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Interfirm collaborations have inspired a rich literature in
marketing and strategy during the past two decades.
Building on this extant work, the authors developed a new
construct, alliance orientation, and explored its influence
on firms’ alliance network performance and market per-
formance. The authors drew on data collected from 182
U.S. firms with extensive experience in forming, develop-
ing, and managing strategic alliances in marketing, new
product development, distribution, technology, and manu-
facturing projects. Using structural equations modeling,
the authors demonstrate that alliance orientation signifi-
cantly affects alliance network performance, which in turn
enhances market performance. The findings also suggest
that market turbulence exerts a significant moderating in-
fluence on the relationship between alliance orientation
and alliance network performance, whereas the moderat-
ing role of technological turbulence on that relationship
does not appear to be significant. The study provides evi-
dence that firms’ alliance orientations positively affect
their performance in strengthening their alliance network
relationships and in managing conflicts with their alliance
partners.
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Alliances, voluntary collaborative arrangements be-
tween firms that involve the exchange, sharing, and code-
velopment of products, services, and knowledge have
become a pervasive phenomenon in business today. As
markets have grown increasingly fragmented and patterns
of market growth and evolution have become increasingly
influenced by the forces of globalization and the rapid dif-
fusion of technology, nurturing and sustaining partner-
ships along the value delivery chain have become signifi-
cant marketing skills in achieving market performance.
Today, marketers relate to one another increasingly in the
roles of suppliers, customers, collaborators, and competi-
tors. Consequently, the issues of how firms form and nur-
ture meaningful collaborative relationships, how they
evolve and adapt to turbulent market environments, and
how they manage value flows in such environments have
become important questions that deserve increasing
research attention (Day and Montgomery 1999).

Thus, a rich literature has evolved on these questions
recently. This stream of work includes studies in strategy
that focus on how firms learn, function, and evolve
through alliances (Doz 1996), and those in organizational
behavior, centering on how firms decide to enter alliances,



choose appropriate partners, decide on appropriate struc-
tures for the alliances, and learn through the alliances as
the relationships evolve over time (Gulati 1998). In the
field of marketing, some studies have focused on the ante-
cedents and consequences of collaborative relationships
(Dwyer, Schurr, and Oh 1987; Jap and Ganesan 2000;
Webster 1992), whereas others have linked the structure of
alliances (horizontal vs. vertical) to knowledge sharing
between partners (Rindfleisch and Moorman 2001) or col-
laborative performance (Dahlstrom, McNeilly, and Speh
1996). Other studies have attempted to explain the nature
of governance in interfirm relationships, especially in
buyer-seller contexts (Dwyer et al. 1987; Heide and John
1990; Narayandas and Rangan 2004) and explored the
process of relationship development and maintenance
(Lambe, Wittmann, and Spekman 2001). Still other stud-
ies have categorized alliances by the nature of their activi-
ties, such as comarketing (Bucklin and Sengupta 1993) or
new product alliances (Rindfleisch and Moorman 2001,
Sivadas and Dwyer 2000), and others have examined the
impact of the symmetry of power between partners on the
functionality of their relationship (Gundlach and Cadotte
1994) and the effectiveness of relational control mecha-
nisms on alliance governance (Anderson and Narus 1990;
Kumar, Scheer, and Steenkamp 1995; Morgan and Hunt
1994).

The findings of these studies would be more meaning-
ful, however, if they were to account more comprehen-
sively for how a firm might develop and nurture an alliance
orientation, that is, a portfolio of scanning, coordination,
and learning skills that are superior to those of its competi-
tors, and how this might influence the firm’s alliance-
related choices, behaviors, and outcomes, such as its mar-
ket performance (Lambe, Spekman, and Hunt 2002). That
is, a more complete understanding of firms’ abilities in
accumulating and sustaining skills in alliance scanning,
alliance coordination, and learning from collaborative
experiences should enhance our knowledge of the drivers
of firms’ organizational actions and the key ingredients of
their organizational and market performance.

We have attempted to contribute to filling this void by
advancing marketing knowledge in three directions. First,
we conceptualized a new construct, alliance orientation,
drawing from studies in market orientation (Jaworski and
Kohli 1993; Narver and Slater 1990), organizational
behavior (Teece, Pisano, and Shuen 1997), and strategy
(Anand and Khanna 2000; Lambe et al. 2002). We argue
that as firms enter into partnerships with growing fre-
quency, they encounter new problems that emerge from
the management of their alliance networks, and we empiri-
cally tested Gulati’s (1998) and Anand and Khanna’s
(2000) argument that firms will strengthen their coopera-
tive capabilities as they expand these experiences. Draw-
ing from the market orientation literature (Jaworski and
Kohli 1993; Narver and Slater 1990), we conceptualized
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alliance orientation as a firm’s skill portfolio of superior
capabilities that help it scan its environment for partnering
opportunities, coordinate its alliance strategies, and learn
from its alliance experiences. We developed a measure
with which we gaunged the effect of alliance orientation on
a firm’s alliance network performance and validated its
various facets.

Second, we empirically investigated, at the strategic
business unit level, the performance consequences of the
alliance orientation of a firm. Because many activities
influence firms’ performance, we focused specifically on
one of these: the interplay between alliance orientation
and alliance network performance. In doing so, we argue
that the effective allocation of managerial resources to a
firm’s alliance relationships is an important ingredient in
achieving superior market performance, and we used
multiple measures in gauging that performance.

Third, we introduced a conditional dimension, environ-
mental turbulence, to our study of firms’ alliance orienta-
tions and examined its performance implications. We
believe that this addition provides deeper insight into how
market and technological turbulence might moderate the
relationship between alliance orientation and alliance net-
work performance. If these moderating effects exist, a
firm could reap potential benefits by adjusting the degree
of its alliance orientation through the selective allocation
of its capabilities and alliance activities. In sum, our
study’s contributions include developing a new measure
of alliance competence, illustrating how alliance compe-
tency might affect market performance, and
demonstrating the conditions under which this result
might hold.

CONCEPTUAL FOUNDATIONS
The Dynamic-Capabilities View

The dynamic-capabilities view of firms provides a use-
ful conceptual lens through which we understand sources
of firms’ competitive advantage and the processes through
which firms build, integrate, and configure their strategic
resources to effectively respond to market changes (Eisen-
hardt and Martin 2000; Leonard-Barton 1992; Teece et al.
1997). A principal tenet of this view is that those firms that
are able to build dynamic capabilities such as responsive-
ness, flexibility, and/or innovativeness in their markets
will outperform their rivals, similar to the resource-based
view of firms, which argues that a firm’s superior perfor-
mance is a function of its resource-based advantages over
its rivals (e.g., value, rarity, imperfect imitability, and
imperfect substitutability). Nelson and Winter (1982)
viewed dynamic capabilities as the collection of organiza-
tional and strategic routines by which firms achieve new
resource configurations to match rapidly changing
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markets as they evolve in response to performance feed-
backs (Eisenhardt and Martin 2000; Teece et al. 1997).
Zollo and Winter (2002) underscored this view, arguing
that dynamic capabilities arise from continuous collective
learning exercised through organizational processes and a
firm’s systematic methods for revising its operating
routines.

In this context, alliances could be viewed as a strategic
option that firms can use to pool and deploy resources of
partner firms to more effectively compete in the market-
place (Day 1995; Varadarajan and Cunningham 1995). It
would then follow that to effectively manage the complex-
ity embedded in alliance relationships, firms would need
to possess unique portfolios of dynamic capabilities (Day
1995; Lambe et al. 2002). Given the presumed asymmetric
distribution of alliance-driven capabilities of partner
firms, a firm’s skills in configuring and deploying these
portfolios of capabilities, which we call alliance orienta-
tion, could enable it to outperform its rivals in many
aspects of alliance management and thus could help yield
superior market performance in its marketing efforts.

