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Abstract 

The core research objective in this thesis is to address the ways in which 

Customer Experience (CX) emerges through the combinational effects of multiple 

customer interactions at touchpoints and their resulting CX responses.  The 

empirical study designed in this work is positioned to build upon existing literature 

within the Service Management field. According to extant work, CX can be viewed 

from both the provider’s perspective (e.g. ‘intended’ or designed), and the 

customer’s perspective (e.g. ‘realised’ or subjective). The thesis integrates both 

accounts through the presentation of a new conceptual model which forms the 

basis for the design of the empirical study.   

Several limitations are addressed in this work. First, building on the notion 

that CX emerges across multiple touchpoint interactions (Lemon and Verhoef, 

2016) the study explores the impact multiple interaction types, and their 

associated responses, have on overall CX. Extant studies have tended to view 

CX at single touchpoint interactions (Becker and Jaakkola, 2020). CX emerges 

across multiple touchpoint interactions, which each induce responses in the 

customer. As it stands, little is known about how this process occurs, or the 

relationships which exist between customer interaction, customer response, and 

overall CX. Second, the study widens the field and its understanding of the 

servicescape from an ‘unbounded’ perspective (Rosenbaum and Massiah, 2011). 

Traditionally, studies have explored CX through the impact of provider-owned 

touchpoints, predominantly within bounded service sites. The study addresses 

requests to explore the impact of wider, non-provider-controlled touchpoints on 

overall CX (Kandampully et al., 2018). Relating to this aim, very little existing work 

deals with the impact of natural servicescape touchpoints on CX. The case 

studies in this work have been chosen for their suitability to address this gap.   
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The study employs a comparative case study approach from the cultural 

heritage sector. Text mining (TM) and text analytics (TA) techniques are employed 

to capture and assess CX elements found within customer feedback data from 

an online review depository. Contrary to existing work in this field, the study 

employs a three-step annotation process to concept classification which can 

ensure rigour in the results. The purpose of the analysis process is to capture 

patterns of CX responses and customer interactions within the data and assess 

their relationship to overall CX ratings. Both quantitative measures (e.g. statistical 

analysis) and qualitative measures (e.g. verbatim text analysis) are used to 

explore a number of key questions relating to the core research objective.  

The empirical study performed in this work results in several key findings. 

The study finds that CX arises as a combination of customer interactions and CX 

responses, with each pattern impacting the overall experience in different ways. 

Results suggest that pattern prevalence and prominence are not core drivers of 

customer rating, but rather that significance measures need to be employed. 

From a customer perspective, negative CX responses have a stronger effect on 

overall CX rating than positive responses. These can be induced through 

touchpoint interactions beyond the control of the provider. The emotional content 

of the experience is key, with customer surprise, anger, and sadness significantly 

impacting CX to a greater degree than other discrete emotions. The findings 

suggest that customer expectations play an important role in the delivery of CX. 

Customer expectations can be used to make sense of the differences in terms of 

patterns and the statistical significance of their relationship to CX rating. Several 

potential avenues for future work to further develop these themes are put forward 

in the final stages of the thesis.  
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List of Definitions 

▪ Big data: Information assets which are characterised by their high volume, 

velocity and variety which requires specific methods (technology and analytical) 

to transform into valuable insights (De Mauro et al., 2016).  

 

▪ Built touchpoint: A touchpoint which is controlled and manufactured by the 

provider or another entity (e.g. another organisation, private owner). 

 

▪ Cognitive CX responses: Responses which refer to mental capacities. 

 

▪ Cultural heritage: Includes both tangible heritage – “movable cultural heritage 

(paintings, sculptures, coins, manuscripts), immovable cultural heritage 

(monuments, archaeological sites, and so on), underwater cultural heritage 

(shipwrecks, underwater ruins and cities)”; and intangible heritage – “oral 

traditions, performing arts, rituals” (Definition of the cultural heritage, UNESCO, 

n.d).  

 

▪ Customer: The person (or people/ entity) who interact with the service provider 

to benefit from the service being offered (Sampson and Spring, 2012).  

 

▪ Customer journey: The total sum of interactions a customer has over time during 

the purchase cycle and across multiple touch points (Lemon and Verhoef, 2016).  

 

▪ Customer experience (CX): CX is a multidimensional concept which is comprised 

of patterns of customer interactions and responses which occur across the 
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customer journey and combine to create overall CX (Meyer and Schwager, 2002, 

Lemon and Verhoef, 2016).  

 

▪ Customer value: Benefit or increase in customer wellbeing (Hardyman et al., 

2019) 

 

▪ Data mining: The process of analysing a large collection of information to discern 

trends and patterns (Han et al., 2011).  

 

▪ Digital touchpoint: Touchpoints which include digital elements of virtual spaces 

(e.g. websites, social media adverts, online live-chat functions).  

 

▪ Emotional CX responses: Responses relating to positive and negative feelings 

that include joy, trust, surprise, interest (positive), or anger, sadness, fear, disgust 

(negative). 

 

▪ Intended customer experience: The proposed outcome of the Service Design 

process as intended by the provider (Ponsignon et al., 2017) 

 

▪ Interactions: The engagement between a customer and service provider within 

a service context, including people, objects, processes, and environments (Gupta 

and Vajic, 2000, Bagdare and Jain, 2013).  
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▪ Natural heritage: Includes “natural sites with cultural aspects such as cultural 

landscapes, physical, biological or geological formations” (Definition of the 

cultural heritage, UNESCO, n.d).  

 

▪ Natural touchpoint: Touchpoints which are part of the non-human living (e.g. 

plants, animals) or pre-existing and non-controllable (e.g. sea, sky) stimuli of the 

natural environment. 

 

▪ Physical CX responses: Responses that are physiological and resulting customer 

behaviours. 

 

▪ Realised customer experience: The internal and subjective response customers 

have in response to interactions with a service offering (Meyer and Schwager, 

2007).  

 

▪ Sensorial CX responses: Responses relating to the bodily senses (e.g. sight, 

hearing, touch, taste, smell) and atmospheric perceptions regarding places. 

 

▪ Sentiment analysis: The study of opinions, sentiments, and emotions expressed 

in text using computational techniques and processes (Ortigosa-Hernández et al., 

2012). 

 

▪ Service: The application of resources for the benefit of another or oneself (Vargo 

and Lusch, 2004).  
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▪ Services: Economic activities which create value for customers because of 

bringing about a desired change in – or on behalf of – the service recipient 

(Lovelock and Patterson, 2015).  

 

▪ Servicescape: The physical, social, and natural environmental dimensions of a 

service setting (Fisk et al., 2016).  

 

▪ Service concept: The benefits that the service is expected to offer to the 

customer (Edvardsson et al., 2000) also referred to as the “value proposition” 

(Heskett, 1987, Brohman et al., 2009). 

 

▪ Service Design: The area of study involved in the creation, design, or 

improvement of services (Sangiorgi and Prendiville., 2017). 

 

▪ Service encounter: The moments of interaction between the customer and 

service provider, which can include physical or virtual interfaces (Bitner et al. 

2000). 

 

▪ Service provider: The entire concrete ‘service interface’ with which the customer 

interacts, including service personnel, physical environment, service processes or 

technology (Larivière et al, 2017). 

 

▪ Social CX responses: Responses about human interactions. 
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▪ Social touchpoint: All human entities (staff, and other customers including 

crowding and social density). 

 
 

▪ Text analytics: The process of deriving high-quality information from text using 

data mining (linguistic, statistical, and machine learning) techniques.  

 

▪ Touchpoints: The points of “human, product, service, communication, spatial, 

and electronic” interaction which together constitute the interface between a 

service provider and its customers over the course of the customer journey 

(Dhebar, 2013). 

 

▪ Value Constellation: Networks in which organisations create value and satisfy 

customer needs (Normann and Ramirez, 1993).  
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Abbreviations 

B2B – Business to business 

B2C – Business to consumer 

CEM – Customer experience management 

CERs - Customer experience requirements 

CX – Customer experience 

ICR – Intercoder reliability 

IHIP - ‘Intangibility’, ‘Heterogeneity’, ‘Inseparability’, and ‘Perishability’ 

LIWC - Linguistic Inquiry and Word Count  

NLP – Natural Language Processing 

SDL – Service dominant logic 

TA – Text analytics 

TCE – Total customer experience 

TLA – Text link analysis 

TM – Text mining 

VADER - Valence Aware Dictionary for Sentiment Reasoning 

WOM – Word of mouth 
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Chapter One – Introduction  

 

1.1 Background 

This thesis serves to further a conceptual and empirical understanding of 

the complex phenomenon of Customer Experience (CX). The thesis explores the 

relationships which exist between multiple customer interactions with touchpoints 

within the servicescape, the associated responses the customer has to these 

interactions, and how both combine to form overall CX.  

CX is increasingly understood as a source of customer value (Ng and 

Smith, 2012) and vital in ensuring customer loyalty, satisfaction, and positive word 

of mouth (WOM) (Pullman and Gross, 2004). Currently, CX has been studied 

both from the perspective of the realised and the intended experience (Ponsignon 

et al., 2017). The realised experience focuses on the customer’s subjective 

responses (Gentile et al., 2007), and the intended experience focuses on the 

design of the proposed experience which is engineered by the provider (Roth and 

Menor; Voss et al., 2008). 

Existing literature states that realised experience is interactive (e.g. 

Meyer and Schwager, 2007), subjective (e.g. Holbrook, 1999), multi-

dimensional (e.g. Lemon and Verhoef, 2016), dynamic (e.g. Verhoef et al., 

2009), holistic (e.g. Gentile et al., 2011), and contextual (e.g. De Keyser et al., 

2020). Current scholarship in relation to the intended experience dictates that CX 

occurs at any point that the customer has a sensation or acquires knowledge 

through their interaction with elements of a context created by a service provider 

(Pullman and Gross, 2004). When discussing how to design ‘for’ CX, focus has 

rested on individual customer touchpoints and interactions which are bounded 

within the servicescape. Models of Service Design have been developed which 
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focus on how customer touchpoints can be designed and managed with the 

intention of enhancing the service proposition (e.g. Voss et al., 2008; Patrício et 

al., 2011).  

1.2 Rationale 

This thesis synthesises literature concerned with realised CX (Chapter 

Two), and intended experience (Chapter Three), proposing a new conceptual 

model for exploring CX (Figure 8). This synthesis is vital to overcome an 

important limitation in the existing literature, where little is known about how 

multiple customer interactions at touchpoints lead to CX responses, and how 

these combine to form overall CX (Becker and Jaakkola, 2020; Lemon and 

Verhoef, 2016). Closing this gap is the core research objective taken in this thesis.  

These existing limitations are addressed by taking an extended approach 

to understanding the servicescape (Rosenbaum and Massiah., 2011), 

encompassing built, social, and natural realms. This approach allows the wider 

impact of customer interactions with natural touchpoints to become a core focus, 

which has largely been missing from the Service Management literature. This 

overcomes the constraints found with taking a ‘spatially bounded’ notion of the 

servicescape (e.g. Bitner, 1992) where important elements that impact CX, but 

are not under the control of the provider, are not accounted for. The proposed 

approach offers a way to theoretically address recent calls for conceptualising the 

customer journey as made up of various touchpoint interactions which are defined 

through the customer’s own viewpoint, rather than being designed and controlled 

by the provider (Lemon and Verhoef, 2016, Zolkiewski et al., 2017).  
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1.3 Research Questions 

The study will explore how customer’s respond to different servicescape 

touchpoints in cognitive, emotional, sensorial, and social ways, and how these in 

turn have a combined effect on the customer’s overall CX. This complex web of 

relationships is, currently, not well understood within extant literature. The 

research addressed in this work is vital for ensuring that CX can be appropriately 

managed for competitive advantage.  

 

The thesis addresses the following core research questions: 

Research Question 1a: How do customer interactions at multiple 

touchpoints effect customer experience responses?  

Research Question 1b: How do customer experience responses to 

multiple touchpoint interactions combine to effect overall customer experience?  

Research Question 2: What effect do interactions within an ‘unbounded’ 

servicescape have on overall customer experience?  

 

1.4 Overview of Methodology 

The core research objective of this thesis is to understand the effect which 

CX responses at multiple servicescape touchpoints have on the customer’s 

overall experience (Becker and Jaakkola, 2020; Lemon and Verhoef, 2016). 

Customer feedback data is utilised from two cases within the cultural heritage 

sector to further explore the notion of the unbounded servicescape, addressing 

the core research objective. The study will follow a mixed methods approach 

using a theoretical replication comparative case design (Yin, 2014). The 

methodological approach utilised the application of text mining (TM) and text 

analytics (TA) techniques to analyse customer feedback data. Currently, within 
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the CX literature, authors have begun to utilise emerging technologies in TM and 

TA to gain new insights from customer feedback data (e.g. McColl Kennedy et al., 

2019; Zaki and Neely, 2019; Ordenes et al. 2014). This research is increasingly 

important in today’s digital landscape, where customer feedback forums are 

becoming more commonplace and where vast quantities of customer data are 

available in an unstructured and unsolicited format (Holmlund et al., 2020). User 

generated content, in the form of customer reviews and social media comments, 

offer a new avenue for gaining insights into CX. Such methods can overcome 

potential costs (e.g. time and money) of garnering insights into customer 

opinions. This has traditionally been problematic when using more traditional 

methods such as questionnaires and participant observations (Becken et al., 

2019). 

The case studies were chosen based on theoretical reasoning 

(Eisenhardt, 1989). This process included alignment with the proposed 

conceptual model and alignment with the core research questions. Both cases 

were taken from the cultural heritage sector. They include a wide spectrum of 

experiential CX responses, and interactions with multiple servicescape types, 

aligning them to the conceptual model and making them suitable cases for 

exploring RQ1a and RQ1b. Case Study 1 (a coastal path) represents an 

‘unbounded’ servicescape offering, which opens out onto the natural landscape 

and covers a large physical expanse. Case Study 2 (a historical house and 

gardens) is a bounded offering, which includes both natural touchpoint 

interactions, and social (provider-customer) interactions with staff. This makes 

the cases suitable for offering insights into RQ2.  
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1.5 Research Significance  

Several core contributions originate from the work conducted in this thesis, 

which can be divided into theoretical and methodological contributions. It also 

includes important managerial implications for both the cultural heritage sector, 

and service sector more generally.  

Several theoretical propositions are made in relation to the findings, which 

can be tested through future research. Firstly, CX is a multidimensional 

phenomenon (Gentile et al., 2007). The proposed conceptual model serves as a 

tool for conceptualising CX, synthesising both the notions of the realised and the 

intended experience that are found in the literature (Ponsignon et al., 2017). This 

offers a tool for researchers wanting to assess CX as multi-dimensional and 

arising from multiple combined interactions. The study empirically demonstrates 

how CX dynamically emerges through multiple customer interactions and their 

resulting customer responses (Lemon and Verhoef, 2016, Becker and Jaakkola, 

2020).  

Despite the multidimensionality of CX, the study proposes that not all 

interactions, and their responses, are equal. This means that some show a 

stronger relationship to CX than others.  For example, negative responses to the 

servicescape tend to produce bigger effect sizes than positive responses when 

they are assessed in relation to the customer’s overall CX rating score.  

The study proposes that researchers should take an unbounded approach 

to viewing the servicescape. Touchpoints found beyond the control of the provider 

are shown to significantly impact CX from the customer’s perspective (Zolkiewski 

et al., 2017, Becker and Jaakkola, 2020).  

Future work must pay close attention to the emotional dimension of 

experience. Findings in this work confirm that emotions are vital in determining 
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the overall experience a customer has.  The work demonstrates that it is 

important to theoretically distinguish between emotional types when studying CX 

(McColl Kennedy et al., 2019, Kranzbühler et al., 2020).  

Finally, the work proposes that CX is firmly rooted in customer 

expectations. The relative effect sizes of different patterns of customer 

interactions and CX response can be rationalised through customer expectations, 

suggesting these are vital in determining overall CX. Most important for delivering 

overall CX are those interactions which either lead to negative surprise (e.g. 

interactions that lead to unwanted and undesirable responses) and positive 

surprise (e.g. interactions and their responses which go above and beyond what 

was expected).  

From a methodological perspective, the study has demonstrated the 

benefits of utilising TM and TA techniques for the study of CX, showing how it is 

possible to both identify and analyse core elements of CX found within the 

proposed conceptual model. The work shows how it is vital, when assessing 

customer feedback data, to look beyond the frequency of concepts. Instead, 

relevant patterns of CX responses and customer interactions should be assessed 

in terms of their relationship with overall CX (e.g.  Kranzbühler et al., 2020). By 

categorising core concepts into relevant CX vocabularies, the study produces a 

CX library that can be adapted and reused in similar contexts to further enhance 

an understanding of CX responses and customer touchpoint interactions.  

The thesis concludes with several managerial implications which arise 

through the case study findings. Managers must identify key ‘pain points’ (McColl 

Kennedy et al., 2019) which result in negative CX responses. These pain points 

should be identified by taking a customer-led view, identifying key pain points that 

are important to the customer, rather than those defined by the provider 
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(Zolkiewski et al., 2017). Following this process is important to enable the CX to 

be improved or enhanced. In the cultural heritage sector, overall CX is found to 

be impacted by wider services and facilities beyond that of the core offering. This 

is found to be the case regardless of whether these wider facilities are under 

provider control. It is important within the cultural heritage sector to move beyond 

an intention to deliver education and learning experiences (Sepe, 2015). Instead, 

providers should first minimise the effect of negative responses which hinder the 

customer’s ability to engage in their desired activities and aim to achieve surprise 

(rather than mere satisfaction) in unexpected ways. In unbounded servicescapes, 

it is also important that the correct communications are made which inform 

customers in terms of what they can expect from the service offering, which may 

vary depending on physical locality.  

The study uses unsolicited customer feedback data provided by 

individuals in an unstructured format. It assumes that this data is correct, in that 

the customers are describing, to the best of their ability, an honest appraisal and 

description of their experiences with the case studies in question. These 

comments are made after the experience itself, and therefore constitute the 

remembered experience which is relayed by the customer and within the given 

context of an online review. Findings have not been tested beyond the context of 

the cultural heritage sector, and specifically the two cases studied across this 

work. It is concluded that the study highlights several core areas of interest which 

should be further advanced and explored across the Service Management field.  

 

1.1 Structure of thesis 

The remainder of the thesis will be organised as follows: 
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Chapter Two offers a synthesis of the existing (fragmented) accounts of the 

realised experience. The CX phenomenon is a complex concept. Existing 

conflicts within the literature occur because of the CX construct being viewed 

from different perspectives, rather than conceptual disagreements/ weaknesses. 

This chapter serves as a bedrock for studying CX in this (and future) CX works. 

The chapter emphasises the importance of understanding CX as a holistic 

concept, comprised of multiple dimensions. 

 

Chapter Three provides a synthesis of existing understandings concerning the 

intended experience – e.g. designing ‘for’ experience. Extant accounts do not 

include the complexities of CX from a realised perspective (e.g. multi-faceted 

CX). It is currently unknown how the complexities in the realised CX (CX 

responses) arise in relation to complexities in the servicescape (servicescape 

dimensions). The chapter gives an overview of the existing literature surrounding 

touchpoint interaction and the intended experience from a Service Design 

perspective. The chapter concludes by proposing a conceptual model to unite 

both the realised CX (Chapter Two) and the intended experience (Chapter 

Three). It proposes three research questions.   

 

Chapter Four gives an overview of the methodological approach taken in the 

study, including a summary of the data analysis process. It provides a rationale 

for the research context and research approach. It argues the appropriateness of 

taking a case study approach to analyses and introduces the two cases studies 

which are the focus of the study.  
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Chapter Five includes the presentation of two initial analyses taken with respect 

to both case studies and their associated data. The purpose of these analyses is 

to improve methodological rigour by exploring what it is possible to understand 

about CX and customer feedback data using existing TM and TA software tools.   

 

Chapter Six summarises the data preparation phase of the analysis which 

involves identifying, extracting, and categorising customer feedback data to 

obtain meaningful insights. This includes a description of the collaborative 

process for categorising the data, including tests for inter-coder reliability.  

 

Chapter Seven presents the analysis findings for the first case study in the 

comparative case study undertaken in this thesis. The case is shown to be 

dominated by positive emotional and sensorial responses. Negative responses 

are found to have a greater impact on rating than positive responses, with the 

built servicescape identified as a key pain point. 

 

Chapter Eight presents the analysis and findings for the second case study. The 

case is found to deliver wide responses in the customer, including cognitive, 

sensorial, emotional, and sensorial CX responses. Negative responses are 

confirmed to be most influential in terms of overall CX, with a number of pain 

points identified.  

 

Chapter Nine discusses the theoretical, methodological, and practical findings 

using a cross-case analysis approach. CX arises through the combinational effect 
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of multiple interactions and CX responses. Negative CX responses, the built 

servicescape, and customer expectations are explored as vital components in the 

design and management of CX. The chapter includes an in-depth discussion of 

the results. This includes a qualitative appraisal of the verbatim text associated 

with those patterns found to be significant.  

 

Chapter Ten develops the overall conclusions of the study. CX arises as a 

combination of customer interactions and CX responses. Different combinations 

of interactions and responses have a varying impact on overall CX. For instance, 

negative CX responses have a stronger relationship to CX rating than positive 

responses. The study confirms that touchpoints should be analysed from the 

customer perspective, not the provider perspective. It is vital to theoretically 

distinguishing between emotional types within a study of CX, with surprise, 

sadness, and anger being particularly vital for determining overall CX. 

Methodological and managerial contributions are also discussed. It is important 

to analyse data based on significance and not rely on prominence or prevalence. 

Identifying and mitigating pain points is vital in the management of CX. The 

chapter develops a discussion of limitations, how they have been overcome, and 

potential avenues for future research.  
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Chapter Two – Literature Review – The realised experience 

 

CX occurs through a process of customer interactions at multiple 

touchpoints across the customer journey. During this journey the customer 

responds in multi-faceted ways (Lemon and Verhoef, 2016). The study of CX is 

multi-disciplinary, including work from Marketing, Consumer Research, Service 

Management, and Branding (Becker and Jaakkola, 2020).  This thesis will assess 

the CX literature predominantly from the Service Management perspective. It also 

uses a wider interdisciplinary approach which is in line with the multi-disciplinary 

nature of existing CX research. For example, literature is drawn on from the 

Tourism field, where the study of tourist sites and travel-related services have 

been extensively studied in relation to the CX phenomenon.  

Within the Service Management literature, a distinction can be drawn 

between the ‘intended’ CX, that is designed and planned by the provider for the 

target customer, and the ‘realised’ CX, that is subjectively experienced by the 

customer (Roth and Menor; Voss et al., 2008; Ponsignon et al., 2017). The 

provider makes and implements design decisions with a specific intention for CX 

(Roth and Menor, 2003). However, the customers’ subjective experiences and 

perceptions can never be designed or controlled by the provider (Ponsignon et 

al., 2017). According to Zomerdijk and Voss (2010), although the provider is 

unable to design an experience, they can “stage the prerequisites that enable 

customers to have the desired experiences” (p.68).  Alignment between intended 

and realised CX is vital for ensuring customer satisfaction (Roth and Menor, 

2003). Contrary to extant literature, which predominantly takes either a realised 

or intended perspective to experience, the approaches should be bridged. This 
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will allow for a fuller understanding of the CX construct, including the ways it can 

be managed for competitive advantage.  

The literature review in this thesis will be separated into two parts to reflect 

both perspectives of experience. This chapter (Chapter Two) gives an overview 

of CX as realised by the customer, synthesising existing accounts and putting 

forward six core tenets. The following chapter (Chapter Three) synthesises 

accounts relating to Service Design ‘for’ CX which are based on the intended 

experience of the provider.  

The purpose of this literature review is to synthesise the extant literature, 

identifying any existing limitations within it (section 3.6.2), providing a theoretical 

framework for the proposed conceptual model (section 3.6.1) and subsequent 

study. The literature review offers a point of reference to critically evaluate 

findings with other scholarly works (Creswell and Creswell, 2017).  

Across the literature review, a narrative approach is taken to critique and 

summarise the body of knowledge which relates to CX within the Service 

Management field. To conduct this review, key words, and topics were searched 

for across the EBSCO and Google Scholar databases. A combined search was 

made for the following terms -  

 ("customer experience" OR "service experience" OR "consumer 

experience") AND ("touchpoints" OR "touch points" OR "moment of truth" OR 

"moments of truth" OR "interactions" OR "interaction" OR "customer journey" OR 

“encounter”) 

In addition, further authors and papers have been examined using a 

‘snowball’ technique. This ensured seminal papers and valuable, relevant work, 

were including within the review. This process was important because it became 
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apparent that there were numerous key authors and works which were key 

sources of influence, but which were not found in the original search results.   

2.1 Why is CX important?  

CX is an important construct within management, having consistently been 

found to be a key determinant of customer behaviour (Klaus and Maklan, 2013). 

CX has been identified as an antecedent of competitive advantage (Kranzbühler 

et al., 2018), important in terms of competitive differentiation (Verhoef et al., 

2009), and necessary for outcomes including loyalty, satisfaction, and positive 

word of mouth (WOM) (Pullman and Gross, 2004). This is illustrated in Table 1, 

which lists key outcomes that have been aligned to CX, including a selection of 

some of the studies and authors who have made this connection. These 

outcomes were selected to include all the concepts commonly found to be linked 

to the CX phenomenon across the literature review process. Table 1 illustrates 

the rationale behind interest in CX from a managerial perspective – designing 

and managing an exceptional experience leads to happy, satisfied, and loyal 

customers. Managers are increasingly becoming aware of the necessity of CX 

for creating value for the customer (Gentile et al., 2007) and determining the 

subsequent success of the company (Berry et al., 2002).  
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CX Outcome Example/s and Author/s Other authors (not exhaustive) 

Purchase and 
repurchase 

 Repurchase more likely when 
the CX of returning products is 
as “effortless” as possible – 
customer support and feedback 
are shown to be vital in 
managing the post-purchase 
CX (Kumar and Anjaly, 2017) 

Khalifa and Liu 2007; Puccinelli et 
al., 2009; Verhoef et al., 2009; 
Lemke et al., 2011; Rose et al., 
2013; Lemon and Verhoef, 2016 

Loyalty 

In both a B2B and B2C context, 
an emotional commitment can 
emerge when a customer feels 
"they looked after me in the 
past" and hence "I give 
something back" (Lemke et al., 
2011).  

Pullman and Gross, 2004; Verhoef 
et al., 2009; Klaus and Maklan, 
2013; Kim and Choi, 2013; Lemon 
and Verhoef, 2016; Chahal and 
Dutta, 2017; 

Word of Mouth 
(WOM) 

In the hotel industry, receiving 
positive lodging experiences 
increases likelihood tourists will 
share their experiences with 
others (Pourabedin and Migin, 
2015) 

Zeithaml et al., 1996; Pullman and 
Gross, 2004; Lemke et al., 2011; 
Klaus and Maklan, 2013; Chahal et 
al., 2015 

Satisfaction 

Customers who enjoy positive 
social experiences within the 
shopping mall context are more 
likely to be satisfied (Srivastava 
and Kaul, 2014) 

Pullman and Gross, 2004; Klaus 
and Maklan, 2013; Srivastava and 
Kaul, 2014; Roy et al., 2017 

Trust 

Guinness customers "wait for 
the perfect pint" to be poured, 
understanding this takes time to 
deliver the best taste 
experience (Frow and Payne, 
2007) 

Harris, 2007; Jain and Bagdare, 
2009; Rose et al., 2012, Roy et al., 
2017 

Brand equity 

 In a B2B context, it is through 
direct customer experiences 
with a firm, its employees, and 
brand which will impact overall 
brand equity (positively or 
negatively) (Biedenbach and 
Marrell, 2010) 

Berry, 2000; Xu and Chan, 2010; 
Sheng and Teo, 2012; Chahal and 
Dutta, 2017 

Table 1 - Outcomes of CX 

 

2.1.1 Customers desire experiences not goods 

CX is theoretically rooted in the literature which explores the phenomenon 

of value.  It is argued that customers create value through their experiences, 

rather than through the acquisition of goods (Ng and Smith, 2012). In terms of its 
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philosophical foundations, value can either relate to ‘goodness’ which is found 

within an individual (in an ethical sense), or externally to an individual (such as in 

another person, idea, or activity) (Ng and Smith, 2002).  It is the second 

understanding that has been of core concern within the CX literature. This has 

most frequently been expressed under the framework of Service Dominant Logic 

(SDL) and the shift from ‘value-in-exchange’ to ‘value-in-use’ (Vargo and Lusch, 

2004).  

Holbrook (1999) defines consumer value as “interactive, relativistic 

preference experience” (p. 5). This means that customer value concerns both the 

customer (who values) and the object (which is valued). As a relativistic 

experience, customer value concerns personal, comparative judgement for the 

customer. This judgement is always unique to the customer’s own personal 

context. Finally, as a preference experience, customer value embodies a 

preference judgement on behalf of the customer in question. This means it is 

seen as pleasing, favourable, positive, or good (Holbrook, 1999).  

SDL assumes that there is a difference between two types of resources - 

immaterial and dynamic resources (operant resources), and material and raw 

resources (operand resources). Operant resources include resources that 

produce an effect (e.g. skills and knowledge). As such, operant resources are 

used to act upon operand resources. Operand resources include the raw 

materials which need to be acted upon (or serviced) to produce an effect (Vargo 

and Lusch, 2004). In SDL ‘service’ is seen as a process rather than an output 

(Vargo and Akaka, 2009). The act of service (or ‘operant resources’) is thought to 

be the basis of all exchange. Under this logic, the customer and the provider 

interact together as mutual actors in shared, and often complex networks. Each 

network is made up of numerous resource integrators (Galvango and Dalli, 2014). 
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The provider cannot deliver value as such, but rather propose and co-create 

value propositions. Customers determine value through their experiences, and 

as part of their resource integrating activities (Gupta and Vajic, 2000). This means 

that the customer is always co-creator of value through resource integration (Ng 

and Smith, 2012).  

Each customer is unique in terms of the resources they possess, the ways 

in which they utilise these within the wider service network, and the experiences 

which they have as a result (Grönroos and Gummerus, 2014; Chandler and 

Lusch, 2015; De Keyser et al, 2015). SDL is a widely used logic for explaining 

how primacy should be given to the beneficiary of a service. True customer value 

can only be achieved through the customer’s own experiences. The SDL logic 

can be used to aid in the definition of the customer (section 2.3.1) and services 

(section 3.1).  

Within the CX literature, value is mostly framed as ‘phenomenological 

experience value’ (Ng and Smith, 2012).  Value is only created once the customer 

has consumed, experienced, and evaluated the provider’s offering within their 

own unique context (Akaka and Parry, 2019). However, value and experience are 

distinct concepts, with value best being understood as a separate perception 

about the experience and the value it is perceived to deliver (Turnbull, 2009). 

Goldstein et al (2002 pp.123- 124) define service experience as “the customer’s 

direct experience of the service”. Alternatively, they define service value as “the 

benefits the customer perceives as inherent in the service weighed against the 

cost of the service”.   

In this thesis, both the customer’s realised experiences and their overall 

perceptions of these experiences will be discussed. For example, the customer 

can make an overall evaluation of their total experience using CX ratings. It is 
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important to be clear that the realised experience itself (in the form of subjective 

responses) and the resulting value of these experience (as determined and 

evaluated by the customer) are conceptually distinct.  

 

2.2 What is CX? 

A large part of current CX scholarship concerns debate around how CX 

should be defined and theoretically constructed (e.g. Schmitt, 2011, Kranzbühler 

et al., 2018). CX originates through a series of interactions between a customer 

and a service provider (Gentile et al., 2007). CX has been defined as the 

customer’s “personal interpretation of the service process and their interaction 

and involvement with it during their journey through a series of touchpoints, and 

how those things make the customers feel” (Johnston and Kong, 2011, p. 8).  

CX can be framed as an outcome, or the overall take-away impression 

(Carbone and Haeckel 1994), which arises from the various interactions a 

customer has with physical and relational elements (Pullman and Gross, 2004, 

Ponsignon et al., 2015). However, there are many fragmented views of CX and 

what it entails. CX has been discussed as an offering staged and presented by 

the firm (Pine and Gilmore, 1998). Alternatively, it has been framed as the 

customer’s interactions and responses to a provider firm (Verhoef et al., 2009). 

CX has been explored from a variety of contexts including the experiences of 

retail shopping, leisure pursuits, and B2B services. CX has been explored in 

relation to extraordinary (Schouten et al., 2007), or memorable experiences 

(Gilmore and Pine, 2002), as well as ordinary and everyday experiences (Carú 

and Cova, 2003). CX has been siloed as direct and indirect contact with the firm 

only (Meyer and Schwager, 2007), and widened to include broader contextual 

influences and the impact of the customer’s lifeworld (Chandler and Lusch, 2015). 
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This breadth of research means that there are numerous perspectives and 

understandings of CX, often taken from different research backgrounds and with 

different research objectives.  

Table 2 gives an overview of the seminal works which have influenced this 

thesis, and the definition they give for the CX construct. These were chosen due 

to their influence in the CX literature, as well as being foundational papers in 

writing the literature review for this thesis.  

 

Author CX Definition 

Pine and 
Gilmore, 
1998 

"experiences are inherently personal, existing only in the mind of an 
individual who has been engaged on an emotional, physical, 
intellectual, or even spiritual level" 

Meyer and 
Schwager, 
2007 

"the internal and subjective response customers have to any direct 
or indirect contact with a company" 

Gentile et al., 
2007 

"originates from a set of interactions between a customer and a 
product, a company, or part of its organization, which provoke a 
reaction. This experience is strictly personal and implies the 
customer’s involvement at different levels (rational, emotional, 
sensorial, physical, and spiritual). Its evaluation depends on the 
comparison between a customer’s expectations and the stimuli 
coming from the interaction with the company and its offering in 
correspondence of the different moments of contact or touch-points" 

Berry et al., 
2007 

"Anything that can be perceived or sensed -- or recognized by its 
absence -- is an experience clue. Thus, the product or service for 
sale gives off one set of clues, the physical setting offers more 
clues, and the employees -- through their gestures, comments, 
dress and tones of voice -- still more clues. Each clue carries a 
message, suggesting something to the customer. The composite of 
all the clues makes up the customer’s total experience" 

Verhoef et al., 
2009 

"holistic in nature and involves the customer’s cognitive, affective, 
emotional, social and physical responses to the retailer … the total 
experience, including the search, purchase, consumption, and after-
sale phases of the experience, and may involve multiple retail 
channels" 

Klaus and 
Maklan, 2013 

"the customer’s cognitive and affective assessment of all direct and 
indirect encounters with the firm relating to their purchasing 
behaviour" 

McColl-
Kennedy et 
al, 2015 

"Customer experience is commonly defined as holistic in nature, 
involving the customer’s cognitive, affective, emotional, social and 
physical responses to any direct or indirect contact with the service 
provider, brand, or product, across multiple touch points during the 
entire customer journey" 
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Lemon and 
Verhoef, 
2016 

"a multidimensional construct focusing on a customer’s cognitive, 
emotional, behavioral, sensorial, and social responses to a firm’s 
offerings during the customer’s entire purchase journey" 

Kranzbühler 
et al., 2018 

"not only cognitive, but also hedonic, symbolic and aesthetic in 
nature… characterized as a subjective phenomenon that is not fully 
controllable by the firm" 

Table 2 - CX Definitions 

 

Extant literature has repeatedly suggested that CX has been ill-defined, 

lacking in conceptual clarity (Carù and Cova, 2003; Helkkula and Kelleher, 2010; 

Homburg et al., 2015; Maklan et al., 2017; Kranzbühler et al., 2018), still in its 

pre-paradigmatic phase, with often contradicting arguments (de Keyser et al., 

2015), and in urgent need of unification (Forlani et al., 2018). The need to 

consolidate and unify the theoretical understanding of CX is vital, rooted in both 

practical and theoretical necessity.  

CX is a complex and multi-dimensional construct. It is because of this 

complexity that apparent contradictions have been found within the literature (e.g.  

de Keyser et al., 2015; Maklan et al., 2017; Kranzbühler et al., 2018). This thesis 

will argue that the fragmentation of CX scholarship stems from the differences in 

the research background and research objectives taken by different authors 

across the field. Largely, there is conceptual agreement in the CX literature, but 

different authors have tended to view the CX concept from different perspectives 

and with different goals or research purposes.  

The CX construct will be broken down into six core tenets across the 

remainder of Chapter Two. The analysis includes a discussion of the opposing 

views of scholars in the literature, relating to each tenet. It aims to explain why 

these differences occur, arguing that they are based on variations in research 

perspective, rather than conceptual weaknesses in the CX concept itself.   
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• CX is interactive – e.g. it involves a relationship between the customer 

and the service provider or service offering with which they interact. 

• CX is subjective – e.g. it relates to the first-person and lived experience 

of the customer. 

• CX is multi-dimensional – e.g. it is composed of multiple facets or 

dimensions. 

• CX is dynamic – e.g. it constantly changes and develops over a period of 

time. 

• CX is holistic – e.g. its parts are only explicable by reference to the whole. 

• CX is contextual – e.g. it is intricately connected to and impacted by the 

context outside of the dyadic provider and customer relationship. 

The chapter provides a synthesis of existing CX scholarship and can be 

used as a bedrock for understanding the CX construct in this, and future works.  

 

2.3 CX is interactive.  

CX originates through the relationship, or points of contact, between the 

customer and the provider (e.g. Addis and Holbrook, 2001; Carù and Cova, 2003; 

LaSalle and Britton, 2003; Meyer and Schwager, 2007; Klaus and Maklan, 2013; 

McColl-Kennedy et al., 2015). Most CX literature is premised on environmental 

psychology and ‘S-O-R thinking’ (Mehrabian and Russell, 1974). In S-O-R 

thinking, the physical environment or stimulus (S) of the physical world, causes 

an affective and emotional effect in the organism (O), which results in particular 

forms of behaviour or response (R).  

Originally, customer interaction with the physical environment was 

deemed to be dyadic. This was in line with Suprenant and Solomon’s (1987, p. 
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87) definition of the ‘service encounter’ as “the dyadic interaction between the 

customer and the service provider firm”. It is not strictly speaking a two-way 

relationship however (see discussion about value constellations in section 3.1.2 

and CX as contextual in section 2.8).  

When studying CX, data should be collected at ‘touchpoints’ - instances of 

direct contact with the product or service, or with representations of it (Meyer and 

Schwager, 2007). The necessity of the provider-customer relationship in the CX 

definition signifies that CX is a market-oriented experience. This is in opposition 

to other types of experience, such as state, household, or community experiences 

(Edgell et al., 1997).  

Customer interactions with the provider vary depending on the amount of 

control the provider has over the interaction. They have been framed as being 

either direct, indirect, or independent (Wemmerlöv, 1990). Overall CX quality is 

directly impacted in different ways, by different modes of interactions (Ponsignon 

et al., 2015). In direct interactions the customer and provider interact directly with 

one another. In indirect interaction, employees and customers act upon the 

information or physical resources of the other. Finally, in independent interactions, 

the customer or provider acts on its own controlled resources (Sampson, 2012). 

Each of the different modes’ present different opportunities and challenges for the 

service delivery process (Wemmerlöv, 1990).   

Customer interaction can also be thought of in terms of the level of 

customer participation. Customer participation ranges from passive to active. 

Similarly, customer interaction can vary in terms of the level of customer 

immersion in the interaction. Customer immersion ranges from simple absorption 

of mental constructs only, to total customer immersion. In total immersion, all the 

customer’s senses are engaged, and the customer is physically, or virtually, part 
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of the experience itself (Pine and Gilmore 1999). There are key ‘moments of truth’ 

between customer and provider, which include key points of interaction that have 

the potential to impact CX in some considerable way (Stein and Ramaseshan, 

2016). 

Customer-provider interaction is a necessary component in forming CX 

but the type of interaction depends on the context which is being studied and the 

purpose of the research.  

 

2.3.1 Who is the customer? 

CX directly impacts firm performance outcomes, and the focus on the 

‘customer’ directly relates to this. It is the customer who arguably determines a 

business’s success and concern rests not solely on customer acquisition but also 

customer retention. This includes keeping customers happy and solving any 

irritations that they have (Gallagher et al., 2019). Across the management 

literature there have been several ways to view the ‘customer’ including 

‘consumer’, ‘user’, ‘participant’, ‘co-creator’, ‘guest’ or ‘actor’ (McColl-Kennedy et 

al, 2015).  

Traditionally, ‘the customer’ has been defined through a focus on 

economics, e.g. “the individuals or entities who determine whether or not the 

service provider shall be compensated for production” (Sampson, 2001, p.28). 

This definition is generally sufficient in traditional manufacturing supply chains, 

where the customers are the beneficiaries of all other supply chain roles 

(producers, suppliers, labourers etc.) but are only responsible for selecting, 

paying for, and consuming the outputs (Sampson and Spring, 2012).  

However, the traditional definition of ‘customer’ is limiting because it 

implies that a customer always makes a purchase, which is not always the case. 



47 
 

Using the example of commercial radio, Sampson and Froehle (2006) discuss 

the existence of ‘indirect customers’ (aka the listeners). The listeners do not 

directly compensate the service provider (which is funded through advertisers), 

but it is the listeners whose satisfaction is vital to the service process. This 

problem can be rectified by asserting that the customer may not be a single 

individual – it may vary from singular to plural and be defined on different 

aggregation levels, as a single person, a group of persons (e.g. family), a 

company, or an organisation (Voima et al., 2011). The customer unit can be 

defined through value formation, where different individuals or entities may play 

different roles (payer, decision maker, user, influencer etc).  

Services have been defined as “multiple service processes” (Sampson, 

2012, p.183). In the service context there is a second complication to the 

traditional manufacturing supply chain definition of ‘customer’ because although 

a customer may sometimes play a wider role in the manufacturing sphere, the 

customer in the services context always plays an expanded role in the service 

process (Sampson, 2000) (see section 3.1). This means that resources supplied 

by the customer are essential components of the service itself, without which the 

service provider could not operate or meet the customer’s needs (Sampson, 

2000). Customer roles vary from supplying components (such as their own body 

in a beauty treatment service), to roles involving labour, production, design, 

products, quality assurance, inventory, or competitors. For example, parents 

negotiating their children through rides at a theme park, filling their own cups 

using a soda-dispenser at a fast-food restaurant, or washing their own car using 

the car-washing facilities available (Sampson and Spring, 2012).  

Determining who the customer is requires an understanding of the 

interaction or relationship between the customer (individuals or entities) and the 
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service provider. This may differ within different sectors or service contexts 

(Holbrook, 1999). For example, in the context of healthcare, the customer is 

composed of a patient’s family and friends, who are often heavily involved 

(physically and emotionally) in the process (Ponsignon et al., 2015, McColl-

Kennedy et al, 2017). In the tourism context, the customer is framed as the 

‘visitor’ (e.g. Uriely, 2005) and often this includes the wider family group, such as 

children, who do not themselves compensate the tourist provider. The customer’s 

wider roles, motivations, and activities are important in making sense of who the 

customer is, and this may change at different points in the service process 

(Sampson and Spring, 2012).  

Due to this study’s focus on experience, the customer will predominantly 

be thought of in terms of the user or beneficiary of the service. It is expected that 

the customer will engage in some expanded roles within the service process that 

go beyond selection, purchase, and consumption. This may not always be one 

individual, but can include a wider group, such as a family or group of friends.  

 

2.3.2 Who is the provider? 

According to Berry et al. (2006, p.53) “customers always have a service 

experience when they interact with an organization”, and the experience that 

arises in response to this interaction (direct or indirect) has been the core focus 

of the CX literature.   

The provider can be framed and discussed in various ways and with 

different titles (e.g. ‘organisation’ or ‘company’ – Berry et al., 2002).  Often this 

depends on the context of the research. For instance, many examples of CX 

scholarship come from the retailing context and where the provider is framed as 

the ‘retailer’ (e.g. Verhoef et al., 2009, Grewal et al., 2009, Rose et al., 2012, Stein 
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and Ramaseshan, 2016). Others, from the service context use the term ‘service 

provider’ or ‘service offering’ (e.g. Verma et al., 2012, Klaus and Maklan, 2013).   

Although it is always necessary to determine both who the customer is and 

who the provider is in any study of CX, it is not the case that only interaction 

elements within the control of the provider are assessed for their impact on CX. 

Verhoef et al (2009) recommend that scholars should go beyond controllable 

elements to include factors outside of the provider’s control which have an impact 

on the customer’s responses and evaluations. This is akin to the discussion of 

‘independent’ customer interactions (section 2.4) which have not been a core 

focus of the CX literature. For example, in the tourism context, the tourist offering 

includes the wider landscape or places visited by the customer. Packer and 

Ballantyne (2016, p.133) define the visitor experience as arising in response to 

“an activity, setting, or event outside of their usual environment”. Consistent with 

the customer (section 2.3.1), determining the boundary of what is included in 

relation to the provider or offering may change depending on research context 

and research objectives.  

 

2.4 CX is subjective. 

CX is subjective (e.g. Meyer and Schwager, 2007; Gentile et al., 2007; 

Schmitt, 2011; Lemke et al., 2011 Lemon and Verhoef, 2016; Kranzbühler et al., 

2018). This means that it is a first-person phenomenon (De Keyser et al., 2015).  

According to Husserl, experience implies ‘intentionality’, meaning that it is 

directed towards (represents or intends) things in the world. Experience is always 

about something. This includes thoughts, ideas, and images, which make up the 

meaning of an experience, but are distinct from the things they represent 

(Heidegger, 1962/1927). Subjective expressions of a person’s experience can 
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include many things, such as opinions, allegations, desires, beliefs, suspicions, 

and speculations (Liu, 2012).  

The concept of subjectivity is a philosophical concept that is generally 

framed in opposition to objectivity. In subjectivity, the subject (usually a person) 

perceives, and the object (which exists independently of the subject), can be 

perceived (or not perceived) (Mulder, n.d.). The distinction means that subjective 

impressions about an objective reality are always open to discrepancies, where 

the features within the impressions may not be the same as the real qualities of 

the object (Mulder, n.d.). The study of subjectivity can be thought of as being 

specifically human in character, addressing human processes and realities 

(Gonzalez, 2019).  

In the case of CX, subjectivity refers to the idea that an experience is 

always from the customer’s point of view (Jaakkola et al., 2015). CX does not 

exist ‘out there’ in terms of an objective reality. This means that, theoretically, 

each experience differs for each different customer.  

The notion of subjectivity raises issues in terms of the most appropriate 

methods for obtaining CX data. Holbrook (2006) has shown how subjective 

personal introspection can be a method for obtaining rich descriptions of ‘feelings, 

fantasy and fun’ which are not easily accessible through techniques such as 

surveys or questionnaires. However, such methods have not been widely used in 

the CX literature, and authors have tended to want to understand and measure 

the experiences of other customers. This is inherently difficult because, as a 

subjective concept, the researcher can never have direct access to another 

person’s CX (Ponsignon et al., 2017). The remainder of this section will explore 

some of the opposing ideas within the literature relating to the notion of 

subjectivity.  
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2.4.1 Experience as offering vs subjective experience. 

Studies of CX have varied in terms of the way experience is viewed. CX 

has been viewed both as external and staged on the one hand, and internal and 

subjective on the other (Packer and Ballantyne, 2016). According to Kranzbühler 

et al. (2018), this divergence in the CX literature is the result of researchers taking 

two different perspectives. The first stream of literature follows an organisational 

perspective and is predominantly concerned with the creation of CX (e.g. Pullman 

and Gross, 2004). The second stream of literature takes a consumer perspective 

and is principally concerned with the perception of customer experiences (e.g. 

Holbrook and Hirschman, 1982).  

Kranzbühler et al (2018, p.440) claim that the organisational perspective 

differs due to its theoretical assumption that the provider can “design and thus 

determine” CX. It focuses on the optimal design or processes and systems from 

within the firm’s boundaries (e.g. CX creation). The authors state that the 

consumer perspective, on the other hand, focuses on psychological processes 

and consumer behaviour (e.g. CX perception), theorising that CX is subjective 

and context specific. It is argued that both perspectives see interactions with firm-

customer touchpoints across the customer journey as focal, and that the two 

perspectives should be bridged to ensure that studies account for the subjective 

nature of CX when attempting to better design for or manage it.  

The first approach (experience as offering) sees CX as the service offering 

and environment itself (Volo, 2009). This was more common in early studies, 

particularly in the field of experiential marketing, where CX was understood to be 

an intangible asset of the firm, akin to a play or performance, that was staged for 

the customer (Pine and Gilmore, 1999). This approach is beneficial in that it 
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focuses attention on the delivery of CX, which is necessary from a managerial 

standpoint, where the aim is to deliver the best experience possible (Frow and 

Payne, 2007). The issue with the first approach is that it contradicts current 

understandings of value, where value is always co-created by the customer and 

cannot be inherent in the offering (See discussion of SDL in section 2.1.1).  

The second approach (subjective experience) is more frequent in current 

studies. Here CX is conceptualised as the internal and subjective responses a 

customer has to their interactions with a provider or service (Verhoef et al., 2009, 

Zomerdijk and Voss, 2010, Lemke et al., 2011). This approach focuses on the 

experiential and emotional dimensions found within the customer (Forlani and 

Pencarelli, 2019).  

It is possible for the two perspectives to be reconciled (Packer and 

Ballantyne, 2016). Both streams acknowledge that CX occurs through an 

interactive relationship between the customer and the service provider or service 

offering. It is within the point at which the two elements meet (and interact) that 

‘experience’ is created. For example, Schmitt (1999) claims both that experiences 

are private and personal events, but also that they occur in response to some 

stimulation. It is important for the provider to provide the right setting and 

environment to enable the desired and intended experiences. Similarly, Walls et 

al. (2011) argue that whilst CX is always a personal response based on first-

person realised experience, it is possible for the provider to have some level of 

control over this by orchestrating the opportunity that will allow this realised 

experience to occur. The reconciliation of the realised and intended experience 

is consistent with SOR thinking, discussed in section 2.3.  

More recently, authors have begun to discuss the wider contexts of both 

the individual customer and the situational context in which the provider and 
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customer are placed (Akaka et al., 2015). Lived experience, is always unique to 

the individual who lives it, based on their own unique circumstances, and cannot 

be designed. It is important to emphasise the external world (e.g. what is 

designed by the service provider) as separate from the customer’s experience of 

it.  

In this work subjective experience is explored in terms of the way it is felt 

and experienced (as a first-person phenomenon) by the customer – Chapter 

Two; and how it might be enhanced or ‘designed for’ by the provider – Chapter 

Three. In contrast to Kranzbühler et al. (2018) this thesis will argue that 

experience cannot be designed per se, but only designed for (section 3.5). This 

means that although both the customer and provider perspectives of CX follow 

the same logic, the customer-led stream has focused more on CX itself, from first-

person experience. Rich insights found relating to the subjective nature of CX are 

important for developing Service Design, and both will be developed across this 

work. It is argued that an understanding of both perspectives is necessary for 

managing and improving CX from the Service Management perspective.  

 

2.4.2 Direct experience vs recounted experience 

There are two overarching ways to capture and analyse CX within existing 

work – direct lived experience and recounted lived experience. CX as direct lived 

experience includes the “perceptions, feelings, and thoughts that consumers 

have when they encounter products and brands in the marketplace and engage 

in consumption activities “(Schmitt, 2011, p.60). CX as recounted lived 

experience refers to the memory of these direct lived experiences that is recalled 

and reflected on afterwards (Schmitt, 2011). In recounted experience, it is 
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possible to gain an understanding of CX through customer narratives, where the 

customer reflects on and describes their experiences (Bate and Robert, 2007).  

It is always through embodied interactions with the world (i.e., ‘lived 

experience’), and its associated meanings, that cognitions, memories, emotions, 

language, and all other facets of human life, arise (Thelen, 2001). The two core 

ways to obtain CX data relate to lived experience and the two ways in which this 

experience is stored: 1) through episodes of senses and sensations which make 

up the original experience (e.g. the first-person experience itself), and 2) 

semantically within memory (e.g. later recollection of the experience) (Barsalou, 

1999). Two complimentary streams of CX literature exist based on this 

fundamental distinction of human reality.  

The first stream of literature focuses on CX as it happens in the moment 

or through direct lived experience. This stream of work uses techniques which do 

not require the customer to recount or recall how they are feeling. Hirschman and 

Holbrook (1982) first discussed the potential for this type of research for CX. It 

can include the monitoring of chemical changes in the customer’s blood and brain 

and alterations in vital signs that indicate arousal and excitement. More recently, 

and with advances in neuroscience, there have been increasing 

neurophysiological measures such as fMRI scans and eye tracking (e.g. 

O’Connell et al., 2011). For example, a study by Plassmann et al. (2008) using 

fMRI scans, showed that consumers drinking identical wines (but believing one 

to be more expensive) showed enhanced actual taste experience encoded in the 

brain for the higher priced wine. To link this type of data back to psychological 

processes requires the use of reverse inference, where it is reasoned backwards 

that the presence of brain activation signifies a mental process (Poldrack, 2011). 

There are several difficulties with this type of analysis, relating to the high costs 
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involved, where new technologies and access to such technologies are required. 

It is also the case that running an experiment (such as eye-tracking) may impact 

on the experience itself. For instance, the use of eye-tracking equipment under 

test conditions will alter the experience itself so that it is not an ordinary CX 

(Meyer and Schwager, 2007).  

The second type of CX research is much more frequently used within 

Service Management. It includes surveys, observational studies, interviews, and 

‘voice of customer’ research (Meyer and Schwager, 2007). The second stream of 

literature rests on the assumption that CX is an overall psychological impression 

or memory (e.g. Rose et al, 2012) that can be recalled and recounted by the 

customer. Essential to this view is the idea that internal states (e.g. subjective 

experiences) can be objectively measured in some way by the researcher. 

According to LeDoux and Brown (2017), verbal self-reporting is often used to do 

this, whereby the research subject uses a process of introspection to examine 

the content of their internal states. Introspection includes cognitive processes 

such as attention, working memory, and metacognition (LeDoux and Brown, 

2017). Most analyses of CX tend to apply verbal self-reporting post-experience 

but it can be assessed in the moment (e.g. “how do you feel now?”). However, it 

could be argued that such questioning techniques when used at the time of the 

experience could, akin to neurophysiological measures, impede the experience 

in some way. Similarly, a potential issue with analysis of the recounted 

experience, is that some aspects of the experience may have been forgotten or 

recalled differently to how they were experienced ‘in the moment’.  

In their review of the CX literature, Becker and Jaakkola (2020) find that 

most studies use some form of customer reporting for CX measurement. This 

means that they rely on the customer’s memory of the experience some time after 
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the experience has happened. A benefit of this type of research is that the data 

collection process is less likely to impede or impact on the actual experience 

itself. In this type of CX research, the experience being accessed by the 

researcher is an objective representation of the customer’s realised experience, 

rather than the subjective experience itself. The benefit of this type of analysis is 

that obtaining it can be less costly than engaging with state-of-the-art technology. 

It also has the added benefit of accessing the aspects of experience which, from 

the customers point of view, are felt to be most important or memorable (Packer 

and Ballantyne, 2016). Arguably, the potential weakness of a customer forgetting 

or not recounting certain aspects of the experience can in fact be viewed as a 

strength – e.g. only the most relevant and important elements of the experience 

will be recalled and recounted by the customer.  

CX, whether studied on a moment-by-moment basis, or based on post-

experience reflections, relates to ‘lived experience’ through subjective, first-

person ‘living through’. In other words, both types of research attempt to access 

the same phenomenon, but from a different perspective. The most suitable 

approach should be chosen based on the overall purpose of the research and 

research objectives. 

 

2.4.3 Extraordinary experience vs everyday experience 

Pine and Gilmore were largely responsible for the initial interest in CX 

which began in the 1990’s, focused on the notion ‘experiential marketing’. In their 

1998 book “the Experience Economy” they argued that the highest form of 

economic value had evolved from - 1) commodities, 2) to products, 3) to 

intangible services, 4) and finally to experiences in the 21st century. In “the 

experience economy” the provider must set the stage for memorable experiences 
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to both entertain and educate the customer. Other names for the Experience 

Economy have included ‘Dream Society’ (Jensen, 1999); ‘Entertainment 

Economy’ (Wolf, 1999), and ‘Attention Economy’ (Davenport and Beck, 2002).  

Experiential marketing continues to have a big impact within the marketing 

and advertising industries. The claim is that CX must be immersive and 

unforgettable to count as an ‘experience’ (Carù and Cova, 2003). The focus on 

CX within the literature has overwhelmingly been in terms of positive experiences. 

For example, Csikszentimitalyi (1975) put forward the notion of ‘flow’, a 

psychological state which has strong roots in psychology, and helps in 

understanding optimal experiences. Other work included ‘peak experiences’ 

(Privette, 1983), ‘epiphanies’ (Denzin, 1992), and ‘transcendent customer 

experiences’ (Schouten et al., 2007).  

In the earliest CX work, authors went so far as to state that an experience 

was not ‘an experience’ unless it was of a sufficient level of memorability or 

extraordinary in nature. This included work relating to ‘peak’ experiences 

(Maslow, 1976), “optimal” experiences (Csikszentmihalyi, 1990), and ‘epiphanic’ 

experiences (Denzin, 1992). Largely in response to these studies, there have 

also been authors who have given attention to the ‘mundane’, ‘ordinary’, or 

‘everyday’ experiences (Carù and Cova, 2003, Edvardsson et al., 2005, Berry 

and Carbone, 2007; Voss and Zomerdijk, 2007, Brakus et al., 2009, Stigliani and 

Fayard, 2010, Heinonen et al., 2013, Chandler and Chen, 2015). 

CX has been measured in relation to related outcomes. This has included 

the number of brand advocates who proactively share positive WOM, and through 

measuring levels of satisfaction. Satisfaction is an outcome of overall CX, and 

authors studying CX have used satisfaction scores as a method to measure the 

overall impact of CX. Generally, it is assumed that the higher the satisfaction 
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score, the better the CX (e.g. Brakus et al. 2009). Frow and Payne (2007) claim 

that ‘perfect’ customer experiences are determined by consistent five out of five 

customer satisfaction ratings. There is some evidence that only a five out of five 

score counts in determining an exceptional CX. Jones and Sasser (1995) have 

showed that only delighted customers (scoring five out of five) will stay loyal, with 

customers rating their satisfaction as four out of five only slightly more loyal than 

dissatisfied customers.  

Negative experiences, on the other hand, bring feelings of dissatisfaction 

for the customer and unwanted outcomes for firms. This can include negative 

word of mouth, feelings of inconvenience, customer complaints, and a decision 

from the customer to stop visiting the provider in the future (Arnold et al. 2005). It 

should be noted however, that satisfaction is conceptually distinct from CX, and 

therefore the two do not equate to the same thing. Customer satisfaction is 

defined as “the customer's response to the evaluation of the perceived 

discrepancy between prior expectations and the actual performance of the 

product/service as perceived after its consumption” (Tse and Wilton, 1988, p. 

204). It can only serve as a useful indication of overall CX, rather than a direct 

measurement of it.  

Other authors have focused on the memorability of CX, with Gilmore and 

Pine (2002, p.10) claiming an experience must be “engaging, robust, compelling 

and memorable” by connecting with the customer to make them feel immersed in 

their environment (Pine and Gilmore, 1998). According to Poulsson and Kale 

(2004) an encounter becomes an experience if it awakens sensations and 

feelings that are consciously apprehended by the customer, such as novelty, 

surprise, or learning. 



59 
 

The general approach taken in Service Design is that a desirable 

experience should not only be positive, but memorable. From a strategic point of 

view, memorable and positive experiences lead to loyalty, WOM, and competitive 

advantage (Pine and Gilmore, 1999, Schmitt, 1999, LaSalle and Britton, 2003). It 

can therefore be argued that CX is best studied through customer insights, such 

as the use of narratives, customer feedback and interviews, where only the most 

memorable and salient features of the experience are reflected on by the 

customer. From the researcher’s perspective, it is impossible to access another 

person’s experiences directly, but it can be accessed indirectly “through the words 

and languages people use to describe it when they look back at it” (Bate and 

Robert, 2007, p.308). When the customer can construct their own narratives in 

response to their experiences, it can be assumed that their experience was 

memorable (Packer and Ballantyne, 2016).  

The two types of experience (extraordinary and everyday) are not mutually 

exclusive. It has been pointed out by Becker and Jaakkola (2020) it is possible 

for a customer to have a mundane experience in response to an extraordinary 

offering (or vice versa). Often, the difference rests in the domain they study. For 

example, extreme sports are more likely to lead to the discussion of extraordinary 

experiences. Therefore, the differences between experience as extraordinary 

and everyday experiences, are best viewed as a continuum rather than a 

dichotomy (Becker and Jaakkola, 2020).  

Evaluative content is key to narrative, because it is through evaluation that 

the speaker can express the point of the story in terms of their attitude, emotions, 

or the way the world is (Cortazzi and Jin 2000). The main purpose of a review is 

to rate, evaluate, describe, or recommend some product, service, or experience 

to others (Vasquez, 2014). The evaluative content found within CX responses, in 
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the form of customer feedback reviews, can give deeper insights into the overall 

quality of the experience beyond quantitative measures (e.g. satisfaction ratings). 

Gaining insights into this aspect of CX responses is of vital importance within 

Service Design where the overall aim is to deliver positive and memorable 

experiences to the customer. 

 

2.5 CX is multi-dimensional.  

The origins of CX as multi-dimensional can be traced back to the seminal 

paper, ‘Feelings Fantasy and Fun’. Holbrook and Hirschman (1982) emphasise 

the importance of affect (attitudes, emotions, preferences, and feelings) when 

understanding consumption. Affect can be defined as a ‘valenced-feeling state’ 

which impacts behaviours, often with very little conscious consideration (Cohen 

and Areni,1990).  Holbrook and Hirschman’s (1982) paper was influenced by 

previous attempts to categorise value as multi-dimensional (e.g. Malsow, 1943, 

Katz, 1960, Hanna, 1980). The authors show how in addition to cognitive 

processes and the information processing system, affective processes, and the 

experiential system, impact behaviour (e.g. purchase decisions), outputs (e.g. 

fun, enjoyment, and pleasure) (Holbrook and Hirschman, 1982).  Rooted in these 

developments, the customer’s experiential use of a product came to be 

understood as vital in terms of its value (Addis and Holbrook, 2001). A balance 

must be drawn between the customer as an information-processor and as an 

emotional being (Holbrook and Hirschman, 1982).  

Following on from Holbrook’s seminal work, many authors have drawn out 

and discussed the conceptualisation of CX and the components which create it. 

For example, a particularly influential author in this sphere was Schmitt (1999) 

who argued that customers experience the world around them in different ways. 
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He states that ‘experiential marketing’ should be used to accentuate and appeal 

to these ways of experiencing: 

○ “Sense” appeals to customer senses. 

○ “Feel” appeals to their emotions or feelings. 

○ “Think” appeals to intellect. 

○ “Act” appeals to interactions, behaviours, and lifestyles. 

○ “Relate” appeals to the desire to be part of a social context. 

Currently, there is widespread agreement that the CX concept is best 

understood as multi-dimensional (e.g. Gentile et al., 2007; Jaakkola et al., 2015; 

Lemon and Verhoef, 2016; McColl-Kennedy et al., 2019). The customer is 

affected by their wider environment at different levels (Pine and Gilmore, 1999, 

Verhoef et al., 2009), which consist of different qualities or represent separate 

dimensions or facets of the total experience. CX “engages a customer at different 

levels (rational, emotional, sensorial, physical and also ‘‘spiritual’’) so as to create 

a holistic Gestalt” (Gentile et al., 2007, p.397). The multi-dimensional approach 

goes beyond the classical approach which assessed the customer’s cognitive 

and affective responses only (Verhoef et al., 2009). By conceptualising CX as 

multi-dimensional it is possible to emphasise the depth and complexities that are 

found within CX (Bustamante and Rubio, 2017).  

Numerous attempts have been made to summarise and categorise the 

dimensions of CX (e.g. Gentile et al 2007; Meyer and Schwager, 2007; Verhoef 

et al 2009; Schmitt, 2011; Helkkula, 2011; De Keyser et al., 2015; Lemon and 

Verhoef, 2016; Packer and Ballantyne, 2016; Kranzbühler et al, 2018). Although 

there are some variations, most Service Management authors agree CX is made 

up of cognitive, emotional, sensorial, social, and physical dimensions (Lemon and 

Verhoef, 2016; Becker and Jaakkola, 2020). It is important to note that whilst it is 
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theoretically viable to discuss experience as made up of various dimensions 

(which aids in the measurement and management of experience), the claim is 

that CX is perceived by the individual as a unified whole, made up of all the 

dimensions combined (Gentile et al., 2007; Falk and Dierking, 2013).  

Pearce and Mohammadi (2021) discuss an ‘Orchestra Model of Tourist 

Experiences’. Using the analogy of an orchestra, the authors demonstrate how 

several component parts (sensory, affective, cognitive, relationship, and 

behavioural) influence the overall experiential effect, with different elements 

taking a greater or lesser role at various points. The model helps to present how 

an experience can be simultaneously composed of multiple facets at any one 

time, both in terms of immediate experience (e.g. hearing the flow of the music 

as it occurs) and remembered experiences (e.g. the active reconstruction of 

remembering the performance).  

