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There is a broad consensus in considering that the loss of
biodiversity is accelerating which is due, for example, to the
destruction of habitats, overexploitation of wild species and
climate change. Many countries have pledged at various
international conferences to take swift measures to halt this loss
of biodiversity. Among these measures, the creation of protected
areas—which also contribute to food and water security, the fight
against climate change and people’ health and well-being — plays
a decisive role, although it is not sufficient on its own.

In this book, we review classic and original problems associated
with the optimal design of a network of protected areas, focusing
on the modelling and practical solution of these problems.

We show how to approach these optimisation problems within a
unified framework, that of mathematical programming, a branch of
mathematics that focuses onfinding good solutions to a problem
from a huge number of possible solutions. We describe efficient
and often innovative modellings of these problems.

Several strategies are also proposed to take into account the
inevitable uncertainty concerning the ecological benefits that
can be expected from protected areas. These strategies are based
on the classical notions of probability and robustness.

This book aims to help all those, from students to decision-makers,
who are confronted with the establishment of a network of protec-
ted areas toidentify the most effective solutions, taking into account
ecological objectives, various constraints and limited resources.

In order to facilitate the reading of this book, most of the problems
addressed and the approaches proposed to solve them are illus-
trated by fully processed examples, and an appendix presents in
some detail the basic mathematical concepts related to its content.
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Introduction

Biodiversity, a contraction of the words biological and diversity, represents the
diversity of living organisms (animals, plants, fungi, and bacteria) and their living
environments (aquatic, terrestrial, underground, aerial). The diversity of living
organisms refers to the diversity of species and the diversity of genes within each
species. The species richness of a given place, i.e., the number of species present in
that place, is a widely used measure to quantify the biodiversity of that place. This
measure is easy to interpret, but inventorying the species present at a given location
can be a difficult and costly exercise. Some species such as higher plants and ver-
tebrates are easy to observe but this is not the case, for example, with fungi and
bacteria. The number of individuals of each species is also an interesting indicator. It
can also be difficult to estimate. Genetic diversity essentially corresponds to the
diversity of alleles — versions of a gene — within individuals of the same species. This
diversity, which results from mutations and reproduction between individuals,
allows species to adapt to changes in their environment. Observing this diversity
requires sophisticated and relatively expensive techniques. The notion of biodiver-
sity also includes the interactions that exist between living organisms and also the
interactions between these organisms and their living environments. Today’s bio-
diversity is the result of a slow evolution of the living world, spread over billions of
years and affecting the entire planet. There is a broad consensus that the preser-
vation of biodiversity is currently a major issue. Biodiversity provides irreplaceable
and essential goods for our survival, such as food, oxygen, medicines, and raw
materials. In addition, species such as insects, bats, and birds pollinate plants.
Finally, natural environments contribute to natural water purification, flood pre-
vention, landscape structuring, and the quality of our living environment.

There is also a broad consensus to consider that biodiversity loss is accelerating
and that the five major causes of biodiversity loss are habitat destruction (e.g.,
urbanization, deforestation, wetland drying), biological invasions (e.g., Japanese
knotweed, coypu), pollution (e.g., release of a large number of toxic substances into
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VI Introduction

the environment and wide distribution of these substances), overexploitation of
species (e.g., African and Asian rhinos, bluefin tuna, ebony) and climate change,
including its rate. For example, according to the World Wildlife Fund (WWF),
global vertebrate populations declined by almost 70% between 1970 and 2016.
Stopping the loss of biodiversity is, therefore, one of the major challenges facing the
international community today. Many countries are committed to take early action
to halt biodiversity loss.

Protected areas play a decisive role in maintaining biodiversity because they
make it possible to directly target the protection of elements at high risk of
extinction. Thus, at the 10th Conference of the Parties in Nagoya (COP 10), the
signatory countries adopted a Strategic Plan for the period 2011-2020 with 20 key
objectives to improve biodiversity conservation. Target 11 sets the global coverage of
protected areas to be at least 17% of terrestrial and inland water areas and at least
10% of marine areas. These protected areas may require the restoration of degraded
habitats such as reforestation, reintroduction of species, control of invasive species,
and restoration of wetlands. They can be created on a regional, national or even
international scale and be linked in networks in a physical or organizational way.
They already occupy a significant fraction of the Earth’s surface and generally aim
to preserve several aspects of biodiversity simultaneously. They can also protect
species still unknown to scientists. Some species are very sensitive to human presence
and many activities can be prohibited within protected areas, such as habitat
transformation, hunting, fishing, tourism, and sports. The term protected area is
now very often used. However, there are many other terms used to designate these
regulated areas for nature protection: nature park, nature reserve, protected zone,
conservation area, protected site, etc. The International Union for Conservation of
Nature (TUCN) identifies six categories of protected areas, terrestrial and marine,
according to their management objectives and defines a protected area as “a clearly
defined, recognized, dedicated and managed geographical area, by any effective legal
or other means, to ensure the long-term conservation of nature and its associated
ecosystem services and cultural values”. Ideally, each threatened species or, more
broadly, each threatened ecosystem should benefit from an area whose protection
ensures its future. In some regions, protected areas may be the only remaining
natural areas. As a result, they can support species that are not found elsewhere. To
simplify the presentations we will mainly focus in this book on the protection of
species, but all the developments could be applied to the protection of other aspects
of biodiversity.

Several indicators can be used to measure the effects generated by the creation of
protected areas, such as the number of protected species, their degree of vulnera-
bility, the population size of each protected species, the genetic or phylogenetic
diversity of protected species, or combinations of these indicators. This measure of
the effects of protection may also include the ecosystem services it provides, such as
food, water, cultural values, health products, and recreational areas. However, these
aspects can be difficult to assess. The protection of natural areas is also an effective
strategy for mitigating climate change. Protected areas must be large enough and
suitable for the protection of the targeted protection, but at the same time must not
be too detrimental to the needs and habitats of the populations living in or near
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these areas. Given these human pressures and the direct costs associated with
protected areas, a trade-off will often have to be made between the ideal size of
protected areas and the size ultimately chosen. The delimitation of protected areas
often helps to avoid excessive habitat fragmentation. Non-contiguous protected
areas can be organized in a network for global management. They can also be more
or less linked by biophysical connections such as biological corridors. Finally, an
assessment of the effects of protection must be carried out regularly to ensure that it
is effective, i.e., that the objectives of maintaining biodiversity are being met.
Indeed, the objective of some protected areas may not be achieved due, for example,
to illegal behaviour or climate change. Good management of these areas is, there-
fore, extremely important. There are other species’ protection strategies such as, for
example, the control of invasive species or captive breeding followed by reintro-
duction into the wild. The latter strategy may be necessary in an emergency situ-
ation. Of course, the development of protected areas, although extremely effective in
conserving biodiversity, is not, on its own, sufficient to ensure such conservation.
Thus, using land-use and biodiversity models, researchers have recently shown that
an approach combining important land protection measures and a transformation of
the food system would make it possible to redress the curve of biodiversity loss by
2050.

We are interested here in the choice of natural sites to be protected with the main
objective of protecting biodiversity — representation and persistence — but this
biodiversity protection can be combined with other objectives (e.g., preservation of
drinking water, cultural heritage, and creation of a recreational, research or edu-
cational area, flood prevention). As the resources available for this protection are
obviously limited, it is important to use them as effectively as possible. It is recog-
nized that protected areas have saved important species and natural environments.
However, the erosion of global biodiversity continues at a rapid rate. This is why the
creation of new protected areas as well as the optimal choice of them is important.
The objectives, many and varied, must be well defined, the possible actions must be
identified and the impact of these actions must be assessed. For example, a good
knowledge of the geographical distribution of endangered animal and plant species is
fundamental. A large number of studies on the selection of sites whose protection is
relevant to biodiversity conservation have been published in the operational research
and biological conservation literature.

In this book, we provide an overview of classical but also original problems
related to the “optimal” design of a network of protected areas, focusing on the
modelling approach and finally on their resolution. By “design of a network of
protected areas” we mean the process of choosing, within a territory, portions of
territories to be protected, i.e., managed with the explicit aim of contributing to the
protection of certain species and ecosystems associated with these territories. These
territories and portions of territories can be very different in size. Many problems are
considered and described in detail in this book — some of them have already been the
subject of occasional publications on my part — but this overview is far from
exhaustive, as there are so many questions inherent in the optimal design of a
protected area network. Numerous references are presented. They concern both the
field of optimisation in general and the field of protected area design.
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We show how to approach these optimisation problems in a unified framework,
that of mathematical programming. Within this framework, we propose efficient and
often innovative modellings. Mathematical programming (linear, quadratic, frac-
tional, and convex, in real or integer variables, by objectives) is a branch of math-
ematics that focuses on finding the “best” solution to a problem, among a very large
number of possible solutions. It generally consists in studying and solving a problem
expressed as the search for the optimum of a function of n variables. This function —
called objective function or economic function — enables the quality of a solution to
be measured in relation to the pursued objectives, the variables being subject to
linear or non-linear constraints expressed by equalities and inequalities. The
objectives may be technical, ecological, sociological, economic or a combination of
them. Mathematical programming is, therefore, a very general framework for
addressing optimization problems that arise in many fields. Research in this domain
of mathematics has been stimulated for many years by the possibility of using more
and more powerful solvers such as, for example, IBM-ILOG-CPLEX, FICO-XPRESS Or
GUROBIL. Their impressive performance is based on theoretical and algorithmic
results, the effective implementation of these results and the spectacular increase in
computer computing speed. It is thus currently possible to solve mathematical
programs with thousands of variables and constraints and even much more in the
case of linear programming. One of the important advantages of mathematical
programming — compared to other approaches for dealing with optimization prob-
lems — is its flexibility. It is very easy to modify the objective function and con-
straints, if this is necessary to take into account, for example, variations in the
objectives or characteristics that the desired protected areas must satisfy. In this
book, we study many optimization problems associated with the design of a pro-
tected area network and show how to formulate them in the framework of mathe-
matical programming. We will see that all kinds of complex objectives and
constraints can be easily taken into account. The considerable interest of this
approach lies in the fact that, when a problem is formulated in this way, the com-
puter implementation of its resolution is particularly simple using a modelling
language coupled with a solver, and powerful languages of this type as well as
extremely efficient solvers — mentioned above — are available. The efficient computer
implementation of an algorithm specially designed for a particular problem is gen-
erally much more difficult. The mathematical programming approach is, therefore,
particularly appropriate to help a decision-maker to quickly consider a project to
design a network of protected areas. We have just mentioned the technical advan-
tages of mathematical programming to address the problems associated with the
design of protected zones. Another advantage of this approach is that in order to be
tackled in this way, the problems must be analysed rigorously, since the objectives,
constraints and data must be precisely defined. This will often provide an oppor-
tunity to clarify certain points. Finally, and this last aspect is extremely important,
the solutions proposed are impartial and transparent. However, the fact that a
problem can be formulated as a mathematical program does not imply that it can be
solved in a reasonable time. Furthermore, the decision-makers and protected area
managers must be closely involved in the construction of the models. Note that
graph theory is also widely used in this book, mainly as a modelling tool used prior
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to a mathematical programming formulation. Graph theory is a rich branch of
discrete mathematics that studies networks of points connected by lines called arcs
or edges.

Many publications in the biological conservation literature address these opti-
mization problems related to the delimitation of protected areas, but they often
propose to deal with them by approximate methods, specific heuristics or meta-
heuristics. These latter are generic heuristics that must be adapted to each problem.
These approximate methods are relatively easy to implement and may require less
computation time than that required to solve a mathematical program, but they can
provide solutions whose value is quite far from the value of the optimal solution.
Moreover, it is not generally known whether the value of the solution provided is
close or not to the value of the optimal solution. More recently, some problems
related to the creation of protected areas that are “optimal” in terms of biodiversity
protection have been addressed within the framework of constraint programming.

An important aspect to be taken into account in the design of a network of
protected areas is the uncertainty regarding the effects of these nature protection
policies. Indeed, a large number of uncertainties exist in the medium and long term
about the factors influencing biodiversity. Some are due to human activities such as
agriculture, urbanization or climate change, at least in part, others are simply due to
errors in measurements and forecasts. There are many approaches to try to account
for this uncertainty. It can be conventionally translated into probabilities — difficult
to define. These probabilities concern specific events affecting biodiversity and likely
to occur in the future given the protection policies adopted. For example, it can be
estimated that the probability that a certain species will have disappeared from a
certain site in 10 years is 0.9 if no particular action is taken for the protection of this
species in this site. This uncertainty can also be taken into account in other ways.
For example, it can be assumed that several scenarios — coherent sets of assumptions
— are possible and the forecasts used to construct the models will depend on the
scenario. For example, it can be considered that the sites whose protection would
allow the survival of a given species over a 50-year period are different depending on
the scenario considered. Both scenarios and probabilities can also be taken into
account simultaneously. For example, it can be considered that the survival prob-
ability of a species in a given area and over a certain time horizon depends on the
scenario. Another way of taking uncertainty into account is simply to consider that
the different values of measurements or forecasts, in the medium or long term, are
subject to uncertainties or errors. For example, the population size of a given species
in a given area may be estimated to be between 1,000 and 1,500 units after 10 years,
or the survival probability of a given species in a given area over a 50-year period
may be estimated to be between 0.8 and 0.9. Of course, this type of uncertainty can
be combined with considering several scenarios.

Let us now present a little more precisely the general framework of this book. We
consider a set of species, animal or plant, or other aspects of biodiversity, that are in
risk of disappearing. To simplify the presentation throughout this book, reference
will almost always be made to a set of threatened species, but all the proposed
approaches would easily adapt to other threatened aspects of nature and biodi-
versity, such as valuable habitats or ecological processes. It should be noted that
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according to the World Wildlife Fund (WWF) many common species are also
experiencing a significant decline that should at least be slowed down. A certain
horizon (e.g., 10 years, 50 years or 100 years) and a set of zones — also called sites or
parcels or areas — where these species live are considered. These zones can be very
different in nature (e.g., natural zones of ecological, faunistic and floristic interest,
zones of the Conservatoire du Littoral, rivers, wetlands). The protection of these
different zones can have a very different but complementary impact on biodiversity
protection. At the beginning of the horizon considered, it may be decided to protect
certain zones in order to provide some protection to the species considered and
present in these zones, and thus increase their chance of survival. These decisions
may eventually be called into question throughout the horizon under consideration if
this is still possible. Protection measures are appropriate to the conservation
objectives sought and vary from one zone to another. Thus, certain activities may be
authorized in one protected zone and strictly prohibited in another (e.g., destruction
of embankments or hedges, construction, hunting, fishing, certain agricultural
activities, public circulation, gathering). One way to protect a zone is to include it in
a nature reserve. Protecting a zone has a cost. This cost takes into account, for
example, the acquisition of the zone and its management over time. It may also
reflect some costs that are more complex to assess such as social costs. It is also
considered, as mentioned above, that the decisions taken require consideration, as
far as possible, of the various uncertainties. To protect a given species or a given set
of species, different measures to protect the zones can be adopted. In general, the
more important these measures are, the greater the chances of survival of the species
concerned — their survival probabilities — are. Thus, with any subset of protected
zones is associated an assessment of the value of protecting these zones. For example,
it can be simply considered that there are only two possible decisions for a zone, to
protect it or not during the period considered, and that its protection automatically
ensures the survival — survival probability equal to 1 — of the species present in that
zone at the beginning of the period. Thus, in this case and for figure I.1a, the
protection of the zones 2, 2, 216, and 23 ensures the survival of the species ss, 84, S,
S7, S9, and $q1.

Let us now look at the survival probability of the species. First of all, let us
consider the case where only one scenario is envisaged. By definition, the survival
probability of a given species throughout the period considered depends on the
protection measures decided in favour of that species at the beginning of the period.
In one of the extreme cases, where this probability takes the value 0, the species
certainly disappears and in the other extreme case, where this probability takes the
value 1, it certainly survives. Let us again take the example of figure I.1a and assume
that the survival probability of the species present in a zone at the beginning of the
period considered is equal to 0 if the zone is not protected and 0.5 if the zone is
protected. Let us also assume that the interest associated with the protection of
zones is measured by the mathematical expectation of the number of species that
will survive, in all zones, protected or not, until the end of the period. Thus, the
protection of the zones z, z;, and z; provides an interest equal to 2.5 while the
protection of the zones 21, 219, and 2y provides an interest only equal to 2.375. For
these calculations, it is assumed that all the probabilities are independent. In a
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a) (b)

Fic. I.1 — (a) A hypothetical set of 20 candidate zones for protect nd the list of species
living in each of these zones, among the 15 species considered. The cost of protecting the white
zones is equal to one unit, the cost of protecting the light grey zones is equal to two units and
the cost of protecting the dark grey zones is equal to four units. (b) Protection of five zones
forming a one-piece but not very compact reserve which protects, at least in some way, the 8
species s3, S5, S6, 575 S3, S10, S11, and s1o. (¢) Protection of five zones forming a single, compact
reserve. (d) Protection of five zones forming two reserves in one piece and relatively close to
each other. (e) Protection of six zones forming a highly fragmented reserve. (f) Five zones are
protected but only 2z belongs to the central part of the reserve, the other four zones share a
common border with unprotected zones and thus form a buffer part of the reserve.
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general way, these probabilities are obviously difficult to establish. One way of
taking into account the uncertainty that inevitably affects these probabilities is to
consider, for example, that they belong to a certain interval.

Consider now the case where several scenarios are possible. By definition, the
survival probability of a given species throughout the period considered depends as
before on the protection measures decided in favour of that species at the beginning
of the period but also on the scenario that is envisaged. As in the case of a single
scenario, this probability can take any value between 0 and 1, including the values 0
or 1, or it may not be known with certainty, in which case only the interval to which
it belongs is known. Similarly to the case of a single scenario, with any subset of
protected zones is associated an assessment of the interest provided by the protec-
tion of these zones — in terms of biodiversity protection — but, in the case of several
scenarios, this interest depends on the scenario under consideration.

Below are some examples of constraints that may be imposed on a set of zones
that are being considered for protection. For example, we can impose purely spatial
constraints on this set of zones, which we call, for the sake of simplicity, “reserve”.
These constraints may concern the shape of the reserve, its connectivity, i.e., the
contiguity of the different zones composing it, its compactness and its degree of
fragmentation measured by different indicators, its edge length, i.e., the length of
the transition zones between two different habitats, etc. It should be noted that
biodiversity and habitat quality within these transitional areas, the edges, can be
negatively affected (alterations at the microclimate level, interactions between
species such as predation and competition, development of invasive species).
Therefore, efforts will generally be made to limit the “edge effect” as much as pos-
sible. However, these areas are sometimes favourable to certain interesting species.

Let us return to the example in figure I.1. Figure I.1b shows a set of 5 protected
zones, in one piece but relatively non-compact. On the contrary, figure I.1c shows a
set of 5 protected zones, in one piece and compact. Figure 1.1d shows a set of 5 zones,
relatively compact but made up of two groups of zones of a one-piece each.
Figure I.1e shows a highly fragmented reserve of 6 zones.

Once we are able to define the interest associated with the protection of any
subset of zones, for any possible scenario, several problems naturally arise. A first
type of problem is to determine the optimal set of zones to protect, given limited
resources and constraints on the selected zones. In the case of a single scenario, an
optimal set of zones is a set of zones of maximal interest. In the case of several
scenarios, an optimal set of zones is more difficult to define. This could be, for
example, a set of maximal interest in the worst-case scenario, i.e., in the scenario
that is the most unfavourable to the set of selected zones. We can also search for a
set of zones whose interest, regardless of the scenario that occurs, is not too far from
the interest of the set of maximal interest for that scenario. This allows for the
identification of a feasible set of zones within the available budget and minimizing
the maximal relative difference, the maximal “regret”, over all the scenarios, between
the interest provided by the protection of this set of zones for the scenario under
consideration and the maximal interest that could have been achieved if it had been
known that this scenario would occur. A second type of problem is to determine the
feasible set of zones of minimal cost that must be protected to achieve a certain
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interest. In the case of a single scenario, this amounts to determining a set of zones,
with a minimal cost and whose protection interest is greater than or equal to a
certain value. In the case of several scenarios, an approach may be developed to
identify a set of zones, with minimal cost and protection interest that is greater than
or equal to a certain value for all the scenarios considered. This value may depend or
not on the scenario.

We now give some examples of measures of the interest associated with the
protection of a subset of zones — called a reserve for simplicity’s sake — with regard to
biodiversity. This interest can be assessed by the following measures, or a combi-
nation of them: the number or mathematical expectation of the number of species
protected by the reserve; the diversity or mathematical expectation of the diversity
of species protected by the reserve, measured in different ways (e.g., phylogenetic
diversity, Simpson diversity index); the size of the populations of the species pro-
tected by the reserve; the amount of carbon sequestered and/or captured by the
reserve over time. If more than one scenario is considered, all these measures may be
scenario-dependent.

Some examples are also given below of conditions that must be met with regard to
the zones of the reserve in order to increase the biodiversity protection in this reserve
and over the period considered: the reserve must contain, at the beginning of the
period, a total number of species of a given set greater than or equal to a certain
threshold value; the zones of the reserve must be sufficiently close to each other or
even contiguous; the reserve must have a central part and a buffer part (for example,
a zone can be considered to belong to the central part of the reserve if it is “com-
pletely surrounded” by other zones of the reserve, see figure I.1f); the reserve may
have several contiguous “sub-reserves” but these must be linked by a network of
biological corridors; in order to guard against natural risks that may occur and
destroy certain zones of the reserve (e.g., storm, fire, and flooding) species must be
protected by several zones. Again, these conditions may depend on the scenario.

In everything we have just seen, protection strategies consist, for a given zone, in
protecting it or not. The result is a set of protected zones and finally a more or less
strong protection, possibly non-existent, of the species or ecosystems concerned. The
relationship between “protected zone” and “chances of survival of a species” can be
quite complex. A generalization of all this consists in considering that there are, for
each zone, several levels of protection and not just one. For example, for a given
zone, the survival probability in that zone of a given species is 0.5 if the zone is not
protected, 0.8 if a certain level of protection is provided for that zone, and 0.9 if
another — higher — level of protection is provided.

In summary, an important objective of this book is to help those who have to
make decisions regarding the establishment of a network of protected areas to do so
in an “optimal” way, i.e., in the best possible way with regard to the protection of
some biodiversity aspects while taking into account various constraints. Specifically,
this means selecting the zones to be protected from a set of candidate zones and
determining the level of protection to be applied to these zones. These decisions,
aiming at the best possible protection of biodiversity, must take into account the
criteria chosen to assess biodiversity, the information available in relation to these
criteria, limited resources, random factors and spatial constraints of varying
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complexity. Thus we hope to have shown in this book the interest of optimisation
models in designing a network of protected areas. We also hope that the reader will
not be too put off by the mathematical formalism that is needed for the presentation
of mathematical programs. We hope that the very numerous examples will facilitate
his/her reading.

The study of these optimization problems involves several steps: problem defi-
nition and modelling, formulation by a mathematical program, possible reformula-
tion by a mathematical program that can be solved effectively, i.e., within a
reasonable computation time, pre-treatments, i.e., study of the structure of the
problem in order to reduce the number of variables and/or constraints, and possible
improvement of the chosen formulation. There are generally several ways to model
an optimization problem using a mathematical program and an important question
is, therefore, to find the “right” model, i.e., the one that solves the problem in a
reasonable computing time while not being too difficult to interpret. These different
steps are illustrated in many examples. In order to lighten the presentation and
allow the reader to follow the different steps, these examples are hypothetical but
generally described in detail. However, the optimisation models that are presented,
even if they sometimes include simplifying hypotheses so as to not lose perspective
on the proposed approach, can be applied to real-world problems. All the mathe-
matical programs associated with these examples have been modelled using the
AMPL language and resolved by CPLEX, a solver based on the most efficient algorithms
available today. The experiments have been carried out on a PC with an Intel Core
Duo 2 GHz processor and mainly using the solver cpLEX version 12.6. The results
obtained and the study and interpretation of the solutions are presented. It is often
interesting to examine several solutions of a given problem: all the optimal solutions
as well as some solutions close to them. Indeed, this may allow certain criteria that
are difficult to formalize to be taken into account. Performance indications such as
computation times are also provided for large instances.

The whole approach described above can be an effective decision-making tool for
the actors involved in biodiversity conservation policies based on the creation of
protected zones. This tool does not replace the actors but can be used to recommend
behaviour by clearly highlighting the consequences of the various possible decisions
in relation to the objectives of these actors. It should be noted that a protected zone
is envisaged on the basis of ecological objectives and criteria, but that its actual
establishment depends on a number of other factors, including stakeholder-
dependent economic and political ones. The significant gap between theoretical
studies and practical implementations is often mentioned in the conservation liter-
ature. This gap can certainly be narrowed by establishing closer collaboration
between “theorists” and “practitioners” during all the stages of a protected zone
network design project.

The reader will not find in this book a study of the specific problem in which
he/she is interested because the possible optimization problems, in connection with
the creation of protected zones, are extremely numerous and varied. On the other
hand, he/she will generally find a similar problem from which he/she can draw
inspiration, thanks to the flexibility of mathematical programming, to approach
his/her own. Above all, he/she will be able to find a general approach, applicable in
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many contexts, to address, through mathematical programming, the formulation
and resolution of a specific protected zone design problem. It should be noted that
there are generic tools such as C-Plan, Marxan and SITES to address these issues.
These tools, often based on heuristic methods, have the advantage of being fairly
general, but the disadvantage of this generality is that they may not be easily
adapted to a specific context. Certainly, in many cases, specific tools need to be
developed and we hope that this book will help in the design of such tools.

Plan of the Book

Each chapter deals with a particular aspect involved in the selection of a set of zones
to be protected, among a set of candidate zones, and aimed at preserving biodi-
versity as much as possible. As already mentioned, we mainly deal with species
protection in this book, but all the developments presented could be applied to other
components of biodiversity. Each chapter first of all presents the interest of the
aspect considered with regard to biodiversity protection and then proposes, within
the unified framework of mathematical programming, models, formulations and
solutions to optimization problems naturally linked to this aspect. Most of these
problems are illustrated by detailed examples and numerous computational exper-
iments to evaluate the effectiveness of the proposed approaches are presented. As
mentioned, each chapter deals with a specific aspect related to the choice of a set of
zones to be protected, but the concrete choice of these zones will generally have to
combine several of these aspects.

Chapter 1 deals with the basic problem associated with the optimal choice of
zones to be protected as well as some variants of this problem. A use of the AMPL
modelling language, coupled with the cPLEX solver, is also presented.

The basic problem can be expressed as follows: what is the set of zones to be
protected, among a set of candidate zones, in order to preserve biodiversity “as best
as possible”? In this basic problem, we assume that, for each species considered, we
know either all the zones whose protection individually ensures the protection of this
species, for example its survival, or the minimal population size of this species which
must be present in the reserve, i.e., in the set of protected zones, for this species to be
considered as protected. Protecting a zone has a cost and protecting biodiversity as
best as possible can have several meanings. For example, one can seek to protect as
many species as possible within an available budget or seek to protect, at a mini-
mum, a number of species through a minimal cost reserve. A dynamic version of this
basic problem, in which zones are progressively protected over time, taking into
account a budget constraint related to each period under consideration, is also
presented and discussed in this chapter. These elementary problems of zone selection
are NP-difficult. In other words, it is conjectured that there is no polynomial-time
algorithm to solve them. An algorithm is said to be polynomial in time if the number
of elementary operations required to perform it can be expressed as a polynomial
depending on the size of the data. However, many optimization problems related to
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the design of a network of protected areas, although NP-difficult, can be solved
efficiently, especially through mathematical programming.

Chapters 2, 3, 4, and 5 deal with the spatial aspects of a set of protected zones.

The spatial configuration of a nature reserve — a set of protected zones — is an
essential factor for the survival of the species that live there. Fragmentation, con-
nectivity, compactness or edge length are three important and interdependent
aspects of this configuration. Fragmentation is associated with the dispersion of the
zones that make up the reserve (chapter 2). This dispersion often results from the
fragmentation of space due to artificial phenomena such as the presence of urbanized
areas, intensive agricultural areas or transport infrastructures. In contrast, in a
connected reserve, all the zones are contiguous and species can circulate easily
throughout the whole reserve (chapter 3). The compactness of a reserve corresponds
to the distance separating the zones from each other (chapter 4) and this distance
can be measured in different ways. The edge of a reserve consists of the transition
zones between the reserve and the surrounding matrix (chapter 5). Urban and
agricultural development as well as logging can make it difficult to build relatively
compact and low-fragmented reserves. Fragmentation, combined with lack of com-
pactness, prevents species from moving around the reserve as they should and could
in a compact and non-fragmented reserve, contributing to a loss of biodiversity. Of
course species are affected differently by the fragmentation and compactness of their
habitat. It should be noted that the ease of movement of species within a reserve is
not always without its disadvantages, as it can increase the risk of disease trans-
mission or facilitate the proliferation of invasive species. Chapter 4 also addresses
the problem of selecting a set of zones by taking into account both the connectivity
and compactness criteria.

Chapter 6 deals with biological — or wildlife — corridors. These allow species to
move through more or less fragmented landscapes.

Landscape fragmentation, mainly due to urbanization, agriculture and forestry, is
an important cause of biodiversity loss as it prevents species from moving as they
should. One of the options commonly used to establish — or restore — some con-
nectivity between different habitat areas is the establishment of corridors. This
connectivity within a landscape is considered an essential element for biodiversity
conservation. Several aspects of optimal corridor design are presented in this
chapter, including the restoration of an existing corridor network in order to increase
its permeability.

Chapters 7, 8, and 9 deal with the choice of a set of zones to be protected in view
of the inevitable uncertainties affecting the protection effects. Several ways of taking
these uncertainties into account are presented.

In all the previous chapters it is assumed that the effects of protection — or not —
of the different zones are perfectly known. In chapters 7, 8, and 9, we introduce the
integration of a certain uncertainty in these effects. A first way to reflect uncertainty
is to assume that protecting a zone ensures the survival of a given set of species in
that zone with a certain probability — difficult to establish — for each of those species
(chapters 7 and 9). A second way of translating uncertainty about the effects of zone
protection is to consider, as before, that the protection of a zone enables the survival
of certain species with a certain probability, but it is now assumed that these
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probabilities can be affected by errors (chapter 7). Finally, a third way to translate
uncertainty about the effects of zone protection is to consider that several scenarios
are possible (chapters 8 and 9). A scenario is a set of consistent hypotheses on the
evolution of the direct or indirect factors that may affect the survival of the con-
sidered species. It is hypothesised that it is possible to assess the impact of this
evolution. The effects of protecting a zone then depend on the scenario that occurs.

Chapter 10 concerns the choice of zones to be protected in order to maximize the
phylogenetic diversity of the impacted species. This measure takes into account both
the evolutionary history of the species under consideration and their kinship rela-
tionships. The information necessary to implement this approach may be relatively
difficult to obtain.

Many authors suggest that the effectiveness of protected areas could be signifi-
cantly enhanced by taking into account criteria other than species richness or
abundance when assessing a set of species from a biodiversity perspective. An
interesting measure which is increasingly being used in the field of conservation is
phylogenetic diversity. It is based on the concept of the phylogenetic tree associated
with the set of species considered and reflects the evolutionary history of these
species and their kinship relationships. There are different ways to define phyloge-
netic diversity. We consider here that the phylogenetic diversity of a set of species is
equal to the sum of the branch lengths of the phylogenetic tree associated with this
set. Several ways of taking into account the inevitable uncertainty affecting the
phylogenetic tree associated with a set of species — tree structure and branch length
— are also proposed.

Chapter 11 deals with the selection of zones to be protected, based on different
measures of the diversity of a set of species that have not been considered in previous
chapters.

In the first part of this chapter, we examine the choice of the zones to be protected
by measuring the diversity of the species thus protected by indicators other than
species richness or phylogenetic diversity. We measure this diversity in three different
ways: the first takes into account the dissimilarity or distance between 2 species
which can be represented, for example, by the genetic distance calculated from the
differences between DNA sequences; in the other two cases, we are interested in the
diversity of protected species as measured by two classical indices, the Simpson’s
index and the Shannon—Wiener index. These two indices take into account both
species richness and abundance of each species. In the second part of this chapter, we
focus on the set of individuals, of a given species, concerned by the choice of zones to
be protected and we measure the diversity of this set by its average kinship.

Chapter 12 takes into account an increasingly important issue to incorporate into
the design of protected zones, namely climate change. Indeed, a substantial number
of species can lose valuable habitat in a set of protected zones if the climate changes.
We are also interested in the choice of zones to be protected in order to mitigate
climate change.

Climate change appears to be an important emerging issue to be taken into
account in the development of protected zones. Most of the issues discussed in the
previous chapters can be re-examined in the context of climate change. Thus, the
approach is illustrated by taking as a starting point some basic problems, some of
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which having already been discussed in previous chapters. In the context of optimal
choice of zones to be protected, climate change can be taken into account in different
ways: some zones are likely to protect certain species at certain times but this is no
longer the case in later periods and conversely, some zones, at certain times, do not
allow for the protection of certain species but will allow it in later periods; the
population size of the different species considered in each zone changes over time and
it is assumed that this change is known; the area of habitat favourable to a given
species in a given candidate zone changes over time and it is assumed that this
change is known. We also examine cases where there is uncertainty in predicting the
impact of climate change, using a probabilistic approach and also a scenario-based
approach. We are also interested in a dynamic choice of the zones to be protected:
some zones, acquired at certain times to be protected, may be ceded in subsequent
periods. Finally, in this chapter we examine a two-criterion problem consisting in
selecting a reserve whose interest is assessed by the number of species it allows to
protect but also by the quantity of carbon — one of the main greenhouse gases — it
allows to capture and stock. Protected zones can, for example, limit the loss of
forests, which is considered an important cause of climate change since forests
contain the largest terrestrial carbon stock.

The appendix presents basic concepts concerning mathematical programming,
graph theory and Markov chains, in relation to the content of this book, as well as
references to further explore these topics. These concepts are illustrated by many
examples.
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Chapter 1

Basic Problem and Variants

1.1 Introduction

We are interested in a group of species, animal or plant, which, for various reasons,
are threatened. They may thus disappear in the more or less near future. For
example, the TUCN (International Union for Conservation of Nature) Red List
provides information on whether or not a given species is threatened. This list
classifies threatened species into three categories, according to their level of
extinction risk: “Vulnerable”, “Endangered”, and “Critically Endangered”. This
classification is made taking into account various factors such as the population size
of the species in question, the rate of decline of this population, the loss and/or
fragmentation of its habitat or its genetic erosion. It is also possible to look at a set of
focal species, threatened or not, as their protection automatically leads to the
protection of many other species. It should be noted that many species, although
common, are also in decline and this should be reversed. We are also interested in a
set of geographical zones, spread over a territory, that we can decide whether or not
to protect, from a given moment on, in order to ensure a certain protection for the
species in question and thus increase their chance of survival. The terms “sites”,
“parcels”, “patches”, “tasks”, “areas”, and “islets” are also used to designate these
parts of territory. In this book, we will essentially use the term “zone” which, because
of its generality, is appropriate in many contexts. The focus here is on species
protection, but all of the following could easily be adapted to other threatened
aspects of biodiversity such as valuable habitats.

In sections 1.2-1.5 of this chapter, it is considered that there is only one level of
protection for the zones. In other words, a zone is protected or not. Decisions on
protective actions to be taken at the beginning of the time horizon (e.g., 10 years,
50 years or 100 years) are made at the beginning of this horizon, at which time the
candidate zones are in a certain state. Protecting a zone has a cost. It differs from
one zone to another and may include monetary, ecological and social aspects.

We can look at the consequences of these decisions at the end of this horizon. For
example, it can be assumed that a given species in a protected zone survives at the
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end of the considered time horizon and that this is not the case if it does not occur in
a protected zone. The relevance of these hypotheses presupposes that a large
amount of information is available, such as the life history and dynamics of the
species studied and the size of their population. More simply, it is possible to assess
the impact of the protection of a set of zones by the number of species concerned by
this protection, without prejudging as precisely the future of these species. It is then
only supposed that the chances of survival are greater in protected zones than in
unprotected ones. Section 1.6 addresses a significantly different problem for the
reason that different protection actions can be considered for each zone. The level of
protection of the species present in a zone depends on these actions.

We denote by S = {s1, $,..., $,} the set of species of interest and Z = {z, z,...,
z,} the set of zones that are candidates for protection. To simplify the presentation,
a set of protected zones, RCZ, is called a “reserve”. For any reserve RCZ, we are
interested in the number of species that are protected — at least in a certain way —
because of the protection of the zones of R. It is therefore the criterion of species
richness that is used here. Thus, this number, which may be difficult to estimate,
may represent the number of species that will survive at the end of the chosen time
horizon if it is decided to protect the zones of R or, less precisely, the number of
species concerned by this protection. We are interested in the overall effect of the
protection of the zones of R, i.e., the species richness of these zones considered as a
whole — complementarity principle. The cost associated with protecting zone z; is
denoted by ¢;. As mentioned above, it can cover several aspects: monetary costs — or
possibly gains — (e.g., leasing or acquisition of the zone, potential restoration of the
zone, removal of invasive species, zone management, compensation to third parties,
income from nature tourism), ecological costs or gains (e.g., habitat quality and ease
of movement of the considered species through the zone, involuntary protection of
invasive species) and also social costs or gains, which are often difficult to assess
(e.g., reduction in possible uses of the zone by the public, access road closures,
welfare gains for certain social groups, cultural gains). This cost can also, more
simply, represent the area of the zone. Generally, the protection cost of a set of zones,
RCZ, is equal to the sum of the protection costs of each of the zones in that set; it is
denoted by C(R). The term Srefers to the set of indices of the species considered and
the term Z refers to the set of indices of the zones that can be selected for protection.
We have thus § = {1,2,...,m} and Z = {1,2,...,n}. It is considered here that any
subset of Z can be a priori protected except when a limited budget must be taken
into account, since in this case the total cost of protecting the selected zones must
not exceed the available budget. It is assumed that the population size of each
species in each zone is known. The population size of species ;. in zone z; is denoted
by n.

Two different situations are considered, in which a given species, s;, is protected
by a reserve, R. In the first, the protection of an adequate zone is sufficient to protect
s;- In the second, s;,is protected by R if its total population size in R is greater than
or equal to a certain threshold value. The number of species protected by a reserve,
R, is thus calculated in two different ways. In the first, the result of which is denoted
by Nby(R), it is assumed that all the zones whose protection ensures the protection
of the species (e.g., its survival) are known for all the species, i.e., for all kof S. This
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set is denoted by Z;; and the corresponding set of indices is denoted by Z,. In other
words, for species s, to be protected, it is necessary and sufficient that at least one of
the zones of Z;, be protected. For example, it is considered here that the protection of
a zone makes it possible to protect all the species present in that zone provided that
their population sizes in that zone are greater than or equal to a certain threshold
value. We note v;; the threshold value associated with species s; in zone z;. In other
words, Zy ={z, € Z:nyp>vi} (see example 1.1 below). In the second way of
calculating the number of species protected by a reserve, R, the result of which is
denoted by Nby(R), a reserve is considered to protect species s, k=1, 2,..., m, if
and only if the total population size of that species in the reserve is greater than or
equal to a certain threshold value, denoted by 8; (see example 1.1 below). It should
be noted that data on the size of the different populations may be difficult to obtain.
The models considered in this chapter are basic models. They can be considered as a
starting point to help a decision-maker in thinking about a relevant set of zones to be
protected. The fact that solutions are determined, as we will see, by solving a
relatively simple mathematical program, facilitates the task. These models can then
be extended to take into account different additional aspects. Here again, the
mathematical programming approach makes it easy to take these additional aspects
into account. We will see many examples of this approach in the rest of this book.

Example 1.1. Consider the instance described in figure 1.1. Suppose that zones z,
2z, and 2z are protected — R = {2z, 2, 23} — and that vy is equal to 4 for any couple
(i, k). We obtain Nby(R) = 4. Indeed, if the protection of a zone makes it possible to
protect the species that are present in that zone provided that their population size
is greater than or equal to 4 units, species s, s3, S5, and s;; are protected by reserve
R = {#, %, z3}. If we look at the measure Nby(R), for the same reserve, we obtain,
assuming that to be protected a species must be present on the reserve with a
population whose total size is greater than or equal to 10 — 6, = 10 for all £ —,
Nby(R) = 2. In this case, only species s3 and sg are protected.

1.2 Protection by a Reserve of All the Considered
Species

1.2.1 The Protection of Each Zone Ensures the Protection
of a Given Set of Species; the Number of Species
Protected by a Reserve, R, is then Denoted by Nb;(R)

The first question that can be addressed is: what is the set of zones to be protected,
at minimal cost, to protect all the species? This problem, which can be stated
concisely as the minimization problem mingc 7 b, (r)=m C(R), can be formulated as a
linear program in Boolean variables by associating to each zone z;, i =1,..., n, a
Boolean variable z;, i.e., a variable that can only take the values 0 or 1 (see appendix
at the end of this book). By convention, this decision variable takes the value 1 if and
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<1 22

s2(1) $3(7) 51(8) 53(2) 56(8) S11(8) 53(8) s6(2) S6(2) 51209

35 27 78

56(5) 59(4) Z6 511(8) $13(2) 513(9)

210 S6(4) S9(8) $11(8) 514(6) 54(3) $13(6) 514(8)

56(2) 57(4) 53(8) S10(7) 212 213

215 511(8) 52(8) $11(3)
52(9) $5(7) $10(8) 510(8) $11(9) 216 217

Z18 Z19 54(7) 57(8) $11(2) 52(3) s9(5)

5209) $11(4) §5(3) 58(7) 57(8) 58(2) 515(8)

Fi1G. 1.1 — Twenty zones, 2, 2,..., 20, are candidates for protection and fifteen species, s, s,,
..., 85, living in these zones, are concerned. For each zone, the species present and their
population size — in brackets — are indicated. The cost of protecting the white zones is equal to
1 unit, the cost of protecting the light grey zones is equal to 2 units and the cost of protecting
the dark grey zones is equal to 4 units. For example, species sg, S9, $11, and sy4 are present in
zone zg, their population size is equal to 4, 8, 8, and 6 units, respectively, and the cost of
protecting this zone is equal to 1 unit.

only if zone z; is selected for protection. Program Py ; corresponds to the determi-
nation of a reserve of minimal cost allowing all the species to be protected. Program
P, can admit several optimal solutions, i.e., there may be several reserves allowing
all the species to be protected at the lowest cost. In this case, the examination of all
the optimal solutions and their evaluation using additional criteria may be necessary
to determine the reserve that will finally be selected.
min Yy ¢
i€Z
Pia: x>l keSS (1.1.1)
s.t.| €4
z€{0,1} ieZ (1.1.2)
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The objective function of P ; expresses the total cost associated with protecting
the selected zones. Indeed, the cost associated with zone z; is equal to c;x;. If we
decide to protect zone z;, which corresponds to z; = 1, then this cost is equal to ¢;; if
we decide not to protect zone z;, which corresponds to z; = 0, then this cost is equal
to 0. Constraints 1.1.1 express that, for any species s;, at least one zone of Z;, must be
selected for protection. Indeed, at least one zone of Z,, is selected to be protected if
and only if at least one of variables z; — corresponding to zone z; of Z;, — takes the
value 1. Remember that the set 7, is defined as follows: Z;, = {2, € Z : nyg > vi.}.
Constraints 1.1.2 specify the Boolean nature of the variables z;; The problem
associated with Py ; is known, in operational research, as the set-covering problem
(see appendix at the end of the book).

Example 1.2. Take again the instance described in figure 1.1, with v, = 4 for each
couple (4, k). The cheapest strategy for protecting all the species is provided by the
resolution of program P;; — more precisely by the version corresponding to this
example — and consists in protecting the 9 zones 21, 22, 21, 25, 23, 2105 %14, 216, and 2205
it costs 19 units. Are there other reserves that cost 19 and protect all the species?
This question can be answered simply by looking for a solution that satisfies con-
straints 1.1.1 and 1.1.2 as well as the 2 additional constraints Zie 5 ¢z =19 and

T+ X+ x4+ 25+ 28 + 1o + T1a + Tig + 2o < 8. This new set of constraints allows for
a feasible reserve — of cost 19 — consisting of zones z;, 2, 2, 2, &, 214, 216, 219, and 2.

A variant of this first problem is to consider that, in order to be protected,
species s, must be present — with a sufficient population size — not in at least one
protected zone, but in at least f;, protected zones. Indeed, an effective way to guard
against random events that could affect a zone (e.g., storm, fire, pollution) and thus
eliminate the species present in that zone is to protect several zones for each species.
This increases the chances of survival of this species (replication principle).
Figure 1.1 shows that, if £, = 2 for any k, then the protected zones in the first
solution of example 1.2 only protect species sg, S7, S19, and s11. It may be noted that,
in this example, it is not possible to protect a set of zones in such a way that each
species is present — with a sufficient population size — in at least 2 zones of the set.
This problem can be formulated as a linear program in 0—1 variables by replacing in
P, constraints 1.1.1, Ziegk ;> 1, k€ S, by the constraints Ziegk x> P, kES.
Indeed, these latter constraints require that, among the variables z; — corresponding
to zone z; of Z;, — at least f;, of these variables take the value 1.

Other economic functions representing the cost of a reserve may be taken into
account. For example, the candidate zones for protection can be considered as a set
of g clusters, Cl = {Cl;, Cl,,..., Cl,}. More precisely, the ¢ clusters form a partition
of the set of zones, Z. Thus, each zone belongs to one and only one cluster and every
cluster includes at least one zone. Let us denote by Cl the set of cluster indices. In
this case, the cost of protecting a zone consists of two costs: a cost associated
specifically with the zone (e.g., acquisition, restoration) and a cost associated with
the cluster. The cost associated with cluster Cl;, which we denote by d}, is to be
supported as soon as one of its zones is selected for protection. On the other hand, if
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several zones of the same cluster are selected for protection, the cost associated with
the cluster is to be supported only once. This cost corresponds, for example, to the
delivery of human and material resources to the cluster. The problem of protecting
all the species at the lowest cost can then be formulated as the linear program in
Boolean variables P, 5. To do this, we associate, as before, a Boolean variable z; to
each zone z;. In addition, with each cluster Cl; is associated a Boolean variable, u;,
which, by convention, is equal to 1 if and only if at least one zone of cluster Cl; is
selected to be protected.

min Z CiT; + Z djuj

i€z jedl
Pio: S x>l keS (121) | ze{0,1} iezZ (1.2.3)
s.b.| €4

The first part of the economic function represents the cost associated with
protecting the zones selected for protection (see Py 1) and the second part represents
the cost associated with the clusters concerned by this protection, i.e., clusters in
which at least one of the zones is selected for protection. Constraints 1.2.1 express
that all the species must be protected (see Py 7). Because of constraints 1.2.2 and the
fact that we are seeking to minimize the costs, the real variable u; takes the value 0
at the optimum of P; 5 if none of the zones of Cl; is selected for protection and the
value 1 in the opposite case. Constraints 1.2.3 specify the Boolean nature of the
variables z;. Note that it is not necessary to further constrain the real variables wu;,
j € Cl Indeed, because of the fact that we are seeking to minimize the quantity
Z]-GCI dju; and taking into account constraints 1.2.2, the variable u; takes, at the

optimum of Py 5, either the value 0 or the value 1.

1.2.2 A Species is Protected by a Reserve, R, if its Total
Population Size in R Exceeds a Certain Value;
the Number of Species Protected by R is then Denoted
by Nbz(R)

In this case, the basic problem, which consists in selecting a set of zones, of minimal
cost, whose protection ensures the protection of all the species, corresponds to the
minimization problem mingc i, (g)=m C(R) and can be formulated as the linear
program in Boolean variables Py 5.

min > ¢
i€z

Pis: Z NiLT; > Qk ke § (131)
s.t.| €2

5ef{0,1} ieZ (132
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As in the previous models, the reserve retained is formed by zone z; such that
;= 1. The economic function expresses the cost of the reserve (see Pj;).
Constraints 1.3.1 express that the total population size of species s in the reserve,
> icz Nik%i, must be greater than or equal to the minimal value required for the

survival of this species, 6, and this for any k of S.

Example 1.3. Let us take the instance described in figure 1.1 and set 6;, to 7 for any
kof S. The least costly strategy for protecting all the species, when the number of
species protected by a reserve R is assessed by Nbo(R), is provided by the solution of
P1.3. This strategy consists of protecting the 10 zones 2, 2, 24, 2, 28, 29, 210, 2145 %165
and 2,9, and costs 23 units.

1.3 Protection by a Reserve of a Maximal Number
of Species of a Given Set Under a Budgetary
Constraint

A second basic problem is to determine the zones to be protected, taking into account
an available budget, in order to protect, at least in a certain way, the greatest possible
number of species. This problem, which consists in maximizing the species richness of
the selected reserve, can be expressed in the form of the maximization problem
max pcz, o(r) < 8 Nb1(R) or maxpez o (r) < p Nb2(R), depending on the method of cal-
culating the number of species protected by reserve R. B is the available budget.

1.3.1 The Number of Species Protected by a Reserve,
R, is Assessed by Nb;(R)

The problem can be formulated as a linear program with Boolean variables. As in
the previous programs, a Boolean decision variable, x;, is associated with each zone
z;. With each species s;, is also associated a “working” Boolean variable, y;, which, by
convention, takes the value 1 if and only if at least one of the zones selected to be
protected protects species s;. Thus, when the number of species protected by a
reserve, R, is evaluated by Nb;(R), the problem considered can be formulated as the
mathematical program P 4.

max y. Y
kel
Py w< > oz keSS (1.41) | z€{0,1} ieZ (1.4.3)
= i€Z,
St S < B (142) | wel01} keS (1.44)
icZ

The objective of Py 4 is to maximize the expression ) wes Yk, o-€., the number of

protected species. Indeed, according to constraints 1.4.1 and considering that we are
seeking to maximize the quantity ), ¢ ys, variable y;, which is a Boolean variable,

necessarily takes the value 0if ), 7, %= 0, i.e., if no zone of Z,,is selected, and the

value 1, at the optimum of Py 4, if ZiEZk ;> 1, i.e., if at least one zone of Z is
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selected. Variable y,, therefore takes, as it should, at the optimum of Py 4, the value 1
if and only if the zones selected for protection allow to protect species s;. Note that
constraints 1.4.4 could be replaced by constraints y, <1, k € §. The quantity
> icz CiT; expresses the cost associated with the reserve and constraint 1.4.2,

therefore, expresses the budgetary constraint. Note that if one wishes to obtain,
among the optimal solutions of Py 4, a lowest cost solution, one way is to solve
program P, 4 with the modified economic function, >, o yx — &) ,c, citi, where ¢ is

a sufficiently small constant. This technique can be applied in many cases when two
criteria are considered, one in the economic function — here, the number of species —
and the other in a constraint — here the cost.

Example 1.4. Let us take the instance described in figure 1.1 with v;, = 4 for each
couple (¢, k) and assume that we have a budget of 8 units. The optimal use of this
budget is provided by the resolution of P; 4. It consists of protecting the zones 2, 2,
26, 28, 210, and 21z, which protects 11 species, all the species except s4, S5, S12, and ;5.
The totality of the available budget is used.

Here again, it can be considered that the chances of survival of each species s, are
only really increased if f; zones that contribute to this increase are protected. This
problem can be modelled by a linear program in Boolean variables by replacing in
P, 4 constraints 1.4.1, y, < Zz‘ezk z;, k € S, by constraints .y, < ZieZk z, ke S.
Thus, if the number of selected zones in the set Z;, >, . 2, Tis is less than f;, the

Boolean variable y, can only take the value 0. Otherwise, and because of the fact
that we are seeking to maximize ), ¢ yi, variable y; takes the value 1 at the

optimum. Note that, in this case, constraints 1.4.4 cannot be replaced by constraints
<1, k€ S. It can also be considered, as in section 1.2.1, that the zones are
divided into ¢ clusters. The problem of protecting a maximal number of species
under a budgetary constraint can then be formulated as program P 5.

max y . i
kes
W< Y n kes (1.5.1)
€27,
Uj > (], Z) e€Clx Z:z € Cll (1.5.2)
P1'5 : Z C; T+ Z dej S B (153)
s.t.| €2 jedl
€ {0,1} icZ (1.5.4)
g <1 ke S (1.5.5)
u €R jeCl (1.5.6)

Due to constraints 1.5.2, the real variable u; must take a value greater than or
equal to 0 if none of the zones of Cl; is selected for protection and a value greater
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than or equal to 1 in the opposite case. Considering all constraints of P 5, this
implies that variable u; can take the value 0 if none of the zones of Cl; are selected for
protection and the value 1 in the opposite case. Constraint 1.5.3 expresses that the
cost associated with the reserve (see Py 5) must not exceed the available budget, B. If
one wishes to obtain, among the optimal solutions of Py 5, a minimal cost solution,
one way to do so is to solve program P;s with the modified economic function,
> kes Uk — (D iez i+ X jecy djuy), where ¢ is a sufficiently small constant.

Example 1.5. Let us consider the 20 zones in figure 1.1, with v; = 4 for each pair
(4, k), and assume that these 20 zones are divided into 5 clusters, Cl, Cl,, Cls, Cly,
and Cls, as follows: Cl; = {21, 2, 2, %, 27, 210}, Cla = {23, 24, %, %}, Cly = {211,
216, 220}, Cly = {214, 215, 218, 210}, and Cls = {212, 213, 217}. Suppose, moreover,
that the cost associated with each cluster is equal to 2 units. The optimal strategy to
protect a maximal number of species with an available budget of 11 units is provided
by the resolution of Py 5. This strategy consists of protecting the 5 zones 2z, 2, z,
210, and z;5. These zones, distributed over the 2 clusters Cl; and Cly, make it possible
to protect the 10 species sy, S, S3, Sg, S7, S35 S9, S0, S11, and s;4. We present below, for
illustration purposes, a way to solve this example using the AMPL modelling lan-
guage and the CPLEX solver. Three files, named respectively “Example-1.5.mod”,
“Example-1.5.dat” and “Example-1.5.run”, are used. The first corresponds to the
translation of program P, 5 into the AMPL language, the second describes the data
in this example that are not already defined in “Example-1.5.mod”, i.e., ¢;, ny, and
a;, and the third is to start the resolution by CPLEX and display the solution
obtained. The Boolean parameter a; describes the composition of each cluster:
a; = 1 if and only if zone z; belongs to cluster Cl,

1.3.2 The Number of Species Protected by a Reserve, R,
is Assessed by Nbz(R)

In this case, the basic problem of selecting a set of zones with a cost less than or
equal to B and whose protection ensures the protection of a maximal number of
species can be formulated as the linear program in Boolean variables P .

max . yx
kes
Pls: Opyr < > ngm keSS (1.61) | =x€{0,1} ieZ (1.6.3)
0 i€z
SUUS ga < B (162) | we{01} keS (164)
i€Z

Let us examine constraints 1.6.1. There are two possibilities. Either
Zie 4 iz <0p and then the Boolean variable y; can only take the value 0, or

Zie 4 nixx; > 0; and then variable y;, takes the value 1 at the optimum of P, ¢ since
we seek to maximize the expression ), . ¢ y. These constraints, therefore, reflect

the fact that species s, is protected if and only if the total population size of this
species in the reserve is greater than or equal to 6;. If one wishes to obtain, among
the optimal solutions of Pq¢, a least-cost solution, one way to do this is to solve
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Example-1.5.mod

# Data

param c{i in 1..20};

param a{i in 1..20, j in 1..5} default 0;
param n{iin 1..20, k in 1..15} default 0;
param d{j in 1..5}:=2;

param nu{i in 1..20, k in 1..15}:=4;
param B:=11;
Hemmmem Variables
var x{iin 1..20} binary;
vary{kin 1..15} <=1;
varu{jin 1.5} <=1;

# Model

maximize f: sum{k in 1..15} y[k];

subject to

Cl{kin 1..15}: y[k]<=sum{i in 1..20 : n[i,k]>=nu[i,k]} x[i]; #(1.5.1)
C2{jin 1..5,1in 1..20 : a[i,j]=1}: u[j]>=x[i]; #(1.5.2)
C3:sum{iin 1..20} c[i]*x[i] + sum{j in 1..5} d[j]*u[j]<=B; #(1.5.3)
# Fin

Example-1.5.dat

data;
#

H

param c:=
12,21,34,42,54,61,72,81,94,102,114,
121,132,144,151,162,174,18 1,192,20 4;

#

H

param a:=

111,211,321,421,511,611,711,821,921,1011,1131,
1251,1351,1441,1541,1631,1751,184 1,194 1,203 1;

param n:=
121,137,218,232,268,2118,338,362,462,4129,565,594,664,
698,6118,6146,7118,7132,8139,943,9136,9148,1062,1074,1088,
10107,1172,11127,12118,1328,13113,1429,1457,14108,15108,15119,
1647,1678,16112,1723,1795,1829,18114,1953,1987,2078,2082,20158;

#

H

Example-1.5.run

reset;

option solver cplex1260;
model Example-1.5.mod;
model Example-1.5.dat;
solve;
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prhn'**************************************************************h
s

print ' Solution Example 1.5:";
prhn'**************************************************************t
print ' Total cost of protection:', sum{i in 1..20} c[i]*x[i] + sum{j in 1..5} d[j]*u[j];
print ' "

print ' Indices of the zones to be protected:', {i in 1..20 : x[i]=1}1;

print' "

print ' Number of protected species:', f;

print' "

print ' Indices of protected species:', {k in 1..15 : y[k]=1}k;

prhn'**************************************************************h
s

To solve the considered example, it is sufficient to type "model
Example-1.5.run;" in the console ampl: ampl: model Example-1.5.run;

which starts the resolution using the CPLEX 12.6.0.0 solver and then
displays the resulting solution:

CPLEX 12.6.0.0: optimal integer solution; objective 10
20 MIP simplex iterations
0 branch-and-bound nodes
sk sk 3k sk sk ok ok ok ok ok s sk sk sk sk sk sk sk ok ok ok sk sk sk sk sk sk sk sk ok ok ok sk sk sk sk skokosk skosk sk ok ok

Solution Example 1.5:
st st st sie sk sk st ste s ske sk sk sk sk sk sk sk st s sie sk sk sk ste ke ske sk ske skt sk sk sk skoiokoskoskokokokskoskoskok

Total cost of protection: 11

Indices of the zones to be protected: 1 2 6 10 18

Number of protected species: 10

Indices of protected species: 12367891011 14

s st s s st sk st sk sk st ko st sk ok soskok skt skog st skt skoskst sk ok ok kskosk ok skokok ok ok

program Py ¢ with the modified economic function, >, ¢ ¥k — €Y ,c, %, where ¢ is

a sufficiently small constant.

Example 1.6. Let us take again the instance described in figure 1.1, set 8, to 7 for
every kof § and assume that we have a budget of 8 units. An optimal use of this
budget, when the number of species protected by a reserve, R, is evaluated by
Nby(R), is provided by the resolution of Py . It consists in protecting the 6 zones z,
26, 28, 2105 216, and 215, which allows the protection of 10 species, all the species except
83, S5, S12, S14, and sys.

1.3.3 Remarks on the Problems Addressed
wn Sections 1.3.1 and 1.3.2

In all the problems addressed in sections 1.3.1 and 1.3.2, it is possible to give a
different importance to the protection of each species by replacing in the
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corresponding mathematical programs the economic function ), ¢y with the
economic function ), ¢ wyyr where wy, represents the weight assigned to the species

si- These weights reflect the relative importance of the different species considered. It
should also be noted that, for all these problems, a decision-maker may be interested
in knowing their optimal solution for different values of the available budget, B. In
this way, he/she can easily assess the marginal effect of an additional investment.
This can be done by solving the corresponding mathematical programs with different
values of B. It is also possible to look, almost equivalently, at the minimal budget
needed to achieve a certain level of species protection. Let us consider, for example,
the case where the number of species protected by a reserve, R, is assessed by Nb;(R).
To know, in this case, the budget necessary to protect, at least, Ns species for all
possible values of Ns, it is sufficient to solve program P ;7 by varying Ns from 1 to m.

min Y ¢

iz
Py w< Yoz keS (1.71) | 5e{0,1} ieZ (1.7.3)
L i€Z,
56 52 4> Ns (17.2) | we{01} keS (1.74)
keS

Constraint 1.7.2 states that the number of species protected by the reserve must
be greater than or equal to Ns. It should be noted that the number of species
actually protected may be greater than ), ¢ 9. It is in fact equal to the cardinal of

theset {k: ), 7, 2 1}. If we wish to solve the problem under consideration while

maximizing the number of protected species, we can deduct from the economic
function of Py 7 the quantity &), ¢y where ¢ is a sufficiently small constant.

Example 1.7. Let us again take the instance described in figure 1.1 assuming that
the number of species protected by a reserve, R, is assessed by Nby(R) and that
vy = 4 for each pair (i,k). Table 1.1 gives the optimal solution of P, ; — after sub-
tracting ) ;g ¥k to the economic function — for all possible values of Ns. Figure 1.2

shows the curve illustrating the minimal cost of a reserve as a function of the number
of species to be protected.

1.4 Gradual Establishment of a Reserve Over Time
to Protect a Maximal Number of Species of a Given
Set, with a Time-dependent Budget Constraint

As previously Z = {2, 2,..., 2,} designates the set of candidate zones but now the
protection of the zones of Z is done gradually over a time horizon, T, composed of
r periods (r years for example), Ty, Ts,..., T, in order to spread the costs. However,
all the protection decisions are taken at the beginning of the horizon considered. In
addition, any zone protected from a certain period remains protected for all the
subsequent periods in the time horizon considered. Let T = {1, 2,..., r}. The set of



TAB. 1.1 — Resolution of program P, ; for the instance described in figure 1.1. Presentation of the best strategy to adopt and its cost, taking
into account the number of species to be protected.

Minimal number of species  Set of zones to be protected, = Cost  Number of species that Protected species

to be protected (Ns) of minimal cost are actually protected

1 26 1 4 S¢ S9 S11 S14

2 26 1 4 S6 S9 S11 S14

3 26 1 4 S¢ S9 S11 S14

4 2 1 4 S6 S S11 S14

5 2 % 2 5 S1 S 59 Si1 S14

6 26 210 3 7 S6¢ S7 S8 S9 S10 S11 S14

7 26 210 3 7 S6 S7 S8 S9 S10 S11 S14

8 26 210 218 4 8 82 86 S7 S8 S9 S10 S11 S14

9 26 28 210 218 5 9 82 8¢ S7 S8 S9 S10 S11 S13 S14

10 % % 28 210 218 6 10 81 82 Sg St S8 S9 S10 S11 513 S14

1 2 %6 28 210 216 218 8 11 81 82 84 S S7 S8 S9 S10 S11 S13 S14

12 21 22 %5 28 210 216 218 10 12 81 82 83 84 S¢ S7 S8 S9 S10 S11 S13 S14
13 21 %2 24 % 28 210 %16 218 12 13 81 82 83 84 S¢ St S8 S9 S10 S11 S12 513 S14
14 21 22 24 % 28 210 #14 %16 15 14 81 82 83 84 S5 S¢ S7 S8 S9 S10 S11 S12 S13 S14
15 21 22 24 R 28 210 214 216 220 19 15 51 82 83 S4 S5 S 57 53 S9 S10 S11 S12 513 S14 S15

SJUBLIBA pUR WIO[QOIJ OISBS]

€l
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-

I ’-—-4
01 23456 7 8 910111213 14 15
Number of species to be protected

Fic. 1.2 — Curve associated with table 1.1: cost of the cheapest strategy according to the
number of species to be protected.

species likely to be protected by a zone depends on the time at which that zone is
protected. Indeed, the possible evolution of the environment between two periods
may change the role of the different zones in protecting species. For example, a zone
protected since the period T} allows the protection of a certain set of species, but if
this zone is protected only from the period T}, it no longer allows the protection of
all the species of this set. Typically, for each pair (z;, Tj) we know the set of species
that are protected until the end of the time horizon if we protect z; from the
beginning of the period T;. We denote by Z;; the set of zones which, if they are
protected from the beginning of the period T, protect species s;. We denote by Z,
the set of corresponding indices. The objective is to determine the zones to be
protected from the beginning of each period and under a period-specific budgetary
constraint so that a maximal number of species are protected at the end of the
r periods. The cost of protecting the zones can vary over time. Thus the cost related
to the decision to protect zone z; at the beginning of the period T} is denoted by c;,
1 € Z,t € T, and this cost must be borne at the beginning of the period T;. We know
the available budget, B;, at the beginning of the period T} In the simple model we
consider, it is assumed that all the data are known at the beginning of the horizon
T and do not change during this horizon. The problem can be formulated as a
mathematical program. To do this, with each zone z; and each period T}is associated
a Boolean variable, x;;, which, by convention, is equal to 1 if and only if we decide to
protect zone z; from the beginning of period T. As in the previous models, with each
species sy, is associated a Boolean variable, y;, which is equal to 1 if and only if species
s;. is protected. This results in program P, g.
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max . Yk
kes

w< > X o k€S (181) | wze{0,1} i€ZteT (184)
teT icZ,

>z <l i€z (182) | w5ef{0,1} kes (1.8.5)

teT

> cintiy < By te T (1.83) |

=

s.t.

The economic function of P, g expresses the number of protected species. Because
of constraints 1.8.1 and the fact that we are seeking to maximize the expression
> kes Yk, variable y; takes the value 1, at the optimum of Py g, if and only if at least

one of variables z;, t € T, © € Z,,, is equal to 1, in other words, if and only if there is
at least one period T3, at the beginning of which at least one zone of Z,; is protected.
Constraints 1.8.2 express that any zone can only be protected from a single period of
the horizon. Constraints 1.8.3 correspond to period-specific budgetary constraints.
They express that the budget allocated to the protection of the zones at the
beginning of each period T;should not exceed the available budget, B;. In this model,
the resources not used in the period Ty are lost. If this does not correspond to reality,
constraints 1.8.3 can be replaced by the set of constraints C; ;. In this case, the
resources available but not used in the period T} can be used from period Ty, .

Yocazn+61 =B

iz

Ci1:8 > cuxy+0y=DB;+0,1 teT,t>2
iz
0: >0 teT

Variable ¢0;, t € T, corresponds to the quantity of unused resources at the
beginning of period T} The first constraint expresses, on the one hand, that the
expenses at the beginning of period T} must not exceed the available budget, B,
and, on the other hand, that variable J; is equal to the amount of unused resources,
i.e., the quantity B, — Zie 4 cizii. The following set of constraints expresses, on the
one hand, that the expenses at the beginning of period T}, ¢t € T, t> 2, must not
exceed the budget available at the beginning of this period, i.e., B; + d41 and, on the
other hand, that variable J, is equal to the amount of resources not used at the
beginning of period T}, i.e., the quantity B+ 01 — ) ., ci%i. In other words,
variable d; corresponds to the resources not yet used up to period Ty, including
period Ty, i.e., the quantity By + By + - + B, minus the quantity >, , cizin +

Zz‘eg CioTig + -+ + Zieg Cit it -

1.5 Reserve Necessarily Including Certain Zones

All the problems discussed in this chapter consist in selecting an “optimal” set of
zones to be protected. It may be that, for different reasons, some of the candidate
zones must be selected.
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1.5.1 Selection of a Reserve Taking into Account Already
Protected Zones

It may be that in the problems studied in sections 1.2 and 1.3, some of the zones that
could form the reserve are already protected zones. They have acquired this status in
the past and still have it when the time comes to establish a new optimal reserve. To
take this constraint into account, it is sufficient to solve the mathematical program
corresponding to the problem under study by setting variables z; to 1 for zone z;
whose protection is mandatory. One way of doing this is to add to this program
constraint z; = 1 for all the indices i concerned. Remember that in all the mathe-
matical programs considered in these two sections, the Boolean variable x; takes the
value 1 if and only if zone z; is selected to form the reserve.

Example 1.8. Let us look again at the instance described in figure 1.1 and consider
the problem of determining a reserve, R, which respects a budgetary constraint and
maximizes Nby(R). Suppose, as in example 1.4, that v, = 4 for any couple (i, k) and
that we have a budget of 8 units. If the protection of zone z; is mandatory, an optimal
use of this budget consists in protecting the 4 zones 2, z, 2, and 2z, which allows the
8 species sy, S, 7, S8, S9, Si0, Si1, and s14 to be protected. If the protection of zone z;; is
mandatory, an optimal use of this budget consists in protecting the 4 zones 2z, z, 2,
and 2,1, which allows the 9 species sy, sg, S7, S, S9, S0, S11, S12, and $14 to be protected.
Remember that if there are no zones whose protection is mandatory, an optimal use of
a budget of 8 units is to protect the 6 zones z, 2, %, %, 210, and zg, which allows all
species to be protected except sy, S5, $12, and 815 (see example 1.4).

1.5.2 Gradual Establishment of a Reserve Over Time:
Review of Decisions Taken at the Beginning
of the Considered Horizon

Let us return to the constitution of a reserve discussed in section 1.4. A disadvan-
tage of the considered model is that the decisions are made, definitively, at the
beginning of the time horizon even if some zones are effectively protected only from a
certain period of this horizon. We discuss below the possibility of revising these
decisions over time, taking into account possible changes in projected costs, budgets
and capacities of zones to protect species. Suppose that in the solution to the
problem in section 1.4, the list of zones to be protected at each period is defined by
Xy =Ty, 1 € Z,t € T (Z is a constant which is 0 or 1). Let us also assume that we
have arrived at the beginning of the period T and that the forecasts for the coming
periods are reviewed, including the available budget. Thus Z; becomes
Zkt, ke S, te T t>j, B; becomes Bt, te T,t>j, and ¢y becomes ¢y, 1 € Z — R,
t € I,t>j, where R, is the reserve already constituted and E; the set of corre-
sponding indices. The decisions that had been taken at the beginning of the horizon
considered for the periods T}, Tjiy,..., T, can be abandoned and new optimal
decisions can be sought, taking into account not only the new forecasts but also the
reserve already constituted and the species that it allows to be protected. We are,
therefore, in the case of establishing a reserve which must necessarily include certain
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zones. One could also consider abandoning some zones, but this is not considered
here (see chapter 12, section 12.3.3.2). One way to formulate the problem is to
slightly modify program P;g: Constraints 1.8.3 are now to be taken into account
only for ¢t>j and constraints 1.9.4 which stipulate that some zones have already
been selected must be added. It is also necessary to set Zkt =7Zy, ke S te
T,t<j—1 to take into account the species already protected by R, This gives
program P q.

max Y. Y

kes

w< > > om keS8 (1.9.1)
el ez,

S <1 i€z (1.9.2)

P teT
1 S ez < By te T, t>j (1.9.3)

s.t.| €2
Tip = Ty ieZteT,t<j—1 (1.94)
Ty € {0,1} Z'GZ,tEI (195)
yr € {0,1} keS (1.9.6)

1.6 Case Where Several Conservation Actions
are Conceivable in Each Zone

1.6.1 The Problem

This section considers a slightly different case from the ones studied in the previous
sections insofar as several different protection actions are possible for each zone.
Thus, for each candidate zone, a decision can be made to protect it or not to protect
it, but if it is decided to protect it, several protection actions can be considered. We
present below an example of reserve selection relevant to this issue and developed
drawing on the references (Cattarino et al., 2015; Salgado-Rojas et al., 2020). In this
example it is considered that a species present in a given zone is exposed to different
threats and that, if the protection of that zone is decided, different actions can be
taken to remove all or part of these threats. An optimal reserve is a reserve that
maximizes an “overall ecological benefit” for the species considered within an
available budget. This benefit takes into account both protected zones and actions
taken in these zones to eliminate certain threats.

Let S = {s1, $o,..., S} be the set of species, animal or plant, in which we are
interested and Z = {z, 2,..., 2,} be the set of zones that we can decide whether or
not to protect. S; refers to the set of species present in zone z;. In addition, there are a
number of threats, M = {u1, us,..., u,}, affecting these species. We denote by M,
(CM) the set of threats affecting species s in zone z; and M, the set of threats to be
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considered in zone z;. We have thus M; = U . 5.5 M;r. The protection of zone z; costs
¢; and the elimination of threat u;in zone z; costs d;;. As we have said, the protection
strategy has two levels. It is defined by the set of zones that it has decided to protect
and, for each of these zones, by the set of threats that it has decided to eliminate. For
a species s living in zone z; of the reserve, we consider that the degree of protection
of s;,in z; is equal to the ratio between the number of eliminated threats weighing on
s, in z; and the total number of threats weighing on s;, in z;. The degree of protection
of a species s;, present in a protected zone z; where it is not threatened is equal to 1
for that zone. The degree of protection of a species s, in an unprotected zone z; is
equal to 0. We denote by w;, the square of the degree of protection of species s in
zone z; A we have seen, the value of this variable results from the strategy adopted
for zone z; not protecting it or protecting it and eliminating a number of threats.
The problem is to determine the optimal strategy given the available budget. The
value of a strategy is measured by the sum of the squares of the degrees of protec-
tion, wy, for all pairs (z;, s;) where z;is a candidate zone and s;, is a species present in
that zone. We denote, respectively, by S, S;, Z, M, M;, and M, the set of indices of
the sets S, S;, Z, M, M;, and Mj.

1.6.2 Mathematical Programming Formulation

We use the Boolean variables z;, i € Z, which take the value 1 if and only if zone z; is
selected to be part of the reserve and the Boolean variables y,;, i € Z,j € M;, which
take the value 1 if and only if we decide to eliminate the threat u; from zone z;. The
problem considered can be formulated as program P 1q.

max ), > Wi
i€Z keS;
Yoem+ >, dyy; <B (1.10.1)
icZ ieZ.jeM,
win < (3 v/ | M) i€ZkeS,|My|>0 (1.10.2)
JeEM,,
Piao: wik < T ieZ,keS,; (1.10.3)
s.t.
z € {0,1} icZ (1.10.4)
v €{0,1} i€Z,jeM, (1.10.5)
wy, € R i€ZkesS, (1.10.6)

Since variable w;, represents the square of the degree of protection of species s, in
zone z; the economic function represents the sum, for all pairs (z;, s;) where s; is a
species present in zone z;, of the square of the degree of protection of species s, in
zone z;. If zone z;is not selected — z; = 0 — then, due to constraints 1.10.3, w;, = 0 for
all the species living in this zone. If zone z; is selected — ; = 1 — then two cases are
possible: (1) species s, is not threatened in this zone — | M| =0 — and wy, =1
because of constraints 1.10.3 and the economic function to be maximized, (2) species
s is threatened in this zone — |My;| > 0 — and because of constraints 1.10.2 and the
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2
economic function to be maximized w;, = (ZjeM.k Yii/ |Mzk|) . The economic func-
2l

tion, therefore, expresses well the sum of the squares of the degrees of protection, w;,
for all pairs (z;, ;) where z; is a protected zone and s, a species present in this zone.
Constraint 1.10.1 is the budget constraint and constraints 1.10.4 and 1.10.5 specify
the Boolean nature of variables z; and y;;.

1.6.3 FExzample

Consider the instance described in figure 1.3 (20 zones and 15 species). The optimal
protection strategies are given in table 1.2 when the available budget is 25 units.

22
§1:m(2)

S6 1 15(3) ps(8)
S11 1 (10) 15 (8) 15(2)

<1

831 45 (4) ps (1)

Zs 7 28
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z14 0 (10) Sy s (1)

<15
Sy -

S5 1 5 (5) pas (1) S10 : 40 (8) 14 (2)
S10: 42 (9) o (3) Hs (5) 216
S11: Mo (5)

Sy pu (5) w5 (10) 55 (1)
<18 219 220 KEOYne)
§2:46(10) 15 (3) Syt (1) s (1) 87 42 (7) po (6)

Mg (2) /16(6):“7(10) S15: -

S11 ¢ o (10) a0 (4)

Fic. 1.3 — Twenty zones, 21, 2,..., 20, are candidates for protection and fifteen species, s;, so,
..., 815, living in these zones are concerned. For each zone, the species present and the threats
associated, with their removal costs in brackets are indicated. The cost of protecting the white
zones is equal to 1 unit, the cost of protecting the light grey zones is equal to 2 units and the
cost of protecting the dark grey zones is equal to 4 units. For example, species s; and s;5 are
present in zone 2y, threats us and ug affect species s; in this zone and there are no threats to
species s15. The cost of protecting this zone is equal to 4 units and the cost of removing threats
U2 and ug in this zone is equal to 7 and 6 units, respectively.
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TaAB. 1.2 — Optimal protection strategies for the instance described in figure 1.3 when the
available budget is 25 units.

Protected Protection Species Threats Threats Total Square of
zone cost of the present associated removed cost of the degree
zone in the to the removal of
zone couple threats protection
(zone, in the of the
species) zone couple
(zone,
species)
2 1 51 Hs M8 2 1
S6 M3 U5 - 0
s11 M1 ps ps s 0.11
7 2 812 - - 0 1
210 2 87 He - 6
58 M5 Hs 1
S10 M5 Hs 1
213 2 S2 Hs Hs5 1 1
214 4 S - - 1 1
S5 M5 Hg M8 0.25
810 U2 Uy - 0
217 4 89 - - 0 1
Total 15 10 7.36
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Chapter 2

Fragmentation

2.1 Introduction

The spatial configuration of a nature reserve plays an important role in the survival
of the species that live there. In this chapter, we are interested in the fragmentation
of a reserve, i.c., the dispersion of the patches — or zones — that compose it, in
relation to each other (see figure 2.1). This phenomenon, which is often associated
with the decrease in the area of various patches, is considered to be one of the main
causes of biodiversity loss. The fragmentation of a reserve is indeed one of the main
factors preventing species from moving around the reserve as they should and could
in a non-fragmented one. This habitat fragmentation, therefore, significantly
increases the extinction risk of many species. It can be natural but more often results
from a fragmentation of the space due to artificial phenomena such as the presence
of urbanized zones, intensive agricultural zones or transport infrastructures. It
should be noted that species are affected differently by habitat fragmentation.
A reserve may appear to be very fragmented for some species, those that will have
great difficulty moving from one patch to another, and not very fragmented for
others, those that, despite some distance between patches, will still be able to travel
most of these patches due, for example, to their ability to fly or cross obstacles such
as roads or zones treated with pesticides. Fragmentation is also a handicap in terms
of species’ adaptation to climate change. It should be noted, however, that the ease
of movement of species within a reserve is not always without its drawbacks: it can
increase the risk of disease transmission between wildlife species in the reserve and
also the transmission of these diseases to domestic species. It can also facilitate the
proliferation of invasive species, a phenomenon currently considered to be one of the
major causes of biodiversity loss. There has been much debate about the desirable
size of protected zones: is it more interesting to have a single large protected zone or
several small ones with the same total size — SLOSS: Single Large Or Several Small.
This debate focuses mainly on ecological aspects, but it is worth noting that the

DOI: 10.1051/978-2-7598-2521-9.c002
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(a) (b)

F1G. 2.1 — A hypothetical landscape represented by a grid of square and identical cells. Two
reserves — in black — with a total area of 30 units. (a) A highly fragmented reserve. (b) A less
fragmented reserve.

management of a fragmented set of zones is generally more difficult and costly than
the management of a non-fragmented set.

Given a set of zones spread over a territory and such that any two zones have no
common parts, many indicators of fragmentation can be associated with this set. We
will examine, for example, the following indicators: the Mean Nearest Neighbour
Distance (MNND), the Mean Shape Index (MSI), and the Mean Proximity Index
(MPI).

The problem related to the notion of fragmentation, which naturally arises in the
presence of a set of zones — without common parts — that can be protected, consists
in selecting, among these zones and under certain constraints, a subset of zones to be
protected that is optimal with regard to these indicators or that respects some of
values of them.

2.2 The Indicators MNND (Mean Nearest Neighbour
Distance), MSI (Mean Shape Index) and MPI
(Mean Proximity Index)

First, let us look at the MNND indicator associated with a reserve, R, i.e., a subset
of zones of Z = {2, #,..., 2,}. Let us denote by d;; the distance between zones z; and
z;. Here, it is the straight line distance between the two zones. More precisely, d;; is
defined as the shortest distance that can be found between a point in zone z; and a
point in zone z;. The distance between two zones could very well be defined differ-
ently, taking into account, for example, the difficulty for the species under consid-
eration to move from one zone to another. One could thus take into account the
obstacles to be overcome or the inhospitable nature of the areas to be crossed, i.e.,
the surrounding matrix and not only the distance to be covered. For each zone z; of
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R, we are interested in the distance between this zone and its nearest neighbour
belonging to R. The index corresponding to this nearest neighbour is equal to
minjep j+; di where R designates the set of indices of the zones of R. The MNND
indicator associated with a reserve, R, can therefore be formulated as follows:

1

MNND(R) = —- in d.
B IRIieRa‘gj}E&i ’

The indicator MNND applied to reserve R concerns all the zones of R and is
equal to the average of the distances between each zone of R and the zone closest to
it. The dimension of MNND is a length. If the zones closest to each zone are further
away, then MNND increases and the “inter-zone” movements of the different species
concerned become more difficult. Low values of MNND(R) correspond to a larger
grouping of zones of R. We assume, for the definition of MNND(R), that there are at
least two zones in reserve R.

Let us now look at the indicator MSI. It reflects a relationship between the
perimeter of a zone and its area. More precisely, for each zone of the set R consid-
ered, we use the ratio between the perimeter of this zone and the square root of its
area, all this multiplied by the coefficient 0.25. The value of the indicator MSI
associated with a reserve, R, is then equal to the average of these values over all the
zones of R. By noting, respectively, [; and a; the perimeter and the area of zone z;, the
indicator MSI associated with R is Written

MSI(R 0. 251

|R| i€R Z

For example, the value of this indicator is 0.89 for a circular zone, 1 for a square
zone and 1.74 for a rectangular zone ten times longer than wide. MSI is dimen-
sionless and minimal when all the zones have regular contours — circles. MSI
increases with the irregularity of the contours of the zones.

Let us now look at the indicator MPI. Although the indicator MNND is useful for
assessing the isolation of zones, considering only the zone closest to a given zone may
not adequately represent the ecological neighbourhood of the zone under consider-
ation. To remedy this weakness, we can consider the mean proximity index, MPI.
This index takes into account both the proximity and the area of zones whose
distance to a given zone is less than or equal to a certain value, d. The contribution
of each zone to this index is calculated by summing, over all the zones within a given
radius, the area of the zone divided by the square of the distance from the zone under
consideration. The value of the index associated with a subset, R, of Z is then equal
to the average of the values obtained for each zone of R. We obtain

MPI (R, d) ZZ

LER jeli(R,d) ZJ

where I;(R,d) ={j € R: j # i, d;; < d}. The contribution of a zone of R that does
not have neighbouring zones — belonging to R — located at a distance less than or
equal to the threshold distance, d, is equal to 0. MPI(R, d) is dimensionless and



26 Designing Protected Area Networks

©) Ry
]

L
I =

Fic. 2.2 — (a) The hypothetical landscape is represented by a grid of square and identical
cells; 17 zones (in black) are candidates for protection. Two examples of reserves with the
same area, Ry and Ry, built from these zones: (b) MNND(R;) = 1, MSI(R;) = 1.18, MPI
(R1,2) = 11.5; (¢) MNND(Rs) = 2.73, MSI(R,) = 1.23, MPI(R,,2) = 0.9.

increases with the size and proximity of the surrounding zones. This indicator
measures the relative isolation of zones within a landscape.