To some extent, this conceptualization of alliance ori-
entation parallels the conceptualization of market orienta-
tion in marketing (Day 1994; Kohli and Jaworski 1990;
Narver and Slater 1990). For example, in their study,
Narver and Slater (1990) modeled market orientation as an
organizational culture that enables a firm to develop capa-
bilities in market intelligence and coordination of internal
business processes to act quickly and effectively in re-
sponse to intelligence collected from customers and other
external stakeholders. Kohli and Jaworski (1990) viewed
market orientation as a collection of activities, including
market intelligence generation, dissemination, and taking
action in response to market stimuli. Day (1994) viewed
market orientation as an organizational capability that
involves market information processing activities. In sum-
mary, the focus of market orientation is on creating supe-
rior customer value on the basis of the knowledge derived
from customer and competitor analyses.

In light of these views, we suggest that a firm can bene-
fit from its alliance relationships as learning sources. From
this behavioral perspective, we view an alliance-oriented
firm as one that places a high priority on present and pro-
spective alliance relationships and has advanced its ability
to (1) skillfully scan for and identify partnering opportuni-
ties in its markets, (2) coordinate its alliance activities
capably, and (3) learn from its alliance experiences more
proficiently than its competitors. Thus, we view alliance
orientation as a higher order capability (i.e., a compe-
tency) that results from a firm’s continuous improvement
of its lower order capabilities (Lambe et al. 2002). There-
fore, we conclude that a firm with a stronger alliance ori-
entation will possess greater alliance-driving capabilities
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that will lead to a superior core competency relative to its
competitors.

Although our conceptualization of alliance orientation
is driven by the market orientation literature, understanding
alliance orientation as a distinct combination of alliance-
driven capabilities is consistent with studies in marketing
and strategy. In marketing, for example, Lambe et al.
(2002) proposed that alliance competence, which consists
of alliance experience, alliance manager development
capability, and partner identification propensity, is an
important capability for firms that wish to use alliances to
achieve superior competitive advantages in the market-
place. Scholars in strategy have also underscored the
importance of effectively managing alliances but also
drawn attention to the difficulties in assembling the capa-
bilities necessary for proficient alliance management
(Anand and Khanna 2000; Simonin 1997).

Dimensions of Alliance Orientation

In our study, alliance orientation is viewed as com-
posed of three capabilities: (1) alliance scanning, (2) alli-
ance coordination, and (3) alliance learning. We propose
that alliance orientation will be stronger when a firm pos-
sesses higher degrees of each of these capabilities and is
able to skillfully configure and deploy them.

Thus, in our view, alliance orientation exhibits several
key characteristics. First, it is valuable; that is, its utility
will not diminish with usage (Prahalad and Hamel 1990).
Second, it is hard to imitate because the processes for
developing alliance orientation are embedded in cognitive
routines that cannot be observed by competitors (Li and
Calantone 1998). Third, it is immobile because these pro-
cesses, created within a firm, cannot be purchased in the
open market (Barney 1991). Finally, it is rare because
these processes are not possessed by a large number of
rivals (Eisenhardt and Martin 2000). We now provide a
more detailed discussion of each of these capabilities.

Alliance scanning. Firms can lose competitive posi-
tional advantage if their existing resources and capabilities
become obsolete because of the environmental uncer-
tainty that surrounds them in their markets (Hite and
Hesterly 2001). In these instances, firms that have mas-
tered scanning for partnering opportunities can reposition
themselves in competitive markets and maintain their cur-
rent advantages or develop new advantages (Gulati 1999).
Furthermore, firms that possess superior skills for alliance
scanning can achieve first-mover advantages in bringing
the best candidates into relationships (Day 1995; Vara-
darajan and Cunningham 1995). Geringer (1991) sug-
gested that the specific partner chosen can influence the
overall mix of available resources and skills, the operating
policies and procedures, and the short- and long-term via-



bility of an alliance. Thus, firms that are able to proactively
scan for partnering opportunities may be able to identify
partners with complementary resources and strategic com-
patibilities much more skillfully, a competency that is im-
portant in successfully integrating these capabilities into
the firms’ own routines from their partners (Lambe et al.
2002; Sarkar, Echambadi, Cavusgil, and Aulakh 2001;
Weitz and Jap 1995). Therefore, we conceptualized
alliance scanning as the extent to which a firm proactively
monitors for and identifies partnering opportunities.

Alliance coordination. Lorenzoni and Lipparini (1999)
argued that when firms strive to produce mutually benefi-
cial strategic outcomes in alliance partnerships, coordina-
tion becomes a critical skill to leverage the unique alliance
network environment, to combine respective resources
available to them, and to generate new capabilities that
might be required. Coordination enhances the ability of
firms to share information, opportunities, and activities
with their network partners such that the firms can now ex-
ploit their competitive advantages more completely (e.g.,
Anderson and Narus 1990; Jap 1999). Information sharing
serves to enhance the mutual understanding of the strategy
and synchronizes a firm’s activities with those of its alli-
ances so that effective planning and implementation be-
come easier. Firms that have developed coordination
capabilities find that they have more integrated strategies,
more synchronized activities, and more timely and mean-
ingful dissemination of knowledge across their network
partners (Anderson and Narus 1990; Dwyer et al. 1987).
We conceptualized this capability, alliance coordination,
as the extent to which a firm systematically integrates
strategies, synchronizes activities, and regularly dissem-
inates knowledge across its alliances.

Alliance learning. Because alliance management is an
ill-defined and complex process and the detailed interac-
tions between the partners cannot be completely prespeci-
fied in a formal contract, it is important for a partnering
firm to learn about managing its alliances effectively.
Thus, a firm feels the need to build alliance learning capa-
bilities by pursuing activities to accumulate and leverage
alliance management know-how associated with its prior
and ongoing alliance experiences (Anand and Khanna
2000). This type of alliance learning would require learn-
ing capabilities that include systematic information pro-
cessing (Huber 1991; Sinkula 1994) and diffusion of
learning effects across a firm’s portfolio of network
partners.

Thus, our view of alliance learning involves a firm’s
internalization of its direct experiences, successes, and
failures with alliances (Lyles 1988; Simonin 1997) and the
appropriation of this learning across its alliance network.
For example, internalized information can lead to further
alliance learning from observation and evaluation of the
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decisions made on the basis of prior knowledge once it is
interpreted through processes of sorting, classification,
and simplification for coherent patterns (Day 1994; Huber
1991). This results in a shared understanding of alliance
experience throughout an organization that can be lever-
aged in response to unforeseen contingencies in alliance
interactions. Therefore, in harmony with the market orien-
tation literature (Jaworski and Kohli 1993; Narver and
Slater 1990) and studies in alliance management (Anand
and Khanna 2000), we conceptualized alliance learning as
the extent to which a firm acquires, interprets, and
leverages alliance management know-how throughout its
organizational network.

