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Abstract
Objective  To investigate the association between the acute:chronic workload ratio (ACWR) and running-related injuries 
(RRI).
Methods  This is a secondary analysis using a database composed of data from three studies conducted with the same RRI 
surveillance system. Longitudinal data comprising running exposure (workload) and RRI were collected biweekly during 
the respective cohorts’ follow-up (18–65 weeks). ACWR was calculated as the most recent (i.e., acute) external workload 
(last 2 weeks) divided by the average external (i.e., chronic) workload of the last 4, 6, 8, 10 and 12 weeks. Three methods 
were used to calculate the ACWR: uncoupled, coupled and exponentially weighted moving averages (EWMA). Bayesian 
logistic mixed models were used to analyse the data.
Results  The sample was composed of 435 runners. Runners whose ACWR was under 0.70 had about 10% predicted prob-
ability of sustaining RRI (9.6%; 95% credible interval [CrI] 7.5–12.4), while those whose ACWR was higher than 1.38 had 
about 1% predicted probability of sustaining RRI (1.3%; 95% CrI 0.7–1.7). The association between the ACWR and RRI 
was significant, varying from a small to a moderate association (1–10%). The higher the ACWR, the lower the RRI risk.
Conclusions  The ACWR showed an inversely proportional association with RRI risk that can be represented by a smooth 
L-shaped, second-order, polynomial decay curve. The ACWR using hours or kilometres yielded similar results. The coupled 
and uncoupled methods revealed similar associations with RRIs. The uncoupled method presented the best discrimination 
for ACWR strata. The EWMA method yielded sparse and non-significant results.

 *	 Gustavo Nakaoka 
	 gustavo.nakaoka@gmail.com

Extended author information available on the last page of the article

1  Introduction

Running is considered a powerful ally in physical activity 
promotion worldwide [1]. However, there is evidence sug-
gesting that running-related injuries (RRI) are an important 
reason for novice runners to quit running practice, account-
ing for about half (48%) of all reasons for running discon-
tinuation [2]. Studies have shown that 75–85% of RRIs 
have a gradual onset [3, 4]. Such injuries, known as overuse 
injuries, are characterised by a multifactorial aetiology [5, 
6]. It is reasonable to assume that the workload imposed 
by training for sport (i.e., a combination of physiological, 
psychological and social strain) plays a role in the develop-
ment of overuse injuries. However, there is no consensus 
regarding the association between training workload and 

sports injuries, especially the direction and/or shape of this 
possible association [7, 8].

The ‘acute:chronic workload ratio’ (ACWR) is an estab-
lished measure to investigate variations of sports practice 
workload over time [7, 9–15]. The ACWR postulates that 
inappropriate workloads, such as excessive and sudden 
increases in training workloads (also known as spikes) 
related to average workload applied over the season, con-
tribute to the development of a number of sports injuries [7, 
9–16]. The ACWR provides an indicator that can be used to 
plan and monitor a gradual increase of the chronic workload, 
which might promote improvements in physical fitness and 
might prevent an increase in injury risk. From the ACWR 
perspective, this ideal training stimulus has been called the 
‘sweet spot’ [16–18], which represents ACWRs between 0.8 
and 1.3 [16].

Although the ACWR has been explored mostly in pro-
fessional team sports, there is a paucity of evidence on the 
applicability and association between ACWR and injuries in 
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Key Messages 

The acute:chronic workload ratio was associated with 
running-related injury risk in recreational runners in 
an inversely proportional relationship. The higher the 
acute:chronic workload ratio, the lower the risk of 
running-related injuries.

The uncoupled and coupled methods to calculate the 
acute:chronic workload ratio yielded significant and 
similar associations with running-related injuries. The 
uncoupled method was the one with the best discrimina-
tion for acute:chronic workload ratio strata. The expo-
nentially weighted moving averages method did not 
reach statistical significance.

Runners with an acute:chronic workload ratio under 
0.70 and over 1.38 presented a predicted probability of 
sustaining running-related injuries of about 10% and 1%, 
respectively.

The acute:chronic workload ratio seems to be a reason-
able marker to early identify running-related injuries in 
recreational runners. Therefore, runners presenting an 
unforeseen reduction in running workload in relation to 
their recent running workload history could be candi-
dates for a health professional assessment/screening for 
potential running-related injuries.

Once externally validated, the acute:chronic workload 
ratio might be a useful tool for secondary prevention of 
running-related injuries.

Declaration of Helsinki, and all studies were approved by 
the medical ethics committee of the VU University Medical 
Center Amsterdam.

2.2 � Participants

Participants were eligible for this study if: (1) they were ≥ 18 
years; (2) completed the baseline questionnaire of the 
respective study; and (3) reported being injury-free at base-
line. The sample consisted of recreational runners. Informed 
consent was obtained from all participants.

2.3 � Data collection

The baseline questionnaire was made available to partici-
pants via email, which included a secure link to an online 
form, where participants informed their age, sex, body 
height, body mass, running experience, history of RRIs in 
the last 12 months (i.e., previous RRIs) and RRIs at baseline. 
The respondents to the baseline questionnaire were followed-
up every 2 weeks using the same email and link approach. 
In the follow-up questionnaires, participants informed their 
running exposure and any health issues experienced in the 
previous 2 weeks.

The Dutch version of the Oslo Sports Trauma Research 
Center (OSTRC) Questionnaire on Health Problems [20] 
was used to register experienced health issues. The OSTRC 
Questionnaire consists of four key questions: (1) the extent 
to which a health problem affected running participation; 
(2) running volume; (3) running performance; and, (4) the 
extent to which the participant experienced health symptoms 
during the previous 2 weeks. In case of reporting an injury, 
participants were invited to describe the symptoms, injury 
onset, if they believed that the reported injury was related 
to running practice and, in this case, the number of running 
training sessions missed (i.e., time loss) due to the reported 
RRI. If the health issue was not related to injury (i.e., ill-
ness), the questionnaire was terminated. Each injury report, 
including the injury description was captured in an open 
question, which was then verified by a physiotherapist (LH) 
to confirm or discard its relationship with running practice.

2.4 � RRI Definition

RRI was defined as any symptom and/or complaint identi-
fied in any of the four OSTRC questionnaire key questions, 
related to the musculoskeletal (i.e., locomotor system) or 
integumentary (e.g., nail injuries and blisters) tissues, or 
concussions sustained during and/or because of running 
practice [3, 4, 19], that prevented the runner from partici-
pating in three or more consecutive running sessions [21].

recreational and individual sports, such as running. There-
fore, the objective of this study was to investigate the asso-
ciation between ACWR and RRIs.

