time
step ¢ belongs to stored air at previous time step ¢ — 1, amount
of charging and discharging air. Equation (12) ensures that the
LoA at any time step will be in an allowable range. Produced
power of the PVPP can be calculated by (13), which has a
relation to the efficiency of panels, solar radiation, and space
of installed PV panels. Equation (14) expresses the amount of
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produced power by the wind turbines in WPP. It can be seen
that the produced power has a non-linear affiliation with wind
speed and as well as wind turbine characteristics.

Max ProfitT = Profit® + P! ProfitP! 1)
T
Profit™ =" Price; ™ py"-P° )
t
S H
Profit® =" p; Y Price;”' P! 3)
s h
P?/I‘DO — P[W,DO +PfV'DO _PtC,ch,DO
+Plc’dlS’D0 vt (4)
VtC,ch,DO — nC‘ChPtC’Ch’DO Vi (5)
P[C,dis,DO _ nC,dithC,dis,DO Vi 6)
C,ch p,C,ch,DO C,ch,D0O C,ch »,C,ch,DO
VBl <y G D oy CochpCch DOy )
C.dis C,dis,DO C,dis,DO C.dis ,C,dis,DO
V9B <V < v dispe Vi (®)
CAES,ch,D0 C,dis,DO
Bt C + Bt LS
<1 WVt ©)]
A[CAES,DO — AICnin’a[ + VIC'Ch’DO . V[C,dls,DO Vi =1
(10)
A[C,DO — A[C_,?O + V[C,ch,DO _ VIC,dts,DO V> 1
(11)
Afin S AT < Afp W1 (12)
Pf’V,DO — nPVRfV’DOSPV Vit (13)

The LA problem is expressed by (15)- (26). The constraints
of the LA problem are similar to the DA problem, but some
dissimilarities can be seen. a) Due to considering the uncer-
tainty of RPPs generation, the set of scenarios s is added to
variables and parameters. b) Initial LoA inthe LA (i.e. h = 1)
will depend on the final LoA in the DA (i.e. t = 1) that this
interrelation can be formulated by (21). c)According to (23),
the final LoA at the end of the LA time horizon (i.e. h = 24),
will be equal to the initial LoA in the DA.

,D1 _ pW,D1 V.D1 C,ch,D1
Pﬁ‘jlx - Pt,s + Pﬁ,s —P

h,s
+ PSSPy (15)
C,ch,D1 C,ch pC,ch,D1
VP = pCchpCe Vh, s (16)
C,dis,D1 C,disy,C,dis,D1
P APl Codisy C. Vh, s (17)
C,ch pC,ch,D1 C,ch,D1 C,chpC,ch,D1
VMin Bh,s = Vh,s = VMax h,s Vh, N (18)
C,dis pC,dis,D1 C,dis,D1 C.dis ,C,dis,D1
VMin Bh,s = Vh,s = VMax Bh,s Vh’s
(19)
C,ch,D1 C,dis,D1
Bh,s + Bh,s
<1 Vs (20)
c,p1 _ ,C,D1 C,ch,D1 C.dis,D1
Ah s A + Vh,s - Vh,s
Vi=T,h=1,s 21
c,pD1 _ ,C,D1 C,ch,D1 C.dis,D1
Ah,s - Ah—l,s + Vh,s - Vh,s
Vh>1,s (22)
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ACPL — AC . Vh=H,s (23)
Aftin < 43" < Afpae Vhs (24)
Pﬁ’\;,Dl — r)PVR;‘;’DISPV Vh, s (25)

B. SCENARIO GENERATION AND REDUCTION METHOD

In this paper, the stochastic method is used to handle uncer-
tainties associated with wind and solar energies. Solar radi-
ation and wind speed are uncertain parameters of these
renewable energies, which depend on weather conditions.
In the stochastic method, uncertain parameters are mod-
eled considering their different realizations via proper sce-
nario generation. Generally, beta and Weibull probability
density functions (PDF) are used to generate scenarios per-
taining to solar radiation and wind speed, respectively [38].
Equation (27) represents beta PDF in which R is solar irra-
diance. o and B are parameters of beta function that can
be calculated by (28). As mentioned, wind uncertainty is
modeled by Weibull PDF (29). In (30), k and ¢ are shape and
scale indices, respectively.

I'a + B)

C. ROBUST OPTIMIZATION APPROACH
The general form of an optimization problem is presented
in (31)-(34).

H
Min th onxn 31)
S.t. ZAjhxh <B; Vj (32)
h
xp, <0 Vh (33)
xp €{0,1} Vh (34)

In equation (31), ¢, is an uncertain parameter that
varies from (p}’l”’” to ¢;'*. Therefore, the optimization

problem (31)-(34) can be reformulated as a robust model.