Figure 2.2 illustrates the calculation of the 3 indicators MNND, MSI, and MPI
on a small instance with 17 candidate zones.

2.3 Reserve Minimizing the Indicator MNND

With regard to the indicator MNND, the basic problem is to select, under certain
constraints, a subset of zones that minimizes this indicator. Consider, for example, the
problem of selecting, under a budgetary constraint, a subset of zones, RCZ, which
allows to protect, at a minimum, a certain number, Ns, of species and which minimizes
MNND. The set of species considered is S = {s;, $o,..., S} Let ussituate ourselves in
the case where the number of species protected by a reserve, R, is estimated by the
quantity Nby(R) (see chapter 1, section 1.1). Recall that, in the calculation of Nby (R),
it is assumed that the protection of a zone allows all the species present in that zone to
be protected, provided that their population size is greater than or equal to a certain
threshold value. We note Z;, the set of zones whose protection results in the protection
of species spand Z; the corresponding set of indices. We assume that we know the set Zj
for all k€ S =1{1,2,...,m}. Let us adopt the following notations: Z = {1,..., n},
L={jeZ:j#14 for all i€Z and, for all vector z of {0,1}",
I(z)={i€e Z:z,=1},and [;(z) ={j€ Z:j# i, z; = 1} foralli € Z. Note that if
x is the characteristic vector of reserve R (z; =1 < 2 € R) then I(z) = R and
I;(z) = R — {i}. The problem considered can be formulated as the fractional math-
ematical program in Boolean variables P5 ; (see appendix at the end of the book).

min Y, min dy/ >

icl(x) J€l(®) icZ
€7
Poq: -
o | X w>Ns (21.2) | we{0,1} keS (2.1.5)
st ik

w< Som keS (213) |

€7
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This program consists in determining the values of variables x; and v, that
respect constraints 2.1.1-2.1.5 and that minimize an economic function expressed as
a fraction whose denominator is a linear function. We will see how to also express the
numerator of this fraction by a linear function in order to finally obtain an economic
function expressed as the ratio of two linear functions. Lemma 2.1 below shows how
to express, for any vector zof {0, 1}", the value of the expression » . ;(,) minjey ) dy
as the optimal value of an integer linear program including the decision variables z;,
i€ {l,...,n}, and the additional Boolean “working” variables t;, (i,7) € VARE 20
By definition, variable ¢, is equal to 1 if and only if, on the one hand, zones z; and z;
are selected and, on the other hand, zone z; is, among the selected zones, the one
closest to z;.

Lemma 2.1. For all vector z of {0,1}",

min dij = min{ Z dijtij - te {0’ 1}n><n,,
(

icI(z) 1€H@ ij) € 22
i# ]
Z ti = @i, ty <z ((4,7) € Z%i #])}
JeL
Proof.
min d;; = z; min d;;
G del@ Y g ‘jel(z)
= Z T; min { Z dijtl'j 1t e {0, 1}”><7L7
€4 JET;
Z tj=1,t;<w (j € L)}
Jel;
= Z min { Z dijtij 1 te {0, ]_}”Xn’
i€Z jel
Z tij=m,t; <z (j € L‘)}
Jel;
:min{ Z dq‘,‘tl‘j 1t e {O, 1}nxn’
(ig)eZ” it

S ty=m (i€ Z)t; <z ((i,)) GZQJ#J')}-

JEL;

Lemma 2.1 allows program P, to be rewritten as program P .
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min - 3 dity/ Yo
(i)€Z?, i#i i€Z
Z tij =z 1€Z (221)
i (i)’ i#j
tyj <z (i,j) € Z2,i#j (2.2.2)
icZ
Pos > yr>Ns (2.24)
s.t.| k€S
U< D T kesS (2.2.5)
i€Z,
z; € {0,1} ieZ (2.2.6)
yr € {0, 1} kes (2.2.7)
ti € {0,1} (i,j) € Z%,i#j (2.2.8)

Program P, consists of minimizing the ratio of two linear functions whose
variables are subject to linear constraints. This problem can be solved using the
algorithms of fractional programming, for example the Dinkelbach algorithm (see
appendix at the end of the book). In this case, the auxiliary problem associated with
the — combinatorial — fractional program P, consists in minimizing the linear
function, parameterized by the scalar 4, Z(m’)e 7, iz digliy — /lzz'eg z;, under the
same constraints as those of program P 5. This auxiliary problem is a linear program
in Boolean variables.

2.4 Examples of Reserves Minimizing the Indicator
MNND

Consider a set of 20 rectangular zones spread over a 15 km square territory
(figure 2.3). The total area of these 20 zones is 79 km” and the value of the indicator
MNND for these 20 zones is 1.05 km.

We are interested in 10 species and, for each of the zones, we know all the species
that live there in sufficient numbers to ensure that the protection of the zone will
lead to the protection of this set of species. We also know the cost associated with
protecting each zone. This information is summarized in table 2.1. We are looking
for a subset of zones, R, which minimizes MNND(R), which protects, at a minimum,
a fixed number of species, Ns, and whose cost is less than or equal to the available
budget, B. The results obtained by solving program P, are presented in table 2.2
for different values of B and Ns.
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Fic. 2.3 — A set of 20 rectangular zones, z, z,..., 2, distributed over a 15 km square
territory represented by a grid of 15 x 15 identical square cells whose area is equal to 1 km?.
The total area of these 20 zones is 79 km? and the value of the indicator MNND for these 20
zones is 1.05 km.

TAB. 2.1 — Cost associated with protecting each zone of figure 2.3 and list of the species living
in each of these zones in sufficient numbers.

Zone  Cost  Species living in the zone ~ Zone  Cost  Species living in the zone

(]

z1 S5 Z11 3 Sy
22 2 S5 212 3 89 S10
23 1 S 213 4 S4
2 5 Sy 214 3 Sy
25 1 51 88 215 4 51 84
26 2 S2 216 3 S10
27 2 So 217 3 S1 Sy
2 4 S1 83 218 2 S4
29 5 S1 219 4 S5
210 5 S1 84 220 1 S8




TAB. 2.2 — Results corresponding to the minimization of the indicator MNND for the instance described in figure 2.3 and table 2.1, for different

values of the minimal number of species to be protected, Ns, and the available budget, B.

Number of species B Protected species Budget used Zones selected Protected area MNND(R)
to be protected (Ns) in % of the (km)
initial area

5 5 S1 8¢ S8 S9 S10 5 23 25 219 13.92 4.36
5 8 S1 83 83 Sg S10 8 25 28 212 13.92 1.00
7 9 $1 S2 S5 S S8 Sy S10 9 2 23 25 26 212 22.78 1.40
7 12 $1 S 83 S5 Sg S So 12 2 23 25 26 Y7 2R 24.05 1.00
8 10 - - - - -

8 12 81 82 84 S5 S¢ S S9 S10 12 2 23 ¥ 26 411 212 27.85 1.67
10 20 all 20 2 23 24 %5 25 R A2 A8 37.97 1.33
10 21 all 21 21 23 24 %5 2R 212 A7 218 41.77 1.00

— No solution.

0€
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2.5 Reserve Minimizing the Indicator MNND
with a Constraint on the Indicator MSI

Several optimization problems can be considered with regard to the indicator MSI.
For example, we consider the following problem: determine, under a budgetary
constraint, a subset of zones that can protect at least a certain number of species,
Ns, whose MSI value is less than or equal to a given value, MSI,, .., and which
minimizes the value of the indicator MNND. As in sections 2.3 and 2.4, the number
of species protected by a reserve, R, is estimated by Nby(R). This optimization
problem can be formulated as the fractional combinatorial program Py 5 to which is
added the linear constraint 0.25% .., (li//a;) 7 < MSIpax X Y., . The obtained

program can be solved, like P55, by the Dinkelbach algorithm. The auxiliary pro-
gram associated with the fractional program obtained consists in minimizing the
parameterized linear function Z<Z- DER, itj dijyij — A Y ey @ under the set of con-

straints of P59 plus the constraint on the maximal MSI value.

2.6 Examples of Reserves Minimizing the Indicator
MNND with a Constraint on the Indicator MSI

Let us take the same instance as described in section 2.4 and look for a subset of
zones, R, of minimal fragmentation, i.e., minimizing MNND(R), which protects, at
a minimum, a fixed number of species, Ns, and whose associated MSI indicator value
is less than or equal to a given value, MSI,, ... The results obtained are presented in
table 2.3.

2.7 Reserve Maximizing the Indicator MPI

Many optimization problems can arise in connection with this indicator. Consider,
for example, the following problem: determine, under a budgetary constraint, a set,
R, of zones to be protected in order to protect at least Ns species, while maximizing
MPI(R, d). As in the previous sections, the number of species protected by reserve
R is estimated by Nb;(R). To formulate this problem, simply replace the objective of

Py by the function (Zidm 2 jel(nd) (aﬂdi))/ZieZ x; to be maximized where,
for any i of Z and any z of {0,1}", Ii(z,d) ={j€ Z:j#i,2;=1,d; <d}. We will
see how to reformulate the program obtained as a fractional combinatorial program
consisting in maximizing the ratio of two linear functions under linear constraints.

Lemma 2.2. Program P, ; is equivalent to the fractional linear program P 4.

max (Zie](z) Zjell(z,d) (@1/@%))/22@ Zi

st.| 2, €{0,1} ieZ (23.1)

Pas:



TAB. 2.3 — Results associated with the instance described in figure 2.3 and table 2.1: Minimization of the indicator MNND for different values
of the minimal number of species to be protected, Ns, and the available budget, B, with a maximal value of the indicator MSI, MSI,,,....

Number of species ~ MSIL,.. B Protected species Selected zones Budget  Protected MNND(R) (km) MSI(R)
to be protected (Ns) used  areain % of
the initial
area
5 1.02 8 S| S2 S5 S9 S10 2 219 217 8 20.25 3.80 1.01
1.02 12 S1 84 85 Sy S10 219 215 219 12 20.25 2.61 1.01
1.50 5 S1 8¢ S8 S S10 23 25 219 5 13.92 4.36 1.08
1.50 8 81 82 85 S Ss So 2 23 %5 2 27 8 25.32 1.00 1.14
8 1.02 12 - - - - -
1.02 17 51 S9 84 S5 S7 S’ Sg S10 2 24 25 211 212 A7 17 29.11 3.52 1.02
1.50 12 51 89 84 S5 Sg Ss Sg S10 20 23 25 25 211 212 12 27.85 1.67 1.07
1.50 15 51 89 83 S5 Sg Ss Sg Si0 29 23 75 %6 4R 212 15 26.58 1.00 1.09

— No solution.
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max Zz’eg vi/Zieg Zi

Py, : w< Y LaoieZ (241) | 5>0 icZ (24.3)
s.t. jeria) &

where M; is a constant greater than or equal to the value of the expression
ZjeL(d) (qj/d?j)aqj in an optimal solution of P53 We can take, for example,

M, =3 iel(d) (a;/ dfj) By examining successively the two possible values of 1;, it can
easily be verified that constraints 2.4.1 and 2.4.2 imply v; = z; Zje 1(d) ;—ﬁxj, at the
jel(d) a2

optimum of P, 4. The objective of P54 is therefore equivalent to maximizing the

expression (ZieZ X Zj€L<d) % xj> /ZieZ ;. This last expression, to be maximized,
Z 2 Z
is a rewriting of the economic function of P, 3, since it is easy to verify that
D ies Ti Zjell(d) %xj = Zid(z) ZjeL(I,d) % P, 4 is therefore equivalent to Py 5.
- ij ij
Finally, the problem considered — determining, taking into account an available
budget, B, a set of zones, R, to be protected in order to protect at least Ns species,

while maximizing MPI(R, d) — can be formulated as the fractional mathematical
program Ps 5.

max Zv‘,eg Ui/ZieZ Zi

u< 3 %xj i€z (251) | w< Y m keS (255)
jei(d) Yij i€z
Pos: v; < M;z; 1€ Z (252) | v; >0 1€”Z (256)

s.t.
S eni<B (253) | xe€{0,1} i€Z (25.7)
i€Z
>y >Ns (2.54) | y.e€{0,1} keSS (258)
kesS

The auxiliary problem associated with P, 5 is to maximize the parameterized
linear function ), , v; — 4>, 4; under the same constraints as those of Py 5.

Example 2.1. Consider the instance described in figure 2.3 and table 2.1 and the
problem of maximizing the indicator MPI for different values of the threshold dis-
tance, d, minimal number of species to be protected, Ns, and available budget,
B. The results obtained, by solving program P, 5, are presented in table 2.4.



TAB. 2.4 — Results concerning the maximization of the indicator MP1I for the instance described in figure 2.3 and table 2.1, for different values

of Ns, d, and B.

Number of species d(km) B Protected species Selected zones Used budget  Protected area in %  MPI(R, d)

to be protected (Ns) of the initial area (km)

5 4 6 81 S2 S5 Sg S8 N 232 % 6 20.25 5.66
4 10 S1 So S5 S SS9 2 B 23 25 2 2 10 30.38 8.23
6 6 S1 S2 S5 Sg g 2 2 25 % 6 20.25 5.73
6 10 S1 S9 S5 Sg S8 2 2 23 2 2 2 10 30.38 8.34
6 12 $1 83 8% Sg S10 21 %5 25 2R 212 12 27.85 8.53

8 4 10 - - - - -
4 12 S1 So 84 85 Sg Ss S9 S10 2L 23 %5 26 211 212 12 32.91 4.42
6 10 - - - - -
6 12 S1 S2 84 S5 Sg S’ S9 Si0 223 2 26 211 212 12 32.91 4.57
6 15 S1 S 83 S5 Sg Sz S9 Si0 21 % 23 25 2 2R 212 15 36.71 8.52

— No solution.
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Chapter 3

Connectivity

3.1 Introduction

In this chapter, we focus on the selection of an optimal set of zones to form a
connected reserve, i.e., a one-piece reserve. In this type of reserve, species can move
between all zones of the reserve without leaving it (figure 3.1). Many publications
present the advantages and disadvantages of such reserves. It should be noted that
this single notion of connectivity — also called connexity or contiguity — does not
allow the shape or contour of the selected reserve to be controlled. Connectivity
properties are also of interest, particularly in large reserves, to help some species in
their adaptation to climate change. As in the previous chapters, several variants of
the problem of selecting optimal reserves, linked to the meaning given to the
adjective “optimal”, can arise with this connectivity constraint. For example, one
can seek to protect all the species or a given number of species, at a minimum, at the
lowest cost, or to protect a maximal number of species taking into account an
available budget (see chapter 1). As before, we denote by Z = {2, 2,..., z,} the set
of candidate zones, Z = {1, 2,..., n} the set of corresponding indices, S = {si,
S9y.-.y Sm} the set of species concerned, and S = {1, 2,..., m} the set of corre-
sponding indices. For the presentation of the different approaches that can be used
to address this issue of connectivity — which is difficult — we retain the problem of
determining a least-cost reserve, R, that allows all species to be protected. In
addition, a species is considered as protected by reserve R if at least one of the zones
of R allows this species to be protected, and for each species we know the list of zones
allowing to protect it. By noting Fc(Z) the family of subsets of zones of Z forming a
connected reserve and C(R) the cost of a reserve, R, this problem can be formulated
as the minimization problem mingepe(z) b, (R)=m C(R) where Nby(R) refers to the
number of species protected by reserve R (chapter 1, section 1.1). It should be
recalled that, for the calculation of Nb;(R), it is considered that the protection of a
zone, z;, allows all the species present in this zone to be protected provided that their
population size in this zone is greater than or equal to a certain threshold value.

DOI: 10.1051/978-2-7598-2521-9.c003
© Science Press, EDP Sciences, 2021
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F1G. 3.1 — The set of candidate zones are represented by a grid of 20 x 20 square and identical
zones. T'wo zones are considered adjacent if they share a common side. The 25 grey zones form
a connected reserve.

We denote by n;, the population size of the species s;, in zone z; and v;;, the threshold
value for species s; in this zone. For each species s, we therefore know the set Z;. of
the zones whose protection allows this species to be protected:
Zy =42 € Z : ny; > vy, }. We denote by Z;, the set of indices of the elements of Z;. It is
also necessary to define the notion of adjacency between two zones: for each pair of
zones, it must be decided whether they can be considered as adjacent or not. For
example, the length of their common border can be taken into account. The notion
of adjacency may vary from one species to another. Indeed, for a given species, this
notion simply reflects the possibility of being able to move from one zone to another
without having to face a potentially inhospitable environment.

Example 3.1. Figure 3.1 presents a connected reserve.

The search for an optimal connected reserve can be formulated in many ways
within the framework of mathematical programming. Some of these formulations are
presented below.

3.2 Protection by a Connected Reserve of All the Species
Considered, at the Lowest Cost: Graph Formulation

As mentioned above, we address the problem of selecting a set of zones that form a
connected reserve, at minimal cost and that protect all the species considered. With
the set of candidate zones is associated a graph, G = (Z, U), where the set of
vertices, Z = {1,..., n}, corresponds to the set of indices of the zones of Z = {2z, 2,
..., Zn}, and where the set of arcs, U, includes an arc going from vertex i to vertex j if
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(1,1ye—» (1,2) > (1.3)¢—» (1.4)
v v v v
2> 22)e¢—>» 23)e—» (24

I 11
v v

—» (3.3)—» (3.4)
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> (42)¢—» 43)¢—» (44

Fic. 3.2 — Graph G associated with a set of 16 candidate zones represented by a grid of 4 x 4
square and identical zones. Two zones are considered adjacent if they share a common side.
Each vertex of the graph corresponds to a zone and vice versa. A vertex is identified by a pair
(4, j) where 7 is the row index and j is the column index. The double arrow between the two
vertices (i, j) and (k, ) represents the arc from (4, j) to (k, ) and the arc from (%, I) to (4, j).

and only if zones z; and z; are adjacent. The graph G thus defined is, therefore, a
symmetric graph (figure 3.2). The problem can then be formulated as follows: find a

subset Z of Z of minimal cost and such that:

(i) Each species is protected by at least one zone associated with a vertex of Z
(ii) The sub-graph induced by Z Z is connected, i.e., for each pair of vertices (s,t) of

7, there is a path of G, from s to ¢, which only uses vertices of Z (see appendix
at the end of the book).

Note that, to simplify the presentation of the examples in this chapter, the set of
candidate zones is represented by a grid of nr x nc square and identical zones. Each
zone of this grid is identified by the couple (i, j) where i is its row index and j, its
column index. Apart from the examples, the candidate zones are represented by the

set Z = {21, 22,y Zn}-

Example 3.2. Figure 3.2 shows the graph associated with a set of 16 candidate
zones.

3.3 Approach Based on the Search for a Set of Zones
Inducing an Arborescence

The property (ii) of the sub-graph searched for in section 3.2 can also be stated as

follows: the sub-graph of @ induced by the vertices of Z contains an arborescence A,
i.e., a graph that satisfies the following 3 properties (figure 3.3):



40 Designing Protected Area Networks

(a) (b)
(1,1)4-—>(1,2)<——>(1T,3) (1,1) €=—(1,2)—(1,3)
(22)«—>2.3) (22) ——»(2,3)
v v v
G2 > (3.3) P34 (3.2)— (3.3)——»(3.4)
v v
(4,3) 43)

Fic. 3.3 — (a) G5 = (Z, U ), the sub-graph of graph G of figure 3.2 induced by the set of

vertices Z = {(1,1),(1,2),(1,3),(2,2),(2,3), (3,2), (3,3), (3,4), (4,3)}. (b) A, a partial sub-
graph of G5 which is an arborescence; the vertices (1, 2) is the root of this arborescence.

(i) Each vertex of A has at most one predecessor;
(i) A includes Z — 1 arcs;
(iii) .A does not contain circuits.

Example 3.3. Figure 3.3 shows an example of a connected sub-graph — from the
graph G in figure 3.2 — and an associated arborescence.

3.3.1 Case Where No Zone is Mandatory

First of all, we are dealing with the case where none of the candidate zones must be
necessarily retained in the reserve. We use the Boolean variables a; which, by con-
vention, take the value 1 if and only if vertex i — associated with zone z; — is selected
and the Boolean variables y;; which by convention take the value 1 if and only if the
arc (4,4), i.e., the arc from vertex i to vertex j, is retained to form the arborescence.
We also use the non-negative variables t; which represent a value assigned to each
vertex of the graph. By requiring these values to respect some constraints, we are
sure to retain a set of arcs that does not form a circuit. This technique is based on a
classic formulation of the travelling salesman’s problem by a mixed-integer linear
program with a polynomial number of constraints. We thus obtain a formulation of
the problem by program Pj ;.
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min ) ¢;x;
icZ
2 w1 keS  (3.11)
i€z,
Y < & (i,)) € U (3.1.2)
2 Vi< ieZ  (313)
JEAd)T

st.| Giev ez

B2+l - M(L-y5) (i) €U (3.15)

ti >0 i€Z (3.1.6)
7 €4{0,1} i€Z (3.1.7)
yii € {0,1} (i,j) e U (3.1.8)

Remember that U is the set of arcs of the graph associated with the candidate
zones. For all i € Z, Adj; refers to the set of vertices predecessors of vertex i. In
other words, Adj; ={j€ Z: (j,i) € U}. M is a sufficiently large constant (e.g., a
value greater than or equal to the number of zones in an optimal reserve). The
economic function expresses the cost of the zones selected to form the reserve.
Constraints 3.1.1 express the fact that each species must be protected by at least one
zone of the reserve. Given a subset of vertices, Z , and z its characteristic vector, a
vector y of RIV defines an arborescence on the sub-graph induced by Z if and only if
constraints 3.1.2-3.1.8 are satisfied. Constraints 3.1.2 impose that, if vertex i is not
selected, then none of the selected arcs should have this vertex as their initial end. If
vertex 1 is selected, the corresponding constraint is inactive. Constraints 3.1.3
express that, in the case where vertex i is not selected, no arc with ¢ as its terminal
end can be retained. In the case where vertex i is selected, the corresponding con-
straint expresses that at most one arc with ¢ as its terminal end can be retained.
Constraint 3.1.4 expresses that the total number of retained arcs is equal to the
number of retained vertices, less 1. Constraints 3.1.5, where M is a sufficiently large
constant, eliminate the possibility that the retained arcs form a circuit. These
constraints are similar to those used to eliminate the sub-tours in a classic formu-
lation of the travelling salesman’s problem by a mathematical program with a
polynomial number of constraints. A positive or zero value #; is assigned to each
vertex ¢ of the graph. If the arc (¢, j) is retained — y; = 1 — then ¢; must be greater
than or equal to t; + 1. Thus, all the selected arcs cannot form a circuit. If the arc
(4, j) is not retained — y;; = 0 — then the corresponding constraint 3.1.5 is always
satisfied provided that the values t; are less than or equal to M—1.
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The problem can also be formulated as a slightly different mixed-integer linear
program using the Boolean variables u; which are equal to 1 if and only if the vertex
i is chosen as the root. This gives program Pj .

min Y ¢
icZ
> mzl kes (3.2.1)
i€z,
Yij < Ti (i,j) € U (3.2.2)
> ui=1 (3.2.3)
icz

P3.2 . Z Yji = T — U = Z (324) .
s.t.| JEAd)

ti>0 i€eZ (3.2.6)
T € {0, 1}, u; € {O, 1} 1€ 27 (327)
yy € {0, 1} (i,j) € U (3.2.8)

Program P35 is obtained by replacing constraints 3.1.3 and 3.1.4 in P3; by
constraints 3.2.3 and 3.2.4. Constraint 3.2.3 requires to choose the root in one and
only one vertex of Z. Constraints 3.2.4 express that any retained vertex ¢ must be the
terminal end of one and only one arc unless this vertex has been chosen as root —
z—u; = 0 — in which case it must not be the terminal end of any arc. Note that,
according to constraints 3.2.4 and since the quantity > jeAdj Yii is always positive or
null, u; can take the value 1 only if z; = 1.

3.3.2 Case Where at Least One Zone is Mandatory

If the problem data are such that at least one vertex is mandatory — for example,
because of constraints ), 7, T >1, k € S — this vertex can be chosen as the root of
the arborescence sought without loss of generality, and program Pj 35 below, where
r refers to this vertex, solves the problem.
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min Y ¢

i€Z
Y o>1 ke s (3.3.1)
i€ Z,
Yij S (i,j5) e U (3.3.2)
> Y= i€ Zi#r (3.3.3)
jeAdj;
Paa: > =0 (3.3.4)
s.t.| ieAdi;

tizti+1-M(1-y;) (i,j)eU (3.35)

z; € {0,1} i€Z (3.3.6)
>0 ieZ (3.3.7)
yij € {0,1} (i,j)) e U (3.3.8)

Program P35 3 is obtained from program Pj, by replacing constraints 3.2.3 and
3.2.4 with constraints 3.3.3 and 3.3.4. Constraints 3.3.3 express that, for all the
selected vertices except the root, one and only one arc must have this vertex as its
terminal end. It also expresses that no selected arc should have an unselected vertex
as its terminal end. Constraint 3.3.4 expresses that no arcs should arrive on the
vertex chosen as root. All other constraints are identical to those of program Pj .

3.4 Approximate Solution When the Set of Candidate
Zones is Represented by a Grid

In this section, we present an integer linear program to solve the problem in an
approximate way in the case where the set of candidate zones for protection is
represented by a grid. We denote by nr the number of rows in this grid and nc the
number of its columns. This grid, therefore, includes nr x nc square and identical
zones. The advantage of this approach is that the solution is obtained much faster
than with the programs in section 3.3. On the other hand, the solution obtained,
although often optimal, is not always optimal. This program differs from the pre-
vious ones in the way in which the prohibition of circuits is formulated. It is known
that the technique used in programs P35 and P33 may be relatively ineffective since
the computation time required to solve these programs may be prohibitive, even for
medium-sized problems. We will use another technique. First of all, let us introduce
the classic constraints prohibiting circuits of length 2, then specific constraints for
the graph in question — associated with a grid — to prohibit circuits of greater length.
These constraints are based on the following idea: in order to ensure that the
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(i-1.)) (k—1,1)
\ \
Gj-1) < (i) D) —> (ki+1)

F1G. 3.4 — These two types of paths of length 2 are prohibited by constraints Cs ; 5 and Cs ;5.

solution does not contain circuits, it is sufficient to prohibit, in addition to circuits of
length 2, paths formed by two arcs and of type {(i—1,j), (4, j), (4, 71)} or
{(k-1, 1), (k, 1), (k, I+ 1)} (figure 3.4). If the first type of path is prohibited then
the solution cannot have circuits of length greater than or equal to 2 and “clockwise
rotating”; if the second type of path is prohibited then the solution cannot have
circuits of length greater than or equal to 2 and “anti-clockwise rotating”
(figure 3.5). We can now formulate the program to solve the problem in an
approximate way. To do this, it is sufficient to replace, in program Pj 3, constraints
3.3.5 and 3.3.7 by the 3 families of constraints of set Cs; after having adapted this
program to the case of a grid — z; becomes z;; and y;; becomes ¥, The resulting
program is called P, ,ox-

10

Fic. 3.5 — A cycle on a grid of 10 x 10 square and identical zones. By following this cycle in a
clockwise direction, one necessarily encounters a path of length 2 of type {(i—1, j), (4, 5),
(i, 7~1)}, for example the path {(6,9),(7,9),(7,8)}; by following this cycle in an
anti-clockwise direction, one necessarily encounters a path of length 2 of type {(k—1, 1), (k, 1),
(k, 14+ 1)}, for example the path {(5,2),(6,2), (6,3)}.
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Yijr + Yriig < 1 ((4,9),(k, 1)) € Ujk>dorl>j (Cs11)
Cs1: Yic1gig + Yijij-1 <1 1=2,...,nr;j=2,...,nc (C3'1.2)
Yk—1,0k1 T+ Yr k41 <1 k=2, . nr;l=1,.,nc—1 (Cs.13)

Constraints Cg 11 prohibit circuits of length 2. Constraints C5 ;5 and Cs 3, by
prohibiting certain paths of length 2, prohibit circuits of length greater than 2.
Variables t; used in P53, and P33 are now useless. Remember that this approach can
lead to a sub-optimal solution. Indeed, prohibiting certain paths — using the con-
straint set Cs; — can prevent the consideration of arborescences that would be
associated with an optimal solution.

3.5 Simple Flow Approach

This section presents a different formulation of the problem of selecting an optimal
reserve than that in section 3.3. This formulation is based on the notion of flow in a
graph (see appendix at the end of the book). As before, the graph G = (Z, U) is
associated with the set of candidate zones, Z = {2, 2,..., 2,}. The set of vertices of
the graph, Z = {1, 2,..., n}, corresponds to the zones and there is an arc from vertex
ito vertex jif and only if zones z; and z; are adjacent. As we have seen in section 3.3,
the problem can be formulated as follows: find a subset, ZCZ, of minimal cost, to
protect all the species, and such that the sub-graph of G induced by the vertices
associated with Z contains an arborescence. There are several ways to ensure that
this sub-graph contains an arborescence. We consider here that it must admit a path
from the root to all the other vertices, which allows us to formulate the problem as
follows:

(i) Each species is protected by at least one zone associated with a vertex of Z.
(ii) A vertex of Z is chosen as the root — or source.

(iii) In the sub-graph of G induced by the vertices associated with Z there is a path
from the root to all the other vertices.

In terms of flow in a graph, property (iii) can be expressed as follows: as soon as a
vertex, different from the root, is selected to constitute the reserve, it must receive at
least one unit of flow emitted by the root and routed along a path passing only
through vertices of Z. This ensures that there is indeed a path from the root to all
the other selected vertices. In this formulation, we use the Boolean variable z;, i € Z,
which is equal to 1 if and only if vertex i is selected — zone z; is selected — and the
non-negative variable ¢,;, (i,7) € U, which represents the flow circulating on the arc

(4, J)-
3.5.1 Case Where No Zone is Mandatory

When no zone is mandatory, it is impossible to choose a priori a vertex — a zone — as
a root. We therefore use the Boolean variable w;, i € Z, which, by convention, takes
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the value 1 if and only if vertex i — zone z; — is chosen as a root. The problem
considered can then be formulated as the mixed-integer linear program Pj 4.

min Y ¢z
i€z
S o>l ke S (3.4.1)
i€Z,
=1 (3.4.2)
icZ
P34 > < Muz i€z (3.4.3)
s.t.| FEADS
JeAd]; jeAdj;
wi € {0,1}, z; € {0,1} icZ (3.4.5)
;>0 (i,j) € U (3.4.6)

Adj;" refers to the set of successors to vertex i. The economic function of P34
expresses the total cost of the selected zones. Constraints 3.4.1 express that each
species must be protected. Constraint 3.4.2 expresses that one and only one vertex
should be chosen as a root. Constraints 3.4.3 express that, if zone z; is not retained,
then the total amount of flow starting from the vertex associated with z; must be
zero. On the other hand, if this zone is selected, then the amount of flow starting
from the vertex associated with this zone is not limited if constant M is set to a
sufficiently large value. This quantity M is, therefore, an upper bound of the value of
the flow starting from the root; it can be taken, for example, as equal to the number
of candidate zones. Now let us look at constraints 3.4.4 and, first of all, in case zone
z; is not chosen as a root — wu; = 0. The corresponding constraint becomes
2 jendi- i — Z]‘eAdjf ¢;; > z; and two cases are then possible: (i) zone z; is not
retained, then according to constraints 3.4.3 and 3.4.6 Zje Adj ¢;; =0, and in this

case the corresponding constraint 3.4.4 is always satisfied since z; = 0; (ii) zone z; is
retained, the corresponding constraint then becomes 3 xqi- @5 — D je Adjr P =1

and it expresses the fact that the sum of the incoming flows on ¢ must be at least
equal to the sum of the outcoming flows from i plus the unit of flow absorbed by
1. Now let us look at the case where vertex i — corresponding to zone z; — is chosen as
a root. The corresponding constraint becomes Z‘je Adj; $ji> Zje Adj ¢+ — M.

The second member of this constraint is always negative or zero, whether z; is equal
to 0 or 1, and the constraint is, therefore, always satisfied. Note that in all feasible
solutions, the root is well chosen among the selected zones.

Let us now show precisely that a solution of P34 provides an optimal connected
reserve. (1) Let (2, ¢, u) be a feasible solution of P53 4. Let us show that the sub-graph
of G, G, generated by the vertices 7 such that z; = 1 is connected. Suppose that it is
not. Let C'be a connected component of this sub-graph not containing vertex ¢ such
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that w; = 1. For each vertex ¢ of this component, we have > jeAdj ¢ji—
ZjeAdjf ¢;;>1. We deduce . (ZjeAdj; bji — ZjeAdjf ¢;;) > |C| what leads to
Z(z‘,j)eU.,ieC,jeC ¢y — E(i,j)eU‘iEC,jgc ¢y> | C|. This last inequality cannot be verified
since, according to constraint 3.4.3, Z(M)GU’MCJQC ¢;; = 0. Indeed, any initial end, 4,
of the arcs entering C'— and belonging to G’ — verifies z; = 0 because if it were not
the case, C' would not be a connected component. (2) Let G’ be a connected
sub-graph of G. It contains an arborescence, A. Let r be the root of this
arborescence. We can verify that (z, ¢ ,u) defined as follows is a feasible solution of
Pyguw=1G(€eZi=r)uu=00€cZ,i#r),;=1(i€Z,icG), ,=0(i€ Z,
i ¢ G'), ¢;; = number of vertices of A that can be reached by a path of A whose first
arc is (Za .])a ((Z?.]) € A)a and d)ij =0 ((27]) € Ua (Z7]) g A)

3.5.2 Case Where at Least One Zone i1s Mandatory

If at least one of the candidate zones is mandatory, it can be chosen as a root without
loss of generality. Knowing the root allows the problem to be formulated as program
P35, which is a simplification of program Pj 4. Constraint 3.4.2 becomes useless and
constraints 3.4.4 becomes, 3 ;. yqi- ¢ — ZjeAdjﬁ ¢ > i, i € Z,1 # root.

min Z CiT;
i€Z
S o> 1 kesS (3.5.1)
icZ,
> <Mz icZ (3.5.2)
P35 : jeAdj;
st.| > ¢i— > ¢y=m i€ ZiFroot (3.5.3)
JEAdj; jeAdj;
z; € {0,1} i€Z (3.5.4)
$; =0 (i,j) € U (3.5.5)

3.6 Multi-Flow Approach

Here we place ourselves in the case where at least one zone, z,, is mandatory and we
consider the corresponding vertex, r, as a source. With each vertex ¢ of Z, different
from r, is associated a product type and all the vertices ¢ of Z, different from r,
constitute, if retained, sinks for a unit of flow of the product 7 which has to be
transported from source vertex r to vertex 4. For each arc (k, ) of U and each vertex
1 different from the source, we introduce a Boolean variable y;;; which takes the value
1 if and only if the arc (k, ) transports a unit of flow of product ¢ — from vertex k to
vertex [. If vertex i is selected, then it becomes a sink for the flow of product . The

problem can be posed as follows: select a subset of vertices, Z, including the source
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rand such that the routing of one unit of flow of type i, from the source to vertex i, is

possible by only passing through vertices of Z, and this for all i of Z different from
r. This gives program Pjg.

min » | ¢z
icZ
S oz>1 kes (3.6.1)
i€z
> Yur =0 i€ Zi#tr (3.6.2)
leAdj,
> Yii = T i€ Z,iFEr (3.6.3)
lEA;
P36 : > yu=0 i€ L, iFET (3.6.4)
s.t. leAdj;
Yo Ym= D Y k€Zk#ri€ZiFrk (3.65)
leAd); lEA;;
Yirt < 5 Ykt < i€ ZiFr(kl)eU (3.6.6)
Yirr > 0 i€ZiF#r (kl)eU (3.6.7)
z; € {0,1} i€Z (3.6.8)

Constraints 3.6.1 require that all the species considered be protected.
Constraints 3.6.2 require that the flow of product i entering the source is zero for any
i. Constraints 3.6.3 and 3.6.4 require that any selected vertex i, other than the
source, be a sink for product 7. Constraints 3.6.5 require that the flow of product i be
conserved at each vertex k different from sink ¢ and source r. Constraints 3.6.6
require that, for any product i, the flow of this product circulating on each arc must
be zero, if one of the two ends of this arc is not selected, and less than or equal to 1 if
the two ends are selected. Constraints 3.6.7 impose to variables y;; to be
non-negative. Given constraints 3.6.6 and 3.6.7, these variables can, therefore, take
values between 0 and 1. In fact, it can be shown that they take either the value 0 or
the value 1 at the optimum, in accordance with their definition. Finally, constraints
3.6.8 specify the Boolean nature of variables z;. A similar approach to that of the
previous section could be followed to rigorously prove that a solution of P3¢ provides
an optimal connected reserve.

3.7 Constraint Generation Approach

We again state the problem as follows: determine a subset of vertices, Z , such that:
(1) the protection of the zones associated with Z allows all the species considered to

be protected, (2) the sub-graph of G induced by the vertices of Z contains an
arborescence A. Here, the arborescence A is defined as follows:

(i) Each vertex of A, except the source — or root — has one and only one
predecessor;
(ii) .A does not contain circuits.
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We also assume that at least one zone is mandatory, which allows the root to be
fixed. The formulation we present here is derived from the classic formulation of the
travelling salesman’s problem by integer linear programming. Like the programs in
the previous sections, this program uses the Boolean variables z;, + € Z, which take
the value 1 if and only if vertex i is retained and the Boolean variables y;; which take
the value 1 if and only if the arc (4, j) is retained to build the arborescence. This
results in program Pj ;.

min Y ¢
i€Z
> om=l kes (3.7.1)
i€z,
D Yi = i€ Z,i#root (3.7.2)
jeAds;
Par: >y <d i€z (3.7.3)
s.t.| JeAdi]
> ys|VI-1 vvcZz (3.7.4)
(i,)eVin U
7 €{0,1} i€Z (3.7.5)
yy €{0,1} (i,) € U (3.7.6)

According to constraints 3.7.2 and 3.7.6, if vertex i is not retained, then no arcs
should arrive on this vertex. On the other hand, if this vertex is retained and is
different from the root, then only one arc should arrive on this vertex. According to
constraints 3.7.3 and 3.7.6, if vertex i is not retained, then no arc should start from
this vertex. On the other hand, if this vertex is retained, then some arcs can start
from this vertex and the corresponding constraint is inactive since their number is
limited to the outdegree of this vertex, d;". Finally, constraints 3.7.4 prohibit setting
variables y;; to values such that the selected arcs form a circuit.

The difficulty of P3; lies in the very large number of constraints 3.7.4. One
method is to initially consider only a “small” subset of these constraints and solve
the resulting program. If the solution of this program is an arborescence, it is an
optimal solution. If, on the contrary, it is not an arborescence — the obtained graph
contains circuits — then we add, for each circuit that is present, the corresponding
constraint of type 3.7.4. The process is iterated until an arborescence is obtained.
The process can be initialized by considering only constraints 3.7.4 corresponding to
the prohibition of circuits of length 2.

3.8 Computational Experiments

In order to test the different formulations proposed in the previous sections and to
solve the problem by directly using a solver of integer linear programs, we considered
6 different instances, Iy, Io,..., I, generated as follows: the hypothetical candidate
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zones are represented by a grid of 10 x 10 identical square zones and 100 different
species are concerned. The presence of each species in each zone is randomly
determined, uniformly, with a probability equal to 0.06. With this choice of prob-
abilities, some species appear in only one zone for the first 5 instances. These zones
are therefore mandatory. The fact that some zones are mandatory generally facili-
tates the resolution of the problem. Indeed, this reduces its combinatorial aspect and
also allows the use of a formulation that takes this information into account (see
previous sections). In the sixth instance, no zone is mandatory. We consider here
that the costs associated with each zone are identical. Therefore, in each formula-
tion, the economic function Eie 4 iy is replaced by the function Zi,e 7 Tj.

The computation results are presented in table 3.1. Each line in the table corre-
sponds to an instance. For each instance, the number of mandatory zones and the
value of an optimal solution, i.e., the minimal number of zones forming a connected
reserve and allowing all the species to be protected, are given. The first 5 instances
were resolved by the 7 formulations presented above, i.e., by the 7 programs P31,
P32, P33, Papprox, Ps.4, P35, and P3 6. The sixth instance was resolved by programs
P31, P32, Papprox, and P34 which do not require knowledge of at least one manda-
tory zone. For each program, table 3.1 presents the value of the continuous relax-
ation (relax), the total CPU time required to solve the program, expressed in
seconds (cpu), and the number of nodes developed in the search tree (nodes). In the
case of program P, .ox, table 3.1 also presents the value of the solution obtained
(value) which may differ from the value of an optimal solution since this program
only provides an approximate solution to the problem.

Table 3.1 shows that, when we take into account the fact that at least one zone is
mandatory (programs P33, P35, and P3), the fastest exact resolution, on average, is
performed by program Ps;3. We also note that Ps, and P3¢ do not allow all the
instances considered to be solved in one hour of computation. With respect to the
exact resolution, regardless of the fact that some zones are mandatory (programs Pj 1,
P35, and P3,), the formulation P35 is the fastest, on average. With respect to the
approximate resolution, P,,,rox provides a very fast resolution — 20 s on average — and
the obtained solution is optimal for 4 instances out of 6. In case it is not optimal —
instances I3 and I, bolded values — the difference is only one unit. Table 3.1 also shows
that computation times are highly dependent on the instance. Not surprisingly,
instances with many mandatory zones are generally easier to resolve, but it is also
observed that instance I5, which has only one mandatory zone, is resolved quickly —
compared to the other instances. The values of the continuous relaxations are
comparable for the 7 formulations. The relative difference between the value of the
continuous relaxation and the optimal value is relatively large — about 26% on
average — but varies little from one instance to another. Note that for the approximate
resolution — program P,p,0x — even if some zones are mandatory, the root of the
searched arborescence is not fixed because this could prevent, in some cases, to find
the optimal solution. Indeed, let us consider the sub-graph induced by a connected set
of zones. This graph contains a set of arborescences, F, and a set of arborescences,
E' C E, when one of the zones is chosen as a root. It is possible that all the
arborescences of E' contain paths of two arcs of type {(i — 1,7), (4,7), (4,7 — 1)} or



TAB. 3.1 — Determination of a connected reserve, at a lower cost, to protect the 100 species present in a set of 100 zones represented by a grid of
10 x 10 square and identical zones. Resolution of the problem by 7 different formulations and for 6 instances. The rarity of certain species
implies that certain zones must be necessarily protected in the case of the first 5 instances.

Instance Number of mandatory zones Optimal value P3, P3o
Relax CPU Nodes Relax CPU Nodes
I; 2 26 17.6 1,879 1,885,010 17.6 1,418 1,257,615
I, [§ 28 22.2 34 41,402 22.2 22 28,386
I, 3 26 19.8 98 145,239 19.8 34 36,497
Iy 2 27 18.8 2,443 2,803,734 18.8 1,600 955,498
I5 1 24 19.7 36 43,535 19.7 25 29,428
Is 0 26 185 2,634 2,551,301 185 1,455 1,136,704
Average 1,187 1,245,037 759 574,021
Instance P33 Papprox
Relax CPU Nodes Relax CPU Nodes Value

I; 18.1 176 198,916 17.1 28 32,910 26
I, 224 44 56,637 22.2 1 381 28
I3 20.0 32 26,406 20.0 9 3,983 27
Iy 19.2 279 334,209 18.9 34 39,680 27
I 20.2 12 12,386 19.7 3 1,484 24
Is 18.5 47 49,749 27
Average 109 125,711 20 21,365
Instance P34 P35 P3s

Relax CPU Nodes Relax CPU Nodes Relax CPU Nodes
I 17.1 *(26/25) *704,410 17.1 903 367,950 17.1 *(26/23) *5,420
L 21.7 181 42,241 21.9 4 1,392 21.9 1,599 3,221
I3 19.3 55 16,564 19.3 33 10,571 19.4 *(32/25) *6,133
Iy 18.2 3,102 620,832 18.2 662 206,956 18.3 *(29/24) 4,307
I5 19.5 52 13,967 19.6 40 15,691 19.6 1,413 2,989
Is 18.1 *(27/25) 579,915
Average 328 120,512

“The optimal solution could not be obtained in one hour of computation. In this case, the number of nodes indicated is the number of nodes developed during this computation time. In
the column “cpu”, the value of the best solution found followed by the corresponding lower bound is indicated in parentheses. For example, program P3¢ did not resolve instance I; in
one hour of computing. At the end of this computation time, 5,420 nodes have been developed in the search tree, the best solution found has a value of 26 and we are sure that the
optimal solution has a value of at least 23.

A)TAT)OBUTIO))
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{(k—1,1),(k, 1), (k, 14+ 1)} while some arborescences of E do not contain these types
of path. Consider instance I, of table 3.1. In this instance, the 6 zones 27, 237, 235, 243,
26, and 296 are mandatory. Figure 3.6a shows the solution obtained for this
instance with P3 5. Zone zg was selected during the resolution of P35 as the root of
the searched arborescence. Figure 3.6b shows the solution obtained with Pj 3, for the
same instance, by first setting zone 21y as the root of the sought arborescence.

Consider instance I3 of table 3.1. In this instance, 3 zones are mandatory: zg, 21,
and 2. Figure 3.7 shows the solution obtained for this instance with P, ppr0x. Zone zgs
was chosen during the resolution of P,,,.ox as the root of the searched arborescence.
The value of this approximate solution is equal to 27 while the value of the optimal
solution is equal to 26.

Limits of the method. To find out the limitations of the method we tested programs P5 5
and P,ppr0x 01 instances of size 15 x 15 with 100 species. To generate these instances,
the probability of each species being present in each zone is now 0.025. The results
obtained, by limiting the computation time to one hour, are presented in table 3.2.

The optimal solutions of P35 and P,pprox could not be obtained in one hour of
computation for any of the 5 instances except in one case: P,yprox solved instance IV
in 1,920 s of computation. Table 3.2 presents, for each instance, the value of the best
feasible solution (Value) and the best lower bound obtained by the solver within one
hour of computation (Lower bound). For example, for instance I, the best connected
reserve found by P33 — to protect all the species — has 45 zones and the optimal
connected reserve has at least 38 zones. The best connected reserve found by P,pprox
has 43 zones and the best connected reserve that could be obtained by resolving

(a) (b)
1 2 3 4 5 6 7 8 9 10 1 2 3 4 5 6 7 8 9 10

1 1

2 Ll 2 Ll

3 | 3 1

4 — 4 —

5 5

6 [—— 6 f——

7 —— 7 s

8 8

9 1 9 | |
10 — I 10 |

Fic. 3.6 — (a) Optimal solution of instance I, of table 3.1 provided by Pj 5. The resolution of
P3 fixed zone zg as the root of the arborescence. (b) Optimal solution of instance Iy of
table 3.1 provided by the resolution of Pj33. Among the 6 mandatory zones, z¢ has been
prefixed as the root of the arborescence. The two optimal reserves are identical.



Connectivity 53

10

Fic. 3.7 — Approximate solution of instance Iy of table 3.1 provided by P,pprox. In this
instance, zones zs, %1, and z; are mandatory. The resolution of P,,.ox set zone zy5 as the
root of the arborescence.

TAB. 3.2 — Determination of a connected reserve, at a lower cost, to protect the 100 species
present in a set of 225 zones represented by a grid of 15 x 15 square and identical zones. The
exact solution of the problem is searched by program P53 and the approximate one by
program P, ...« The rarity of some species implies that certain zones must be necessarily
protected.

Instance  # mandatory zones Pss P pprox
Lower bound  Value  Lower bound Value
I 1 38 45 41 43
I 4 40 54 44 47
11 2 37 52 41 44
v 1 38 47 43 43 (1,920 s)
\% 2 38 60 43 44

P, pprox has at least 41 zones. Table 3.2 also shows that, for the 5 instances considered
and within one hour of computation, the best reserve is obtained by solving program

Papprox-
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Chapter 4

Compactness

4.1 Introduction

As we have seen in the previous chapters, the spatial configuration of a nature
reserve is a determining factor for the survival of the species that live there.
Chapter 2 deals with fragmentation and chapter 3 with connectivity — or contiguity.
In this chapter, we discuss another spatial aspect of a reserve, compactness. This
aspect, which can be assessed in several ways and is not completely distinct from the
notion of fragmentation, takes into account the distance separating the different
zones. The smaller these distances, the easier it is for species to move within the
reserve. It can therefore be said that the more compact a reserve is, the more
effective the means devoted to its protection. On the other hand, a compact reserve
is generally easier to manage than a non-compact reserve.

We will also look at the length of the reserve boundaries (which we also call the
reserve perimeter), i.e., the length of the transition zones between the reserve and
the surrounding matrix, this criterion being, in a way, related to compactness
(figure 4.1).

4.2 Compactness Measures of a Reserve

The compactness of a reserve, i.e., a set of zones selected for some protection, can be
assessed in many ways. For example, the diameter of the reserve, i.e., the maximal
distance between two points of the reserve, can be considered. The minimization of
this criterion leads to the selection of a set of zones with an external contour that is
close to a circle. The minimal distance between two zones can also provide some
information on compactness. Another measure of the reserve compactness is its total
perimeter. Minimizing this latter criterion allows to obtain groups of zones whose
shape is close to a square or a circle, but the distance between the groups is not
controlled. The compactness of a reserve can also be measured by the sum of the
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(b)

Fic. 4.1 — Two reserves defined on a set of 100 candidate zones represented by a grid of
10 x 10 square and identical zones whose length of the sides is equal to one unit. The area of
these 2 reserves — made up of grey zones — is equal to 30 units. (a) A very fragmented and
uncompact reserve with a perimeter of 80 units. (b) A fragmented but relatively compact
reserve with a perimeter of 64 units.

distances between all the pairs of selected zones or by its total perimeter divided by
its total area. In the latter case, the aim is to minimise the value of the corresponding
ratio. Minimizing this ratio also has the effect of reducing the edge effect, which is
generally considered as unfavourable to biodiversity protection.

Let S = {s1, $2,..., S} be the set of concerned species, Z = {z, 2,..., ,} be the
set of zones that can be protected, S be the set of indices of the species of Sand Z be
the set of indices of the zones of Z. Let us specify some supplementary data — and
corresponding notations — that we use in this chapter: [;, the perimeter of zone z;, a;,
the area of zone z;, l;;, the length of the border common to zones z; and z;, and d,;, the
distance “as the crow flies” between zones z; and z. We denote by Comp(R) the
compactness of a reserve, R, and we examine several measures of this compactness.

It is assumed here that we know, among the zones of Z, those whose protection
leads to the protection of species s;, (e.g., its survival), and this for all species, i.e., for
all k€ S ={1,2,...,m}. This subset of Z is denoted by Z; and the corresponding set
of indices is denoted by Z;. Thus, the protection of species s, is ensured if and only if
at least one of the zones of 7, is protected and the number of protected species is
noted Nby(R) (chapter 1, section 1.1). For example, it is considered here that the
protection of a zone allows all the species present in that zone to be protected,
provided that their population size is greater than or equal to a certain threshold
value. This value is denoted by v, for zone z; and species s;. In other words, Z; =
{#; € Z : nix > vy} where ny, refers to the population size of species s;, in zone z;.

4.3 Some Problems of Selecting Compact Reserves
and their Mathematical Programming Formulation
As with the other spatial criteria we examined, several zone selection problems may

arise with the objective of obtaining a compact set of zones. We note R the set of
selected zones, i.e., the reserve obtained, and R the set of indices of the zones
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forming reserve R. Some of these problems are discussed below, by way of example.
Let us recall that we denote by Comp(R) the value of the compactness criterion
associated with reserve R. As we have seen, this criterion can correspond to different
aspects of the compactness of a reserve — and can, therefore, be calculated in several
different ways. Table 4.1 summarizes the compactness criteria considered in this
chapter and that we seek to minimize.

To simplify the presentation, we assume that the set of candidate zones are
represented by a grid with nr rows and nc columns. The zones are then designated by
z; where i is the row index and j is the column index. It should be noted that
everything presented in the rest of this chapter can be applied directly to any other
set of candidate zones.

Take again the reserves in figure 4.1 to illustrate these 3 criteria. First of all, the
distance between two candidate zones — represented by two squares whose length is
equal to one unit — is defined by the distance, in a straight line, separating the centre
of these two zones. Other definitions of the distance between two zones could be
considered. Let us compare the compactness of the two reserves in figure 4.1 using
the 3 criteria in table 4.1. Using criterion No. 1, the compactness of the reserve in
figure 4.1a is equal to the distance between the centres of zones 2z ; and 2919, i.€.,
12.73 (1/162) while the compactness of the reserve in figure 4.1b is equal to the

distance between zones z 4 and # 10, i-e., 8.49 (v/72). Using criterion No. 2, the
compactness of the reserve in figure 4.1a is equal to 2.67 since its total perimeter is
equal to 80 and its total area to 30, while the compactness of the reserve in
figure 4.1b is equal to 2.13 since its total perimeter is equal to 64 and its total area to
30. Finally, using criterion No. 3, the compactness of the reserve in figure 4.1a is
equal to 2,514.79 while the compactness of the reserve in figure 4.1b is equal to
1,716.43.

Different problems of determining an optimal compact reserve can be considered.
For each of these problems, the 3 compactness criteria that we have just defined can
be taken into account. Table 4.2 presents the 3 problems we will consider. Recall
that Nby(R) represents the number of species protected by reserve R and that
species s, is considered to be protected by reserve R if at least one of the zones of Z;,
belongs to R where, for any k of S, Z; is a known subset of Z (see section 4.2).

TAB. 4.1 — Three compactness criteria for a reserve, R.

Criterion Statement Formulation
number
1 Diameter of the reserve, i.e., max{dy; : (3,7) € R*,i<j}

maximal distance between two
zones of the reserve.

2 Total perimeter of the reserve,
divided by the total area of the (Zie@ li—2 Z(LJ)€EQJ<.7' b > / Zieﬁ ai
reserve.
3 Sum of the distances between all D g i< B

pairs of zones in the reserve.
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TAB. 4.2 — Three reserve selection problems with a compactness objective.

Problem Problem statement Formulation
no.
I Selection of a reserve, R, of minimal cost, allowing to min C(R)
protect, at a minimum, a given number of species, Ns, RCZ
and such that the compactness indicator, Comp(R), =
is lower than or equal to a given value, p. s.t.| Nby(R) > Ns
Comp(R) <p
I Selection of a reserve, R, of cost less than or equal to max Nbj(R)
a given value, B, allowing the greatest possible RCZ
number of species to be protected, and whose value of =
the compactness 1ndlcat01T7 Comp(R), is less than or st.| C(R)<B
equal to a given value, p.
Comp(R) < p
111 Selection of a reserve, R, of cost less than or equal to min Comp(R)
a given value B, allowing to protect, at a minimum, a
. . L RCZ
given number of species, Ns, and minimizing the
value of the compactness indicator, Comp(R). st.| C(R)<B
Nb;(R) > Ns

Also remember that C(R) refers to the cost of reserve R: C(R) = ), p ¢; where ¢; is

the cost associated with zone z,.

4.3.1 Problem I: Protection, at the Lowest Cost, of at Least
Ns Species of a Given Set, with a Compactness
Constraint

This problem can be formulated as the mathematical program P,; in which p
designates the value that the compactness indicator of the selected reserve must not
exceed. As in all the programs we have studied, the Boolean variable z; is equal to 1
if and only if zone z; is selected to form the reserve.

min Y ¢
i€z
w< > keSS (411) | z€{0,1} ieZ (4.1.4)
Pyi: €2,
st | 3 ye>Ns (41.2) | wef01} keS (4.15)
kes
Comp(R) < p (4.1.3) |



Compactness 61

The economic function to be minimized represents the cost of the reserve.
According to constraints 4.1.1, variable y;, can take the value 1 if and only if at least
one zone in 7, is protected. Constraint 4.1.2 expresses that the number of protected
species must be greater than or equal to Ns. Constraint 4.1.3 imposes a compactness
index less than or equal to p. Note that if we seek to protect all the species —
Ns = m — we can replace constraints 4.1.1 and 4.1.2 by the single family of
constraints .. 7, i >1, ke S. If we want to obtain, among the optimal solutions

of P, 1, a solution that maximizes the number of protected species, we only need to
subtract from the economic function to be minimized the quantity &), ¢ yr where &

is a sufficiently small constant. Similarly, if one wants to obtain, among the optimal
solutions of P 1, a solution that minimizes the value of the compactness criterion, it
is sufficient to add to the economic function to be minimized the quantity éComp(R)
where ¢ is a sufficiently small constant. Let us now study constraint 4.1.3 according
to the criterion retained to measure compactness. Recall that R = {z;: i=1,..., n;

Criterion No. 1. The compactness of a reserve is measured by the diameter of the
reserve, i.e., by the maximal distance between two zones of the reserve (see appendix
at the end of the book). In this case, P, solves the problem by replacing the —
generic — constraint 4.1.3 with one of the specific constraint sets C4; or Cyo:

Coi:zm+z <1 (i) € 2% i<j, dj > p;

JeZ.j> i dy > p

Constraints C4; express that if the distance between any two zones, z; and z;, is
greater than p then these two zones cannot both be part of the reserve. In other
words, in this case, variables z; and z; cannot simultaneously take the value 1.
According to constraints C, , if zone z; is selected — x; = 1 — then none of the zones
located at a distance greater than p from z; can belong to the reserve. In case zone z;
is not retained — z; = 0 — the corresponding constraint is inactive provided that the
constant M is chosen large enough.

Criterion No. 2. Let us now consider the case where the compactness of a reserve, R,
is measured by the total perimeter of the reserve divided by its total area:

Comp(R) = (ZieR =233 )er i< lz’j)/zz'e[z a;. In this case, the problem con-
sidered can be solved by program P, ; by replacing the — generic — constraint 4.1.3 by
the specific constraint C, 5:

Zieg lizi — 2Z(z,j)eg2,z:<j lijzi; <

Cyz: <p
Diez Wil
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The perimeter of the reserve is calculated by summing the perimeters of all the
zones that constitute the reserve, > ., liz;, and by subtracting twice the sum of the
lengths of the borders common “to each pair of zones of the reserve,
2 Z(i, Hez, i<j lijz; ;. Note that, in the latter expression, many terms /; are equal to 0.
The quantity ) .., a;z; represents the sum of the areas of each zone constituting the
reserve, i.e., the total area of the reserve. Constraint C, 3 is equivalent to constraint
C,.4 in which the first member is quadratic and the second member is linear:

Cyyq: Z Lix; — 2 Z lijfyjl’j <p Z a;T;.

€z (ij)eZ’i<j i€Z

It is possible to replace C, 4 with equivalent linear constraints (see appendix at
the end of the book). To do this, each product z;z; is replaced in C4 4 by variable u;
and 2 families of linearization constraints are added to force variables u,; to be equal
to the products z;z;, at the optimum of the obtained program. Finally, the problem
can be solved by program P, ; by replacing the — generic — constraint 4.1.3 by the set
of specific constraints C,5:

Sl —2 > Liuy<p) ag
€z (i,5)€Z%i<j i€z
Cas w; <z (i,) € Z%,i<j, l; >0

Note that if the compactness criterion is the perimeter of the reserve and not the
perimeter-to-area ratio, it is sufficient to replace the first constraint of C,5 by the
constraint y ., Lz — 22(1-4-)6 22.i<j ljij < p where p now refers to the maximal

allowed perimeter.

Criterion No. 3. Let us now consider the case where the compactness of a reserve is
measured by the sum of the distances between all the pairs of zones of the reserve:
Comp(R) = Z(i,j)eRQJKj d;;. In this case, the problem considered can be solved by

program P, by replacing the — generic — constraint 4.1.3 by the specific constraint
Cye

Cig: Y dymz<p.

(if)e2%i<j

Constraint C4¢ is quadratic since it involves the products z;z;. As in the case of
Ca3, it is possible to replace this constraint by a set of linear constraints (see
appendix at the end of the book). To do this, each product z;x; is replaced in Cy ¢ by
variable u;; and 2 sets of linearization constraints are added to force variables u;; to
be equal to products z;x; — at the optimum of the obtained program. Finally, the
problem can be solved by program P, by replacing constraint 4.1.3 by the set of
constraints Cy 7:
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> dju;<p
oo (ig)€ 2%, i<j
YY1 =g — 3+ u; >0 (i,)) € 2%, i<y’

4.3.2 Problem II: Protection, Under a Budgetary
Constraint, of the Largest Possible Number
of Species of a Given Set, with a Compactness
Constraint

This problem can be formulated as the mathematical program P, .

max . Uk
kes
Pys: ieZ
st | < > m keS (422) | we{0,1} keS (4.2.5)
icZ,
Comp(R)<p (4.2.3) |

The economic function, to be maximized, expresses the number of protected
species. Constraint 4.2.1 reflects the budgetary constraint: the cost associated with
the reserve retained must not exceed the budget, B. For the meaning of the other
constraints (4.2.2-4.2.5), the reader may refer to program P4 ;. To solve the problem
with the 3 compactness criteria considered, it is sufficient to replace in Pyo
constraint 4.2.3 by the appropriate constraints: C,; or C, 5 for criterion No. 1, C, 5
for criterion No. 2, and C, 7 for criterion No. 3 (see section 4.3.1). As in program
P41, zone z; belongs to reserve R if and only if x; = 1.

4.3.3 Problem III: Protection, Under a Budgetary
Constraint, of at Least Ns Species of a Given Set,
with Optimal Compactness

This problem can be formulated as the mathematical program P, 3.

min Comp(R)
w< Yoz keS (431) | €{0,1} ieZ (434)
i€z,
P 3.
Y ) s | Gem<B (432) | we{01} keS (435)
> Yk >Ns (4.33) |
keSS

The economic function, to be minimized, expresses the compactness of the
reserve. As in programs P, ; and P4, zone z; belongs to reserve R if and only if
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z; = 1. The meaning of the constraints in P, 3 is presented in the two previous
sections. Let us now look at how to solve the problem with the 3 compactness
criteria considered.

Criterion No. 1. The compactness of a reserve is measured by the diameter of the
reserve, i.e., the maximal distance between two zones of the reserve. To solve the
problem, variable o is introduced, the — generic — economic function of P, 3 is
replaced by a and the set of constraints C, g is added:

Cys:a>dymz  (i,)) € Z°, i<j.

These constraints express that if zones z; and z; are retained — z;z; = 1 — then the
value of variable « must be greater than or equal to the distance between these two
zones. This results in a program with a linear economic function but with some
quadratic constraints. These constraints can be replaced by the equivalent set of
linear constraints Cy g:

Clo - {a> dj(~1+zi+a) (i) € 2, i<j
>0

Criterion No. 2. The compactness of reserve R is measured by the ratio of the total
perimeter of the reserve divided by its total area. In this case, the problem consid-
ered can be solved by program P, 3 by replacing the — generic — economic function of

this program with the expression (Zieg Lz, — 2 Z(i,j)eg?«j li,-mimj) /Zieg a;z;. The
numerator of this expression is quadratic and the denominator is linear (see
appendix at the end of the book). This expression can be transformed into a ratio of
two linear functions by replacing each product z;z; with variable u;; and adding the
linear constraints w; < ; and wu; < ;. The problem can thus be reformulated as
program P, 4.

min (Zieg Lz — 2Z(z‘,j)ef, i<j lij%) /Zieg i Z;

Z C;T; S B (441)
i€Z
w< > keS (4.4.2)
i€Z,
Pya: > yp >Ns (4.4.3)
s.t.| kes

wy <wi; ug<wz; (i,) € 2°,i<j,l; >0 (4.4.4)

z; € {0,1} i€z (4.4.5)

yi € {0,1} kes (4.4.6)
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We can therefore use the algorithms of fractional programming to solve P 4, for
example the Dinkelbach algorithm (see appendix at the end of the book). The core
of this algorithm is to solve the auxiliary problem P, 5(1) which is a linear program in
0-1 variables.

min Z lﬂ}; -2 Z lijuij —A Z a;T;

Pys(4) : €2 (ij)€ 2% i<j i€Z
s.t.| (4.4.1) — (4.4.6)

Criterion No. 3. Finally, consider the case where the compactness of a reserve is
measured by the sum of the distances between all the pairs of zones of the reserve:
Comp(R) = Z(z’,j)e R, i<; &j- In this case, the problem considered can be solved by
program P, 3 by replacing its — generic — economic function with the expression
Z@J)E 2, i< di;x;z;. We then obtain a mathematical program whose economic
function is quadratic and whose constraints are linear (see appendix at the end of
the book). One way to solve the resulting program is to linearize the economic
function, and there are many techniques to do so. A simple technique that we have
already presented consists of replacing products z;z; by variables u; and adding the
set of linear constraints C, 1o that force variable u;; to be equal to product zz;:

Cou: {1 — 2 =+ u; >0 (@j) €Z§7zi<]:'

u; >0 (i,5) € Z%,i<j
Another technique consists in rewriting the economic function as
(1/2) > ez @i 2 jey dijwj then replacing, for any i of Z, the expression ;) , dijz; by
the real, non-negative variable ¢, The new economic function — to be minimized — is
therefore written (1/2) Y"._, t;. Then we must add the set of linear constraints Cy 1y
which force variable t; to be. equal, at the optimum, to the expression z; )

6> dya— M(1—x) i€Z
. i jez YijLj i 4
C4'H'{ti20 ez .

jez Gy

If variable z; is equal to 1 then, because of the first family of constraints of C,
and the fact that we seek to minimize the expression )., t;, variable t; takes the

value Zje 7 diz;. On the contrary, if variable z; is equal to 0, then the set of con-
straints C,1; and the fact that we seek to minimize the expression ) .., t; force

variable t; to take the value 0. M denotes a sufficiently large constant.

4.4 Computational Experiments

A hypothetical set of candidate zones represented by a grid of 10 x 10 square and
identical zones is considered. The cost associated with each zone of the grid is
randomly drawn, in a uniform way, from the set {5, 6,..., 10} and is shown in
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1 23 45678 910
1101 77|97 |6]10[/5]|9|6
21916|8(10/6[9|7]|7]10|9
317(7|8(8|8[5|5[9|8]7
415(1018(9(8|4(6|9|7|4
S|7(5(8[7|5[8|5[10/9]9
6|7(10{4(10|9]6|6[4|7]|5
T17(5|5(1015[9|5]|1017|7
819(6[7(9]|6(8|8[6|6]5
918(9|8[10|6|6|5]|9|5|4
107 (8[5]|5|7|9(4]7|8]|7

Fi1G. 4.2 — Cost associated with each of the 100 candidate zones.

figure 4.2. The available budget is 150 units and 100 species are considered. The
presence of a species in a given zone — with a sufficient abundance to be protected if
the corresponding zone is protected — is randomly drawn, with a probability equal
to 0.1. Figure 4.3 shows, for each candidate zone, the list of the species that are
protected if the zone is itself protected. It should be noted that, in this example, 9 of
the 100 species considered cannot be protected. These are species s7, $13, Sig, S23, 33,
S61, 573, Ss3, and syo.

Table 4.3 presents the results obtained for Problem I of table 4.2 with the
compactness criteria No. 1 and No. 2 of table 4.1 (see section 4.3.1). All instances
were resolved in less than one second of computation. Some of the reserves obtained
are shown in figure 4.4.

Table 4.4 presents the results obtained for Problem II of table 4.2 with the
compactness criteria No. 1 and No. 2 of table 4.1 and when the available budget, B,
is equal to 150 (see section 4.3.2). All the instances considered were resolved in less
than one second of computation. Some of the reserves obtained are shown in
figure 4.5.

Table 4.5 presents the results obtained for Problem III of table 4.2 with the
compactness criteria No. 1 and No. 2 of table 4.1 and an available budget, B, equal
to 150 (see section 4.3.3). All the instances considered were resolved in less than one
second of computation. Some of the obtained reserves are presented in figure 4.6.

4.5 Compactness Measure Specific to a Connected
Reserve: Protection of a Maximal Number of Species

of a Given Set by a Connected and Compact Reserve,
under a Budgetary Constraint

In this section, we focus on reserves that must, on the one hand, be connected and,
on the other hand, meet a compactness criterion. In a connected reserve, the species
can move through the whole reserve without leaving it (see chapter 3). With regard
to compactness, we consider here a different measure from those studied in the
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1 2 3 4 5 6 7 8 9 10
1575] 4 11 |3 5 85] - | 143147803485 122 353727 87
! 18 69| 89 38 |77 88
98
479 |28 92|31 423537 625 | 1932112529 53|34 51| 95
2 65 6884|6399 40 |8586| 99
¥ |1763] - 20 | 4199 |21 44| 50 - 2 ;
3 100
840 | - } 67 | 6395 [62679|94454] - |84054| 43
4 5869
98 | 3566 | 36 | 4672 | 2576 | 1832 | 8896 | 53 69 | 2644
5 7787 53
52 67 | 2882 - 44 | 27371966 | 84 | 559 | 57
6 4188 64 88
71 85 | 43 48 | 76 78 | 10 37 | - |46 59 | 14 62 | 10 12 | 15 25| 87
7 27 59 | 59 60
91 70
69 85 |41 45| 46 |4849 (3039 |4676| 814 | 370 | - 19
8 80 86 94 97
91
6399 |12 24|25 14] 98 [2694| 99 76 18 | 850 | 75
9 39 64 | 25 88 72 81
68
347 | 81 |17 58|48 93] 55 19 |12 60| 53 13 56
10171 74 85
97

F1G. 4.3 — For each of the 100 candidate zones, list of the indices of the species protected due
to the protection of the zone. For example, the protection of zone z;; leads to the protection of
species S and Sgg.

previous sections and which can only be applied to connected reserves, in contrast to
the 3 measures presented in table 4.1. To measure the compactness of such reserves,
we define the distance between two zones z; and z; as the shortest distance to travel
from zone z; to zone z; without leaving the reserve. As announced, this definition of
the distance between two zones of a reserve implies that this reserve is connected, in
contrast to the definition of the distance between two zones used in the compactness
measures No. 1 and No. 3 presented in table 4.1. The zones outside the connected
and compact reserves in which we are interested should also form a set of connected
zones. In other words, it must be possible to cross all the areas outside the reserve
without crossing the reserve in order to protect it from external disturbances. The
problem considered is to select a set of zones included in the set of candidate zones,
Z = {2z, 2,..., Zn}, to constitute a connected reserve that maximizes the number of
species protected by this reserve while respecting a compactness criterion and
budgetary constraint. The compactness criterion used here is described in detail
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TAB. 4.3 — Results obtained for Problem I of table 4.2 with the compactness criteria No.
1 and No. 2 of table 4.1, and for the instance described in figures 4.2 and 4.3. We consider 2
different values of the minimal number of species to be protected, Ns, 30 and 60. For each pair
(Ns, No. of the compactness criterion) considered, we study 2 values of the compactness
criterion, p, that should not be exceeded.

Problem I
Ns No. of the p  Number Cost of  Number of  Actual Associated
compactness of the protected value of figure
criterion selected selected species the
considered zones reserve criterion
30 1 4 9 62 30 3.6 4.4a
7 8 48 30 6.1 4.4b
2 0.9 20 125 31 0.9 —
1.5 10 68 30 1.5 -
60 1 4 - - - - -
7 26 170 60 6.7 -
2 0.9 32 219 60 0.9 4.4c
1.5 24 159 60 1.5 4.4d
— No feasible solution.
(a) (b) (© ()

Fic. 4.4 — Obtained reserves for 4 instances of Problem I (see table 4.3).

below. It can be assumed that the non-selected zones, i.e., those located outside the
reserve, will be used for urban, industrial or agricultural development. We are
interested in a set, S = {1, $,..., S}, of rare or threatened species present in these
zones. For each zone z; we know the list of the species present in this zone and, for
each species, its population size. The population size of species s, in zone z; is
denoted by n;, and reserve, R, is considered to protect species s, if and only if the
total population size of species s;, in this reserve is greater than or equal to a certain
threshold value, ;. Thus, the interest in protecting reserve, R, is measured by the
quantity Nbo(R) which expresses the number of species whose total population size
in the reserve is greater than or equal to the threshold value (chapter 1, section 1.1).
It is assumed that the movements of the species under consideration are only
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TAB. 4.4 — Results obtained for Problem II of table 4.2 with the compactness criteria No.
1 and No. 2 of table 4.1, for the instance described in figures 4.2 and 4.3, and when the value
of the available budget, B, is equal to 150. Two values of p, the compactness criterion value
that should not be exceeded are studied for each considered compactness criterion.

Problem IT

No. of the p Number Actual Number Actual Associated
compactness of cost of the of criterion figure
criterion selected selected protected value
considered zones reserve species
1 4 14 101 35 3.6 4.5a

7 23 149 57 6.7 4.5b
2 0.9 20 142 41 0.9 -

1.5 24 150 57 1.5 —

(@) (b)

FiG. 4.5 — Obtained reserves for 2 instances of Problem II (see table 4.4).

TAB. 4.5 — Results obtained for Problem III of table 4.2 with the compactness criteria No.
1 and No. 2 of table 4.1, for the instance described in figures 4.2 and 4.3, and when the value
of the available budget, B, is equal to 150. We consider 2 different values, 30 and 60, of the
minimal number of species to be protected, Ns.

Problem III

Ns No. of the Number  Actual cost Number Value of  Associated
compactness of of the of the figure
criterion selected selected protected  criterion
considered zones reserve species
30 1 11 82 30 3.2 4.6a
2 23 148 31 0.9 4.6¢
60 1 25 150 60 7.3 4.6b

22 150 60 1.7 4.6d
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(a) (b) (© (d)

Fic. 4.6 — Obtained reserves for 4 instances of Problem III (see table 4.5).

0 N N W B~ W N

Fic. 4.7 — The candidate zones form a grid of dimension 8 X 8. Each zone is a square whose
side length is equal to one unit. Among the 64 candidate zones, 17 are selected and form a
connected reserve.

possible within the reserve — the outside of the reserve being a too hostile environ-
ment — and these movements are made from a zone of the reserve to an adjacent zone
of this reserve. This notion of adjacency is considered to be the same for all species
considered. To facilitate the presentation of the examples, all the candidate zones
form a grid and two zones are considered adjacent if they share a common side. It is
then assumed, for measuring the length of a route, that the movements are made
gradually from the centre of a zone to the centre of an adjacent zone. We are looking
for a connected and compact reserve. In such a reserve, thanks to connectivity, the
species can circulate throughout the reserve without leaving it (figure 4.7) and,
thanks to compactness, the distance they have to travel within the reserve to get
from one zone to another is not too long. Let us now look at the precise definition of
compactness that we have chosen here.

Compactness. The compactness indicators usually use the Euclidean distance
between zones. This is the case for the criteria No. 1 and No. 3 of section 4.3, and
also for a measure of the compactness of a reserve equal to the radius of the smallest
circle containing the whole reserve (e.g., all the centres of each zone). On the reserve

in figure 4.8, we see that this radius is equal to /8 and the centre of the
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corresponding circle is located in the centre of the zone located at the intersection of
row 5 and column 5. This structural measure may not be relevant from a functional
point of view. Indeed, two zones may be relatively close as the crow flies but distant
when trying to travel from one to the other without leaving the reserve. This is the
case for the two light grey zones of the reserve shown in figure 4.8. The distance to
be covered to join these two zones is equal to 2 units — assuming that the distance
between two adjacent zones is equal to one unit — but the associated route leaves the
reserve. On the other hand, the minimal distance to be covered to join these two
zones without leaving the reserve is equal to 14 units. We will therefore use a more
realistic measure of compactness than the radius of the smallest circle containing the
whole reserve. Denote by R the reserve, i.e., the set of zones that constitute it. Let
d;;(R) be the minimal distance that the species must cover to get from zone z; to zone
z; without leaving the reserve. To each zone z; of the reserve R, its eccentricity is
associated. It is denoted by ecc(z,R) and defined as follows: ecc(z;, R) =
max{d;(R): z; € R}. The eccentricity of zone z; in reserve R is therefore equal to the
distance — defined above — between zone z; and the zone which is furthest from z;.
Finally, we define the compactness of a reserve by the minimal value of this quantity,
i.e., Comp(R) = min{ecc(z;, R) : z; € R}. This measure of the compactness of R is
also called the radius of R. With this definition, the compactness of the reserve
shown in figure 4.8 is equal to 7 — the eccentricity of the zone located at the inter-
section of row 5 and column 6.

Connectivity of the zones outside the reserve. When a set of zones is selected to
form a reserve, it may be desirable, in order to minimize disturbance of the reserve,
to be able to move through all the zones not belonging to the reserve without
crossing it. Indeed, some species and/or their habitats can be very sensitive to
human presence. This is the case, for example, for plant species that are damaged by
trampling (e.g., plants to stabilize dunes), animals whose normal behaviour is easily

0O N O w»n A W N

Fic. 4.8 — The candidate zones form a grid of dimension 8 X 8. Each zone is a square whose
side length is equal to one unit. Among the 64 candidate zones, 17 are selected and form a
connected reserve. The structural distance between the 2 zones 233 and 23 is equal to 2 units
while the functional distance between these two zones is equal to 14 units.
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disturbed, or species that are particularly affected by introduced diseases or invasive
species. The zones that do not belong to the reserve are made up of unselected
candidate zones to which one or more zones representing the territory located
outside the candidate zones are added. It is therefore necessary that this set of zones
that do not belong to the reserve be connected. It is assumed here that off-reserve
movements, such as movements within the reserve, can only be made by gradually
moving from one zone to an adjacent one. Consider figure 4.9 where the candidate
zones are represented by a grid of 64 square and identical zones. The selected reserve
contains 18 grey zones. Non-reserve zones are those zones of the grid that are not
selected, to which a zone representing the outside of the grid is added. Zones of the
grid that touch the outside of the grid are considered to be adjacent to the zone
representing the outside of the grid. The reserve shown in this figure is not an
admissible reserve because it is impossible, for example, to join the two zones

[T3R L]

marked with a “x” without crossing the reserve.

On the other hand, the reserve shown in figure 4.10 is admissible since it is
possible to move to all the zones outside the reserve — including the zone outside the
grid — without crossing the reserve.

Some definitions of graph theory (see appendix at the end of the book). Let
G = (V, E) be a connected graph where V = {vy, vs,..., v,} is the set of vertices and
FEis the set of edges. Denote by d;; the length of the minimal length chain connecting
vertices v; and v;. The eccentricity of vertex wv;, ecc(v;), is equal to the quantity
max;.,ev dij. The centre of G is, by definition, a vertex of minimal eccentricity and
its eccentricity is called the radius of the graph. In other words, the radius is the
smallest possible value that satisfies the following property: the distance between a
vertex — to be determined — and any other vertex is less than or equal to this value.
A connected graph has one or more centres. The graph in figure 4.11 includes 3
centres, vo, U5, and vs.

A tree is a connected graph without cycles. To work on a tree, it can be inter-
esting to particularize one of its vertices to make it a root. For tree A of root r, the
father of vertex v is the vertex adjacent to v and belonging to the chain connecting

1 23 45 6 78
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Fic. 4.9 — The 64 candidate zones form a grid of size 8 X 8. 18 zones are selected to form a
connected reserve. This reserve is not admissible because the zones that are not affected to the
reserve are not all connected.
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Fic. 4.10 — The 64 candidate zones form a grid of size 8 X 8. 20 zones are selected to form a
connected reserve. This reserve is admissible because the zones that are not affected to the
reserve are all connected — possibly through the zone outside the grid.

Fic. 4.11 — A connected graph, of radius 2, whose centres are v, v, and vg. The edges drawn
in bold define a spanning tree of height 2 if v is selected as the root of this tree.

the root to v. Root ris the only vertex of A without a father. The sons of a vertex
v are the vertices adjacent to v that are not the father of v. A leaf of A is a vertex
without sons and its degree is therefore equal to 1. The height of A, that we denote
by h(A), is the length of the chain of maximal length that connects the root to a leaf.
If all the edges of A are transformed into arcs oriented from the chosen root, r,
towards the leaves, we obtain an arborescence. A spanning tree of G = (V, E), is a
tree whose all edges belong to G, and which connects — covers or spans — all the
vertices of G. A spanning tree of G is therefore a tree, A = (V, E4), such that E4
CE. An induced sub-graph of G is a sub-graph of G defined by a subset of vertices of
V. More precisely, His an induced sub-graph of G if, for any pair of vertices {v;, v;} of
H, v; is connected to v; by an edge of H if and only if v; is connected to v; by an edge
of G.
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The above definitions allow us to state Property 4.1 below that we use in the
formulation of the problem.

Property 4.1. The radius of a connected graph G is less than or equal to p if and
only if G admits a spanning tree with a height less than or equal to p.

Proof. If G admits a spanning tree of height less than or equal to p, then the
eccentricity of its root, in G, is less than or equal to p, and the radius of G is,
therefore, itself less than or equal to p. Conversely, if the radius of G is less than or
equal to p, the graph composed of the shortest chains connecting a centre of G to all
the other vertices of G is, by definition, a spanning tree with a height less than or
equal to p.

Expression of the problem in terms of graphs. Let us associate to the set of can-
didate zones Z={z, #,..., z,} a non-oriented graph whose vertices are Z = {1, 2,
.., n} and such that there is an edge between vertex i and vertex jif two zones z; and
z; are adjacent. Defining a reserve whose compactness is less than or equal to p
consists in selecting a subset of zones, i.e., a subset of vertices of the graph associated
with the candidate zones, such that the sub-graph induced by this subset is con-
nected and with a radius less than or equal to p. With each vertex of the graph —
candidate zone — is associated a cost and the cost of a sub-graph is equal, by
definition, to the sum of the costs of its vertices.

The problem can then be formulated as follows: determine a subset of vertices,
with a cost less than or equal to the available budget, B, which induces a connected
sub-graph of radius less than or equal to p and which allows the greatest possible
number of species to be protected. Using property 4.1 above, the problem can be
reformulated as follows: determine a subset of vertices, of cost less than or equal to
the available budget, B, which admits a spanning tree with a height less than or
equal to p, and which allows the greatest possible number of species to be protected.
The consideration of the connectivity constraint for zones not belonging to the
reserve is considered later in section 4.5.2.