PROPOSED FRAMEWORK
AND HYPOTHESES

As suggested in Figure 1, our proposed framework
examines the relationships between a firm’s alliance ori-
entation and its alliance network performance and overall
market performance. In this framework, alliance orienta-
tion is viewed as a key antecedent to alliance network per-
formance. The framework postulates that alliance orienta-
tion will have a positive effect on alliance network
performance, a mediating construct between alliance ori-
entation and market performance, which in turn will
enhance a firm’s market performance. We further hypoth-
esized that environmental turbulence will play a moderat-
ing role between alliance orientation and alliance network
performance. We now discuss the rationale for each of
these relationships and formulate hypotheses expressed
from the perspective of a firm that forms and maintains
alliance relationships.
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Performance

Although there is no consensus in the literature on the
appropriate definition and possible measures of benefits
achieved through alliances, these measures can be classi-
fied as measures of “‘common benefits” (Khanna 1998). A
firm may also benefit from collaboration through an accre-
tion to its “private benefits” (Khanna 1998). In this con-
text, firm-specific performance refers to benefits that
accrue to a focal firm from its application of learning to its
own operations, whereas collaboration-specific perfor-
mance refers to benefits that accrue collectively to all part-
ners in the alliance (Khanna 1998). Although there is little
empirical research on how firms successfully attain firm-
specific performance through alliances, we do know that
alliances realize both types of benefits (Khanna 1998). In
our work, we focused on firm-specific performance and
used two perceptual measures: (1) alliance network per-
formance, describing that facet of performance derived
from the pattern of interactions with a firm’s network part-
ners, and (2) overall market performance, derived from
activities in a firm’s markets not governed by the alliance.

The Relationship Between Alliance
Orientation and Alliance Network Performance

We conceptualized alliance network performance as
the strength of a firm’s relationships with its key network
partners and its ability to manage crises and conflicts with
these partners satisfactorily. That is, a focal firm’s alliance
network performance reflects the overall perception of its
attractiveness as an exchange partner to other firms within
its alliance network. In this context, we refer to an “alli-
ance network” as a portfolio of discrete, though related,
bilateral alliances entered into by a firm. Because alliance
orientation represents the degree to which alliance net-
work management has been mastered as a business philos-
ophy, we expected firms with strong alliance orientations
to achieve enhanced alliance network performance on
several grounds.

First, we expected alliance-oriented firms to pro-
actively monitor their marketplaces, seek information
from and about prospective partners, and sense market
conditions and events more proficiently than their compet-
itors. Because these firms are likely to have more reliable
and timely information than their competitors about
potential partners, especially about those with comple-
mentary resources or capabilities, they are likely to be
attractive alliance partners themselves.

Second, the alliance coordination dimension of alli-
ance orientation would imply the synchronization of alli-
ance activities and strategies, and systematic knowledge
transfer within a firm’s alliance network. A firm that
engages in coordinating activities is likely to realize sev-
eral strategic benefits, such as superior access to resources,
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decreased supply and inventory costs, and the develop-
ment of unique process technologies (Jap 1999). Because
coordination will better enable a firm to leverage its
unique alliance environment and gain access to resources
and capabilities of network partners that otherwise would
not be available, an alliance-oriented firm is likely to
become a favorable partner for firms seeking new
alliances.

Finally, because alliance orientation also emphasizes
alliance-based learning, it is likely to enhance an alliance-
oriented firm’s visibility and external recognition within
alliance networks. Because firms that actively acquire, an-
alyze, and leverage alliance management know-how can
also internalize and refine their alliance management rou-
tines more readily than competitors (Gulati 1999), they
will develop higher learning capabilities, put into place
systems and structures that will simplify alliance manage-
ment tasks, and thus possess stronger alliance relation-
ships and become attractive potential network partners.
Because alliance orientation will enhance a firm’s ability
to (1) scan alliance partnering opportunities, (2) achieve
faster and coordinated decision making, (3) access certain
kinds of exchanges that are particularly beneficial to it in
mobilizing and leveraging resources of a network partner,
and (4) enhance organizational learning and adaptation
(Uzzi 1996), an alliance-oriented firm will create a
competitive alliance network and stronger relationships
than its non-alliance-oriented counterparts.

Hypothesis 1: A firm’s alliance orientation will have a
positive, direct impact on its alliance network
performance.

The Relationship Between Alliance Network
Performance and Overall Market Performance

We conceptualized market performance as the extent to
which a firm achieves success in its existing businesses,
products or markets, and in future positioning in its mar-
kets. Studies have reported on the positive effect that rela-
tional factors, such as strong ties, relational capital, and
relationship quality can have on collaboration-specific
performance (Aulakh, Kotabe, and Sahay 1996; Lambe
et al. 2002). In line with these studies, we suggest that alli-
ance network performance can make significant contribu-
tions to a focal firm’s overall marketplace performance as
aresult of positive spillovers from its alliance experiences
(Sarkar et al. 2001).

A focal firm creates a positional advantage in its alli-
ance network on the basis of the quality of its relationships
with network partners. In the development of strong rela-
tionships, a focal firm develops a better understanding of
its partners’ activities, resulting in superior exchange of
tacit knowledge across organizational boundaries. Thus, it
holds the advantages of high-quality information transfer



and trust-based governance gained from strong relation-
ships (Larson 1992; Uzzi 1996). Furthermore, strong rela-
tionships can act as a governance mechanism that pro-
motes voluntary exchanges of resources and eliminates
individual short-term interests (Uzzi 1996). Finally, estab-
lishing close contacts with network partners enables a
focal firm to deal with conflicts and crises and develop
joint problem-solving arrangements on the basis of rapid
and explicit feedback from its partners. Because the focal
firm is bestowed with benefits arising from the quality of
its alliance relationships, the likelihood of its alliance for-
mation between prospective partners will be enhanced
(Chung, Singh, and Lee 2000; Tsai 2000).

Participation in networks enables firms to gather high-
quality information on one another. Furthermore, partici-
pation in such networks reduces contracting costs caused
by informational asymmetries. The cost of opportunistic
behavior in alliance networks tends to be higher because
the damage to one’s reputation influences not only the spe-
cific alliance in which a focal firm behaved opportunisti-
cally but all other current and potential partnerships as
well (Anderson, Hakansson, and Johanson 1994; Gulati,
Nohria, and Zaheer 2000). This participation incremen-
tally promotes trust, thereby decreasing transaction costs
by creating strong disincentives for opportunistic behavior
(Larson 1992; Uzzi 1996). Thus, a focal firm with a greater
degree of alliance network performance can signal that it is
an attractive exchange partner to seek competitive advan-
tages in the marketplace. It is also more likely to attract
new partners with the potential to create synergies and
profits. As a result, it will likely develop better market-
place positions of competitive advantage, such as reduced
time to market, innovativeness, and responsiveness
compared with its competitors.

Hypothesis 2: A firm’s alliance network performance
will have a positive, direct impact on its overall mar-
ket performance.

Moderating Effects of
Environmental Turbulence

We suggest that the linkage between alliance orienta-
tion and alliance network performance will be moderated
by the environmental conditions within which a focal firm
operates. For example, high turbulence may lessen a firm’s
ability to assess both the present and the future conditions
in its environment and limit its ability to determine the
potential impact of its decision making on current and
future activities regarding alliance relationships. It is pos-
sible, therefore, that the impact of alliance orientation on a
firm’s alliance network performance will vary with the
degree of turbulence in the firm’s environment. In this
study, we examined whether two forms of environmental
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turbulence, market and technological developments, will
moderate the extent of the effect of alliance orientation on
alliance network performance.

Market turbulence. The market orientation literature
suggests that market turbulence is likely to arise from the
heterogeneity and rapid changes in the composition of
customers in the market and their preferences (Kohli and
Jaworski 1990; Slater and Narver 1994). The level of tur-
bulence in a focal firm’s market is typically influenced by
the rate of change in its downstream market and its net-
work partners’ share of this market (Heide and John 1990).
Thus, a focal firm operating in a more turbulent market has
to modify its products and approaches to market more
readily to adapt to the changed preferences of its custom-
ers than firms that operate in more stable markets. Given
the focal firm’s heightened need for sequential, adaptive
decision making, it is reasonable to expect that alliance
orientation will be augmented in turbulent markets, be-
cause this will enable the firm to adjust to network partners
more readily as a result of its interactions in multiple
alliance relationships.

