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Abstract: Evidence of the impact of nutrition on human brain development is compelling. Previous
in vitro and in vivo results show that three specific amino acids, histidine, lysine, and threonine,
synergistically inhibit mTOR activity and behavior. Therefore, the prenatal availability of these amino
acids could be important for human neurodevelopment. However, methods to study the underlying
mechanisms in a human model of neurodevelopment are limited. Here, we pioneer the use of human
cerebral organoids to investigate the impact of amino acid supplementation on neurodevelopment.
In this study, cerebral organoids were exposed to 10 mM and 50 mM of the amino acids threonine,
histidine, and lysine. The impact was determined by measuring mTOR activity using Western blots,
general cerebral organoid size, and gene expression by RNA sequencing. Exposure to threonine,
histidine, and lysine led to decreased mTOR activity and markedly reduced organoid size, supporting
findings in rodent studies. RNA sequencing identified comprehensive changes in gene expression,
with enrichment in genes related to specific biological processes (among which are mTOR signaling
and immune function) and to specific cell types, including proliferative precursor cells, microglia, and
astrocytes. Altogether, cerebral organoids are responsive to nutritional exposure by increasing specific
amino acid concentrations and reflect findings from previous rodent studies. Threonine, histidine,
and lysine exposure impacts the early development of human cerebral organoids, illustrated by the
inhibition of mTOR activity, reduced size, and altered gene expression.

Keywords: neurodevelopment; mTOR; amino acids

1. Introduction

Compelling evidence from epidemiological studies suggests that the maternal diet
during pregnancy is a key modifier of neurodevelopment and impacts later-life intelligence,
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social function, and the risk of acquiring a range of neuropsychiatric conditions, such as
autism spectrum disorders and schizophrenia [1–6]. Particularly during early gestation,
brain development is vulnerable to maternal nutritional deviations, with effects persisting
later in life. Pre-clinical studies on prenatal nutrition, the availability of micronutrients,
and the composition of the maternal diet have shown a broad range of effects in offspring,
such as decreased neurogenesis, changes in neuronal dendritic arborization, and increased
astrocytic GFAP expression [7–10].

Amino acids are a key component of nutrition, and some essential amino acids need to
be provided through the diet. Dietary intake influences plasma amino acid concentrations
and ratios [11], and supplementation with specific amino acids is used to improve health,
metabolism, and athletic performance [12]. Amino acids are best known as the building
blocks of proteins but also have an important regulatory function in the cell [12].

Recently, amino acids have emerged as potent modulators of the mammalian target of
rapamycin (mTOR) [13–15]. mTOR signaling regulates the phosphorylation of the transla-
tional modulator P70S6K and is involved in processes such as cell growth, metabolism, and
autophagy but also in neurodevelopment, the regulation of cortical structure formation
through outer radial glia, the timing of the gliogenic switch, and axon formation and
dendritic arborization [16–20]. Deregulation of mTOR function due to genetic mutations
or altered protein expression is involved in brain diseases, particularly developmental
neuropsychiatric disorders such as autism, schizophrenia, and tuberous sclerosis [18,21–24].

Previous in vitro studies showed that supplementation with three specific amino
acids, histidine (His), lysine (Lys), and threonine (Thr), synergistically potently inhibit
P70S6K signaling downstream of mTROC1 and thereby protein synthesis and modulate
IRS-1 phosphorylation [25,26]. Furthermore, a mouse study enriching the postnatal diet of
5-week-old mice with these three essential amino acids found decreased mTOR activity in
the mouse brains and an effect on autism-related behaviors [26].

Therefore, amino acid availability, especially that of His, Lys, and Thr, at early devel-
opmental stages could be important for healthy brain development, and dietary changes
during pregnancy may have consequences for the risk of neurodevelopmental disorders.

To date, studies on the role of amino acids in mTOR signaling have been performed
in mouse models and 2D in vitro studies in rodent mammary epithelial cells [25,26]. Be-
cause of the vast differences between human and rodent neurodevelopment and cell
function [27–29], translation to a human model is important, as it may be more accurate
in reporting transcriptional, functional, and neurodevelopmental changes. The intro-
duction of the induced pluripotent stem cell (iPSC)-derived cerebral organoid model by
Lancaster et al. (2013) has provided an opportunity to study human neurodevelopment
in vitro [30,31]. Cerebral organoids show structural properties that are specific to the devel-
oping human cortex, such as the presence of an outer subventricular zone containing outer
radial glia [31,32]. Furthermore, as cerebral organoids mature, they contain a multitude
of different cell types, which form an integrated network, as opposed to single-cell-type
2D in vitro approaches [31,33,34]. Interestingly, with slight modifications to the cerebral
organoid protocol, the presence of microglia was established [33]. This is unique compared
to other brain organoid models and allows for the study of immune-related phenotypes [33].
Altogether, cerebral organoids provide a useful representation of early human cortical neu-
rodevelopment at transcriptomic, epigenetic, and structural levels [31,33,35,36]. In addition,
this in vitro model is a more versatile and accessible resource for sample material than
human primary early gestational brain tissue.

This study pioneers in researching the effects of His, Lys, and Thr exposure on mTOR
activity in a human neurodevelopmental 3D in vitro model. The primary need for the study
is two-fold: 1. Establish whether we can replicate findings on mTOR activity upon His,
Lys, and Thr exposure from previous in vitro and in vivo work using the human cerebral
organoid model. 2. Explore neurodevelopmental responses to the inhibitory effects of
His, Lys, and Thr on mTOR activity in human cerebral organoids by investigating changes
in general size and gene expression. The developing cerebral organoids were exposed
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to increased concentrations of the three amino acids His, Lys, and Thr (AA exposure)
and assessed for mTOR activity by analyzing Western blots, general organoid size, and
transcriptomic alterations using RNA sequencing. The data were cross-referenced with
gene lists on biological processes and cell types to determine leads for future research.

2. Materials and Methods
2.1. iPSC line Generation and Maintenance

The generation and characterization of induced pluripotent stem cell (iPSC) lines
OH1.5 (male, 62 years old), OH2.6 (male, 61 years old), and OH4.6 (female, 60 years old)
were performed in the MIND facility of the UMC Utrecht, described previously [33,37].
iPSC lines were maintained feeder-free on Geltrex (Thermofisher, A1413202, Thermo Fisher
Scientific, Waltham, MA, USA) in StemFlex8 medium (ThermoFisher, A3349401) at 37 ◦C
with 5% CO2. Medium was changed 3 times a week. Cells were passaged once a week
at 80–90% confluency by incubating the cells in 5 µM EDTA (ThermoFisher, 15575020)
for 2 min at 37 ◦C and transferring cell aggregates to a new culture dish with StemFlex8
medium, supplemented with 5 µM ROCK inhibitor (Axon, 1683, Axon Medchem BV,
Groningen, The Netherlands) for the first 24 h. All lines were kept in culture for a maximum
of 60 passages and were regularly tested for mycoplasma infections (Lonza, LT07-318, Lonza
Bioscience Solutions, Basel, Switzerland).

2.2. Ethical Approval

For iPSC line generation, written informed consent was provided by volunteers
(without neurodevelopmental, psychiatric, neurologic, or genetic disorders), and approval
was granted by the Medical Ethical Committee of the University Medical Center Utrecht.
This study was conducted in accordance with the Code of Ethics of the World Medical
Association (Declaration of Helsinki).

2.3. Organoid Differentiation

Human iPSCs were differentiated towards cerebral organoids as described previ-
ously [33]. In short, iPSCs were grown until ~90% confluency and dissociated to single
cells using 5 µM EDTA followed by Accutase (Thermofisher, A11105-01). Cells were
counted with the Countess™ II FL Automated Cell Counter (ThermoFisher) and plated at
a concentration of 3.5 × 106 cells per well in an aggrewell800 microwell plate (StemCell
Technologies, 27865) in 2 mL of hES0 medium (DMEM-F12 (ThermoFisher, 11320-074), 20%
KOSR (ThermoFisher, 10828028), 1% NEAA (ThermoFisher, 11140-035), 1% L-Glutamine
(ThermoFisher, 25030-024), 3% FBS (SigmaAldrich, F7524, Sigma-Aldrich, Saint Louis, MO,
USA), 496 µM ß-mercaptoethanol (Merck-Schuchardt, 805740, Merck Schuchardt oHG,
Hohenbrunn, Germany) supplemented with 4 ng/mL bFGF (ThermoFisher, AA10-155)
and 50 µM ROCK inhibitor (Axon Medchem, Y-27632). Medium was refreshed on day 1.
On day 2, embryoid bodies were transferred to an ultra-low attachment 96-well plate
(Corning, 3474, Corning, Corning Inc., NY, USA). Medium was replaced with hES0 with-
out ROCK inhibitor and bFGF on day 4. On day 6, medium was replaced with neural
induction medium (DMEM-F12, 1% N2 (ThermoFisher, 17502048), 1% L-Glutamine, 1%
NEAA, and 0.1 µg/mL heparin (Sigma Aldrich, H3149-10KU)), which was refreshed on
days 8, 10, and 12. Organoids were embedded in 30 µL of Matrigel (Corning, 356234)
on day 13 and cultured in cerebral organoid differentiation medium without vitamin A
(DMEM-F12 1:1 with neurobasal medium (ThermoFisher, 21103049), 1% L-Glutamine, 1%
P/S, 0.025% insulin (Sigma Aldrich, I9278), 3.5 µL/L 2-mercaptoethanol, 1% NEAA, and
1:100 B27 supplement without vitamin A (Sigma Aldrich, 12587010)) for 4 days, refreshing
the medium on day 15 with 16 organoids per 60 mm dish. Medium was replaced with
cerebral organoid differentiation medium with vitamin A (DMEM-F12 1:1 with neurobasal
medium, 1% L-Glutamine, 1% P/S, 0.025% insulin, 3.5 µL/L 2-mercaptoethanol, 1% NEAA,
and 1:100 B27 supplement with vitamin A (Sigma Aldrich, 17504044)) on day 17. The
organoids were kept on a belly dancer (BDRAA115S, IBI Scientific, Dubuque, IA, USA) at
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speed 3 and maintained in cerebral organoid differentiation medium with vitamin A for
the duration of the experiment (Figure 1).