4.5.1 Mathematical Programmaing Formulation

The Boolean variables ¢, i € Z, h = 1,...,p+ 1, are used, which take the value 1 if
and only if zone z; is selected and assigned to level & of the searched spanning tree.
Level 1 corresponds to the root of the tree and the vertices of level h + 1 are
connected to the root by a chain of length h. Thus, t; = 1 implies that there is a
chain, of length less than or equal to h—1, from z; to the root and passing only
through the selected vertices. We also use the Boolean variables y;, k& € S, which
take the value 1 if and only if species s;, is protected by the selected reserve. In other
words, and taking into account the conditions for a species to be protected, y, = 1 if
and only if the total population size of species s;, present in the zones selected to form
the reserve is greater than or equal to the threshold value, 0;. To simplify the
presentation, we also use the working Boolean variables x; which can be simply
expressed as a function of variables ¢;;, and which take the value 1 if and only if zone
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z; is affected to the reserve. We can now formulate the problem as the linear program
in Boolean variables P, .

max . WYk
kes
p+1
h=1
Oryr < Z ngr; k€S (4.6.2)
i€
Sty =1 (4.6.3)
i€z
P4.6 : tih S Z tj,hfl Z (S Z, h = 2,. P + 1 (464)
s.t. jEA);
i€z
T € {0, 1} 1€ Z (4.6.6)
tihE{O,l} 1€Z, h=1,...,p+1 (4.6.7)
Y € {0, 1} ke S (4.6.8)

The economic function measures the weighted number of protected species — wy,
refers to the weight associated with species s;. Indeed, due to constraints 4.6.2, the
Boolean variable y;, is necessarily equal to 0 if the total population size of species s,
in the reserve is lower than the threshold value, 0;. Otherwise, it takes the value 1 —
at the optimum of P, — since the aim is to maximize the value of the economic
function. Constraints 4.6.1 express variables x; as a function of variables ¢;,: z; = 1 if
and only if zone z; is assigned to one (and only one) of the p + 1 levels of the tree.
Constraint 4.6.3 corresponds to the choice of the root vertex: the root must be
chosen in one and only one vertex. According to constraints 4.6.4, if zone z; is
selected and assigned to level h of the tree, then at least one of its adjacent zones
must be selected and assigned to level h—1. Adj; refers to all the indices of the zones
adjacent to zone z;. Constraint 4.6.5 expresses the budgetary constraint. Finally,
constraints 4.6.6-4.6.8 specify the Boolean nature of all variables in program P .

4.5.2 Connectivity of Zones Outside the Reserve

To determine an optimal reserve that takes this constraint into account, we can
proceed as follows: (1) solve P, ¢ without taking it into account, (2) if the constraint
is satisfied by the solution obtained, then this solution is the optimal solution to the
problem, (3) if not, solve P, ¢ again, but with an additional constraint to prohibit
the obtained configuration. The process is repeated until an admissible reserve is
obtained. Computational experiments have shown that, at least under our experi-
mental conditions, an admissible reserve is obtained directly — i.e., by solving P4 ¢
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once — in more than one case out of three and that if this is not the case, a few
iterations are sufficient to obtain an admissible solution. Let us look more precisely
at a way of implementing point (3). Given a reserve, a set of “isolated” zones is
defined as a set of candidate zones, not belonging to the reserve, in one piece —
connected — that cannot be reached from outside the grid without crossing the
reserve and that is maximal in the inclusion sense. A set of “isolating” zones is
associated with any set of isolated zones as follows: any reserve containing all the
zones of the set of isolating zones is admissible only if it contains all the zones of the
set of isolated zones. In fact, we associate to any subset of isolated zones a set of
isolating zones, minimal in the inclusion sense. If Z denotes a set of isolated zones
and Z°, the set of isolating zones associated with Z%, then any admissible reserve
must satisfy constraint C4q;. It should be noted that the reserve that had been
obtained is no longer admissible.

C4_112 Z Z; Z |Za| (1— Z (1—I2)>

i:z4€29 i 4,€20

Indeed, if all the zones of the set of isolating zones are selected, constraint C, q¢
becomes ;.. ;. 7> |Z°] and imposes that all the zones of the set of isolated
zones are selected in the reserve. On the contrary, if ¢ (>1) zones of the set of
isolating zones are not selected, this constraint becomes ) ;.. ., 2> |29 (1 - q)
and is then inactive — always satisfied.

In summary, if the solution obtained by P, ¢ corresponds to a reserve with at
least one set of isolated zones, it is necessary to add constraint C, 17 to the program
and solve it again. The process must then be iterated — keeping the constraints
already added — until a reserve is obtained without a set of isolated zones. Let us
again take the example of figure 4.9 and assume that the resolution of P, g results in
the reserve of this figure. It is then necessary to add to P,¢ the constraint
g5 4 246 > 2 (1 4 235 + 236 + Tag + 247 + 55 + 156 — 6).

4.5.3 Computational Experiments

In order to test the effectiveness of the approach, we considered different instances of
the problem and solved them with the mathematical program P,¢. We considered
hypothetical instances constructed from a set of zones forming a grid of 20 x 20
identical square zones whose length of sides is equal to one unit, and 100 hypo-
thetical species, which are divided into 3 groups whose weight in the economic
function is equal to 10, 5, and 1, respectively.

e Group I (species numbered 1 to 20): These species are rare; they are present in
only 10% of the candidate zones and their presence is randomly selected.

e Group II (species numbered 21 to 50): These species are relatively rare; they are
present in only 20% of the candidate zones and their presence is randomly
selected.
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e Group IIT (species numbered 51 to 100): These species are relatively common;
they are present in 30% of the candidate zones and their presence is randomly
selected.

For each species present in a zone, its population size in that zone is chosen at
random according to the uniform law, between 5 and 10 units. In order to simplify
the presentation, the minimal size of the total population necessary for the survival
of each of the 100 species considered is set to 25. The distance between two adjacent
zones is equal to the distance between their centres, i.e., one unit. The costs asso-
ciated with each zone are randomly selected, according to the uniform law, between
5 and 20 units. With regard to compactness, 5 values of p are considered, 4, 5, 6, 7,
and 8, and for each of these values, 3 values of the available budget, B, are con-
sidered, 150, 300, and 450. We also randomly select 3 zones that must necessarily
belong to the reserve and, on the contrary, 20 zones that cannot be included in it.
With these values, the reserves obtained allow for the protection of 0-100 species
and the value of the economic function — the weighted number of protected species —
varies from 0 to 400. The computation results are presented in table 4.6. All the
instances considered could be solved. When p = 3, there are no admissible reserves,
regardless of the value of B considered, and the resolution of P, g for these 3 values of
Brequires less than one second of computation. As expected, the resolution of P g is
very fast for small radius values, p, and slower for large values. Indeed, the number of
Boolean variables t,; — associated with zone z; and level h — increases rapidly with
the value of p; in our experiments, this number is equal to 400(p + 1). Several hours
of computation are required to solve the problem when p = 8 and B = 300. It can
also be seen that, for any fixed value of the radius, the CPU time increases with the
budget up to a certain value and then decreases. The resolution of program P, ¢
provides, for 9 instances out of 15, a reserve with at least one enclave — zones outside
the reserve and isolated. The results presented in table 4.6 show that, for these 9
instances, only a few iterations are sufficient to determine a reserve without an
enclave. They also show that taking into account the connectivity constraint for the
zones outside the reserve deteriorates only slightly the value of the economic func-
tion. Figure 4.12a shows the reserve obtained by solving P,s with p = 6 and
B = 300 without taking into account the connectivity constraint for the zones
outside the reserve. We see that zone zgq is isolated. Figure 4.12b shows the optimal
reserve without an enclave. Respecting the “no enclave” constraint does not sig-
nificantly penalize the value of the solution: it decreases by only 5 units out of 310 —
less than 2%. On the other hand, the structure of the reserve has been profoundly
modified. A table such as table 4.6 can help a decision-maker to choose the level of
compactness of the envisaged reserve. In this example, if he/she can only use a
budget of 150 units, he/she can afford to look for a very compact reserve. Indeed, in
this case, the compactness constraint does not influence the optimal value of the
weighted number of protected species. In contrast, if he/she has a larger budget,
such as 300 units, he/she must deal with a compromise between the compactness
and the weighted number of protected species.



TAB. 4.6 — Results obtained by solving program P, ¢ for hypothetical instances, constructed from a grid 20 x 20 with 100 hypothetical species,
when 0, = 25 for all k € S.

p B Number of protected Economic CPU Presence of Number of iterations to ~ Final value of Additional
species in each group function time enclaves in the obtain a reserve the economic CPU time
(I, 11, I1I) value (s) obtained reserve without enclaves function (s)
4 150 1,11, 37 102 1 No - B
300 7, 25, 50 245 1 Yes 4 235
450 8, 30, 50 280 1 Yes 2 270 1
5 150 1,11, 37 102 3 No
300 10, 28, 50 290 11 Yes 1 290 4
450 16, 30, 50 360 1 Yes 3 350 3
6 150 1,11, 37 102 8 No - - -
300 11, 30, 50 310 174 Yes 2 305 292
450 20, 30, 50 400 3 Yes 5 390 28
7 150 1, 11, 37 102 24 No - - -
300 13, 28, 50 320 1,046 Yes 1 320 881
450 20, 30, 50 400 3 Yes 2 400 7
8 150 1,11, 37 102 207 No - - -
300 13, 30, 50 330 10,267 Yes 3 325 27,292
450 20, 30, 50 400 5 No - - -
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Fic. 4.12 — Two optimal connected reserves, with a radius of 6 or less and a cost of 300 or less.
(a) The centre of the reserve is zone zy. 11 species in Group I and all the species in Groups II
and III are protected. The value of the solution is 310 but zone zg5, which does not belong to
the reserve, is isolated by zones zsg, 257, 276, and zgs. (b) The centre of the reserve is zone zgs.
11 species in Group I and all the species in Groups II and III, except one species in Group II,
are protected. The value of the solution is 305 and there is no enclave in this reserve.
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Chapter 5

Other Spatial Aspects

5.1 Introduction

Chapters 2, 3 and 4 cover the most common spatial aspects involved in reserve
design: fragmentation, connectivity, and compactness. In this chapter, we are
interested in other spatial aspects involved in the design and management of a
reserve. In section 5.2, we distinguish, among the zones of a reserve, those that can
be considered as belonging to a central part and those that can be considered as
belonging to a buffer part. We also associate two types of species with this kind of
reserve: those that can live either in the central part or in the buffer part and those
that can only live in the central part. In sections 5.3 and 5.4, we are interested in
protecting species living in forests benefiting from a degree of management by also
distinguishing several types of species: those that live mainly in forest parcels where
the wood has been harvested — cut — those that live mainly on the edge, i.e., at the
border between a cut and an uncut parcel, and those that live in an uncut parcel
network. Finally, in section 5.5, we look at the classic problem of selecting zones from
a set of candidate zones in order to constitute a reserve, but here the definition of the
candidate zones implies that not all of these zones are necessarily two-by-two
disjoined. The protection of one zone can, therefore, automatically lead to the
protection of part of another zone.

5.2 Reserve with Central Part and Buffer Part

In this section, we consider reserves formed by two parts: a “central” part and a
“non-central” part. A zone of the reserve is said to be in the central part if it is “far
enough” from the outside of the reserve. This central part is thus protected from the
negative effects of activities outside the reserve. It can also simply, by being far
enough from the outside of the reserve, ensures a certain climate in this part (heat,
sunshine, humidity). The central part, which can be considered as the core of the
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reserve, therefore has no common border with the outside of the reserve. To be
ecologically effective, taking into account the conservation objectives, the
non-central part, called the buffer part, must be large enough. The distance that
must be maintained between the part considered as central and the outside of the
reserve depends on (1) the species that are to be protected in that central part,
(2) the nature of the activities that take place outside the reserve, and (3) the ability
of the buffer part to protect the central part from the effects of these activities. For
example, the topography of the reserve can be taken into account. The buffer part
completely surrounds the central part. The biodiversity protection within the buffer
part itself may be relatively limited. On the other hand, this buffer part, which
provides additional protection for the zones of the central part, may be fundamental
for the protection of biodiversity in the central part. It should be noted that certain
activities incompatible with the protection of biodiversity in the central part may be
authorized in the buffer part.

Example 5.1. Let us consider a set of candidate zones represented by a grid of
15 x 15 square and identical zones whose side lengths are equal to one unit.
Figure 5.1 shows 2 reserves, defined on this grid, with a central part and a buffer
part. In both cases, according to its definition, the central part never touches the
outside of the reserve but, in case (b), the buffer part is larger than in case (a).
Indeed, in case (a) the smallest distance separating a point of the reserve from a
point outside it is equal to one unit. In case (b), this distance is equal to two units.
The area of the reserve allocated to the buffer part depends, as we have said, on the
desired level of protection for the central part but also on the size and shape of the
reserve. Proportionally, the area of the buffer part is larger for a small and/or
non-compact reserve than for a large and/or compact reserve. Figure 5.2 illustrates
that for two relatively compact reserves, the buffer part is proportionally smaller in a
large reserve than in a small one. In case (a), the area of the buffer part represents
about 50% of the reserve while in case (b), it represents 60%.

(a) (b)

Fi1G. 5.1 — Two examples of reserves including a central part and a buffer part. The zones in
the central part are shown in black and those in the buffer part are shown in grey. In case (b),
the buffer part is larger than in case (a).
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(a) (b)

F1G. 5.2 — Two examples of reserves of different sizes including a central part and a buffer
part. The zones in the central part are shown in black and those in the buffer part are shown in
grey. Proportionally, the buffer part in case (b) is larger than in case (a).

From a species protection perspective, the zones in the central part of the reserve
can be considered to be used to protect threatened species and the buffer part can be
considered to only provide additional protection to the zones in the central part. It
can also be considered that the characteristics of the buffer part are favourable to
certain species and that these species are, therefore, protected if they live in the
buffer part. These species can also generally be considered as protected if they live in
the central part. In addition, as mentioned above, certain activities may be
authorized in the buffer part, such as forest harvesting, environmentally friendly
farming, and recreational activities.

5.2.1 Minimal Cost Protection of All the Considered
Species

We examine here the selection of reserves with central parts and buffer parts. As in
the previous chapters, we consider a set of candidate zones, Z = {z, #,..., z,}, and
we denote by Z the set of corresponding indices. To simplify the presentation, a zone
of the reserve is considered to be in the central part if it is completely surrounded by
other zones of the reserve. It should be noted that the model studied in the following
could very easily be adapted to different and/or more elaborate definitions of the
central part. We also consider a set of species to be protected, S = {s1, $2,..., Sin}-
This set is divided into two groups, S; and S,. To be protected, a species of the group
S1 must occur in at least one protected zone belonging to the central part and a
species of the group S, must occur in at least one protected zone belonging either to
the central part or to the buffer part. We denote by S; and S, the set of indices
corresponding to the sets of species S; and S5, respectively. As mentioned above, a
selected zone is considered to be in the central part of the reserve if all the sur-
rounding zones have also been selected, either in the central part or in the buffer
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part. Several problems may arise with regard to the protection of the species under
consideration. The problem here is to determine a subset of zones, of minimal cost,
that can protect all the species. For each zone, we know the list of the species present
in that zone. If this zone is protected and is located in the central part, it is con-
sidered to ensure the protection of all the species of this list; if this zone is protected
and is located in the buffer part, it is considered to only ensure the protection of the
species of the list belonging to the group S;. We denote by Z;, the set of zones hosting
species si, and Z;, the set of corresponding indices.

5.2.2 Mathematical Programming Formulation

Consider the Boolean variable t;, i € Z, which is equal to 1 if and only if zone z; is
selected and belongs to the central part of the reserve, and the Boolean variable z;,
which is equal to 1 if and only if zone z; is selected and belongs either to the buffer
part or to the central part. Thus, variable z; is equal to 1 if and only if zone z; is
selected to form the reserve. It should be noted that the reserve may be made up
of several separate “sub-reserves”. In this case, there will be several central parts
and several buffer parts. Let ZCCZ be the set of indices of the candidate zones for
the central parts and I;CZ the set formed by the index 7 and the set of indices of
the neighbouring zones of zone z;, and which must be selected, either in a
central part or in a buffer part, to give zone z; the status of a zone belonging to a
central part. The problem can be formulated as the linear program in Boolean
variables Ps ;.

min Z C; T

i€Z

Stt>1 kelS, (5.1.1) | t;€{0,1} i€ZC (5.1.4)
Psq: €2,
st Y m>1 ke, (5.1.2) | z€{0,1} ieZ (5.1.5)

i€z,

b <z i€ZC,jel; (51.3)

The economic function expresses the total cost of the reserve. Constraints 5.1.1
express that, for each species s, of group Sj, at least one of the zones hosting that
species must be, on the one hand, retained in the reserve and, on the other hand,
located in the central part of that reserve. Constraints 5.1.2 express that, for each
species s; of group S, at least one of the zones hosting that species must be retained
in the reserve, i.e., located either in the central part or in the buffer part. Constraints
5.1.3 express that if zone z; is retained to constitute the central part of the reserve
then all the surrounding zones, i.e., all zones zj, j € I;, must also be retained in the
reserve, either in the central part or in the buffer part. Constraints 5.1.4 and 5.1.5
specify the Boolean nature of variables t; and ;.
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5.2.3 FExzample

Consider a set of 100 candidate zones for protection represented by a grid of 10 x 10
square and identical zones (figure 5.3). It is considered here that a retained zone
belongs to the central part of the reserve if and only if the 8 surrounding zones are
also part of the reserve. This example concerns 10 species and figure 5.3 shows the
names of the species that are hosted by each of the zones, and also the cost of
protecting these zones.

The group of species S, i.e., those species which, in order to be protected,
require to be present in at least one zone of the central part of the reserve, consists of
the 3 species s;, $o, and s3; the group S; consists of the other 7 species, sy, ss5, S, S7,
Sg, S9, and s1g. Recall that the problem considered is to determine a subset of zones,
of minimal cost, that allows all the species to be protected.

The optimal reserve is shown in figure 5.4. Its cost is 113 units; it is made up of
two parts, not connected, comprising a total of 24 zones, 3 of which are located in a
central part. For example, zone zyg is in the central part because the 8 surrounding
ZONES, 288, 289, 28,105 208; 29:10, 210.8, 210,0, and 210 19 are part of the reserve.

1 S8 83 §2 83

6 6 6 4 4 4 4 8 8 8
) S2 S5 51 $285 |S8 S10 [S3

6 6 6 4 4 4 4 8 8 8
3 Ss $1 S10

6 6 6 4 4 4 4 8 8 8
4|85 S1 So $387 |So So S3

5 5 5 3 3 3 3 7 7 7
5 S6 10 53

5 5 5 3 3 3 3 7 Tl ss 7
6 |53 Ss S6 $2 S4

5 5 5 3 3 3 3 7 7 7
7 S8 S8 S2

5 5 5 3 3 3 3 7 7 7
g |52 S1 S9 S10 §2 S 89

4 4 4 6 6 6 6 5 5 5
9 5387 S10 So9 53

4 4 4 6 6 6 6 5 5 5

10 S8 §2 83
4 4 4 6 6 6 6 5 5 5

F1G. 5.3 — A set of 100 candidate zones for protection and, for each zone, the species that
are present and the cost associated with the protection of the zone. For example, the zone at
the intersection of row 8 and column 7 contains species sy and $19, and the cost of its
protection is 6.



86 Designing Protected Area Networks

2 S5 81
4 4 4 4
3 S1 S10
4 4 4
4 $387 | S9 S9

5
6 &
7
7 Ss Sz
7 7 7
8 S S9
5 5
9 2
5 5
10 §2 83
5 5 5

Fic. 5.4 — Optimal reserve that allows all the species to be protected for the instance
described in figure 5.3. The 3 zones located in the central part of the reserve are represented in
black and allow species s, sy, and s3 to be protected.

5.3 [Edge Effect in Forest Exploitation

Sustainable forest management has economic, environmental and human well-being
aspects. Since 1992, this concept has been clarified by international conferences and
France has included it in the 2001 Forest Policy Act: “Sustainable forest manage-
ment guarantees their biological diversity, productivity, regeneration capacity,
vitality and ability to satisfy, now and in the future, relevant economic, ecological
and social functions, at the local, national and international levels, without causing
damage to other ecosystems”. There are many publications on the subject involving
the notion of optimization. Below, we study, as an example, a sustainable forest
management problem that takes into account the impact of edges in the protection
of certain species and is presented by Hof and Bevers (1998). This problem is about
how to exploit the forest, more precisely how to harvest it, in order to protect two
species as efficiently as possible, knowing that the harvested zones constitute a
habitat favourable for the former and that boundaries between harvested and
non-harvested zones — the edges — constitute a favourable habitat for the latter.
Other criteria could easily be added to determine an optimal forest harvesting
strategy such as, for example, income from harvested timber.
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5.3.1 Optimal Protection of Two Species

We consider a set, Z, of forest zones — or parcels — that are square and identical,
represented by a grid of nr rows and nc columns and two species, s; and s;. Denote
by z; the zone at the intersection of row i and column j, [ the side length of the zones
and Z, the set of index pairs associated with the zones, i.e., Z ={1,..,nr}x
{1,...,nc}. The habitat of species s; is mainly in cut zones and the habitat of species
$o is mainly in the edges between cut and uncut zones. For example, the goshawk
population likes this edge habitat, in the vicinity of which there are open zones
where it can hunt small mammals living in the same habitat. To simplify the pre-
sentation, it is considered that all the zones represented by the grid are initially
uncut and that the zone outside the grid is a cut zone. The total expected popu-
lation size of species s; in each cut (resp. uncut) zone z; is equal to n;; (resp. 0). The
total expected population size of species s, is equal to gL where g refers to the
expected population size of species sy for each kilometre of edge and L to the total
edge length taking into account the cuts made. The problem is to determine the
zones to be cut and the zones to be left as they are in order to maximize the weighted
sum of the total population sizes of species s; and s,. The weighting reflects the
different importance given to the two species. The weight w; is assigned to the
population of species s; and weight w, to the population of species s,.

5.3.2 Mathematical Programming Formulation

First, let us give the formulation proposed by Hof and Bevers (1998). These authors
associate to each zone z; the Boolean variable z;; which is equal to 1 if and only if the
zone is not cut. They also associate to each zone z; the additional positive or zero
variable d;;, which represents the number of sides of this zone — from 0 to 4 — that do
not form part of the edge when this zone is uncut; in the case where zone z; is cut,
variable d;; is equal to 0. Finally, these authors formulate the problem as the
mixed-integer linear program Pj 5.

max w; y. ny(l—zy)+ungl D (day — dy)
(ij)eZ (ij) e Z
di> > mu— |Adjy|(1—ay) (i) € Z (5.2.1)
Pso: (k,D)eAdj,;
s.t. dy >0 (i,7) € Z (5.2.2)
2y € {0,1} (i,5) € Z (5.2.3)

In program Pj,, Adj;; refers to the set of couples (k, I) such that zone z is
adjacent to zone z;. Remember that w; and w, are the weighting coefficients and [is
the side length of each parcel. The first part of the economic function expresses the
total weighted population size of species s;. Indeed, the total population size of this
species in zone z; is equal to ny; if the parcel z;is cut — z;; = 0 — and to zero if the
parcel is not cut — z;; = 1. The second part of the economic function expresses the
weighted total population size of species s, since the total length of the edge can be
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calculated by summing, on all uncut zones, the zone’s contribution to this edge.
We can verify that with the definition of variable d;;, the contribution of the uncut
zone z; to the length of the edge is equal to 4z;—d;;. The total length of the edge is
therefore equal to lzw) ez (4 — d;;) and the total population size of species s, is

therefore equal to this last quantity multiplied by g¢. Let us now examine the
behaviour of the positive or zero variable d;; in relation to the Boolean variable z;;.
Because of the economic function to be maximized, variable d;; takes, at the opti-
mum of P55, the smallest possible value, i.e., because of constraints 5.2.1 and 5.2.2,

the value max{z(k DeAdj, TH — |Adj7;j| (1 — =), 0}. If zone z; is not cut — z;; = 1 -
DeAdj, -

variable d;;is equal to Z( kD)eAd),, T i.e., the number of uncut zones adjacent to z;. If
b El 1]

zone z; is cut — z; =0 — dy = max{ E(kyl)eAde Ty — |Adjij|, O}, which implies
d;; = 0. This means that, if zone z; is cut, its contribution to the edge length is equal
to 0. Finally, the quantity 4z;—d;; is well equal to the number of sides of zone z; that
are part of the edge when this zone is uncut and to 0, when this zone is cut.

We propose below an alternative formulation of the problem, based on the fol-
lowing observation: an edge separating two zones, z; and z, is to be taken into
account in the calculation of the edge length if and only if zone z; is cut while zone 2,
is not or if it is the opposite. In order not to count the same edge several times, only
the following two adjacent zones are considered for any zone z;: the one located “to
the right” of z;; and the one located “under” z;. As in the previous formulation, with
each zone z; is associated the Boolean variable z;; which is equal to 1 if and only if
the zone is uncut. The problem can then be formulated as the non-linear program in

Boolean variables Py 5.

max wp Z njj(l — IU)

(i) € Z
Pss + wzgl( > (mytou—2mm)+ Y mi+ ) :m)
(ij,k,1) e P (i) € Q (ij)eU

st.|z;€{0,1} (i,j) € Z (5.3.1)

where P = {(4,7,k, 1) € Z*: (k1) = (i+1,5) or (k, 1) = (i,5+ 1)}, Q = {(4,5) € (M
xN):i=1ori=norj=1orj=m},and U={(1,1),(1,m), (n,1),(n,m)}.
The first part of the economic function is identical to that of P 5. Let us look at
the second part. Consider two zones, z; and 2y, 2 being adjacent to z;; and located
to the right or below it. Let us check that the quantity is indeed equal to the number
of sides to be taken into account — 0 or 1 — in the edge possibly generated by the
adjacency of zones z; and 2. This is indeed the case since if these 2 zones are not
cut, this quantity is equal to 1 + 1-2 = 0, if these two zones are cut, it is equal to
0 4+ 0—0 = 0 and, finally, if one of the zones is cut and the other not, it is equal to
1+ 0-0=10r0+ 1-0 = 1. The quantity Z(z’,j,k,l)eP (2 + o1 — 2w;52) is therefore
well equal to the number of sides belonging to the edge and coming from the
adjacency of all the pairs of zones. To count the total number of sides belonging to
the edge, it is still necessary to take into account the uncut zones that are adjacent
to the outside of the grid. Since the zone outside the grid is considered a cut zone, it
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is easy to verify that the number of sides belonging to these zones and forming part
of the edge is equal to D, e o Zij + 2 (i jer Zij- It must be taken into account that if
the zones z;;, (i,7) € U, are not cut, two of their sides belong to the edge between
these zones and the outside of the grid.

The advantage of this formulation is that the matrix of constraints associated with
its classic linearization is totally unimodular (TU), which is not the case with the matrix
of constraints associated with program P55 (see appendix at the end of the book). The
classic linearization of Pj5 5 consists in replacing the products z;x,; by variables y;;, and
adding the linear constraints 1 — z;; — o + ysu > 0 and yu > 0 to force the equality
Yij = T at the optimum (see appendix at the end of the book). We show that the
constraint matrix of this linearization is TU, based on the fact that the vertex-edge
incidence matrix of a bipartite graph is TU (see, for example, Nemhauser & Wolsey,
1988). This formulation, therefore, allows large-sized instances of the problem to be
solved without difficulty. Let us examine this second formulation of the problem; it is
written as the mixed-integer linear program Ps 4.

max wq Z ’N/Z](l — -Tij)
(ij)ez
+ wa gl ( Yoo (it aw —2ygn)+ > i+ Y. xi])
P54 (irj,k.D)eP (i.)€Q (if)eU
l—aj—aw+ym=>0 (i,5,k1)eP (54.1)
s.b.| Yyt =0 (i,5,k, 1)) e P (54.2)
z; € {0,1} (i,j) € Z  (5.4.3)

Let us study the matrix A associated with the set of constraints Cs; below and
derived from constraints 5.4.1 and 5.4.3.

C. o i+ oy — ygu <1 (i,5,k 1) € P
sl xz'jé]- (17]) S Z

The matrix A is composed of the three sub-matrices, B, C, and D: A = (iDC)

(figure 5.5). Let G = (Z, E) be the graph defined as follows: with each zone z;; of Zis
associated a vertex, and two vertices, (4, j) and (%, [), are connected by an edge if and
only if the two zones z; and z, have a common side. This graph is a grid and,
therefore, a bipartite graph (figure 5.6). Matrix B is the transposed matrix of the
vertex-edge incidence matrix of the graph; it is therefore TU. Each column in matrix
C has a single non-zero element that is equal to —1. Using calculation of matrix
determinants (expansion by cofactors), it can be shown that the determinant of any
square sub-matrix of (B, C) belongs to {—1, 0, 1}. (B, C) is therefore TU. Similarly,

each row of D has a single non-zero element that is equal to 1; the matrix (iDC) is

therefore TU. Recall that the minor, My; of a square matrix M is the determinant of
the matrix obtained by eliminating the ith row and the jth column of M. The
cofactor, Cj;, of the matrix M is defined by Cj; = (—=1)"/M,;



90 Designing Protected Area Networks

X1 e X eee X e Xy V11120 oo Vil oo+ Vmun—Lmn
-1

Fic. 5.5 — The non-zero terms of the matrix, A, i.e., the matrix corresponding to the set of
inequalities Cs 12 2 + 2w — Yy <1, (4,7, k,1) € P, and z; <1, (i,5) € Z.

B Jh 4B ab dis

> 5 o 0 o -

r—

9909 -
99 09 -
990909 -
9 0 o ¢ -
oo oo -

F1G. 5.6 — Graph associated with a grid with 5 rows and 7 columns. The edges are represented
by bold lines and the vertices by black circles.

In conclusion, since (1) matrix A associated with the constraints of P54 is TU
and (2) the vector of the second members of the constraint set Cs; is an integer
vector, the problem considered can be formulated as the linear program in real
variables Py 5 which corresponds to program Ps 4 in which the integrality constraint
has been relaxed.
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max w Z nij(lf%')

(ij)eZ
+wpgl | D0 (witaw—2ym)+ D m+ D @
P (ij,k,0) € P (ij) € Q (i.j) e U
5.5
1 -y — o+ Yy >0 (i,7,k, 1) e P (5.5.1)
s.t.| i =0 (i,7,k, 1) e P (5.5.2)
0<m; <1 (i,) € Z (5.5.3)

5.3.3 FExzamples

Ezxample A. Consider the instance represented by a grid of 5 x 5 square and iden-
tical zones (figure 5.7a). The values n;; are indicated in each zone of the grid. The
side length of each zone is equal to 3 units, the weights associated with species s; and
sy are equal to 2 and 1, respectively, and the coefficient ¢ is equal to 1.26157. The
solution is given in figure 5.7b in which the uncut zones are shown in grey. In this
solution, 5 zones are uncut, the number of species s; is equal to 191, the number of
species s, is equal to 60.56, the number of sides belonging to the edge is equal to 16
and the value of the economic function is equal to 442.56.

Ezample B. Consider a second instance represented by a grid of 10 x 10 identical
square zones and presented in figure 5.8. The values n;; are indicated in each zone of
the grid. The side length of each zone is equal to 3 units, the weights associated with
species s; and s, are respectively equal to 1 and 5, and the coefficient ¢ is equal to
1.26157.

The optimal solution for this instance is given in figure 5.9a in which the uncut zones
are shown in grey. In this solution, 21 zones are uncut, the number of species s; is

1 2 3 4 5 1 2 3 4 5
1110 |10 |10 | 1 | 10 1
2110 |10 | 1 1 |10 2
3/]10 (10| 1 |10 | 10 3
411 |10 |10 |10 | 10 4
511 (10|10 |10 | 10 5

Fic. 5.7 — A hypothetical forest massif represented by a grid of 5 x 5 square and identical
zones. (a) The values n;; are given in each zone. (b) Cut — white — and uncut — grey — zones in
an optimal solution.
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1 2 3 4 5 6 7 8 9 10
84168979864 |89|82|71|74|76
87|83(98(75[60|90|78|67 92|94
84|68 |70 (81|67 |61|73|92|86|90
79162 |86(79|73|84|76|98 |84 |90
6272|166 (72192|80|71|91 87|70
85|77|63(93[90|94|76|81|99 |98
76|63 |66 |84194193|72|92|79 |65
76|63 (92|69 |60 |88|79|93|66|73
92 (82(77|72|77|81|89 (95|80 80
88|89 (83(86(69|78|91|64|94|92

—_

O 0 N AN W B~ W N

(=]

Fic. 5.8 — A hypothetical forest massif represented by a grid of 10 x 10 square and identical
zones. The values n;; are given in each zone.

F1c. 5.9 — (a) Cut zones — in white — and uncut zones — in grey — in an optimal solution of the
instance described in figure 5.8; (b) Cut zones — in white — and uncut zones — in grey — in an
optimal solution of the instance described in figure 5.8 in the case where the number of uncut
zones must be greater than or equal to 60.

6,630, the number of species s, is 317.92, the number of sides belonging to the edge is
84 and the value of the economic function is 8,219.58.

Ezample C. Now consider the same instance as in Example B above but with the
following additional constraint: the number of uncut zones must be greater than or
equal to 60. Adding this constraint causes the loss of the TU property of the con-
straint matrix associated with this variant of the initial problem. To solve it, it is
therefore necessary to solve the mathematical program Ps, to which is added
the constraint Z(i_j)e 2 iy = 60. The optimal solution of this instance is given by

figure 5.9b in which the uncut zones are represented in grey. In this solution, 60 zones
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are uncut, the number of species s; is 3,272, the number of species s, is 696.39, the
number of sides belonging to the edge is 184 and the value of the economic function
is 6,753.93.

5.4 Connectivity Properties in Forest Exploitation

5.4.1 Optimal Protection of Two Species

The problem studied in this section is similar to the one studied in section 5.3, in
that it consists in defining the exploitation of a forest region in order to protect
certain species present in that region. We consider a set, Z, of square and identical
forest zones represented by a grid of nr rows and nc columns and two species, s; and
59, living in these zones. Denote by z; the zone at the intersection of row 4 and
column j, and Z the set of index pairs associated with the zones, i.e., Z =
{1,...,nr} x {1,...,nc}. The problem is to determine the zones to be cut and the
zones to be left as they are in order to maximize the weighted sum of the population
sizes of species s; and s,. The weight w; is assigned to the population size of species
s; and weight w, to the population size of species s,. The total expected population
size of species s; in each cut (resp. uncut) zone z; is equal to n; (resp. 0). The
calculation of the population size of species s, differs from that of section 5.3. The
habitat of this species is composed of uncut zones but in each zone, its population
size depends on the connection of this zone with the other uncut zones, more pre-
cisely on the probability that this zone is connected to at least one other uncut zone.
Several studies aiming to optimize landscape configuration take into account this
type of dependence between zones. Hof and Bevers (1998) propose a simple linear
approximation of the population size of species s, for a particular case of the con-
nection probabilities. We propose here a general method, which can be used with
any set of connection probabilities, to estimate with great accuracy the population
size of this species. As in section 5.3, with each zone z; is associated a Boolean
variable, z;;, which is equal to 1 if and only if the zone is uncut. The population size
of species s; in the set of considered zones is then equal to >, ) n;(1 — ;). The
population size of species s, is more difficult to estimate. As mentioned above, its
habitat consists of uncut zones. The population size of this species is equal to
> (ijez TiiPRyz; where PRy (0 <PR;; <1) refers to the connectivity of zone z;
with other uncut zones, and 7;; is the population size of species s, in zone z; when
PR; =1 and x;; = 1. Two zones, z; and 2, are considered to be connected with a
certain probability, denoted by pr;;; (0 <pr;;; <1). It is further assumed that all
these probabilities are independent. The connectivity of zone z;; is measured by the
probability that this zone is connected to the other uncut zones and we assume that
this probability is equal to the probability that this zone is connected to at least one
other uncut zone. The connectivity of zone z; PR, is therefore equal to 1 —

H(k ez (1 — priﬂdxkl) with pr;; = 0. It is further assumed that species s, can only
survive in the set of considered zones if at least TH of these zones are not cut.
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5.4.2 Illustration of the Problem

Let us consider a forest region represented by a grid of 5 x 5 square and identical
zones (figure 5.10). In each zone, the values of z;; and n,; are specified, 7;; being
placed above n;. A feasible solution is shown in this figure in which the grey zones
are the uncut zones (z; = 1).

Given zone 2, suppose that pr;;; = 0.5 if zone z;,; belongs to the set of zones that
immediately surround zone z;;, that pr;;; = 0.15 if zone 2, belongs to the set of zones
that surround the previous set of zones, and that pr;;; = 0 for the other zones 2.
Figure 5.11 shows the values of pry,. The values of PR;; for the uncut zones in
figure 5.10 are presented in figure 5.12.

For the solution presented in figure 5.10, the population size of species s,
Z(M)EZ n;i(1 — ), is equal to 815 and that of species s, Z( 7, PRy, is equal
to 66.66.

j)€Z

1 2 3 4 5

1 [50]50[45[35] 20
60 | 64 | 66 | 70 | 75

2 35 (45| 50 | 45 | 35
70 | 74 | 78 | 82 | 87

3 | 2035 [ 45 [50 | 45
82 | 86 | 90 | 94 | 100

4 20 | 35 | 45 | 5.0 | 45
87 | 90 | 93 | 96 | 100

s | 2035 [ 45 [50] 50
90 | 92 | 95 | 98 | 100

F1G. 5.10 — A hypothetical forest region consisting of 25 zones where the values of 7;; and n;,
m;; above ny;, are specified. A solution with 9 cut zones and 16 uncut zones.

tlolo| ool o

2| o %0.15]|0.15]0.15]0.15
i

3] 0 2015f 05 | 05| 05

4| 0 z015fos5| 0 |05

5| o 2015) 05| 05 | 05

Fic. 5.11 — Values of pryyy, for all (k,1) € {1,..., 5}2.
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1{092]098|099|097| -

210941099 1 |0.99|0.94

3| - - 1 1099| -
41062 - 099|098 -
51 - - 1092091 -

F1G. 5.12 — Values of PR;; associated with the solution of figure 5.10.

5.4.3 Mathematical Programming Formulation

Using variable o, (resp. 02) to represent the population size of species s; (resp. )
and the Boolean variable b to express the constraint on the number of zones that
must be uncut so that species s can survive, Hof and Bevers (1998) propose to
formulate the problem as the mixed-integer non-linear program Py .

max wioq -+ Uho9

g] — Z ni]-(l - LL’Z']') (561)

(i)eZ
O'QS Z nijPRijxij (562)

(ig) €z
Pro - PRy =1— J] (1—prya) (4,j5)c€Z (56.3)

5.6 - ot (k,eZ
St ley<yb (5.6.4)
(iy)ez

0<PR; <1,z € {0,1} (i,j) € Z (5.6.6)
61>0,0,>0,be {0,1} (5.6.7)

y is a constant that must be greater than or equal to the maximal value that
variable g, can take. We can set, for example, y = Z(z‘,]’)eg n. Thus, if b =0,
constraint 5.6.4 forces variable o5 to take the value 0 and if b = 1 this constraint is
inactive. Because of constraint 5.6.5, the Boolean variable b takes the value 0 if
Z(ij)EZ 7;; <TH and the value 1 — at the optimum - in the opposite case. The

economic function and all the constraints are linear, except constraints 5.6.2 and
5.6.3. Hof and Bevers (1998) solve Py ¢ in an approximate way using a simple linear
approximation of the population size of species s, for a particular case of the con-
nection probabilities. We propose below a general method for solving Pj g, also in an
approximate way, but valid whatever the definition of the connection probabilities.
In addition, the population size of species s, is evaluated with a great accuracy.
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Using the same technique as in section 7.5 of chapter 7, an approximate solution
of program P3¢ and an upper bound of its optimal value can be obtained by solving
a mixed-integer linear program. To do this, first rewrite P5 ¢ as P57 by replacing, in
P56, the product of variables PRyz; with variable e;. Because of the objective
function to be maximized, constraints 5.7.3 and 5.7.4 imply e; = PRjz; at the
optimum.

max wi01+ We0o

g1 = Z nzj(l - xij) (571)
(iy)ez

()] S Z T4 €45 (572)
(ij)ez

L—e;> I (1 —prygau) (i,5) € Z (5.7.3)

(kh)ez
P5‘7 .t eij S $Z’]’ (7/7 ]) € Z (574)
g9 < Y b (575)
(i)eZ
0< €jj <1, Tij € {0, 1} (’L, ]) ez (577)
01>0,00>0,b€ {0,1} (5.7.8)

Using the properties of the logarithmic function and taking into account that

variables zy, (k,1) € Z, are Boolean, log [H(k,l)eZ (1 - prijklmkl)} = Z(k,l)eZ log(1—

prijkl)mk;, and Pjy 7 is equivalent to Py .

max wi0q1+ We0o

01 = Z TLU(I — l}'j) (581)

(ij)eZ
o< Y mey (5.8.2)

(ij)eZ
log(1 —e;) > > log(l—pry)on (i,5) € Z (5.8.3)

P (k)ez
58 st €jj < Tij (i, ]) ez (584)
a2<7b (5.8.5)
(if)eZ

Ogezjfl,%‘j € {071} (Zvj) GZ (587)
01>0,0,>0,be {0,1} (5.8.8)

P55 is not yet a linear program — in mixed-integer variables — because of the
expression log(1 — e;;) that appears in constraints 5.8.3. Using the same technique as
in section 7.5 of chapter 7, a relaxation of program Pjyg is obtained by replacing
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constraints  5.8.3 by the constraints ui (L—ey)+loguy— 12> 37 ey
log(1 — pry)am, (i,5) € Z,v=1,..,q, where u is a vector of R? such that
0<wy <up < --- <uy = 1. This results in program Pj .

max w01+ W09

o= > ny(l—ay) (5.9.1)
(iy)ez

O'QS Z Ttj5 €45 (592)
(if)eZ

L- e;) + logu, — 1

> Z 10g(1 - prijktl)xk’l (Za .]) € Z7 v=1,...,q (593)

(k,h)ez
Pso:
s.t. €ij < Tij (l, ]) ez (594)
062<7b (5.9.5)
(ij)eZ
0<e;<1,a € {0,1} (i,j) € Z (5.9.7)
0'12070'220,()6 {O,l} (598)

An optimal solution of Py, (5,8, Z, ?)), gives a feasible solution to the problem
considered, i.e., of Psg. The actual value of this solution is w61+

Wo Z(meg T ?rz-j(l - H(k,l)eg (1 —prjy kal)), and w61 + wyd> is an upper bound of

the optimal value of P5¢. To obtain a good approximate solution of Pj ¢, ¢ must be
large enough but, the larger ¢ is, the greater the number of constraints 5.9.3 is.

5.4.4 FExzample

Let us take again the example of section 5.4.2 and set w; = 1, w», = 20, TH = 8, and

Uy = ugqfv)/(qu with ¢=10 and w =0.01. This results in wu = (0.01,0.02,
0.03, 0.05, 0.08, 0.13, 0.22, 0.36, 0.60, 1.00). The value of the optimal solution of
Pso is 2238.17; it is defined by ;=1 if and only if (4,))¢€
{(1,1),(1,2),(1,3),(1,4),(2,1),(2,2),(2,3),(2,4),(3,3),(3,4)}. These values of z;
provide an — approximate — solution to the problem, with a value of 2,237.8.
The relative error made in retaining this feasible solution rather than an optimal
solution is, therefore, at most equal to 1.7 10~*. Note that, in this approximate
solution, the true value of the population size of species s, is 43.3401 while the value
of variable o, is 43.3587.
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5.5 Optimal Reserve in the Case of Non-Disjoint
Candidate Zones

‘We have always considered that the zones that are candidates for protection to form
a reserve and thus protect certain species — or certain ecosystems — are all disjoint. In
this section, we examine the case where this is not the case. Indeed, in some situ-
ations, the definition of the candidate zones is made in such a way that the selection
of one zone can automatically lead to the selection of a part of another zone.

5.5.1 Optimal Protection of the Considered Species
by a Reserve of Limited Area

Let S= {s1, $,..., Sm} be the set of threatened species of interest and Z = {z, 2,
..., Zn} be the set of candidate zones for protection, that is, the set of zones that can
be decided to be protected or not. As mentioned in the introduction to this book, a
set of species is being considered to simplify the presentation. Other aspects of
nature and biodiversity could be added, but this would not significantly change the
proposed approaches to addressing the questions posed later in this section. The
protection of a zone brings some protection for species living in that zone. For each
zone z;, we know all the species that live there and we denote by Z;, the set of zones
in which species s, lives. We denote by Z;, the set of corresponding indices. The
difference with the models studied so far and which will have to take into account is
that the n zones z, 2,..., z, are not necessarily all disjoint (see figure 5.13). For
example, the candidate zones may be very different in nature and the data available
— and it is not possible to have more precise data based, for example, on a redefi-
nition of the zones — may indicate that species s;, lives in zone z; and that species s;
lives in zone z; that is not disjoined from z; This property significantly modifies the
models associated with the selection of optimal reserves, particularly with regard to
the level of protection of species and the area of the reserves selected. The level of
protection of a species can be defined in several ways, taking into account the zones
selected for protection. It is considered here that the level of protection of a species,
si, depends only on the number of zones of Z, that are included in the reserve and
that this level of protection is proportional to this number. There is, however, a
small difficulty because some zones of Z;, can be included only partially in the reserve
since the m zones z, z,..., 2, are not necessarily all disjoint. To take this phe-
nomenon into account, to each species s; a protection coefficient is assigned which is
equal to the sum of the fractions of areas of each zone of Z; which is protected. This
coefficient is, therefore, equal to ). 7, % /a; where o; is equal to the area of zone z;

that is actually protected and a;, to the total area of zone z. Remember that 2
situations can occur with regard to the protection of zone z;: (1) it is decided to
protect z; and then the whole z; area is protected, (2) it is decided not to protect z;
but part of the z; area may nevertheless be protected because of the decision to
protect some zones of Z that have a non-empty intersection with z. Note that the
whole zone z; can be protected in this way. This is the case, for example, when zone z;
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is completely included in a zone that it is decided to protect. In summary, the value
of protecting a set of zones, R, is assessed here by a weighted species richness
criterion that is equal to the quantity , ¢ ZiEZk o;/a; and that we call the

“weighted number of protected species”.

5.5.2 Illustration of the Problem

The calculation of the interest in protecting a set of zones, R, is illustrated in
figure 5.13 and table 5.1. As mentioned, the decisions to be made are whether to
select an entire zone for protection or not, but this may result in some fractions of
unselected zones still being protected. Let us examine the solution which consists in
selecting the grey zones, z, 23, 24, 27, 23, 210, and 2o, and, therefore, not selecting
ZONES 2o, Z5, 26, 29, 2115 213, 214, aNd 215. The choice of the selected zones implies that a
fraction of zones 2, z, 29, 211, and 23 are still protected. For this solution and taking
into account the species likely to be protected by each zone, the weighted number of
protected species is equal to 30.10 (see table 5.1 for details of the calculation). The
total protected area is equal to 94 units.

; % %5
1 4
23

26 73 210
29

7
: Z12

314

215

213

211

F1G. 5.13 — The region under consideration is represented by a grid of 17 rows and 24
columns. Each cell in this grid is a square whose side length is equal to one unit. The candidate
zones are squares or rectangles made up of a subset of these cells, all in one piece. It is assumed
that each of the zones 21, 2, 27, 210, 212, and 25 is able to protect the 4 species s1, 8y, 83, and sy,
that each of the zones 2, 2z, 23, 211, and z;3 is able to protect the 3 species ss5, S5, and s;, and
that each of the zones z3, 25, 29, and z4 is able to protect the 3 species sg, Sy, and spq.
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TAB. 5.1 — Detail of the calculation of the weighted number of protected species for the
example described in figure 5.13.

Species Weighting Species Weighting

51 4 S 8/18 + 1+ 1 + 4/12 + 2/20 = 2.88
S 4 7 8/18 + 1+ 1 +4/12 4+ 2/20 = 2.88
3 4 Ss 1+ 9/28 +15/30 = 1.82

84 4 Ss 1+9/28 +15/30 = 1.82

S5 8/18 +1+1 10 1+ 9/28 +15/30 = 1.82

+4/12 + 2/20 = 2.88

Several reserve selection problems involving the weighted number of protected
species may arise. The problem we are considering here is to determine the zones to
be protected in order to maximize the weighted number of protected species while
respecting an upper limit, A,,.,, on the total protected area.

5.5.3 A First Mathematical Programming Formulation

We use the Boolean variable z; which is equal to 1 if and only if we decide to protect
zone z. To simplify the presentation, we limit ourselves to the case where the
non-empty intersections of zones concern at most 3 zones but we could easily gen-
eralize the approach in case more than 3 zones can have a non-empty intersection.
‘We pose:

o — J area of the intersection of the zones z; and z;, if i<j
Y1 0 otherwise

0 — J area of the intersection of the zones 2,2, and z, if i<j<k
=10 otherwise

Note that a;; can also be equal to 0 for some values of ¢ and j such as ¢ < j and
that a; can also be equal to 0 for some values of i, j, and k such as 7 < j < k. The
real variable, positive or zero, a;, which represents the protected area of zone z;, is
used when deciding not to select this zone for protection. Indeed, as we have seen
above, if it is decided not to protect zone z;, a part of this zone may possibly be
protected because of the protection of other zones. For example, in the case of
figure 5.13, the protection of zones z; and z;3 induces a partial protection of zone z
and ay/ay = 8/18. In general, the area of zone z; that is protected as a result of the
protection of other zomes is equal to 3. e (a+ap) T =20 iipesr
(aik + ajir + ajpi) zj2;. The problem can be formulated as the mixed-integer
non-linear program Psy 1.
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max y. > (a:z-Jr %)
kesS i€z, '
Sami— Y aimzi+ Y 4tny < Apax (5.10.1)
i€z (if)eZ’ (ij.k)eZ?

P o< > (aij + aj;) &5 — > (@i + ajip + ag) Tz, 1€ Z (5.10.2)

s.t. i (i)e2? Jok: (i.g.k) €28
o; < ai(1— ;) i€ Z (5.10.3)
e {0,1},2,>0 icZ (5.10.4)

Because of the economic function to be maximized, variable a; takes, at the
optimum of Py ;(, the largest possible value. Due to constraints 5.10.2 and 5.10.3,
variable a; therefore takes the value 0 if zone z; is protected, i.e., if x; = 1, and the
value Z(i,j)egz (a; + a;) zj — Z(i’jﬁk)ezs (aije + ajir, + ajii) 2z if 2z; is not protected,
i.e., if -; = 0. As we have seen, this last value is equal to the area of z; that is
protected because of the protection of other zones whose intersection with z; is not
empty. The economic function, to be maximized, represents the weighted number of
protected species. For each species s;, the weighting is equal to the sum of the
fractions of protected areas in the zones that protect that species, i.e., the zones of
7. Either zone z; € Z; is selected — z; = 1 and a; = 0 — and, in this case, the
contribution of this zone to the economic function is equal to 1, or z; is not selected —
2; = 0 and a; >0 — and, in this case, the contribution of this zone is equal to a;/a;.
Constraint 5.10.1 expresses that the total protected area must be less than or equal
to A, Constraints 5.10.1 and 5.10.2 of program P, are not linear. They can be
linearized and thus a mixed-integer linear program is obtained. To do this, we
replace each product z;z; by variable y;;, each product z,z;z; by variable vy, and we
add the set of constraints Cs » below. The first 4 families of constraints correspond to
the linearization of the products z; and the next 5 families correspond to the
linearization of the products zz;.

Yij < o Uik = % o

Cso: 17_z“7z‘+ S0 i<j,zNz#0, vy < i<j<k,zNzNz #0
>0 = Vg 2> T+ T+ 3 — 2
i = Ve >0

The first 4 families of constraints concern only certain couples (i, j) and the
following 5, only certain triplets (i, j, k). Indeed, in program Pj 1, the products z;z;
appear with a non-zero coefficient if i < j and z Nz # 0, and the products z;z;,
appear with a non-zero coefficient if i < j < kand z Nz Nz, # 0.

5.5.4 FExzample

Let us take again the example described in figure 5.13 and use the linearization of
program Py 1o to determine the best set of zones to select if the total area is limited
to 94 units, i.e., to the area of the non-optimal solution presented in figure 5.13.
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Z Zs

7 Z4

Z3

Zg Zg Z10

Zy

Z7

Z12

Z14

Z15

Zy3

7

F1G. 5.14 — Each of the zones 2, 25, 7, 210, 212, and 215 can participate in the protection of the
4 species 81, S, s3, and sy, each of the zones 2z, 24, 25, 213, and 214 can participate in the
protection of the 3 species ss, s5, and s;, and each of the zones z3, 25, 2, and z; can participate
in the protection of the 3 species sg, 9, and s;g9. The optimal solution is to decide to select the
grey zones 21, Zs, 27, 28, 210, 211, 212, 213, and 215, and, therefore, not to select zones 2, 23, 2, %,
29, and z14. However, the choice of the zones selected for protection implies that a fraction of
zones z, 23, %, %, and 24 is also protected. For this solution, the weighted number of
protected species is 37.55 and the total area of protected zones is 94.

The zones to be selected are 21, 2, 27, 2, 210, 211, 212, 213, and 215 (see figure 5.14).
The total area of these zones is equal to 94 units and the weighted number of
protected species is equal to 37.55. This represents an improvement of about 25%
over the solution shown in figure 5.13.

5.5.5 A Second Mathematical Programming Formulation

As before, the candidate zones for protection are considered to belong to a region
represented by a grid of nr rows and nc columns. We put M = {1,..., nr} and
N ={1,..., nc}. All the cells in this grid are identical squares whose side length is
equal to one unit. Each candidate zone is made up of a set of cells in the grid, all in
one piece. The number of cells in zone z; is denoted by n;. Each cell is described by a
pair composed of its row index and column index. In the example in figure 5.13 there
are 17 rows and 24 columns and zone z; contains the 12 cells (10, 3), (10, 4), (10, 5),
(10, 6), (11, 3), (11, 4), (11, 5), (11, 6), (12, 3), (12, 4), (12, 5), and (12, 6). In this
new formulation of the problem, we use, as in the previous formulation, the Boolean
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variable z; which is equal to 1 if and only if we decide to select zone z; and we also use
the Boolean variable ¢,. which is equal to 1 if and only if the cell (r, ¢) is selected
(taking into account the decisions made regarding the zones to be selected). Note
that it is not necessary to define variables t,. on all the grid cells representing the
region in question; it is sufficient to define them on all the cells belonging to at least
one candidate zone. We denote by RC all the pairs (r,¢) € M x N such that the
cell (r,c) belongs to at least one zone. So, RC={(r,c)e M x N:
32 € Z such that (r, ¢) € z}. The notation “(r, ¢) € z;” means that the cell (r, ¢) —
ris the row index and ¢ is the column index of this cell — is included in the zone z;.
Note also that in this formulation, variable a; used in the previous formulation is no
longer necessary. The linear program in Boolean variables P57 solves the problem.

max ., >, > te/a

kesS i€Z;, (r.c) €z

2 b < Amax (5111) | x€{0,1} ic€Z (5.11.4)
P (r,c) eRC
" st 2 tezmm i€ Z (5.11.2) | t.€{0,1} (r,c) €RC (5.11.5)
| (re) €z

tre < E T (7‘, C) € RC (5113) ‘

i€Z : (rc)€z

In the expression of the economic function of Py 1, the quantity Z(m)ez, (tre/ @i)

represents the proportion of the area of zone z; that is protected. The economic
function — to be maximized — therefore represents the weighted number of protected
species. Constraint 5.11.1 expresses the area constraint since the total protected area
is equal to E(r, o)ere Lre- Constraints 5.11.2 express the fact that if it is decided to
select zone z;— x; = 1 — then all the cells in this zone are protected. In other words, if
x; = 1, then ¢,. = 1 for all the cells (r, ¢) of z;. According to constraints 5.11.3, a cell
is selected if at least one of the zones containing it is selected. Constraints 5.11.4 and

5.11.5 specify the Boolean nature of variables z; and t,..

5.5.6 Computational Experiments

The formulation of the problem by program Pj5;; is much easier than by program
Ps.10 — and its linearization. Indeed, the formulation P51 requires the list of the
zones, the area of each zone, but also the list of all the intersections of zones, 2 to 2, 3
to 3, etc. Formulation Pj 11 only requires the list of zones and, for each zone, the list
of the cells that compose it. In both formulations, it is also necessary to know, of
course, the list of the species living in each zone. Table 5.2 gives some computational
results with the formulation P5 ;. The zones are rectangles distributed in a grid, as
in figure 5.13. The coordinates, in the grid, of the cell located at the top left of each
rectangle are drawn at random. The lengths of each side of the rectangles are
random integers drawn uniformly between 1 and 50. The number of species is set at
200 and the presence of a given species in a given zone is also randomly selected with
a certain probability.



TAB. 5.2 — Resolution of P 1,: Some computational results on large-sized instances.

Dimension of Total Total area Probability of Maximal Solution Number Total CPU Number of
the grid number of of occurrence of area of value of zones area time nodes in
(nr X nc) candidate candidate species s;, in the protection selected (s) the search
zones (n) zones zone z; (Amax) tree
500 X 500 1,000 212,909 0.01 4,000 304.4 88 3,999 228 0
500 X 500 1,000 212,909 0.1 4,000 2,585.4 104 4,000 236 222
1,000 X 1,000 1,000 479,858 0.01 4,000 275.4 89 3,998 253 143
1,000 X 1,000 1,000 479,858 0.1 4,000 2,283.9 105 3,998 236 0
1,000 X 1,000 2,000 712,883 0.1 4,000 3,234.4 138 4,000 973 0
1,000 X 1,000 2,000 712,883 0.1 8,000 4,723.1 200 8,000 1,147 0
1,000 X 1,000 2,000 712,883 0.01 8,000 560.3 170 7,999 862 0

y0T

SYIOM}ON BOTY Po1d910Ig SuruSrso(
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The results presented in table 5.2 show that large-sized instances of the problems
can be solved relatively quickly. The longest instance to resolve requires about
19 min of CPU time. It can also be seen that the number of nodes developed in the
search tree by the solver is low and often even zero. This is partly due to the fact that
the value of the optimal solution of the continuous relaxation of program P 1,
which is obtained by replacing z; € {0,1} and ¢, € {0,1} by 0<z;<1 and
0 <t,. <1, respectively, is not far from the value of the optimal solution of Py ;5.
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Chapter 6

Biological Corridors

6.1 Introduction

As we have pointed out in previous chapters, landscape fragmentation is an
important cause of biodiversity loss. This fragmentation is mainly due to urban-
ization, agriculture and forestry. It prevents species from moving as they should
because they would have to cross often inhospitable zones. These zones may, for
example, lack food resources or may host many predators. The viability of the
species concerned by this fragmentation then depends strongly on how the frag-
ments can be connected. This connectivity between habitat zones within a landscape
has become an essential element for biodiversity conservation. One of the options
commonly used to establish — or restore — this connectivity is the establishment of
corridors. Thus, the “trame verte et bleue” is a key measure of the Grenelle Envi-
ronnement (set of political meetings organised in France in 2007 concerning actions
to be undertaken in favour of the environment and in particular biodiversity) aimed
at halting the decline of biodiversity through the preservation and restoration of
ecological continuities or biological corridors. In the biological conservation litera-
ture, corridors have multiple definitions — and functions. They are natural spaces,
generally linear, i.e., longer than wide, allowing species to move through a frag-
mented set of zones that are natural habitats for them. These are therefore routes
used by species to move, reproduce, flee, migrate, etc. They are highly dependent on
the species of interest. They do not necessarily imply the notion of contiguous
spaces. In other words, some routes can be easily used by some species — and thus be
considered as corridors for these species — but not by others. For example, it will be
difficult for some species to overcome obstacles such as transport infrastructure or
zones treated with pesticides, which will not be the case for species capable of flying.
However, it should be noted that the latter may face hunting when they move from
one protected site to another. Another example is lighting, which can be a real
obstacle, but only for certain nocturnal species (black corridors). The fact that
species can move between the different zones without too many difficulties is an
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essential element for their survival. Indeed, these corridors allow, for example, the
increase in population sizes, the resettlement of certain species in certain zones, the
maintenance of genetic diversity, the access to different habitats and the increase in
places for food. Corridors can also be used as a refuge for species when their usual
habitat zones are threatened. In addition, some authors have also highlighted the
value of corridors in the context of climate change, since it will force many species to
migrate in order to conserve favourable habitats. The creation — or restoration — of
these corridors is, therefore, one of the major strategies for protecting species
threatened by habitat fragmentation. These corridors must themselves be zones
favourable to the life of the species concerned, to enable them to feed, rest and
protect themselves from predators during their movements. They can be of very
different form and nature. Some studies clearly distinguish between habitat and
travel functions in the characteristics of a corridor. Corridors or fractions of corri-
dors can exist naturally. This is the case, for example, for agricultural hedges,
riversides or old railway lines. They can be implemented through the protection of
certain zones of the landscape. They may also include completely artificial elements
such as wildlife crossings built above or below transport infrastructure. To fulfil their
functions, these corridors must be made up of zones that benefit from some pro-
tection. It should be noted that the fact that biodiversity reservoirs are linked by a
network of corridors may have certain disadvantages. Indeed, this network facilitates
the movement between the reservoirs and is also an entry point to these reservoirs. It
can therefore facilitate the spread of diseases, parasites, invasive species and
predators from one reservoir to another, but also facilitate their introduction into
the reservoirs. In addition, these corridors, which are often very long, are more
difficult to control than reservoirs, which are generally more compact zones. This
control concerns the threats we have just mentioned, but also, for example, hunting,
poaching, and tourism. Also because of the ease of movement provided by the
corridors, wildlife species that are present in reservoirs can become pests in other
habitats such as agricultural or livestock zones. These species can also transmit
diseases to non-wild species such as livestock and vice versa. It should also be noted
that efforts to maintain the effectiveness of a corridor network consume significant
human and financial resources. These could possibly be better used to protect other
habitat zones, for example zones where the ratio expressing the area of the zone,
divided by the length of its edge, is more important (see chapter 4). Finally, if the
corridors are not well designed, they can present a high risk of mortality for the
species that use them and thus contribute to their extinction. This mortality risk can
come from predators encountered during the use of these corridors or from accidents
occurring in crossing dangerous zones such as roads. It should be noted that the
movements of certain species in certain corridors can take several years and even
several generations. The reader can consult the many references cited at the end of
this chapter for an in-depth discussion on corridor design and evaluation, a careful
examination of the balance between ecological benefits and economic costs associ-
ated with maintaining or implementing corridors, and a presentation of the software
available to assist in the design of these corridors. In this chapter, we present two
optimization problems that we believe are representative of the design of a new
corridor network or the restoration of an existing corridor network.
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6.2 Least Cost Design of Corridor Networks

6.2.1 The Problem

We are interested in a landscape with a set of well-identified biodiversity reservoirs
BR1, BRy,..., BRy. These reservoirs are protected zones that provide habitat for a
given set of species. To simplify the presentation, it is assumed here that any route
that can be considered as a corridor for one of the species concerned can also be
considered as a corridor for all the species concerned. Each reservoir is in one piece,
meaning that all the species considered can fully traverse it without leaving it. In
other words, these reservoirs can be considered as connected reserves (see chapter 3).
Outside these reservoirs, the landscape has two types of zones to consider: zones
already protected and providing habitat favourable to the species under consider-
ation, and unprotected zones that can become protected zones and provide habitat
favourable to the species under consideration.

Both types of zones can, therefore, contribute to the constitution of corridors. The
second type corresponds either to completely new zones — from the protection point of
view — or to old zones to be restored. A cost is associated with this second type of
zones (figure 6.1). This cost can cover many aspects: monetary costs (rental or
acquisition, possible restoration, management of the zones), ecological costs (travel
facilities for species through the zone, mortality risk, distance travelled) and also social
costs (negative or positive social impact generated by the selection of the zone to
constitute a corridor). The consideration of monetary costs is obviously a key issue
since financial resources are of course limited. In the following, we consider that the
cost associated with the first type of zones is zero, but it would be very easy to
consider a non-zero cost corresponding, for example, to the management of the zone.

The aim is to determine type 2 zones to be protected in order to connect,
possibly using type 1 zones, all the biodiversity reservoirs. Two reservoirs are said to
be connected if the species can move from one to the other only through either type
1 zones, type 2 zones that have been decided to be protected, or through one of the
reservoirs. The selected type 2 zones, possibly with the addition of type 1 zones, form
a network of corridors that link all the reservoirs. The problem we are studying here
is to build this network of corridors at the lowest cost (figure 6.2). To simplify the
presentation of the general problem of developing a network of corridors linking a set
of biodiversity reservoirs, it is considered that the landscape is represented by a grid
of nr x nc square and identical zones. Each zone of this landscape is denoted by z;
where i denotes its row index and j, its column index. This landscape includes
N biodiversity reservoirs, BR;, BRs,..., BRy, each reservoir being formed by a con-
nected subset of zones. These reservoirs are disjoint. It should be noted that the
method we are going to propose would easily adapt to any other set of zones and
reservoirs. As mentioned above, some of the zones that do not belong to the
reservoirs are already protected and can provide habitat favourable to the species
under consideration, while others can be protected and possibly restored to also
provide habitat favourable to the species under consideration. The cost of protecting
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Fic. 6.1 — A hypothetical landscape with 3 biodiversity reservoirs, BR;, BR,, and BR3, an
already protected zone, z;, which provides habitat favourable to the species under consider-
ation, and 4 zones, 2, 23, 2z, and z;, which can be protected and thus provide habitat
favourable to the species under consideration, after possible restoration, with the associated
costs indicated in brackets.

F1G. 6.2 — Zones 2, 2, 2, and z were selected. The corresponding cost is 18. The corridor
connecting BR; to BRy consists of 2, BR3, 2, 2, and z;, the corridor connecting BR; to BR3
consists of the single zone 2z, and the corridor connecting BR, to BRj3 consists of z, z;, and 2.

zone z;is denoted by c;;. In the case where z;;is an already protected zone — not part
of a reservoir — and provides habitat favourable to the species under consideration,
this cost is zero. There are also zones in the considered landscape that, for different
reasons, cannot be protected and, therefore, cannot contribute to the development
of corridors (figure 6.3).
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BR, BR,

BR,

BR,

Fi1Gc. 6.3 — A hypothetical landscape represented by a grid of 10 x 10 square and identical
zones. It includes 4 biodiversity reservoirs, BR;, BR,, BR3, and BR,, and 6 already protected
zones that can contribute to the development of a corridor for the species under consideration,
226, %36, 246, %69, %610, and zz5. The cost of protecting each zone — not yet protected — is equal
to one unit; the cost associated with already protected zones is equal to 0; and finally, zones
241, %885 289, 210.2> 210,3, and 2194 cannot contribute to the development of a corridor.

(a) (b)

BR, BR, BR, BR,

BR, BR,

T BR; BR;

Fic. 6.4 — (a) The 12 black zones form a network of corridors linking the 4 biodiversity
reservoirs BRy, BRs, BRs, and BR,. The associated cost is equal to 10 since, among these 12
zones, 2 were already protected. The length of the corridor connecting BR3 and BR, is equal
to 18. (b) The 13 black zones form a network of corridors linking the 4 reservoirs. The
associated cost is 11 since, among these 13 zones, 2 were already protected. The length of the
corridor connecting BR3 and BR, is equal to 6.

The problem is to determine the zones to be protected, and possibly restored, in
order to connect all the reservoirs at the lowest cost. Two reservoirs BR; and BR, are
considered to be connected if it is possible, for the species under consideration, to
move from BR,; to BR; only through protected zones or zones belonging to a
reservoir, and gradually moving from one zone to an adjacent one. Two zones are
considered as adjacent if they share a common side. Figure 6.4 shows two different
corridor networks to connect the 4 biodiversity reservoirs in figure 6.3.
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The problem of connecting biodiversity reservoirs through a network of corridors
has similarities to the problem of designing a connected reserve discussed in
chapter 3. In both cases, the ultimate goal is to obtain a connected set of zones, i.e.,
a set of zones in which species can move without leaving it. In chapter 3, the set of
zones to be protected is determined in such a way as to ensure the best possible
survival of certain species, taking into account protection costs. In this chapter, the
set of zones to be protected is chosen in such a way as to link a set of already
protected zones, at the lowest cost, and possibly taking into account certain con-
straints. Expressed in terms of graphs, both problems consist in determining, in a
given graph, a subset of vertices inducing a connected sub-graph that checks certain
constraints and takes into account certain costs.

6.2.2 Graph Optimization Formulation

Let us now look at how to state the problem as a graph optimization problem (see
appendix at the end of the book). Let us associate to the grid of the nr x nc zones a
graph, G = (Z, U), where the set of vertices, Z, corresponds to the pairs of indices
associated with a zone and where ((¢,7), (k, 1)) is an arc of U if and only if zones z;
and 2y are adjacent — share a common side. For each biodiversity reservoir BRy, let
us choose one of its zones to represent it and denote by zjy) i) this zone.
The problem can be formulated as follows: determine a partial sub-graph of
G=(2,U), G = (Z,A), checking the following properties: all the vertices associ-
ated with a zone representing a reservoir belong to Z and, for all r € {1,..., N — 1},
there is in this graph a path from the vertex associated with the zone representing
reservoir BR, to the vertex associated with the zone representing reservoir BRy.
This problem is similar to the Steiner tree problem which, in a general way, can be
expressed as follows: given a graph whose edges are assigned with a weight, and a
subset S of vertices of this graph, find a subset of edges of minimal weight that

induces a connected sub-graph containing all the vertices of S (see appendix at the
end of the book).

6.2.3 Mathematical Programming Formulation

We give below a flow type formulation of this problem (see appendix at the end of
the book). Let ¢ be the Boolean variable which is equal to 1 if and only if at least
one of the N—1 paths, from the vertex representing reservoir BR,, r = 1,..., N—1, to
the vertex representing reservoir BRy, follows the arc ((3, j), (k, 1)) and let uj; be the
Boolean variable which is equal to 1 if and only if, among these paths, the one from
BR, to BRy follows the arc ((1,7), (k,1)). Denote by Adj; the set of index pairs
associated with the zones adjacent to zone z; and define constant dj, (i,7) € Z,
r=1,.,N—1, as follows: di =1 if zone z; represents reservoir BR,, dij =—1 if
zone z; represents reservoir BRy, and d[j = 0 in all the other cases. The problem can
then be formulated as the 0—1 linear program Pg ;.
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min Y c; Y Py
(ij)eZz (kD) €Adj,
i = Mgy ((3,9), (k,)) € Uyr=1,...,N—1 (6.1.1)
Pe1: > owy— Y My=di (j)€Zr=1..,N-1 (6.12)
s.t.| (ke Adjy (k)€ Adj;
by € {0,1} ((3,9), (k, 1)) € U (6.1.3)
€ {0,1} ((i,§),(k, 1)) € Uyr=1,..,N—1 (6.1.4)

In this formulation c; = 0 if zone z; is already protected or belongs to a reser-
voir. We give below some indications to justify the formulation Pg . First of all, it
can be shown that the optimal solution to the problem has a tree structure. More
precisely, the selected arcs, i.e., the arcs ((4, j), (k, [)) such that ¢;;; =1 and the
corresponding vertices satisfy the following property: any vertex (i, j) selected and
different from the vertex (i(N), j(N)) is the initial end of one and only one selected
arc. Thus 3 ) ¢ Ad, ¢y = 1 for any vertex (i, j) selected and different from (i(N),

J(N)), and Z(k,l)eAde ¢y = 0 for any vertex (4, j) not selected or when (i, j) =

(i(N), j(N)). We deduce from this that the vertex (i, j), different from (i(N), j(N)), is
selected if and only if Z(k,l)e Adj, ¢ = 1. It should also be noted that, for all

r € 1,..., N — 1, any vertex (4, j) is the initial end of at most one arc of the path from
the vertex representing reservoir BR, to the vertex representing reservoir BRy, and
also the terminal end of at most one arc of the same path. Thus, for any vertex (4, j),
Z(M)eAdj” Mg <1 and Z%J)Mdﬁ] Hig; < 1. Constraints 6.1.1 force variable ¢ to
take the value 1 if at least one of variables Wigs 7= 1,05 N — 1, takes the value 1.
Consider constraints 6.1.2 for the 3 types of zones. If zone z; represents reservoir
BRy — dj;= -1 for all r€1,..,N—1 — these constraints express, taking into
account the above remarks, that for all re1,..., N —1, E(k,l)eAdjm My =1 and
Z< ke Adj, g = 0. If zone z; represents reservoir BR,, — d;; =1 — these constraints

express that for all (¢,7) € Z and for all 7 € 1,..., N — 1 such that z; represents
reservoir BR,, 3 e, My = 0 and D2 ey My = 1. Finally, if zone z; does not
represent any of reservoirs — dfj =0forall r € 1,..., N — 1 — these constraints express
that, for all (4,7) € Z and for all r € 1,...; N — 1, if (4, j) is the terminal end of an arc
of the path from the vertex representing reservoir BR, to the vertex representing
reservoir BRy, then (i, j) is also the initial end of an arc of the same path.

This type of formulation has been used to define a network of corridors suitable
for grizzly bear movement in the northern Rocky Mountains of the United States.
A disadvantage of this formulation is that the lengths of the corridors connecting
two reservoirs cannot be controlled in the searched solution except for the pairs of
reservoirs (BR,, BRy), r=1,..,N—1. In this case, it is sufficient to add
the constraint > ..o My < Lr o where L.y = {((i,5), (k, 1)) € U,z; &
BR,UBRy} and LN indicates the maximal authorised length for the corridor

max

connecting BR, to BRy. In other words, I, y refers to the set of arcs for which the
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zone associated with their initial end does not belong to either reservoir BR, or
reservoir BRy.

We propose below a slightly different formulation of the corridor design problem
that does not have this disadvantage. We keep variables pujy, with their same
meaning and replace variables ¢, by variables z;; that are equal to 1 if and only if at
least one of the N—1 paths from, BR,, r=1,..., N—1, to BRy passes through the
vertex (4,7). The result is program Pgo, which has fewer variables and fewer con-
straints than Pg 1, and allows a limit to be imposed on the length of the corridor
connecting any two reservoirs.

min Z C,‘jil),;j
(i)€Z
LD DR (i,5))e Z,r=1,...,N—1 (6.2.1)
(k,)eAdj;
Pea : Y M= > Mgy =df (i) eZr=1,..,N-1 (6.2.2)
s.t.| (kD)eAdj, (k,1)eAdj;
z; € {0,1} (i,)) e Z (6.2.3)
uh € 10,1} ((,7), (k) e Uyr=1,.,N—1 (6.2.4)

Constraints 6.2.1 express that, if at least one of the N—1 paths from the vertex
representing reservoir BR,. to the vertex representing reservoir BRy passes through
an arc of initial end (3, j), then zone z; is retained. Constraints 6.2.2 are identical to
constraints 6.1.2.

As in the previous formulation, a constraint can be introduced limiting the
length of the corridor connecting BR, and BRy. To limit to L  the length of the
corridor connecting any two reservoirs, BR; and BR;, a new Boolean variable lﬂj}kl is
defined, which is equal to 1 if and only the path from the vertex representing BR, to
the vertex representing BR; follows the arc ((4,7), (k,[)) and the set of constraints
Cg.1 is added where 5?; = 1if z; represents BR,, 5:; = —1 if z; represents BR;, and

5?; = 0 in the other cases.

st st
l//ijkl < Lrgnax
((i4),(k.))€ U,z BR, U BR

R D (i,j) € Z
Cor:q ™ (kDeAdj,
> ‘pf]tkl - X ‘//ZZJ = 5:; (4,5) € Z
(k,1)eAdj; (k,1)eAdjy; &

6.2.4 FExzample

The hypothetical landscape studied is represented by a grid of 20 x 20 square and
identical zones and includes 7 biodiversity reservoirs, BR;, BR,,..., BR;. Among the
zones that do not belong to the reservoirs, some are already protected and provide
habitat favourable to the species under consideration, others can be protected and
possibly restored to also provide habitat favourable to the species under
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H

Fic. 6.5 — A hypothetical landscape represented by a grid of 20 x 20 square and identical
zones. It includes 7 biodiversity reservoirs, BR;, BRo, BR3 BR,, BR;, BRg, and BR;, and 11
zones already protected and providing habitat favourable to the species concerned, zs,
26,155 473, 274 217y %918, 211,85 415,105 419,13, and 20 13. The cost associated with the not already
protected zones is equal to one unit and the cost associated with the already protected zones is
equal to 0. Finally, zones zg, 219, 21,10, 21,11, 24,12, 213,18, 14,185 215,15 21525 16,1y 16,2y 2167,
26,8, 217,7, and 217g cannot be protected.

i

Fic. 6.6 — Optimal solution associated with the instance of figure 6.5. The corridors are

shown in black. The protection and possible restoration of a total of 28 zones allows all the
reservoirs to be connected. The cost associated with each black zone is equal to 1 except for
the zones that were already protected. For these zones, the cost is 0 and is shown in the figure.
The total cost of the corridor network is equal to 25 units. The length of the corridor con-
necting BR, and BRj is equal to 18.
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| BR,
BR;

BR;

BR, I BR,

Fic. 6.7 — Optimal solution associated with the instance described in figure 6.5 when the
length of the corridor connecting reservoirs BRy and BRj is required to be less than or equal to
9. The cost of this solution is equal to 26 units. The zones constituting the corridor linking
BR, and BRj; are marked with a cross. The length of this corridor is equal to 5.

I

BR,

BRg

F1G. 6.8 — Optimal solution associated with the instance described in figure 6.5 when the length
of the corridor connecting reservoirs BR, and BRj is required to be less than or equal to 9, and
the length of the corridor connecting reservoirs BRs and BR; is required to be less than or equal
to 11. The cost of this solution is equal to 30 units. The zones constituting the corridors
connecting BR, to BRs and BRg to BR; are marked with a cross. The corresponding lengths are
6 and 9, respectively. On the other hand, the length of the corridor connecting reservoirs BRy
and BR; increases significantly, compared to the previous solution, from 4 to 28.
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consideration. In addition, some zones cannot be protected and will, therefore, not
be able to contribute to the constitution of corridors (figure 6.5).

Figure 6.6 shows the low-cost corridor network linking the 7 reservoirs.
Figure 6.7 shows the least-cost network when the length of the corridor connecting
BR, and BRj is limited to 9 and figure 6.8 presents the least-cost network when, in
addition, the length of the corridor connecting BRg and BR; is limited to 11.

6.3 Optimizing the Permeability of an Existing Corridor
Network Under a Budgetary Constraint

6.3.1 The Problem

This problem consists in improving and /or restoring an existing network of corridors
with the best cost-effectiveness ratio. In other words, there is a certain budget
available to carry out developments to improve the permeability of the network and
the aim is to carry out these developments in such a way as to increase this per-
meability as much as possible, while respecting the financial constraint. Some
authors have considered this type of problem but have proposed — approximate —
resolutions based on simulation methods. We present here an — exact — resolution
based on mixed-integer linear programming. We consider a network of corridors and
a set of species all having the same behaviour in this network. The network is
represented by a graph, G = (BR, C), where BR is the set of indices associated with
the set of the N biodiversity reservoirs, BRy, BRs,..., BRy, corresponding to habi-
tats favourable to the species under consideration, and where C'is the set of arcs. For
any couple, (4,7) € {1,..., ]\/}27 i # 4, (4, j) is an arc of the graph if there is a corridor
between BR; and BR; Note that G = (BR, C) is a symmetric graph. For various
reasons — road and rail infrastructure, urbanization, agriculture, etc. — the condition
of these corridors is more or less deteriorated. The problem is to restore this network
of corridors as efficiently as possible, i.e., to optimize its permeability, under a
budgetary constraint. This permeability is measured by the mathematical expec-
tation of the distance travelled in the network by the species under consideration. It
is assumed that when an animal is in reservoir BR;, it randomly and equiprobably
chooses one of the corridors leading to this reservoir — and thus also leaving this
reservoir. It thus chooses the corridor [BR;, BR;| with the probability 1/d; where d;
indicates the degree of the vertex associated with reservoir BR;, and then tries,
eventually, to use this corridor. A certain probability is associated with this possi-
bility. If it decides to use the corridor, it is assumed that it succeeds in reaching the
other end, i.e., reservoir BR;, also with a certain probability and that it does not
succeed in reaching it, being killed beforehand, with the complementary probability.
Restoring a corridor [BR;, BR] increases the last two probabilities — trying to follow
the corridor and succeeding in its course. The more resources are devoted to
restoration, the higher the values of these probabilities. For a given corridor, several
levels of investment are possible. The set of these levels, for the corridor connecting
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reservoirs BR; and BR; is designated by H; = {0,1,..., h;} with h; = h;. It is
assumed that for each corridor, the possible values of the different probabilities
mentioned above and the associated costs are known. The level 0 investment consists
in doing nothing — the corridor remains in its current state — and costs 0. Denote by
r}jh, (i,5) € C, h € H;, the probability for an animal, located in BR;, to try to use the
corridor [BR;, BR}] if level h investment is made in this corridor and
rfjh, (i,j) € C, h € Hy;, the probability, having chosen to use the corridor, to reach
BR;. These probabilities are not necessarily symmetric. Thus, probability 7}

ijh
different from probability rjlih and probability ,rizjh

may be

may be different from probability r]?ih.

6.3.2 Assoctated Markov Chain

With the corridor network is associated a Markov chain (see appendix at the end of
the book) whose set of states is made up of N transient states corresponding to the
N reservoirs and a (N + 1)th, absorbing, state corresponding to the death of the
animal. These states are denoted by 1,2,.., N, N+ 1. We denote by pry,
i=1,..,N+1,7=1,..., N+1, the transition probability from state i to state j. The
probability pra1,n1 is equal to 1 and, for all j € {1,..., N}, the probability pry. ;
is equal to 0. The probability pry, i=1,..,N,j=1,.., N, corresponds to the
probability that an animal present in reservoir BR; at time ¢ is present in reservoir
BR; at time ¢ 4 1. Note that the probability pr;, i = 1,..., N, is to be considered. It
corresponds to the fact that an animal, present in reservoir BR; at time ¢, can give up
using one of the corridors leaving BR; and thus be again in BR; at time ¢ 4+ 1. The
probability pr; v, i =1,...; N, corresponds to the probability that an animal in
reservoir BR; at time tis dead at time ¢ + 1. It is assumed that at the initial moment
there is an animal in each of the N transient states, i.e., in each of the reservoirs. The
duration of a transition will depend on the context of the study and in particular on
the type of corridor networks and the type of species considered.