In highly turbulent markets, alliance orientation will
involve the creation of new, situation-specific knowl-
edge (Eisenhardt and Martin 2000). Alliance-oriented
firms will monitor market developments more readily
and will become more informed about partnering
opportunities. This will allow them to adapt to their
network partners faster. By coordinating activities in multi-
ple relationships, alliance-oriented firms will be able to
mobilize and leverage their resources embedded within the
entire alliance network and take advantage of resources
developed in connected relationships (Anderson et al.
1994).

Because the uncertainty in turbulent environments will
increase causal ambiguity, it will be difficult for competi-
tors to imitate resources or resource combinations in a
timely manner (e.g., Eisenhardt and Martin 2000;
Lippman and Rumelt 1982; Noda and Collis 2001). A firm
will configure and apply its alliance-based capabilities in a
dynamic manner to more effectively respond to the chang-
ing needs of its customers (Song, Droge, Hanvanich, and
Calantone 2005). Consequently, a firm with a higher level
of alliance orientation will be more likely to be perceived
as an attractive exchange partner to other firms. On the
other hand, when the environment is relatively stable and
predictable, competitors and prospective partners can
clearly see which alliance-based activities and combina-
tions of resources are valuable for building and maintain-
ing successful alliance relationships; these can be imitated
because time is not of the essence. Therefore, we argue
that alliance orientation is more likely to be strongly
related to alliance network performance in more turbulent
rather than less turbulent markets.
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Hypothesis 3: The greater the market turbulence, the
stronger the relationship between alliance orienta-
tion and alliance network performance.

Technological turbulence. Technological turbulence
arises from changes in the underlying technologies of
products or services and their rates of obsolescence.
Changes in the standards or specifications of end products,
components, or services contribute to technological turbu-
lence. Thus, in industries in which the cycle of technologi-
cal innovation or obsolescence is shorter and faster, it will
be difficult for a focal firm to anticipate accurately the
technical requirements in the alliance relationship. Al-
though market turbulence increases the need for higher de-
grees of alliance orientation, in industries characterized by
rapidly changing technologies, the role of alliance orienta-
tion in generating alliance network performance may be
downplayed. If a firm focuses too much on its network
partners and alliance activities, it may fail to fill the gap be-
tween current technological environmental requirements
and its core technological capabilities. In such technologi-
cally turbulent environments, firms are more inclined to
retain the flexibility to terminate alliance relationships and
switch to partners with more appropriate technological
competences (Heide and John 1990). As suggested by
market orientation scholars (Kohli and Jaworski 1990;
Slater and Narver 1994), many major product-class inno-
vations are driven by research and development efforts
outside the industries into which the innovations eventu-
ally assimilate rather than customer-oriented research.
Consequently, the importance of developing knowledge
about existing and potential partners, coordinating across
alliance activities, and learning from alliance experiences
may be hampered. Here, the main argument is that alliance
orientation may not be as important as it is in tech-
nologically stable environments. Therefore, under con-
ditions of technological turbulence, alliance orientation
will be less of an influence on network performance for a
focal firm.

Hypothesis 4: The greater the technological turbulence,
the weaker the relationship between alliance orien-
tation and alliance network performance.

RESEARCH METHOD
Sample and Data Collection

For this study, we drew from a database of 1,800 U.S.-
based corporations, with annual sales of over $25 miilion,
randomly selected from the CorpTech Directory of Tech-
nology Companies. The research setting included compa-
nies from a cross-section of industries chosen from the fol-
lowing Standard Industry Classification (SIC) codes:
chemicals and allied products (SIC 28), industrial and
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machinery equipment (SIC 35), electronic and electric
equipment (SIC 36), instruments and related products
(SIC 38), computer and data processing (SIC 73), and
engineering and management services (SIC 87). In the
sample, the motives underlying a firm’s entry into strategic
alliances consisted of product development, marketing,
distribution, manufacturing, supplier and customer sour-
cing, and technology development. For the purposes of
this study, we defined a strategic alliance as a relatively
enduring cooperative arrangement, either equity or project
based, that involves interdependence and resource link-
ages among the partners and is formed to pursue common
objectives linked to the corporate mission of each partner
firm.

We conducted data collection in two stages. In the first
stage, a cover letter accompanied by a statement of the
research objectives was sent to the 1,800 U.S.-based com-
panies requesting their participation in the study. In addi-
tion, the firms’ CEOs were also asked to provide the names
and contact details of two executives whom we could sub-
sequently contact with the survey instrument. We asked
for senior-level managers who were knowledgeable about
the companies’ strategic alliances and alliance-related
procedures and activities. The CEOs also had the option of
being key respondents. This was done in two waves, with
the second wave of mailings following the first by 3
weeks.

Participating companies were promised an executive
report summarizing the results of the study. Of these, 37
could not be contacted because of incorrect contact
details, and 110 declined to participate for various reasons.
Of the 1,800 companies contacted, 293 firms agreed to
participate and provided the names and key informant
details requested. Thus, the effective response rate in the
first stage was 17.7 percent (293 of 1,653).

In the second stage, the mail survey, attached with a
cover letter and a business reply envelope, was sent to the
293 executives who had agreed to participate in our study.
Follow-up telephone calls and a second round of mailings
took place 2 weeks after the first mailings. E-mail follow-
ups, when possible, were used. By the cutoff date, 184
companies had responded, of which 2 responses were
unusable because of substantial missing data. The final
response rate, defined as the number of usable responses
received from the final sampling frame after accounting
for refusals and employee mobility, was thus 65.9 percent
(182 of 276). Key informants from the surveyed firms
were mostly senior-level executives; vice presidents and
above accounted for 95 percent of the respondents.

To assess nonresponse bias, we divided our data into two
groups on the basis of the dates on which we received the
completed surveys. The early responses consisted of the ques-
tionnaires received in the first mailing, before the follow-
up phone calls. The late responses included the question-
naires received in the second mailing, after the follow-up



phone calls. On the basis of a comparison of the averages
of annual sales and the number of employees, r-tests
between the mean responses of the early and the late
respondents indicated no statistically significant differ-
ences at the .05 level (Armstrong and Overton 1977).
Nonresponse bias did not appear to be present in the data.

Measures

We developed a structured survey instrument in several
stages. Measurement of the constructs was accomplished
via the use of both established and original scales. We fol-
lowed the scale development and testing procedures sug-
gested by Anderson and Gerbing (1988), Churchill
(1979), and Fornell and Larcker (1981). First, we screened
the literature to identify verified scale items to measure the
factors we used in our work. For new scales (i.e., alliance
orientation and alliance network performance), we devel-
oped measures using the framework proposed by Chur-
chill. Constructs were defined, an item pool was gener-
ated, and the format of measurement was decided. A list of
items that would be potentially useful as measures was
developed from the literature. To establish face validity,
we sought multiple items that would tap the domains of the
constructs. For example, we reviewed the major concep-
tual literature on alliance management (Anand and
Khanna 2000; Lambe et al. 2002) and market orientation
(Jaworski and Kohli 1993; Narver and Slater 1990) to
identify the underlying facets of alliance orientation.
Research suggests that alliance management capabilities
include specific firm activities, among which are those
involved in learning about a firm’s alliance network part-
ners. Similarly, the market orientation literature suggests
that market orientation consists of activities involved in
learning about customers and competitors and includes the
coordination efforts utilized in exploiting a company’s
resources. Drawing from this literature, we inferred that
the three main components of alliance orientation would
include alliance scanning, alliance learning, and alliance
coordination activities.