2 � Methods

2.1 � Study Design

This is a secondary analysis using data from three studies 
in recreational runners, conducted with the same RRI sur-
veillance system in the Netherlands: (1) the HealthyMiles 
study (an 18-week prospective cohort study) [3]; (2) the 
HealthyTrails study (a 15-month prospective cohort study) 
[4]; and (3) the TrailS6 study (a 6-month randomised con-
trolled trial) [19]. Each of the studies were performed in 
accordance with the standards of ethics outlined in the 
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2.5 � Acute:Chronic Workload Ratio (ACWR)

The ACWR was calculated using biweekly cumulative dura-
tion of running sessions (i.e., hours of running practice) and 
biweekly cumulative distance of running sessions (i.e., km 
of running), both characterising external workload (i.e., the 
physical work performed by the runner) [16]. These two 
measures are considered valuable for the running commu-
nity, since running progression is usually monitored and 
assessed by distance (e.g., km) and/or time (e.g., duration 
of run). Hours of exposure (duration) is also valuable to 
provide a comparable measure to other sports.

The acute running workload in the present study was 
derived from the most recent study follow-up period (i.e., 
the hours or km ran in the past 2 weeks). The chronic run-
ning workload was calculated using the average of multiple 
2-week time frames preceding the most recent study follow-
up period: 2, 3, 4, 5 and 6 biweekly periods (i.e., repre-
senting 4, 6, 8, 10 and 12 weeks, respectively). The ACWR 
was calculated by dividing the acute running workload by 
each chronic running workload time frame. The uncoupled 
[22], coupled [11], and the exponentially weighted moving 
averages (EWMA) [23] methods were used to calculate the 
ACWR.

2.6 � Data Analysis

Descriptive analysis was performed to summarise the base-
line data. Continuous variables were presented as mean and 
standard deviation (SD); discrete variables as median and 
25–75% interquartile range (IQR); and dichotomous and cat-
egorical data as percentages (%) and frequency distributions 
(n). The follow-up running workload and ACWR data were 
summarised using linear mixed models and linear probabil-
ity mixed models, to account for repeated measurements 
[19]. The results were expressed as mean, mean % and their 
95% frequentist confidence interval (CI) [24].

Bayesian logistic mixed models were used to analyse the 
association between the ACWR and RRIs. The dichoto-
mous dependent variable of these models was an indicator 
of reporting RRIs (1) or reporting no RRIs (0), during the 
respective 2-week period of study follow-up. The independ-
ent variables of interest were the ACWR and a quadratic 
term composed of the ACWR squared (i.e., second-order 
or quadratic polynomial model). The quadratic term was 
included in the models to allow a quadratic polynomial asso-
ciation in case such association being present, as postulated 
in previous studies on the association between ACWR and 
sports injuries [11, 15, 16, 23, 25–27]. Since the interpre-
tation of polynomial models is challenging, the predicted 
probabilities to sustain RRIs were estimated, based on each 
model [28]. Thirty different models (2 × 3 × 5) were fit-
ted to consider: (A) workload as ‘duration’ (in hours) and 

‘distance’ (in km); (B) three methods to calculate the ACWR 
(uncoupled, coupled and EWMA); and (C) five-time frames 
to calculate the chronic running workload and, therefore, the 
ACWR (4, 6, 8, 10 and 12 weeks, respectively). The models 
were adjusted for age, sex, body mass index (BMI), running 
experience and previous RRIs. Variables indicating repeated 
measurements and cohorts [3, 4, 19] were included as ran-
dom effects. The significance level was set at 0.05 [24].

A time-lag structure was applied to ensure that the work-
load data was reported before the RRI registration [29]. 
Therefore, the workload data of the current 2-week period 
was used as an independent variable for the association with 
RRIs reported during the next (future) 2-week period [30, 
31]. All observations for each participant were considered 
until the end of follow-up or until the participants reported 
an RRI. The subsequent observations of injured participants 
were not considered in the analysis until they had reported 
to be uninjured again or until the end of follow-up. To be 
considered in the analysis after sustaining an RRI, the par-
ticipants had to report being RRI-free for at least the same 
time frame of the chronic workload calculation (i.e., 2, 3, 4, 
5 or 6 biweekly periods). This approach was performed to 
allow the models to account for subsequent RRIs.

All analyses were performed in R 3.5.0 (R Foundation 
for Statistical Computing, Vienna, Austria). Bayesian analy-
ses were conducted with the ‘brms’ package [32]. Results 
were summarised, based on sampling from the posterior 
distributions using five chains with 20,000 interactions, and 
disregarding the initial 5000 interaction of each chain [19]. 
Summary statistics included odds ratios (OR), predicted 
probabilities and their 95% Bayesian highest posterior den-
sity credible interval (CrI) [24].

3 � Results

A total of 435 runners, 276 men (63.4%) and 159 women 
(36.6%), was included in the analysis (Table 1). The median 
follow-up time per runner was 26 weeks (IQR 14 to 30). 
Average running exposure estimates during the follow-up 
were: frequency 2.4 (95% CI 2.1–2.7) running sessions/
week; distance 25.9 (95% CI 16.8–35.1) km/week; and 
duration 2.9 (95% CI 2.1–3.7) hours/week. Average running 
workloads (i.e., acute, chronic and ACWR) during follow-up 
are in Table 2 and in the Electronic Supplementary Mate-
rial [ESM] Tables S1–S5 and Figures S1 and S2. Detailed 
descriptive analyses on RRIs can be found elsewhere [3, 4, 
19].

All Bayesian logistic mixed models revealed a statisti-
cally significant association between the ACWR and RRIs, 
except for the models using the EWMA method (Table 3 
and ESM Tables S6–S10). The ORs representing the asso-
ciation of the ACWR in hours and RRIs were 0.21 (95% 
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CrI 0.13–0.32), 0.10 (95% CrI 0.03–0.27), and 0.99 (95% 
CrI 0.10–11.46) for the uncoupled, coupled and EWMA 
methods, respectively. For the ACWR in km, the ORs were 
0.17 (95% CrI 0.10–0.27), 0.13 (95% CrI 0.04–0.45), and 
0.54 (95% CrI 0.02–11.54) for the uncoupled, coupled and 
EWMA methods, respectively (Table 3).