Z D
01
to the transition probabilities between transient states and D, to the transition
probabilities from transient states to the absorbing state. Let us denote by A the
N x N —matrix whose general term, n;;, represents the expected number of passages
through transient state j for an animal starting from transient state 4, before being
absorbed, i.e., before being in the state N + 1. According to Markov’s chain theory,
N =(I—2)"" where I denotes the N x N identity matrix. Let w; = Z]N:1 i,
i =1,..., N. The quantity w; thus represents the expected total number of passages
through state i, before being absorbed. We deduce that the expected total number of
routes in the corridor [BR;, BR), from BR; to BR), is equal to w;pr;. We can show

Let us consider the transition probability matrix, IT = ( ) , Z corresponding

that the only solution of the system of equations w; — Z]A;1 wipr; =1,7=1,..., N,in

which the quantities w;, i = 1,..., N, are the unknowns, checks w; = Z]]il nji.
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6.3.3 Mathematical Programming Formulation

The problem of choosing the investments to be made in each corridor in order to
maximize the expected value of the total distance travelled by N animals, one animal
being initially located in each of the N reservoirs, can therefore be formulated as the
mathematical program Pg 5.

max . Lj(wpr;+wpry)
(i.)€C,i<j
N

P6A3 : w; — Z wjprﬂ =1 1= 1’...7 N (631)
s.t. j=1

el (6.3.2)

where C = {(i,7) : [BR;, BR)] is a corridor}, [; is the length of the corridor
[BR;, BR;], w; is a real variable that represents the expression Zj]il nj; and I is a set
of stochastic matrices, of dimension (N +1) x (N +1), of general term pr; and
admissible for the problem. It should be recalled that the set of possible investment
levels in the corridor [BR;, BR;| is H; ={1,2,.., h;} with h; = hj; Let z,
(i,5) € C,h € Hyj, be the Boolean variable which is equal to 1 if and only if the level
h investment is made in the corridor [BR;, BR]-] and ¢, be the cost of this invest-
ment. This cost is defined for i < j. Remember that for all (4,5) € C,i<j, ¢; = 0.
We put z;5, = ;. Let eny;, (4,7) € C, be the positive or zero variable that represents
the expected total number of routes in the corridor [BR;, BRj], from BR;to BR;, i.e.,
the quantity w,pr;. The problem considered can then be formulated as program Pg 4.

max 3, ly(eng; +eny)
(i,)€Cri<j
> cimnTin < B (6.4.1)
(i,)e C i< j,he Hy;
Yoz =1 (i,§) € C,i<j (6.4.2)
hEH,‘]‘
en; = %: Z ri,ljh ri,th Tijh (’L, ]) cC (643)
heH,;
% Z Téh, Tijh
P4 : j:(i,))eC,heHy
st.] =14 > enj 1=1,..,N (6.4.4)
Jj: (i)
Tijh = Tjin (i,7) € C,i<j,h € H; (6.4.5)
zy, € {0,1} (i,5) € C,h € Hy (6.4.6)
w; >0 i=1,...,N (6.4.7)
en; >0 (’L, ]) eC (648)

The economic function of Pg 4 expresses the expected total distance travelled in
the corridors. Constraint 6.4.1 expresses the financial constraint. Constraints 6.4.2



120 Designing Protected Area Networks

and 6.4.5 express that, for each corridor, only one level of investment must be
selected. Constraints 6.4.3 express the expected number of routes in the corridor
[BR;, BR}, from BR,to BR,. Constraints 6.4.4 reflect constraints 6.3.1. Indeed, these
last constraints can be written as w; =1+ Z‘j:l N ji WiPrj; + w;pr;; or alterna-

tively wi(1 —pr;) =1+ 3, y,.en Let us express probability pry;, i.e., the
probability, for an animal present at time ¢ in reservoir BR;, of being present again in
this reservoir at time ¢+ 1. This occurs when the animal chooses any corridor
leaving from BR; and renounces trying to travel that corridor. Remember that an
animal present in BR; chooses the corridor [BR;, BR,| with probability 1/d,;. More-
over, when it has chosen the corridor [BR;, BR)], it tries to use it with probability riljh
if level h investment has been made in this corridor. So we have pr; =

Yiipec (1= hen, riljh:rijh)/d,; and constraints 6.3.1 can therefore be written

wi(1 — Zj: (ij)eC (1- ZheH,,] Tz'ljhxijh)/di) =1+ Zj:1,.4.,N,j¢z' enj or alternatively
f]—’l > rl.ljh Ty, = 1+ Zj:h_qN_#i eny. Pga can be transformed into a
j:(i,)€C,he Hy

mixed-integer linear program by linearizing the quadratic expressions w;z;y, which
are products of the real, non-negative variable w; by the Boolean variable z;;, (see
appendix at the end of this book). To do this, we replace each product w;z;; with
variable vy, and add the set of linear constraints Cg 2 below to force v, to be equal
to wizy, (1,7) € C,h € Hy.

vin <UBs . (1,7) € C,h € Hy

) > vg=w (4,5) € C
Cea: = Y !

’UithO (Z',j)e C,hEHZ']'

UB; is a constant greater than or equal to the optimal value of w; in program
Pg.4. By examining successively the two possible values of z;;, while taking into
account constraints 6.4.2 and 6.4.5, we see that v, = w;z; if and only if the con-
straints of Cg o are satisfied. Finally, the problem can be solved by program Pgs.

max E l,'j (enl-j +€Ilj7;)
(i)€C,i<j
(6.4.1),(6.4.2),(6.4.5), (6.4.6), (6.4.7), (6.4.8)
Ol :% Z riljh rIQJ}I Vijh (Zvj) eC (651)

heH
. T Y rhup=14+ Y eny i=1,.,N (6.5.2)
Pes "jigec j:(ij)eC

s.t. he H
v, < UB; i, (i,5) € C,h € H; (6.5.3)
Y Ui = w (i,5) € C (6.5.4)
he Hy;
Vg, > 0 (i,7) € C,h € H; (6.5.5)
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6.3.4 FExzample 1

Consider the example described in figure 6.9 and table 6.1.
In this example, we assume that there are 4 possible types of restoration for each

corridor to reduce the barrier effect — reflected by the probabilities 7, and rj, — and
mortality risk — reflected by the probabilities r%h and r]'zm Table 6.1 gives, for each
corridor [BR;, BRj], its length, I;;, the probabilities r%jh, rjlih, rfjh, and 7’]'22'}1’ forh=0, 1,
..., 4, and the associated costs, ¢, for b = 0, 1,..., 4. By definition, c;j is equal to
0. In this example, the effects of the possible restorations for each corridor are not
symmetric, neither with regard to the barrier effect since r}jh may be different from

r].ll-h, nor with regard to the mortality risk since rfjh may be different from 7"]'27:h~ Note
that, in this example, r}jh , rjl,ih , rfjh, rj%-h, and c;j are increasing as a function of A.

The computational experiments were conducted with different values of the
available budget, B. The results are presented in table 6.2. Remember that, in this
example, the effects of corridor restoration are not symmetric, neither in terms of
barrier effect nor in terms of mortality risk. In order to obtain, among the equivalent
solutions of Pg 5, a minimal cost solution, we subtract from the objective function
the quantity & Z(i’j)e C.i<jheH, CiihTih where ¢ is a sufficiently small constant.

If no restoration is carried out in the corridors, the expected total distance
travelled is 60 km, and if the best possible restoration is carried out in view of the
pursued objective — which requires a budget of 133 units — this expected distance
becomes equal to 213 km. The results in table 6.2 show that, in some cases, it is not

BR, ] BRs
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1
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Fic. 6.9 — A hypothetical network of corridors associated with 6 biodiversity reservoirs. The
corridors [BRy, BRy], [BRy1, BR3), [BRy, BRs], and [BRj5, BR;] are long and narrow. Dwellings
are located near the corridors [BRy, BRs] and [BRjs, BRg]. The corridors [BRy, BR3] and
[BRy, BRs] are short and narrow. The corridors [BRy, BRy|, [BR3, BR4], and [BRs, BR;5] are
relatively short and wide. These last 3 corridors are crossed by a main road and the corridors
[BR1, BRy] and [BR;, BR;] are crossed by a small road.
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TAB. 6.1 — Each cell in columns 2 to 6 shows, for a corridor [BR;, BR;] of the network in figure 6.9 and for a given value of the investment level
h€{0,1,2,3,4}, the probabilities r}w rjli,” rfjh, 7}2%, and the associated costs, cjp, in this order. For example, in the cell located at the
intersection of row [3, 5] — associated with the corridor [BR3, BRs] — and column h = 3, 1k, = 0.7, 1855 = 0.7, 12, = 0.9, 72, = 0.8, and
c353 = 12. The last column of the table shows the length of each corridor, l;, in kilometres. The total cost associated with the maximal
investments that can be made in each corridor is equal to 150.

[i, ] h=0 h=1 h=2 h=3 h=4 I
1, 2] 0.2/0.2/0.7/0.7/0 0.5/0.6/0.8/0.8/3 0.7/0.8/0.9/0.9/8 0.8/0.8/0.9/0.9/11 0.9/0.9/0.8/0.9/15 10
1, 3] 0.2/0.2/0.6/0.6/0 0.3/0.4/0.7/0.7/4 0.6/0.5/0.7/0.7/10 0.7/0.7/0.7/0.8/13 0.9/0.8/0.8/0.9/17 10
2, 3] 0.2/0.2/0.5/0.5/0 0.5/0.6/0.6/0.6,/2 0.5/0.7/0.7/0.6/7 0.7/0.8/0.7/0.7/11 0.8/0.9/0.8/0.9/17 2
2, 4] 0.2/0.2/0.6/0.7/0 0.4/0.6/0.7/0.7/4 0.7/0.7/0.7/0.7/9 0.8/0.8/0.9/0.8/13 0.9/0.9/0.8/0.9/16 5
3, 4] 0.2/0.2/0.6/0.6/0 0.4/0.4/0.6/0.6/3 0.7/0.7/0.8/0.6/8 0.8/0.8/0.8/0.8/15 0.9/0.9/0.8/0.9/19 6
3, 5] 0.2/0.3/0.5/0.7/0 0.4/0.5/0.6/0.7/5 0.6/0.7/0.8/0.7/9 0.7/0.7/0.9/0.8/12 0.9/0.9/0.8/0.9/18 5
[4, 5] 0.2/0.2/0.7/0.7/0 0.4/0.4/0.7/0.7/2 0.5/0.5/0.8/0.7/6 0.8/0.8/0.8/0.8/11 0.9/0.9/0.9/0.9/16 2
(4, 6] 0.2/0.3/0.7/0.5/0 0.5/0.5/0.7/0.7 /4 0.7/0.7/0.7/0.7/9 0.8/0.8/0.7/0.7/12 0.9/0.9/0.7/0.9/15 7
[5, 6] 0.2/0.2/0.6/0.6/0 0.5/0.5/0.7/0.7/5 0.7/0.8/0.8/0.8/10 0.8/0.8/0.9/0.8/13 0.9/0.9/0.8/0.9/17 7
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TAB. 6.2 — Results obtained, by solving program Pgs, for the example
described in figure 6.9 and table 6.1.

B Expected total Actual (enU + en_,-,-) CPU
distance travelled cost Min Av Max time
(km) (s)
0 60 0 0.86 1.06 1.37 0.0
30 147 29 0.74 203 5.54 0.1
60 181 60 0.70 265 5.18 0.2
90 203 87 0.64 3.11 4.81 0.2
120 211 117 0.79 3.63 4.29 0.1
150 213 133 321 494  4.43 0.1
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TAB. 6.3 — Detailed results corresponding to the optimal solution of the example described in
figure 6.9 and table 6.1 for a budget of 90 units.

NN R W N

(e) ny, general term of (I-Z)", expected number of passages through BR
for an individual starting from BR; - before its disappearance.

1 2 3 4 5 6 1 2 3 4 5
1 11 17 1 0.8/0.9 0.9/0.8
2 0 0 2] 0.8/0.9 0.2/0.5  0.2/0.6
3 19 12 310809 02/0.5 0.9/0.8 0.7/0.9
4 0 15 4 0.2/0.7  0.9/0.9 0.2/0.7  0.9/0.7
5 13 5 0.7/0.8  0.2/0.7 0.8/0.9
6 6 0.9/0.9 0.8/0.8
(a) Cijp> @amount of investment (b) }’,»jl«h / f}?h, probabilities associated with
in each corridor - a total of 87 units. ) 1 o 5
barrier effect, Tins and mortality risk, Tin-
1 2 3 4 5 6 7 2 3 4 5 6
0.15 036 036 0 0 0 0.13 1 4.81 4.52
024 0.60 0.03 0.04 0 0 0.09 2 0.64 0.81
0.18 0.02 035 0.18 0.16 0 0.11 3 4.49 3.58
0 0.03 020 045 0.03 0.16 0.12 4 0.83 421
0 0 0.19 0.05 043 024 0.09 5 4.08
0 0 0 040 032 0.15 0.12 6
0 0 0 0 0 0 1
(¢) pry. transition probabilities. (d) (en; +en;), expected number
of routes along each corridor; average value=3.11.
1 2 3 4 5 6
1 2.24 2.25 2.01 1.26 0.91 0.49
2 1.49 4.05 1.64 1.23 0.79 0.45
3 1.01 1.26 3.10 1.75 1.37 0.71
4 0.66 1.00 1.81 3.30 1.25 0.96
5 0.62 0.83 1.83 1.80 3.06 1.20
6 0.55 0.79 1.55 2.25 1.75 2.09
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TAB. 6.4 — Detailed results corresponding to the optimal solution of the example described in
figure 6.9 and table 6.1, in the case of a budget of 90 units and when the number of routes

along each corridor must be greater than or equal to 1.5.

1 2 3 4 6 1 2 3 4 6
1 8 17 1 0.7/0.9  0.9/0.8
2 2 13 21 0.8/0.9 0.5/0.6  0.8/0.9
3 15 12 31 08/0.9 0.6/0.6 0.8/0.8  0.7/0.9
4 4 4 0.8/0.8 0.8/0.8 0.5/0.8  0.5/0.7
5 13 5 0.7/0.8  0.5/0.7 0.8/0.9
6 6 0.5/0.7  0.8/0.8
(@) Cjjp» amount of investment (b) }’,}h / 7}/-2,,, probabilities associated with
in each corridor - a total of 90 units. ) 1 o 5
barrier effect, r[jh’ and mortality risk, VW, .
1 2 3 4 5 6 7 1 2 3 4 5 6
11020 032 036 0 0 0 0.12 1 3.46 3.63
21024 030 0.10 024 0 0 0.12 2 1.55 3.24
31018 0.09 028 0.16 0.16 0 0.14 3 2.97 2.90
4 0 0.16 0.16 035 0.10 0.09 0.14 4 1.85 1.82
5 0 0 0.19 0.12 033 024 0.12 5 3.69
6 0 0 0 0.18 032 035 0.16 6
7 0 0 0 0 0 0 1
(c) prj;. transition probabilities. (d) (en;; +en ;). expected number
of routes along each corridor; average value=2.79.
1 2 3 4 5 6
1 2.05 1.42 1.69 1.21 0.80 0.46
2 1.04 242 1.39 1.51 0.79 0.50
3 0.88 1.03 2.54 1.36 1.08 0.58
4 0.60 1.04 1.30 2.63 1.06 0.75
5 0.50 0.70 1.29 1.33 2.54 1.12
6 0.41 0.62 0.99 1.36 1.54 2.29

(€) ny, general term of (I-Z)"', expected number of passages through BR;
for an individual starting from BR; - before its disappearance.

worthwhile to use all the financial resources to optimize the permeability of the
network. For example, when B = 90, the best solution — 203 km — is obtained by
investing only 87 units. If the entire budget is required to be used by transforming in
program Pg 5 the inequality constraint Z(me Ci<jheH, CiihTih < B into the equality
constraint Z(i,j)EC,i <jheH, CihTih = B, the best solution obtained corresponds to an

expected distance of only 201 km. Table 6.3 gives detailed results when B = 90.

We see in table 6.3d that the corridors [BRy, BR3], [BRa, BRy|, and [BRy4, BR;]
are little used, compared to others. The mathematical programming approach
allows additional constraints to be easily taken into account. For example, the
expected number of routes along each corridor can be required to be greater than or
equal to 1.5. To do this, simply add the constraints en; +enj;; > 1.5, (4,5) € C, i<y,
to program Pg 5. In this case, the expected total distance travelled along the corri-
dors becomes 165 km instead of 203 km. The detailed characteristics of this solution
are given in table 6.4.
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F1G. 6.10 — A hypothetical network with 10 reservoirs and 15 corridors.

6.3.5 FExample 2

From a theoretical point of view, there is no limit in the size of the instances —
number of reservoirs and number of corridors — that can be handled by program Pg s.
However, for large-sized instances, the computation time required to resolve them
can become very important. We tested an instance with 10 reservoirs and 15 cor-
ridors and considered that there could be 7 levels of restoration for each of these
corridors (figure 6.10). In this example, the landscape is represented by a grid of
28 x 28 square and identical zones, each side of which measures 500 m, and includes
10 biodiversity reservoirs, BR,, BRy,..., BR;y. As in the example in section 6.3.4, it
is assumed that the effects of corridor restoration are not symmetric — riljh may be

. 1 2 : 2
different from Tiin and T may be different from Tiin-

In figure 6.10, the length of the corridor connecting two reservoirs, BR; and BR;,
is proportional to the number of grid cells that must be traversed along this corridor



TAB. 6.5 — This table shows, for each corridor [BR;, BR;] of the network in figure 6.10 and for each possible value of the investment level
h e {0,1,2,3,4,5,6, 7}, the probabilities r}i,l, rjli,” 7’,]-,_2/-,’/, rfih and the associated costs, c;, in this order. For example, the cell located at the
intersection of row [3, 5] — associated with the corridor [BR3, BR;] — and column h = 6, i, = 0.81, ri, = 0.81, 12 = 0.86, r; = 0.86, and

c356 = 31. The last column of the table shows the length of each corridor, ;j, in kilometres — 16 for the corridor [BR3, BR;].

0.22/0.23/0.57/0.58/0  0.32/0.33/0.62/0.63/1  0.42/0.43/0.67/0.68/4  0.52/0.53/0.72/0.73/9  0.62/0.63/0.77/0.78/15
0.22/0.23/0.57/0.58/0  0.32/0.33/0.62/0.63/1  0.42/0.43/0.67/0.68/5  0.52/0.53/0.72/0.73/11  0.62/0.63/0.77/0.78/18
0.24/0.22/0.59/0.57/0  0.34/0.32/0.64/0.62/1  0.44/0.42/0.69/0.67/4  0.54/0.52/0.74/0.72/9  0.64/0.62/0.79/0.77/15
0.23/0.22/0.58/0.57/0  0.33/0.32/0.63/0.62/1  0.43/0.42/0.68/0.67/5  0.53/0.52/0.73/0.72/10  0.63/0.62/0.78/0.77/17
0.21/0.23/0.56/0.58/0  0.31/0.33/0.61/0.63/1  0.41/0.43/0.66/0.68/4  0.51/0.53/0.71/0.73/7  0.61/0.63/0.76/0.78/12
0.22/0.23/0.57/0.58/0  0.32/0.33/0.62/0.63/1  0.42/0.43/0.67/0.68/4  0.52/0.53/0.72/0.73/8  0.62/0.63/0.77/0.78/13

0 N o o o
O o0 © 1 O Ot

[i, ] h=0 h=1 h=2 h=3 h=4

[1,2]  0.21/0.23/0.56/0.58/0  0.31/0.33/0.61/0.63/1  0.41/0.43/0.66/0.68/4  0.51/0.53/0.71/0.73/9  0.61/0.63/0.76/0.78/15
1,7 0.22/0.22/0.57/0.57/0  0.32/0.32/0.62/0.62/1  0.42/0.42/0.67/0.67/4  0.52/0.52/0.72/0.72/9  0.62/0.62/0.77/0.77/15
[1,8]  0.21/0.22/0.56/0.57/0  0.31/0.32/0.61/0.62/1  0.41/0.42/0.66/0.67/5  0.51/0.52/0.71/0.72/11  0.61/0.62/0.76/0.77/18
[1,10]  0.22/0.23/0.57/0.58/0  0.32/0.33/0.62/0.63/1  0.42/0.43/0.67/0.68/5  0.52/0.53/0.72/0.73/11  0.62/0.63/0.77/0.78/18
2,3]  0.24/0.21/0.59/0.56/0  0.34/0.31/0.64/0.61/1  0.44/0.41/0.69/0.66/5  0.54/0.51/0.74/0.71/10  0.64/0.61/0.79/0.76/17
3,4  0.22/0.23/0.57/0.58/0  0.32/0.33/0.62/0.63/1  0.42/0.43/0.67/0.68/5  0.52/0.53/0.72/0.73/10  0.62/0.63/0.77/0.78/17
3,5]  0.21/0.21/0.56/0.56/0  0.31/0.31/0.61/0.61/1  0.41/0.41/0.66/0.66/4  0.51/0.51/0.71/0.71/9  0.61/0.61/0.76/0.76/15
3,71 0.21/0.21/0.56/0.56/0  0.31/0.31/0.61/0.61/1  0.41/0.41/0.66/0.66/4  0.51/0.51/0.71/0.71/8  0.61/0.61/0.76/0.76/13
4, 0.21/0.21/0.56/0.56/0  0.31/0.31/0.61/0.61/1  0.41/0.41/0.66/0.66/5  0.51/0.51/0.71/0.71/10  0.61/0.61/0.76/0.76/17
[
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[i, 4 h=5 h=6 h=T I
1, 2] 0.71/0.73/0.81/0.83/23 0.81,/0.83,/0.86,0.88/32 0.91/0.93/0.91/0.93/42 10
1, 7] 0.72/0.72/0.82/0.82/22 0.82/0.82/0.87/0.87/30 0.92/0.92/0.92/0.92/40 14
1, 8] 0.71/0.72/0.81/0.82/27 0.81,/0.82/0.86/0.87/38 0.91/0.92/0.91/0.92/50 12
1, 10 0.72/0.73/0.82/0.83 /27 0.82/0.83/0.87/0.88/38 0.92/0.93/0.92/0.93/50 8
2, 3] 0.74/0.71/0.84/0.81/25 0.84/0.81,0.89/0.86/35 0.94/0.91/0.94/0.91/47 8
3, 4] 0.72/0.73/0.82/0.83/26 0.82/0.83/0.87/0.88/35 0.92/0.93/0.92/0.93/47 11
3, 5] 0.71/0.71/0.81/0.81/22 0.81/0.81,0.86,/0.86/31 0.91/0.91/0.91/0.91/41 16
3, 7] 0.71/0.71/0.81/0.81/20 0.81,/0.81,0.86,/0.86/28 0.91/0.91/0.91/0.91/37 6
(4, 5] 0.71/0.71/0.81/0.81/26 0.81,/0.81,0.86/0.86/36 0.91/0.91/0.91/0.91/47 10
[5, 6] 0.72/0.73/0.82/0.83/23 0.82/0.83/0.87/0.88/32 0.92/0.93/0.92/0.93/42 8
[6, 7] 0.72/0.73/0.82/0.83/27 0.82/0.83/0.87/0.88/37 0.92/0.93/0.92/0.93 /49 12
[6, 9] 0.74/0.72/0.84/0.82/22 0.84/0.82/0.89/0.87/31 0.94/0.92/0.94/0.92/41 14
7, 8] 0.73/0.72/0.83/0.82/26 0.83/0.82/0.88/0.87/36 0.93/0.92/0.93/0.92/47 6
8, 9] 0.71/0.73/0.81/0.83/19 0.81/0.83/0.86/0.88,/26 0.91/0.93/0.91/0.93/34 6
9,1 0.72/0.73/0.82/0.83/19 0.82/0.83/0.87/0.88/27 0.92/0.93/0.92/0.93/36 10
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TAB. 6.6 — Computational results for the example described in figure 6.10 and table 6.5.

B Expected total distance Actual (en;; +eny) CPU time
travelled (km) cost Min  Av  Max (s)

0 133 0 0.77 087 1.00 0

150 443 147 0.84 239 6.62 9

300 688 296 0.86 3.95 T7.17 20

450 917 445 0.96 5.49 7.58 2

600 1,065 576 1.00  6.87 7.53 0.1

750 1,111 620 716 734  7.62 0.03

to get from BR, to BR;. For example, the length of the corridor connecting BR; to
BR; is equal to 5 km and the length of the corridor connecting BRg to BR7 is equal
to 6 km. All data for this example are summarized in table 6.5.

We see in table 6.6 that the resolution of this instance is very fast for the six
B values considered. The case that requires the most computation time is when the
financial resources are limited to about 0.5 times the maximum potential invest-
ment, ZW) €C i< jCZj = 650. We also see in this table that the difference between the
extreme values of (en; +eny) is often significant. We solved the problem with
B = 450 and the additional constraints, en; +enj; > 2, (¢,7) € C,i<j. In this case,
the minimal number of routes along a corridor is equal to 2.33 and the maximal
number of routes along a corridor is equal to 6.15, but the expected total distance
travelled along the corridors is only equal to 765 km. It should be noted that taking
this constraint into account significantly increases the computation time, since it
increases from 2 to 49 s. We also solved the problem with the constraints pry; > 0.1-
without constraints on the number of routes in each corridor. In this case, the
minimal number of routes along a corridor is equal to 2.32, the maximal number of
routes along a corridor is equal to 6.09 and the expected total distance travelled
along the corridors is equal to 744 km (39 s of computation time). With the con-
straints pr; > 0.15, (4, j) € C, the minimal number of routes along a corridor is equal
to 2.86, the maximal number of routes along a corridor is equal to 5.47 and the
expected total distance travelled along the corridors is equal to 676 km (1.12 s of
computation time). Finally, there is no feasible solution when pr;; > 0.2, (i,5) € C.In
this case, with the budgetary constraint corresponding to B = 450, it is impossible
to make investments in the corridors in such a way that pr;; > 0.2 for all the reservoir
pairs connected by a corridor. Remember that pr;; is the probability, for an animal
leaving reservoir BR;, of reaching the adjacent reservoir BR; in one transition. The
same applies to any available budget value less than or equal to 569. On the other
hand, for any available budget value greater than or equal to 570, there is a feasible
solution. For example, for the maximal potential investment — B = 650 — the min-
imal number of routes along a corridor is equal to 7.16, the maximal number of
routes along a corridor is equal to 7.62, and the expected total distance travelled
along the corridors is equal to 1,111 km (0.02 s of computation time).
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Chapter 7

Species Survival Probabilities

7.1 Introduction

As in the previous chapters, we are interested in a set of threatened species,
S = {51, S2,-.-, Sm}, and a set of zones that we can decide whether or not to protect,
Z = {#, 22,..., z,}. It is hypothesized that protecting a zone increases the chances of
survival, in that zone, of the species that live there and in which we are interested. It
is also assumed that the effects generated by the protection of the zones are inde-
pendent. In other words, the chances of survival of a species in one zone depend only
on whether the zone is protected or not; they do not depend on decisions that are
made with regard to other zones. Thus, the main characteristic of the different
models presented in this chapter lies in the fact that the uncertainty — which has
many sources — concerning the survival of species s;, in zone z; is reflected by a certain
probability, and this for all i € Z = {1,2,...,n} and for all k € S = {1,2,..., m}. Note
that these probabilities are generally difficult to establish since it is particularly
difficult, in this field as in many others, to predict the future based on past events.
First, it is assumed that the survival probability of species s;, in zone z; is equal to p;,
if zone z; is not protected and g¢;; in the opposite case. Note that this model is very
general since the values p; and g can be equal to 0 for some couples (i, k). In
particular, some protected zones do not contribute to the protection of certain
species. This also enables, for example, to consider a zero survival probability for
certain species in unprotected zones. In a second step, it is assumed, as before, that
the protection of zone z; ensures the survival of species s; in this zone with the
probability ¢;, but it is realistically admitted that a certain error may affect this
probability. More precisely, it is assumed that the survival probability of species s;, in
the protected zone z; belongs to the interval [qg — O, qix + i), and this for all i € Z
and for all k£ € S. On the other hand, to simplify the presentation, it is considered, in
this case, that there is no uncertainty about the survival probabilities of the species
in unprotected zones and that all these probabilities are equal to 0.

DOI: 10.1051/978-2-7598-2521-9.c007
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7.2 Reserve Ensuring a Certain Survival Probability
for the Largest Possible Number of Species,
of a Given Set, Under a Budgetary Constraint

The problem is to define a reserve, i.e., a set of zones to be protected, whose
protection cost is less than or equal to the available budget, denoted by B, and which
maximizes the number of species of S whose survival probability in the set of zones
considered — protected or not — is greater than or equal to a certain threshold value.
We denote by p; the threshold value corresponding to species s;. As we saw in the
introduction, the survival probability of species s; in zone z; is denoted by p;. if z; is
not protected and g¢;, in the opposite case, and it is assumed that these survival
probabilities are independent. Let us introduce the Boolean decision variable z;
which takes the value 1 if and only if zone z; is protected. The extinction probability
of species s, in zone z can then be written, as a function of variables
1 —pu(1 — x;) — g It can be deduced that the probability of disappearance of
species s;, from the set of zones considered is equal to [[,., (1 — pir(1 — ;) — qix:),
and finally that the survival probability of species s; in these same zones is equal to
1 —Tlies (1 = pir(1 — ;) — gira;). The problem is, therefore, to determine the zones
to be protected, i.e., the values of variables z;, in order to satisfy, for as many species
s, as possible, k € S, the constraint 1 —[],., (1 — pir(1 — %) — qaewi) > py. Let us
also introduce the Boolean variable y; which takes the value 1 if and only if this last
constraint is verified, i.e., if the survival probability of species s; in the set of
candidate zones is greater than or equal to the threshold value, p;. The problem
considered can then be formulated as the mathematical program in Boolean
variables Py ;.

max . Yk
kesS
icz
Pri: =TI (= pa(l — @) — qauws) > pre ke S (7.1.2)
s.t. i€Z
z € {0,1} ieZ (7.1.3)
yr € {0,1} keSS (7.1.4)

The economic function of P;; expresses the number of species whose survival
probability in the set of candidate zones is greater than or equal to the threshold
value. This function should be maximized. Constraint 7.1.1 expresses that the total
cost of protecting the reserve must be less than or equal to the available budget,
B. Constraints 7.1.2 force the Boolean variables y;, k£ € S, to take the value 0 if the
survival probability of species s;, in the set of candidate zones, is below the threshold
value, p;. Otherwise, and because of the expression of the economic function to be
maximized, variable y, takes the value 1 at the optimum of P; ;. Constraints 7.1.3
and 7.1.4 specify the Boolean nature of variables z; and y;. The economic function is
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linear but constraints 7.1.2 are not linear since they involve the products of the
n linear functions 1 — pu(1 — x;) — gz We will see that these constraints 7.1.2 can
be linearized and therefore, finally, the solution to the problem considered can be
determined by solving a linear program in Boolean variables. First of all, let us
rewrite constraints 7.1.2 as [[,., (1 —pa(1 — %) — quewi) <1 —ppy, k€ S. To
simplify the presentation, it is assumed that py, g, and py, are strictly less than 1 (a
method to take into account probabilities that can take the value 1 is presented in

section 7.5.1). Constraints 7.1.2 are equivalent to log(Hiez (1 —pu(l —z)—

qir;)) < log(1 — prys) or alternatively to > .., log(1l — pi(1 — z;) — qa;) < log(1—
PrYk), k€ S. Since x; and vy, are Boolean vz;riables, log(1 — pu(1 — 2) — qipzs) =
zilog(l — gix) + (1 — ;) log(1 — pg) and  log(l — pryx) = yilog(l — p;). The
non-linear constraints 7.1.2 are, therefore, equivalent to the linear constraint
Zz‘eg [zilog(1 — gix) + (1 — ;) log(1 — py)] < wyrlog(l — p), k€ S. Finally, the
solution to the problem considered can be determined by solving the linear program
in Boolean variables P o:

max > Yk
kesS
> cri<B (7.2.1)
i€Z
P.y: > [zilog(1 — qi) + (1 — ;) log(1 — pir)]
e i€z
st <yilog(l — py) keS (7.2.2)
z; € {0,1} icZ (7.23)
yr € {0,1} keS (7.2.4)

By setting o}, = log(1 — gi), o3, = log(1 — py) and B, = log(1 — p;), program
P~ 5 is rewritten as program P 3.
max ». Y
kes
o S ewi < B (731) | ze{0,1} i€z (7.3.3)
7.3 - i€z

t.
U S (- ) <B k€S (7.32) | we{01} keS (7.34)
icZ

7.3 Least-Cost Reserve Ensuring a Certain Survival
Probability for All Species Under Consideration

Consider the following variant of the problem studied in the previous section, which
consists in determining a reserve, i.e., a set of zones to be protected, with a minimal
cost, and which ensures that all species of S have a survival probability —in the set of
candidate zones — greater than or equal to a certain threshold value. The solution to
this problem is obtained by solving the linear program in Boolean variables P 4.
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min Y. ¢

icz
Pry: > bzt (1—z)|<p, keSS (741)
s.t.| €z
z € {0,1} icZ (142)

The economic function of P74 expresses the cost of protecting the reserve. This
function should be minimized. Constraints 7.4.1 express that the survival proba-
bility of species sy, in the set of candidate zones, must be greater than or equal to the
threshold value, p;, associated with this species, and this for all k& € S.

7.4 Study of the Two Previous Problems When the
Survival Probabilities of the Species Considered
are All Equal to Zero in the Unprotected Zones

7.4.1 Mathematical Programming Formulation

It is assumed here that all the unprotected zones will be assigned to activities
incompatible with the protection of the species that live there. This corresponds to
the particular cases of the problems studied in the 2 previous sections, obtained by
considering that the survival probability of species s; in zone z; is equal to 0 if zone z;
is not protected and to g;;, in the opposite case. The survival probability of species s,
in the set of candidate zones is then equal to the survival probability of species s;, in
the reserve, i.e., expressed as a function of variables z;, to 1 — [[,., (1 — gira;). The

particular case corresponding to the problem in section 7.2 is to determine a reserve,
whose protection cost is less than or equal to the available budget and which
maximises the number of species of S whose survival probability in the reserve is
greater than or equal to a certain threshold value. We obtain the mathematical
program in Boolean variables P; 5. This program is obtained by replacing in P74
constraints 7.1.2 by constraints 7.5.2.

max ». i
keS
S o, < B (751) | {01} icZ (7.53)
Prs: ez
s.t.
1= —guz)=prye k€S (752) | y.€{0,1} keSS (7.5.4)
i€z

Like constraints 7.1.2, constraints 7.5.2 can be linearized and the solution to the
problem considered can, therefore, be determined by solving the linear program in
Boolean variables Py g.
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max Y. Yk
keS

Sz <B (76.1) | z€{0,1} ieZ (76.3)

i€Z

S amlog(l— g <ylog(l—p) k€S (762) | pef{01} kes (7.64)

i€Z

Finally, by putting o}, =log(l — ¢i) and B, =log(l — p,), program Py is
rewritten as program P ;.

max ». Y
kesS

S e <B (771) | me{0,1} ez (7.7.3)

i€z

P77
s.t.
Nohm<Byw k€S (71.72) | wye{0,1} keSS (7.7.4)

i€Z

The problem of section 7.3, in the particular case where all the survival proba-
bilities are zero in unprotected zones, is to determine a minimal cost reserve that
ensures that all the species of S have a survival probability — in the set of candidate
zones and, therefore, in the reserve — greater than or equal to a certain threshold
value. This problem can be solved by the mathematical program in Boolean
variables P;g obtained by replacing in program P;, constraints 7.4.1 by the
constraints Y, ,oh 2 <, k€ S.

min Y. ¢
icZ
Prs: Sohn<B, keS (7.8.1)
s.t.| i€z
5e{0,1} icZ (1.82)

Remark. The problems considered in section 7.4 can be interpreted in a slightly
different way as some authors have done: the presence of a given species in a given
zone is defined by a probability. Thus gy, refers to the probability of occurrence of
species s, in zone z;. These probabilities can be determined using statistical methods
such as logistic regression. The two problems considered above then become:
(1) determine a reserve, whose cost of protection is less than or equal to the available
budget and which maximizes the number of species of S whose probability of
occurrence in the reserve is greater than or equal to a certain threshold value,
(2) determine a minimal cost reserve which ensures to all the species of S a proba-
bility of occurrence in the reserve greater than or equal to a certain threshold value.

7.4.2 FExamples

Let us illustrate the previous results on a hypothetical set of candidate zones rep-
resented by a grid of 8 x 8 square and identical zones. As already noted, the set of
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1 2 3 4 5 6 7 8
51:0.7 53:0.5 s5:0.4 s6:0.6 51:0.6 52:04 5,:09
1] s§:0.7 sg: 0.6 s10:0.7 s4:04 s7:0.6
S10 ¢ 0.3 S0 * 0.8
9 2 3 3 3 3 9 5
§9:0.8 §9:0.5 s5:04 51:0.6 53:0.6
2 s7:0.8
4 1 1 9 5 6 3 4
53:0.6 S9:0.9 s7:0.5
3 s10: 0.5
7 8 10 6 4 8 10 4
s9:0.6 52:0.6 54:03 s9:0.7
4
3 3 8 7 6 5 9 9
s4:0.9 s3:0.8 s7:0.5 s5:04
5 s7:0.5 sg: 0.8
1 10 2 7 3 6 1 6
$2:0.6 54:0.8 53:0.6 s4:0.7 s5:0.6
6 s9:0.7
3 4 6 2 10 6 1 7
s2:04 s3:03 s3:0.8 s3:0.8 s6:0.5
7 s4:0.4
8 2 5 1 3 6 8 8
s1:0.5 52:0.5 s3:0.6 52:0.7 s5:0.7 s6:0.3
8 s3:0.7 s4:0.5
s¢: 0.4
5 10 5 5 4 7 4 7

Fi1G. 7.1 — A set of 64 candidate zones for protection represented by a grid of 8 x 8 square and
identical zones. 10 species $1, $,..., 8o are concerned. The corresponding survival probabil-
ities, g;z, and the protection costs are indicated in each zone. Consider, for example, zone zg.
Species s; and sg are concerned. The survival probabilities of these 2 species in this zone, if
protected, are 0.5 and 0.8, respectively. The cost of protecting this zone is equal to 6.

candidate zones is represented by a grid in order to simplify the presentation, but all
the following could easily be adapted to other sets of candidate zones. In this
example, 10 species are concerned. The data are presented in figure 7.1. The zones
are designated by z; where i represents the row index of the zone and j, its column
index. On each zone is indicated the list of the species whose survival probability is
positive if the zone is protected and the corresponding survival probability, denoted by
g for species s;, in zone z;. This probability corresponds to probability g;, defined at
the beginning of this chapter but, here, a candidate zone is defined by the index pair
(4, 7). In this example, all the survival probabilities in the unprotected zones are zero.
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TAB. 7.1 — List of the zones whose protection guarantees for

species s, k= 1,..., 10, a positive survival probability.

Si. Zk St Zk

S1 211 216 %25 283 S6 215 278 284 288

52 217 218 243 %61 #71 %84 #86 S7 218 226 237 255 256
53 212 226 #34 255 265 A75 283 285 58 211 214 R56 273 276
S4 217 244 R54 262 267 A75 284 S9 22 223 236 242 246 262
S5 214 224 257 68 287 S10 211 215 218 234

The cost associated with protecting each zone is indicated in the lower right corner of
the corresponding zone. To facilitate the analysis of this example, we give in table 7.1
the composition of the sets Z, for all k € S, i.e., the sets of candidate zones where the
survival probability of species s, is strictly positive. In other words,
Zr, = {2z € Z : qi > 0}. We denote by Z; the set of indices of the zones of Z.

In this example, the threshold value is considered to be the same for all species
considered and so we set p;, = p for all k € §. We will examine both problems defined
below.

Problem I. Determine a reserve that respects a certain budget, B, and maximizes
the number of species whose survival probability — in the set of candidate zones and,
therefore, in the reserve — is greater than or equal to a certain threshold value, p. We
consider the 4 values of p, 0.80, 0.85, 0.90, and 0.95, and the 4 values of B, 20, 40, 60,
and 80.

Problem II. Determine a minimal cost reserve that ensures that all the species
considered have a survival probability — in the set of candidate zones and therefore
in the reserve — greater than or equal to a certain threshold value, p. We consider the
4 values of p, 0.80, 0.85, 0.90, and 0.95.

The solution to Problem I is obtained by solving program P;; and that of
Problem II, by solving program P;g. The results obtained for Problem I are
presented in table 7.2. The optimal reserves for some instances of table 7.2 are
presented in figure 7.2. The results obtained for Problem II are presented in
table 7.3. The optimal reserves corresponding to the instances in table 7.3 are
presented in figure 7.3. The resolution of all these instances — by program P; - or
P; s — is instantaneous and the number of nodes developed in the search tree is very
often zero.

Section 7.4.3 discusses the resolution of large-sized instances.

7.4.3 Computational Experiments on Large-Sized
Instances

In these instances, 300 species are concerned and the set of candidate zones is
represented by a grid of 20 x 20 square and identical zones (figure 7.4). The zones
are designated by z; where i represents the row index of the zone and j, its column
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TAB. 7.2 — Problem I: Results obtained by solving program P ; for the example described in
figure 7.1, for different threshold values, p, and different values of the available budget, B.

B p Number of species Cost Number of Number of Associated
with a survival of the zones in nodes in the figure
probability > p reserve  the reserve search tree

20 0.80 7 20 7 0 -

0.85 5 20 7 0 -
0.90 5 20 7 0
0.95 3 19 8 0 -
40  0.80 10 40 11 0 7.2a
0.85 9 40 11 12 7.2b
0.90 8 40 10 0 7.2c
0.95 6 39 11 0 7.2d
60  0.80 10 58 14 0 —
0.85 10 60 15 0 —
0.90 9 60 15 0 -
0.95 8 60 17 0 -
80  0.80 10 58 14 0 -
0.85 10 80 18 0 -
0.90 10 79 19 0 -
0.95 9 79 19 0
(@) p=0.80 ) p=0.85 © p=0.90 @ p=0.95

F1G. 7.2 — Problem I: Optimal reserves for the instances in table 7.2 corresponding to B = 40.

TAB. 7.3 — Problem II: Results obtained by solving program P+ g for the example described in
figure 7.1 and for different threshold values.

p Cost of the Number of zones in Number of nodes in the Associated
reserve the reserve search tree figure
0.80 40 11 0 7.3.a
0.85 52 13 0 7.3.b
0.90 69 15 0 7.3.c
0.95 - - - -

—: No feasible solution.
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a) p=0.80 b) p=0.85 ¢ p=0.90

Fic. 7.3 — Problem II: Optimal reserves for the instances in table 7.3.

index. The 300 species considered are divided into 4 groups and, in order to give
more or less importance to the different species, a weight is given to each species. All
species in the same group have the same weight.

— Group I (species numbered from 1 to 50): This group includes species with a
critical extinction risk. The weight of the species in this group is set at 8.

— Group II (species numbered from 51 to 100): This group includes species with a
certain extinction risk. The weight of the species in this group is set at 4.

— Group IIT (species numbered from 101 to 150): This group includes species that
are relatively rare but do not currently present an extinction risk. The weight of
the species in this group is set at 2.

— Group IV (species numbered from 151 to 300): This group includes relatively
common species that do not currently present an extinction risk. The weight of
the species in this group is set at 1 (according to the World Wildlife Fund
(WWF), many common species are also experiencing a significant decline that
should at least be slowed down).

In these experiments, the cost of protecting a zone is generated randomly, in a
uniform way, in the set of values {1, 2,..., 10}. Three values of the available budget,
B, are considered: 20, 40, and 60. The probabilities g, — the survival probability of
species s; in zone z; when this zone is protected — are generated at random as
follows: for each triplet (4,7, k), a number is generated at random in a uniform way
throughout the set {1, 2,..., 20}. If this number is less than or equal to 18, then
g = 0 otherwise ¢, is generated at random and uniformly in the set of values
{0.1, 0.2,..., 0.9}. The results obtained for Problem I applied to these instances are
presented in table 7.4 for different values of the available budget, B, and the
threshold value, p. The results obtained for Problem II applied to these instances are
presented in table 7.5 for different threshold values, p.

We see in table 7.4 that the optimal solutions were obtained in less than 1,800 s
of computation for only five instances out of the twelve that are considered. For the
other seven instances, the optimal solutions could not be obtained in 1,800 s of
computation. For these seven cases, the solutions obtained after 1,800 s of compu-
tation are described in the table. In fact, these solutions may be optimal, but even if
they are, we do not have any proof of that. Let us examine the case where B = 40
and p = 0.85. The value of the best solution found after 1,800 s of computation is
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20

F1G. 7.4 — A set of 400 candidate zones represented by a grid of 20 x 20 square and identical
zones.

698 and we are sure that the relative difference, between the value of the optimal
solution and the value of this solution, is less than or equal to 0.8%. In the found
solution, the number of species whose survival probability in the reserve is greater
than or equal to 0.85 is equal to 221: 45 species in Group I, 42 species in Group 11, 36
species in Group III, and 98 species in Group IV. This reserve costs 40 units and is
composed of 28 zones. In addition, for this instance, 357,119 nodes were developed in
the search tree during the 1,800 s of computing.

We see in table 7.5 that the optimal solutions could not be obtained in 1,800 s of
computation for the 4 values of p considered. For these 4 cases, we describe the
solutions obtained after 1,800 s of computation. As with the results in table 7.4,
these solutions may sometimes be optimal, but even if they are, we do not have proof
of this. Let us look at the case where p = 0.85. The cost of the best reserve obtained
after 1,800 s of computation is equal to 88 and we are sure that the relative dif-
ference, between the cost of the optimal reserve and the cost of the obtained reserve,
is less than or equal to 2.7%. This reserve is composed of 49 zones. In addition, for
this instance, 228,996 nodes were developed in the search tree during the 1,800 s of
computation.

7.5 Reserve Maximizing, Under a Budgetary Constraint,
the Expected Number of Species of a Given
Set that will Survive there

As in the previous sections, the protection of zone z; ensures the survival of species s,
in this zone with the probability ¢; and this for all i € Z and for all k€ S. As in
section 7.4, all the survival probabilities of the species in unprotected zones are
considered to be zero. It is therefore assumed that none of the species considered will
be able to survive outside the reserve. We consider here that probabilities ¢;;. can be
equal to 1, which was not the case in the previous sections. The proposed approach



TAB. 7.4 — Problem I: Results obtained by solving program P77 for the example described in section 7.4.3 (20 x 20 candidate zones and 300
species), for different threshold values, p, and different values of the available budget, B.

B o Value of the solution Number of species with a survival Cost of Number of Number of CPU
probability > p and their distribution the zones in the nodes in the time
in each group reserve reserve search tree (s)
20 0.80 508 151 (36, 27, 24, 64) 20 16 8,652 28
0.85 443 129 (30, 27, 23, 49) 20 17 31,634 96
0.90 382 125 (25, 20, 22, 58) 20 19 74,030 280
0.95 245 (15.8%) 69 (17, 15, 12, 25) 20 17 311,322 1,800
40  0.80 742 245 (47, 41, 45, 112) 40 30 107,106 554
0.85 698 (0.8%) 221 (45, 42, 36, 98) 40 28 357,119 1,800
0.90 626 (6.1%) 201 (40, 38, 31, 92) 40 31 334,580 1,800
0.95 494 (15.7%) 145 (35, 28, 20, 62) 40 30 307,813 1,800
60 0.80 836 287 (50, 50, 49, 138) 60 41 94,303 390
0.85 807 (1.9%) 267 (50, 48, 46, 123) 60 40 312,308 1,800
0.90 759 (5.0%) 249 (49, 42, 41, 117) 60 41 282,521 1,800
0.95 682 (6.5%) 218 (43, 41, 40, 94) 60 43 284,086 1,800
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TAB. 7.5 — Problem IT: Computation results obtained by solving program P g for the example
described in section 7.4.3 — 20 x 20 candidate zones and 300 species — for different threshold
values, p.

o Cost of the Number of zones in the Number of nodes in the CPU

reserve reserve search tree time
0.80 80 (5.1%) 46 185,254 1,800
0.85 88 (2.7%) 49 228,996 1,800
0.90 104 (5.0%) 58 168,910 1,800
0.95 131 (4.5%) 65 153,877 1,800

for this case can be easily adapted to other contexts. The aim is to determine a
reserve, i.e., a set of zones to be protected, with a cost less than or equal to a certain
value, B, in order to maximize the expected number of protected species, i.e., here,
the expected number of species that will survive in this reserve. Different importance
is given to each species — reflected in a weight assigned to each species — and we
consider the expected weighted number of species that will survive in the reserve.

7.5.1 Mathematical Programming Formulation

As we have seen in section 7.2, the expression of the survival probability in the
reserve of species s;, as a function of the Boolean variables z; is equal to
1 =TI,z (1 — gixwi). Remember that the reserve is defined by zones z; such as z; = 1.

We deduce that the expected number of species that will survive in the reserve is

equal to Zk€§ [1 — Hy:eg (1-— qika:i)} and that the expected weighted number of

species that will survive in the reserve is equal to ), ¢ wy [1 —[Licy (1= qik:zri)}

where wj, is the weight assigned to species s;. The problem considered can, therefore,
be formulated as the mathematical program in Boolean variables P g.

max » w1 — ][] (1 — quxi)
kesS i€z
iz

5e{0,1} ieZ (792)

Prg:
s.t.

Using the real variable fj to represent the quantity [[,., (1 — gaw), i.e., the

disappearance probability of species s, from the reserve, program P;g can be
rewritten as program P7 1.

max Y wr(l - )

kesS
. B =TI (1—quz) kes (7.101) | zef{01} ieZ (7.10.3)
7.10 - icz
.t. -
'S e <B (7.10.2) | B.>0 keS (7.10.4)

i€z
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Using the basic properties of the logarithmic function, program P,y can be
rewritten as program P;;; in which, for all ke S, [F1={i€ Z: 0<gu<1},
I7'={i€ Z: g5 =1}, and a; is a real variable equal to Hiez’qm#l (1— gizy), i-e.,

Hze];l (1 - Qik%‘)~

max ., wy(1l—f;)
kes
logay, = > zlog(l—gqp) keSS (7.11.1) | 2€{0,1} ieZ (7.114)
iel=!
Pra1: :
o il
ez

By convention 37«1 z;log(1 — gix) = 0 if ISV =0and Y, o3 =0if [T = 0.
First of all, let us observe that variable f§; appears in the economic function with a

negative coefficient. Since this variable appears only in constraints 7.11.2 and 7.11.5,
it takes, in any optimal solution of P71;, the smallest possible value, i.e., the value

max {0, o, — Zielkzl %}, i.e., the value maX{O, Hielfl (1= gpra;) — Ziel;' xi} since
constraints 7.11.1 are equivalent to constraints oy, = Hie = (1 — gix;). If for at least

e 7=1
i€l

one index i € [}, z; = 1, then the expression Hielfl (1— i) — Zidk:l z; is neg-
ative or zero and variable f3; takes the value 0. On the contrary, if z; = 0 for all
i€ 71, B, takes the value Hielkd (1 — gix;). Thus, p, takes the value
[Licz (1 = gia;) in any optimal solution of P ;1. In this program, all expressions are
linear according to variables ay, f;, and z;, except the left member of constraints
7.11.1 which is equal to log ay.

Remark. If all survival probabilities are strictly less than 1, program P71, becomes
simpler and is transformed into P ;.

max Z wk(l — Otk)

kes
Py logoy = > a;log(l—qp) keSS (7121) | x,€{0,1} ieZ (7.12.3)
: ez
.t.
IS en<n (7.12.2) | o>0 keS (7.12.4)
icz

The right-hand side of constraint 7.12.1 can also be written in this case
Zielkd z;log(1 — g;x). Note also that if constraints 7.11.5 and 7.12.4 specify, suitably

for mathematical programming, that variables a;, are positive or zero, these variables
will in fact take a strictly positive value in any feasible solution of the corresponding
programs.
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7.5.2 Problem Relaxation and Determination
of an Approximate Solution

The approximate resolution of P;;; that we propose can be interpreted as an
approximation of the logarithmic function, which is a concave function, by a
piecewise linear function greater than or equal to the logarithmic function at all
points (see appendix at the end of this book and figure 7.5). The advantage of this
approach is that it provides not only an approximate solution to the problem but
also a relaxation of the initial problem and thus an upper bound of the true value of
the optimal solution. In other words, the method provides — using an integer linear
programming solver — an approximate solution as well as some guarantee on the
value of this solution.

Relaxation of P71;: To build a relaxation of P;;;, the idea is to replace, within
the constraints 7.11.1 and for all k€ S, the logarithmic function, logoay, by a
piecewise linear function, f(ay), greater than or equal to log oy, for all oy such that
0<or <1 (figure 7.5).

This substitution leads to program P ;5. This is a relaxation of P;i; that
includes a piecewise linear function. Indeed, any feasible solution of P71 is also a
feasible solution of P; ;5 since, if the constraint, log o, = Zie[kd log(1 — gix)zi, k€ S,
is satisfied, then the constraint f(oy,) > Eie],fl log(1 — gu.)xi, k € S, is also satisfied.
In addition, the economic functions of P, and P75 are identical. Note that P; 3
can easily be converted into a linear program — in Boolean variables — since function
f1is concave and appears in the left member of a “greater than or equal” constraint
(see appendix at the end of the book).

max Y wy(1— f)
kes

Pris: (7.11.2), (7.11.3), (7.11.4), (7.11.5)

ST fag) > Y alog(l — gi) kesS (7.13.1)

iel =t

Let (E,E,B) be an optimal solution of P; ;3. An approximate solution to the
initial problem — a reserve — is given by T; its value, i.e., the expected weighted
number of species protected by this reserve, is equal to Y, ¢ w

[1 — Hzeg (1- qlvﬂi)}. An upper bound of the true optimal value of the problem
considered is given by the optimal value of Py 13, i.e., 3 g wi(1 — Bi). The relative
gap between the value of the optimal solution and the value of the approximate
solution is, therefore, less than or equal to (Zkes wi(1 — ) —

hes 0 [1 = ey (1 = )| ) /Shes e [1 =TTz (0 = au7)].

Let us now see how to construct the piecewise linear function fsuch that f(ay) is
greater than or equal to log oy for all oy such as 0 <oy <1.
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) 0.1 0.2 0.3 0.4 05 0.6 0.7 0.8 0.9 1
[217¢

Fic. 7.5 — An upper approximation of log oy, for 0 <oy <1 (dotted curve) by a piecewise linear
function, f(ay) (solid line curve).

Lemma 7.1. For all ¢ > 0 and b> 0, loga+ 1(b— a) > logb.
The proof is immediate since 1/a is the value of the derivative of the function
log y at point a, and the function log y is concave.

Lemma 7.2. Let ube a vector of RY such that 0 <w; <wup < --- <uy = 1, and let fbe
the piecewise linear function composed of the V segments tangent to the curve log o
at the V points of abscissa uy, up,..., uy. The following 5 properties are satisfied:

_ logu,41—logu,

(i) The abscissa of the breaking points of fare bp, =5 v
(i) For oy, such that 0<ay, < bpy, f(or) = %ock + logu; — 1.
(iii) For oy such that bp, <op<bp,11, flog)=

v=1,., V-1
(iv) The function f(oy) is concave.
(v) f(ax) > log(ay) for all oy €]0, 1].

v=1,., V-1

alak"f‘ log uy 41 — 1,

)

Proof. The proof of (i) is immediate; it results from elementary calculations.

The proofs of (ii) and (iii) are direct consequences of lemma 7.1.

The successive slopes of the function f are 1/u; > 1/up > - > 1/uy. The
function fis therefore concave.

The proof of (v) is a direct consequence of lemma 7.1.

In summary, the expression log «;, which appears in P7 11, is upper approximated
in P73 by f(op) where fis the piecewise linear function defined in lemma 7.2 and
illustrated in figure 7.5. Program P;i; can, therefore, be reformulated — in an
approximate way — by a mixed-integer linear program by adding a single set of
constraints. This gives program P 4.
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max Y wi(1 - f)

kes

Pri: (7.11.2), (7.11.3), (7.11.4), (7.11.5)

i <1
1€l]

Another way to proceed is to use a modelling language that automatically
performs this conversion. This is the case, for example, with the AMPL language
(Fourer et al., 1993). Thus, using the syntax of this language, the function f(oy) is
defined as follows:

< < {vin 1..V-1} bp[v]; {vin 1.V} 1/u[v] > > (fa[k], 1).

The expression between < < and > > describes the piecewise linear function,
and is followed by the name of the variable concerned. Here, this variable, which
represents f(ay), is denoted by fa[k]. There are two parts in this expression, the list of
the abscissa of the breaking points, bp,, v=1,..., V — 1, corresponding to the
changes in the slope of the function, and the list of the slopes, 1/u,, v =1,..., V. The
two lists are separated by a semicolon. The first slope is the slope before the first
breaking point and the last slope is the slope after the last breaking point. For the
function to be perfectly defined, it is also necessary to specify at what point it takes
the value 0. Here f(1) = 0.

An optimal solution of P 14 provides a feasible solution to the problem, i.e., a set of
zones to be protected to form the reserve. By definition, the value of this approximate
solution is equal to >, ¢ wi[l — [[,c; (1 — ¢a7;)] where T; is the value of variable z;
in an optimal solution of P7 4. Since P~ 14 is a relaxation of P71, the optimal value
of P14 gives an upper bound of the optimal value of P 1; and, therefore, an upper
bound of the value of the optimal solution of the reserve selection problem consid-
ered. Thus, the formulation P14 allows us to obtain, with the help of integer linear
programming, an approximate solution to our problem but also an upper bound on
the gap between the value of this solution and the value of an optimal solution. To
obtain a good approximation of loga; by the piecewise linear function defined in
lemma 7.2, V must be large enough. However, the larger V is, the larger the size of
program Pz 14 is. The results of the experiments presented in section 7.5.3 show that
by choosing the vector u carefully — see the example in section 7.5.3 — we obtain an
approximate solution whose value is very close to the value of the optimal solution.
Thus, program Py 14 provides a solution to the problem, regardless of the probability
values, and provides a guarantee on the quality of the solution obtained.

Remark. Again, the problem considered in this section 7.5 can be interpreted in a
slightly different way — as some authors have done — assuming that the presence of
species ;. in zone z; is defined by a probability denoted by ¢;;. The problem con-
sidered above then becomes: determine a reserve that respects a budgetary con-
straint and maximizes the expected number of species present in this reserve. Thus,
in the first interpretation we are interested in the mathematical expectation of the
weighted number of species that will survive in the reserve and in the second, in the
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mathematical expectation of the weighted number of species that are protected, at
least in some way, i.e., present in the reserve.

7.5.3 Exzample

We illustrate the solution to the problem studied in section 7.5, which we recall here:
determine a reserve of cost less than or equal to a certain value, B, and which
maximizes the expected number of species that will survive in this reserve. A hy-
pothetical set of candidate zones, represented by a grid of 8 x 8 square and identical
zones and described in section 7.4.2, is considered. In this example, 10 species, s,

S9,..., S10, are concerned. The description of this example concerns the list of the
candidate zones, z;, ¢ = 1,..., 8, j = 1,..., 8, the survival probabilities of the species
in the different zones if they are protected, g; for the survival of species s;, in zone z;,

and finally the cost of protecting zones, c;; for zone z;. Note that, in this example, all

the survival probabilities are strictly less than 1. The weight of species s;, is denoted
by wy, and, in this example, w = (1,1,4,2,1,2,4,2,1,2). All survival probabilities in
unprotected zones are zero. Remember that Z;, refers to the set of candidate zones in
which the survival probability of species s; is strictly positive in case of protection —
Zy, ={z; € Z : g > 0} — and we denote by Z; the set of index pairs associated with
the zones of Z,. Different values of the available budget, B, are considered. The

values obtained for the expected weighted number of species range from 37 to 98% of

the largest possible value of the expected weighted number of species which is equal

to i‘il wy = 20. The vector u (see section 7.5.2) is chosen as follows: w, =

uiV_W(V_l) for v=1,..., V with 4; = 0.01 and V = 20. Choosing u, = uiv_v)/(v_l),

v=1,..., V, produces a regular decrease in the slope of the piecewise linear

(V=0)/(v=1)
function f defined in lemma 7.2. since % == s =
uy wit
V—0)/(V-1)~(V—v-1)/(V-1 1/(V-1 . .
u£< O V=D)=(V=o=D)/(V=1)] U1/ V=V The experimental results are presented in

table 7.6. For example, let (Z,a, ) be an optimal solution of P; 1, when B = 50. In
this case, the expected weighted number of species, Y, ¢ wk [1 —[Lics (@ — qami) |,

is equal to 18.59, the value of the optimal solution of P7 14, > ;o g wi(1 — B), which is

an upper bound of the optimal value of the problem considered, is also equal to
18.59, and the associated relative gap is equal to 0.02% — expressing the different
results with a precision of two decimal places. Note that the expected weighted
number of species is 19.69 if all the zones are selected. The solution corresponding to
B = 50 is represented by figure 7.6a: 14 zones are selected at a cost equal to the
available budget, i.e., 50 units.

The results in table 7.6 show that, in this instance, the approach is very effective
in solving the problem under consideration. Indeed, the relative gap is always less
than 0.1%. It should also be noted that all the solutions are obtained almost
instantaneously. However, the reserves obtained can be very fragmented when there
is no compactness constraint. If we introduce a compactness constraint consisting in
prohibiting the distance between two zones of the reserve from being more than
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TAB. 7.6 — Results concerning the resolution by P 14 of the problem studied in this example.
The instance under consideration is described in section 7.4.2 (8 x 8 zones and 10 species),
w=(1,1,4,2,1,2,4,2,1,2), u; = 0.01, and V = 20.

B Number of Budget Expected Upper Relative Associated
selected used weighted number  bound gap (%) figure
zones of species

10 4 10 11.10 11.11 0.08 -
30 11 30 17.04 17.05 0.05 -
50 14 50 18.59 18.59 0.02 7.6a
50* 8 43 13.04 13.05 0.08 7.6b
70 17 70 19.21 19.23 0.05 -
150 29 150 19.67 19.69 0.10 -
200 35 180 19.69 19.70 0.07

(a) B =50, no compactness (b) B =50, witha

constraints. compactness constraint.

Fic. 7.6 — An optimal reserve with or without a compactness constraint when the available
budget, B, is equal to 50 (see rows “50” and “50*” of table 7.6).

3 units, we obtain, when the budget is equal to 50, the solution described in the 4th
row of table 7.6 (50*%) and by figure 7.6b. In this case, the compactness constraint
decreases the value of the solution by about 30%.

7.5.4 Computational Experiments on Large-Sized
Instances

In order to test the effectiveness of the approach, various large-sized artificial
instances were tested. In these instances, 300 species are concerned and the set of
candidate zones is represented by a grid of 20 x 20 square and identical zones
(figure 7.7). The zones are designated by z; where ¢ represents the row index of the
zone and j its column index. The 300 species considered are divided into 4 groups
and a weight is assigned to each species. All species in the same group have the same
weight.
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20

F1G. 7.7 — A set of 400 candidate zones represented by a grid of 20 x 20 square and identical
cells.

— Group I (species numbered from 1 to 50): This group includes species with a
critical extinction risk. The weight of the species in this group is set at 8.

— Group II (species numbered from 51 to 100): This group includes species with a
certain extinction risk. The weight of the species in this group is set at 4.

— Group IIT (species numbered from 101 to 150): This group includes species that
are relatively rare but do not currently present an extinction risk. The weight of
the species in this group is set at 2.

— Group IV (species numbered from 151 to 300): This group includes relatively
common species that do not currently present an extinction risk. The weight of
the species in this group is set at 1.

In these experiments, the cost of protecting a zone is generated randomly, in a
uniform way, within the set of values {1, 2,..., 10}. Six values of the available
budget, B, are considered: 20, 40, 60, 80, 100, and 120. These values of B were chosen
in order to obtain an expected weighted number of species ranging from 60 to 100%
of the largest possible value of the expected weighted number of species,
> k=1300 Wr = 850. The probabilities g;; — the survival probability of species s, in
zone z; if it is protected — are drawn at random as follows: for each triplet (4,7, k), a
number is generated at random in a uniform way from the set {1, 2,...; 20}. If this
number is less than or equal to 18, then g;; = 0 otherwise g is randomly drawn
uniformly from the set of values {0.1, 0.2,.., 0.9}. As in the example in
section 7.5.3, the vector u is chosen as follows: u, = u£v7v)/<v71> for v=1,..., V with
u; = 0.01 and V = 20. Note that to obtain even more accurate approximations, the
values of u; can be chosen according to the value of B. Indeed, when the available
budget is large, many survival probabilities of the species in the reserve are close to 1
in an optimal solution, which implies that many extinction probabilities (o, see
section 7.5.1) are close to 0. To obtain a good approximation of the logarithmic
function by the piecewise linear function defined in lemma 7.2, it may therefore be
interesting to decrease the value of u; when the value of B increases.

The experimental results are presented in table 7.7 for different values of the
available budget, B.

For example, let (Z, %, f) be an optimal solution of P74, when B = 60. In this

case, the expected weighted number of protected species, >, g ws [I_Hiez



TAB. 7.7 — Results regarding the resolution of the problem by P7 14 for the example described in this section 7.5.4 (20 x 20 zones, 300 species,
u; = 0.01, and V = 20).

08T

B Number of Budget Expected weighted Upper Relative CPU Number of nodes in Associated
selected zones used number of species bound gap (%) time (s) the search tree figure

20 19 20 598.59 599.14 0.09 6 641 -

40 31 40 745.54 745.98 0.06 24 4,903 -

60 42 60 802.16 802.62 0.06 59 15,060 7.7a

60* 26 60 686.56 687.08 0.08 45 4,152 7.7b

80 52 80 825.47 826.04 0.07 217 92,935

100 59 100 836.41 837.20 0.09 549 407,188 -

120 67 120 842.33 843.10 0.09 538 416,902 -

SYIOM}ON BOTY Po1d910Ig SuruSrso(
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(1 — ¢i7;)], is equal to 802.16, the value of the upper bound, i.e., the value of the
optimal solution of Pz, Y g wi(l — Bk), is equal to 802.62, and the associated

relative gap, 100 (Zkeg w(1— By) — Dores Wi |1 = Tles (1= q,'@i)D divided by

Zk€§ W, [1 - Hz‘eg (1- qi@,;)], is equal to 0.06%. Also in the case where B = 60, the

CPU time required to solve the problem by Py 14 is equal to 59 s, and 15,060 nodes
are developed in the search tree. The solution — without any compactness con-
straints — is presented in figure 7.8a: 42 zones are selected and the corresponding
cost is equal to the value of the budget. Figure 7.8b represents the solution obtained
by adding a compactness constraint that imposes a maximal distance of 9 units
between two zones.

The results in table 7.7 show that in this example — 300 species and 400 zones —
the approach is effective in solving the problem under consideration. Indeed, the
average computation time is about 205 s and the relative gap is always less than
0.1%. The larger B is, the longer the computation time required is. It can also be
noted that the value of B clearly influences the value of the optimal solution:
increasing B from 40 to 100 increases the expected weighted number of species by
about 12%. It should also be noted that the solution presented in figure 7.8a is very
fragmented since some zones are very far from each other. The diameter of this
reserve is equal to approximately 23 units, ¢.e., the distance between zones 23 oo and
216,1, if the length of the side of each zone on the grid is equal to one unit and if the
distance between two zones is measured by the distance between the centres of these
two zones. If we impose the compactness constraint consisting in prohibiting the
distance between two zones of the reserve from being greater than 9 units, we obtain,
for B = 60, the solution described in the 4th row of table 7.7 (60*) and by
figure 7.8b. We can see that this compactness constraint decreases the value of the
solution by about 15%. For very large problems, it would probably be difficult to
obtain the optimal solution within a reasonable computation time. A heuristic
approach should then be used. A simple way to do this would be to use a truncated
branch and bound procedure, a procedure that is easy to implement by limiting the

(a) Expected weighted number of species:  (b) Expected weighted number of species:
802.16 (42 zones) 686.56 (26 zones)

Fic. 7.8 — Optimal reserves for a budget of 60 units. (a) Without a compactness constraint.
(b) With a compactness constraint imposing a maximal distance of 9 units between two zones.
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computation time allocated to the solver to address the problem, as we did in
chapter 3, section 3.8, to determine “good” connected reserves.

7.6 Consideration of Uncertainties Affecting Species
Survival Probabilities

7.6.1 Reserve Ensuring that as Many Species as Possible,
of a Giwven Set, Have a Certain Survival Probab:lity,
Under a Budgetary Constraint: A Robust Reserve

As in section 7.2, we consider the problem of selecting a nature reserve, i.e., a set of
zones to be protected, which ensures that as many species as possible have at least
some survival probability, taking into account a budgetary constraint. An important
point in the problem of section 7.2 is that the survival probabilities of each species in
each zone are assumed to be perfectly known. Thus, we know the survival proba-
bility of species s;, in zone z; if zone z; is protected and also if it is not. In reality, there
may be errors in determining these probabilities. Ignoring these errors can lead to
reserves whose actual interest is quite far from the interest pursued. In this section,
we study the case where the values of the survival probabilities of each species in
each protected zone are subject to certain errors (see appendix at the end of this
book). However, we assume that the number of zones for which these values may be
incorrect is limited. We further assume that the survival probabilities of the species
in the unprotected zones are all 0. Thus, for each species and each protected zone, we
define a set of possible values for the survival probability of the considered species in
the considered zone. The problem we are studying is then to determine a reserve that
respects a certain budget, B, and ensures that as many species as possible have at
least some survival probability regardless of the values taken by the survival
probabilities of each species in each zone, in the set of possible values. In other
words, the selected reserve guarantees a survival probability greater than or equal to
a certain threshold value for a certain number of species, regardless of the errors that
have been made — among a set of possible errors — in the evaluation of the proba-
bilities. In addition, there is no reserve — with a cost less than or equal to B — to do
this for a higher number of species. We will say that the reserve obtained is an
“optimal robust reserve” in the sense that the main property of this reserve — set out
above — is independent of any errors that may exist in the data. An optimal robust
reserve thus provides some guarantee against data uncertainty, but this guarantee
has a cost and we will see in the experiments presented in section 7.6.5.2 that this
cost can be high.

7.6.2 Description of Uncertainties

As noted above, it is assumed that there is some uncertainty in estimating the
survival probabilities of each species in each zone. Thus, the only certitude is that
the value of the survival probability of species s in the protected zone z; belongs to
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the interval [gir — O, qix + Vi) With gk, 73 >0, 046 < @i, v > 0 and g + 75 < 1, and
that, if zone z; is not protected, the survival probability of any species in this zone is
equal to 0. For the sake of simplifying the presentation we assume that g, is strictly
less than 1. The problem considered is to determine an optimal robust reserve, i.e., a
reserve that maximizes the number of species whose survival probability in the
reserve is greater than or equal to a threshold value — equal to p,, for species s; —
regardless of the values taken by the survival probability of species s, in the pro-
tected zone z; within the interval [gix — O, gix +Val, ¢ € Z, k € S. Again, to simplify
the presentation we assume that p,, is strictly less than 1. A reserve that is optimal
for the nominal values ¢; of the survival probabilities may not be robust to
uncertainty. Note that to determine an optimal robust reserve as we have defined it,
we only need to consider that the values of the survival probabilities belong to the
restricted intervals [gix — dir, qu), 1 € Z, k € S.

For example, we can consider that, for each species s;, a maximal error of
7:% (0 <1, <100) could have been made on the estimation of the probability g,
i€ Z, i.e., 0p =1 qx/100. Note that in this case it is assumed that the error
depends on the species but not on the zone. Unless other assumptions are made, the
optimal robust reserve is obtained by solving program P73 in which the survival
probabilities are set at their minimal value, g;, — d;, for any species s, and for any
protected zone z;. This results in a reserve that, in a certain way, provides a complete
guarantee against uncertainty. Indeed, whatever the value taken by the survival
probability of species s, in zone z; within the interval [gix — 0, ], 1 € Z, k € S, the
survival probability of species s, in the obtained reserve remains greater than or
equal to p;, if this probability is already greater than or equal to p; when we consider
that the survival probability of species s; in zone z; is equal to g — d;. However,
retaining this very pessimistic hypothesis may lead to the selection of a very costly
reserve. To avoid this pitfall, we consider that it is unlikely that there is an error on
all the survival probabilities. In fact, we consider that this is impossible. Thus, we
assume that, for a species s;, the survival probabilities — not zero — in the different
zones may differ from their nominal value, g, in at most I'j, zones of Z;, Z; desig-
nating the subset of zones of Z whose protection generates a strictly positive nominal
survival probability of species s;. We have thus Z, = {z; € Z, q3 > 0}. For example,
I'j, can be a proportion of the number of zones of Z;: T'y, = |#;, | Z;|/100| where n,, is a
constant between 0 and 100 and | a| denotes the integer part of a. Thus, setting #;, to
0 means that there is no uncertainty about the different survival probabilities of
species s, and, on the contrary, setting #; to 100 means that all the survival prob-
abilities of species s;, other than 0, can take the value ¢; — d; instead of their
nominal value, g;. Solving the problem considered in these two extreme cases is like
solving a problem without uncertainty with regard to the survival probabilities: if
I, = 0, everything happens as if the survival probability of species s in zone z; were
set to g, and when I'y = |Z;|, everything happens as if this probability were set to
¢it — dir. In intermediate cases (0<1;<100), for each species s, and for a fixed
reserve R, the worst-case occurs when, in v, zones of the reserve, the survival
probability takes the wvalue ¢y — 04 instead of the value ¢4 with
vi = min{I';,|Z; N R|}. We will show that these v zones correspond to the vy
highest values of the expression d;,/(1 — ¢;) found in the reserve — for species s, and
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varying 7. Indeed, by using the Boolean variable t;,7 € Z, k € S, that is equal to 1 if
and only if the survival probability of species s;, in the protected zone z; is equal to
Qi — O, instead of g, the problem of minimizing the survival probability of species
s, in reserve R, taking into account the uncertainty considered, can be formulated as
the maximization of the extinction probability, i.e., the maximization problem:

max H (1 — qix+tix Our) : Z i < v, (a)

txe{0,1} (i€Z,NR) i€Z,NR i€Z,NR

Remember that Z; refers to the set of indices of the zones belonging to Z; and
that R refers to the set of indices of the zones belonging to reserve R. We will show
that the solution to the maximization problem (a) is obtained by fixing to 1 the vy
variables t;, corresponding to the v; largest values of the expression d;/(1 — qi),
obtained by varying the index ¢ in the set Z;, N R. Using the logarithmic function and
taking into account that variables t; can only take the values 0 or 1, the maxi-
mization problem (a) is equivalent to the following maximization problem:

Z log (1 — qix + tix o) : Z tik < Vk

max
tir€{0,1} (i€Z, N R) i€Z,NR i€Z,NR

or
>, log(1 — qi)
max LR
txe{0,1} (i€Z, N R) + > [log(1— g +0u) —log(l — qu)] tan: > tu<wi
i€Z,NR i€Z,NR

which is itself equivalent to

Ok
max ty log (1 + ' ) : tir, < Vi b
t€{0,1} (€2, N R) ie;w R L= g iegzk; R )

since the constant ), Zn rlog(l — gi) does not have a role in the maximization

problem. An optimal solution of (b) and therefore of (a) is obtained by fixing to 1
the vy, variables ¢ corresponding to the largest values of the expression d;/(1 — gir,)-

7.6.3 Determination of a Robust Reserve by Mathematical
Programming

Let us consider a reserve, R, defined by the values of the Boolean variables z;, i € Z.
Zone z; belongs to the reserve if and only if Z; = 1. As we have seen previously, the
Boolean variable t;;, allows us to specify the value taken by the survival probability of
species s; in zone z;. Variable t;, takes the value 1 if this survival probability is equal
to g — di. In this case, the extinction probability is equal to 1 — (gg — di)-
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Variable t;, takes the value 0 if this survival probability is equal to g;. In this case,
the extinction probability is equal to 1 — ¢;. For all k € S, let us consider the
Boolean variable y;, which takes the value 1 if and only if the extinction probability
of species s;, in the reserve considered is less than or equal to the threshold value
1 — p;., and this regardless of the values taken by the survival probabilities — in the
set, of possible values. The constraint below forces variable y;, k£ € S — which we are
seeking to maximize — to take the right value:

max 1— (g — t Oir) Tl G <I'p p <1—ppuk ¢
tae{0,1} (i€Z)) zel_g[L = 7 gﬁ; ' ()

Using the logarithmic function this constraint can also be written:

max Z log [1 — (gt — tir Oix) T4 Z ti <Tp, p < log(1 — pyu) (d)
t€{0.1} (1€Z)) | i=7 i€Z,

Let us rewrite the objective function to be maximized that appears in constraint

(d):
Z log [1 — (gir — tir 0i)Ti) = Z T; log(1 — g + ti Oir) (sinceT; € {0,1})

i€z, €2,

= Tlog(1—qi) + Y Zitu[log(l — g+ d) —log (1 — gi)] (since ty € {0,1})

€2, i€z,

= Zf’ log(l — qik) + ZfitikAik' with Azk = log(l — Qik +6ik) — log(l — qz-k) (e)

i€, i€Z),

Finally, we can express the constraint allowing the Boolean variable ;. to take
the value 1 only if the extinction probability of species s, in the reserve defined by 7,
is less than or equal to the threshold value, whatever the values taken by the survival
probabilities in each zone — in the set of possible values — by the following inequality:

Z@ log (1 —gs)+  max Zfzthik : Z ti <Tp o < log(1 — prur) (f)

iEQ. t1k€{071} (ZEZ}C) iegk iegk

In the maximization problem that appears in constraint (f), the integrality
constraints ¢ € {0,1}, i € Z;,, can be relaxed, i.e., replaced by the constraints
0<tx <1, i € Z,. In fact, one solution to this maximization problem — with ;. €
{0,1} or with 0 <ty <1 —is to set to 1 the v, variables t;, corresponding to the vy,
highest values of the product Z;Ay with vy = min{ly,|Z,N{i:T; = 1}|}.
This maximization problem thus becomes a continuous linear program. As we have
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just seen, this program admits a finite optimal solution. According to linear pro-
gramming theory, its dual therefore also admits a finite optimal solution; it is
written:

min Z tig + T 2+ pg = ApTi (i € Z3) (2)

Az0 >0 (i€2,) | &5
L.

where A; is the non-negative dual variable associated with the constraint
Do z, tik < I'y, and u, is the non-negative dual variable associated with the con-

straint t;; < 1. Since, by duality, the optimal value of the maximization problem that
appears in the constraint (f) is equal to the optimal value of the minimization
problem (g), the constraint (f) can be rewritten

Z Z;log (1 — qa)

€2,

+ min a T Ul c A+ > Apz; (1€ Z < log(1 — ).
2204 20 (i€2,) ;Zk#k kALK S Ak T K wZi (i € Zy) g( PrYk)

Noting that since y;, is a Boolean variable log(1 — p,yx) = yi log(1 — p;,), we can
now formulate the problem of determining an optimal robust reserve as the
mixed-integer linear program P7 ;5. Remember that, here, an optimal robust reserve
is a reserve that respects a certain budget and guarantees a given survival proba-
bility — in the reserve — to the greatest possible number of species, whatever the
values taken by the survival probabilities in the set of possible values.

max Y. Y
kel
i€Z
> xlog (1 — qin) + D my
i€Z, i€Z,

p + A <wyrlog(l—p;) k€S (7.15.2)
715 ¢

st Ak i > A ke S,ieZ, (7.15.3)
Uy >0 ke S, icZ, (1.154)
yp € {0,1} kes (7.15.5)
x>0 keS (7.15.6)
€ {0,1} icZ (7.15.7)

Let T;, 1 € Z, be the value of variable x; in an optimal solution of P7 5. The
optimal reserve includes zones z; such that 7; = 1, its cost is equal to ) .., ¢;Z; and
the worst case is defined by the worst-case survival probabilities in the vy zones of
the reserve corresponding to the vj highest values of the expression 0, /(1 — ¢i) with
v =min{ly,|Z,N{i:Z; =1}|}. In the particular case defined by T} =
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|15 12k /100], for all k, and d; = rrqsx/100 for all ¢ and for all k, program P75
becomes program Py 6.

max -y
kes
> cm<B (7.16.1)
ieZ
Z L 10g (1 - qd) + Z W + \ﬁ’ilﬁkw )L.k
i€, i€z,

Prig: < yilog(l — py) keS (7.16.2)

St + pix > {log[l — (1 — 735)] —log(1 — g)} 2 k€ S,i€ Z;, (7.16.3)
Ui >0 ke S,ieZz, (7.16.4)
x>0,y € {0,1} ke s (7.16.5)
z € {0,1} icZ (7.16.6)

7.6.4 A Variant of the Previous Problem: A Robust,
Least-Cost Reserve that Ensures a Given Survival
Probability for All Species Considered

A variant of the problem studied in the previous section is to determine a least-cost
reserve ensuring, for each species of S, a survival probability greater than or equal to
a certain threshold value, regardless of the values taken by the survival probabilities
in each zone, in the set of possible values. This reserve can be qualified as an optimal
robust reserve in the sense that there are no other reserves, of lower cost, ensuring
that all species have a survival probability greater than or equal to the threshold
value, regardless of the values taken by the survival probabilities in each zone, in the
set of possible values. This reserve can be determined by the mixed-integer linear
program Pz 7.

min Y ¢;x;

i€z

> mlog (1= gin)+ > g

€2, €2,

+ Ty < log(1 — p;.) kelS (7.17.1)

Prag: o] A > B kesS,icZ, (1.172)

x>0 kes (7.17.4)

z € {0,1} icZ (7.17.5)

Let z;, i € Z, be the value of variable z; in an optimal solution of P; 7. The
optimal reserve includes zones z; such that 7; = 1, its cost is equal to ) .., ¢;Z; and
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the worst case is defined by the worst-case survival probabilities in the v; zones of
the reserve corresponding to the vy, highest values of the expression 04 /(1 — ¢i) with
vi =min{Il'y,| Z,Nn{i: 7 =1}|}.

In the particular case where I'y, = |#,,|2;|/100], for all &, and d;, = rpqi/100 for
all 7 and for all &, program P {7 becomes program P7 ;s.

min Y ¢
i€Z
> wlog (1 - au)+ 3w+ |82 2
i€Z, i€Z,

Poiy < log(1 - py) | keS,iez, (7.18.1)

s.t.| tip+Ar>{log[l — qie(1 — 1%5)] —log(1 — qi)}a ke S i€ Z, (7.18.2)
Uy >0 ke S,iez, (7.18.3)
Ak >0 kesS (7.18.4)
7 € {0,1} i€z (7.18.5)

7.6.5 Computational Experiments

7.6.5.1 Landscape Represented by a 8 X 8 Grid

In this section, we illustrate the results of the previous sections on a set of hypo-
thetical zones represented by a grid of 8 x 8 square and identical zones. In this
example, 10 species are concerned. The data are presented in figure 7.9. The zones
are designated by z; where 7 represents the row index and j represents the column
index of these zones. On each zone is indicated (1) the list of species whose nominal
survival probability is positive if the zone is protected and (2) the corresponding
nominal survival probability, denoted by g for species s; in zone z; The cost
associated with protecting each zone is indicated in the lower right corner of the
corresponding zone. All the survival probabilities in unprotected zones are assumed
to be zero. To facilitate the analysis of this example, we give in table 7.8 the com-
position of the sets Z;, for all k€ S. We consider the problem discussed in
section 7.6.4 and recalled below.