We then submitted the scale measures to a small group
of academics who have conducted research on alliances
and/or strategic marketing. On the basis of their assess-
ments, we dropped some statements and modified others.
We pretested the draft questionnaire with several execu-
tives who had managed alliance relationships. The execu-
tives that participated in this preliminary stage were identi-
fied from the original CorpTech directory. We contacted
these executives, informed them about the study, and
requested interviews. A brief summary of the research
project and the interview protocol was faxed or e-mailed
to them in advance. The interviews, lasting an average of
1 hour, were conducted following a semistructured for-
mat. On the basis of their comments, we refined some
items and ensured that the survey instrument was in an
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understandable and logical format. As a result of this mea-
surement development process, we used three to nine
statements to measure the constructs in the model.

Alliance orientation. We had conceptualized alliance
orientation as a competency that tends to increase in mag-
nitude as each of the three fundamental alliance-driven ca-
pabilities, alliance scanning, alliance coordination, and
alliance learning, increases (Diamantopoulos and Winkl-
hofer 2001, Jarvis, Mackenzie, and Podsakoff 2003). Be-
cause we had viewed alliance orientation as a composite of
these three capabilities that required a second-order for-
mative measure, we measured it as the overall mean score
of these three capabilities. We developed the scales we used
for measuring the dimensions of alliance orientation from
the literature, because existing scales were unavailable.

Alliance scanning, which was a three-item reflective
measure, was intended to capture the extent to which a
firm proactively engaged in scanning for partnering
opportunities, information acquisition, and collection
about potential partners. Alliance coordination, which
was a three-item reflective scale, assessed the extent to
which a firm engaged in coordinating activities and strate-
gies and in the sharing of knowledge across a portfolio of
network partners. Alliance learning, which was a three-
item reflective scale, was intended to capture the extent to
which an organization acquired, interpreted, and lever-
aged alliance management know-how. To measure these
three dimensions of alliance orientation, we used a S-point
Likert-type scale ranging from strongly disagree (1) to
strongly agree (5).

Alliance network performance. We developed new
scales for measuring alliance network performance. These
assessed the degree to which managers perceived the com-
petitive strength of their firms’ alliance networks, the
strength of their relationships with key network partners,
and their ability to manage crises and conflicts with their
partners as satisfactory. Alliance network performance
was intended to capture a firm’s perceived ability to
achieve its organizational objectives associated with its al-
liance network. We used a 5-point, Likert-type scale rang-
ing from very unsatisfactory (1) to very satisfactory (5) to
measure this construct.

Market performance. We adapted the measures we
used for market performance from Gupta and Govin-
darajan (1984) and Venkatraman and Ramanujam (1986).
These helped assess the success of a firm’s products and
programs in existing businesses and in those related to its
future positioning. Three separate dimensions of firm per-
formance were captured: sales growth, market share, and
market development. Each was measured relative to the
focal firm’s competitors. We used a 5-point Likert-type
scale ranging from much worse (1) to much better (5) to
measure this construct.
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TABLE 1
Correlation Matrix for Measurement Scales
Variable I 2 3 4 5 6 7 & 9 0 11 12 13 14 15 16 17 18 19 20
1. ASCN, .000
2.ASCN, .643 1.000
3.ASCN; .658 .661 1.000
4. ACRD; .320 .308 .272 1.000
5.ACRD, .289 .305 .274 .689 1.000
6.ACRD; .I77 .I75 .138 .565 .531 1.000
7.ALRN, .388 418 .361 410 .490 .382 1.000
8.ALRN, .352 .393 .345 304 426 .294 .675 1.000
9. ALRN; .306 .300 .282 .298 .3I18 .370 .498 .405 1.000
10. ANTP, .385 .261 .316 .351 .292 .218 .310 .260 .134 1.000
11.ANTP, .298 .241 .257 .308 .245 .146 .346 .324 .119 .524 1.000
12.ANTP, 293 .279 .262 .398 .265 .289 .329 .246 .213 .508 .515 1.000
13.MKTP, .103 .099 .008 .065 -031 .075 .041 .069 .089 .272 .208 .215 1.000
14.MKTP, .127 .124 .157 112 .105 .I152 .093 .126 .117 .252 .226 .143 .424 1.000
15.MKTP; 219 .148 .202 069 019 .105 .040 .086 .I94 .296 .148 .185 .428 .498 1.000
16.MTRB, .036 .117 .058 .086 .059 .088 .163 .I61 .109 .148 -012 .127 .032 .013 .006 1.000
17.MTRB, .127 .I147 .131 .I82 .142 .069 .240 .I5]1 085 .108 .065 .105 .037 -004 -044 .587 1.000
18.TTRB, .111 .099 -.029 .094 .109 .039 .033 .103 .135 .094 —064 .090 -.013 -105 -025 .364 .3331.000
19. TTRB, -.002 -004 —054 .140 092 .084 .005 .107 .005 .086 —032 .081 .009 —.138 —099 .400 .390 .6601.000
20.TTRB; .064 .047 016 .I52 .122 .136 073 .190 .040 .I146 004 .042 071 -060 —002 .47] .341 .632 .661 1.000
M 3.77 356 379 263 254 231 3.7 3.09 349 339 369 3.68 332 342 329 302 279 401 319 3.15

SD 095 1.08 090 094 095 101 109 099 101

009 077 0.81

097 098 0.85 123 1.03 1.18 1.24 1.12

NOTE: Italicized correlations are significant at p < .05. ASCN = alliance scanning; ACRD = alliance coordination; ALRN = alliance learning; ANTP =
alliance network performance; MKTP = market performance; MTRB = market turbulence; TTRB = technological turbulence.

Environmental turbulence. Measures for environmen-
tal turbulence, for both market and technology, were
adapted from Germain, Droge, and Daugherty (1994) and
Jaworski and Kohli (1993). These measures were intended
to measure the degree of dynamism and unpredictability in
the market and the technological environments of a firm.
We used a S-point, Likert-type scale ranging from strongly
disagree (1) to strongly agree (5) to measure each
construct.

ANALYSIS AND RESULTS
The Measurement Model

We evaluated the psychometric properties of our mea-
sures using a confirmatory factor analysis (CFA) that com-
bined each factor measured by reflective scales (Bagozzi,
Yi, and Philips 1991; Gerbing and Anderson 1988). This
resulted in a CFA that included seven factors: three dimen-
sions of alliance orientation (e.g., alliance scanning,
alliance coordination, and alliance learning), alliance net-
work performance, market performance, market turbu-
lence, and technological turbulence. The CFA was fitted
using the maximum likelihood estimation procedure with
the raw data as input in EQS 6.1 (Bentler 1995). Table 1
reports summary statistics and a correlation matrix for the
measurement scales.

Composite reliability represents the shared variance
among a set of observed variables that measure an under-
lying construct (Fornell and Larcker 1981). As shown in
Appendix A, all constructs exhibited composite reliabii-
ities above .7, indicating acceptable levels of reliability for
each construct. In addition, all of the coefficient o values
exceeded the threshold value of .7 recommended by
Nunnally (1978), suggesting for each of the constructs a
reasonable degree of internal consistency between the cor-
responding indicators (see Appendix A). Furthermore, all
the factor loadings were statistically significant (p < .01),
which provided evidence of convergent validity (Bagozzi
et al. 1991). Table 2 presents key results of the CFA.