 

2.5.1 The cognitive dimension 

The cognitive dimension is most in line with early management 

conceptions of the customer, as a rational decision maker or information 

processor. “The term ‘cognition’ refers to all processes by which … sensory input 

is transformed, reduced, elaborated, stored, recovered, and used” (Neisser, 

1967, p.4). It has been argued to be the first state found in CX, prior to affective 

reactions (Da Silva and Syed, 2006). Generally, the cognitive dimension has been 

discussed in terms of the inner workings of the mind, and particularly knowledge 

acquisition processes, such as classifying, analysing, and reasoning. In 

summarising the cognitive experience, Bustamante and Rubio (2017) discuss 

how this not only includes knowledge acquisition, but also thoughts, ideas, or 

memories.  
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The cognitive dimension includes processes such as mental or creative 

reasoning (Gentile et al., 2007). Creative thinking has been emphasised as a vital 

component of CX, which fosters brand engagement and absorption in the 

experience (Schmitt, 1999). In the tourism literature, creativity has been 

discussed alongside transformative and introspective experiences (Packer and 

Ballantyne, 2016).  

The salience and memorability of an experience is linked to cognitive 

aspects of the experience (Gupta and Vajic, 2000). In a paper on trade show 

experiences, Rinallo (2010) show that there is a danger of too much information, 

even when information search is the core objective of the customer. This is 

because information overload can lead to difficulties in information processing. 

Similarly, in the tourism context, novelty has been found to be a vital component 

separating the tourist experience from everyday life and activities (Cohen, 1979).  

Often, the cognitive dimension has been explored in terms of the extent to 

which the customer has learnt something or had an educational experience. This 

is especially relevant in certain experience contexts or domains, such as cultural 

tourism (e.g. Ponsignon et al, 2017). In tourism, it has been found that a key 

motivation for travel is to acquire new knowledge and skills (Pereira and Silva, 

2018).  Packer (2006) shows that in some contexts tourists’ value and enjoy the 

process of learning itself, and learning can be considered as an integral part of 

the tourism experience (Falk et al., 2012). This is thought to be an especially 

important area of research because customer learning contributes not only to 

experiential benefits for the customer, but also benefits for society and the planet 

(e.g. enhancing commitments to preserve wildlife) (Falk et el., 2012).  

In early studies of the on-line context, CX was linked to the level of 

cognitive skill and control needed by the customer to navigate their journey and 
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focus attention purely on their online experiences (Novak, 2000). Such 

conceptions have more recently been enriched to include affective online 

experiences (e.g. Rose et al., 2012). They may be less applicable in terms of 

modern web browsing which arguably does not require the uninterrupted 

attention of the user and where online users tend to be increasingly skilled.  

The cognitive dimension plays an important role in discussions of 

‘customer experience quality’, which has been defined by Lemke et al (2011, p.3) 

as “a perceived judgment about the excellence or superiority of the customer 

experience”. Customers assess not only the quality of the service or the product, 

but the quality of their entire experience.  

Similarly, customer satisfaction can be thought of as one aspect of 

experience which focuses on the cognitive dimension (Lemon and Verhoef, 

2016). However, it is not clear if this involves aspects of the other dimensions in 

addition.  

Several authors (e.g. Verhoef et al., 2009; Ordenes et al., 2014; de Keyser 

et al., 2015; McColl-Kennedy et al., 2019) have discussed cognitive CX 

responses more generally, in terms of customer complaints, compliments, and 

suggestions. However, the issue with this categorisation is that it is very broad – 

any complaint or compliment has within it some level of emotion (being negative 

or positive) and may relate to the other CX dimensions more specifically (such as 

a complaint about the service or staff being social). For this reason, this work will 

discuss the cognitive realm in terms of customer’s learning, reasoning, and 

educational experiences. This is akin to the tourism literature where education 

experiences have been a core focus of studies about ecotourism, wildlife tourism, 

and cultural tourism (Falk et al., 2012).  



65 
 

Within the CX literature there has been limited attention given to the 

cognitive dimension of experience (Kranzbühler et al, 2018). This stems from the 

CX concept moving away from the Cartesian standpoint, e.g. the belief in the 

superiority of the mind over the body, and the idea that the customer is a rational 

decision maker (Holbrook and Hirschman, 1982). In response to this work, 

emotions, feelings, and sub-consciousness have often been over-emphasised 

(Kranzbühler et al, 2018). It is argued that it is important to include cognitive 

experiences as a core focus in future CX works.  

 

2.5.2 The emotional dimension 

The emotional dimension has been discussed at length within the CX 

literature. This can be traced back to its history as a move away from earlier 

information-processing views of the customer, and transaction-based 

conceptions of value (Frow and Payne, 2007).  

Emotions are powerful subjective feelings and associated psychological 

states (Purves et al., 2001). They are physiological in nature, altering both the 

mind and the body (Hirschman and Holbrook, 1982). Emotions tend to be 

relatively short-term affective reactions, which occur in response to a specific 

environmental stimulus (Reber, 1985). The feelings a customer has range in 

intensity, for example, from discomfort to depression, and warm to intimate 

(Goleman, 1996). Within the CX literature, it has been argued that it is more 

appropriate to study emotions than to study moods (Bustamante and Rubio, 

2017). Moods last longer in terms of duration and are more stable, whereas 

emotions tend to be less controllable, more reactive, dynamic, spontaneous, and 

liable to change (Tellegen, 1985, Beedie et al., 2005).  
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From a strategic standpoint, emotional experiences have been highlighted 

as particularly important in terms of competitive advantage. They are compelling, 

memorable, and drive loyalty (Pine and Gilmore, 1999). The high intensity of 

emotions found in customer delight have a greater impact on loyalty, and positive 

word of mouth, than mere customer satisfaction. Positive emotions have also 

been found to make customers less price aware and more tolerant of service 

failures (Collier et al, 2018).  

The root behind the importance of emotions can be found through 

evolutionary history and the cognitive structure of the human brain. Emotional 

unconscious thoughts both precede and strongly influence rational or conscious 

ones (Massey, 2002). Emotional memory, though not always consciously 

accessible, has been shown to be directly impacted in the ways a person behaves 

and the way their body feels (LeDoux, 1997). This is reflected in the effects of 

traumatic emotional memories in very young children whose brains are not 

developed to create declarative memories. Despite this, unconscious emotional 

memories can have a strong and lasting behavioural and mental influence across 

the remainder of the child’s life (LeDoux, 1997).  

Various methods have been employed to monitor emotions based on 

physiological changes. This includes techniques such as facial 

electromyography, skin conductance response, and heart rate variability 

(Bastiaansen et al., 2019), as well as neurophysiological responses making 

associations between distinct brain patterns and different emotions through brain 

scans. Such methods of analysis are however costly, in terms of both time and 

resources.  

Extant literature states that all CXs provide the opportunity for emotional 

engagement between the customer and the provider, no matter how mundane 
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the experience many seem (Berry and Carbone, 2007; Voss and Zomerdijk, 

2007). A CX can either create emotional bonds or lead to emotional scarring 

(Pullman and Gross, 2004). Strong emotional bonds between the customer and 

the firm are difficult to break by competitors (Dumitrescu et al., 2012).  

Emotions are triggered, either externally by events, persons, or objects 

(Mattila and Enz, 2002) or internally by thoughts and memories. To trigger an 

emotion, the customer must find a certain level of significance in the service 

offering, which links back to themselves (McColl-Kennedy et al., 2017).  

Some service domains, such as the healthcare setting, tend to involve 

amplified emotional responses due to the significance surrounding what is 

happening (McColl-Kennedy et al., 2017). Emotions are contagious, and it is 

possible to ‘catch’ another person’s emotions through emotional contagion 

(Barsade, 2000).  Regulating employee’s emotions and their impact of other 

customers is especially important in intense settings such as healthcare (McColl-

Kennedy et al., 2017).  

In most existing CX research, there has been a tendency for studies to 

follow a valence-based approach (e.g. positive and negative) when assessing CX 

(Kranzbühler et al., 2020). This approach misses the variation in terms of how 

different positive and negative experiences affect customers at different levels. In 

the psychology literature, discrete emotions are studied to account for these 

variations (e.g. Zeelenberg et al. 2008).  

Discrete emotion theory (e.g. Tomkins, 1962, Shaver et al., 1987, Ekman, 

1992) is based on the idea that there are a small number of core biological 

emotions that are universal across all peoples and cultures. Authors have 

compiled (often very large) databases to categorise the full range of human 

emotions. For example, Richins’s (1997) consumption emotion set consists of 43 
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emotional descriptors including frustrated, angry, nervous, worried, embarrassed, 

contented, fulfilled, optimistic, hopeful, happy, joyful, excited, thrilled, surprised, 

and amazed.  

According to Plutchik (1980) there are eight primary emotions—anger, 

fear, sadness, disgust, surprise, anticipation, trust, and joy (Figure 1). His work 

(and the colours used to represent each emotion) show how they vary in terms 

of intensity, with a difference of three degrees for each intensity.  

 

 

 

 

 

 

 

 

 

 

 

 

 

Plutchnik’s wheel of emotions has been used within the Service 

Management literature as a basis for understanding customer delight. Customer 

delight is a secondary emotion that stems from the convergence of both surprise 

and joy (Plutchnik, 1980). According to Bartl et al., 2013, customer delight is 

achieved when a customer has an intense emotional response which is the result 

of an unexpected service that exceeds the customer’s expectations.  

Figure 1 - Plutchnik's wheel of emotions 
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Discrete emotions have been used to better monitor and understand the 

content of experience in McColl-Kennedy et al.’s (2019) B2B study exploring 

instances of joy, love, surprise, anger, and fear within customer feedback data. 

This work shows how it is possible to identify discrete emotions from textual 

customer data. It suggests that customers frequently express positive emotions 

(e.g. joy) within their feedback, with very few examples of negative emotions. 

Currently, there is no consensus on a basic set of emotions and different authors 

use different variations of discrete emotions in their work (Chafale and Pimpalkar, 

2014). The use of discrete emotions is relatively new across the CX literature, but 

arguably very important for distinguishing different emotional types.  

Recent work has begun to assess the impact of discrete emotions in terms 

of driving firm-relevant customer outcomes (evaluation, WOM, purchase). For 

instance, by studying 10 discrete emotions (gratitude, love, happiness, pride, 

guilt, fear, embarrassment, uneasiness, sadness, and anger) Kranzbühler et al. 

(2020) find that positive emotions show consistently stronger effect sizes than 

negative emotions in terms of impacting customer evaluation. However, their 

work also shows that negative emotions have a stronger relationship with WOM 

and sharing behaviour. This suggests that different discrete emotions are more 

or less significant depending on the service domain, with anger having a stronger 

negative effect in B2B as compared to B2C settings (Kranzbühler et al., 2020). It 

is important to further develop an understanding of the role of discrete emotions 

in realised CX in various domains and contexts in future Service Management 

studies.   

The emotional responses a customer has as part of their experience are 

dynamic (Verhulst, 2020). This means that a customer may experience a 

multitude of emotions across the different phases of their customer journey or 
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directed at different elements of the service process. During the CX, a customer 

may have both positive and negative responses combined (Manthiou et al., 

2020). For instance, there may be anger directed at the organisation, yet 

sympathy or praise towards a specific member of staff. This again gives credence 

to the importance of studying the emotional dimension using discrete emotion 

theory, where different emotions may arise and subside across the customer 

journey.  

Within tourism studies, there is growing interest in the measurement of 

tourist emotions, but this body of work is “fuzzy and erratic” (Volo, 2021). More 

work is needed to assess emotions both in terms of their complexity and 

subjectivity.  

 

2.5.3 The sensorial dimension 

Hirschman and Holbrook (1982) discuss the need for researchers to focus 

on non-verbal stimulus-response connections, such as pictorial, aural, and 

gustatory stimuli. Bodily senses are the mechanisms that a customer uses to 

physically engage with the world. They are a core mechanism of experience 

(Gentile et al., 2007). Sensorial cues, such as music, lighting, and scents, have 

been shown to strongly impact CX (see Bolton et al., 2014). In CX, it is important 

to enhance sensorial experiences by arousing pleasure and satisfaction. For 

example, the scent in ‘Lush’ stores is used to captivate the customer and provide 

a distinctive brand environment (Gentile et al, 2007). According to Achrol and 

Kotler (2014) there is a need for more work to focus on the senses and their role 

in service delivery. 

Generally, the sensorial component of CX is referred to in line with the five 

human senses of sight, hearing, smell, taste, and touch (e.g. Hultén, 2011). Such 
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classification of the five sense modalities dates to Aristotle (Johansen, 1997). The 

five senses are in themselves a simplification of reality, and there are in fact many 

more recognised senses, including those such as pain and temperature. 

However, the five bodily senses are a useful starting point for understanding the 

sensorial aspects of CX. Sensorial responses arise through the customer’s 

senses, sensations, and sensory expressions of their environment (Hultén, 2011). 

According to Krishna (2012, p.334), sensory stimuli are “stimuli that impinge upon 

the receptor cells of a sensory organ” and include visual, auditory, olfactory, taste, 

or habitudinal cues. The senses have mostly been studied from within the 

marketing context, whilst the literature that specifically focuses on CX has tended 

to focus on the cognitive, social, and emotional components of experience. It is 

therefore imperative that future work includes sensorial responses as a core 

focus of analysis to reflect the full spectrum of the CX concept.  

Multi-sensory experiences have been discussed in sensory marketing, 

where the marketing of a product or service incorporates more than one of the 

senses (Lee et al., 2019). Sight is the most common sense for perceiving goods 

and the most powerful for discerning changes in the environment (Hultén, 2011). 

However, visual effects are not universal and can be seen as more or less 

important to different customers (Orth et al., 2010). Music and sound have been 

linked to emotional impact, brand recall, humanisation of touchpoints, and 

connection of touchpoints (Perlmutter and Bradshaw, 2016). Smell has been 

related to pleasure and well-being and strongly connected to the brain’s 

emotional centre (Goldkuhl and Styvén, 2007; Fiore et al, 2000). For instance, 

the distinctive smells of ‘Christmas’ and associated feelings (Larkin, 1999). Taste 

is arguably the most emotional of all the senses (Hultén, 2011). It is largely a 

social construction (Bourdieu, 1984), where political processes relating to a 
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customer’s background strongly affect their taste perceptions. For example, the 

knowledge of a beer’s ingredients can affect reported beer quality, Plassmann et 

al., 2008. Finally, touch is important when making purchase decisions in the retail 

context (e.g. Peck and Childers, 2003, Riedel and Mulcahy, 2019). It is used to 

gather information and can add to the enjoyment of an experience (Rinallo et al, 

2010).  

In different service domains or contexts, different sensory experiences 

may be more or less important to the customer. For instance, in the tourism 

context, looking at tourist experiences in the South of Portugal, Agapito et al 

(2017) has found that most tourists preferred first the sound of birdsong, followed 

by the visual appeal of the landscapes, followed by the scents of the sea air.  

The notion of sensorial beauty has been discussed extensively in the 

tourism experience literature where the aesthetic qualities of destinations lead to 

pleasure and satisfaction (Krillova et al., 2014). Within the services literature 

however, discussion of the sensorial dimension of realised experience is rare, 

and much more work is needed to advance this domain (e.g. Bustamante and 

Rubio, 2017; Keiningham et al., 2017; Mahr et al., 2019).  

 

2.5.4 The social dimension 

CX occurs within the shared context of the service setting and the 

customer responds to and interprets social relationships in different ways as part 

of their social experiences. The social dimension has largely been discussed 

through direct interactions between the provider employees and the customer 

(Bagozzi, 1995).  However, it can include other indirect interactions, such as the 

presence of other customers (Meyer and Schwager, 2007). 



73 
 

There are broadly four ways of analysing social relationships in the 

literature. Social relationships have included 1) the relationship between the 

provider and customer, 2) the relationship between the employees and the wider 

organisation, 3) the relationship between the customer and other customers, and 

finally 4) the relationship between the customer and their ideal self.   

Within the retail context, positive social interactions with employees are a 

significant predictor of CX and customer satisfaction (Srivastava and Kaul, 2014). 

As such, there has been a disproportionate focus on direct employee interactions 

within the service literature - "these encounters ARE the service" (Bitner et al., 

2000, pp.139-140). In their study of extraordinary white-water rafting 

experiences, Arnould and Price (1993) document the importance of the 

employees, who guide the customer’s experience through their own authentic 

and active engagement. The relationship a customer has with a service provider 

can dramatically change their CX. For instance, the customer may reveal 

personal details within a long-term provider-customer relationship in the 

hairdressing context (Garzaniti et al., 2011). 

According to social exchange theory, individuals direct their reciprocation 

effort towards those from whom benefits are received in return (Blau, 1964). The 

theory claims that individuals in high quality and positive relationships are more 

likely to behave in ways to benefit their exchange partner and will make more 

effort in doing so (Blau, 1964). Employees who have high levels of job satisfaction 

and empowerment will positively impact interaction quality and service quality 

(Gazzoli et al., 2013), and in turn this will have a positive impact on CX (Heska, 

2009). In high-emotion service contexts, such as healthcare, difficult emotions 

are felt not only by the patients and their families, but by the employees. This can 
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impact CX quality and induce emotional contagion effects (McColl-Kennedy et 

al., 2017).  

Social experience includes customer interactions with other customers 

within the service environment. This can include customers who are known to the 

customer and those who are strangers. Customers compare themselves to and 

identify with other customers. Perceived similarity tends to make a customer feel 

more comfortable (Brocato et al., 2012), and a customer is less likely to raise a 

complaint in front of strangers (Yan and Lotz, 2009). Social CX responses might 

include the negative effects of crowding, standing too close, eye contact, or 

appearances (e.g. Bateson and Hui, 1986), as well as other disruptive behaviours 

(Bitner et al., 1994; Harris and Reynolds, 2003). Customers have also been found 

to experience positive effects from other customers, and often they are a source 

of social support (Rosenbaum and Massiah, 2007), providers of information 

(Colm et al. 2017), and sought out for help and assistance (Wu, 2008). Customer 

experiences can be about meeting people and seeing friends as well as making 

purchases or seeking information (Rinallo, 2010). For instance, it has been found 

that customers are more likely to purchase when shopping with family and friends 

(Luo, 2005). 

The experience a customer has is always influenced by their pre-

conceived notions of self-identity, such as social belonging or social distinction 

(Gentile et al., 2007). A customer will seek out experiences that define and 

develop their self-identity (Sarbin, 1986, from Arnould and Price, 1993) and the 

customer’s personal goals and unique context (see section 2.8) is linked closely 

to the social dimension.  
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2.5.5 The physical/ behavioural dimension 

Some authors (e.g. Lemon and Verhoef, 2016; Mahr et al., 2019) have 

made a further distinction in terms of the physical dimension of CX. This originally 

was classified by Schmitt (1999) in terms of the ‘act’ dimension of experience and 

is often referred to as the behavioural dimension of experience (e.g. Gentile et 

al., 2007). 

According to Schmitt (1999), “act” marketing is about enriching the 

customer’s lives and encouraging behavioural change after showing them new 

ways to do things (e.g. Nike’s “Just Do It” campaign). The customer physically 

engages with their surroundings in a service setting rather than being a passive 

recipient.   

Many authors now merge the physical dimension with the sensorial where 

responses to sensorial cues (such as scent and temperature) are closely linked 

to the customer’s physical well-being experiences (e.g. energy, comfort) 

(Bustamante and Rubio, 2017). For example, Gentile et al. (2007) state that 

joining the physical and sensorial dimensions of CX response is consistent with 

neurophysiologic studies “whereby the physical and sensitive aspects are 

considered as a unitary dimension” (p. 398).  

It is also the case that much of the behavioural dimension can be captured 

in the customer’s interactions and activities. These can largely be seen as a 

motivation for engaging with the service, rather than a response to the service 

itself. They are distinct from the internal and subjective responses a customer 

has that are cognitive, emotional, sensorial, and social in nature. Whilst these can 

be expressed in terms of a positive or negative (e.g. beautiful, or ugly, happy, or 

sad), a customer’s behaviour cannot. The importance of customer activities will 

be further explored in section 2.6.1 which introduces the notion of the ‘Customer 
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Journey’. It is also developed further across Chapter Three, where the 

customer’s active processes are discussed in relation to servicescape 

touchpoints (Bitner, 1982).  

 

2.5.6 Summary 

The multi-faceted nature of CX is a core focus of the remaining thesis. 

Table 3 summarises the definitions for the six facets of experience which have 

been explored across this section.  

 

CX Dimension Definition 

Cognitive Responses which refer to mental capacities. 

Emotional 

Responses relating to positive and negative 
feelings that include joy, trust, surprise, interest 
(positive), or anger, sadness, fear, disgust 
(negative).  

Sensorial 
Responses relating to the bodily senses (e.g. sight, 
hearing, touch, taste, smell) and atmospheric 
perceptions regarding places. 

Social Responses about human interactions. 

Physical Responses that are physiological.  

Table 3 - CX Responses Definitions 

 

2.6 CX is dynamic.  

CX is a dynamic concept which evolves over time, where the past directly 

impacts the current.  “Current customer experience at time t is affected by past 

customer experiences at time t – 1” (Verhoef et al., 2009, p.33). CX authors are 

increasingly interested in understanding how CX evolves across different points 

in time (Lemon and Verhoef, 2016).  

CX is formed through a customer’s interaction across a series of 

touchpoints where a continuous stream of consciousness is formed (i.e., the lived 

experience), and the customer responds in various ways (Bastiaansen et al., 

2019). Hirschman and Holbrook (1982, p.97) discuss how hedonic products are 
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experienced over time, such as when attending a sporting event or watching a 

play. They state that the customer’s experiential responses, including emotions 

and fantasies, “are in continuous flux throughout this usage period”. This has 

most often been framed under ‘the customer journey’ (Patrício et al. 2011; 

Zomerdijk and Voss 2010, Lemon and Verhoef, 2016).  

The customer journey is a longitudinal perspective of all the interactions 

which occur between the customer, provider, product, or service, including their 

chronological order and the dependencies between them (Bolton et al., 2014). 

The customer journey references a customer’s interaction with a series of 

‘touchpoints’ (Stein and Ramaseshan, 2016, Lemon and Verhoef, 2016). 

Touchpoints are points of interaction (human, product, service, communication, 

spatial and electronic) between a provider and its customers (Dhebar, 2013).  

 

2.6.1 The Customer Journey 

The customer journey is defined as “the series of touchpoints that 

customers encounter and interact with during their purchase process” (Jaakkola 

and Terho, 2021, p.2). The customer journey is a metaphor in which the key 

aspects of experience are identified in terms of how they appear or are perceived 

by the customer (Chase & Dasu, 2001; Moon et al., 2016). 

The customer journey approach is kinetic and concerned with the 

customer’s realised experience (rather than what the provider intends) at 

individual events or touchpoints across their journey (Halvorsrud et al., 2016).  

If the customer journey is defined from the point of view of the customer, it 

will extend long before and long after the service encounter itself (Berry et al, 

2002). The journey has been broken down into stages of the buying process (e.g. 

pre-purchase, purchase, and post-purchase phases - Neslin et al, 2006), or 
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stages of the service process (e.g. pre-core service encounter, core service 

encounter, and post-core service encounter - Voorhees et al., 2017).  Separating 

the journey into these distinct phases allows for CX to be understood differently 

at different points in the journey. For example, the customer might be in a different 

state of mind when searching out a service, than when reflecting on a past service 

encounter.  

Within the Service Management literature, customer activities are vital for 

understanding how and why the customer interacts within the service system. 

When assessing the customer journey, it is important to show the different 

activities a customer takes across the process.  

For example, in the car park transfer domain, Ordenes et al (2014) 

document how both customer activities (parking the car, going to the airport), and 

provider activities (driving the bus, fast-tracking customers), differ across different 

stages of the journey. It is not only the case that what the customer interacts with 

has an impact on CX, but also how this interaction occurs, and what the customer 

is doing (or wanting to do) which has an effect. For example, the customer arriving 

at the airport in anticipation for a holiday may be in a very different frame of mind 

to the customer leaving to go home after a long journey from their travel 

destination.  

In the tourism context, studying 700 tourists visiting Macao, Suntikul and 

Jachna (2016) report that some activities are more conducive for delivering 

feelings of place attachment than others. Lingering to soak up the atmosphere, 

taking photos, and talking to locals were found to be more important than people-

watching or reading a display.  

Within the tourism domain, mobility, and specifically walking, have been 

discussed as a core way the tourist moves through a geographical space and 
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interacts with that space (Cutler et al., 2014). In some contexts, such as hiking 

excursions, walking can be more than a form of transport, but a “way of being” 

(Urry, 2007) where the activity holds a sense of meaning in and of itself. The 

walker is “in the thick of it”, from a close, tactile, and physical perspective, rather 

than a mere spectator of the environment around them (Wylie, 2005). 

 

2.7 CX is holistic.  

CX is a holistic concept which encompasses every aspect of a company’s 

offering (e.g. Addis & Holbrook, 2001; Healy et al., 2007; Zomerdijk and Voss, 

2009; Verhoef et al., 2009; Jüttner et al 2013, Lemon and Verhoef, 2016). Within 

extant literature there are alternative viewpoints in terms of how to measure and 

assess the holistic CX.  

The concept of holism, in relation to CX, was first introduced by Hirschman 

and Holbrook (1982) when conceptualising hedonic consumption. The authors 

discuss the importance of customer consumption, e.g. the “multi-sensory, fantasy, 

and emotive aspects of one’s experience with products” (p.92). Customer 

experiences might include sensorial responses, such as the perception and 

encoding of scents, as well as related multi-sensory imagery that such scents 

evoke, including both memory and fantasy. According to extant literature, the 

customer experiences CX responses as a ‘holistic gestalt’. This means that their 

senses, feelings, and fantasies are experienced together as part of a unified 

whole (Gentile et al., 2007). Each CX response impacts the others in such a way 

that it is difficult to reduce the experience down to only one aspect without losing 

a sense of its meaning.  
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More recently, the concept of holism has been related to the customer 

journey. It has been argued that CX occurs through the total and integrated series 

of activities from pre-purchase to post-purchase stages (Jain et al., 2017).  

The most important misconception found within the CX literature is the 

idea that holism implies that all parts of CX must be included and accounted for 

in any one study. E.g. – “customer experience is the sum total of customer 

interactions with a brand or offering” (Pine and Gilmore, 2017, p.61); “we submit 

that the customer experience encompasses the total experience, including the 

search, purchase, consumption, and after-sale phases of the experience, and 

may involve multiple retail channels” (Verhoef et al., 2009, p.32); and “In order to 

gain a more comprehensive view of the customer experience we need to deeply 

understand all direct and indirect interactions customers have with the service 

provider, service or the brand at various touch points over time” McColl-Kennedy 

et al., 2015, p. 9). This is a common line of argument found within existing work, 

and closely tied the ‘total customer experience’ or TCE (e.g. Berry et al., 2002; 

Mascarenhas et al., 2006; Teixeira et al., 2012).  

TCE is defined in relation to the customer journey, incorporating everything 

from the moment a customer makes contact or arrives at a service, until after they 

leave, and even beyond. TCE has been defined as “a totally positive, engaging, 

enduring, and socially fulfilling physical and emotional customer experience 

across all major levels of one’s consumption chain” (Mascarenhas et al., 2006, 

p.399). The authors claim that the customer’s experience transcends goods or 

services that are provided. The experience arises because of the customer’s 

interactions, and involvement, which are inherently personal and produce 

subjective responses (Mascarenhas et al., 2006).  
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When designing for CX, it has been claimed it is important to focus on the 

representation and orchestration of all elements, rather than single elements 

alone (Teixeira et al., 2012). They write, “Understanding customer experiences 

requires capturing rich information across all customer interactions with the 

service provider and even other service providers that support the overall 

customer activity” (Teixeira et al., 2012, p.372).  

In this work, it is argued that although it is important to analyse and assess 

the multiple customer interactions and responses which make up the experience, 

it is theoretically impossible to account for all of these in any one study or 

conceptualisation of ‘the experience’. This relates to the dynamic nature of CX 

and can be explained in terms of the different ways that the CX construct has 

been studied and measured.  

In the work by Kranzbühler et al (2018), the authors discuss the difference 

between static CX (CX measured at one point in time, such as in relation to a 

provider touchpoint), and dynamic CX (CX made up of multiple customer 

interactions at touchpoints over a period of time). Static CX, as found within 

Kranzbühler et al. (2018), is an attempt by the authors to isolate an element that 

is driving CX, whether it is a provider-led aspect of the service offering (e.g. a 

touchpoint or group of touchpoints), or not (e.g. other customers, the impact of 

culture), to trace the direct relation between this and CX. Dynamic CX on the 

other hand tends to look at sequences of events and networks, or the customer 

journey (section 2.6.1).  It is generally assumed that only dynamic CX is holistic.  

It is argued here that both experience types are ‘holistic’ in that they each 

can only be understood in relation to the other. If the researcher is to measure 

multiple CX’s from a customer journey, and trace this across time, they effectively 

are looking at multiple static CX’s. In any assessment of a static CX, such as CX 
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at a distinct touchpoint, the CX will be impacted by all prior customer interactions 

and involvement with the service provider. This means that the customer’s 

journey that has led to the static CX has an impact on it regardless of whether 

those interactions are being measured within the assessment itself.  

Holism dictates that the parts must be understood in relation to the whole, 

not that all parts must be measured and understood. For instance, Dhebar (2013) 

elaborates on this idea using the example of mobile services. He argues how 

over many years, and through numerous service encounters he has experienced 

only mildly irritating episodes with his mobile service provider. However, when 

giving a description looking back on his experiences in their entirety, he describes 

this as ‘horrendous’. In other words, “my assessment tool for the customer 

touchpoint architecture did not just keep an additive tally of individual touchpoint 

experience trespasses. Much to my mobile operator’s disfavour, it nonlinearly and 

multi-dimensionally upped the experiential impact” (p.200).  

Identification of the author’s negative appraisal of overall CX with mobile 

services would only be possible after the combination of service encounters had 

occurred (e.g. at a distinct, or ‘static’ point in time post-experiences, and by asking 

the author to look back and reflect on them). Therefore, CX, regardless of whether 

it is assessed at one point of time or multiple points of time, is always holistic in 

nature, and because CX is dynamic (section 2.6), CX is continuously changing 

and evolving at each (static) moment in time.  

Different researchers will focus on different parts of the experience 

because they have different goals and purposes in their research questions. It is 

unlikely that a researcher could access the ‘total’ or overall experience, unless 

using proxy measures, such as overall experience ratings. The TCE literature 

emphasises the importance in exploring the ways in which multiple CX responses 
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develop across multiple interactions, and how these combine to form overall CX. 

Currently, work in this area is lacking (Becker and Jaakkola, 2020; Lemon and 

Verhoef, 2016). Arguably, it is not possible to assess CX in its entirety. Authors 

should instead look to using evaluative outcomes, such as satisfaction measures, 

to understand how the multifaceted and complex notion of CX emerges over time 

(Becker and Jaakkola, 2020).  

 

2.8 CX is contextual. 

The final tenet concerns the inherently contextual nature of CX. Context 

has been defined by Cappelli and Sherer (1991, p.56) as "the surroundings 

associated with phenomena which help to illuminate that phenomena, typically 

factors associated with units of analysis above those expressly under 

investigation". Usually, context refers to a different level of analysis, existing in 

the environment external to the entity that is being studied (Mowday and Sutton, 

1993).  

Within the CX literature, context refers to “the conditional state that 

determines the resources a person can directly and indirectly draw on at some 

point in time” (De Keyser et al., 2020). This links directly to the subjective nature 

of CX, where CX is unique for every customer (De Keyser et al., 2020). The 

acknowledgement that CX is contextual signifies a further shift from a purely 

dyadic provider-customer relationship, to one that not only includes wider 

networks of firms across the market, but also the customer’s unique personal 

environment or lifeworld (De Keyser et al., 2015). Context impacts CX by acting 

as a moderator between stimuli and CX, or by impacting the way a customer 

makes evaluations about the responses they have (Becker and Jaakkola, 2020).  
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There are two ways to understand context within the CX literature. The 

first uses the term to discuss all the stimuli which are outside of the customer’s 

first-person experiences of those stimuli, e.g. “context consists of the physical 

and relational elements in the experience environment. It includes the physical 

setting, the social actors, and any social interactions with other customers and/or 

service facilitators (Gupta and Vajic 2000)”. (From Zomerdijk and Voss, 2010, 

p.2). Taking this perspective, anything that is outside of the customer’s personal 

and subjective (first-person) experiences is seen as context. Companies do not 

sell or stage experiences but provide the artefacts and contexts that enable 

experiences to occur (Gupta and Vajic, 2000).  

The second understanding of context takes a provider’s perspective, 

including all the elements which are not under the provider’s control, within the 

service encounter, or within the ‘servicescape’ (section 3.4). According to SDL, 

there are numerous factors which impact on both resource exchange and use 

(Vargo and Lusch, 2008). This includes the effects of different times, places, 

social practices, structures, and institutions. Each individual customer co-creates 

their own experiences within their own unique context (Carù and Cova, 2003; 

Carù and Cova, 2007).  

There are broadly two ways to break down the second understanding of 

context – customer context and situational context.  

 

2.8.1 Customer Context  

CX, as a subjective phenomenon, can only be realised through the 

customer directly, who interacts with, and perceives the offering in their own 

personal and unique way. Meaning always arises from within the customer’s own 

personal context.  The social world and historical meanings that a customer 
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ascribes to, directly influence how they act within and interpret the service setting 

(Thompson, 1997). Customer context has been framed as the ‘individual context’, 

reflecting the transient personal state of the customer, which evolves and 

changes across the course of the customer journey (Holbrook and Hirschmann, 

1982; Sandström et al. 2008; Puccinelli et al. 2009). For instance, the customer’s 

overall ways of thinking, emotional state, and past experiences will all have an 

impact on the realised experience the customer will have (De Keyser et al., 2020).  

Research suggests that different customers experience the same service 

in different ways. In the GP experience, customers fall into broadly three types - 

passive, monitoring, and partnering (Schembri and Sandberg, 2011). Here, the 

passive patient inherently trusts the doctor and feels personally responsible to 

follow their advice. By contrast, the partnering patient tends to see themselves 

as an equal, respecting the doctor but looking for engagement and discussion 

about the best action to take.  

Customer context can also include the unique customer motivations, 

drivers, or goals which “determine the relative salience of product and retailer 

features” (Puccinelli et al. 2009). Interactions can give value (e.g. delight) or take 

away value (e.g. displeasure) for the customer depending on their own unique 

and personal preferences (Holbrook, 1999). This may also vary depending on 

customer expectations (Nacass et al., 2018). In the tourism context, customer 

motivation has been studied extensively, with different customers being found to 

desire different types of experience, e.g. hedonistic pleasures, or profound 

meanings (Wickens, 2002, Uriely et al., 2002). 

According to Falk (2006) a customer’s identity (or sense of self) is to some 

degree transitory and can change depending on the current reality in which a 

person is placed. He shows this by distinguishing between “big ‘I’ identities” and 
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“little ‘i’ identities” (Falk, 2009). In Big ‘I’ identities, visitors are segmented in terms 

of demographic characteristics, such as gender, age, and social grouping. 

Alternatively, in little ‘i’ identities, the visitor is segmented by behavioural and self-

reported characteristics (Dawson and Jensen, 2011). Falk argues that there is a 

connection between museum visitors’ identity, motivations, and learning. Different 

customers have different motivations for visiting a museum, and their motivations 

are directly linked to their in-museum learning and the ways they respond and 

react to the displays and exhibitions. He states, “my identity today, when I visit a 

museum, may be that of a “tourist” because I happen to be visiting a new city, but 

next week, back home, I might go to a museum, maybe this time with my children, 

and enact a different identity, that of a “parent”. (Falk, 2006, p, 154).  

Broadly speaking there are five clusters of identity-related motivations: 

explorer; facilitator; professional/hobbyist; experience seeker; and spiritual 

pilgrim (Falk, 2006). Falk found that customers who visit a museum out of 

personal curiosity and learning needs (i.e., explorers), tend to maintain 

knowledge over a longer term. On the other hand, facilitators are concerned 

about the needs and desires of someone they care about (often a child). The 

facilitator’s motivations therefore drive them to focus on other aspects of the 

experience, rather than developing personal learning. Falk argues that customers 

are driven by visit-based needs or “identities that respond to the needs and 

realities of the specific moment and situation” (Falk, 2009, p.73).  

An understanding of identity as transitory (Falk, 2006) can be theoretically 

questioned in that it is arguable people do not change their identity in the way 

which Falk describes. For example, when discussing identity formation, Erikson 

(1968) writes about the “sense of sameness and continuity” which results in a 

predominantly consistent sense of identity within an individual (Schachter, 2004).  
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Alternatively, role theory could be used as a perspective for understanding the 

claims made by Falk, where the customer changes ‘role’ rather than “little ‘i’” 

identity per se. In role theory, the theatre-metaphor is used to make sense of the 

ways individuals act differently depending on their social position and context, 

and what is expected of them by others (Hindin, 2007).  

Customer motivation theories have also been used to explain why different 

customers may respond to experiences in different ways. For example, Crompton 

(1979) argued that different customers have different motivations behind 

travelling for pleasure.  In his framework he identified both push and pull motives 

for visiting a destination. These included escape, self-exploration, relaxation, 

prestige, regression, kinship-enhancement, and social interaction (Push), as well 

as novelty and education (Pull). 

Similarly, in Travel Career Ladder (TCL) theory, Pearce (1998) dictates 

that travel motivations move through five hierarchical levels of needs and 

motives. In this view, tourists tend to move up the ladder as they gain greater 

levels of travel experience and reach psychological maturity.   

The influence of customer context helps to explain how different customers 

can have very different service experiences, even in the same service setting. It 

also helps to explain why the customer will interact and respond differently to the 

service setting based on what is important to them personally and at that point of 

time (Woodruff and Flint, 2006).  

Customer context is closely tied to an understanding of who the customer 

is (section 2.3.1) including the wider family unit. This point is emphasised in the 

following customer feedback comment discussing the cruise ship experience - “I 

go on a cruise to enjoy the cruise, not all the new elaborate activities such as 

climbing walls, bowling alleys, or boxing rings. But then again, I don’t have 
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kids….” (Kwortnik, 2008, p. 10). The same customer can engage with a service 

offering alone, with friends, or with family. In each case their sense of self, identity, 

social roles, and motivations may alter accordingly.  

In response to the importance of customer context, there have been many 

attempts to segment customers based on psychographic measures to 

understand and predict customer behaviours (e.g. Weinstein, 1994). Although 

theoretically, no two customers are the same, and therefore no two contexts are 

the same, it is important from a practical point of view to look for similarities 

between categories of customers.  

In market segmentation, the total customer base is reduced into a 

manageable number of groups that have well defined characteristics and are 

mutually exclusive (Yankelovich and Meer, 2006).  

In his Customer Experience Management (CEM) framework, Schmitt has 

argued that the first stage of managing CX should include an analysis of the 

customer’s socio-cultural context (or “experiential world”). This might include a 

search for trends such as “wellness” or “spiritualism” which affect subsequent 

experiences (Schmitt, 2010).  

In terms of the customer’s own unique context, demographics such as 

age, gender, and culture have also been discussed in relation to their impact on 

CX (e.g. Winsted, 1997). Arnould and Thompson (2005) highlight the key cultural 

aspects that influence consumption: signs and symbols, structures, and 

practices. These dimensions influence the ways customers integrate various 

resources and the experiential responses they have because of this process 

(Akaka et al., 2014, 2015).  
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2.8.2 Situational Context 

Situational context refers to situational factors which are not unique to the 

customer, but which are uncontrollable, and which will impact both the customer 

and the provider in their interactions. It includes all factors which are particular to 

a certain time and/or place (McColl Kennedy et al. 2019). Such factors tend to be 

transitory in their nature (De Keyser et al., 2020).  

Wider environmental externalities, such as the weather and political 

events can have an impact on CX (Lemon and Verhoef, 2016). Within the tourism 

context, many service settings are opened out onto the wider landscape or across 

places, and CX is dependent on the conditions of these settings (Driver and 

Brown 1978). For example, seasonality can impact CX, including natural factors 

(e.g. climate, weather, and sunlight hours) and institutional factors (e.g. calendar 

effects, school holidays, social norms, available activities) (Connell et al., 2015). 

Awareness in such effects has led to differentiation in terms of ‘high-peak’ and 

‘off-peak’ seasons across the tourism industry. Wider macroeconomic impacts, 

such as the global 2008 economic crisis, have been shown to have implications 

for CX, for instance making customers more price sensitive, and potentially less 

impacted by wider experiential aspects (Kumar et al., 2014). Similarly, recent 

impacts in the wake of the Covid-19 pandemic have led to drastic changes across 

all industries.   

 

2.9 Summary 

Chapter Two has given an overview of the literature relating to the realised 

experience, putting forward six core tenets of CX which consolidate and unify 

existing theory. Realised experience is interactive, subjective, multi-

dimensional, dynamic, holistic, and contextual. It is not possible for this 
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experience to be designed or controlled. However, the provider can manage the 

intended experience, through the design and development of customer 

touchpoints found across the customer journey (Roth and Menor, 2003). The 

provider’s perspective, including design of the intended CX, is the focus of the 

following chapter (Chapter Three). In this chapter, attention is given to designing 

‘for’ experience, rather than the customer’s realised, subjective experience itself.  
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Chapter Three – Literature Review – The intended experience 

 

Chapter Three focuses on the ‘intended experience’ (Ponsignon et al., 

2017). The intended experience is the CX design proposed by the provider. CX 

responses occur in relation to a series of customer interactions that occur at 

multiple touchpoints across the customer journey (Lemon and Vehoef, 2016). 

This relates to ‘S-O-R thinking’, which was discussed in section 2.3. The 

customer responds to some stimulus, or ‘touchpoints’, in the wider environment.  

From the Service Management perspective, it is necessary to 

appropriately design and manage touchpoints in-line with the intended customer 

experience. This requires an understanding of the key elements of the 

servicescape (section 3.4), which elicit cognitive, emotional, sensorial, social, 

and physical responses in the customer.  

This chapter will give an overview of Service Management (section 3.1) 

and Service Design (section 3.2) literature, with a specific focus on the 

importance of designing ‘for’ CX from the service operations management 

perspective (section 3.5). It seeks to identify current limitations in the literature 

offering a proposed conceptual model (section 3.6). This model depicts how 

realised CX emerges through servicescape design. The chapter concludes with 

an overview of the proposed research questions and core research 

contributions that have been developed in response to learnings made across 

the literature review (section 3.7).  

 

3.1 Service and Service Management 

The following section gives an overview into the study of service and 

Service Management, which serves as the core focus of this chapter, and the 
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foundation for studying CX in this work. The Service Management perspective 

has theoretical underpinnings within various other disciplines, including 

Marketing, Operations Management, Organisational Theory, HR Management, 

Service Quality Management, and Business Consultancy (Grönroos, 1994). 

Service as a construct has traditionally been defined in terms of the ‘IHIP’ 

characteristics of ‘intangibility’, ‘heterogeneity’, ‘inseparability’, and ‘perishability’ 

(Nie and Kellogg, 1999).  

These four characteristics have been expanded on by Meroni and 

Sangiorgi (2011, pp. 18 - 24). ‘Intangibility’ refers to the nature of services in 

relation to goods, which cannot be seen, smelt, tasted, or touched in the same 

way. ‘Heterogeneity’ refers to susceptibility of service quality to vary, depending 

on both customer and situational context. The ‘inseparability’ of services refers to 

the requirement for the customer to be present as part of the service process. 

Finally, ‘perishability’ refers to the impossibility of storing most services due to 

their interactive nature.   

The study of Service Management reflects the belief that such inherent 

differences to goods require a different managerial approach (Parasuraman et al. 

1985). For example, in Service Design, the intangibility of services can be 

‘evidenced’ through the careful integration and management of touchpoints 

(Meroni and Sangiorgi (2011).   

As the discipline of Service Management has developed, the definition for 

service has widened. As a result, the difference between ‘goods’ and ‘services’ 

has become much more blurred (Sangiorgi et al., 2019). This has led to numerous 

criticisms of the IHIP characteristics, which are no longer believed to be suitable 

as a dichotomous definition across all services (Lovelock and Gummesson, 

2004). Recent claims have instead argued that the IHIP characteristics should 
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not be used together to generalise services, but that they can be used in 

situations where they are relevant and useful to inform research and practice 

(Moeller, 2010).  

Authors Sampson and Froehle (2006) proposed a Unified Service Theory 

(UST) aimed at uniting ‘services’ to demonstrate how they differ from non-

services. They state that “with service processes, the customer provides 

significant inputs into the production process”. This means that customer inputs 

to the process are both a necessary and sufficient condition to define a production 

process as a service process (Sampson and Froehle, 2006, p. 331). Taking an 

SDL perspective to value creation (section 2.1.1) this may imply that all 

consumption activities are best viewed as a service. This is because, from this 

framework, the customer is always the co-creator of value. As such, it becomes 

imperative to improve and develop an understanding of services and Service 

Management from the CX perspective.  

 

3.1.1 Classification of service types 

Levitt (1972, p.41) states - “There is no such thing as a service industry. 

There are only industries whose service components are greater or less than 

those of other industries. Everybody is in service”. For this reason, it can be 

helpful to classify different types of services that share similar operational 

characteristics (loosely translated as ‘typologies’), to develop meaningful 

strategies and guide decision making for Service Design (Cook et al., 1999). 

Various classification methods have been used. These include an assessment of 

the degree of customer contact, the degree of customer influence, the level of 

customer freedom, what or who is being processed, and total volume of 

customers processed within a day.  
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For example, Chase (1978) classify services based on the degree of 

customer contact (from high to low), highlighting how direct provider-customer 

interactions can be of greater or lesser importance depending on the service type.  

Kellogg and Nie (1995) show how the level of customer influence varies 

depending on the service type.  

Collier and Meyer (1998) organise services based on the level of freedom 

built into the customer’s activity sequence across the service, and the degree to 

which this was routed by the provider or the customer.  

Lovelock and Yip (1996) propose a classification with three groups relating 

to who or what is being processed within service types. This includes people-

processing, possession-processing, and information-based processing services. 

Their classification scheme highlights how the thing (or person) that is processed 

can differ between different services.  

Finally, Silvestro et al. (1992) distinguish three types of service relating to 

the total volume of customers which are processed in a day - professional 

services, service shops, and mass services. In this typology, the nature of 

managerial design, control, and improvement is dependent on which type the 

service is. 

The typology approach to understanding service and Service Design has 

tended to take a macro-oriented view which focuses purely on the provider’s 

processes. Such approaches rarely take the customer’s experience into account. 

According to Ponsignon et al. (2018, p. 4) most service classification models 

emphasise a design choice between cost focus models and service focus 

models. Cost focus models are aimed at achieving efficiency - typically “low 

employee skills, low employee discretion, low customisation, high automation, 

equipment-focus, centralised location and high formality” – e.g. Cook et al., 1999, 
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Johansson and Olhager, 2004. Alternatively, service focus models are typically 

aimed at providing customisation -, typically “high employee skills, high employee 

discretion, high customisation, low automation, people-focus, distributed 

locations and low formality” – e.g. Frei, 2007. The authors argue that these 

studies do not account for the “journey-based nature of customer experience” 

(Ponsignon et al., 2018, p.4). In most service classification models; design 

characteristics are static regardless of how the customer interacts across their 

journey. This does not account for the fact that different customers may interact 

and respond to the system in different ways. The cost or service focus is seen as 

a homogenous configuration and does not consider the multiple ways the 

customer interacts with the provider across their journey (Ponsignon et al., 2018).  

More work is needed to bring an understanding of the complexities of the 

realised experience (as portrayed in Chapter Two) to the study of services, and 

Service Design. 

 

3.1.2 Levels of abstraction  

According to Verma et al. (2012), CX can be understood through a detailed 

account of customer interactions with the service provider as a part of their wider 

activities. Services can be modelled and designed at different levels, ranging from 

a wide to narrow scope of perspective. The level of abstraction taken within a 

study will determine the boundaries defined by the author in terms of what they 

include as part of their assessment. Although these boundaries can vary 

considerably between authors, they fall loosely into three levels of abstraction: 

The Value Constellation level, The Service System level, and The Service 

Encounter level.  
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The highest level of abstraction includes approaches that frame the ‘value 

constellation’ (e.g. Norman and Ramirez, 1993), ‘service network’, (e.g. Akaka et 

al., 2012), or ‘service ecosystem’ (e.g. Lusch & Vargo, 2014, Greer et al., 2016). 

Each of these approaches is based around the value-creation activities 

undertaken by the customer (Patrício et al., 2011). At this level of analysis many 

interactions will be outside of a provider’s direct control but are included because 

of their relevance to the customer and the customer’s value creating processes. 

For example, it can include other competitors, or provider’s offering 

complimentary services. A service ecosystem is defined as “a relatively self-

contained, self-adjusting system of resource-integrating entities that are 

connected by shared institutional logics and mutual value creation through 

service exchange” (Greer et al., 2016, p.3).   

The value-constellation understanding of service takes account of how 

value is co-created between the customer and multiple firms, within a wider web 

of service systems and value creating processes (Maglio et al., 2009).  This level 

of analysis goes beyond the boundaries of single entities and single 

organisations. It emphasises how people and other entities are interrelated to one 

another, with service flowing across organisational boundaries (Greer et al., 

2016). Customer activities, such as buying a house, involve numerous 

interactions between the customer and service providers. These combine to 

create an overall value constellation (Patrício et al., 2011). 

A service system sits within the wider value constellation and is most often 

discussed as a single service provider or firm (Pullman and Gross, 2004). 

However, it can also be non-market-based in nature, such as a family or nation 

(Sangiorgi and Prendiville, 2017). A service system is “a configuration of people, 

technologies, and other resources that interact with other service systems to 
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create mutual value” (Maglio and Spohrer, 2009, p.395). The value proposed by 

a service system has been framed through ‘the service concept’ (Heskett, 1987, 

Brohman et al., 2009), comprising of the benefits offered to the customer and 

retained by the provider through a service (Edvardsson et al., 2000). Service 

implies some type of assistance or expertise bestowed through provider-

customer interaction, where the aim is to create and capture value (Katzan, 

2008). This can be represented as an activity system, where a series of activities 

use various resources to improve value co-creation outcomes (Grönroos, 2006). 

At the lowest level of abstraction, the service encounter is the point (or 

points) at which the service and customer interact with one another (Bitner et al., 

1990; Roth and Menor, 2003). This interaction can be with service personnel, the 

physical environment, service processes, or technology, occurring over a period 

of time (Larivière et al, 2017). Prompts found within the service encounter directly 

impact outcomes such as customer satisfaction (Bitner et al., 1994), quality 

perception (e.g. Cronin Jr et al., 2000), and customer loyalty (Gremler and Brown, 

1999).  

The service encounter takes place as part of the wider concept of ‘the 

customer journey’ which may or may not extend beyond the service system, 

depending on the author’s definition (See section 2.6.1). From a Service Design 

perspective, the service encounter level is important due to its focus on concrete 

touchpoints and measuring their impact on CX (Teixeira et al., 2012).  

CX can be viewed from within all three levels of abstraction and occurs 

“when a customer has any sensation or acquires knowledge from some level of 

interaction with the elements of a context created by a service provider” 

(Zomerdijk and Voss, 2010, p. 67). It has been argued by Patrício et al. (2011) 

that a dyadic view of CX should be abandoned in favour of a broader 
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understanding, where CX is understood as originating through customer 

interactions within a network of firms.  

The service provided by the firm is always found within a wider value 

constellation, and the firm’s input into value creation for the customer is only one 

input amongst multiple inputs from multiple firms (Normann, 2001).  For instance, 

when looking at the bank loan experience, customers might be interested in 

buying a car, and securing the loan is only instrumental in this wider motivation 

(Patrício et al., 2011). The research in this study suggested that customers were 

most concerned with the speed of the application of the loan process to enable 

them to do the thing they really wanted to do – buy a car.  

The levels of abstraction in services suggest that CX can also be 

approached from different views, depending on what is (and isn’t) included within 

the remit of the study. Studies should go beyond the boundaries of a dyadic 

provider-customer relationship and towards a wider conception of interactions 

within the entire service delivery system (Tax et al., 2013; Lemon and Verhoef, 

2016). Such an approach acknowledges the role that the provider plays alongside 

other actors in the system (e.g. other firms). Often this interaction is co-ordinated 

by the customer themselves and the network of providers might be unique to 

each customer.  

It is also possible for the provider to take a lead role in coordinating a value 

network (Tax et al., 2013). For instance, U-Haul, a self-move and storage 

company, offers services beyond moving and storage, such as packing kits. The 

company also helps customers to locate other complimentary services which they 

might require, such as babysitters and cleaners. These wider services are united 

by the common aim of making the moving process as smooth and stress-free as 

possible for the customer (Bettencourt and Ulwick, 2008). 
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To summarise, CX always happens within wider value constellations or 

service delivery networks. The network-oriented view of CX is found in other 

works, including discussion of ‘network constellations’ (Aksoy et al. 2013), 

‘service-dominant networks’ (Lobler 2013), and ‘service ecosystems’ (Vargo and 

Lusch 2011).  A service network does not have fixed boundaries and it is important 

for the researcher to make clear what these boundaries are based on the purpose 

of the research. In different service domains, or research contexts, different ties 

will be included (and excluded) (Borgatti and Halgin, 2011).  

Future studies of CX should emphasise provider-customer interaction 

which distinguishes the customer experience from other types of experience 

(section 2.3). However, it is also necessary to be clear that value is always 

cocreated from within a wider network perspective.  

3.1.3 The Service Strategy Triad 

The service strategy triad is a useful model for representing the basics of 

service strategy and the pre-requisites needed for making Service Management 

decisions. Service systems are categorised through relationships between three 

core elements – people, service process, and physical elements (Tax and Stuart, 

1997). In line with this, service strategy has been conceptualised through a triad 

of core questions concerning - 1) “who are the right customers?”, 2) “what is the 

product bundle being offered?”, and 3) “how will the services be delivered?” (Roth 

and Menor, 2003, p.147).  

The service triad emphasises the importance of both human and 

organisational understanding within a service system (e.g. Maglio and Spohrer, 

2008). The triad emphasises that there is a distinct difference between the 

concept of service (the ‘what’), and the system through which it is delivered (the 

‘how’). In doing so, the triad unities both marketing and operations as part of the 
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same process. The service concept is tailored to the target market, and the 

Service Design choices focus on delivery.  

 

 

 

 

 

 

 

The service concept is the mix of tangible and intangible elements which 

together make up the service, e.g. what is being provided to the customer 

(Jonsson et al., 2011). The service concept should be defined based on what is 

important to the customer (Sasser et al., 1978). This explains the contingent link 

between the service concept and the target market (e.g. different target markets 

will have different service concepts).  

The service concept can be viewed as a mental picture of ‘service in the 

mind’ (Clark et al., 2000). It refers to the realised experience, rather than the 

multiple elements that create it. For example, “a day out at Disney’s magic 

kingdom is more likely to be defined by its designers and its visitors as a magical 

experience rather than six rides and a burger in a clean park” (Clark et al., 2000, 

p.72). The service offering has a contingent relationship with service delivery 

system design choices, which in turn impacts the service encounter itself. There 

have been numerous works looking at how different design principles apply to 

different service concepts (e.g. Johansson and Olhager, 2004).  

Similarly, there can also be complexity within the service concept. Within 

one organisation there may be multiple service concepts to account for multiple 

Figure 2 - The Service Strategy Triad 
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target markets (e.g. Jonsson et al., 2011). The study of CX offers one fruitful 

avenue for further developing the service concept and its core question “what 

happens when service and customer meet and interact?” (Roth and Menor, 2003, 

p.147). A better understanding of this is necessary to design and develop services 

in new and innovative ways. Findings from this study will offer insights into this 

area by enhancing an understanding of how the realised CX emerges because 

of multiple customer-provider interactions.  

 

3.2 Service Design 

 Service Design involves orchestrating service elements such as the 

physical environment, people (customers and employees), and service delivery 

process, to enable customers to co-create their desired experiences (Verma et 

al., 2012). Service Design is a human-centred, creative, and multi-disciplinary 

area (Meroni and Sangiorgi., 2011). It focuses on the design of new services, or 

the improvement of existing ones (Sangiorgi and Prendiville., 2017). It includes 

Marketing, Service Operations, and Interaction Design which are integrated using 

specific design-based methods (Patrício and Fisk¸2013). Service Design, along 

with Service Management and engineering, together form the united field of 

Service Science (Spohrer and Kwan, 2009). The Service Design discipline 

originated through a recognition that there was a lack of intuitive and creative 

design culture in the service sector. This is thought to be necessary alongside 

analytic and data-driven approaches to achieve service innovation (Maffei et al., 

2005).  

Service providers cannot create value but must design value propositions 

for their customers. These are then transformed into value through CX (Gupta 

and Vajic, 2000). Service Design involves the communications of CX, often using 
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mapping techniques to trace its development across the customer journey 

(Stigliani and Fayard, 2010). CX is understood as the internal and subjective 

responses the customer has to their interactions with a provider (Meyer and 

Schwager, 2007, Homburg et al., 2015). Service design and delivery have been 

shown to directly impact CX (Berry et al., 2006, Johnston and Kong, 2011, 

Zomerdijk and Voss, 2010), and recently there have been increasing calls to 

design ‘for’ CX (Voss et al., 2008, Roth and Menor, 2003, Stuart and Tax, 2004). 

In line with this pursuit, there have been several Service Design models created 

which emphasise the importance of designing for CX, and the specific decisions 

which must be made in this process (e.g. Voss et al., 2008; Roth and Menor, 

2003; Zomerdijk and Voss, 2010; Ponsignon et al., 2015; Bouzdine-Chameeva 

et al., 2019). These models, including their limitations, will be explored later in 

this chapter (section 3.5).  

Within the tourism literature, service design is now accepted as being a 

crucial activity for enhancing tourist experiences, where various components, 

processes and activities are combined to produce a desired effect (Xiang et al., 

2021). ‘Smart Tourism Design’ (an extension of the ‘smart city’) is now being 

discussed as the integration of physical, social, and technological infrastructure 

within a tourist destination. Work in this vein is looking to design ‘smart’ places 

which are “human oriented, sustainable and resilient” (Xiang et al., 2021, p. 6). 

Such research shows the possibility of having some level of control over the 

design and management of customer experiences within the tourist setting.  

 

3.2.1 The principles and processes of Service Design 

According to Stickdorn et al. (2018) there are six principles that are 

fundamental to Service Design.  Firstly, Service Design is human centred and 
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considers the experiences of all actors within the service system. It is 

collaborative, engaging stakeholders of various backgrounds and functions in 

the design process. Service Design is iterative, meaning it involves exploration, 

adaptation, and experimentation. It is sequential and visualised as a series of 

integrated actions that require orchestration. It is real, with needs, ideas and 

intangible values that are researched, prototyped, or evidenced within the reality 

that surrounds them. Finally, Service Design is holistic, addressing the needs of 

all stakeholders of the service and across the business. 

The six principles of Service Design link directly to the logic provided by 

SDL, where axiom five states that value is co-created through the coordination of 

human-created institutions and institutional arrangements (Vargo and Lusch, 

2004). Service Design focuses on orchestrating many different actors and 

instruments using various tools and methods. For instance, using personas and 

customer journey maps. To do this, Service Design borrows tools and approaches 

from areas including Marketing, Branding, Business, and Management (Tassi, 

2009). The exact number of steps in the process of designing a service offering, 

the language used, and tools employed, differ widely between authors (Stickdorn 

et al., 2018). The process of Service Design can be thought of as a series of 

activities which enable the service to function correctly (Bitner et al., 2008). It is 

an iterative process (Hollins and Shinkins, 2006) and can include exploration, 

ideation, prototyping and reflection, and implementation (Stickdorn & Schneider, 

2010, Stickdorn et al., 2018).   

The first stage (exploration) includes investigation into the needs of the 

customer, and deep analysis into the ‘how’ and ‘why’ of the problem (Stickdorn et 

al., 2018). Service Design is human centred. In ‘human-centred design’ customer 

activities and wider environments or contexts are placed at the centre of design 
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decisions (Giacomin, 2014). The customer has a preconceived idea of what a 

service is prior to experiencing it. At this stage of the Service Design process, it 

is important to establish the service concept. The service concept serves as a 

key driver for all subsequent stages of successful Service Design (e.g. what to 

deliver, and how to deliver it) (Goldstein et al., 2002).  Depending on the level of 

abstraction which is of focus (section 3.1.2), this stage can also include 

identification and exploration of wider actors within a service network, service 

system, or service encounter (e.g. employees, wider partners, and influencers) 

(Morelli, 2006).  

The second stage (ideation) involves idea generation from the Service 

Design team, which should include within it cross-functional members of the 

business. These ideas are based on the first stage investigations (e.g. user-

centred design), which trigger the rest of the design process (Hollins and 

Shinkins, 2006).  It can include input from the users (or customers) themselves.  

The third stage (prototyping and reflection) aims to communicate, explore, 

and evaluate the ways which the customer might interact with a service system, 

and the resulting experiences they may have as a result. The main purpose of 

prototyping is to concretise the ideas established in stage two, assessing their 

strengths, weaknesses, and identifying new directions (Fulton Suri, 2008). The 

stage looks at possible future service situations and enables designers to make 

comparisons between alternative solutions before implementing them (Stickdorn 

et al., 2018). Visually representing the system in terms of its components (e.g. 

physical elements, logical links, and temporal sequences) can be a useful 

management tool (Morelli, 2006).  

From a CX perspective, it could be argued that a series of events, as 

represented in a service blueprint, does not represent the experience ‘overall’. A 
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full understanding of CX requires the customer’s retrospective evaluations when 

looking back on their customer journey (section 2.7).  

Stage three allows for collaboration, where communicated ideas can be 

assessed by various stakeholders across the business (Miettinen et al., 2012). 

Tools used for prototyping vary, and include storyboards (Bødker and Grønbæk, 

1991), role playing (Simsarian, 2003), and filmmaking (Raijmakers and Gaver, 

2006). 

The final stage involves the implementation of the chosen Service Design 

choices. This can vary considerably, depending on what is being implemented 

and why. It might involve various fields or areas of the business, depending on 

the project (Stickdorn et al., 2018). 

Within the tourism context, experience design has been applied to a 

guided tour experience in Kisumu, Kenya (Jernsand et al., 2015). The authors 

engaged in the process of designing a prototype experience which is tested 

directly in the market, and refined, before a new prototype is created. This 

process can reoccur until the desired customer experience is achieved. This 

iterative process of refinement in the experience design is shown to be an 

effective way of evaluating, improving, and innovating within the tourism sector.  

 

3.3 Touchpoint design 

The customer’s realised experience can be defined as the subjective 

response customers have through their interactions with a service provider 

(Meyer and Schwager 2007; Verhoef et al. 2009; Zomerdijk and Voss 2010; 

Lemke et al., 2011).  Customers evaluate service experiences as the result of a 

process of customer interactions at multiple touchpoints across the customer 

journey (Zomerdijk and Voss, 2010). The two concepts (interactions and 
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touchpoints) are connected, yet conceptually distinct. ‘Interaction’ is the process 

of interacting, and ‘touchpoint’ is the point of contact which connects the customer 

to the service provider (Dhebar, 2013). The concept of the ‘touchpoint’ is vital 

when designing for the intended experience.  

Touchpoints are defined as “points of human, product, service, 

communication, spatial, and electronic interaction collectively constituting the 

interface between an enterprise and its customers over the course of customers’ 

experience cycles” (Dhebar, 2013, p.199). Touchpoints are made up of a 

combination of several different elements, including atmospheric, technological, 

communicative, process, employee–customer interaction, customer–customer 

interaction, and product interaction elements (Stein and Ramaseshan, 2016). A 

touchpoint always involves some mode of interaction between the customer and 

the provider. It is something that is visible or encountered by the customer, and 

constitutes a discrete event (Holvorsrud et al., 2016).  

Predominantly, touchpoints have been defined as those things which are 

under the provider’s control (e.g. Clatworthy, 2011). However, there are 

exceptions to this, and some authors take a wider conceptualisation of the 

concept. For example, according to Lemon and Verhoef (2016), touchpoints can 

be customer-owned, partner-owned, and social/external. The authors state that 

something is a touchpoint when it connects the customer to the service provider 

in some sense, even when this interaction is purely in the customer’s mind. This 

is because they define a touchpoint as anything which is important to the 

customer and the customer’s CX.  

As it stands, there is little research addressing the impact of external 

touchpoints on overall CX or how to manage them (Siqueira et al., 2019). For 

example, touchpoints, such as peer to peer interaction and word of mouth 
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(WOM), which are not directly controlled by the provider, have been found to have 

a positive relationship with CX (Siqueira et al., 2019). According to Kranzbühler 

et al. (2018) CX research should include factors that are not directly under 

provider control and ways to better manage these should be addressed. For 

instance, by looking for ways to persuade customers to share positive 

experiences with other customers (Siqueira et al., 2019). 

Taking a customer approach to touchpoints has become increasingly 

common in the service literature. Touchpoints are actively sought out by different 

customers in different ways, resulting in different impressions (Maklan et al., 

2017). The customer will always perceive touchpoints in a distinct way to how the 

firm defines or organises their touchpoints (Zomerdijk and Voss, 2010). The 

provider’s perspective in terms of what are touchpoints, and what touchpoints are 

most important, may be irrelevant to the customer (Zolkiewski et al, 2017). This 

is reflected in the distinction between the realised CX (Chapter Two), and the 

intended CX (discussed in this chapter), where true value can only be created 

through the customer’s experiences.  From the point of view of Service 

Management, and Service Design, it is important to look for commonalities 

between the intended and the realised experience, including the frequent ways 

in which customers respond and react to the service offering.  

Within the Service Design literature, touchpoints are also referred to as 

‘cues’ or ‘clues’, where different elements of the service convey something to the 

customer - “Thus the product or service for sale gives off one set of clues, the 

physical setting offers more clues, and the employees -- through their gestures, 

comments, dress, and tones of voice -- still more clues. Each clue carries a 

message, suggesting something to the customer. The composite of all the clues 

makes up the customer’s total experience” (Berry et al., 2006, p.1). It has been 
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suggested by Zomerdijk and Voss (2010), that touchpoints can be identified and 

designed in relation to their sequence (e.g. positioning peak events at the 

beginning or end of the customer journey) to increase the overall dramatic impact 

on the customer.  