H
Min Z orrn + Max {Z«o ¢;"l")|x,,|} (35)
S.t. Equatlons(32) — (34) (36)

In a robust model, the conservativeness level is controlled

through an integer parameter that is called the budget of
uncertainty (IT). The value assigned to this parameter is in

_ a—1 _ mB-1
PDF(R) = C'(@)(B) xR x (1 =R 27) [0, H]. If IT = H, it means that the decision-maker makes
wx (1—p) wxp the most conservative decisions and considers uncertainty
B=(0-p)x <8—2 - 1) ) = m in all periods. If [T = 0, it means that the decision-maker
(28) ignores uncertainty. The robust counterpart of optimization
k—1 X models of (35) and (36) is given in (37)-(42) which is obtained
PDF(V) = k (K) exp (_ (K) ) (29) through duality theory [39].
c\c c H H
5\ 1086 c Min Z opxp + 21+ Z qn (37)
=W Traep o h h
k S.t. Equations (32) — (34) (38)
The computational burden of the stochastic method is 2+ qn = (@ — @) x kn Vh (39)
highly dependent on the number of generated scenarios. So, An>0 Vh (40)
to overcome this problem, applying scenario reduction tech- >0 41)
niques is necessary. In this work, the fast backward method _< o VA 4
of SCENRED tool of GAMS software is used to reduce Kh = Ah (42)
1000 generated scenarios to 10. A, g and z are dual variable of constraints.
0 VtWind,Do - V(?,V Vi
yWind.DO _y,w\ 3 Wind o
PW DO _ NWT PR <t‘/W—VWCl) VCl < V " < VIgV Vit (14)
R — Vi
214 vy < yfindDO _y Wy,
Wind ,DO w ?
0 V; > Ve, vt
0 Vbl -yl Vh, s
N 1 ’
y Wind DV _ W 3
W h,s Ci Wind,D1 w
PZVADI — NWT PR (W) VCl < VhS < VR Vh, N (26)
) l
Py Vi < VPt v v, s
0 Vthd Dl > VCV‘Z Vh, s
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Step 1: Data preparation

First day: Second day:
- Set wind speed, solar radiation - Do scenario generation and reduction process for
and EM price wind speed and solar radiation

- Determine maximum and minimum level EM
price

Step 2: Simulation in GAMS l
Solve LA hybrid stochastic-robust problem:

Equations (43-50)

Price*”! —I:PnceMm ey Price’;P!

< :[0,1,“‘,1]
Step 3: Result analysis l

Extract:
- Profit of first day, second day, and total profit
- Power production of RPPs for each day
- Charging and discharging power of CAES for each day
- LoA of CAES for each day

FIGURE 2. Flowchart of the proposed model.

D. STOCHASTIC-ROBUST BASED MODEL OF INTEGRATED

RPPs AND CAES SYSTEM

The general mathematical model of robust optimization
approach introduced by (37)-(42). According to the proposed
model in [30], the minimization problem of a robust optimiza-
tion can convert to a maximization problem. So for modeling
price uncertainty using the robust optimization approach, the
proposed stochastic based model in (1)-(26) can be refor-
mulate by (43)-(50) to a stochastic-robust based model. The
flowchart of the proposed model can be seen in Fig.III-C.

Max ProfitT = ProfitDO + éEDlProfiz‘D1 (43)
Profit™® = ancef DO pM. Do (44)
Profil‘D1 Z Ds Z Prlcee DUpM.DU_ oy Z qn

(45)

S.t. Equations (4) — (26) (46)
it qn> (Prlcee ,D1,max Prlcee ,D1, mm)

XAy h=1,...,H 47

AM>0 h=1,....H 48)

z>0 (49)

PP <iy h=1,....H (50)

IV. SIMULATION AND NUMERICAL RESULTS

In the following section, problem inputs are introduced in
the first subsection and numerical results are discussed in
the second one. The proposed mixed-integer linear program
(MILP) is implemented in the GAMS software under the
CPLEX solver on an Intel Core i7, 12 GB RAM, and 2.7 GHz
CPU.
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FIGURE 4. Day-ahead EM price.
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FIGURE 5. Look-ahead EM price.
TABLE 1. Probability of scenarios.
Scenario 1 2 3 4 5
Probability (-) 0.17 0.06 002 0.09 0.12
Scenario 6 7 8 9 10

Probability (-) 0.14 0.07 020 0.08 0.05

A. INPUT DATA

The DA solar radiation and wind speed are illustrated in
Fig.3 [27], [40]. The EM price for DA is represented in Fig.4,
but for uncertainty modeling of EM price for look-ahead,
a permissible range of price is taken into account according to
Fig.5 [33]. The LA solar radiation and wind speed for reduced
scenarios are depicted in Fig.6 and Fig.7, respectively. Also,
the probability of reduced scenarios is presented in Table 1.
The technical data of RPPs is provided in Table 2. Further-
more, usable information for the simulation CAES system is
prepared in Table 3.
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FIGURE 6. LA solar radiation for various scenarios.
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FIGURE 7. LA wind speed for various scenarios.