Measures of overall fit evaluate how well a CFA model
reproduces the covariance matrix of the observed vari-
ables. The chi-square test for our theoretical variables was
not statistically significant, x*(149) = 174.61, p > .05. The
Bentler-Bonett nonnormed fitindex (NNFTI), the compara-
tive fitindex (CFI), Bollen’s incremental fit index (IFT), and
the root mean square error of approximation (RMSEA)
indicated a good fit with the hypothesized measurement
model (NNFI = .98, NFI = .89, CFI = .98, IFI = .98, and
RMSEA = .03; Hu and Bentler 1999; Table 2).

Discriminant validity was examined by calculating the
shared variance between all possible pairs of constructs,
verifying that they were lower than the average variance
extracted for the individual constructs (Fornell and
Larcker 1981). The highest level of shared variance between



TABLE 2
Results of the Confirmatory Factor Analysis
Construct and Standardized
Measurement Items Loading t Value®
Alliance scanning (ASCN)
ASCN, 81 12.21
ASCN, .81 12.17
ASCN, .81 12.23
Average variance extracted 65.6%
Highest shared variance 31%
Alliance coordination (ACRD)
ACRD, .84 12.59
ACRD, 82 12.28
ACRD, .66 9.21
Average variance extracted 60.5%
Highest shared variance 37%
Alhance learning (ALRN)
ALRN, .90 13.68
ALRN, 74 10.76
ALRN, 56 7.61
Average variance extracted 55.7%
Highest shared variance 37%
Alliance network performance (ANTP)
ANTP, .76 10.48
ANTP, .70 9.48
ANTP, .70 9.61
Average variance extracted 51.9%
Highest shared variance 27%
Market performance (MKTP)
MKTP, .60 7.38
MKTP, .69 8.45
MKTP, 12 8.80
Average variance extracted 45.2%
Highest shared variance 21%
Market turbulence (MTRB)
MTRB, .81 10.24
MTRB, 71 9.11
Average variance extracted 58%
Highest shared variance 40%
Technological turbulence (TTRB)
TTRB, .78 11.62
TTRB, 84 12.96
TTRB, 82 12.43
Average variance extracted 66.2%
Highest shared variance 40%

NOTE: Model fit statistics: x2(149) =174.61, p > .05; nonnormed fit
index = .98, comparative fit index = .98, incremental fit index = .98, root
mean square error of approximation = .03 (90% confidence interval .00 to
.05).

a. The 7 values from the unstandardized solution.

any pair of constructs was 40 percent (shared variance was
equal fo the squared correlation between the constructs).
The average variances extracted ranged between 66.2 and
45.2 percent. These results showed that the average vari-
ance extracted by the measure of each factor was larger
than the squared correlation of that factor’s measure with
all measures of other factors in the model (see Table 2).
Given these values, we concluded that all the factors in the
measurement model possessed strong discriminant
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validity. In light of this evaluation, we were able to con-
clude that all factors in the measurement model possessed
both convergent and discriminant validity and that the
CFA model fit the data adequately. On the basis of the
evaluation of the measurement model, we selected a set of
three items for all constructs, except for the market turbu-
lence construct. Appendix A details the constructs,
retained items, and associated reliabilities.

Subsequent to the assessment of convergent and
discriminant validity of our constructs, we addressed how
we might be able to consolidate the alliance orientation
dimensions into a second-order construct. Diaman-
topoulos and Winkihofer (2001:274) argued that reflec-
tive specifications of latent variables often mistakenly pre-
vail in the marketing literature. In reflective specifications,
second-order constructs are assumed to cause their dimen-
sions rather than being caused by them. Consequently,
dimensions are viewed as strongly correlated and inter-
changeable facets of the focal construct (Bollen and
Lennox 1991). Formative specifications view a second-
order construct as being caused by its dimensions. Dimen-
sions that need not be highly correlated with one another
define it. Accordingly, we conceptualized alliance orienta-
tion as a second-order formative construct represented by
its alliance scanning, alliance coordination, and alliance
learning dimensions. Because a firm may well score high
on its alliance scanning activities while scoring low on its
alliance coordination activities, we adopted a formative
measurement approach to capture the meaning of alliance
orientation (cf. Bollen 1989).

In addition, we tested the properties of our hierarchical
measurement model against our first-order measurement
model. The hierarchical measurement model considered
alliance scanning, alliance coordination, and alliance
learning as first-order dimensions of alliance orientation,
which was a second-order reflective measure. That is, alli-
ance orientation was assumed to cause its three dimen-
sions rather than being caused by them. The second-order
model produced a chi-square value of 186.31 with 157
degrees of freedom (p > .05), with NNFI = .97, CFI = .98,
IFI = .98, and RMSEA = .03. Although the second-order
measurement model yielded similar fit indexes, the first-
order measurement model provided a better chi-square
value (Ax* = 11.71, Adf = 8; see Table 2). Thus, we con-
cluded that the model in which alliance orientation was
represented as a second-order reflective measure was not
superior to the first-order model.

Common Method Bias

We used a CFA approach to Harman’s one-factor test to
test for potential common method bias (cf. Korsgaard and
Roberson 1995; Mossholder, Bennett, Kemery, and
Wesolowski 1998). If common method variance (CMYV)
were a serious threat to the analysis and interpretation of
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TABLE 3

Results of Hypothesis Testing
Dependent Variables
Alliance

Independent Network Market
Variable Performance Performance Hypothesis Conclusion
Alliance orientation 61%* (7.28) 1 Supported
Alliance network performance A46** (4.86) 2 Supported
Alliance Orientation x Market Turbulence .26* (1.89) 3 Supported
Alliance Orientation x Technological Turbulence -.14* (-1.08) 4 Not supported
Market turbulence 04% (0.33)
Technological turbulence -.06" (-0.54)
Squared multiple correlation 42 21

NOTE: Values in parentheses are f values. Model fit statistics: xz(l 1)=18.09, p >.05; nonnormed fit index = .92, comparative fit index = .96, incremental fit
index = .96, root mean square error of approximation = .06 (90% confidence interval .00 to .11).

a. Nonsignificant.
*p <.05. ¥*p < .01,

the data, a single latent factor would account for all the
manifest variables (Podsakoff, MacKenzie, Lee, and
Podsakoff 2003). It should be noted that this is a diagnostic
technique for assessing the extent to which CMV may
pose a serious threat. The single-factor model yielded
x*(170) = 923.64, compared with x*(149) = 174.61 for the
measurement model that included seven factors; the fit
was worse in the one-dimensional model than it was in the
measurement model. A worse fit for the single-factor
model suggests that one general factor did not account for
the majority of the covariance among the measures in this
study.

Hypothesis Testing

The hypothesized model was estimated by using struc-
tural equation modeling, with the EQS 6.1 program (see
Figure 1). Our moderating effect analysis followed the
method suggested by Mathieu, Tanenbaum, and Salas
(1992). This procedure is described in Appendix B.

The results of the hypothesis testing are provided in
Table 3, along with parameter estimates, their correspond-
ing ¢ values, and the fit statistics. As reported in Table 3, the
chi-square test was not statistically significant, }*(11) =
18.09, p > .05. The scores we achieved for the NNF], the
CFI, the IFI, and the RMSEA showed that the hypothe-
sized model had good fit with the data (NNFI = .92, CFI =
.96, IFI = .96, RMSEA = .06). Table 3 shows the results of
our hypothesis tests. Specifically, we found alliance orien-
tation to be positively associated with alliance network
performance (B = .61, p < .01), supporting Hypothesis 1.
We also found alliance network performance to have a
positive direct effect on market performance (f = .46, p <
.01), supporting Hypothesis 2.