A customer touchpoint can be controlled by the firm (e.g. predominantly 

designed and controlled by the firm), or non-firm-controlled (e.g. controlled by 

customers, influencers, or other firms) (De Keyser et al., 2020, Lemon and 

Verhoef, 2016). Extant literature focuses on firm-controlled touchpoints, but 

increasingly the role of non-firm-controlled touchpoints are being recognised (De 

Keyser et al., 2020, Gao, Melero-Polo, and Sese, 2020, Becker and Jaakkola, 

2020).  

In today’s competitive landscape, new forms of technology and increasing 

multi-channel interactions between the customer and the provider are resulting in 

a growing number of touchpoints. As such, issues around touchpoint consistency 

are on the rise (e.g. Gentile et al., 2007, Lemon and Verhoef, 2016). It is important 

to be clear not only on which touchpoints are most critical (McColl-Kennedy et 

al., 2019) but also to determine how multiple touchpoints combine across multiple 

customer interactions to impact the overall CX (Lemon and Verhoef, 2016). 

Most existing studies focus on a defined set of firm-controlled touchpoints. 

According to Becker and Jaakkola (2020, p.639) this is problematic because it 

misses the “multitouch and multichannel” nature of experience, where customers 

interact with touchpoints including those which are outside of firm control. Today’s 

customers are increasingly empowered and in control of selecting their customer 

journey pathways (Heinonen et al. 2010; Teixeira et al. 2012). Customer journeys 

are becoming more complex and individualised as a result (Becker and Jaakkola, 
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2020). According to Becker and Jaakkola (2020, p.639) “a lack of insight into 

touchpoints beyond firm control is particularly glaring”.  

Most existing studies of CX have focused on CX using individual 

touchpoint analysis, or through the aggregate evaluation of the brand (Becker 

and Jaakkola, 2020). Largely missing from existing research is an emphasis on 

the full range of customer touchpoints alongside the complex multi-dimensional 

nature of CX as developed across Chapter Two. Such omissions will be 

addressed through the content of the study in this thesis. 

 

3.4 The servicescape 

The ‘servicescape’ concept was first introduced by Booms and Bitner 

(1981). It has roots in ecological psychology (e.g. Barker, 1968), which explored 

the ways organisms respond to objective stimuli located within a spatially 

bounded area (Rosenbaum and Massiah., 2011).  

The servicescape is comprised of the total service environment where the 

service is assembled and in which the customer and provider meet and interact. 

This includes ambient conditions, space and function, and signs, symbols, or 

artefacts (Booms and Bitner, 1981). These elements of the servicescape have a 

direct impact on the customer’s physiological, psychological, and behavioural 

responses (Bitner, 1992). The customer’s active processes are vital in any 

conceptualisation of the servicescape and vary in terms of the ways the customer 

approaches the environment (e.g. attract, explore, stay), or avoids it (e.g. repel, 

hide, leave) (Bitner, 1992).  

The servicescape concept has been extensively used in the retail setting, 

with different store environment cues being shown to impact perceived 

merchandise value and patronage intentions (e.g. Baker et al., 2002). In recent 
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years, studies have discussed issues such as congruity or consistency. 

Environmental cues such as scent, lighting, and music have been explored in 

terms of their strategic ‘fit’ with the retail environment and resulting customer 

behaviour (such as sales) (Mari and Poggesi, 2013). Authors have looked at the 

impact two or multiple cues can have on customer attitudes and behaviours, such 

as the combined impact of Christmas scents and Christmas music. In 

Spangenberg et al., (2005) it was found that having one cue only (e.g. scent) 

without the other may have a negative impact on the customer’s perceptions of 

the store. This suggest that it may be the combinational effect of environmental 

cues which is important for delivering CX.  

Increasingly, authors are looking at non-retail settings including sports 

stadiums (e.g. Wakefield & Blodgett, 1999), airport terminals, universities, 

hospitals (e.g. Newman, 2007), restaurants, bars (e.g. Kim & Moon, 2009) and 

casinos (e.g. Lucas, 2003). There is an increasing focus on the specific and 

unique ways different servicescape contexts impact the customer, and in turn 

impact Service Design decisions. In non-retail tourist settings (such as theme 

parks and cruises) the service experience is often extended, increasing the 

instances of customer interaction within the servicescape, and their potential for 

being impacted by it (Kwortnik, 2008).   

Customer goals are often hedonic and symbolic, rather than functional and 

utilitarian. As such, the servicescape design (e.g. atmospheric clues) may have 

an even greater importance for CX (Kwortnik, 2008).  Within the tourism context 

this has been applied across specific servicescape experiences, such as the 

cruise, or ‘shipscape’ (Kwortnik, 2008), wine tourism experience, or ‘winescape’ 

(Quintal et al., 2015), and festival experience, or ‘festivalscape’ (Lee et al., 2008). 

Forrest (2015) has applied the servicescape lens to explore how the museum 
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environment influences visitor experiences. In this work vibrancy, spatiality, and 

order, found within the design of museums, are shown to be valid predictors of 

affective, cognitive, and behavioural engagement.   

These adaptations emphasise the very specific and unique nature or 

different tourism offerings, and the relevant and related customer experiences 

that result from a combination of domain-specific cues.  

 

3.4.1 The extended servicescape 

In Bitner’s original 1992 model of the servicescape, little attention was 

given to subjective and uncontrollable stimuli. Instead, focus rested on the 

objective and manufactured stimuli found within the bounded servicescape 

setting.  

The servicescape has been expanded by Rosenbaum and Massiah 

(2011), to include social and natural stimuli (or servicescape dimensions). This is 

a fuller conceptualisation of the servicescape concept, which goes beyond the 

physically bounded elements that are directly within the control of the provider. 

Developing a complete picture of all the stimuli which impact the customer within 

the service setting is vital when designing for CX. Servicescape cues that are not 

managed or controlled by the customer may still influence CX and therefore 

should be factored into Service Design decisions. Rosenbaum and Massiah 

(2011) discuss three dimensions of servicescape: The physical dimension, the 

social dimension, and the natural dimension.  

Physical aspects of the servicescape tend to include those that are under 

the control of the provider, in a spatially bounded setting (e.g. Bitner et al., 1992). 

The elements within this dimension are “manufactured, observable or 

measurable” (Rosenbaum and Massiah, 2011, p.474).  However, in service 
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settings which are not physically bounded in the traditional sense, they may 

include wider or complimentary facilities which are viewed, by the customer, as 

an important part of the service offering. Physical stimuli can include ambient 

conditions (e.g. auditory sounds or aesthetic notions of cleanliness), spatial 

elements (e.g. furnishings and layout), and functional elements (e.g. the way the 

service process is facilitated through a combination of physical elements).  

Customers respond to the physical dimension in many different 

(subjective) ways, and although the physical elements can be designed by the 

provider, customer interpretation cannot be controlled (Aubert-Gamet, 1997). The 

provider can use socially symbolic signs, symbols, and artefacts to help influence 

the meanings the customer takes from the physical servicescape. However, the 

impact of customer context (section 2.8.1) will mean that these meanings will 

always be in some way personal and beyond provider control (Seamon, 1979).   

Ponsignon et al (2017) report how physical and atmospheric elements of 

the servicescape can lead to CX responses including being impressed or feeling 

calm. These responses are directly linked to the servicescape surroundings and 

the way the customer interacts with them. For instance, immersive areas within 

the servicescape allow the customer to sit back, relax and reflect, whereas 

participative areas encourage action and knowledge acquisition. However, it is 

not yet clear, from existing studies, how different dimensions of the servicescape 

may result in different experiential responses in the customer, nor the effect this 

has on overall CX.  

The social servicescape dimension includes social and humanistic stimuli. 

This includes the presence of employees, customers, social density, and the 

displayed emotions of others (Edvardsson et al., 2010). It has been argued that 

these elements should be considered alongside physical atmospherics when 
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discussing the servicescape concept due to the impact they have on the 

customer’s affective state and behavioural responses (e.g. Tombs and McColl-

Kennedy, 2013). For example, the displayed emotions of both employees and 

other customers can impact the customer’s subjective feelings and behavioural 

responses (e.g. approach or avoid) (Rosenbaum and Massiah, 2011). This will 

depend, in part, on the service domain or context.  

In the restaurant setting, different levels of social density are viewed as 

desirable depending on the restaurant type (e.g. dining restaurant vs sports bar) 

(Hanks et al., 2017). Similarly, suitable employee attire is viewed differently by 

different cruise-ship customers. This may not only vary between cruise-ship types 

but be heavily debated between customers on-board a cruise ship (Kwortnik, 

2008).  

In some cases, such as in the guided service of white-water rafting 

(Arnould and Price, 1993), the employees have a big impact on CX. In this 

context, strong relationships facilitated by the staff are found to lead to unique 

bonds and memories that tie the social dimension to the physical dimension (and 

vice versa). The social dimension of the servicescape differs from social CX 

responses (section 2.5.4). The social dimension from the servicescape 

perspective includes all social cues, rather than the subjective response itself. 

This means that social interactions and social responses, though closely 

connected, are conceptually distinct.  

Finally, the natural servicescape dimension is an under-explored area of 

CX research within Service Management. Rosenbaum and Massiah (2011) 

introduce the dimension in relation to the biophilia hypothesis, which describes 

the natural, subconscious drive found within humans. This drive orients all 

humans towards other living things, including the natural world, and wildlife 
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(Wilson, 1984). Humans have an innate desire to seek connections with the 

natural world. This has been researched to some degree within services but has 

been found mostly within psychology and the medical sciences (Rosenbaum and 

Massiah., 2011). The natural servicescape, like the social servicescape, can have 

some level of control by the provider (e.g. planting and tending to a natural 

landscape garden). However, it differs from the physical servicescape because it 

is not completely manufactured.  

Natural stimuli found within service environments have been reported to 

impact customer health and well-being (Rosenbaum et al., 2009). Examples 

range from natural gardens added to hospital settings, to man-made replications 

of natural settings, such as ‘The Rainforest Café’. Research shows that visually 

appealing landscapes and green spaces have a positive impact in the hospital 

setting in terms of patient’s well-being (Velarde et al., 2007), with children and 

minimising the effects of ADHD (Kuo and Taylor, 2004; Wells, 2000), and with 

university students and improving academic results (Tennessen and Cimprich, 

1995). Similarly, Han (2007) emphasises the different ways that natural 

landscapes can employ different restorative properties, including being away 

(e.g. getting away from everyday life), fascination (e.g. a setting that holds the 

customer’s attention effortlessly), and compatibility (e.g. where the customer 

feels a sense of belonging).  

The natural servicescape can have positive impacts on CX. In the cruise-

ship context, this can include the pleasure of listening to the sea and the breeze, 

rather than noisy music. The natural servicescape can cause negative CX 

responses, such as the physical impact of seasickness (Kwortnik, 2008).  

Although the natural servicescape has largely been omitted from research 

in the Service Management literature, there is a large corpus of research 
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pertaining to nature-based tourism within the tourism literature more generally. 

Unlike provider-controlled and managed consumption spaces, in nature-based 

tourism, ambient conditions (such as temperature) are in the foreground of the 

experience (Fredman et al., 2012). For example, in rural tourism experiences, it 

is the rural space and notions of its rurality (e.g. socially constructed meanings of 

rurality and rural myths about the idealised version of rurality) that are important 

for CX (Frisvoll, 2012).  

Natural ‘tourscapes’ have been discussed by Zhang and Xu (2019) in their 

discussions of liminal tourist experiences. In a liminal experience, tourists enjoy 

moments of freedom from social constraints, daily norms, and obligations. The 

authors found there to be a significant positive effect on liminal experiences 

resulting from interactions with natural and restorative elements of the 

environment, and the emotional arousal these interactions produce.  

Many contextual influences are unpredictable, such as weather conditions. 

Within the tourism literature, nature-based tourism sites have been represented 

as a special type of servicescape in which the natural environment plays an 

important role for CX and customer satisfaction (Arnould et al., 1998; Hultman 

and Cederholm, 2006). Customer responses to the natural environment reflect 

wider contextual factors, such as past experiences, interests, and socio-cultural 

background (Castree and Braun, 2001). In this sense, notions such as 

wilderness, authenticity, and uniqueness are not inherent in places, but 

dependent on the customer’s context (Fredman et al., 2012). Research has found 

that although nature-based tourists seek wilderness and escape, they also have 

a certain demand for services, infrastructure, and built facilities (Wall-Reinius and 

Bäck, 2011).  
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It is important to be clear of the conceptual difference between the 

servicescape dimensions (and touchpoints, stimuli, cues, or clues found within 

each) and the customer’s experiences (i.e., subjective responses to those 

stimuli). In Rosenbaum and Massiah (2011), this distinction is not clear. The 

authors include subjective CX responses (e.g. the feelings of “fascination” and 

“being-away”) as a part of the natural servicescape dimension itself. As discussed 

in Chapter Two, the CX responses a customer has are conceptually distinct from 

the service elements which create them. This is vital because how a customer 

feels about an element of the servicescape is not guaranteed and can differ 

between customers and within different contexts (Gentile et al., 2007). To reflect 

this, the following definitions are used in this work when describing a touchpoint 

and the servicescape type to which it belongs: 

A built touchpoint is one which is controlled and manufactured by the 

provider or another entity (e.g. another organisation, private owner). 

A social touchpoint includes interactions with all human entities (staff, 

and other customers including crowding and social density). 

A natural touchpoint is one which is part of the non-human living (e.g. 

plants, animals) or pre-existing and non-controllable (e.g. sea, sky) stimuli of the 

natural environment. 

 Other authors (e.g. Bolton et al., 2014; Nilsson and Ballantyne, 2014), 

have included the digital realm, and digital touchpoints as an important dimension 

in an increasingly digitised economy. The increase in new technologies, such as 

mobile technology and social media have created new technology-based 

communication channels (Straker et al., 2015). Platforms are increasingly being 

constructed as “virtual spaces” in which service interactions are developed 

(Nillson and Ballantyne, 2014, p. 377). For example, web-based stores (e.g. 
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Amazon) use metaphorical representations of the physical servicescape realm in 

their composition. This includes the customer’s ‘shopping basket’ and website 

‘décor’ in terms of colour, spatial arrangement, and sound (Nilsson and 

Ballantyne, 2014).  

To reflect this, the digital servicescape can be understood as the fourth 

dimension of the servicescape.  

A digital touchpoint is one which includes digital elements of virtual 

spaces (e.g. websites, social media adverts, online live-chat functions).  

Adapting the servicescape model to include all four realms serves to 

uncover the flaws with a ‘spatially bounded’ notion of the servicescape. 

Traditionally, the service offering is understood to be both produced and 

consumed within the service facility or whilst the customer is ‘in the factory’ 

(Bitner, 1992). In most existing studies of the servicescape, there is a clear and 

fixed boundary in terms of physicality (e.g. within a building or on a specific site). 

In this sense touchpoints tend to be under the control, or at least defined by, the 

provider (Clatworthy, 2011). It is also the case that most studies into service 

experiences, are also bounded in terms of a pay barrier. This means that the 

service includes a finite number of touchpoints that are owned or managed by 

the provider, whom the customer must compensate. Extant studies tend to 

explore services which are bounded, both in terms of physicality and a pay barrier 

(e.g. Bitner, 1992, Johnston and Kong, 2011, Frow and Payne, 2007).  

In some service offerings, such as tourism and travel, the servicescape is 

not bounded in the traditional sense. An ‘unbounded’ servicescape is one that 

is not physically enclosed or exclusively managed and controlled by the provider. 

It is not common in the Service Management literature to take an unbounded 

approach to studying CX, and most existing work is bounded in the traditional 
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sense (e.g. Bagdare and Jain, 2013, Ordenes et al., 2014, Ponsignon et al., 2019, 

McColl Kennedy et al., 2019).  

Currently, little is known about the combined impact of multiple 

servicescape types on CX. Authors tend to focus on one element alone (Bolton 

et al., 2014).  The four dimensions of servicescape (physical built, natural, social, 

and digital) do not occur in isolation but combine to form the total servicescape 

concept. This is akin to the multi-dimensional nature of CX (section 2.5), where 

the customer perceives CX as a unified whole, though the dimensions of CX can 

be conceptually separated. Although theoretically it is useful to break down the 

servicescape elements, the interactive effects between the customer and their 

environment happens holistically and not through “piecemeal information 

processing” (Kwortnik, 2008, p.2).   

The four servicescape realms can have an impact on a service experience, 

even when they are largely missing from the experience.   For example, in 

experiences with few social interactions, or built facilities, (such as rural tourism 

expeditions), the social and built dimensions might be applicable in terms of their 

absence. Here, a sense of solitude can be highly desirable for many customers 

(Sharpley and Jepson, 2011). Alternatively, a socially dense servicescape may 

lead to stimulus overload (Rapoport, 1975), and perceived crowding. This can in 

turn impact the customer’s ability to enjoy physical or natural servicescape 

touchpoints, regardless of how well they have been designed. The phenomenon 

of displacement has been observed in response to this, where a customer might 

move to a different space within the area (intraspatial), or to a different area 

altogether (interspatial) (Arnberger and Brandenburg, 2007).   

Each dimension of the servicescape works together to create CX through 

the customer’s multiple interactions with a combination of servicescape 
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touchpoints. Contextual factors (e.g. the customer’s plan, or purpose, or goal) 

can act as moderators to the internal responses a customer has to each 

dimension of the servicescape (Rosenbaum and Massiah, 2011).  

Customer interactions impact behaviour, feelings of place identity 

(Proshansky et al., 1983), and ‘sense of place’ (Hay, 1998; Sherry, 2000). For 

instance, in the hospitality sector, a study found that customers who perceived 

other customers eating in the same restaurant to be like them exhibited a greater 

level of place attachment and sense of belonging with the physical setting of the 

restaurant (Line et al., 2015).  

Different customers, or target markets, have different emotional, and 

psychological needs. Service providers need to understand the links between 

what stimuli customers are most drawn to in a service setting, and the impact 

these have on their subsequent experiences. The dimensions are not necessarily 

equal, nor viewed equally by all customers (Rosenbaum and Massiah., 2011). 

How the different dimensions impact CX is currently not well understood.  

A focus on the servicescape and its impact on CX has been mostly 

discussed within the Service Design literature, where the dimensions of 

experience are brought about through servicescape cues. For example, it has 

been found that focusing on visceral design (which appeals to the senses), and 

reflective design (concerned with self-image), induce emotional responses to a 

greater degree than functional design (Norman, 2004).  

Within the tourism literature, there has been a greater level of discussion 

of the extended servicescape than there has been within service management 

more generally. The term ‘experiencescape’ (Chen et al., 2020) has been used 

as a medium for understanding tourism-related experience contexts, and the 

ways in which they can be designed and managed. Customers are influenced by 
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and interact within their wider physical and social surroundings. The symbols, 

products, and services found within these surroundings impact how and why the 

customer responds in the ways that they do (Jernsand et al., 2015). The 

‘experiencescape’ can include the narrower servicescape context (such as an 

individual restaurant), or can open out much wider, to include an entire theme 

park, or city (Jernsand et al., 2015).  

In the cultural heritage sector, the experiencescape lens has been applied 

to three festivals held in the Historic Centre of Macau (Chen, 2021). Tourist 

interviews were conducted to assess the pre-event experience, onsite 

experience, and post-event experience. Findings suggested that multiple 

elements combine to create experience, including the physical and social 

environment, which elicit various functional, emotional, and behavioural customer 

responses. However, this research used a qualitative research methodology and 

was not able to directly assess links between customer interactions with the 

environment and their associated responses.  

 

3.5 Designing for CX. 

Service designers can attempt to create touchpoints and orchestrate 

customer interactions in a way that allows for maximum dramatic effect for the 

customer (Zomerdijk and Voss, 2010). This includes design techniques aimed at 

positioning interactions that deliver peak experiences at the beginning and the 

end of the customer journey (Chase and Dasu, 2001).  

Several theories relate to the design for CX. For example, Loss Aversion 

Theory (Kahneman & Tversky, 1979) relates to the human tendency to avoid 

losses and be risk averse. Service quality is dependent on customer 

expectations, with any losses experienced at a greater trajectory, and with greater 
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intensity, than any gains (Tversky & Kahneman, 1991). Similarly, in Optimum 

Stimulation Level Theory (Berlyne 1960) it is suggested that every customer has 

an optimum level of stimulation (derived from the environment) which varies 

between individuals. Customers attempt to increase stimulation when it is too low 

and decrease it when it is too high (Raju, 1980).  

The defining moments of interaction between provider and customer are 

of critical importance for determining the customer’s experience and customer 

satisfaction (Bitner et al, 1990; Churchill and Surprenant, 1982; Anderson and 

Sullivan, 1993). More work is needed to address the link between CX and 

satisfaction outcomes (Becker and Jaakkola, 2020).  

According to Carbone and Haeckel (1994, p.1) “Engineering an 

experience begins with the deliberate setting of a targeted customer perception 

and results in the successful registration of that perception in the customer’s 

mind. Systematically designing and orchestrating the signals generated by 

products, services, and the environment is the means to that end. Creating 

customer experiences is not new. Occasional purposeful design of these 

experiences by intuitive individuals also is not new. But rendering the design and 

execution of experiences as a management discipline with principles, tools, and 

techniques is new”.  

The provider is unable to explicitly design or control CX, which is a 

subjective phenomenon. However, the provider can design and manage 

touchpoints found within the service delivery system, with the intention of 

influencing the CX a customer has (Ponsignon et al., 2017). CX design involves 

a set of decisions made around the contact points (touchpoints) a provider has 

with the customer (Tussyadiah, 2014). CX is fundamental to any Service Design 

project, which involves orchestrating both tangible and intangible elements of the 
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service delivery system. This includes physical environments, employees and 

customers, and service processes. The process should be designed to enable 

customers to co-create their desired experiences through their interactions 

(Pullman and Gross, 2004, Teixeira et al., 2012). 

 

3.5.1 CX design models 

According to extant research, service delivery systems should be 

designed specifically with the aim of creating positive experiences for the 

customer (Voss et al., 2008; Roth and Menor, 2003; Zomerdijk and Voss, 2010; 

Ponsignon et al., 2015a; Ponsignon et al, 2019). Currently there are various 

models depicting how to design the service delivery system. According to Roth 

and Menor (2003) there are three core types of Service Design choices to 

consider: Structural, Infrastructural, and Integration.  

Structural design choices are concerned with the physical components of 

the system (e.g. facilities, technology, equipment, capacity), and the intended 

responses in the customer (e.g. aesthetics, ease of navigation). This has also 

been framed as the ‘physical environment’ (Zomerdijk, 2007; Ponsignon et al., 

2017), and ‘brick and mortar stageware’ (Voss et al., 2008). Structural design 

choices are often made in relation to the ‘front stage’ of the service delivery 

system (Zomerdijk, 2007). Front stage interactions are important when making 

design decisions. For example, deciding if they should involve face-to-face 

interactions or electronic mediation (Roth and Menor, 2003). Structural features, 

such as interior architecture, and atmospheric elements (e.g. relaxed lighting), 

can impact realised CX in ways such as calmness and serenity (Ponsignon et al., 

2017).  
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Infrastructural design choices are concerned with organisational 

processes, policies, and behaviours which drive long-term decisions across the 

service system. For example, they include organisational values and objectives. 

Infrastructural decisions have been framed as ‘orgware’ decisions (Voss et al., 

2008). They include policies for hiring and training staff, cultural values, and 

measures for monitoring quality (Roth and Menor, 2003). For instance, it may 

include the creation of a CX director to implement and monitor infrastructural 

design (Voss et al., 2008).  

Integration design choices are concerned with integration at both the 

external and internal levels. These choices are concerned with developing and 

sustaining customer relationships and retaining knowledge for use as intellectual 

assets of the organisation (Roth and Menor, 2003). External relationship 

management is vital for both upstream (suppliers) and downstream (users). 

Internal integration is needed to ensure there is a strategic fit between all areas 

of the service delivery system (Roth and Menor, 2003). Integration decisions have 

also been labelled as ‘linkware’ by Voss et al. (2008). They include the integrating 

systems and processes needed to ensure consistency and coordination across 

the entire system. 

The three categories of design choices directly impact the realised service 

delivery system, its execution, and the customer’s perceived value of the total 

service concept. 
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Roth and Menor’s design model (Figure 3) presents CX in relation to the 

customer’s perceptions of value. However, it does not explicitly address the 

customer’s interactions at touchpoints, or how their active engagement with the 

service delivery system impacts their realised experiences at a multi-dimensional 

level (e.g. emotional, cognitive, sensorial, social, and physical).  

The model has been adapted further by Voss et al (2008) to include the 

fourth design choice of ‘customerware’ which relates to the designing and 

managing of touchpoint interactions. Customerware includes all the direct and 

indirect points of contact between the customer and the delivery system service. 

It also includes peripheral services that are outside of the core service offering 

(such as a web portal for purchasing tickets).   

  

Figure 3 - Strategic Design Choices (Roth and Menor, 2003) 
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Voss et al (2008) highlight CX separately from the overall customer 

perceived value. This is in line with the literature from Chapter Two, which sees 

customer value as arising through CX, but conceptually distinct from it (Goldstein 

et al., 2002). The authors address some of the complexities of the realised CX, 

including complex emotions that go beyond mere satisfaction and delight (Voss 

et al., 2008). However, it is not clear how the inputs in the model directly lead to 

the different responses in the customer.  

CX design models have also included wider macro factors that have an 

influence on the service delivery system and the customer’s realised CX. In the 

context of the retail environment, Grewal et al (2009) highlight the impact of the 

economic effects of the global financial crisis to the way in which people shopped. 

Similarly, Verhoef et al. (2009) represent both situational and customer factors 

within their model of CX creation. CX is presented as being influenced by many 

factors outside of the provider’s control. This is a fuller understanding of CX 

Figure 4 - Operations Strategy Choices (Voss et al., 2008) 
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creation which is in line with the contextual nature of CX as discussed in the wider 

CX literature (section 2.8).  

 

 

 

 

 

 

 

 

 

 

 

 

The inclusion of past CX is relevant to the customer’s current experiences. 

CX develops and evolves over time (Verhoef et al., 2009). This is important when 

making Service Design decisions because the customer’s perceptions and 

priorities can change across their overall journey. For example, in the context of 

healthcare, Ponsignon et al. (2019) report how patients may desire swift 

diagnosis in the early stages of their treatment, but personised care and 

communication in the in-patient phase. The journey perspective emphasises that 

every stage of the journey has unique requirements and needs to be designed 

and managed accordingly.  

CX has also been represented across the customer journey using the 

activities of the customer. This approach emphasises the different levels of 

Service Design which are based on the service concept, the service system, and 

Figure 5 - CX Creation (Verhoef et al., 2009) 
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the service encounter (Patrício et al., 2011). Focusing on customer activities, the 

approach emphasises the contextual nature of CX (Akaka et al., 2015) where the 

customer engages with the service for different motivations and purposes. The 

focus becomes what the customer is doing within the three levels of abstraction 

(as discussed in section 3.1.2), mapping out these activities, and interrogating 

the desired CX at each level.  

For example, in the home grocery experience the customer has multiple 

service encounter experiences. These include information searching and product 

selection. These smaller experiences are part of a wider value constellation of 

managing home groceries. The process might include doing a big online grocery 

shop, to make up for the high delivery costs, and topping up with items weekly, 

often from smaller competing firms. By looking at all customer activities, from all 

three experience levels, it is possible to gain insights into each level of 

experience, as well as ensuring consistency across the levels. This can include 

the different service encounters a customer has across multiple service 

interfaces. For instance, implementing changes such as reduced monthly 

delivery cost plans and enabling customer multi-channel choices (such as home 

delivery or in-store pickup) were found to be important for improving CX design 

from a multi-level approach.  
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Verma et al (2012) take a holistic approach to Service Design by mapping 

customer co-creation activities. The work is an extension of an earlier human 

activity mapping process put forward by Constantine (2009), and the multi-level 

CX design discussed in Patrício et al. (2011). CX always involves customer 

activities which take place to ‘get a job done’. Customer activities take place 

within a wider context, including other system actors and artifacts (Verma et al., 

2012). The authors extend the original activity mapping process to include multi-

level CX insights found through interviews, observation, and contextual inquiry. 

 

  

Figure 6 - Levels of Service Design (Patrício et al., 2011) 
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Verma et al (2012) emphasise the need to include not only the activities 

the customer engages in, but how these occur through the participation map, and 

why they occur. They do this using ‘customer experience requirements’ (CER’s). 

CERs are “the perceived attributes of the interaction with a service provider that 

contribute to satisfaction and usage of the service” (Verma et a., 2012, p.366). 

CERs are found at all levels of experience. Levels of the experience can include 

entertainment (e.g. the overall activity at the value constellation level), to 

recording a tv show (e.g. the specific activity at the service encounter level). The 

purpose of activity modelling is to visually represent the multi-layered concept of 

CX. This enables service designers to glean insights across levels and monitor 

how any changes will impact other connected parts.  

 

3.5.2 Limitations of existing CX design models 

Multi-dimensional realised experience is largely missing from the CX 

design models in the Service Management. Models focus in-depth in terms of the 

antecedents of this experience, such as core Service Design choices. A richer 

Figure 7 - Multi-level experience design (Verma et al., 2012) 
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and detailed understanding of the realised CX (cognitive, emotional, sensorial, 

social, physical) and how each are directly linked to customer-provider 

interactions within the servicescape (built, natural, social, digital) is required. For 

example, it is not clear which touchpoints the customer is responding to in existing 

models and how these impact their responses. Further research in this field is 

necessary to align the intended experience with the realised experience.  

 

3.6 Summary of literature review 

CX is a complex and multi-dimensional construct, which can be framed 

both in terms of the customer’s realised, subjective experiences, and the 

provider’s intended, designed experiences.  The purpose of the literature review 

has been to consolidate an understanding of both the realised experience 

(Chapter Two) and the intended experience (Chapter Three), whilst illuminating 

any potential limitations that exist within the Service Management literature 

pertaining to these areas of study. This will be the focus of the following sections 

in this chapter.  

 

3.6.1 Conceptual model 

By summarising and consolidating insights gained from extant intellectual 

thought, a conceptual model is proposed (Figure 8) which unites the realised and 

intended CX. In Service Design, a focus on the multi-dimensional realised 

experience is largely missing when designing for the intended experience. The 

proposed model can be used to guide future work in this area. It is important to 

understand how different CX responses arise in relation to different interactions. 

CX emerges through multiple interactions and responses. How this happens is 

not clear (Lemon and Verhoef, 2016, Becker and Jaakkola, 2020).  
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A customer has multiple interactions with servicescape touchpoints (built, 

natural, social, and digital) across their customer journey. This customer journey 

is always placed within a wider customer, and situational context (Akaka et al., 

2015). The extended nature of the servicescape means that touchpoints may, or 

may not, be under the control of the provider (Lemon and Verhoef, 2016). 

Customers also interact by way of various customer activities as part of their 

customer journey (Verma et al., 2012, Ordenes et al., 2014).  Each interaction 

leads to various CX responses, which may be cognitive, emotional, sensorial, 

social, or physical in nature (Gentile et al., 2007). The combination of these 

Figure 8 - The Proposed Conceptual Model 
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interactions and responses lead to the customer’s overall CX assessment 

(Lemon and Verhoef, 2016).  

At each servicescape touchpoint (physical built, social, natural, and digital) 

different customers will interact and respond in unique ways (Maklan et al., 2017, 

Zolkiewski et al, 2017). However, by being aware of both the servicescape type, 

and the CX response, it is possible to look for patterns of relationships between 

the two. This is vital for discovering how customer interactions with combinations 

of servicescape touchpoints combine to impact CX. Currently it is unknown how 

touchpoint interactions with the servicescape impact the multi-dimensional 

realised experiences of the customers, or what combined effect this has on 

overall CX (Lemon and Verhoef, 2016). Such limitations will be drawn out further 

in the following section, including an appraisal of the limited literature which has 

begun to address these questions.    

 

3.6.2 Limitations in the literature 

Combining the intended and realised CX within the conceptual model 

emphasises the level of depth which is required when conducting a holistic 

analysis of the CX phenomenon (Bustamante and Rubio, 2017). Both Service 

Design elements (e.g. servicescape, touchpoints), and customer responses (e.g. 

emotional, and sensorial responses), combine to create CX.  

Different authors have tended to focus on different aspects of this 

experience. For example, the role of emotional quality for delivering the best 

possible CX (Shaw, 2007), and the role of sensory responses in making decisions 

and delivering customer enjoyment (Gentile et al., 2007). It has been common for 

studies to analyse CX in response to one touchpoint, or as an overall response 

to the organisational ‘brand’ (Becker and Jaakkola, 2020). However, CX emerges 
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dynamically across multiple touchpoints and with multiple levels aggregation 

(Becker and Jaakkola, 2020). The CX construct cannot be accurately measured 

through a single data point (Zaki, 2019). As it currently stands, little work can be 

found which explores the impact of multiple CX responses in relation to multiple 

touchpoint interactions, and how these combine to influence CX overall (Lemon 

and Verhoef, 2016).  

In existing research, authors have tended to focus on servicescapes 

exclusively designed and managed by the provider (e.g. Bitner, 1992, Johnston 

and Kong, 2011), service personnel (e.g. Berry et al, 2002, Frow and Payne, 

2007, Schmitt, 2010) and economic exchange (e.g. Verhoef et al, 2009, Lemon 

and Verhoef, 2016). However, touchpoints which have an impact on CX go 

beyond those designed and controlled by provider (Kandampully et al., 2018). 

For example, the partly uncontrollable natural landscape, and other 

complimenting services or facilities under the control of other organisations or 

entities, might play an important role in service experience. Further research is 

required to address their role played in delivering overall CX.  

CX is a holistic concept (Addis & Holbrook, 2001; Healy et al., 2007; 

Verhoef et al., 2009; Jüttner et al 2013, Lemon and Verhoef, 2016), composed of 

multiple CX responses that can be cognitive, emotional, sensorial, social, and 

physical in nature. Scholarship is required to understand how the customer’s 

realised experiences arise in response to a combination of customer interactions 

at multiple touchpoints across the customer journey (Maechler et al., 2016, 

McColl-Kennedy et al., 2019).  

A small number of studies have begun to address these limitations, with 

work by Ordenes et al (2014), McColl-Kennedy at al. (2019), and Zaki and Neely 

(2019) beginning to examine how multiple CX elements (including CX responses, 
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touchpoints, customer activities, and customer context) impact positive and 

negative CX responses. These studies have utilised Text mining and Text 

analytics approaches to analyse customer feedback reviews. The work shows 

how value creation elements, found within units of information from customer 

reviews, can be used to predict the root causes of customer complaints and 

compliments (Ordenes et al., 2014, McColl-Kennedy et al., 2019).   

In McColl-Kennedy et al (2019), the authors document the frequency of 

value creation elements (e.g. resources, activities, context), and CX elements 

(e.g. emotions, cognitive responses) within a customer feedback repository. In 

addition to this, the authors show it is possible to predict overall satisfaction 

scores based on the number of times a customer leaves a complaint, compliment, 

or suggestion within their review. The work highlights the importance of looking 

beyond satisfaction scores, finding that customers with high ratings (9.5/10 or 

higher), still left complaints (42%), and suggestions for improvement (17.2%) 

(McColl-Kennedy et al., 2019). However, existing works tend to simplify CX, 

looking at how touchpoint interactions cause positive and negative experiences 

only. Missing from these studies is an analysis of the relationship between 

multiple customer interactions at touchpoints and the multidimensional realised 

customer experience.  

As stated by Becker and Jaakkola, (2020, p.639) “Future research should 

thus study the interaction between types of stimuli and their dynamic effect on 

customer experience” and “In addition, future research could investigate how the 

combination of responses and reactions that emerge over time lead to evaluative 

outcomes such as satisfaction”. Currently no work exists which analyses the full 

spectrum of CX response dimensions (cognitive, emotional, sensorial, social, 
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physical) in response to the extended servicescape (physical built, social, natural, 

digital).  Addressing these limitations will be the core focus of this thesis.  

 

3.7 Research Questions 

To address these limitations, two core elements of CX are identified as 

being fundamental to the realised experience - e.g. customer responses, and the 

intended experience - e.g. customer interactions at touchpoints. The research 

questions proposed in this work concern the relationship between these elements 

and their combined effect on overall CX.  

The proposed conceptual model (Figure 8) will be used to empirically 

explore phenomena relating to the following research questions: 

Research Question 1a: How do customer interactions at multiple 

touchpoints effect customer experience responses?  

Research Question 1b: How do customer experience responses to 

multiple touchpoint interactions combine to effect overall CX?  

In addition to these questions, this work aims to overcome the existing 

limitations in the literature. As it stands, existing work on CX largely addresses 

traditionally bounded servicescape settings, focusing on provider-controlled, 

designed, and managed touchpoints. Little is known in terms of the impact of the 

‘unbounded’ servicescape setting on overall CX.   

To overcome this limitation, the following secondary research question is 

also proposed: 

Research Question 2: What effect do interactions within an ‘unbounded’ 

servicescape have on overall CX?  

Research into the ‘unbounded’ servicescape, which can often include 

wider landscapes and natural touchpoints, is especially important in the current 
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climate. In response to the global impact of COVID-19, there are increasing 

demands for experiences that open out into the natural world, rather than 

enclosed physical spaces. Currently, there are few studies which explore the 

ways the customer responds to experiences which are not bounded in the 

traditional sense (section 3.4.1).  

Exploration of unbounded servicescape settings is vital for better 

understanding of the impact of touchpoints, and in particular touchpoints which 

are not controlled or managed by the provider. It is increasingly accepted that 

partner-owned or independent touchpoints play a role in CX (Lemon and Verhoef, 

2016, Zolkiewski et al, 2017). However, the relationship between non-provider 

owned touchpoints and overall CX is currently unknown. For example, it is not 

clear if customers include touchpoints which are outside of the providers control 

within their evaluation outcomes.  

The secondary research question will be used to guide the suitability of 

data chosen for analysis (section 4.3.5).  

In the following chapter the overall methodological approach used for 

addressing the core limitations within the literature will be explained and justified. 

It will include a summary of the analysis process taken in the empirical studies of 

this thesis. This has been designed specifically to address the core research 

questions put forward in section 3.7. 
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Chapter Four – Methodology 

 

The research objective for this study is to advance an understanding of 

how multiple customer interactions and responses combine to form overall CX. 

The aim is to better inform and extend existing interpretations of designing ‘for’ 

the experience. To overcome existing limitations in the literature, an emphasis is 

placed on unbounded servicescapes and natural servicescape elements. These 

have largely been missing from the Service Management literature. This chapter 

will give an overview of the research methodology taken across this thesis. 

The chapter begins with a summary of the overall approach taken across 

the work (Figure 9). The study is guided by the critical realist perspective, which 

is explained and justified in section 4.2.1. The choice of data for analysis is 

proposed in terms of its suitability for informing the research questions, and an 

overview of research methods is given in relation to the data source. This includes 

an overview of the use of mixed methods, and the suitability of taking a 

comparative case study approach to data analysis. Two case studies are 

introduced and justified based on a process of theoretical replication logic 

(sections 4.3.5 and 4.3.6). The chapter concludes with an in-depth explanation 

of the overall approach taken across the work, including a description of the data 

analysis process (section 4.4). This includes a discussion of potential issues 

concerning validity, reliability, and ethics (section 4.5).  

 

4.1 Summary of research approach 

This section presents an overview of the approach taken in this thesis. The 

process is presented in Figure 9. The thesis is placed at the interface of two 

disciplines – the realised experience (found in Service Management literature), 
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and the intended experience (found in Service Operations and Service Design 

literature).  The two have been united in the conceptual model (Figure 8).  

 

 

 

 

 

 

 

 

 

 

In the remainder of Chapter Four, the research methodology and 

approach are presented in detail. The aim of this chapter is to explain how a rich 

analysis of textual customer feedback data can be utilised to better understand 

the relationship between CX responses and interactions at touchpoints. To do 

this, a comparative case study research method is used, utilising a mixed 

methods approach to data collection. Text mining (TM) and text analytics (TA) 

approaches are used as the chosen method for linguistic analysis of the data, 

which will be explained and justified. This includes an initial analysis of the data 

using existing text mining software programmes, followed by a context-specific 

dictionary-based approach which is created specifically for the cases analysed in 

Figure 9 -Thesis Overview 
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this work. As the study takes a comparative case study approach, findings are 

discussed in two ways. Firstly, a within case discussion relating to the analysis 

(Chapter Seven and Chapter Eight), and secondly a cross-case analysis where 

findings are compared between the two cases (Chapter Nine).  

 

4.2 Philosophical approach 

Conducting academic research requires the researcher to make several 

assumptions. These include assumptions towards the nature of reality (ontology), 

how it is that the researcher knows what she or he knows (epistemology), the role 

of values in the research (axiology), research language (rhetoric), and the overall 

methods used in the process of conducting the research (methodology) 

(Creswell, 2003). Each of these assumptions can be guided by several 

philosophical orientations and it is essential for a researcher to start their research 

with a clear understanding of the paradigm that underpins that research.  

 

4.2.1 Critical realism 

The philosophical approach used to guide this research is one of critical 

realism. Critical realism was founded by authors including Roy Bhaskar and 

Margaret Archer who understood the nature of reality to sit somewhere in 

between empirical realism (positivism) and transcendental realism (social 

constructionism). The movement asserts that there is some reality which exists 

beyond our knowledge of it (ontological realism) - a reality composed of real 

entities with structures and causal properties (Mingers et al., 2006). This view 

claims that entities can be both socially constructed and objective phenomena at 

the same time. In critical realism, reality consists not just of material objects, but 

anything that can have a causal effect on something else (Alvesson and 
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Sköldberg, 2009). For example, this might include ideas or social forces. Critical 

realism is at the same time relativistic about epistemology, stating that although 

a social reality does exist, it is always historical, perspectival, and fallible (Archer 

et al, 2016). This means that although there are various ‘realities’ or ‘ways of 

knowing’, the critical realist must make judgements about the best accounts of 

any model which is put forward about the world, with an understanding that all 

accounts of the world are not equal (Parr, 2015). The focus is on explanation, and 

the critical realist must use the process of ‘retroduction’ to “create theories about 

entities, structures and causal mechanisms that combine to generate observable 

events” (Sovacool et al., 2018, p. 15). Within critical realism there is understood 

to be an interface between the natural and the social worlds – facts are often 

laden with values, and values are often laden with facts (Archer et al, 2016).  

Critical realism asserts three domains of reality: 1) the empirical – that 

which is observed through experience, 2) the actual – a broader category 

including that which might not be observed, and 3) the real – that which includes 

all productive mechanisms for events and phenomena (Alvesson and Sköldberg, 

2009). Reality cannot be reduced only to observable objects and facts, instead 

the researcher must go beyond this to uncover the unobservable mechanisms 

found in ‘the real’ (Alvesson and Sköldberg, 2009). It is important to note that 

although social phenomena must first be critically interpreted from the 

researcher’s own frames of meaning, they do exist regardless of this 

interpretation (Sayer, 1992).  

Critical realism emphasises the importance of understanding phenomena 

with respect to their interconnections and place within wider holistic historical 

contexts (Duberely et al., 2012). It can therefore be seen to explain how different 

customers perceive and experience services in different ways, based on different 
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personal contexts. This is important in the study of CX where the role of the 

customer and situational context has been emphasised as vital in a holistic 

understanding of the realised experience the customer has (Section 2.8). CX 

responses are unique, subjective, and personal to each individual customer 

(Gentile et al., 2007).  

Critical realism emphasises the complexity of relationships between 

entities. For example, causality can exist at different levels, with general 

tendencies rather than specific and measurable conditions. This is in line with the 

Service Design literature, which attempts to find relationships between 

touchpoints and CX response, whilst understanding that these cannot be 

absolute. The provider’s intended experience is conceptually different to the 

customer’s realised experience (Ponsignon et al., 2017). Based on the 

complexities of the CX construct, and the unique individual responses to 

servicescape touchpoints, influenced in part by their contexts, the aim of a critical 

realist perspective will be to discover semi-regularity, e.g. “the occasional, but 

less than universal, actualization of a mechanism or tendency, over a definite 

region of time-space” (Bhaskar and Lawson, 1998, p.204). This means that “For 

the critical realist, tendency and counter tendency can be at work simultaneously. 

It is, then, an empirical (not a philosophical) question to discover which of these 

tendencies are actualised at any point in time” (Fleetwood, 2005, p.49). In this 

study, although it is possible to discover certain tendencies between customer 

interactions and CX responses, these can never be attributed to be absolute or a 

necessary connection in the Humean sense (e.g. x [always] causes y). The 

process of retroduction within critical realism can show how the phenomenon of 

CX is able to arise through the identified mechanisms which generate it (e.g. 

interactions at servicescape touchpoints).  
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4.3 Research methods 

Research methods are concerned with the general tools and techniques 

used for conducting a research project (Wallman, 2017). It is important to be clear 

about the type of data which is most suitable for addressing the research, how 

this data should be collected, and the ways it should be analysed. This will be 

explored in terms of what was done and why across the remainder of this section.  

 

4.3.1 Case study research method 

Due to concerns surrounding the complexity of CX and the ambiguities 

that exist in terms of conceptual clarity (Kranzbühler et al., 2018), it is necessary 

to understand the phenomenon in-depth and comprehensively. It is argued that a 

case study approach is both an appropriate and desirable approach for this 

research.  

A case study report is essentially a story that can include various subjects 

such as an individual, family, neighbourhood, work group, organisation, program, 

or any other entity (Marrelli, 2007).  Because service providers are concerned 

with the intended experience (Ponsignon et al., 2017), it is important to analyse 

CX from a wide selection of customers to answer questions pertaining to the way 

CX is viewed generally by the customer base (Roth and Menor, 2003). This is 

important when looking for common patterns and trends, such as identifying ‘pain 

points’ that are experienced by multiple customers (McColl-Kennedy et al., 2019).  

The purpose of the case study research designed in this study is theory-

building. It aims to identify the key variables discussed within the conceptual 

model. The purpose is to explore the patterns and links which exist between 

elements of the conceptual model and attempt to understand why these 

relationships exist (Voss, 2010). As it stands there is a consensus in terms of the 
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conceptualisation of CX as a multi-dimensional, subjective phenomenon (Gentile 

et al. 2007), which arises in response to interactions at touchpoints (Lemon and 

Verhoef, 2016). However, little is known about the relationship between the 

realised and intended experience, or how multiple touchpoint interactions within 

the servicescape impact multiple CX responses (Becker and Jaakkola, 2020) and 

in turn the overall CX.  

The critical realist approach is particularly useful in case study research 

because it favours the need for in-depth research that aims for a deep 

understanding of why things are the way they are (Easton, 2010). In putting 

forward an argument for the use of case study methods in operations 

management, Voss (2010) has emphasised the unconstrained nature of data 

collection, which is more useful for theory building and answering ‘how’ and ‘why’ 

questions than more rigid methods such as questionnaires.  

In this study there are numerous elements found to be of interest in the 

conceptual model (Figure 8), where relationships are only loosely understood. 

The realised experience is complex and multi-faceted, composed of cognitive, 

emotional, sensorial, social, and physical dimensions. Due to its subjective 

nature, it is strongly tied to the individual customer, who thinks, feels, and 

perceives (Holbrook, 1999). It has been argued that case study research is 

particularly useful for gaining a deep understanding of human actors, interactions, 

sentiments, and behaviours through a process of ‘sensemaking’ (Woodside and 

Wilson, 2003). This means that it is a useful method for understanding the 

complexities of the realised experience, including how this may vary across 

different customers.  

A case study approach allows the researcher to focus on a case whilst 

retaining “a holistic and real-world perspective” (Yin, 2014, p.4). A case study is 
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an empirical enquiry, which investigates a phenomenon, within a real-world 

context, where boundaries between the phenomenon and context are not clear 

(Yin, 1981). This is important in the study of CX, which is always embedded within 

wider real-life contexts that impact the phenomenon (Akaka et al., 2015).  

Traditional research methods, such as surveys, can be argued to be intrusive in 

terms of negatively impacting the CX itself (Meyer and Schwager, 2007). The 

case study designed in this thesis was developed to overcome this possibility 

through unobtrusive data collection made after the experience has occurred.  

 

4.3.2 Mixed methods 

It has been argued by Woodside (2016) that case study research can be 

enhanced significantly by employing a mixed methods approach to the research 

collection and design. The mixed methods approach to research has emerged 

relatively recently (in the 80s/ 90s) as a core research paradigm alongside 

quantitative and qualitative methods. However, it has existed in some form much 

longer within the social sciences, described by terms including ‘blended’, 

‘synthesised’, ‘integrated’, ‘multimethod’ or ‘mixed’ (Creswell and Creswell, 

2017). According to Tashakkori et al., (1998), combining quantitative and 

qualitative research techniques is useful when answering complex research 

questions. Mixed method approaches sit within the view of the world as being 

composed of universal truths (e.g. Plato) and the view that world truths are 

multiple or relative (e.g. the Sophists). This means they have the ability of being 

able to respect both forms of wisdom whilst allowing the researcher to find 

pragmatic solutions to their research concerns (Johnson et al, 2007).  

According to Creswell and Creswell (2017), mixed methods are important 

for a variety of reasons. From a general level, they draw on the respective 
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strengths and minimise the weaknesses found in both quantitative and qualitative 

methods. From a practical level, they enable a complex and sophisticated 

approach. Finally, from a procedural level they tend to include a wider and more 

complete understanding any of research problems and questions that might 

arise. CX data can be both quantitative (e.g. customer scores or ratings) and 

qualitative (e.g. rich, narrative descriptions, or direct observations). The two types 

of data offer different insights and understandings of CX. According to McColl 

Kennedy et al (2019) it is important to collect both quantitative and qualitative 

data from data sources to gain a complete and holistic perspective on CX. It is 

argued that mixed method approaches generate a fuller picture that is “more 

rounded, nuanced, and valid than that produced by a single method” (Torrance, 

2012, pp. 3-4). Complimenting qualitative data with quantitative data enables the 

researcher to illustrate the systematic structures that frame individual’s CX 

formation (Lipkin, 2016).  

A mixed methods approach to data collection and analysis will enable the 

elements found within the conceptual model (Figure 8) to be collected and 

analysed to give a comprehensive picture of CX. In this study, a concurrent 

nested design will be used (Creswell et al, 2003), whereby concurrent data from 

two separate case studies will be obtained and separately analysed as single 

case studies. The data will then be compared through a cross-case analysis in 

the final analysis and discussion (Chapter Nine). The mixed methods approach 

will enable insights from quantitative data (such as customer scores or ratings) to 

be enhanced through further qualitative analysis that can explore ‘how’ and ‘why’ 

questions pertaining to the experience. The mixed methods approach taken to 

data collection and analysis is presented in the following sections.  
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4.3.3 Data selection 

The principal objective of case study research is to gain a deep 

understanding of the subjects of interest (Woodside, 2016). To do this it is 

necessary to collect suitable data that can be rigorously applied to the core 

research questions. There are many ways data can be collected within a case 

study research project, which can include both quantitative (closed-ended) and 

qualitative (open-ended) data. Common techniques have tended to include 

qualitative methods such as interviews, focus groups, and direct observation, but 

can include quantative analysis, such as statistical hypothesis testing (Woodside, 

2016). Along with interviews and direct observation, case study data can be found 

within public and private archives which describe the phenomenon of study 

(Leonard-Barton, 1990). By following a mixed methods approach to research, 

data collection in this study will focus on both quantitative and qualitative data 

types. Customer feedback data has been utilised as a source of insights into CX 

that contains both types of data within it (Ordenes et al., 2014, McColl Kennedy 

et al., 2019).  

Customer feedback data can be solicited or unsolicited, and structured or 

unstructured. The first distinction in data type is between solicited and unsolicited 

data. This refers to whether the researcher, organisation (or its partners) has 

actively sought out the feedback. Surveys and questionnaires are an example of 

solicited data, whilst social media comments are an example of unsolicited data 

(Holmlund et al., 2020). The benefits of obtaining unsolicited data are that 

collection is unobtrusive (Meyer and Schwager, 2007), does not impact the CX, 

and the customer takes an active role in providing the feedback including its 

timing and context (Ordenes et al., 2014). Within the tourism context, it has been 

found to be rich and compelling data for research because the unprompted nature 
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of such data is reflective of the experiences considered to be most important to 

the customer (Mkono and Markwell, 2014).  

The second distinction in data type is between structured and unstructured 

data. This refers to the extent of rigid structure in the data, which can be high (e.g. 

numerical scores or sales data), or low (e.g. free-flow text or video messages). 

Several authors have questioned the reliability of purely using structured data, 

which is not able to adequately capture the complex nature of CX (e.g. McColl-

Kennedy et al., 2019, Zaki and Neely, 2019). Using over-simplistic, structured 

measures such as Net Promoter Scores and customer satisfaction surveys, can 

give misleadingly positive scores about CX. This can result in a failure to take 

active measures to improve CX until large numbers of customers have taken their 

business elsewhere (Zaki, 2019).  

In unstructured data, a customer engages freely and on their own terms 

(Witell et al, 2011). For this reason, it is thought to be better suited to an 

understanding of CX than the structured data (e.g. questionnaires, focus groups 

etc.), that has traditionally been collected by organisations (Ziegler et al., 2008). 

In unstructured data, the customer is not restricted to the design of a survey but 

is able to express themselves in whatever way that they feel is appropriate 

(Büschken and Allenby, 2016). Customer reviews tend to be story-like in their 

quality (Jurafsky, 2020), making this type of data useful for understanding CX 

from a customer journey point of view. In service experiences, the main character 

can be understood as the reviewer, and the sequence of events as the customer’s 

journey (Matilla, 2000). Using a mixed methods approach to data collection and 

analysis makes it possible to supplement structured data with unstructured data 

(e.g. McColl Kennedy et al., 2019), which can further enhance the understanding 

of CX.  
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To collect data in an unobtrusive manner, there have been increasing 

attempts for firms to make use of user-generated content that is publicly available 

on review-sites or other social media platforms (Büschken and Allenby, 2016). 

Unsolicited and unstructured feedback data is readily available and growing (e.g. 

in social media and on-line review sites). It is predicted that by 2025 there will be 

163 ZB of data in the world (Techrepublic, 2017). With 95% of the overall 

customer feedback data being unstructured (Sigler, 2015, Gandomi and Haider, 

2015), there exists a massive potential in extracting actionable insights for CX 

research.  

In this work, user generated (unsolicited, unstructured) content is argued 

to be a suitable source for understanding the realised experiences of customers 

for the reasons discussed above. However, there are benefits to using structured 

customer data, such as customer scores or ratings.  This is important for gaining 

an understanding of overall CX, which as a holistic and dynamic construct, can 

best be captured using evaluative outcomes, such as satisfaction measures 

(section 2.7). Data was therefore collected from an online platform-based review 

depository, which included both unstructured customer feedback comments, and 

structured customer review ratings. The data collection process can be found in 

section 6.2.  

The data used in this study includes both qualitative data (free-flow 

customer comments) and quantitative data (customer experience ratings ranging 

from 1-star to 5-star). The CX ratings are used as a proxy for understanding the 

overall experience a customer has in relation to the service offering. This answers 

recent calls for authors to use evaluative outcomes, such as satisfaction 

measures, to understand how the multifaceted and complex notion of CX 

emerges over time (Becker and Jaakkola, 2020).  
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A similar technique has been employed by other authors when assessing 

CX and customer satisfaction levels (Radojevic et al., 2015; Radojevic et al., 

2018; Hu et al., 2019; Gerdt et al., 2019). For example, Radojevic et al. (2015) 

look at the effects of certain hotel features on customer ratings. To do this, the 

average ratings provided by registered users of a travel review depository were 

used as proxies for general customer satisfaction with regards to hotel services. 

Similarly, Lemke et al (2011) asked respondents to rate suppliers on different 

constructs of experience (using a construct pole to compare different suppliers) 

to make an assessment about the overall level of customer experience quality.  

In the review depository used for this study, customers are asked to “Rate 

your experience” from 1-star to 5-star. This score will serve as a proxy for 

understanding the overall value placed on the experience by the customer, with 

a 5-star experience being seen as extremely positive, and a 1-star experience 

being extremely negative.  

 

4.3.4 Comparative case study approach 

In a comparative case study, two or more cases are examined (Baxter and 

Jack, 2008). This allows the researcher to analyse data both within a case and 

between cases (Yin, 2018). In this work, two cases have been designed to 

address the research objectives. The aim is to further interrogate how CX is 

impacted through CX responses which occur at multiple servicescape 

touchpoints. The research aims to build a theoretical understanding of the 

complex relationships between the CX elements that are found in the proposed 

conceptual model.  

Theory building from case studies rests on replication logic, where each 

case serves as a distinct experiment that stands on its own as an analytic unit 
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(Eisenhardt and Graebner, 2007). According to Eisenhardt (1991, p.620), 

replication means “that individual cases can be used for independent 

corroboration of specific propositions. This corroboration helps researchers to 

perceive patterns more easily and to eliminate chance associations”. This aids in 

methodological rigour and enables the researcher to build a more complete 

theoretical picture in terms of patterns and relationships found within the study. 

Replication can be both literal (predict similar results) and theoretical (predict 

different results). Using a pattern-matching analytic procedure, literal replication 

allows subtle similarities and differences between cases to be found relating to a 

specific expected pattern, with the cases being designed to corroborate one 

another. Alternatively, theoretical replication looks for key differences associated 

with different expected patterns, where the cases are designed to cover different 

theoretical conditions (Yin, 1998).  

The study will follow a comparative case study approach using theoretical 

replication. The study of CX is complex and multi-dimensional, which means it is 

important that any study includes enough depth of observation to capture its 

intricate nature. However, it is also important to ensure some level of 

generalisability from this work, and multiple case study designs are favoured in 

terms of delivering more robust evidence and conclusions (Herriott and Firestone, 

1983). A comparative case study approach was chosen to allow the time and 

resources to look in-depth at the constructs within each case, whilst also allowing 

for improvements in external validity and reductions in researcher bias by making 

comparisons and drawing conclusions between studies (Voss et al., 2002). In this 

work it is important to understand how the nature of bounded/ unbounded service 

offerings may deliver different experiences (RQ2) and the cases were chosen to 

cover different theoretical conditions relating to this.  
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4.3.5 Case study selection 

Two cases have been chosen in this work which will be introduced and 

justified across the remainder of this section. Case Study 1 is a coastal pathway 

and Case Study 2 is a national heritage home and estate. Both cases are cultural 

heritage sites which have been chosen based on their alignment with the core 

research questions proposed in section 3.7. The cases have been selected 

through a process of theoretical replication logic and designed to include several 

differences relating to their theoretical conditions which are necessary for 

exploration relating to RQ2.  

It was important to select cases which enable the proposed conceptual 

model (Figure 8) to be explored. In accordance with RQ1a and RQ1b it was 

necessary to select two cases that offer a full range of customer responses and 

interactions at servicescape touchpoints. The heritage sector includes three 

broad categories within it – the built environment (e.g. buildings and 

archaeological remains), the natural environment (e.g. rural landscapes and 

coastlines), and artefacts (e.g. books, objects, and pictures) (Feather, 2006). The 

wide expanse of service offerings in cultural heritage ensures there are a wide 

array of customer touchpoints. Touchpoints are found from all four servicescape 

realms (physical built – e.g. facilities such as museums, social – e.g. staff 

members and family groups, natural – e.g. wider landscapes, and digital – e.g. 

online resources and augmented reality attractions).  

Secondly, the cultural heritage sector was chosen as the context for study 

in this work because it delivers a full range of experiential responses in the 

customer. Customers visit cultural heritage sites with different goals and 

motivations (Poria et al., 2006) including leisure, education, culture, and social 
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pursuits (De Rojas and Camarero, 2008). Customer responses may therefore 

include emotional responses (e.g. joy), sensorial responses (e.g. appreciation of 

beauty), social responses (e.g. family fun), cognitive responses (e.g. the 

opportunity to learn), and physical responses (e.g. tiredness and muscle aches 

from walking).  

The third reason for case study selection relates to their suitability in 

addressing the call to advance an understanding of CX in an unbounded 

servicescape setting. Although cultural heritage sites can often be bounded in the 

traditional sense (e.g. a historic building or museum), many more open out onto 

the wider landscape, and incorporate services within the total experience that are 

largely uncontrollable by the heritage provider. Existing studies of CX, from the 

cultural heritage perspective, tend to focus on bounded servicescapes such as 

museums and art galleries (Rowely, 1999, Goulding, 2000, Hume, 2011, Falk and 

Dierking, 2012, Minkiewicz et al, 2013, MacLeod et al., 2015) with little discussion 

of wider influences that are beyond the direct control of the provider. This is 

aligned with the wider literature from Service Management, which has also 

focused on bounded servicescape touchpoints which are exclusively controlled 

and managed by the provider, such as within hospitals, banks, utilities, 

restaurants, and other B2C and B2B services (e.g. Johnston and Kong, 2011, 

Teixeira et al., 2012, Ordenes et al., 2014, McColl-Kennedy et al., 2015, McColl-

Kennedy et al., 2019, Zaki and Neely, 2019). Currently, very little is known about 

CX from an ‘unbounded’ servicescape perspective. Case Study 1 (a coastal 

pathway) serves as an example of a service offering which covers a wide expanse 

of geographical areas and is not bounded in the traditional sense. By contrast, 

Case Study 2 is bounded in terms of the estate boundaries and walls of the 
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house and facilities. This case is also bounded by a pay barrier. Therefore, 

theoretical replication is appropriate to explore differences between the cases.  

From a theoretical reasoning perspective, it can be expected that a cross-

case analysis between the two cases should expose differences between the two 

cases, with only the first case being ‘unbounded’ in both senses defined in this 

work.   

Both cases will be introduced in detail in the following section. Data for 

both cases is collected from TripAdvisor, a large online review depository. 

TripAdvisor is the “worlds largest travel platform” consisting of more than 860 

million customer reviews (TripAdvisor, 2019). Further rationale behind choosing 

TripAdvisor as the source of data can be found in the data selection process, 

section 6.2.  

 

4.3.6 Introducing the case studies. 

 

Case Study One 

Case Study 1 is a coastal path that was chosen in line with the case 

selection criteria as discussed in section 4.3.5. The path association is a 

charitable organisation which gains its revenues through a mixture of corporate 

sponsorship, trusts and grants, charitable donations, membership fees, coast 

path friendly events, and community fundraising events. The association is 

responsible for the care and upkeep of the path which includes maintaining steps, 

signposts, information posts, and annual clearance of overgrowth. Coastal 

erosion is a major factor in the path’s longevity, and projects relating to path 

realignment can take a significant portion of spending. The association also 

engages in wider activities, such as projects aimed at improving quality of access 
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to the path, promotion of important walks or stretches of the coastline, and 

engagement with path users in terms of promoting the customer voice (Carter, 

2020). The case can be described as an ‘unbounded’ experience because it is 

not bounded physically, or by a pay barrier. It also incorporates numerous natural 

touchpoints by opening out onto the wider landscape and natural world. 

The coastal path spans over 600 miles of coastline across southern 

England. Established first in 1978 the coastal path welcomes a wide range of 

visitors (both local and holidaymakers), with a total of 8.7million visits a year. It is 

an important tourist experience which brings in large revenues to the local area. 

The total revenues generated by visitors to the path into the local economy were 

estimated to be £436m in 2012 - an expenditure that supports 9,771 full-time 

equivalent jobs (Owen, 2014). The coastal path has no specific service ‘site’ and 

covers a wide expanse of areas, with many different places and businesses 

across it. This includes facilities managed by other organisations, such as car 

parks and toilet facilities which are managed by various local authorities. As a 

free experience, the coastal path requires no direct economic exchange on behalf 

of the path users but is home to a ‘value network’ of associated businesses 

(Lusch et al., 2010), where customers may choose to spend time and money 

during their visit.  

 

Case Study Two  

Case Study 2 is a national heritage house and estate which is owned and 

run by a large national charity. The charity was founded in 1895 to protect national 

heritage sites and open spaces, including coastlines, historic houses, castles, 

ancient monuments, gardens, parks, and nature reserves. The charity gains its 

revenues through a combination of membership fees, donations, and grant-
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making bodies. It also gains income from commercial activities engaged in at its 

many bounded service sites, such as retail and catering. The charitable 

organisation had a total income of £634.3m for Feb 2018 – Feb 2019 (Kay, 2019). 

However, this has reduced significantly in the wake of the COVID-19 crisis, with 

the organisation suffering losses of £200m in 2020 (BBC News, 2020).  

The case was chosen in line with the case selection criteria as discussed 

in section 4.3.5. The case was chosen through a process of theoretical 

replication to both compliment and contrast Case Study 1. In terms of differences 

to the first case, Case Study 2 is physically bounded by the estate grounds and 

includes on-site facilities which include the house, café, and shop. It has a pay 

barrier for gaining access. Visitors must either pay an entrance fee (£10 for an 

adult) or annual membership charge. The offering is managed by site personnel, 

including staff and volunteers, which makes it a guided experience. However, in 

terms of similarities to Case Study 1, the case does incorporate numerous 

natural touchpoints by opening out onto the wider landscape and natural world.  

The house and estate are set in just over 6,000 acres of farmlands, woods, 

cottages, parklands, and orchards, in addition to the main attraction of an 18th 

century house and gardens. Its facilities include the main house, cafe, shop, plant 

sales, second-hand book shop, chapel, car park, garden, park, and toilets.  