Figure 1. Methodological set-up. A schematic representation of the cerebral organoid protocol (based
on Lancaster et al., 2013, with adaptations from Ormel et al., 2018) and experimental set-up. From
the start of week 4, organoids were exposed to rapamycin, the AAs His, Lys, and Thr (10 mM or
50 mM), or control medium and either harvested after acute exposure (after 1 h) for protein and RNA
isolation or kept in culture for chronic exposure. Organoid size was followed through bright-field
imaging at the end of week 4, week 5, week 6, week 7, and week 10. Organoids were harvested for
RNA isolation after prolonged (week 5) and long-term (week 15) AA exposure. Harvesting always
occurred 1 h after medium change.

2.4. Exposure

Before exposure, cerebral organoids grown in separate culture dishes were combined
and randomly redivided over separate 60 mm culture dishes for different conditions to
reduce intra-dish variation [38]. Cerebral organoids were exposed to 100 nM rapamycin
in DMSO (5312-88-9, LC Laboratories, Woburn, MA, USA) or medium with an additional
10 mM or 50 mM of the amino acids Thr (Sigma Aldrich, 1084110010), His (Sigma Aldrich,
1043500025), and Lys (Sigma Aldrich, 1057000100) in a 1:1:1 ratio (AA exposure) in dif-
ferentiation medium with vitamin A. After supplementation with amino acids, the pH of
the medium was adjusted to pH 7.4 with NaOH. Rapamycin exposure was performed at
week 4 for 1 h. Short-term AA exposure was performed for 1 h at the start of week 4 to test
the acute response to the 3 amino acids. AA exposure continued to week 15, changing the
medium 3 times per week with fresh differentiation medium with amino acids. A schematic
representation of the timeline can be found in Figure 1. All experiments included a control
condition that received standard differentiation medium with vitamin A. To observe the
possible inhibitory effect of rapamycin or AA exposure, cerebral organoids were always
harvested 1 h after medium change (with either control medium or medium supplemented
with rapamycin or the 3 amino acids) for protein and RNA isolation.



Nutrients 2022, 14, 2175 5 of 19

2.5. Size Measurements

Bright-field pictures (2.5×) were obtained (EVOS M5000 microscope, Thermo Fisher)
from organoids that were subjected to chronic AA exposure from the start of week 4
(day 21). Pictures were taken at the end of week 4, week 5, week 6, week 7, and week 10.
Organoid size was determined by creating a mask of the images and measuring the area
using a macro in FIJI [39]. The masks were all verified manually.

2.6. Western Blot

For protein isolation, cerebral organoids were collected individually in 100 µL of
suspension buffer (0.1 M NaCl, 0.01 M Tris-HCL pH 7.6, 0.001 M EDTA, complete EDTA-
free protease inhibitor cocktail (Roche, 11697498001), and phosphatase inhibitor cocktail
(Sigma Aldrich, P5726) and lysed using the Ultra Turrax Homogenizer (0003737000, IKA
Werke, Staufen im Breisgau, Germany). Then, 2× SDS loading buffer (100 mM Tris p H6.8,
4% SDS, 20% glycerol, and 0.2 M DTT (Cleland’s reagent, 10708984001)) was added 1:1,
and samples were heated at 95 ◦C for 5 min. DNA was sheared with a 25-gauge needle.
Bromophenol Blue (34725-61-6, MERCK, Darmstadt, Germany) was added to each sample
for visibility. Samples were stored at −80 ◦C until further use. Proteins were separated
by SDS-PAGE gel electrophoresis on 7.5%, 10%, or 15% gels and blotted on a 0.45 µM
pore size nitrocellulose membrane (A20485269, GE Healthcare, Chicago, IL, USA) using
wet blotting. Blots were incubated in blocking buffer (50 mM Tris pH 7.4, 150 mM NaCl,
0.25 (w/v) gelatin, and 0.5% triton X-100)) and incubated with fluorescent primary antibody
(Supplementary Table S11) in blocking buffer overnight at 4 ◦C. Blots were washed in TBS-
T (100 mM Tris-HCL pH 7.4, 150 mM NaCl, and 0.05% Tween-20) and incubated with
secondary antibody in blocking buffer for 1 h at RT. Blots were washed in TBS-T and
rinsed with DEMI-H2O before fluorescence scanning. Both fluorescence scanning and
quantification were performed using the Odyssey CLx Western Blot Detection System
(LI-COR biosciences, Lincoln, NE, USA). Each protein of interest was normalized against a
reference protein on the same blot (GAPDH).

2.7. RNA Isolation

For RNA isolation, cerebral organoids were collected individually in 500 µL of TRIzol
Reagent (Thermo Life Technologies, 15596018) and lysed using the Ultra Turrax Homog-
enizer (IKA, 0003737000). Samples were stored at −80 ◦C until further use. RNA was
isolated using the miRNeasy mini kit (217004, Qiagen, Hilden, Germany) according to
manufacturer’s instructions. Genomic DNA was removed by including a supplementary
DNAse step (Qiagen, 79254). RNA concentrations were measured using the Qubit RNA
HS assay kit (Q32852, Invitrogen, Waltham, MA, USA) on the Qubit 4 (Invitrogen, Q33238).

2.8. RNA Sequencing
2.8.1. Bulk RNAseq Analysis

Preparation of the cDNA libraries was performed by Single Cell Discoveries (Utrecht, [40])
according to the CelSeq2 protocol [41]. As a pre-sequencing quality control, the quality of
the amplified RNA and the final cDNA libraries were determined with RNA 6000 Pico Kit
(5067-1513, Agilent Technologies, Inc., Santa Clara, CA, USA) or the RNA High Sensitivity
Kit (Agilent, 5067-4626), respectively, using the Bioanalyzer 2100 (Agilent, G2939BA). Sam-
ples were processed and sequenced in 2 separate batches. Libraries were sequenced using
the Illumina NextSeq 5000 platform with paired-end sequencing (75 bp) at a sequencing
depth of 10 million reads per sample. After de-multiplexing of the sample libraries, raw
RNAseq reads were aligned along the hg38 human RefSeq transcriptome via Burrows-
Wheeler Aligner [42] using MapAndGo.

2.8.2. Quality Control

Using R studio (version 4.0.0, R core team (2020), PBC, Boston, MA, USA) quality
control of all sequenced samples together was performed based on the following metrics:
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ERCC spike-ins, library size, and mitochondrial RNA (mtRNA). ERCC spike-ins were low
(<1%) in all samples, suggesting high endogenous purity of the RNA content. Samples with
a library size below 5 × 105 counts were excluded. Reads mapped to mitochondrial genes
were included, as expression effects associated with metabolism (mTOR-related activity)
were a potential relevant outcome measure. However, samples identified as distribution-
based outliers were excluded. Altogether, this led to the exclusion of 6 samples in the
long-term exposure group (3.50 mM AA-exposed organoids and 3 CTR organoids, of which
3 were from iPSC line OH2.6, 2 were from OH1.5, and 1 was from OH4.6). To reduce noise
within the gene expression data, genes with expression lower than the 15th percentile of
the count distribution were removed. This accounted for removal of approximately 20% of
the genes [43].

2.8.3. Pre-Processing and Confounders

Inter-sample distances were assessed for each time point separately (week 4, week 5,
and week 15). We applied unsupervised hierarchical clustering with the pheatmap v1.0.2
package using Euclidean distances and principal component analysis (PCA). To dissect the
sources of variance in our data, we calculated Pearson r correlation between covariates and
principal components. The variance within each gene explained by each single covariate
(R2) was obtained by fitting a variance partition model using variance partition v1.2.5
package [44] (Supplementary Figure S4). These analyses suggested that batch and cell line
accounted for a significant amount of the variance in our gene expression data. We therefore
created a nested variable encompassing both batch and cell line, which we implemented in
the model for our differential expression analysis, referred to as “experiment”. For plotting
purposes, we transformed the raw counts with the variance stabilization function from the
DESeq2 v.1.12.3 package [45]. To account for confounding effects during visualization post-
normalization, we then took our final model (~log-transformed library size + percentage
ERCC + experiment + exposure) and removed variance associated with these confounding
variables while retaining variance stemming from exposure (unexposed vs. exposed) using
the removeBatchEffect function from the limma v3.28.14 package. After correction for these
covariates, there were no sample outliers, as assessed with PCA, intra-sample correlation
heatmap, and interquartile range (Supplementary Figure S5).