As reported in Table 3, we found the product term
related to market turbulence to be positively associated

with alliance network performance (B = .26, p < .05), sup-
porting Hypothesis 3. However, the product term related
to technological turbulence did not show a significant ¢
value; we were therefore unable to support Hypothesis 4.
The sign of this parameter was negative (f =-.14, p> .05),
as we had hypothesized, suggesting that technological tur-
bulence should weaken the relationship between alliance
orientation and alliance network performance. Further-
more, the direct effects of market turbulence and techno-
logical turbulence on alliance network performance were
not significant. On the basis of these findings, we con-
cluded that although market turbulence plays a significant
moderating role between alliance orientation and alliance
network performance, the role of technological turbulence
in this context remains uncertain.

The Mediating Effect of Alliance
Network Performance

Although developing the hypothesized model, we
argued for positioning alliance network performance as a
mediating variable. This hypothesized model allowed no
direct path from alliance orientation to market perfor-
mance, which implied a central nomological status for alli-
ance network performance. To explore this mediating role,
we followed the procedures described by Baron and
Kenny (1986) and tested three structural models using
EQS 6.1.

Model 1 examined the effects of our independent vari-
ables (i.e., alliance orientation, Alliance Orientation X
Market Turbulence, Alliance Orientation X Technological
Turbulence, market turbulence, and technological turbu-
lence) on the mediator variable (i.e., alliance network per-
formance). Model 2 examined the effects of these inde-
pendent variables on the dependent variable (i.e., market
performance). Finally, Model 3 examined the effects of
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TABLE 4
Results for the Mediating Effect of Alliance Network Performance

Dependent Variables

Model 1. Alliance

Model 2: Market Model 3: Market

Independent Variable Network Performance Performance Performance
‘Alliance orientation 61%* (7.28) 26%* (2.68) -03* (-0.24)
Alliance network performance 49%* (3.57)
Alliance Orientation x Market Turbulence .25* (1.828) 190 (121 A1% (0.72)
Alliance Orientation x Technological Turbulence  —.15% (=1.11) —-.03* (-0.18) 028 (0.14)
Market turbulence 04 (0.31) 03 021 01F (0.09)
Technological turbulence —04* (0.37) .18 (-1.38) —17* (-1.30)
Squared multiple correlation 42 12 247

x 13.49 13.49 17.08

df 6 6 8

p > .01 > .01 > .01

NNFI 87 .82 .86

CHI 95 93 95

IF1 .95 93 95

RMSEA .08 (90% Cl = .02 to .14) .08 (90% CI = .02~.14) .08 (90% CI = .02-.14)

NOTE: Values in parentheses are ¢ values. NNFI = nonnormed fit index; CFI = comparative fit index; IFI = incremental fit index; RMSEA = root mean

square error of approximation; CI = confidence interval.
a. Nonsignificant,
*p<.05. **p <0l

our independent variables and our mediating variable (i.e.,
alliance network performance) on our dependent variable
(i.e., market performance).

Models 1 and 2 sought to demonstrate that the inde-
pendent variables affected the mediating variable and the
dependent variable, respectively. Model 3 sought to estab-
lish that the mediating variable affected the dependent
variable, even when the independent variables were con-
trolled for. The requirements for establishing mediation
were as follows: the independent variables had to affect the
mediator in Model 1 and the dependent variable in Model
2. The mediating variable had to affect the dependent vari-
able in Model 3. Perfect mediation held if the independent
variables had no effect when the mediator was controlled.

Major parameter estimates and fit statistics of the struc-
tural models are presented in Table 4. We encountered no
problems in estimation and achieved convergence without
any boundary conditions. We used the estimates of the
path coefficients to examine the mediating effect of alli-
ance network performance. Of the independent variables,
alliance orientation (f = .61, SE = .09, p < .01) and Alli-
ance Orientation x Market Turbulence (B = .25, SE=.14,
p < .05) had significant, direct effects on alliance network
performance (Model 1, Table 4). Consequently, we exam-
ined the effects of the independent variables on market
performance and obtained a positive and significant effect
for alliance orientation (B = .26, SE=.11, p<.01;Model 2,
Table 4). Model 3, which included the paths to market per-
formance from the mediator and the independent vari-
ables, also yielded significant and positive effects for alli-
ance network performance only (B =.49, SE= .14, p< .01;

Table 4). The mediated effect (.61 x .49) was statistically
significant (the approximate standard error was .09). We
could therefore conclude that alliance network perfor-
mance fully mediated the relationship between alliance
orientation and market performance.

DISCUSSI ON
Alliance Orientation

The findings provide support for our proposed concep-
tualization of alliance orientation as a critical source of
competitive advantage and its measurement as a compos-
ite construct. In this context, the individual dimensions of
alliance orientation appear to be distinctive, yet related,
capabilities associated with superior alliance manage-
ment. In addition, we show that alliance orientation has a
direct effect on alliance network performance as well as an
indirect effect on market performance.

The alliance orientation construct and the scale with
which we measure it offer important implications for the-
ory development as well as practical guidance on how
firms might go about developing this competency for
superior alliance management. Firms that demonstrate
enhanced alliance capabilities tend to be those with more
effective skills in scanning, coordinating, and learning
from alliances. These skills appear to lead them to manage
their alliance networks more capably, thus achieving supe-
rior network, as well as market, performance.
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It would follow that senior managers ought to dedicate
sufficient resources to cultivating scanning, coordination,
and learning traditions within their firms. They can, in
addition, help create organizational cultures that value
interfirm collaboration. This would suggest that structural
changes, including the appointment of “corporate alli-
ance” or “corporate knowledge” officers, may be necessary.
Their responsibilities might include the dissemination of
learning from the many collaborative ventures throughout
the organization.

The Role of Alliance Network Performance

Our findings also suggest that alliance orientation can
produce favorable market performance, but only indi-
rectly, with alliance network performance mediating the
relationship between alliance orientation and market
performance. This implies that superior marketplace
performance may be more a function of how well ae firm
extracts alliance-related benefits from its partnerships.
The mere existence of alliance-promoting activities such
as scanning and coordinating does not appear to be suffi-
cient for favorable firm outcomes. Tangible fruits of col-
laboration must be derived by the entire network of collab-
orators for firm-level benefits to be accrued. These
favorable network outcomes include competitive strength,
formidable relationships, and effective crisis manage-
ment. Those firms that are particularly adept at producing
these gains from their partnerships will outperform others
that fail to derive collaborative gains. These findings imply
that managers need to continuously reconfigure their net-
works to achieve the most proficient collaborative routes
to market performance.

The Moderating Influence
of Environmental Turbulence

Our empirical findings also confirm that the degree of
uncertainty and the pace of change in customer demand
and preferences do moderate the relationship between alli-
ance orientation and alliance network performance. Spe-
cifically, a firm’s alliance orientation appears to take on
greater significance under more turbulent customer envi-
ronments, paving the way for superior alliance network
performance. This is plausible considering that one of the
underlying motivations for collaborative ventures is risk
reduction. To the extent the market environment poses
challenges for an individual firm, managers may then
resort to interfirm collaborative projects to combat them.
Conversely, a relatively stable market environment may
give managers a false sense of confidence that they can act
unilaterally in responding to opportunities and challenges.