 

4.3.7 Data collection 

Customer feedback data was collected from TripAdvisor for the purpose 

of this study. In this case it was found that the data associated with Twitter was 

insufficient for providing the required review and word count quantity for both 

cases.  
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The available content from Twitter and TripAdvisor (a large online review 

depository) were compared to determine which was most suitable for data 

collection. Only 16 useable tweets relating to Case Study 1 were found in Twitter 

data for the year 2017.  A ‘useable tweet’ is defined as one which includes 15 key 

words and hashtags associated with the case. These hashtags refer to the Case 

Study 1 organisation name. They do not include any tweets from the organisation 

itself or partner-owned marketing-related content, which were removed from the 

dataset. Comparatively, 1056 reviews were found across the pages associated 

with sections of the coastal path from TripAdvisor. This difference is represented 

in Table 4.  

 

Twitter (2017) 
Search for 15 key words and 
hashtags associated with Case 
Study 1 in Twitter 

16 
useable 
tweets 

Average word 
count – 14.81 

Travel forum 
review site 
(2017) 

Search across the 48 landing 
pages associated with Case 
study 1 

1056 
reviews 

Average word 
count – 62.06 

Table 4 – Twitter versus Review site data for Case Study 1 (2017) 

 

As shown in Table 4, word count is greater in the TripAdvisor dataset, with 

an average of 62 words per review, versus 15 words per review for Twitter. To 

address the research questions posed in section 3.7, it is important to use data 

which includes rich descriptions of CX that can aid in determining meaningful 

insights relating to both touchpoint interactions and realised CX responses. 

Therefore, data with a higher word count is preferable. In addition, only the 

TripAdvisor data includes qualitative data. TripAdvisor has CX ratings included 

within each customer review. These are required for obtaining a comparable 
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measure for overall CX. Therefore, the TripAdvisor dataset was chosen as the 

most suitable source for data collection.  

The format of the review site platform enables customers to give their 

comments and feedback in a free-form manner. The content of this feedback 

includes within it both qualitative and quantitative data. 

In the TripAdvisor review depository, qualitative data is comprised of free 

form text that makes up the main body of the customer review. There are two 

open answer sections per review which consist of 1) the title, where the customer 

is asked to “Summarize your visit, or highlight an interesting detail”, and 2) the 

main body of the review, where they are asked to “Tell people about your 

experience: describe the place or activity, recommendations for travellers?”  

The CX rating (1-5) is given in addition. Customers are asked to “Rate your 

experience” from 1-star to 5-star. This score is used as a proxy for appraising the 

overall CX, as presented in the conceptual model. The assumption is that a higher 

rating corresponds with a better CX, but in accordance with McColl Kennedy et 

al (2019) this is not guaranteed and will be explored in relation to the customers 

rich narrative descriptions.   

In terms of the scope of data collection, three pieces of information were 

captured and assessed– review title, review text, and rating. The textual data 

found within the review title and review text was used to identify and capture the 

customer’s narrative descriptions. This data was used to capture key elements of 

the conceptual model, e.g. customer interactions (built, social, natural, digital), 

and CX responses (cognitive, emotional, sensorial, social, and physical).  

Data collected for Case Study 2 included one TripAdvisor landing page, 

whereas for the Case Study 1 there were 48 landing pages associated with the 

path (covering different sections across it, as well as the path as a whole). The 
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data was collated and saved in two excel documents. The data was cleaned to 

ensure it all followed the same format and there were no missing values. No 

usernames were included in the data files, and instead each review was given a 

unique respondent number. The customer star-ratings were labelled numerically 

(1-5). Reviews were collected between the dates of 1st January 2011 to 1st March 

2019.  Any reviews which were not in English were omitted from the study.  

 

Case Study 1: 

A total of 5561 customer reviews and review titles were collected for Case 

Study 1 for the period of 1st January 2011 to 1st March 2019 from TripAdvisor, 

an online review depository. Within each review is included a rating from 1 to 5 

stars. The percentage distribution of the customer reviews across the five ratings 

for the dataset is shown in Table 5, wherein a significantly positive skew towards 

the higher ratings is evident.  

 

 

 

 

 

 

 

 

A skew towards the positive is common in the tourism sector (e.g.  Bridges 

and Vasquez, 2018, Cheng and Jin, 2019, Mehraliyev et al., 2020). In relation to 

the cultural heritage sector, Valdivia et al (2020) look at monument TripAdvisor 

reviews in Spain, finding in all three cases they cite a highly unbalanced polarity 

Review 
category 

Case Study 1 

Total 
reviews 

% Of all 
reviews 

1-star 31 0.56% 

2- star 31 0.56% 

3- star 156 2.81% 

4- star 1111 19.98% 

5- star 4232 76.10% 

Table 5 -Percentage Review Distribution across customer ratings 
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(above 90% rated at 4 or 5-star). This suggests that the dataset for Case Study 

1 is reflective of the cultural heritage sector more generally. 

 

Case Study 2: 

A total of 982 customer reviews were collected from TripAdvisor for Case 

Study 2 for the period of 1st January 2011 to 1st March 2019. The percentage 

distribution of the customer reviews across the five ratings for the dataset is 

shown in Table 6, with a markedly positive skew towards 4 and 5-star ratings. 

The skew is less pronounced than in Case Study 1. 

 

 

 

 

 

 

 

4.3.8 Normality testing 

Before completing the analysis for this work, it was important to test the 

distribution of the rating scores in the data. Determining whether a data sample 

has been obtained from a normally distributed population is necessary for 

choosing which statistical measures to use for data analysis. The following tests 

of normality were performed using SPSS statistics.   

In Case Study 1, there are 5561 reviews which are each rated between a 

minimum of 1-star and maximum of 5-star. The mean star rating from the dataset 

is 4.71 with a standard deviation of 0.604. This is represented in Table 7.  

Review 
category 

Case Study 2 

Total 
reviews 

% Of all 
reviews 

1-star 19 1.93% 

2- star 37 3.77% 

3- star 79 8.04% 

4- star 340 34.62% 

5- star 507 51.63% 

Table 6 - Percentage Review Distribution across customer ratings (Case Study 2) 
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 N Minimum Maximum Mean Std. Deviation 
 Statistic Statistic Statistic Statistic Statistic 

RATING: 5561 1 5 4.71 0.604 

Table 7 - Data for normality testing (Case Study 1) 

 

In Case Study 2, there are 982 reviews which are each rated between a 

minimum of 1-star and maximum of 5-star. The mean star rating from the dataset 

is 4.3 with a standard deviation of 0.912. This is represented in Table 8.  

 

 N Minimum Maximum Mean Std. Deviation 
 Statistic Statistic Statistic Statistic Statistic 

RATING 982 1 5 4.3 0.912 

Table 8 – Data for normality testing (Case Study 2) 

 

Results for skew and kurtosis are shown in Table 9 and Table 10.  

 

 Skewness  Kurtosis   

 Statistic Std. Error K Skewness Statistic Std. Error K Kurtosis 

RATING: -2.653 0.033 -80.3939 9.371 0.066 141.9848 

Table 9 - Descriptive statistics (Case Study 1) 

 

 Skewness  Kurtosis   

 Statistic Std. Error Z Skewness Statistic Std. Error Z Kurtosis 

RATING -1.548 0.078 -19.8462 2.412 0.156 15.46154 

Table 10 - Descriptive statistics (Case Study 2) 

 

In Table 9 and Table 10 both skewness and kurtosis are greater than +/-

1.0. This suggests that the distribution is outside the range of normality, so the 

distribution cannot be considered normal.  

Table 11 next looks at tests of normality for the ratings from both cases 

using the Kolmogorov-Smirnov Test of normality.   
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Kolmogorov-Smirnova test of normality 
 Statistic df Sig. 

Case Study 1 0.448 5561 0.00 

Case Study 2 0.294 982 0.00 

Table 11 - Normality testing results 

 

As a rule of thumb, a variable is not normally distributed if “Sig.” < 0.05. 

This means that, in both cases, the data significantly deviates from a normal 

distribution (Table 11). Although it is possible to transform data, there have been 

arguments against doing so for data which includes subjective ratings across a 

self-report ‘likert’ scale (Nevill and Lane 2007). This is because it is not clear 

whether such scales are truly continuous. For example, the difference between a 

4-star rating and 5-star rating might be seen by the customer as greater than the 

difference between a 1-star rating and a 2-star rating. Transformation is only 

appropriate for true ratio scale data, and likert-type data is classed as interval 

data (Nevill and Lane 2007).  

Based on normality testing, is important to choose data analysis 

techniques suitable for non-parametric data across the analysis in this work.  

 

4.3.8 Justification of methodological tools 

The work in this study utilises several software to tools to aid in the 

textual analysis of the data. The tools were chosen through discussions with 

Text Analysis experts at the time of data collection. They are thought to be 

useful and reliable methods to aid in the data analysis process of this work.  

In the initial analysis, two software tools were used to manually analyse 

the textual data with pre-existing libraries. In order to understand the data in 

relation to pre-existing methods, software was chosen that required no manual 

annotation by the researcher. This enabled the data to be explored with as little 
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researcher-input as possible. There is a vast array of possible software tools to 

assist with this task. Although it is not the purpose of this paper to compare 

these, some background and rationale will be provided in terms of why the 

applied methodological tools were chosen.  

Firstly, VADER is a valence-based lexicon, which means that concepts 

are categorised both in terms of polarity (positive/ negative) and sentiment 

strength. It has been extensively used across multiple domains, including 

studies analysing customer feedback data (e.g. Mathayomchan and 

Taecharungroj, 2020; Sidaoui et al., 2020). A study by Gilbert and Hutto (2014) 

demonstrated the superiority of the software for analysing social media text in 

comparison to a number of other more conventional sentiment analysis tools.  It 

was therefore deemed to be a reliable method for understanding overall 

sentiment within the data. A full summary of the method is found in section 

4.4.2.   

Secondly, Linguistic Inquiry and Word Count (LIWC) (Tausczik and 

Pennebaker, 2010) is a polarity-based lexicon, which means that concepts are 

classed as either positive or negative. It has been validated both internally and 

externally (Hutto and Gilbert, 2014) and used in numerous academic studies to 

analyse customer data (e.g. Krishna et al., 2019; Singh and Söderlund, 2020). It 

has been extensively used in multiple domains, over a period spanning two 

decades. LIWC was therefore deemed to be a reliable option. The software was 

chosen because several categories within the lexicon show clear links with the 

core CX dimensions discussed in section 2.5 of the literature review. This can 

enable for a richer analysis of textual content beyond an analysis of sentiment 

alone. A full summary of the categories of interest is found in section 4.4.2.  
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The core analysis attempts to further findings from the initial analysis. 

This is achieved through the creation of a contextual-based library that can 

explore the data in the depth required for answering the core research 

objectives. SPSS Text Analysis was employed as a suitable platform which 

enables the researcher to manually create and annotate a library through an 

iterative data analysis process. The software has been used by other 

researchers exploring CX within customer feedback data (e.g. McColl Kennedy 

et al., 2019; Zaki and Neely, 2019). These authors demonstrated the benefits of 

the software, which enabled libraries to be created specifically in line with core 

CX elements, such as CX responses. As such, the study can be an extension of 

this work, utilising a similar methodology in terms of library creation and data 

analysis process. A full summary of the process involved can be found in 

Chapter Six.  

 

4.4 Data analysis process 

To explore the chosen case studies, this work will utilise unsolicited, 

unstructured customer feedback data, from TripAdvisor, to inform insights into 

customer interactions and CX responses.  

There are several approaches that can be taken when analysing linguistic 

data such as customer feedback data. Traditionally, approaches have been 

manual, such as the manual coding of themes found within customer comments. 

However, such approaches are time consuming and are not able to sufficiently 

address large quantities of data.  

In this study, Text mining (TM) and Text analytics (TA) methods have been 

chosen as a desirable tool for analysing the selected data. This follows similar 

examples by authors including Ordenes et al., 2014, Tirunillai and Tellis, 2014, 
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Xiang et al., 2015, Culotta and Cutler, 2016, McColl Kennedy et al., 2019., and 

Zaki and Neely, 2019. Such techniques have been highlighted as promising for 

furthering insights into CX. Work in this field is largely still in its infancy (Field et 

al., 2018). TM and TA methods allow the researcher to analyse large quantities 

of customer data using semi-automatic analysis techniques, making it an 

appropriate tool for advancing an understanding of the customer feedback data 

selected for analysis in this study.  

 

4.4.1 Introduction to text mining and text analytics 

Text mining (TM) is defined by Hearst (1999) as the automatic discovery 

of new information from unstructured textual data, whilst text analytics (TA) is 

defined as “a way to extract significance from the unstructured text to find out 

patterns and transformations” (Packiam and Prakash, 2015, p.1). Using TM and 

TA techniques, unstructured data can be transformed into structured data made 

up of concepts and relationships between concepts (or concept patterns) that 

provide previously concealed information, insights, and managerial knowledge 

(Meyer and Hornik, 2008, Centobelli and Ndou, 2019, Holmlund et al., 2020). 

Within Service Management, the stages of this are threefold - collecting the data, 

extracting insights from the data, and utilising these insights to develop or 

enhance organisational capabilities (Erevelles et al., 2016). 

TM for hidden meaning is concerned with sentiment analysis or opinion 

mining. Sentiment Analysis is defined as “the computational study of opinions, 

sentiments and emotions expressed in text” (Ortigosa-Hernández et al., 2012, 

p.1). Sentiment analysis in relation to CX is concerned with customer opinions, 

including their sentiments, evaluations, attitudes, and emotions (Liu, 2012). 

Currently, sentiment analysis is one of the most active areas of research within 
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Natural Language Processing (NLP). From a managerial standpoint, it is highly 

applicable and useful to understand whether a customer views their experience 

overall in positive or negative ways. Customer opinions are central to subsequent 

behaviours (Liu, 2012). The evaluative content (or sentiment) within a CX 

response is framed in terms of how it is felt or perceived by the customer, rather 

than being inherent in the environment (Mehraliyev et al., 2020).  For example, 

the temperature in a room may feel hot to one, and cold to another, and similarly 

ideas (such as beauty) are in the eye of the beholder. Feelings, such as fear, can 

be both positive and negative relative to the context in which they are felt. For 

example, fear experienced at the dentists may be different to fear on a river rafting 

expedition (Arnould and Price 1993). CX responses can never be universally 

‘good’ or ‘bad’ but depend on their fit with the customer’s own processes and 

goals (Mehraliyev et al., 2020). 

Sentiment analysis is divided into three levels. The first is at a document-

level, aiming to understand the sentiment polarity (positive or negative) of the 

whole text. The second is sentence-level analysis, addressing the polarity of 

individual sentences. The final level is aspect-level analysis, studying the specific 

attribute which is the target of opinion, and which offers in-depth and fine-grained 

sentiment information (Valdivia et al 2020). Aspect-level sentiment analysis is 

important for understanding the realised CX, which is processual and changes in 

response to customer interactions with multiple touchpoints over the course of a 

customer’s journey (Lemon and Verhoef, 2016).  

Work by Ordenes et al. (2014) has documented the importance of 

discovering sentiment in relation to customer interactions across the customer 

journey, and how it changes and develops over time. Few authors have used text 

mining methods to address CX as multi-dimensional and comprised of cognitive, 
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emotional, sensorial, social, and physical dimensions. However, work by McColl-

Kennedy at al. (2019) and Zaki and Neely (2019) has begun to address this call 

(see section 3.6.2). Advancements in TM and TA methods are making 

distinctions between quantitative and qualitative methods less clear because 

qualitative data can also be analysed quantitatively and modelled accordingly 

(Ordenes and Zhang, 2019). This makes it an especially useful method for mixed 

methods data analysis.  

The following section will give an overview into the data analysis process 

taken in this study, and why these are the most appropriate for addressing the 

core research objective of this thesis. The process has been organised into five 

steps: 

1 – Initial analysis  

2 – Library creation  

3 – Pattern analysis  

4 – Exploring the effect of patterns on overall CX 

5 - Cross case analysis  

The data analysis process is fully documented across Chapters Five, Six, 

Seven and Eight of this thesis. It is followed by a discussion (Chapter Nine) 

which includes qualitative analysis of the verbatim customer feedback and a 

cross-case analysis where similarities and differences are drawn out and 

explored between the results for both cases. 

 

4.4.2 Initial Analysis 

Two initial analyses were run on the customer data using existing software 

text mining models – VADER and LIWC. The purpose of this analysis is to identify 

the insights that can be gained into CX using existing tools, and to explore 
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whether these can help in addressing the core research questions of the study. 

This is important from a methodological perspective because it will enable 

insights into how well existing techniques work for analysing CX, and how these 

might be improved to enhance the reliability of results, and specifically to address 

the core research objective of this work. The following sections will introduce both 

software tools, explaining both how and why they were used in the study.  

 

4.4.2.1 Sentiment analysis 

As described in section 4.4.1, the process of sentiment analysis is a 

valued tool in analysing CX data to uncover customer sentiments, evaluations, 

attitudes, and emotions within text (Liu, 2012). It is not currently clear whether 

sentiment analysis is a useful or reliable method for explaining the customer’s 

overall experience (or CX rating). The initial analyses employ a sentiment mining 

tool to interrogate this further.  

The Valence Aware Dictionary and sEntiment Reasoner (VADER) software 

is a lexicon and rule-based model for general sentiment analysis. It was created 

specifically for social media content (Gilbert and Hutto, 2014). It was deemed to 

be an appropriate tool for better understanding customer feedback reviews in this 

work, where data has been extracted from an online review depository. VADER 

was developed as a tool that can look not only for the binary polarity (positive 

versus negative sentiment) found within text, but also the strength of the 

sentiment (or sentiment intensity) (Gilbert and Hutto, 2014). VADER uses a 

dictionary that maps lexical features to emotion intensities, or sentiment scores. 

Within a text, the sentiment score comes from the total sum of the intensity of 

each word found within the text. The VADER sentiment lexicon is composed of 

more than 7,000 items which have been reviewed by several judges (Alaei et al., 
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2019). In addition to words, VADER also considers other textual features, such 

as punctuation, capitalisation, degree modifiers, emoticons, and negations.  

For this analysis, the VADER software was used to categorise the 

customer reviews based on their levels of sentiment according to the VADER 

dictionary. The purpose of this was to assess the relationship between levels of 

sentiment and overall CX rating. To achieve this, sentiment scores were 

compared with customer review ratings. The purpose is to examine if customer 

sentiment has a significant relationship with CX rating. CX rating serves as a 

proxy for understanding overall CX (see section 4.3.3). A strong and significant 

relationship between the two would suggest that customer sentiment is a key 

driver of overall CX. This process is found in sections 5.1.1 and 5.1.2.  

 

4.4.2.2 Text analysis 

Text analysis is another technique for developing an understanding of any 

given textual data.  TA approaches go beyond sentiment analysis and look at 

other inherent differences found within text and the meaning of words. As it is 

unclear whether sentiment alone can offer a full account of CX, a process of text 

analysis is performed. There are existing software tools which enable textual data 

to be automatically analysed. This is useful from a methodological point of view 

for discerning what can be understood with regards to CX using existing 

techniques.  

Linguistic Inquiry and Word Count (LIWC) is a word counting computer 

software programme which categorises words into psychologically meaningful 

categories in any given textual dataset (Pennebaker et al., 2001; Tausczik and 

Pennebaker, 2010). According to the authors, “the words we use in daily life 

reflect who we are and the social relationships we are in” Tausczik and 
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Pennebaker, 2010, p.25). The software uses a process of counting the number 

of words that respond to various categories created within the LIWC libraries. The 

software employs numerous ways to interpret data. Wide differences can be 

found in textual data from varying contexts (e.g. formal versus informal text). 

LIWC looks for various components found within text, including emotional, 

cognitive, structural, and process components (Pennebaker et al., 2001). It was 

chosen as an appropriate tool for analysing the textual data in this work because 

many of its core categories relate directly to the components of CX as described 

in Chapter Two.  

In LIWC, data files are processed word by word in comparison with its 

dictionaries (e.g. verbs, auxiliary verbs, and past tense verbs) before calculating 

the percentage of words found in each category for the entire dataset. In the most 

recent version of the software (LIWC2015), the master dictionary is composed of 

just under 6,400 words, word stems, and selected emoticons (Pennebaker 

Conglomerates, Inc.). In total there are 85 categories of word dictionaries, some 

examples of which are shown below (Table 12).  

 

Category/ word 
dictionary 

Examples 
Words in 
category 

Positive emotion Love, nice, sweet 406 

Negative emotion Hurt, ugly, nasty 499 

Perceptual processes Observing, heard, feeling 273 

Cognitive processes Cause, know, ought 730 

Past tense Am, will, have Went, ran, had 145 

Table 12 - Word dictionary examples LIWC 

 

After inputting a text file, LIWC works by identifying each word to see if it 

is found in the dictionaries. The weighting in each category is incremented when 

a word is found within it.  A word can be categorised under more than one 

category or word dictionary – for example, the word ‘cried’ is part of five different 
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word categories - Sadness, Negative Emotion, Overall Affect, Verb, and Past 

Focus (Pennebaker Conglomerates, Inc.).  

LIWC also gives more general scores for analytical thinking, clout, 

authenticity, and emotional tone across the text being analysed. Analytical 

thinking looks at the level of formal, logical, and hierarchical thinking within words 

– individuals whose speech is high in analytical thinking tend to perform better in 

colleges (Pennebaker Conglomerates, Inc.). Clout is reflective of an individual’s 

social status (e.g. confidence, leadership qualities expressed in speech). 

Authenticity looks for the level of vulnerability and honesty within speech. And 

finally, emotional tone is an overall score to reflect the degree of both positive and 

negative emotions within a single summary variable (Pennebaker, 2011). 

The purpose of the LIWC analysis in this study was twofold: a) to 

understand what can be discovered in terms of CX based on pre-existing TM 

techniques, and b) to assess whether such methods are useful for addressing the 

questions posed in the research questions (section 3.7). Within each case study, 

the datasets were separated by review rating, giving five unique sets of data. 

These were each analysed using the pre-existing LIWC libraries and 

automatically assigned scores for each relevant category identified in the 

software. This process is fully explained in section 5.2 where LIWC scores were 

compared with customer rating scores to look for levels of correlation.  

 

4.4.3 Library creation  

This stage of analysis is necessary for contextualising feedback data and 

extracting meaningful insights. In dictionary-based TM approaches, a library must 

be created, imported, and maintained. The library is used as a categorisation 

scheme for coding and defining relations between different concepts. It is used 
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to automatically code documents of text (Alexa and Zuel, 2000). A library includes 

a list of words (or concepts) which are assigned to several categories, which can 

then in turn be organised into ‘super-categories’. Domain specific libraries can be 

created which allow for the automatic coding and categorisation of a particular 

type of text (e.g. a particular genre of text or a certain type of customer review, 

such as hotels or grocery experience) (Alexa and Zuel, 2000). 

In this study, the commercial text mining software programme IBM SPSS 

Text Analytics (IBM SPSS Modeler 18.2) was used for data analysis. This 

software tool can be used to semi-automatically extract and identify core 

concepts found within textual databases. Principally, extracted concepts are 

nouns, e.g. “house”, but can include phrases or sentences of significance, e.g. 

“blow away the cobwebs”. The process involves two stages – a) concept 

identification, and b) concept classification.  

Concept identification and classification were achieved through a mixture 

of manual and automatic techniques to achieve the highest reliability of results 

possible. IBM SPSS Text Analytics offers tools to turn unstructured qualitative 

data into quantitative data, with the addition of sentiment analysis used to gain 

insights into the significances and hidden meanings within the text. A key benefit 

of the SPSS software is that it uses natural language processing (NLP) 

technologies which enable a significant number of concepts to be automatically 

classified. The software contains within it many relating to common phrases that 

can change the meaning of a concept. For example, valence shifters such as 

“not”, “isn’t”, “wasn’t”, often change the sentiment of a concept from positive to 

negative, and vice versa.  

As based on the core constructs discussed in the literature review and 

represented within the conceptual model (Figure 8), this study is concerned with 
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the identification of two broad categories – interactions at touchpoints, and CX 

responses. These are represented in Table 13.  

 

Category 1 Category 2 Concept type 1 Concept type 2 

Interaction 
at 
touchpoint 

Servicescape 

Built 

 

Natural 

Social 

Digital 

Activities Activity 

CX 
Response 

Positive  

Cognitive 

Sensorial 

Social 

Physical 

Emotional 

Joy/ Serenity 

Awe/ Amazement/ Surprise 

Trust/ Appreciation 

Interest/ Anticipation 

Negative  

Cognitive 

 Sensorial 

Social 

Physical 

Emotional 

Anger/ Annoyance 

Fear/ Apprehension 

Boredom/ Disgust/ 
Loathing 

Sad/ Pensive/ Grief 

Table 13 - Category and concept classification 

 

‘Category 1’ is the top-level grouping found in the conceptual model, which 

categorises different concepts into its family group. In this work the categories 

are found across two levels – the first being the distinction between interactions 

at touchpoints and realised CX responses. The column titled ‘Category 2’ 

reduces the category further to give more information about the types of concepts 

categorised within it – servicescape and activities being types of interactions at 

touchpoints, and positive or negative being categories of CX response.  

The final two columns include the various concept types which are 

assigned to each category. In accordance with SPSS Modeler’s terminology, a 
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concept type represents a semantic grouping of concepts or a vocabulary of 

semantically similar concepts. In this work, a concept type is represented within 

the “<>” symbols. Therefore, semantically similar concepts such as “house” and 

“buildings” would be classified into concept type named <Built>. This concept 

type was created to represent all touchpoints found within the built servicescape.  

In a similar way, other concept types were created such as <Natural>, 

<Social>, <Activity>, <PositiveCognitive>, <NegativeSensorial>. Each concept 

type relates either to customer interactions (e.g. the natural servicescape), or CX 

responses (e.g. positive cognitive responses).  

Consistent with McColl-Kennedy et al., (2019), the emotional concept type 

has been separated into component parts that represent discrete emotions – joy/ 

serenity, awe/ amazement/ surprise, trust/ appreciation, interest/ 

anticipation, fear/ apprehension, sad/ pensive/ grief, anger/ annoyance, 

disgust/ loathing. These are in line with Plutchik’s (1980) wheel of emotions, 

found in the literature review - section 2.5.2 (Figure 1). This adds further depth 

to the understanding of positive and negative emotions, and how there are 

different types of emotions which share certain qualities.  

Concepts extracted from the datasets were categorised into the categories 

and concept types represented in Table 12. The process of concept classification 

was threefold: 

Stage 1: Concept classification of generated ‘concepts ‘by author alone. 

Stage 2: Concept classification by the author and three annotators.  This 

 process involved classifying extracted concepts from 50 randomly 

 selected reviews from each dataset.  

Stage 3: Concept classification of 50 ‘CX responses’ by 19 respondents 

 using a questionnaire, and collation of results. 
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The three-stage process enabled many of the frequently used concepts to 

be queried by separate coders, allowing for concepts that were coded differently 

in stage 2 to be clarified in stage 3. The three stages are discussed in greater 

detail in Chapter Six, section 6.3. The final category and concept categorisation 

scheme was made based on insights made across this process, in combination 

with the wider literature. This is presented in section 6.3.4.  

 

4.4.4 Pattern Extraction 

Once the concepts in the reviews have been identified and classified into 

concept types it is possible to discover relationships between concepts. It is 

important to do so at an aspect-level of sentiment analysis (section 4.4.1). This 

allows relationships between interactions at touchpoints and CX responses 

(positive or negative) to be explored. Aspect-level sentiment analysis is achieved 

through SPSS Modeler’s pattern-matching technology which links together 

different concept types.  

In this work, two concept types are represented as being linked to one 

another by using a “+” sign.  

For instance, the pattern <Built> + <PositiveSensorial> represents all 

instances where a customer has a positive sensorial response in relation to built 

touchpoint interactions.  

The pattern matching function in SPSS Text Analytics works by linking 

together concepts which are connected. This is predominantly based on proximity 

within a sentence, e.g. “beautiful house”, or “the house was beautiful”, which can 

both be understood as a positive sensorial response to a built touchpoint 

interaction. In addition, patterns can be found based on pre-existing or manually 

created rules which are designed to reflect common uses of language, e.g. “the 
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house was not very beautiful”, which can be understood as a negative sensorial 

response to a built touchpoint interaction (because of the prefix ‘not’ being found 

before a positive sensorial response). These are further explored in the library 

creation stage of analysis (section 6.3).  

For this study, patterns were extracted every time a CX response-based 

concept type was found within a review in conjunction with concept types for 

customer interactions. This enabled the links between customer interactions and 

resulting CX responses to be identified and further explored. This process is 

necessary for exploration of RQ1a, where currently little is known about how CX 

responses arise in relation to customer interactions at multiple touchpoints.   

  

4.4.5 Exploring the effect of patterns on overall CX. 

The final stage of the analysis process involves further exploration of the 

patterns extracted in section 4.4.4. This stage of the data analysis process is 

necessary for addressing existing limitations for understanding how CX 

responses to multiple touchpoint interactions combine to form overall CX.  

Addressing this limitation was achieved firstly by exploring the frequency 

of extracted patterns, both in relation to the dataset as a whole and within rating 

categories. A prevalence and prominence score are proposed for understanding 

these patterns (first introduced in section 7.3). In addition, patterns are assessed 

in terms of their relationships with overall CX. 

Due to the results of the normality testing (section 4.3.7), non-parametric 

tests must be used for analysis. The Mann Whitney U-test was chosen as a 

suitable method because it can be used to test the correlation between a binary 

independent variable and a continuous dependent variable in non-parametric 
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data, e.g. it is able to assess the effect of the presence/ absence of a pattern on 

overall CX rating.  

A Mann Whitney U-test is an appropriate method to use based on the 

following assumptions (Field, 2018): 

o The observations are not normally distributed. 

o The dependent variable is measured on an ordinal scale or a continuous 

scale.  

o The independent variable is two independent, categorical groups.  

o The observations are independent. 

The conditions are met for this case, which includes not normally 

distributed data. Secondly, the rating variable is ordinal, ranging from 1-star to 

5star. Third, there are two independent groups which are assessed. This is 

represented as 0 (absence of a pattern) and 1 (presence of a pattern. Lastly, the 

rating and the presence/ absence of a pattern are independent to one another. 

In non-parametric data, the Mann Whitney U-test allows two groups of data 

to be compared without assuming that values are normally distributed (Nachar, 

2008). This makes it possible to assess whether the review rating is significantly 

impacted by any of the experiential dimensions found in the conceptual model. A 

null hypothesis (i.e., the finding that the two groups – those with and those without 

the pattern – are approximately equal) would serve as a rejection of the 

significance of the pattern in question. This will make it possible to assess all 

patterns and their absolute importance in effecting customer rating. 

A limitation of the Mann Whitney U-test is that it is not possible to test the 

relative effect of the patterns on rating (i.e., multivariate relationships). This 

means that it is not possible to deduce the relative effect of patterns on rating. 

This is a limitation in terms of data analysis and the impact of the relative effects 
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of the patterns could be assessed in future work. It may be that there are 

statistical models which would allow this analysis which the author is not aware 

of,  

 

4.4.6 Discussion of findings 

After completing the process of data analysis, as presented in section 4.4, 

the study will further explore the findings through a closer analysis of the verbatim 

customer feedback, as found within the customer reviews. This is important to 

ensure findings inform further insights into designing for the experience. 

Findings will be further explored using the TM software, where reviews can 

be organised in relation to the presence/ absence of patterns of interest – for 

example, looking at all reviews which contain negative sensorial responses to 

built touchpoint interactions. A discussion of findings for each case study is found 

in Chapters Seven and Eight, followed by a wider cross-case analysis 

comparing findings from both cases in Chapter Nine. In engaging in this 

discussion, a process of discourse analysis will be employed, further exploring 

the verbatim comments associated with the patterns that were found to be 

significant through quantitative measures.  

Qualitative analysis enables rich insights to be gathered in terms of what 

the customers are saying, and why they may be saying this. By engaging in this 

process alongside the quantitative analysis, it is possible to explore why some 

patterns have a bigger effect size (on customer rating) than others. It also enables 

the specifics of customer comments to be explored, which are vital in making 

Service Design decisions. This cannot be achieved through quantitative 

measures alone. The discussion in this work will include an analysis of the 

findings in relation to the literature review (Chapters Two and Three) and a focus 
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on how the findings support, contrast, or extend existing theory. This provides the 

final stage of the data analysis process.  

 

4.5 Ethical considerations 

Internet-based research including publicly available data and ‘big’ digital 

data is increasingly being used by researchers. However, such studies raise new 

ethical research challenges. The scholar Kozinets (2002) first coined the term 

‘netnography’. Netnography uses both unobtrusive and interactive methods to 

study online behaviour (Roy et al., 2015). Kozinets (2002) has attempted to 

establish guidelines for ethical considerations when using publicly accessible 

data found online. According to Kozinets (2002) researchers conducting 

netnography should always disclose their presence, ensure the anonymity of 

informants, both seek and include feedback from online communities, and seek 

permission before quoting specific postings. However, such claims have been 

heavily debated, especially with regards to publicly available data such as that 

found in review sites (Heinonen and Medberg, 2018). Online customer feedback 

data benefits from being publicly available, where it is generally understood that 

the authors are aware of the public nature of their posts and can be assumed to 

have given implicit consent for their words to be used in research. It has been 

compared to content analysis of conventional mass media and assessing public 

communications such as newspapers (Langer and Beckman, 2005). For 

example, Mackiewicz (2010, p. 404) states “with studies of discourse in public 

venues like [review sites], particularly venues in which contributors know their 

discourse will be archived and can be accessible to anyone, researchers are 

under less obligation in regard to privacy, confidentiality, and informed consent. 

[The authors of such reviews] have made their discourse public and have done 
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so willingly. They know that their reviews, comments, and other discourse will be 

archived and accessible”. Within tourism research most researchers adopt a 

‘lurker’ or passive approach to conducting online research, which means 

collection is totally unobtrusive for the reviewers (Mkono and Markwell, 2014). It 

has been argued that insights found in netnography offer huge research potential 

in terms of interest, rigor, relevance, and richness but that researchers need to 

ensure transparency and traceability in their work to achieve this (Witell et al., 

2020).  

4.5.1 Obtaining ethical consent 

Ethical approval for this project was obtained in April 2017 as part of a 

wider VISTA AR (Visitor Experience Innovation through Systematic Text Analytics 

& Augmented Reality) project being conducted by partners based in both the UK 

and France (https://www.vista-ar.eu/en/the-project/). This approval was given in 

relation to the use of publicly available data from TripAdvisor for the purpose of 

text analytics as part of the VISTA project. To retain the privacy of both the 

organisations and individual respondents represented in this study, all 

organisation names will remain anonymous. 

4.5.2 Ensuring trustworthiness 

It is vital to ensure that the data, and its subsequent analysis, is 

trustworthy. According to Lincoln and Guba (1985) this can be achieved by 

incorporating measures to ensure that the study is credible, transferable, 

dependable, and confirmable. Each will be discussed in turn. 

Credibility relates to the data being internally valid (Shenton, 2004). In 

the study, multiple researcher triangulation (section 6.2) is used. Multiple 

coders are employed to compile the relevant libraries which are then used to 

categorise the textual data. In addition, data sources are triangulated – data 
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collection includes both qualitative and quantitative information, taken from a 

large database of respondents. This mixed methods approach offers a richer 

picture of overall CX amongst respondents.  

Transferability relates to external validity and “the extent to which the 

findings of a study can be applied to other situations” (Merriam, 1995, p. 57). It 

is not possible, when using qualitative measures, to generalise in the statistical 

sense. Firstly, a random sample is not chosen which would allow the researcher 

to extrapolate from sample to population. Secondly, it is difficult (or impossible) 

to apply statistically based generalisations to individual persons (Merriam, 

1995). The work in this study explores human experience. It is concerned with 

rich experiential datasets which relate to a specific context. Instead, 

transferability can be taken as a ‘working hypothesis’ (Cronbach,1975), with 

results that allow the researcher to appraise practices within the same setting 

and reflecting “situation-specific conditions of a particular context” (Merriam, 

1995, p. 58). As depicted in the conceptual model (section 3.6.1), CX is always 

embedded within the wider context, both situational and customer. The work in 

this thesis is generalisable because its conclusions can guide future practice 

within similar cultural heritage settings.  A full description of the variations in 

context between the two service sites is found in section 4.3.6 and emphasised 

across the thesis. The study employs a large number of respondents within 

each case, which improves the transferability of the results (Shenton, 2004). 

The relatively large dataset gives greater assurance that results can be more 

widely applied as they cover within them numerous customers, and therefore 

numerous customer contexts.  

Dependability would suggest that if the work was repeated, using the 

same methodology and a similar context, similar results would be found 
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(Shenton, 2004). In some sense, this is problematic because research 

observations are always closely tied to the situation of the individual study itself 

(Shenton, 2004). Arguably, a demonstration of the credibility of data will go 

some way in showing that the data is also dependable (Lincoln and Guba, 

1985). In addition, in this work, detailed methodological instructions are found in 

terms of the process used to collect, categorise, and analyse data. There are 

extensive details presented relating to the creation of the core libraries used for 

data analysis which would allow future researchers to follow and adopt the 

same techniques in future work.  

Lastly, confirmability relates to the researcher’s ability to remain objective 

and reduce any impact of researcher bias. Creating the libraries within this 

study has employed multiple coders to overcome any bias with regards to how 

concepts are categorised (section 6.2). In addition, detailed methodological 

description is given in terms of the chosen tools used to aid in data analysis 

(section 4.3.9) and the justification behind the software and techniques 

employed. The steps taken across the data analysis process are described in 

full detail (section 4.4) which ensures an audit trail whereby another researcher 

can trace the research step-by-step (Shenton, 2004).   

 

4.6 Summary 

As described in Chapter Four, the purpose of this study is to evaluate 

unsolicited, unstructured customer feedback data in its natural language form to 

inform insights into customer interactions and CX responses. These in turn can 

be used to gain managerial knowledge aimed at designing for the experience 

within the service setting. The chapter describes the initial analysis, using VADER 

and LIWC tools. It also describes the core empirical study where a TM library will 
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be created to enable pattern extraction from the data. The following chapters will 

move on to describe and present the data analysis process, including the initial 

analysis (Chapter Five), library creation and pattern extraction (Chapter Six) and 

within-case analysis (Chapters Seven and Eight).  
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Chapter Five – Initial Analysis 

 

In Chapter Five, both the Case Study 1 and Case Study 2 data are 

explored using existing TM/TA tools. Specifically, sentiment analysis is performed 

using Valence Aware Dictionary for sEntiment Reasoner (VADER) software, and 

further text analysis is performed using Linguistic Inquiry and Word Count (LIWC) 

software. This analysis is performed to gage firstly whether sentiment found in 

the data impacts overall CX rating (using VADER), and secondly whether the 

presence of concepts contained in pre-determined libraries (found in LIWC) have 

an impact on CX rating. Both VADER and LIWC have been widely used in a 

variety of contexts (section 4.4.2), but it is unclear whether they are suitable tools 

for extrapolating an understanding of the customer experience.  

 

5.1 Sentiment analysis 

 

5.1.1 Case Study 1 

There are many ways in which textual data, such as that collected for Case 

Study 1 (see section 4.3) can be analysed. Sentiment analysis is often used to 

identify, quantify, and analyse affective states found within textual data (see 

section 4.4.2). The method of sentiment analysis has been used in this case to 

discover whether customer sentiment correlates with CX rating. The Valence 

Aware Dictionary for sEntiment Reasoner (VADER) was used to classify the 

reviews into five groups based on their sentiment score.  

VADER automatically assigns each review with a compound score that 

varies from -1.0 to 1.0. A score of -1.0 is extremely negative, and a score of 1.0 

is extremely positive. This compound score is based at the document level, 
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meaning that a score is given that is reflective of the sentiment found within the 

whole review. For this study, the VADER score is compared to the customer rating 

score (1-star to 5-star). This makes it possible to see to what extent there is 

alignment between the customer ratings and VADER scores.  

The VADER scores were split into five groups, corresponding to the rating 

system (very low, low, medium, high, and very high). This was achieved by 

dividing the total possible scores into five equal groups. For example, the lowest 

level of VADER score includes those reviews with a score between -1.0 to -0.60, 

representing one fifth of the total possible scores that might be produced by the 

VADER software. In this way it is possible to see how the reviews vary across the 

VADER scale of -1 to 1, and whether this correlates to the customer’s own rating 

system from 1-star to 5-star. This is important because a strong correlation will 

suggest that customer ratings are closely related to the overall sentiment found 

across a customer’s review.  

 

 Rating 
Total 
reviews 
(Rating) 

% Of total 
reviews 
(Rating) 

VADER 
score 

Total 
reviews 
(VADER) 

% Of total 
reviews 
(VADER) 

V Low 1 31 0.56% -1.0 to -0.60 39 0.70% 

Low 2 31 0.56% -0.59 to -0.2 83 1.49% 

Medium 3 156 2.81% -0. 19 to 0.19 115 2.07% 

High 4 1111 19.98% 0.2 to 0.59 387 6.96% 

V High 5 4232 76.10% 0.6 to 1.0 4937 88.78% 

Table 14 - VADER results (Case Study 1) 

Table 14 shows a positive skew towards the higher ratings, with most 

reviews found to be in either the ‘high’ (4-star) or ‘very high’ (5-star) categories. 

The VADER scores are shown alongside this, in terms of both the total number 

of reviews assigned to each category, and the % of the total reviews in the 

dataset. If review ratings were based purely on sentiment (e.g. the higher the 
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sentiment, the higher the review rating) it could be expected that the total reviews 

for both CX rating and VADER score would match or be found to be very similar.  

In Case Study 1, the most obvious difference between the CX rating and 

VADER score is the variation found between the two higher levels of CX rating 

(4-star and 5-star, or ‘high’ and ‘very high’). The VADER scores suggest that 

overall sentiment in the reviews tends to be highly positive and suggests that if 

CX rating was based on sentiment alone many more customers would leave a 5-

star rating. This finding would suggest either that other factors beyond sentiment 

are important for determining overall CX rating, or that not all sentiments are 

being accurately expressed within the customer review data.  

To further explore the differences between the review star ratings and 

VADER review assignments, the Kendall correlation measure (Kendall’s tau-b) 

was used. This measure can assess the monotonic relationship between the two 

ordinal variables (CX ratings from 1-5, and VADER scores from 1-5). This 

corresponds with the data presented in Table 14, with ‘1’ being ‘very low’, and ‘5’ 

being ‘very high’.  

Kendall’s tau is a non-parametric test that measures the relationship 

between two variables. It requires data to be continuous or ordinal, and with a 

monotonic relationship. The Kendall correlation coefficient is not sensitive to 

outliers and is thought to be preferable because it uses a simple method that 

produces intuitive results (Kendall,1962; Newson, 2002). The test is argued to be 

more robust than Spearman’s correlation (Newson, 2002).  

Significance is based on the 0.05 significance level (or ‘p value’), with 

anything below this being deemed to be statistically significant.  The Kendall 

correlation coefficient measures correlation between the rank order of two 

variables. In this measure a value of + 1 indicates a perfect positive monotonous 
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relation, 0 is no monotonous relation, and -1 indicates a perfect negative 

monotonous relation among two variables. According to Botsch (2011), a 

correlation coefficient which is below + or - 0.10 is thought to be very weak, 

between + or -0.10 to 0.19 is weak, between + or - 0.20 to 0.29 is moderate, and 

above + or - 0.30 is strong.  

The Kendall’s correlation coefficient was performed using SPSS Statistics. 

A high Kendall’s correlation would mean that in most cases the five categories 

match both for review rating and VADER score.  The results are shown below in 

Table 14 for both the Kendall’s correlation coefficient and p value.  

 

Case  
Kendall’s 
Correlation 

p value to 
3.d.p 

1 0.061 <.001 

Table 15 – Kendall’s analysis – VADER Case 1 

 

With p <0.05 there is a significant correlation between the two variables 

(rating and VADER score). The level of correlation is weak (0.061), suggesting 

that sentiment is a core driver of rating.  

 

5.1.2 Case Study 2 

Sentiment analysis for Case Study 2 was performed using the VADER 

software and following the same process as Case Study 1.  

 

 Rating 
Total 
reviews 
(Rating) 

% of total 
reviews 
(Rating) 

VADER 
score 

Total 
reviews 
(VADER) 

% of total 
reviews 
(VADER) 

V low 1 19 1.93% 
-1.0 to -
0.60 

16 1.63% 

Low 2 37 3.77% 
-0.59 to -
0.2 

18 1.83% 
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 Rating 
Total 
reviews 
(Rating) 

% of total 
reviews 
(Rating) 

VADER 
score 

Total 
reviews 
(VADER) 

% of total 
reviews 
(VADER) 

Medium 3 79 8.04% 
-0. 19 to 
0.19 

13 1.32% 

High 4 340 34.62% 0.2 to 0.59 37 1.77% 

V High 5 507 51.63% 0.6 to 1.0 898 91.45% 

Table 16 - VADER results (Case Study 2) 

 

In Case Study 2, the VADER model is overwhelmingly assigning the 

reviews in the higher categories, with 91.45% of reviews categorised in the ‘very 

high’ category, compared with 51.63% of reviews rated by the customer as 5-star. 

The results show that the reviews are highly positive in terms of sentiment. If 

review ratings were based purely on sentiment, 91.45% of customers would leave 

a 5-star rating. The difference between the ‘very high’ category for CX reviews 

and VADER results suggests either that sentiment is not in itself adequate for 

explaining CX rating, or that the model is not picking up on all negative terms. 

This could be due to the context-specificity of the dataset where negative 

comments may not fall under the specified rules of VADER.  

To better understand the differences between the review star ratings and 

VADER review assignments, the Kendall’s correlation coefficient was employed 

to assess whether there is any correlation found between the customer ratings 

and VADER scores. This followed the same process as that described in full in 

section 5.1.1. The results are shown in Table 17.  

 

Case  
Kendall’s 
Correlation 

p value to 
3.d.p 

2 0.316 <.001 

Table 17 – Kendall’s analysis - VADER Case 2 
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With p <0.001 there is a significant correlation between the two variables 

(rating and VADER score). The level of correlation suggests that there is a strong 

correlation (0.316) for the case, meaning that there is correlation between star 

ratings and VADER scores.  

 

5.1.3 Sentiment analysis summary 

The VADER results provide a contradiction in findings, with sentiment 

being shown to have a weak relationship to rating in Case Study 1, and a strong 

relationship in Case Study 2. The strong relationship found in Case Study 2 

suggests that sentiment does have a role to play in determining CX, although it 

is not clear in terms of what the customer is interacting with to produce positive 

or negative sentiments.  

The weak results for Case Study 1 might suggest that, in this case, 

sentiment is not a driver of rating. It suggests that there are aspects within the 

review which impact CX rating which are not being picked up with the VADER 

model – e.g. sentiment alone does not drive CX rating.  

Alternatively, the VADER software’s classification scheme, where different 

words expressing sentiment are weighted more or less strongly (e.g. “great” is 

better than “good”), may be incorrect for the coastal pathway. Customers in this 

service domain might ascribe a different level of importance to different 

sentiments or mean something different when using certain words. For example, 

discussion of ‘difficult’ terrain might be viewed as negative by the VADER 

weighting system, but positive by the Case Study 1 customer. Because the 

weighting system is pre-determined within the software it is not possible to check.  

The analysis shows that sentiment analysis using VADER is unable to 

provide strong insights into what is driving CX rating. This suggests that it is 
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necessary to use alternative methods and techniques that do not look purely at 

sentiment classification. The results also suggest that sentiment is important, as 

a factor, in delivering overall CX.  

The next section will perform a similar analysis, using a text analysis 

software to determine what else can be discovered within the data for both cases 

using existing TM/ TA tools.  Linguistic Inquiry and Word Count (LIWC) (Tausczik 

and Pennebaker, 2010) is used to explore both sentiment, and other factors, in 

terms of their correlation with overall CX and CX ratings.  

 

5.2 Text analysis 

5.2.1 Case Study 1 

The next set of results use the LIWC text categorisation model to assess 

the customer feedback data based on the pre-existing categories found within the 

LIWC dictionary. The LIWC software includes a wide number of psychologically 

meaningful categories, of which a number are applicable to the study of CX and 

CX responses – emotional, sensorial, social, and cognitive. Details about the 

LIWC software can be found in section 4.4.2.  

The intention of this initial analysis is to explore whether any of the relevant 

categories in the LIWC libraries have a significant relationship with customer 

rating. A significant relationship would show that reviews in the higher or lower 

categories share certain characteristics.  

The reviews were separated into five groups, each corresponding to the 

five review ratings assigned by the customer (1-5). For example, all five-star 

reviews were put into one database, all four-star reviews into another, and so on. 

Each database of reviews was run through the LIWC software in its entirety to 

look for the average scores based on the total word count of customer text. There 
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is a strong polarity in the datasets, with a greater number of reviews in the 4-star 

and 5-star categories. This means that word count is not equal between 

categories. Word count is far higher in the 4 and 5-star groups. However, because 

the LIWC software assigns an overall score to each category of words (based on 

averages), these scores can be compared to see whether the scores tend to 

increase or decrease in higher or lower rated reviews. Each category is deemed 

to be psychologically meaningful, which means that it relates to the mental and 

emotional state of a person. A strong relationship to customer rating would imply 

a correlation between the category of interest and the customer’s overall 

experience.  

To analyse the results, the LIWC scores for each review rating category 

were assessed in relation to the CX ratings (e.g. the 1-star to 5-star rating that is 

assigned to each category). This was achieved using the Kendall correlation 

coefficient. All the LIWC categories which relate to CX responses – emotional, 

cognitive, sensorial, and social – were included for the purpose of this analysis.  

 

The emotional dimension -  

There are several LIWC categories that relate to customer emotional 

responses. Firstly, ‘tone’ looks for the level of emotional tone within a piece of 

writing - “A high number is associated with a more positive, upbeat style; a low 

number reveals greater anxiety, sadness, or hostility. A number around 50 

suggests either a lack of emotionality or different levels of ambivalence” 

(Pennebaker et al., 2001, p.22). The category ‘affect’ explores words reflecting 

affective states – e.g. “wrong”, “warm", “vulnerable”, “violent”, “unpleasant” - (but 

does not distinguish between positive and negative). The positive and negative 

emotion libraries both look at emotional words that have been separated into the 
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positive and negative categories. For example, “love” and “nice” in positive, and 

“hurt” and “nasty” in negative. The ‘anxiety’, ‘anger’, and ‘sad’ categories look at 

specific emotional words relating to these emotions, such as “crying” and “grief” 

for sadness.  

Table 18 presents the LIWC results for the emotional categories for Case 

Study 1. It includes the seven emotional categories, and the total score awarded 

by the LIWC software for each review rating dataset. A Kendall’s correlation 

analysis was performed to assess whether there was any correlation between 

review rating and LIWC score for each category. Those categories deemed to be 

statistically significant (e.g. with a p value <0.05) are shaded in grey. The 

Kendall’s correlation coefficient and the p value are both presented at two decimal 

places. 

 

Case Study 
1 

Tone Affect 
Positive 
emotion 

Negative 
emotion 

Anxiety Anger Sad 

1-star 45.85 6.09 3.57 2.48 0.38 0.13 0.55 

2-star 40.38 6.17 3.40 2.58 0.48 0.43 0.48 

3-star 74.86 5.61 4.10 1.46 0.19 0.13 0.36 

4-star 92.86 5.78 4.96 0.72 0.12 0.08 0.16 

5-star 96.07 6.13 5.43 0.61 0.09 0.06 0.17 

Kendall’s 
Correlation 

0.80 0.00 0.80 - 0.80 - 0.80 -0.74 - 0.80 

p value 0.05 1.00 0.05 0.05 0.05 0.08 0.05 

Table 18 - LIWC emotional categories – Case Study 1 

 

Each of the statistically significant categories has a Kendall’s correlation 

coefficient of 0.80 (positive or negative). This suggests that there is a strong effect 

size between the category and customer rating.  
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Higher rated reviews have higher scores for emotional tone (e.g. 96.07 for 

5-star). This suggests that highly rated reviews are more upbeat than lower 

ratings (e.g. 45.85 for 1-star). It is also clear that negative emotional words are 

more frequent in the lower rated reviews, whilst positive emotional words are 

more frequent in higher ratings. This suggests, in line with current research (e.g. 

Berry and Carbone, 2007; Voss and Zomerdijk, 2007; McColl Kennedy et al., 

2019), that the customer’s emotional responses are a key driver of the overall 

experience. The affect library shows no correlation, which may be due to the lack 

of separation between positive and negative words in this category. This suggests 

the importance of distinguishing between positive and negative when analysing 

the data. Finally, out of the distinct emotions (anxiety, anger, and sadness), only 

sadness and anxiety show a statistically significant relationship to rating.   

 

The sensorial dimension –  

There are six LIWC categories which relate to the sensorial dimension of 

CX. Firstly, perceptual words include all words describing the senses (e.g. “see”, 

“hear”, “touch”). These are then broken down into separate libraries for seeing, 

hearing, and feeling. For instance, “view” and “look” for the category of sight. The 

biological category includes words reflecting biological processes (e.g. “eat”, 

“pain”), and the body category words reflecting the body (e.g. “ache”, “cough”). 

The results for these categories are presented as before in Table 19 with the 

statistically significant categories highlighted in grey.  

 

Case Study 
1 

Perceptual See Hear Feel Biological Body 

1-star 2.02 1.22 0.13 0.46 1.43 0.46 

2-star 2.01 0.72 0.53 0.77 1.48 0.43 

3-star 2.61 1.88 0.15 0.48 1.26 0.58 
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4-star 3.02 2.20 0.17 0.60 1.52 0.49 

5-star 3.26 2.52 0.15 0.50 1.84 0.52 

Kendall’s 
Correlation 

0.80 0.80 0.11 0.20 0.60 0.40 

p value 0.05 0.05 0.80 0.62 0.14 0.33 

Table 19 – LIWC sensorial categories – Case Study 1 

 

There is a strong and statistically significant relationship between 

perceptual processes (e.g. observing, hearing, thinking) and CX rating, with a 

Kendall’s correlation coefficient of 0.8. This would suggest that customers are 

more likely to discuss their sensorial responses or sensorial experiences in higher 

rated reviews. Such a relationship is also found with the category of sight 

(Kendall’s correlation coefficient 0.8). The experience is a highly visual one with 

discussion of “views”, “sights,” and “scenery”, e.g. “dramatic sea views”. The 

results suggest that visual appeal may be an important aspect for delivering 

overall experience for the customer. Biological processes, and discussions of the 

body, do not show a significant relationship to rating.  

 

The cognitive dimension –  

There are several LIWC categories which relate to the cognitive dimension 

of CX. These are combined into one main category to cover all words reflecting 

cognitive processes (e.g. “cause”, “ought”, “know”). The results for this category 

are shown in Table 20.  

Case Study 
1 

Cognitive 
processes 

1-star 10.21 

2-star 9.61 

3-star 9.71 

4-star 8.16 

5-star 7.70 

Kendall’s 
Correlation 

- 0.80 

p value 0.05 

Table 20 – LIWC cognitive categories – Case Study 1 
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The cognitive processes category shows a strong and statistically 

significant relationship to CX rating, with a higher level of words relating to 

cognitive processes than lower rated reviews (e.g. 10% of words in 1-star 

reviews, vs 7% of words in 5-star reviews). Within the heritage context there has 

been a strong focus on learning and education, which is thought to be a vital part 

of the service concept (e.g. Wall 2009; Ferrari et al., 2006). The higher rate of 

cognitive processes in high rated reviews may be reflective of this.  

 

The social dimension – 

Finally, there are three categories which relate to the social dimension of 

experience. The social category looks at all social processes (“talk”, “us”, 

“friend”). This is then broken down to include family (e.g. “cousin”, “wife”) and 

friends (e.g. “pal”, “colleague”).  

 

Case Study 1 Social Family Friend 

1-star 6.93 0.29 0.21 

2-star 4.83 0.14 0.10 

3-star 5.10 0.22 0.10 

4-star 4.84 0.10 0.08 

5-star 5.22 0.15 0.11 

Kendall’s 
Correlation 

0.00 -0.50 -0.35 

p value 1.00 0.35 0.55 

Table 21 – LIWC social categories – Case Study 1 

 

There are no significant relationships between words reflecting social 

processes and CX rating. This may be because social experiences are less 

important for delivering the overall experience. This would be surprising because 

within the Service Management literature, social interactions are seen as vital in 

driving the overall experience (Walter et al., 2010).  Alternatively, these results 
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may be due to the LIWC libraries not including positive and negative social 

responses, which are conceptually distinct from the social elements of the 

servicescape which elicit those responses (section 3.4.1). The results suggest 

that customers talk about social interactions in similar amounts across all review 

ratings, but it is not clear whether these lead to positive or negative social 

responses.  

 

5.2.2 Case Study 2 

The next set of results use the LIWC text categorisation model to assess 

the customer feedback data from Case Study 2. The process for this follows that 

which was set out in section 5.2.1.  

 

The emotional dimension – 

 

Case 
Study 2 

Tone Affect 
Positive 
emotion 

Negative 
emotion 

Anxiety Anger Sad 

1-star 29.59 5.24 2.66 2.43 0.30 0.57 0.65 

2-star 63.68 6.23 4.07 2.07 0.16 0.66 0.59 

3-star 86.75 7.11 5.26 1.73 0.14 0.53 0.55 

4-star 97.30 7.44 6.20 1.04 0.11 0.56 0.18 

5-star 99.00 8.63 7.37 1.04 0.07 0.61 0.17 

Kendall’s 
Correlation 

1.00 1.00 1.00 -0.95 -1.0 0.00 -1.0 

p value    0.02  1.00  

Table 22 – LIWC emotional categories – Case Study 2 

 

With five out of six categories found to have a significant relationship to 

CX rating (p value <0.05), the results (Table 22) suggest that the emotional 

category is closely correlated with overall CX rating. Four categories deemed to 

be significant have perfect correlation (+/- 1.00) which suggests a very strong 

relationship. The variance in emotional tone between 5-star ratings (99) and 1-
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star ratings (29) suggest not only that higher rated reviews are more upbeat in 

their style, but also that lower rated reviews express anxiety, sadness, or hostility.  

Affective processes are positively linked to a higher rating, suggesting 

customers leaving higher ratings express themselves to a greater degree in terms 

of their feelings and responses. This category does not include a distinction 

between positive or negative affective words. However, the results show that 

positive emotions have a positive relationship to CX rating, and negative 

emotions have a negative relationship to CX rating. Finally, both anxiety and 

sadness are found to have a negative relationship with CX rating, although the 

numbers are relatively low with <1 word on average being found in the 1-star 

reviews. Anger is not found to be significant in this case.  

The results provide strong parallels to the existing literature where 

emotional CX responses are thought to be very important in determining the 

overall CX (e.g. Berry and Carbone, 2007; Voss and Zomerdijk, 2007). They also 

point to the need to differentiate between discrete emotions when understanding 

the emotional responses within an experience (e.g. McColl Kennedy et al., 2019). 

In this case, anxiety and sadness show a statistically significant relationship with 

CX rating, but anger does not. It would be useful to look further at which discrete 

emotions are being expressed in the data (Plutchik, 1980) and how different types 

of emotions may impact overall CX. 
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The sensorial dimension –  

Case 
Study 2 

Perceptual 
processes 

See Hear Feel Biological Body 

1-star 1.82 0.87 0.27 0.57 3.00 0.08 

2-star 2.09 0.99 0.21 0.56 2.42 0.12 

3-star 2.45 1.61 0.26 0.45 1.99 0.25 

4-star 2.42 1.73 0.19 0.40 2.23 0.15 

5-star 2.58 1.78 0.20 0.48 2.33 0.18 

Kendall’s 
Correlation 

0.80 1.00 -0.60 -0.60 -0.40 0.60 

p value 0.05  0.14 0.14 0.33 0.14 

Table 23 - LIWC sensorial categories – Case Study 2 

 

Both the perceptual processes category (e.g. observing, hearing, 

thinking), and the category relating to sight show a positive relationship with CX 

rating (Table 23). The results suggest that customers leaving higher ratings are 

discussing visual experiences to a greater degree. This may mean that the visual 

appeal of the experience is important to them. Such a finding is in line with 

existing literature where sight is thought to be the most powerful medium for 

delivering CX to the customer (Hultén, 2011).  

 

The cognitive dimension -  

Case 
Study 2 

Cognitive 
processes 

1-star 10.90 

2-star 11.27 

3-star 10.31 

4-star 8.07 

5-star 7.91 

Kendall’s 
Correlation 

-0.80 

p value 0.05 

Table 24 – LIWC cognitive categories – Case Study 2 

 

The LIWC software includes a library relating to cognitive processes, 

which are found to be more frequent in lower rated reviews - an average of 10.9 
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words in 1-star reviews, vs 7.91 words in 5-star reviews (Table 24). The Kendall’s 

correlation for this category is -0.80 which confirms a very strong negative 

relationship between cognitive processes and CX rating. It is not clear why this 

relationship exists. The issue with the cognitive library within LIWC is that it is not 

reflective of cognitive experiences as discussed in the literature review for this 

work (section 2.5.1). It includes words which reflect mental processes, e.g. 

‘cause’, ‘know’, ‘ought’, but does not reflect comments relating to learning or 

educational responses. Education and learning are an important part of tourist 

(and cultural heritage) experiences (e.g. Pereira and Silva, 2018; Falk et al., 

2012).  

The social dimension –  

Case 
Study 2 

Social Family Friend 

1-star 9.38 0.34 0.19 

2-star 8.47 0.45 0.19 

3-star 7.86 0.21 0.16 

4-star 7.38 0.41 0.23 

5-star 8.33 0.43 0.26 

Kendall’s 
Correlation 

-0.80 0.20 0.53 

p value 0.05 0.62 0.21 

Table 25 - LIWC social categories – Case Study 2 

 

Lastly, only the social category in the LIWC library has a significant 

relationship with CX rating (Table 25). There is an increased number of social 

words in both low rated (1-star and 2-star) and high rated (5-star) reviews which 

might reflect social experiences are important. For instance, it could be that in the 

lower rated reviews these experiences are more negative, and in higher rated 

reviews they are more positive. It is important to assess not only whether an 

experience relates to social interactions, but how customers respond to and 
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experience these interactions. In the core analysis for this work, both positive and 

negative social CX responses will be analysed to overcome this limitation.  

 

5.2.3 Text analysis summary  

The results from the initial analysis using LIWC suggests that there are 

some interesting, and significant relationships occurring between categories 

defined within the LIWC library, and overall customer ratings. It is possible that 

customers may be talking about similar touchpoint interactions, or CX responses, 

when rating a review as higher or lower. For example, emotional content and 

sensorial responses (e.g. perceptual words) show a strong and significant 

relationship with CX rating.  

However, due to the nature of LIWC, there are some inadequacies with 

the approach in relation to the desired outcomes for this work. As presented in 

the conceptual model (Figure 8), CX responses arise in relation to multiple 

customer interactions with servicescape touchpoints. To address the core 

research questions of this thesis (section 3.7), it is necessary to understand how 

responses relate to customer interactions at touchpoints – both in terms of what 

the touchpoints are, and the responses which occur in relation to customer 

interactions with those touchpoints. The LIWC software is not able to assess CX 

responses in terms of how they arise in relation to different touchpoint 

interactions. This means that the method is not sufficient for discovering how CX 

arises in relation to the conceptual model (section 3.6.1). The LIWC approach 

highlights several areas which may be relevant to delivering overall CX (e.g. the 

importance of emotions and sensorial responses), but further methods are 

needed to discover how specific emotional and cognitive responses arise in 

relation to customer interactions.  
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Secondly, the results highlight the need to distinguish between positive 

and negative responses in analysing the data. The category ‘affect’ showed no 

significant relationship to rating, which could be a result of its inclusion of both 

positive and negative affective words. Similarly, the social category showed no 

significance with CX rating in either case. This may be a result of the lack of 

distinction between positive and negative responses to the social category. CX 

responses can be either positive or negative for the customer. For example, the 

scenery could be viewed by the customer as “beautiful” or “ugly”. Such a 

distinction will be used in the core analysis for this work.   

Lastly, coding, and categorising words using the software is generic and 

has not been designed for the context of a cultural heritage experience. The 

authors discuss, for instance, the term ‘mad’ which is categorised as ‘anger’. In 

some contexts, it can be coded incorrectly, e.g. “I am mad about him” 

(Pennebaker Conglomerates, Inc.). There may be other differences between 

words and their associated meanings from within the context that are not 

adequately captured using a generic text analysis tool. For instance, the cognitive 

category does not look at words relating to learning and knowledge-acquisition, 

such as discussions about “historical interest” at various places along the coastal 

path, or learning resulting from exhibitions within the historic house. It would be 

necessary to create a context-specific library to capture such responses which 

relate to the servicescape and touchpoint interactions found within the data.  

 

5.3 Summary 

In summary, both the Vader and LIWC findings offer justification for the 

next stage of research analysis taken in this thesis. The results suggest that both 

emotional and sensorial responses are important determinants of CX rating. It is 
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important that the next stage of analysis can explore in further detail what 

emotional and sensorial responses are found within the reviews, and what 

interactions they occur in response to. In the core analysis, a semi-automatic 

approach is taken to TM/ TA. This means that the text mining library is adapted 

specifically to the context and the data in question. The context-specific library is 

created (Chapter Six). This is used to extract meaningful relationships between 

customer interactions at touchpoints, CX responses (both positive and negative), 

and CX rating, in accordance with the conceptual model (Figure 8).  
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Chapter Six – Data Preparation 

 

6.1 Introduction 

This study utilises both text mining (TM), and text analytics (TA), 

approaches to analyse unsolicited customer feedback data that is both 

quantitative (structured), and qualitative (unstructured). The natural language 

found in unstructured customer feedback is a rich source of CX insights (Holmund 

et al., 2020). However, to enable analysis, data must be first structured through 

a process of TM techniques (or data preparation). This chapter will document the 

process which has been undertaken to operationalise the conceptual model 

(Figure 8) in TM terms, using the case study data.  