The models using the uncoupled and coupled methods 
revealed that the quadratic terms were not statistically sig-
nificant (Table 3), except for the models using a time frame 
of 6 weeks (ESM Table S7). The models using the ACWR in 
hours did not significantly differ from the models using the 
ACWR in km. Previous RRI was the only variable among 
those included to adjust the models that presented a consist-
ently and statistically significant association with RRIs. The 
longer the time frame to calculate the chronic workload, the 
stronger the association between previous RRI and current 
RRIs (ESM Tables S6–S10).

The predicted probabilities to sustain RRIs varied from 
approximately 10% for the lowest ACWR quantile to 
approximately 1% for the highest quantile (Table 4). Fig-
ure 1 shows that the decrease in predicted probability of 
RRIs was steeper between the first (ACWR ≤ 0.65) and 
the second (0.65 < ACWR ≤ 0.90) quintiles, compared to 
the other 2 by 2 consecutive quintiles (i.e., second–third; 
third–fourth; and fourth–fifth quintiles). These results indi-
cate that the higher the ACWR the lower the RRI risk, but 
in a smooth second-order polynomial decay curve (Fig. 1). 
The predicted probabilities for all models in this study and 
the respective figures describing a visual characterisation of 
the predicted probabilities are in the ESM Tables S11–S16 
and Figures S3–S8.

4 � Discussion

4.1 � Main Findings

This study investigated the association between ACWR and 
RRIs, using a sample composed of three cohorts applying 
the same RRI surveillance system [3, 4, 19]. This associa-
tion was represented by a second-order polynomial decay 
curve, steeper between the first and second ACWR quin-
tiles, revealing a smooth L-shaped curve. We found statisti-
cally significant associations between the ACWR and RRIs, 
suggesting that the higher the ACWR, the lower the RRI 
risk. We have below postulated three possible hypotheses 
that could explain our results. These explanations are not 
mutually exclusive, that is, they can be interpreted either 

Table 1   Characteristics of the runners at baseline

SD standard deviation, BMI body mass index, RRI running-related 
injury, cm centimetre, kg kilograms, m metre

Variable All participants
n = 435

Men
n = 276

Women
n = 159

Age (years), mean (SD) 43.7 (9.7) 44.3 (9.6) 42.5 (9.7)
Height (cm), mean (SD) 177.2 (8.7) 181.7 (6.3) 169.3 (6.4)
Body mass (kg), mean 

(SD)
72.2 (10.9) 76.7 (9.2) 64.4 (8.9)

BMI (kg/m2), mean (SD) 22.9 (2.5) 23.2 (2.3) 22.4 (2.7)
Running experience, % (n)
 ≤ 6 months 8.0 (35) 5.8 (16) 11.9 (19)
 > 6 ≤ 12 months 6.0 (26) 4.3 (12) 8.8 (14)
 > 1 ≤ 2 years 14.3 (62) 14.1 (39) 14.5 (23)
 > 2 ≤ 5 years 39.5 (172) 41.3 (114) 36.5 (58)
 > 5 years 32.2 (140) 34.4 (95) 28.3 (45)
Previous RRI, % (n) 34.9 (152) 38.0 (105) 29.6 (47)

Table 2   Descriptive analysis of the longitudinal (i.e., repeated meas-
ured over time) running workload

ACWR​ acute:chronic workload ratio calculated using 8 weeks as a 
time frame, EWMA exponentially weighted moving averages, CI con-
fidence interval

Variable Hours
Mean (95% CI)

Km
Mean (95% CI)

Acute workload 2.9 (2.1–3.7) 25.9 (16.8–35.1)
Uncoupled approach
Chronic workload 2.9 (2.1–3.7) 26.1 (16.9–35.4)
ACWR​ 1.10 (1.06–1.13) 1.09 (1.05–1.12)
ACWR categories
 ≤ 0.5 15.0% (12.7–17.3) 14.4% (11.9–16.9)
 > 0.5 < 0.8 17.2% (15.8–18.5) 17.2% (15.0–19.5)
 ≥ 0.8 ≤ 1.3 43.0% (40.5–45.5) 43.8% (41.4–46.2)
 > 1.3 ≤ 1.5 10.6% (9.5–11.7) 10.1% (9.0–11.2)
 > 1.5 14.4% (13.1–15.8) 14.6% (13.2–16.0)
Coupled approach
Chronic workload 2.9 (2.1–3.7) 26.0 (16.8–35.3)
ACWR​ 0.99 (0.97–1.00) 0.99 (0.97–1.00)
ACWR categories
 ≤ 0.5 11.6% (10.0–13.2) 11.5% (9.3–13.8)
 > 0.5 < 0.8 15.9% (14.1–17.7) 16.5% (14.6–18.4)
 ≥ 0.8 ≤ 1.3 55.0% (52.1–58.0) 54.6% (51.7–57.4)
 > 1.3 ≤ 1.5 9.1% (8.1–10.2) 9.6% (8.3–10.8)
 > 1.5 8.3% (7.2–9.5) 8.1% (6.9–9.2)
EWMA approach
Chronic workload 3.0 (2.2–3.8) 26.4 (16.7–36.2)
ACWR​ 1.06 (0.99–1.12) 1.06 (1.00–1.13)
ACWR categories
 ≤ 0.5 0.5% (0.0–1.2) 0.4% (0.0–1.0)
 > 0.5 < 0.8 6.5% (4.0–8.9) 6.6% (4.9–8.3)
 ≥ 0.8 ≤ 1.3 85.5% (82.9–88.0) 85.7% (83.1–88.3)
 > 1.3 ≤ 1.5 3.2% (0.9–5.6) 2.6% (1.6–3.7)
 > 1.5 4.0% (1.4–6.7) 5.0% (1.9–8.1)
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separately or combined as part of an overall explanation of 
our findings.

4.1.1 � Explanation 1

Our results suggest a smoother and L-shape relationship 
between the ACWR and RRIs risk. Findings of previous 
studies suggested that lower and higher ACWR compared to 
the ‘sweet spot’ ACWR (i.e., coupled ACWR with a value 
between 0.8 and 1.3) were associated with higher sports 
injury risks, represented by an approximately U-shaped 
relationship [7, 9–11, 13]. This difference in findings can 
be explained by the fact that most studies so far have inves-
tigated team and professional sports, while our study has 
investigated an individual sport (i.e., running) and recrea-
tional athletes that may not frequently reach ACWRs beyond 
1.30 (Table 2). Maybe if we had runners training/compet-
ing more often at an ACWR higher than 1.30, our analyses 
would have yielded higher RRI risk for higher ACWRs, 
approximating a U-shaped relationship. However, training/
competing of an ACWR higher than 1.30 is not the recrea-
tional runner’s reality, who does not vary much their weekly 
or biweekly ACWR (Table 2) [3, 4, 19, 33].