TABLE 2. Technical data of PV and wind power plants.

PV power plant

V[PV (_) SPV (m2)

0.95 10000

Wind power plant

Vv (m/s) VF (mfs) Vi (m[s) PF (MW) N"T(-)
2 25 14 2 20

B. SIMULATION RESULTS

In this paper, three different case studies are investigated for
validating the efficacy of the proposed model. In the first case,
the RPPs participate in day-ahead EM without integration of
CAES. In the second one, the integrated CAES and RPPs
participate in day-ahead EM. The third case study is catego-
rized into two frameworks (FWs). In the first one, the optimal
strategic bidding/ offering of the integrated CAES and RPPs
in the EM without considering of interconnection of DA and
LA is investigated, and in the second FW, the influence of
DA and LA interconnection through stored air of CAES is
perused on the bidding/ offering of the proposed model. Also,
the uncertainty assessment of RPPs generation and EM price
is just studied in the third case study.

1) CASE 1

In this case, the RPPs offer produced power in day-ahead EM
without integration of CAES. The obtained profit for this case
is $ 51954.730. Fig.8 indicates the optimal offering of RPPs
in the DA market. In this figure, the aggregated bar represents
the total produced power by RPPs, and the black line shows
the amount of power offered to EM. According to Fig.8, it can
be seen that the produced power of RPPs is not in harmony
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FIGURE 8. Offering of RPPs in the DA market for case 1.

with EM price. It means that the produced power of RPPs
in the high EM prices, i.e., the hours 6:00, 7:00, 17:00, and
18:00, is relatively low, and they can not offer more power at
the high EM price, so it results in less profit. That is because
of the non-dispatchable behavior of RPPs. To overcome the
techno-economic challenge of RPPs, energy storage systems
can integrate with them. In the next case study, the influence
of integrated CAES with RPPs will be discussed in more
detail.

2) CASE 2

The optimal strategic bidding/ offering of integrated CAES
and RPPs in the DA market is studied in this case. The
optimal operational strategy of the integrated system is shown
in Fig.9, and the obtained profit for this case is $ 63499.57.
Compared to the first case study, due to the strategic behavior
of CAES, the profit increment is noticeable. As mentioned
earlier, the coordinator receives the signals from entities and
is responsible for their optimal and secure operation. So to do
this, the coordinator sends signals to charging CAES during
low EM prices and discharging it during high EM prices. As a
result, this strategic behavior results in more power offerings
in the DA market, so it will be more beneficial. The stored air
of CAES is depicted in Fig.10. It can be seen that the LoA air
at the end of the time horizon is equal to the initial amount.
This predetermined amount of stored air at the end of the time
horizon may not be economical for the second day’s optimal
operation, so it is needful to calculate an optimal amount of
stored air for the end of the first day. To cover this argument,
the optimal bidding/ offering of the proposed model for the
DA and LA problem is investigated in the third case study.

3) CASE 3

The optimal strategic bidding/ offering of integrated CAES
and RPPs in the DA and LA market, considering uncertainties
of RPPs generation and EM price, is studied in this case.
In the first step, the uncertainty of EM price is not considered
and only the RPPs generation’s uncertainty is taken into
account. The uncertainty assessment of EM price will be
discussed in the second step. As mentioned, two FWs are
taken into account for this case study. In the first FW, there
is no interconnection between the DA and LA problems.
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TABLE 3. Technical data of CAES system.