Chapter Six will describe the process for creating, importing, and 

maintaining a TM library. This is used as the categorisation scheme for both 

cases. A summary of the process taken is found in Figure 10.  

 

 

 

 

 

 

 

Customer data is first collated within a feedback repository. This data is 

next inputted into a text analytics software tool (IBM SPSS Text Analytics). The 

software automatically identifies concepts from the verbatim text. Concept type 

libraries are manually created in alliance with the core elements of the conceptual 

model. All relevant concepts are categorised into these libraries. The final stage 

Figure 10 - Data preparation process 
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of the process includes a process of pattern extraction using the software’s built-

in text link analysis function. This function looks for concepts that are linked or 

related to one another.  The presence/ absence of patterns is finally explored in 

relation to their relationship with overall CX rating.  

In this chapter it will be discussed how core concepts found within the 

customer feedback data are identified, extracted, and categorised within a library. 

The core concepts relate to those which have been highlighted in the proposed 

conceptual model (Figure 8). The coding process is summarised within this 

chapter before a refined version of the conceptual model is proposed in Figure 

14. The conceptual model is refined to reflect changes made in order to align the 

model to the RQs and data explored in this thesis.  

Finally, Chapter Six concludes with a summary of the process of pattern 

extraction and a summary of all the patterns which are assessed in this work.  

 

6.2 Library creation 

The most challenging aspect of analysing textual data lies in the meaning 

of words. This is always to some degree subjective. Meaning can change within 

different contexts or when associated (or linked) with different words. For 

example, as Büschken and Allenby (2016) explain, the meaning of the word “hot” 

might refer to temperature when it is found before “kettle” yet refer to appearance 

or desirability when it is found before “car”. As such, a large part of the analysis 

in this work involves a process of ‘discourse analysis’ – the analysis of language 

in any given context (Celce-Murcia and Olshtain, 2000).  

Creating libraries for text analysis is an iterative process. This means that 

analysis is performed throughout the classification process. The process involves 

extracting, and re-extracting concepts, based on the most up-to-date version of 
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the library. This process ensures that the final libraries are both relevant and valid, 

for both the data and the research objective (Ordenes and Zhang, 2019). The 

process demands considerable time and effort, and any changes made have a 

direct implication on results (Ordenes and Zhang, 2019).  

In this work, a customised library is created using supervised text 

classification (Ordenes and Zhang, 2019). The library is reflective of the 

theoretical findings within the literature review and represented in the conceptual 

model. In addition, the analysis follows a rule-based approach to explore how the 

presence/ absence of patterns of concepts within the reviews correlate with 

overall CX ratings. To enhance the robustness and reliability of results, a three-

step process to annotation is followed, as presented in section 4.4.3.  

 

6.2.1 Stage One - Categorisation by author  

 The first stage of data preparation utilises semi-automatic techniques 

found within the TA software (IBM SPSS Text Analytics), combined with manual 

categorisation and annotation. 

A total of 11,814 concepts were extracted for categorisation from Case 

Study 1, and a total of 5,583 from Case Study 2. Some concepts were found 

frequently within the datasets. For example, “walk” is found a total of 8505 times 

within the dataset for Case Study 1. Other words, such as “scarce” are found 

with a frequency of just one. Several concepts are automatically excluded from 

the extraction because they are assigned as ‘stop words’ by the software 

package. ‘Stop words’ include non-relevant components of text such as “a”, “and”, 

“as”, “by”, “for”, “from”, “in”, “of”, “on”, “or”, “the”, “to”, and “with”.   

The process of concept extraction is semi-automatic, which means that 

whilst many concepts are automatically extracted from the verbatim feedback by 
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the software, they can be added to or altered by the author. For example, words 

may be combined into one concept. The software may automatically extract the 

concepts “blow” and “cobwebs”, but these can be manually combined into one 

concept - “blow away the cobwebs”. This process ensures that relevant concepts 

are identified ready for the categorisation phase. In this work, the concept “blow 

away the cobwebs” was categorised as a Positive Sensorial CX response.  

In the categorisation phase, not all identified concepts are categorised. 

The phase involves the process of identifying relevant concepts from within those 

which have been extracted, and categorising these into ‘concept types’. Type 

libraries were created in accordance with the conceptual model and findings from 

the literature. In other words, only concepts relating to CX responses (cognitive, 

emotional, sensorial, social, and physical responses) and customer interactions 

at touchpoints (built, natural, social, digital, and customer activities) were 

categorised in this study (see Table 13). All other concepts were excluded from 

the categorisation process as they are not part of the remit of this study.  

A concept can be classified into a concept type – e.g. “house” and <Built>. 

All extracted concepts were coded for analysis based on the realised CX 

responses and touchpoint interactions presented in the conceptual model 

(Figure 8). In other words, relevant extracted concepts were assigned to:  

 

Five positive CX response categories – <Positive Cognitive>, <Positive 

Emotional>, <Positive Sensorial>, <Positive Social>, <Positive Physical>  

Five negative CX response categories – <Negative Cognitive>, 

<Negative Emotional>, <Negative Sensorial>, <Negative Social>, <Negative 

Physical> 
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Five interaction at touchpoint categories – <Built>, <Social>, 

<Natural>, <Digital>, <Activities> 

 

This classification scheme allows key relationships between interactions, 

activities, and CX responses to be explored.  

In the customer feedback data, customer activities are often implied rather 

than stated. For example, “lovely food in the café” implies that the customer ate 

in the café, but this is not explicitly stated. Similarly, “we really enjoyed this section 

of the coastal path” implies the customer walked or travelled the path in some 

way – but again this is not stated explicitly. Customers tend to discuss behavioural 

responses in terms of the activities they engage in when interacting with the 

offering, e.g. “the reason we stopped was to stretch our legs, walk the dog, and 

have something to eat”.  Both uses of language express the way the customer 

interacts and what they are interacting with (e.g. food implies eating, eating 

implies food). For this reason, both are classified within the interaction at 

touchpoint category. Activities (e.g. ‘walking’, ‘swimming’) do not contain 

sentiment (positive or negative) but are ways of interacting with the servicescape. 

In a similar way to built, natural, and social interactions they are often linked to 

CX responses (e.g. “we enjoyed the walk”). Activities are classified as the fourth 

interaction type in this work.   

Following the example of McColl-Kennedy et al. (2019), emotional CX 

responses are further broken down into discrete emotions. This includes eight 

categories of emotion (four positive and four negative) that express the full range 

of human emotional response. The discrete emotions used in this work are based 

on Plutchik’s (1980) wheel of emotions (section 2.5.2, Figure 1). 
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Four positive emotional categories: <Awe/Amazement/Surprise>, 

<Joy/ Serenity>, <Trust/ Appreciation>, <Interest/ Anticipation>.  

Four negative emotional categories: <Anger/ Annoyance>, <Sad/ 

Pensive/ Grief>, <Boredom/ Disgust/ Loathing>, <Fear/ Apprehension>. 

 

During the categorisation process, numerous evaluative concepts can be 

identified that are not classed as CX responses. This includes concepts that 

express either a positive or negative sentiment – for example “good”, “bad”, 

“lovely”. A concept such as “good” is positive, but cannot be identified as being 

cognitive, emotional, sensorial, social, or physical, as described in the literature 

review (section 2.5). These concepts are therefore not categorised for the 

purpose of this study. 

 

6.2.2 Stage Two – Categorisation by three coders 

 The next stage of the analysis process employed three coders. The 

purpose was to corroborate the categorisation choices made in the previous 

stage. The coders are not researchers, and therefore not familiar with the 

literature background. They were chosen to give an appraisal of the meaning of 

customer reviews from their own perspective.  

Using a random sample of 50 reviews from both datasets, the three coders 

were asked to manually categorise the extracted concepts (words or key phrases) 

in accordance with the categories highlighted in section 6.3.1. There were a total 

of 21 possible categories to choose from. Coders also had the opportunity to not 

classify a concept if they felt it did not fit into any of the categories. For example, 

positive and negative words, such as “good” or “best”, which are not specifically 

related to any of the CX responses. The coding process was completed with each 
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individual and the researcher together. In other words, three separate sessions 

were hosted to make the categorisations, and coders were not able to confer with 

one another. This allowed for questions to be raised and further discussions to 

be had only between the coder and the researcher. This process was employed 

due to the large number of possible categories to choose from, and the difficulty 

in expecting a non-expert to lead this process independently.  

The categorisation was recorded in an excel file, where contrasts could be 

easily found and compared. Figure 11 and Figure 12 show examples from the 

excel file. This includes the coder number (1,2, and 3), and the review text from 

which concepts are extracted. Each remaining column includes individual 

concepts that have been extracted from the review text (Concept 1 to Concept 

n). The format of the document allows the coders to see each concept from within 

the context it was intended, but the answers were not compiled into the one 

document until all three sessions had been independently hosted.  

 

 

 

 

 

 

 

 

 

 

 

 

Figure 11 - Collaborative annotation coding example Case Study 1 

Figure 12 - Collaborative annotation coding example Case Study 2 
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Concepts which are not agreed upon are highlighted in yellow. Some 

concepts are not coded as CX responses – for example “very nice” in Figure 12 

is categorised by all coders as positive – i.e., it is an evaluative concept but not 

one which can be categorised as cognitive, emotional, sensorial, social, or 

physical.  

The process highlighted numerous commonalities in addition to several 

conflictions and uncertainties. The key findings of this process are discussed in 

Table 26.   

 

TYPE COMMENTS CONFLICTS 

Servicescape 
built 

General agreement about 
what constitutes the built 
servicescape – e.g. ‘tarmac’, 
‘shops’, ‘toilet’ (Case 1) 
‘house’, ‘exterior’, ‘exhibition’ 
(Case 2)  
In Case 2 – many concepts 
relating to different themes 
and exhibition should be 
included as built.  
In Case 1 concepts relating to 
paths, roads, path features 
should be part of the built 
servicescape.  

‘Sightseeing’ – built or 
natural? 
‘Christmas trees’ – built or 
natural? 
Food items were discussed 
as being either ‘built’ or 
‘activities’ (e.g. eating) and 
sometimes classified 
between the two. 

Servicescape 
natural 

General agreement about 
what constitutes the natural 
servicescape – e.g. ‘woods’, 
‘garden’, ‘foreshore’ (Case 1), 
‘trees’, ‘estate’, ‘outside’ (Case 
2) 
 

Some concepts unclear – 
e.g. ‘terrain’ – coded as both 
natural and built. 
‘Views’ not necessarily 
natural – see the customer 
activities category.  

Servicescape 
social 

General agreement about 
what constitutes the social 
servicescape – e.g. ‘under 
10s’, ‘service’ (Case 1), 
‘grandchildren’, ‘staff and 
volunteers’ (Case 2) 
 

Sometimes unclear as to 
what is ‘social’ and what is 
‘customer context’ when 
discussing people (e.g. 
ages, relations etc.).  

Servicescape 
digital 

 
Few terms categorised as 
digital in the sample  
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TYPE COMMENTS CONFLICTS 

Customer 
activities 

Agreement that ‘activities’ was 
an important category for all 
respondents – e.g. ‘walking’, 
‘sports’, ‘games’, ‘picnics.  

Some conflicts coded as 
activities – e.g. 
‘sightseeing’, ‘views’. Some 
conflicts between activities 
and built – e.g. ‘buggy’, ‘cliff 
railway’, ‘gifts’. 

CX response 
(cognitive) 

Includes types such as – 
‘interesting’, ‘informative’ 

Difficult to classify purely 
‘cognitive’ responses.  
E.g. ‘attention to detail’ as 
cognitive or sensorial? 

CX response 
(sensorial) 

Includes types such as – 
‘beautiful’, ‘stunning’ 

Difficult to classify purely 
‘sensorial’ responses. 
E.g. ‘bad feeling’ as 
sensorial or emotional? 

CX response 
(social) 

Includes types such as – 
‘friendly’, ‘no one smiled’ 

Difficult to classify purely 
‘social’ responses. 
E.g. ‘welcome’ as social or 
sensorial? 

CX response 
(physical) 

Includes negative types such 
as ‘falling over’ and ‘twisting 
her ankle’ 

Disagreement between 
positive physical and 
sensorial (e.g. ‘comfortable’) 

Joy/ serenity 
Includes types such as – 
‘enjoyable’, ‘delightful’, ‘happy’ 

Some conflicts – e.g. being 
‘worth it’ (joy or physical), 
‘epic’ (joy or surprise), ‘love’ 
(joy or trust).  

Surprise/ 
awe/ 
amazement 

Includes types such as – 
‘amazing’, ‘extraordinary’ 

Some conflicts, e.g. 
‘spectacular’ (Positive 
sensorial or Surprise) 

Trust/ 
appreciation 

Includes types such as – 
‘national treasure’ 

Some conflicts - e.g. ‘love’, 
‘loved’ (trust or joy) 

Interest/ 
anticipation 

N/A (not coded)    

Anger/ 
annoyance 

Includes types such as – 
‘never ever again’, ‘total 
waste’ 

Some disagreement 
between anger, sadness, 
and general negative words. 

Sad/ pensive/ 
grief 

Includes types such as – ‘very 
disappointed’,  

Some disagreement 
between anger, sadness, 
and general negative words. 

Fear/ 
apprehension 

Includes types such as – ‘hair 
raising’, ‘treacherous’ 

Agreement amongst coders 
but rarely coded. 

Disgust/ 
loathing 

 
Little agreement between 
coders (only coded by 1/3 
coders).  

Table 26 – Summary of findings – collaborative annotation 

 

The findings presented in Table 26 suggest that there is agreement 

amongst the coders in terms of the interaction types (built, natural, social, digital, 
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and activities). Most disagreements relating to customer interactions were minor 

and involved concepts that were rarely found in the dataset. For example, there 

was disagreement in terms of whether the concept “Christmas trees” should be 

categorised as Built or Natural. This concept is rare, with frequency of just one in 

the Case Study 2 dataset.  

There is a greater degree of disagreement when coding CX responses. 

When making decisions relating to CX responses, coders both assigned different 

categories to concepts, and in some instances struggled to make a final decision 

in terms of how a concept should be categorised. This was especially the case 

with positive CX responses, which are frequently found in the dataset.  

To further assess the results of the categorisation process it is useful to 

look at intercoder reliability (ICR) which can increase the robustness of the coding 

process. ICR is a numerical measure which assesses agreements between 

coders when categorising data at the nominal level (O’Connor and Joffe, 2020).  

The Krippendorff’s alpha test was used (Hayes and Krippendorff, 2007) as 

a measure to establish intercoder reliability for each category type. This measure 

is thought to be one of the most suitable for determining intercoder reliability 

because of its flexibility – it can incorporate more than two coders and assess 

multiple data types (O’Connor and Joffe, 2020).  The measure is used to assess 

how much the data in question can be trusted to represent something real, rather 

than something which has occurred by chance (Krippendorff, 2011). Perfect 

reliability between observers is algebraically represented as alpha () =1, whilst 

if it appears that chance has produced the results =0, indicating the absence of 

reliability (Krippendorff, 2011). Within the social sciences, where the alpha 

measure has been frequently applied, authors tend to rely on data which 

produces reliabilities of α ≥ 0.800. Data with a measure of 0.800 > α ≥ 0.667 is 
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used to draw tentative conclusions, whilst data with agreement measures of α < 

0.667 is discarded (Krippendorff, 2004).  

In this work, tests were performed using SPSS statistics. The tests use a 

macro written by Hayes and Krippendorff (2007). The coded results from the 

categorisation process were inputted into SPSS as nominal dichotomous data. 

This meant that for each concept, a category could be coded either as yes (1) or 

no (0). For each concept, one category was coded as 1, and all other categories 

were coded as 0 to represent the category which each coder assigned the 

concept. A total of 777 concepts were coded from the 100 review examples. To 

illustrate, a snapshot of this data is presented in Figure 13.  

 

 

 

 

 

 

 

 

 

Tests were run for each of the Interaction and CX response categories to 

assess the level of intercoder reliability between the three independent coders. 

For example, a test was run to assess agreement on the first three columns 

coded in Figure 13, which relates to built touchpoint interactions. The alpha (α) 

values from all 21 tests are reported in Table 27. The table also shows the total 

number of times the category was coded to give some illustration of the presence 

of the category within the data.  

Figure 13 - Sample of coding data for Krippendorff’s alpha test 
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 Krippendorff 
alpha (α) 

Notes 
Total 
coded as 
true (1) 

Built 0.9311  673 

Natural 0.8972  315 

Social 0.9637  179 

Digital 1.0000 Very few coded 3 

Activity 0.8481  285 

Positive cognitive 0.7575  99 

Positive sensorial 0.8033  194 

Positive social 0.8884  74 

Positive physical 0.1224 Very few coded 8 

Positive emotional (joy)  0.6795  150 

Positive emotional (surprise) 0.6405 Few coded 31 

Positive emotional (trust) 0.3578 Few coded 22 

Positive emotional (interest)  None coded 0 

Negative cognitive 0.7979 Few coded 25 

Negative sensorial 0.8161  50 

Negative social 0.9227 Few coded 13 

Negative physical 0.7492 Very few coded 8 

Negative emotional (sad)  0.9504  41 

Negative emotional (anger) 0.8983  40 

Negative emotional (fear) 1.0000 Few coded 9 

Negative emotional (disgust) 0.0004 Very few coded 3 

Table 27 - Krippendorf’s alpha vales for independent categorisation 

 

The results of the Krippendorff’s alpha tests for intercoder reliability vary 

between concepts, which can be attributed to several things.  

Firstly, when assessing the results for customer interactions (built, natural, 

social, digital, and activities) the measures of reliability are high (α ≥ 0.800). In 

Table 27 it is shown that the digital category is rarely coded in the dataset, chosen 

only a combination of three times by the coders. Only one concept is coded as 

digital (“reviews” which refers to other reviews in the online feedback platform) 

and this is agreed upon by all three coders. The built, natural, and social 

interactions, and customer activities are all coded a significant number of times. 

This combined with the high reliability score would suggest that there is general 
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agreement amongst the coders in terms of how such concepts should be 

categorised. 

Overall, it can be said that there is less agreement in terms of CX 

responses, where reliability measures are lower in some instances. Notably this 

is predominantly the case for positive emotions, which range from a measure of 

α = 0.3578 (trust) to α = 0.6795 (joy). Positive and negative cognitive also fall just 

short of the α ≥ 0.800 reliability level, suggesting as a category cognitive 

responses are more difficult to categorise. This is also true for the negative 

physical category. Interestingly, negative emotions produce much higher 

measures of reliability. Fear produces a perfect score of α = 1.00. Only three 

concepts have been categorised into the fear category, but these are 

unanimously agreed upon by all three coders. Contrastingly, Disgust is also 

coded three times, but has a very low reliability measure (α = 0.0004). In this case 

there is no agreement between coders (three concepts are categorised as 

disgust, but only by one coder for each). Owing to the weaker scores relating to 

inter-rater reliability of the CX responses, a third stage of library creation was 

necessary.  

Stage three of data preparation was designed to improve the robustness 

of the categorisation process. The purpose is to interrogate the CX responses, 

which had much lower inter-rater reliability scores.  It was important to address 

conflicts found in Table 26, as well as a focus on positive emotions and cognitive 

responses, which were shown to have weaker reliability scores in the 

Krippendorff’s alpha test.   
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6.2.3 Stage Three - Questionnaire  

 A sample of 50 concepts, that had been categorised as CX responses in 

the manual annotation stage of analysis, were taken from the customer reviews. 

These were chosen based on frequency, to assess several conflicts found in 

stage two of the categorisation process, and to address the weaker inter-rater 

reliability scores for CX responses overall. For example, terms such as 

“interesting”, “beautiful”, and “love” are common in the datasets (and therefore 

important for final results) but found to be difficult to categorise by the three 

coders.   

A total of 19 independent respondents were given a questionnaire to 

complete in excel. The questionnaire included a tab with the instructions, a tab 

with category information, and a final tab which included the 50 concepts ready 

to be categorised by the respondent. Each concept was included next to an 

example of how it might be used within a review. The information supplied to the 

respondents can be found in the appendix (Appendix A), as well as the full 

results from the questionnaire (Appendix B). The questionnaire allowed 

respondents to choose multiple categories for any one concept. This enabled 

links between concepts to be discovered and discussed. A full discussion of the 

results is found in Appendix B. 

The overall findings from this process will be discussed in section 6.3.4, 

in addition to learnings from stages one and two of the library creation process. 

This is used to make final decisions for concept categorisation in this work.  

 

6.2.4 Summary  

The previous three sections have outlined the general process taken in 

classifying extracted concepts for the two cases in this study.  
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After completing this process, several decisions were made in terms of 

creating the final library types. These changes will be justified, both in line with 

the literature, and based on key learnings in each of the three stages, in the 

following discussion.  

Removal of touchpoint interaction - Digital 

It was discovered early in the library creation process that digital 

touchpoints were rarely discussed in either dataset. The digital servicescape is 

not a central concern in terms of the research questions (which focus on natural 

servicescape touchpoints). The decision was therefore taken to remove the digital 

servicescape as a construct of interest for the purposes of this study.   

Removal of the CX response – Physical 

Physical CX responses are common in the dataset for Case Study 1, 

which involves the physical activity of walking and associated responses (e.g. 

“calves on fire”, “exhausting”). However, many of responses which could be 

classed as physical are difficult to assign as positive or negative. For example, 

“hard work” might be seen positively by one customer and negatively by another. 

This was discussed in length with the three coders in Stage Two of library creation 

and was confirmed in results for the questionnaire (Appendix B.) 

The Krippendorff’s alpha test for the positive physical category produced 

a very low measure of reliability (α = 0.1224) with little agreement amongst coders 

in terms of what should be categorised as positive physical. The results 

suggested that most disagreements were between the positive physical category 

and the positive sensorial category (e.g. “comfortable”). The decision was made, 

in line with the literature, to merge the physical dimension with the sensorial 

(Gentile et al., 2007). This was discussed in section 2.5.5, where sensorial cues 

are closely linked to the customer’s physical well-being experiences (e.g. energy, 
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comfort) (Bustamante and Rubio, 2017). Concepts relating to the physical 

demands of the experience, such as “hard work”, were not included as part of the 

final study. This is because it is not possible to distinguish these as positive or 

negative – some customers may enjoy strenuous physical activity, whilst others 

may not.  

Discrete emotions – Reduced from eight to six emotions. 

Based on learnings from Stage Two and Three of the categorisation 

process, the decision was made to reduce the emotional category from eight to 

six sub-categories. Respondents in the questionnaire tended to agree that 

‘Interest/ Anticipation’ could adequately be captured as a cognitive CX 

response (see full discussion of findings in Appendix B), and the category was 

not coded at all in the examples from Stage Two. For example, in the 

questionnaire, the concept “interesting” was classified by 18/19 respondents as 

a Positive Cognitive response. This corresponds to the literature, where authors 

have discussed the cognitive dimension in relation to cognitive capabilities 

relating to education, learning (Packer and Ballantyne, 2016, Ponsignon et al., 

2017), inner workings of the mind Bustamante and Rubio (2017), and 

memorability (Gupta and Vajic, 2000). Therefore ‘Interest/ Anticipation’ was 

removed as a category.  

From the negative experiences, ‘Boredom/ Disgust/ Loathing’ was 

removed as a category. To appropriately mirror the categorisation of interest and 

anticipation as a Positive Cognitive response, words reflecting boredom will also 

be categorised as cognitive (e.g. Negative Cognitive responses). Disgust and 

loathing are extreme negative responses, and as such were merged with ‘Anger/ 

Annoyance’. In the dataset used for this study, negative comments are low within 

the dataset. For instance, Disgust/Loathing/ Boredom was rarely categorised 
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in the selected comments for Stage Two of the library creation process. When it 

was chosen as a category this was not agreed upon by coders. It is desirable to 

have fewer negative categories so that enough concepts can be found in each 

category to produce meaningful results. Disgust/Loathing/ Boredom was 

removed as a category.  

The results from the questionnaire aided in confirming a number of 

concepts for categorisation which had caused conflicts in Stage Two of the 

library annotation process. For example, concepts associated with place 

perceptions (e.g. “magical”, “tranquil”) are categorised as Sensorial. The term 

“love”, and “loved” is classified as a positive emotion of Joy/ Serenity. The term 

“breathtaking”, which is very frequent in the data, is classified as the positive 

emotion of Surprise. “Danger” and “dangerous” are classified as the negative 

emotion of Fear, and words with emotional intensity such as “terrible” and 

“gripe” were categorised as Anger. A full description of this process is found in 

Appendix B. 

The final decisions for concept classification are summarised in Table 28. 

The table includes a definition of the category (based on findings in the literature), 

as well as comments about the scope of the category, and some examples (based 

on the particulars of the datasets in question).  

 

Category Definition Scope Examples 

Cognitive 

Responses 
which refer to 
mental 
capacities.  

Concepts relating 
to analytical 
thinking, interest, 
and focus.  
Concepts relating 
to education and 
learning. 

Positive - 
"informative", 
"learnt lots", 
"inspirational", 
"learning", "lots of 
details", "never 
boring", "unique", 
"fascinating", 
"sense of history". 
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Category Definition Scope Examples 

 Negative - "yawn", 
"uninspiring", "zero" 
"interest", "boring", 
"confusing", "would 
have liked to learn 
more", 
"underwhelming" 

Sensorial 

Responses 
relating to the 
bodily senses 
(e.g. sight, 
hearing, touch, 
taste, smell) and 
atmospheric 
perceptions 
regarding 
places. 

Bodily senses - 
sight, smell, 
hearing, touch, 
taste. 
Atmospheric 
perceptions 
regarding places. 
Bodily responses 
relating to physical 
comfort/ 
discomfort 

Positive - 
"beautiful", "exotic", 
"gorgeous", 
"homely", "idyllic", 
"jewel in the 
crown", 
"picturesque", 
"plenty of 
character".  

Negative – “ugly”, 
“unattractive”, 
“tasteless”, “dull 
looking”, “like an 
old people's home”, 
“eyesore”, “dry 
uncooked and 
tasteless” 

Social 
Responses 
about human 
interactions.  

Responses to 
staff, other 
customers, or 
family and friends. 

Positive - "caring", 
"helpful", "warm 
welcome", "in good 
hands" 

 
Negative - "more 
customer first 
needed", "surly", 
"bad-tempered", 
"rude", "unhelpful".  

Joy/ Serenity 

Responses 
expressing 
feelings of 
happiness and 
delight or other 
feel-good 
feelings. 

Feelings of 
happiness and joy. 
Atmospheric 
perceptions that 
have high 
emotional intensity 
relating to 
peacefulness and 
joyfulness.  

"love it so much", 
"peaceful", "joy", 
"relaxing", 
"precious 
memories", 
"delight", "fun", 
"love", "loved every 
moment", "heaven 
sent" 

Awe/ 
amazement 

Responses 
expressing a 
positive 
emotional 
response that is 
seen as ‘out of 
the ordinary’.  

Expressions of 
positive shock/ 
surprise 

"breath taking", 
"amazing", "wow", 
"astonishing", "in 
awe" 
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Category Definition Scope Examples 

Admiration/ 
trust 

Responses 
expressing the 
gratefulness and 
trust in situation. 

Feeling grateful - 
e.g. pride/ luck 
Security - e.g. 
safe, at ease 

"national treasure", 
"pride", "proud", 
"lucky", "privilege", 
"feel safe", "feel at 
ease" 

Fear/ 
apprehension 

Responses 
expressing 
some 
uneasiness and 
apprehensions 
about a situation 
(e.g. fear, dread, 
potential danger) 

Feeling fearful - 
e.g. dread and 
uneasiness 
Potential dangers 
as expressed by 
customer 

"scary", 
"dangerous", "felt 
scared", "daunting", 
"concerned", 
"frighten", "accident 
waiting to happen" 

Anger/ 
annoyance/ 
disgust 

Responses 
expressing a 
strong 
(emotionally 
intense) level of 
unhappiness.   

Feelings 
expressing severe 
and intense levels 
of unhappiness.  
Atmospheric 
perceptions that 
raise high intense 
negative 
responses (e.g. 
disgust).  

"ruined", "terrible", 
"gripe", 
"unacceptable", 
"madness", 
"irritating", "rage", 
"contempt", 
"appalled”, 
“abomination", 
"disgusting", 
"filthy", "in a terrible 
state" 

Sad/ pensive/ 
grief 

Responses 
expressing 
sorrow and 
unhappiness.   

Feelings of 
emotional pain. 
Feelings of 
disadvantage or 
loss. 

"unfortunately,", 
"disappointed", 
"sad", "upset" 

Built 
touchpoint 
interactions 

Touchpoint 
controlled and 
manufactured by 
the provider or 
another entity 
(e.g. another 
organisation, 
private owner). 

Built features of 
the servicescape. 
Discussions 
relating to site 
exhibitions (e.g. 
historical content) 
Concepts 
reflecting upkeep 
of site 
Predominantly 
built locations, 
such as towns and 
villages 

“path”, “house”, 
“buildings”, 
“signposts”, 
“upstairs”, "café", 
"Suffragists", 
Grimm’s fairy 
tales", "upkeep", 
"maintenance", 
"town", "city", and 
place names that 
are predominantly 
built 

Natural 
touchpoint 
interactions 

Touchpoints 
which are part of 
the non-human 
living (e.g. 
plants, animals) 
or pre-existing 
and non-
controllable (e.g. 
sea, sky) stimuli 

Natural elements 
of the 
servicescape 
Places that are 
predominantly 
natural or 
secluded 

“plants”, “animals”, 
“sea”, “coast” and 
“daffodils”, "beach", 
and place names 
that are 
predominantly 
natural. 
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Category Definition Scope Examples 

of the natural 
environment. 

Social 
touchpoint 
interactions 

Interactions with 
all human 
entities (staff, 
and other 
customers 
including 
crowding and 
social density). 

Names of people 
Ages of people 
Discussions about 
social density 
which cannot 
inherently be 
classified as 
positive or 
negative 

“mum”, “husband”, 
“children”, “aged 
two and three”, 
"busy", "quiet" 

Activities 

An activity 
includes the 
things that the 
customer does 
during their visit  

Key activities 
engaged in by the 
customer as part 
of the core 
offering. 
Facilities that are 
discussed in terms 
of customer 
activities and the 
things the 
customer did 
whilst at the site  

“walking”, or “walk”, 
“views”, “explore”, 
“fishing”, 
“swimmers”, 
“picnic”, “meal”, 
“gift shop”, “play 
park”, “nature trail”, 
and “easter egg 
hunt” 

Table 28 - Final decisions for concept classification 

 

6.3 Refined Conceptual model 

After taking account of the changes made as part of the library creation 

process, the conceptual model proposed in summation of the literature review 

(Figure 8) has been refined to represent the core elements which are of interest 

in this study.  The primary focus of this investigation is the relationship between 

CX responses and customer interactions (e.g. interactions with servicescape 

touchpoints, and related customer activities). The wider elements of customer 

and situational context are not part of the remit of this work and have been 

removed from the conceptual model.  In accordance with decisions made in 

section 6.3.4 both the digital servicescape and physical CX responses have 

been removed from the model. Finally, the emotional dimension is broken down 
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into the six discrete emotions which will be explored across this work. CX 

responses are presented as being either positive or negative, which was found 

to be important for understanding CX in the initial LIWC analysis (section 5.2).  

The refined model is presented in Figure 14 and will be used to guide the 

research process in the remainder of this thesis.  

 

 

Figure 14 - The refined conceptual model for data analysis 

 

As shown in Figure 14, a customer has multiple interactions with 

servicescape touchpoints (built, natural, and social) across their customer 

journey. Customers also interact by way of various customer activities. Each 

interaction leads to various CX responses, which may be cognitive, emotional, 

sensorial, or social in nature. These responses can be either positive or negative. 
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The combination of interactions and responses lead to the customer’s overall CX 

assessment. This is represented by the CX rating (1-star to 5-star) which is 

awarded to the service offering. It is important to look for patterns of interactions 

at touchpoints and CX responses, and to assess whether these patterns are 

associated with the overall CX rating. This will be developed in section 6.5.  

Figure 15 depicts the elements of the conceptual model. These are 

indicated with example terms or key phrases obtained from customer feedback 

as part of the overall CX assessment. For instance, a customer’s interaction with 

the built servicescape can be represented by concepts such as “buildings”, 

“pathways”, “signposts”, wherein the customer might exhibit cognitive responses 

attributed by use of terms such as “interesting” (<PositiveCognitive>), or 

“uninspiring” (<NegativeCognitive>). 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 15 - Example elements of the Conceptual Model 
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Figure 16 depicts an example of a review taken from the dataset for Case 

Study 2. The review has been coded to present an example of the annotation 

process. It includes positive CX responses (sensorial and cognitive) and 

interactions with built, natural, and social servicescape touchpoints.  

 

  

 

 

 

 

 

 

 

Figure 16 - Example coding with concept types for a sample review (Case 
Study 2) 

 

6.4 Pattern extraction analysis  

Each customer review is made up of various combinations of concept 

types. In this study, the focus is on CX responses (cognitive, emotional, sensorial, 

and social) and how these arise in relation to customer interactions (interactions 

with the built, natural, and social servicescape, and associated customer 

activities).  

By looking at combinations of interactions and CX responses, it is possible 

to find ‘patterns’ within reviews. A pattern is found where one review, or multiple 

reviews, correspond to one or more types of CX response and customer 

interaction. Patterns include common relationships between concept types that 

can be found in multiple reviews. For example, the total number of reviews which 
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express at least one positive cognitive response to the built servicescape (<Built> 

+ <PositiveCognitive>).  

As summarised in Section 4.4.4 patterns were extracted using the text 

link analysis (TLA) function within SPSS Text Analytics. This is a pattern matching 

technology that is used to extract relationships found in text based on the set of 

linguistic rules created. Linguistic-based rules are commonly used in NLP to 

classify sentiment-bearing rules in context, known as aspect-based sentiment 

classification (Ikram and Afzal, 2019). Such techniques have been used in 

various domains to understand opinions, and what these opinions are ascribed 

to. This has included movie reviews, product reviews, services, and marketing 

(Rana and Cheah 2016). An opinion can be considered as being ascribed to a 

particular feature or aspect, for example a positive opinion about a feature of a 

camera – “good picture quality” (Hu and Liu, 2004), where the opinion “good” is 

found to be linked to the aspect “picture quality”. This is based on the existing 

software algorithms. In this work, rules were created to look at the relationship 

between two types of concepts – Customer interactions at touchpoints (shortened 

to ‘Interaction’) and CX response.  

To give further illustration of how this process of pattern extraction works 

in practice, several examples found within the datasets are shown in Table 29. 

Here the CX response, Interaction, and Interaction + CX response patterns 

associated with each textual extract are highlighted.  

 

Customer 
comment 

CX response Interaction 
Interaction + CX 

response 
patterns 

Beautiful 
gardens in 
spring time. All 
flowers starting 
to bloom. Very 

▪ “beautiful” – 
Positive 
sensorial 

 

▪ “gardens”, 
“flowers”, 
“bloom” – 
Natural 

 

▪ “Beautiful 
gardens” -
Positive 
sensorial + 
Natural 
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Customer 
comment 

CX response Interaction 
Interaction + CX 

response 
patterns 

relaxing for a 
lovely walk 
around. Ideal for 
couples, not so 
much for kids, 
unless there is 
an event on. 
Lovely gardens 
in spring 

▪ “relaxing” – 
Positive 
emotional (Joy) 

▪ “couples, kids” 
– Social 

 
▪ “event”, “walk” 

- Activity 

 
▪ “relaxing for a 

lovely walk” – 
Positive 
emotion (Joy) 
+ Activity 

 
 

    

We loved the 
grounds and 
also found the 
cafe/restaurant 
very pleasant. 
Interesting 
house to visit. It 
is easy to 
combine your 
trip with a visit 
to Knight's 
Hays, also a 
National Trust 
property as they 
are quite close 
to one another. 
We particularly 
liked this 
second house. 
The restoration 
was truly 
brilliant., 
especially of the 
wallpapers and 
wall hangings. 
Worth a visit. 

▪ “loved”, 
“pleasant” –  

Positive 
emotional (Joy) 

 
▪ “interesting” – 

Positive 
Cognitive 

▪ “grounds” – 
Natural 

 
▪ “property”, 

“café”, 
“restaurant”,  

“house, 
“wallpapers”, 
“wall 
hangings” - 
Built 

▪ “loved the 
grounds” - 
Positive 
emotion (Joy) 
+ Natural 

 
▪ “café/ 

restaurant 
very 
pleasant” -
Positive 
emotion (Joy) 
+ Bult 

 
▪ “Interesting 

house” -
Positive 
Cognitive + 
Built 

    

Breathtaking 
scenery, 
wonderful smell 
of gorse and 
bluebell. Wild 
ponies grazing 
along the cliff 
top. Colours of 
bright yellow, 
blue and green. 
Winding paths 
along the cliff 

▪ “breathtaking”, 
“surprises” – 
Positive 
emotional 
(Surprise) 

 
▪ “wonderful 

smell”, “colours 
of bright yellow, 
blue and green” 
– Positive 
Sensorial 

▪ “scenery”, 
“climbs” – 
Activity 

 
▪ “gorse”, 

“bluebell”, 
“wild ponies”, 
“cliff top”, “cliff 
edge”, 
“woodland” – 
Natural 

 

▪ “Breathtaking 
scenery” -
Positive 
emotion 
(Surprise) + 
Activity 

 
▪ “surprises… 

including 
woodland” -
Positive 
emotion 
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Customer 
comment 

CX response Interaction 
Interaction + CX 

response 
patterns 

edge and very 
steep in places 
with many 
climbs and 
decents. Lots of 
surprises along 
the way 
including 
woodland and 
heritage sites.  

▪ “paths”, 
“heritage sites” 
- Built 

(Surprise) 
+Natural 

 
▪ “surprises … 

heritage 
sites” - 
Positive 
emotion 
(Surprise) + 
Built 

 
▪ “wonderful 

smell of 
gorse and 
bluebell” - 
Positive 
sensorial + 
Natural 

Table 29 - Concept and pattern extraction examples 

 

In the analysis for this work, a pattern is counted only once regardless how 

many times it occurs in one customer review. Patterns were not assessed based 

on frequency within a review because the reviews vary in terms of word count. 

Within the same dataset, a review might be one short sentence, or numerous 

paragraphs long. If frequency of pattern were collected this would give reviews 

with a greater word count a much higher weighting. Final analysis of patterns is 

therefore based on the presence/ absence (i.e., 0/1) of the pattern types across 

all reviews.  

A summary of all the Interaction + CX response patterns is shown in Table 

30. The table includes 14 possible patterns for each interaction type. This means 

there are a total of 56 possible patterns being assessed in terms of their 

presence/ absence across all reviews.   
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ALL PATTERNS 

Built + Positive cognitive Social + Positive cognitive 

Built + Negative cognitive Social + Negative cognitive 

Built + Positive sensorial Social + Positive sensorial 

Built + Negative sensorial Social + Negative sensorial 

Built + Positive social Social + Positive social 

Built + Negative social Social + Negative social 

Built + Positive emotional Social + Positive emotional 

Built + Negative emotional Social + Negative emotional 

Built + Joy Social + Joy 

Built + Surprise Social + Surprise 

Built + Trust Social + Trust 

Built + Anger Social + Anger 

Built + Sad Social + Sad 

Built + Fear Social + Fear 

Natural + Positive cognitive Activity + Positive cognitive 

Natural + Negative cognitive Activity + Negative cognitive 

Natural + Positive sensorial Activity + Positive sensorial 

Natural + Negative sensorial Activity + Negative sensorial 

Natural + Positive social Activity + Positive social 

Natural + Negative social Activity + Negative social 

Natural + Positive emotional Activity + Positive emotional 

Natural + Negative emotional Activity + Negative emotional 

Natural + Joy Activity + Joy 

Natural + Surprise Activity + Surprise 

Natural + Trust Activity + Trust 

Natural + Anger Activity + Anger 

Natural + Sad Activity + Sad 

Natural + Fear  

Table 30 - Total patterns analysed 

 

In many cases, it is possible to automatically assign a CX response to an 

Interaction. For example, “Beautiful gardens” is automatically assigned to the 

pattern <Natural> + <PositiveSensorial> using the TLA function of the SPSS 

software. Assignment of a pattern is dependent on the wording in the text, where 

patterns are matched based on concept proximity. When an interaction type and 

CX response are directly beside one another, the software will automatically 

assign the concepts as being linked.  
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However, some patterns may not be counted if they do not fit the TLA 

pattern matching rules written into the software. To overcome miss-

categorisation, new rules can be manually created in line with common usages 

of speech. For example, in instances where other concepts are found in between 

an interaction and CX response, or where negations change the meaning of a 

CX response (e.g. turning a positive response in a negative). This process is an 

arduous one that requires an iterative process of running the TLA function to see 

which patterns are extracted and creating new rules for patterns which are 

missing or assigned incorrectly. This will be explained in the following section.  

 

6.4.1 Creating type reassignment rules for text categorisation.  

Type reassignment rules are required to prevent words and phrases from 

being categorised incorrectly based on common uses of language (see section 

4.4.3, e.g. Pang et al, 2002). Many of these rules exist within the text analytics 

software algorithm, but it is necessary to create new ones which fit both the 

dataset and the library categorisation scheme identified in section 6.3.4.  

For example, the concept ‘interesting’ is coded as a <PositiveCognitive> 

response, based on the library categorisation scheme. However, a customer may 

use the phrase “could be more interesting” to signify the experience was not 

interesting. Rules were created for such eventualities, as per the example (Figure 

17) to ensure that similar sentences are coded as <NegativeCognitive> 

responses.   
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The rule displayed in Figure 17 will work for any other <PositiveCognitive> 

term, e.g. could be more ‘inspirational’, ‘knowledgeable’, ‘educational’ etc.  

Other rules were created where multiple CX responses should be ascribed 

to the same touchpoint interaction, e.g. “stunning, dramatic, cliff top scenery”, “the 

British scenery is dramatic and beautiful”, “friendly and knowledgeable 

volunteers”.  

This process is necessary to improve the reliability of the results and 

therefore must be completed in line with the data which is being analysed for the 

study.  

 

6.5 Summary 

The manual process of concept identification and classification is a slow 

and time-consuming process that follows an iterative approach (Xiang et al., 

2015). This means that libraries were continuously adapted and updated across 

the three stages to obtain the best possible results. Following Xiang et al (2015), 

coding for each category of words stopped once any new words encountered 

Figure 17 – Rule creation example 
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were generic and irrelevant to the coding schema. The final libraries will be used 

to extract the relevant patterns for analysis as outlined in section 4.4.4.  

The following chapters discuss the analysis process and findings from this 

study.  

The first part of this analysis (section 7.1) focuses on the first research 

question in relation to Case Study 1: “How do customer interactions at 

multiple touchpoints effect customer experience responses?” In this part of 

the analysis, touchpoint interactions are analysed in relation to the CX responses 

they produce.   

The second part (sections 7.2 and 7.3) focuses on the second research 

question: “How do customer experience responses to multiple touchpoint 

interactions combine to effect overall CX?” This analysis will look at how 

relationships between customer interactions and CX responses combine to drive 

overall CX ratings (1-star to 5-star) for Case Study 1.  

The process is repeated to explore that data in Case Study 2 which can 

be found in Chapter Eight of this thesis.  

Finally, all research questions are discussed and interrogated through a 

cross-case analysis approach (Chapter Nine). Here concurrences and 

conflictions between the two cases are explored in further detail and in reference 

to the wider literature.  
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Chapter Seven – Case Study One 

 

Chapter Seven presents a full overview of the data analysis process and 

findings for Case Study 1. The case is a coastal path, which is introduced fully in 

section 4.3.6.  

The library created in Chapter Six is used to explore data using the pattern 

matching technology found in the SPSS Text Analytics software tool. The analysis 

will look for the presence of CX responses in relation to Interactions.  

In this analysis, each Interaction + CX response represents a ‘pattern’.  For 

example, <Natural> + <PositiveSensorial> represents a link between a natural 

aspect from the servicescape, and a positive sensorial customer responses (e.g. 

“the gardens were stunning”). For a full explanation see sections 4.4.4 and 6.5.  

The analysis assesses the presence or absence of a pattern in relation to 

CX rating. This includes an assessment of pattern prevalence and prominence 

within the reviews, and whether the relationship between pattern and CX rating 

is deemed to be significant. The analysis identifies key interactions within the 

service delivery system and thus provide insights into Service Design. The 

chapter concludes with a detailed discussion of the patterns which have a 

statistically significant relationship to CX rating, based on a Mann Whitney U-test 

analysis. Patterns are explored in relation to the verbatim customer text. This 

enables each pattern to be qualitatively investigated, through a process of 

retroduction, to explore why a relationship is found. This stage of the analysis is 

necessary for exploring how multiple CX responses to interactions deliver the 

overall CX for the customer.   
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7.1 Core Analysis – Pattern extraction 

This section describes the findings for the core analysis of pattern 

extraction. 

7.1.1 Top-level category analysis 

RQ1 relates to both customer interactions at touchpoints (built, natural, 

social, and activities), as well as the customer’s CX responses to these 

interactions (cognitive, emotional, sensorial, social). The purpose of the question 

is to explore how customer responses arise in relation to specific touchpoint 

interactions.  

In Case Study 1, a total of 11,814 concepts were extracted from the 

dataset, using a mixture of automatic and manual extraction as described in 

section 4.4.4. Each concept was categorised into concept types, including the 

built servicescape (e.g. “pathway”, “houses”, and place names that included 

towns or predominantly built-up areas), the natural servicescape (e.g. “coastal”, 

“wild flowers”, and place names that included beaches, wetlands, countryside or 

predominantly natural areas), social servicescape (e.g. “crowds”, “my wife”), and 

activities (e.g. “sunbathing”, “taking photographs”). It also involved the 

categorisation of all positive and negative CX responses relating to the emotional, 

sensorial, cognitive, and social dimensions of customer experience (e.g. 

“stunning”, “tedious”).   

First, it is necessary to identify the degree to which each concept type is 

found within the Case Study 1 dataset. In this way it is possible to immediately 

see similarities and differences between what the customers are interacting with, 

and the types of experiences they are having. At this top level of analysis, no 

information about the relationships between concept types can be gained. 
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Instead, it is possible to draw overall conclusions about the makeup of customer 

interactions and responses within the combined experience of all customers.  

Table 31 shows the spread of customer interactions (built, natural, social, 

activities) found within the dataset. The table shows the prevalence of the 

interactions (built, natural etc) within the dataset, e.g. the percentage of all 

reviews within the dataset that contain the interaction type. This score is defined 

below: 

 

Prevalence Score: This score shows the prevalence of reviews within the 

dataset. For example, the total number of reviews in Case Study 1 is 5561. If a 

set of 883 reviews were found to have at least one instance of a given pattern 

(say ‘Positive Sensorial + Built’), then its prevalence in relation to the entire 

dataset would be a minimum of 883/5561 = 0.15878, or 15.88% of all reviews. 

Mathematically, prevalence score, V(pi), of a given distinct pattern pi found in the 

entire dataset can be represented as: 

V(pi) ≥ 
∃𝑝𝑖 ∈ |𝑟| 

|𝑅|
 

where: 

- r represents the subset of dataset which consists of at least one 

instance of pattern pi , and 

- R represents the dataset under consideration and |R| represents 

the cardinality of the dataset. 

 

 

 



235 
 

Interaction 

Case Study 1 

Total 
reviews 

Prevalence 

Activities 5057 90.94% 

Built 4867 87.52% 

Natural 4478 80.53% 

Social 1788 32.15% 

Table 31 – All Customer Interactions, Case Study 1 

 

Activities are the most prevalent interactions for the case, found in almost 

91% of reviews. Customers largely discuss walks and walking – e.g. “one of the 

best walks in the UK”, and views and viewing, e.g. “the views are beyond 

breathtaking”.   

Social interactions are low across the dataset, which is reflective of Case 

Study 1 including no staff interactions with employees of the coastal path. It is 

interesting that social interactions are discussed much less than the other 

interaction types and this corresponds to the LIWC results (section 5.2.1), where 

no significant relationships were found between words reflecting social processes 

and CX rating. 

Table 32 shows the spread of CX responses (positive and negative 

instances of cognitive, emotional, sensorial, and social) found within the dataset. 

 

CX Response 

Case Study 1 

Total 
reviews 

Prevalence 

Positive Sensorial 4168 74.95% 

Positive Emotional 2134 38.37% 

Positive Cognitive 601 10.81% 

Negative Emotional 435 7.82% 

Positive Social 429 7.71% 

Negative Sensorial 230 4.14% 

Negative Cognitive 105 1.89% 

Negative Social 96 1.73% 

Table 32 – All CX responses (Case Study 1) 
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The case is dominated by positive sensorial responses (“stunning”, 

“atmospheric”, “picturesque”), which are found in 74.95% of all reviews. CX 

responses are largely positive, with few negative CX responses found as a 

percentage of the total dataset. In terms of negative CX responses, negative 

emotions feature most strongly, with 7.84% of reviews containing at least one 

negative emotional responses.  

It is possible to further break down positive and negative emotions into 

lower levels of discrete emotions (see McColl-Kennedy et al., 2019). To define 

the discrete emotions used in this thesis, Plutchnik’s (1980) wheel of emotions 

(section 2.5.2) was employed. Here emotions are broken into six discrete 

emotions: 

• Joy/ serenity 

• Awe/ amazement/ surprise 

• Trust/ appreciation 

• Anger/ annoyance/ disgust/ loathing 

• Fear/ apprehension 

• Sad/ pensive/ grief 

 

Table 33 shows the spread of discrete emotions (joy, surprise, trust, anger, 

sad, fear) found within the dataset. 
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Discrete 
emotion 

Case Study 1 

 Total 
reviews 

 
Prevalence 

Joy 2030 36.50% 

Surprise 1236 22.23% 

Sad 266 4.78% 

Trust 191 3.43% 

Anger 121 2.18% 

Fear 95 1.71% 

Table 33 – All discrete emotions (Case Study 1) 

 

When looking at discrete emotions (Table 33), joy is found to be the 

dominant emotion, found in 36.5% of reviews (e.g. “love”, “relax”, “peaceful”). This 

is followed by instances of surprise (e.g. “breathtaking”, “amazing”), with 22.23% 

of reviews containing at least one instance of surprise. Negative emotions are 

low, but sadness features most (e.g. “disappointing”, “shame”, “unfortunately”), 

and found in 4.78% of all reviews.  

At this level of analysis, it is not possible to see relationships between 

concept types (e.g. ‘built’ and ‘positive cognitive’), and another stage of analysis 

is required to understand which touchpoint interactions lead to which CX 

responses. This will be the focus of the next section of analysis.  

 

7.1.2 Pattern analysis  

At this level of analysis, each interaction type (built, natural, social, or 

activity) is assessed to see which CX responses are occurring in response to the 

interaction in question. This assessment is based on the ‘text link analysis’ 

function in the SPSS software (Section 4.4.4). Using this function, concept types 

found to be ‘linked’ to one another (e.g. where a CX response is found to be 

caused by or related to an interaction type).   
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This is represented in Figure 18 where the links between <Built> + 

<NegativeSensorial> are shown for the case.  

 

 

 

 

 

 

 

 

 

 

 

All the patterns which have been extracted for this case are presented in 

Table 34.  

Pattern  Case Study 1 (total reviews) 

Activity + Positive emotional 1310 

Natural + Positive sensorial 1198 

Activity + Positive sensorial 974 

Built + Positive sensorial 883 

Activity + Surprise 709 

Activity + Joy 671 

Natural + Positive emotional 503 

Built + Positive emotional 477 

Built + Joy 341 

Natural + Joy 288 

Natural + Surprise 220 

Social + Positive social 150 

Social + Positive emotional 137 

Built + Surprise 136 

Built + Positive cognitive 119 

Social + Joy 118 

Figure 18 – TLA example (Case Study 1) 
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Activity + Positive cognitive 107 

Natural + Positive cognitive 103 

Built + Positive social 90 

Built + Negative emotional 58 

Built + Negative sensorial 47 

Activity + Positive social 44 

Natural + Positive social 41 

Built + Sad 36 

Social + Positive sensorial 36 

Natural + Negative emotional 35 

Activity + Negative emotional 30 

Built + Negative cognitive 29 

Natural + Negative sensorial 26 

Social + Negative emotional 24 

Social + Negative social 23 

Activity + Negative sensorial 23 

Built + Anger 20 

Social + Positive cognitive 19 

Activity + Anger 18 

Natural + Sad 17 

Natural + Trust 16 

Built + Negative social 15 

Social + Negative sensorial 15 

Social + Surprise 14 

Activity + Trust 14 

Natural + Fear 12 

Built + Trust 10 

Social + Trust 10 

Social + Anger 10 

Activity + Fear 10 

Social + Sad 9 

Activity + Negative cognitive 9 

Natural + Anger 7 

Social + Fear 6 

Natural + Negative social 5 

Activity + Negative social 5 

Built + Fear 3 

Natural + Negative cognitive 3 

Activity + Sad 3 

Social + Negative cognitive 0 
 

Table 34 – Total patterns extracted (Case Study 1) 
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It is possible to make assessments of findings in relation to both the 

prevalence and prominence of identified concepts and patterns found within the 

dataset. The prevalence score has previously been at the dataset level (e.g. 

prevalence of pattern within all reviews). Pattern prevalence can also be used at 

the granular level, looking for the prevalence of a pattern for all reviews which 

have the same customer review rating (e.g. prevalence of a pattern within all 1-

star reviews). Prevalence scores, when viewed at a granular level, and the 

prominence score are defined below:   

 

Prevalence (within star rating) Score: The prevalence score can be 

computed at a granular level within the dataset. Prevalence score, Vs(pi), of a 

given distinct pattern pi found in a subset of reviews with star rating s can be 

represented as: 

Vs(pi) ≥ 
∃𝑝𝑖 ∈ |𝑟𝑠| 

|𝑅𝑠|
 

where: 

- rs represents a collection of reviews with star rating s = {s: 1 ≤ s ≤ 

5} which consist of at least one instance of pattern pi , 

- |Rs| represents the cardinality of the set of reviews with star rating 

s, and 

- rs ⊂ Rs  represents the subset of reviews.  

Therefore, for instance, the total number of two- star reviews in Case 

Study 1 are 31, i.e., |Rs| = 31 when s = 2. If a subset of 8 two-star rated reviews 

were found to consist of a given pattern, say <Anger> + <Built>, i.e., |rs| = 8 when 
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s = 2, its prevalence in relation to two-star rated reviews would be a minimum of 

8/31 = 0.25806, or 25.81%. 

 

Prominence Score: This score is a measurement of a pattern’s 

importance within a given set of CX responses. For example, if there are 1718 

instances of CX responses in total that are linked to a particular interaction type 

(say <Built>), and 883 of these instances are <Positive Sensorial>, the 

prominence of ‘Positive Sensorial’ responses in that set of reviews would be a 

minimum of 883/1718 = 0.51396, or 51.40%. Mathematically, prominence score 

of a given pattern pi found in a subset of reviews with star rating s can be 

represented by the following equation: 

PMs(pi) ≥ 
∃𝑝𝑖 ∈ |𝑟𝑠|

∑ 𝑟𝑠
5
𝑠=1

 

where: 

- rs represents a collection of reviews with star rating s = {s: 1 ≤ s ≤ 

5} which consist of at least one instance of pattern pi  

 

In Table 35, these scores are used to further interrogate the data. The 

prevalence of a given pattern is shown in terms of the total reviews within the 

dataset to contain the pattern in question, e.g. Positive sensorial responses to the 

built servicescape are found in 15.88% of all reviews. Prominence is assessed in 

terms of all responses to the interaction type in question. E.g. in the first instance 

(the built servicescape) there are 1718 instances of CX response that are linked 

directly to the built servicescape, and 51.40% of these are positive sensorial 

responses.  
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CX responses to built touchpoint interactions: 

 

 

Positive sensorial responses are most prominent in the case. 51.40% of 

responses to the built servicescape are sensorial responses, and this includes 

reviews from 15.88% of the total dataset. Mostly this relates to visual appeal, e.g. 

“beautiful coastal path”, “pretty village”. This is followed by positive emotional 

responses, e.g. “walking down the cobbled street is fun” and “the church is 

amazing”, which are found in 8.58% of all reviews. Here it should be noted that a 

sentence might be classified in terms of two patterns. For example, “walking down 

the cobbled street is fun”, would also be included as <Activity> + <Positive 

Emotion> as the customer has specified that they are “walking” down the cobbled 

street whilst having “fun”.  

Negative responses are rare but are mostly found in relation to the built 

servicescape, suggesting this to be a particular pain point in customer 

experiences (McColl Kennedy et al., 2019). Highest in this are negative emotional 

experiences, predominantly featuring issues with wider facilities in, e.g. “shame 

about the loos and the bins”.  

Case Study 1 

BUILT + Total reviews Prevalence (%) Prominence (%) 

Positive Sensorial 883 15.88% 51.40% 

Positive Emotional 477 8.58% 27.76% 

Positive Cognitive 119 2.14% 6.93% 

Positive Social 90 1.62% 5.24% 

Negative Emotional 58 1.04% 3.38% 

Negative Sensorial 47 0.85% 2.74% 

Negative Cognitive 29 0.52% 1.69% 

Negative Social 15 0.27% 0.87% 

Total 1718   

Table 35  CX responses to built touchpoint interactions (Case Study 1) 



243 
 

CX responses to natural touchpoint interactions: 

 

 

The natural servicescape (Table 36) has a strong relationship with positive 

sensorial responses relating to visual appeal (e.g. “the beauty of nature”. This is 

followed with positive emotional responses (e.g. “amazing view of the sea”).  

 

CX responses to social touchpoint interactions: 

 

Responses to social touchpoint interactions (Table 37) are relatively low 

within the case. Those which are found are mostly positive in nature, e.g. positive 

Case Study 1 

NATURAL + Total reviews Prevalence (%) Prominence (%) 

Positive Sensorial 1198 21.54% 62.59% 

Positive Emotional 503 9.05% 26.28% 

    

Positive Cognitive 103 1.85% 5.38% 

Positive Social 41 0.74% 2.14% 

Negative Emotional 35 0.63% 1.83% 

Negative Sensorial 26 0.47% 1.36% 

Negative Social 5 0.09% 0.26% 

Negative Cognitive 3 0.05% 0.16% 

Total 1879   

Table 36 - CX responses to natural touchpoint interactions (Case Study 1) 

Case Study 1 

SOCIAL +  

Total reviews Prevalence 
(%) 

Prominence 
(%) 

Positive Social 150 2.70% 37.13% 

Positive Emotional 137 2.46% 33.91% 

Positive Sensorial 36 0.65% 8.91% 

Negative Emotional 24 0.43% 5.94% 

Negative Social 23 0.41% 5.69% 

Positive Cognitive 19 0.34% 4.70% 

Negative Sensorial 15 0.27% 3.71% 

Negative Cognitive 0 0.00% 0.00% 

Total 404   

Table 37 - CX responses to social touchpoint interactions (Case Study 1) 
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social (“dog friendly beach”, “welcoming bar staff”) and positive emotional (“the 

kids enjoyed it”).  

In terms of negative responses, negative emotions are highest, found in 

0.43% of all reviews in the dataset (e.g. “cyclists can be an annoyance”).  

 

CX responses to customer activities: 

 

 

 

Over half of all CX responses found in relation to customer activities (Table 

38) are positive emotions, e.g. “epic views”, “invigorating walk”. Just under 2% of 

the dataset include a positive cognitive response to customer activities, e.g. “this 

is such a memorable walk”, “fascinating geological history”.   

Negative responses are again rare, but highest in relation to negative 

emotions, “disappointing walk”.  

 

7.2 Core Analysis – Relationship to overall CX  

The next part of analysis concerns assessing the relationships between 

the customers CX responses to interactions, and how this has an impact on 

rating. This stage of the analysis is necessary for pursuing evidence in relation to 

Case Study 1 

ACTIVITY +  

Total reviews Prevalence 
(%) 

Prominence 
(%) 

Positive Emotional 1310 23.56% 52.36% 

Positive Sensorial 974 17.51% 38.93% 

Positive Cognitive 107 1.92% 4.28% 

Positive Social 44 0.79% 1.76% 

Negative Emotional 30 0.54% 1.20% 

Negative Sensorial 23 0.41% 0.92% 

Negative Cognitive 9 0.16% 0.36% 

Negative Social 5 0.09% 0.20% 

Total 2502   

Table 38 - CX responses to customer activities (Case Study 1) 
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RQ1b, which explores the combined influence of CX responses to customer 

interactions on overall CX.  

The Mann Whitney U-test was chosen as a suitable non-parametric test to 

assess the relationship between interactions, CX responses and rating. This 

makes it possible to see whether there is any significant correlation with customer 

ratings. This test was performed using IBM SPSS Statistics.  

The Mann Whitney U-test looks at the relationship between an 

independent variable and a dependent variable. In this case it is used to assess 

a CX pattern (e.g. the presence/ absence of <Positive Emotional> + <Built>) and 

the overall customer rating (1-star to 5-star). In other words, for each review, the 

presence or absence of a pattern is the independent variable, and the assigned 

rating is the dependent variable.  

A Mann Whitney U-test works by looking at differences between the 

ranked positioning of the independent and dependent variables. The relationship 

between the two can be deemed to be statistically significant if p is <0.05. The 

SPSS software automatically computes the U score, z score and statistical 

significance of the two independent conditions. The U statistic can be defined as 

the number of cross-sample pairs where an observation from the first sample 

exceeds an observation from the second sample.  

In this work the two samples are all reviews which include the pattern in 

question, and all reviews which do not. Due to the large sample size (5561 

reviews) the U score will be high in this case. A point to note on this method is 

that when calculating the z score (or standardised test statistic), the SPSS 

software will always choose the group with the lowest U value as its reference 

group. This means that the z value (and therefore the effect size) will always be 

negative in every case.  
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The effect size can be understood as the magnitude of the difference 

between the independent and dependent variables. Effect sizes are not 

computed in the SPSS software, but a simple equation can be used to compute 

these scores using the z score from the test and the total number of reviews in 

the sample (N): 

𝑟 =
𝑧

√𝑁
 

The bigger the effect size, the stronger the relationship between a pattern 

and CX rating. An effect size of 0.1 to 0.3 is considered a small effect size; 0.3 to 

0.5 a medium effect size, and > 0.5 is considered a high effect size (Cohen, 1988).  

The median is also not presented in the SPSS results but has been 

computed and presented in the overall results. The median is represented to 

show the mean review rating for each set of data (e.g. reviews which contain the 

pattern, and reviews which do not). This score can be the same for both datasets 

due to the high presence of 5-star ratings across the reviews.  

In the following tables, the results of the Mann Whitney U-test are 

presented to show the median, U score, p value, and effect size (when 

applicable).  

The following Interaction + CX response patterns yielded no significance 

based on the 0.05 significance level for Case Study 1 (Table 39). This means 

that the patterns found in the table have no significance in relation to the 

corresponding customer ratings.  

 

Case Study 1 

Interaction + CX response Median Mann Whitney p Value 
Effect 
size 

Positive Emotional + Built   U = 1168375 0.076   

Positive Sensorial + Built   U = 2010674.5 0.092   
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Positive Social + Built   U = 245866.5 0.977   

Positive Cognitive + Natural   U = 277349 0.755   

Negative Cognitive + Natural   U = 6343.5 0.334   

Positive Social + Natural   U = 87629 0.901   

Positive Cognitive + Social   U = 43902.5 0.092   

Negative Cognitive + Social   - -   

Positive Emotional + Social   U = 360099.5 0.406   

Positive Sensorial + Social   U = 95495.5 0.579   

Negative Sensorial + Social   U = 32781.5 0.056   

Positive Social + Social   U = 403902.5 0.894   

Positive Cognitive + Activity   U = 280845 0.37   

Positive Social + Activity   U = 117287 0.604   

Table 39 – Nonsignificant Mann Whitney results (Case Study 1) 

 

The results (Table 39) are interesting because several of the non-

significant patterns were found to score high in terms of prevalence and 

prominence score. For instance, Positive Sensorial + Built scored highest in 

terms of prevalence and prominence for the built category, and Positive 

Emotional + Built scored second highest. However, based on these results, the 

patterns do not have a significant relationship with CX rating. This suggests that 

prevalence and prominence of a pattern do not necessarily coincide with the 

significance of a pattern in relation to CX rating. For example, it could be that the 

pattern is frequent in both high-rated and low-rated reviews.  

Moving on to significant results, Table 40 includes all Interaction + CX 

response patterns found to be significant for the case (p <0.05).  