2.8.4. Differential Gene Expression Analysis

Differential gene expression between control samples and AA-exposed samples (both
10 mM and 50 mM) was analyzed for each time point separately (week 4, week 5, and
week 15) using the DESeq2 package function with the nested variable for batch and cell line
as a covariate. Differentially expressed genes (DEGs) were visualized using volcano plots
from the EnhancedVolcano package v1.7.16 [46] (Supplementary Figure S6). Heatmaps and
custom plots were generated with ggplot2 v3.3.2 [47].

2.8.5. Ingenuity Pathway Analysis

Canonical pathway analyses were performed on the differentially expressed genes
(Adj. p < 0.05) using the Ingenuity Pathway Analysis (IPA) software. The Ingenuity
gene knowledgebase was used as the reference, using Fisher’s exact test with Benjamini–
Hochberg (BH) correction to determine significant enrichment (p < 0.05). Significant
pathways with at least 5 overlapping genes were selected.

2.8.6. Comparison with Previously Published Datasets

Differentially regulated genes were compared with previously published datasets on
specific cell types in cerebral organoids [38] and human microglia [29] (Supplementary
Table S10), and significant overlap between gene lists was determined using Fisher’s exact
test with Benjamini–Hochberg correction.
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2.8.7. Data Availability

Relevant data supporting the discussed findings are included in the paper and its
supplementary information files. From the RNA sequencing analysis, the raw count
matrices and the R-code are available through our GitHub repository (https://github.com/
ar-kie/MKMD.git, accessed on 6 April 2022).

2.9. Weighted Gene Co-Expression Network Analysis

We generated signed co-expression networks from the gene expression data using the
package CoExpNets v 0.1.0 [48]. Briefly, a topological overlap matrix (TOM) was created
based on Pearson r-derived gene adjacencies with the WGCNA package v1.70.30 [49]. As
input, we used a filtered and covariate-corrected gene matrix (see DGE analysis) containing
all samples and genes. Iterative k-means were then applied to an unmodified TOM to
generate centroid-based gene–gene clusters (instead of the conventional WGCNA hier-
archical clustering based on Pearson r-derived “module membership”). Each cluster’s
expression pattern was summarized by calculating its first principal component (module
eigengene; ME). The MEs were then used to a. calculate each gene’s module membership
(MM; ME–gene Pearson correlations), b. calculate module–module similarities (ME–ME
Pearson correlations), and c. calculate module expression differences between AA exposure
conditions (t-test of ME expression and ME–concentration Spearman correlations). MM
values were leveraged to select the top hub genes of each module (highest R2). Hub genes
have been shown to be biologically true drivers of their respective gene clusters [49]. All
plots were generated in R using ggplot2 v3.3.5. Network graphs were generated using the
GGally v2.1.2 and igraph v1.2.7 packages.

2.10. Statistics

Statistical analysis and figure design were performed with Graphpad software (version 8.4)
and R studio (version 4.0.0, R core team (2020), PBC, Boston, MA). Results are expressed as
median and interquartile range (IQR) in boxplots or violin plots with independent data
points. For Western blot experiments, unpaired Kruskal–Wallis test or Mann–Whitney U
test, followed by Dunn’s tests for multiple comparisons, was used to compare differences
between conditions. Two-way ANOVA with Dunnett’s multiple comparisons test was
performed to test the differences in the size of the organoids over time. The effect of outliers
was explored by identifying values +/− 1.5 the interquartile range from the upper or lower
quantile. Fisher’s exact test was used to test the overlap between the different gene sets
using Benjamini–Hochberg correction. The significance level was set to p < 0.05 (two-sided).

3. Results
3.1. mTOR and P70S6K in Human Cerebral Organoids

Cerebral organoids were generated following a previously described protocol [33]
(Figure 1). Baseline expression of mTOR and the downstream ribosomal P70-S6 kinase 1
(P70S6K) was present throughout organoid development (at week 4, week 5, and week 15)
at the protein and mRNA levels (Figure 2A,B; Supplementary Figure S1; Supplementary
Table S1). The figures show both total and phosphorylated protein expression of mTOR
and P70S6K to reflect phosphorylation states (phospho-mTOR/mTOR ratio and phospho-
P70S6K/P70S6K ratio) as a proxy for mTOR activity. Over time, the phosphorylation state
of mTOR remained stable (H(2) = 2.70; p = 0.27), but the phospho-P70S6K/P70S6K ratio
was downregulated (H(2) = 9.26; p = 0.0097) at week 15 (mean rank week 4 = 16.50; mean
rank week 15 = 6.25; p = 0.01). mTOR and RPS6KB1 mRNA expression increased over time
(mTOR: H(2) = 28,98; p < 0.001; mean rank week 4 = 10.24; mean rank week 5 = 35.00; mean
rank week 15 = 22.77 − RPS6KB1: H(2) = 28.82; p < 0.0001; mean rank week 4 = 11.12; mean
rank week 5 = 36.00; mean rank week 15 = 21.23). An acute effect of rapamycin (a potent
inhibitor of mTOR) on mTOR signaling in cerebral organoids was identified in 4-week-old
organoids. One hour of exposure to rapamycin strongly inhibited the phosphorylation
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state of P70S6K (CTR: median = 0.94, IQR = 0.87; rapamycin: median = 0.23, IQR = 0.17;
p = 0.0022) (Figure 2C; Supplementary Figure S2; Supplementary Table S1).

Figure 2. Baseline mTOR pathway expression and response to rapamycin and AA exposure in cere-
bral organoids. (A) Quantification of Western blots for the mTOR–phospho-mTOR (P-mTOR/mTOR)
ratio and the P70S6K–phospho-P70S6K (P-P70S6K/P70S6K) ratio in CTR organoids at different time
points (week 4, week 5, and week 15). (B) mTOR and P70S6K gene expression in CTR organoids show-
ing differences in DESeq2 vst log-transformed raw counts at different time points (week 4, week 5, and
week 15). (C,D) Quantification of Western blots for (C) P-P70S6K/P70S6k ratio in rapamycin-exposed
organoids and (D) P-P70S6K/P70S6k ratio in acutely AA-exposed (10 mM/50 mM) organoids.
(E) Western blots of acutely AA-exposed cerebral organoids lysates quantified in (E). Three sam-
ples per condition for 3 cell lines were used. Western blots were cropped to show the relevant
bands (P70S6K, P-P70S6K, and GAPDH). Boxplots display median and IQR, with whiskers from
minimum to maximum values. Data points represent individual organoids from different cell lines
(circles = OH2.6; triangles = OH1.5; squares = OH4.6). Data were analyzed with the Kruskal–Wallis
tests with Dunn test for multiple comparisons. Significant differences compared to W4 (for (A,B))
and to CTR (for (D)) are indicated with * p < 0.05; ** p < 0.01, **** p < 0.001. Mann–Whitney test was
used to compare rapamycin treatment to CTR condition (** p < 0.01).

3.2. Acute Effects of AA Exposure on mTOR Activity in Human Cerebral Organoids

Since mTOR and its downstream target P70S6K are expressed in the cerebral organoid,
and mTOR activity can be downregulated with rapamycin, we next investigated the acute
effect of AA exposure on mTOR signaling in cerebral organoids. Four-week-old organoids
were exposed to medium enriched with 10 mM or 50 mM of the amino acids His, Lys, and
Thr for 1 h (Figure 2D,E). Acute AA exposure with 50 mM of the amino acids showed the
potent downregulation of the phosphorylation of P70S6K (H(2) = 18.20; p = 0.0001; mean
rank CTR = 16.33; mean rank 50 mM = 5.111; p = 0.0054) (Figure 2D,E; Supplementary
Figure S3; Supplementary Table S1).

3.3. Chronic Amino Acid Exposure Causes Size Deficits in Cerebral Organoids

The cerebral organoid size was determined by measuring the 2D area. Cerebral
organoids subjected to chronic AA exposure were significantly reduced in size, as shown
by the significant interaction between the effects of time and AA exposure on the size of the
organoids (F(8, 352) = 22.47; p < 0.0001) (Figure 3A). AA-exposed cerebral organoids were
smaller after several days of exposure (end of week 4) in the 50 mM condition and from
week 7 in the 10 mM condition (Dunnett’s multiple comparison; p-adj. < 0.01) (Figure 3A;
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Supplementary Table S2). Representative images (Figure 3B) and the quantification of all
the individual data points (Figure 3C,D) at weeks 5 and 10 illustrate the size differences.

Figure 3. Growth responses to AA exposure in cerebral organoids. (A) Quantification of size
measurements during 10 weeks of cerebral organoid development (mean ± SEM) for CTR, 10 mM
AA-exposed, and 50 mM AA-exposed conditions. Data are expressed relative to the average of week 4
CTR cerebral organoid sizes within each cell line. N = 5–25 organoids per cell line (OH1.5 and OH2.6)
per time point. Data were analyzed with a two-way ANOVA, from which p values are shown in the
graph. Significant p values from post hoc Dunnett’s test for multiple comparisons are indicated by a
blue asterisk for CTR versus 50 mM AA exposure (week 4–10 p < 0.0001) and a black asterisk for CTR
versus 10 mM AA exposure (week 7 p = 0.0041; week 10 p = 0.0008), * p < 0.005. (B) Representative
bright-field microscopy images (2.x magnification) of cerebral organoids at week 5 and week 10 of
differentiation from 2 different cell lines (OH1.5 and OH2.6) for the different AA-exposed conditions
(10 mM and 50 mM AA exposure and control). (C,D) Quantification of size measurements at week 5
(C) and week 10 (D) of cerebral organoid differentiation for CTR, 10 mM AA-exposed, and 50 mM
AA-exposed conditions. Data are expressed relative to the average of week 4 CTR cerebral organoid
sizes within each cell line. Bar graphs show mean ± SEM and individual data points (circles = OH2.6;
triangles = OH1.5).