CAES
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FIGURE 9. Optimal bidding/offering of integrated RPPs and CAES in the
DA market for case 2.
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FIGURE 10. Air level of CAES for case 2.
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In other words, the final LoA of each day must be equal to the
initial amount of it. But in the second FW, the interconnection
between the DA and LA problems is taken into account,
so the LoA will be an optimal value. The LoA at the end
of DA and obtained profits of DA and LA are analyzed
for various amounts of £°! in Table4. For the first FW, the
amount of stored air at the end of the first day (Alcz’gf ) and
profit of the first day (ProfitP!) is constant, and it is because
of independent scheduling of DA and LA problem. But for
the second day, it can be seen that by increasing of £°! the
obtained profit for the second day scaled up. So the amount of
total profit will be increased. This is because the scheduling
of two consecutive days increases the total profit, and this is
what we already expected. For FW 2, due to the dependency
of DA and LA problems on each other, for various amounts
of €1, Profit® and ALY are changing. For P! = 0.3 the
total profit for FW 2 is obtained $ 83995.2, and compared to
FW 1, the total profit has increased by $ 1381.7. In this state
the optimal amount of Atcz’g? is calculated 40 Mmh. It shows
that if the scheduling of the LA problem is nonsignificant,
there is no need to select a large amount of LoA at the end of
the time horizon. On the contrary, if the scheduling of the LA
problem is significant, the large amounts of final stored air
will be beneficial. For example, for £°! = 1 the total profit
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FIGURE 11. Robust profit of the proposed model.

is increased by $127.7 compared to FW 1. Also, the optimal
amount of stored air is calculated 100 Mm3h for £P! = 1.

In the second step, simulation results will be discussed
under EM price and RPPs generation uncertainty. The robust
profit for the proposed bidding/offering model of the DA and
LA problem is proposed in Fig.11 for FW 2. According to
Fig.11, the optimistic, deterministic and pessimistic profit is
obtained $155772.7, $131946.3 and $110794.1 respectively.
In the optimistic strategy, the integrated system has more
opportunities to get more profit because of the high EM price.
But in the pessimistic strategy that indicates the worst-case
of EM price uncertainty, the integrated system does not have
more tendency to participate in EM. So it results in less profit
compared to the deterministic and pessimistic strategy.

The optimal bidding/offering of the integrated system for
DA under FW 2 is presented in Fig.12. As can be observed
in the optimistic strategy, the amount of power bought by
the system is increased. It is because the EM price of LA
is supposed to be higher than the expected values, so the
coordinator of the system decides to charge the CAES with
large amounts at 21:00- 24:00, which leads to bidding more
power in the DA and offering more power on the second
day with high EM price. In contrast, for EM prices lower
than the expected values (worst-case), the charging power of
CAES at 21:00- 24:00 is decreased. It shows that the system
coordinator will not offer more power in the LA market.
The final LoA of CAES for DA under various amounts of
£P1 is presented in Fig.13. It is clear that with increasing
of £P! the amount of stored air is scaling up, which for
the optimistic strategy is higher than the deterministic and
pessimistic strategy. It shows that for the high EM price of
LA, the amount of final stored air will be increased.

Optimal bidding curves for & = 2 and €' = 1 is demon-
strated in Fig.14 for three different scenarios. As shown for
the first and seventh scenarios, the amount of bought power
by the integrated system increased with high values of EM
price. However, in these scenarios buying more power at the
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TABLE 4. Simulation results for case study 3.

EPT () 0.3 0.6 0.8 0.9 1
ACDY (Mmh) 30 30 80 80 30
FW1 ProfitP® ($)  63499.5  63499.5  63499.5  63499.5  63499.5
ProfitP! ($) 204957 409914 546552  61487.1 68319
ProfitT ($) 839952 104491  118154.8 124986.7 131818.6
ACDY (Mnh) 40 40 73 81 100
FW2 ProfitP0 ()  65828.6  65828.6  63557.7  63205.6  62320.8
ProfitP! (§) 208164 416329 581623 666467  75069.1
ProfifT ($) 853769 1049252 118163.9 1249928 1319463
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FIGURE 12. Optimal bidding/offering of the integrated system for DA
under FW 2 in the case study 3.
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FIGURE 13. Final stored air of CAES for DA.

high EM price will cause selling more power at other times
with the high EM price, so it can be beneficial. But for the
eighth scenario, the amount of bought power is constant for
different values of EM price, and due to the high penetration
of RPPs, there is no need to buy more power. Also, the optimal
offering curves for h = 21 and £P' = 1 are represented
in Fig.15 for scenarios 2, 3, and 6. As demonstrated in this
figure, the amount of offering power is enlarged with the high
EM price.

4) CASE STUDIES DISCUSSION

In the first case study, the integration of CAES into RPPs
was not considered. According to obtained results in this case
study, the power production of RPPs is not coordinated with
EM price, so it was not cost-effective from the RPPs owner’s
perspective. To overcome this challenge, in the second case
study the integration of CAES into RPPs was investigated.
Numerical results show that during low EM prices, CAES
is charged by buying power from grid or RPPs production,
and during high EM prices, it is discharged. This strategy
increases the obtained profit and it is economical for the
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owner of RPPs. On the other side, the efficacy of the LA
strategy was investigated in the third case study. it is seen
that the proposed LA strategy in FW 2 increases the obtained
profit. Therefore, this strategy can be suggested to the owner
of RPPs integrated with CAES in order to obtain more profit.