4.1.2 � Explanation 2

The most adapted runners could be those more experienced, 
since training adaptation is elicited by duration of practice as 
well as training regimen [34–37]. Therefore, runners reach-
ing higher ACWRs may be the most adapted ones, thus, 
capable of running at higher workload spikes [38–41]. Nov-
ice and even inexperienced runners usually have a lower 
running workload compared to more experienced runners. 
Therefore, they may be less adapted to running and, thus, 
less capable of running at higher workload spikes, resulting 
in lower ACWRs. Therefore, the smooth L-shaped asso-
ciation between the ACWR and the RRI risk found in this 
study could be partly explained by the trend, indicating that 
runners with lower RRI risk were those with higher run-
ning experience (> 5 years), and runners with higher RRI 
risk were those with lower running experience (≤ 2 years) 
(Table 3; Fig. 1b). Indeed, there is evidence suggesting that 
novice runners have a higher risk of RRIs [42]. These find-
ings may suggest that changes in physical valences, as those 
elicited by training (e.g., lower body strength and aerobic 
fitness), may moderate the workload-injury relationship [37, 
43].

Table 3   Bayesian logistic mixed models describing the odds of sustaining RRIs when considering different ACWR approaches

ACWR​ acute:chronic workload ratio calculated using 8 weeks as a time frame, EWMA exponentially weighted moving averages, OR odds ratio, 
CrI Bayesian highest posterior density credible interval, BMI body mass index, RRI running-related injury
*Statistically significant

ACWR in hours ACWR in km

OR (95% CrI) OR (95% CrI)

Uncoupled Coupled EWMA Uncoupled Coupled EWMA

Intercept 0.14 (0.01–1.94) 0.17 (0.01–2.41) 0.04 (0.00–0.93) 0.17 (0.01–2.40) 0.20 (0.01–3.00) 0.05 (0.00–1.10)
ACWR​ 0.21 (0.13–0.32)* 0.10 (0.03–0.27)* 0.99 (0.10–11.46) 0.17 (0.10–0.27)* 0.13 (0.04–0.45)* 0.54 (0.02–11.54)
Quadratic term 1.04 (0.98–1.08) 1.25 (0.67–2.16) 0.80 (0.29–1.96) 1.02 (0.89–1.10) 0.88 (0.39–1.91) 0.99 (0.24–4.10)
Age 1.01 (0.99–1.04) 1.01 (0.99–1.04) 1.01 (0.99–1.03) 1.01 (0.99–1.04) 1.01 (0.99–1.04) 1.01 (0.99–1.03)
Sex
 Man Reference Reference Reference Reference Reference Reference
 Woman 0.77 (0.49–1.20) 0.79 (0.50–1.24) 0.84 (0.54–1.31) 0.75 (0.48–1.18) 0.75 (0.47–1.19) 0.82 (0.52–1.28)
BMI 0.95 (0.87–1.05) 0.96 (0.87–1.05) 0.97 (0.88–1.07) 0.95 (0.87–1.05) 0.95 (0.86–1.05) 0.97 (0.89–1.07)
Running experience
 < 6 months Reference Reference Reference Reference Reference Reference
 > 6 ≤ 12 months 1.90 (0.58–6.62) 1.99 (0.58–6.82) 1.76 (0.52–6.47) 1.89 (0.54–6.41) 1.94 (0.55–6.71) 2.03 (0.60–7.12)
 > 1 ≤ 2 years 1.89 (0.66–5.79) 2.05 (0.69–6.13) 1.52 (0.50–4.62) 1.95 (0.68–5.92) 2.11 (0.72–6.51) 1.76 (0.59–5.20)
 > 2 ≤ 5 years 1.16 (0.41–3.36) 1.30 (0.46–3.76) 0.96 (0.33–2.88) 1.20 (0.43–3.44) 1.30 (0.46–3.77) 1.11 (0.40–3.26)
 > 5 years 0.86 (0.30–2.58) 0.95 (0.33–2.83) 0.72 (0.23–2.14) 0.90 (0.32–2.67) 0.96 (0.33–2.88) 0.84 (0.29–2.51)
Previous RRI
 No Reference Reference Reference Reference Reference Reference
 Yes 1.64 (1.13–2.41)* 1.72 (1.16–2.52)* 1.53 (1.03–2.24)* 1.66 (1.13–2.45)* 1.71 (1.15–2.52)* 1.52 (1.04–2.24)*
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4.1.3 � Explanation 3

Most RRIs (about ¾) are overuse [3, 4, 19]. Therefore, the 
exact onset of most RRIs is difficult to identify. Injured 
runners at baseline were excluded from the analyses and 
we performed a time-lag technique [29], to ensure that the 
exposure data were assessed before the first RRI registra-
tion. However, it is reasonable to assume that at the time 
the runners reported their RRI, their running exposure over 
time had already been slowly influenced by the weeks of 
running before. If so, running exposure used to compute the 
ACWR could actually represent the consequence, instead of 
the RRI cause. This would explain why runners with lower 
ACWR presented a higher risk of reporting RRIs. Therefore, 
instead of being a causal mechanism model, we believe that 
the model presented in this study could be used to flag an 
alert to runners, coaches and/or health professionals when 
the ACWR reduces with no intentional reasons (differently 
from strategies such as tapering or periodisation) [44–46], 
to signal the possible development of RRIs before they are 
severe enough to be spontaneously recognised as such and 
communicated by the runners themselves. Hence, health 
professionals could perform screening tests or assessments 
to investigate the possibility of RRIs. The implication is 
that the model could be used as a strategy to early identify 
potentially injured runners who have not recognised the RRI 

as such yet, and then, propose an intervention programme 
to reduce the risk of worsening the RRI, or, preferably, to 
resolve the RRI.