3.4. Transcriptomic Differences after Amino Acid Exposure in Cerebral Organoids

To assess whether AA exposure induced changes in transcription, RNA sequencing
was performed. Transcriptomic differences were studied between AA-exposed (10 mM
and 50 mM exposure together) and CTR cerebral organoids (a total of N = 95) for acute
(1 h at week 4 N = 40), prolonged (chronic exposure until week 5 N = 31), and long-term
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(chronic exposure until week 15 N = 24) exposure separately. The whole transcriptome
analysis between AA-exposed and CTR cerebral organoids at the three different time points
identified a total of 1659 DEGs (FDR-corrected p-value < 0.05), of which 1009 genes were
upregulated, and 686 genes were downregulated (Figure 4A–C; Supplementary Figures S5
and S6; Supplementary Table S3). DEGs were identified at each time point, with the largest
number of DEGs represented at the prolonged (week 5) time point. Most of the DEGs were
time-point-specific (Figure 4B).

Figure 4. Altered gene transcription in response to AA exposure in cerebral organoids. (A) Table
providing an overview of the number of significantly differentially expressed genes after acute,
prolonged, and long-term AA exposure. (B) Venn diagram showing the overlap between significantly
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differentially expressed genes after acute, prolonged, and long-term AA exposure. (C) Heatmap
representations of row-scaled DESeq2 vst transformed and adjusted z-scores of the most significantly
(p-adj) differentially expressed genes (10 up/downregulated) for acute, prolonged, and long-term
AA exposure. (D) Cell type analysis of differentially expressed genes after AA exposure at the 3
different time points, showing the overlap between cell-type-specific gene lists and the differentially
regulated genes determined by Fisher’s exact test. At the acute time point, no significant cell-type
enrichment was found. (E) Ingenuity pathway analysis (IPA) of differentially expressed genes after
AA exposure of organoids at the different time points, showing only significant terms (the x-axis
shows the significance (−log (p-value)). No significant enrichment of canonical pathways was found
for differentially expressed genes at the acute time point.

3.5. Cell Type and Pathway Analyses of DEG

To determine potential cell-type-specific effects related to AA exposure, we compared
our DEGs with two independent datasets on cerebral organoid cell types and core mi-
croglia [29,38]. Fisher’s exact test revealed significant enrichment of the DEGs of microglial
genes (long-term; 17/249; p = 0.0018), astroglia genes (prolonged; 13/115; p = 0.0094 and
long-term; 17/115; p < 0.0001), neuroepithelial genes (long-term; 11/113; p = 0.0005), and
proliferative precursors (long-term; 17/74; p < 0.0001) (Figure 4D, Supplementary Table S4).
To gain further insight into the biological processes affected by AA exposure, we performed
pathway analysis using IPA on the significant DEGs for each time point. In line with the pro-
tein expression data, several regulated pathways were related to mTOR signaling (“mTOR
signaling”, “Regulation of eIF4 and P70S6K signaling”, and “EIF2 signaling”). Among
the other pathways are processes related to development (“Regulation of the epithelial
mesenchymal transition in development pathway”) and immune-related pathways (“Au-
tophagy”, “IL8 signaling”, “Complement System”, and “Chondroitin Sulfate Degradation”)
(Figure 4E, Supplementary Table S5).

3.6. Weighted Gene Co-Expression Network Analysis

To further increase insight into the transcriptomic differences between AA-exposed and
control cerebral organoids, we performed a weighted gene co-expression network analysis
(WGCNA) on all time points together. This resulted in the identification of 27 modules
with intercorrelating transcripts, each containing more than 380 genes (Figure 5A,B; Supple-
mentary Table S6). We used the module eigengene to determine correlations between the
AA exposure concentration and the module expression pattern (Figure 5C). We identified
significant module eigengene associations with AA exposure for the tan and cyan modules
(Figure 5C,D). Using IPA, we allocated biological pathways to these modules, “inositol sig-
naling” and “EIF2 & mTOR signaling”, respectively, again underscoring the involvement of
the mTOR pathway on a genetic level (Figure 5E, Supplementary Figure S7; Supplementary
Table S9). The top hub genes from both modules were mapped to illustrate the interac-
tion networks (Figure 5F, Supplementary Table S7). The central hub gene in the “inositol
signaling” (tan) module, HACD3, is involved in metabolism through enzymatic activity,
creating long-chain fatty acids that function as precursors of membrane lipids and lipid
mediators [50]. The “EIF2 & mTOR signaling” (cyan) module hub gene, RACK1, is involved
in mTOR signaling and regulated by nutrient starvation-induced mTOR inhibition [51]. Next,
overlaying the DEGs between AA-exposed and control organoids from the RNAseq analysis
with the WGCNA modules revealed that several modules harbored the majority of these
DEGs (Figure 4G, Table 1). The blue, cyan, light cyan, and white modules were enriched in
downregulated DEGs, and the dark green, dark grey, dark orange, orange, tan, and yellow
modules were enriched in upregulated DEGs (Table 1). Cell-type enrichment analyses and
IPA were used to annotate these DEG modules (Figure 5G, Table 1, Supplementary Figure S7;
Supplementary Tables S8 and S9). Genes with decreased expression in AA-exposed organoids
were significantly enriched in modules related to cell growth (“EIF2 & mTOR signaling” and
“DNA replication”) and the “Microglia” module. Furthermore, the “EIF2 & mTOR signaling”
module was significantly enriched in proliferative progenitor genes. Genes with increased
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expression after AA exposure were represented in modules associated with inflammation
(“Interleukin signaling”, “Neuroinflammation”, and “Astrocyte”), the “inositol signaling”
module, and the “mitochondrial (dys)function” module.

Figure 5. Gene network analysis of responses to AA exposure in cerebral organoids. (A) Tree cluster
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structure of WGCNA module generation. (B) Principal component analysis plot with ME distances,
representing module similarity. (C) Module eigengene correlation with the factor “amino acid
concentration”. (D) Significant module–eigengene associations with amino acid concentration are
observed for the cyan (downregulated) and tan (upregulated) modules. (E) Top 3 enriched canonical
pathways determined by Ingenuity pathway analysis (IPA) for the cyan and tan modules (the x-axis
shows the significance (−log (p-value)). (F) Plots show top hub genes and their interaction network
for the cyan and tan modules. (G) Overlap of down- and upregulated differentially expressed genes
for each module as determined by Fisher’s exact test. Significant enrichment is indicated with *.
(H) Heatmap showing cell-type enrichment of each module as determined by Fisher’s exact test.
Significant enrichment is indicated with *, and scale bar indicates q-value.

Table 1. Annotation of DEG-enriched WGCNA modules. The ten WGCNA modules that are
significantly enriched in increased or decreased differentially expressed genes after AA exposure
from RNA sequencing, using Fisher’s exact test with BH correction p < 0.05. Showing the annotation
of each module based on cell type determination and IPA analysis, the enrichment of differentially
expressed genes, module length, and the q-value from Fisher’s exact test.

Module Annotation Increased Expression Decreased Expression

Enrichment q-Value Enrichment q-Value

Blue DNA replication 100/883 1.03 × 10−21

Cyan EIF2 and mTOR signaling + proliferative precursors 46/382 6.44 × 10−11

Dark green Interleukin signaling 54/689 1.62 × 10−10

Dark grey Neuroinflammation 77/620 5.04 × 10−16

Dark orange Undetermined 85/571 1.09 × 10−18

Light cyan Microglia 114/827 2.88 × 10−6

Orange Astrocyte 152/801 3.5 × 10−41

Tan Inositol signaling 89/545 3.29 × 10−19

White Undetermined 72/890 1.04 × 10−8

Yellow Mitochondrial (dys)function 171/853 7.2 × 10−50

4. Discussion

This study reports on the effects of cerebral organoid exposure to increased levels of the
amino acids His, Lys, and Thr on neurodevelopment. In cerebral organoids, AA exposure
inhibited mTOR activity, caused the retention of size, and affected gene expression in devel-
oping cerebral organoids. This raises interest in regard to possible therapeutic applications.

In cerebral organoids, the mTOR signaling cascade was affected by exposure to ra-
pamycin, similar to previous studies [25,26]. In response to AA exposure with 50 mM of
His, Lys, and Thr, mTOR activity was potently inhibited (illustrated by a strong decrease in
P70S6K phosphorylation), in agreement with in vitro models and rodent studies [25,26].
Exposure to lower concentrations of the specific amino acids (10 mM) was related to size
changes but had no effect on P70S6K phosphorylation in the cerebral organoids, potentially
due to the sensitivity of the assay (Western blot).