 

Case Study 1 

Interaction + CX response Median Mann Whitney 
p 
Value 

Effect 
size 

Negative Emotional + Built 0 (mdn = 5) U = 89256 .000 -0.10 

  1 (mdn = 4)       

Negative Sensorial + Built 0 (mdn = 5) U = 571111.5 .000 -0.10 

  1 (mdn = 4)       

Negative Emotional + Activity 0 (mdn = 5) U = 45183.5 .000 -0.08 

  1 (mdn = 4)      

Negative Sensorial + Natural 0 (mdn = 5) U = 39039.5 .000 -0.07 
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  1 (mdn = 4)       

Positive Emotional + Natural 0 (mdn = 5) U = 1151680.5 .000 -0.06 

  1 (mdn = 5)      

Positive Sensorial + Natural 0 (mdn = 5) U = 2453458.5 .000 -0.06 

  1 (mdn = 5)       

Negative Emotional + Social 0 (mdn = 5) U = 44183.5 .000 -0.06 

  1 (mdn = 4)      

Positive Emotional + Activity 0 (mdn = 5) U = 2604749 .000 -0.06 

  1 (mdn = 5)       

Positive Sensorial + Activity 0 (mdn = 5) U = 2032702.5 .000 -0.06 

  1 (mdn = 5)      

Negative Sensorial + Activity 0 (mdn = 5) U = 2097328.5 .000 -0.06 

  1 (mdn = 4)       

Negative Emotional + Natural 0 (mdn = 5) U = 70292 .000 -0.05 

  1 (mdn = 5)       

Negative Social + Social 0 (mdn = 5) U =44651 .001 -0.04 

  1 (mdn = 5)      

Negative Cognitive + Activity  0 (mdn = 5) U = 14979.5 .005 -0.04 

  1 (mdn = 4)       

Positive Cognitive + Built 0 (mdn = 5) U = 296196 .032 -0.03 

  1 (mdn = 5)      

Negative Cognitive + Built 0 (mdn = 5) U = 64674.5 .015 -0.03 

  1 (mdn = 4)       

Negative Social + Activity 
0 (mdn = 5) 

1 (mdn = 1) 
U = 7682 .002 -0.03 

Negative Social + Built 
0 (mdn = 5)    

1 (mdn = 1) U = 30016.5 .012 -0.03 

Table 40 – Significant Mann Whitney results (Case Study 1) 

 

In Table 40, the patterns have been ordered in terms of their effect size. 

This is important for determining the relative effect of the relationship of each 

pattern on overall CX rating. Effect sizes are small across all patterns. This 

suggests that each pattern on its own has only a small impact on the overall CX. 

This would indicate that it is the cumulative effect of multiple patterns (and 

multiple small effect sizes) that are important in determining the overall rating.  

It can be noted that it is the presence of negative CX responses (negative 

emotional and sensorial) that are found to have the biggest effect sizes. Effect 
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sizes are largest when found in relation to built touchpoint interactions. Further 

exploration of these findings in relation to the data will be given in section 6.4. 

In Table 41 and Table 42 the total number of patterns which have a 

significant relationship to rating are expressed. In this table, each time a concept 

type (such as ‘built’) is found within a significant pattern (Table 40) it is expressed 

as ‘1’. The table shows the total number of significant patterns found in either 

case that have within them either an interaction type (built, natural, social, or 

activity), or CX response (emotional, cognitive, social, or sensorial). E.g. a total 

of four significant patterns have ‘Built’ interactions included within them, and a 

total of three significant patterns have ‘Negative emotional’ included within them.   

 

 Built Natural Social Activity 

+ positive CX 
response 

1 2 0 2 

+ negative CX 
response 

4 2 2 4 

Table 41– Total number of significant patterns (Interaction + Positive / Negative) (Case 
Study 1) 

 Emotional Cognitive Social Sensorial 

Positive 2 1 0 2 

Negative 4 2 2 3 
Table 42  – Total number of significant patterns (Positive and Negative CX responses) 

(Case Study 1) 

The results show that negative CX responses feature more prominently in 

the significant patterns. This suggests that negative CX responses are more 

significant in determining overall CX rating. The results also suggest that the built 

servicescape and customer activities may be highlighted as a particular ‘pain 

point’ within the case (McColl Kennedy et al., 2019). In both cases all four 

negative CX responses are found to have a significant relationship with CX rating. 

In Case Study 1, the natural servicescape, emotional responses, and 

sensorial responses are more often found in significant patterns, suggesting they 
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may be important aspects of the offering/experience in the case. The strong 

presence of the natural servicescape is especially interesting because it was 

found to be less often associated with negative responses when assessing 

prevalence and prominence scores (Table 36). There are no significant patterns 

that include a positive social response, suggesting that positive social responses 

do not significantly correlate to customer ratings. This corroborates findings from 

the LIWC results (section 5.2.1).  

 

7.3 Further exploration of significant patterns.  

In the next section the findings will be presented in further detail, exploring 

how they contribute to the research questions of this thesis. To do this, each 

significant Interaction + CX response is further explored in relation to the 

corresponding textual data (e.g. verbatim customer feedback comments).  This 

will enable the results to be further explored in relation to what customers are 

saying within their reviews using qualitative analysis. The qualitative analysis is 

necessary for enquiring into the reasons behind why the patterns are significant.  

Section 7.3 will be organised based on the four touchpoint interaction 

types (Built, Natural, Social, Activities). The results are assessed in terms of 

overall effect size. Effect sizes are low across the board. This implies that it is a 

combination of customer interactions with servicescape touchpoints which lead 

to overall CX. However, with some effect sizes being noticeably bigger than 

others it is possible to draw some conclusions in terms of what might be of 

particular importance for CX in this case.  
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7.3.1 Built touchpoint interactions.  

In the Mann Whitney results (Table 40), the largest effect sizes for Case 

Study 1 (0.10) are found in relation to built touchpoint interactions. This suggests 

that the built servicescape the most important factor in determining the overall 

experience. There are five patterns which are significant in relation to built 

touchpoint interactions (Table 30).   

 

Positive responses to built touchpoint interactions: 

Out of the five significant patterns which relate to built touchpoint 

interactions, only one pattern involves positive responses. In this pattern, the 

effect size is very small. Reviews which include a positive cognitive response 

(e.g. “interesting) to the built servicescape (e.g. “villages”) are found to 

significantly correlate to CX rating.  Built + Positive Cognitive has a mdn = 5 in 

reviews where the pattern is present, mdn = 5 when it is not, U = 1427350, p 

<.022, r = -.03. Customers discuss things of interest, e.g. “lots of historical and 

nature interest”, making “memories” and being “fascinated”. The significance of 

the pattern suggests that customers who find interest in their experiences, such 

as through seeing sights of historical interest, may be more likely to have a better 

experience overall. Such responses may link to the emotional response of 

surprise, in that they refer to seeing things which are out of the ordinary or 

possibly unexpected in a servicescape offering that is based more around beauty 

and sensorial appeal.  

 

Negative responses to built touchpoint interactions: 

There are four significant patterns which include negative responses to 

built touchpoint interactions.  



252 
 

Built + Negative Emotional has the (joint) biggest effect size out of all the 

patterns, with a modest effect, mdn = 4 when present, mdn = 5 when not (U = 

89256, p <.000, r =-.10).  Negative emotions found in lower rated reviews tend to 

be with regards to anger or disappointment in relation to facilities (“shame about 

the toilets”, “toilets are repugnant”), whilst higher ratings refer to the path and path 

closures (“unfortunately part of the path was closed”). This is noteworthy because 

the path is under provider control, whilst facilities are not, yet it is the facilities that 

appear to drive lower ratings in this case. This finding suggests that customers 

look beyond the offering and include wider influences (that are not under the 

control of the provider) in their overall CX assessments.  

It is possible to further explore the relationship between negative emotions 

and built touchpoint interactions by breaking the emotions down into the three 

discrete emotions - anger, sadness, fear.  

Table 43, Table 44, and Table 45 show the prevalence of anger, sadness, 

and fear in relation to the customer star rating.  

 

Anger 

Customer 
rating 

Total reviews 
in dataset 

Total reviews 
containing 
'anger' 

Prevalence 
of 'anger' in 
star rating 

1-star 31 13 41.94% 

2-star 31 8 25.81% 

3-star 156 16 10.26% 

4-star 1111 27 2.43% 

5-star 4232 57 1.35% 

Table 43 – Prevalence of anger within rating group (Case Study 1) 

 

Sadness 

Customer 
rating 

Total reviews 
in dataset 

Total reviews 
containing 
'sadness' 

Prevalence 
of 'sadness' 
in star rating 

1-star 31 13 41.94% 

2-star 31 9 29.03% 
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3-star 156 26 16.67% 

4-star 1111 60 5.40% 

5-star 4232 158 3.73% 

Table 44 – Prevalence of sadness within rating group (Case Study 1) 

 

Fear 

Customer 
rating 

Total reviews 
in dataset 

Total reviews 
containing 'fear' 

Prevalence 
of 'fear' in 
star rating 

1 star 31 0 0.00% 

2star 31 5 16.13% 

3star 156 4 2.56% 

4star 1111 24 2.16% 

5star 4232 62 1.47% 

Table 45 – Prevalence of fear within rating group (Case Study 1) 

 

These tables show that it is far more likely for a review in the lower ratings 

to contain a negative emotion – especially sadness or anger. In 1-star reviews 

over 40% contain at least one instance of anger and 1 instance of sadness, 

compared with under 4% in 5-star rated reviews.  

Built + Negative Sensorial is a significant pattern which accounts for the 

joint largest effect size, with a mdn = 4 when present, mdn = 5 when not (U= 

571111.5 p <.000, r = -.10). This tends to be rooted in a visual or atmospheric 

sense, e.g. “scruffy toilets”, “not the most scenic stretch”, and “<Place name> 

itself is not the most picturesque”, or comments about state of the path which 

impact its sensorial appeal, e.g. “the path is almost totally overgrown in some 

places”, “fantastic walk completely ruined by the amount of dog excrement on the 

path”. In terms of places, 4/47 reviews with the pattern Built + Negative 

Sensorial mention the negative sensorial impact of a particular built-up location, 

e.g. “tacky theme park associated with <Place name>” and “the awful tourist tat 

at <Place name>”. This suggests that many customers are in search of an 
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experience different to the commercial tourist, or large-scale built attractions that 

may be viewed as an “eyesore” on an otherwise “picturesque” location. 

The pattern Built + Negative Cognitive is marginally significant - mdn = 

4 when present, mdn = 5 when not, U = 64674.5, p <.032, r = -.03. Customers 

discuss sections of the path as being “mundane” or “not the most exciting”, 

suggesting there is some level of surprise the customer is expecting from their 

interactions and subsequent cognitive engagement.  There are some 

“confusions” surrounding directions and signposts being “not clear”, but generally 

the pattern is not frequent in the case.  

Finally, Built + Negative Social is significant, but marginally so, with a 

mdn = 4 when present, and mdn = 5 when not, U = 30016.5, p <.012, r = -.03. 

This is reflective of the negative connotations associated with tourism, e.g. “the 

shops are awful and overpriced to get gullible tourists to empty their wallets”, and 

“<Place name> visitor centre is quite touristy and busy”. For some customers, too 

many other visitors or visitor attractions may be at odds with their desired 

experiences of undisturbed nature. This conflicts with a similar desire for services 

and comfort (e.g. toilet facilities, kiosks, or cafes) (Fredman et al., 2012).  There 

is also some concern relating to (lack of) maintenance in lower rated comments, 

e.g. “comes across as an authority that has no vision or care”.  

 

7.3.2 Natural touchpoint interactions.  

There are four significant patterns relating to the natural servicescape 

(Table 40), suggesting this to be an important dimension of the servicescape for 

the offering. 
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Positive responses to natural touchpoint interactions: 

The pattern, Natural + Positive Sensorial has a significant impact on 

customer rating, with a mdn = 5 (with and without pattern), U = 2291275.5, p 

<.000, r = -.06 for Case Study 1. In this case, customers mostly discuss the 

coastline and the sea, e.g. “I had the most spectacular view of waves crashing 

on the rocks”, “tranquil <Place name>”. This is mostly in relation to the visual 

appeal of the natural servicescape (e.g. “pretty”, “golden”, “crystal clear”, 

“stunning”) but does include some of the other senses such as attachment to 

place in many cases, e.g. “never felt so at home” and strong sense of 

atmosphere, e.g. “spiritual”, “magical”, “dramatic”. The significant relationship 

between Natural + Positive Sensorial indicates that this is intricately tied to the 

natural offerings rather than the built path itself. The surroundings and 

atmosphere of the places the path travels through are vital components of the 

experience, with the notion of beauty being particularly prevalent across the 

reviews.  

Natural + Positive Emotional also has a significant impact on rating, with 

a mdn = 5 in reviews both with and without the pattern, U = 1151680.5, p <.000 r 

= -.06. Customers express notes of surprise, e.g. “nature really is amazing”, 

“surprising changes of nature” and joy e.g. “fields and meadows give one the ‘feel 

good factor’”, “wildflowers to die for”. 

By performing the Mann Whitney U-test to see the relationship between 

discrete emotion + natural touchpoint interaction and customer rating, the 

following results are found: 
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Case Study 1 

Interaction + CX 
response Median 

Mann 
Whitney 

p 
Value 

Effect 
size 

Natural + Surprise 0 (MDN = 5) U = 509499 .000 -0.06 

  1 (MDN = 5)       

Natural + Joy 0 (MDN = 5) U = 715538.5 .026 -0.03 

  1 (MDN = 5)       

Natural + Trust    U = 42469.5 .690   

Table 46 – Natural + Positive discrete emotions and rating (Case Study 1) 

 

The results suggest that surprise has a greater effect on rating than joy, 

and trust has no significant effect at all. 

Surprise has deserved some attention in the literature (e.g. Pine and 

Gilmore, 2000). Berry et al (2006) say that it is important for a service to exceed 

the customer’s basic expectations. They suggest that social (or ‘humanic’) clues 

are typically most important for achieving this. However, in contexts which are 

unguided, such as Case Study 1, surprising interactions with other elements, 

such as the natural world, may be more important.  

Comparing the prominence of surprise, joy, and trust within each star 

rating group it can be shown that surprise is much less likely to feature in a lower 

rated reviews. Table 47, Table 48, and Table 49 show the prevalence of surprise, 

joy, and trust in relation to customer rating.  

 

Surprise 

Customer 
rating 

Total reviews 
in dataset 

Total reviews 
containing 'Surprise' 

Prevalence 
of 'surprise' 
in star rating 

1-star 31 1 3.23% 

2-star 31 2 6.45% 

3-star 156 11 7.05% 

4-star 1111 166 14.94% 

5-star 4232 1056 24.95% 

Table 47 – Prevalence of surprise within rating group (Case Study 1) 
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Joy 

Customer 
rating 

Total reviews 
in dataset 

Total reviews 
containing 'Joy' 

Prevalence 
of 'joy' in 
star rating 

1-star 31 9 29.03% 

2-star 31 7 22.58% 

3-star 156 53 33.97% 

4-star 1111 383 34.47% 

5-star 4232 1578 37.29% 

Table 48 – Prevalence of joy within rating group (Case Study 1) 

 

Trust 

Customer 
rating 

Total reviews 
in dataset 

Total reviews 
containing 'Trust' 

Prevalence 
of 'trust' in 
star rating 

1-star 31 2 6.45% 

2-star 31 2 6.45% 

3-star 156 1 0.64% 

4-star 1111 37 3.33% 

5-star 4232 149 3.52% 

Table 49 – Prevalence of trust within rating group (Case Study 1) 

 

Joy is much more likely to be found within a lower rated review than 

surprise (joy is found in 29% of 1-star rated reviews compared to surprise being 

found in just 3%). Trust was not found to be significant, which could be a result of 

lower instances of the CX response within the data. These results suggest that 

surprise is important for delivering overall CX, regardless of what the surprise is 

found in response to. This may suggest that in different service contexts, the 

focus of Service Design may be on different servicescape elements as a method 

of achieving the desired customer surprise response. It is significant to note that 

customers who have joyful experiences may still leave very low ratings. These 

results emphasise the need to distinguish between discrete emotions when 

analysing customer data.  
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Negative responses to natural touchpoint interactions: 

The pattern with the biggest effect size in response to natural touchpoints 

is Natural + Negative Sensorial with a mdn = 5 when present, mdn = 4 when 

not (U = 39039.5, p <.000, r = -.07). This includes comments about “overgrown 

hedges”, “overgrown with nettles”, “goat’s droppings”, and “dog mess on the 

verges”. Customers also cite negative sensorial responses that include nettle 

stings and wasp bites, highlighting the unwanted physical effect the natural 

servicescape might have on the customer. This reflects the partly uncontrollable 

nature of some unbounded servicescapes, where customers are immersed into 

the natural world. It is interesting because the significance of this pattern suggests 

that even uncontrollable elements may be included by the customer in their 

overall CX assessments. This corresponds to the previous findings where 

negative responses to built interactions were shown to have a significant 

correlation with rating.  

Natural + Negative Emotional has a mdn = 5 when it is present and when 

it is not, U = 70292, p <.000 r = -.05. The significant relationship between negative 

emotions and the natural servicescape may be reflective of the offering, which is 

closely connected to the beauty of the surrounding landscape. It also highlights 

the complexities between managing the natural servicescape and being able to 

enjoy it in its natural beauty. Most of the coastal path is built, carved out of the 

landscape and therefore unnatural. One customer notes how it is “frustrating 

walking over shingle” due to a part-closure to the path which takes them away 

from the usual built route.  In reviews rated 3-star and below this pattern tends to 

include disappointment in beaches or erosion as “shame that the coastal path 

and cliff are just left to crumble away”. There is a sense of disappointment when 

an area is not deemed to elicit a sense of beauty or visual appeal, “what a let 
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down, a dull looking layer of rock as a beach”. This suggests the importance of 

positive sensorial experiences, and disappointment when these expectations are 

not met. 

Looking deeper into the discrete emotions found in response to the natural 

servicescape, Table 50, shows that only sadness and anger are significant.  

 

Case Study 1 

Interaction + CX 
response Median 

Mann 
Whitney 

p 
Value 

Effect 
size 

Natural + Sad 0 (MDN = 5) U = 24766 .000 -0.06 

  1 (MDN = 4)       

Natural + Anger 0 (MDN = 5) U = 7316.5 .000 -0.05 

  1 (MDN = 4)       

Natural + Fear   U = 27991.5 .199   

Table 50 – Natural + Negative discrete emotions significance (Case Study 1) 

 

In reviews rated 3-star and below Natural + Sad tends to include 

disappointment in beaches or erosion and a sense of disappointment when an 

area is not deemed to elicit a sense of beauty or visual appeal. Anger in response 

to the natural servicescape is largely related to the state of beaches, which are 

an important attracting feature of the offering - e.g. “what I got is a beach spoiled 

with litter”, “awful beach”. Of course, the upkeep of the coastal beaches is not 

something that falls under the control of the provider itself. The customer’s ratings 

are therefore not only based on touchpoints within the provider’s control. 

7.3.3 Social touchpoint interactions.  

There are two significant patterns relating to social touchpoint interactions 

for Case Study 1.  

Positive responses to social touchpoint interactions: 

No CX responses to positive social touchpoint interactions were found to 

have a significant relationship with rating for the case. This contradicts much 
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existing research (e.g. Berry et al., 2006), where social interactions are deemed 

to be vital for delivering the overall experience.  

Negative responses to social touchpoint interactions: 

Social + Negative Emotional is found to be significant with a mdn = 4 

with, mdn = 4 without, U = 44183.5, p <.000, r = -.06. Customers reflect on 

negative emotions both in relation to other customers on the path (inconsiderate 

cyclists or dog owners who do not pick up their mess), e.g. “that is until a woman 

spoilt it for me”, but also members within their own party, “the kids hated it”. 

In addition, the pattern Social + Negative Social also has a significant 

relationship to customer rating, with a mdn = 5 in cases where the pattern is 

present and when it is not, U = 44651, p <.001, r = -.04. Customers complain 

about various individuals including other path users (mostly in relation to dogs 

and dog mess) e.g. “thoughtless dog owners”, and members of staff at 

complimentary services, e.g. “the gentleman behind the counter said no to 

everything we requested”, “owner seemed somewhat arrogant”, “grumpy taxi 

drivers”.  

The results might suggest that social interactions are not necessary for 

delivering a positive overall experience, with many customers wanting to “get 

away from it all” and find “peacefulness” or “serenity”. However, when faced with 

a negative social interaction, CX is significantly impacted in a negative sense. 

This finding is in line with existing literature, where the negative effects of other 

customers and staff members have been studied for some time (e.g. Bateson and 

Hui, 1986, Bitner et al., 1994). 

When assessing the impact of the social servicescape, it was found that 

customer responses include not only the perceptions of the customer writing the 

review, but from an expanded customer perspective (Voima et al., 2011). 
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Customers discuss the social servicescape in terms of what the people close to 

them think/ feel (e.g. children, family, or pets), e.g. “the children loved it” “dog 

heaven”. This emphasises a need to understand who the customer is from an 

expanded or indirect perspective (e.g. Sampson and Froehle, 2006) with other 

members of the customer’s party having an impact on overall CX. It also relates 

back to work by Falk (2006) where a customer’s identity (or role) is somewhat 

transitory, and directly tied to their social reality, including motivations for visit 

(section 2.8.1). A customer who has children often falls within the ‘facilitator’ 

bracket of segmentation. This customer will generally be focused on the desires 

and needs of their children, rather than their own personal curiosities or 

enjoyment.  

Finally, the findings in this work have emphasised that customer 

interactions and CX responses relate to a wider conceptualisation of the 

customer, as described in section 2.3.1 (e.g. the notion of the expanded 

customer).  

 

7.3.4 Customer activities.  

There are five significant patterns relating to customer activities for Case 

Study 1 suggesting this to be an important contributor to rating for the case.  

Positive responses to customer activities: 

Activity + Positive Sensorial is significant in driving ratings, with mdn = 

5 both when present and when not (U = 2097328.5, p <.000, r = -.05). This pattern 

overwhelmingly refers to the activity of walking, found in 13% of reviews, e.g. 

“beautiful walks” and “glorious walking route”, followed by views found in 3% of 

reviews, e.g. “stunning views”. Walking is key in terms of Case Study 1 as it is 

the main way which customers travel the pathway. The importance of this pattern 
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suggests that customers walk with a purpose wider than getting from A to B, but 

one that is tied to the beauty of the landscape (Wylie, 2005).  

Activity + Positive Emotional has a significant relationship to rating (mdn 

= 5 when/ when not present, U = 2604749, p <.000, r = -.06). This is mostly found 

in relation to views, e.g. “breathtaking views”, “awe-inspiring views” and there is 

a suggestion that when customers are moved by the views it is with emotional 

intensity that moves beyond mere sensorial appeal. This is corroborated when 

looking at the significance for patterns containing discrete emotions (Table 51) 

where only surprise is significant. 

 

Case Study 1 

Interaction + CX 
response 

Median Mann Whitney 
p. 
Value 

Effect 
size 

Activity + Surprise 0 (MDN = 5) U = 1519854.5 .000 -0.09 

  1 (MDN = 5)       

Activity + Joy   U = 1636566.5 .889   

Activity + Trust    U = 34869 .374   

Table 51 – Activity + Positive discrete emotions and rating (Case Study 1) 

 

This reiterates the importance of distinguishing between discrete 

emotions, and most importantly emphasising interaction types which induce 

surprise in the Service Design/ delivery process.  

 

Negative responses to customer activities: 

The biggest effect size in this group is for Activity + Negative Emotional 

with a mdn = 4 when present, mdn = 5 when not, U = 45183.5, p <.000, r = -.08. 

In Case Study 1, walking is the top activity in the reviews (explicitly mentioned in 

78% of customer reviews). Customers express negative emotions when 

something has impacted their ability to do this e.g. “walking here is very 
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frustrating”, and “gorgeous walk ruined”, “the walking dread”, and “cyclists, 

pedestrians and cars, all very worrying”. There is some discussion about the path 

being “terrible” and an “ordeal”, relating to walking difficulties due to the 

overgrown nature of some sections, and diversions being “frustrating” and ruining 

or spoiling the walking experience. 

Activity + Negative Sensorial is significant, with mdn = 4 when present, 

mdn = 5 when not, U = 2097328.5, p <.000, r = -.06. Some customers comment 

on walks lacking visual appeal, e.g. “not pretty”, “uninspiring”, with dog mess and 

litter cited as reasons for complaints. 

Activity + Negative Cognitive is also significant, with a small effect size, 

mdn = 4 when present, mdn = 5 when not (U = 14979.5, p <.005, r = -.04). There 

are only nine reviews containing this pattern, but there is the suggestion from a 

small number of customers that walking along sections of the path is “confusing” 

or unclear, or lacking in interest, “the walk itself is a bit boring”.  

Finally, there is a significant relationship between Activity + Negative 

Social and rating, with a mdn = 1 when present and mdn = 5 when not, U = 7682, 

p <.002, r = -.03. Here discussions relating to the payment for car parking, e.g. 

“ticket system not very sympathetic” emphasises the importance of 

complimentary services in the overall CX. It also points to difficulties in such 

experiences, where paying for the right allocation of time for parking may be 

difficult as the customer is unsure how long a walk may take.  

 

7.3.5 Summary of findings 

In summary of the findings, the biggest effect sizes (positive and negative) 

for each interaction type are as follows (Table 52): 
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Case Study 1 

Interaction 
type 

Negative CX 
response 

Positive 
CX 

response 

Effect 
size 

Built + 

Emotional   -0.10 

Sensorial   -0.10 

  Cognitive -0.03 

Natural + 

Sensorial   -0.07 

  Emotional -0.06 

  Sensorial -0.06 

Social + Emotional   -0.07 

Activity + 

Emotional   -0.08 

  Emotional -0.06 

  Sensorial -0.06 

Table 52 – Largest effect sizes in response to interaction types (Case Study 1) 

 

Emotional and sensorial responses have some of the largest effect sizes 

in the results (Table 52). Customer emotions can be separated into discrete 

emotions. By performing the Mann Whitney U-test on the relationship between 

the presence of a discrete emotion and customer ratings, the following set of 

results are given (Table 53).  

 

Case Study 1 

CX 
response 

Median Mann Whitney p. 
Value 

Effect 
size 

Joy 0 (mdn = 5) 
1 (mdn = 5) 

U = 3488034.5 .025 .03 

Surprise 0 (mdn = 5) 
1 (mdn = 5) 

U = 2341578.5 .000 .12 

Trust 
 

U = 501722 .492 
 

Anger 0 (mdn = 5) 
1 (mdn = 5) 

U = 212742.5 .000 .12 

Sad 0 (mdn = 5) 
1 (mdn = 5) 

U = 559602 .000 .10 

Fear 0 (mdn = 5) 
1 (mdn = 5) 

U = 228434 .007 .04 

Table 53 – Discrete emotions and rating (Case Study 1) 
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These results (Table 53) suggest that surprise, anger, and sadness may 

be especially significant in terms of driving CX rating for the case.  

 

Table 54 shows the prevalence of the different patterns across the 

reviews. The most frequent patterns include positive emotional responses to 

activities, and positive sensorial responses to natural touchpoint interactions.  

 

Case Study 1 

Interaction 
type 

Pemotional Psensorial Pcognitive Psocial Nemotional Nsensorial Ncognitive Nsocial 

BUILT + 8.58% 15.88% 2.14% 1.62% 1.04% 0.85% 0.52% 0.27% 

NATURAL 
+ 9.05% 21.54% 1.85% 0.74% 0.63% 0.47% 0.05% 0.09% 

SOCIAL + 2.46% 0.65% 0.34% 2.70% 0.43% 0.27% 0.00% 0.41% 

ACTIVITY 
+ 23.56% 17.51% 1.92% 0.79% 0.54% 0.41% 0.16% 0.09% 

Table 54 – Prevalence of interaction + CX response patterns across all reviews (Case 
Study 1) 

 

Across Chapter Seven there have been several findings which can be 

related back to the wider literature, and implications for Service Design.  

Firstly, it is important to note that in terms of effect sizes for pattern 

significance, these are very low across all patterns (e.g. 0.12 and under). This 

suggests that there is no one element that is driving rating but that multiple 

customer interactions and CX responses are likely to have a combinational effect 

on overall experience. This is in line with the conception of CX as holistic and 

multi-dimensional, where the customer is simultaneously affected at different 

levels (Gentile et al., 2007). In terms of Service Design, there is not one key 

element that should be focused on, but a combination of touchpoint interactions 

and their responses need to be considered in unison. Future work should look to 

address this combinational effect and how multiple patterns work in combination 

to impact overall CX ratings.  
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The results suggest a need to look at the valence of CX responses, where 

it is vital to distinguish between positive and negative responses when analysing 

or designing for the overall experience. It was found that more negative 

responses to touchpoint interactions have a significant correlative relationship 

with customer rating. According to Baumeister et al. (2001) negative events have 

a consistently stronger influence, which from an evolutionary psychology lens 

relates to the need for an immediate response to any environmental threats. It is 

important to identify the aspects of a service which are most likely to elicit 

negative emotional responses (Berry et al., 2015) or are particular ‘pain points’ 

with the service system (McColl Kennedy et al., 2019). This has not been a core 

focus of the service literature (Do et al., 2019), which has tended to focus on 

positive experiences and delivering service delight and service excellence 

(Jaakkola and Terho, 2021). In Case Study 1, the built servicescape is a key pain 

point, with both anger and sadness shown to be strong indicators of overall CX. 

Mitigating pain points is vital to reduce negative emotional responses.  

Within the results, there is evidence that customers include factors which 

are beyond the provider’s control in their overall CX assessments. For instance, 

wider facilities are important, despite these not being under control of the 

provider, and other uncontrollable elements of nature can also have an impact on 

the customers overall perception of the experience. As it stands, there is little 

research addressing the impact of uncontrollable touchpoints on overall CX or 

how to manage them (Kranzbühler et al., 2018; Siqueira et al., 2019). In this case, 

social interactions appear to be less important in terms of the overall experience, 

which may be a result of customers getting away, and finding “peace” and 

“solitude”. However, negative social interactions do have an impact on CX which 
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again emphasises the importance of uncontrollable elements – e.g. other 

customers and staff from other organisations. 

Emotions are of particular importance in delivering the overall CX, and the 

findings corroborate research which calls for these to be discussed as discrete 

emotions that go beyond positive and negative sentiment (McColl Kennedy et al., 

2019). The importance of surprise relates to current service literature, where 

designing for a ‘peak’ event in the service has been the subject of study for some 

time (Verhoef and Antonides, 2004). However, it appears from this work that 

single instances of surprise, relating to customer interactions with a variety of 

touchpoints, have a positive effect on the overall experience. Managers may wish 

to look at ways customers may be surprised that go beyond the core offering, e.g. 

cognitive experiences and overall interest were found to be important in this case. 

A recurring finding in this case was the importance of sensorial 

experiences, both in terms of prominence in the data, and significance. The 

concept of beauty has not been common in the Service Management literature, 

although it is frequently discussed within tourism (Packer and Ballantyne, 2016). 

Visual servicescape aesthetics have been less of a focus across the services 

literature, but there is some evidence that they are important in influencing 

customer emotions and delivering experience quality and overall customer 

satisfaction (Lin, 2016).  The use of natural servicescape touchpoints may also 

be of interest in a wide array of sectors, with responses to natural elements 

tending to produce positive CX responses overall for this case study.  

A summary table for the findings for both positive and negative CX 

responses to built interactions, natural interaction, social interactions, and 

customer activities is found below (Table 55 and Table 56). Patterns deemed to 

be significant are shaded in grey.  
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CASE 
STUDY 1 
– Positive  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Built Prevalence score 
2.14% 
 
Prominence score 
6.93% 
 
Significant pattern, 
effect size -0.03 
 
Key touchpoints –
historical buildings 
with significance/ 
wider meanings, 
shops, pubs, 
villages 

Prevalence score 8.58% 
 
Prominence score 27.76% 
 
Key touchpoints – 
pathway, villages/ towns, 
eateries, cliff railway, 
pubs, chapels/ churches 
 
Key emotions – joy in 
response to pathway, 
food, and eateries 
(“pleasant”, “delightful”), 
surprise in response to 
pathway and villages/ 
towns (“breathtaking”)  

Prevalence score 
15.88% 
 
Built interactions 
most likely to induce 
positive sensorial 
responses (51.4% 
prominence score). 
 
Key touchpoints – 
pathway, villages/ 
towns/ houses, 
cafes, shops 

Prevalence score 
1.62% 
 
Prominence score 
5.24% 
 
Key touchpoints – 
cafes, pubs, public 
transport, tourist 
information 
 

Natural Prevalence score 
1.85% 
 
Prominence score 
5.38% 
 
Key touchpoints – 
geological features, 
fossils, cliffs, 
flowers, birds 

Prevalence score 9.05% 
 
Prominence score 26.28% 
 
Significant pattern, effect 
size -0.06 
 
Key emotions – surprise 
(“amazing” “awe-
inspiring”) and joy (“feel 
good factor”)  
 
Key touchpoints – the 
sea, beaches, coast/ cliffs, 
flowers/ fauna, wildlife, 
geological features, 
landscape 

Prevalence score 
21.54% 
 
Natural interactions 
most likely to induce 
positive sensorial 
responses (62.59% 
prominence). 
 
Significant pattern, 
effect size -0.06 
 
Key touchpoints – 
the sea, atmospheric 
qualities of the 
surrounding place.  

Prevalence score 
0.74% 
 
Prominence score 
2.14% 
 
Key touchpoints – 
beaches, coastline 

Social Prevalence score 
0.34% 
 
Prominence score 
4.70% 
 
Key touchpoints – 
family members 

Prevalence score 2.46% 
 
Prominence score 33.91% 
 
Key touchpoints – 
children, family members 
 
Key emotions – joy from 
family members (“loved”, 
“heaven”) 

Prevalence score 
0.65% 
 
Prominence score 
8.91% 
 
Key touchpoints – 
quiet/ not busy 
areas, family 
members 

Prevalence score 
2.70% 
 
Social interactions 
most likely to 
induce positive 
social responses 
(37.13% 
prominence).  
 
Key touchpoints – 
dogs (“dog 
friendly”), staff 
(shops, pubs), local 
people, family 
members 

Activities Prevalence score 
1.92% 

Prevalence score 23.56% 
 

Prevalence score 
17.51% 

Prevalence score 
0.79% 
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Prominence score 
4.28% 
 
Key activities – 
views (interesting, 
unique, and rare 
sights), walking 
(interest, history, 
memorable) 

Activities most likely to 
induce positive emotions 
(52.36% prominence).  
 
Significant pattern, effect 
size -0.06 
 
Key activities – views, 
walking 
 
Key emotion – surprise in 
response to views 
(“breathtaking”, “amazing”, 
“out of this world”), joy in 
response to walking (“fun”, 
“enjoyable”, “pleasant”, 
“uplifting”) 

 
Prominence score 
0.92% 
 
Significant pattern, 
effect size -0.06 
 
Key activities – 
walking routes, 
views, picnic, taking 
photographs 

 
Prominence score 
1.76% 
 
Key activities – 
stopping to rest/ 
relax, talking to 
other walkers. 

Table 55– Summary of positive CX responses (Case Study 1) 

 

CASE 
STUDY 1 – 
Negative  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Built Prevalence score 
0.52% 
 
Prominence score 
1.69% 
 
Significant pattern, 
effect size -0.03 
 
Key pain points – 
stretches without 
interest, unclear or 
lack of signage, 
finding parking/ 
start of path etc.  

Prevalence score 1.04% 
 
Built interactions most 
likely to induce negative 
emotions (3.38% 
prominence).  
 
Significant pattern, effect 
size -0.10 
 
Key pain points – 
facilities, (e.g. toilets), 
perceived lack of facilities  
 
Key emotions – anger 
(“repugnant”) and sadness 
(“shame”) 

Prevalence score 
0.85% 
 
Prominence score 
2.74% 
 
Significant pattern, 
effect size -0.10 
 
Key pain points – 
built up areas (e.g. 
theme park, large-
scale visitor 
attractions), 
unmaintained 
pathways, 
stretches of path 
without points of 
interest.  
 

Prevalence score 
0.27% 
 
Prominence score 
0.87% 
 
Significant pattern, 
effect size -0.03 
 
Key pain points – 
built up areas (e.g. 
tourist shops), 
pathway/ facilities 
which lack 
maintenance.  

Natural Prevalence score 
0.05% 
 
Prominence score 
0.16% 
 
Key pain points – 
very few patterns in 
data 

Prevalence score 0.63% 
 
Natural interactions most 
likely to induce negative 
emotions (1.83% 
prominence).  
 
Significant pattern, effect 
size -0.05 
 

Prevalence score 
0.47% 
 
Prominence score 
1.36% 
 
Significant pattern, 
effect size -0.07 
 
Key pain points – 
dog mess, 
overgrowth 

Prevalence score 
0.09% 
 
Prominence score 
0.36% 
 
Key pain points – 
beaches (busy in 
high season) 
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Key pain points– difficult 
terrain, coastal erosion, 
sub-standard beaches 

Social Prevalence score 
0% 
 
Prominence score 
0% 
 
Key pain points – 
pattern not found in 
data  

Prevalence score 0.43% 
 
Social interactions most 
likely to induce negative 
emotions (5.94% 
prominence) 
 
Significant pattern, effect 
size -0.06 
 
Key pain points – dog 
owners, members of own 
party (e.g. unhappy or 
frightened children), 
cyclists/ cars (worrying) 

Prevalence score 
0.27% 
 
Prominence score 
3.71% 
 
Key pain points – 
small children 
(hungry, tired, with 
buggy/ pushchair), 
other path users 
(e.g. not tranquil, 
leaving rubbish, 
dog poo), family 
members (e.g. 
getting hurt) 

Prevalence score 
0.41% 
 
Prominence score 
5.69% 
 
Significant pattern, 
effect size -0.04 
 
Key pain points –
dog owners (don’t 
pick up mess), 
other path users 

Activities Prevalence score 
0.16% 
 
Prominence score -
0.36% 
 
Significant pattern, 
effect size -0.04 
 
Key pain points – 
confusions/ clarity 
relating to walking 
(e.g. unclear 
directions), 
uninteresting 
walking (e.g. 
nothing to see).  

Prevalence score 0.54% 
 
Activities most likely to 
induce negative emotions 
(1.20% prominence) 
 
Significant pattern, effect 
size -0.08 
 
Key pain points – 
dangerous/ worrying 
walking (e.g. cars), difficult 
walking (e.g. difficult 
terrain, diversions). 

Prevalence score 
0.41% 
 
Prominence score 
0.92% 
 
Significant pattern, 
effect size -0.06 
 
Key pain points – 
walking past dog 
mess and litter.  

Prevalence score 
0.09% 
 
Prominence score 
0.20% 
 
Significant pattern, 
effect size -0.03 
 
Key pain points – 
paying for car 
parking.  

Table 56 – Summary of negative CX responses (Case Study 1) 

 

When comparing positive (Table 55) and negative (Table 56) CX 

responses to interactions it is clear to see that the negative CX responses have 

a greater impact on overall customer experience. There are a total of 12 

significant negative patterns compared to 5 significant positive patterns. 

Elements of the built servicescape, or issues which impact on customer activities, 

are most likely to be the root cause of this, with numerous pain points identified. 

Positive CX responses have less of an impact, but here the natural servicescape 

and customer activities which positively surprise the customer are key.  The 



271 
 

prominence/ prevalence of a pattern is much higher in the positive patterns, yet 

often yields no relationship to pattern significance. This suggests that the 

frequency of a result in the data does not necessarily mean it will be important in 

terms of overall experience.  

The following chapter will repeat the data analysis process captured 

across this chapter, applying the techniques to the data for Case Study 2. This 

will be followed by an overall discussion of the findings in both cases through a 

cross-case analysis of key findings (Chapter Nine).  
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Chapter Eight – Case Study Two 

 

Chapter Eight gives an overview of the data analysis process and findings 

for Case Study 2. This case is an historical house and gardens, which is 

introduced fully in section 4.3.6. It is organised to follow the same structure as 

Chapter Seven.  

 

8.1 Core Analysis – Pattern extraction 

This section will present the core analysis findings for Case Study 2.  

The first part of the chapter (section 8.1) focuses on the first research 

question: “How do customer interactions at multiple touchpoints effect 

customer experience responses?” In this part of the analysis, it will be 

assessed how customer interactions at touchpoints effect CX responses.  

The second part of the analysis (section 8.2 and 8.3) focuses on the 

second research question: “How do customer experience responses to 

multiple touchpoint interactions combine to effect overall CX?” This 

analysis will look at how relationships between customer interactions and CX 

responses combine to drive overall CX ratings (1-star to 5-star). 

 

8.1.1 Top-level category analysis 

RQ1 concerns customer interactions at touchpoints (built, natural, social, 

and activities) along with the customer’s CX responses (cognitive, emotional, 

sensorial, social) that were identified and categorised in Chapter Six. Each 

category of concepts is known as a concept type.  

A total of 5,583 concepts were extracted from the dataset using a mixture 

of automatic and manual extraction. These were categorised into concept types 
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including the built servicescape (e.g. “Post Office”, “fashion exhibition”), the 

natural servicescape (e.g. “gardens”, “outside”), social servicescape (e.g. “the 

children”, “volunteers”), and activities (e.g. “walked”, “Easter egg hunt”). 

Concepts were also categorised to include all positive and negative CX 

responses relating to the dimensions of customer experience (e.g. “fascinating”, 

“miserable”).  

Table 57 shows the spread of customer interactions (built, natural, social, 

activities) found within the dataset. The “Total reviews” column show the total 

number of reviews containing at least one instance of the interaction type within 

them. “Prevalence” shows the prevalence of reviews within the dataset - e.g. the 

percentage of all reviews within the dataset that contain the interaction type.  

 

Interaction 

Case Study 2 

 Total 
reviews 

Prevalence 

Built 939 95.62% 

Natural 820 83.50% 

Social 813 82.79% 

Activities 753 76.68% 

Table 57 – All Customer Interactions, Case Study 2 

 

The case is dominated by built servicescape interactions, which are found 

in almost 96% of all reviews. The service offering centres around both the “house” 

and its “exhibitions” which accounts for this focus. However, despite the bounded 

offering being provided by the main house and buildings, the presence of the 

natural servicescape within the reviews is also very high, found in 83.5% of 

reviews within the dataset.  

There is a strong focus on social elements, and the most prevalent term is 

‘staff’ (175 documents, 18% of dataset), which is reflective of the guided nature 
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of the service offering (where interactions include those with members of staff – 

such as volunteers and waiting staff).  

Table 58 shows the spread of CX responses (positive and negative 

instances of cognitive, emotional, sensorial, and social) found within the dataset. 

 

CX Response 

Case Study 2 

Total 
reviews 

Prevalence 

Positive Sensorial 566 57.64% 

Positive Emotional 513 52.24% 

Positive Cognitive 442 45.01% 

Positive Social 309 31.47% 

Negative Emotional 175 17.82% 

Negative Sensorial 99 10.08% 

Negative Cognitive 75 7.64% 

Negative Social 73 7.43% 

Table 58 – CX responses (Case Study 2) 

 

Positive sensorial responses are found in 57.64% of all reviews (e.g. 

“beauty”, “picturesque”, “homely feel”). This is closely followed by both positive 

emotional experiences (52.24%) (e.g. “love”,” amazing”, “delightful”) and positive 

cognitive experiences (45.01%) (e.g. “fascinating”, “well presented”). The offering 

revolves around built artefacts and exhibitions within the historic house on site. 

“Interesting” is the most frequent positive cognitive term (found in 19% of all 

reviews).  

CX responses are largely positive, with few negative CX responses found 

across all CX response types. In terms of negative CX responses, negative 

emotions feature most strongly, with 17.82% of reviews containing at least one 

negative emotional response. The most frequent negative emotional term in the 

dataset is “disappointing” (found in 5% of reviews).  
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It is possible to further break down positive and negative emotions into 

lower levels of discrete emotions (McColl-Kennedy et al., 2019). In this study 

emotions are broken into six discrete emotions: 

• Joy/ serenity 

• Awe/ amazement/ surprise 

• Trust/ appreciation 

• Anger/ annoyance/ disgust/ loathing 

• Fear/ apprehension 

• Sad/ pensive/ grief 

Table 59 presents the discrete emotions (joy, surprise, trust, anger, sad, 

fear) found within the dataset. 

 

Discrete 
emotion 

Case Study 2 

Total 
reviews Prevalence 

Joy 498 50.71% 

Surprise 130 13.24% 

Sad 142 14.46% 

Trust 54 5.50% 

Anger 50 5.09% 

Fear 7 0.71% 

Table 59 – All discrete emotions (Case Study 2) 

 

Joy is significantly higher than all other emotions in Case Study 2, found 

in half of all reviews. Negative emotions are low, but sadness is featured most, 

with over 14% of reviews expressing at least one instance of sadness.  

In accordance with the process taken in section 7.1.2, the analysis will 

move on to a pattern analysis, where the relationship between customer 

interactions at touchpoints and CX responses are explored.   
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8.1.2 Pattern analysis  

At this level of analysis, each interaction type (built, natural, social, or 

activity) is assessed in relation to the CX responses the interaction is linked to. 

This follows the process taken and described in full in section 6.3.2 and uses the 

pattern matching technology found in the SPSS software.  

An example of how this technology works is represented in Figure 19 

where the links between <Social> + <PositiveCognitive> are depicted for the 

case. A summary of the process behind the text link function is found in section 

4.4.4.  

 

 

 

 

 

 

 

 

 

 

All the patterns which have been extracted for this case are presented in 

Table 60. This table presents the total number of reviews which are found to have 

at least one instance of the pattern in question.  

 

Pattern  Case Study 2 (total reviews) 

Natural + Positive sensorial 282 

Built + Positive cognitive 227 

Built + Positive sensorial 202 

Social + Positive social 193 

Figure 19 – TLA example (Case Study 2) 
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Built + Positive emotional 188 

Built + Joy 141 

Social + Positive emotional 127 

Natural + Positive emotional 112 

Social + Joy 111 

Activity + Positive emotional 102 

Social + Positive cognitive 97 

Activity + Joy 88 

Natural + Joy 85 

Activity + Positive sensorial 62 

Built + Positive social 61 

Built + Negative emotional 55 

Built + Negative sensorial 48 

Built + Surprise 42 

Natural + Positive cognitive 42 

Built + Sad 38 

Activity + Positive cognitive 33 

Built + Negative cognitive 31 

Natural + Surprise 25 

Social + Negative social 25 

Social + Positive sensorial 19 

Built + Negative social 18 

Built + Anger 18 

Activity + Positive social 16 

Built + Trust 13 

Social + Trust 13 

Activity + Negative emotional 12 

Activity + Surprise 11 

Social + Negative emotional 9 

Natural + Negative sensorial 8 

Social + Surprise 7 

Activity + Sad 7 

Natural + Positive social 6 

Natural + Trust 5 

Social + Sad 5 

Activity + Anger 5 

Natural + Negative emotional 4 

Activity + Trust 4 

Natural + Negative cognitive 3 

Natural + Sad 3 

Social + Negative cognitive 3 

Activity + Negative cognitive 3 

Social + Anger 2 
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Social + Fear 2 

Activity + Negative sensorial 2 

Activity + Negative social 2 

Built + Fear 1 

Natural + Negative social 1 

Natural + Fear 1 

Social + Negative sensorial 1 

Activity + Fear 1 

Natural + Anger 0 

 

Table 60 - Total patterns extracted (Case Study 2) 

 

In Table 61, prevalence is shown in terms of the total reviews within the 

dataset to contain the pattern in question, e.g. Positive cognitive responses to the 

built servicescape are found in 23.12% of all reviews.   

Prominence is assessed in terms of the CX responses which are found in 

relation to an interaction type. These scores are explained in full in section 7.1.2 

but prevalence in the case of Case Study 2 is in relation to the total number of 

reviews within the dataset (e.g. 982 reviews).  

 

CX responses to built touchpoint interactions: 

Case Study 2 

BUILT +  Total reviews 
Prevalence 
(%) 

Prominence 
(%) 

Positive Cognitive 227 23.12% 27.35% 

Positive Sensorial 202 20.57% 24.34% 

Positive Emotional 188 19.14% 22.65% 

Positive Social 61 6.21% 7.35% 

Negative Emotional 55 5.60% 6.63% 

Negative Sensorial 48 4.89% 5.78% 

Negative Cognitive 31 3.16% 3.73% 

Negative Social 18 1.83% 2.17% 

Total 830   

    Table 61 - total interactions to built servicescape touchpoints (Case Study 2) 
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Positive sensorial responses (Table 59) are common, e.g. “beautiful 

house” and “delicious coffee”. The sensorial responses include a wide spread of 

response beyond that of the visual. This can be reasoned as being a result of the 

built offering, which includes numerous elements such as food in the café, e.g. 

“freshly cooked food”, and exhibitions, e.g. “the Narnia theme which was 

charming”.  

It is in relation to this wider offering, including exhibitions and various 

themed displays, that the cognitive responses are also more prevalent and 

prominent than other CX responses, e.g. “interesting costume displays”, and “the 

Bear House was fascinating”. 

Negative responses are rare but are mostly found in relation to the built 

servicescape when they do occur, suggesting this to be a pain point in customer 

experiences. Negative emotional experiences, predominantly including 

discussions of the café and restaurant, e.g. “the cakes were pretty horrid”.  

 

CX responses to natural touchpoint interactions: 

 

 

Case Study 2 

NATURAL +  

Total reviews Prevalence 
(%) 

Prominence 
(%) 

Positive Sensorial 282 28.72% 61.57% 

Positive Emotional 112 11.41% 24.45% 

Positive Cognitive 42 4.28% 9.17% 

Negative Sensorial 8 0.81% 1.75% 

Positive Social 6 0.61% 1.31% 

Negative Emotional 4 0.41% 0.87% 

Negative Cognitive 3 0.31% 0.66% 

Negative Social 1 0.10% 0.22% 

Total 458   
Table 62 - CX responses to natural touchpoint interactions (Case Study 2) 
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The natural servicescape tends to lead to positive sensorial responses 

relating to visual appeal (e.g. “the gardens and parkland are stunning”), and 

positive emotional responses (e.g. “the gardens are a delight”). Cognitive 

responses to the natural servicescape are mainly positive (e.g. “a range of 

unusual trees”, “there are always interesting plants to see”.) 

Of all the interaction types, negative CX responses are least prevalent in 

relation to the natural servicescape. This suggests that natural touchpoints can 

be an important service element for enhancing the experience because they tend 

to produce positive CX responses.  

 

CX responses to social touchpoint interactions 

 

 

Most social interactions (Table 61) lead to positive CX responses, 

including social (“the volunteers were very helpful”), emotional (“enthusiastic 

staff”) and cognitive (“informative <Organisation> staff”), but there are also 

negative responses, mostly negative social (e.g. “the staff were rude, fierce and 

officious”).  

 

Case Study 2 

SOCIAL +  

Total reviews Prevalence 
(%) 

Prominence 
(%) 

Positive Social 193 19.65% 40.72% 

Positive Emotional 127 12.93% 26.79% 

Positive Cognitive 97 9.88% 20.46% 

Negative Social 25 2.55% 5.27% 

Positive Sensorial 19 1.93% 4.01% 

Negative Emotional 9 0.92% 1.90% 

Negative Cognitive 3 0.31% 0.63% 

Negative Sensorial 1 0.10% 0.21% 

Total 474   

Table 63 - CX responses to social touchpoint interactions (Case Study 2) 
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CX responses to customer activities. 

 

 

 

Responses to customer activities are the least prevalent of all the 

interaction types for the case. Of these responses, positive emotional responses 

make up 43.97%, “the design exhibition and live piano were a delight”, “the views 

are breathtaking”. In terms of negative responses, negative emotional responses 

are most frequent, e.g. “dreadful tasting meal”.  

 

 

8.2 Core Analysis – Relationship to overall CX 

The next part of analysis looks at the relationships between CX responses 

to interactions, and how this has an impact on rating. In accordance with Case 

Study 1 (section 7.2), the Mann Whitney U-test was used to assess the 

relationship between interactions, CX responses and rating.  

The following Interaction + CX response patterns yielded no significance 

based on the 0.05 significance level for Case Study 2 (Table 65). This means 

that the patterns found in the table are not found to have a significant effect on 

customer rating.  

Case Study 2 

ACTIVITY +  

Total reviews Prevalence 
(%) 

Prominence 
(%) 

Positive Emotional 102 10.39% 43.97% 

Positive Sensorial 62 6.31% 26.72% 

Positive Cognitive 33 3.36% 14.22% 

Positive Social 16 1.63% 6.90% 

Negative Emotional 12 1.22% 5.17% 

Negative Cognitive 3 0.31% 1.29% 

Negative Sensorial 2 0.20% 0.86% 

Negative Social 2 0.20% 0.86% 

Total 232   

Table 64 - CX responses to customer activities (Case Study 2) 
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Case Study 2 

Interaction + CX response Median 
Mann 
Whitney 

p 
Value 

Effect 
size 

Positive Cognitive + Built   U = 84577 0.742   

Positive Sensorial + Built   U = 75107.5 0.259   

Positive Social + Built   U = 24481.5 0.063   

Positive Cognitive + Natural   U = 19078.5 0.685   

Positive Emotional + Natural   U = 44142 0.074   

Negative Emotional + Natural   U = 1524 0.399   

Negative Sensorial + Natural   U = 3259.5 0.379   

Positive Social + Natural   U = 2350 0.357   

Negative Social + Natural   U = 37 0.077   

Positive Cognitive + Social   U = 40043.5 0.231   

Negative Cognitive + Social   U = 643 0.063   

Positive Sensorial + Social   U = 6906 0.043   

Negative Sensorial + Social   U = 253 0.355   

Positive Social + Social   U = 72607 0.27   

Positive Cognitive + Activity   U = 13322 0.107   

Positive Emotional + Activity   U = 40534 0.077   

Negative Sensorial + Activity   U = 608 0.305   

Positive Social + Activity   U = 7577 0.882   

Table 65 – Nonsignificant Mann Whitney results (Case Study 2) 

 

The results in Table 65 show a few surprising results. Firstly, results show 

that positive cognitive responses, in relation to all four interaction types, show no 

significant relationship with CX rating. Case Study 2 is a site of historical interest, 

which makes this an important finding because within the tourism and cultural 

heritage literature it has generally been assumed that education and learning is 

an important driver of CX (Pereira and Silva, 2018; Falk et al., 2012). The results 

also suggest that frequency of a pattern within the dataset is not necessarily 

reflective of importance when it comes to overall CX. For example, as shown in 

Table 61, Positive Cognitive + Built has the second highest number of reviews to 

contain the pattern, and Positive Sensorial + Built has the third highest number 

of reviews to contain the pattern. However, both are deemed to be insignificant 

based on the Mann Whitney U-test findings.  

Table 66 presents all significant Interaction + CX response patterns. 
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Case Study 2 

Interaction + CX response Median 
Mann 
Whitney 

p 
Value 

Effect 
size 

Negative Emotional + Built 0 (mdn = 5) U = 11459.5 .000 -0.24 

  1 (mdn = 3)       

Negative Cognitive + Built 0 (mdn = 5) U = 6521.5 .000 -0.19 

  1 (mdn = 3)       

Negative Sensorial + Built 0 (mdn = 5) U = 11964 .000 -0.19 

  1 (mdn = 4)       

Negative Social + Built 0 (mdn = 5) U = 3606 .000 -0.15 

  1 (mdn = 3)       

Negative Social + Social 0 (mdn = 5) U = 6256.5 .000 -0.14 

  1 (mdn = 3)       

Negative Emotional + Activity 0 (mdn = 5) U = 2746 .001 -0.11 

  1 (mdn = 4)      

Negative Emotional + Social 0 (mdn = 5) U = 2030 .002 -0.10 

  1 (mdn = 4)       

Negative Cognitive + Activity 0 (mdn = 5) U = 24 .001 -0.10 

  1 (mdn = 4)       

Negative Cognitive + Natural 0 (mdn = 5) U = 347.5 .012 -0.08 

  1 (mdn = 4)       

Positive Emotional + Social 0 (mdn = 5) U = 7602 .013 -0.08 

  1 (mdn = 5)       

Positive Sensorial + Activity 0 (mdn = 5) U = 23794 .016 -0.08 

  1 (mdn = 5)       

Positive Emotional + Built 0 (mdn = 5) U = 67268.5 .020 -0.07 

  1 (mdn = 5)       

Positive Sensorial + Natural 0 (mdn = 5) U = 91358 .440 -0.06 

  1 (mdn = 5)       

Table 66 – Significant Mann Whitney results (Case Study 2) 

 

In Table 66 negative CX responses have a greater effect size in terms of 

CX rating, with all the patterns to have an effect size >0.10 to include negative 

CX responses. This will be further explored in the section 8.3. 

In Table 67 and Table 68 the total number of patterns which have a 

significant relationship to rating are expressed. Table 67 shows all significant 

patterns which are found in relation to the interaction types (built, natural, social, 

activity) and whether the response is positive or negative. Table 68 shows all the 

CX responses (emotional, cognitive, social, sensorial) which are significant and 

presents these in terms of whether the response is positive or negative.  
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 Built Natural Social Activity 

+ positive CX 
response 

1 1 1 1 

+ negative 
CX response 

4 1 2 2 

Table 67 – Total number of significant patterns (Interaction + Positive / 
Negative) (Case Study 2) 

 

 Emotional Cognitive Social Sensorial 

Positive 2 0 0 2 

Negative 3 3 2 1 

Table 68 – Total number of significant patterns (Positive and Negative CX 
responses) (Case Study 2) 

 

The results suggest that the built servicescape is a particular ‘pain point’ 

within the case (McColl Kennedy et al., 2019). There are a total of four significant 

patterns that have a negative response to the built servicescape. The results 

suggest that negative CX responses have an important relationship to customer 

ratings.  

It is interesting to note that no significant patterns contain positive cognitive 

CX responses. This is despite the experience being based around education and 

learning. To explore this further, Table 69 presents the total number of positive 

cognitive responses within each of the 5-star rating groups.  

 

Positive Cognitive 

Customer 
rating 

Total 
reviews in 
dataset 

Total reviews 
containing 'positive 
cognitive' 

Prevalence of 
'positive cognitive' 
in star rating group 

1-star 19 2 10.53% 

2-star 37 15 40.54% 

3-star 79 35 44.30% 

4-star 340 167 49.12% 

5-star 507 223 43.98% 

Table 69 – Prevalence of positive cognitive responses within rating group (Case 
Study 2) 
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Positive cognitive responses, e.g. “informative”, “full of knowledge” are 

common across the dataset and found in 45% of all reviews, including 40% of 2-

star rated reviews, e.g. “interesting Suffragette display”. This suggests that 

capturing education and interest is not enough to ensure an overall positive 

experience – e.g. “the house at <ProviderName> is interesting, but really nothing 

particularly special when compared with other properties in the area”. It may be 

that there is some quality beyond interest that customers seek, e.g. “fascinating 

but disappointing”. It is also often the case that ‘interesting’ might be questionable 

in terms of its positive sentiment in some cases – e.g.  “interesting items of 

furniture” where it is not clear if the customer intends this in a positive or negative 

sense. Contrary to extant studies, these results suggest that even in cases where 

the offering is based around education and learning, cognitive CX responses are 

not a key driver of CX.  

 

8.3 Further exploration of significant patterns.  

In the next section, the findings will be presented in further detail, taking 

each significant Interaction + CX response pattern, and further exploring the data 

in terms of prevalence and prominence.  

This will be organised based on the four different types of touchpoint 

interaction types (Built, Natural, Social, Activities).  

 

8.3.1 Built touchpoint interactions.  

The built servicescape has some of the biggest effect sizes in relation to 

it. This means that customers responses to the built servicescape have a strong 

relationship to CX rating. There are five patterns found to be significant in relation 

to built touchpoint interactions (Table 66). 
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Positive responses to built touchpoint interactions: 

A significant relationship is found between Built + Positive Emotional and 

customer rating, where mdn = 5 when present, mdn = 5 when not (U = 67268.5, 

p <.012, r = -.07).  This includes a sense of amazement or a strong feeling of 

being impressed, often linked to the exhibitions and what is on display, e.g. 

“impressed with the exhibitions and the amount of research that must have gone 

into putting this on”.  

When performing the significance test on discrete emotions for the built 

servicescape it becomes clear that it is surprise driving the higher ratings, rather 

than joy or trust. This is shown in Table 70.  

 

Case Study 2 

Interaction + CX 
response 

Median 
Mann 
Whitney 

p 
Value 

Effect 
size 

Built + Surprise 0 (MDN = 5) U = 15775.5 .015 -.08 

  1 (MDN = 5)       

Built + Joy   U = 55381 .166   

Built + Trust    U = 5961.5 .714   

Table 70 – Built + Discrete emotions effect on rating (Case Study 2) 

 

There is no significance found between joy or trust. This suggests that it is 

important for built attractions to go above and beyond customer expectations, 

eliciting positive surprise.  

 

Negative responses to built touchpoint interactions: 

There are four significant patterns which include negative responses to 

built touchpoint interactions.  

Built + Negative Emotional is significant and has the biggest effect size 

out of all the patterns, mdn = 3 when present, mdn = 5 when not (U = 11459.5, p 
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<.000, r = -.24). Several customers express disappointment in the house, e.g. 

“the house was a bit disappointing”, including the lack of bedrooms and the 

perceived over-emphasis on fashion in the upstairs part of the house. There is 

also concern centred around the facilities, e.g. “facilities disappointing”. Notable 

here is the café which fails to live up to expectations for some customers, e.g. 

“the cakes were horrid”, “terrible restaurant”, “food is dreadful”. Negative 

responses to the café are sometimes discussed in contrasting terms to the house 

e.g. “stunning house – disappointing café”, and “wonderful house, shame about 

the restaurant”. This highlights how multiple good and bad experiential responses 

can be found within overall CX.  

It is possible to further explore the relationship between negative emotions 

and built touchpoint interactions by breaking the emotions down into the three 

discrete emotions (anger, sadness, fear).  

 

Table 71, Table 72, and Table 73 show the prominence of anger, sadness, 

and fear in relation to the customer star rating.  

 

Anger 

Customer 
rating 

Total reviews 
in dataset 

Total reviews 
containing 'anger' 

Prevalence of 
'anger' in star 
rating 

1-star 19 9 47.37% 

2-star 37 7 18.92% 

3-star 79 13 16.46% 

4-star 340 13 3.82% 

5-star 507 8 1.58% 

Table 71 – Prevalence of anger within rating group (Case Study 2) 
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Sadness 

Customer 
rating 

Total reviews in 
dataset 

Total reviews 
containing 'sadness' 

Prevalence 
of 'sadness' 
in star rating 

1-star 19 11 57.89% 

2-star 37 20 54.05% 

3-star 79 34 43.04% 

4-star 340 45 13.24% 

5-star 507 32 6.31% 

Table 72 – Prevalence of sadness within rating group (Case Study 2) 

 

Fear 

Customer 
rating 

Total reviews in 
dataset 

Total reviews 
containing 'fear' 

Prevalence of 
'fear' in star 
rating 

1-star 19 1 5.26% 

2-star 37 0 0.00% 

3-star 79 1 1.27% 

4-star 340 2 0.59% 

5-star 507 5 0.99% 

Table 73 – Prevalence of fear within rating group (Case Study 2) 

 

The findings show that it is far more likely for a review in the lower ratings 

to contain a negative emotion – especially sadness or anger. For example, almost 

60% of 1-star reviews contain at least one instance of sadness, and over 40% of 

1-star reviews contain at least one instance of anger. This suggests that the 

negative emotions of sadness and anger are a strong indicator for a less than 

desirable experience.  

Built + Negative Cognitive is significant in relation to customer rating, 

with a medium effect size, where mdn = 3 when present, mdn = 5 when not, U= 

6521.5 p <.000 r = -.19. Some customers find the exhibitions on show “boring”, 

“mediocre” and “underwhelming”. There is some expected level of cognitive 

response and some customers seemed to find the items on display lacking. From 

the café there is also a sense of not being quite “special” enough, and the 
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responses point to a desire from the customer for some expectations not being 

met.   

Similarly, Built + Negative Sensorial has a significant effect, where mdn 

= 4 when present, reduced from mdn = 5 when not, U = 11964, p <.000 r = -.19. 

There is a mixture of visual sensory responses, e.g. “ugly house” and other 

sensual responses, such as taste, e.g. “scones with no discernible taste”, and 

“luke-warm coffee”.  This reiterates an important pain point in the case, and most 

negative sensorial responses are linked to the café and restaurant in ‘low’ rated 

reviews, e.g. “lovely house hated the café”.   

Built + Negative Social is significant, which has a mdn= 3 when present, 

down from mdn = 5 when not in, U = 3606, p <.000 r = -.15. In this case there are 

no 5-star reviews containing this pattern. Looking into reviews where the pattern 

is present there is some concern in terms of the “jostling crowds”, “crowds too 

much”, “overcrowded space”, and “rude <Organization Name> members”, which 

impact the experience, e.g. “apologising continuously for accidentally bumping 

into people and finding no worthwhile items except for a jewellery stall where we 

bought a gift”. 

 

8.3.2 Natural touchpoint interactions.  

There are only two significant patterns relating to the natural servicescape. 

Positive responses to natural touchpoint interactions: 

Natural + Positive Sensorial has a significant impact on customer rating, 

with a mdn = 5 if present or not, U = 91358, p <.044 r = -.06, e.g. “magnificent 

grounds” and “the estate is simply beautiful”. There are few negatives in response 

to the natural servicescape, suggesting it to be an important area to accentuate 

in a cultural heritage experience.  
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Negative responses to natural touchpoint interactions: 

There is only one pattern found of significance in relation to negative 

responses to the natural servicescape. In Natural + Negative Cognitive, where 

mdn = 4 when present, and mdn = 5 when not, U = 347.5, p <.012 r = -.08. 

However, the pattern is very rare in the results, and only three reviews contain 

the pattern. Looking closer at these results through analysis of the verbatim text 

shows that it is not the natural servicescape which is causing this negative 

response, but that the response is there in spite of the positive experiences a 

customer has in relation to the natural servicescape – e.g. “if it was not for the 

good walks in the grounds I would rate it at zero interest” and “behind the hut is 

a lovely alpine garden not even indicated on the NT map”. Therefore, it can be 

concluded that it is the built servicescape exclusively that requires focus from the 

cognitive perspective. This finding reflects a key limitation in text mining 

techniques, where attempting to model the natural language is not always 

straightforward and can produce incorrect patterns. Often these are easily 

discernible when reading the verbatim text directly. This emphasises the need to 

always go beyond quantitative analysis when using a text mining approach, and 

to engage in a sufficient level of qualitative analysis of the text itself when making 

conclusions. For these reasons, this pattern will be removed from final 

discussions about significant patterns in the case.  