4.2 � Acute:Chronic Workload Ratio Methods

We have used three methods to calculated ACWR: uncou-
pled [22], coupled [11] and EWMA [47]. The uncoupled 
and coupled methods yielded statistically significant associa-
tion between ACWR and RRIs, while the EWMA models 
did not reach statistical significance. The EWMA method 
applies more weight to more recent workloads using a time 
decay function [47]. This may be more sensitive in iden-
tifying workload spikes and injury risk in daily or weekly 
repeated measurements [7, 23, 48]. However, daily or 
weekly repeated measurements may be a burden for rec-
reational athletes, and therefore, we have used biweekly 
repeated measurements, which might have smoothed work-
load variations over time. In addition, recreational runners 
may not periodise their training as professional and elite 
runners, presenting a lower variation in workload over time. 
With possibly lower spikes and variation in workload over 
time, the EWMA did not actually discriminate the recrea-
tional runners in ACWR strata as well as the uncoupled and 
coupled methods (Table 2), probably because weighting 
more recent workloads with low variations increased the 

Table 4   Predicted probabilities 
of sustaining RRIs when 
considering different ACWR 
approaches

Predicted probabilities presented as % means and the 95% Bayesian highest posterior density credible inter-
val (CrI)
ACWR​ acute:chronic workload ratio calculated using 8 weeks as a time frame, EWMA exponentially 
weighted moving averages

ACWR quintile Running workload in hours Running workload in km
Predicted probability (95% CrI) Predicted probability (95% CrI)

Uncoupled
ACWR ≤ 0.65 9.6% (7.5–12.4) 10.5% (8.1–13.0)
0.65 < ACWR ≤ 0.90 5.2% (4.2–6.3) 5.0% (3.4–6.4)
0.90 < ACWR ≤ 1.10 3.6% (2.6–4.6) 3.5% (2.4–4.5)
1.10 < ACWR ≤ 1.38 2.8% (2.2–3.3) 2.3% (1.7–3.0)
ACWR > 1.38 1.3% (0.7–1.7) 1.1% (0.8–1.5)
Coupled
ACWR ≤ 0.70 10.7% (8.2–13.4) 11.1% (8.6–13.8)
0.70 < ACWR ≤ 0.90 4.5% (3.7–5.4) 4.6% (3.4–6.1)
0.90 < ACWR ≤ 1.10 3.1% (2.2–4.0) 3.1% (2.1–4.1)
1.10 < ACWR ≤ 1.30 2.7% (2.0–4.0) 2.2% (1.5–2.8)
ACWR > 1.30 1.4% (0.9–1.9) 1.2% (0.8–1.5)
EWMA
ACWR ≤ 0.90 4.7% (3.9–5.5) 5.1% (4.2–6.1)
0.90 < ACWR ≤ 1.00 4.7% (3.9–5.6) 4.6% (3.9–5.4)
1.00 < ACWR ≤ 1.10 4.6% (3.5–5.6) 4.4% (3.2–5.5)
1.10 < ACWR ≤ 1.20 4.7% (3.4–6.2) 4.3% (3.4–5.3)
ACWR > 1.20 4.4% (3.2–5.6) 4.1% (2.9–5.3)
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likelihood of keeping an unchanged ACWR (i.e., ACWR 
closer to 1). Hence, the almost unchanged ACWR calculated 
with the EWMA could not go alongside RRI risk, yielding a 
non-significant association. The uncoupled method was the 
one with the best ACWR discrimination (Table 2), which 
was expected, since mathematical coupling mitigates the 
ACWR magnitude [22, 49].

With regard to the time frame used to calculate the 
chronic workload (i.e., 2, 3, 4, 5 and 6 biweekly periods rep-
resenting weeks 4, 6, 8, 10 and 12, respectively), we found 
that the magnitude of the association between previous and 
current RRIs went higher as the time frame went longer. 
This finding may indicate that the association between pre-
vious and current RRIs could be mediated by chronic work-
load. On average, the chronic workload presented a slightly 
increase over time during this study (ESM Figures S1 and 
S2). This means that, in our sample, if we take a longer 
time frame, the chronic workload tends to be slightly higher. 
Based on this findings, further investigations on the influ-
ence of the chronic workload acting as a mediator of the 
association between previous and current RRI would be 
worthy.

4.3 � Strengths

This study investigated the association between ACWR and 
RRIs in a large population, composed of recreational run-
ners. Three datasets from three prospective studies (repeated 
measurements and the same data collection methods) were 
combined to increase the statistical power. This approach has 
advantages regarding the saving of research resources and 
ethics compliance, by reducing the exposure of new subjects 
to data collection.

The repeated measurement nature of this study has the 
advantage of modelling the development of time-dependent 
variables over time, such as running exposure (independent 
variable) and RRI risk (dependent variable). Even with simi-
lar summary statistics between the variables (Table 2), the 
way they change over time may differ significantly and may 
elicit new knowledge regarding the association or interac-
tion between them. The most relevant methods to estimate 
ACWR were used in the data analyses: (1) to reduce the 
probability of spurious associations; (2) for the sake of trans-
parency and reproducibility; and (3) to provide insights in 
the possibilities to investigate the association between train-
ing/competition workload and sports injuries.

Fig. 1   Predicted probabilities of sustaining running-related inju-
ries (RRIs). Running workload in hours was used in the uncoupled 
acute:chronic workload ratio (ACWR) calculation at 8 weeks. A Dis-
plays the predicted probabilities for all runners (the shaded area rep-

resents the uncertainty by displaying the 95% credible interval around 
the mean estimate). B Displays the predicted probabilities for runners 
within strata of running experience
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The analyses performed implemented a solid and natural 
statistical method for population inference (i.e., Bayesian 
approach) [24]. Furthermore, the results were presented as 
predicted probabilities. We are of the opinion that present-
ing the results as predicted probabilities further clarifies our 
results and facilitates the interpretation.

4.4 � Limitations

Limitations of this study should be considered when inter-
preting the results. To estimate sports injury risk using work-
load measures, both external (i.e., stress, or the amount of 
external work performed by the athlete, that can be measured 
by kilometres ran, for example) and internal workload (i.e., 
biomechanical, psychological and or physiological strain 
imposed in the athlete, that can be measured by the heart rate 
or the rate of perceived exertion, for example,) are important 
[26]. We could not aggregate data on internal workloads to 
the ACWR model, since the combined dataset used in this 
study did not contain such data.

Identifying a temporal relationship between the ACWR 
and RRIs may be challenging [5, 26], since most RRIs pre-
sent an overuse nature [3, 4] (i.e., multifactorial origin with 
a gradual and not clearly identifiable onset) [5, 6]. Another 
limitation is that all three cohorts that provided the data 
were composed of convenience samples [3, 4, 19]. Ideally, 
although challenging, future studies should work with proba-
bilistic or random sampling to prevent selection bias. The 
data in this study was collected through self-report; this can 
be seen as a limitation, but is considered accurate if the data 
collection requires short recall periods, such as in this study 
(i.e., every 2 weeks) [50]. In addition, all RRI reports were 
reviewed by a certified physiotherapist (LH) to reduce bias.