The finding of the substantially inhibited size of the cerebral organoids after AA
exposure is consistent with the fact that mTOR is involved in cell proliferation, metabolism,
and growth and underscores the impact of amino acids on the early stages of human
brain development [18,20,52,53]. After 1 week of AA exposure, cerebral organoid size was
impacted, and at 10 weeks, the cerebral organoid size was substantially smaller. Gene
expression data are consistent with mTOR changes. This pathway, through P70S6K, plays a
crucial role in protein translation at the ribosome, and its activity is associated with protein
synthesis and cell proliferation [54,55]. Therefore, mTOR inhibition directly affects protein
synthesis, which, in turn, can suppress cerebral organoid growth.

An elaborate analysis of gene expression using RNA sequencing and WGCNA con-
sistently pointed to the involvement of mTOR and the immune system. Evidence for the
involvement of mTOR was present at several levels. Several identified pathways enriched
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in DEGs at both week 5 and week 15 are directly and indirectly associated with mTOR sig-
naling. Furthermore, WGCNA identified two modules that were regulated by AA exposure
and enriched in DEGs, the cyan and tan modules. The cyan module is enriched in genes
involved in mTOR and EIF2 signaling. The tan module is defined as the inositol phosphate
pathway, involved in processes such as membrane transport, cytoskeletal function, and
plasma membrane signaling, which has also been associated with mTOR signaling and,
even more interesting, with amino acid mTOR sensing [56,57]. Moreover, the cyan module
is enriched in genes related to proliferative precursors. These RNA sequencing results,
combined with the fact that the mTOR pathway is involved in proliferation [52,53] and
the finding that cerebral organoids remain smaller after AA exposure, together point to
an mTOR-regulated defect in proliferation during neurodevelopment in the AA-exposed
cerebral organoids. In the same line, EIF2 signaling could also affect neuroepithelial prolif-
eration, as it is involved in the coordination of cell metabolic status and adaptive response
signaling, and its phosphorylation leads to the attenuation of protein synthesis. Interest-
ingly, more and more signaling pathway interactions between mTOR and EIF2 are being
identified [58–61].This perspective is consistent with the fact that outer radial glia (a class of
precursor cells predominant in human cortical development) express high mTOR activity
and are therefore expected to be extra vulnerable to decreases in mTOR activity, affecting
their proliferative capacity [16,32]. It would be valuable to characterize this cell population
in the cerebral organoid upon AA exposure with HOPX/PAX6 immunohistochemistry and
their proliferation rate with a BrdU assay.

Furthermore, the DEG and WGCNA results also point to the involvement of the
immune system and identified enrichment for microglial and astrocytic genes after AA
exposure; both glial cell types are involved in inflammation and are highly responsive to
external stimuli [62,63]. Previous research showed that mTOR plays a role in the regulation
of the gliogenic switch, and changes in mTOR activity during neurodevelopment can lead
to a changed ratio between the number of neurons and astrocytes [17,19]. In addition,
DEGs at week 15 were enriched in genes from the microglia-associated complement system,
which has previously been associated with increased mTOR activity in tuberous sclerosis
patients’ post-mortem brain material [64]. Finally, the results of the pathway analysis of
the DEGs and WGCNA modules are consistent with the role of microglial and astrocytic
immune function after AA exposure and identified processes related to inflammation:
“Autophagy” [65], “IL8 signaling”, “Chondroitin Sulfate Degradation” [66], “Interleukin
signaling”, and “Neuroinflammation”.

4.1. Future Perspectives

The fact that the results from this study are consistent with the finding from animal
research that mTOR activity is decreased in the brain after dietary AA supplementa-
tion [26] opens new avenues of nutritional research into neurodevelopment. The cerebral
organoid proves to be a valuable translational model between animal studies and hu-
mans and, because of its versatility, could be employed in many different paradigms of
nutritional intervention.

This study contributes to the body of evidence relating dietary amino acid changes to
mTOR inhibition and neurodevelopment. The results suggest that cerebral organoid models
can be employed to identify human neurodevelopmental processes that are vulnerable
to environmental impacts or can be targeted by (nutritional) interventions. Assessing
cell-type-specific changes using immunohistochemistry and single-cell RNA sequencing
can further advance this emerging field.

In the future, investigating the effect of amino acid-mediated mTOR inhibition on
neurodevelopment can contribute to our understanding of dietary modifiers of neurode-
velopment and, potentially, later-life cognition and the risk of acquiring neuropsychiatric
conditions [1–6]. The results from this study suggest that prenatal dietary amino acid
exposure to His, Lys, and Thr is detrimental to neurodevelopment; however, they also
strengthen the idea that dietary amino acids may have potential as therapeutic applications
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for neurodevelopmental disorders related to mTOR function, such as autism spectrum
disorder, schizophrenia, and tuberous sclerosis [23,67,68].

Altogether, the current study warrants further research in this direction and may provide
leverage for new applications of in vitro cerebral organoid models in studies of neurodevelop-
mental disorders, as well as for pioneering the application of nutritional interventions.

4.2. Limitations

This study should be interpreted in the context of its limitations. In our study, we
increased the concentrations of the amino acids His, Lys, and Thr to non-physiological
levels (10 mM and 50 mM), while the metabolic capacity of the cerebral organoids is
not entirely understood. However, the concentrations that we applied are in a similar
millimolar range to those in previous in vitro studies targeting mTOR with these amino
acids [25,26].

Another important limitation is the absence of an AA exposure group with different
amino acids. Previously, it was shown that in vitro exposure to increased levels of the
branched-chain amino acids leucine, isoleucine, and valine enhanced mTOR activation. It
would be of interest to determine if a similar effect can be observed in cerebral organoids in
future experiments.

Furthermore, the large size difference between AA-stimulated and control organoids
may indicate a compromised state of the cerebral organoids after AA exposure. Although
no toxicity analyses were performed, the gene expression data do not point to an increase
in apoptosis or necrosis.

In addition, by including other downstream factors such as IRS-1, 4EBP1, AKT, and
IP3K, we could have more elaborately dissected the specific pathway elements through
which the amino acids influence mTOR signaling.

Cerebral organoid research in general comes with several challenges. Firstly, there
is heterogeneity between cerebral organoids [38]. The cell-type composition of cerebral
organoids is known to be variable. Due to extensive filtering of RNAseq data, cell types with
low frequencies (such as microglia) will have a smaller impact on the analysis. Furthermore,
we cannot rule out that differences in cell composition between conditions may have had
an impact. Differences in cell-type composition between time points are expected, and
by analyzing each time point separately, these differences will not have contributed to
differentially expressed genes. In addition, studying three cell lines, from three separate
donors, at three time points, and at three concentrations does involve a substantial number
of organoids. Nevertheless, heterogeneity between organoids may require larger sample
sizes to detect smaller differences. Secondly, although cerebral organoids resemble the
developing human brain on transcriptomic, epigenetic, and structural levels [31,33,35,36],
they do not mature in the same way or form the structural complexity found in the real
human brain. Therefore, the model is primarily suited to study the effects of AA exposure
on the early phases of human brain development. Lastly, it is important to consider that
in vitro conditions of brain organoid models increase stress pathway activation, affecting
cell subtype specification [69]. These differences in stress responses could have influenced
our power to detect small differences between CTR and AA-exposed organoids.

5. Conclusions

In conclusion, our study shows for the first time that exposure to increased levels of
the amino acids histidine, lysine, and threonine inhibits mTOR activity, decreases size, and
affects gene expression pathways related to mTOR, proliferation, and immune function
in a human model of neurodevelopment. The results echo findings in animal studies that
His, Lys, and Thr inhibit mTOR activity in brain cells and support the potential of cerebral
organoid models as additional model systems for nutritional studies of brain develop-
ment. It confirms the impact of early nutritional availability of amino acids as a powerful
moderator of mTOR function. Considering the role of mTOR in neurodevelopment and
particularly in neurodevelopmental disorders such as autism, schizophrenia, and tuberous
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sclerosis, this study has the potential to facilitate further progress in the understanding of
the etiology of these disorders and the development of early nutritional interventions.

Supplementary Materials: The following supporting information can be downloaded at: https:
//www.mdpi.com/article/10.3390/nu14102175/s1, Table S1: Statistics baseline mTOR and P70S6K
gene and protein expression, P70S6K protein expression after Rapamycin stimulation, and P70S6K
protein expression after acute amino acid stimulation, Table S2: Statistics organoid size measurements,
Table S3: DEG from the RNA sequencing, Table S4: DEG celltype overlap; Table S5: DEG IPA; Table S6:
WGCNA modules; Table S7: HUB genes WGCNA, Table S8: WGCNA module celltype overlap,
Table S9: WGCNA Module IPA, Table S10: Celltype lists, Table S11: Westernblot antibodies, Figure S1:
Western blot data on baseline mTOR and P70S6K expression in cerebral organoids, Figure S2: Western
blot data of P70S6K phosphorylation after rapamycin exposure of cerebral organoids, Figure S3:
Western blot data of P70S6K phosphorylation after AA exposure in cerebral organoids, Figure S4:
Variance partition, Figure S5: RNA sequencing Quality control, Figure S6: Volcano plots indicating
differentially expressed genes after acute, prolonged, and long-term amino acid exposure, Figure S7:
Top three enriched cannonical pathways.