V. CONCLUSION

In this work, an optimal bidding/offering strategy is suggested
for the participation of integrated RPPs with the CAES unit in
EM. The hybrid robust-stochastic method is used to manage
uncertainties in this model. It should be noted that uncer-
tainty of EM price is handled by using the robust method
while uncertainties of renewable energies are modeled via a
stochastic approach. As well, in order to obtain higher profit
in the proposed model, the LA technique is employed for
adjusting the final LoA of the CAES unit. The effectiveness
of the proposed bidding/offering strategy is evaluated in three
cases. According to the obtained results from the first and sec-
ond case studies, RPPs can make economic decisions when
integrated with the CAES unit. They can sell their power
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directly to EM or store it in the storage device to achieve
more profit. In case 3, the LA technique and uncertainties
are considered in the proposed bidding/offering model. The
results indicate that the LA technique can help to increase
the total profit of the integrated system by setting the optimal
value for the final LoA of the CAES unit. Moreover, in the
optimistic strategy, the integrated system gets more profit
compared to deterministic and pessimistic strategies. The rea-
son for this is that when EM price is higher than its expected
values, the coordinator of the integrated system has a greater
desire to participate in EM. For future works, the optimal
look-ahead bidding/offering of integrated renewable power
plants and CAES in the electricity market considering the
technical constraints of the power network with the presence
of other participants in the wholesale electricity market can
be investigated. Also, the uncertainties of the problem can
be modeled by other methods such as IGDT and chance
constraint.

REFERENCES

[1] J. Matevosyan and L. Soder, ‘““Minimization of imbalance cost trading wind
power on the short-term power market,” IEEE Trans. Power Syst., vol. 21,
no. 3, pp. 1396-1404, Aug. 2006.

[2] J. M. Morales, A. J. Conejo, and J. Pérez-Ruiz, “‘Short-term trading
for a wind power producer,” IEEE Trans. Power Syst., vol. 25, no. 1,
pp. 554-564, Feb. 2010.

[3] M. K. Alashery, D. Xiao, and W. Qiao, “Second-order stochastic dom-
inance constraints for risk management of a wind power producer’s
optimal bidding strategy,” IEEE Trans. Sustain. Energy, vol. 11, no. 3,
pp. 1404-1413, Jul. 2019.

[4] W. Fan, L. Huang, B. Cong, Degejirifu, Z. Tan, and T. Xing, ‘“Research on

an optimization model for wind power and thermal power participating in

two-level power market transactions,” Int. J. Electr. Power Energy Syst.,

vol. 134, Jan. 2022, Art. no. 107423.

L. Baringo and A. J. Conejo, “Strategic offering for a wind power pro-

ducer,” IEEE Trans. Power Syst., vol. 28, no. 4, pp. 4645-4654, Nov. 2013.

[6] M. Zugno, J. M. Morales, P. Pinson, and H. Madsen, “Pool strategy of
a price-maker wind power producer,” IEEE Trans. Power Syst., vol. 28,
no. 3, pp. 3440-3450, Aug. 2013.

[71 M. Moradi-Dalvand, B. Mohammadi-Ivatloo, N. Amjady, H. Zareipour,
and A. Mazhab-Jafari, “Self-scheduling of a wind producer based on
information gap decision theory,” Energy, vol. 81, pp. 588-600, Mar. 2015.

[8] A. Mirzapour-Kamanaj, M. Majidi, K. Zare, and R. Kazemzadeh, “Opti-
mal strategic coordination of distribution networks and interconnected
energy hubs: A linear multi-follower bi-level optimization model,” Int. J.
Electr. Power Energy Syst., vol. 119, Jul. 2020, Art. no. 105925.

[9] H. Yang, Z. Wei, and L. Chengzhi, “Optimal design and techno-economic
analysis of a hybrid solar—wind power generation system,” Appl. Energy,
vol. 86, no. 2, pp. 163-169, Feb. 2009.

[10] I. L. R. Gomes, H. M. I. Pousinho, R. Melico, and V. M. F. Mendes,
“Bidding and optimization strategies for wind-PV systems in electricity
markets assisted by CPS,”” Energy Proc., vol. 106, pp. 111-121, Dec. 2016.