The ACWR have limitations [51–54]. These limitations 
include (but are not limited to): (1) the lack of a concep-
tual framework to support the plausibility and theoretical 
mechanisms explaining the influence of the ACWR on per-
formance and/or health outcomes [52–54]; (2) some ACWR 
operationalisations consider the discretisation of continuous 
data that can be troublesome, because it is usually respon-
sible for the loss of a considerable amount of information 
[52, 54], and the discretisation is very sensitive to outliers, 
which could result in a heavily skewed distribution [51]; 
(3) the increased injury risk found at lower ACWR (i.e., 
ACWR < 0.8) seems to lack biological plausibility [54], 
although a way to mitigate such limitation is the application 
of the time-lag structure that we adopted on our analyses 
in this study; and (4) the rationale for the application of the 
ACWR usually comes from observational studies inferring 
causality and/or studies with small sample sizes [52–54].

4.5 � Implications

The challenge of developing temporal relationship models 
helping to explain the aetiology of RRIs is well recognised 
[55]. This ongoing challenge hinders the ability to develop 
primary prevention interventions focusing on RRIs. How-
ever, it is reasonable to hypothesise that we have found a 
data modelling approach to flag an alert to runners, coaches 
and/or health professionals to facilitate a possible early iden-
tification of injured runners, using the ACWR rationale. The 
implication for future studies is to foster further investiga-
tions on the method we have applied, to replicate and exter-
nally validate the results of our study, especially for different 
running populations.

The implication for clinical practice is that, once exter-
nally validated, the method proposed in this study can be 
implemented as a tool to help in the early identification of 
possible injured runners and, hence, to facilitate the provi-
sion of secondary preventive measures. These secondary 
preventive measures should include evidence-based advice 
for injured runners [19] and/or refer them to appropriate 
health services, to reduce the risk of worsening the RRI or, 
potentially, resolve the RRI.

5 � Conclusions

The higher the runner’s ACWR, the lower the RRI risk. The 
association between ACWR and RRIs was represented by 
a smooth L-shaped, second-order, polynomial decay curve. 
Risk estimates using ACWR calculated with uncoupled and 
coupled methods were similar, while the estimates using 
the EWMA calculation yielded sparse and non-significant 
results. Using running ‘duration’ (in hours) and ‘distance’ 
(in km) as running workload measures to calculate the 
ACWR yielded similar results.

Supplementary Information  The online version contains supplemen-
tary material available at https://​doi.​org/​10.​1007/​s40279-​021-​01483-0.

Acknowledgements  Gustavo Nakaoka was granted with a Master’s 
scholarship from the Coordenação de Aperfeiçoamento de Pessoal de 
Nível Superior—Brasil (CAPES)—Finance Code 001. Luiz Hespan-
hol was granted with a Young Investigator Grant from the Sao Paulo 
Research Foundation (FAPESP), Grant 2016/09220-1.

Declarations 

Funding  This study was financed in part by the Coordenação de Aper-
feiçoamento de Pessoal de Nível Superior—Brasil (CAPES)—Finance 
Code 001. This study was financed in part by the Sao Paulo Research 
Foundation (FAPESP), process code 2016/09220-1.

Competing interests  GN, SDB, EV and LH declare that they have no 
conflict of interest of any nature. WvM declares for the avoidance of 
doubt that he is director of VU University Medical Center Amsterdam 



Acute:Chronic Workload Ratio and Running-Related Injuries

spin-out company Evalua Nederland B.V. (http://​www.​evalua.​nl), and 
non-executive board member of Arbo Unie B.V. (http://​www.​arbou​
nie.​nl). Both companies operate on the Dutch Occupational Health 
Care market.

Ethics approval   All studies were approved by the medical ethics com-
mittee of the VU University Medical Center Amsterdam.

Informed consent   Informed consent was obtained from all individual 
participants included in this study.

Transparency   The authors affirm that the manuscript is an honest, 
accurate, and transparent account of the study being reported. No 
important aspects of the study have been omitted. Any discrepancies 
from the study as planned have been explained.

Availability of data and material  Data are available upon reasonable 
request to GN (corresponding author). De-identified participant data 
might be available after the consent of all authors and the privacy 
policy office of the VU University Medical Center Amsterdam.

Contributors  LH and SDB were involved in the conceptualisation of 
the study. LH, EV and WvM were involved in designing and conduct-
ing the study. LH was responsible for cleaning the data and for the data 
analysis. All authors were involved in interpreting the data. GN drafted 
the first version of the manuscript. All authors revised the manuscript 
for intellectual content, and all approved the final version of the article. 
All authors had full access to the data (including statistical reports and 
tables) and can take responsibility for the integrity of the data and the 
accuracy of the data analysis.

References

	 1.	 Ooms L, Veenhof C, de Bakker DH. Effectiveness of Start to 
Run, a 6-week training program for novice runners, on increas-
ing health-enhancing physical activity: a controlled study. BMC 
Public Health. 2013;31(13):697.

	 2.	 Fokkema T, Hartgens F, Kluitenberg B, Verhagen E, Backx FJG, 
van der Worp H, et al. Reasons and predictors of discontinuation 
of running after a running program for novice runners. J Sci 
Med Sport. 2019;22(1):106–11.

	 3.	 Hespanhol Junior LC, van Mechelen W, Postuma E, Verhagen 
E. Health and economic burden of running-related injuries in 
runners training for an event: a prospective cohort study. Scand 
J Med Sci Sports. 2016;26(9):1091–9.

	 4.	 Hespanhol Junior LC, van Mechelen W, Verhagen E. 
Health and economic burden of running-related injuries in 
Dutch trailrunners: a prospective cohort study. Sports Med. 
2017;47(2):367–77.

	 5.	 Bahr R, Clarsen B, Derman W, Dvorak J, Emery CA, Finch CF, 
et al. International Olympic Committee consensus statement: 
methods for recording and reporting of epidemiological data on 
injury and illness in sport 2020 (including STROBE Extension 
for Sport Injury and Illness Surveillance (STROBE-SIIS)). Br J 
Sports Med. 2020;54(7):372–89.

	 6.	 Neil ER, Winkelmann ZK, Edler JR. Defining the term “Overuse”: 
an evidence-based review of sports epidemiology literature. J Athl 
Train. 2018;53(3):279–81.

	 7.	 Johnston R, Cahalan R, Bonnett L, Maguire M, Nevill A, Glasgow 
P, et al. Training load and baseline characteristics associated with 
new injury/pain within an endurance sporting population: a pro-
spective study. Int J Sports Physiol Perform. 2019;14(5):590–7.