Problem. Determine a least-cost reserve that guarantees a survival probability
greater than or equal to 0.8 and then 0.9 for all species considered, which corre-
sponds to p; = 0.8 then p, = 0.9, for all k, regardless of the values taken by the
survival probabilities in the set of possible values.

Definition of the uncertainty affecting the species survival probabilities in each
zone. The level of uncertainty, I'y, is defined as a percentage, #,, of the number of
zones of Z,. Remember that Z, refers to the subset of zone of Z whose protection
provides a non-zero nominal survival probability — in the corresponding zone — of
species s;. We therefore have I'y, = |n,|Z;|/100]| where | a] refers to the integer part
of a. For example, figure 7.9 shows non-zero nominal survival probabilities of species
s3 In zones 2z, Zog, 234, 255, 5, 275, 283, and zs. So we have Z3 =
{212, 26, 24, 55, 265, 275, 283, 285} and | Z3| = 8. If n; = 30, then the maximal number
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1 2 3 4 5 6 7 8
s1:0.7 s3:0.5 s5:0.4 s6: 0.6 s1:0.6 s2:04 $52:0.9
1| s3:0.7 s3:0.6 s10: 0.7 54:04 57:0.6
S10 - 0.3 S10 - 0.8
9 2 3 3 3 3 9 5
s9:0.8 s9:0.5 s5:0.4 s1:0.6 s3:0.6
2 s7:0.8
4 1 1 9 5 6 3 4
s3:0.6 s9:0.9 s7:0.5
3 S10 - 0.5
7 8 10 6 4 8 10 4
s9:0.6 52:0.6 54:03 59:0.7
4
3 3 8 7 6 5 9 9
s4:0.9 s3:0.8 s7:0.5 ss:04
5 s7:0.5 sg: 0.8
1 10 2 7 3 6 1 6
s2:0.6 s4:0.8 s3:0.6 s4:0.7 s5:0.6
6 s9:0.7
3 4 6 2 10 6 1 7
s;:04 sg: 0.3 53:0.8 s3: 0.8 s6:0.5
7 s4:04
8 2 5 1 3 6 8 8
51:0.5 52:0.5 53:0.6 52:0.7 s5:0.7 s6:0.3
8 53:0.7 54:0.5
s6:0.4
5 10 5 5 4 7 4 7

F1G. 7.9 — A set of 64 candidate zones for protection represented by a grid of 8 x 8 square and
identical zones. 10 species s, $,..., s19 are concerned. The corresponding nominal survival
probabilities, ¢, and the protection costs are indicated in each zone. Consider, for example,
zone zs6. Species s; and s are concerned. The nominal survival probabilities of these 2 species
in this zone, if protected, are 0.5 and 0.8, respectively. The cost of protecting this zone is equal
to 6.

of zones where the survival probability of this species may differ from its nominal
value is equal to I'y; = |30 x 8/100]| = 2. In other words, the survival probabilities of
s3 may differ from their nominal value in up to 2 of the 8 zones of Z3. We therefore
admit that, among these 8 probabilities, 2 (at most) may be erroneous but we do not
know which ones. Note that since we have to consider the “worst-case”, these two
probabilities will be equal to g — d; instead of g;;. In these experiments we consider
that n;, =n, for all k, and we consider 4 different values of #: 0, 20, 30, and 100.
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TAB. 7.8 — List of zones whose protection provides species s,
k=1,...,10, with a positive nominal survival probability.

Si. Zk

S1 211 216 %25 283

52 217 218 243 #61 271 284 286
83 212 226 234 55 265 275 283 285
S4 217 244 254 262 267 A75 284
S5 214 24 257 268 287

S6 215 278 284 288

87 218 %26 237 %55 256

58 211 214 #56 273 276

S9 222 223 236 242 246 262
S10 211 215 218 234

TAB. 7.9 — Results for the example in figure 7.9 when the threshold of survival probability
required for each species, p, is equal to 0.8 or 0.9, and for different values of # and r.

p r n Cost of the optimal Number of zones in the Associated
robust reserve reserve figure
0.8 10 0 40 11 Figure 7.10a
20 47 13 Figure 7.10b
30 51 15
100 53 14
20 0 40 11
20 50 14 Figure 7.10c
30 53 14
100 70 16
0.9 10 0 69 15 Figure 7.10d
20 7 16 Figure 7.10e
30 80 17
100 - -
20 0 69 15
20 84 20 Figure 7.10f
30 - -
100 - -

—: No feasible solution.

We also assume that ;3 = 7% ¢;%/100 with r, = r, for all k, and we consider two

values of 7: 10 and 20.
The results obtained are presented in table 7.9. Some optimal robust reserves,

corresponding to the instances of this table, are presented in figure 7.10.
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@)p=087n=0

@ p=09,7=0

Fic. 7.10 — Optimal robust reserves for some instances of table 7.9.

(b) p=0.8, 7 =10,17 =20

(e p=09,r=10,7=20

161

©) p=0.8,r=20,7=20

TAB. 7.10 — Details of the results corresponding to figure 7.10b.

®p=0.9,r=20,n=20

Species | Zi| {MJ R N Z, Zone where the survival PL(R*)  Py(R")
(s1) 100 probability of species s;,

takes its worst value, i.e.,

Gijk — T i/ 100

81 4 0 216 483 - 0.8 0.8
So 7 1 218 2150 0.9— 0.81 0.81 0.9
S3 8 1 255 283 25 0.8— 0.72 0.916 0.94
Sy 7 1 Zg2 %67 250 0.8— 0.72 0.916 0.94
S5 5 1 214 P57 2-7 27 0.7— 0.63 0.8668 0.892
S6 4 0 215 278 - 0.8 0.8
S7 5 1 218 255 256 z18: 0.6— 0.54 0.885 0.9
S3 5 1 214 %56 256 0.8— 0.72 0.888 0.92
Sg 6 1 299 %62 2990 0.8— 0.72 0.916 0.94
S10 4 0 215 218 - 0.94 0.94

The detailed results corresponding to figure 7.10b are presented in table 7.10.
Given the value of #, there can be no errors for species sy, sg, and s;o. For the other
species, errors may only concern one zone. R* refers to the set of zones selected to
form the optimal robust reserve, Py(R"), the survival probability of species s, in that

reserve in the worst case and Py(R*), the survival probability of species s, in that
reserve, calculated with the nominal survival probabilities in each zone.
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TAB. 7.11 — Survival probabilities of the species in the reserve of figure 7.10a. (a) No
uncertainty about the survival probabilities, g;. (b) Results in the worst case and when the
uncertainty is defined by # = 20 and r = 20; probabilities that differ from their nominal values
are in bold.

(a) (b)
Sk Species survival probability Sk LMJ Species survival probability
in the reserve 100 in the reserve, in the worst

case and when 7 = 20 and
r=20

5 1-(1-0.6)(1-0.5) = 0.8 5 0 1-(1-0.6)(1-0.5) = 0.8
5 1-(1-0.9) = 0.9 5 1 1-(1-0.72) = 0.72

s 1-(1-0.8)(1-0.7) = 0.94 5 1 1-(1-0.64)(1-0.7) = 0.892
s 1-(1-0.7)(1-0.4) = 0.82 s 1 1-(1-0.56)(1-0.4) = 0.736
s 1 (1-0.4)(1-0.7) = 0.82 s 1 1-(1-0.4)(1-0.56) = 0.736
S 1-(1-0.6)(1-0.5) = 0.8 56 0 1-(1-0.6)(1-0.5) = 0.8
s 1-(1-0.6)(1-0.5) = 0.8 . 1 1-(1-0.48)(1-0.5) = 0.74
s 1-(1-0.8) = 0.8 s 1 1-(1-0.64) = 0.64

s 1-(1-0.8) = 0.8 5o 1 1-(1-0.64) = 0.64

s10 1-(1-0.7)(1-0.8) = 0.94 S10 0 1-(1-0.7)(1-0.8) = 0.94

Now let us consider the instance where the threshold value chosen for each
species s; is always defined by p = 0.8 but without taking into account the uncer-
tainty about the species survival probabilities in each zone. The optimal reserve
obtained costs 40 units and is shown in figure 7.10a. The survival probabilities of
each species in this reserve, calculated from the nominal values of the survival
probabilities in each zone, are given in table 7.11a.

Let us always consider the reserve in figure 7.10a but now take into account the
uncertainty about the survival probabilities in each zone when 1 = 20 and r = 20.
This means that in at most |20]|Z;|/100| zones, the true values of the survival
probabilities of species s;, are only equal to 80% of their nominal value, g;3. In this
context, the worst case corresponds to the species survival probabilities in the
reserve given in table 7.11b. As expected, all these probabilities are less than or equal
to those in table 7.11a, but the survival probabilities of species so, $4, S5, S7, Sz, and sg
fall below the fixed threshold value, 0.8. The reserve under consideration is therefore
not at all robust. Remember that in this context of uncertainty, the optimal robust
solution is given by the reserve in figure 7.10c, the cost of which is equal to 50. Thus,
we can say that, for this hypothetical example, protection against uncertainty
defined by n = 20 and r = 20, increases the cost of the optimal reserve by 25%.

The problem discussed in this section 7.6.5.1 can be addressed in a slightly
different way. We can look, for example, at the maximal error that can be made in
estimating the probability g;; in such a way that there is a reserve that satisfies the
required performance — survival probabilities of each species greater than or equal to
a certain threshold value. We will see that the cost of the optimal robust reserve
associated with this problem increases with uncertainty on g;; until there is no
longer a reserve that meets the required performance.



Species Survival Probabilities 163

TAB. 7.12 — Cost of an optimal robust reserve for the landscape in figure 7.9 when p = 0.9,
n = 30, and for different values of r. For example, if r is between 1 and 6, the optimal robust
reserve costs 75 units and has 16 zones when r € {1,4,5,6} and 17 zones when r € {2,3}.

r Cost of an optimal Number of zones in the reserve for the
robust reserve different values of r

r=0 69 15

re{1,2,3,4,5,6} 75 16, 17, 17, 16, 16, 16

re{7,8,9} 7 16, 16, 16

re{10,11,12} 80 17,17, 17

r>13 No feasible robust -

reserve

Let us look again at the landscape described in figure 7.9, set p to 0.9,  to 30,
and look for the highest value of r for which there is a robust reserve, i.e., a reserve
that ensures that all the species have a survival probability in the reserve that is
greater than or equal to p in the worst case. This problem can be directly formulated
by replacing in program P75 the economic function with the expression r to be
maximized — in this case, r becomes a variable. However, the optimization problem
obtained is difficult because the constraints 7.18.2 become non-linear: u; +
Ap > {log[l — qik(l — ﬁ)] — log(1 — qik)}wi. Note that in this case 7, does not
depend on kand is therefore denoted r. Another way to determine this limit value of
ris to solve Py g, iteratively, by gradually increasing the value of r until there is no
longer any feasible reserve. In this case, the survival probability, in any reserve, of at
least one species falls below the desired threshold value, in the worst case. Table 7.12
presents the results obtained by this approach: there are robust reserves as long as
ris less than or equal to 12 and there are no more such reserves if ris greater than or
equal to 13.

Similarly, it may be interesting when p and r are fixed to determine the largest
value of # for which a robust reserve exists. Here again, the optimization problem is
difficult since it consists in solving P ;5 after having replaced the economic function
by variable # to be maximized. When rand p are fixed, all the constraints of P ;5 are
linear except constraints 7.18.1 which contain the term |#|Z;|/100]4;. Here g, does
not depend on k and is therefore denoted 7. As before, one way to determine this
limit value is to solve Py g iteratively by gradually increasing the value of # until
there is no longer any feasible robust reserve. In this case, the survival probability of
at least one species falls below the required threshold, in the worst case, for any
reserve. Table 7.13 presents the results obtained by this approach when p = 0.9 and
r = 20. It can be seen that, under these conditions, there are robust reserves as long
as 171 <24 and that there are no more such reserves when 5 > 25.

7.6.5.2 Large-Sized Instances

In this section we present the results obtained regarding the resolution of P75 on
large-sized instances. The landscapes studied are characterized by the following 4
parameters: the number of zones, the cost of protection of each zone, the number of
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TAB. 7.13 — Cost of an optimal robust reserve for the landscape in figure 7.9 when p = 0.9
and r = 20, and for different values of 7.

n Cost of an optimal robust Number of zones in the
reserve reserve

n € {0,...,12} 69 15,...,15

n € {13,14} 70 17, 17

n € {15,16} 75 18, 18

n € {17,18,19} 76 19, 19, 19

n € {20,21,22,23,24} 84 20, 20, 20, 20, 20

n>25 No feasible robust reserve

species concerned and the nominal survival probability of these species in each zone.
In these experiments, 50 species are present in the studied landscape and we con-
sidered two cases for each of the other 3 parameters, thus obtaining 8 types of
landscapes. The landscape is represented by a grid of 15 x 15 identical square zones
or a grid of 20 x 20 identical square zones; the costs of protecting the zones are
drawn at random, uniformly, between 1 and 10 or between 1 and 20; finally, in a first
case, each species appears randomly in 5% of the zones and the nominal survival
probabilities in the zones are drawn at random, uniformly, from the set
{0.5,0.6,0.7,0.8}; in a second case, each species appears randomly in 4% of the
zones and the nominal survival probabilities in the zones are drawn at random,
uniformly, from the set {0.7,0.8}. The characteristics of these 8 landscape types are
summarized in table 7.14. When a species does not appear in a zone, its survival
probability in that zone is zero.

For each of the 8 types of landscape we considered 5 different landscapes by
modifying the germ of the random number generator thus obtaining 40 different
landscapes.

Now let us see how the values of I'y, p;, and 0,5 are defined. As in the experi-
ments in section 7.6.5.1, I'y = |n|Z;|/100], p, =p, k€ S, and 5 = r ¢;/100,
(i,4) € Z,k € S. For each of the 40 landscapes, we studied solutions for the following
values of the different parameters: p € {0.85,0.90,0.95}, n € {10,20}, and
r € {20,30,100}. For each of the 40 landscapes we also studied the case where there
is no uncertainty by solving P75 with p € {0.85,090,0.95} and n = 0. We thus
resolved a total of 840 instances of Py qs.

All the instances were resolved quickly except some instances of size 20 x 20
when the threshold value is equal to 0.95. In this case, the resolution of several
instances requires a few hundred seconds, the most difficult instances corresponding
to n =20 and r = 20 or 30. All the instances corresponding to landscapes of size
20 x 20 have a feasible solution. For the instances corresponding to landscapes of
size 15 X 15, there is no feasible solution for one of the 5 germs of the random
number generator when p = 0.95 and when each species appears randomly in 4% of
the zones with a nominal survival probability drawn at random from the set
{0.7,0.8} — landscapes of types 2 and 4. The other instances for which there is no
feasible solution are presented in table 7.15.
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TAB. 7.14 — Description of the 8 types of landscape considered in the experiments. In all the
cases, b0 species are concerned.

Type  Dimension Set of values in Probability of Set of values in which the
of the grid which the costs, presence of each nominal survival
(nx n) Cij, are species in each probabilities, g, are
generated zone generated
1 15 x 15 {1,2,...,10} 5(n x n)/100 {0.5,0.6,0.7,0.8}
2 15 x 15 {1,2,...,10} 4(n x n)/100 {0.7,0.8}
3 15 x 15 {1,2,...,20} 5(n x n)/100 {0.5,0.6,0.7,0.8}
4 15 x 15 {1,2,...,20} 4(n x n)/100 {0.7,0.8}
5 20 x 20 {1,2,...,10} 5(n x n)/100 {0.5,0.6,0.7,0.8}
6 20 x 20 {1,2,...,10} 4(n x n)/100 {0.7,0.8}
7 20 x 20 {1,2,...,20} 5(n x n)/100 {0.5,0.6,0.7,0.8}
8 20 x 20 {1,2,...,20} 4(n x n)/100 {0.7,0.8}

TAB. 7.15 — Instances without feasible solutions.

Landscape 0 r n Number of
type instances without
feasible solutions

(out of the 5

considered)
2 0.85 20 100 1
4 0.85 20 100 1
2 0.90 10 100 1
2 0.90 20 100 1
4 0.90 10 100 1
4 0.90 20 100 1
1 0.95 20 100 1
2 0.95 20 100 1
4 0.95 20 100 2

Experiments have shown that the cost of protection against uncertainty is often
high. Table 7.17 summarizes the average percentage increase in the cost of an
optimal robust reserve — taking into account uncertainty hypotheses — compared to
the cost of an optimal reserve when there is no uncertainty, for all the instances of
size 20 X 20 — landscapes of types 5, 6, 7, and 8. The average increase is calculated
on the 5 instances associated with the 5 values of the generator germ. Consider, for
example, the landscapes of type 8 when the threshold value of the survival proba-
bility, p, is equal to 0.90. The results obtained for # = 30 and r = 10 are given in
table 7.16. In this case, the average increase in the cost due to protection against
uncertainty is about 55%.

Let us look at table 7.17 when the threshold value of the survival probability is
equal to 0.85. We see on this table that, when r = 10 and # = 30 or 100, there is no
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TAB. 7.16 — Increase in the costs of an optimal reserve, due to protection against uncertainty,
for 5 landscapes of type 8, when n = 30, » = 10, and p = 0.90.

No. of the Minimal cost when Minimal cost when uncertainty is Cost
instance there is no uncertainty defined by n = 30 and r = 10 increase
(%)
1 119 188 57.98
2 90 147 63.33
3 114 180 57.89
4 124 183 47.58
5 99 148 49.49
Av 55.26

TAB. 7.17 — Cost increases due to uncertainty for the 4 types of landscape of size 20 x 20 and
for 3 values of the parameter p: 0.85, 0.90, and 0.95.

Percentage increase in cost due to uncertainty

Survival Definition of Landscape Landscape Landscape Landscape
probability the considered of type 5 of type 6 of type 7 of type 8
to be uncertainty

ensured for
each species

()

0.85 r=10,n= 30 +21.3 +0 + 20.1 +0
r=10,n7 =100 +21.3 +0 + 20.1 +0
r=20,7=30 + 51.6 + 46.5 + 50.6 +55.3
r = 20,17 =100 + 51.6 +49.3 + 50.6 + 56.5

0.90 r=10,n=30 + 32.8 + 46.8 + 321 + 55.3
r=10,17 =100 + 32.8 + 49.3 + 32.1 + 56.5
r=20,n=30 + 61.1 + 725 + 63.4 + 76.4
r = 20,17 =100 + 61.1 + 725 + 64.5 + 77.0

0.95 r=10,n=30 + 28.1 + 18.2 + 31.1 + 17.2
r=10,1 =100 + 28.1 +19.2 + 31.2 + 174
r=20,n=230 + 60.8 + 57.5 + 63.0 + 58.8
r = 20,1 =100 + 62.1 + 63.4 + 67.0 + 66.5

increase in cost for the landscapes of types 6 and 8. However, for the landscapes of
types 5 and 7 and for the same values of 1 and r, the average cost increases by about
20%. The largest average increase, again for this same threshold value of survival
probability, occurs for the landscapes of type 8 when r = 20 and #=100 and is about
57%. Regardless of the landscape considered, the largest average increase in the
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table occurs for the instances defined by p = 0.90, » = 20, and #=100. Indeed, in this
case, this average increase in cost for the 4 types of landscape is approximately
between 61 and 77%.
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Chapter 8

Scenarios

8.1 Introduction

In chapters 1-6, the effect of zones’ protection is fully known. In chapter 7, the
uncertainty that may exist with regard to the survival of the species, both in pro-
tected and unprotected zones, is expressed in terms of probabilities. We also show, in
chapter 7, how to take into account, in a certain way, the inevitable uncertainties
concerning the values of these probabilities. In this new chapter, we consider another
way to take into account the uncertainty about the survival of the species in pro-
tected and unprotected zones. For this purpose, we consider that a set of scenarios,
Sc = {sc,,scy,..., s, }, are possible (see appendix at the end of the book). A scenario
is a set of hypotheses on the evolution of factors that can affect the survival of species
in protected or unprotected zones. These assumptions may include direct factors
such as land use, climate change, pollution, overexploitation or invasive species, and
indirect factors such as economic activity, demographic change, and socio-political
contexts. Thus, with each set of protected zones is associated a certain protection of
the species under consideration and this protection depends on the scenario. We
denote by Sc the set of indices of the possible scenarios. As in the previous chapters,
S = {s1, $,..., S} refers to the set of species, more or less threatened, in which we
are interested and Z = {z, #,..., 2, }, the set of zones that we can decide whether or
not to protect from a given moment, in order to ensure a certain protection to the
species in question and thus increase their chance of survival. S and Zrefer to the set
of corresponding indices, respectively. With regard to the survival of the species in
protected zones, the following two cases are considered: in the first case, it is
assumed that, for any scenario sc,,, we know the zones whose protection ensures the
survival of species si, and this for all k£ € S, if scenario sc,, is realized. This set is
denoted by Z{” and the corresponding set of indices is denoted by Z7. In other words,
to ensure the survival of species s; if scenario sc,, is realized, it is necessary and
sufficient that at least one zone of Z}” be protected. As we have generally done in the
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previous chapters, we consider here that there is only one level of protection: a zone
is protected or not. More precisely, the protection of zone z; is considered to protect
species s;, in the case of scenario sc,, realization if the population size of species s;, in
this zone is greater than or equal to a certain threshold value, depending on the
scenario and denoted by v%. In other words, Z” = {z € Z : ny, > v} where ny refers
to the population size of species s;, — at the beginning of the horizon considered — in
zone z;. Given a reserve R, we refer to Nb{(R) as the number of species protected by
this reserve if scenario sc,, occurs. In the second case, it is assumed that, for any
scenario sc,,, we know the minimal population size of species s;, that must be present
in the entire reserve — at the beginning of the period considered — for this species to
be protected if scenario sc,, occurs, and this for all £ € S. This minimal population
size is denoted by 6} and Nby (R) is referred to as the number of species protected by
reserve R if scenario sc, occurs. This chapter focuses on the determination of
optimal robust reserves, i.e., the determination of reserves that allow a certain
objective to be “best” achieved, knowing that several scenarios are possible.

Example 8.1. The instance described in figure 8.1 is considered and it is assumed
that two scenarios are possible: Sc = {sc,: @ = 1,2}. We consider the two ways —
described above — of calculating the number of species protected by a reserve, R,
when scenario sc, occurs: Nby(R) and NbJ' (R). With regard to the calculation of
Nb{’(R), the values of v§, , i € {1,...,20}, k€ {1,...,15}, w € {1, 2}, are such that
the list of species that will survive in each protected zone and in each of the two
scenarios is given in figure 8.2. With regard to the calculation of Nb§'(R), the values
of 92 and 9% are given in table 8.1. For example, if reserve R is composed of the
5 zones %, 73, 210, 411, ahd 214, we obtain Nb}(R) = 6 since the 6 species s3, s4, Sg, 57,
sg, and 810 will survive in the case of scenario scq, Nb%(R) = 7 since the 7 species s,
83, 865 S0, S10, S11, and 81 will survive in the case of scenario sco, Nb%(R) = 6 since the
6 species S3, Si, S7, Si0, Si1, and $o will survive in the case of scenario sc;, and
Nbg(R) = 6 since the 6 species sy, 3, Sy, Si0, Si11, and s;5 will survive in the case of
scenario Scs.

In the following sections we examine several problems related to the selection of
optimal robust reserves. Such reserves provide the best possible protection for the
species under consideration, in the presence of several scenarios and taking into
account a given robustness criterion.

8.2 Reserve Protecting All Species Considered
Regardless of the Scenario that Occurs

A first question that can be raised is the following: what is the set of zones to be
protected, at minimal cost, to protect all species considered, regardless of the sce-
nario that occurs. We first examine the case where the interest in protecting a
reserve R, if scenario sc,, is realized, is assessed by Nb{(R) then the case where this
interest is assessed by Nby'(R).
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<1 33

51(5) s3(6) 55(2) S6(2)
563) 51(8) $3(5) S6(2) $11(4) 53(8) $6(2) 512(5) $1309)

5 27 8

52(1) S6(5)

Z6 511(8) $13(2) 512(9) $13(9)
S9(4)

57(4) 59(8)

54(3) $13(6) S14(8
$11(8) $14(6) 4(3) 513(6) 514(8)

57(2) s3(4) 59(8) S11(7) Z11 213

57(2) $10(9)
512(7)
57(8) s10(8)

52(9) 55(7) S3(8) 5110) 217

52(8) 511(3)

o 53(7) 54(8) $7(2) S9(7) AR

55(9) s3(4) s5(3) 53(7) 57(2) S3(8) S15(8)
s11(4)

F1G. 8.1 — The 20 zones 21, 2,..., 239 are candidates for protection and the 15 species s;, s,
.., 815 living in these zones are concerned. For each zone, the species present and their

population size — in brackets — are indicated. The cost of protecting the white zones is equal to
1 unit, the cost of protecting the light grey zones is equal to 2 units and the cost of protecting
the dark grey zones is equal to 4 units. For example, s7, $q, 11, and s;4 are present in zone z,
their population size is equal to 4, 8, 8, and 6 units, respectively, and the cost of protecting this
zone is equal to 1 unit.

8.2.1 Case Where the Number of Species Protected
by a Reserve, R, if Scenario sc, is Realized, is
Assessed by Nby(R); in this Case the Protection
of Each Zone Allows to Protect a Given Set
of Species Depending on the Scenario

The problem can be formulated as a linear program in Boolean variables by asso-
ciating to each zone z;, as in the previous programs, a Boolean variable z; that takes
the value 1 if and only if zone z; is selected for protection. This results in program
Pg.1 which is known, in the field of operational research, as the set-covering problem.
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Fic. 8.2 — A region divided into twenty zones. Two scenarios are possible. (a) Species pro-
tected by the protection of a zone in the case of scenario sc;. (b) Species protected by the
protection of a zone in the case of scenario sc,. For example, the protection of zone 2y ensures
the protection of species s; and sg, if scenario sc; occurs, and that of species s and sp1, if
scenario scy occurs.

TaB. 8.1 — Values of Oi and Of For example, species s3 will survive in the selected reserve if its
total population size in this reserve is greater than or equal to 20, in the case of scenario scy,
and 17, in the case of scenario scs.

k 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15
011{ 9 12 20 8 14 12 6 13 16 7 10 5 17 10
92 8§ 16 17 10 18 9 12 12 13 9 9 6 22 12 6

min Y ¢

icz
Pg: Z ;>1 keﬁ,we& (811)

s.t.| €L
nef{0,1) icZ (8.1.2)

The economic function expresses the total cost of protecting the selected zones.
Constraints 8.1.1 express that, for any species s; and scenario sc,,, at least one zone
of Z” must be selected. It should be noted that wanting to protect all species
considered regardless of the scenario that occurs is a very conservative but often
unrealistic objective. Indeed, the optimal solution will generally consist in protecting
a large number of zones — possibly all of them — to be guarded against the conse-
quences of the different scenarios.

Example 8.2. Let us take again the instance built from figure 8.1 and described by
figure 8.2. In this example, the cheapest strategy to protect all species, regardless of
the scenario that occurs — among the 2 possible scenarios — is to protect the 12 zones
21, %2, 24y 26y 2Ry 20y 2115 4135 2155 2165 219, and 299, which costs 26 units (figure 8.3).
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F1G. 8.3 — The least costly solution to protect all species, regardless of the scenario that
occurs — among the 2 possible scenarios — is to protect the 12 non-hatched zones: 2, 2, 24, 2,
2Ry 29y 2115 213, 215, 216, 219, and 2. This protection costs 26 units while the protection of all
zones costs 48 units. (a) All species are protected if scenario sc; occurs. (b) All species are
protected if scenario scy occurs.

As we have already discussed in the case of a single scenario (chapter 1), it can be
considered that to be protected species s; must be protected in at least by zones. The
formulation of this variant of the problem is obtained by replacing in Pg; the
constraints Ziezfﬁ x>1, k€ S,o€Sc, by the constraints Zz‘ezz’ x; > by,
ke S ,we Sc.

8.2.2 C(Case Where the Number of Species Protected
by a Reserve, R, if Scenario sc, Occurs, is Assessed
by Nby(R); in this Case, a Species is Protected
by R if its Total Population Size in R Exceeds
a Certain Value Depending on the Scenario
The problem of determining the minimal cost reserve, making it possible to protect
all species considered, whatever the scenario that occurs, can be formulated as the

linear program in Boolean variables obtained by replacing in Pg; the constraints
Zie@: z;>1, k€S, o € Sc, by the constraints Zieg ngz; > 07, ke S, o € Sc.

8.3 Reserve Protecting as Many Species — of a Given
Set — as Possible Under a Budgetary Constraint
and in the Worst-Case Scenario

A second problem that may naturally arise is to determine the zones to be protected,

taking into account an available budget, B, in order to protect as many species as
possible in the worst-case scenario. The worst-case scenario is related to a set of
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protected zones. This is the scenario for which the number of protected species is
minimal, taking into account the zones selected for protection. This problem, related
to species richness, can be written maxpcz c(r) < B [miny, ese Nb}”(R)] where Nb}”(R)
refers to the number of protected species — calculated in two different ways
depending on the value of f— when the set of zones R is protected and scenario sc,, is
realized. C(R) refers to the cost of reserve R. These problems can be formulated as
linear programs in Boolean variables. For this purpose, as in all previous programs,
with each zone z; is associated a Boolean decision variable, x;, With each possible
pair (species, scenario) is also associated a “working” Boolean variable, y{’, which, by
convention, takes the value 1 if and only if the zones selected to be protected allow
species s; to be protected in the event that scenario sc,, is realized.

8.3.1 Case Where the Interest of Protecting a Reserve, R,
if Scenario sc, is Realized, is Assessed by NbY(R)

In this case, the problem can be formulated as program Pg .

max o
o< ];gy;" w € Sc (821) | xme{0,1} ieZ (8.2.4)
s
Psaiy < T ou keSoese (822) | ye(01) keSwese (525)
> e ;B (8.2.3) |
i€z

The objective of Pg 5 is to maximize variable «. Because of constraints 8.2.1, this
variable o takes the value minwe&{z res y‘,j’} at the optimum of Pg 5 since there is

no other constraint on this variable, which corresponds to the number of protected
species in the event that the worst-case scenario occurs — for a fixed set of protected
zones. According to constraints 8.2.2, variable y;’, which is a Boolean variable, takes,
at the optimum of Pg 5, the value 0 if Zz‘ez‘; z; = 0, i.e., if no zone of Z” is selected,

and the value 1if ) 20 i > 1, i.e., if at least one zone of Z” is selected. Variable y{’,

therefore, takes the value 1 if and only if the zones selected for protection allow
species s;, to be protected, in the event that scenario sc, occurs. Constraints 8.2.4
and 8.2.5 specify the Boolean nature of all variables.

Example 8.3. Let us take again the instance described in figures 8.1 and 8.2 and
assume that the budget available for the protection of the zones is equal to 10 units.
By protecting the 7 zones 2, 24, 2, 28, 215, 216, and 219 we are sure that, whatever the
scenario, at least 11 species will be protected. Indeed, if scenario sc; is realized, the
12 species s3, 84, S5, S5, 57, S8, 9, S10, Si1, S12, S13, and s;4 will be protected, and if
scenario sc, is realized, the 11 species s, 83, 85, S, 57, 53, S9, S11, $12, 813, and s14 will be
protected (figure 8.4).
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Fi1G. 8.4 — If the budget available for zone protection is 10 units, the optimal solution for the
instance described in figures 8.1 and 8.2 consists in protecting the 7 non-hatched zones 2z, 2,
265 28 215, 216, and 219, which costs 10 units. (a) 12 species are protected in scenario scy. (b) 11
species are protected in scenario scs.

8.3.2 Case Where the Interest of Protecting a Reserve, R,
if Scenario sc, is Realized, is Assessed by Nby(R)

In this case, the problem can be formulated as the mathematical program obtained
by replacing in Pg » the constraints g’ < .. 20 Tis k€ S, o € Sc, by the constraints

O(Ii)y(]i) < Zzeg Tk T ke ﬁa (ONS &

8.4 Reserve Minimizing the Maximal Relative Regret,
for All Scenarios, About the Number of Protected
Species, Taking into Account a Budgetary
Constraint

Seeking to protect a set of zones in such a way that as many species as possible are
protected in the worst-case scenario can have a significant drawback: if one of the
scenarios is very “pessimistic” — from the viewpoint of species protection resulting
from the protection of zones —, then the optimal solution of Pg o will essentially take
this only scenario into consideration. To overcome this drawback, it is possible to
determine the zones to be protected — under a budgetary constraint — in such a way
as to minimize the greatest regret, i.e., the greatest relative gap, over all scenarios,
between the number of protected species, given the zones selected, and the maximal
number of species that could be protected in the scenario considered, by possibly
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retaining another set of zones. This problem can be written mingcyz c(r)<n
{maxgesc[(NDY(R}”) — Nb7(R))/Nby(R;”) |} where the set of zones of maximal
interest for scenario sc,, is designated by R}“’ and when the interest of a reserve, R, is
assessed by Nby’(R) - fis equal to 1 or 2. To solve this problem, it is first necessary to

determine the maximal interest — here, the maximal number of protected species —
that can be obtained by protecting a set of zones in the case of scenario sc,,, for all
scenarios.

8.4.1 Case Where the Interest of Protecting a Reserve, R,
If Scenario sc, is Realized, is Assessed by NbY(R)

In this case, the maximal number of species that can be protected under scenario sc,,
can be calculated by solving the linear program in 0-1 variables Pg 3(w).

w — )
max ]Vmax - Z Yk,
keS

W< Sz keSS (83,1) | 5e{0,1} i€eZ (8.3,.3)
Pg 3(60) : i€y
s.t.
S e <B (8302) | ye{0,1} keSS (83,4)
=

Because of the economic function to be maximized, ), ¢ ¥, and constraints

8.3,.1, variable y¢ takes the value 1, at the optimum of Pg 3(w), if and only if z; =1
for at least one index i of ZY, i.e., if at least one of the zones that allow species s, to
be protected under scenario sc,, is selected to be protected. Otherwise, variable y;’
can only take the value 0. The value of the economic function at the optimum of
Pg3(w) is therefore well equal to the maximal number of species that can be pro-
tected if scenario sc,, is realized, under the budgetary constraint expressed by con-
straints 8.3,,.2.

Example 8.4. Let us take again the instance built from figure 8.1 and described by
figure 8.2, and suppose that the budget available for the protection of the zones is
equal to 7 units. If we think that scenario sc; will be realized, then the optimal
reserve allows 10 species to be protected. It should be noted that if, contrary to the
forecasts, scenario sc, is realized, then the reserve selected only allows for the pro-
tection of 8 species (figure 8.5). If, on the contrary, we think that scenario scy will be
realized, then the optimal reserve allows 9 species to be protected. Again, it should
be noted that if, contrary to the forecasts, scenario sc; is realized, then the reserve
selected only allows for the protection of 8 species (figure 8.6).

Once N  is determined for all scenarios sc,,, i.e., for all @ € Sc, the optimal

max

solution to the problem considered — minimization of the maximal regret — can be
calculated by solving the linear program in Boolean variables Pg 4.
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FIG.8.5—Thebudgt ailable for the protection of the zones is equal to 7 units. (a) The
optimal solution for scenari of the instance described in fgu s 8.1 and 8.2 is to protect
the 5 non-hatched zones 2, %, 215, 216, and 29, whi h osts 7 units and protects the 10 species
3, S, S5, S6, S7, S8, S95 S10, S11, and s14. (b) If scenario scy is realized, the protection of the 5
zZones 2, Z, 215, 216, and 219 protects the 8 species s1, s3, S5, S7, Sg, S9, S11, and Sy4.

Fic. 8.6 — The budg t available for the protection of the zones is equal to 7 units. (a) The
optimal solution for scenari of the instance described nfgu s 8.1 and 8.2 is to p otect
the 5 unhatched zones 2z, 215,and 9, which costs 7 units and protects the 9 species s,

6, S7, S8, nd ( ) If scenario sc; occurs, the protection of the 5 zones 2, 2y,
and 29 pro t t the 8 spec 5 S5, S65 S35 S10, S11, S12, and ;3.
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/ %
-
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Fic. 8.7 — If the budget available for zone protection is 7 units, the optimal solution of Pg 4,
for the example described in figures 8.1 and 8.2, is to protect zones z, 24, 2, 215, and zg.
(a) The protection of these zones allows the protection of the 9 species s3, s5, 6, Sg; So, 10, S11,
12, and sy, if scenario scy is realized. (b) The protection of these zones allows the protection
of the 9 species sy, $3, S5, S, 57, Ss, S11, S13, and $y4 if scenario sc, is realized.

min o
o> ( ZkES y )/ max @ € & (841)
W< X T ke S ,weSc (8.4.2)

. i€ Zy
Pgy:

st.| > ez <B (8.4.3)
i€z
€ {0,1} icZ (8.4.4)
y? € {0,1} ke S,weSc (84.5)

Since we are seeking to minimize variable o and because of constraints 8.4.1, the
Boolean variable y;’ takes, at the optimum of Pg,, the highest possible value.
Because of constraints 8.4.2, it therefore takes the value 1 if and only if the zones
selected to be protected ensure the protection of species s, in the case of scenario
sC,. In other words, 3}’ takes the value 1 if and only if at least one of the zones of Z;
is selected. Because of the economic function, o, to be minimized and constraints
8.4.1, variable o takes, at the optimum of Pgy, the largest of the values

( max — 2_kes yk) / @ «» on all scenarios sc,. The resolution of Pg,4, therefore,

enables the selection of zones whose protection minimizes the maximal relative gap,
over all scenarios sc,, between 1) the number of species that are protected in sce-
nario sc,, given the selected zones — zone z; is selected if z; = 1 — and 2) the maximal
number of species that could have been protected — possibly by protecting another
set of zones — in scenario sc,, (figure 8.7).
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Example 8.5. Let us take again the instance built from figure 8.1 and described by
figure 8.2, and suppose that the budget available for the protection of the zones is
equal to 7 units. The reserve associated with the optimal solution of Pg4 costs 7
units and allows 9 species to be protected, if scenario sc; is realized, and also 9
species, if scenario sco is realized. For scenario sc; the value of the expression

(N“’ — > ks y]‘:’) /Nﬁfax is equal to (10—9)/10 = 0.1 and for scenario scy it is equal

max

to (9-9)/9 = 0. The corresponding value of the economic function of Pgy, «, is
therefore equal, for this example, to max{0.1, 0} = 0.1. In other words, regardless of
which scenario sc,, occurs, the relative gap between the number of species that are
protected by protecting the zones corresponding to the optimal solution of Pg,
rather than the zones corresponding to the best strategy for scenario sc,, is less than
or equal to 10%.

8.4.2 Case Where the Interest of Protecting a Reserve, R,
If Scenario sc,, Occurs, is Assessed By Nby(R)

In this case, the problem of determining the maximal interest, N , that can be

max?

obtained by protecting a set of zones, in the case of scenario sc,, can be formulated
as the program obtained by replacing in Pgs(w) the constraints
Y < Xicge %y k€S, by the constraints 0) 3! < 3, y nirmi, k€ §. Once Ny, is

max
determined for all scenarios sc,,, i.e., for all @ € Sc, one can calculate the optimal
solution to the problem under consideration by solving the program obtained by
replacing in Pg4 the constraints y? < .. 70 Ty k€ S,w € Sc, by the constraints

vup < Zz‘eg nixx;, k€ 9,0 € Sc.
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Chapter 9

Species Survival Probabilities’ Scenarios

9.1 Introduction

In this chapter, the uncertainty that may exist with regard to the survival of the
species under consideration, taking into account the protection policies of the dif-
ferent candidate zones, is expressed both by the survival probabilities of these
species in protected and unprotected zones but also by a set of possible scenarios,
Sc = {sc,,scg,...,s¢p }. A scenario corresponds to a set of hypotheses on the evolution
of the factors likely to influence the survival probabilities of the species. These
assumptions may concern direct factors such as land use, climate change, pollution,
overexploitation or invasive species, and indirect factors such as economic activity,
demographic change, and socio-political contexts. In this chapter, the survival
probabilities of the species are therefore scenario-dependent. As in the previous
chapters, the term “species” refers to the set of species of interest, and “candidate
zones” refers to the set of candidate zones for protection. Let S = {sy, $,..., S} be
the set of species considered and Z = {2, 2,..., 2,} be the set of candidate zones.
Denote by S, Z, and Sc the set of indices of the elements of S, Z, and Sc, respectively.
Thus, the information concerning the survival of species s;, in the protected zone z; is
provided by the probability p§, i € Z, k € §, w € Sc, assuming that scenario sc,, is
realized. The survival probability of the species s;, in the unprotected zone z;, k € S,
i € Z, is assumed to be 0 for all scenarios. It is also assumed that all these proba-
bilities are independent. Note that the value of p$} may be 0 for some triplets (4, k, ®)
even if zone z; is protected. Indeed, on the one hand, some zones, even if protected,
do not contribute to the protection of certain species in any scenario — there are
iand ksuch that p§ = 0 for all € Sc — and, on the other hand, a given zone may
contribute to the protection of a certain species in the case of scenario sc,,, but not
contribute to the protection of that species in the case of scenario sc,, — there are 4,
k, w1, and s such as p' > 0 and p}> = 0.

Given a reserve, R, i.e., a subset of zones of Z that one decides to protect, denote
by Int”(R) the interest in protecting R in the case of scenario sc,,. In sections 9.2-9.5

DOI: 10.1051/978-2-7598-2521-9.c009
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of this chapter, Int”(R) represent the number of species whose survival probability
in reserve R is greater than or equal to a certain threshold value — denoted by py, for
species s; — in the case of scenario sc,,. Int”(R) can therefore be defined as follows:
Int”(R) = [{k € 5 : P,(R) > p;,}| where P?(R) is the survival probability of species
s in reserve R, in the case of scenario sc,. This probability P (R) is equal to
1 —TTicp (1 — p%) where R denotes the set of indices of the zones belonging to

reserve R. In section 9.6 of this chapter, Int”(R) represents the expected number of
species that will survive in reserve R if scenario sc, occurs. Thus, in this case, we
have Int”(R) = > ;.5 Pi(R).

In the remainder of this chapter, we focus on the determination of optimal robust
reserves by giving several meanings to the term “robust”. In all cases, this qualifier
refers to reserves that have a certain level of interest regardless of the scenario that
occurs.

9.2 Reserve Ensuring a Certain Survival Probability
for the Largest Possible Number of Species,
of a Given Set, Under a Budgetary Constraint
and Regardless of the Scenario

In this section, let us examine the determination of a reserve, respecting a budgetary
constraint and guaranteeing certain objectives, whatever the scenario that occurs.
Such a reserve is referred to as “robust”. Recall that for any triplet
(i, k,w) € Z x S x Sc, the survival probability of species s;, in zone z; in the case of
scenario sc,, is equal to p¢ if zone z; is protected and 0 in the opposite case. We
consider here that there is only one level of protection: a zone is protected or not.
The problem consists in determining a reserve, i.e., a set of zones to be protected,
whose protection cost is less than or equal to the available budget, denoted by B,
and which satisfies the following property: the number of species of S whose survival
probability in the reserve is greater than or equal to a certain threshold value —
depending on the species — is maximal in the worst-case scenario. For a given reserve,
the worst-case scenario is the one that leads to the lowest number of species whose
survival probability — in that reserve — is greater than or equal to the specified
threshold value. Denote by p;, the threshold value corresponding to species s;. Using
the notation Int®”(R) for the interest of reserve R in the case of scenario sc,, i.e., the
number of species whose survival probability is greater than or equal to the set
threshold value, this optimization problem can be concisely formulated as follows:
max pc 7 o(r) < p{Min pege Int”(R) }. Let us introduce the Boolean decision variable
which takes the value 1 if and only if zone z; is protected. The extinction probability
of species s;, in zone z; can then be written 1 — p z;, in the case of scenario sc,, and as
a function of variable z; It is deduced that the probability of disappearance of
species s;, from the reserve, in the case of scenario sc,,, is equal to [],., (1 - p§%$¢)7
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and finally that the survival probability of species s;, in the reserve, i.e., in the set of
protected zones, is equal to 1 — [],., (1 — p%lﬁ) The problem we consider here is to

determine the zones to be protected, i.e., the values of variables z;, in such a way as
to ensure, for all scenarios, a survival probability greater than or equal to a certain
threshold value, for as many species as possible. In other words, we seek to determine
a reserve, R, such that, among the m constraints 1 — ], , (1 — p‘j,izl) >pi, k€S, as
many as possible are satisfied for all @ € Sc. In order to formulate the problem as a
mathematical program, let us also introduce the Boolean variable y;” which takes the
value 1 if and only if the survival probability of species s; in the reserve is greater
than or equal to the threshold value p;, in the case of scenario sc,. The optimal
robust solution can be determined by solving the mathematical program in integer
variables Py ;.

max o
i€z
L= [[(1-pa) > pygf keSweSe (9.12)
Pg1: €2
sboa<< >y w € Sc (9.1.3)
kes
x5 € {0,1} icZ (9.1.4)
yy € {0,1} ke S,weSc (9.1.5)

The economic function of Pg; is variable a to be maximized. Because of con-
straints 9.1.3, the value of variable a, at the optimum of Pg; is equal to the number
of species with a survival probability in the reserve greater than or equal to the
specified threshold value, in the worst-case scenario. Indeed, at the optimum of Py 1,

we have o = minwe&{zkeg y};’} Constraint 9.1.1 expresses that the total cost of

protecting the reserve must be less than or equal to the available budget, B. Con-
straints 9.1.2 force the Boolean variables g}’ to take the value O if the survival
probability in the reserve of species s, is less than the threshold value py, in the case
of scenario sc,,. Otherwise, and because of the expression of the economic function to
be maximized, the Boolean variables y;’ take the value 1 at the optimum of Py ;.
Constraints 9.1.4 and 9.1.5 specify the Boolean nature of variables z; and y;’. The
economic function is linear but constraints 9.1.2 are non-linear since they involve the
product of the n linear functions 1 — pfx;. We will see that, as in section 7.2 of
chapter 7, these constraints 9.1.2 can be linearized and that therefore, finally, the
solution to the problem considered can be determined by solving a linear program in
Boolean variables. Let us first rewrite constraints 9.1.2 as [],., (1 - pfj,;:ri) <

1 — py;’. To simplify the presentation, it is assumed that p$, and p; are strictly less
than 1. These constraints are equivalent to log (Hz‘eg (1- p‘;,’cx,-)) < log(1 — pys) or

> iez10g(1 — pjai) < log(1 — pyy)’). Since variables z; and )’ are Boolean variables,
0

log(1 — pfa;) = z;log(1 — p%) and log(l — pyi’) = yi’ log(1l — p;,). The nonlinear
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constraints 9.1.2 are, therefore, equivalent to the linear constraints
> icz Tilog(l — pg) <y’log(l —p;), k€S, € Sc. Finally, the optimal robust
solution to the problem under consideration can be determined by solving the linear
program in Boolean variables Pg ».

max o
S exm<B (9.21) | a< >y weSc (9.2.3)
i€z keS
P92 . 2
st Y a;log(1 — p%) | zme{0,1} ieZ (9.2.4)
icZ

<ylog(l—py) keSS, weSc (922) | ye{0,1} keS weSc (9.2.5)

(0]

By setting u% =log(1l — p%) and vy =log(1 — p;), program Py 5 is rewritten as
program Pg 3.

max o
2% cx; < B (9.31) | ze{0,1} ieZ (9.3.4)
icz
Poaty o Sugm<wyy keSocse (932) | elo1) keswese (935)
2< Ty » € Sc 9.33) |
kesS

9.3 Least Cost Reserve Ensuring a Certain Survival
Probability for All Considered Species, Regardless
of the Scenario

The following variant of the problem in the previous section can be considered:
determine an optimal robust reserve, that is, here, a set of zones to be protected, of
minimal cost, and which ensures that all species of S have a survival probability in
the reserve — or equivalently in all candidate zones — greater than or equal to a
certain threshold value, in all scenarios. As in the previous section, the survival
probability of species s; in zone z;, and in the case of scenario sc,, is equal to p9, if
zone z; is protected and 0 if it is not. This optimization problem can be written in a
concise way: min{ C(R) : RCZ,Int”(R) = m (w € Sc)} where Int”(R) is the interest
in protecting R — here, the number of species whose survival probability is at least
equal to the set threshold value — in the case of scenario sc,,. Recall that P{(R) is the
survival probability of species s;, in reserve R in case of scenario sc,,. The problem can
also be written as follows: min{C(R):RCZ, PY(R)>p; (k€ S,w € Sc)}. The
optimal robust solution to the problem can be obtained by solving the linear
program in Boolean variables Pg 4.
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min Z C;T;

i€z
Pgy: YouGEi<vy keS,weSc (94.1)
s.t.| €2
ne{0,1} ez (9.4.2)

where the coefficients p, and v; have the same meaning as in Pg 3.

9.4 Reserve Subject to a Budgetary Constraint and
Minimizing the Maximal Relative Regret, over All
Scenarios, About the Number of Species of a Given
Set with a Survival Probability Above a Certain
Threshold Value

As already pointed out for similar contexts, seeking to protect a set of zones in such
a way that as many species as possible have a survival probability greater than or
equal to a certain threshold value, in the worst-case scenario, can have a significant
drawback: if one of the scenarios is very “pessimistic” then the reserve selected will
essentially take into account that single scenario. To overcome this disadvantage,
one can seek to determine the zones to be protected — under a budgetary constraint
— in such a way as to minimize the greatest relative gap, over all scenarios sc,,,
between (1) the number of species with a survival probability greater than or equal
to a certain threshold value, taking into account the zones selected, and (2) the
maximal number of species that could have a survival probability greater than or
equal to the same threshold value in scenario sc,. This problem of determining an
optimal robust reserve can be written mingcy.o(r) <n {maxwe& [(Int”(R**)—
Int”(R))/Int”(R**)]} where R*® is the set of zones of maximal interest for scenario
SCw- Recall that, in sections 9.2-9.5 of this chapter, the interest of reserve, R, cor-
responds to the number of species whose survival probability in that reserve is
greater than or equal to a pre-set threshold value. To solve this problem, we must
first determine the maximal interest that can be obtained — by protecting some
zones of Z — in the case of scenario sc,,. The following optimization problem must,
therefore, be solved for any scenario sc,: maxpcy. o(r)<p Int”(R). This problem
can be formulated as the linear program in Boolean variables Py 5(w).
max Int? = >y
kes
S e <B (955.1) | €{0,1} i€eZ (9.54,.3)
i€Z

.t
Subm<wviy? keSS (95,2) | ¢ e€{0,1} keSS (9.5,.4)

i€z

S
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Because of the economic function to be maximized, >, ¢y, and constraints

o)

9.5,.2, the Boolean variable 3 takes the value 1, at the optimum of Py 5(w), if and
only if the survival probability of species s;, in the selected reserve is greater than or
equal to py, in the case of scenario sc,,. Otherwise, variable y;’ can only take the value
0. The value of the economic function, at the optimum of Pg 5(®), is therefore equal
to the maximal number of species whose survival probability, in the case of scenario
SC,, 18 greater than or equal to the pre-set threshold value, taking into account the
budgetary constraint expressed by 9.5,.1. This value is denoted by Int{. . It cor-

responds to Int”(R*”). Once Int%_ has been determined for all scenarios, i.e., for all

w € Sc, the optimal solution to the problem under consideration can be found by
solving the mixed-integer linear program Pgg.

min o
Y ani<B (9.6.1)
i€Z
> MG S Ry keSS, weSc (9.6.2)
i€z

P9A6 : x Z (Int?x)lax - ZkES y;:) /Inti)lax (ONS & (963)

s.t. a
z; €{0,1} i€ Z (9.6.4)
v € {0,1} keS weSc (9.6.5)
x>0 (9.6.6)

Because of constraints 9.6.2, the Boolean variable y; can take the value 1 if and
only if the zones selected for protection provide species s;, with a survival probability
greater than or equal to p;, in the case of scenario sc,. Because of the economic
function, a, to be minimized and constraints 9.6.3, variable a takes, at the optimum

of Py, the largest of the values (Int“’ — D ks yk‘“) /Int? over all scenarios sc,.

max max
The resolution of Py ¢ therefore allows for the selection of a reserve whose protection
minimizes the maximal relative gap, over the set of scenarios, between the number of
species that have a survival probability in that reserve greater than or equal to the
threshold value — zone z; is selected if 2; = 1 — and the maximal number of species
that would have a survival probability greater than or equal to the threshold value in
a reserve that is optimal for the scenario under consideration.

9.5 Examples

In this section, we illustrate the results of the previous sections on a hypothetical set of
candidate zones represented by a grid of 8 x 8 square and identical zones. In this
example, 10 species, s, Ss,..., Sig, are involved and 2 scenarios, sc; and scy, are con-
sidered. The data are presented in figure 9.1. The zones are designated by z; where
i denotes their row index and 7, their column index. For each zone z;, the non-zero
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1 2 3 4 5 6 7 8
s1:0.7,04 53:0.5,0.5 ss5:0.4,0.5 56:0.6,0.7 $1:06,04 | 5:04,0.6 | 5,:09,0.6
1] s3:0.7,0.3 535:0.6,0.3 | 510:0.7,0.3 $4:04,0.5 $7:0.6,0.8
s10:0.3,0.8 s10:0.8,0.4
9 2 3 3 3 3 9 5
§9:0.8,0.6 59:0.5,0.8 s5:0,0.7 51:0.6,0.4 53:0.6,0.8
2 57:0.8,0.5
4 1 1 9 5 6 3 4
s3:0.6,0.8 $9:0.9,0.5 §7:0.5,0.8
3 s10:0.5,0
7 8 10 6 4 8 10 4
§9:0.6,0.8 52:0.6,0.3 s4:0.3,0.7 §9:0.7,0.7
4
3 3 8 7 6 5 9 9
54:09,05 | 53:0.8,04 | 57,:0.5,08 | 5s5:04,0.6
5 $§7:0.5,0.8 s5:0.8,04
1 10 2 7 3 6 1 6
52:0.6,0.8 54:08,04 53:0.6,0.3 54:0.7,0.5 §5:0.6,0.8
6 §9:0.7,0.8
3 4 6 2 10 6 1 7
52:04,0.7 s5:0,0.6 53:0.8,04 | 55:0.8,08 56:0.5,0.7
7 $54:04,0.7
8 2 5 1 3 6 8 8
$1:0.5,0.7 52:0.5,08 53:0.6,0.4 $:0.7,0.5 $5:0.7,0.6 $6:0,0.8
8 53:0.7,0 $§4:0.5,0.5
56:0.4,0.6
5 10 5 5 4 7 4 7

F1G. 9.1 — A set of 64 candidate zones for protection represented by a grid of 8 x 8 square and
identical zones. 10 species are concerned and 2 scenarios are envisaged. The corresponding
survival probabilities, pjﬁﬂ and the costs of protection are indicated in each zone. Consider, for
example, zone zg. Species s; and sg are concerned by this zone. The survival probability of
species s; in this zone, if protected, is equal to 0.5 for the first scenario and 0.8 for the second
one. The survival probability of species sg in this zone, if protected, is 0.8 for the first scenario
and 0.4 for the second one. The cost of protecting this zone is equal to 6.

survival probabilities of the species in that zone, when protected and for each scenario,
are indicated. Here p{, refers to the survival probability of species s;, in the protected
zone z; and in the case of scenario sc,,. Recall that all survival probabilities are zero in
unprotected zones. The cost associated with protecting each zone is indicated in the
lower right-hand corner of the corresponding zone. In all that follows, we will say that a
species is protected by a reserve, R, in the case of scenario sc,, if the survival proba-
bility of that species —in reserve R —is greater than or equal to the set threshold value.



TAB. 9.1 — List of zones whose protection ensures a positive survival probability for species s, for at least one of the two scenarios.

Species Zones Species Zones

51 211 216 25 %83 S6 215 278 284 288

82 217 218 243 261 271 284 286 S7 218 226 237 %55 256
83 212 226 234 255 65 275 283 285 S8 211 214 256 273 276
84 217 244 54 262 267 275 284 S9 22 223 236 242 246 262
S5 214 224 257 268 87 510 211 215 218 234

TAB. 9.2 — Problem I: Optimal robust reserve characteristics for three values of the available budget and for two threshold values.

B o Number of Cost of the Number of Species protected in Species protected in Associated
selected zones reserve protected species scenario scy scenario sco figure
10 0.8 5 9 3 S35 84, Sg S2, 84, Sg 9.2a
0.9 5 10 2 S4, Sg S4, Sg -
20 0.8 8 19 5 S2, 83, S4, S5, Sg9, S10 S2, 84, S5, S7, Sg 92b
0.9 7 19 4 S2, 83, S4, Sg S2, 84, 87, S9 -
30 0.8 11 30 7 S2, S3, S4, S5, S8, S9, S10 S2, S3, S4, S5, S7, S8, S9 -
0.9 10 30 5 S9, S3, S4, S7, Sg S9, S3, S4, S7, Sg 9.2¢c

88T
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To facilitate the review of this example, table 9.1 lists for all k¥ € S the zones for
which the survival probability of species s is positive for at least one of the two
scenarios.

Let us consider the three following problems, each of which consists of deter-
mining an optimal robust reserve:

Problem I. Determine a reserve that respects a certain budget and maximizes the
number of species whose survival probability — in the reserve or equivalently in the
set of candidate zones — is greater than or equal to 0.8 then 0.9 — p; = 0.8 then
pr = 0.9 for all k — regardless of the scenario.

Problem II. Determine a minimal cost reserve that ensures that all species
considered have a survival probability — in the reserve or equivalently in the set of
candidate zones — greater than or equal to 0.8 then 0.85 then 0.9 — p, = 0.8 then
o = 0.85 then p, = 0.9 for all £ — regardless of the scenario.

Problem ITI. Determine a reserve that respects a certain budget and minimizes the
maximal relative regret, over all scenarios, on the number of species whose survival
probability — in the reserve or equivalently in the set of candidate zones — is greater
than or equal to 0.8 then 0.9 — p,, = 0.8 then p, = 0.9 for all £.

In this example and for these three problems, we refer to p the threshold value
applicable to all species. Note that the survival probability of a species in the reserve
is equal to the survival probability of that species in the set of candidate zones since,
by hypothesis, the survival probabilities of the species considered in the unprotected
zones are all equal to 0.

The results obtained for Problem I are presented in table 9.2. Some optimal
robust reserves corresponding to the instances in this table are shown in figure 9.2.
Table 9.3 gives the survival probabilities of each species in the optimal robust
reserve, for both scenarios, when the available budget equals 20 and the threshold
value equals 0.8.

The results obtained for Problem II are presented in table 9.4. It can be noted
that it is not possible to define a reserve to ensure, for all scenarios, a survival
probability of at least 0.9 for all species. Some optimal robust reserves corresponding
to the instances in table 9.4 are presented in figure 9.3. Table 9.5 gives the survival

(a) B=10,p=08 (b) B=20,p=08 (c) B=30,p=09

F1G. 9.2 — Problem I: Optimal robust reserves corresponding to certain instances in table 9.2.
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TAB. 9.3 — Problem I: Species survival probabilities in the optimal robust reserve, for both
scenarios, when B = 20 and p;, = 0.8 for all k.

Species Survival Survival Species Survival Survival

probability in probability in probability in probability in
the reserve the reserve the reserve the reserve

(scenario scq) (scenario sco) (scenario scq) (scenario sco)

$1 0 0 S 0 0

So 0.96 0.92 S7 0.60 0.80

S3 0.80 0.40 Sg 0 0

S4 0.82 0.85 Sg 0.90 0.92

S5 0.82 0.84 S10 0.80 0.40

TAB. 9.4 — Problem II: Optimal robust reserve characteristics for three
threshold values.

o Cost of the optimal robust reserve Associated figure
0.80 55 9.3a
0.85 64 9.3b
0.90 No feasible reserve -
(a) p=0.8 (b) p=0.85

FiG. 9.3 — Problem II: Optimal robust reserves for the instances in table 9.4.

TAB. 9.5 — Problem II: Species survival probabilities in the optimal robust reserve for both
scenarios, and when p; = 0.8 for all &.

Species Survival Survival Species Survival Survival

probability in probability in probability in probability in
the reserve the reserve the reserve the reserve

(scenario scy) (scenario sco) (scenario sc) (scenario sco)

81 0.850 0.820 S6 0.800 0.910

S 0.960 0.920 sz 0.800 0.960

S3 0.994 0.820 S8 0.940 0.860

Sy 0.820 0.850 So 0.900 0.920

S5 0.820 0.840 510 0.958 0.916




Species Survival Probabilities’ Scenarios 191

probabilities of each species in the optimal robust reserve, for both scenarios, when
the threshold value is equal to 0.8.
The results obtained for Problem IIT are presented in tables 9.6 and 9.7.

9.6 Reserve Satisfying a Budgetary Constraint and
Maximizing the Expected Number of Species,
of a Given Set, that will Survive in it

As in the previous sections, S = {s1, $,..., S} refers to the set of species under
consideration, Z = {z, #,..., z,}, the set of candidate zones for protection, and
Sc = {sc,,scy,..., sc,}, the set of possible scenarios. Thus, information concerning
the survival of species s;. in the protected zone z; when scenario sc,, is assumed to
occur is provided by the probability p, ¢ € Z, k € S, w € Sc. In order to simplify the
presentation it is assumed that all these probabilities are strictly less than 1. On the
other hand, the survival probabilities of the different species in unprotected zones
are all assumed to be zero.

As in chapter 7, section 7.5, the aim is to identify a set of zones to be protected,
with a cost less than or equal to a certain value, B, so as to maximize the expected
number of species that will survive in that set of zones. The difference with chapter 7,
section 7.5, is that now several scenarios are considered. The next two sections 9.6.1
and 9.6.2, consider two slightly different problems.

As before, Pp(R) refers to the survival probability in reserve R of species s;,in the
case of scenario sc,. As we saw in the introduction, PP(R) =1 —[[,c, (1 — p%a).
Recall that the reserve is defined by zones z; such that z; = 1. We deduce that the
expected number of species that will survive in the reserve in the case of scenario sc,,

is equal to >, ¢ {1 — s (1 - p‘,il“z)} Note that one could give different impor-
tance to each species and thus consider the expected weighted number of species
that will survive in the reserve, i.e., the quantity ), ¢ w; [1 — I, (1— pf,;ml)}

where wy, is the weight assigned to species s;.

9.6.1 Reserve Respecting a Budgetary Constraint
and Mazximizing the Fxpected Number of
Species, of a Given Set, that will Survive
in it in the Worst-Case Scenario

In this section, we focus on determining an optimal robust reserve, that is, a reserve
that respects a certain budget and maximizes the expected weighted number of
species that will survive in this reserve in the worst-case scenario. For a given reserve,
the worst-case scenario here is the one for which the expected weighted number of
species that will survive in this reserve is the lowest. The problem can, therefore, be
formulated as the mixed-integer mathematical program Pg 7 in which the Boolean
variable z; takes the value 1 if and only if zone z; is selected to be part of the reserve.



TAB. 9.6 — Problem III: Optimal reserves for each scenario, for three

values of the available budget and for two threshold values.

c61

B p Scenario Optimal reserve Species with a survival probability greater
than the threshold value
10 0.8 8Cy 218 %22 %55 So 83 87 S9 S10
SC2 212 23 5 X7 275 53 84 57 S9
0.9 SCy 215 218 %22 %23 82 89 S10
SC2 218 %22 223 %55 87 89
20 0.8 SCy 214 218 %22 Z56 A57 26T AT5 82 83 84 87 S8 S9 S10
SC2 212 214 %23 Z55 257 275 284 S2 83 54 85 S7 Sy
0.9 SCy 215 218 %22 Z55 %62 67 275 82 83 84 89 S10
SC2 218 %22 223 255 267 275 284 S2 84 57 S9
20 0.8 SCy 216 218 222 256 57 267 475 283 287 S1 82 83 84 85 57 83 S9 S10
SC2 211 212 214 215 223 255 257 275 284 S2 83 84 85 S6 57 S9 S10
0.9 SCy 212 214 215 218 222 255 256 462 67 82 83 84 57 88 S9 S10
SC2 222 223 226 255 261 267 X715 284 288 S2 83 54 86 S7 Sy
TAB. 9.7 — Problem III: Characteristics of the optimal robust reserve for three values of the available budget and for two threshold values.
B p Optimal robust reserve Cost of Protected Relative regret Protected Relative regret Maximal
the species (scenario scy) species (scenario scy) relative
reserve (scenario sc;) (scenario sca) regret
10 0.8 218 23 267 215 10 S 83 84 S10 0.2 S4 87 S9 0.25 0.25
0.9 292 %62 267 275 9 84 S 1/3 54 S9 0 1/3
20 08 212 218 222 223 255 257 %61 46T Z75 20 Sy 83 84 87 S9 S10 1/7 So 83 84 7 So 1/6 1/6
0.9 218 22 23 #55 Z57 X467 F75 Z84 20 82 83 84 S9 0.2 82 84 87 S9 0 0.2
30 0.8 219 218 %02 %23 255 257 261 267 415 216 2”7 30 So 83 84 S5 S7 S8 So 1/9 S 83 S4 S5 S7 S S 0.125 0.125
S10
0.9 218 %22 %23 226 #34 26T 275 284 28 52 83 84 87 89 S10 1/7 52 83 84 57 89 1/6 1/6
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max o
Z C;T; < B (971)
icz
Pg7:
s.t. o< Z Wi (1 — H (1 - p‘j,éa:,)) o € Sc (972)
kesS i€z
z € 0,1} icZ (9.7.3)

According to constraints 9.7.2, and since the objective consists in maximizing
variable a, this variable takes, at the optimum of Pg 7, the smallest of the values
D ohes Wk (1 —I[Lics (1 — pj}f@)) for w € Sc, each of these values being equal to the

expected weighted number of species that will survive in the selected reserve —
formed by zones z; for which variable z; is equal to 1 — in the case of scenario sc,,.
Using variable uf, k€ S,w € Sc, to designate the quantity 1 —[],., (1 — p'lf,’{xi),
program Pg; can be rewritten as program Pg .

max o
i€z
o< > wppy o € Sc (9.8.2)
Pyg kes
St — = HZ (1-p%z) keS weSc (9.8.3)
€4
z; € {0,1} 1€ Z (9.8.4)
0<uy <1 ke S, weSc (9.8.5)

Note that, in any feasible solution of Py g, the value of variable puf represents the
probability P”(R) where zone z; belongs to R if and only if z; = 1. Taking the
logarithm of the two members of constraints 9.8.3, we obtain the equivalent program
Pgg. Recall that it is assumed here that the probabilities p}, are all different from 1.

max o

i€z

< > wpuf o € Sc (9.9.2)
Py : kes

s.t.|log(l —pup) = > zlog(l—p%) keS,weSc (9.9.3)
=
€ {0,1} icZ (9.9.4)
0<up <1 ke S,weSc (9.9.5)

The economic function is linear. Constraints 9.9.1 and 9.9.2 are also linear. On
the other hand, the left-hand sides of constraints 9.9.3, log(1 — u¢), are not linear.
We propose below a method, similar to that proposed in section 7.5 of chapter 7, for
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determining an approximate solution of Py g with a guarantee on the gap between
the value of this solution and the value of the optimal solution. Note that if con-
straints 9.8.5 and 9.9.5 specify, suitably for mathematical programming, that vari-
ables uf are less than or equal to 1, these variables will in fact take a value strictly
less than 1 in any feasible solution of the corresponding program. The same applies
to programs Py 19, Pg11(®), and Py ;5.

Let us first consider a relaxation of Pg g (see chapter 7, section 7.5). The values of
variables z; of this relaxation provide a feasible solution of the problem, i.e., a set of
zones to be protected, and the optimal value of this relaxation corresponds to an
upper bound of the optimal value of the problem, i.e., the best expected weighted
number of species that will survive in the worst-case scenario. The relaxation we
consider can be interpreted as an upper approximation of the concave function
log(1 — puf) by a concave and piecewise linear function (see Appendix at the end of
the book). The relaxation of Pg g is obtained by relaxing constraints 9.9.3. A relax-
ation of this inequality is obtained by replacing it by the set of linear inequalities
Yoieg tilog(l —pf) < (1 —puf)/up+ logu, — Lv=1,.., V, where u,up,...,uy are
constants such that 0 <wu; <wus < --- <wuy = 1. This set of constraints is indeed a
relaxation of constraints 9.9.3 since it expresses that the quantity
> ez wilog(l — p4) is less than or equal to the lower envelope of the V'straight lines
tangent to the curve log(1l — uf?) at the points of abscissa w1, ug,..., uy. This relax-
ation of Pg g is given by Pg 19. As already noted in section 7.5 of chapter 7, to obtain
a good relaxation of Py g, V must be large enough. However, the larger V'is, the more
constraints have to be taken into account.

max o
ez
o< 3wy o € Sc (9.10.2)
kes
P : (0]
N | S alost - )
< (1 - //t(/;))/uv +logu,—1 keS,weScv=1,.,V (9103)
z € {0,1} ic” (9.10.4)
0<uy <1 ke S ,weSc (9.10.5)

9.6.2 Reserve Respecting a Budgetary Constraint
and Minimizing the Maximal Relative Regret,
over All Scenarios, About the Expected Number
of Species, of a Given Set, that will Survive in it
As already noted in section 8.4 of chapter 8, seeking to protect a set of zones in such

a way that the value of that protection is as high as possible in the worst-case
scenario can have a significant disadvantage: if one of the scenarios is very
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“pessimistic” then the set of zones selected will essentially take account of that single
scenario. To overcome this disadvantage, we are interested here in determining
another type of optimal robust reserve, one that respects a certain budget and that
minimizes the maximal relative regret, over all scenarios, about the expected
weighted number of species that will survive in this set of zones. First, the optimal
reserve — the one that provides the largest expected weighted number of species that
will survive in a reserve of cost less than or equal to B — must be determined for each
scenario. Let R*” be this reserve for scenario sc,, and E(R*”) be the corresponding
mathematical expectation value. For scenario sc,,, this problem can be solved —in an
approximated way — by program Pg ().

max Y, wypy
kes
Z CiLEL'SB (9.11(0.1)
i€Z
> wilog(l — pf) < (1 — )/ ue
P9<11(60) : €

st.| +logu,—1 ke S,v=1,..,V (9.11,.2)
z € {0,1} 1€Z (9.11,.3)
0<uy <1 kelS (9.11,.4)

The problem of determining an optimal robust reserve can then be solved — in an
approximate way — by program Py 1.

min o

i€Z
o> (E(R*) — > wu?)/E(R*) w € Sc (9.12.2)

kes
Pg12: > zilog(l—ph) < (1 — )/ uy

s.t.| €2
+ logu, — 1 keS,weSc,v=1,.,V (9.12.3)
z € {0,1} i€z (9.12.4)
0<up <1 ke S weSc (9.12.5)

Example 9.1. Let us take again the instance described in figure 9.1 and assign a
weight equal to 1 to each species. Table 9.8 presents the optimal solution of program
Pg11(w) and its characteristics, in the case of scenario sci, for 3 values of the
available budget, 10, 20, and 30. Table 9.9 presents the optimal solution of the same
program, in the case of scenario scy, for the same values of the available budget.
Table 9.10 presents the optimal robust solution, i.e., the one that minimizes the



TAB. 9.8 — Description of the optimal solutions of Py 1;(1) (scenario sc;) for three values of the available budget, B.

B Selected reserve (R*') Cost of the Expected weighted Upper bound
reserve number of protected (opt. val. of Py 11(1))
species (E(R*"))
10 214 218 %22 %7 10 4.80 4.80
20 214 215 216 218 222 %55 25T %67 20 7.38 7.38
30 214 215 216 218 222 255 256 A7 462 46T 30 8.18 8.18

TAB. 9.9 — Description of the optimal solutions of Py 11(2) (scenario scs) for three values of the available budget, B.

B Selected reserve (R*?) Cost of the Expected weighted Upper bound
reserve number of protected (opt. val. of Py 11(2))
species (E(R*?))
10 3 255 257 2R84 10 4.50 4.50
20 214 215 %22 %23 %5 25T 475 284 20 6.29 6.29
30 214 215 218 %2 %23 %5 %57 P15 483 X84 30 7.55 7.55

TAB. 9.10 — Description of the optimal solutions of Pg 15 (determination of robust reserves) for three values of the available budget, B.

B Optimal robust reserve Cost of Expected weighted Expected weighted Maximal Optimal
the number of protected number of protected regret value of
reserve species in the case of species in the case of Pg.12
scenario sc; scenario sco
10 215 %00 203 255 257 267 10 4.60 4.22 0.06 0.06
20 214 215 216 218 %22 %23 267 475 20 7.16 6.05 0.04 0.04
30 214 215 216 218 202 23 255 257 267 275 284 29 8.06 7.32 0.03 0.03

961
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maximal relative regret, over all scenarios, regarding the expected weighted number
of species that will survive. This optimal robust solution is determined by solving
program Pg 5 in which the quantities E(R*”), o = 1,2, are set to the values pre-
sented in tables 9.8 and 9.9.
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Chapter 10

Phylogenetic Diversity

10.1 Introduction

The rate of biodiversity loss is increasing. If it is not slowed down, this phenomenon
will have disastrous consequences in many sectors. Numerous projects are currently
being developed to try to remedy this situation. In order to carry out these projects,
precise measurements of biodiversity are necessary, especially to be able to focus on
the most effective strategies, since the resources are of course limited. The simple
measures that are commonly used are the species richness and species abundance of
a zone. The former refers to the number of species and the latter to the number of
individuals of each species. These criteria have been used extensively in the previous
chapters, but many authors consider that protected areas could considerably
increase their effectiveness by taking into account other criteria. An interesting
measure for assessing a set of species from a biodiversity perspective, and which is
increasingly used in the field of conservation, is “phylogenetic diversity” (PD). This
is based on the notion of a phylogenetic tree associated with the set of species under
consideration and reflects the evolutionary history of these species. Some experts
consider the rate of phylogenetic diversity loss to be even greater than the rate of
species diversity loss. There are different ways of defining phylogenetic diversity.
Here we adopt Faith’s definition (1992a): the phylogenetic diversity of a set of
species is equal to the sum of the lengths of the branches of the phylogenetic tree
associated with that set. This measure is a good reflection of the evolutionary
history of the set of species considered and has been much studied in the biological
conservation literature.

10.2 Phylogenetic Tree

A phylogenetic tree is a tree, in the sense of graph theory (see appendix at the end of
the book). It can be defined, for example, as a connected graph without cycles. It is
composed, on the one hand, of internal vertices and, on the other hand, of leaves that
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represent the species — there is a one-to-one correspondence between the leaves of the
tree and the species under consideration. Some trees have a root, others do not. Here
we are interested in trees with a root. In such trees, there is an implicit orientation of
the branches from the root to the leaves. These phylogenetic trees can, therefore, be
considered as arborescences, in the sense of graph theory (see appendix at the end of
the book), each branch of the tree being in fact an arc with an initial and a terminal
end. Thus, the course of a path, from the root to a leaf, follows the arcs of this path
from their initial end to their terminal end. Throughout this chapter, we will use the
terms phylogenetic “tree” and “branch” or “arc”. Each branch of the tree has a value
associated with it, called the branch length. This length reflects the accumulation of
evolutionary changes that have occurred from the initial end of the branch to its
terminal end or, more simply, the elapsed time. In the case where it reflects evolu-
tionary changes, these are related to particular characteristics, morphological or
molecular, chosen to construct the tree. In a phylogenetic tree, an internal vertex has
all the characteristics common to all its descendants. This internal vertex can be
considered as a common ancestor for all its descendants. In summary, the length of a
branch provides an overall indicator of the amount of evolution that has taken place
between its two ends. Throughout this chapter, a phylogenetic tree will be repre-
sented by the quadruplet (V, A, S, 1) where V is the set of vertices, A = {a,.. ., a, },
the set of arcs — also called branches —, S = {si,...,8,}, the set of leaves — the
species — and 1 = {44,..., 4, }, the set of branch lengths. We denote by A the set of
indices of the arcs and S the set of indices of the species. Thus, A = {1,...,r} and
S={1,...,m}.

A tree is said to be ultrametric if the lengths of all the paths connecting the root
to a leaf — a species — are identical. Recall that, by definition, the length of a path is
equal to the sum of the lengths of the arcs composing it. For example, a phylogenetic
tree in which the length of the branches represents the elapsed time is ultrametric.
Figure 10.1 gives two slightly different representations of an ultrametric phyloge-
netic tree. Figure 10.2 shows a non-ultrametric tree. In all the cases, the length of a
branch reflects the extent of evolutionary changes that have occurred between the
two ends of the branch.

10.3 Phylogenetic Diversity (PD)

The phylogenetic diversity (PD) of a set of species, S, is equal to the sum of the
lengths of the branches of the phylogenetic tree associated with that set. The phy-
logenetic diversity of a subset of species, SCS ,is equal to the sum of the lengths of the
branches of the smallest sub-tree — of the phylogenetic tree associated with S— which
links all the species of this subset as well as the root of the tree. In other words, the

phylogenetic diversity of S is equal to the sum of the lengths of the branches for
which there is at least one path from the terminal end of that branch to one of the

species of S. Figures 10.3 and 10.4 illustrate this notion of phylogenetic diversity.
Let S be a set of species, and S; and Sy two subsets of S. The phylogenetic

diversity criterion implies that the set 5] is more “interesting” than the set S — from

the biodiversity point of view — if the phylogenetic diversity of S; is greater than that
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(a)
root
3 2
8 2
3
5
5
3 6 6
S1 AY) S3 S4 S5 S6 7
(b) root
2
3
8 2
6 6
5 5
3 3
S1 S2 S3 S4 S5 S6 §7

Fic. 10.1 — Two slightly different representations of a hypothetical ultrametric phylogenetic
tree with 7 species and 10 branches. The length of each branch is indicated next to the
branches. In representation (b) the lengths of the segments representing the branches are
proportional to the lengths of the branches.
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root

4 5
51 3 2 S6

Y] S5 87
S3 S4

F1G. 10.2 — A hypothetical, non-ultrametric phylogenetic tree with 7 species and 10 branches.
The length of each branch is indicated next to the branches. In this figure, the lengths of the
segments representing the branches are proportional to the lengths of the branches.

root

S1 kY3 S3 S4 S5 S6 §7

F1G. 10.3 — A hypothetical phylogenetic tree — ultrametric — associated with 7 species, s,
89,..., S7; it has 10 branches. The length of each branch is indicated next to the branch. The
phylogenetic diversity of the complete set of species, {si,..., s7}, is equal to 43. The phylo-
genetic diversity of the subset of species {s3, 54, 7} is 21 and the 6 branches involved in its
calculation are shown in bold.

of S;. Indeed, in this case, the evolutionary history accumulated by the set of species
Si is greater than that accumulated by the set of species S5, and the biodiversity
associated with 5] is then considered to be greater than that associated with S,. In
other words, the disappearance of a species with a long evolutionary history — a
species linked to the tree root by a long path — and few living related species, would
cause more biodiversity loss than the disappearance of a recently appeared species
with living related species. Consider, for example, figure 10.3 and the 7 associated
living species. The loss of species s; is estimated to be more detrimental to
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root

4 5
S1 3 2 S6

S? S5 87
S3 S4

Fic. 10.4 — A hypothetical, non-ultrametric phylogenetic tree, associated with 7 species
81, 82,..., 87;1it has 10 branches. The length of each branch is indicated next to the branch. The
phylogenetic diversity of the complete set of species, {si,..., s7}, is equal to 36. The phylo-
genetic diversity of the subset of species {so, s4, S5} is equal to 18 and the 6 branches involved
in its calculation are shown in bold.

biodiversity than the loss of species s;. Indeed, the disappearance of s; results in the
loss of 8 evolutionary time units while the disappearance of s, results in the loss of
only 3 — assuming that s; survives.

Note that the problem of determining, knowing the phylogenetic tree associated
with a set of species S = {s1, $,..., S}, & subset of species, S CS, of given cardinal
and maximal PD can be easily solved by a greedy algorithm. This algorithm starts
with an empty set, S then consists in enriching S by progressively adding the
species, one after the other. At each step of this algorithm, species s that maximizes

the PD of the set of species SU {s} is added to the already obtained set S until the

set § contains the desired number of species. Let us apply this algorithm to the set of
species in figure 10.3 to determine a subset of 4 species of maximal PD. This yields,
for example, the 4 species s;, s, S5, and s7, and the PD of this set is 30. Figure 10.5
shows the phylogenetic tree associated with 13 species of otters (Lutrinae), i, s,

.., 813, constructed from the data in (Bininda-Edmonds et al., 1999). This tree has
21 branches or arcs, a;, as,..., as1, and 8 internal nodes, 4, %,..., ig. The lengths of
the branches are given next to them, in millions of years. Which are the 5 species of
otters — among the 13 considered — of maximal PD? The greedy algorithm provides
the set {s1, %, S5, 83, S10} of PD 46.6.

10.4 Expected Phylogenetic Diversity (ePD)

10.4.1 Definition

Let us consider a phylogenetic tree associated with a set of species S = {s,
S9,.--5 Sm} and, to each species s of this set, let us associate a survival probability
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Fi1c. 10.5 — An ultrametric phylogenetic tree associated with 13 species of otters s;, ss,..., i3;

it has 21 branches. The length of each branch is indicated next to the branch. The length of
the segments representing the branches is proportional to the length of the branches, i.e., the
elapsed time. The PD of the set of species sy, $o, 85, Sg, and syq is equal to 46.6. It is a set of 5
species of maximal PD.

denoted by p;. It is assumed here that all these probabilities are independent of each
other. Note that these probabilities are often difficult to estimate. The expected
phylogenetic diversity (ePD) of this set of species is, by definition, the sum, on all the
branches of the associated phylogenetic tree, of the probabilities that the informa-
tion represented by this branch is retained, multiplied by the length of the branch.
Species s;, is said to be located under branch g, if and only if there is a path from the
terminal end of g, to species s;, and the set of species under branch a; is denoted by
F. The probability that the information represented by branch g, is retained, until a
certain date, is equal to the probability that at least one of the species of F; will
survive until that date. Indeed, all the species of F retain the evolutionary history
represented by branch a;, The probability that the information represented by
branch a; is lost is, therefore, equal to [],. 5, (1 — px) and the probability that the

information represented by branch a; is retained is, therefore, equal to 1—

[Lc F, (1 — pg) where F'; denotes the set of indices of the species located under the
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arc a; Finally, the expected phylogenetic diversity of a set of species is equal to
D oieati(l = erF’ (1 — pg)) where A is the set of branches of the phylogenetic tree

associated with these species and A is the set of corresponding indices. Regarding
the probabilities of retaining the information associated with the tree branches,
taking into account the survival of the species, we will use, for each branch a;, the
following 3 notations in everything that follows:

0;: probability that the information associated with branch g, is not retained;

6;: logarithm of the probability that the information associated with branch q; is
not retained (6; = loga;);

6;: an approximation of the probability that the information associated with
branch g, is not retained, i.e., of a;.