Author Contributions: M.P.B., A.B.v.B. and L.D.d.W. designed the study. E.M.H., R.J.P., A.D.K. and
J.G. critically reviewed the study design. A.B.v.B. performed experiments. R.K. analyzed RNA
sequencing results. J.W.H. performed organoid size measurements. D.V. assisted with iPSC culture.
J.A.S. and A.B.v.B. performed Western blots. A.B.v.B. performed statistical analysis and figure design.
A.B.v.B. wrote the manuscript with the supervision of M.P.B. and L.D.d.W., J.M., R.J.P., A.D.K., J.G.,
E.M.H. and R.S.K. provided critical feedback in reviewing and editing of the manuscript. Funding
for the project was obtained by M.P.B. All authors have read and agreed to the published version of
the manuscript.

Funding: This work was supported by the ZonMw Meer Kennis met Minder Dieren grant. Materials
for this study were funded by Danone Nutricia Research.

Institutional Review Board Statement: The study was conducted in accordance with the Declaration
of Helsinki, and approved by the Medical Ethical Committee of the University Medical Center Utrecht
Under approval number 12-267.

Informed Consent Statement: Informed consent was obtained from all subjects involved in the study.

Data Availability Statement: Relevant data supporting the discussed findings are included in the
paper and its supplementary information files. From the RNA sequencing analysis, the raw count
matrices and the R-code are available through our GitHub repository (https://github.com/ar-kie/
MKMD.git, accessed on 6 April 2022).

Acknowledgments: The authors thank the team of Single Cell Discoveries for their excellent services.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. De Rooij, S.R.; Wouters, H.; Yonker, J.E.; Painter, R.C.; Roseboom, T.J. Prenatal undernutrition and cognitive function in late

adulthood. Proc. Natl. Acad. Sci. USA 2010, 107, 16881–16886. [CrossRef] [PubMed]
2. Kang, Y.; Zhang, Y.; Feng, Z.; Liu, M.; Li, Y.; Yang, H.; Wang, D.; Zheng, L.; Lou, D.; Cheng, L.; et al. Nutritional Deficiency in

Early Life Facilitates Aging-Associated Cognitive Decline. Curr. Alzheimer Res. 2017, 14, 841–849. [CrossRef] [PubMed]
3. Li, M.; Francis, E.; Hinkle, S.N.; Ajjarapu, A.S.; Zhang, C. Preconception and Prenatal Nutrition and Neurodevelopmental

Disorders: A Systematic Review and Meta-Analysis. Nutrients 2019, 11, 1628. [CrossRef] [PubMed]
4. Peretti, S.; Mariano, M.; Mazzocchetti, C.; Mazza, M.; Pino, M.C.; Verrotti Di Pianella, A.; Valenti, M. Diet: The Keystone of

Autism Spectrum Disorder? Nutr. Neurosci. 2019, 22, 825–839. [CrossRef]
5. Clair, D.S. Rates of Adult Schizophrenia Following Prenatal Exposure to the Chinese Famine of 1959–1961. JAMA 2005, 294,

557–562. [CrossRef]
6. Hoek, H.W.; Brown, A.S.; Susser, E. The Dutch Famine and schizophrenia spectrum disorders. Soc. Psychiatry 1998, 33, 373–379.

[CrossRef]
7. Abbink, M.R.; van Deijk, A.-L.F.; Heine, V.M.; Verheijen, M.H.; Korosi, A. The involvement of astrocytes in early-life adversity

induced programming of the brain. Glia 2019, 67, 1637–1653. [CrossRef]
8. Marques, A.H.; Bjørke-Monsen, A.-L.; Teixeira, A.L.; Silverman, M.N. Maternal stress, nutrition and physical activity: Impact on

immune function, CNS development and psychopathology. Brain Res. 2015, 1617, 28–46. [CrossRef]

https://www.mdpi.com/article/10.3390/nu14102175/s1
https://www.mdpi.com/article/10.3390/nu14102175/s1
https://github.com/ar-kie/MKMD.git
https://github.com/ar-kie/MKMD.git
http://doi.org/10.1073/pnas.1009459107
http://www.ncbi.nlm.nih.gov/pubmed/20837515
http://doi.org/10.2174/1567205014666170425112331
http://www.ncbi.nlm.nih.gov/pubmed/28443508
http://doi.org/10.3390/nu11071628
http://www.ncbi.nlm.nih.gov/pubmed/31319515
http://doi.org/10.1080/1028415X.2018.1464819
http://doi.org/10.1001/jama.294.5.557
http://doi.org/10.1007/s001270050068
http://doi.org/10.1002/glia.23625
http://doi.org/10.1016/j.brainres.2014.10.051


Nutrients 2022, 14, 2175 17 of 19

9. Salas, M.; Torrero, C.; Rubio, L.; Regalado, M. Effects of perinatal undernutrition on the development of neurons in the rat insular
cortex. Nutr. Neurosci. 2012, 15, 20–25. [CrossRef]

10. Watanabe, K.; Furumizo, Y.; Usui, T.; Hattori, Y.; Uemura, T. Nutrient-dependent increased dendritic arborization of somatosen-
sory neurons. Genes Cells 2016, 22, 105–114. [CrossRef]

11. Schmidt, J.A.; Rinaldi, S.; Scalbert, A.; Ferrari, P.; Achaintre, D.; Gunter, M.J.; Appleby, P.N.; Key, T.J.; Travis, R.C. Plasma
concentrations and intakes of amino acids in male meat-eaters, fish-eaters, vegetarians and vegans: A cross-sectional analysis in
the EPIC-Oxford cohort. Eur. J. Clin. Nutr. 2016, 70, 306–312. [CrossRef] [PubMed]

12. Wu, G. Amino acids: Metabolism, functions, and nutrition. Amino Acids 2009, 37, 1–17. [CrossRef] [PubMed]
13. Bar-Peled, L.; Sabatini, D.M. Regulation of mTORC1 by amino acids. Trends Cell Biol. 2014, 24, 400–406. [CrossRef]
14. Efeyan, A.; Zoncu, R.; Sabatini, D.M. Amino acids and mTORC1: From lysosomes to disease. Trends Mol. Med. 2012, 18, 524–533.

[CrossRef] [PubMed]
15. Sengupta, S.; Peterson, T.R.; Sabatini, D.M. Regulation of the mTOR Complex 1 Pathway by Nutrients, Growth Factors, and

Stress. Mol. Cell 2010, 40, 310–322. [CrossRef]
16. Andrews, M.G.; Subramanian, L.; Kriegstein, A.R. mTOR signaling regulates the morphology and migration of outer radial glia

in developing human cortex. eLife 2020, 9, e58737. [CrossRef]
17. Blair, J.D.; Hockemeyer, D.; Bateup, H.S. Genetically engineered human cortical spheroid models of tuberous sclerosis. Nat. Med.

2018, 24, 1568–1578. [CrossRef]
18. Bockaert, J.; Marin, P. mTOR in Brain Physiology and Pathologies. Physiol. Rev. 2015, 95, 1157–1187. [CrossRef]
19. Cloëtta, D.; Thomanetz, V.; Baranek, C.; Lustenberger, R.M.; Lin, S.; Oliveri, F.; Atanasoski, S.; Rüegg, M.A. Inactivation of

mTORC1 in the Developing Brain Causes Microcephaly and Affects Gliogenesis. J. Neurosci. 2013, 33, 7799–7810. [CrossRef]
20. Swiech, L.; Perycz, M.; Malik, A.; Jaworski, J. Role of mTOR in physiology and pathology of the nervous system. Biochim. Biophys.

Acta (BBA) Proteins Proteom. 2008, 1784, 116–132. [CrossRef]
21. Curatolo, P.; Moavero, R.; de Vries, P.J. Neurological and neuropsychiatric aspects of tuberous sclerosis complex. Lancet Neurol.

2015, 14, 733–745. [CrossRef]
22. Howell, K.R.; Law, A.J. Neurodevelopmental concepts of schizophrenia in the genome-wide association era: AKT/mTOR

signaling as a pathological mediator of genetic and environmental programming during development. Schizophr. Res. 2019, 217,
95–104. [CrossRef] [PubMed]

23. Winden, K.D.; Ebrahimi-Fakhari, D.; Sahin, M. Abnormal mTOR Activation in Autism. Annu. Rev. Neurosci. 2018, 41, 1–23.
[CrossRef] [PubMed]

24. Zimmer, T.S.; Broekaart, D.W.M.; Gruber, V.-E.; Van Vliet, E.A.; Mühlebner, A.; Aronica, E. Tuberous Sclerosis Complex as Disease
Model for Investigating mTOR-Related Gliopathy During Epileptogenesis. Front. Neurol. 2020, 11, 1028. [CrossRef]

25. Prizant, R.L.; Barash, I. Negative effects of the amino acids Lys, His, and Thr on S6K1 phosphorylation in mammary epithelial
cells. J. Cell. Biochem. 2008, 105, 1038–1047. [CrossRef]

26. Wu, J.; de Theije, C.; da Silva, S.L.; Abbring, S.; van der Horst, H.; Broersen, L.M.; Willemsen, L.; Kas, M.; Garssen, J.; Kraneveld,
A.D. Dietary interventions that reduce mTOR activity rescue autistic-like behavioral deficits in mice. Brain, Behav. Immun. 2017,
59, 273–287. [CrossRef]