[11] H. Khaloie, A. Abdollahi, M. Shafie-Khah, P. Siano, S.Nojavan,
A. Anvari-Moghaddam, and J. P. S. Cataldo, “Co-optimized bidding strat-
egy of an integrated wind-thermal-photovoltaic system in deregulated elec-
tricity market under uncertainties,” J. Cleaner Prod., vol. 242, Jan. 2020,
Art. no. 118434.

[12] M. Beaudin, H. Zareipour, A. Schellenberglabe, and W. Rosehart, “Energy
storage for mitigating the variability of renewable electricity sources:
Anupdated review,” Energy Sustain. Develop., vol. 14, no. 4, pp. 302-314,
Dec. 2010.

[13] O. Talent and H. Du, “Optimal sizing and energy scheduling of
photovoltaic-battery systems under different tariff structures,” Renew.
Energy, vol. 129, pp. 513-526, Dec. 2018.

[14] P. D. Brown, J. A. P. Lopes, and M. A. Matos, ““‘Optimization of pumped
storage capacity in an isolated power system with large renewable penetra-
tion,” IEEE Trans. Power Syst., vol. 23, no. 2, pp. 523-531, May 2008.

[5

VOLUME 10, 2022

[15]

[16]

(17]

(18]

(19]

(20]

(21]

(22]

(23]

(24]

[25]

(26]

(27]

(28]

[29]

(30]

(31]

(32]

(33]

(34]

Y. Zhou, C. Xia, H. Zhao, S. Mei, and S. Zhou, “An iterative method for
evaluating air leakage from unlined compressed air energy storage (CAES)
caverns,” Renew. Energy, vol. 120, pp. 434—445, May 2018.

S. Nojavan, A. Najafi-Ghalelou, M. Majidi, and K. Zare, “Optimal bidding
and offering strategies of merchant compressed air energy storage in dereg-
ulated electricity market using robust optimization approach,” Energy,
vol. 142, pp. 250-257, Jan. 2018.

A. Attarha, N. Amjady, S. Dehghan, and B. Vatani, “Adaptive robust self-
scheduling for a wind producer with compressed air energy storage,” IEEE
Trans. Sustain. Energy, vol. 9, no. 4, pp. 1659-1671, Oct. 2018.

R. Khatami, K. Oikonomou, and M. Parvania, ‘“Look-ahead optimal partic-
ipation of compressed air energy storage in day-ahead and real-time mar-
kets,” IEEE Trans. Sustain. Energy, vol. 11, no. 2, pp. 682-692, Apr. 2019.
H. Lund, G. Salgi, B. Elmegaard, and A. N. Andersen, *“Optimal operation
strategies of compressed air energy storage (CAES) on electricity spot
markets with fluctuating prices,” Appl. Thermal Eng., vol. 29, nos. 5-6,
pp. 799-806, Apr. 2009.

D. Xie, Q. Guo, X. Liang, and K. Jermsittiparsert, ‘‘Risk-based bidding and
offering strategies of the compressed air energy storage using downside
risk constraints,” J. Cleaner Prod., vol. 302, Jun. 2021, Art. no. 127032.
S. Shafiee, H. Zareipour, A. M. Knight, N. Amjady, and
B. Mohammadi-Ivatloo, ‘“‘Risk-constrained bidding and offering strategy
for a merchant compressed air energy storage plant,” IEEE Trans. Power
Syst., vol. 32, no. 2, pp. 946-957, Mar. 2016.

S. Shafiee, H. Zareipour, and A. M. Knight, “Considering thermodynamic
characteristics of a CAES facility in self-scheduling in energy and reserve
markets,” IEEE Trans. Smart Grid, vol. 9, no. 4, pp. 3476-3485, Jul. 2018.
R. Khatami, K. Oikonomou, and M. Parvania, “Optimal participation of
compressed air energy storage in energy and ancillary service markets,” in
Proc. IEEE/PES Transmiss. Distrib. Conf. Expo. (T D), Apr. 2018, pp. 1-5.
W. Cai, R. Mohammaditab, G. Fathi, K. Wakil, A. G. Ebadi, and
N. Ghadimi, “Optimal bidding and offering strategies of compressed air
energy storage: A hybrid robust-stochastic approach,” Renew. Energy,
vol. 143, pp. 1-8, Dec. 2019.

H. Daneshi and A. Srivastava, “Security-constrained unit commitment
with wind generation and compressed air energy storage,” IET Gener,
Transmiss. Distrib., vol. 6, no. 2, pp. 167-175, 2012.

H. A. Bafrani, M. Sedighizadeh, M. Dowlatshahi, M. H. Ershadi, and
M. M. Rezaei, “Spinning reserve stochastic model of compressed air
energy storage in day-ahead joint energy and reserve market using infor-
mation gap decision theory method,” Int. J. Electr. Power Energy Syst.,
vol. 141, Oct. 2022, Art. no. 108123.