 

8.3.3 Social touchpoint interactions.  

There are three significant patterns relating to social touchpoint 

interactions for Case Study 2.  
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Positive responses to social touchpoint interactions: 

Positive responses to social touchpoint interactions are only found to be 

significant in one pattern - Social + Positive Social. Here the mdn = 5 with or 

without the pattern, U = 7602, p <.013, r = -.08. Customers discuss enjoyment 

and love expressed by members of their party, e.g. “kids loved it”, the enthusiasm 

of the staff, “The volunteers are very enthusiastic, giving you a bit of the history 

of the house”, with some expressing delight and surprise by naming members of 

staff, “Kate the waitress was a delightful ambassador to the house”. The 

experience is coloured by other people, including those within the customer’s own 

party. This finding is in line with the literature, where social interactions have been 

found to be vital within the service experience (section 3.4.1).   

Negative responses to social touchpoint interactions: 

There are two negative responses to social touchpoint interactions which 

have a significant relationship with rating for the case. The first pattern is Social 

+ Negative Social, which has a mdn = 3 when present, mdn = 5 when not, U= 

6256.5, p <.000 r = -.14. This is largely negative interactions with staff, e.g. “bossy 

patronising woman”, “when I asked the staff they got very tight-lipped”, and “he 

just couldn’t care less” “more training needed”. Mostly there is the suggestion that 

staff can be either too over-bearing (bordering on patronising – particularly at the 

entrance), or not caring enough (e.g. being ignored by waiting staff in the café/ 

restaurant, where it is perceived that their worries are not given the concern or 

importance expected). Several customers who express negative social 

responses to social interactions also make general claims about the organisation 

– e.g. “typical <Organisation>”, and “not the image I’m sure the <Organisation> 

want to present!” This suggests that within service experiences, interactions and 

responses to staff members are seen as representative of the overall brand or 
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organisation. Existing literature corroborates this finding suggesting that the 

customers’ overall service perceptions depend on the behaviour of frontline staff 

(e.g. Morhart et al., 2009).   

Social + Negative Emotional is significant, with a mdn = 4 with, mdn = 5 

without, U = 2030, p <.000, r = -.10. Examples include discussions about wider 

members of the reviewer’s family or group, as well as anger or disappointment 

with aspects of the service that was received, e.g. “found this very disappointing 

children climbing on trees and running around”, and “my other half was upset”, 

“heavily flavoured sausages which the kids hated”, and “terrible service”.  

 

8.3.4 Customer activities.  

There are three significant patterns relating to customer activities for Case 

Study 2.  

Positive responses to customer activities: 

Activity + Positive Sensorial is significant in driving ratings, mdn = 5 both 

when present and when not (U = 23794, p <.016 r = -.08). There are a wide range 

of activities mentioned by customers, including dog walking, treasure hunts, and 

their significant atmospheric qualities. This suggests a desire for customers to 

engage in activities with their surroundings, rather than simply being impressed 

by their beauty, e.g. “magical adventure”, “freedom to walk and explore”. 

Negative responses to customer activities: 

The biggest effect size in this group is for Activity + Negative Emotional 

with a mdn = 4 when present, mdn = 5 when not present, U = 2746, p <.001, r = 

-.11. This relates to facilities (eating, shopping, and children’s activities), e.g. 

“dreadful meal”, “tasting pretty awful”, “shop was disappointing”, and “pity about 

the children’s facilities”. From an alternative perspective, one customer expresses 
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annoyance at a football pitch set up for children “the house is however totally 

spoilt by a football pitch constructed for children to play. Don’t think football was 

even invented when this house was built”. Such findings represent the 

complexities of CX, where different customers, based on their personal identities 

and motivations, respond differently to the same set of touchpoints.  

The next largest effect size in this group is for Activity + Negative 

Cognitive, which has mdn = 4 when present, mdn = 5 when not (U = 24, p <.001, 

r = -.10).  Only three reviews in the dataset refer to this pattern, with the 

suggestion by one customer that the rooms on view are “not particularly 

impressive” and a complaint in terms of the lack of signage along the walks. 

Activity + Negative Social is significant, with a mdn = 2.5 when present, 

mdn = 5 when not, U = 131, p <.019 r = -.08. The pattern is found only in two 

reviews with one expressing annoyance at “the kid playing Adele over and over 

again on the piano”, and the other references to what is perceived to be 

expensive pricing at Christmas with “the excuse given that people look at the 

decorations in the house”. 

 

8.3.5 Summary of findings 

In summary of the findings, the biggest effect sizes (positive and negative) 

for each interaction type are as follows (Table 74): 
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 Case Study 2 

 

Interaction 
type 

Negative CX 
response 

Positive CX 
response 

Effect size 

 Built +  
Emotional   -0.24 

   Emotional -0.07 

 Natural +   Sensorial -0.06 

 Social +  
Social   -0.14 

   Emotional -0.08 

 Activity 
Emotional   -0.11 

   Sensorial -0.08 

 
    

Table 74 – Largest effect sizes in response to interaction types (Case Study 2) 

 

Emotional responses have some of the largest effect sizes in terms of their 

relationship to customer rating (Table 74). By performing the Mann Whitney U-

test on the relationship between discrete emotions and customer ratings, the 

following set of results are given (Table 75).  

 

Case Study 2 

CX 
response 

Median Mann Whitney 
p. 
Value 

Effect 
size 

Joy 
0 (mdn = 4) 
1 (mdn = 5) 

U = 101664.5 .000 .15 

Surprise 
0 (mdn = 4) 
1 (mdn = 5) 

U = 40547 .000 .17 

Trust  U = 21967 .092  

Anger 
0 (mdn = 5) 
1 (mdn = 3) 

U = 10132.5 .000 .24 

Sad 
0 (mdn = 5) 
1 (mdn = 4) 

U = 31056.5 .000 .32 

Fear  U = 2876 .428  

Table 75 – Discrete emotions and rating (Case Study 2) 

 

These results (Table 75) suggest that sadness is most significant in terms 

of its relationship to CX rating, followed by anger, surprise, and joy.   
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Across Chapter Eight there have been several findings which can be 

related back to the wider literature, and implications for Service Design.  

When looking at the significance of patterns, effect sizes are moderate to 

low (e.g. 0.32 and under). By looking at the relative differences in these effect 

sizes, it is possible to say which patterns have a stronger correlative relationship 

with overall customer rating. The low effect sizes, but multiple significant patterns, 

strongly indicate that customer rating arises through the combinational effect of 

multiple patterns. This corroborates the understanding of CX as a complex and 

multifaceted construct (Gentile et al., 2007; Lemon and Verhoef, 2016).  

Patterns which contain negative CX responses are more likely to be 

significantly correlated to CX rating and tend to produce higher effect sizes when 

they are deemed to be significant. For example, the presence of a negative 

emotional response to the built touchpoint interactions in a review has an effect 

size of 0.24 on overall rating. Overall, interactions with built servicescape 

touchpoints that produce negative CX responses had some of the biggest effect 

sizes in terms of correlation to CX rating. This suggests that this is an important 

Case Study 2 

Interaction 
type 

Pemotional Psensorial Pcognitive Psocial Nemotional Nsensorial Ncognitive Nsocial 

Built + 19.14% 20.57% 23.12% 6.21% 5.60% 4.89% 3.16% 1.83% 

Natural + 11.41% 28.72% 4.28% 0.61% 0.41% 0.81% 0.31% 0.10% 

Social + 12.93% 1.93% 9.88% 19.65% 0.92% 0.10% 0.31% 2.55% 

Activity + 10.39% 6.31% 3.36% 1.63% 1.22% 0.20% 0.31% 0.20% 

Table 76 - Prevalence of Interaction + CX response patterns across all reviews (Case Study 2) 
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pain point, with the café and restaurant being frequently mentioned as cause for 

concern.  

One interesting finding in the results is that positive cognitive responses 

are not significant in relation to customer ratings. This was unexpected due to the 

historical nature of the site, and the strong focus on education and learning within 

existing studies of the cultural heritage sector (e.g. Pereira and Silva, 2018). It 

was found that negative cognitive responses are important, however. Negative 

cognitive responses to the built servicescape have one of the largest effect sizes 

(-0.19) and customers expressed frustrations in terms of boredom or lack of 

interest. This suggests that although it is necessary to deliver a level of interest 

in terms of the offering and exhibitions, it is not the most important for delivering 

an experience that is truly exceptional for the customer. This suggests that a 

certain standard of cognitive experience is expected by the customer.  

A summary table for the findings for both positive and negative CX 

responses to built interactions, natural interaction, social interactions, and 

customer activities is found below (Table 77 and Table 78). Patterns deemed to 

be significant are shaded in grey.  

 

CASE 
STUDY 2 
– Positive 

Cognitive 
responses 

Emotional 
responses 

Sensorial 
responses 

Social responses 

Built Prevalence score 
23.12% 
 
Built interactions 
most likely to 
induce positive 
cognitive 
responses (27.35% 
prominence). 
 
Key touchpoints – 
house/ rooms, 
church/ chapel, 
bear house, 

Prevalence score 
19.14% 
 
Prominence score  
24.34%  
 
Significant pattern, 
effect size -0.07 
 
Key touchpoints – 
house, bear house, 
buggy ride, chapel, 
exhibitions, 
furnishings 

Prevalence score 
20.57% 
 
Prominence score 
22.65%  
 
Key touchpoints – 
house, food/ drink 

Prevalence score 
6.21% 
 
Prominence score 
7.35% 
 
Key touchpoints – 
house (friendly, 
welcoming) 



297 
 

exhibitions, fashion 
displays 

 
Key emotions – 
surprise (“amazing”, 
“impressive”), joy 
(“enjoyed”, “love”, 
“delight”) 

Natural Prevalence score 
4.28% 
 
Prominence score 
9.17% 
 
Key touchpoints – 
gardens, plants, 
and trees 
(interesting, 
unusual) 

Prevalence score 
11.41% 
 
Prominence score 
24.45% 
 
Key touchpoints – 
gardens and grounds 
 
Key emotions - 
gardens (“pleasant”, 
“delightful”, 
“peaceful”), surprise in 
response to gardens 
(“amazing”, 
“marvellous”) 

Prevalence score 
28.72% 
 
Natural interactions 
most likely to induce 
positive sensorial 
responses (61.57% 
prominence). 
 
Significant pattern, 
effect size -0.06 
 
Key touchpoints – 
wider grounds 
(beautiful, large), 
gardens, plants 
(rhododendrons, 
azaleas), trees  

Prevalence score 
0.61% 
 
Prominence score 
1.31% 
 
Key touchpoints – 
plants (friendly looking) 

Social Prevalence score 
9.88% 
 
Prominence score 
20.46% 
 
Key touchpoints – 
staff and 
volunteers 
(knowledgeable 
and informative) 

Prevalence score 
12.93% 
 
Prominence score 
26.79% 
 
Key touchpoints – 
family members, staff, 
and volunteers 
 
Key emotions – joy 
in relation to children 
and dogs (“loved”, 
“fun), joy in response 
to volunteers 
(“enthusiastic”, 
“pleasant”). Surprise 
is rare in response to 
staff (e.g. “amazing”) 

Prevalence score 
1.93% 
 
Prominence score 
4.01% 
 
Key touchpoints – 
food (delicious), staff 
(charming) 

Prevalence score 
19.65% 
 
Social interactions most 
likely to induce positive 
social responses 
(40.72% prominence).  
 
Significant pattern, 
effect size -0.08 
 
Key touchpoints –
friendly/ helpful staff 
and volunteers (often 
on a first-name basis), 
members of party (dogs 
and kid friendly) 

Activities Prevalence score 
3.36% 
 
Prominence score 
14.22% 
 
Key touchpoints – 
events, walks, 
activities, games, 
classic car show 
(interesting, 
special) 

Prevalence score 
10.39% 
 
Activities most likely 
to induce positive 
emotions (43.97% 
prominence).  
 
Key touchpoints – 
views, walks, 
children’s activities, 
sporting activities, live 
music 

Prevalence score 
6.31% 
 
Prominence score 
26.72% 
 
Significant pattern, 
effect size -0.08 
 
Key touchpoints – 
dog walks and kid’s 
activities (e.g. 
treasure hunts) and 

Prevalence score 
1.63% 
 
Prominence score 
6.90% 
 
Key touchpoints – 
very few patterns in 
data 
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Key emotions – joy 
(“enjoy”), surprise in 
response to views 
(amazing, 
breathtaking) 

their atmospheric 
qualities.  

Table 77 – Summary of positive CX responses (Case Study 2) 

 

CASE 
STUDY 2 – 
Negative  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Built Prevalence score 
3.16% 
 
Prominence score 
3.73% 
 
Significant pattern, 
effect size -0.19 
 
Key pain points – 
fashion and 
Suffragette 
exhibitions 
(“uninspiring”), café 
(not “special” 
enough).   

Prevalence score 
5.60% 
 
Built interactions most 
likely to induce negative 
emotions (6.63% 
prominence).  
 
Significant pattern, 
effect size -0.24 
 
Key pain points – 
café/ restaurant, 
perceived lack of things 
to see in house 
 
Key pain points – 
sadness 
(“disappointing”), anger 
(“dreadful”).  

Prevalence score 
4.89% 
 
Prominence score 
5.78% 
 
Significant pattern, 
effect size -0.19 
 
Key pain points – 
food/ drinks in café 
not up to standard 
(taste), house 
perceived as 
unattractive. 
 

Prevalence score 
1.83% 
 
Prominence score 
2.17% 
 
Significant pattern, 
effect size -0.15 
 
Key pain points – 
crowds, members of 
staff (perceived as 
rude).  

Natural Prevalence score 
0.31% 
 
Prominence score 
0.66% 
 
Significant pattern, 
effect size -0.08 
 
Key pain points – 
gardens/ grounds 
(disconnected from 
house, lacking 
interest, not on 
map) 

Prevalence score 
0.41% 
 
Prominence score 
0.87% 
 
Key pain points –  
very few patterns in 
data.  
 

Prevalence score 
0.81% 
 
Natural interactions 
most likely to induce 
negative sensorial 
responses (1.75% 
prominence). 
 
Key pain points – 
flowers (drab/ not 
much colour out of 
season) 

Prevalence score 
0.10% 
 
Prominence score 
0.22% 
 
Key pain points – 
very few patterns in 
data 

Social Prevalence score 
0.31% 
 
Prominence score 
0.63% 
 

Prevalence score 
0.92% 
 
Prominence score 
1.90% 
 
Significant pattern, 
effect size -0.10 

Prevalence score 
0.10% 
 
Prominence score 
0.21% 
 

Prevalence score 
2.55% 
 
Social interactions 
most likely to induce 
negative social 
responses (5.27% 
prominence) 
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Key pain points – 
boredom (children), 
staff (uninterested) 

 
Key pain points – 
members of party who 
do not enjoy 
experience (e.g. 
children), staff and poor 
service.  
 
Key emotions – 
sadness (unhappy 
children and unhappy 
volunteers), anger in 
response to poor 
service (“awful”) 

Key pain points – 
very few patterns in 
data.  

 
Significant pattern, 
effect size -0.14 
 
Key pain points – 
staff (over-bearing 
staff at entrance, 
being ignored by 
waiting staff), 
service (slow or 
chaotic) 

Activities Prevalence score 
0.31% 
 
Prominence score 
1.29% 
 
Significant pattern, 
effect size -0.10 
 
Key pain points – 
signage on walks, 
unimpressive 
walks/ views.  

Prevalence score 
1.22% 
 
Activities most likely to 
induce negative 
emotions (5.17% 
prominence) 
 
Significant pattern, 
effect size -0.11 
 
Key pain points – 
meals in café, 
shopping, children’s 
facilities.  
 
Key emotions – anger 
in relation to meals 
(“worst”, “awful”, 
“dreadful”), sadness in 
response to shop, 
meals and facilities on 
offer (“disappointing”, 
“shame”) 

Prevalence score 
0.20% 
 
Prominence score 
0.86% 
 
Key pain points – 
very few patterns in 
data: plants 
(uncared for), meals 
(like “school 
dinners”) 

Prevalence score 
0.20% 
 
Prominence score 
0.86% 
 
Significant pattern, 
effect size -0.08.  
 
Key pain points – 
very few patterns in 
data: child playing 
piano (“over an 
over”) 

Table 78 – Summary of negative CX responses (Case Study 2) 

 

When comparing positive (Table 77) and negative (Table 78) CX 

responses to interactions it is clear to see that the negative CX responses have 

a greater impact on overall customer experience in terms of significance. 

Elements of the built servicescape are most likely to be the root cause of this, 

with numerous pain points identified. Positive CX responses have less of an 

impact, but here the built servicescape is also most important when it comes to 

sufficiently delighting the customer.  This findings suggests that prevalence/ 
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prominence of a pattern is less important in determining overall CX which are 

often high in patterns that are found to have no significance.  

The following chapter (Chapter Nine) will serve to further explore and 

discuss the findings presented across this chapter, along with an assessment of 

findings in relation to Case Study 1 using a cross-case analysis approach.  
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Chapter Nine –Discussion 

9.1 Introduction 

In this chapter a cross-case analysis is taken to further discuss the findings 

for Case Study 1 and Case Study 2. The purpose of this analysis is to look for 

similarities and differences between the cases. To do this, the cases will be 

discussed in relation to the wider literature presented across Chapter Two and 

Chapter Three. This analysis is performed with the purpose of pursuing empirical 

evidence which can be used to gain insights into the core research questions:  

 

Research Question 1a: How do customer interactions at multiple 

touchpoints effect customer experience responses?  

Research Question 1b: How do customer experience responses to 

multiple touchpoint interactions combine to effect overall CX?  

 

Research Question 2: What effect do interactions within an ‘unbounded’ 

servicescape have on overall CX?  

 

The chapter aims to further explore where the findings from this study 

support, contrast, or extend current literature relating to the realised and intended 

customer experience (Chapters Two and Three).  

The chapter is organised into three parts: (1) theoretical discussion in 

relation to CX literature and RQs (section 9.2); (2) methodological discussion 

relating to methodological insights for using TM and TA to better understanding 

CX (section 9.3); and (3) a contextual/practical discussion around the context of 

Service Design for CX in relation to the cultural heritage and tourism sector 

(section 9.4).  
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9.2 Theoretical discussion of findings 

The research presented in this thesis has been designed to explore how 

customer interactions at multiple touchpoints effect CX responses, and how these 

responses combine to create overall CX. In conducting this research, and 

analysing the findings, several theoretical implications are raised, which 

contribute to the wider Service Management literature.  

9.2.1 Conceptual model 

At its broadest level, this research verifies many of the findings of 

Chapters Two and Three where CX was presented as a complex and multi-

faceted phenomenon (Gentile et al., 2007, Lemon and Verhoef, 2016), comprised 

of multiple elements. The CX elements were synthesised and presented in the 

proposed conceptual model (Figure 14). 

The research was conducted to explore the relationship between the 

elements presented in the conceptual model. It has assessed the impact 

individual CX responses to customer interactions have on overall CX rating, for 

two separate case studies. When looking at the relationship between customer 

interactions and CX responses on overall CX ratings, it was found that not one 

element could be identified as a clear and resounding driver of rating. Rather, a 

multitude of customer interactions and CX responses are significantly correlated 

with rating. There are low effect sizes in relation to each significant pattern. This 

suggests that CX ratings are driven by a multitude of customer interactions and 

CX responses in any one experience (RQ1b).  

This finding confirms the general understanding of CX, as a holistic and 

multi-dimensional concept, where the customer is simultaneously affected at 

different levels of response (e.g. cognitive, emotional etc.) (Gentile et al., 2007). 

When designing the servicescape, this means there is not one solution for 
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delivering an exceptional experience, but that an in-depth understanding of the 

four types of customer interactions (built, natural, social, activities), and four 

responses (cognitive, emotional, sensorial, social), is required for monitoring and 

improving CX. Existing research has tended to look at CX at single touchpoints 

only (Becker and Jaakkola, 2020) which is inadequate to inform managerial 

practice.  

The research presented in this thesis evidences the need to consider both 

multiple touchpoints and multiple dimensions of CX response. This is evidenced 

in the summary tables in Chapter Six (Table 55 and Table 56) and Chapter 

Seven (Table 77 and Table 78). Not all Interactions + CX response patterns are 

significant in relation to overall customer rating. In those patterns deemed to be 

significant, different Interactions + CX responses have greater or lesser effect 

sizes in terms of their significant relationship with overall rating. For instance, 

negative patterns are more likely to be significant than positive patterns, and with 

a greater effect size.  

Effect sizes are relatively small in all significant patterns across both 

cases. However, because customers interact with a multitude of touchpoints and 

respond in a multitude of ways, their combination results in a clear difference 

between a good or bad experience. The holistic CX cannot be adequately 

understood through a single response to a touchpoint but is likely created through 

the combination of elements presented in the conceptual model. This has an 

important implication for Service Design, where CX design models should include 

the multi-dimensional nature of realised experience, looking for multiple key 

touchpoints and pain points, and assessing how customers respond to these in 

various ways. Currently this is largely missing from most models (section 3.5.2). 

The conceptual model put forward in this work serves as foundational model for 
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understanding how the customer’s multiple realised responses occur in response 

to multiple touchpoint interactions.  

There is a strong polarity towards higher rated reviews in both the case 

studies explored in this work. This is in line with the general tendency across the 

tourism and cultural heritage sectors (Bridges and Vasquez, 2018, Cheng and 

Jin, 2019, Mehraliyev et al., 2020). Despite this, the analysis has highlighted that 

negative CX responses to customer interactions show greater correlation to 

overall CX rating. In existing theory there has been a tendency to focus on 

enhancing positive and memorable service experiences (e.g. Pine and Gilmore, 

1999). For example, in the literature on Total Customer Experience, authors have 

emphasised the need to be “totally positive, engaging, enduring, and socially 

fulfilling” (Mascarenhas et al., 2006, p.399). Similarly, in CX management 

discussion has focused on “managing a positive customer experience” 

(Kandampully et al., 2018, p. 21), with little discussion about negative dimensions 

of experience. Most CX design models (section 3.5.1) have focused on the 

positive aspects of experience in terms of what is intended by the provider.  

The importance of negative responses suggests that customer 

expectations are vital when it comes to the overall experience and subsequent 

customer rating. Customers expect certain positive CX responses (such as 

positive sensorial responses to the built servicescape in Case Study 2). This 

explains why many of the most prevalent patterns have no significant impact on 

rating, despite being frequent in the data. The importance of surprise, and going 

beyond the expected, (found in both cases) would corroborate this suggestion. 

This is also the case in negative CX responses. Negative patterns, which are 

found to be significant, also contain an experiential element which the customer 

is not expecting. However, this is not in the positive sense.  
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Within the tourism and hospitality literature there is a wide expanse of work 

which assesses the importance of moving beyond customer satisfaction to 

customer delight. This has included the importance of ensuring staff members go 

beyond the call of duty when dealing with customers (Torres and Kline, 2006). 

Numerous authors have concluded this is necessary for achieving customer 

loyalty (Torres and Kline, 2006; Kim et al., 2015; Ahrholdt et al., 2017). Customer 

satisfaction has been defined as “the individual’s perception of the performance 

of the product or service in relation to his or her expectations” (Schiffman and 

Kanuk, 2004). A customer can be satisfied or unsatisfied depending on whether 

their individual expectations are met. However, going beyond these expectations 

can produce customer surprise, which has been linked to emotions including joy 

and exhilaration (Kumar et al., 2001).  The research in this thesis suggests that 

customer dissatisfaction has a greater impact on overall experience, and it is only 

through customer surprise, rather than mere satisfaction, that overall experience 

is significantly impacted. Understanding the customer’s expectations is vital in 

both Service Management and Service Design.  

These conclusions confirm findings which have been made in relation to 

product quality and customer satisfaction. According to the Kano model of 

customer satisfaction (Kano, 1984), there are three types of product requirements 

which will impact customer satisfaction. The first are ‘Must-be requirements’, 

which are expected by the customer. If they are not met, they will lead to extreme 

dissatisfaction, but if they are fulfilled, they do not increase satisfaction. The 

second include ‘One-dimensional requirements’, which increase or decrease 

satisfaction depending on the level to which they are fulfilled. Finally, ‘Attractive 

requirements’ are not expected by the customer. Attractive requirements lead to 

far greater improvements in satisfaction when they are fulfilled yet have no impact 
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when they are not. This is simply because the customer is not expecting them 

(Sauerwein et al., 1996).  

Extending this research to the service sector serves as a theoretical basis 

for understanding some of the findings in this study. Many patterns which were 

very prevalent and prominent in the data showed no significance in terms of 

relationship with overall CX ratings. The Kano model would suggest that these 

patterns are taken for granted by the customer, as ‘must-be’ requirements. 

Therefore, it is still important for service designers to manage these elements of 

the servicescape because they impact CX in as much as they are necessary. The 

designer must also look beyond these requirements to ensure both one-

dimensional, and attractive requirements are a key part of the service offering. In 

the cases explored in this work, it is negative responses, through unfulfilled 

expectations, which have the greatest impact in terms of overall CX. This 

suggests that attractive requirements are most important for increasing customer 

satisfaction. Alternatively, it could be that the attractive and unexpected 

requirements are simply not met to their fullest potential of fulfilment in the case 

studies in this work. Another possibility is that the positive skew in the data means 

that there is only so much of an impact customer surprise can have on overall 

ratings.  Further exploration would be required to explore and extend this idea 

using comparative datasets.   

As a core theoretical finding, the research in this thesis points to the need 

for more work to capture and assess the negative dimensions of experience. 

Negative responses need to be overcome or mitigated because they have a 

greater impact on the customer’s overall assessments of CX. A focus on the 

negative aspects of CX is also largely missing from the tourism literature (in 

addition to Service Management). In tourism, CX has tended to be defined based 
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on positive dimensions, rather than negative dimensions (Cutler et al., 2014; 

Packer and Ballantyne, 2016). It will be important in future studies to explore 

whether similar findings are produced across other cases, for example where 

ratings are less skewed to the positive.  

The research conducted in this work followed an extended servicescape 

perspective (Rosenbaum and Massiah, 2011) for understanding and categorising 

customer touchpoint interactions. In doing so, the attempt was to understand how 

customer interactions at multiple types of touchpoints effect CX responses 

(RQ1a). Four interaction types (built, natural, social, and customer activities) were 

distinguished and categorised, to assess whether customers respond differently 

to different interaction types. The results in both cases suggest that customers 

do respond differently, depending on touchpoint interaction type. Both similarities 

and differences in CX response were noted across the findings.  

To present these similarities and differences between cases, the 

theoretical findings are discussed in relation to each interaction type in turn – 

built, natural, social, activities.  

9.2.2 Built Interactions 

Built touchpoint interactions (section 7.3.1 and 8.3.1) are more likely to 

induce positive sensorial responses in Case Study 1, with a prominence score 

of 51% compared to 24% for Case Study 2. In Case Study 2, prominence has a 

much more even split between positive cognitive, emotional, and sensorial 

responses. This is shown in Table 79 and Table 80.   
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CASE 
STUDY 1 
– Positive  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Built Prevalence score 
2.14% 
 
Prominence score 
6.93% 
 
Significant pattern, 
effect size -0.03 
 
Key touchpoints –
historical buildings 
with significance/ 
wider meanings, 
shops, pubs, 
villages 

Prevalence score 8.58% 
 
Prominence score 27.76% 
 
Key touchpoints – 
pathway, villages/ towns, 
eateries, cliff railway, 
pubs, chapels/ churches 
 
Key emotions – joy in 
response to pathway, 
food, and eateries 
(“pleasant”, “delightful”), 
surprise in response to 
pathway and villages/ 
towns (“breathtaking”)  

Prevalence score 
15.88% 
 
Built interactions 
most likely to induce 
positive sensorial 
responses (51.4% 
prominence score). 
 
Key touchpoints – 
pathway, villages/ 
towns/ houses, 
cafes, shops 

Prevalence score 
1.62% 
 
Prominence score 
5.24% 
 
Key touchpoints – 
cafes, pubs, public 
transport, tourist 
information 
 

Table 79 – Positive CX responses to built interactions (Case Study 1) 

 

CASE 
STUDY 2 
– Positive 

Cognitive 
responses 

Emotional 
responses 

Sensorial 
responses 

Social responses 

Built Prevalence score 
23.12% 
 
Built interactions 
most likely to 
induce positive 
cognitive 
responses (27.35% 
prominence). 
 
Key touchpoints – 
house/ rooms, 
church/ chapel, 
bear house, 
exhibitions, fashion 
displays 

Prevalence score 
19.14% 
 
Prominence score  
24.34%  
 
Significant pattern, 
effect size -0.07 
 
Key touchpoints – 
house, bear house, 
buggy ride, chapel, 
exhibitions, 
furnishings 
 
Key emotions – 
surprise (“amazing”, 
“impressive”), joy 
(“enjoyed”, “love”, 
“delight”) 

Prevalence score 
20.57% 
 
Prominence score 
22.65%  
 
Key touchpoints – 
house, food/ drink 

Prevalence score 
6.21% 
 
Prominence score 
7.35% 
 
Key touchpoints – 
house (friendly, 
welcoming) 

Table 80 – Positive CX responses to built interactions (Case Study 2) 

 

Interestingly, in Case Study 1, only positive cognitive responses to the 

built servicescape are found to have a significant relationship to CX rating, whilst 

in Case Study 2 it is only emotional responses that are found to be significant. 
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This points to a difference in the built servicescape offering for both cases 

which is leading to a difference in CX response. It suggests that in different cases, 

the dimensions of CX response (cognitive, emotional, sensorial, social), hold 

different levels of importance in terms of the overall experience. The findings 

show that in Case Study 1, the experience tends to result in visual appeal, 

whereas in Case Study 2, a historical house and gardens, there is a greater focus 

on information and learning, with many different exhibitions on display. Within the 

cultural heritage sector, recent scholarship around CX has focused on the 

improvement of cognitive (e.g. learning and education) experiences, often using 

virtual technologies such as mobile and augmented reality (e.g. Petrucco and 

Agostini, 2016; Dieck and Jung, 2017). However, the findings in this study 

suggest that such responses may not always have a significant impact on overall 

CX. It is interesting that it is only in Case Study 1, where a (very small) effect 

size is found in relation to positive cognitive responses. This could be due to such 

an experience being unexpected and therefore positively surprising to the 

customer. Points of cognitive interest may be an attractive requirement as per the 

Kano model of satisfaction (Kano, 1984). 

In both cases, the most prominent and prevalent responses to the built 

servicescape show no significance with rating. This may suggest that such 

responses are expected, and therefore do not lead the customer to delight and 

surprise (beyond mere satisfaction). The makeup of CX responses to customer 

interactions is also likely to be different depending on the situational context of 

the experiential offering (De Keyser et al., 2020), and the customer’s overall 

motivations, goals, and expectations (Berry et al., 2002; Packer and Ballantyne, 

2002). Performing an in-depth analysis of the ways customers respond to multiple 

interactions in multiple ways, using both frequency and significance testing, is 
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necessary to fully understand the makeup of the holistic experience in each 

individual case. This is further explored in the methodological findings (section 

9.3). The composition of CX differs on a case-by-case basis, as well as a 

customer-by-customer and should be further explored alongside discussions of 

customer and situational context (section 2.8), which were not part of the remit 

for this thesis.  

 

CASE 
STUDY 1 – 
Negative  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Built Prevalence score 
0.52% 
 
Prominence score 
1.69% 
 
Significant pattern, 
effect size -0.03 
 
Key pain points – 
stretches without 
interest, unclear or 
lack of signage, 
finding parking/ 
start of path etc.  

Prevalence score 1.04% 
 
Built interactions most 
likely to induce negative 
emotions (3.38% 
prominence).  
 
Significant pattern, effect 
size -0.10 
 
Key pain points – 
facilities, (e.g. toilets), 
perceived lack of facilities  
 
Key emotions – anger 
(“repugnant”) and sadness 
(“shame”) 

Prevalence score 
0.85% 
 
Prominence score 
2.74% 
 
Significant pattern, 
effect size -0.10 
 
Key pain points – 
built up areas (e.g. 
theme park, large-
scale visitor 
attractions), 
unmaintained 
pathways, 
stretches of path 
without points of 
interest.  
 

Prevalence score 
0.27% 
 
Prominence score 
0.87% 
 
Significant pattern, 
effect size -0.03 
 
Key pain points – 
built up areas (e.g. 
tourist shops), 
pathway/ facilities 
which lack 
maintenance.  

Table 81 – Negative CX responses to built interactions (Case Study 1) 

 

CASE 
STUDY 2 – 
Negative  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Built Prevalence score 
3.16% 
 
Prominence score 
3.73% 
 
Significant pattern, 
effect size -0.19 
 
Key pain points – 
fashion and 

Prevalence score 
5.60% 
 
Built interactions most 
likely to induce negative 
emotions (6.63% 
prominence).  
 
Significant pattern, 
effect size -0.24 
 

Prevalence score 
4.89% 
 
Prominence score 
5.78% 
 
Significant pattern, 
effect size -0.19 
 
Key pain points – 
food/ drinks in café 

Prevalence score 
1.83% 
 
Prominence score 
2.17% 
 
Significant pattern, 
effect size -0.15 
 
Key pain points – 
crowded areas, 
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Suffragette 
exhibitions 
(“uninspiring”), café 
(not “special” 
enough).   

Key pain points – 
café/ restaurant, 
perceived lack of things 
to see in house 
 
Key pain points – 
sadness 
(“disappointing”), anger 
(“dreadful”).  

not up to standard 
(taste), house 
perceived as 
unattractive. 
 

members of 
reception/ restaurant 
staff (perceived as 
rude).  

Table 82 – Negative CX responses to built interactions (Case Study 2) 

 

Negative responses to the built servicescape are fundamental in both 

cases. The biggest effect sizes for both cases are in relation to negative CX 

responses to built touchpoint interactions. All built Interactions + Negative CX 

response patterns are found to be significant in both Case Study 1 (Table 81) 

and Case Study 2 (Table 82). The results give a clear sense of which touchpoints 

are ‘pain points’ (McColl-Kennedy et al., 2019) for both cases, and these should 

be given prioritisation when managing CX. This is important for managing 

customer expectations and ensuring there are no (unwanted) surprises.  

In Case Study 2, the built servicescape has several issues, with the café 

(food quality, service) often leading to negative customer responses that have a 

detrimental impact on rating - e.g. “hated the café” and “food is dreadful” (section 

7.3.1). This offers insight into where improvements need to be made and shows 

that catering is an important aspect of the experience, beyond those of the 

historical and learning experience of the site itself. This is also confirmed in Case 

Study 1, where the maintenance and upkeep of wider facilities, including toilets, 

parking, and public transport, is seen by the customer as an important (and 

significant) part of the overall experience (section 7.3.1). Toilets are especially 

important in this case, with thirteen patterns being found to express Built + Anger, 

and seven of these referring specifically to toilet facilities.  
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Sadness and anger feature most prominently in both cases, with few 

instances of fear. When looking at the verbatim comments in the lowest rated 

reviews, emotional intensity is frequently found with comments such as 

“repugnant”, “horrendous”, and “disgusting” (Case Study 1). By assessing 

discrete emotions, rather than only positive and negative emotions, it is possible 

to see how different emotional responses may have more or less of an impact on 

overall experience. These results suggest that the intensity of a negative 

response correlates to the overall CX.  Extant work has tended to focus on the 

positive intensity of experiences (e.g. Schouten et al., 2007) as opposed to 

intense negative experiences. However, the findings in this work suggest that 

more attention should be given to the emotional content of negative responses, 

which have a greater impact on the overall experience.  

 

9.2.3 Natural Interactions 

Customer responses to natural servicescape touchpoints are very similar 

in both cases. Interactions with natural servicescape touchpoints predominantly 

induce positive sensorial and positive emotional responses.  

 

CASE 
STUDY 1 
– Positive  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Natural Prevalence score 
1.85% 
 
Prominence score 
5.38% 
 
Key touchpoints – 
geological features, 
fossils, cliffs, 
flowers, birds 

Prevalence score 9.05% 
 
Prominence score 26.28% 
 
Significant pattern, effect 
size -0.06 
 
Key emotions – surprise 
(“amazing” “awe-
inspiring”) and joy (“feel 
good factor”)  
 
Key touchpoints – the 
sea, beaches, coast/ cliffs, 

Prevalence score 
21.54% 
 
Natural interactions 
most likely to induce 
positive sensorial 
responses (62.59% 
prominence). 
 
Significant pattern, 
effect size -0.06 
 
Key touchpoints – 
the sea, atmospheric 

Prevalence score 
0.74% 
 
Prominence score 
2.14% 
 
Key touchpoints – 
beaches, coastline 
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flowers/ fauna, wildlife, 
geological features, 
landscape 

qualities of the 
surrounding place.  

Table 83 – Positive CX responses to natural interactions (Case Study 1) 

 

CASE 
STUDY 2 
– Positive 

Cognitive 
responses 

Emotional 
responses 

Sensorial 
responses 

Social responses 

Natural Prevalence score 
4.28% 
 
Prominence score 
9.17% 
 
Key touchpoints – 
gardens, plants, 
and trees 
(interesting, 
unusual) 

Prevalence score 
11.41% 
 
Prominence score 
24.45% 
 
Key touchpoints – 
gardens and grounds 
 
Key emotions - 
gardens (“pleasant”, 
“delightful”, 
“peaceful”), surprise in 
response to gardens 
(“amazing”, 
“marvellous”) 

Prevalence score 
28.72% 
 
Natural interactions 
most likely to induce 
positive sensorial 
responses (61.57% 
prominence). 
 
Significant pattern, 
effect size -0.06 
 
Key touchpoints – 
wider grounds 
(beautiful, large), 
gardens, plants 
(rhododendrons, 
azaleas), trees  

Prevalence score 
0.61% 
 
Prominence score 
1.31% 
 
Key touchpoints – 
plants (friendly looking) 

Table 84 – Positive CX responses to natural interactions (Case Study 2) 

 

CASE 
STUDY 1 – 
Negative  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Natural Prevalence score 
0.05% 
 
Prominence score 
0.16% 
 
Key pain points – 
very few patterns in 
data 

Prevalence score 0.63% 
 
Natural interactions most 
likely to induce negative 
emotions (1.83% 
prominence).  
 
Significant pattern, effect 
size -0.05 
 
Key pain points– difficult 
terrain, coastal erosion, 
sub-standard beaches 

Prevalence score 
0.47% 
 
Prominence score 
1.36% 
 
Significant pattern, 
effect size -0.07 
 
Key pain points – 
dog mess, 
overgrowth 

Prevalence score 
0.09% 
 
Prominence score 
0.36% 
 
Key pain points – 
beaches (busy in 
high season) 

Table 85 – Negative CX responses to natural interactions (Case Study 1) 
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CASE 
STUDY 2 – 
Negative  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Natural Prevalence score 
0.31% 
 
Prominence score 
0.66% 
 
Significant pattern, 
effect size -0.08 
 
Key pain points – 
gardens/ grounds 
(disconnected from 
house, lacking 
interest, not on 
map) 

Prevalence score 
0.41% 
 
Prominence score 
0.87% 
 
Key pain points –  
very few patterns in 
data.  
 

Prevalence score 
0.81% 
 
Natural interactions 
most likely to induce 
negative sensorial 
responses (1.75% 
prominence). 
 
Key pain points – 
flowers (drab/ not 
much colour out of 
season) 

Prevalence score 
0.10% 
 
Prominence score 
0.22% 
 
Key pain points – 
very few patterns in 
data 

Table 86 – Negative CX responses to natural interactions (Case Study 2) 

 

Natural touchpoint interactions rarely lead to negative responses (Table 83 

and Table 84). In both cases, positive sensorial responses to the natural 

servicescape are most prominent and prevalent in the data. This pattern is 

significant (with a small effect size of -0.06 in both cases). Although the effect size 

is small, the significance is noteworthy because often the most prevalent patterns 

do not have a significant relationship. This again points to the importance of the 

natural dimension for the overall experience. From a Service Design perspective, 

the finding that the natural dimension tends to lead to positive sensorial 

responses (which are significant to rating), would advocate it to be an important 

pattern to emphasise in the service offering.  

There are four significant patterns which include responses to the natural 

servicescape in Case Study 1, and only two in Case Study 2. This may suggest 

that in cases where the natural landscape is the core element of the experiential 

offering, such as a coastal pathway, customer responses to natural touchpoints 

have a greater significance in terms on overall experience.  However, in many 

cases, such elements are part of the wider, natural (and often uncontrollable) 
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environment. This makes insights relating to the natural servicescape different to 

those relating to built touchpoints, social touchpoints, and customer activities, 

which are all can be monitored and controlled by the provider and its partners.   

Natural touchpoint interactions were found to have a remarkably similar 

spread of CX responses for both case studies in terms of prevalence and 

prominence (Table 36 and Table 60). Customer responses to the natural 

servicescape are dominated by positive sensorial and emotional experiences. 

Interactions with the natural servicescape very rarely lead to negative responses. 

There is a slight increase in positive cognitive responses in the second case study 

(5.38% prominence in Case Study 1 compared to 9.17% in Case Study 2). In 

Case Study 2 this tends to refer to the “interest” of the “unique” gardens and 

plants, but the pattern is not deemed to have a significant impact on rating (for 

either case) based on the Mann Whitney U-test.  

In both cases, one of the most prevalent patterns across the datasets is 

Natural + Positive Sensorial (found in 21% of Case Study 1 reviews and 28% 

of Case Study 2 reviews). This pattern mostly relates to visual appeal, e.g. 

“beautiful gardens” (Case Study 2) and “stunning coastline” (Case Study 1).  The 

pattern is only very slightly significant in both cases (both with an effect size of 

0.06) which may signify it is an expected outcome of the cultural heritage sector 

offering.  

A small number of examples can be found in reviews where positive 

sensorial responses to the natural servicescape are hindered. For example, 

“what a let down, a dull looking layer of rock as a beach” and “not the most scenic 

stretch”. Aesthetic experiences and the concept of beauty have been extensively 

explored within the tourism literature for some time (e.g. Masberg and Silverman, 

1996) but are largely absent from the CX literature, which has tended to focus on 
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emotional responses and memorability (Pine and Gilmore, 1999, Schmitt, 1999, 

LaSalle and Britton, 2003). 

In Case Study 1, there are contradictions in the findings – for instance 

some customers wish to “get away from it all” whilst others are disappointed with 

natural elements, such as difficult terrain, and a perceived scarcity of facilities. 

This was also evidenced in responses to the built servicescape where some 

customers disliked areas that were perceived as too “touristy” or “built up”. This 

points to complexity in the relationship between the realised experience 

depending on customer motivations and expectations (Meyer and Schwager, 

2007; Lemke et al., 2011). It also suggests that in an unbounded, and physically 

expansive, case, there may be a lack of clarity in terms of what the customer can 

expect from the offering. For example, this might include how difficult the terrain 

may be, or how “off the beaten track” a location is.  Further discussion of the 

impact of the unbounded servicescape is found within the practical discussion of 

findings (section 9.4).  

 

9.2.4 Social Interactions 

Responses to the social servicescape are much more prevalent in Case 

Study 2, found in almost 20% of all reviews, whilst only found in 2.7% of Case 

Study 1.  

 

CASE 
STUDY 1 
– Positive  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Social Prevalence score 
0.34% 
 
Prominence score 
4.70% 
 

Prevalence score 2.46% 
 
Prominence score 33.91% 
 
Key touchpoints – 
children, family members 
 

Prevalence score 
0.65% 
 
Prominence score 
8.91% 
 

Prevalence score 
2.70% 
 
Social interactions 
most likely to 
induce positive 
social responses 
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Key touchpoints – 
family members 

Key emotions – joy from 
family members (“loved”, 
“heaven”) 

Key touchpoints – 
quiet/ not busy 
areas, family 
members 

(37.13% 
prominence).  
 
Key touchpoints – 
dogs (“dog 
friendly”), staff 
(shops, pubs), local 
people, family 
members 

Table 87 – Positive CX responses to social interactions (Case Study 1) 

 

CASE 
STUDY 2 
– Positive 

Cognitive 
responses 

Emotional 
responses 

Sensorial 
responses 

Social responses 

Social Prevalence score 
9.88% 
 
Prominence score 
20.46% 
 
Key touchpoints – 
staff and 
volunteers 
(knowledgeable 
and informative) 

Prevalence score 
12.93% 
 
Prominence score 
26.79% 
 
Key touchpoints – 
family members, staff, 
and volunteers 
 
Key emotions – joy 
in relation to children 
and dogs (“loved”, 
“fun), joy in response 
to volunteers 
(“enthusiastic”, 
“pleasant”). Surprise 
is rare in response to 
staff (e.g. “amazing”) 

Prevalence score 
1.93% 
 
Prominence score 
4.01% 
 
Key touchpoints – 
food (delicious), staff 
(charming) 

Prevalence score 
19.65% 
 
Social interactions most 
likely to induce positive 
social responses 
(40.72% prominence).  
 
Significant pattern, 
effect size -0.08 
 
Key touchpoints –
friendly/ helpful staff 
and volunteers (often 
on a first-name basis), 
members of party (dogs 
and kid friendly) 

Table 88 – Positive CX responses to social interactions (Case Study 2) 

 

CASE 
STUDY 1 – 
Negative  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Social Prevalence score 
0% 
 
Prominence score 
0% 
 
Key pain points – 
pattern not found in 
data  

Prevalence score 0.43% 
 
Social interactions most 
likely to induce negative 
emotions (5.94% 
prominence) 
 
Significant pattern, effect 
size -0.06 
 
Key pain points – dog 
owners, members of own 
party (e.g. unhappy or 

Prevalence score 
0.27% 
 
Prominence score 
3.71% 
 
Key pain points – 
small children 
(hungry, tired, with 
buggy/ pushchair), 
other path users 
(e.g. not tranquil, 
leaving rubbish, 
dog poo), family 

Prevalence score 
0.41% 
 
Prominence score 
5.69% 
 
Significant pattern, 
effect size -0.04 
 
Key pain points –
dog owners (don’t 
pick up mess), 
other path users 
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frightened children), 
cyclists/ cars (worrying) 

members (e.g. 
getting hurt) 

Table 89 – Negative CX responses to social interactions (Case Study 1) 

 

CASE 
STUDY 2 – 
Negative  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Social Prevalence score 
0.31% 
 
Prominence score 
0.63% 
 
Key pain points – 
boredom (children), 
staff (uninterested) 

Prevalence score 
0.92% 
 
Prominence score 
1.90% 
 
Significant pattern, 
effect size -0.10 
 
Key pain points – 
members of party who 
do not enjoy 
experience (e.g. 
children), staff and poor 
service.  
 
Key emotions – 
sadness (unhappy 
children and unhappy 
volunteers), anger in 
response to poor 
service (“awful”) 

Prevalence score 
0.10% 
 
Prominence score 
0.21% 
 
Key pain points – 
very few patterns in 
data.  

Prevalence score 
2.55% 
 
Social interactions 
most likely to induce 
negative social 
responses (5.27% 
prominence) 
 
Significant pattern, 
effect size -0.14 
 
Key pain points – 
staff (over-bearing 
staff at entrance, 
being ignored by 
waiting staff), 
service (slow or 
chaotic) 

Table 90 – Negative CX responses to social interactions (Case Study 2) 

 

The Case Study 2 experience includes interactions with various members 

of staff, such as volunteers, waiting staff in the café/ restaurant, and the buggy 

transport driver. There are a higher number of interactions with other customers 

due to the more physically bounded nature of the experience, such as when 

visiting the house or entering reception. Customers talk about long queues and 
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“crowds” of people. In a ‘bounded’ case customers are confined within a smaller 

area that tends to be managed by staff or employees. In unbounded spaces, the 

physical expanse means that customers are much more dispersed, often with no 

staff members to guide or communicate with customers. This explains the strong 

focus on social interactions across the service literature generally (e.g. Grove and 

Fisk, 1992; Berry et al., 2006) which has tended to be explored from a bounded 

perspective.  

In Case Study 1, customers do engage with staff and employees in wider 

complimentary services such as cafes, pubs, and shops along the pathway. 

References to these interactions are extremely rare and tend to be positive when 

they do occur. This suggests that customers distinguish staff members from 

complementary services (such as shops, cafes, and restaurants) from overall 

judgements and ratings relating to the experiential offering itself. In Case Study 

1 this is an interesting point because there is evidence that built touchpoints which 

are not controlled or managed by the path association, (e.g. the upkeep of toilets 

and wider services such as parking), do have a significant impact on overall CX 

(section 7.3.1). This may be linked to the notion that the social dimension, and 

in particular staff members and employees, are seen as the ‘face of the brand’ 

(section 8.3.3). As such, in an unbounded perspective, social interactions with 

employees from other organisations may be classed (by the customer) as being 

separate to the remit of the coastal path experience. E.g. they are part of ‘the 

experience’ with the other organisation or brand instead. Future work is required 

to further explore whether different types of partner-owned touchpoints are more 

or less likely to impact the overall experience in an unbounded servicescape 

offering.    
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Most social interactions lead to positive CX responses in both cases. 

Negative responses are predominantly found in in Case Study 2 (typically 

negative social, including rude or overbearing staff) which are not often found in 

Case Study 1 (section 7.3.3 and 8.3.3). This difference can largely be explained 

by the lack of provider-customer interactions in Case Study 2. It points to the 

added complication of managing such interactions when designing for the 

experience in a bounded servicescape that is staffed by employees.  

 

9.2.5 Customer Activities 

Customer activities is the only interaction type which most frequently leads 

to positive emotional experiences (for both prevalence and prominence) in both 

cases.   

 

CASE 
STUDY 1 
– Positive  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Activities Prevalence score 
1.92% 
 
Prominence score 
4.28% 
 
Key activities – 
views (interesting, 
unique, and rare 
sights), walking 
(interest, history, 
memorable) 

Prevalence score 23.56% 
 
Activities most likely to 
induce positive emotions 
(52.36% prominence).  
 
Significant pattern, effect 
size -0.06 
 
Key activities – views, 
walking 
 
Key emotion – surprise in 
response to views 
(“breathtaking”, “amazing”, 
“out of this world”), joy in 
response to walking (“fun”, 
“enjoyable”, “pleasant”, 
“uplifting”) 

Prevalence score 
17.51% 
 
Prominence score 
0.92% 
 
Significant pattern, 
effect size -0.06 
 
Key activities – 
walking routes, 
views, picnic, taking 
photographs 

Prevalence score 
0.79% 
 
Prominence score 
1.76% 
 
Key activities – 
stopping to rest/ 
relax, talking to 
other walkers. 

Table 91 – Positive CX responses to activities (Case Study 1) 
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CASE 
STUDY 2 
– Positive 

Cognitive 
responses 

Emotional 
responses 

Sensorial 
responses 

Social responses 

Activities Prevalence score 
3.36% 
 
Prominence score 
14.22% 
 
Key touchpoints – 
events, walks, 
activities, games, 
classic car show 
(interesting, 
special) 

Prevalence score 
10.39% 
 
Activities most likely 
to induce positive 
emotions (43.97% 
prominence).  
 
Key touchpoints – 
views, walks, 
children’s activities, 
sporting activities, live 
music 
 
Key emotions – joy 
(“enjoy”), surprise in 
response to views 
(amazing, 
breathtaking) 

Prevalence score 
6.31% 
 
Prominence score 
26.72% 
 
Significant pattern, 
effect size -0.08 
 
Key touchpoints – 
dog walks and kid’s 
activities (e.g. 
treasure hunts) and 
their atmospheric 
qualities.  

Prevalence score 
1.63% 
 
Prominence score 
6.90% 
 
Key touchpoints – 
very few patterns in 
data 
 

Table 92 – Positive CX responses to activities (Case Study 2) 

 

According to SDL, customers are cocreators of value through their 

resource integrating activities (Gupta and Vajic, 2000). The results in this study 

suggest that emotional responses might be better formed through an active 

involvement from the customer in their surroundings. According to Teixeira et al. 

(2011, p. 364), “activities unfold the experience”. This means that when engaging 

with servicescape touchpoints, the customers co-create value because of what 

they do and how/ why they engage. When a customer is engaged in specific 

activities, they are aiming to get a job done based on their wider needs and 

motivations (Bettencourt, 2010). CX is not only tied to the types of touchpoints 

(which can be designed by the provider through ‘clues’, e.g. Berry et al., 2006) 

but also to the wider activities through which the customer interacts.  

For example, in Case Study 1 a customer with children might desire 

entertainment and fun, (“there are plenty of geocaches which keep us entertained 

for hours”). By contrast, a lone walker might be looking for pure escapism, “a few 
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minutes solitude”, or to try the “plenty of pubs along the way”. Theoretical 

understandings of the servicescape should include within them a wider 

discussion of customer activities. This supports findings by Minkiewicz and Evans 

(2016), who state that immersion in a cultural heritage site is achieved through 

customer activities and ways of engagement.  If emotional quality is key, as 

suggested by Pine and Gilmore (1999), activities are the clearest way to induce 

positive emotional responses in the customer, for both cases. Activities should be 

a clear focus when designing for the experience.  

Some key activities can be identified in both cases – e.g. walking, taking 

in the views, eating, children’s play and entertainment. It is vital that service 

designers identify these. Activities form the basis of the customer’s engagement 

at touchpoints across the customer journey, and the reasons/ motivations for 

engaging in the first place. This has previously been represented in Service 

Design models which look at activity sequences (e.g. Patrício et al., 2011, Verma 

et al., 2012). However, it is important that both the activities, and the touchpoints 

are represented. This is because both combined are found to significantly impact 

CX response and overall CX.  

In the tourism domain, Packer and Ballantyne (2002), found that 

customers visited heritage and tourist sites (including a museum, an art gallery, 

and an aquarium) for both educational and enjoyment reasons. This differed 

between the cases, for instance with only the museum context being 

predominantly about education and learning. In the cases studied in this work, 

different customers were found to engage in different activities, and hold different 

expectations in relation to the activities they wished to pursue. There are many 

examples in Case Study 2 of positive emotions resulting from activities beyond 

learning or education, such as quizzes, children’s trails, games, and apple picking 
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which were organised and managed by the organisation themselves. Such 

activities may have an educational component, but were found to go above and 

beyond this in terms of emotional appeal.  

According to Falk (2006), customer learning is directly impacted by the 

customer’s sense of identity, and motivations for visit. The ‘explorer’ category, 

where customers visit a site to attend to personal learning and curiosities, is only 

one customer segment (section 2.8.1). In addition to this category, customers 

may be ‘facilitators’ and focused on the needs and enjoyment of their children or 

families, rather than personal learning and education. These customers may 

desire a greater variety of activities, such as activities surrounding play and 

entertainment.  

 

CASE 
STUDY 1 – 
Negative  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Activities Prevalence score 
0.16% 
 
Prominence score -
0.36% 
 
Significant pattern, 
effect size -0.04 
 
Key pain points – 
confusions/ clarity 
relating to walking 
(e.g. unclear 
directions), 
uninteresting 
walking (e.g. 
nothing to see).  

Prevalence score 0.54% 
 
Activities most likely to 
induce negative emotions 
(1.20% prominence) 
 
Significant pattern, effect 
size -0.08 
 
Key pain points – 
dangerous/ worrying 
walking (e.g. cars), difficult 
walking (e.g. difficult 
terrain, diversions). 

Prevalence score 
0.41% 
 
Prominence score 
0.92% 
 
Significant pattern, 
effect size -0.06 
 
Key pain points – 
walking past dog 
mess and litter.  

Prevalence score 
0.09% 
 
Prominence score 
0.20% 
 
Significant pattern, 
effect size -0.03 
 
Key pain points – 
paying for car 
parking.  

Table 93 – Negative CX responses to activities (Case Study 1) 

 

CASE 
STUDY 2 – 
Negative  

Cognitive 
responses 

Emotional responses Sensorial 
responses 

Social responses 

Activities Prevalence score 
0.31% 
 

Prevalence score 
1.22% 
 

Prevalence score 
0.20% 
 

Prevalence score 
0.20% 
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Prominence score 
1.29% 
 
Significant pattern, 
effect size -0.10 
 
Key pain points – 
signage on walks, 
unimpressive 
walks/ views.  

Activities most likely to 
induce negative 
emotions (5.17% 
prominence) 
 
Significant pattern, 
effect size -0.11 
 
Key pain points – 
meals in café, 
shopping, children’s 
facilities.  
 
Key emotions – anger 
in relation to meals 
(“worst”, “awful”, 
“dreadful”), sadness in 
response to shop, 
meals and facilities on 
offer (“disappointing”, 
“shame”) 

Prominence score 
0.86% 
 
Key pain points – 
very few patterns in 
data: plants 
(uncared for), meals 
(like “school 
dinners”) 

Prominence score 
0.86% 
 
Significant pattern, 
effect size -0.08.  
 
Key pain points – 
very few patterns in 
data: child playing 
piano (“over an 
over”) 

Table 94 – Negative CX responses to activities (Case Study 2) 

 

Activities which produce negative responses show a greater level of 

significance in relation to CX rating (Table 93 and Table 94). This suggests that 

anything which is a hindrance to the activities a customer wishes to engage in 

are a driver of a poor experience. In Case Study 1, all activity + negative CX 

response patterns are shown to have a significant relationship with customer 

rating, and in Case Study 2, three out of four have an effect. In Case Study 1 it 

is found that obstacles which detract from the core activity of walking (such as 

diversions or difficult/ dangerous stretches of path) have a significant correlation 

with a lower customer rating. In Case Study 2, the most frequent patterns are 

found in relation to customer meals and eating, where enjoyment is hindered 

through poor quality, or a perceived lack of activities and things to do (e.g. to keep 

children amused).  
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9.2.6 Emotional CX responses 

In both cases, emotions have strong relationships to customer ratings, with 

some of the largest effect sizes found in terms of emotional responses to 

interactions. Emotional responses to the four types of touchpoint interactions are 

summarised in Table 95 and Table 96.  

 

CASE 
STUDY 1 –  

Built Natural Social Activities 

Positive 
Emotional 
responses 

Prevalence score 

8.58% 

Prominence score 

27.76% 

Key touchpoints – 

pathway, villages/ 

towns, eateries, cliff 

railway, pubs, 

chapels/ churches 

Key emotions – joy 
in response to 
pathway, food, and 
eateries (“pleasant”, 
“delightful”), surprise 
in response to 
pathway and 
villages/ towns 
(“breathtaking”) 

Prevalence score 

9.05% 

Prominence score 

26.28% 

Significant pattern, 

effect size -0.06 

Key touchpoints – 
the sea, beaches, 
coast/ cliffs, flowers/ 
fauna, wildlife, 
geological features, 
landscape 
 
Key emotions – 

surprise (“amazing” 

“awe-inspiring”) and 

joy (“feel good factor”)  

 

Prevalence 
score 2.46% 
 
Prominence 
score 33.91% 
 
Key 
touchpoints – 
children, family 
members 
 
Key emotions – 
joy from family 
members 
(“loved”, 
“heaven”) 
 

Prevalence score 

23.56% 

Activities most likely to 

induce positive emotions 

(52.36% prominence).  

Significant pattern, effect 

size -0.0 

Key activities – views, 

walking 

Key emotions – surprise 
in response to views 
(“breathtaking”, 
“amazing”, “out of this 
world”), joy in response 
to walking (“fun”, 
“enjoyable”, “pleasant”, 
“uplifting”) 

Negative 
Emotional 
responses 

Prevalence score 
1.04% 
 
Built interactions 
most likely to induce 
negative emotions 
(3.38% prominence).  
 
Significant pattern, 
effect size -0.10 
 
Key pain points – 
facilities, (e.g. 
toilets), perceived 
lack of facilities  
 
Key emotions – 
anger (“repugnant”) 
and sadness 
(“shame”) 

Prevalence score 
0.63% 
 
Natural interactions 
most likely to induce 
negative emotions 
(1.83% prominence).  
 
Significant pattern, 
effect size -0.05 
 
Key pain point – 
difficult terrain, coastal 
erosion, sub-standard 
beaches 

Prevalence 
score 0.43% 
 
Social 
interactions 
most likely to 
induce negative 
emotions 
(5.94% 
prominence) 
 
Significant 
pattern, effect 
size -0.06 
 
Key pain 
points – dog 
owners, 
members of own 
party (e.g. 

Prevalence score 0.54% 
 
Activities most likely to 
induce negative 
emotions (1.20% 
prominence) 
 
Significant pattern, effect 
size -0.08 
 
Key pain points – 
dangerous/ worrying 
walking (e.g. cars), 
difficult walking (e.g. 
difficult terrain, 
diversions). 
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unhappy 
children) 

Table 95 – Emotional CX responses (Case Study 1) 

 

In Case Study 1, five out of ten patterns with the largest effect sizes 

included emotional responses, and in Case Study 2, four out of seven patterns 

with the largest effect sizes included emotional responses. Negative emotions 

have the highest prevalence score for all interaction types in Case Study 1.   

 

CASE 
STUDY 2 –  

Built Natural Social Activities 

Positive 
Emotional 
responses 

Prevalence score 

19.14% 

Prominence score  

24.34%  

Significant pattern, 

effect size -0.07 

Key touchpoints – 

house, bear house, 

buggy ride, chapel, 

exhibitions, 

furnishings 

Key emotions – 
surprise 
(“amazing”, 
“impressive”), joy 
(“enjoyed”, “love”, 
“delight”) 

Prevalence score 

11.41% 

Prominence score 

24.45% 

Key touchpoints – 

gardens and 

grounds 

Key emotions - 
gardens (“pleasant”, 
“delightful”, 
“peaceful”), surprise 
in response to 
gardens (“amazing”, 
“marvellous”) 

Prevalence score 

12.93% 

Prominence score 

26.79% 

Key touchpoints – 

family members, staff, 

and volunteers 

Key emotions – joy in 
relation to children and 
dogs (“loved”, “fun), joy 
in response to volunteers 
(“enthusiastic”, 
“pleasant”). Surprise is 
rare in response to staff 
(e.g. “amazing”) 

Prevalence score 

10.39% 

Activities most 

likely to induce 

positive emotions 

(43.97% 

prominence).  

Key touchpoints – 

views, walks, 

children’s activities, 

sporting activities, 

live music 

Key emotions – 
joy (“enjoy”), 
surprise in 
response to views 
(amazing, 
breathtaking) 

Negative 
Emotional 
responses 

Prevalence score 

5.60% 

Built interactions 

most likely to 

induce negative 

emotions (6.63% 

prominence). 

Significant pattern, 

effect size -0.24 

Key pain points – 

café/ restaurant, 

perceived lack of 

Prevalence score 

0.41% 

Prominence score 

0.87% 

Key pain points –  

very few patterns in 

data.  

 

Prevalence score 0.92% 

Prominence score 1.90% 

Significant pattern, effect 

size -0.1 

Key pain points – 

members of party who 

do not enjoy experience 

(e.g. children), staff and 

poor service.  

Key emotions – 
sadness (unhappy 
children and unhappy 
volunteers), anger in 

Prevalence score 

1.22% 

Activities most 

likely to induce 

negative emotions 

(5.17% 

prominence) 

Significant pattern, 

effect size -0.11 

Key pain points – 

meals in café, 

shopping, 

children’s facilities.  
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things to see in 

house 

Key emotions – 
sadness 
(“disappointing”), 
anger (“dreadful”). 

response to poor service 
(“awful”) 

Key emotions – 
anger in relation to 
meals (“worst”, 
“awful”, “dreadful”), 
sadness in 
response to shop, 
meals and facilities 
on offer 
(“disappointing”, 
“shame”) 

Table 96 – Emotional CX responses (Case Study 2) 

 

Negative emotional responses to built touchpoint interactions have the 

largest effect sizes in relation to customer ratings. This is true in both cases. Effect 

size is relatively high for Case Study 2, with an effect rating of 0.24 (section 

8.3.1). This confirms wider literature where the importance of emotional 

experiences has long been stated (Holbrook, 1999). It suggests that there is an 

intensity in emotional CX responses that has a greater impact on overall CX than 

the other dimensions (cognitive, sensorial, social).  

To further explore this intensity, there is a need for more research to 

explore discrete emotions, which have not been extensively studied in the CX 

literature (Kranzbühler et al., 2020). Looking at negative CX responses on their 

own, it is found in Case Study 2, that sadness has the most significant 

relationship to customer rating (with an effect size of 0.32) followed by anger (with 

an effect size of 0.24). In this case, fear is found to have no significance (Table 

75). Similarly, in Case Study 1 there are differences between the discrete 

emotions, albeit a different arrangement. Here anger has the biggest effect size 

in relation to customer rating (0.12), followed by sadness (0.10). Fear does have 

significance, although the effect size is very small (0.04) (Table 53). Such results 

suggest that discrete emotions are not equal, and different types of negative 

emotions can have a greater or lesser effect on rating depending on the case 
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being assessed. Determining these variations enables service designers to focus 

on the key emotional qualities and how they tend to be induced.  

In patterns where positive emotional responses are confirmed to be 

significant, similar results are found, although with smaller effect sizes. In the 

cases presented in this work, the emotional response “surprise” has greater 

significance than joy or trust. For example, in Case Study 2, only surprise (and 

not joy or trust) is significant when found in relation to built touchpoint interactions 

(section 8.3.1). Built + Surprise has an effect size of 0.08. A similar finding is 

made in Case Study 1, where surprise has a slightly larger effect size in relation 

to the natural servicescape than joy (0.06 vs 0.03), and trust has no significance 

at all (section 7.3.2). When looking at CX responses alone for Case Study 1, 

there is a 0.12 effect size between surprise and customer rating, compared to an 

effect size of just 0.03 between joy and customer rating (section 7.3.5).  

