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Knowledge-informed Data-driven Modeling of Microbial Inactivation in Food
Steve Zhang, Firnaaz Ahamed, Hyun-Seob Song
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» Accurate modeling of microbial inactivation in food is a difficult task due its complex Minimizes Overfitting Compared to Literature
dependence on numerous internal and external food processing conditions. Models

« Past models rely on empirical methods, which lack generalization and quickly become
unmanageable with increasing number of input variables.
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of Complex Nonlinear Systems
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