	 8.	 Johnston R, Cahalan R, O’Keeffe M, O’Sullivan K, Comyns T. 
The associations between training load and baseline characteris-
tics on musculoskeletal injury and pain in endurance sport popula-
tions: a systematic review. J Sci Med Sport. 2018;21(9):910–8.

	 9.	 Bowen L, Gross AS, Gimpel M, Li FX. Accumulated workloads 
and the acute:chronic workload ratio relate to injury risk in elite 
youth football players. Br J Sports Med. 2017;51(5):452–9.

	10.	 Carey DL, Blanch P, Ong KL, Crossley KM, Crow J, Morris ME. 
Training loads and injury risk in Australian football-differing 
acute: chronic workload ratios influence match injury risk. Br J 
Sports Med. 2017;51(16):1215–20.

	11.	 Hulin BT, Gabbett TJ, Blanch P, Chapman P, Bailey D, Orchard 
JW. Spikes in acute workload are associated with increased 
injury risk in elite cricket fast bowlers. Br J Sports Med. 
2014;48(8):708–12.

	12.	 Hulin BT, Gabbett TJ, Caputi P, Lawson DW, Sampson JA. Low 
chronic workload and the acute:chronic workload ratio are more 
predictive of injury than between-match recovery time: a two-
season prospective cohort study in elite rugby league players. Br 
J Sports Med. 2016;50(16):1008–12.

	13.	 Hulin BT, Gabbett TJ, Lawson DW, Caputi P, Sampson JA. The 
acute:chronic workload ratio predicts injury: high chronic work-
load may decrease injury risk in elite rugby league players. Br J 
Sports Med. 2016;50(4):231–6.

	14.	 Malone S, Owen A, Newton M, Mendes B, Collins KD, Gabbett 
TJ. The acute:chonic workload ratio in relation to injury risk in 
professional soccer. J Sci Med Sport. 2017;20(6):561–5.

	15.	 Stares J, Dawson B, Peeling P, Heasman J, Rogalski B, Drew 
M, et al. Identifying high risk loading conditions for in-season 
injury in elite Australian football players. J Sci Med Sport. 
2018;21(1):46–51.

	16.	 Gabbett TJ. The training-injury prevention paradox: should 
athletes be training smarter and harder? Br J Sports Med. 
2016;50(5):273–80.

	17.	 Morton RH. Modeling training and overtraining. J Sports Sci. 
1997;15(3):335–40.

	18.	 Banister EW, Calvert TW. Planning for future performance: 
implications for long term training. Can J Appl Sport Sci. 
1980;5(3):170–6.

	19.	 Hespanhol LC Jr, van Mechelen W, Verhagen E. Effectiveness 
of online tailored advice to prevent running-related injuries and 
promote preventive behaviour in Dutch trail runners: a pragmatic 
randomised controlled trial. Br J Sports Med. 2018;52(13):851–8.

	20.	 Pluim BM, Loeffen FG, Clarsen B, Bahr R, Verhagen EA. A one-
season prospective study of injuries and illness in elite junior ten-
nis. Scand J Med Sci Sports. 2016;26(5):564–71.

	21.	 Yamato TP, Saragiotto BT, Lopes AD. A consensus definition of 
running-related injury in recreational runners: a modified Delphi 
approach. J Orthop Sports Phys Ther. 2015;45(5):375–80.

	22.	 Windt J, Gabbett TJ. Is it all for naught? What does mathemati-
cal coupling mean for acute:chronic workload ratios? Br J Sports 
Med. 2019;53(16):988–90.

	23.	 Murray NB, Gabbett TJ, Townshend AD, Blanch P. Calculating 
acute:chronic workload ratios using exponentially weighted mov-
ing averages provides a more sensitive indicator of injury likeli-
hood than rolling averages. Br J Sports Med. 2017;51(9):749–54.

	24.	 Hespanhol L, Vallio CS, Costa LM, Saragiotto BT. Understanding 
and interpreting confidence and credible intervals around effect 
estimates. Braz J Phys Ther. 2019;23(4):290–301.

	25.	 Soligard T, Schwellnus M, Alonso JM, Bahr R, Clarsen B, Dijk-
stra HP, et al. How much is too much? (Part 1) International 
Olympic Committee consensus statement on load in sport and 
risk of injury. Br J Sports Med. 2016;50(17):1030–41.

	26.	 Windt J, Gabbett TJ. How do training and competition workloads 
relate to injury? The workload-injury aetiology model. Br J Sports 
Med. 2017;51(5):428–35.



	 G. Nakaoka et al.

	27.	 Blanch P, Gabbett TJ. Has the athlete trained enough to return to 
play safely? The acute:chronic workload ratio permits clinicians 
to quantify a player’s risk of subsequent injury. Br J Sports Med. 
2016;50(8):471–5.

	28.	 Edwards JR, Parry ME. On the use of polynomial regression 
equations as an alternative to difference scores in organizational 
research. Acad Manag J. 1993;36(6):1577–613.

	29.	 Du S, Song G, Han L, Hong H. Temporal causal inference with 
time lag. Neural Comput. 2018;30(1):271–91.

	30.	 Hespanhol Junior LC, Pena Costa LO, Lopes AD. Previous inju-
ries and some training characteristics predict running-related inju-
ries in recreational runners: a prospective cohort study. J Physi-
other. 2013;59(4):263–9.

	31.	 Giroto N, Hespanhol Junior LC, Gomes MR, Lopes AD. Inci-
dence and risk factors of injuries in Brazilian elite handball 
players: a prospective cohort study. Scand J Med Sci Sports. 
2017;27(2):195–202.

	32.	 Bürkner P-C. brms: an R package for Bayesian multilevel models 
using Stan. J Stat Softw. 2017;80(1):28.

	33.	 Damsted C, Parner ET, Sorensen H, Malisoux L, Hulme A, 
Nielsen RO. The association between changes in weekly running 
distance and running-related injury: preparing for a half marathon. 
J Orthop Sports Phys Ther. 2019;49(4):230–8.

	34.	 Gist NH, Fedewa MV, Dishman RK, Cureton KJ. Sprint interval 
training effects on aerobic capacity: a systematic review and meta-
analysis. Sports Med. 2014;44(2):269–79.

	35.	 Hawley JA, Myburgh KH, Noakes TD, Dennis SC. Training tech-
niques to improve fatigue resistance and enhance endurance per-
formance. J Sports Sci. 1997;15(3):325–33.