27. Lui, J.H.; Hansen, D.V.; Kriegstein, A.R. Development and Evolution of the Human Neocortex. Cell 2011, 146, 18–36. [CrossRef]
28. Oberheim, N.A.; Takano, T.; Han, X.; He, W.; Lin, J.H.C.; Wang, F.; Xu, Q.; Wyatt, J.D.; Pilcher, W.; Ojemann, J.; et al. Uniquely

Hominid Features of Adult Human Astrocytes. J. Neurosci. 2009, 29, 3276–3287. [CrossRef]
29. Patir, A.; Shih, B.; McColl, B.W.; Freeman, T.C. A core transcriptional signature of human microglia: Derivation and utility in

describing region-dependent alterations associated with Alzheimer’s disease. Glia 2019, 67, 1240–1253. [CrossRef]
30. Di Lullo, E.; Kriegstein, A.R. The use of brain organoids to investigate neural development and disease. Nat. Rev. Neurosci. 2017,

18, 573–584. [CrossRef]
31. Lancaster, M.A.; Renner, M.; Martin, C.-A.; Wenzel, D.; Bicknell, L.S.; Hurles, M.E.; Homfray, T.; Penninger, J.M.; Jackson, A.P.;

Knoblich, J.A. Cerebral organoids model human brain development and microcephaly. Nature 2013, 501, 373–379. [CrossRef]
[PubMed]

32. Pollen, A.A.; Nowakowski, T.J.; Chen, J.; Retallack, H.; Sandoval-Espinosa, C.; Nicholas, C.R.; Shuga, J.; Liu, S.J.; Oldham, M.C.;
Diaz, A.; et al. Molecular Identity of Human Outer Radial Glia during Cortical Development. Cell 2015, 163, 55–67. [CrossRef]
[PubMed]

33. Ormel, P.R.; Vieira de Sá, R.; Van Bodegraven, E.J.; Karst, H.; Harschnitz, O.; Sneeboer, M.A.M.; Johansen, L.E.; Van Dijk, R.E.;
Scheefhals, N.; Berdenis van Berlekom, A.; et al. Microglia innately develop within cerebral organoids. Nat. Commun. 2018,
9, 4167. [CrossRef] [PubMed]

34. Renner, M.; A Lancaster, M.; Bian, S.; Choi, H.; Ku, T.; Peer, A.; Chung, K.; A Knoblich, J. Self-organized developmental patterning
and differentiation in cerebral organoids. EMBO J. 2017, 36, 1316–1329. [CrossRef]

35. Kelava, I.; Lancaster, M.A. Dishing out mini-brains: Current progress and future prospects in brain organoid research. Dev. Biol.
2016, 420, 199–209. [CrossRef]

36. Luo, C.; Lancaster, M.; Castanon, R.; Nery, J.R.; Knoblich, J.A.; Ecker, J.R. Cerebral Organoids Recapitulate Epigenomic Signatures
of the Human Fetal Brain. Cell Rep. 2016, 17, 3369–3384. [CrossRef]

http://doi.org/10.1179/1476830512Y.0000000014
http://doi.org/10.1111/gtc.12451
http://doi.org/10.1038/ejcn.2015.144
http://www.ncbi.nlm.nih.gov/pubmed/26395436
http://doi.org/10.1007/s00726-009-0269-0
http://www.ncbi.nlm.nih.gov/pubmed/19301095
http://doi.org/10.1016/j.tcb.2014.03.003
http://doi.org/10.1016/j.molmed.2012.05.007
http://www.ncbi.nlm.nih.gov/pubmed/22749019
http://doi.org/10.1016/j.molcel.2010.09.026
http://doi.org/10.7554/eLife.58737
http://doi.org/10.1038/s41591-018-0139-y
http://doi.org/10.1152/physrev.00038.2014
http://doi.org/10.1523/JNEUROSCI.3294-12.2013
http://doi.org/10.1016/j.bbapap.2007.08.015
http://doi.org/10.1016/S1474-4422(15)00069-1
http://doi.org/10.1016/j.schres.2019.08.036
http://www.ncbi.nlm.nih.gov/pubmed/31522868
http://doi.org/10.1146/annurev-neuro-080317-061747
http://www.ncbi.nlm.nih.gov/pubmed/29490194
http://doi.org/10.3389/fneur.2020.01028
http://doi.org/10.1002/jcb.21904
http://doi.org/10.1016/j.bbi.2016.09.016
http://doi.org/10.1016/j.cell.2011.06.030
http://doi.org/10.1523/JNEUROSCI.4707-08.2009
http://doi.org/10.1002/glia.23572
http://doi.org/10.1038/nrn.2017.107
http://doi.org/10.1038/nature12517
http://www.ncbi.nlm.nih.gov/pubmed/23995685
http://doi.org/10.1016/j.cell.2015.09.004
http://www.ncbi.nlm.nih.gov/pubmed/26406371
http://doi.org/10.1038/s41467-018-06684-2
http://www.ncbi.nlm.nih.gov/pubmed/30301888
http://doi.org/10.15252/embj.201694700
http://doi.org/10.1016/j.ydbio.2016.06.037
http://doi.org/10.1016/j.celrep.2016.12.001


Nutrients 2022, 14, 2175 18 of 19

37. Harschnitz, O.; Berg, L.H.V.D.; Johansen, L.E.; DI, M.D.J.; Kling, S.; Msc, R.V.d.S.; Vlam, L.; van Rheenen, W.; Karst, H.; Wierenga,
C.J.; et al. Autoantibody pathogenicity in a multifocal motor neuropathy induced pluripotent stem cell-derived model. Ann.
Neurol. 2016, 80, 71–88. [CrossRef]

38. Quadrato, G.; Nguyen, T.; Macosko, E.Z.; Sherwood, J.L.; Min Yang, S.; Berger, D.R.; Maria, N.; Scholvin, J.; Goldman, M.; Kinney,
J.P.; et al. Cell diversity and network dynamics in photosensitive human brain organoids. Nature 2017, 545, 48–53. [CrossRef]

39. Schindelin, J.; Arganda-Carreras, I.; Frise, E.; Kaynig, V.; Longair, M.; Pietzsch, T.; Preibisch, S.; Rueden, C.; Saalfeld, S.; Schmid,
B.; et al. Fiji: An open-source platform for biological-image analysis. Nat. Methods 2012, 9, 676–682. [CrossRef]

40. Muraro, M.J.; Dharmadhikari, G.; Grün, D.; Groen, N.; Dielen, T.; Jansen, E.; van Gurp, L.; Engelse, M.A.; Carlotti, F.; De Koning,
E.J.; et al. A Single-Cell Transcriptome Atlas of the Human Pancreas. Cell Syst. 2016, 3, 385–394.e3. [CrossRef]

41. Hashimshony, T.; Wagner, F.; Sher, N.; Yanai, I. CEL-Seq: Single-Cell RNA-Seq by Multiplexed Linear Amplification. Cell Rep.
2012, 2, 666–673. [CrossRef] [PubMed]

42. Li, H.; Durbin, R. Fast and accurate long-read alignment with Burrows–Wheeler transform. Bioinformatics 2010, 26, 589–595.
[CrossRef] [PubMed]

43. Sha, Y.; Phan, J.H.; Wang, M.D. Effect of low-expression gene filtering on detection of differentially expressed genes in RNA-seq
data. In Proceedings of the 2015 37th Annual International Conference of the IEEE Engineering in Medicine and Biology Society
(EMBC), Milano, Italy, 25–29 August 2015; pp. 6461–6464. [CrossRef]

44. Hoffman, G.E.; Roussos, P. Dream: Powerful Differential Expression Analysis for Repeated Measures Designs. Bioinformatics 2021,
37, 192–201. [CrossRef] [PubMed]

45. Love, M.I.; Huber, W.; Anders, S. Moderated estimation of fold change and dispersion for RNA-seq data with DESeq2. Genome
Biol. 2014, 15, 550. [CrossRef]

46. Blighe, K.; Rana, S.; Lewis, M. EnhancedVolcano: Publication-Ready Volcano Plots with Enhanced Colouring and Labeling. R
Package Version 1.12.0. Available online: https://github.com/kevinblighe/EnhancedVolcano (accessed on 1 January 2022).