Unlike the role of market turbulence, the results fail to
confirm a significant moderating role for technological
uncertainty in influencing the relationship between
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alliance orientation and alliance network performance.
Combined, these findings reflect mixed signals about the
role of environmental turbulence in affecting the relation-
ship between alliance orientation and alliance network
performance. These mixed findings could be due to the
particular operationalization of the technological turbu-
lence construct, misspecification of the variables, or sim-
ply a misinterpretation of technological turbulence by our
sample respondents. It is also possible, of course, that as
our findings suggest, technological turbulence in a firm’s
environment may not be as relevant in the development
and nurturing by the firm of its portfolio of skills, which
we have labeled alliance orientation, or its relational skills,
such as trust, commitment, forbearance and reciprocity
between the firm and its partners. Finally, it can also be
argued that alliance orientation may assume greater
importance in technologically turbulent environments.
For example, the timely introduction of new products to
replace obsolete products may become crucial to firm suc-
cess (Wind and Mahajan 1997). In these situations, a firm
may place more emphasis on building stronger and
integrated relation- ships with its alliance partners.
Overall, the study demonstrates that firms that are
proactive in developing alliance-oriented skills are more
likely to achieve greater marketplace performance.
Although many firms engage in a variety of collaborative
arrangements today, those that approach them proactively
are more likely to derive superior competitive advantage.
This appears to be a function of management’s concerted
efforts in (1) acquiring new skills, such as scanning the
environment for prospective partners and partnership
opportunities; (2) coordinating across alliances to maxi-
mize cross-fertilization, cross-learning, and other syner-
gistic gains; and (3) programmatically appropriating these
gains across a firm’s alliance network. These skills, which
we compose into a construct we name alliance orientation,
appear to yield a positive effect on a firm’s alliance net-
work performance. Alliance orientation in turn appears to
enhance a firm’s market performance in terms of its sales
growth, market share growth, and market development.

Limitations and Directions
for Future Research

As interfirm collaborations become increasingly per-
vasive, firms are compelled to develop and sustain skill
portfolios that yield superior performance and enduring
competitiveness. In this study, we conceptualized and
operationalized one such portfolio, alliance orientation,
and empirically assessed its impact on market perfor-
mance through a mediating construct we labeled alliance
network performance. We view alliance orientation, akin
to market orientation, as a proactive approach to the devel-
opment and nurturing of partnering skills by firms. Con-
tributing to alliance orientation are such skills as partner



scanning, systematic coordination of activities across net-
work partners, and continuous learning from alliance
experiences. These findings advance knowledge of mar-
keting-related and other types of collaborative ventures.

Several limitations of the study give rise to the desirabil-
ity of future work on this topic. First, longitudinal studies
might explore how dynamic changes in the config- uration
of alliance orientation skills might affect firm-specific per-
formance as a firm evolves organically and in response to
environmental changes. In this context, the changing contri-
butions to performance outcomes of collaboration-specific
and firm-specific skill portfolios over time, and in response
to environmental changes, could deepen our understanding
of this relationship. Second, we encourage other scholars to
add learning constructs into the model and study the affect
of the dynamics of learning among collaborating partners
on market performance. For example, absorptive capacity
has been shown to be an important skill in acquiring and
internalizing tacit resources and capabilities from a firm’s
partners that in turn might influence the collaborative
behavior of the partner firms.

Third, future work might add moderating variables
associated with the nature of a firm’s alliance activities.
For example, the effect of alliance network performance
on market performance may depend on the amount of
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alliance activity or the type of an alliance. Fourth, future
work can also extend the focal-firm perspective to dyadic
relationships and examine the sharing of partnership gains
from the perspective of each company in the relationship.
The current study design did not allow for assessment of
how a focal firm’s actions might affect counteractions
from its collaboration partners. Fifth, the present study
shares a methodological concern, CMV, with other
research in marketing. The potential for common method
bias arises when data on the key dependent variable (e.g.,
market performance) are derived from the same source as
the data on important independent variables (e.g., alliance
competency). Harman’s single-factor test was used to con-
trol if a substantial amount of CMV was present in the
data. It should be noted that there are several limitations of
this technique. Although we can conclude that a single
factor did not account for all of the variance in the data, this
procedure does nothing to statistically control for method
effects. It only assesses the extent to which CMV may be a
problem. Independently obtained, objective data on firm
performance could alleviate such a concern in future stud-
ies. Finally, future work may explore the degree to which
additional organizational and/or interfirm variables might
strengthen the validity of alliance orientation as a
construct worthy of study in marketing.
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APPENDIX A
Scale Items and Reliabilities
Composite

Item

Coefficient o Reliability

Alliance orientation (second-order formative scale)®
Dimension 1: alliance scanning (three-item reflective scale)

1. We actively monitor our environment to identify partnering opportunities.

2. We routinely gather information about prospective partners from various forums (e.g., trade shows, industry

conventions, databases, publications, internet etc.).

3. We are alert to market developments that create potential alliance opportunities.
Dimension 2: alliance coordination (three-item reflective scale)

1. Our activities across different alliances are well coordinated.

2. We systematically coordinate our strategies across different alliances.

3. We have processes to systematically transfer knowledge across alliance partners.
Dimension 3: alliance learning (three-item reflective scale)

1. We conduct periodic reviews of our alliances to understand what we are doing right and where we are going wrong.

2. We periodically collect and analyze field experiences from our alliances.
3. We modify our alliance related procedures as we learn from experience.
Alliance network performance (three-item reflective sca.le)b
1. The competitive strength of your alliance network.
2. Strength of your relationships with key alliance partners.
3. Ability to manage crisis and conflicts with your alliance partners.
Market performance (three-item reflective scale)”
1. Sales growth
2. Market share
3. Market development
Market turbulence (two-item reflective scale)®
1. We are witnessing demand from totally new groups of customers who earlier never bought our products/services.
2. Our new customers have product related needs that are very different from those of our existing customers.
Technological turbulence (three-item reflective scale)®
1. We operate in an environment where technology is changing rapidly.
2. The rate of product/service obsolescence in this industry is very high.
3. Our production and service technologies change often and in major ways (e.g., advanced electronic components).

.85 .85
.81 .82
17 18
76 .76
1 Vi
74 73
.85 .85

a. The scale anchors were strongly disagree and strongly agree.
b. The scale anchors were very unsatisfactory and very satisfactory.

c. The scale anchors were much worse and much better compared with main competitors.

APPENDIX B
Moderating Effect Analysis as Suggested by Mathieu et al. (1992)

This procedure involves four steps. First, the raw scores of
latent variables are centered, and summing the indicators of
each of these component variables creates composites for the
latent variables. In our work, we developed summated scores
for each alliance orientation dimension. These operated as
formative indica-tors of each dimension; thus, alliance orien-
tation was represented as a composite of these three indicators
(i.e., alliance scanning, alliance coordination, and alliance
learning).

Second, these centered scale scores are multiplied to form the
latent products (i.e., Alliance Orientation X Market Turbulence
and Alliance Orientation X Technological Turbulence).

Third, the scale reliabilities (i.e., coefficient o values) are
used to fix the relationships between the observed scale scores
and their corresponding latent constructs, as well as the error
variances for each variable, consistent with the method sug-
gested by Busemeyer and Jones (1983) for testing moderated re-
lationships in latent structural models. Specifically, the A values

relating the latent variables to their indicator variables are set
equal to the square roots of the reliabilities of alliance orienta-
tion, market turbulence, technological turbulence, alliance net-
work performance, and market performance, and the 8 values for
each of these observed variables are set equal to the product of its
variance and one minus its reliability (Joreskog and Sérbom
1989). With these values fixed, the additive model, which ex-
cludes the latent product variables, is then tested for the purpose
of discovering the correlation between the exogenous latent vari-
ables (i.e., alliance orientation, market turbulence and techno-
logical turbulence).

Finally, the values from the analysis of the additive model are
used to compute the reliability for the product terms using the
formula from Bohmstedt and Marwell (1978). This reliability is
then used to fix the A values for the path from the latent product to
its indicator, and the 8 value for the indicator of the latent product
is set equal to the product of its variance and one minus its reli-
ability.
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