In order to measure the trend of phylogenetic diversity of a set of species to
dispersal around its mathematical expectation, one can look at the variance of
phylogenetic diversity of this set. Let us denote by f(I) the set of indices of branches
below branch a; Branch a; is said to be located below branch g, if and only if there is
a path from the terminal end of g; to the initial end of a;. The variance of phylo-
genetic diversity of the set of species associated with the tree whose set of branches is
A can be written as:

d da(l—o)+ > 2kk(1—or)a

leA (LI eA?: rep(l)

This expression is established without difficulty using the following classical
property concerning the variance of a sum of random variables: if X is a random

variable equal to the sum of n random variables X;, Xs,..., X,,, the variance of X is
equal to 37, Var(X,)+23"} imiv1 [Esp(XiX;) — Esp(X;)Esp(X;)] where Var

(@) designates the variance of the random variable a and Esp(a), its mathematical
expectation. Note that if X; and X, are independent, then Esp(X;X;)=
Esp(X;)Esp(X;). In the case of the random variable representing phylogenetic
diversity, the random variables associated with branches a; and a; are independent if
and only if I & B(I') and I & (). An example of a detailed calculation of the vari-
ance of phylogenetic diversity of a set of species is presented in section 10.6.4.

10.4.2 FEzxample

Let us take again the phylogenetic tree of figure 10.1b and suppose that the 7 species
concerned are more or less threatened. Let us associate a survival probability with
each of these species (figure 10.6).

To quantify, in this example, the survival probabilities of species, we inspired
ourselves from the definition of the 5 categories of threatened species defined by the
International Union for the Conservation of Nature (IUCN): Critically Endangered
(CR), Endangered (EN), Vulnerable (VU), Near Threatened (NT), Least Concern
(LC). Table 10.1 gives, for each category, an interval within which we consider the
survival probability may lie. The survival probabilities finally retained for the 7
species are shown in figure 10.6.
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root
ay ay as
8 3 2
dg Ay ao
2 6 6
ay as as ag
5 5 3 3
S1 Y S3 S4 S5 S6 S7
0.6 0.3 0.4 0.85 0.1 0.97 0.92
(EN) (CR) (CR) VU) (CR) (LC) (NT)

Fic. 10.6 — A hypothetical phylogenetic tree (ultrametric) associated with 7 species
S1,82,---, S7; it has 10 branches, ay,..., a;g. The length of each branch is indicated next to the
branch. For each species, the hypothetical IUCN category to which it belongs (see table 10.1)
as well as its survival probability is indicated below each species. The ePD associated with the
7 species sp,..., 7 is equal to 29.0451 (see table 10.2 for details of the calculation). The
associated variance is equal to 37.6194.

TaB. 10.1 — Hypothetical possible values of survival
probabilities for each of the 5 categories of threatened
species defined by ITUCN.

Category Interval of survival
probabilities

CR (Critically [0, 0.50]

Endangered)

EN (Endangered) [0.50, 0.80]

VU (Vulnerable) [0.80, 0.90]

NT (Near Threatened) [0.90, 0.95]

LC (Least Concern) [0.95, 1]

Many problems arise regarding the selection of protected zones for the protection
of species when the criterion of phylogenetic diversity or the criterion of expected
phylogenetic diversity is used. Some of these problems are discussed later in the
chapter (sections 10.7-10.10). A basic problem concerning the selection of species to
be protected in order to maximise the resulting ePD, without consideration of zones
to be protected, is presented first in section 10.5. We then present a generalization of
this problem in section 10.6.
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TAB. 10.2 — Detail of the calculation of the expected phylogenetic diversity of the set of
species {sy,..., 7} in figure 10.6.

Branch Probability of keeping the information Branch Branch contribution
represented by the branch length to the value of ePD

a 0.6 8 4.8

ap 1-(1-0.3)(1-0.4)(1-0.85) 3 2.8299

(1-0.1) = 0.9433

ag 1-(1-0.97)(1-0.92) = 0.9976 2 1.9952

ay 0.3 5 1.5

as 0.4 5 2.0

ag 1-(1-0.85)(1-0.1) = 0.865 2 1.73

ar 0.85 3 2.55

as 0.1 3 0.3

ag 0.97 6 5.82

ao 0.92 6 5.52

10.5 Noah’s Ark Problem

10.5.1 Definition

In this problem, we consider a set of species for which we know the survival prob-
abilities. The carrying out of certain conservation actions can increase these prob-
abilities but these actions have a cost. The problem is to allocate resources — thus
increasing the survival probability of certain species — as efficiently as possible.
Effectiveness is measured by the expected phylogenetic diversity of the set of species
under consideration that is obtained as a result of the conservation actions carried
out. Let us consider the phylogenetic tree associated with the set of species
S = {51, S2,..., $u} and let us denote by gbi the initial survival probability of species
s, k€ S ={1,...,m}. As mentioned, it is assumed that certain actions can influence
the survival probability of the species. For example, it is possible to increase the
survival probability of species s, from q{)i to a higher value, d)i, but this has a cost,
denoted by oy. The problem considered here — known as the “Noah’s Ark problem”
in the biological conservation literature — consists in choosing the species whose
survival probability will be increased in order to maximize the expected PD asso-
ciated with the set of species under consideration while respecting a budgetary
constraint. In some versions of this problem d)i =0 for all k€ S. As mentioned
above, survival probabilities are difficult to estimate in general. The same is even
more true for estimating these probabilities in view of the protection actions
undertaken.
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10.5.2 Mathematical Programming Formulation

Let ¢ be a Boolean variable which is equal to 1 if and only if we decide to increase
the survival probability of species s, which costs a;. The survival probability of

species s, is expressed, as a function of variables ¢, by tkd)%—l—(l — tk)qﬁi. The
extinction probability of species s; is therefore equal to 1 — tkd)z -(1- tk,)d),li. It is
deduced that the probability that the information associated with the arc g, is kept is
equal to 1 —J[ep (1 - trps — (1 — t)¢}), and finally that the expected PD —
expressed as a function of variables # - is equal to e, 4(1—[]je F,
(1 —ty¢7 — (1 — t;)¢;). The solution of Noah’s Ark problem can, therefore, be
obtained by solving the mathematical program in Boolean variables P ;.

max y_ 4 (1 - 11 (1 - tk-¢% - (1= tﬂqﬁ))

leA ker,
Pio: Sty < B (10.1.1)
s.t.| k€3

e {0,1} keSS (10.1.2)

Program P consists of maximizing a non-linear economic function subject to a
linear constraint. The economic function expresses the ePD of the set of species
considered, taking into account the conservation actions decided on. Constraint
10.1.1 expresses that the total cost of these actions must not exceed the available
budget, B. We give below the mixed-integer linear program P, which allows to
determine both an approximate solution of Noah’s Ark problem and an upper
bound of the optimal value of this problem. We comment briefly on program Pyg
but, for a more detailed explanation of the technique used to construct this program,
the reader may refer to section 7.5 of chapter 7 and also to sections 10.8.2 and
10.8.3 of this chapter which deals with a closely related problem. The method of
section 10.8.3 can indeed easily be extended to solving Noah’s Ark problem, i.e., to
solving P1g.1. The set of pending arcs of the phylogenetic tree under consideration,
i.e., the set of arcs whose terminal end represents a species, is designated by A,,. The
set of corresponding indices is designated by A,. For any pending arc a; of the tree,
ext () designates the index of the species associated with the terminal end of this arc.

max Y. A(l-a)+ X A [dite+¢p(l— 4)]
leA-A, IEA,, k=ext(l)
Z OtktkSB (10.2.1)
kesS
61< 2+ logu, — 1 leA—A, v=1..,V (10.22)

Pio: i
10 G=3 6 leA- A, (10.2.3)

s.t. Jj€EAs,
61=1log(1— ¢t + log(1 — p)(1—t) 1€ A, k=ext(l) (10.2.4)
€ {0,1} kes (10.2.5)
6120, 6:<0 leA-4, (10.2.6)
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The variable, real and negative or null, 6; represents the logarithm of the
probability that the information associated with the arc g, is lost and the variable,
real, positive or null and less than or equal to 1, ; represents an approximation of
this probability. The first part of the economic function expresses an approximate
value of the contribution of the non-pending arcs to the ePD and the second part
expresses the contribution of the pending arcs. Constraint 10.2.1 expresses the
budget constraint. Constraint 10.2.2 makes it possible to obtain, for each non
pending arc a; of the tree, the value of ¢; knowing the value of ;. The coefficients
Uy, Us,..., Uy are real numbers such that O<wu; <up <---<wuy = 1. As; designates
the set of arcs whose initial end coincides with the terminal end of the arc a; and As;
designates the set of corresponding indices. Constraints 10.2.3 express, for each non
pending arc a; of the tree, that the logarithm of the probability that the information
associated with this arc is lost (6;) is equal to the sum, over all the successor arcs of
ay, of the logarithms of the probabilities that the information associated with these
arcs is lost. Constraints 10.2.4 express, for any pending arc in the tree, the logarithm
of the probability that the information associated with that arc is lost. Constraints
10.2.5 and 10.2.6 specify the nature of the variables.

10.5.3 Remarks

10.5.8.1 Special Cases Where Noah’s Ark Problem can be Solved
by a Greedy Algorithm

Some special cases of the problem of selecting a subset of species to be protected,
5CS = {81, 82, .+, Sm}, of a given cardinal, in order to maximize the expected phy-
logenetic diversity of the species of S, can be easily solved by a greedy algorithm. Let
us consider two such cases. In both cases, the survival probability of unprotected
species is equal to (bi, k € S. In the first case, the survival probability of protected
species is equal to 1 and in the second case, this probability is equal to 1 — p(1 — qﬁi),
k € S, p being a multiplying coefficient independent of k and ranging between 0 and
1. In both cases, the algorithm starts with an empty set, S , then consists in enriching
S by progressively adding to it the species, one after the other. At each step of this
algorithm, species s that maximizes the ePD of the set of species S U {s} is added to
the already obtained set S until the set S contains the desired number of species.

10.5.8.2  Influence of the Initial Survival Probability Values

Consider the general problem of choosing, from a set of threatened species, S, a
subset of species, S , of a given cardinal, whose protection maximizes the resulting
ePD of S. Here we consider that the survival of the protected species is assured,
whereas this is not the case for the unprotected species. Thus, the survival proba-
bility of all protected species is equal to 1 and that of unprotected species is known
and equal to py, for species s;. As we have seen in section 10.5.3.1, the problem is easy

to solve by a greedy algorithm. This algorithm starts with an empty set, S , and then
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consists in enriching S by progressively adding species to it, one after the other. At
each step of this algorithm, species s that maximizes the PD of the set of species

SuU {s} is added to the already obtained set S until the set § contains the desired
number of species. The difficulty with this problem is that the extinction proba-
bilities of the different species are difficult to quantify. We found that the choice of
the precise value assigned to the extinction probability of each species is not as
important as one might think — for the problem under consideration. However, this
choice should follow the natural rule: if species s;, is more threatened than species s;
then the extinction probability of species s, should be larger than the extinction
probability of species s;. For example, the species concerned can be considered to be
divided into categories corresponding to more or less threatened species as is done in
the TUCN Red List (Critically Endangered, Endangered, Vulnerable, Near
Threatened, Least Concern). We found in our experiments that the values of these
probabilities have a significant influence on the set of species that are selected for
protection but little influence on the resulting ePD. Specifically, if S'* and S** are
the two optimal subsets of species selected for protection corresponding to two
different scenarios — two different sets of extinction probabilities — the ePDs of S*
and S** calculated with the probabilities of scenario sc; — or with the probabilities of
scenario sco — are not very different. We have randomly generated 10,000 different
instances of the problem in the following way:

— A phylogenetic tree, T, is generated. The number of non-leaf nodes of T is ran-
domly and uniformly generated between 50 and 1,000;

— The length of each branch of T is randomly and uniformly generated in a set of
possible values;

— Two sets of extinction probabilities (corresponding to two hypothetical scenar-
ios) are randomly and uniformly generated in a set of possible values for the
species associated with T}

— The maximum number of species that can be protected is equal to the greatest
integral number less than or equal to p multiplied by the number of species of T,
and p is randomly and uniformly generated from the set {0.1, 0.2, 0.3, 0.4, 0.5}.

For each of these instances, we calculated the optimal set of species to be pro-
tected in scenario sc,, S, w = 1,2, and then the two relative gaps gap' and gap?
defined below. For each subset S of S and for each scenario sc,, we denote by
ePD?(S, 5) the ePD of S generated by the protection of the species of S and cal-
culated with the probabilities of scenario sc,. We are first interested in the case
where a decision is made to protect the species of $'* and we calculate the resulting
ePD with the two sets of probabilities, i.e., ePD* (S, §'*) and ePD?(S, 5**). We then
consider the case where it is decided to protect the species from $* and calculate the
resulting ePD using both sets of probabilities, i.e., ePD'(S, §%*) and ePD?(S, §%*).
We then compute the two relative gaps gap® and gap®:
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gap' = [ePD' (S, §*) — ePD' (S, 5%*)]/ePD' (S, §')

gap® = [ePD*(§, §%*) — ePD?(S, §)] /ePD? (S, §2*).

The first of these gaps provides the relative error if scenario sc; occurs when the
choice of the species to be protected has been optimized based on scenario scs.
Conversely, the second relative gap provides the relative error if scenario sco occurs
when the choice of the species to be protected has been optimized based on scenario
sc;. We have thus calculated gap' and gap? for the 10,000 instances considered and
the largest gap obtained — among the 20,000 calculated — is equal to 2.6%. Let S'*
and S?* be the two optimal subsets associated with the instance corresponding to
the largest relative gap. The cardinal of the intersection of these two sets,
| St*n g% |7 divided by the cardinal of the union of these two sets, | S*u S*2|, is
equal to 0.3. The two sets S'* and S?* corresponding to the largest relative gap are
thus very different since their intersection includes only 30% of the species concerned
by S or §2*.

10.6 The Generalized Noah’s Ark Problem

10.6.1 Definition

In this generalisation, I, different conservation policies can be envisaged for each
species s, k € S. The policy x, © € {1,...,II;}, applied to species s, consists in
allocating a certain quantity of monetary units, denoted by of, to the protection of
this species, which leads to a certain survival probability of this same species, noted
&7 The cost ock is equal to 0 and the probability d)i therefore corresponds to the case
where no action is carried out for the protection of species s;. Note that, in this
model, the amount invested in the protection of a species must belong to a finite and
predetermined set of values. It is not possible to invest any amount. The problem is
to determine the conservation strategy — the conservation policy to be applied to
each species — that maximises the expected phylogenetic diversity of the set of
species under consideration, while respecting a budgetary constraint.

10.6.2 Mathematical Programming Formulation

Using the Boolean variables ¢} that are equal to 1 if and only if the conservation
policy 7 is applied to species s;, the generalized Noah’s Ark problem can be for-
mulated as the mathematical program in Boolean variables P 5.
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I1;.
max Y m<1 “Ma-y w;:tz))
lcA keF, n=1
10,
Z Z uftr < B (10.3.1)
Pios: fesamt
s.t.| I
> =1 ke S (10.3.2)
n=1
iF € {0,1} keSS, n=1,.,1I; (10.3.3)

The economic function of Pg 3 represents the expected phylogenetic diversity,
taking into account the chosen conservation strategy. Constraint 10.3.1 expresses
the budgetary constraint. Constraint 10.3.2 expresses that one and only one con-
servation policy must be applied to each species. This program is difficult to resolve
because of the non-linearity of the economic function. In the following section, we
present a method for obtaining a solution to the problem that is close to the optimal
solution.

10.6.3 Resolution

We give below the mixed-integer linear program P4 which allows the determina-
tion of an approximate solution of the generalized Noah’s Ark problem as well as an
upper bound of the optimal value of this problem.

11,
max >, A(l-a)+ X A X Pt
n=1

leA-4, led,, k=ext(l)
I,
Yo > oftf<B (10.4.1)
keSS m=1
11,
ir=1 keS (10.4.2)
n=1
%+ logu, — 1> 6 leA—A, v=1..,V (104.3)
Pioa:
st.| 01= 2> 6 le A-A, (10.4.4)
JjeAs,
I,
6=y log(l —)tf 1€ A, k=-ext(l) (10.4.5)
n=1
tr € {0,1} ke S, n=1,.., I} (10.4.6)
;>0 le A-A, (10.4.7)
6,<0 leA-A, (10.4.8)

We quickly comment on this program which has many similarities with program
Pipe. As for Pyp,, for more detailed explanations, the reader can refer to
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sections 10.8.2 and 10.8.3 of this chapter which presents an effective method of
solving a closely related problem. Indeed, this method can easily be extended to the
solution of the generalized Noah’s Ark problem, i.e., to the solution of Py 3. Vari-
ables ¢; and 6; have the same meaning as in P1g». The first part of the economic
function expresses an approximation of the contribution of the non-pending arcs to
the ePD and the second part expresses the contribution of the pending arcs. Con-
straint 10.4.1 expresses the budget constraint. Constraints 10.4.2 express the fact
that for each species s, one, and only one, of the I}, possible protection policies must
be chosen. Constraints 10.4.3 and 10.4.4 are identical, respectively, to constraints
10.2.2 and 10.2.3 of P4 5. Constraints 10.4.5 express, for any pending arc in the tree,
the logarithm of the probability that the information associated with that arc will be
lost. Constraints 10.4.6, 10.4.7, and 10.4.8 specify the nature of the variables.

Note that in the generalized Noah’s Ark problem the survival probabilities as
well as the costs can be completely arbitrary. They can be very different from one
species to another and no assumptions are needed about the relationship between
the survival probability of a species and the amount of resources devoted to its
protection. Nor is there any assumption about the structure of the tree or the length
of its branches. The only limitation of the model is the ability to define, for each
species s, a set of conservation policies, the cost of each policy and the associated
survival probabilities. This model is therefore very general. Some authors have
considered a situation, a priori less realistic, in which the survival probability of
species s, is expressed as a function of any amount of resources, b, devoted to the
protection of this species, i.e., by a function f;(b).

10.6.4 Exzample

Figure 10.7 shows a hypothetical phylogenetic tree with a root, r, two internal
vertices, 41 and 4y, 6 branches, a1, as, a3, a4, a5, and ag, and 4 species, 1, S, s3, and
s4. The length of each branch and, for each species, the possible conservation policies
with their associated costs are shown in the figure. For example, 3 conservation
policies are possible for species s,. The first is to do nothing, costs 0 and corresponds
to a survival probability of 0.3. The second increases the survival probability from
0.3 to 0.6 and costs 3 units, and the third increases the survival probability to 0.9
and costs 6.2 units. Assume that the total budget available is equal to 16.5 units and
consider protection policies 1, 3, 2, and 3 for species $;, S, s3, and sy, respectively.
The total conservation cost in this case isequal to 0 + 6.2 + 2 + 8 = 16.2 units and
the expected PD is equal to

(10.5 x 0.5) + (4.2 x (1 —0.1 x 0.8 x 0.1)) + (6.3 x 0.9) + (4 x (1 — 0.8 x 0.1))
(7% 0.2)+ (5.1 x 0.9) = 24.7564.

The variance of the PD is 47.4975 (see section 10.4.1). The details of the cal-
culation of this variance are presented in table 10.3.
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Survival Survival Survival Survival

probabilities probabilities probabilities probabilities
0.5 0.8 03 0.6 0.9 0.1 02 04 0.7 03 0.7 0.9
Associated Associated Associated Associated
costs costs costs costs

0 4.5 0 3 6.2 0 2 45 74 0 46 8

F1G. 10.7 — A hypothetical phylogenetic tree associated with the 4 species s;, s, 83, and 4.
The branch lengths and the various possible conservation policies — survival probabilities and
associated costs — are shown in the figure. For example, 3 conservation policies are possible for
species So. They cost 0, 3 and 6.2 units and correspond to survival probabilities of 0.3, 0.6, and
0.9, respectively.

TAB. 10.3 — Calculation of the variance of the phylogenetic diversity of the set of species,
81, 82, 83, and s; in figure 10.7 when their survival probabilities are 0.5, 0.9, 0.2, and 0.9,
respectively.

Branch Probability of Branch 1?(1 —a))a; (L e A% 2020 (L —ay)oy
(ay) keeping the length U'e pl)

associated (A1)

information

(1—0)

al 0.5 105 97.5625 (2, 4) 0.2473
a2 0.992 42 0.1400 (2, 3) 0.3810
a3 0.9 6.3 3.5721 (2, 5) 0.0941
aA 0.92 4 1.1776 (2, 6) 0.3084
a5 0.2 7 7.8400 (4, 5) 0.8960
ab 0.9 5.1 2.3409 (4, 6) 2.9376

Total 42.6331 4.8644
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10.7 Reserve Maximizing the PD of the Species
of a Given Set Present in It

10.7.1 The Problem

We are interested here in a set of zones susceptible to protection, Z = {z, z,..., 2.},
and in a set of species living on these zones, S = {s1, $,..., $,}- The problem con-
sidered is to select a subset of zones to be protected — a reserve — under a budgetary
constraint, so as to maximize the phylogenetic diversity of the species present in
these zones. It is thus assumed that the protection of a zone allows for the protection
of a given set of species. This can be interpreted in the following way: the protection
of a zone ensures the conservation of the species living there and, on the contrary,
the species present in an unprotected zone will disappear from that zone. This
situation occurs when the unprotected zones are completely “lost” from a conser-
vation point of view, at least for some species, which may be the case, for example,
when these zones become urban or agricultural zones. The data for the problem are:

— A set of zones that can be protected.

— For each zone, the list of species that are protected as a result of the protection of
that zone.

— The cost of protecting each zone.

— The total budget available.

— The phylogenetic tree of the species concerned — vertices, arcs and arc lengths.

Note that it is possible that the protection of a subset of zones may lead to the
protection of all the species under consideration. This is because some zones may
host several species and some species may occur in several zones. If, given the
budget, it is possible to protect a subset of zones that allows for the protection of all
the species considered, this is the optimal solution to the problem. The PD associ-
ated with a zone can be defined as the PD of the set of species that live there.
Clearly, the PD associated with a set of zones is not the sum of the PD associated
with each zone in the set. In other words, if R is a subset of zones, the PD of R is
equal to the PD of the union of the sets of species living in each of the zones of R.

10.7.2 Mathematical Programming Formulation

Let z; be the Boolean variable which is equal to 1 if and only if zone z; is selected to
be protected and ;. be the Boolean variable which is equal to 1 if and only if species
i, is present on one of the protected zones. The first thing to do is to express the
phylogenetic diversity of the protected species, i.e., to express this phylogenetic
diversity as a function of variables y;. To do this, we introduce an additional Boolean
variable #; which is equal to 1 if and only if arc a; contributes to the calculation of the
global phylogenetic diversity. This is the case if and only if there is a path from the
terminal end of g; to at least one of the protected species, i.e., to at least one species
sy, for which variable y;, takes the value 1. We can therefore express t; as a function of
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variables yj as follows: t = min{ >, F, Yk 1} where F,; designates the set of indices
of the leaves — the species — of the tree that can be reached by a path starting from
the terminal end of a;. The problem posed can then be solved by the linear program
in Boolean variables Pyg 5.

max Z)vltl
lcA
S i< B (105.1) | = €{0,1} ieZ (10.5.4)
€7
P 5. N
105 4< Sy led (1052) | ye{0,1} keS (10.5.5)
s.t. kel
w< Yo keS (1053) | te{0,1} led (1056)
i€Z,

Z,, refers to the set of zones where species s;, lives and we assume, for example,
that the protection of at least one zone of Z;, ensures the survival of species s. Z
refers to the set of indices of zones of Z;. The economic function expresses the sum of
the lengths of the arcs whose information is retained taking into account the pro-
tected species and thus the phylogenetic diversity of these species. Constraint 10.5.1
expresses the budgetary constraint. According to constraint 10.5.2, the Boolean
variable #; can take the value 1 if and only if at least one of the leaves that can be
reached from the terminal end of arc a; corresponds to a protected species. In fact,
given the economic function to be maximized, this variable necessarily takes the
value 1 — at the optimum — if it can. It therefore reflects the fact that the information
associated with arc g; should be retained if and only if one of the protected species
can be reached from that arc. According to constraints 10.5.3 variable y;, can take
the value 1 if and only if one of the zones where species s, lives is protected. Con-
straints 10.5.4, 10.5.5, and 10.5.6 specify the Boolean nature of the variables.

10.7.3 Exzample

Consider a set of 20 hypothetical zones represented in figure 10.8 and assume that
the phylogenetic tree of the 15 species present in these zones is the one shown in
figure 10.9. Suppose also that a budget of 4 units is available. The optimal solution —
obtained by solving P 5 — is to select zones 2z, z, and 2y, which will protect species
$3, Sy S7, Sg, S9, and sp4. The cost of protection is equal to 4 and the phylogenetic
diversity obtained is equal to 46. It corresponds to the arcs ay, as, a4, ag, a7, ag,
(12, A13, 14, 415, G16, and ag; which are shown in bold in the figure. A non-optimal
solution would be, for example, to use the budget of 4 units to protect zones z,
28, 212, and z;5, which would allow the protection of species s3, Sg, Si0, S11, and $;3,
and in this case the phylogenetic diversity of the protected species would only be
equal to 36.
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F1G. 10.8 — The 20 zones 2z, 2,..., 2o are candidates for protection and 15 species, s,
S2,--+, S15, living in these zones are concerned. For each zone, the species present are indicated.
The cost of protecting the white zones is equal to 1 unit, the cost of protecting the light grey
zones is equal to 2 units and the cost of protecting the dark grey zones is equal to 4 units. For
example, species sy and sy4 are present in zone zg, and the cost of protecting this zone is equal
to 1 unit.

10.8 Reserve Maximizing the ePD of the Considered
Species

10.8.1 The Problem

Here we are interested in the problem of choosing the zones to be protected — the
reserve R — from a set of candidate zones and under a budgetary constraint, so as to
maximize the expected phylogenetic diversity of the set of species under consider-
ation S = {s1, $,..., S} — living in protected or unprotected zones. The phyloge-
netic tree associated with the set of species in S and the set of candidate zones for
protection, Z = {2z, 2,..., 2,}, is considered. Each species is present in one or more
zones. The survival probability of species s, in zone z; is equal to py, if zone z; is not
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Fic. 10.9 — A hypothetical (ultrametric) phylogenetic tree associated with the 15 species
considered in figure 10.8. The lengths of branches a;, as,..., s are shown next to these
branches.

protected, and to ¢, if zone z; is protected. Note that these probabilities can take
any value. They are supposed to be independent. For example, the survival prob-
abilities of some species in protected or unprotected zones may be zero. It is also
possible that protecting a zone may decrease the survival probability of some species
living in that zone. As before, ¢; refers to the cost of protecting zone z;. The problem
consists in determining a reserve, R, i.e., a set of zones to be protected, so as to
maximize the expected phylogenetic diversity associated with the set of species
under consideration, while taking into account the budgetary constraint. The data
are therefore:

— A set, Z, of zones that can be protected.
— For each zone z; € Z:

e the list of species living in the zone — and in which we are interested;

e for each species s, living in that zone, its survival probability, p;, if the zone is
not protected and its survival probability, g, if the zone is protected;

e the protection cost, denoted by c;.

— The available budget, denoted by B.
— The phylogenetic tree of the species under consideration.

Taking into account the selected reserve, R, the extinction probability of species
s;, In the set of zones considered is equal to Hieg:z,,ng (1 — pa) X Hz’eg:z,,eR (1 — q)-
The expected phylogenetic diversity of the species concerned can therefore be
written as >, Ai(1 — erﬁl [liczagr (1= pir) X [Licznen (1 — gir)). Remember
that A; designates the length of branch a; and that F; designates the set of indices
associated with the species located under the arc a;.
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10.8.2 Mathematical Programming Formulation

As before, we use the Boolean variable x; which is equal to 1 if and only if zone z; is
protected. The extinction probability of species s, can be written, as a function of
variables z;, [[,c, (1 — pa(1 — 2) — gaxi). The expected phylogenetic diversity of
the species concerned can then be written, as a function of variables uz;,
dea il — ergl [Ticz (1 = pir(1 — z;) — girwi)). The problem can thus be formu-

lated as the mathematical program Pqgg4.

max ». A (1 - IT II (A= pa(l — ) - qu’z’))

leA kel i€Z

Pios : Y e <B (10.6.1)
s.t.| €2

5 e{0,1} ieZ (106.2)

The non-linearity of the economic function of program P, ¢ makes it difficult to
resolve. Let us look at another formulation of the problem. For this, let us associate
to each arc — or branch — g; of the tree a real variable, ¢;, which represents the
probability that the information associated with this arc is not conserved — taking
into account protected zones and therefore protected species. Let us denote by As;
the set of arcs directly following arc a,, i.e., the set of arcs whose initial end coincides
with the terminal end of arc a;. Let us denote by As, the set of corresponding indices.
We have the equality o; = Hje As, T Indeed, the information associated with arc a;is

not kept if and only if the information associated with each arc of As; is not kept. For
each pending arc, a; of the tree, we denote by ext(l) the index of the species cor-
responding to the terminal end of this arc. Using these variables o; and by expressing
the probability that the information associated with the arc a; is not retained as a
function of the probabilities that the information associated with the arcs of As;is
not retained, the problem can be formulated as program P 7.

max »_ 4(1—oy)
leA
Y.< B (10.7.1)
icz
o= 1] o le A—A (10.7.2)

Pio7: Jehs
st op=1](1—pa(l —x) —quz) €A, k=ext(l) (10.7.3)
ez

2 € {0,1} icZ (10.7.4)
0<o<1 leA (10.7.5)

Using the logarithmic function and adding the constraints 6; =loga;, [ € A,
which require variable 6; to be equal to the logarithm of variable g;, program Py ;
can be rewritten as program Pigg. In order to simplify the presentation, it is
assumed here that the survival probabilities p;, and g¢;;, are all different from 1.
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max Y. A4(1—a))
leA
6; = log oy le A (10.8.1)
Z Cﬂ,‘iSB (1082)
i€Z
Pios : 61= Y, 6 le A-A, (10.8.3)

s.t. jEAS,

61 =>_log[(1 —pu(l — ) — qazi)] 1€ A, k=ext(l) (10.8.4)
i€Z

z; € {0,1} 1€ 2 (10.8.5)
0<0;<1, 6,50 le A (10.8.6)

The second member of constraint 10.8.4, ZEZ log [(1 — pir(1 — ;) — quri)],

represents the logarithm of the global extinction probability of species s;, as a
function of the zones selected for protection, i.e., as a function of the values of
variables x; It is easy to verify, by examining the 2 possible values of z;, that
2iez 108 [(1 = pir(1 — @) — quwi)] = Xy [wilog(1 — gu) + (1 — z:) log(1 — p)]-
We can therefore finally formulate the problem as program Piqg9 in which the eco-
nomic function is linear and all the constraints, except constraints 10.9.1, are also
linear.

max Y, 4(1—a;)
IeA
;= logo; le A (10.9.1)
i€z
Piog 6= jGZAZ G le A-A, (10.9.3)
s.t. =
o1= ) [mlog(l — qu)+ (1 —z)log(l —pi)] (€A, k=ext(l) (10.94)
icz
€ {0,1} icZ (10.9.5)
0<0;<1, 6;<0 le A (10.9.6)

Note that if constraints 10.8.6 and 10.9.6 specify, suitably for mathematical
programming, that variables g; are greater than or equal to 0, these variables will in
fact take a value strictly greater than 0 in any feasible solution of the corresponding
programs. The same applies to Pqg 10-

10.8.3 Resolution

We now propose a relaxation of Py g, similar to the one used in section 10.5 of this
chapter and presented, in detail, in section 7.5 of chapter 7. In a feasible solution of
this relaxation, the values of variables z; define a feasible solution to the problem,
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Fic. 10.10 — An upper approximation of the function log ¢; — shown in dashed lines — over the
interval ]0,1] by a piecewise linear function f(g;) — shown in solid lines.

i.e., a feasible set of zones to be protected. The optimal value of this relaxation is an
upper bound of the optimal value of the problem, i.e., of the best expected phylo-
genetic diversity that could be obtained with a reserve of cost less than or equal to
B. The relaxation we consider can be interpreted as an upper approximation of the
concave function log g; by a concave and piecewise linear function (see appendix at
the end of the book). This relaxation is obtained by relaxing constraints 10.9.1. Note
first of all that, given the economic function to be maximized, we obtain a problem
equivalent to Pygg9 by replacing the equality constraints 10.9.1 by the inequality
constraints 6; < loga;, | € A. A relaxation of this inequality is obtained by replacing
it by the set of V linear inequalities ¢; < (g;/u,) + logu, — 1, v=1,..., V, where
Uy, Up,..., Uy are constants such that 0 <u; <up<---<uy = 1. To prove that it is
indeed a relaxation, it is enough to prove that logo; is less than or equal to
(61/uy) + logu, — 1 for all vin {1,..., V}. This is indeed the case since the latter
inequality derives directly from the fact that (1) 1/u, is the expression of the
derivative of log z at the point u, and (2) the function log z is concave. Constraints
10.10.1 expresses the fact that the quantity 6; is less than or equal to the lower
envelope of the V straight lines tangent to the curve log g; at the points of abscissa
ug, Ug,. .., uy (figure 10.10). The quantity ¢; is now an approximation of the prob-
ability that the information associated with branch a; is not retained. For better
readability, we will note it ;. The relaxation of P ¢ thus obtained is given by Py 1.
To obtain a thin relaxation of Py g, V must be sufficiently large. However, the larger
V is, the greater the number of constraints of Pyq 1.
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leA
1< 2+ logu, — 1 lecAv=1,..,V (10.10.1)
¢ir; < B (10.10.2)
i€Z
o1= 3. le A—Ap (10.10.3)
P1o.10 : J€As)
St 6 =3 [ailog(1 — i)

+(1 = ;) log(1 — pi)] € Ap, k=ext(l) (10.10.4)

7 €{0,1} icZ (10.10.5)

0<6,<1, 6,<0 le A (10.10.6)

Let (7,6,6) be an optimal solution of Py 19. An approximate solution to the
problem posed is given by T — which gives the zones to be protected. The associated

expected PD is equal to >, 4i(1— erEl [Ticz (1 = pi(1 = 7:) — qu7:)) or,
equivalently, to >, 2:(1 — exp(6;)) where “exp” denotes the exponential function.
An upper bound on the true optimal value of the problem is given by the optimal
value of Py 10, i.€., D ey 41(1 — G).

10.8.4 Example

The 20 candidate zones, their protection costs and the 15 species considered are
described in figure 10.8. The phylogenetic tree associated with these 15 species is the
one shown in figure 10.9. The survival probabilities of the species in the unprotected
zones are all considered to be zero — p;;, = 0 for all i € Z and for all k€ S. As
mentioned above, this may correspond to the case where unprotected zones are used
for activities such as urbanization or agriculture. To simplify the presentation of this
example it is assumed that for a given species, its survival probability is the same in
all the protected zones, i.e., the quantity g, depends only on k. These probabilities
are given in table 10.4. Note that in this small example, the most threatened species,
s1, So, and s, are highly “phylogenetically” related, as is often the case in reality. In
other words, as various authors have pointed out, the extinction risks are generally
not uniform within a phylogeny. The optimal solutions obtained, for different values
of the available budget, are presented in table 10.5. When the available budget is

TAB. 10.4 — Survival probabilities of species s;, $,..., 515 in protected zones — independent of
zones.

k 1 2 3 4 5 6 7 8 9 0 11 12 13 14 15
gr 02 03 01 04 04 05 08 06 07 08 07 09 06 07 0.5
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TaB. 10.5 — Optimal solutions for different values of the available budget.

Available budget (% of Optimal reserve ePD Upper
the total cost of bound to
protecting the 20 the optimal
candidate zones) solution
20 2 24 % 215 216 219 42.13 42.15

50 21 % 24 %6 2R %9 210 413 214 415 216 219 96.05 56.05

80 All zones except 23 27 217 59.91 59.91
100 All zones 60.46 60.46

TAB. 10.6 — The survival probability of each species in the optimal reserve — maximizing the
ePD — when the available budget is equal to 50% of the total cost of protection of the 20 zones
under consideration.

Species Zones of the Survival Species Zones of the Survival
reserve where probability reserve where probability
the survival in the the survival in the
probability reserve probability reserve

is >0 is >0

$1 2 0.20 So % 0.70

So 213 214 0.51 S10 215 0.80

S3 2 % 0.19 $11 215 0.70

Sy 29 216 0.64 S12 24 0.90

S5 214 219 0.64 S13 2 0.60

S 2 24 0.75 S14 2% % 0.91

S7 210 %16 0.96 S15 — 0

Sg 210 A9 0.84

equal to 50% of the total cost of protecting the 20 zones considered, the optimal
solution consists of protecting the 12 zones 21, 22, 24, 25, 28, 29, 2105 213, 2145 2155 2165
and z;9. The detailed calculation of the expected PD in this case is presented in
tables 10.6 and 10.7.

10.9 Reserve Maximizing the ePD of the Considered
Species, in the case of Uncertain Survival
Probabilities

10.9.1 The Problem

The extinction probabilities of species — in protected or non-protected zones — are
generally difficult to quantify. One way of taking into account this difficulty is to
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TAB. 10.7 — Contribution of each arc of the phylogenetic tree to the maximal ePD that can be
obtained when the available budget is equal to 50% of the total cost of protecting the 20 zones
under consideration.

Arc of the Arc Probability that the information Contribution of the
phylogenetic length associated with the arc is retained arc to the ePD
tree

a 3 0.885693 2.65708
ay 2 1 2

ag 5 0.608 3.04
ay 7 0.19 1.33
as 7 0.64 4.48
ag 3 0.9964 2.9892
ar 8 0.84 6.72
ag 3 0.999935 2.99981
ag 2 0.2 0.4
aro 2 0.51 1.02
ar 5 0.64 3.2
a2 5 0.75 3.75
a3 5 0.96 4.8
ary 2 0.9982 1.9964
ars 4 0.964 3.856
arg 3 0.7 2.1
a7 3 0.8 2.4
ars 3 0.7 2.1
arg 3 0.9 2.7
(0 1 0.6 0.6
agy 1 0.91 0.91
Qo2 1 0 0
Total 56.05

consider that several scenarios are possible (see appendix at the end of the book).
The set of these scenarios is denoted by Sc = {sci, scs,. . .,s¢p}, and Sc = {1, 2,..., p}
is the set of corresponding indices. It is assumed that the survival probabilities of the
species, in these different scenarios, are known. We denote by p{, the survival
probability of species s, in zone z; if zone z; is not protected and if scenario sc,,
occurs, and ¢ the same probability but in the case where zone z; is protected. To
simplify the presentation, all probabilities p}, and ¢} are assumed to be different
from 1. The problem is to determine a robust solution, i.e., a set of zones to be
protected so as to obtain a “good” ePD of the species concerned, whatever the
scenario (see appendix at the end of the book). The objective that we have retained
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here is based on the notion of regret and consists in minimizing, in the worst-case
scenario, the relative regret associated with this scenario. For a given scenario, the
relative regret represents the “shortfall” associated with the choice of the robust
solution; it is equal to the relative gap between the ePD of the retained reserve and
the ePD of the optimal reserve, both ePDs being calculated in the considered sce-
nario. In other words, the problem is to determine the zones to be protected, taking
into account the available resources, in such a way as to minimize the maximum,
over all scenarios, of the relative gap between (1) the ePD of the set of species
concerned, calculated with the probabilities of the considered scenario taking into
account the selected zones, and (2) the maximal ePD of the set of species concerned
that could be obtained — by protecting the adequate set of zones — in the considered
scenario. The set of zones selected for protection is the optimal robust solution or the
optimal robust reserve. Let us define the problem more formally. Let S be the set of
species considered and Z the set of candidate zones for protection. Let us denote by
ePD?(S, R) the ePD of the species of S obtained in scenario sc,, when the zones of
RCZ are protected. Let us denote by R“* the set of zones of Z whose protection
maximizes the ePD of the species of S, in the case of scenario sc,, and by R* the
optimal robust solution. The problem under consideration — the determination of R*
— can then be formulated as follows:
min max{(ePD”(S, R”*) — ePD”(S, R))/ePD*(S, R**)}.

RCZ  weSc

10.9.2 Mathematical Programming Formulation

Let us first consider the problem of determining the set of zones to be protected in
order to maximise the expected phylogenetic diversity of the species concerned, in
the case of scenario sc,,. As before, we use the Boolean variable z; which is equal to 1
if and only if zone z; is protected. In the case of scenario sc,,, the extinction prob-
ability of species s, can then be written — as a function of variables z; —
ILc z (I —p3(1 — ;) — ga;). The expected phylogenetic diversity of the species
concerned can therefore be written — again as a function of variables z; —
Dtea Ml — Hk€E1 [Ticz (1 = p3(1 — 2;) — ¢fj2;)). The problem of determining the
optimal set of zones to be protected, in the case of scenario sc,, can therefore be
formulated as the mathematical program Pygq1(w).

max . /11<1 - T IIa-p50—a) - qﬁx,))

leA keF, i€z

P ) :
10.11(@) S e < B (10.11,,.1)
i€z

5 ef{0,1} ieZ (10.11,.2)

s.t.
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Finally, following the same procedure as in sections 10.5 and 10.8, a good
approximate solution to the problem under consideration and an upper bound to its
optimal value can be obtained by solving program Pigis(w). In this program,
variable ¢f’ represents the probability that the information attached to the arc g;is
not retained in the case of scenario sc,, given the protected zones and therefore the
protected species in this scenario, variable ¢{’ represents an approximation of this
probability, and ¢{ is a variable equal to the logarithm of ¢}’

max Y (1 —a%)
IeA
67 < %+ logu, — 1 leAv=1,..,V (10.12,.1)
Z CiZ; S B (1012“)2)
i€z
&= 67 leA—A (10.12,,.3)
Pio12(w) : ! jchs, ! P
st 69 = 3 alog(1l — %)
ez
+ 2 (I —m)log(1—pf) 1€A, k=ext(l) (10.12,.4)
icZ
5 € {0,1} icZ (10.12,,.5)
0<a9 <1, 69<0 le A (10.12,,.6)

The searched approximate solution is given by the values of variables z; in an
optimal solution of P 12(w). The reserve obtained, which we note R?*, is made up
of zones z such as z; = 1. Its value, ePD?(S, R?*), is an approximation of
ePD”(S, R®*). Let us now consider the problem of selecting an optimal robust
reserve, R*. Recall that it can be written:

3 (0] wx\ (0] (6] (D%
Rgz%%g)SB rggéc {(ePD*(S, R“*) — ePD”(S, R))/ePD” (S, R**)}.

In fact, we will consider the problem.

. rggg{(ePD (S, ry") — ePD”(S, R))/ePD”(S, Ry")}.

A “good” approximation of the latter problem is formulated by the mathematical
program Pqg 3.
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min o
o> (eDP?(S, RY*) — y)/eDP?(S,RY*) w € Sc (10.13.1)
WO < S A1 —69) w € Sc (10.13.2)
lcA
67 < %+ logu, — 1 l€ 4,
v=1,..,V,weSc (10.13.3)
Z C;T; S B (10134)
i€Z
L SURER: ap = > 6y leA-A, weSc (10.135) .
s.t. jEAS,
of = 3 [w:log(1 — g¢it)
i€z
+ (1 - xi) 10g(1 - p?}i)} le Ap’
k=ext(l),oeSc  (10.13.6)
z; € {0,1} 1€ Z (10.13.7)
0<aP <1, 67<0 le A,w € Sc (10.13.8)
v?>0 o € Sc (10.13.9)

Variable /“ represents an approximation of the ePD of the species concerned by
the set of protected zones, {z € Z : x; = 1}, in the case of scenario sc,,. The robust
reserve is made up of those zones z; such as z; = 1. We note this reserve R.

10.9.3 FEzxample

The 20 zones considered, their protection costs and the 15 species present in these
zones are described in figure 10.8. The phylogenetic tree associated with the 15
species considered is the one shown in figure 10.9. The available budget is 8 units.
The survival probabilities of the species in the unprotected zones are all considered
to be zero under all scenarios — p$;, = 0 for all ¢ € Z, for all k € S and for all w € Sc.
Finally, we consider that for a given species, its survival probability is the same in all
the protected zones, i.e., the quantity ¢ depends only on k and w. In this example,
two scenarios are considered and the corresponding probabilities are given in
table 10.8.

Let us first determine reserve R?* by solving P 12(w) for each scenario sc,, and
the associated ePD. These results are presented in table 10.9. The detailed results of
table 10.9 are presented in table 10.10. The robust reserve R consists of zones z;, 2,
26, 216, and 219, and the survival probabilities of the different species in this reserve
are given in table 10.11 for each of the 2 scenarios. The ePD associated with the
robust reserve, R!, in each scenario, is deduced from table 10.11 and presented in
table 10.12. Finally, the maximal relative regret can be calculated (table 10.13). The
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TaAB. 10.8 — Extinction probabilities of species 1, $s,..., $15 according to the 2 scenarios. For
all the species, the extinction probabilities are the same in all zones.

k 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15
¢, 04 03 05 06 07 08 08 06 09 05 07 02 04 04 05
¢, 08 07 06 07 04 03 03 0.3 04 03 06 08 04 07 03

TaB. 10.9 — R¥* and its associated ePD for each scenario.

i * @ W
Scenario sc,, R ePD®(S, RY*)
5C1 {#, %, %, 215, 216, 219} 45.98
SC2 {21, 25, 215, 216, 219} 39.15

TAB. 10.10 — Details of the results presented in table 10.9.

Species Scenario scy: survival Scenario scy: survival
S, probability of species probability of species
s in R s, in R

81 0 0.8

So 0 0

83 0.5 0.6

S4 0.6 0.7

S5 0.7 0.4

S 0.8 0

S7 0.8 0.3

Sg 0.6 0.3

S 0.9 0.4

510 0.5 0.3

S11 0.7 0.6

S12 0 0

S13 04 0

S14 0.4 0.7

S15 0 0

maximal relative gap is equal to 1.01%. In other words, the relative error that can be
committed, if the robust reserve, R}, is chosen rather than the optimal reserve for a
given scenario, is less than or equal to 1.01% regardless of the scenario that occurs.

Note that, if we choose reserve R'* while it is scenario sc, that is realized, we
obtain an ePD equal to 36.10, whereas the ePD of R** is equal to 39.15 and the ePD
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TAB. 10.11 — Survival probabilities of species s, $,..., $5 in
the robust reserve, R?, for each of the 2 scenarios.

Species Scenario scy: survival Scenario sc,: survival
S, probability of species probability of species
s in the robust reserve s, in the robust reserve
i, i,
81 0.4 0.8
So 0 0
83 0.75 0.84
84 0.6 0.7
S5 0.7 0.4
S6 0.8 0.3
Sz 0.8 0.3
Ss 0.6 0.3
Sg 0.9 04
S10 0 0
S11 0 0
S12 0 0
S13 0 0
S14 0.4 0.7
S15 0 0

TAB. 10.12 — ePD associated with the
robust reserve, R, in each scenario.

Scenario sc,, ePD?(S, R")
sy 45.65
SCo 38.76

TAB. 10.13 — Maximal relative regret.

Scenario  ePD“(S,R:) ePD®(S,R¥*) ePD”(S, R?*) —ePD”(S, RY)

SC ePD”(S, R*)
sCy 45.65 45.98 0.71%
SCo 38.76 39.15 1.01%

of the robust reserve R} is equal to 38.76. Conversely, if we choose reserve R** while
it is scenario sc; that is realized, we obtain an ePD equal to 43.50, whereas the ePD
of R}L* is equal to 45.98 and the ePD of the robust reserve, R?, is equal to 45.65.
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10.10 Reserve Maximizing the PD of the Species
that are Present or the ePD of the Species Under
Consideration, in the Presence of Uncertainties
in the Phylogenetic Tree

10.10.1 The Problem

It is recognized that there is generally a lot of uncertainty in the definition of the
phylogenetic tree associated with a set of species. These uncertainties may concern
the topology of the tree as well as the lengths of its branches. We assume here that
the uncertainties are captured by the fact that several trees are plausible for the set
of species considered. An important question that arises then is to try to take into
account these uncertainties about the tree in the definition of a reserve to preserve
biodiversity when biodiversity is measured by phylogenetic diversity or by expected
phylogenetic diversity. In the latter case, to simplify the presentation, we assume
that there is no uncertainty about the survival probabilities of the species under
consideration. We first present different measures of PD that can be used in the
presence of uncertainties when these uncertainties are captured by the fact that
several phylogenetic trees are plausible. We then show how these measures can be
used to select zones, with the aim of maximizing the phylogenetic diversity associ-
ated with these zones, and then extend these results to the expected phylogenetic
diversity.

10.10.2 D:ifferent Measures of PD in the Presence
of Uncertainties in the Phylogenetic Tree

We consider a set of species, S = {s1, $2,...,8n}, and a set of ¢ plausible phyloge-
netic trees, T = {Ty, Tb,..., Ty}, for these species. Let us denote by S, the set of
indices {1,..., m} and T, the set of indices {1,2,..., ¢}. Each tree T, of T is repre-
sented by the quadruplet (V7 A%, S, 1%) where V7 is the set of vertices, A", the set of
arcs, S, the set of leaves — the set of species — and A", the set of branch lengths. For

any subset S of S, PDT(S’) designates the PD of S in the tree T.. We are then
confronted with the problem of evaluating the PD of a group of species taking into
account the uncertainties on the phylogenetic tree associated with these species. We
propose below several ways to evaluate this PD.

10.10.2.1 Average and Weighted Average Phylogenetic Diversity
(aPD and waPD)

One way to take into account the multiplicity of trees associated with a set of
species, S, to assess the PD of a group of species SCS is to consider the average PD
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of S across all the trees. This is a very conventional measure. We record it as

aPD(S). It is expressed as follows:

aPD(8) = %ZPDT(S).

el

Alternatively, the weighted average of the PDs of S across all the trees can be
considered, if one wants to give more or less importance to individual trees. We

denote this measure by waPD(5). It is expressed as follows:

Seer wPD(8)
ZIEI Wy ’

where w, is the weight associated with the tree T;. If w, =1 for all 7 then

waPD(8) =

aPD(S) = waPD(S). The advantage of these two measures lies in their simplicity,
but they have many disadvantages. The measure aPD is in fact the expected PD
that would be obtained by assigning the same probability to each tree. Similarly,
waPD is the mathematical expectation corresponding to the probability
wy/ ZfeT w, assigned to the tree T, 7 € T. An important and well-known disad-

vantage of these measures is that they are strongly influenced by the extreme values.
Moreover, they allow for compensation between the low and high values. Thus, a
group of species with a relatively high aPD can have a very low PD on some trees.
It should be noted that if the uncertainty about the phylogenetic tree was only about
its branch lengths, one could be interested, for any set of species S included in S, in
the expected PD of S , provided that a probability could be associated with each
possible length of the different branches.

10.10.2.2  Robust Phylogenetic Diversity (rPD)

In the presence of uncertainty about the phylogenetic tree associated with a group of
species, a robust solution may be of interest (see appendix at the end of the book).
A robust solution can be defined as any solution that protects the decision-maker
from uncertainty in some way. Several such measures have been proposed in the
literature. In this section, we focus on a classical measure that we denote by rPD(S’)
for any subset S of S. This is a very conservative measure that, for all SCS, ensures
that the PD of S, in all the trees considered, is at least equal to rPD(S’), This
measure therefore only takes into account the “worst case scenario”. In practice, it
consists of calculating the PD of S for each tree and then taking the lowest of the
values obtained. It is expressed as follows:

rPD(S) = min PD,(3).
el

We will see later that looking for a set of species SCS that maximizes rPD(S),
under certain constraints, amounts to looking for a set of species SCS that perform
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relatively well, from a PD point of view, regardless of which tree actually represents

the phylogeny associated with S. It is in this sense that a robust solution protects
against uncertainties. This measure, which is interesting regardless of the proba-
bilities associated with each tree — if it is possible to assign such probabilities — may
be useful when all the trees are equiprobable. Another measure may also be con-
sidered. It consists in establishing a compromise between the pessimistic measure

rPD(S), which we have just seen, and an optimistic measure that would only take

into account the highest PD value of S over all trees — Hurwicz’s criterion. This
measure is therefore a weighted average of the extreme values. For a coefficient of
pessimism a € [0,1], it is written as:

ocrrrélilPDf(S) +(1—-0a) rgleaIxPDf(S).

10.10.2.83  Ordered Weighted Average of Phylogenetic Diversity (owaPD)

We saw in the previous section a measure associated with a set of species, S ,
included in S that took into account the worst situation — associated with the

phylogenetic tree providing the lowest value of PD,(S) — and also another measure
that took into account both the worst and the best situation. We now propose to use
an even different measure that somehow takes into account all the situations.
The notion of ordered weighted average (owa) was introduced by Yager in 1998 as a
tool for aggregating a certain amount of information. In the case at hand, this

operator provides a measure of S that first takes into account the lowest value of

PD.(S) then the value immediately following, and so on until the best value is itself

taken into account. We denote by owaPD(S) this measure. Let w, uy,...w, be a
decreasing list of weights, belonging to the interval [0,1] and whose sum is 1. The

calculation of owaPD(S) is done as follows: multiply each weight wj, by the kth

smallest value of the set {PD,(S), 7 € T}, and sum all the values so obtained. This
can be expressed as follows:

owaPD(5) = Z kaDn(k.)(S’)
kel

where #5(k) is the index of the tree corresponding to the kth smallest value of the set
{PD.(5) : T € T}. The value of owaPD(S) lies between the minimal and maximal

value of PD,(S). Compared to the measure rPD, the measure owaPD is less “con-
servative” since this measure allows a compromise between several scenarios. Note,
however, that owaPD includes rPD as a special case — wy =1 and w, = wy =

- = w, = 0. One of the difficulties in using owaPD is the definition of the weights
Wi, We, . . .W,y. The meaning of these weights is indeed very different from the meaning
of the weights that are used in waPD. The latter measure makes an assumption
about the importance of each tree — there is no “impartiality”. Instead, the weight
used in owaPD reflects the importance given to the lowest value, the one
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immediately after it, and so on, but neither these values nor the tree from which they
come are known. The reader can refer to the bibliography of this chapter for a
presentation of the owa operators, their interest and their use in different
applications.

10.10.2.4 Highest Value of Guaranteed Phylogenetic Diversity for 8 Trees (hsPD)

This measure applied to a set of species SCS is denoted by h(sPD(S’). If h(sPD(g)

takes value v, it means that, for at least J trees of T, the quantity PD,(.9) is greater
than or equal to this value v. Since we are interested in the highest possible value,
v is therefore equal to the kth lowest value of the set {PD.(5):t e T} with
k= (¢ —5+1). An alternative interpretation is that this value does not take into

N

account the (¢ — J) smallest values. The quantity hsPD(S) can be expressed as
follows:
hsPD(8) = min PD,(5)

tel;

where I is the set of indices of T corresponding to the ¢ highest values of the set
{PD.(8),7 € T}. In other words, for & trees of the set of trees considered, the

phylogenetic diversity of S is at least equal to h(;PD(g ). This measure corresponds to
the special case of owaPD in which the weights wi, w,. . ., w, may not be decreasing
and are all equal to 0 except ws 1 which is equal to 1. On the other hand, if 6 = ¢,

then hsPD(S) = rPD(S). Note that in the case where a probability can be associated
with each tree T of T, the probability that the phylogenetic diversity of a set 5CSis

greater than or equal to hsPD(S) is greater than or equal to the sum of the prob-
abilities associated with the trees whose index belongs to I;— for example, d/¢ when
all the trees are equiprobable.

10.10.2.5 Largest Deviation from Optimal Phylogenetic Diversity (lgapPD)

This measure, which is part of the robust measures (see appendix at the end of the
book), is by nature slightly different from the previous ones. It involves the notion of
regret. Consider a set of species, S , included in S and satisfying a set of constraints,
C. This measure involves the highest PD that can be associated with a set of species
included in S and satisfying C, for each tree considered. To evaluate a set of species S
included in S — and satisfying C'— with this measure, the difference between the PD
of § and the highest PD value that could be obtained on the same tree, for a set of
species included in S and satisfying C — the regret — is calculated for each tree. The
largest of these differences — the maximal regret — is then retained. This measure,

which we denote by lgapPD(S), can be expressed as follows:
lgapPD(8) = ma%({Pch — PD,(5)}
Te 1l
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where PDjC is equal to the maximal PD of a set of species included in S and sat-
isfying the constraints C, calculated for the tree T;. Thus, for any S included in

S and satisfying C| the distance between the PD of S and the maximal PD of a set of
species, included in S and satisfying C, is guaranteed in each tree, to the extent that

this distance is less than or equal to lgapPD(5).
For all set of species SCS we denote by pPD(g) the 6 measures we just saw
where | represents a, wa, r, owa, hs and lgap.

10.10.2.6 Example

Consider the 4 hypothetical phylogenetic trees in figure 10.11.
These trees were generated to illustrate the measures of phylogenetic diversity
presented earlier. They are associated with the set of 6 species {s1, S, $3, S4, S5, S6}-

Table 10.14 presents the values of PD,(S) for each tree and also the 6 uPD(S)
values, for § = {1,2,3}. In this example, the value of lgapPD(S) is calculated
assuming that the constraints C simply express the fact that 3 out of 6 species must
be selected.

(Ty) (T2)
Tree scale: 0.1 —— L s4 Tree scale: 0.1 —— lﬁ07 5
1.05 0.43 ;

o 045 A
> 5 5)7 s6
1._26 sl o L sl
0.24 0.46 . 0.65
y —— S/
. pr—— 3 075
o o .
0% S 0.21

1 56 — s3

(T3) (T
Tree scale: 01— 0.57 st Tree scale: 0.1 —— w s4

253 048
057 & . |—°'15 %
0.87
088 - 0.15 6
0.62
062 062 " S ——
02 015 - -
9 s2
0.47 —

s, L o

Fic. 10.11 — Four hypothetical phylogenetic trees associated with six species (drawn with
iTOL software).
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TAB. 10.14 — Values of the PDs of the set {1, 2, 3} for the 4 trees in figure 10.11 and of uPD
for p = a, wa, owa, r, hy, and lgap.

PD PD PD PD aPD waPD owaPD rPD  ho,PD IgapPD
Tree Tree Tree Tree w=(0.5,0.2, w=(04,0.3,

T, T T 7, 0.2,0.1) 0.2, 0.1)

3.22 2.79 2.27 2.05 2.5825 2.827 2.381 2.05 2.79 1.97

10.10.3 Reserve Maximizing the PD of the Species,
of a Given Set, Present in It

In this section, we examine the following classical problem, relating to a set of

phylogenetic trees, T = (Ty, Ts,..., T,), associated with a set of m species,
S = {51, S9,..-, Sp}, distributed over a set of n geographical zomnes, Z = {z,
2,..., Zy}: given a cost ¢; associated with each zone z;, select a subset of zones whose

total cost does not exceed a predefined budget, B, and which optimizes pPD(S) over

all the feasible sets of zones where S is the set of species present in at least one of the
selected zones. We say that species s; is protected if it is present in at least one of the

selected zones. “Optimize” uPD(\S) means “maximize” for p= a, wa, owa, r, and hy,
and “minimize” for p= lgap. For any set of species S included in S, it is easy to
calculate uPD(S’) for u = a, wa, owa, r, and hs. For p = lgap, the calculation is a bit
more complicated since it requires first of all to determine, for each tree, the max-
imal PD of a set of species verifying certain constraints. For the problem at hand, the
sets of species to be considered are the sets of species present in at least one zone of a
set of zones with a total cost less than or equal to B. We are going to propose the
formulation of the reserve selection problem considered by integer linear
programming.

Let us recall that T = (Ty, Tb,..., T},) is the set of phylogenetic trees to be
considered, that A® is the set of arcs of the tree T3, and that A" is the set of the
branch lengths of this tree. More precisely, A" = {4} : [ € A"} where 4] is the length
of branch a;in the tree T, and A" is the set of indices of the arcs of A*. F} is the set of
species — leaves — located under the arc a; in the tree T; and Fj is the set of
corresponding indices. In other words, the survival of at least one species of F}
preserves the evolutionary history linked to the arc g if, however, T; is the right
phylogenetic tree. We note Z = {1,..., n}. Finally, b;, is a parameter which is equal
to 1 if and only if species s;, is present in zone z; and to 0 otherwise. In order to
formulate the problem as a mathematical program we use the following variables:

z; € {0,1}(i € Z): x; = 1 if and only if zone z; is selected;

yr € {0,1} (k € S): yr = 1 if and only if species s; is protected. This results from
the selection of the zones;

21 €{0,1} (€ T,l € A"): 2/ = 1if and only if the set of protected species allows
the preservation of the evolutionary history linked to the arc a; in the tree T%;

«>0: a is a working variable used in the calculation of the minimum of several
quantities;
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p. €4{0,1} (r € T): B, is a working variable allowing to take into account, or not,
the tree T; in the optimization of the hsPD criterion;

PD, >0 (r € T): phylogenetic diversity, calculated in the tree T%, of the set of
protected species, i.e., the set of species {s; : k€ S,y = 1}.

Let us now examine the different constraints that are used to formulate the
problem under consideration with the 6 criteria proposed to assess phylogenetic
diversity.

(Co): 2 = maxpep; yp (t € T,1€ A"). The Boolean variable zj must take the
value 1 if and only if at least one of species of F7 is protected. These constraints are
not linear, we will replace them by the linear constraints (C1);

(Cy): 71 < Zkeﬂ yr (1€ T,1€ A,). In the case where one secks to maximize 2],
these constraints are equivalent to C;

(Ca): PD, = > Az (€ TI);

led,

(Ca): yk < X ey birai (k € S). Species s;, can be regarded as protected — g, = 1 —
only if at least one of the zones where it occurs is selected;

(Cy): > jey cimi < B. The total cost associated with the selected zones must not
exceed the available budget, B;

(C5): 2;€{0,1} (i€ Z2), yp €{0,1} (k€ S), zf € {0,1} (1€ T,l€ A"),PD. >0
(te D).

Once these variables and constraints are specified, it is easy to formulate the
problem as a mathematical program.

10.10.3.1 Mazimization of waPD, rPD, hsPD and Minimization of lgapPD

When p is equal to a, wa, r, hs, and lgap, the different programs obtained are
presented in table 10.15.
For aPD and waPD the economic function, ), w.PD;/ " _, w;, expresses

waPD for the set of protected species — this set resulting from the set of selected

TaB. 10.15 — Mathematical programs associated with the problem when the
phylogenetic diversity is measured by uPD with p = a, wa, r, hs, and lgap.

aPD and waPD: rPD:
max » w,PD; cer We max o
ZTGL /2 eL a<PD, (t€ 1)
s.t.]C1,Cy,C5,Cy, Cs s.t.| C1,Cy,C3,Cy, Cs
x>0
hsPD: lgapPD:
max o min o
«<PD.+HpB, (t€1) «>PD!Y —PD, (t€ 1)
Z ﬁr =¢—- 0 s.t. Cl7c27c37c47 CS
€l >
s.t. C1,C,,C5,Cy, G5 =0
>0

B. €{0,1} (e
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zones — and aPD in the special case where w,= 1 for all t € T. For rPD, according to
the constraints « <PD,, T € T, and since a is the economic function to be maxi-
mized, o takes, at the optimum, the smallest of the ¢ values DP,, 1 € T, i.e., the
smallest of the ¢ PD values — in the ¢ trees considered — associated with the set of
protected species. In the program associated with hs;PD, H is a constant large
enough to make the constraints « <PD,+ Hf,, T € T, inactive when f, = 1. The
objective is to maximize variable a. Because of these constraints, the value of a is
equal, at the optimum, to the smallest of the quantities PD,+ Hf,, T € T. The
constraint ) . f. = ¢ — d force ¢ — é variables f3, to take the value 1. Since we are
seeking to maximize a, variables S, that will take the value 1 are those whose index
corresponds to the ¢ — 0 smallest values of PD,, 7 € T. At the optimum, « is thus
equal to the value of PD, which comes just after. Recall that in the program asso-
ciated with 1gapPD, PD:C designates the maximal PD, calculated in the tree T, of a
set of species present in a set of zones whose total cost does not exceed B. According
to the constraints o > PD;‘C — PD;, 7 € T, and since a is the economic function to
be minimized, a takes, at the optimum, the largest of the ¢ values
PD:C —PD,, 1€ T, i.e., the value of the largest deviation — in the ¢ considered
trees — that interests us.

10.10.8.2  Mazximization of owaPD

The formulation is somewhat more difficult to establish when the phylogenetic
diversity of a set of species, S, is measured by owaPD(S). Let y,.,i€ T,j € T, bethe
Boolean variable which takes the value 1 if and only if the weight w; is assigned to
the PD value of S calculated in the tree T.. For a set of species, S , included in S and

fixed, owaPD(S) is equal to the optimal value of the linear program in Boolean

variables P1g.14(5).

min > w; Y. PDT(S') Vie
i€l 1€l
) > re=1 i€l (a)
P10.14(95) : €l
st Yyie=1 €T (b)
=
1. €{0,1} ieT,teT (¢

Given the economic function to be minimized, the decreasing weights
wy, We,. . ., w, Will be assigned to the PDs of S sorted in increasing order. The eco-

nomic function, therefore, expresses well, at the optimum of Py 14(5), the value of
owaPD for the set of protected species. It is known that, in this type of programs, the
integrality constraints (c¢) can be relaxed, i.e., replaced by constraints 0 <y, <1,
i€ T,t€ T, and finally by the constraints 0 <7y, since the constraints (a) and
(b) prevent variables y,, from exceeding the value 1. Let us consider the dual pro-
gram of the program thus obtained by associating respectively to the constraints
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(a) and (b) the (dual) real variables ¢; and v,. We obtain the mathematical program

P10.15(S) whose optimal value is equal to that of Pyg14(5).

max y. &+ >, v

i€l el
Pio15(S) : gi+ve<wPD(S) ieT,t1eT
st. g eR 1€T
v, €R teT

To solve the problem we are interested in, it is now sufficient to express, in

P1p15(S) the quantities PD,;(S5) as a function of variables z; and y;. We obtain
program P 6.

max y. &+ > v

icT el
p ) &+ v, <w,PD; 1€eT,teT
10.16 o & € R ieT
v eR tel

C ,C27 C33043 C5

10.10.3.3 Ezxamples

Let us look again at the 4 phylogenetic trees in figure 10.11. Suppose that the 4
zones, 2, %, 23, and z;, are concerned and that the distribution of the 6 species in
these zones is as follows: s; and s, in 21, s3 and 84 in 2, s; and s5 in 23, and s5 and sg in
z4. We are interested in selecting a set of zones with a cost less than or equal to 2, the
cost of each zone being equal to 1. This amounts to searching for a set of 2 zones that
optimizes uPD. The results are presented in table 10.16 for @ = r, owa, hs, and lgap.
This table also presents, for comparison purposes, the solution to the problem when
each tree is considered separately. In other words, for each tree, we give the set of the
2 zones that maximizes the PD calculated in that tree. This table also presents the
worst selection of zones that can be made, based on one of the phylogenetic trees,
when the correct tree is another tree.

Let us look at the optimal solution with the rPD criterion. It consists in selecting
zones z; and 23, which ensures a PD of at least 4.40 regardless of which tree is taken
into account for the calculation. This solution is the best one, in the sense that there
is no other set of 2 zones ensuring a PD strictly greater than 4.40 for all the 4 trees.
Row 2 of table 10.16 indicates that the optimal selection of 2 zones, based on only
one of the trees, may lead to a poor solution if this tree is not the right one. In the
worst case, the resulting PD would be equal to 3.44. In this case, the optimal
solution for the tree T} was chosen, whereas the tree T, is the right tree. Choosing
the solution that maximizes rPD is therefore a good protection against uncertainty
since it ensures, in all the cases, a PD at least equal to 4.40 (about + 28%). Note
that, in this small example, the solution that maximizes rPD is the same as the one
that minimizes the largest gap from the maximal PD solution in each tree. For this
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TAB. 10.16 — Worst possible solutions that can be obtained by making a wrong choice in
choosing the tree. Solutions optimizing PD and pPD (u =r, owa, hy, and lgap) for the 6
species whose phylogenetic trees Ty, T5, T3, and T} are shown in figure 10.11. These 6 species
are distributed into 4 zones, and 2 zones should be selected.

Set of zones of PD max for each tree and corresponding PD: {z, 2}: 4.72, {#, z}: 4.82,
{Z]7 23}1 450, {Zh Zj} 4.47.

The worst solution is obtained by selecting the set of zones of PD max for tree Ty, {z, %},
while the correct tree is tree T5. Corresponding PD in tree T5: 3.44.

The largest error is made when selecting the set of zones of PD max for tree Ty, {21, %},
when the correct tree is tree 1. Corresponding error in tree T5: 1.38.

Set of zones of rPD max and corresponding value: {2, z3}, 4.40. PD of the set of rPD max,
for each tree: 4.71, 4.40, 4.50, 4.47.

Set of zones of owaPD max and corresponding value: {2, 23}, 4.472. PD of the set of owaPD
max, for each tree: 4.71, 4.40, 4.50, 4.47.

Set of zones of hoPD max and corresponding value: {z;, 2}, 4.50. PD of the set of ho,PD
max, for each tree: 4.37, 4.82, 4.50, 3.60.

solution, the largest gap is equal to 0.42, while for the solution that maximizes PD in
the tree Ty — {2, %} — this gap is equal to 1.38.

For a group of species, S , included in S and needing to verify a set of constraints

C, 1gapPD(S) measures the largest gap — regret — on all the trees of T, between the
PD of S and the largest PD value that could be obtained on the same tree for a set of
species included in S and satisfying C. One could consider the relative gap instead of
the absolute gap. This problem can be solved by replacing the constraints
o> PD?C —PD;, 1€ T in the program associated with lgapPD minimization
(table 10.15) with constraints o> (PD:¢ — PD,)/PD:%, t € T.

10.10.4 Reserve Maximizing the ePD of the Considered
Species

As before, we consider a set of threatened species S and a set of zones Z where these
species live. The zones of Z may or may not be protected. It is assumed that the
survival probabilities of the species considered are known, that they are independent
and that they are identical for all the considered phylogenies. The survival proba-
bility of species s;, in zone z; is equal to py, if zone z; is not protected and to g, if it is.
To simplify the presentation all these probabilities are assumed to be different from
1. The aim is to identify the zones to be protected — reserve R — from a set of
candidate zones and under a budgetary constraint, so as to maximize the expected
phylogenetic diversity of the set of species under consideration — living in protected
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or unprotected zones. Given the uncertainties about the phylogeny of the species
under consideration, we will consider the same type of criteria as above — aPD,
waPD, owaPD, rPD, hsPD, and lgapPD — but this time looking at the expected
phylogenetic diversity (ePD) rather than phylogenetic diversity (PD). We denote by
aePD, waePD, owaePD, rePD, hsePD, and lgapePD the corresponding criteria.
These criteria are no longer associated with a subset of species, S , of the set of
species considered, S. They are associated with the set of species considered, S, and
their value depends on the reserve selected since the survival probabilities of the
different species of S depend on this reserve. As an example, the determination of a
set of zones minimizing lgapePD is presented below in detail. The resulting for-
mulation could easily be extended to other measures associated with ePD.

For a set of constraints C'to be satisfied by the targeted reserve R, lgapePD(R) =

max.c7{ePD: — ePD.(R)} where ePD:? is equal to the maximal ePD of S associ-
ated with a reserve satisfying C and calculated for the tree T, and ePD.(R) is the
ePD of S associated with R and calculated for the tree T;. A robust approach based
on the concept of regret is adopted here. It consists of determining a — robust —
reserve of cost less than or equal to B that minimizes the maximal gap, over all the
possible phylogenies, between (1) the expected phylogenetic diversity associated
with the optimal reserve in the phylogeny under consideration, calculated with that
phylogeny, and (2) the expected phylogenetic diversity associated with the selected
reserve, calculated with that same phylogeny. The problem under consideration can,
therefore, be stated as follows: mingcyz () <p lgapePD(R) or mingcz cr)<n
{max.cr{ePD:" — ePD.(R)}}. In cases where there are no uncertainties about the
phylogeny of the species under consideration, the problem of determining a reserve
that maximizes the expected phylogenetic diversity of the species concerned while
respecting a budgetary constraint was discussed in section 10.8. As in section 10.8,
the data are as follows: the available budget, B, a set, Z, of zones eligible for pro-
tection, the cost of protecting each zone, denoted by ¢;, the list of species present in
each zone — among the set, S, of considered species — with the corresponding survival
probabilities. The only difference lies in the phylogenetic tree of the species con-
cerned — vertices, arcs and arc lengths. Here several trees are considered plausible.
Let us designate by As; the set of arcs directly following arc a; in the phylogenetic
tree T, i.e., the set of arcs whose initial end coincides with the terminal end of the
arc a;. Let us designate by Asj the set of corresponding indices. We have the equality
o] = Hje AS a; where o], [ € A", is a real variable that represents the probability
that the information associated with the arc a; of the phylogenetic tree T; is not
retained. Variable 6] designates the logarithm of this probability. For each pending
arc a; of the tree T;, we denote by ext’(l) the index of the terminal end of this arc, i.
e., the index of the corresponding species. We denote by A7 the set of pending arcs in
tree T; and by A; the set of corresponding indices. For the phylogenetic tree T, the
problem of determining the reserve that leads to an ePD of S close to the optimum
value can be solved by program P 17(7), identical to program Py 1o provided that
a, is replaced by &} and 6; by 67.
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max . A;(1—6})
leA”
5<%+ logu, — 1 le A v=1,..,V (10.17.1)
>z <B (10.17,.2)
i€
=% & le A — A (10.17..3)
P10_17(‘E) : JEAS,
s.t. 67 =Y w;log(l — gax)
€z
+ 2 (1 —m)log(l —py) €A, k=ext’(]) (10.17.4)
i€z
7 €{0,1} icZ (10.17,.5)
0<& <1, 67<0 leA° (10.17,.6)

Let us denote by ePD?" the ePD associated with the reserve corresponding to the
optimal solution of Pjg17(7), i.e., a “good” value of the expected phylogenetic
diversity that can be obtained — by protecting an adequate set of zones — in the case
of the phylogeny T, 1 € T. Let us now consider the determination of a robust
reserve. As stated above a robust reserve is here a reserve that minimizes the
maximal gap, over all possible phylogenies, between (1) the expected phylogenetic
diversity associated with the optimal reserve in the phylogeny under consideration,
and (2) the expected phylogenetic diversity associated with the selected reserve,
calculated with the phylogeny under consideration. An approximate solution to this
problem, close to the optimal solution, can be determined by solving the mathe-
matical program Pqg 1s.

min o
o>ePDY —y’ teT (10.18.1)
Y= > A(1-a)) teT (10.18.2)
leA”
6f§%+loguv—l tel,
le Av=1,..,V (10.18.3)
Y e <B (10.18.4)
i€z
Pioas : Gi= > G tel,lec A"~ A (10.185)
s.t. JEAs] ’
67 = > [zilog(1 — gu)
i€Z
+ (1 —m)log(l —py)] t€l,l€ A,
k= ext'(l) (10.18.6)
z €{0,1} icZ (10.18.7)
0<51<1, 61<0 teT,le A (10.18.8)

Yi>0 teT (10.18.9)
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The economic function consists in minimizing variable a. Because of constraints
10.18.1, at the optimum of Pig.g, this variable is equal to the maximal gap —
maximal regret — over all the phylogenies between (1) the expected phylogenetic
diversity associated with a reserve close to the optimal one in the phylogeny under
consideration, ePD?", and (2) a “good” approximation of the expected phylogenetic
diversity associated with the selected reserve and calculated with the phylogeny
under consideration, /. Indeed, the constraints of P15 require variable ¥/* to be
equal to an approximation of the ePD, calculated in the phylogeny 77, associated
with the selected reserve. Recall that the quantity ePD™, 7€ T, is calculated

a’
beforehand by solving program Pig7(7). As regards the meaning of constraints

10.18.3, 10.18.5, and 10.18.6, the reader may refer again to program P 1o in which
similar constraints are used. The only difference is that, in program P g, these
constraints are considered for each phylogeny T;. Note that if one were interested in
determining a reserve that maximizes rePD, i.e., the smallest value, over all possible
phylogenies, of the expected phylogenetic diversity associated with this reserve, a
reserve close to this optimal robust reserve could be determined by solving program
Pig1s in which the objective becomes max a and the constraints o >ePD™ — y/°,
T € T, are replaced by the constraints a <y, 7€ T.
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Chapter 11

Specific and Genetic Diversity

11.1 Introduction

In the first part of this chapter, we are interested, as in the previous chapters, in a set
of threatened plant or animal species, S = {s1, $,..., $n}, living in a set of zones,
Z ={z, #,..., 2.}, which may be protected from a given moment. The value of
protecting a set of zones, R, included in Z is assessed by the diversity of the species
that are protected — at least in some way — as a result of the protection of the zones
in R, this diversity being calculated in three different ways. In the first, the “dis-
similarity” or “distance” between 2 species is taken into account. This can be, for
example, the genetic distance calculated from differences between DNA sequences.
In this case, the aim is to protect a set of species that maximizes an overall distance.
In the other two ways, we look at the species diversity of the protected set of species
using two classical indices, Simpson diversity index and Shannon—Wiener diversity
index, to measure the overall species diversity of the protected populations. Both
indices take into account at the same time species richness and abundance of each
species. It is assumed that for each zone, the population size of each of the species
concerned by the protection of that zone is known. We denote by n;, the population
size of species s;, in zone z;. Note that these data can be difficult to obtain. We know
the set of zones whose protection makes it possible to protect species s, — for
example, to ensure its survival — and this for all the species of .S, that is to say for all
k € S. This set is denoted by Z; and the corresponding set of indices is denoted by
Zy. In other words, protecting species s;, requires, and it is sufficient, that at least one
zone of Zj is protected. The reserve formed by zones z, 212, and 27, shown in the
example in figure 11.1, protect species s, 83, Sg, and s;;. The value of protecting the
set of zones {z, 212, 217} is, therefore, assessed by the diversity of the set of species
{ 89, 83, 89, 811}.

In the second part of this chapter, we will look at a set of individuals,
I={h,5h,...I,}, of a given species and concerned with the protection of zones of
Z. We know, for each zone, the list of the individuals of this set who live there.

DOI: 10.1051/978-2-7598-2521-9.c011
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21 22

$2(1) s3(7) $1(8) 53(2) 56(8) s11(8) 56(2) 512(9)

27 <8

56(5) s9(4) Z6 511(8) 513(2)

Z10 56(4) 59(8) 511(8) 514(6) 54(3) 513(6) 514(8)

56(2) 57(4) 55(8) 510(7)

212 213

511(8) 52(8) 51:1(3)

215

52(9) 55(7) $10(8) 510(8) 511(9) 216
219 4 54(7) 57(8) 511(2) 52(3) 59(5)

Z18

$2(9) s1(4) 55(3) s5(7) $5(2) 57(8) 515(8)

Fi1G. 11.1 — The 20 zones 2, %,..., g are candidates for protection and the 15 species s;, s,

.., 815 are concerned by the protection of these zones. For each zone, the species concerned by
the protection of this zone as well as the size of their population — in brackets — are indicated.
The cost of protecting the white zones is equal to 1 unit, the cost of protecting the light grey
zones is equal to 2 units and the cost of protecting the dark grey zones is equal to 4 units. For
example, species sg, S9, S11, and s14 are concerned by the protection of zone z, their popu-
lation size is 4, 8, 8, and 6 units, respectively, and the cost of protecting this zone is 1 unit.

We then consider the problem of determining, taking into account a budgetary
constraint, a reserve that enables a given number of individuals to be protected
while minimizing the average kinship of the protected population. Throughout this
chapter, it is considered that there is only one level of protection of zones, i.e., a zone
is protected or not. The protection of each zone has a cost and this cost depends on
the zone; it is denoted by ¢; for zone z;. The cost of protecting a set of zones RC 7 is
equal to the sum of the costs of protecting each of the zones in that set and is
denoted by C(R). Z is the set of indices for the zones in Z, S is the set of indices for
the species under consideration, i.e., the species in S, and [ is the set of indices
for the individuals under consideration. Thus we have Z ={1,2,...,n} and
S=1={1,2,...,m}.
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11.2 Reserve Maximizing the Overall Dissimilarity
of the Species — of a Given Set — Present in It

11.2.1 The Problem and Its Mathematical Programming
Formulation

The problem is to determine the zones to be protected, taking into account the
available budget, B, so as to maximize a certain biological diversity of the subset of
protected species. Here, the biological diversity of a set of species is measured by the
dissimilarities or distances between species. Let us denote by d;; the distance
between species s, and s;. This quantity, positive or zero, satisfies dy = dj and
di, = 0. The overall diversity of a group of species, S, included in S, is denoted by

D(8) and is equal to the sum of the distances between all the pairs of species of S

DS)= > du

(kD) e & k<l

where S denotes the set of indices of the species of S. With each zone 2 of Z is
associated the Boolean variable z; which is equal to 1 if and only if zone z; is selected
for protection. With each species s, is associated the Boolean variable y;, which is
equal to 1 if and only if species s;, is protected — due to the protection of certain zones

of Z. When the interest of a reserve R is evaluated by D(S), where S denotes the
species protected by R, this interest is denoted by D(R). The problem can be
formulated as Py ;.

max > dryey

(k) eS8 k<1
P Z cx; < B (1111) ‘ T € {0, 1} 1€ Z (11.1.3)
’ €z
]
< Yoo keSS (1112) | ye{0,1} kesS (11.14)
i€Z,

The mathematical program Pq;; is a non-linear program in 0-1 variables: the
economic function to be maximized is a quadratic function since each term involves
the product of two variables, .y, Many approaches exist to solve this type of
program (see appendix at the end of the book). Classically, to obtain an optimal
solution of Py at a lower cost, one can subtract from its economic function the
quantity &) .., ¢;z; where ¢ is a sufficiently small constant.

11.2.2 Example of Application to the Protection of Cranes

Let us consider the 14 species of cranes presented in table 11.1. Many species of
cranes are endangered. This is the case, for example, of the Siberian crane classified
as Critically Endangered by IUCN. The main threat is due to the draining of
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TAB. 11.1 — The 14 species of crane considered.

51 S9 S3 Sy S5 S6 S7
South Demoiselle Blue Wattled Siberian Sandhill Sarus
African crane crane crane crane crane crane
crane
58 S9 S10 S11 S12 513 S14
Australia White FEurasian Hooded Whooping Black-necked Japanese
crane naped crane crane crane crane crane
crane

swamps to produce agricultural land. In this example, we use the “genetic distances”
calculated by Krajewski (Krajewski 1989) and presented in table 11.2. These dis-
tances represent the differences between DNA sequences associated with the two
species. They are determined by DNA hybridization.