In extant studies of CX using TA, there has been the presumption that 

positive or enjoyable experiences are demonstrative of CX, (e.g. Joseph and 

Varghese,2019; Alamsayah at al., 2020). Very few authors have looked beyond 

positive and negative emotional experience to include discrete emotions in their 

analysis (McColl Kennedy et al., 2019).  Results in this work suggest that 

distinguishing surprise from other positive emotions is important. To exceed 

expectations, and go beyond mere satisfaction, positive surprise is necessary.  

This corroborates earlier claims by Pine and Gilmore (2000), and Shaw 

(2007), about the importance of delivering surprising and engaging experiences. 

Existing literature, which looks at customer delight, tend to include both joy and 

surprise as part of its conceptualisation (e.g. Arnold et al., 2005; Kim and Mattilla, 

2013). It has been argued by some authors that surprise is not necessary in 
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achieving customer delight (Kumar et al., 2001). The work in this thesis 

challenges this claim.   

The findings suggest that the type of emotional response a customer has 

is important beyond whether it is positive or negative (McColl-Kennedy et al., 

2019). This may vary in relation to different types of service offerings (Kranzbühler 

et al., 2020). This can be hypothesised to be the case due to the differences found 

between the two cases explored in this work. In the cases developed in this work, 

trust was found to have no significant relationship with customer rating, and fear 

had only a small effect in Case Study 1. This makes sense in Case Study 1, 

because due to the service offering, parts of the path may be perceived as 

dangerous due to proximity to cliffs and sea. This is likely to differ in different 

service contexts. For example, contexts such as healthcare may produce 

different results, and both trust and fear may be a more important feature in terms 

of driving overall CX (e.g.  McColl Kennedy et al., 2017). It is important to assess 

customer emotions based on the context of study.  

  

9.3 Methodological discussion of findings 

The methodological approach used in this thesis is a mixed methods 

approach that utilises novel text analytics techniques (section 4.4.1). This 

enabled key concepts within the conceptual model (Figure 14) to be identified 

within verbatim customer feedback and transformed into meaningful patterns for 

analysis.  

The work in this thesis is placed within a growing area of scholarship that 

is taking advantage of the wider technological advances that make it possible to 

capture and analyse the ever-increasing supply of customer data. Currently, the 

ways in which this data can be analysed and meaningfully utilised by the service 
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provider is still in its infancy (Field et al., 2018). Research at the intersection of 

CX and big data analytics is scarce (Holmlund et al 2020). Many of the existing 

studies which use TM and TA techniques to analyse CX are not from the Service 

Management or CX literature specifically, and do not capture the intricate nature 

of the CX concept. Instead, extant studies tend to assess general customer 

sentiment (complaints and compliments) in relation to service or product 

attributes (e.g. Joseph and Varghese, 2019; Kim et al., 2020). Therefore, in 

addition to many of the theoretical findings discussed in the previous section 

(section 9.2), there are several methodological implications from this study that 

can be used to benefit future work. These will be discussed in the remainder of 

this section.  

 

9.3.1 Initial analysis 

Firstly, several implications are found in relation to the TM and TA methods 

chosen within this study, including insights made through the initial analysis 

(found in Chapter Five) using pre-existing analysis tools.  

Through the VADER analysis, it was discovered that in both cases CX 

ratings (1-star to 5-star) have a weak but significant correlation with sentiment 

scores. The weakness of the relationship suggested that other factors are at play 

in driving CX ratings (beyond or in addition to) sentiment.  

It is difficult to classify concepts as positive or negative in terms of their 

sentiment polarity. Firstly, the context of a word or concept creates potential 

issues for sentiment analysis, and “the polarity of a particular word can carry 

opposite sentiment depending on the domain” (Choi and Cardie 2009, p.75). 

Similarly, evaluative content can often be implied within reviews rather than being 

explicitly stated (Vasquez, 2014). In the well-known example of movie reviews, 



331 
 

Pang et al (2002) provide some examples of how difficult it can be to get the true 

meaning of evaluative content through words alone, e.g. “This film should be 

brilliant. It sounds like a great plot, the actors are first grade, and the supporting 

cast is good as well, and Stallone is attempting to deliver a good performance. 

However, it can’t hold up”. A review such as this is easily understood as being 

negative by a human reader, but more difficult to pick up by automated processes. 

This is because the meaning of the whole sentence is more than the individual 

words found within it. Pang et al (2002, p.7) have noted that for reasons such as 

this, “some form of discourse analysis is necessary”. Sentiment analysis is not 

enough for understanding the complexities of the experience.  

Findings in the VADER analysis for this work supports the claims made by 

CX scholars who have recently begun the task of creating context-specific 

libraries for coding and categorising CX within customer feedback data (Ordenes 

et al., 2014, McColl Kennedy et al., 2019, Zaki and Neely, 2019, Lee et al., 2019). 

Findings suggest that it is important to assess the full range of CX responses in 

customer feedback. Looking only at positive and negative sentiment is not 

adequate for understanding which CX responses occur, nor what they occur in 

response to.   

When looking at a wider number of pre-existing categories found in the 

LIWC text categorisation model (section 5.2), inherent differences were found in 

terms of the data structure and contents depending on overall CX rating. Multiple 

categories were found to have a significant, and strong effect, on customer rating 

for both cases. For example, positive and negative emotions, emotional tone, and 

perceptual qualities, were found to have a significant relationship to rating for both 

cases. Findings suggest that customers leaving lower ratings give more specific 

examples of personal issues they encountered, whilst in higher ratings customers 
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may be more likely to make general comments about the experience and offering 

overall.  

The main weakness in using LIWC as a method of analysis is that the 

categories included in the pre-existing libraries have been not made to reflect the 

core CX elements of interest in this work. The libraries are not domain-specific 

and have instead been created to work universally across all types of textual data. 

For these reasons they can only relay so much information about the data, and 

do not adequately inform the research questions posed in this thesis.  

It is argued here that TM is most effective when it is domain-specific, 

meaning that it relates to some specific body of knowledge or domain rather than 

being applied to text in general (Ordenes el al., 2014). This is because the 

associated meaning of a word often changes from one context to another 

(Büschken and Allenby, 2016). Most studies of CX using TM and TA techniques 

do so for a specific context, such as car parking transfer services (Ordenes et al., 

2014), which means that inferences are specific to the domain in question, and 

not applicable to other contexts. Words, grammar, and other language features 

found in review responses, are all inextricably linked to a person’s experiences, 

situated contexts, cultures and conventions of meaning. These words are never 

written in isolation but within other discourse, and from this meaning is created 

(Strauss and Feiz, 2013). According to Zellig Harris (1952), who first coined the 

term ‘discourse analysis’, there are ways for using language in specific contexts, 

and these contexts are continually open to change and evolution. Discourse 

analysis is concerned with language ‘in use’, describing the relationships 

between what is said or written, and the contexts from which this happens 

(Paltridge, 2012). This process is vital for accurately extracting meaningful 

insights from customer feedback that represents the core constructs of CX.  
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Findings from the initial analyses taken in this study suggest that it is 

important to engage in a certain amount of close analysis of reviews, beyond a 

strictly quantitative approach to text mining, to uncover deeper meanings and 

insights (Mackiewicz 2010). According to Vasquez (2014) automated evaluation 

processes can be strengthened using close qualitative discourse analysis. This 

ensures that concepts are categorised in the best possible way, in terms of both 

the wider literature, and the specific context in which they are being used by the 

reviewer. Specifically, results from the initial analysis in this thesis do not give 

insight into what touchpoints the customers are interacting with, or whether 

specific touchpoints are eliciting different types of CX responses. From a Service 

Design perspective, it is necessary to understand how CX responses arise in 

relation to individual touchpoint interactions (RQ1a). Only then can relationships 

between the intended and the realised experience be explored. As such, it is 

argued that a methodological tool which can perform aspect-level analysis 

(Valdivia et al 2020) is necessary when developing an understanding of CX.  

 

9.3.2 Core analysis 

The core analysis utilises a TM/ TA approach for developing an extensive 

TM library, extracting, and categorising the relevant CX concepts found in the 

customer feedback data (section 6.3). The success of this process has shown 

that it is possible to identify the key elements of CX within customer feedback 

data and assess the relationships between these elements.  

The threefold process of annotation has demonstrated the complexity 

involved in the process. Concept classification is always arbitrary to some degree 

(Ordenes et al., 2014, Xiang et al., 2015, McColl Kennedy et al., 2019). Despite 

this, the results of the categorisation process (section 6.3), indicate strong levels 
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of agreement in terms of CX elements. All respondents (from step two and three 

of the process) accepted that concepts could be classified in different categories 

of CX response, even when there may be slight disagreements about which 

category a concept should be coded within. This suggests that customers do 

express different facets of their experiential responses through the things that 

they say (Vasquez, 2014). It also confirms the multi-dimensional nature of CX 

(Lemon and Verhoef, 2016).  

In addition, the success of the three-step process to concept classification 

suggests that to some degree customers do distinguish between levels of multi-

dimensional experience, beyond experiencing it as a holistic gestalt. This is 

contrary to existing claims, e.g. Gentile et al., 2007. Further scholarship is needed 

to further advance this rich area of scholarship, using TM and TA techniques to 

advance understandings of CX. The ability for customers to distinguish different 

facets of the experience helps to explain why, although CX arises through multiple 

customer interactions and CX responses, some of these may have a greater or 

lesser impact on the overall experience. It also highlights the benefits of using the 

recounted experience (section 2.4.2), to further advance the CX field.  In 

recounted experiences, such as comments found within TripAdvisor reviews, the 

customer focuses on the most salient and memorable aspects of their experience 

(Packer and Ballantyne, 2016).     

Within the TM and TA field, it is common for authors to look at frequencies 

of terms within datasets (e.g. Kim et al., 2020). This is also the case in many of 

the existing CX studies which have utilised a TM or TA methodological approach 

(Ordenes et al., 2014, Zaki and Neely, 2019, McColl Kennedy et al., 2019). In 

these works, the authors create complex categorisation schemes. For example, 

McColl Kennedy et al (2019) look for instances of activities, resources, context, 
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interactions, and customer role, within the remit of one study. Generally, the 

categories are only analysed in relation to their frequency within the text.  

In this thesis, it was found that greater significance occurs in patterns 

which include negative CX responses. Negative patterns are the least frequent 

patterns found within the dataset (both in terms of prominence and prevalence). 

Positive CX responses are much more common within the dataset (sections 7.1 

and 8.1) and tend to be high in both prevalence and prominence, but they are 

less likely to be significant. When positive patterns are significant, they tend to 

have a smaller effect size than patterns which include a negative CX response. 

For example, positive cognitive responses are frequent in Case Study 2, yet do 

not have a significant relationship with customer rating (section 8.2). 

In existing studies which employ TA to develop an understanding of CX 

(e.g. Ordenes et al., 2014; McColl-Kennedy et al., 2019; Zaki and Neely, 2019) 

there has been a preponderance to focus on emotional and cognitive responses. 

This tends to be achieved through an assessment of frequencies of concepts 

within customer data. Findings from this thesis builds upon these findings. It is 

important for researchers to look beyond what is most often found within a review 

(e.g. the prevalence of a pattern within a dataset) but to assess this in relation to 

its effect on relevant customer outcomes (Kranzbühler et al., 2020). As this 

research has demonstrated, relationship testing can be used to explore how 

patterns differ between review rating groups.  

Finally, the libraries created in this work are reusable. This means that the 

vocabularies are applicable to a wide range of service contexts. It will be possible 

to adapt the libraries created in this work within future studies of CX. This can 

shed further light on CX responses in relation to a wider spectrum of cultural 

heritage sites (or other service sites). The libraries can be reused (and adapted) 
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to further explore the relationship between a multiplicity of positive and negative 

CX responses in replication studies using other service domains, and how these 

combine to form the customer’s overall CX assessment.   

  

9.4 Practical discussion of findings 

This thesis has synthesised and explored the key relationships between 

core elements of CX, which are expressed and summarised in the conceptual 

model (Figure 14). The empirical analysis explores how CX responses arise in 

relation to customer interactions, and how these combine to form overall CX. By 

linking the intended experience (interactions at touchpoints), and realised 

experience (CX responses), it offers several practical insights for designing for 

the experience in the cultural heritage sector.  

Within the cultural heritage sector, designing for CX is relatively novel 

(Minkiewicz and Evans, 2016, Ponsignon et al., 2017). The conceptual model 

presented in this thesis offers a way to conceptualise important aspects of CX 

assessment and appraisal to advance the limitations surrounding CX in the 

cultural heritage domain. From a practical sense, findings raise important 

implications for making CX improvements within the cultural heritage sector. This 

includes both insights in terms of the two cases, and ways in which CX might be 

better designed and managed. Practical discussions are positioned to overcome 

existing limitations in the literature, where little is known about how CX emerges 

in relation to the ‘unbounded’ servicescape, and in relation to natural touchpoint 

interactions. Specifically, this relates to the final research question (RQ2).  

9.4.1 Designing ‘for’ CX 

Both cases offer potential insights for ways to improve CX. In Case Study 

1, the path and wider built facilities need to be maintained to their expected 
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standard, with public facilities being a key pain point to work on (section 7.3.1). 

The customer desires above all a sensorial (and beautiful) experience, eliciting 

strong emotions of surprise and awe, and any factor which hinders this is of 

detrimental effect to the overall rating (section 7.3.5).  

In Case Study 2, the café and restaurant facilities are the most prominent 

pain point identified (section 8.3.1), and staff who are too disinterested, or too 

exuberant (patronising), will detract from the overall experience (section 8.3.3). 

Customers want more than education and interest, but surprise and beauty in 

their cultural heritage experiences with the offering (sections 7.3.5 and 8.3.5). 

This contrasts to much of the existing literature from the cultural heritage sector, 

where CX has often been enhanced through a focus on the learning experience. 

This has included designing walkways, improved lighting, location, and 

information panels that stimulate interest and involvement in the cultural product 

(De Rojas and Camarero, 2008). Chen and Chen (2010) have stated that 

enhancing customer involvement and educational experience is vital within the 

heritage context. The finding can also be seen to link back to Pine and Gilmore’s 

conceptualisation of CX as including the “esthetic” dimension, where the 

customer is immersed into an environment as a viewer or observer (Pine and 

Gilmore, 1998, pp. 102).  

Contrary to extant claims, this thesis has found that customers within the 

cultural heritage sector desire experience that go beyond educational experience. 

This supports findings by Sepe (2015) who discovered that in the case of 

Pompeii, visitors tend to visit only for a limited time due to the scarcity of 

attractiveness in the surrounding area. Customers find services (such as 

cleanliness and facilities) important for their experience (Cetin and Bilgihan, 

2015). Focusing on education and learning alone is not enough to drive the 
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experiences cultural heritage tourists desire in today’s competitive landscape. 

The work in this thesis extends extant research by exploring the experiential 

responses which are deemed to be most important for the customer in relation to 

the interactions they occur in response to.  

As highlighted in the theoretical discussion (section 9.2), surprise has a 

strong and significant relationship with rating for both cases. For example, in 

Case Study 1 (section 7.3.2) surprise has greater prevalence in higher rated 

reviews (24.95% prevalence in 5-star reviews, compared to 3.23% in 1-star 

reviews). It is important within the sector to find out what is causing this surprise, 

and to take steps to enhance it further. In Case Study 2, the positive emotion of 

surprise was found to be significant in driving ratings in response to the built 

servicescape, whilst joy and trust were not significant (section 8.3.1). It was also 

the case that positive cognitive responses did not have a significant relationship 

to customer rating. It is important when designing or enhancing exhibitions and 

displays to do so in fresh and visually appealing ways. In the business model for 

Case Study 2, many customers are members, and therefore likely to return on 

multiple occasions. It is important to continually refresh and revitalise offerings to 

keep customers coming back, and to continue being surprised by what is on offer.  

The research emphasises the significance of negative CX responses in 

relation to overall CX ratings. Negative emotions are highlighted as vital, offering 

a key opportunity for improvements (McColl Kennedy et al., 2019). In Case Study 

1, the patterns which have the biggest effect size are firstly those inducing 

negative emotional responses to built touchpoint interactions, and secondly, 

negative sensorial responses to built touchpoint interactions (Section 7.3.5). In 

Case Study 2, the pattern with the biggest effect size is negative emotional 

responses to built touchpoint interactions. In this case, all four of the biggest effect 
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sizes were found in response to built touchpoint interactions (emotional, 

sensorial, cognitive, and social respectively) (Section 8.3.5).  Such findings 

suggest that negative responses, and specifically negative emotional responses, 

should be a core focus when analysing customer feedback data.  

Aspects of the built servicescape are key pain points for both cases, 

despite the importance of the natural servicescape across both experiential 

offerings. This may be the result of greater importance being placed on built 

elements by the customer. For instance, it may be expected that such elements 

are well managed and controlled. In contrast, the natural servicescape is, to a 

large degree, uncontrollable and variable (for instance, the impact of weather is 

out of the provider’s hands). As such, the customer may afford fewer allowances 

to any unwanted surprises found in relation to their built touchpoint interactions. 

Service designers must pay the highest level of focus when designing this part of 

the servicescape.  

The findings in this study suggest that in certain contexts, such as cultural 

heritage, the notion of beauty is a core component of CX that deserves more 

focus and research attention (section 9.2.3). In both cases, positive sensorial 

responses have the biggest effect size in relationship to rating when found in 

responses to both the natural servicescape, and customer activities (sections 

7.3.5 and 8.3.5). The findings suggest that creating servicescapes that are 

sensorially appealing (and especially visually appealing) is an important area for 

Service Design. The use of natural elements could be used to achieve this in 

some service settings.  

In unbounded settings, such as Case Study 1 it is important to ensure 

naturally occurring beauty is maintained and as easily accessed as possible. 

Positive emotional responses to natural servicescape touchpoints may reflect the 
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restorative nature that has been found to exist within natural landscapes (e.g. 

Hartig et al., 1991), and service providers should pay greater attention to the 

natural servicescape when designing and managing for CX. This links to existing 

studies where social prescribing nature-based interventions have used as a 

method to increase connectedness of people in vulnerable populations. This 

includes activities such as walking, community gardening, and vouchers to use 

at farmers’ markets. Such interventions have been found to promote connectivity 

between people and nature, social connections, and improvements to mental and 

physical health (Leavell et al., 2019).  

The findings in relation to customer interactions with natural servicescape 

touchpoints raised a few issues which need to be carefully managed to deliver 

the best possible CX. There is a complex balance in nature-based tourism 

between seeking wilderness and escape, yet also demanding certain comforts, 

services, infrastructure, and built facilities alongside (Wall-Reinius and Bäck, 

2011). It may appear that some of the elements found within the natural 

servicescape do not go with the customer’s sensorial ideal of natural and 

undisturbed beauty (e.g. mud, nettles, brambles, boulders, shingle). Such 

comments reflect the often-paradoxical quest between wanting experiences of 

wilderness on the one hand, and services and comfort on the other (Fredman et 

al., 2012).  It is important to note, of course, that overall negative emotions (and 

low ratings) are very rare within the dataset. However, different customers 

respond differently to natural environments based on personal contexts (Castree 

and Braun, 2001). A customer’s personal identity, motivations and expectations 

make them more suited to some parts of the experience setting than others (Falk, 

2006). This may vary depending on how ‘wild’ the setting is, or the difficulty of the 

natural terrain. For example, a customer in Case Study 1 states “There’s plenty 
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for the children to do at <PlaceName>”, whilst another makes the claim “Avoid 

the eyesore and abomination that is <PlaceName>” in reference to the same 

place.  This coincides with difficulties relating to unbounded experiences which 

cover large expanses of areas, which may be more or less suitable depending on 

who the customer is and what their overall goals are. Communicating realistic 

expectations to potential customers in the right way is vital in natural servicescape 

settings.  

In contexts like Case Study 2, where there are multiple interactions with 

members of staff and other customers, the impact of the social servicescape is 

important when designing for CX. Negative social responses are particularly 

important in driving rating (with an effect size of 0.14), followed by negative 

emotional responses (with an effect size of 0.10). It is important to manage staff-

customer interactions. In the findings in this work, negative social interactions, 

(complaining about “slow” or “chaotic” service, and “rude” or “tight lipped” staff), 

impact overall rating. This highlights the importance of social interactions relating 

to provider-customer interactions, where focus is needed in response to 

managing staff and staff attitudes.  

Social interactions have been a core focus within the Service Management 

literature (e.g. Srivastava and Kaul, 2014, Bitner et al., 1990). Existing work has 

looked both at how social interactions can be improved and at how service 

failures can be mitigated, both from the customer and the employee point of view 

(Growth and Grandey, 2012). Existing studies emphasise social interactions as 

being vital for CX, with claims that service employees are the ‘‘face of the 

organization’’ (Bitner et al., 1990). Contrary to this, the work in this thesis 

suggests that although the servicescape can be important (especially in terms of 

negative CX responses), it is not as important as customer interactions with 
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elements of the built servicescape or customer activities (when looking at overall 

effect sizes). This work suggests that it is only through assessing multiple CX 

dimensions, addressing built, natural, social touchpoints and customer activities 

together, that the holistic CX should be managed and designed.  However, the 

work does confirm the importance of social interactions in terms of an 

organisations brand. Links were found between negative social CX responses 

and negative statements about the organisational brand in Case Study 2 

(section 8.3.3).  

The customer is not a passive recipient of experience, but actively 

immersed in its cocreation (Pine and Gilmore, 1998; McColl Kennedy et al., 

2015). This was discussed in relation to the importance of customer activities for 

both cases (section 9.2.5). By encouraging suitable customer-specific activities, 

such as child appropriate activities for visiting families, service designers can 

improve the emotional quality of the resulting CX. It was found in Case Study 2, 

that a small number of customers did not want to see children’s activities as part 

of their overall experience. Where possible, separating different types of activities 

can be useful, allowing different customers to engage in their chosen activities 

only. 

 

9.4.2 The ‘unbounded’ servicescape 

Most extant CX research looks at CX from a bounded perspective. This is 

true both in the Service Management literature (e.g. Ordenes et al., 2014), and 

cultural heritage domain (e.g. Kwortnik, 2008) (section 3.4.1). In this study, only 

Case Study 1 can be considered an unbounded servicescape (section 4.3.6). 

Comparing and contrasting findings from the two cases offers insights in relation 

to CX within an unbounded setting. 
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Case Study 1 is a coastal path which covers a wide expanse of areas. 

Many of the touchpoints with which the customer interacts are not under direct 

control of the provider. The results have shown that despite this, customer ratings 

are impacted by negative responses that occur in relation to non-provider-owned 

touchpoints (e.g. wider facilities, toilets, or car parks) (section 7.3.1). This 

provides strong evidence for a need to ensure touchpoint analysis from the point 

of view of the customer (Zolkiewski et al, 2017), rather than those which are under 

provider control (Clatworthy, 2011). It was found that the same touchpoints (built 

facilities, and social interactions with staff) were important ‘pain points’ (McColl 

Kennedy et al., 2019) for Case Study 2, although in this case the touchpoints are 

under provider control. These findings suggest that in the cultural heritage sector, 

wider supporting facilities are vital for ensuring a positive CX, whether in an 

unbounded or a bounded servicescape setting. Negative sensorial responses 

can be particularly strong, e.g. “the smell was dreadful” and “the smell was 

overpowering” (referring to public toilets in Case Study 1).  

When managing the cultural heritage experience it is important to focus on 

wider facilities and complimentary services (e.g. Ponsignon et al., 2017). From a 

practical perspective, it may be important for providers to engage and work with 

experience ‘partners’, such as local councils who provide necessary facilities, or 

businesses (cafes, restaurants, shops) that provide complimentary services. This 

is especially important within unbounded settings such as Case Study 1 where 

customers require multiple partners to fulfil their overall motivations for visiting.  

There is a wide expanse of research which addresses the importance of 

service ecosystems and collaborative networks (e.g. Maglio et al., 2009; Patricio 

et al., 2011; Greer et al., 2016). In this research, the customer’s activities are 

central in terms of the various services they engage with and why (section 3.1.2). 
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In this thesis, activities were found to be vital in terms of delivering positive 

emotions for the customer (section 9.2.5). Service providers should attempt to 

understand their customers in terms of the core activities they expect to fulfil, and 

how such activities may be impacted by provider-owned touchpoints, partner-

owned touchpoints, and social/ external touchpoints (Verhoef et al., 2016). In 

addressing this research, it is important to understand more about the relative 

impact of different types of partner-owned touchpoints on overall CX. It was 

suggested, in section 9.2.4, that social interactions with partner-owned 

touchpoints may be less significant than built touchpoint interactions in terms of 

the service offering experience for Case Study 1. Further exploration, using 

different types of unbounded servicescape offerings, is necessary.  

A key finding from Case Study 1 has been the variation in CX responses. 

This stems from the wide expanse, and often physical demands, of the 

servicescape, including the openness of the area (for example, it is fully open to 

the impact of the natural environment, weather, and seasonal effects). There is 

evidence to suggest that different customers respond differently depending on 

their perceptions of wider situational factors such as terrain and location. 

Negative sensorial responses have a significant effect on customer rating when 

found in relation to both built and natural servicescape touchpoints, as well as 

customer activities. Many of these include non-visual responses, such as 

physical effects (“blisters”, “broken ankle”, “several of us fell”). Variations in the 

terrain may not always be expected or enjoyed by some customers, e.g. “bit of a 

slog”, “very wet and muddy”.  

It is important to make customers aware of the expected offering in an 

unbounded servicescape, such as Case Study 1, where different locations may 

be more or less suitable depending on customer type (e.g. young families - “not 
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suitable for pushchairs”), or goals/ motivations (e.g. wanting to visit a beach not 

just a coastal path - “disappointed that we could not get down to the beach”). 

According to Falk (2006), customer identity is directly related to motivations for 

visiting a service site. The evidence from this work suggests that different types 

of customers, (families, older visitors, dog walkers), are better suited to different 

parts of the unbounded servicescape, depending on what they want to achieve 

and why.  

Marketing and communications are needed to inform the customer in 

terms of how they can best meet their needs. This is important to ensure that the 

right customer visits the right section of path. This supports findings in Ponsignon 

et al (2017) where customers in a wine museum reported confusions relating to 

the absence of a recommendation route for customers to follow through the 

various areas within the museum. Ponsignon et al (2017) suggested that the lack 

of route, which placed the customer in total control, can be liberating, but at other 

times confusing or frustrating if the customer feels they are missing something.  

In an unbounded setting, such as Case Study 1, interacting with different 

parts of the servicescape can result in very different experiences, depending on 

who the customer is. Providers should give extra focus to clearly communicating 

the offering to customers. Equipping the customer with the right tools, such as 

maps or apps could be a way to overcome such issues.  The provider can give 

advice and options to the customer which relate directly to their motivations. In 

the example of Case Study 1 this could include a sample of ‘beach walks for 

young children’, ‘little walks for little dogs’, or walks with ‘big terrain, but even 

bigger views’. In this way, customer motivation is matched to the most suitable 

servicescape for satisfying identity-specific needs. This will help to mitigate the 

possibility of unexpected, and unwanted surprises.  
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When assessing CX in Case Study 1, it was also discovered that 

servicescape types can play an important role in the overall CX even when they 

are not a core feature of the offering. In Case Study 1, there are no interactions 

between the customer and staff from the provider organisation, and often very 

little in the way of interactions with other customers. Customer responses in 

relation to social servicescape touchpoints tend to be about a wider perception of 

tourism and overcrowding, rather than specific instances of a negative interaction 

with an individual person, e.g. “getting away from it all”, “away from the 

maddening crowd”, “off the beaten-track”. This suggests that even in unbounded 

experiences that are not managed by staff or employees, such as Case Study 1, 

the social servicescape (or lack of one) plays some role in the experience, 

although it may not be the most important in terms of driving CX overall. 

In contrast, findings from Case Study 2 emphasise that there are many 

more negative effects from the social servicescape, especially staff and effects of 

overcrowding (section 8.3.3). In this case interactions with the social 

servicescape that produce negative social responses have an effect size of 0.14 

in relation to rating, and those that produce negative emotional responses have 

an effect size of 0.10. This emphasises the potential problems of having staff 

members and other customers interacting together, and potential benefits of 

having experiences such as Case Study 1 where there are no direct provider-

customer interactions. However, the small effect sizes suggest that each 

customer interaction on its own is only important in terms of its combined effect 

with overall experience. Only positive emotional responses to social interactions 

were found to have a significant relationship to rating in Case Study 2, with an 

effect size of 0.08. These results suggest that in bounded experiences that do 

included provider-customer interactions, a personal and intimate relationship 
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which produces positive emotions can be desired by some customers. This is 

signified by numerous reviewers leaving the first name of the staff member with 

which they had a positive interaction. This is in alliance with early consumer 

culture theory research into the importance of authentic social interactions within 

consumption experiences (e.g. Arnould et al., 1999).   

Advancing an understanding of the impact of unbounded servicescape is 

an important issue in the wake of the COVID-19 crisis. According to Natural 

England there has been a growing increase in people spending times outside and 

in nature. In May 2020, 36% of people responding to the People and Nature 

Survey by Natural England said they were spending more time outside during the 

pandemic than before, which rose to 46% in July 2020 (Natural England, 2020). 

This upwards trend is presented in Figure 20.  

 

Figure 20 - Visits to parks in 2020 

 

(Source: COVID-19 Community Mobility Reports, Natural England – 

Monitor of Engagement with the Natural Environment) 
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During 2020 there were large increases in terms of the number of visits to 

parks and public green spaces when compared to an average year (Figure 20). 

There is also evidence that an increasing number of nature-based 

experiences are helpful in terms of mental health and wellbeing. In the same 

People and Nature Survey (Natural England, 2020) it was found that 41% of 

people believed that visits to such sites was more important than ever for 

personal health and wellbeing. Such data shows how enhancing nature-based 

tourism is valuable from a wider societal perspective. Understanding the impact 

of these types of offering on CX is more important than ever as customer habits 

and trends change in response to changing global events.   

 

As discussed across this chapter, the findings from this work have led to 

numerous theoretical, methodological, and practical findings relating to the ways 

in which CX arises through multiple CX responses to multiple customer 

touchpoint interactions. In addition, it has shown how the overall CX arises in 

relation to natural environments and the ‘unbounded’ servicescape setting. This 

discussion and final conclusions will be summarised in the following chapter.  
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Chapter Ten – Conclusion 

 

Chapter Ten will summarise the general contribution of the thesis in 

relation to the Service Management literature. The chapter includes an overview 

of the significant theoretical contributions, methodological contributions, and 

managerial implications. It discusses potential avenues for future research which 

can further advance the field of CX scholarship within Service Management. 

Lastly, the chapter includes reflection on limitations, together with suggestions for 

overcoming these in future work.   

 

10.1 Core Contributions 

This section presents a summary of the core contributions made in Chapter Nine. 

These contributions are separated into the theoretical contributions, 

methodological contributions, and managerial implications respectively.  

10.1.1 Theoretical contributions 

The theoretical contributions of the thesis are discussed at length in 

section 9.2 but will be summarised here.  

First, the thesis proposes a new conceptual model (Figure 14). The model 

was developed in line with extant literature and confirmed through an empirical 

analysis of customer feedback data. This model synthesises the components of 

intended CX (Chapter Three) and realised CX (Chapter Two). It can be used 

within the Service Management field to understand how CX arises through a 

process of customer interactions at multiple servicescape touchpoints, and their 

resulting (positive and negative) CX responses. The work from this thesis 

supports claims that CX is multidimensional (Gentile et al., 2007). The conceptual 

model is used to empirically explore the relationships between interactions and 
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responses. It demonstrates that it is possible to both identify these elements in 

real-world data, and to explore their relationships with overall CX and customer 

ratings. This work has been crucial because extant literature is unclear in terms 

of the relationships between customer interactions, CX responses, and overall 

CX (Lemon and Verhoef, 2016).   

Second, the study finds that overall CX cannot be attributed to any one 

Interaction + CX response. Instead, it arises as a combination of customer 

interactions and CX responses. CX is dynamic, emerging across the course of 

the customer journey (Lemon and Verhoef, 2016, Becker and Jaakkola, 2020). 

Effect sizes in each analysed pattern, and the relationship to CX rating, are 

relatively low. However, in both cases, multiple Interaction + CX Response 

patterns are found to have a statistically significant relationship with overall CX 

ratings (Table 40 and Table 66). There is strong evidence that customer 

expectations play a vital role in overall CX, and patterns with high prevalence (but 

no significance to rating) may be expected by the customer (Table 39 and Table 

65). These results suggest that is only through the combinational effect of multiple 

customer responses to multiple customer interactions that overall CX can be 

understood. Multiple, small effect sizes would confirm that overall CX is multi-

faceted and complex, where multiple servicescape elements combine to colour 

the overall content of the experience (Gentile et al., 2007).  

Third, findings from the study show that the Interaction + CX Response 

patterns explored in this work have a varying impact on overall CX. This means 

that some have a stronger relationship to CX rating than others. Findings have 

shown that negative responses to the servicescape have a stronger effect on 

overall CX than positive responses (e.g. they show a more significant relationship 

to customer rating). This indicates that in terms of customer expectations, it is the 



351 
 

unwanted and unexpected surprises which have the greatest impact on the 

overall experience. Such a finding links to the Kano model of satisfaction (Kano, 

1984), where satisfaction is most impacted when requirements are not met, or 

when attractive requirements (which are not expected) are fulfilled (section 

9.2.1).  

Fourth, the study strengthens calls to analyse touchpoints from the 

customer perspective, not the provider perspective (Zolkiewski et al., 2017). As 

stated by Becker and Jaakkola (2020, p.639) “a lack of insight into touchpoints 

beyond firm control is particularly glaring”. Work in this thesis has contributed 

towards this limitation by further exploring the impact of an unbounded 

servicescape offering (Case Study 1), including the impact of touchpoints which 

are not under provider control. Numerous patterns, including the negative 

impacts of wider facilities, and positive impacts of the natural landscape, have a 

significant impact on overall CX. The work therefore strengthens the case that 

CX should be assessed in terms of a full range of touchpoints from the customers 

point of view (e.g. Lemon and Verhoef, 2016, Zolkiewski et al., 2017).  

Finally, the study highlights the importance of theoretically distinguishing 

between emotional types within a study of CX (McColl Kennedy et al., 2019). It is 

not enough to look for positive and negative emotions, because different 

emotional types have a stronger or weaker effect on overall CX than others. For 

example, surprise is more important in driving higher ratings than trust or joy, and 

sadness and anger have a greater impact than fear.  

 

10.1.2 Methodological contributions 

The methodological contributions for this study are discussed at length in 

section 9.3 but will be summarised here.  
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Utilising TM and TA techniques to identify and analyse CX is an emerging 

area of study. Such techniques are not commonly used within the Service 

Management field. This study has shown that it is possible to identify important 

CX elements relating to the conceptual model (Figure 14) in verbatim customer 

feedback data. Findings suggest that customers do distinguish between different 

dimensions of their experiential responses, and this is reflected in their written 

feedback. The study highlights the strengths of the TM and TA approach for better 

understanding CX, which can be replicated and further advanced in future work.  

In the initial analysis, using VADER and LIWC, the limitations of document 

level text analysis were presented. This suggests that aspect-level analysis is 

necessary when studying CX.  

In the core analysis, important differences are highlighted between the 

frequency of patterns found within the data, and those patterns which were found 

to have a significant relationship with overall CX. Findings emphasise the 

importance of going beyond simple frequency analyses of customer data (e.g. 

McColl Kennedy et al., 2019, Zaki and Neely, 2020). It is important to also assess 

patterns in terms of their significance in relation to relevant customer outcomes 

(Kranzbühler et al., 2020). In many cases, the most prevalent or prominent 

patterns show no significant relationship with overall CX rating. This is contrary 

to most existing TM and TA studies which tend to focus on frequencies in their 

analysis (e.g. Ordenes et al., 2014).  

Finally, the CX libraries, which were produced through an extensive 

process of manual annotation, offer the potential to be reused and adapted for 

similar contexts, and the Service Management field more generally.  
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10.1.3 Managerial implications 

The focus of this thesis is to explore the relationship between two core 

elements – CX responses, and customer interactions – assessing how multiple 

combinations combine form overall CX ratings. Conclusions are drawn through 

an analysis of verbatim customer feedback comments relating to two case studies 

within the cultural heritage sector.  As such, any conclusions relating to 

managerial implications for this work can only reflect the insights found within the 

data itself, and managerial implications are somewhat speculative in that they 

have not been tested beyond the remit of this study.  

Firstly, from a managerial standpoint, it is most important to mitigate 

customer ‘pain points’ (McColl Kennedy et al., 2019). This can be achieved by 

exploring any negative patterns which significantly correlates to lower customer 

ratings. Although it is important for Service designers to look for ways to enhance 

CX, it is fundamental to stop negative patterns from occurring. In the cultural 

heritage sector, wider facilities (such as eating facilities and toilets) are very 

important to the customer and need to be a core focus when making 

improvements. The first task for any manger wishing to improve CX should be to 

identify the key ‘pain points’ within the experience that are driving down CX 

ratings. In doing this, it is important to take a customer perspective to touchpoint 

identification (Zolkiewski et al., 2017). Interactions with servicescape touchpoints 

are relevant whenever they are deemed to be important from the customer’s point 

of view – this is the case regardless of whether they are under provider control.   

In unbounded settings, there is a need to collaborate with wider partners 

which have an impact on CX despite not being under provider control. This 

proceeds from taking a customer-centric view to understanding CX and 

assessing the impact of all the touchpoints which are deemed to be important by 
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the customer as they engage in activities, e.g. the service ecosystem or 

collaborative network (Maglio et al., 2009; Patricio et al., 2011; Greer et al., 2016).  

Managers should not underestimate importance of the natural 

servicescape, especially in terms of delivering visual appeal. Interactions with the 

natural servicescape have been shown to rarely lead to negative CX responses 

(sections 7.3.2 and 8.3.2) and are an important feature to enhance when and 

where this is possible. In unbounded settings, which open out on to the natural 

landscape, natural elements need to be sufficiently managed for customer 

enjoyment. Access is a key issue, with natural but undesirable elements of the 

servicescape (brambles, nettles, boulders) being highlighted as a hindrance on 

overall CX. The clearing of vegetation and monitoring access of pathways is vital 

in unbounded, natural servicescapes.  

It is important to ensure that the customer is fully aware of the service 

offering they are visiting to manage expectations, especially in offerings which 

are unguided or unbounded (such as Case Study 1). Different parts of the 

experience may be suitable to different customers (e.g. young families, disabled) 

and it is vital to communicate this to the customer in the right way (Roth and 

Menor, 2003).  

Findings from this study have emphasised the need for organisations 

within the cultural heritage sector to go beyond a focus of education and learning 

when communicating their offerings and designing the servicescape. In Case 

Study 2, where customers frequently discussed the interest and educative 

properties of the offering, these experiences were not found to be significant in 

terms of driving CX ratings (section 8.3.5).  

A focus on customer expectations is central to all decisions concerning the 

management of CX. When expectations are not met, overall CX is found to be 
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impacted the greatest. Mitigation of ‘pain points’ found in the built servicescape 

are crucial.  When customers are surprised, in positive and unexpected ways, CX 

is also impacted. Service designers must be aware in terms of what the customer 

is expecting and look to go beyond this, in new, surprising, and unexpected ways.  

10.2 Limitations  

It is important to be aware and discuss any potential limitations with this 

study. This section will identify and reflect on any limitations found within the work. 

The study in this thesis uses a comparative case study approach, 

investigating CX at two cultural heritage sites within the UK. Common limitations 

of a case study approach include issues with generalisability and lack of 

comparative advantage (Hodkinson and Hodkinson, 2001). The relevance of a 

case study is in some sense only applicable to the data studied for the purpose 

of the work, and findings are not easily applicable to other contexts or sets of 

data. However, to further develop rich insights into the complexities of CX, the 

comparative case study approach is useful because it enables in-depth analysis 

into two complimenting cases. It was decided that any limitations of the case 

study approach were not sufficient to outweigh the many benefits of the approach 

for exploring the complex relationships relating to CX. The case study method 

was felt to be the most suitable approach for exploring the research questions 

proposed in this work. The intellectual insights, which have been gained through 

immersion in rich data, also provide the possibility for theory testing and further 

replication studies.  

Another limitation to the study concerns the limitations of employing text 

mining and text analysis as a stand-alone method. Within the tourism literature, 

text mining studies which utilise online customer reviews are argued to be most 

effective when addressing other data sources simultaneously (Le et al., 2021). 
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For example, these might include the addition of data collected through traditional 

measures such as face to face interviews, observation, or questionnaires. It has 

been argued by Le et al. (2021) that taking a systematic approach which utilises 

both text analysis methods and traditional-based research methods is needed to 

overcome any potential weaknesses which are found in either method. Text 

analysis is still an innovative technology which is only relatively recently being 

used as an analysis tool within the service management field. Therefore, although 

there are merits to be found in terms of combining data analysis tools, it was felt 

to be appropriate within the remit of this study to focus on the text analysis of user 

generated content alone.  

A large amount of data has been analysed from one source (TripAdvisor) 

using the novel techniques of TM and TA. Ideally, a case study approach will use 

multiple data sources to allow the author to perform triangulation of the results 

(Yin, 1994). Although this was not possible with this work, the study does employ 

multiple researcher triangulation when compiling the relevant dictionaries for data 

analysis (section 6.3). This aids in ensuring rigour and reliability in the results. 

To retain depth of analysis and thorough understanding of this process, the 

feedback data was limited to one source. However, by including both structured 

(customer review ratings), and unstructured data (customer reviews), potential 

limitations of relying on just one source are overcome. In the analysis process, 

both quantitative and qualitative approaches are taken, improving the overall 

rigour and reliability of the results.   

The data used in this study is heavily skewed to the positive, with few low 

ratings overall across both case studies (sections 7.1 and 8.1). This is a common 

finding within the tourism sector (e.g.  Bridges and Vasquez, 2018, Cheng and 

Jin, 2019, Mehraliyev et al., 2020) but makes the applicability of results to other 



357 
 

areas more questionable. Future work will be needed to assess whether the 

findings can be replicated in service settings where customer ratings are less 

skewed to the positive.  

The process of concept categorisation is inherently challenging, and there 

is always the possibility of disagreements between one coder and another. It is 

always possible that another researcher may make very different decisions in 

terms of how and why concepts are categorised. These limitations are minimised 

through following a three-step annotation process that includes collaborative 

annotation, inter-coder reliability tests, and a questionnaire (section 6.3.2). CX 

is a subjective and multi-faceted concept. As discussed in the literature review, 

CX is always a first-person construct, which can never be fully accessed by the 

researcher (De Keyser et al., 2015). This is the case in any study of CX. The 

arbitrary nature of adequately representing customer experiences is a limitation 

that can only be controlled rather than eliminated entirely. It was therefore 

important to further interrogate and question any quantitative findings made 

through the process of concept categorisation and pattern extraction. The use of 

qualitative analysis makes it possible to further investigate the verbatim feedback 

data and qualitatively assess the quantitative findings. Based on the multiple 

measures taken to improve rigour and reliability in the results, questions of 

subjectivity and ambiguity are suitably overcome for the purpose of this work.  

There are some limitations with reference to the chosen TM approach, and 

limitations with the chosen text mining software (SPSS Text Analytics). The 

identification of patterns for analysis is dependent on the rules found in the 

resource template of the library. These rules are either pre-defined within the 

software or can be added manually (see section 6.5 for full discussion). As is 

generally the case with text mining programmes, they are not able to fully interpret 
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a text (Hearst, 2003). In any TM/ TA study, there will always be some parts of the 

text that are not coded within the library, or covered within the TA rules, and 

therefore excluded from the results of the study. To overcome this limitation, the 

work follows an iterative process to text categorisation and rule creation. This 

enabled the researcher to follow a circular process of stimulating analysis in the 

TM package, assessing results, and going back to make changes and 

improvements to the libraries based on these outcomes. Efforts were made to 

ensure all relevant concepts were categorised within the library. Each pattern was 

explored in terms of the associated verbatim text, until satisfaction that no data 

was being incorrectly assigned. The process was only completed when any new 

changes were found to have no impact on the results, and no omissions could be 

found through careful analysis of the verbatim text. The library creation process 

is explained and discussed in Chapter Six of this thesis. By following this iterative 

process, any software limitations are sufficiently overcome.  

The chosen data studied in this work is retrospective data, which means it 

looks at the overall CX which is reflected on by the customer at one point in time. 

This means that it is not possible to look at the role of interactions at different 

customer journey stages and their effect on customer rating.  

It is also worth mentioning that a potential limitation to the study includes 

the extent to which the data and results are impacted by other factors or 

influences which are not directly studied within this work. For example, within the 

tourism literature there is a wide berth of research exploring the impact of 

customer context and its impact on visitor responses in tourism settings. This 

includes demographic influences, such as family life cycles, travel party 

composition, (e.g. Fodness, 1992; Crompton, 1981), and psychographic 

influences, such as attitudes, personalities, needs, and motivations (e.g. Mayo, 
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1975). There is the possibility that some variation found within CX in either case 

study could be the result of differences in both demographic and psychographic 

measures of the customer base. It will be important to emphasise and address 

such wider influences in future CX studies within cultural heritage.  

Finally, the data used in this thesis could not be transformed into normally 

distributed data (section 4.4.5). This means that it was only possible to look at 

single patterns of Interaction + CX response, and their effect on overall CX rating. 

As such, it was only possible to assess a pattern’s absolute, rather than relative, 

importance in relation to customer rating. The study has assessed these patterns 

in relation to one another which has allowed significant relationships between 

individual patterns and CX rating to be explored. However, it was not possible to 

analyse the interrelationships between patterns within the remit of this study.   

 

10.3 Future research 

Several recommendations can be made for future work within the field of 

CX and the Service Management literature.   

Firstly, the significant patterns found in this research should be used to 

explore whether similar effects might be found in other service contexts. More 

work is needed in terms of the impact of negative experiences on CX in relation 

to the built servicescape, and the impact of customer surprise. The impact of 

natural servicescape, and sensorial and emotional appeal, rarely leads to 

negative experiences for the customer (sections 7.3.2 and 8.3.2). The concept 

of beauty has been extensively studied within the tourism sector (Packer and 

Ballantyne, 2016) but is rarely developed within Service Management. A greater 

focus into positive sensorial responses, such as visual appeal and beauty should 

be developed across the Service Management literature. Extant servicescape 
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studies have tended not to include visual servicescape aesthetics as part of their 

remit, although work in this field is growing (e.g. Lin, 2016). 

The thesis highlights the need to look at the emotional dimension of 

experience using discrete emotions (Plutchnik, 1980). Sadness, anger, and 

surprise have a significant relationship with customer rating, whilst joy, trust, and 

fear showed little effect (sections 7.3.5 and 8.3.5). Further research should 

develop an understanding of CX which goes beyond positive/ negative 

experiences, and instead uses this wider conceptualisation of the emotional 

dimension (McColl Kennedy et al., 2019).  

There is also the opportunity for future research to address sub-

dimensions within the other dimensions of experience. For example, focusing on 

the different types of sensorial responses (visual, taste, auditory etc.) may 

produce similar findings. In this work, visual sensorial responses were dominant 

across both cases, but there were also instances of other sensory stimuli, such 

as smells (e.g. “fresh sea air”), and tastes (e.g. “scones with no discernible 

taste”). More work is required to better understand how different qualities within 

each experiential dimension might result from different touchpoint interactions 

and combine to impact CX overall.  

This thesis has focused on the impact of a finite number of interaction 

types and their effect on CX responses and CX ratings. However, these are not 

the only elements which will impact the customer’s overall experience. Future 

work may look to wider impacts on CX, such as contextual elements like the 

weather which feature strongly within the data. Recent research by Baylis et al. 

(2018), has shown that there is a significant impact on the sentiment expressed 

in social media through the influence of the weather. The impact of factors such 

as expense could also be explored, with Case Study 2 being a paid-for 
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experience, and Case Study 1 being free (other than services such as parking 

or transport).  

The thesis has demonstrated the benefits of using TM and TA to further 

advance the CX field. The study has shown how customer feedback data can be 

classified into relevant libraries, and the benefits of assessing these comments 

with regards to multi-dimensional CX responses. Such vocabularies can be 

adapted and applied to a wide range of service contexts, both within cultural 

heritage and beyond. In future studies, vocabularies may be used to provide 

insights to CX responses in relation to a wider spectrum of both cultural heritage 

sites, and service offerings more generally. They can enable authors to further 

explore the relationship between a multiplicity of positive and negative CX 

responses, and how these combine to form the customer’s overall CX 

assessment.  Of particular interest would be to replicate the study to services 

where ratings are less positively skewed.    

Finally, future work should attempt to look at the relative effect of customer 

interactions and CX responses on rating using multivariate analyses (e.g. using 

normally distributed data) which would make it possible to extend the combinative 

effect studied across this work.  

 

10.4 Final Conclusions  

CX is a complex phenomenon, which, from the Service Management 

perspective, is best understood through a synthesis of the customer’s realised 

experience (Chapter Two), and the provider’s intended experience (Chapter 

Three). The customer interacts with multiple touchpoint types within the 

servicescape. These can be built, natural, or social. The process of customer 

interactions within the servicescape, including their wider activities, result in 
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multiple CX responses. Customer responses can be cognitive, emotional, 

sensorial, and social. CX responses depend largely on what the customer is 

interacting with, with different interaction types tending to produce similar CX 

responses across a customer base. For example, the natural servicescape tends 

to lead to positive sensorial responses. 

Findings in this work have indicated that some instances of Interaction + 

CX response have a greater impact on overall CX. Negative responses, the 

discrete emotions of anger, sadness, and surprise, and interactions with built 

servicescape touchpoints have the strongest relationship with overall CX. This is 

rooted in customer expectations. Elements of the servicescape which do not meet 

expectations, produce negative responses, and elements which go beyond 

customer expectations, produce customer surprise. These pattern combinations 

have the strongest relationship to overall CX.  

The two cultural heritage experiences studied in this work share many 

qualities in terms of CX responses and customer interactions. However, several 

key difference are found. These differences can partly be explained in relation to 

differences which are found in the service offering of the two cases. Case Study 

1 is ‘unbounded’ in nature, and Case Study 2 is bounded both physically and by 

a pay barrier. The natural servicescape shows greater significance in Case Study 

1, whilst in Case Study 2, social interactions have a greater role in overall CX.  

When understanding how the customer makes overall evaluations of their 

experiences, it is important to assess the combination of interactions and CX 

responses which leads to their overall experience score. It is the total combination 

of interactions and CX responses which drive overall experiences. However, 

although all interactions and responses combine to form overall experience 

(Lemon and Verhoef, 2016, Becker and Jaakkola, 2020), it is possible to discover 



363 
 

which patterns have the greatest significance. Focusing on the mitigation or 

intensification of these significant patterns is vital when managing and designing 

for CX.   
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Appendix 

 

 

Appendix A – Questionnaire instructions and materials 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 21 – Questionnaire instructions 

Figure 22 – Category information - types of experience 

Figure 23 – Category information - wheel of emotions 
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Appendix B - Questionnaire results and key findings 

 

WORD Posit
ive 

Nega
tive 

Neut
ral 

Cogni
tive  

Sens
orial  

Soc
ial  

Physi
cal  

Posit
ive 
Emot
ion 

Negat
ive 
Emoti
on 

stunning 19 0 0 1 17 0 0 18 0 

breath taking 19 0 0 0 13 0 3 17 0 

interesting 16 1 2 18 2 0 0 14 0 

appalled 0 19 0 5 8 1 0 0 18 

love it so much 19 0 0 10 4 1 0 17 0 

peaceful 18 0 1 5 9 0 5 16 0 

magical 19 0 0 4 12 1 0 16 0 

scary 0 15 4 6 7 0 3 2 16 

quaint 12 0 7 7 7 1 0 13 1 

heart racing 5 3 11 1 5 0 15 5 10 

dangerous 0 17 2 8 4 0 4 2 16 

welcoming 19 0 0 3 2 16 0 14 0 

brilliant 19 0 0 13 2 1 1 12 0 

killer 2 8 9 3 2 0 14 2 8 

relaxing 19 0 0 5 10 0 6 12 0 

tranquil 19 0 0 2 15 0 2 17 0 

amazing 19 0 0 7 6 1 0 17 0 

wow 17 0 2 7 5 0 0 18 0 

ruined 0 19 0 4 4 0 1 0 17 

enjoy 18 0 1 9 4 1 2 16 0 

impressed 19 0 0 9 5 0 0 15 0 

unfortunately 0 17 2 10 2 0 2 0 16 

terrible 0 19 0 9 0 0 0 0 17 

friendly 19 0 0 0 0 18 1 10 0 

knowledgeable  18 0 1 15 1 2 1 12 0 

precious 
memories 

19 0 0 10 8 2 1 14 0 

special 19 0 0 5 8 0 0 14 0 

pleasant 16 1 2 5 9 0 1 14 0 

unspectacular 0 12 7 7 9 0 0 1 11 

underwhelming 0 15 4 8 6 1 0 0 14 

gripe 0 19 0 6 2 1 2 0 16 

abomination 0 19 0 7 7 0 0 0 18 

delight 19 0 0 6 11 0 0 18 0 

down side 0 18 1 6 2 1 1 0 14 

gem 18 0 1 7 9 0 0 16 0 

fun 19 0 0 2 7 7 3 14 0 

love 19 0 0 3 8 7 2 15 0 

special 19 0 0 9 4 1 1 14 0 

rude, very 
brusque and 
curt 

0 19 0 1 0 16 1 0 17 
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WORD Posit
ive 

Nega
tive 

Neut
ral 

Cogni
tive  

Sens
orial  

Soc
ial  

Physi
cal  

Posit
ive 
Emot
ion 

Negat
ive 
Emoti
on 

informal 2 0 17 7 5 7 1 6 0 

soak up the 
atmosphere 

18 0 1 3 15 0 0 11 0 

fascinating 19 0 0 17 3 0 0 12 0 

very pleasant 19 0 0 4 9 1 2 16 0 

loved every 
moment 

19 0 0 6 4 6 1 17 0 

excellent 19 0 0 7 6 0 0 16 0 

freedom 18 0 1 6 7 5 6 12 0 

heaven sent 19 0 0 7 8 0 1 18 0 

disappointed 0 19 0 8 3 0 2 0 17 

disgusting 0 19 0 5 10 0 1 0 17 

love 19 0 0 3 11 2 1 15 0 

Table 97 – Results from questionnaire 

 

Each column from Table 97 is discussed. The purpose is to explore the 

level of agreement and disagreement that can be found in the coding process 

between the 19 respondents.  

 

Positive/ Negative/ Neutral 

The first question involves defining each concept as being either positive, 

negative, or neutral. Overwhelmingly, there was respondent agreement. For 

example, 19/19 respondents viewed ‘stunning’, ‘love’, and ‘impressed’ as 

positive, and 19/19 respondents viewed ‘terrible’, ‘disappointed’, and ‘ruined’ as 

negative. Some disagreement arose with concepts describing physical effort 

(‘killer’, ‘heart racing’) which mostly was negative or neutral, and the descriptive 

concept of ‘quaint’, and ‘informal’, which was positive or neutral.  

Based on these results, the decision was made to include all concepts 

describing physical difficulties (e.g. ‘strenuous’) in a separate library to the 

positive/ negative sentiments due to variations in how the customer views these. 

Further exploration of physical excursion found within Case Study 1 may be an 
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important customer distinction that could be important to study in future work, 

although it has been largely omitted from this study. Words such as ‘informal’ 

were also not included in the CX responses due to largely not being seen as 

either positive or negative.  

Cognitive concept categorisation 

 

 

 

 

 

 

 

The concept ‘interesting’ was classified by 18/20 respondents as 

cognitive, ‘fascinating’ by 17/19, and ‘knowledgeable’ by 15/19. This shows high 

levels of agreement amongst questionnaire respondents.  

There is also a strong link between ‘interesting’ classed both as 

cognitive, and emotional (‘interest/ anticipation). This suggests that the cognitive 

dimension captures the essence of the ‘interest/ anticipation’ emotional 

response category. The cognitive dimension was often chosen in addition to 

emotions – e.g. joy/ serenity, anger/ annoyance, and sad/ pensive/ grief.  

  

Figure 24 - Top cognitive concepts 
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Figure 26 - Top social concepts 

Sensorial concept categorisation 

 

 

 

 

 

 

 

 

Sensorial words show very significant links with emotions. Positive 

sensorial words are linked with joy/ serenity, and awe/ amazement/ surprise. 

Negative sensorial words are strongly linked to boredom/ disgust/ loathing. The 

most frequent sensorial words relate to vision (‘stunning’ 17/19), place 

perceptions (‘tranquil’, 15/19, ‘magical’, 12/19) and sensual responses to places 

(‘soak up the atmosphere’, 15/19). The findings suggest that there are moderate 

to high levels of agreement between respondents when categorising sensorial 

words.   

Social concept categorisation 

 

 

 

 

 

 

 

Figure 25 - Top sensorial concepts 
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Figure 27 - Top physical concepts 

Positive social words link to the emotion of admiration/ trust, whilst a 

negative example links very closely with anger/ annoyance. Despite this, 

respondents tended to categorise these words as social overall. There are high 

levels of agreement in the results, with respondents classifying ‘friendly’ (18/19), 

‘welcoming’ (16/19), and ‘rude, very brusque, and curt’ (16/19) as social.  

Physical concept categorisation 

 

 

 

 

 

 

 

 

The concepts ‘heart-racing’ (15/19) and ‘killer’ (14/19) were most often 

classed as physical. The strongest link found was with fear/ apprehension for 

both terms. Respondents were divided when categorising ‘killer’ as negative or 

neutral. Two respondents categorised the concept as positive in sentiment. This 

difference relates to the context of coastal walking, where some customers may 

desire difficult terrains, and others may not.   

In this work, it is important to differentiate positive and negative CX 

responses (section 3.6.1). This is a difficult task when categorising physical 

words within the context of coastal walking. The decision was taken to not 

include physical as a category of CX response for this work. Within the 

literature, it is not featured as a core dimension (Lemon and Verhoef, 2016). It 

has been argued that the physical dimension of experience is closely related to 
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the sensorial (Bustamante and Rubio, 2017; Gentile et al., 2007) which will also 

be adhered to within this work.  

 

Table 98 looks at the 50 concepts and their categorisation as discrete 

emotions.  

 

WORD Joy/ 
Sere
nity 

Awe/ 
Amaze
ment/ 
Surpris
e 

Admira
tion/ 
Trust 

Interes
t/ 
Anticip
ation 

Fear/ 
Apprehe
nsion 

Anger/ 
Annoy
ance 

Bore
dom/ 
Disgu
st/ 
Loath
ing 

Sad/ 
Pens
ive/ 
Grief 

love 17 1 0 1 0 0 0 0 

love 15 0 0 0 0 0 0 0 

tranquil 15 0 2 1 0 0 0 0 

precious 
memories 

14 2 0 1 0 0 0 0 

love it so 
much 

14 2 5 2 0 0 0 0 

loved every 
moment 

13 4 0 3 0 0 0 0 

delight 13 6 2 0 0 0 0 0 

peaceful 13 1 2 1 0 0 0 0 

heaven sent 13 3 1 2 0 0 0 0 

enjoy 10 0 2 4 0 0 0 0 

relaxing 10 1 2 2 0 0 0 0 

very pleasant 9 1 4 3 0 0 0 0 

magical 8 9 1 3 0 0 0 0 

stunning 8 11 1 1 0 0 0 0 

fun 7 4 0 5 0 0 0 0 

special 7 5 4 3 0 0 0 0 

special 6 1 6 2 0 0 0 0 

pleasant 6 0 3 6 0 0 0 0 

welcoming 5 0 8 1 0 0 0 0 

quaint 4 3 2 6 1 0 0 0 

amazing 4 15 0 1 0 0 0 0 

freedom 3 1 1 8 0 0 0 0 

breath taking 3 14 0 2 0 0 0 0 

gem 3 8 2 5 0 0 0 0 

fascinating 3 6 0 6 0 0 0 0 

friendly 2 0 8 1 0 0 0 0 

brilliant 2 2 6 3 0 0 0 0 

soak up the 
atmosphere 

2 1 1 8 0 0 0 0 

excellent 2 8 1 0 0 0 0 0 

wow 2 16 0 2 0 0 0 0 
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WORD Joy/ 
Sere
nity 

Awe/ 
Amaze
ment/ 
Surpris
e 

Admira
tion/ 
Trust 

Interes
t/ 
Anticip
ation 

Fear/ 
Apprehe
nsion 

Anger/ 
Annoy
ance 

Bore
dom/ 
Disgu
st/ 
Loath
ing 

Sad/ 
Pens
ive/ 
Grief 

impressed 1 7 6 5 0 0 0 0 

heart racing 1 2 0 1 10 0 0 0 

rude, very 
brusque and 
curt 

0 0 0 0 0 15 1 2 

informal 0 1 1 4 0 0 0 0 

knowledgeabl
e  

0 0 6 6 0 0 0 0 

appalled 0 0 0 0 0 7 13 0 

underwhelmin
g 

0 0 0 0 0 1 13 0 

down side 0 0 0 0 3 5 1 5 

gripe 0 0 0 0 0 15 1 2 

disgusting 0 0 0 0 0 7 11 0 

unspectacular 0 1 0 0 0 2 11 0 

abomination 0 0 0 0 0 8 12 3 

scary 0 1 0 1 16 0 0 0 

dangerous 0 1 0 2 16 0 0 0 

ruined 0 0 0 0 0 15 2 2 

disappointed 0 0 0 0 0 9 1 10 

interesting 0 0 1 13 0 0 0 0 

killer 0 1 0 1 6 0 0 1 

unfortunately 0 0 0 0 0 4 0 14 

terrible 0 0 0 0 0 16 1 2 

Table 98 – Questionnaire results – discrete emotions 

 

Each of the eight discrete emotions are discussed in turn. The purpose of 

this discussion is to identify agreements and disagreements made by the 

respondents across in the categorisation process.   
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Figure 28 - Top joy concepts 

Joy/ serenity concept categorisation 

 

 

 

 

  

 

 

 

 

Joy has several links with the sensorial and cognitive categories. It was 

particularly interesting to see that ‘love’ (repeated in several different sentences) 

remained relatively constant in terms of categorisation, with ‘joy/ serenity’ 

consistently remaining the most frequent categorisation (between 17/19 and 

13/19 respondents). The instances of ‘love’ were spread at a distance from one 

another, so it was not obvious to the respondents that repetition was occurring. 

This suggests that respondents stayed relatively consistent in their approach to 

classification. 

Trust/ appreciation concept categorisation 

Trust/ appreciation 

 

 

 

 

 
Figure 29 - Top trust concepts 
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‘Admiration/ trust’ was not often selected as a category from the 

respondents. However, in looking at final concepts within the data it was 

decided it was a necessary category as it covers concepts expressing luck, 

pride and feelings of safety which are not easily expressed in the other 

categories. These concepts are discussed frequently within the literature.  

Awe/ amazement/ surprise concept categorisation 

 

 

 

 

 

 

 

 

The top words categorised as ‘awe/ amazement/ surprise’ show 

widespread agreement from respondents - ‘wow’ (16/19), ‘amazing’ (15/19), 

‘breath taking’ (14/19). There is also a link with the sensorial category, implying 

that words with particularly strong sensorial effects might have with them an 

element of surprise (e.g. being out of the ordinary). 

Interest/ anticipation concept categorisation 

 

 

 

 

 

 

Figure 30 - Top surprise concepts 

Figure 31 - Top interest words 
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‘Interest/ anticipation’ was not a frequent choice for the 50 concepts in 

question. The top words for the category show links with the cognitive and 

sensorial dimensions.  

The decision was made not to include this category in extraction because 

the type of concepts most fitting for the category (e.g. interest) could be covered 

as part of the cognitive category and its focus on mental capacities.  

Fear/ Apprehension concept categorisation 

 

 

 

 

 

 

 

 

There was significant agreement on the top classified concepts in ‘fear/ 

apprehension’ – ‘scary’ (16/19), ‘dangerous’ (16/19). The results also show how 

respondents view words such as ‘dangerous’ (strictly speaking about something 

outside of a person) to reflect an emotional feeling. This is significant because it 

suggests that customer feedback should be classified not by definitions, but 

contextual meanings and what the presence of a word signifies. E.g. to say 

something is ‘dangerous’ in a review expresses a note of fear or apprehension 

in the customer without having to directly state “I felt scared”.  

 

 

 

Figure 32 - Top fear concepts 
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Sad/ Pensive/ Grief concept categorisation 

 

 

 

 

 

 

 

Emotional responses signifying ‘sad/ pensive/ grief’ show links to the 

cognitive dimension of experience in the results, but overall agreement is that 

words expressing disappointment and misfortune should be a negative 

emotional response.  

Anger/ Annoyance concept categorisation 

 

 

 

 

 

 

 

 

Several negative words were categorised as ‘anger/ annoyance’. These 

concepts are strongly negative in their tone and express a severe level of 

dissatisfaction – ‘terrible (16/19), ‘ruined’(15/19), ‘gripe’ (15/19). The findings 

suggest that the level of emotional intensity within a concept is important when 

deciding to categorise it as the discrete emotion of anger.   

Figure 33 - Top sad concepts 

Figure 34 - Top anger concepts 
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Boredom/ Disgust/ Loathing concept categorisation 

 

 

 

 

 

 

 

 

Several negative words that as above express some strong level of 

dissatisfaction, but of a more visceral nature were classified as ‘boredom, 

disgust, loathing’.  

The decision was taken, due to the low number of negative concepts 

within the dataset, to subsume the disgust category into the negative emotion of 

anger. Both sets of words express a strong level of emotional intensity relating 

to dissatisfaction.  Expressions which refer to mental capacities (boredom) were 

moved to the negative cognitive category as per ‘interest/ anticipation’ and 

positive cognitive responses. 

A summary of the final decisions relating to the questionnaire and Stage 

1 and 2 of the categorisation process is found in section 6.3.4.  

Figure 35 - Top disgust concepts 