47. Wickham, H. Ggplot2: Elegant Graphics for Data Analysis; Springer: New York, NY, USA, 2016.
48. Botía, J.A.; the United Kingdom Brain Expression Consortium; Vandrovcova, J.; Forabosco, P.; Guelfi, S.; D’Sa, K.; Hardy, J.;

Lewis, C.M.; Ryten, M.; Weale, M.E. An additional k-means clustering step improves the biological features of WGCNA gene
co-expression networks. BMC Syst. Biol. 2017, 11, 47. [CrossRef]

49. Langfelder, P.; Horvath, S. WGCNA: An R package for weighted correlation network analysis. BMC Bioinform. 2008, 9, 559.
[CrossRef]

50. Ikeda, M.; Kanao, Y.; Yamanaka, M.; Sakuraba, H.; Mizutani, Y.; Igarashi, Y.; Kihara, A. Characterization of four mammalian
3-hydroxyacyl-CoA dehydratases involved in very long-chain fatty acid synthesis. FEBS Lett. 2008, 582, 2435–2440. [CrossRef]

51. Erbil, S.; Oral, O.; Mitou, G.; Kig, C.; Timucin, E.; Maiorov, E.G.; Gulacti, F.; Gokce, G.; Dengjel, J.; Sezerman, O.U.; et al. RACK1 Is
an Interaction Partner of ATG5 and a Novel Regulator of Autophagy. J. Biol. Chem. 2016, 291, 16753–16765. [CrossRef]

52. Morita, M.; Gravel, S.-P.; Hulea, L.; Larsson, O.; Pollak, M.; St-Pierre, J.; Topisirovic, I. mTOR coordinates protein synthesis,
mitochondrial activity and proliferation. Cell Cycle 2015, 14, 473–480. [CrossRef]

53. Saxton, R.A.; Sabatini, D.M. mTOR Signaling in Growth, Metabolism, and Disease. Cell 2017, 168, 960–976, Erratum in Cell 2017,
169, 361–371. [CrossRef]

54. Magnuson, B.; Ekim, B.; Fingar, D.C. Regulation and function of ribosomal protein S6 kinase (S6K) within mTOR signalling
networks. Biochem. J. 2011, 441, 1–21. [CrossRef] [PubMed]

55. Tavares, M.R.; Pavan, I.C.; Amaral, C.L.; Meneguello, L.; Luchessi, A.D.; Simabuco, F.M. The S6K protein family in health and
disease. Life Sci. 2015, 131, 1–10. [CrossRef] [PubMed]

56. Kim, S.; Kim, S.F.; Maag, D.; Maxwell, M.J.; Resnick, A.C.; Juluri, K.R.; Chakraborty, A.; Koldobskiy, M.A.; Cha, S.H.; Barrow, R.; et al.
Amino Acid Signaling to mTOR Mediated by Inositol Polyphosphate Multikinase. Cell Metab. 2011, 13, 215–221. [CrossRef]
[PubMed]

57. Raghu, P.; Joseph, A.; Krishnan, H.; Singh, P.; Saha, S. Phosphoinositides: Regulators of Nervous System Function in Health and
Disease. Front. Mol. Neurosci. 2019, 12, 208. [CrossRef]

58. Wengrod, J.; Wang, D.; Weiss, S.; Zhong, H.; Osman, I.; Gardner, L.B. Phosphorylation of eIF2α triggered by mTORC1 inhibition
and PP6C activation is required for autophagy and is aberrant in PP6C-mutated melanoma. Sci. Signal. 2015, 8, ra27. [CrossRef]

59. Misra, J.; Holmes, M.J.; Mirek, E.T.; Langevin, M.; Kim, H.-G.; Carlson, K.R.; Watford, M.; Dong, X.C.; Anthony, T.G.; Wek, R.C.
Discordant regulation of eIF2 kinase GCN2 and mTORC1 during nutrient stress. Nucleic Acids Res. 2021, 49, 5726–5742. [CrossRef]

60. Klann, K.; Tascher, G.; Münch, C. Functional Translatome Proteomics Reveal Converging and Dose-Dependent Regulation by
mTORC1 and eIF2α. Mol. Cell 2019, 77, 913–925.e4. [CrossRef]

61. Parveen, S.; Parthasarathy, H.; Vedagiri, D.; Gupta, D.; Nair, H.G.; Harshan, K.H. Regulation of EIF2α Phosphorylation by MAPKs
Influences Polysome Stability and Protein Translation. bioRxiv 2021. [CrossRef]

62. Kettenmann, H.; Hanisch, U.-K.; Noda, M.; Verkhratsky, A. Physiology of Microglia. Physiol. Rev. 2011, 91, 461–553. [CrossRef]
63. Verkhratsky, A.; Parpura, V.; Vardjan, N.; Zorec, R. Physiology of Astroglia. Adv. Exp. Med. Biol. 2019, 1175, 45–91. [CrossRef]
64. Mills, J.D.; Iyer, A.M.; Van Scheppingen, J.; Bongaarts, A.; Anink, J.J.; Janssen, B.; Zimmer, T.S.; Spliet, W.G.; Van Rijen, P.C.; Jansen,

F.E.; et al. Coding and small non-coding transcriptional landscape of tuberous sclerosis complex cortical tubers: Implications for
pathophysiology and treatment. Sci. Rep. 2017, 7, 8089. [CrossRef] [PubMed]

http://doi.org/10.1002/ana.24680
http://doi.org/10.1038/nature22047
http://doi.org/10.1038/nmeth.2019
http://doi.org/10.1016/j.cels.2016.09.002
http://doi.org/10.1016/j.celrep.2012.08.003
http://www.ncbi.nlm.nih.gov/pubmed/22939981
http://doi.org/10.1093/bioinformatics/btp698
http://www.ncbi.nlm.nih.gov/pubmed/20080505
http://doi.org/10.1109/embc.2015.7319872
http://doi.org/10.1093/bioinformatics/btaa687
http://www.ncbi.nlm.nih.gov/pubmed/32730587
http://doi.org/10.1186/s13059-014-0550-8
https://github.com/kevinblighe/EnhancedVolcano
http://doi.org/10.1186/s12918-017-0420-6
http://doi.org/10.1186/1471-2105-9-559
http://doi.org/10.1016/j.febslet.2008.06.007
http://doi.org/10.1074/jbc.M115.708081
http://doi.org/10.4161/15384101.2014.991572
http://doi.org/10.1016/j.cell.2017.02.004
http://doi.org/10.1042/BJ20110892
http://www.ncbi.nlm.nih.gov/pubmed/22168436
http://doi.org/10.1016/j.lfs.2015.03.001
http://www.ncbi.nlm.nih.gov/pubmed/25818187
http://doi.org/10.1016/j.cmet.2011.01.007
http://www.ncbi.nlm.nih.gov/pubmed/21284988
http://doi.org/10.3389/fnmol.2019.00208
http://doi.org/10.1126/scisignal.aaa0899
http://doi.org/10.1093/nar/gkab362
http://doi.org/10.1016/j.molcel.2019.11.010
http://doi.org/10.1101/2021.08.30.458160
http://doi.org/10.1152/physrev.00011.2010
http://doi.org/10.1007/978-981-13-9913-8_3
http://doi.org/10.1038/s41598-017-06145-8
http://www.ncbi.nlm.nih.gov/pubmed/28808237


Nutrients 2022, 14, 2175 19 of 19

65. Levine, B.; Mizushima, N.; Virgin, H.W. Autophagy in immunity and inflammation. Nature 2011, 469, 323–335. [CrossRef]
[PubMed]

66. Stephenson, E.L.; Yong, V.W. Pro-inflammatory roles of chondroitin sulfate proteoglycans in disorders of the central nervous
system. Matrix Biol. 2018, 71, 432–442. [CrossRef] [PubMed]

67. Chadha, R.; Alganem, K.; Mccullumsmith, R.E.; Meador-Woodruff, J.H. mTOR kinase activity disrupts a phosphorylation
signaling network in schizophrenia brain. Mol. Psychiatry 2021, 26, 6868–6879. [CrossRef] [PubMed]

68. Henske, E.P.; Jozwiak, S.; Kingswood, J.C.; Sampson, J.R.; Thiele, E.A. Tuberous sclerosis complex. Nat. Rev. Dis. Primers 2016,
2, 16035. [CrossRef]

69. Bhaduri, A.; Andrews, M.G.; Leon, W.M.; Jung, D.; Shin, D.; Allen, D.; Jung, D.; Schmunk, G.; Haeussler, M.; Salma, J.; et al. Cell
stress in cortical organoids impairs molecular subtype specification. Nature 2020, 578, 142–148. [CrossRef]

http://doi.org/10.1038/nature09782
http://www.ncbi.nlm.nih.gov/pubmed/21248839
http://doi.org/10.1016/j.matbio.2018.04.010
http://www.ncbi.nlm.nih.gov/pubmed/29702175
http://doi.org/10.1038/s41380-021-01135-9
http://www.ncbi.nlm.nih.gov/pubmed/33990769
http://doi.org/10.1038/nrdp.2016.35
http://doi.org/10.1038/s41586-020-1962-0

	Introduction 
	Materials and Methods 
	iPSC line Generation and Maintenance 
	Ethical Approval 
	Organoid Differentiation 
	Exposure 
	Size Measurements 
	Western Blot 
	RNA Isolation 
	RNA Sequencing 
	Bulk RNAseq Analysis 
	Quality Control 
	Pre-Processing and Confounders 
	Differential Gene Expression Analysis 
	Ingenuity Pathway Analysis 
	Comparison with Previously Published Datasets 
	Data Availability 

	Weighted Gene Co-Expression Network Analysis 
	Statistics 

	Results 
	mTOR and P70S6K in Human Cerebral Organoids 
	Acute Effects of AA Exposure on mTOR Activity in Human Cerebral Organoids 
	Chronic Amino Acid Exposure Causes Size Deficits in Cerebral Organoids 
	Transcriptomic Differences after Amino Acid Exposure in Cerebral Organoids 
	Cell Type and Pathway Analyses of DEG 
	Weighted Gene Co-Expression Network Analysis 

	Discussion 
	Future Perspectives 
	Limitations 

	Conclusions 
	References