M. Abbaspour, M. Satkin, B. Mohammadi-Ivatloo, F. H. Lotfi, and
Y. Noorollahi, “Optimal operation scheduling of wind power integrated
with compressed air energy storage (CAES),” Renew. Energy, vol. 51,
pp. 53-59, Mar. 2013.

H. Khaloie, A. Anvari-Moghaddam, J. Contreras, J.-F. Toubeau, P. Siano,
and F. Vallée, “Offering and bidding for a wind producer paired with
battery and CAES units considering battery degradation,” Int. J. Electr.
Power Energy Syst., vol. 136, Mar. 2022, Art. no. 107685.

H. Khaloie, M. Mollahasani-Pour, and A. Anvari-Moghaddam, *“Optimal
behavior of a hybrid power producer in day-ahead and intraday mar-
kets: A bi-objective CVaR-based approach,” IEEE Trans. Sustain. Energy,
vol. 12, no. 2, pp. 931-943, Apr. 2021.

R. Nourollahi, B. Mohammadi-Ivatloo, and K. Zare, “Hybrid stochas-
tic/robust offering strategy for coordinated wind power and compressed air
energy storage in multielectricity markets,” IEEE Syst. J., vol. 16, no. 1,
pp. 977-984, Mar. 2022.

M. Aldaadi, F. Al-Ismail, A. T. Al-Awami, and A. Mugbel, “A coordinated
bidding model for wind plant and compressed air energy storage systems
in the energy and ancillary service markets using a distributionally robust
optimization approach,” IEEE Access, vol. 9, pp. 148599-148610, 2021.
S. Ghavidel, M. J. Ghadi, A. Azizivahed, J. Aghaei, L. Li, and J. Zhang,
“Risk-constrained bidding strategy for a joint operation of wind power
and CAES aggregators,” IEEE Trans. Sustain. Energy, vol. 11, no. 1,
pp. 457466, Jan. 2019.

X. Xu, W. Hu, W. Liu, Y. Du, R. Huang, Q. Huang, and Z. Chen, “Look-
ahead risk-constrained scheduling for an energy hub integrated with renew-
able energy,” Appl. Energy, vol. 297, Sep. 2021, Art. no. 117109.

Y. Fang and S. Zhao, “Look-ahead bidding strategy for concentrat-
ing solar power plants with wind farms,” Energy, vol. 203, Jul. 2020,
Art. no. 117895.

107911



IEEE Access

A. Mirzapour-Kamanaj et al.: Optimal Look-Ahead Strategic Bidding/Offering

[35] Y. Wang, Y. Dvorkin, R. Fernandez-Blanco, B. Xu, T. Qiu, and
D. S. Kirschen, “‘Look-ahead bidding strategy for energy storage,” IEEE
Trans. Sustain. Energy, vol. 8, no. 3, pp. 1106-1117, Jul. 2017.

[36] P. Aliasghari, M. Zamani-Gargari, and B. Mohammadi-Ivatloo, ‘“Look-
ahead risk-constrained scheduling of wind power integrated system
with compressed air energy storage (CAES) plant,” Energy, vol. 160,
pp. 668-677, Oct. 2018.

[37] M. Daneshvar, B. Mohammadi-Ivatloo, K. Zare, and S. Asadi, “Two-stage
robust stochastic model scheduling for transactive energy based renewable
microgrids,” IEEE Trans. Ind. Informat., vol. 16, no. 11, pp. 6857-6867,
Nov. 2020.

[38] D. Rakipour and H. Barati, “‘Probabilistic optimization in operation of
energy hub with participation of renewable energy resources and demand
response,” Energy, vol. 173, pp. 384-399, Apr. 2019.

[39] D. Bertsimas and M. Sim, ‘“‘Robust discrete optimization and network
flows,” Math. Program., vol. 98, nos. 1-3, pp. 49-71, 2003.

[40] B. P. Numbi and S. J. Malinga, “Optimal energy cost and economic
analysis of a residential grid-interactive solar PV system-case of eThek-
wini municipality in South Africa,” Appl. Energy, vol. 186, pp. 28-45,
Jan. 2017.

AMIR MIRZAPOUR-KAMANAIJ received the
B.Sc. degree in electrical engineering from Tabriz
Technical High Education Center, Tabriz, Iran,
in 2016, and the M.Sc. degree in electrical engi-
neering from the Sahand University of Technol-
ogy, Tabriz, in 2020. He is currently pursuing the
Ph.D. degree in power electrical engineering with
the University of Tabriz, Tabriz. His research inter-
ests include energy market, peer-to-peer energy
trading, multi-carrier energy systems, smart grid,
energy storage systems, and smart buildings.