We are interested in the problem of determining a reserve, R, that respects a
budget constraint and maximizes D(R). Figure 11.2 shows a distribution of these 14
crane species over 20 hypothetical candidate zones for protection. If, in figure 11.2,
the species s;, is mentioned in the zone z;, then the protection of z; results in pro-
tection of s;. Table 11.3 gives the optimal reserves that can be obtained by solving
P11 with different values of the available budget, B. It can be seen in this table, as
one would expect since the criterion to be maximized is the overall distance between
protected species, that this overall distance increases with B.

11.3 Reserve Maximizing the Specific Diversity
of Species — of a Given Set — Present in It,
as Measured by the Simpson
and Shannon—Wiener Indices

The biological conservation literature offers a wide range of indices to measure the
diversity of a population with individuals of different species. The purpose of these
indices is to try to measure the diversity of the population concerned by a single
number, the index value. The functional meaning of these indices is often not
obvious and slightly different interpretations may appear in the literature. While
these indices are relatively difficult to interpret in a very precise way, they can be
useful, in the field we are interested in, to compare reserves under certain conditions.
The measurement of the diversity of a population — faunistic or floristic — must take
into account, in the classical way, on the one hand, the species richness, i.e., the
number of species making up this population, and, on the other hand, the relative
abundance of each species. The abundance of a species in a population is the total
number of individuals of that species present in that population. The relative
abundance of a species is equal to the number of individuals of that species divided



TAB. 11.2 — Genetic distances between 14 crane species (Krajewski 1989).
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1
0.00
3.75
3.85
4.10
3.55
3.90
3.70
3.60
3.60
3.55
4.05
3.65
3.55
3.80

2
3.75
0.00
0.50
1.10
1.80
1.35
1.50
1.15
1.05
1.00
1.05
1.25
1.50
1.55

3
3.85
0.50
0.00
1.25
1.90
1.30
1.75
1.00
1.15
1.05
1.20
1.30
1.15
1.75

4
4.10
1.10
1.25
0.00
1.55
1.20
1.50
1.40
1.35
1.10
1.60
1.30
1.25
1.40

5
3.55
1.80
1.90
1.55
0.00
1.45
1.15
1.50
1.60
1.25
1.55
1.65
1.50
1.65

6
3.90
1.35
1.30
1.20
1.45
0.00
1.40
1.20
1.10
1.10
1.45
1.40
1.75
1.55

7
3.70
1.50
1.75
1.50
1.15
1.40
0.00
0.60
0.50
1.15
1.80
1.45
1.50
1.40

8
3.60
1.15
1.00
1.40
1.50
1.20
0.60
0.00
0.65
1.10
1.40
1.50
1.75
1.35

9
3.60
1.05
1.15
1.35
1.60
1.10
0.50
0.65
0.00
1.10
1.15
1.35
1.30
1.05

10
3.55
1.00
1.05
1.10
1.25
1.10
1.15
1.10
1.10
0.00
0.20
0.15
0.60
0.35

11
4.05
1.05
1.20
1.60
1.55
1.45
1.80
1.40
1.15
0.20
0.00
0.35
0.60
0.55

12
3.65
1.25
1.30
1.30
1.65
1.40
1.45
1.50
1.35
0.15
0.35
0.00
0.65
0.65

13
3.55
1.50
1.15
1.25
1.50
1.75
1.50
1.75
1.30
0.60
0.60
0.65
0.00
0.65

14
3.80
1.55
1.75
1.40
1.65
1.55
1.40
1.35
1.05
0.35
0.55
0.65
0.65
0.00
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1 22 Z4
S1 S6¢ S11 S12
27 a8
26 S11 S13
S6 S9 S11 S14
§7 S8 S10 212 213
S11 §2

$2 S5 S10 316

Fi1G. 11.2 — The 20 hypothetical zones 2, 2,..., % are candidates for protection and the 14
crane species, 81, S,..., $14, concerned by the protection of these zones are indicated. The cost
of protecting the white zones is equal to 1 unit, the cost of protecting the light grey zones is
equal to 2 units and the cost of protecting the dark grey zones is equal to 4 units.

TAB. 11.3 — Reserves of maximal dissimilarity associated with the data in table 11.2 and
figure 11.2, for different values of the available budget, B.

Available Used Zones selected for Protected species Total

budget (B) budget protection (R) dissimilarity
(D(R))

4 4 2 26 210 81 86 7 S8 S9 S10 S11 S14 48.35

6 6 2 2 28 210 418 S1 82 S6 S7 S3 So S10 S11 S13 S14 73.95

8 8 2 25 28 210 %16 218 81 82 84 S S7 83 S9 S10 S11 S13 S14 89.95

14 13 Z1 % 26 28 210 14 216 All but S12 126.35

15 15 N % 2 % 2R 20 24 A6 All 143.00

by the total number of individuals. When looking at the diversity of a population
protected by a reserve, it is interesting to take into account the species richness of
this population as well as the relative abundance of each of the species composing it.
Let us consider, for example, two populations composed of 5 species and 35



Specific and Genetic Diversity 251

individuals. In the first, the number of individuals of each species is equal to 9, 8, 12,
and 6, respectively, and in the second, it is equal to 5, 20, 4, and 6, respectively. The
first population is considered more diverse than the second. It is also considered that
the diversity of a reserve with many species and only one dominant species is not
really more interesting than the diversity of a reserve with fewer species but in
similar abundance. The indices proposed in the literature give more or less impor-
tance to these two aspects of diversity. Recall that here we are making the
hypothesis that, for any reserve under consideration, the protected population is
perfectly known — the list of protected species and the population size of each of
these species. We will examine two widely used indices to measure the diversity of a
reserve in terms of species richness and relative abundance: the Simpson index and
the Shannon-Wiener index. Note that, since we are interested here in identifying
reserves with the aim of preserving biodiversity as much as possible, we will need to
consider, in addition to the diversity indices just mentioned, the total number of
species protected by that reserve.

11.3.1 The Stmpson Index

This index was proposed by Simpson in 1949. It measures the probability that two
randomly selected individuals in a population of several species do not belong to the
same species. It is therefore equal to 1 — Y, o f? where f; denotes the frequency of

species s;.in the population under consideration. The value of this index starts with 0
— the minimal diversity — and is increasing as the diversity increases, tending
towards 1. This index is more sensitive to abundant species than to species richness.
Thus, adding rare species to a population hardly changes the value of the index.
Consider, for example, a population of 50 individuals divided into 5 species whose
respective population sizes are as follows: 7, 12, 10, 9, and 12. The Simpson diversity
index associated with this population is equal to 0.79. Let us add to this population
a sixth species, comprising 2 individuals. The value of the Simpson diversity index
becomes equal to 0.81 (+2.5%). The Simpson diversity index for a given population
can be divided by the maximal value that the index can take, given the number of
species in that population. The resulting ratio, sometimes referred to as the Simpson
evenness index, then reflects the degree of diversity achieved by that population
relative to the theoretical maximum. This ratio expresses the dominance of a spe-
cies, when it tends towards 0, or the fact that the population sizes of the different
species are close together, when it tends towards 1. For example, let us consider
again the population examined above, composed of 50 individuals distributed
among 5 species. The maximal value that the Simpson diversity index can take for a
population of 50 individuals distributed among 5 species is equal to
L= s (1/5)* = 0.8. The value of the ratio in this case is, therefore, equal to

0.99. Recall that ny refers to the population size of species s; in zone z;, The pop-
ulation size of species s, in a reserve R (CZ) is therefore equal to )., ny and the

total population size of the reserve, including all species, is therefore equal to
Y ores 2oicr Mik- It is deduced that the frequency of species s; in reserve R, denoted by

Ji(R), is equal to > . pmik/ > 1cs > icg Mik- The diversity of the population



252 Designing Protected Area Networks

associated with — protected by — reserve R and measured by the Simpson diversity
index, is denoted by DSI(R) and is therefore equal to DSI(R) =1 — 3", ¢ [f(R) =

1-— Zk€§ (Zieﬂ nir/ Zkeﬁ Zieﬂ nik)2'

With regard to the selection of protected zones, several problems naturally arise
in relation to the Simpson diversity index. We consider the two problems below.

Problem I. Select a reserve with a maximal Simpson diversity index and a budget
constraint.

Problem II. Select a minimum cost reserve in order to protect all the species concerned
on the one hand, and to maximize the Simpson diversity index on the other hand.

These two problems can be enhanced by adding, for example, a constraint on the
minimum total number of individuals to be protected by the reserve.

Mathematical programming formulation of problem I. Let z; be the Boolean deci-
sion variable which is equal to 1 if and only if zone z; is selected to be part of the
reserve and let f;, be the positive or null real variable which represents the frequency
of species s;, in the reserve. We get the mixed-integer non-linear program Py ».

max 1— > f?

keS
Z N = [ Z Z Nij T ke S (11.2.1) ‘ T € {0, 1} 1€ Z (11.2.4)

€z €2 jes
st 2 X mm>1 (11.2.2) | 0<fi<l keSS (11.2.5)
| i€eZjes

i€Z

Piia:

The economic function to be maximized represents the Simpson diversity index
associated with the set of species protected by the selected reserve. The quantity
> icz Mir; represents the size of the population of species s in the reserve and the

quantity » .., > jes Tij%; represents the size of the total population in the reserve.

Constraints 11.2.1 therefore require variable f;, k € S, to be equal to the frequency of
species s; in the reserve, Y .., ni i/ ey ZjeS n;;x;. Constraint 11.2.2 requires that
the denominator of this ratio be strictly positive, i.e., that the total population size of
the reserve is at least equal to one unit. This makes it possible to prohibit the solution
of P11 5, of value 1, consisting in not selecting any zone. Constraint 11.2.3 is the budget
constraint. Constraints 11.2.4 specify the Boolean nature of variables z; and con-
straints 11.2.5 specify that variables f; belong to the interval [0, 1]. Note that the
economic function is quadratic and concave and that the constraints are linear, except
constraints 11.2.1 which include the products fi.z;. One way to solve this program is to
linearize constraints 11.2.1. The result is a mixed-integer program that consists of
maximizing a concave function under linear constraints, which is equivalent to min-
imizing a convex function under linear constraints. The solution of this program can,
therefore, be obtained efficiently using solvers based on classical implicit enumeration



Specific and Genetic Diversity 253

algorithms. Indeed, this type of algorithm requires, at each node of the search tree, the
resolution of a continuous program which, in this case, is an “easy” problem since it
consists in maximizing a concave function under linear constraints (see appendix at
the end of the book). We will see that constraints 11.2.1 can be easily linearized.

Linearization of Constraints 11.2.1. Let us introduce the real variables u;;, belonging
to the interval [0, 1]. A program equivalent to Py, is obtained by replacing the
products fiz; by variables u;, and adding the set of linearization constraints Cq; 1 to
force variable u;, to be equal to the product of variables f.x;.

Ciio up<z 1€Z,kel | ww>fi-(1-—2) i€Z,kes
W un<fy i€ZkeS | ugp>0 i€Z,keS

We thus obtain the mixed-integer mathematical program P;; 3 whose economic
function to be maximized is quadratic and concave, and whose all constraints are
linear. As we have said, many solvers allow a direct solution of this type of program.

max 1— Y f?
kesS
gz =Y > njur k€S (11.3.1)
€z ic€Z jes
i€z kesS
z C@Z};SB (1133)
icZ
P11<3 : ulkgxl iGZ,k€§ (1134)

s.t.
Ui < fr 1€ Z,ke S (11.3.5)
z; € {0,1} icZ (11.3.6)
Ui, > 0 i€ Z,keS (11.3.7)
0<fi<1 keS (11.3.8)

Note that, because of the economic function to be maximized, the linearization
constraints u; > fy — (1 — z;) and uy >0 are unnecessary.

It is easy to modify this program to require that the number of individuals
protected by the reserve be greater than or equal to a given value, NI. To do this,
simply replace the value 1 by NI in the right-hand side of constraint 11.3.2.

Below is another formulation of Problem I. Let us first note that maximizing the
Simpson diversity index means minimizing the quantity Y, ¢ f7, which can be

2 2
written 3, ¢ (Zieg nl’k:xi/ZieZ > jes nijxi) Or D hes (Zieg ”ikmi) /(Zieg

D kes n,;k:ri)Q. Problem I can thus be formulated as the fractional program in Boolean
variables Py 4 (see appendix at the end of the book).
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min 3 jes (Ziez ”i’fzi>2/(zz'ez D kes nikxi)Q
> > mpmi > 1 (11.4.1)

P14 €2 kes
i€Z
z; € {0,1} i€Z (11.4.3)

The auxiliary program associated with Pj;4 consists in minimizing the
parameterized economic function ), .¢ (3 ey npa;)? — 2 (D icz 2 okes nipa;)? where A
is the parameter, under the same constraints as those of Pi;4. Program Py, is
slightly more difficult to implement than program Py, 3 since a quadratic problem in
variables 0-1 — the auxiliary program — has to be solved iteratively, but it is gen-
erally more efficient.

Mathematical programming formulation of Problem II. In this case, all the species
must be protected, which is possible over a certain budget that we denote by B,
We are therefore faced with two criteria: the diversity of the group of individuals
protected by the selected reserve — measured by the Simpson diversity index — and
the cost of this reserve. One way to approach Problem II is to solve P11 5, to which we
add the constraints imposing the protection of all the species, >, 7, %2 1, ke S,

by gradually increasing the value of the available budget from the value B,,;,. The
result is program P;; 5. Note that constraint 11.2.2 becomes useless.

max 1— Y f?
keS
Sonwxi=fi >, > ngz ke S (11.5.1)
€z 1€z jes
Piis: >or>1 keSS (11.5.2)
s.t.| €2k
E Cix,'SB (1153)
icZ
z; € {0,1} i€Z (11.5.4)

Constraints 11.5.1 can be linearized as in program P;; 3. The curve representing
the maximal value of diversity that can be obtained given the available budget could
be plotted. Note that Problem II can also be solved by the fractional mathematical
program Pj;4 in which constraint 11.4.1 is replaced by the constraints
ZiEZk ;> 1, k€ S. Again, it is easy to modify Py 5 to require that the number of
individuals protected by the reserve be greater than or equal to a given value, NI. To
do this, simply add the constraint >, , >, ¢ nxa; > NI
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11.3.2 The Shannon—Wiener Index

The Shannon—Wiener index is commonly used. Like the Simpson index, it takes into
account both species richness and relative abundance of each species. For the set of

species S = {s1, $,..., Sy} it is given by the following formula:
SH == filog, fi
kesS

where f;, denotes the frequency of species s;, in the population under consideration —
number of individuals of species s, divided by the total population size. It is sup-
posed here that fi > 0 for all £ € S. This index allows diversity to be expressed by
taking into account the number of species concerned and the relative abundance of
individuals within each of these species. The value of the index varies from 0 — a
single species — to logs m — all the species have the same abundance. Consider, for
example, a population of 50 individuals distributed among 10 species and whose
respective population sizes are as follows: 2, 3, 2,4, 5, 20, 2, 3,4, and 5. The
Shannon—Wiener index of this population is equal to 2.8205. If each of the 10 species
has 5 individuals, the Shannon—Wiener index would be equal to 3.3219. Note that
the Shannon—Wiener index is sensitive to relatively rare species. Let us again take
the above example of a population composed of 10 species whose respective popu-
lation sizes are as follows: 2, 3, 2, 4, 5, 20, 2, 3, 4, and 5. When the 2 individuals of
the first species disappear, the Shannon—Wiener index becomes equal to 2.6856
(—5%). As for the Simpson index, we can associate to this index the ratio SH/log,
m where logs m represents the maximal value that the Shannon—Wiener index can
take. This ratio, between 0 and 1, allows the distribution of individuals within
species to be measured, independently of species richness. It reflects the degree of
diversity achieved, in relation to the theoretical maximum. In reality, this ratio is
commonly around 0.8 or 0.9. In the previous example of a population composed of 10
species, this ratio is equal to 2.8205/logs 10, i.e., 2.8205/3.3219 or 0.8491. For the
population composed of 9 species, it becomes equal to 0.8472. The problem of
determining a reserve, R, that maximizes the index associated with the set of species
protected by this reserve, DSH(R), can be formulated as program Py g.

min Y filogs fi

kes
icZ ieZ jes
E E Nk T; > 1 (11.6.2)
Piie: i€Z keS

s.t. Z cr; < B (11.6.3)
i€Z
7 €{0,1} icZ (11.6.4)
0<f<1 keS (11.6.5)
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Minimizing the economic function of Pi;4 is equivalent to maximizing the
Shannon—Wiener Index. One way to solve Py is to approximate log, fi by a
piecewise linear function (see appendix at the end of the book) and then linearize the
resulting program using for example the method presented in section 11.3.1 to lin-
earize constraints 11.6.1. Here again, it is easy to modify program Py, 4 to require
that the number of individuals protected by the reserve be greater than or equal to a
given value, NI. To do this, simply replace constraint 11.6.2 with the constraint

Zz‘eg Zke§ N > NI
11.3.3 Example with the Simpson Index

This example illustrates the selection of a reserve to protect all the species concerned
while respecting a budget constraint and maximizing the Simpson diversity index.
Consider the instance involving 20 candidate zones and 15 species, described in
figure 11.3. Note that in the case of 15 species, the theoretical maximum of the

21 22 24

s2 (1) 53 (7) $1(2) 53(2) 56 (2) 57 (1) 86 (2) 515 3)

27 78

56 (5) s9 (4) %6 s11(8) 513 (2) 54(2) 513 3)
210 56 (2) 59 (3) 511 (2) 514 (3) 54 (3) 513 (6) 514 (8)

56 (2) 57 (4) 55 (8) 510 (7) 212

213

s $s(4) s3(2) | 52(8) 511 (3)

52 (9) 55 (7) s10 (8) 510 (2) s11 (12) %16

Z18

Z19 54(7) 57 (8) 511 (2) 52 (3) 89 (5)

52 (4) 512 (2) s5(3) s3 (7) 53 (2) 57.(8) 515 (8)

Fic. 11.3 — The 20 zones z, 2,..., 20 are candidates for protection and the 15 species
81, 82,..., 815 are concerned by the protection of these zones. For each zone, the species con-
cerned and the size of their population — in brackets — are indicated. The cost of protecting the
white zones is 1 unit, the cost of protecting the light grey zones is 2 units and the cost of
protecting the dark grey zones is 4 units. For example, species sg, S9, 11, and s14 are concerned
by the protection of zone z, their population size is equal to 2, 3, 2, and 3 units respectively,
and the cost of protecting this zone is equal to 1 unit.
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Simpson diversity index is equal to 1-15(1/15)* = 0.9333. The problem considered
can be formulated as the mathematical program P;; 3 in which constraint 11.3.2 is
replaced by the constraints ), 7, 2 1, k€ S. Note that since the number of

protected species is fixed, the maximization of the evenness index associated with
the Simpson diversity index is equivalent to the maximization of the Simpson
diversity index. Table 11.4 presents the results obtained for different values of the
available budget, B. Note that the data in this example are such that the protection
of the 20 candidate zones allows for the protection of the 15 species considered. The
associated cost is 48, the Simpson diversity index is 0.9214, and the corresponding
evenness index is 0.9872. It should also be noted that there is no reserve to protect
all the species with a cost less than 8.

11.4 Selecting a Reserve with Species Richness,
Abundance, and Cost Constraints

One can search for a reserve with a great diversity without trying to describe this
diversity by a single number as in section 11.3 above. One way of doing this is to
maximize an economic function involving the — possibly weighted — criteria of
species richness and abundance, while respecting constraints on the relative abun-
dance of each species in the reserve and the cost of the reserve. This problem can be
formulated as the mixed-integer program Pi;,; where variable Ns represents the
species richness.

max wiNs—+wy Y, > Nl

i€z kesS
Ns =3 u (11.7.1)
kes
>oonax = fi Do Y Ny keS (11.7.2)
icZ i€Z jes
(I/n) Y u<y< > x kel (11.7.3)
iegk iGZk

F<tel ) g+ —w) keS (11.74)

Pz fiz(U—e)ng—L—w) keSS (1L7.5)
s.t.
Y. i <B (11.7.6)
icZ
z€{0,1} icZ (11.7.7)
yr € {0,1} keSS (11.7.8)
0<fi<1 keS (11.7.9)

Ns e N (11.7.10)



TAB. 11.4 — Reserves protecting all the species, respecting a budgetary constraint, and with a maximal Simpson diversity index, when the
candidate zones, their protection cost and the population size of the different species present in these zones are described in figure 11.3.

86T

Available Used Zones forming the reserve Population size of each of the 15 Simpson Evenness
budget budget species diversity index
(B) index

8 8 % 24 % 2R 212 215 218 2422461232142333(53) 0.8843 0.9475
12 11 21 % 24 %6 28 210 212 218 2592485103722333(68) 0.9109 0.9760
16 16 21 % 24 %6 23 210 211 212 213 2992487103757333(82) 0.9170 0.9825
20 2 B % 7 % % % 210 1 A s 20954871037579113 (99) 0.9222 0.9880
24 24 2 % 2 2 7R % 210 211 212 217 218 28954671057891183(102) 0.9243 0.9903
28 28 21 % %5 % AR % 211 A4 A5 2o 20 210951091197101479118(131) 0.9270 0.9932
32 29 21 % 25 % 21 AR % 211 14 210 20 0 2109510911978107 1111 8 (127) 0.9280 0.9943
36 29 21 % %5 % 21 AR % 211 414 419 20 2109510911978107 1111 8 (127) 0.9280 0.9943
40 29 2 % 25 % 2 AR A 211 214 219 200 2109510911978107 1111 8 (127) 0.9280 0.9943
44 29 2 % 4 o 2 71 24 4o 0 2109510911978107 11 118 (127) 0.9280 0.9943
48 29 21 % %5 %6 21 AR % 211 A4 Ao %20 2109510911978107 1111 8 (127) 0.9280 0.9943

SYIOMJON BOIY Po320j0Ig Surudse(]
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Constraint 11.7.1 requires variable Ns to take the value corresponding to the
number of protected species. The economic function therefore expresses the
weighted sum of the number of species protected by the reserve and the total
number of corresponding individuals. The weight assigned to these two quantities is
equal to w; and wy, respectively. Constraint 11.7.2 expresses the relative abundance
of each species, f;, k € S. Constraints 11.7.3 require the Boolean variable y;, k € S,
to be equal to 1 if and only if at least one of the zones hosting species s;, is protected.
The coefficients 81: and ¢, are such that: s,j >0 and 0<¢; <1. Constraints 11.7.4
and 11.7.5 express that the relative abundance of each species should not be too far
from the ideal value, 1/Ns. Constraints 11.7.7 and 11.7.8 specify the Boolean nature
of variables z; and y;. Constraint 11.7.9 specifies that variable f, belongs to the
interval [0, 1] and constraint 11.7.10 specifies that variable Ns is an integer variable.
Program P17 consists of maximizing a linear function whose variables are subject
to linear constraints (11.7.1, 11.7.3, and 11.7.6) and also to non-linear constraints
(11.7.2, 11.7.4, and 11.7.5). We have already seen in section 11.3.1 how to linearize
the quadratic constraints 11.7.2. Let us now examine constraints 11.7.4 and 11.7.5.

Introduce variable Ns' and constraint Ns' x 3~ 5 Y = 1 that requires variable Ns' to
be equal to 1/Ns. Using variables v; to represent the products Ns' x y;, this last
constraint can be written as qu v; = 1. It only remains to add the set of con-
straints Cy; 5 to require variable v;, j € S, to be equal to the product Ns' x y;.

Cra: {v <y, 4 <Ns', ,>Ns' = (1 —y), 1,20 (j € 5)

Finally, the problem can be formulated as the mixed-integer linear program
Piis.

max wiNs+wy Y > nga;
ks icz

(11.7.1),(11.7.3), (11.7.6), (11.7.7),
(11.7.8),(11.7.9), (11.7.10)
(01141)7 (011.2)
Piis: Do kT = Y > iyl keSS (11.8.1)
s.t. i€z €7 jes
=1 (11.8.2)
JjeSs
fi<(l+ef )Ns' + (1 —y) kesS (11.8.3)
fi> (1 —&)Ns' — (1 —y3) kesS (11.8.4)

By varying the weighting coefficients w; and w, as well as the coefficients ¢;” and
&; , the resolution of program P;; 7 can help a decision-maker to determine the best
reserve taking into account the 3 criteria, species richness, abundance and relative
abundance. Let us take again the example described in section 11.3.3 and examine,
for different values of the available budget, B, the following 4 cases: wy = 1, wy = 1,
g =6 =03 (k=1,..,15); w =10, w=1, g =¢ =03 (k=1,...,15);
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w =1, w=1, ¢ =¢ =05 (k=1,..,15); and w; =10, wy=1, ¢ =
g =05 (k=1,...,15). The optimal reserves, i.e., those that maximize the
weighted sum of species richness and abundance taking into account constraints on
relative abundance and budget, are determined by the resolution of programme P g
and are presented in tables 11.5 and 11.6. The last column of table 11.5 presents the
maximal deviation, i.e., the maximal gap — in absolute value — over all the protected
species, between Ns' and the relative abundance of the species, all divided by Ns'. In
other words, the maximal deviation is equal to maxjeg: s protected |(Ns" — fi)|/Ns'.

11.5 Reserve Minimizing the Average Kinship
of Individuals of a Given Species Present in It

11.5.1 Kinship Between Two Individuals

A general and relevant problem in the field of biological conservation is to define, for
a certain species, a sub-population of a given population, respecting certain con-
straints and having “good” genetic diversity. It is recognized that genetic diversity is
essential for the survival of species. Several authors have demonstrated that a good
measure of genetic diversity in a population is the overall kinship of that population.
In 1948, Malécot defined the kinship coefficient between two individuals, I} and I, as
the probability that two randomly selected alleles, one on each individual and at any
locus, are identical by descent. Two alleles are identical by descent when they are
copies of a single allele of a common ancestor. If the pedigree of the population of
interest is known, the kinship coefficients between any pair of individuals can be
calculated according to simple rules (see below). The general problem considered is
thus to extract from a given population a sub-population of minimum overall kin-
ship. If we are interested in a population consisting of the individuals [,
b,..., I, and if oy is the kinship coefficient between the individuals [}, and I, then
the average global kinship of this population is, by definition, equal to (1/m?)
Dkt 2ol k-

Calculation of kinship coefficients. Let us consider two disjoint generations and
calculate the kinship coefficients of the individuals of the generation g + 1 from the
kinship coefficients of the individuals of generation g. For each individual I, of
the generation g + 1 let us denote by I, and I, its two parents — belonging to the
generation g. Recall that, for two individuals I, and I; of a generation, we denote by
oy the kinship coefficient between these two individuals. For 2 individuals I} and I; of
the generation g + 1, the kinship coefficient between these two individuals, oy, is
equal to (ot + oty s, + 0hyi, + 0y )/4. The kinship coefficient of an individual I, with
itself, oy, is equal to 0.5 (1 + o, 1, ).

Example 11.1. Let us consider an initial — founder — population composed of 10
individuals, 4 males, my, my, ms, and my, and 6 females, f, fo, f3, fi, f5, and f;.



TAB. 11.5 — Optimal reserves associated with the data in figure 11.3. These reserves maximize the weighted sum of the species richness and

abundance, taking into account constraints on relative abundance and budget, when wy = 1, ¢ =¢, =0.3 ,k=1,...,15.

Budget w; Economic Used  Zones forming the reserve Number of =~ Number of Protected species and their population sizes Max.
(B) function  budget protected protected deviation
value species individuals
10 1 62 9 21 214 215 219 6 56 $9(10) s3(7) 55(10) s5(7) s10(10) 11(12) 0.2857
10 116 9 21 214 215 219 6 56 $2(10) s3(7) 85(10) s5(7) $10(10) 811(12) 0.2857
14 1 ’7 14 27 2% %14 216 219 9 78 $9(9) 54(10) 5(10) 57(8) s5(7) $10(8) 11(10) $13(8) 14(8) 0.1923
10 168 14 27 29 214 216 219 9 78 59(9) 54(10) 55(10) 57(8) 55(7) $10(8) $11(10) $13(8) $14(8) 0.1923
18 1 98 16 25 % 41 % % 210 416 9 89 54(12) 56(9) s7(12) s3(8) s9(7) $10(7) $11(12) $13(11) s14(11) 0.2921
10 187 18 27 29 211 214 216 219 10 87 $2(9) $4(10) 55(10) 57(10) s5(7) $10(8) $11(10) $12(7) $13(8) $14(8) 0.1954
22 1 118 20 28 % 211 212 214 215 216 218 10 108 59(13) 84(12) s5(14) 7(10) 5(9) $10(10) 811(14) 812(9) $13(9) $14(8) 0.2963
219
10 216 22 21 %5 % % % 210 213 216 AT 11 106 59(12) s3(7) 54(12) 56(9) $7(12) 53(8) $9(12) 810(7) $11(7) $15(9) s14(11) 0.2736

TAB. 11.6 — Optimal reserves associated with the data in figure 11.3. These reserves maximize the weighted sum of the species richness and

abundance, taking into account constraints on relative abundance and budget, when w, = 1, ¢;” = ¢, =0.5,k=1,...,15.

Budget wy Economic Used Zones forming the reserve Number of Number of Protected species and their population sizes Max.
(B) function budget protected protected deviation
value species individuals

10 1 78 10 212 214 215 216 219 7 71 $2(9) 84(7) 5(14) 57(8) 53(9) $10(10) $11(14) 0.3803
10 154 10 24 % 210 213 10 54 52(8) 54(3) 56(4) s7(4) s3(8) 510(7) $11(3) $13(6) $14(8) 515(3) 0.4815

14 1 97 14 29 212 214 215 216 219 9 88 55(9) 54(10) s5(14) 57(8) 55(9) 10(10) s11(14) 513(6) 514(8) 0.4318
10 192 13 21 24 % 28 212 213 216 219 12 72 52(9) 53(7) 54(9) 55(7) s6(4) 57(8) 53(9) 50(3) 611(7) 513(3) $14(3) 515(3) 0.5000

18 1 117 18 2 212 213 24 A5 216 A9 20 9 108 55(18) 53(7) 54(7) s5(14) 57(16) sg(11) $10(10) 811(17) 15(8) 0.5000
10 208 18 21 25 7 28 % 210 213 216 11 98 5(9) 53(7) 54(12) 56(9) 57(12) 55(8) 50(7) s10(7) $11(7) 513(9) s14(11) 0.3469

22 1 144 22 25 %6 28 29 210 212 214 215 216 219 11 133 5(9) 51(12) s5(14) 56(9) 57(12) s3(17) 59(7) 10(17) 811(16) 513(9) s14(11) 0.4211
10 243 22 25 %6 28 29 210 212 214 215 216 219 11 133 55(9) 84(12) 55(14) 55(9) 57(12) ss(17) 89(7) $10(17) 511(16) 515(9) s14(11) 0.4211
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m my my omy  fi fo f3 Jfao fs e
m |05 0 | 0| 00| O] 0O/ O0O]O0]O
m,| 0 |05 0] 0|00 /|[O0O/|O0O/|O0/|oO
my| 0| 0 |05 0 0] 0|0/ 0/O0]0O
my| O 0| 0 |05/0/| 0|0/ 0]O0]0O0
filof oo |0 ]0o5 0[]0/ 0]O0]O0
fHlof oo |0 |O0|o05][ 0| 0] 010
fx ] ojl oo |0 |l0] o005 0/ 0]0
fal O 0 0 0 [0]| 0] 0|05 010
fslojloj]o |0 |o0o]O0]O0| 0/ 05]0
fel O] oo oo O0]o0]| 0| O0]O05

F1c. 11.4 — Kinship coefficient matrix of the founder population.

TAB. 11.7 — Matings in the initial population and associated

offspring.

Mating Offspring size Generated individuals
(mhfl) 2 L L

(ml ; f?) 1 13

(m?) 5 .}%) 1 15

(ms, f1) 2 I I;

(mu, f5) 1 I

(M4, f5) 2 Iy T

The kinship coefficients of this population are given by the matrix in figure 11.4.
The overall kinship of this population is, by definition, equal to (10 x 0.5)/
100 = 0.05. Let us now consider a hypothetical population of 10 individuals gen-
erated, from the 10 individuals in the initial population, by the matings shown in
table 11.7.

The kinship coefficients, oy, in the generated population are given by the matrix in
figure 11.5. The mean kinship coefficient of the generated population is equal to 0.085.

11.5.2 The Problem and its Mathematical Programmsing
Formulation

More specifically, we are concerned here with a set of zones, Z = {z, 2,..., 2, },
which are likely to be protected and a single species, s, living in these zones and
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I L JE Iy s Is I Iy Iy Lo
L |05 0.25 10.125[0.125|0 0 0 0 0 0
L1025 05 0.125]0.125 |0 0 0 0 0 0
I 10.125]0.125/05 0 0 0 0 0 0 0
Is 10.125[0.125|0 0.5 0 0 0 0 0 0
5 o 0 0 0 0.5 0.12510.125| 0 0 0
Is |0 0 0 0 0.1251] 0.5 025 |0 0 0
I o 0 0 0 0.12510.25 |0.5 0 0 0
s |0 0 0 0 0 0 0 0.5 0.125]0.125
Iy | o 0 0 0 0 0 0 0.125] 0.5 0.25
ho|o 0 0 0 0 0 0 0.12510.25 0.5

Fic. 11.5 — Matrix of the kinship coefficients of the population composed of 10 individuals
generated from the founder population as shown in table 11.7.

considered critically endangered. The individuals of this species, I, b,..., I,,, are
distributed over the different zones. The set of these individuals is designated by
I and the set of corresponding indices, by I The protection of a zone makes it
possible to protect all the individuals present on this zone. For i = 1, 2,..., n and
k= 1,..., m, the presence of the individual I;, on zone z; is defined by the coefficient
ai;- This coefficient is equal to 1 if and only if the individual I, is present on zone z;,
and to 0 otherwise. We know the kinship coefficient, a;;, associated with each pair of
individuals {I;, I}, including the coefficient a;;, for k=1, 2,..., m. The problem
considered is to determine the best set of zones to be protected — a reserve — taking
into account a budget constraint and the number of individuals one wishes to
protect. The value of a reserve, R, is the average kinship coefficient of the population
of individuals protected by R, and this coefficient should be minimized. Let us asso-
ciate to each zone z; the Boolean variable z; which is equal to 1 if and only if zone z; is
protected. The individual I}, is protected if and only if the zone where it is present is
protected, i.e., if and only if variable z; such that a;; = 1 is equal to 1. Let us associate
to each individual I, a Boolean variable, y;, which is equal to 1 if and only if the
individual I}, is protected — because of the zone protections. By noting n; the number of
individuals present in zone z;, the number of protected individuals is equal to
> iz Mix; where Z denotes the set of indices of the elements of Z. This number must

be equal to NI and the mean kinship coefficient is equal to Z( ki)er? CRYEYL /NI, The
problem considered can thus be formulated as the mathematical program Pqq g.
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1

mmn <= Z GrYrYi
NI (kD el
S ez < B (11.9.1) |  ye{0,1} kel (11.94)
icZ

Piig:

s.t.| 2y =NI (11.9.2) | z€{0,1} i€ Z (11.9.5)
kel
= auy; kel (11.93) |

icZ

Note that the matrix of the kinship coefficients (ak) ;2 is symmetrical and

positive semidefinite, resulting in the convexity of the economic function of Py .
This program, which thus consists in minimizing a convex quadratic function sub-
ject to linear constraints, can be directly submitted to a solver that can handle this
type of program — whose continuous relaxation is a quadratic and convex program.
It can also be linearized (see appendix at the end of the book). Suppose that, among
the individuals making up the population under consideration, the individuals
Iy, k € K,ClI, are males and the individuals I, k € K>2ClI, are females (the sets K
and K, form a partition of I). Program Py; ¢ could easily be modified to require, for
example, that at least p;% of the protected individuals be males and at least p,% of
the protected individuals be females. It is sufficient to add to Pq;.9 the constraint set
Ciis

> e >pNI/100
ke K,

>y > poNI/100
keK,

Cuis:

11.5.3 FExample

Let us take again the population resulting from the founder population described in
figure 11.4 and composed of 10 individuals, generated according to the information
in table 11.7 and whose kinship coefficients are given in figure 11.5. Suppose that in
this generated population, the first 5 individuals — indexed from 1 to 5 — are males,
designated by My, M,, M3, M,, and M5, and the next 5 — indexed from 6 to 10 — are
females, designated by Fi, F,, F3, F, and F5. Consider a new population of 10
individuals resulting from the matings described in table 11.8. These 10 individuals
are again denoted I, b,..., L.

The kinship coefficient matrix of the generated population is given in figure 11.6.
The average kinship of this population is equal to 0.10875. Let us now consider a set
of 7 zones that can be protected to form a reserve. Figure 11.7 shows, for each of
these zones, the individuals of the population I, b,..., I g, described in figure 11.6,
present in these zones. Table 11.9 presents the optimal reserves, i.e., those that
minimize the average kinship of the individuals in these reserves, for different values
of the available budget, B, and the number of individuals to be protected, NI. These
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TaAB. 11.8 — Matings in the population described in figure 11.5
and associated offspring.

Mating Number of offspring Generated individuals
(M, Fy) 1 I

(My, Fy) 1 L

(Ms, F) 2 I 1

(M, Fy) 1 I

(My, Fy) 1 Is

(My, Fy) 2 I Iy

(Ms, F5) 2 Iy Lo

reserves are obtained by resolving Pi; 4. Suppose that, among the ten individuals
making up the population under consideration, i.e., the population described in
figure 11.6, the individuals I, k=1,...,4, are males and the individuals
Iy, k=25,...,10, are females. The following constraint is now imposed: at least 30%
of the protected individuals must be males and at least 50% of the protected indi-
viduals must be females. The results obtained with these additional constraints are
presented in table 11.10.

A variant of this problem is to select a reserve that minimizes the average global
kinship of the protected population, but without constraints on the number of
individuals to be protected. As before, the selected reserve must respect the avail-
able budget and the proportion of males and females. One way to solve this problem
is to solve a series of programs P;; g — with the addition of the constraint set C;3 —
by giving the parameter NI all the possible values and then to choose the best
solution — the one that minimizes the average global kinship. This problem can be
solved more quickly by program P g — with the addition of the constraint set C1; 53—
in which NI is no longer a fixed number but becomes an integer variable. We then

[l 12 13 14 15 16 [7 18 19 11(]
I |os 0.0625 0.03125 | 0.03125 | 0.03125 | 0.15625 | 0.09375 | 0.09375 | 0.03125 | 0.03125
L | 0.0625 0.5 0.0625 0.0625 0.15625 | 0.03125 | 0.03125 | 0.03125 | 0.0625 0.0625
I | 0.03125 | 0.625 0.5 0.25 0.15625 | 0 0 0 0.03125 | 0.03125
Iy | 003125 | 0.625 0.25 0.5 0.15625 | 0 0 0 0.03125 | 0.03125
Is 1003125 | 015625 | 0.15625 | 0.15625 | 0.5 0 0 0 0.0625 0.0625
Is | 015625 | 0.03125 | 0 0 0 0.5 0.1875 0.1875 0.03125 | 0.03125
I; | 0.09375 | 003125 | 0 0 0 0.1875 0.5 0.25 0.03125 | 0.03125
Iy 1009375 | 0.03125 |0 0 0 0.1875 0.25 0.5 0.03125 | 0.03125
Iy | 0.03125 | 0.0625 0.03125 | 0.03125 | 0.0625 0.03125 | 0.03125 | 0.03125 | 0.5 0.25
Tio | 003125 | 0.0625 0.03125 | 0.03125 | 0.0625 0.03125 | 0.03125 | 0.03125 | 0.25 0.5

F1G. 11.6 — Kinship coefficients of the ten individuals generated by the population described
in figure 11.5, from the matings described in table 11.8.
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<1 2
L Is
35
1 Iy
I;
I; Ig 27

Fi1G. 11.7 — Seven zones, 2, #,..., 27, are candidates for protection and ten individuals of the
same species, Iy, b,..., L1p, living in these zones are concerned. For each zone, the individuals
present are indicated. The cost of protecting the white zones is equal to 1 unit, the cost of
protecting the light grey zones is equal to 2 units and the cost of protecting the dark grey
zones is equal to 4 units. For example, the individuals I5 and ;g are present in zone z3, and the
cost of protecting this zone is 4 units.

obtain a fractional program for which the auxiliary problem consists in minimizing
the parameterized quadratic function in integer variables Z(M)e 12 CHYRY — ANT?,
subject to constraints 11.9.1-11.9.5 and C;;3. The results obtained using the
Dinkelbach algorithm (see appendix at the end of the book) are presented in
table 11.11.

TAB. 11.9 — Optimal reserves, under a budgetary constraint, associated with figures 11.6 and
11.7: Minimizing average kinship, taking into account the number of individuals to be
protected and the available budget.

Available Number of individuals Optimal Cost of Protected Average

budget to be protected (NI) reserve the individuals kinship
(B) reserve

4 5 2 2y %5 4 LI I I Iy 0.2275
5 5 B 25 % 5 L 1L I5 I; Iy 0.1700
6 5 2 % % 5 L1 I I Iy 0.1700
7 5 2 2 %5 % 7 L LI I L 0.1425
8 5 2 2 % % 7 L LI I Iy 0.1425
9 5 2 24 %5 % 7 L LI I; I 0.1425
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TaAB. 11.10 — Optimal reserves, under a budgetary constraint, associated with figures 11.6
and 11.7: Minimization of average kinship, taking into account the number of individuals to
be protected, the available budget, and constraints on the number of males and females to be
protected.

Available Number of Optimal Cost of Protected Average
budget individuals to be reserve the individuals kinship
(B) protected (NT) reserve

5 5 2 25 % 5 L I I I; I 0.1700
6 5 P 5 LILLLI 0.1700
7 7 - - -

8 7 % 23 2 %5 8 L LI I I Iy I 0.1582
9 5 2 23 24 % 9 L L I I; Ly 0.1475

— No feasible solution.

TAB. 11.11 — Optimal reserves, under a budgetary constraint, associated with figures 11.6
and 11.7: Minimization of average kinship, taking into account the proportion of males and
females to be protected and the available budget.

Available budget Optimal Cost of the Protected Average
(B) reserve reserve individuals kinship
5 24 25 2 5 LI I I 0.1680
6 2 25 % 6 L LI Iy 0.1523
7 2 2 25 % 7 L L LI I; L 0.1458
8 2o 23 24 % 8 L I3 Is Is I; Lo 0.1458
9 % 2 % % 9 LI I LI L 0.1354
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Chapter 12

Climate Change

12.1 Introduction

It is widely accepted that human activities are causing an increase in the concen-
trations of greenhouse gases in the Earth’s atmosphere and thus causing an increase
in its average temperature. This warming, even modest, by modifying the behaviour
of the air masses in the atmosphere, leads to climate change, i.e., changes in average
values, measured over long periods and over specific geographical zones, concerning,
for example, temperature, precipitation and winds. It is also recognized that climate
change is a major threat to biodiversity and that the system of protected zones is a
very effective solution to combat this threat. However, climate change is creating
major challenges in the design and management of protected zones. By designing
reserves without accounting for the effects of climate change, the biodiversity, cur-
rently protected by these reserves, may no longer be protected in the near or more
distant future. In the previous chapters, the definition of protected zones is largely
based on current observations. In these chapters, the general idea behind decisions
to protect, or not to protect, a zone is that certain species live in a given zone that is
a priori a favourable habitat for them and that protection of that zone, therefore,
contributes to the protection of those species. There is no anticipation in this rea-
soning of possible changes in the quality of the habitat that this zone provides for the
species considered. It is therefore quite possible that these species, by not being able
to adapt to the effects of climate change in this zone, will disappear completely from
this zone. However, some anticipation is present in the previous chapters when
assigning survival probabilities to the species or when considering that different
scenarios may occur in the future (chapters 7, 8, 9, and 10). It has been observed
that the ranges of some species are shifting significantly towards the poles, mountain
tops or ocean depths, probably in response to increases in temperature. Some spe-
cies, such as the pine processionary caterpillar, are able to move quickly to maintain
zones of habitat that are favourable to them. Other species, such as trees, are much
slower in these movements. It was also found that other species appeared to be
unable to adapt to change, in part because of the rate of change. For these species,

DOI: 10.1051/978-2-7598-2521-9.c012
© Science Press, EDP Sciences, 2021
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natural selection will take place. Climate change may also result in the proliferation
of certain species and thus a profound change in the quality of the habitat of other
species. In summary, climate change may cause many species present in a reserve to
lose much of the habitat that is currently favourable to them in that reserve. Some of
this habitat may disappear or be moved outside the reserve. The definition and also
the management of protected areas must therefore take into account the impacts of
climate change using, for example, bioclimatic models, even though there is great
uncertainty about the effects of these impacts, their significance and when they will
occur. The reserves defined must have the capacity to be as resilient as possible to
climate change. Note that the properties of contiguity — or connectivity — and
compactness of reserves (chapters 3 and 4) and the concepts of fragmentation and
biological corridors (chapters 2 and 6) are particularly important in the context of
climate change.

Protected zones and the way they are managed also contribute to slowing cli-
mate change, in particular by capturing and storing carbon in natural ecosystems.
Thus, increasing the size of protected zones and possibly changing their manage-
ment to sequester more carbon are important actions to combat climate change.
Protected zones can, for example, limit the loss of forests, which is considered an
important cause of climate change since forests contain the largest terrestrial carbon
stock (forests themselves are directly threatened by climate change). Grasslands also
contain large reserves of carbon. This aspect should be increasingly taken into
account in the choice of zones to be protected. The protection of certain zones may
be more effective than the construction of specific infrastructure to combat natural
disasters such as floods and storms. Of course, protected zones are not a complete
solution and cannot replace efforts to reduce emissions at source. In conclusion,
predictions of the effects of climate change are, therefore, becoming important fac-
tors to be taken into account in the selection and management of protected zones.

12.2 Three Fundamental Problems of Reserve Selection,
Under a Budgetary Constraint, Without Taking
Climate Change into Account

All of the issues discussed in the previous chapters can be revisited with climate
change in mind. To illustrate this approach, we consider three basic problems, two of
which have already been discussed in previous chapters (sections 1.3.1 and 1.3.2 of
chapter 1). The issues raised by the consideration of climate change and the
approach taken in this chapter would easily extend to other problems concerning the
optimal design and management of networks of protected zones. We briefly present
these three problems in which climate change is not taken into account. S = {s,
S9y.--5 Sm} 18 the set of species, animal or plant, that we are interested in, Z =
{z1, #,..., 2,} is the set of zones that we may decide to protect or not, and only one
level of protection is possible. The set of protected zones is called a reserve. As
already mentioned, to facilitate the presentation we are interested here in a set of
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species, but the approaches presented here could just as well apply to other aspects
of biodiversity. The set of indices for the species in S'is denoted by S and the set of
indices for the zones in Z is denoted by Z. B is the available budget and ¢;, i € Z, is
the cost of protecting zone z;. The cost of protecting a set of zones, RCZ, is equal to
the sum of the costs of protecting each of the zones in that set. The Boolean
variables z;, i € Z, and y,, k € S, are used to formulate these problems as mathe-
matical programs. By definition, z; = 1 if and only if zone z; is selected for protection
— for forming the reserve — and y;, = 1 if and only if species s; is protected by the
reserve.

12.2.1 Problem I: Choice of a Reserve Protecting
the Greatest Possible Number of Species —
of a Giwven Set — Knowing that the Protection
of Each Zone Makes it Possible to Protect a
Certain Set of Species

This problem, already discussed in section 1.3.1 of chapter 1, is to determine a set of
zones to be protected — a reserve — within an available budget, so as to protect as
many species as possible. Here, it is considered that a reserve, R, protects species sy,
from a certain instant, if and only if this species is protected by at least one of the
zones of R. For each of species s, the list of candidate zones whose protection leads
to the protection of s; is known. We denote by Z; the set of these zones and by Z; the
set of corresponding indices. This problem can be formulated as program Pis ;.

max y. Y
kesS
b w< S o keS (1211) | ze{01} ieZ (12.1.3)
121 i€z,
s.t.
S < B (1212) | 5 e{0,1} keS (12.1.4)
icz

12.2.2 Problem II: Selection of a Reserve Protecting
as many Species — of a Given Set — as Possible,
Knowing that a Species is Protected if its Total
Population Size in the Reserve Exceeds a Certain
Value

This problem, already discussed in section 1.3.2 of chapter 1 consists of determining
a set of zones to be protected, taking into account the available budget, so as to
protect the greatest possible number of species. Here, it is considered that a reserve,
R, protects species s, k € S, if and only if the total population size of that species in
the reserve is greater than or equal to a threshold value, 0. The population size of
each species in each of the candidate zones is known and denoted by n;, 1 € Z, k € S.
This problem can be formulated as program Pis 5.
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max y. Y
kes
P . kak, < Z ngx; keSS (1221) | T € {0, 1} 1€ 2 (1223)
12.2 iz
s.t.
S er<B (12.2.2) | we{0,1} keSS (12.24)
i€z

12.2.3 Problem III: Selection of a Reserve that Provides
Each Species — of a Given Set — with a Favourable
Habitat Area as Close as Posstible to a Target Value

This problem consists in determining a set of zones to be protected — a reserve — taking
into account an available budget, B, so as to ensure for each of the species under con-
sideration a total area of favourable habitat, included in the reserve, as close as possible
to a target value. For each species s, the area of habitat in zone z; that is favourable toit is
known; it is denoted by a;, i € Z, k € S. The target value for species s;, is denoted by
miny, k£ € S. This problem can be formulated as program P, 3, which uses, in addition
to variables z;, the positive or null variables g, that express the gap between the total
area of habitat in the reserve favourable to species s; and the target value for this
species, miny, k € S. This gap is only taken into account if the total area of habitat in
the reserve favourable to species s;, is less than min;.
min ) &gx

kes

S apzi+gr>ming ke S (123.1) | z€{0,1} ieZ (12.3.3)

i€z

S s < B (1232) | g>0 keS (12.3.4)

i€z

Piog:

A “goal programming” approach is used here, which aims to achieve, taking into
account a budgetary constraint, some objectives of protection for each species with a
penalty when these objectives are not achieved. For each species s, this penalty is
equal to the product of a positive number, &, by the difference between the total
area of habitat in the reserve favourable to species s, and the target value, min;. This
approach may be interesting compared to imposing strict targets because, for var-
ious reasons, these targets may be unachievable. Note that the economic function of
P55 expresses the sum of the penalties associated with each species.

12.3 Taking into Account a Certain and Known Climate
Evolution in Problems I, II and III

Let us revisit the previous problems in the light of climate change predictions. In this
section, we make the — strong — assumption that there is no uncertainty regarding
these predictions. The management horizon, T, consists of r periods Ti,..., T} and
all the decisions regarding the zones to be protected are made at the beginning of the
management horizon. We set T = {1,..., r}.
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12.3.1 Problem I

With regard to the extension of Problem I, it is assumed that certain zones con-
stitute a favourable habitat for s;, k € S, at certain periods but that this is no longer
the case at later periods, even if these zones are protected, because of climate
change. Conversely, some zones, at certain periods, do not constitute a favourable
habitat for certain species but these zones become a favourable habitat in later
periods. We thus assume, in a very general way, that we know Z;;, the set of zones of
Z which, if they are protected at the beginning of the horizon considered, constitute
a favourable habitat for species s, during the period T, Z,, designates the set of
indices of these zones. The definition of the sets Zj; requires important prospective
studies. The problem that then arises is to determine a set of zones to be protected,
at a cost less than or equal to a given value, and optimal with regard to the con-
servation of the species under consideration. The tricky question is: what is an
optimal reserve? The aim here is to determine a reserve that maximizes, within an
available budget, the number of species for which, at each period of the time horizon
under consideration, at least one zone of the reserve constitutes a habitat that is
favourable to them. It can be assumed, for example, that the species living at a
certain time in a zone favourable to them will move over time to other zones if that
initial zone is no longer favourable to them. In a first step, we do not consider
precisely these movement problems, but we could look at connected reserves
(chapter 3) or reserves whose different units are linked by biological corridors
(chapter 6). Indeed, the connectivity properties of reserves can significantly help
certain species to adapt to climate change.

To formulate this problem by mathematical programming, we use the Boolean
variable z;, 1 € Z, which takes the value 1 if and only if zone z; is protected at the
beginning of the horizon considered, and therefore throughout this horizon, and the
Boolean variable y;, k € S, which takes the value 1 if and only if species s, has, at
each period of the horizon considered, at least one protected zone which constitutes
a favourable habitat for it. It should be remembered that the decisions to protect
zones — and the implementation of these protections — are made at the beginning of
the horizon, without the possibility of modification. We obtain program P 4 which
is none other than program Pi5; in which constraints 12.1.1 are replaced by con-
straints y; < > .o 2, Tis ke S,te T. According to these constraints and the eco-
nomic function to be maximized, variable y; takes the value 1, at the optimum of the

program, if and only if, at all the periods of the horizon, at least one of the zones of
R constitutes a favourable habitat for species s;.

max Y. Y
kes
Proy: w< Yz kel teT (124.1) | 5,€{0,1} ieZ (124.3)
o i€Zy,
5.t
" S es<B (124.2) | 5e{0,1} keS (124.4)

i€z
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As mentioned earlier, climate change may force some species to migrate from one
zone to another. Let us now look at how to modify the wording of Problem I to take
these potential migrations into account. It is assumed, as before, that the set of
zones in Z, Z,;, which are favourable habitat for species s, during the period T}, are
known for all k€ S and for all ¢t € T. It is now considered that a zone z; of the
reserve protects species s; in the period T if, on the one hand, the habitat in z; is
favourable to species s in the period T}, i.e., if z; € Z;;, and, on the other hand, if
zone z; or a zone adjacent to z; already protected species s in the period Tj—. It is
assumed for all k € §, that species s; is protected by the reserve, during the first
period, if at least one of the zones in Z;; belongs to the reserve. Implicit in these
hypotheses is the assumption that, to some extent, the species are able to move
around the reserve. Therefore, the focus is now on determining a reserve that
maximizes, within an available budget, the number of species protected, a species
being protected if it is protected at each period of the time horizon considered and,
therefore, at the end of the horizon. This new version of Problem I can be formulated
as program Pis5 in which the meaning of variable y,, k€ S, is the same as in
programs P54 We also use the Boolean variable o, i1 € Z, k€ S, t € T. This
variable takes the value 1 if and only if zone z; protects species s;, during the period
Ty, i.e., if and only if the following three conditions are satisfied: (1) zone z; is
selected to be part of the reserve (z; = 1), (2) the habitat of zone z; is favourable to
species s;, at the period T, (z; € Zi), and (3) zone z;, or a zone adjacent to z; already
protected species s;, at the period T;—;. This third condition is to be satisfied only
from the second period of the horizon (¢ > 2).

max Y. Y
kel
Okt < i i€ Z,keS,tel (12.5.1)
o =0 keSteTl ieZ—-2Z, (12.5.2)
Ot < Qike—1+ Y o1 1€ Z, ke S, te T, t>2 (12.5.3)

jeAd);
Pizs : U< D Qi keSteT (12.5.4)

s.t. i€y
Y. cir<B (12.5.5)
icZ
z € {0,1} ieZ (12.5.6)
yr € {0,1} kesS (12.5.7)
o € {0,1} i€Z,keStel (12.5.8)

Constraints 12.5.1 require variable a;, 1 € Z,k € S,t € T, to take the value 0 if
zone z; is not selected. Constraints 12.5.2 require variable oy,
ke S, te Tl i€ Z— Z,, to take the value 0. Indeed, in this case, zone z; does not
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constitute a favourable habitat for species s;, during the period T} In other cases,
variable o;;; may take a priori the value 1 but because of constraint 12.5.3 it can only
take the value 1 if at least one of the variables in the set {ot—1} U {ajp—1,7 € Adj,}
was already taking the value 1. Adj,; designates the set of indices of the zones
adjacent to zone z; This last constraint thus reflects the fact that zone z; cannot
protect species s, during period 7T} if this zone or a zone adjacent to it did not
already protect this species during the previous period, T,—;. Because of the eco-
nomic function to be maximized and constraints 12.5.4, variable y,, takes the value 1,
at the program optimum, if, for each period T}, at least one of variables o, i € Z,,
takes the value 1.

Example 12.1. Let us illustrate this new version of Problem I and its resolution by
program P15 5 on a small example with 7 candidate zones, 10 species, and 4 periods.
Figure 12.1 describes this example by presenting, for each of the zones, the species
for which these zones constitute a favourable habitat and this for each of the 4
periods.

Z1 2

T1:S5 S9 T12S5 S10
T21S5 S7 89 T2§S5 S10
T3IS7 S8 T3:S5 S10
T4ZS7 S8 T42S5 S10

.83 S8
.83 8%
- S72 83
.87 853
Zg Z7
T, :51 S4 Sg T :5) 83 S5
T2:S1 S4 T22S2 S3 S5
T3ZS1 S4 T3IS3 S5
T4 A T4 .83 S5
Fic. 12.1 — Seven zones, z, 2,..., 27, are candidates for protection and 10 species, s,
89,..., S10, living in these zones, in the first period, are concerned. For each zone z; and each

period T, the species for which the zone in question constitutes a favourable habitat (if
protected), during the period considered are indicated. The cost of protecting the white zones
is equal to 1 unit, the cost of protecting the light grey zones is equal to 2 units and the cost of
protecting the dark grey zones is equal to 4 units. For example, zone zs, if protected, provides
a favourable habitat for species s3 and sg in the first two periods and for species s, and s3 in the
next two periods. The cost of protecting this zone is equal to 2 units.



TAB. 12.1 — Optimal reserves and associated protected species obtained by resolving P15 5 in the case of the example shown in figure 12.1, for

different values of the available budget, B.

B Used budget Reserve Protected species B Used budget Reserve Protected species
1 1 2 S5 810 3 3 2 R 2y %6 27 S1 83 S4 S5 S¢ S7 S10
2 2 2 % 51 85 S10 9 8 2 2 2y % 27 81 83 S4 85 S¢ S7 S10
3 2 2 2% $1 85 S10 10 8 2 % 2y 26 27 81 83 84 S5 Sg S7 S10
4 4 2 24 %6 81 84 S5 S6 S10 11 8 2 2 2y 2 27 81 83 84 85 S6 S7 S10
5 4 2 2y %6 81 84 S5 S6 S10 12 12 21 % 23 24 & 27 81 83 84 85 S¢ St S8 S10
6 6 2 2y 26 27 81 83 84 S5 S6 S10 13 12 21 %2 23 24 &6 A7 51 83 84 85 S¢ St S8 S10
7 6 2 24 % Y7 S1 83 S4 85 Sg S10 14 12 2 2 23 2 25 Zr S1 83 84 S5 Sg S7 S8 S10

9.8

SYIOM}ON BOTY Po1d910Ig SuruSrso(
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The optimal reserves obtained, taking into account the available budget, are
presented in table 12.1. It can be seen from this table that even if a budget were
available to protect all the 7 zones, only 8 out of the 10 species could be protected.
This is due to the two phenomena presented above: (1) a zone constitutes a
favourable habitat for a species at a certain period but this is no longer the case at a
later period, and (2) a protected zone can protect a given species at a period T; only
if that zone or one of its adjacent zones already protected that species at period Ty;.
So, the maximal number of species that can be protected is 8 and the cheapest
solution to obtain this protection is to protect all the zones except 25, which costs 12
units.

Figure 12.2 shows the optimal reserve when the available budget is equal to 7
units, and the species protected by the different zones during the 4 periods. Only

T

Z4:854 86 87

Z7 .82 8385 Z7:.828385

Fi1G. 12.2 — Optimal solution for a budget of 7 units; species protected by the reserve during
the 4 periods of the considered horizon. In period 77, 8 species are protected; in period T5,
these 8 species are still protected but species sg has migrated from zone z; to zone zy; in period
T3, there are only 6 species protected since species s, and s; are no longer protected, the other
species have not migrated; finally in period Ty, there are still 6 species protected although
species s, is no longer protected by zone z; but zone zj still protects this species. The 6 species
did not have to migrate.
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species i, S3, S4, S5, Sg, and sy are protected in each period of the horizon
considered.

12.3.2 Problem I1

With regard to the extension of Problem II, it is assumed, on the one hand, that
climate change is causing a change in the population size of the species in each
candidate protected zone over time and, on the other hand, that it is possible to
estimate this change. Let ngy, (i, k,t) € Z x S x T, be the predicted population size
of species sy, in the protected zone z; and during the period T} Species s;, is assumed
to survive in a given reserve, R, in period T} if its total population size in that reserve
is greater than or equal to 0. It is assumed here that this threshold value is not
time-dependent, but it would be easy to consider the more general case where this
value is time-dependent. This value would then be denoted by 0. The problem that
emerges in the case of Problem II is to determine a set of zones to be protected from
the beginning of the considered horizon, with a cost less than or equal to a given
value, and optimal with regard to the conservation of the species under considera-
tion. As in Problem I, it is necessary to define what constitutes an optimal reserve.
As in Problem I, the aim is to determine a reserve that maximizes, within an
available budget, the number of species that survives at the end of the considered
horizon. For this problem, the natural assumption is that a species survives at the
end of the horizon if it survives at each period of the horizon, i.e., as noted above, if
its population size in the reserve, at each period, is greater than or equal to the
threshold value.

To formulate this problem by mathematical programming, we use, as for
Problem I, the Boolean variable x;, i € Z, which takes the value 1 if and only if zone
z; is protected at the beginning of the horizon considered and therefore throughout
this horizon, and the Boolean variable y;, k € S, which takes the value 1 if and only
if species s;, survives until the end of the horizon considered. We obtain program
P15.6 which is none other than program P15 5 in which constraints 12.2.1 are replaced
by constraints 0y < Zie 7 i, k€ 8, t € T. These constraints allow variable yj,
to take, at the optimum of program P;5 g, the value 1 if and only if, at all the periods
of the horizon, the population size of species s; in the reserve is greater than or equal
to the threshold value, 0.

max . i
kes
Pry O < S mwa; keS, teT (1261) | 5e{0,1} ieZ (126.3)
D ieZ
. .
MY en<B (1262) | we{0,1} keS (12.6.4)

i€z
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12.3.3 Problem III
12.8.8.1 Static Approach

With regard to Problem III, which has been adapted to take account of climate
change, it is assumed that the area of habitat favourable to species s; in zone z; is
known for all the periods of the time horizon considered if zone z; is protected from
the beginning of the horizon considered. This area is denoted by a;,
1€ Z, ke S,teT. As before, the aim is to define an optimal reserve at the
beginning of the horizon under consideration. Thus, each candidate zone is pro-
tected, or not, from the beginning of the horizon and during all the periods of this
horizon. For this problem, a “goal programming” approach is adopted, i.e., one seeks
a reserve that ensures, for each of the species under consideration and at each period
of the horizon, a total area of favourable habitat — included in the reserve — as close
as possible to a target value. The target value for species s; is denoted by miny,
k € S. To simplify the presentation, it is assumed that it is not time-dependent.
To formulate this problem by mathematical programming, we use as previously
the Boolean variable z; , ¢ € Z, which takes the value 1 if and only if zone z; is
protected at the beginning of the horizon considered and therefore throughout this
horizon, but also variable g;;, k € S, t € T, which expresses the gap between the
total area of habitat favourable to species s;, in the reserve, at the period T}, and the
target value for this species, min,, — value independent of the period. This gap is only
taken into account if the total area of habitat favourable to species s; on the reserve
at time 7 is less than min. In other words, gi = max{0, (min; — >, , ais2;) }. This
gives program Pi57, which corresponds to program Pi53 in which the economic
function is replaced by » ;¢ .rCrgr, and constraints 12.3.1 by constraints

Y icz Gkt + g >ming, k€ S, t € T. Note that the objective achieved by a given
reserve is evaluated globally since it is measured by the sum of the gaps over all
species and over all periods.

min > &pou
keSS, teT
> awzi+gw>ming ke S, teT (12.7.1)
i€Z

Piaz: Y cani<B (12.7.2)

s.t.| €2
;€ {0,1} A=A (12.7.3)
gk >0 keS teT (12.7.4)

The economic function expresses the weighted sum, for all the periods T} and all
species sy, of the gaps between the total area of habitat favourable to species s, in the
reserve in period T and the period-independent target value for that species, min;. It is
assumed here that the weighting coefficient, £;,, does not depend on ¢. Since constraint
12.7.4 requires g;; to be non-negative, these gaps are only considered if the total area of
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habitat favourable to species s; in the reserve at the time T} is less than miny. Con-
straints 12.7.1 express the value of these gaps at the optimum of the program.

12.8.8.2 Dynamic Approach

Here we examine a “dynamic” variant of the extension of Problem III. The essential
difference with the “static” Problem III, presented in the previous section, is that the
configuration of the reserve can change over time. However, the decisions are made
at the beginning of the horizon (see section 12.3.3.3 for an issue where the decisions
may be questioned over time). Thus, at the beginning of each period, a certain
budget is available — B, at the beginning of the period T, — and a decision can be
made to acquire zones for protection but also to cede zones — which would no longer
be interesting — in order to increase the budget available at the beginning of this
period. It is assumed that the unused budget in a period is lost, but this assumption
could easily be changed (see chapter 1, section 1.4). The management horizon, T, is
formed as before of r periods T7,..., T, and T designates the set of indices {1,..., r}.
As with the static problem, a reserve is searched to ensure that for each species
considered and each period of the horizon a total area of favourable habitat —
included in the reserve — is as close as possible to a target value. The target value for
species s;, k € S, is denoted by ming. To simplify the presentation it is assumed that
it is not period-dependent. It is assumed that the area of habitat favourable to
species s, in zone z; is known for all the periods of the time horizon considered. This
area is denoted by a;, 1 € Z, k€ S,t € T; here it does not depend, a priori, on
whether zone z; is protected or not. However, some zones that have not yet been
included in the reserve at a given time may be allocated to certain activities that
cause them to lose their status as candidate zones for protection. More specifically,
as an example, we consider here, that the following two constraints should be taken
into account:

— (Ci2.1): A zone of the reserve that has been ceded at a certain period can no
longer be acquired at the beginning of a subsequent period to be returned to the
reserve.

— (Cia.2): After a certain period of time, certain zones, which were available for
inclusion in the reserve, are no longer available if they have not already been
included in the reserve. Let us denote by Ty, i € Z, the period after which it is
no longer possible to acquire zone z;.

We denote by ¢, it € Z, t € T, the cost of acquisition of zone z; at the beginning
of the period T} in order to protect it, vy, ¢ € Z, t € T, the cost of cession of zone z;
at the beginning of the period T}, and B, the budget available at the beginning of the
period T}, not taking into account the cessions carried out at the beginning of the
period T;. The proceeds of these cessions are considered to be available at the
beginning of the period T} It should therefore be added to B; to define the total
budget available at the beginning of this period. The composition of the reserve can
thus change over time, but all the decisions regarding acquisitions and cessions are
made at the beginning of the considered horizon. The following Boolean variables
are used to formulate the problem as a mathematical program: y,;;, i € Z,t € T,
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which takes the value 1 if and only if zone z; is acquired at the beginning of the
period T}, and uy, 1 € Z,t € T, which takes the value 1 if and only if zone z; is ceded
at the beginning of the period T} The Boolean variable z; is also used, which takes
the value 1 if and only if zone z; is part of the reserve at the beginning of the period
T; and thus throughout the period T; This variable thus takes the value 1 if and
only if zone z; was acquired at the beginning of one of the periods Ti,..., T; and not
ceded at the beginning of one of these same periods. The problem considered can be
formulated as the mathematical program P15 g.

min > &igw
kesS, tel
> AT+ gy >ming ke S, teT (12.8.1)
i€Z
> it < By (12.8.2)
i€Z
> it < BiA Yo viguy t€ T, t>2 (12.8.3)
€z €z
Tit = Tig—1 + Yit — Uit 1€ Z,te T, t>2 (1284)
Pras | patuasl i€ Zte T, t>2 (12.8.5)
S.T.
> yas<l-uy i€ Z,te T,t>2 (12.8.6)
I=t+1,..,r
E Yit = 0 1€ Z (12.8.7)
t=t(i),...,r
zy; € {0,1} i€ Z,teT (12.8.8)
yir € {0,1},uy € {0,1} i€ Z,te T,t>2 (12.8.9)
Gt =0 keSteT (12.8.10)

The economic function of P4 g expresses the weighted sum, for all the periods T}
and all species s;, of the gaps between the total habitat area of the reserve favourable
to species s;, at the period T}, and the target value for that species, min; — inde-
pendent of the period. These gaps, represented by variables gy are only accounted
for if the total area of habitat favourable to species s; in the reserve at time 7T} is less
than min;. Constraints 12.8.1 combined with constraints 12.8.10 express the value of
these gaps at the program optimum. Constraint 12.8.2 expresses the budget con-
straint, for the first period, and constraints 12.8.3 express the budget constraint, for
all the other periods. Constraint 12.8.4 expresses that zone z; belongs to the reserve
in the period Ty (x; = 1) in the following cases: (1) it already belonged to the reserve
at the period Ty (z;1 = 1) and was not ceded at the beginning of the period T
(uyz = 0), 2) it did not belong to the reserve at the period Ty (z;.; = 0) and was
acquired at the beginning of the period T} (y; = 1). Constraints 12.8.5 express the
impossibility of carrying out simultaneously at the beginning of each period the
acquisition and the cession of the same zone. Constraints 12.8.6 express that if zone
zi, 1 € Z, has been ceded at the period T}, t € T,t>2, then this zone cannot be
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Zone 71 (<T5) Zone 73 (< T)) Zone 73(<Ty)

TV T |T5 | Ty Ty |1, |T5 | Ty Ty | T, |T5 | Ty
S110.7(10.0]0.6]0.5 S1103(0.1]03]0.7 s1 102 102 |02 |08
$2102105]0.6]0.7 $§210.0(0.7]0.7]0.2 s2 104 0.7 |06 |0.0
s311.0[0.2]0.8]0.7 s3105(0.0/0.6]0.9 s3 100 |00 |06 |09
S410.1[0.1]03]0.6 S410.0[08]0.1]03 S4 100 | 0.0 |02 | 0.6
S5 10.8(0.0|04]0.0 S510.2105]0.9 | 0.0 S5 107 102 109 |03
S6 | 0.6 04| 0.0]0.0 S6 1 0.803]0.7] 1.0 S¢ 109 |06 | 1.0 | 0.0
§710210.1]0.7]03 §7108[05]05]0.8 s7 103 | 1.0 |09 |0.1
sg|0.000]0.8]0.0 sg | 03040000 sg | 0.6 |03 04|05

Zone 74 (< T3) Zone z5(<T5) Zone z6(< 1))

TW| T |T5 | Ty Ty | T |T5 | Ty Ty | T, |T5 | Ty
$110410.0]0.0]09 §110.1[0.2]09]0.0 sy 102 102 04 |0.1
$2103(105]09] 1.0 $2109(1.0]09]0.6 s> {08 |03 |08 |0.0
§3103(0.0]05]0.0 §3102 (051005 s3 101 106 |09 |05
S410.6(03]0.0]0.2 S4101(05]03]0.8 S4 100 |00 |03 |0.7
S510.0(0.7]0.0]04 S5 104 (0.6 0.6 ]| 0.6 S5 0.1 |01 {09 |03
S¢ 1 0.1 0.0]0.0]0.0 S6 106040703 S¢ 106 |09 |03 |09
§710.0(0.6|0.8]0.0 §7103(104|1.0]09 s7 108 0.0 |05 |0.0
sg 1010100103 sg102(0.7]0.8] 0.0 sg [ 0.6 |08 |07 |0.0

Zone z7(<Ty) Zone zg(<Ty) Zone 79 (<T5)

Ty | T | T5 | Ty Ty | T, |T5 | Ty Ty | T, |T5 | Ty
S110.6(0.0]08]03 S111.010.0[03]0.1 S1 100 /0.0 |00 |02
S2 | 1.0102]030.3 $210.6103]0.00.0 S2 105 (04 102 |0.6
$310.0(00]0.6|0.6 $310.6(104]08|03 s3 107 1.0 |08 | 0.0
S410410.0]0.0]|0.1 S4109(1.0]05]09 S4 100 |06 |05 |09
S510310.1]1.0]09 S5 | 1.0]081]0.7]0.9 S5 10.0 (0.0 |00 | 0.0
S6 103050709 S6105(03]08]0.3 S¢ 103 103 (07 |0
$710.21041]0.8]0.0 $7105100]02]0.8 §7 100 (0.7 |02 |0.5
Sg | 1.0 09| 1.0] 0.0 S8 103(0.0|0.7]04 sg [ 08 | 0.6 |01 |05

F1G. 12.3 — Description of a hypothetical instance with 9 zones z;, 2,..., 2 and 8 species
81, $2,..., S3. The area of each zone is equal to one unit. In each zone z; are indicated: the date
until which the zone can be acquired and, for each pair (s;, T}), the fraction of the area of this
zone that constitutes a favourable habitat for species s; during the period T} For example,
zone zz may be acquired in the periods Ty, Ty, T3, or Ty and 70% of the area of zone z is
favourable to species s5 in the period Ts.

acquired later to be reintegrated into the reserve. Constraints 12.8.7 express that
from the period T}y onwards it is no longer possible to acquire zone z; for inclusion
in the reserve. Finally, constraints 12.8.8-12.8.10 specify the nature of the variables.

Example 12.2. Consider the instance described in figure 12.3 (9 square and identical
zones with an area of one unit, 8 species, 4 periods) and table 12.2.
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TAB. 12.2 — Acquisition and cession costs of the 9 zones during the 4 periods.
Ciy  Cot C3t Cat Cst Cor  Crr C8t Cot Vg Vo U3p Vg Usp Ut Uzp Uy Uyt
1 8 4 6 10 7 8 5 8 8 t=1
=2 5 - 6 6 5 - -9 t=2 5 8 6 6 5 5 4 9 7
t=3 - - 8 4 - - - 7 t=3 10 7 8 4 9 5 6 7 6
=4 - - 8 - - - 4 - t=4 10 5 8 9 9 7 9 4 8
Reserve in the period 7 Reserve in the period 7,
51:02,5:1.0
$3:0.5,54:0.5
s5:0.6,56:0.4
57:0.4,53:0.7
51:0.6,5,:1.0 52:0.2,55:0.1
$4:04,55:03 S6:0.5,5,:0.4
56:0.3,57:0.2 es: 0.9
s3: 1.0

Overall deficit for the period: 12.2

Overall deficit for the period: 9.6

Reserve in the period T3

Reserve in the period 73

51:0.8,53:0.9
$4:0.6,55:0.3
57:0.1,53:0.5
51:09,5:09
5:09,s:0.5 51:09,5:1.0 52:0.6,53:0.5
$3:1.0,54:0.3
57:0.8 $4:0.2,55:0.4 $4:0.8,55:0.6
57 55:0.6,50:0.7 5 5 S %
s53:0.3 56:0.3,57,:0.9
57:1.0,55:0.8
51:0.8,5:03 s1:0.1,83:03
$3:0.6,55:1.0 54:0.9,55:0.9
56:0.7,57:0.8 56:0.3,57:0.8
sgol s3:0.4

Overall deficit for the period: 3.2

Overall deficit for the period: 3.3

Fic. 12.4 — Optimal solution for the instance described in figure 12.3 and table 12.2. Zone z;
is acquired at the beginning of the period Tj. At the beginning of the period T, zone z; is
acquired. At the beginning of the period T3, zone z,; is acquired. Finally, zones z3 and z are
acquired at the beginning of the period T, and zone z; is ceded at the beginning of the same
period. The overall deficit is equal to 12.2 + 9.6 + 3.2 + 3.3 = 28.3.
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Let us solve the problem when the budget available at the beginning of each
period, By, t € T, is equal to 5, the target value for each species, miny, is equal to 2
units, and &, =1, k= 1,..., 8. The optimal solution obtained is described in
figure 12.4, which shows the zones belonging to the reserve in the different periods.
In each zone and for each period, the fraction of habitat favourable to the species is
indicated when this fraction is not zero. The overall deficit associated with each
period is also indicated.

12.8.8.8 Adaptive Management: Review at Each Period of Earlier Decisions

Let us return to the problem considered in section 12.3.3.2. Suppose that it has been
solved by Pi2s, that we have reached the end of the period 7, and that the
forecasts for the following periods, i.e., Tj,..., T}, have changed. Thus, for
1€Z, keSS, teT, t>7, ayp has become a;, for i€ Z, te€ T, t>4, ¢y has
become ¢; and v; has become vy, for i € Z, t(i) has become ff(z) and, finally, for
te T, t>j, B; has become B,. At the end of the period T, the reserve is formed of
certain zones. The composition of this reserve is the consequence of the acquisitions
and cessions made during the periods T1,..., Tj_;. Denote by Z; ;_; the value taken
by variable z;;_1, i € Z, in the optimal solution of P55 and u; the value taken by
variable uy, 1 € Z,t € T,2<t<j—1, in the same optimal solution. The composi-
tion of the reserve is defined by ;;—1, ¢ € Z. The zones to be acquired or ceded in
subsequent periods, 7},..., T,, can then be determined, taking into account the
updated forecasts, by resolving program P, q.

min Z ékgkt
keS, tel,t>j
> Qi Tir + gre > ming keS,teT, t>j (12.9.1)
icZ
S ey < Bi+ Y Dy ted,t>] (12.9.2)
1€z i€
Tij—1 = Ei,j—l 1€ Z (1293)
Tit = Tig—1 + Yir — Uit 1eZ,teT t>y (12.9.4)
Vi +up <1 1€ Z,te T, t>7 (12.9.5)
Piog : i = Ty ieZte T,t<j—1 (12.9.6)
t.
® ) ya<l—uy i€ZteT,t>2  (12.9.7)
l=max{j, t+1},...,r
> ya=0 ieZ (12.9.8)
t=1(1),...,7
€ {0,1} ieZte T, t>j—1 (12.9.9)
yir € {0,1} i€Zte T t>] (12.9.10)
uy € {0,1} i€ Zte T, t>2 (12.9.11)
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The economic function and constraints of Py, 9 are similar to the economic
function and constraints of Pysg5. Constraints 12.9.1, 12.9.2, 12.9.4, and 12.9.5
concern only the periods after period T} ;. The composition of the reserve at the end
of the period T} ; is defined by constraints 12.9.3. Since % is the value taken by
variable wu; in the optimal solution of P g, constraints 12.9.6 and 12.9.7 express
that a zone z;, ceded at period T}, can no longer be acquired at the beginning of a
subsequent period to be reintegrated into the reserve. Constraints 12.9.8 express, for
all 1 € Z, that from the period T i) subsequent to the period T} — zone z; can no
longer be included in the reserve if this has not already been done. Constraints
12.9.9-12.9.12 specify the nature of the different variables.

The resolution of program Pi5g provides a solution to the problem of sec-
tion 12.3.3.2, which is to determine the zones that must be acquired for protection
and those that must be ceded, at the beginning of each period of the horizon under
consideration, in order to ensure for each species a total area of favourable habitat as
close as possible to a target value, taking into account the available budget. Deci-
sions are made at the beginning of the horizon, and the relevance of these decisions is
highly dependent on the quality of the various forecasts. We have just shown — in
this section 12.3.3.3 — how to adapt, at the end of the period 7, the optimal
solution obtained at the beginning of the horizon under consideration to take into
account changes in the forecasts for the periods Tj,..., T;.. This process can be
repeated at the end of each period, i.e., for j = 2,..., r.

12.4 Taking into Account Climate Change, Described
by a Set of Scenarios, in Problems I, IT and III;
Conservative Approach

This section realistically considers that the impacts of climate change are not known
for sure and that several hypotheses can be considered. To reflect the uncertainty in
the ability of different zones to protect species over a given time horizon, we consider
a set of possible scenarios, Sc = {sc;,scs,..., sc,}. A scenario is here a set of
assumptions about climate change and its consequences for the survival of the
species under consideration in the candidate zones for protection and this for
the entire management horizon under consideration. We set Sc = {1,2,...,p}. The
identification of the different scenarios and the description of their consequences are
delicate tasks. We resume Problems I, IT and III in this framework.

12.4.1 Problem I

With regard to the extension of Problem I, it is assumed, in a general way, that the
ability of the zones to protect certain species — if these zones are protected from the
beginning of the considered horizon — depends both on the scenario envisaged and
on the period considered. Denote by Z}; the set of zones allowing the protection of
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species s;, during period T; in the case of scenario sc,,. In other words, in order to
ensure the survival of species s; during period T3, if scenario sc, occurs, it is nec-
essary and sufficient that at least one of the zones of Z}; be protected — from the
beginning of the considered horizon. These sets are assumed to be known for any
triplet (k,t,w) € § x T x Sc. The corresponding set of indices is denoted by Z}.

As in the case where climate change and its consequences are assumed to be
known with certainty (section 12.3.1), the problem of determining a set of zones to
be protected with a cost less than or equal to a given value and “optimal” with
regard to the conservation of the species under consideration is considered here. The
question then arises: what is an optimal reserve? For this Problem I, several
objectives can be considered, as this is done in chapter 8. For example, a very
conservative strategy can be adopted by seeking to identify a reserve that maxi-
mizes, within an available budget, the number of species that survive at the end of
the considered horizon, in the worst-case scenario. The survival of this number of
species is then guaranteed regardless of the scenario that occurs.

For Problem I, a species is assumed to survive at the end of the time horizon
under consideration and within a given scenario if, at each period of that horizon, at
least one of the protected zones is able to protect that species in that scenario. On
the other hand, all the protection decisions and their implementation are made at
the beginning of the horizon considered.

Mathematical programming formulation. As before, we use the Boolean variable
x;, @ € Z, which takes the value 1 if and only if zone z; is protected at the beginning
of the horizon under consideration — and thus throughout this horizon — and the
Boolean variable y’, k€ S, w € Sc, which takes the value 1 if and only if species s,
survives at the end of the horizon under consideration, when scenario sc,, occurs. We
obtain program P15 1.

max o
a< >y  weSc (12.10.1)
keS
W< Y keSoeSetel (12.102)
ey,
P10 : S ez < B (12.10.3)
s.t. i€z
5 e{0,1} ieZ (12.10.4)
y€{0,1} keS ,weSc (12.10.5)
2eN (12.10.6)

Let us examine constraints 12.10.2. Because of the economic function, a, to be
maximized and constraints 12.10.1, variable y;’ takes, at the optimum of Py 19, the
largest possible value. For a given species and for a given scenario, this variable takes
the value 1 if and only if, in each period, at least one of the zones of the reserve

o

protects species s;, and the value 0 if not. We therefore have, at the optimum, y’ =
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if and only if the reserve allows the protection of species s;, in the case of scenario sc,,.
The quantity ), ¢ 9;’, which appears in the second members of constraints 12.10.1,

thus expresses the number of species protected by the reserve in the case of scenario
Sc,. Because of constraints 12.10.1 and since we are trying to maximize variable a,
the value of this variable, at the optimum, is equal to the number of protected
species, in the worst-case scenario, i.e., the one corresponding to the smallest
number of protected species. Constraint 12.10.3 expresses the budget constraint and
constraints 12.10.4-12.10.6 specify the nature of the variables.