	36.	 Laursen PB, Jenkins DG. The scientific basis for high-intensity 
interval training: optimising training programmes and maximising 
performance in highly trained endurance athletes. Sports Med. 
2002;32(1):53–73.

	37.	 Trowell D, Vicenzino B, Saunders N, Fox A, Bonacci J. Effect of 
strength training on biomechanical and neuromuscular variables 
in distance runners: a systematic review and meta-analysis. Sports 
Med. 2020;50(1):133–50.

	38.	 Vernillo G, Giandolini M, Edwards WB, Morin JB, Samozino 
P, Horvais N, et al. Biomechanics and physiology of uphill and 
downhill running. Sports Med. 2017;47(4):615–29.

	39.	 Skovgaard C, Christiansen D, Christensen PM, Almquist NW, 
Thomassen M, Bangsbo J. Effect of speed endurance train-
ing and reduced training volume on running economy and sin-
gle muscle fiber adaptations in trained runners. Physiol Rep. 
2018;6(3):e13061.

	40.	 Ronnestad BR, Mujika I. Optimizing strength training for running 
and cycling endurance performance: a review. Scand J Med Sci 
Sports. 2014;24(4):603–12.

	41.	 Barnes KR, Kilding AE. Strategies to improve running economy. 
Sports Med. 2015;45(1):37–56.

	42.	 Videbaek S, Bueno AM, Nielsen RO, Rasmussen S. Incidence of 
running-related injuries per 1000 h of running in different types 
of runners: a systematic review and meta-analysis. Sports Med. 
2015;45(7):1017–26.

	43.	 Malone S, Hughes B, Doran DA, Collins K, Gabbett TJ. Can 
the workload-injury relationship be moderated by improved 
strength, speed and repeated-sprint qualities? J Sci Med Sport. 
2019;22(1):29–34.

	44.	 Vanrenterghem J, Nedergaard NJ, Robinson MA, Drust B. Train-
ing load monitoring in team sports: a novel framework separat-
ing physiological and biomechanical load-adaptation pathways. 
Sports Med. 2017;47(11):2135–42.

	45.	 Child RB, Wilkinson DM, Fallowfield JL. Effects of a train-
ing taper on tissue damage indices, serum antioxidant capac-
ity and half-marathon running performance. Int J Sports Med. 
2000;21(5):325–31.

	46.	 Skovgaard C, Almquist NW, Kvorning T, Christensen PM, 
Bangsbo J. Effect of tapering after a period of high-volume 
sprint interval training on running performance and muscular 
adaptations in moderately trained runners. J Appl Physiol (1985). 
2018;124(2):259–67.

	47.	 Williams S, West S, Cross MJ, Stokes KA. Better way to 
determine the acute:chronic workload ratio? Br J Sports Med. 
2017;51(3):209–10.

	48.	 Sampson JA, Murray A, Williams S, Halseth T, Hanisch J, Golden 
G, et al. Injury risk-workload associations in NCAA American 
college football. J Sci Med Sport. 2018;21(12):1215–20.

	49.	 Lolli L, Batterham AM, Hawkins R, Kelly DM, Strudwick AJ, 
Thorpe R, et al. Mathematical coupling causes spurious corre-
lation within the conventional acute-to-chronic workload ratio 
calculations. Br J Sports Med. 2019;53(15):921–2.

	50.	 Bhandari A, Wagner T. Self-reported utilization of health care 
services: improving measurement and accuracy. Med Care Res 
Rev. 2006;63(2):217–35.

	51.	 Dimitrova ES, Licona MP, McGee J, Laubenbacher R. Discretiza-
tion of time series data. J Comput Biol. 2010;17(6):853–68.

	52.	 Impellizzeri FM, McCall A, Ward P, Bornn L, Coutts AJ. Train-
ing load and its role in injury prevention, Part 2: conceptual and 
methodologic pitfalls. J Athl Train. 2020;55(9):893–901.

	53.	 Impellizzeri FM, Menaspa P, Coutts AJ, Kalkhoven J, Menaspa 
MJ. Training load and its role in injury prevention, Part I: back to 
the future. J Athl Train. 2020;55(9):885–92.

	54.	 Wang C, Vargas JT, Stokes T, Steele R, Shrier I. Analyzing activ-
ity and injury: lessons learned from the acute: chronic workload 
ratio. Sports Med. 2020;50(7):1243–54.

	55.	 Nielsen RO, Chapman CM, Louis WR, Stovitz SD, Mansour-
nia MA, Windt J, et al. Seven sins when interpreting statistics in 
sports injury science. Br J Sports Med. 2018;52(22):1410–2.



Acute:Chronic Workload Ratio and Running-Related Injuries

Authors and Affiliations

Gustavo Nakaoka1   · Saulo Delfino Barboza2,3,4   · Evert Verhagen3,4,5   · Willem van Mechelen3,4,5,6,7,8   · 
Luiz Hespanhol1,3,4 

	 Saulo Delfino Barboza 
	 sbarboza@unaerp.br

	 Evert Verhagen 
	 e.verhagen@amsterdamumc.nl

	 Willem van Mechelen 
	 w.vanmechelen@amsterdamumc.nl

	 Luiz Hespanhol 
	 l.hespanhol@outlook.com

1	  Masters and Doctoral Programs in Physical Therapy , 
Universidade Cidade de São Paulo (UNICID), Rua Cesário 
Galeno 448, Tatuapé, São Paulo, SP 03071‑100, Brazil

2	  Master Program in Health and Education , University 
of Ribeirão Preto, São Paulo, Brazil

3	 Department of Public and Occupational Health (DPOH), 
Amsterdam Public Health Research Institute (APH), 
Amsterdam Universities Medical Centers, Location VU 
University Medical Center Amsterdam (VUmc), Amsterdam, 
The Netherlands

4	 Amsterdam Collaboration on Health and Safety in Sports 
(ACHSS), Amsterdam Movement Sciences, Amsterdam 
Universities Medical Centers, Location VU University 
Medical Center Amsterdam (VUmc), Amsterdam, 
The Netherlands

5	 Division of Exercise Science and Sports Medicine (ESSM), 
Department of Human Biology, Faculty of Health Sciences, 
University of Cape Town, Cape Town, South Africa

6	 Faculty of Health and Behavioural Sciences, School 
of Human Movement and Nutrition Sciences, University 
of Queensland, Brisbane, Australia

7	 School of Public Health, Physiotherapy and Population 
Sciences, University College Dublin, Dublin, Ireland

8	 Center of Human Movement Sciences, University Medical 
Center Groningen, Groningen, the Netherlands