AMIR TALEBI was born in Meshginshahr, Iran.
He received the B.Sc. degree in electrical engineer-
ing from the University of Mohaghegh Ardabili,
Ardabil, Iran, in 2015, and the M.Sc. degree in
electrical engineering from the Sahand University
of Technology, Tabriz, Iran, in 2019. He is cur-
rently pursuing the Ph.D. degree in power elec-
trical engineering with the University of Tabriz,
Tabriz. His research interests include integrated
energy systems, power system optimization, elec-
tricity markets, and energy storage systems.

KAZEM ZARE received the B.Sc. and M.Sc.
degrees in electrical engineering from the Uni-
versity of Tabriz, Tabriz, Iran, in 2000 and 2003,
respectively, and the Ph.D. degree from Tarbiat
Modares University, Tehran, Iran, in 2009. He is
currently a Professor with the Faculty of Electrical
and Computer Engineering, University of Tabriz.
His research interests include power system eco-
nomics, distribution networks, microgrid, energy
management, smart building, demand response,
and power system optimization.

107912

BEHNAM MOHAMMADI-IVATLOO (Senior
Member, IEEE) received the B.Sc. degree (Hons.)
in electrical engineering from the University of
Tabriz, Tabriz, Iran, in 2006, and the M.Sc. and
Ph.D. degrees (Hons.) from the Sharif University
of Technology, Tehran, Iran, in 2008 and 2012,
respectively. He is currently a Professor with the
Faculty of Electrical and Computer Engineering,
University of Tabriz, and a Consulting Member
with the Information Technologies Application
and Research Center, Istanbul Ticaret University, Istanbul, Turkey. His
research interest includes the operation and planning of intelligent energy
systems.

ZULKURNAIN ABDUL-MALEK (Senior Mem-
ber, IEEE) received the B.E. degree from Monash
University, Melbourne, Australia, in 1989, and
the M.Sc. degree in electrical and electromagnetic
engineering with industrial applications and the
Ph.D. degree in high-voltage engineering from
Cardiff University, in 1995 and 1999, respectively.
He has been with Universiti Teknologi Malaysia,
for 31 years, where he is currently a Professor and
the Director of the Institute of High Voltage and
High Current. He has published more than 150 papers in various technical
journals and conference proceedings. His research interests include surge
arrester intelligent condition monitoring, lightning-related EMC, warning
systems, lightning protection systems, electrical discharge, condition mon-
itoring, and nanodielectrics. He is actively involved in many national and
international committees.

AMJAD ANVARI-MOGHADDAM (Senior Mem-
ber, IEEE) received the Ph.D. degree (Hons.) in
power systems engineering from the University
of Tehran, in 2015. He is currently an Asso-
ciate Professor and the Leader of the Intelli-
gent Energy Systems and the Flexible Markets
(iGRIDS) Research Group, Department of Energy
4 (AAU Energy), Aalborg University, where he is
‘ also acting as the Vice-Leader of the Power Elec-
tronic Control, Reliability and System Optimiza-
tion (PESYS) and the Coordinator of the Integrated Energy Systems
Laboratory (IES-Lab). He was a Guest Professor with Technische Universitét
Miinchen, Germany, during November/December 2021. He has coauthored
more than 270 technical articles, 9 books, and 14 book chapters, in the field.
His research interests include planning, control, operation management of
microgrids, renewable/hybrid power systems, and integrated energy systems
with appropriate market mechanisms. He serves as a Technical Commit-
tee Member for several IEEE PES/IES/PEL and CIGRE Working Groups.
He was arecipient of the 2020 DUO—India Fellowship Award; the DANIDA
Research Fellowship Grant from the Ministry of Foreign Affairs of Denmark,
in 2018 and 2021, respectively; the IEEE-CS Outstanding Leadership Award,
Halifax, Nova Scotia, Canada, in 2018; and the 2017 IEEE-CS Outstanding
Service Award, Exeter, U.K. He is the Vice-Chair of IEEE Denmark Section
and the Power and Energy Society (PES) Danish Chapter. He is an Associate
Editor of the IEEE TransacTtions oN Power Systems, IEEE Acckss, the IEEE
SysTtEMS JoURNAL, the IEEE OPEN Acciss JOURNAL OF POWER AND ENERGY, and
the IEEE PowER ENGINEERING LETTERS.

VOLUME 10, 2022