12.4.2 Problem I1

With regard to the extension of Problem II, it is assumed that the number of species
in each protected zone evolves over time and according to the scenario. It is also
assumed that this evolution is known, for each scenario, at the beginning of the
considered horizon. The population size of species s; in zone z; — protected from the
beginning of the time horizon — during the period 7} in the case of scenario sc,, is
denoted by nf,, (i,k,t,w) € Z x S x T x Sc. Species s; is assumed to survive in a
given reserve, R, during the period T; and in the case of scenario sc,, if its total
population size in that reserve, in that period and in that scenario is greater than or
equal to a threshold value, 07. It is assumed that this threshold value does not
depend on t. The aim is to identify a set of zones to be protected, with a cost less
than or equal to a given value, and “optimal” with regard to the conservation of the
species under consideration. Here again, a very conservative strategy can be adopted
by seeking to identify a reserve that maximizes, taking into account an available
budget, the number of species that survive at the end of the considered horizon,
regardless of the scenario that occurs. A species is assumed to survive at the end of
the considered horizon and in the considered scenario if, in each period of that
horizon, the size of its population in the reserve, in the considered scenario, is greater
than the threshold value.

Mathematical programming formulation. As before, we use the Boolean variable
x;, 1 € Z, which takes the value 1 if and only if zone z; is protected at the beginning
of the considered horizon and thus throughout this horizon and the Boolean variable
¥, k € 8, w € Sc, which takes the value 1 if and only if species s; survives at the end
of the considered horizon, when scenario sc,, occurs. To formulate Problem II, it is
sufficient to replace in program P59 constraints 12.10.2 by constraints

VU < D s M, k€ 8,0 € Sc, t € T. Indeed, according to this constraint, for a
given species, s;, and for a given scenario, sc,,, variable y{’ can only take the value 1 if
at each period, the population size of species s; in the reserve, >, , n%,2;, is at least

equal to 07 . It therefore takes the value 0 otherwise. We thus have, at the optimum,
yi? = 1 if and only if the reserve protects species s;, in the case of scenario sc,,.



288 Designing Protected Area Networks

12.4.3 Problem II1

As regards Problem III adapted to take climate change into account with different
scenarios, it is assumed that for all the periods of the considered horizon, T, and in
each scenario sc,,, the habitat area of zone z; — protected from the beginning of the
considered horizon — favourable to species s;, is known. This area is denoted by ag,,
1€Z,ke S, te T,oe€Sc. As in the previous two sections, the problem is to
identify a set of zones to be protected with a cost less than or equal to a given value
and “optimal” with regard to the conservation of the species under consideration.
Here again, a very conservative strategy can be adopted by seeking to identify a
reserve that ensures that for each of the species under consideration, at each period
of the horizon, and whatever the scenario that occurs, a total area of favourable
habitat — included in the reserve — is as close as possible to a target value. We assume
that this target value does not depend on either the time period or the scenario, but
it is not mandatory. The target value for species s, is denoted by miny, k£ € S.

Mathematical programming formulation. We use as previously the Boolean vari-
able z;, 1 € Z, which takes the value 1 if and only if zone z; is protected at the
beginning of the horizon considered and thus throughout this horizon and the real
and positive or zero variable g}, k € §,t € T, w € Sc that expresses the gap between
the total habitat area of the reserve favourable to species s;, in scenario sc,, over the
period T, and the target wvalue for that species, min;, a time- and
scenario-independent value. This gap is only considered if the total area of habitat in
the reserve favourable to species s, in scenario sc,, at time T}, is less than min,. In

other words, ¢ = max{0, (minj, — Zieg af,z;)}. This gives Pigq;.

min o
2> Y Ge oS (12.11.1)
keS teT
a4+ g >ming  (k,o,t) € SxScex T (12.11.2)
i€Z
Piogr: S r < B (12.11.3)
s.t. i€z
z € {0,1} icZ (12.11.4)
>0 (k,o,t) € SxSex T (12.11.5)
2>0 (12.11.6)

Let us examine constraints 12.11.2. The quantity >, , af,z; expresses the total

area of the reserve favourable to species s; at the period T} in the case of scenario sc,,.
Because of constraint 12.11.1 and the attempt to minimize variable a, variable gj;
takes, at the optimum, the smallest possible value, i.e., the value 0 if the quantity is
greater than or equal to min, and the value (min,—> .., a$,;) otherwise. The
quantity >, ¢ e p &rg5 thus expresses well, in the case of scenario sc,,, the weighted

sum, for all the species and for all the periods, of the area deficit. Variable a thus
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takes at the optimum, the value of the overall deficit in the worst-case scenario, i.e.,
the one that maximizes this deficit. Constraint 12.11.3 is the budgetary constraint.
Constraint 12.11.4 requires variable x;, i € Z, to be Boolean, and constraint 12.11.5
specifies that variables g;;, kK € §,¢t € T, w € Sc, are positive or zero real variables.

12.5 Reserve Minimizing, Under a Budgetary
Constraint, the Relative Regret Associated
with Problem III in the Worst-Case Scenario
of Climate Change

We have just seen how to determine robust solutions for Problems I, IT and III. In
each of these problems, a value, Val®(R), is associated with the set, R, of selected
zones — the reserve — in the case of scenario sc,,, and a robust reserve corresponds to a
reserve that takes on the best value in the worst-case scenario. As discussed in other
chapters, this objective can have a significant disadvantage: if one of the scenarios is
very “pessimistic” then the selection of an optimal reserve will essentially consider
that particular scenario. As in chapter 8, other robustness criteria can be considered.
For example, one can seek to determine a reserve — under a budget constraint — that
minimizes the largest relative gap — over all the scenarios — between the value of the
obtained reserve and the value of the optimal reserve in the scenario under con-
sideration. Let us apply this approach to Problem III. In this case Val®(R) repre-
sents the overall area deficit — species-weighted — associated with a reserve, R, if
scenario sc,, occurs. As we saw in section 12.4.3, Val”(R) = > i s ey &rgf; where
gy = max{0, (minj, — > .., a%,%;)}. The optimization problem considered can be
written minpc 7 o(p) < p{ maxees[(Val®(R) — Val®(R*))/Val®(R*?)]} where R* is
the most interesting reserve for scenario sc, i.e., reserve R that minimizes the
quantity Val”(R). In order to solve the problem under consideration, we must first
calculate Val”(R*”) for all w € Sc. This value, which we denote by Val* for sim-
plicity, corresponds, for scenario sc,, to an optimal solution of the mathematical
program Pys 15(w).

min > ékg%

kes | teT
icz
Plg,lg(w) : Z a?]i,tl‘i + gz;‘ > min; k€ ﬁ, teT (12.12(,).2)
s.t.| €2
gin>0 keSteT (12.12,.3)
T; € {0, 1} 1€ 24 (12.12(0.4)
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Finally, the problem under consideration can be solved by the mathematical
program P53 in which variable Val® represents the quantity Val®(R) for reserve
R retained, i.e., for the reserve formed by zones z; such that x; = 1.

min o
Y cr<B (12.13.1)
i€z
S Qa4 g% > ming (ko f) € SxSex T (12.13.2)
i€
Val® = 3 g2 weSc (12.13.3)
keS, teT
Pi213: Val®_Val®
st o> % € Sc (12.13.4)
93>0 (k,w,t) € SxSex T (12.13.5)
5 €{0,1} icZ (12.13.6)
Val® >0 o € Sc (12.13.7)
2>0 (12.13.8)

Constraint 12.13.1 expresses the budgetary constraint. Constraint 12.13.2, asso-
ciated with constraint 12.13.5, expresses, for each species, for each period and for each
scenario, the area deficit associated with the selected reserve, which is intended to be
minimized. Constraints 12.13.3 express the global area deficit associated with the
selected reserve in each scenario, Val®, which lightens the writing of constraints
12.13.4. Because of the economic function, o, to be minimized and constraints
12.13.4, variable « takes, at the optimum of Py, 13, the largest of the values (Val® —
Val*®)/Val*® over all scenarios sc,,. Finally, constraints 12.13.5-12.13.8 specify the
nature of the different variables. The resolution of Py, 15 therefore allows the selec-
tion of zones whose protection minimizes the largest relative gap, over all the
scenarios, between the existing global area deficit taking into account the selected
zones — zone z; is selected if z; = 1 — and the minimal global area deficit that could
have been obtained in the considered scenario possibly selecting another set of zones.

12.6 Taking into Account Climate Change Described
by Several Scenarios Each with a Probability,
in Problems I, II and III; Mathematical
Expectation Criterion

As in sections 12.4 and 12.5, we consider in this section that there are several
possible scenarios for climate change, but it is further assumed that a probability,
p®, can be assigned to the occurrence of each scenario sc,,, ® € Sc. Problems I, IT and
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IIT will be reconsidered in this framework using this time the mathematical expec-
tation criterion and not a robustness criterion as previously.

12.6.1 Problem 1

In this new framework, Problem I consists in determining a set of zones to be
protected — a reserve — from the beginning of the horizon under consideration that
takes into account an available budget and maximizes the expected number of
protected species. Recall that we consider here that species s, is protected in the case
of scenario sc,, if and only if, at each period of the horizon considered, at least one of
the zones of the reserve protects sy, i.e., at least one of the zones of Zj; belongs to the
reserve. This problem can be formulated as the mathematical program P15 14.

max > p” >y
w€Sc keS
yw< > oz keS,weScteT (12.14.1)
i€Zy,
P12'14 : Z C;T; S B (12142)
s.t.| €2
x; € {0,1} 1€ 4 (12.14.3)
v e{0,1} keSS ,weSc (12.14.4)

Constraints of Py514 are all already present in Pys 9. The expression >, ¢ 45

corresponds to the number of protected species in the case of scenario sc,. The
economic function of P54 therefore expresses the expected number of protected
species, since p® is the probability that scenario sc,, will occur.

12.6.2 Problem II

Like Problem I, Problem II consists in determining a set of zones to be protected — a
reserve — at the beginning of the considered horizon that takes into account an
available budget and maximizes the expected number of protected species. The only
difference is that in Problem II a reserve R is considered as protecting species s,
k € S, if and only if the total population size of that species in the reserve, at each
period, is greater than or equal to a threshold value, 0. In order to formulate this
problem, it is sufficient to replace, in programme Pi5 14, constraints 12.14.1 by
constraints 0,y < Zz’eg;; ng, i, k€ S,w € Sc,t € T. Recall that ny, is the popu-
lation size of species s;, in zone z; — protected from the beginning of the time horizon —
during the period T; and in the case of scenario sc,,.

12.6.3 Problem II1

The problem is to select a set of zones, R, to be protected from the beginning of the
considered horizon, with a cost less than or equal to B and such that the expected
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sum, for all the species and for all the periods, of the species-weighted deficits of the
area of R favourable to the species considered in relation to the desired area for the
same species is minimal. This optimization problem can be formulated as follows:
MiNgcz oR)<B Dwese P Dres, et CO(R) where gjj(R) is the above-mentioned
deficit for species s;, at the period T, and in the case of scenario sc,. This problem
can be formulated as the mathematical program Pis 5.

min >0 p” > Cigi
weSc kesS, teT
> agri+ g >ming ke S,weSc,te T (12.15.1)
icz
Piais - >z <B (12.15.2)
s.t.| i€z
z € {0,1} icZ (12.15.3)
g >0 ke S,weSc,teT (12.15.4)

Recall that af},, i€ Z, k€ S,t € T,w € Sc is the habitat area of zone z — pro-
tected from the beginning of the considered horizon — favourable to species s;, during
the period T; and in the case of scenario sc,. Constraints of Py 15 are all already
present in Py5q;. Since p® is the probability that scenario sc, will occur, the eco-
nomic function of P4 15 expresses the expected sum, for all the species and for all the
periods, of the species-weighted deficits in the area of R favourable to the considered
species compared to the desired area for this species.

12.7 Protected Zones and Carbon Sinks

It is widely recognized that protected zones have an important role to play in trying
to mitigate climate change. They reduce greenhouse gas emissions by capturing
carbon from the atmosphere and protecting the existing carbon stocks. However, the
effective management of these zones (e.g., reforestation, forest management) is
necessary for them to fulfil their role. For example, degraded forests may contain
much less carbon than intact forests. Of course, protected zones are not a complete
solution; they are not a substitute for efforts to reduce emissions at source, which are
mainly caused by the burning of oil, coal and gas and by deforestation. This section
focuses on the definition of protected zones taking into account two aspects simul-
taneously: (1) species protection and (2) carbon capture and sequestration. Indeed,
addressing climate change mitigation must not overshadow the direct protection of
biodiversity.

To illustrate this issue simply, let us take up Problem I defined in section 12.2
and briefly recalled here: determine a set of zones to be protected, taking into
account an available budget, in order to protect the greatest possible number of
species of a given set. Reserve R protects species s, if and only if that species is
present in at least one zone of R and the species present in each of the candidate
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zones are known. To characterize the quality of a reserve, two additional data will be
considered for each protected zone: the amount of carbon stored and the amount of
carbon sequestered each year. Some zones (e.g., primary tropical forests, mangroves,
peatlands) are more efficient than others with respect to these two quantities.
A management horizon of r years is considered. To simplify the presentation, it is
assumed that the unprotected zones do not store or sequester carbon. So we have a
two-criterion problem because a reserve will be characterized both by the number of
species it protects and the amount of carbon it captures and stores. We denote by ¢;
the amount of carbon stored in zone z; and by p; the amount of carbon captured and
stored by zone z; each year. We assume here, to simplify the presentation, that these
two quantities do not depend on the period, but it would be easy to adapt what
follows to the opposite case. Let us recall that Z; designates the set of zones hosting
species s, and Z;, the set of corresponding indices. With each selected zone z; is
associated a cost, ¢;, reflecting the acquisition and management of this zone with the
aim, on the one hand, of protecting the species and, on the other hand, of capturing
and storing carbon. This can be formulated as P 1.

max{ > Uk > (@it Tpi)xi}

kes  icZ
Pioig: Yk < Z T ke § (12161) | T € {07 1} 1€ Z (12163)
icZ,
s.t.
S e < B (12162) | pe{0,1} keSS (12.164)
i€z

This program is identical to program P, except for the objective, which now
includes 2 criteria: the number of protected species, >, ¢ ¥k, and the amount of

carbon stored over the management horizon, )., (¢ + rp;)2;. One way to deal with

the problem is to set the available budget, B, and the number of species to be
protected, Ns, and then determine a reserve — if one exists — that maximizes the
amount of carbon stored over the management horizon. The goal is to maximize the
quantity >, (¢i+7p;)z; under the same constraints 12.16.1-12.16.4 plus con-
straint ) wes Y =>Ns. In fact, we will consider the economic function
Yoiez (@it rp)xi+e) g yr where ¢ is a sufficiently small coefficient. This change in
the economic function provides, among the reserves that respect the budget and
maximize the amount of carbon they store while protecting at least Ns species, those
that maximize the number of species they protect. The solutions obtained thus offer
the decision-maker with a given budget several trade-offs between the number of
species protected and the amount of carbon stored.

Example 12.3. Consider the instance described in figure 12.5. It includes 20 can-
didate zones and concerns 15 species.
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21 (5000,50) 22 (6000,60) 23 (6000,40)

83 §1 56 S11 Z4 (4000,30)

25 (4000,50) 27 (3000,60) 28 (6000,50) S12

S6 S9 Z6 (4000,30) S11 S13 29 (3000,40)

Z10 (4000,50) 56 59 S11 514 513 S14
758 S10 FATRELLXTOM z12 (6000,30)  z13 (5000,50)
214 (5000,40) RP) S1 52

2 85 510 215 (4000,60)

Z16 (4000,50) Z17 (6000,60)

52 S11 Z19 (6000,50) 54 87 S9

218 (3000,40) S8 220 (3000,60)
Fic. 12.5 — Twenty zones, 2, z,..., 20, are candidates for protection and fifteen species,
S1, S9,..., S15, living in these zones are concerned. For each zone, the species present are

indicated, as well as the amount of carbon stored followed by the amount of carbon seques-
tered each year, all in brackets. The cost of protecting the white zones is equal to 1 unit, the
cost of protecting the light grey zones is equal to 2 units and the cost of protecting the dark
grey zones is equal to 4 units. For example, species sg, Sg, S11, and s14 are present in zone zg,
the amount of carbon stored in this zone is equal to 4,000 tonnes and the amount of carbon
sequestered each year is equal to 30 tonnes; the cost of protecting this zone is equal to 1 unit.

Each zone z; presents the amount of carbon stored, ¢;, the amount of carbon
sequestered each year, p;, and the protected species, all in the case where this zone is
protected. It is assumed here that unprotected zones are not involved in species
protection, neither in carbon storage and capture. The problem is to determine a
reserve, with a cost less than or equal to the budget, B, that allows for the protection
of a number of species at least equal to Ns and that maximizes the amount of carbon
stored at the end of the management horizon considered — 20 years in this example.
The results are presented in table 12.3 for different values of the parameters
B and Ns.

If one has a budget of 4 units and wishes to protect at least 5 species, the optimal
reserve costs 4 units, protects 5 species and stores 26,000 tonnes of carbon at the end



TAB. 12.3 — Optimal reserves associated with the instance described in figure 12.5 for different values of the available budget, B, and the
minimal number of species to be protected, Ns.

asuety) ejew])

Budget Minimal Used Optimal reserve Number Protected species Amount
(B) number of budget of of
species to protected carbon
be species
protected
(Ns)
4 5 4 2o 28 Z12 215 5 81 S S10 S11 S13 26,000
10 — — - - -
15 — — - - -
8 5 8 2 2 28 212 215 218 219 9 81 82 S6 83 S9 S10 S11 513 S14 41,400
10 8 2o Z 28 212 215 216 218 10 81 82 84 S¢ S7 S9 S10 S11 S13 S14 39,400
15 — — - - -
12 5 12 21 % 2 2R 212 413 215 418 219 10 S1 S 83 Sg S’ S S10 S11 S13 S14 53,400
10 12 21 % & 28 212 413 215 218 219 10 81 82 83 S6 S8 S9 S10 S11 $13 S14 53,400
15 - - - - -
16 5 16 21 %2 %6 28 210 212 213 215 216 218 219 12 81 52 83 84 S¢ S7 S8 S9 510 S11 S13 S14 63,400
10 16 21 %2 %6 28 210 212 #13 215 216 18 219 12 81 82 83 84 S¢ S7 S8 S9 S10 S11 513 S14 63,400
15 - - - - -
20 5 20 R % 24 Zg R B 210 212 213 215 216 218 219 13 81 82 83 54 S¢ S7 S8 S9 S10 S11 S12 513 S14 72,200
10 20 R R 24 % 27 2R 210 12 213 15 216 218 219 13 81 82 83 84 S6 S7 S8 S9 S10 S11 S12 S13 S14 72,200
15 20 21 2 &4 6 ZR 212 14 216 219 220 15 51 52 83 84 S5 S¢ S7 S8 S9 S10 S11 S12 S13 S14 S15 58,000

—: no feasible solution.

G6¢
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of the considered horizon. If one has a budget of 8 units and wishes to protect at
least 5 species, the optimal reserve costs 8 units, protects 9 species and stores 41,400
tonnes of carbon at the end of the horizon. Note that, in this case, the number of
protected species is greater than the minimal number of species to be protected.
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Appendix

A.1 Linear Programming

Consider program P, ; below which consists in minimizing the linear function

f(a1, 3,. .., x,); the variables of this function, 2, 2»,..., z,, are either Boolean vari-
ables, or integer variables or non-negative real variables. These variables are subject
to a set of linear constraints and the coefficients ¢y, ca,..., ¢y @1, Gise..y G (1= 1,
..oy m), by, ba,..., b, are arbitrary.
min  f(zy, 2, .., ;) = T + QB+ + Cpay,
azll'1+a121'2++amxn§b7 1= ]-77p (Al 1)
p an Ty + Gy + -+ apt, = by i=p+1,...,m (A.12)
Al S
s.t.|z; € {0,1} j=1,..,7 (A.1.3)
zeN j=r+1l..,s (A.l4)
z; >0 j=s+1,...,n (A.15)

P 1 is a mathematical program, called a mixed-integer linear program; it can be
written in the condensed form Py ».

min f(z1, B, .., %) = D ¢
j=1
j=1
PAA2 : ATy = bz Z:p+ 1,...,m (AQQ)
s.t.| 7=t
5e{0,1}  j=1...r (A.2.3)
z; €N j=r+1..,s5 (A.24)
;>0 j=s+1..,n (A.25)
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Problem PA ; — or Py o — consists in determining the values of variables z;, z»,...,
z, which respect their specificity, defined by constraints A.2.3—A.2.5, satisfy linear
constraints A.2.1 and A.2.2, and minimize the linear economic function Z;‘:l ;.

The linear constraints are either inequalities, Z}lzl ayw<b;, 1=1,2,...,p, or
equalities, 2.7:1 ayzj = b;, i=p+1,...,m. As regards the specificity of the vari-
ables in program P, ;, some of them can only take integer values; this is the case of
variables z;, j = 1,.. ., s. Others can take any non-negative real values; this is the case
of variables z;, j = s+1,...,n. Among the variables that can only take integer
values, some can only take the values 0 or 1; this is the case of variables
zj,j = 1,...,r. If all the variables of P, ; must only take integer values, we have an
integer linear program. If all its variables must only take the values 0 or 1, it is a 0—1
linear program or a linear program in Boolean variables. It can always be assumed
that all the variables in a mixed-integer linear program are positive or zero. This is
because any variable that is not constrained in sign can be expressed as the differ-
ence between two non-negative variables. Thus, a real variable can be expressed as
the difference between two positive or zero real variables and a variable belonging to
the set of integers, as the difference between two variables belonging to the set of
natural numbers.

Example A.1. Consider program Py 3, which consists of minimizing a linear function
of the five variables z;, m, 23, 74, and x5, subject to two linear constraints — one
equality and one inequality. Variables x; and z, can only take the values 0 or 1,
variable 3 must take a positive or zero integer value, and both variables x; and zs
must take real, positive or zero values.

min  f(z, 2, 23, 0, 35) = —21 — 31 + 313 — day + Ty
221 — 31+ 313 — 614 — 225 <10 (A.3.1)
Py, 7 — 4z + 223 — by + 31, =14 (A3.2)
’ s.t.| 21, 1 € {0,1} (A.3.3)
€N (A.3.4)
24,25 >0 (A.3.5)

Many software packages for solving linear programs are available. Using one of
these software packages, the following optimal solution of Py 3 is obtained: (z; = 1,
2 =0, 13 =4, 54 = 0.0714, 23 = 1.7857). This solution gives the economic function
the value 23.2143. A solution that satisfies all the constraints is called a feasible
solution. For example, the solution (2, =0, 2, =1, 23 =5, 24 = 0.5, 25 = 3.5) is
feasible but not optimal since it gives the economic function the value 34.5.

Some integer linear programs are easy to solve because any feasible basic
solution of their continuous relaxation is an integer solution. A matrix is said to be
totally unimodular if the determinants of all its square sub-matrices are 0, 1 or —1.
The coefficients of such a matrix can, therefore, only take the values 0, 1 or —1.
There are some simple characterizations of totally unimodular matrices. Consider
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the set of solutions, assumed to be not empty, {x € R" : Az <b,z>0}. In a general
way, if A is totally unimodular and if all the entries of the vector b are integer, then
{z € R": Az < b,2>0} is an integral polyhedron, i.e., a polyhedron whose vertices
all have integer coordinates. Consider the mathematical program P, 4 and its
continuous relaxation, Py 5. It is assumed that P, 4 admits an optimal solution.

n
min ) ¢;z;
=1
Paa: Zla,;ja:jgbi i1=1,...,p (A41)
=
Sl ef0,1} j=1,.,7 (A.4.2)
5 EN j=r+1...s (A43)
min 3 ¢
=1
PA.5 . /:zjl Qjj Tj S bz 1= ].7. e P (A51)
St g <1 j=1..,r (A5.2)
;>0 j=1,..,s8 (Ab5.3)

If the matrix associated with constraints A.5.1 and A.5.2 is totally unimodular
and if the coefficients b;, i = 1,..., p, are integers, then any basic solution of P, 5 is
integer-valued, and this is the case, in particular, of its optimal solution(s). To solve
the integer linear program P, 4, it is therefore sufficient to solve the continuous
linear program Py 5.

There is an extensive literature on linear programming, a central problem in
operational research. A few works, either entirely devoted to linear programming or
more general but with parts devoted to linear programming, are mentioned below.
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A.2 Quadratic Programming

Linear programming is a powerful tool for formulating and solving a wide variety of
optimization problems. However, in some cases, the economic function or con-
straints associated with the problems of interest do not possess the linearity prop-
erty. These are referred to as non-linear optimization problems and non-linear
mathematical programs. Solving a general non-linear mathematical program is a
difficult task. Here we are interested in quadratic programs. Such a program is
generally written as Py g.

min  q(T1, By, ., Tn) = D GT+ DD G
= =1 j=1
Z €L Tj + Z Z Clij Tj Tj S bk k= 1,. P (A61)
=1 i=1j=1
Pag: Z €1 T + Z Z Clij LT = by k=p+1,....,m (A62)
s.t.[ 77! ==t
X € {0,1} j=1,..,r (A.6.3)
7 €N j=r+1,..,8 (A6.4)
;>0 j=s+1,...,n (A.6.5)
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Variables w, 2»,...,%, are the variables of the problem; a;(j=1,...,n),
gii=1,..,mj=1,..,n), e;(k=1...mj=1,...,n), cy(k=1,...,myi=1,
oomnj=1,...,n),and by (k= 1,...,m) are any given coefficients. Constraints A.6.1
are quadratic inequality constraints and constraints A.6.2 are quadratic equality
constraints. Solving Py ¢ is generally difficult, but there are many interesting and
much easier special cases. Some of them are discussed below.

A.3 Convex Quadratic Programming

Consider program P, , that satisfies the following properties: the objective,
q(z) = q(z1, m,. .., 2,), and the left-hand side of constraint A.7.1, Z;":l €T +
> Z;;l CrijTi%;, are convex quadratic functions; the right-hand side of this con-
straint, by, is a positive or zero constant. Program P4 ; consists of minimizing a
convex function over a convex domain; it is called a convex quadratic program.
There are very efficient algorithms to solve it.

n n

n
min q(ml, Doy« oy :L‘n) = Z ;T + E Z Qij T Tj
=1

i=1j=1
PA 7 : n n n ' !
: Seymi+ > > oz <by k=1...,m (A.7.1)
s.t.| =1 i=1j=1
>0 j=1...n (A7.2)
Given n real variables, zi,1,...,2,, an expression of the form ¢(z) =>"",

Z:L:l z;q;x; is called a quadratic form. It is written, in matrix form, ¢(z) = 2'Qx
where z denotes the vector (z1, 2,.. ., z,), and @ denotes a symmetric square matrix
of dimension n x n. The matrix @ is said to represent the quadratic form ¢(z). Note
that any quadratic form can be represented by one and only one symmetric matrix
and that any symmetric matrix represents one and only one quadratic form. The
symmetric matrix Q is said to be positive semidefinite if, for all x € R", 2! Qx> 0. By
definition, the quadratic form ¢(z) = 2! Qr is convex if the symmetric matrix Q is
positive semidefinite. There are many characterizations of positive semidefinite
matrices.
A special case of Py 7, which can be solved very efficiently, consists in minimizing
a convex quadratic function subject to linear constraints. It corresponds to program
Pa g in which, now, b;, is a coefficient of any sign.
n n n
min - q(@1, B, ) = 20 4T+ D0 Y 6T,
j=1 i=1j=1
. n
Pas: . Sy <by k=1,...,m (A81)
N e

z; >0 j=1,...,n (A8.2)
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Example A.2. Consider the convex quadratic program P, g.

min ¢(z) = -3z — 21y — 373 — 102 + 435 +2(z — 1) 4 5(23 — 1)°
+2(zy — 1) + (25 — 2)
Pas 221 + 31 + 313 + 51y — 205 <20 (A.9.1)
s.t.
Ty, By, T3, B4, L5 2 0 (A.9.2)

Many software packages are available to solve Pjg. The optimal solution
obtained with one of these software packages is: (z; = 5.6, 7, = 0.375, 23 = 0.85,
7y = 1.625, 25 = 1.5). This solution gives the economic function the value —28.425.

There are many books and articles dealing with convex mathematical pro-
gramming and, in particular, convex quadratic programming. Some of these pub-
lications are mentioned below.
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A.4 Mixed-Integer Quadratic Programs With Convex
Continuous Relaxations

In such programs, the variables are either integer or real. They are generally written
as P 10. In this program, the economic function and the left-hand side of constraint

A.10.1 are convex quadratic functions, and b, k = 1,2,...,m, is a positive or zero
constant.
min  q(z12y,. . ., Tp) = Z ajzi+ Y Z Qi TiZj
=1 j=
Z e T + Z Yemimz<by k=1,...,m (A.10.1)
Pato: =1j=1
st :r] 6 {0,1} j=1..,r (A.10.2)
7 €N j=r+1,...,s (A.10.3)
z; >0 j=s+1,..,n (A.10.4)

The continuous relaxation of P, ;o is obtained by relaxing the integrality
constraints. Specifically, the constraint z; € {0,1}, j=1,...,r, is replaced by the
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constraint 0<z; <1, j=1,...,r, and the constraint z; €N, j=r+1,..s, is
replaced by the constraint z; >0, j = r+1,.. ., s. The resulting program is called the
continuous relaxation of Py 19, and it is easy to see that it is a convex quadratic
program. There are efficient algorithms for solving mixed-integer quadratic pro-
grams with convex continuous relaxation. They are in fact based on implicit
enumeration methods that require, at each node of the search tree, the resolution of
a continuous relaxation, which in this case can be done efficiently because of
convexity properties.

There are also several methods for converting a mixed-integer quadratic program
whose continuous relaxation is not convex into a mixed-integer quadratic program
whose continuous relaxation is convex. Some examples of these transformations are
presented in the following section.

A.5 Quadratic Programming in 0-1 Variables

Quadratic programs in 0—1 variables allow the formulation of a large number of
combinatorial optimization problems in various fields. The general form of these
programs is given by Py 1.

n

n
> QT
i=1j=1

n
min q($1, T2y« oy mn) = Z ;T +
=1

doenxi+ ) cymimy <by  k=1,...p (A.1L.1)
Paar: 7=t =1j=1
't. n n n

S Senzi+ > > ewimry=0b, k=p+1,...,m (A1l.2)
j=1 i=1j=1

z € {0,1} j=1...n (A.11.3)

There are many methods to solve this type of program: linearization methods
and convexification methods. The linearization methods consist of transforming
P11 into a mixed-integer linear program, using additional variables. The convexi-
fication methods consist in transforming P, 1; into a quadratic problem whose
continuous relaxation is convex, possibly using additional variables. Some solvers
accept programs Py 17 directly, and automatically perform a pre-processing — lin-
earization or convexification — that transforms the program into an equivalent one
whose continuous relaxation is a linear or a convex quadratic program.

A.5.1 Linearizations

One way to solve P4 17 is to linearize it and then solve the mixed-integer linear
program thus constructed using a mixed-integer linear programming solver. A first
linearization method consists in replacing, in the economic function and in the
constraints, each product of variables z;z; by variable y;;, and in adding to the
obtained program constraints which force variable y;; to be equal to product z;z;.

Thus, we obtain program Py 15 in which 1J designates the set of index pairs (4, j) €
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{1,.., n}2 such that the product z;7; appears either in the economic function or in
the constraints of Py 1.
n
min - q(z1, B, . ., Tn) = Z 4z + Z Z 4iYij
i=1 _]_
Z erT+ ZZ CrijYij < by, k=1,..,p (A.12.1)
i=1j=
Paqs: Ze;]$]+ chkuyu = by, k=p+1,...m (A.122)
s.t.|" =15=1
Yi <@y <al—xi— 3 +y; >0 (4,5) €1J (A.12.3)
Yij =0 (1,j) e J (A.12.4)
zj € {0,1} j=1,..,n (A.12.5)

It is easy to verify, by examining the two possible values of variables z;,
j=1,...,n, that any feasible solution of P, i, satisfies y;; = z;z;

Example A.3. Consider program P, 13 which consists of minimizing a quadratic
function of 5 Boolean variables subject to one linear constraint.

min —3x; — 2m» + 313 — 102y + 425+ 22111
—4xi a3+ D51 a3 + 6wy — dagwy + 62325 — 22425

901 + 315 + 313 + 514 — 225 <20 (A.13.1)
s.t.
Ty, By, T3, Ta, Ty € {07]-} (A132)

Paas:

By applying the linearization shown above, we obtain program Py 4.

min —3z; — 22 + 313 — 102y + 45
+2y12 — 4y13 + Sy2s + 6yos — dyza + 6yss — 205
221 4+ 31 + 313 + 51y — 225 <20 (A14.1) | s <z yza <1y (A.14.6)
Pais: 1 — 2+ 412 >0 (A142) | 1—a5— a5+ ys5>0 (A.14.7)
stly<z;y3<3 (A143) | ws<m;yus<mz (A.14.8)
11— —a34+1y3>0 (A14.4) | @, 1,23, m, 75 € {0,1} (A.14.9)
1—m — a5+ 45 >0 (A14.5) | w12, y13, Y23, ¥25, U34, U35, Yas > 0 (A.14.10)

Note that, given the signs of the coefficients of variables y;; in the economic
function, some linearization constraints are unnecessary. An optimal solution for
Pagis: (m=1,25=0, 23 =1, 1y = 1, 75 = 0). This solution gives the economic
function the value —18.

We now present a second linearization method by applying it to program P, 15,
which consists of minimizing a quadratic economic function whose variables are
subject to linear constraints. Here, we assume that the quadratic part of the eco-
nomic function is written as Z?;ll ZJ":Z +1 9;7izj. Note that, since 3772 = r;, we can

assume that the economic function does not have any terms :CZQ
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n n—1 n
min q(ml,zg,. . .,:L’n) = Z ajxj+ Z Z Qi T Tj
j=1 =1 j=i+1
P : n
AL Sewz<by k=1...m (A.15.1)
S.t.|j=1
5 e{0,1} j=1,..,n (A15.2)

This second linearization consists in rewriting the economic function of Py 15 by
factoring variables z; in the quadratic part of this function and then replacing, for all
i=1,...,n— 1, the expression z; )7, | g;a; by variable 2. By proceeding in this
way, the economic function is written > 7 a;z; + S 2. We must then add
constraints A.16.2 and A.16.3 to force variable z; to take, at the optimum of the
program obtained, the value of the expression z; Z;:i +1 @5zj- We finally obtain
program Py 1.

n n—1
min g(@1, B, .., Tp) = Y a3+ %
j=1 i=1
n
> enjz < by k=1,..,m (A.16.1)
j=1
%> > 4 i=1,..,n—1 (A.16.2)
Pae: j=itl,.. n:
s.t. 7 <0
Zi > Z qijTj— (1 — 1‘1) Z qij 1= 17. s — 1 (A163)
j=i+1,..n j=i+1..,n:
qj >0
z € {0,1} j=1,..n (A.16.4)
z€eR i=1,...n—1 (A.16.5)

Let us look at constraints A.16.2 and A.16.3. If z; = 0, constraint A.16.2 becomes
720 and constraint A.16.3, 22> 3 1, @% — Dj—ii1,miq >0 % The
right-hand side of the latter constraint is negative or zero whatever the values taken
by variables z;. Finally, in this case and because we are seeking to minimize variable
z;, this variable takes the value 0 at the optimum of Py 14. If ; = 1, constraint A.16.2
becomes z; > Zj:i+1,...,n:qu<0 ¢; and constraint A.16.3 becomes z > Zj:iﬂ,m,n
gz Note that >0, @iz > D i1 . 4;<0 9 Whatever the values taken by
the Boolean variables ;. Because we are seeking to minimize z;, this variable takes,
at the optimum of Pj .6 the greater of the 2 values > ., ., . gy <0 Bij>

j—i+1,.n 5% Finally, at the optimum of

> j—it1...n €7, that is to say the value 3
_____ . ¢;%;- Note that the technique just presented for linearizing

Pa.e, 20 = i Zj:iﬂ, ,
the economic function could be applied in the same way to linearize quadratic
constraints.

Example A.4. Let us go back to P, 13 and apply this second linearization method to
it. The quadratic part of the economic function can be rewritten
21 (219 — 4x3) + 22 (53 + 615) + a3(—4xy + 625) + 24(—225). We thus obtain the
mixed-integer linear program P, 17 which is equivalent to program Py ;3.
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min 9(z1, 29, .., 35) = =311 — 20p+ 313 — 10 +4m+ 21+ 2+ 3+ 2
21 + 329 + 313 + Hay — 215 <20 | > —2ay; 2> — 21
Paar: . 2> —dxy; 2 > 21 — 4oy — 2(1 — x1) | @y, T2, T3, 4y, 25 € {0,1}
2 >0; >5x34 625 —11(1 — a) | 21, 22, 23, 21, 25 € R
7> —dag; 3> —day+6x5 —6(1 —a3) |

The optimal solution for Payr is: (zn=1,m=0,3=1,24 =125 =0,
21 =—4,2 =0,z = —4, z = 0), and this solution gives the economic function the
value —18.

A.5.2 Convexifications

There are several methods to transform Py 11 into an equivalent quadratic program
with a convex continuous relaxation. Examples of these methods are given below, in
the particular case of minimizing a quadratic function whose variables are subject to
linear constraints. Let us therefore consider program Py ;5.

min gz, By, Tn) = 30 4T+ 30 ) 4T
j=1 i=1j=1
Paas: X em<he k=1...m (A181)
S.T. =1

z€{0,1} j=1..,n (A.18.2)
Let Q" ={(4,7) : ¢; >0} and Q@ = {(4,5) : ¢;; <O0}. Since variables z;, i = 1,...,

n, are Boolean variables, the function g below is equal to the economic function of
Pas, q(71, 2, .., 3y), for all z € {0,1}".

- n 1
q(a, 22,0 -y 1) = 21 a1 + 5 Y ai((m+a) — (m+w))
=

(i)eQ*
1 2
-3 > ai((mi—n)* = (m+w))
(i.)€Q™
In addition, q(z, z,. . ., z,) is a convex function. Program Py ;5 is equivalent to

program P, 19 and the continuous relaxation of Py 19 is a convex quadratic program.

P fmin §(z, 2,. .., 1)
A19-7 56| (AL18.1), (A.18.2)

Let us now consider another convexification method. Let us rewrite program
Pa.1s using a matrix writing of the quadratic part of the economic function. We
obtain program Py 50 in which the matrix M, of general term my;, is the symmetric
matrix associated with the quadratic form 377 7% | g;@iz;. We have, for all i <4,

my = My = (qij + jS)/Q'
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n
min g(z, %, .., %) = Y ajz; + ' Mz
=1
s.t.| (A.18.1), (A.18.2)

Paoo:

One way of reformulating program Py oy — and thus program Py i35 — as an
equivalent quadratic program whose continuous relaxation is a convex quadratic
program, is to add to the function ¢(z, z,. . ., 2,,) — assumed to be non-convex — the

eigenvalue of the square and symmetric matrix, M. This gives the convex quadratic
function (1, 2,. .., x,) = q(21, B2, . ., ) + Z]-:L_N’n Amin (:L’]Q — J;j) which is equal to
q(z, 3. ., 1,) for all z€{0,1}". This method requires a relatively simple
pre-processing of program Pj o, the calculation of the smallest eigenvalue of the

matrix M. Finally, one can thus solve Py 5y by solving the quadratic program Py o;
whose continuous relaxation is convex.

~ S0 (22—
Py min ¢z, 22,. . ., ) + FZ:I Jmin (1;7 xj)
st (A18.1), (A.18.2)

Example A.5. Let us consider again program P, ;3 and transform it into a quadratic
program whose continuous relaxation is a convex program. To do this, let us add to
the economic function the quantity — =zero for any feasible solution —

Amin Z;L:1 (:z:f — xj) where A,.i, is equal to the absolute value of the smallest eigen-

value of the matrix associated with the quadratic form 2za—
42123 + 5ma3 + 6115 — dagay + 61325 — 23425, i.e., of the matrix

0 1 -2 0 0
1 0 25 0 3
M=|-2 25 0 -2 3
0 0 -2 0 -1
0 3 3 -1 0

The smallest eigenvalue of M is equal to —4.19. Program Py 13 is therefore
equivalent to program P, 2o whose continuous relaxation is convex.

min —3x; — 2m + 313 — 102y + 425 + 2311
—Adxi a3+ 5123 + 65 — dagwy + 62305 — 22425

+4.2Y (22 — z;)
i=1
2@ 4 3w + 323+ 5oy — 225, <20 (A.22.1)

s.t.
Ty, T2, X3, T4, T5 € {0,1} (A222)

Pao:
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There are other, more elaborate pre-treatments of program Pj ;5 — whose
continuous relaxation is non-convex — allowing it to be rewritten as an equivalent
quadratic program whose continuous relaxation is a convex quadratic program.
These methods, which are based on positive semidefinite programming, also allow
the processing of quadratic programs containing simultaneously Boolean variables,
integer variables and real variables. There are many publications dealing with these
linearization and convexification methods. Some of them are mentioned below.
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A.6 Fractional Programming

The general fractional optimization problem can be written in the form of the
mathematical program Py o3.

The set X is a compact, non-empty subset of R". The functions f(z) and g(z) are
continuous functions with real values defined on the set X. It is assumed here that
g(z) > 0 for any z belonging to X. There are many methods to solve this problem.
We present below one of these methods, the Dinkelbach algorithm.

Let 1 be a parameter belonging to the set of real numbers. Let us consider the
parametric problem Py 94(1) associated with Py os.

Paai(i) s { 1 S0 90

Let us denote by v (4) the optimal value of Pa24(4) and by z, an optimal
solution to this program. We can prove that v (1) = 0 if and only if 2 is the optimal
value of Py 3 and 7}, an optimal solution to this problem. Thus, we obtain another
formulation of program Py o3:

Find A € R such that v (1) = 0, where v (1) = max{f(z) — Ag(z) : x € X}.

From this formulation, we will be able to build algorithms to solve P, »3, based
on classical methods to determine the root of a function — the Newton method. This
is the case of the Dinkelbach algorithm presented below.

The Dinkelbach Algorithm

Step 1. A« f(0)/9(2) where 14 is a point of X.

Step 2. calculate v(4) = max{ f(z) — Ag(z) : x € X} and let z; be such that
o(2) = () — Ag(as).

Step 3. if v(A) # 0 then 1 — f(x;)/g(x;) and go to 2 else z; is an optimal solution
endif.

The difficulty of this algorithm depends on the difficulty of the optimization
problem of Step 2.

In the case where the functions f(z) and g(z) are linear or affine and X is a convex
polyhedron, P, o3 is a linear or hyperbolic fractional optimization problem. It is
written as Py os.

max (bo +30 b]-:zrj) / (C() + 2 cm)

. n
Pass: Sagm<d i=1...m (A.25.1)
s.t.| =1
>0 j=1...n (A.252)
where by, ¢o,b; (j=1,...,n),¢; (j=1,...,n),and a;;(i = 1,...,m,j = 1,...,n) arereal

coefficients such that, for any feasible solution of Py o5, ¢y + ZJ”:I cjz; > 0. Program
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Paos can be solved by the Dinkelbach algorithm. In this case, the optimization
problem of Step 2 consists in solving a continuous linear program. However, by per-
forming the variable changes y; = ;/(co+ Z]":l ¢zj), j=1,..,n, and
t=1/(co+ Z;;l ¢;%;), Pa 25 can be rewritten as the equivalent linear program Py 4.

max bot+ > by,
=i
n
ot+ Y gy =1 (A.26.1)
=1
Pase: n
s.t. Za@yigdit 1= 17...,m (A.26.2)
J=1
1 >0 j=1,..,n (A.26.3)
t>0 (A.26.4)

Let us now consider the mixed-integer linear fractional optimization problem
Paor

max (b() + >0 bjmj)/(co + > CJ‘:EJ')

Z aq;j:L'deq; 1= 1,...,m (A271)
Paor: j=1

st 4> 0 i=1,...p (A.27.2)

z€{0,1} j=p+1,..,n (A273)

As before, it is assumed that ¢y + 27:1 cjz; > 0 for any feasible solution. The

Dinkelbach algorithm, presented above, can be used to solve Py 57. In this case, X is
defined by Constraints A.27.1-A.27.3, and Step 2 of the algorithm consists in
solving a mixed-integer linear program.

Fractional optimization problems are very diverse. For example, one can look at
the ratio of two quadratic functions or at the sum of several ratios. For more infor-
mation on fractional optimization, the reader can consult the references cited below.
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A.7 Piecewise Linear Functions

In this section, we are interested in mathematical programs involving piecewise linear
functions and linear functions in the economic function and/or in the constraints. In
fact, in the general case, such programs can be rewritten as mixed-integer linear
programs. Note that this notion of piecewise linearity is interesting since any con-
tinuous function of one variable can be approximated by a piecewise linear function,
the quality of the approximation depending on the size of the segments. Let f(z) be a
piecewise linear function defined on the interval [by, b,] in the following way:

f(z) = az+ds bo<z<b
f(a:) = mr+ d h<z<b
f(z) = azz+ d3 by <z < b3

f(2) = aqz+d, bp-1 <z < by
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Fic. A.1 — A piecewise linear function, f(z), defined by the 5 points of coordinates (2,8),
(6,20), (8,16), (12,24), and (16,20).

The coefficients by, b1,. . ., b, are real numbers such that 0 < by < b; <---<b,. The
coefficients ay,. . ., a, represent the slope of the different segments. Figure A.1 shows
a piecewise linear function, f(z), defined on the interval [2, 16] by the 5 points of
coordinates (2, 8), (6, 20), (8, 16), (12, 24), and (16, 20). The 4 corresponding
linear — or affine — functions are: fi(z) = 3z +2, h(z) = —2z+ 32, f5(z) = 2z, and
fi(z) = —z+ 36.

A first formulation. This formulation allows a piecewise linear function to be
expressed as a linear function subject to linear constraints. This formulation uses
additional Boolean variables and also additional real variables. Note, first of all,
that, for any z between b, and b;,1, two non-negative reals, A; and A;.1, can be
defined, whose sum is 1 and such that © = 4;b; + 4;110;51. It is thus deduced that,
for any z between b; and b;, 1, the piecewise linear function f{z) can be written
f(z) = Aif (b;) + Aix1f(biy1) where A; and A, satisfy the above properties. Finally,
we can therefore write the function f(z) in the form f(z) = >°% ) 4;f(b;) where all 4,
are non-negative real numbers such that > % ; 1; = 1, and satisfying the following
conditions: if b, <x<b;. 1 then A;+4;,1 =1 and z=A4;b;+4;11b;11. We can
therefore write f(z) in the form Y% 1,f(b;), where variables z; and 4; satisfy con-
straints C, ; below.

p p
=0 =0
p—1
Cay:d <2 (CAL2) | Sa=1 (CA.1.6)
’ =0

2y <2y (CA14) |  z€{0,1} i=0,1,...p—1 (CA.1R)
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Indeed, constraints CA.1.6 and CA.1.8 require that one and only one variable z;
be equal to 1. Moreover, if z; = 1, then constraints CA.1.2, CA.1.3, CA.1.4, CA.1.5,
and CA.1.7 imply 4;+ 4,41 = 1 and A, = 0, for all £ different from i or i+ 1.

Example A.6. Let us apply the approach presented above to the mathematical
program Py og. In this program, the economic function and one of the constraints are
expressed as the sum of a piecewise linear function of variable z, and a linear
function of variable x and other variables, ¢, t», and 3. The piecewise linear function
f(z) is defined on the interval [1, 7] by the points of coordinates (1, 3), (3, 5), (5, 3),
and (7, 5).

min f(z)+t — 2+ t3 — 22

. 455+t — ;<275 (A28.1) |  4©<6 (A.28.4)
AU stz of(a) 26+ 26 <24 (A282) | <A (A.28.5)
1<z<7 (A283) |  t.b >0 (A.28.6)

The solution of P4 95 can be obtained by solving the mixed-integer linear program
P4 29 in which variable e represents the value of the piecewise linear function f(z).

min e+t — 2+ t3 — 2z

4.5+t —t3<27.5 | <2z | +zn+zm=1 | <4

Pazo:q | |7+2e420+2n<2 | h<zmta | dotrtiotiz=1 | Ao i1, isiz>0
e=3M+54+3%+54 | h<at+zn | 1<z<7 | t,t,t3>0
z=A0+34 +5ly+ T3 | <2 | t<6 | 2,2,2 € {0,1}

Note that the values of both variables e and z are entirely defined by the values of
variables 1;, i = 0, 1, 2, 3. The optimal solution of P o9 is: (z =6.1111, 4 =0,
ty =4, &3 =0); the corresponding values of variables e, A; and z are:
e=4.1111, g =0, 41 =0, Ao =0.4444, A3 = 0.5556, 2% =0, z1 =0, z» = 1. The
value of the optimal solution is equal to —16.1111.

A second formulation. We present below another way of expressing the piecewise
linear function f(z) defined at the beginning of this section. In this formulation, f(z)
is expressed as a linear function of real variables, u;, and Boolean variables, z;, i = 1,
..., p, these variables being subject to linear constraints. It is indeed easy to verify
that, for any z belonging to the interval [by, b,], f(z) = >_7_, (a;u; + d;z), provided
that variables u; and z; satisfy constraints C, 5 below.

bi,lziguigbizi 1= 1,...,p (CAQl)
p
=) u (CA2.2)
Caz:§ , =
Sz=1 (CA.2.3)
i=1
z € {0,1} i=1,.,p (CA.24)
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Example A.7. Let us apply this second method to the previous program Py o5. Since
the piecewise linear function f(z) is defined on the interval [1, 7] by the points of
coordinates (1, 3), (3, 5), (5, 3), and (7, 5), we have: ¢ =1,a0 = —1,a3 =1 and
dy =2,dy = 8,d3 = —2. The equivalent mixed-integer linear program P, 3, is
obtained in which variable e represents the value of the piecewise linear function f{z).

min e+t — 2 +t3 — 2z
T+ 2e+2t + 26 <24 | T = U + U+ u3
Paso: 4.5+t — t3<27.5 | A2+mt+xn=1
S.t.€:U1+2Z17U2+822+U/37223 | 0<6h<6; 0<Hh<4; 3>0
1 <u <3215 3 <up<5z;; by <uz3<Tx | 21, 2,2 € {0,1}

Note that the possible values of variables u; i = 1, 2, 3, are completely defined
by the values of variables z;, ¢ = 1, 2, 3, that the value of variable z is completely
defined by the values of variables u;, i = 1, 2, 3, and that the value of variable e is
completely defined by the values of variables u; and z;, i = 1, 2, 3. The optimal
solution of Py 39 is: (z = 6.1111, t; =0, &, =4, t3 = 0); the corresponding values of
variables e, and z; are: e = 4.1111, 2, =0, 2 = 0, 23 = 1. The value of the optimal
solution is —16.1111.

Maximization of a concave piecewise linear function. In the concave case, a piece-
wise linear function can be expressed as the maximum of a linear function of
additional real variables, these variables being subject to linear constraints. In this
case, the use of Boolean variables becomes unnecessary. Recall that a function f(z)
defined on a domain D is concave if and only if.

Vo, a € DVAE[0,1]: f(z) = f(Ar+ (1= A) m) > Af () + (1 = 2) f(2).

Figure A.2 shows an example of a concave piecewise linear function.

Let us consider a concave piecewise linear function, f(z), defined on the inter-
val [b, b,] by the points of coordinates (bo, %), (b1,41),..., (bp,yp) Wwith
0<by<b <---<by. It can be shown that, for all z belonging to the interval [by, b,)],

p ;T 7—
flz) = max{yo+ Muizx:

p
ul,...,up i—1 b1 —_— bi*l P

u;, 0 < u; < by — by (1= 17~~-7P)}-
1

Example A.8. Let us apply the previous method to program P, 3; which consists in
maximizing the sum of two concave piecewise linear functions subject to linear
constraints.
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FiG. A.2 — A concave piecewise linear function, f(z), defined by the 5 points of coordinates
(2, 4), (6, 16), (10, 24), (16, 30), and (24, 32). The successive slopes of the 4 segments are
decreasing and equal to 3, 2, 1, and 0.25, respectively.

max fi(z1) + fo(22)
Pasi: . m+25<6 | 0<1,<6
s.t.
3ui+1:>10 | 0<2;,<8
The function fi(x) is defined by the points of coordinates (0, 0), (1, 2), (3, 4)
0

3,4),
and (6, 5), and the function f(12) is defined by the points of coordinates (0, 0),
(2,4), (4, 6), and (8, 7). The linear program P, 3; is equivalent to Pa 3s.

max 2wy + 1o + § 3+ 2uz1 + Upy + § iz
7+ 23 <6 | 0<u;1<1; 0<up<2; 0<u3<3
Ppso: 321+ 2 > 10 | 0<up <2; 0<upp <25 0< up3 <4
s.t.
@ = Uy + U2 + ug3 | 0<2 <6
Ty = Uy + U + Ol23 | 0<1p <8

Note that constraints 0 <z; <6 and 0< 2 <8 are useless since the value of
variable z; (resp. z») is completely defined by the values of variables uyy, (resp. usy,),
k=1, 2,3. The optimal solution of Pa 3o is (21 = 3,2, = 1.5). Its value is 7.
The corresponding values of variables wu; are: u;; =1,u2 =2,u3 =0 and
U1 = 1.5, Ug9 = O, U3z = 0.

The concave piecewise linear function f(z), defined on the interval [by, b,] by the
points of coordinates (by, %0), (b1, ¥1),-.., (bp, yp) With 0 < by<by <---<b,, can also
be expressed as follows:
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Va € [bo, by, f(z) = _nllin {a;xz+ d;}
i=1,...,p

where, for i = 1,..., p, a; = (y; — yi—1)/(b; — bi—1) and d; = y; — a;b;. Applying this
property to program Pj 3; results in the equivalent linear program P, 33 in which
variable e represents the value of the piecewise linear function f(z) and variable e,
the value of the piecewise linear function fo(x).

max e+ e
e <214 | € <0.25m +5
e <z +1 | T+ 21 <6
Pass:
s.t.| e <(1/3)z; +3 | 311+ 2> 10
e <2m | 0<2 <6
e <m+2 | 0<1,n <8

Note that there is no need to further constrain the — non negative — variables e;
and e,. The optimal solution of Py 33 is: (7 = 3,1 = 1.5, e; = 4, es = 3); the value
of this solution is equal to 7.

For a more complete presentation of the possible processing of piecewise linear
functions, the reader can consult the references cited below.

References and Further Reading

Billionnet A. (2017) Programmation discréte. Dunod, Paris.

Chen D.-S., Batson R.G., Dang Y. (2010) Applied integer programming, modeling and solution.
John Wiley & Sons.

Li H.-L., Lu H.-C., Huang C.-H., Hu N.-Z. (2009) A superior representation method for piecewise
linear functions, INFORMS J. Comp. 21, 314.

Lin M.-H., Carlsson J.G., Ge D., Shi J., Tsai J-F. (2013) A review of piecewise linearization
methods, Mathematical problems in engineering. Hindawi Publishing Corporation.

Vielma J.P., Ahmed S., Nemhauser G. (2010) A note on “A superior representation method for
piecewise linear functions”, INFORMS J. Comp. 22, 493.

A.8 Robustness in Mathematical Programming

It is often necessary to take into account, in a mathematical program, some
uncertainty in the data since this uncertainty can strongly influence the quality and
feasibility of the selected solution. The robust approach allows this uncertainty to be
taken into account to some extent.

Consider the linear program Py 34.

n
max Cj Ij

J=1
PA‘34 : Z O,U.Z'] S bz Z = 1,. ., Mm (A341)
s.t.|j=1
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The coefficients ¢; (= 1,...,n), a5 (¢ = 1,..., m, j=1,..., n), b; (i = 1,..., m), |;
(j=1,..., n),and u; (j = 1,..., n) are data, and all the coefficients [; are positive or
zero. For all i € {1,...,m}, let J; be the set of indices j such that the coefficient a;; is
uncertain. It is assumed here that, for all i € {1,...,m}, each entry a;, j € J;, cor-
responds to a bounded symmetric random variable, a;;, j € J;, which takes its values
in the interval [a; — @, a;; + @;] where a;; is a positive or zero constant. Below we
present a robust approach proposed by Bertsimas and Sim (2004).

Maximal protection against uncertainty. In this case, the optimal solution of Py 34 is
the one that maximizes the value of the economic function and is feasible regardless
of the values taken by the coefficients a;;, in the set of possible values. The linear
program P, 35 allows this solution to be determined.

max CiTj
=1
Pass: Z Qi T; + E &zj’mj <b i=1,..,m (A351)
S.t.|j=1 JeJ;
[ <z <uy j=1..,n (A.35.2)

Indeed, any feasible solution of P 35 remains feasible for all possible values of the
random variables a;, i.e., for all values belonging to the interval [a; — @y, a; + ;).
The optimal solution of Py 35 is said to be the optimal robust solution of the problem
under consideration.

A less conservative approach. Here, it is considered unlikely that all uncertain
coefficients will differ simultaneously from their nominal value. It is thus assumed
that I'; coefficients a; can differ from their nominal value — at most from the
quantity a;. I'; is therefore an integer belonging to [0,]J;|]. As before, the optimal
solution of Py 34 is then the one that maximizes the value of the economic function,
and which is feasible regardless of the values taken by the coefficients a;;, given the
uncertainty assumptions. The search for this solution can be formulated as the
mathematical program Py s¢.

n
max ) ;1
=1

Pase:
..

i + max [Z (Alijl’]"| § bz = ].,. .am (A361)

ngfjguj ]: 17...,TL (A362)

Given a feasible solution of P 36, Z, let us denote by f,(Z,I';) the quantity
maxg,c j. |5 | < T, [Xjes @;j%j]. This quantity can be determined by solving the
linear program Py 37.
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max Z dijicjocﬁ
Jedi
PA'37 : Z ocij S FL (A371)
s.t.| I
0<o;<1 jeJi (A.37.2)

P 37 admits an optimal finite solution, which implies that its dual admits one
too (duality theory). Moreover, the values of these two optimal solutions are equal.
By associating the dual variable z; to constraint A.37.1 and the dual variables p;;,
j € J;, to constraints A.37.2, this dual problem is written.

min Y p; + iz
paT) = |FTPizan I€d

From this, it can be deduced that the optimal robust solution to the problem

under consideration can be determined by solving program Py 3s.

n
max . ¢z
j=1
n
Z:l Qi Tj
=
jedi
Pass: Zi+ pij 2 le‘j.’lfj i=1,...m;je J; (A.38.2)
s.t.
%>0 i=1,..,m (A.38.4)
pijZO i=1,....,m;j € J; (A385)

Example A.9. Consider the linear program Py 39.

max 6z; + 22 + 923 + 1024 + 25

Pasgg: . 4xy + 1 — Hag — 3ay — 225 <10 | ba —ay — T+ 62y + Ty <20
s.t.
31 +2m+ 913 — 31y — 105 <2 | 0<5;<10 1=1,..5
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The optimal solution of P4 39 is z = (0, 10, 10, 6.25641, 8.92308) and its value is
181.4872. Now, suppose that all the coefficients of the constraints are uncertain. The
values of the coefficients a;; are given by the matrix below.

08 02 1.0 06 04
(a;)=06 04 1.8 06 2.0
10 02 14 1.2 14

Table A.1 gives the optimal robust solutions and their values for different values
of the parameter I';. In this example, it is assumed that this parameter is not
dependent on i and we set I' = I'; for all 4.

Table A.1 shows that when the uncertainty is substantial (I' = 5), the protection
cost against this uncertainty is very high since the value of the economic function
decreases, for example, from 91.0816 when I' = 1, to 44.0547 when I' = 5 (about
—52%). Note that in the case where I' =5 the optimal robust solution can be
calculated by using the formulation Py 35.

TaB. A.1 — Optimal robust solutions associated with
program P, 39, for different uncertainty domains defined by
the parameter I'.

r Optimal robust solution Value

1 (0, 0, 9.0204, 0, 9.8980) 91.0816
2 (0, 1.7778, 2.2222, 2.5926, 2.2222) 51.7037
3 (0, 3.3182, 0.7374, 3.0379, 0.6636) 44.3156
4 (0, 0, 0.9701, 3.5323, 0) 44.0547
5 (0, 0, 0.9701, 3.5323, 0) 44.0547

The approach can be extended to mixed-integer linear programs. Consider
program Pj 49 in which some variables are integer while others are real.

n

max C]aj]
J=1
Pago: le ayr;<b i=1...m  (A40.1)
"l eN J=1...p (A.40.2)
;>0 j=p+1,..,n (A.40.3)

In this case, the optimal robust solution can be determined by solving the
mixed-integer linear program Py 4.
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n

max . ¢z
=1
Zaljlj]'—f— szj—&—l"izigbi 1=1,...,m (A.41.1)
J=1 JeSi

Paar:

7 €N j=1..,p (A.41.3)

s.t.
;>0 j=p+1,...,n (A.41.4)
2 >0 i=1,...,m (A.41.5)
pijZO i=1,...,m,j € J; (A416)

In everything we have just seen, the uncertainty affecting some coefficients is
defined by intervals. We now consider the case where the uncertainty is represented
by a set of (discrete) scenarios. A scenario is a set of assumptions about the evolution
of the factors that may influence the value of the coefficients, and several scenarios
are possible. In such an approach, the value of the different coefficients of the
mathematical program considered depends on the scenario.

Consider the linear program P, 4o where the coefficients a;; are uncertain.

n

max 221 ¢
=

CRAE
z; >0 j=1,..,n (A422)

Ppasg: . Sagr<b;  i=1,...,m (A42.1)
j=1

A set of scenarios, Sc = {sc,scs,...,s¢,}, is envisaged and the values of the
coefficients a;; depend on the scenario. It is assumed that for each of these p scenarios
the wvalues of all the coefficients a; are known. For i=1,..,m,
J=1..,n, and @ =1,..., p, aj denotes the value of the coefficient a;; in the case of

the scenario sc,,.
The problem of finding a solution to P4 4o that is feasible for all the scenarios and
that is the least costly — an optimal robust solution — can then be formulated as

Pa a3

n
max . ¢z
=1
Pass %
Al Yoafr<b i=1...m o=1...,p (A43.1)
s.t.j=1 °

7 >0 j=1,...n (A.43.2)
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We have just shown how to take into account some uncertainty about the
coefficients a;; of program Py 4. Let us now consider how to take into account
uncertainty about the coefficients of the economic function, ¢; Consider the linear
program P, 4o where the coefficients ¢; are uncertain. We consider a set of possible
scenarios, Sc = {sc,,scs,. . .,s¢,}, and denote the value of the coefficient c¢; in the case
of the scenario sc,, as c¢. Several robustness criteria can be considered (see, for
example, Kouvelis and Yu, 1997). We consider here a “max—min” criterion to
measure the quality of a solution. In this approach, a solution is better than all
others if its worst performance — over all scenarios — is better than the worst per-
formance of all other solutions. We first illustrate this robustness criterion on an
optimization problem in graphs (example A.10) and then formulate the search for an
optimal robust solution for program P, 4o with this robustness criterion.

Example A.10. Let us consider the problem of the path of minimum value in a graph
with uncertainty in the arc values, this uncertainty being modelled by a set of possible
scenarios. Note that this is a minimisation problem unlike program Py 43. Let G =
(X, U) be a graph where X = {m,...,z,} is the set of vertices and U = {ay,..., an},
the set of arcs. Let Sc = {sc,scs,. .., sc,} be the set of possible scenarios. For each
scenario sc,, € Sc, the value of the arc a; € U is denoted by ¢. The objective is to
determine a path of minimum value, from vertex x; to vertex z,, the value of a path
being equal to the sum of the value of its arcs. Here, we use a min—max criterion, i.e.,
we consider the problem of determining, among all the paths in the graph from z; to z,,
the one whose maximal length, over all the scenarios, is minimal. It is obviously
possible to consider other criteria to take into account this uncertainty on the arc
values. Let us consider an example of the problem with two scenarios.

The considered graph is represented by figure A.3 where each double arrow
connecting two vertices z; and z; actually corresponds to the 2 symmetric arcs (z;, z;)
and (z;, z;) with identical associated values. For each arc in the graph, the values for

Fic. A.3 — A symmetric graph with 4 vertices. The value of each arc depends on the scenario
and is indicated in brackets next to the arc: (value in the scenario sc, value in the scenario
scz). For example, the value of the arc (3, z;) and the arc (24, 23) is equal to 1 for the scenario
scy and 0 for the scenario scs.
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TaB. A.2 — List of all elementary paths, from z; to zy, in the graph of figure A.3, with their
values in both scenarios.

Name of the  Description of the  Value of the path in the  Value of the path in the

path path scenario sc; scenario sco
m T — Ty — I3 — Iy 2 1
Ty T Xy 1 3
T3 R 4 3
Ty T — a3 Xy 3 1
s T — Xy 3 2

the scenarios sc; and scy are given in brackets (arc value for the scenario scy, arc
value for the scenario scy). Let us determine the optimal robust solution, by
enumeration. Table A.2 gives, for all elementary paths from z; to x4, their respective
values in both scenarios.

We can deduce from table A.2 that, in this example, the optimal path is
m, = 1 — T» — 23 — 14 and the optimal value is equal to 2.

The program for determining an optimal robust solution of program Py 4o, when
the coefficients of the economic function, c;, are uncertain, is Py 44.

max o
< Y P w=1,..,p (A44.1)
=1

Paua: | J
SIS agm <, i=1,..,m (A.44.2)
=1

z; >0 j=1,..,n (A.44.3)

Choosing the best possible solution in the worst-case scenario can have a sig-
nificant drawback. Indeed, if one of the scenarios is very pessimistic — regarding the
value of the economic function coefficients —, then the solution chosen will essentially
take into account this single scenario. To overcome this disadvantage, other criteria
can be chosen to evaluate a solution of P 4o when the coefficients of the economic
function are uncertain. For example, we may be interested in the solution that
minimizes the largest relative gap or “regret” — over all scenarios — between the value
of the selected solution and the value of the optimal solution in the scenario under
consideration. To solve this problem, one must first determine the optimal solutions
in each scenario, i.e., solve program Py 45(®) for each scenario, i.e., for o = 1,..., p.

n

max c;%’_qyj

J=1"
Paas(w) : n |
S.t. jzzl aijmj S bz t= ]'7' - Mm (A45o)1)

7>0 j=1,...n (A45,2)

Let V*® be the optimal value of program Py 45(w) — for the scenario sc,. The
optimal robust solution can be determined by solving program P 4.
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min o
o> <V*“’ -2 c}":a)/V*“’ w=1,.,p (A.46.1)
Paas: =1
v
® Z aljxjgbi 1= 1,...,m (A462)
j=1
;>0 j=1..,n (A.46.3)

Robust optimization is a rapidly growing branch of mathematical optimization
that attempts to solve an optimization problem by taking into account as best as
possible the various uncertainties that affect it. For a more detailed presentation of the
basics of this optimization field, the reader can consult the references cited below.
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A.9 Set-Covering and Set-Partitioning Problems

We consider a set of elements, E = {ei,e,...,e,}, and a set of parts of E,
F={F,F,, .., F,}. With each element, F}, of F is associated a cost, c¢; The set
covering problem consists in determining a subset of F, of minimal cost, which covers
all the elements of E. In other words, the set covering problem consists in deter-
mining XCF such that U;. FJGXF]- = F, and which minimizes the cost of X, that is
the quantity Zj: Fex G The set X is said to be a cover for F.

One can also look at minimal covers in the inclusion sense. A cover, X, of F is
minimal in the inclusion sense if there are no other covers of E strictly included in X.

Mathematical program associated with the set-covering problem. With each ele-
ment F;of F, is associated a Boolean variable, z;, which, by definition, is equal to 1 if
and only if F}is selected to form the minimal cost cover, X, of E, i.e., if F; € X. Let J;
be the set of indices j belonging to {1,...,n} and such that e; € Fj. The set-covering
problem — finding a minimal cost cover — can be formulated as the linear program in
Boolean variables P 47.
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n
min Y ¢z
=1
Paar: EZ}ZI i=1
s.t.|jedi
5e{0,1} j=1...n (AA472)

oom (AAT1)

If the inequality constraints in P, 47 are replaced by equality constraints, the
resulting program is associated with what is called a set-partitioning problem. This
problem indeed consists in determining a set of elements of F of minimal cost, and
which form a partition of E.

Example A.11. Consider the set-covering problem in which F = {ey, es, €3, €4, €5},
F= {Fla FQaF37F4} Wlth Fl = {613 62}) F2 = {627 €3, 6-5}? F3 = {627 €4, 65}7 F4 -
{es, e} and ¢ = {3,4,5,2}. The associated linear program in Boolean variables is
Pa s

min 3z +4x + daz + 21y

Paus: n>1 | m4+m>1
Stm+m+a>1 | mt+a>1
T4z >1 | @, 2, 23,24 € {0,1}

The very particular structure of the programs associated with set-covering and
set-partitioning problems make that many simple and effective pre-processing
operations are possible. Suppose, for example, that the set of indices, J,, appearing
in a constraint ris contained in the set of indices, J,, appearing in a constraint s. In
the case of the set-covering problem, constraint s can be removed. In the case of the
set-partitioning problem, we can set to 0 all variables whose indices belong to J
without belonging to J,, and remove the constraint s. Thus, in program P, 4s, the
second constraint can be removed. Furthermore, the resolution of the continuous
relaxation of P 47 often results in an optimal solution in which all the variables take
integer values — 0 or 1. The continuous relaxation of program P, 47 is obtained by
replacing in this program the constraints z; € {0,1}, j = 1,..., n, by the constraints
0<2;<1, j=1,...,n. If this happens, the resolution of P, 47 is particularly easy
since it can be deduced that the optimal solution of the continuous relaxation of
Pa 47 — a continuous linear program — is the optimal solution of Py 47.

Set-covering and partitioning problems are two important issues in operations
research with many applications. For more information on the different properties of
these problems and how to approach their resolution, the reader can consult the
references mentioned below.
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A.10 Elements of Graph Theory

An undirected graph, G, is a pair, (X, E), composed of a set of vertices,
X =A{z, 1, ..,2,}, and a set of edges, F, each edge connecting two vertices of
X called the ends of the edge. In general, two vertices can be connected by more than
one edge. If this is the case, we are dealing with a multi-graph. In the rest of this
section we consider simple graphs. In such graphs, two vertices are connected by no
more than one edge and there is no loop, i.e., an edge whose two ends are identical.
Each edge is therefore defined by a pair of distinct vertices, {z;, zj}. The two vertices
7; and 7; are said to be adjacent. The degree of a vertex is equal to the number of
edges of which this vertex is one end. An adjacency matrix can be associated with
G. It is a n X n-matrix, M, whose general term, m,;, is equal to 1 if and only if
vertices x; and z; are adjacent. If these two vertices are not adjacent m;; = 0.

A directed graph — or oriented graph — G is a pair, (X, A), composed of a set of
vertices, X = {z1, ;,...,2,}, and a set of arcs, A, each arc being defined by a —
oriented — pair of vertices, (z;, ;). One says that z; is the initial end of the arc, that z;
is its terminal end, that z;is a predecessor of x;, and that z;is a successor of z;. An arc
whose two ends are identical is called an oriented loop. We are interested here in
oriented graphs without loops — oriented — and for which, for any pair of vertices
(z;, z;), there is at most one arc going from z; to z;. The indegree of a vertex is the
number of arcs of which this vertex is the terminal end, and the outdegree of a vertex
is the number of arcs of which this vertex is the initial end.

Graphs are so named because they can be represented graphically. Each vertex is
represented by a point, each edge by a line connecting its ends, i.e., two points, each
arc by an arrow from its initial end to its terminal end. A graph can be drawn in
several ways: the positions of the points representing the vertices and the shape of
the lines or arrows connecting these vertices can vary.
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Let G = (X, U) be a directed or undirected graph. An induced sub-graph of G is
a graph having for vertices a subset, X, of the vertices of G, and for arcs /edges only
those of G joining the vertices of X; a partial sub-graph of G is a graph having for
vertices a subset, X, of the vertices of G and for arcs/edges a subset of those of
G joining the vertices of X. In an oriented graph, a path originating at z; and ending
at z; is defined by a sequence of consecutive arcs, connecting z; to z;. If z; and z; are
identical, then we have a circuit. In the oriented graph in figure A.4, the 3 arcs
(22, 23), (23, 24), and (24, 22) define a circuit.

In a graph, oriented or not, a chain connecting z; to z; is a sequence of arcs or
edges placed end to end, and connecting these two vertices. A chain connecting z; to
z;is a cycle if ; and z; are identical and if the edges of the chain are all distinct. The
length of a chain is the number of edges or arcs that compose it, and the length of a
path is the number of arcs that compose it. In the undirected graph of figure A.4, the
4 edges {z1, 12}, {22, 15}, {25, 2}, and {1y, 15} form a chain connecting vertices x;
and 12z and in the directed graph of the same figure, the 4 arcs
(22, 11), (22, 23), (23, 24), and (x5, 24) form a chain connecting these same two vertices.

A graph — oriented or not — is connected if and only if any pair of vertices is
linked by a chain. The distance between two vertices of a connected graph is the
length of the chain that links them, with the smallest number of edges — or arcs. The
diameter of a connected graph is the greatest distance between two vertices of that
graph, among all pairs of vertices. A real value — sometimes called a weight — can be
associated with each arc of G. The value of a path/chain is then equal to the sum of
the values of the arcs/edges that compose it. A connected component of a graph G'is
a sub-graph, Gy, of G, which is connected and maximal in the inclusion sense — no
other connected sub-graph of G contains Gj.

An oriented graph is strongly connected if and only if for any oriented pair of
vertices, (;, ;), there is a path from z; to z;. A strongly connected component of an
oriented graph, G, is a sub-graph, G, of G, which is strongly connected and max-
imal in the inclusion sense — no other strongly connected sub-graph of G contains Gg.
The two graphs in figure A.4 are connected. The sub-graph of the oriented graph in

Fic. A.4 — An example of an undirected graph and a directed graph with 7 vertices. Here, a

double arrow connecting two vertices z; and x; — for example 2, and 2; — means that the graph
includes an arc from z; to z; and an arc from z; to ;.
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this figure, induced by the vertex set {a», 3, x4, 75, 25, 27}, is a strongly connected
component of this graph.

A tree is an undirected graph that has no cycle and is connected (figure A.5).
A tree can be defined in many ways. For example, G is a tree if G is without cycles
and has n—1 edges, or G is a tree if G is connected and has n—1 edges — n denotes the
number of vertices of the graph.

If in a tree a particular vertex, r, is chosen and the edges of this tree are oriented
so that there is a — unique — path from r to all other vertices, one obtains an
arborescence of root r (figure A.6).

We can also define an arborescence as an oriented graph without circuits
admitting a particular vertex, r, called root, and such that there is a single path from
r to all the other vertices of the graph.

Given a connected undirected graph, G, a spanning tree of G is a partial
sub-graph of G whose vertices are those of G, and which is a tree. A classical
problem, when values are assigned to the edges of G, is to determine a spanning tree
of minimal value, the value of a tree being equal to the sum of the values of its edges.
There are efficient algorithms to solve this problem. One can also look at the

Fic. A.5 — An example of a tree with 7 vertices.

Fi1G. A.6 — An example of an arborescence constructed from the tree in figure A.5 and whose

root is vertex .
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Fic. A.8 — A connected undirected graph with values associated to each edge and a set of

mandatory vertices X = {x, 24, 27}.

spanning tree of minimal value in an oriented graph. The tree in figure A.7 is a
spanning tree of minimal value for the graph in figure A.8.

Consider an undirected graph, G = (X, E), and a subset of vertices, X, included
in X. With each edge {z;, z;} of E, is associated a positive or zero value. The Steiner
tree problem consists in determining a partial sub-graph of G that includes all the
vertices of X, which is a tree, and whose value is as small as possible. Recall that the
value of a tree is equal to the sum of the values of its edges. This problem is usually
difficult. Consider the graph in figure A.8. The values of the edges are shown next to
the edges. Suppose that the set X consists of vertices z;, 74, and 27 — the required
vertices. The Steiner tree of minimal value is given in figure A.9.

A transportation network is defined by an oriented graph, G = (X, A), with two
particular vertices, x;, which is the source of the network and z,,, which is its sink. To
simplify the presentation, it is assumed that no arc ends at z; and no arc starts at z,,.
Each arc in the graph has an associated capacity. It is assumed that there is no
useless vertex, i.e., for any vertex x; of X, there is a path from z; to z, passing
through =z, In a transportation network, G, a flow is the assignment of a
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Fia. A.9 — A Steiner tree of minimal value (11) associated with the graph in figure A.8 when
the set of mandatory vertices is X= {z1, 24, 27}

[10] (6)

Fic. A.10 — A transportation network whose source is vertex z; and sink is vertex z;, and a
flow of value 13 on this network.

non-negative real value to each arc of G — the flow on that arc — which can be
interpreted, for example, as a quantity of matter transported on that arc, such that,
in each vertex, the sum of the incoming flows — on the arcs of which this vertex is the
terminal end — is equal to the sum of the outgoing flows — on the arcs of which this
vertex is the initial end. This flow must take into account the capacity assigned to
each arc, this capacity reflecting an upper limit of the flow allowed on that arc.
The value of the flow is equal to the sum of the flows emanating from z; or entering
z,. It is easy to show that these two quantities are equal. A classical problem, for
which efficient algorithms exist and which has many applications, consists in
determining a flow of maximal value on the considered network. Let us consider the
transportation network in figure A.10. The capacities of the arcs are given in square
brackets next to the arcs. A flow from z; to a7, of value 13, is shown in figure A.10.
The corresponding flow of each arc is noted between brackets next to it.
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41 @

[71(6)

Fia. A.11 — A flow of maximal value (15) on the transportation network in figure A.10.

The flow indicated in figure A.10 is not a maximal flow because there is a flow
with a value of 15 from z; to 27 (figure A.11). It can be shown that the value of this
new flow is maximal.

Publications concerning graph theory, a branch of mathematics in its own right,
are extremely numerous. For more information on the basic notions of this very
dynamic discipline, the reader can consult the references cited below.
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A.11 Markov Chains

A Markov chain allows to model the dynamic evolution of a random system with
N states, S1, Ss,..., Sy- The system — or the chain — is initially in one of the states,
and passes successively from one state to another. Each movement constitutes a step
or a transition. If the chain is, at a given instant, in state 5;, then it passes into state
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S;, at the following instant with a probability denoted by p;;, and this probability
does not depend on the state in which the chain was previously — nor on the con-
sidered instant for a homogeneous chain. The probabilities p;; are called transition
probabilities. The process can also remain in state S; in which it was, and this
happens with a probability p;. If this probability is equal to 1, state S; is said to be
absorbing. The set of these transition probabilities constitutes the transition
probability matrix. A graph can be easily associated with this matrix. Figure A.12
presents such a graph for a chain defined on 5 states. Note that, for all s € {1,..., N},
Sripy=1.

The starting state of the chain is defined by the initial probability distribution of
states Si, S,..., Sy. This is often done by specifying a particular state as the starting
state. Markov chains allow a large number of situations to be modelled in a variety of
fields. The study of a Markov chain aims at studying the evolution of the system
described by this chain. One can be interested, for example, in the probability of
being in state S; at the end of p transitions when the initial state is S;. One can also
seek to determine the probability distribution of the states after a very large (in-
finite) number of transitions — if this limiting distribution exists. One can also be
interested in the probability of entering state S; for the first time after p transitions,
starting from state S;. Some chains are said to be absorbing. In this case, there is at
least one absorbing state and, from any non-absorbing state, an absorbing state can
be reached in one or several transitions. For any absorbing Markov chain and for any
starting state, the probability of being in an absorbing state after p transitions tends
to 1 when p tends to infinity. In such chains, one can look at the probability of
ending up in a given absorbing state — if there are several absorbing states — or at the
expected number of transitions through the non-absorbing state S, starting from the
non-absorbing state .S;, before ending up in an absorbing state. One can also look at
the number of transitions it will take on average to reach an absorbing state, taking
into account the initial state of the chain.

P24

P12
P13

Fic. A.12 — Graph associated with a Markov chain with 5 states S;, Ss,..., Ss. If, at the time
n, the chain is in state Ss, then at the time n + 1 it will be in one of the 2 following states:
again in state S; with the probability pss or in state S; with the probability ps,
(Psa + ps5 = 1).
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Example A.12. Consider a Markov chain with the 5 states, S, S, S3, S4, and S5, and
whose transition probability matrix is the matrix M below. The value at the
intersection of row i and column jis the transition probability from state S; to state
S;, i.e., the probability p;. Thus, when the chain is at the instant n in state Ss, it can
be at the instant n + 1 either in state S;, with the probability 0.4, or in state Ss,
with the probability 0.4, or in state S;, with the probability 0.1, or in state Ss, with
the probability 0.1. This chain has 3 transient states, S, S5, and S, and 2 absorbing
states, S; and Ss5. A state is transient if the system, being in this state, may not
return to this state.

04 05 0 0 0.1
0 0.5 03 01 0.1
M=104 0 04 01 041
0 0 0 1 0
0 0 0 0 1

Let us denote by Z the sub-matrix of transition probabilities between transient
states and by D the sub-matrix of transition probabilities from a transient state to
an absorbing state. In this example,

04 05 0 0 01
Z=10 05 03 and D=1{01 0.1
04 0 04 0.1 0.1

Let us denote by 7;; the expected number of passages through state 5; - transient
— starting from state S; — transient — before absorption, and by IT the matrix whose
general term is 7;. We can show that II= (I—Z)71 where [ designates the identity
matrix of the same dimension as Z. In our example, II is equal to the inverse of the
matrix

1-04 —05 0 25 25 125
I-Z=1{0 1-05 -03 |, de, N=|1 3 15
—04 0 1-04 5/3 5/3 2.5

Thus, starting from state S,, the system will go on average 3 times through this
same state before absorption. Let us now look at the probability, being in state S;,
i=1, 2, 3, of ending up in the absorbing state S}, j = 4, 5. Let a;; be this probability
and A be the matrix of general term a;;. We can show that A = I1.D. In our example,

0.375  0.625
A={045 055
1.25/3 1.75/3

Thus, starting from state 57, the system will end up in the absorbing state S
with a probability equal to 0.625.

Markov chain theory has proven to be very effective in modelling and studying
many concrete or theoretical random phenomena. For a more detailed presentation
of this theory the reader can consult the references cited below.
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