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Alyson Yvonne Keen
ACTIVATION IN PERSONS WITH OPIOID USE DISORDERS IN INTENSIVE
OUTPATIENT TREATMENT
Persons with opioid use disorder (OUD) often receive intensive outpatient
treatment (10T) but these programs are associated with low rates of completion and high
rates of relapse. Enhancing patient activation - taking an active role in one’s healthcare -
would likely improve outcomes for persons with OUD in IOT. The overarching purpose
of this dissertation is to describe how persons with OUD experience 10T, especially
regarding activation. The dissertation includes three components. The firstis an
integrative review of 29 studies of activation in persons with mental health disorders
generally. Results revealed that activation was related to several heath and treatment-
related factors and some interventions, most notably educational programs, increased
activation. The secondand third components were based on interviews with 14 persons
who had been enrolled in an IOT program in academic health centers. The second
component was a constructivist grounded theory study conducted to describe the process
people undergo as they participate in an IOT program. Participants described a process of
connecting and disconnecting that included eight stages: (1) connecting with drugs, (2)
disconnecting from everyday life, (3) connecting with the IOT program, (4) connecting
with others in the IOT program, (5) disconnecting from drugs, (6) reconnecting with
others, (7) reconnecting with self, and (8) disconnecting from the IOT program. The third
component was a qualitative descriptive study conducted to describe types of instances in
which persons play an activerole in their IOT (activation). Participants described six

types of instances: (1) making and enacting one’s own treatment decisions, (2) actively

Vi



engaging in treatment planning with staff, (3) choosing to actively engage in groups, (4)
making a commitment to treatment, (5) taking responsibility for one’s own recovery, and
(6) taking actions to avoid relapse. The results of this dissertation will inform the
development of strategies to enhance activation among personswith OUD in IOT with

the goal of improving engagement and program outcomes.
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KEY TERMS

Intensive Outpatient Treatment (I0OT). IOT is a treatment approach that
provides ambulatory services for persons with substance use disorders who do not need
residential or inpatient treatment but who need more support than weekly or bi-weekly
treatment sessions (McCarty etal., 2014). 10T is a structured approach that includes
substance use and mental health psychoeducation and individual, group, and/or family
therapy (Substance Abuse and Mental Health Services Administration (US), 2006). Goals
of 10T include addressing persons’ unique recovery needs, ensuring adequate
psychosocial support, and supporting the development of coping and relapse management
skills (McCarty et al., 2014). 10T is considered most suitable for patients with a strong
support system, a stable home life, and good physical and mental health (National
Institute on Drug Abuse, 2018).

Opioid Use Disorder (OUD). Opioid Use Disorder (OUD) is a mental health
disorder marked by significant impairment or distress resulting from problematic opioid
use (Centers for Disease Control and Prevention, n.d.). Examples of criteria for OUD as
outlined in the Diagnostic and Statistical Manual, Fifth Edition (American Psychiatric
Association, 2013) include the following: (a) taking opioids in a larger amounts over a
longer period of time than intended, (b) craving for opioids, (c) continuing opioid use
despite having persistent social/interpersonal problems, and (d) using opioids in
physically hazardous situations. Based on the number of criteria met, OUD is determined
to be mild (2-3 symptom criteria), moderate (4-5symptom criteria), or severe (6 or more

symptom criteria) (Kampman & Jarvis, 2015).
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Patient Activation. Patient activation is defined as a characteristic of patients
who understand of their role within the healthcare process and have the confidence and
ability to self-manage their health and healthcare (Greene & Hibbard, 2012). Patients
with higher levels of activation report higher engagement in illness self-management,
stronger collaborations with health care providers, and better health maintenance
(Hibbard & Greene, 2013).

Integrative review. An integrative review is a research review strategy that
provides a comprehensive understanding of a phenomenon using a systematic and
rigorous approach to summarize diverse research study methodologies (Whittemore &
Knafl, 2005).

Grounded theory. Grounded theory is a qualitative research approach that allows
for flexible yet systematic collection and analysis of narrative data for the purpose of
theory construction (Charmaz, 2014).. Grounded theory, which is based on symbolic
interactionism, is used to identify a psychosocial process shared by a group of persons
who share a common challenge. The main analytic strategy of grounded theory is
constant comparison analysis (Charmaz, 2014).

Constructivist grounded theory. Constructivist grounded theory is a specific
approach to grounded theory that is based on the assumptions that human experiences are
influenced by social contexts, researchersand participants interact to co-construct
findings, and findings are developed and refined through consensus (Charmaz, 2014).

Qualitative description. Qualitative description is a research approach that yields
a comprehensive summary of narrative text based on the surface words of the

participants. The approach provides a straightforward description of events related to the

Xiv



phenomenon of interest (Sandelowski, 2000). Common procedures associated with the
approach include purposive sampling, semi-structured interviews, and content analysis

(Sandelowski, 2000).
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CHAPTER ONE

INTRODUCTION

The purpose of this dissertation is to describe how persons with opioid use
disorder (OUD) experience intensive outpatient treatment (10T), especially regarding
activation. The dissertation project includes three components: an integrative review, a
grounded theory study, and a qualitative descriptive study.

OUD is a prevalent public health problem associated with many negative health
effects. OUD is a mental health disorder marked by significant impairment or distress
resulting from problematic opioid use (Centers for Disease Control and Prevention, n.d.).
OUD affects 2 million Americans in the United States (Substance Abuse and Mental
Health Services Administration, 2019) and can result in serious disability and death
(National Institute on Drug Abuse, 2017a). Long-term recovery from OUD is a
challenge. Sobriety maintenance for people with OUD observed for 10 to 30 yearsis less
than 30% (Hser, Evans, Grella, Ling, & Anglin, 2015).

Due to high rates of OUD and its negative health consequences, effective
treatments are critically important for this population. IOT is one of the most widely
available treatment programs for persons with OUD in the United States. IOT is a
treatment approach that provides ambulatory services for persons with substance use
disorders who do not need residential or inpatient treatment but who need more support
than weekly or bi-weekly treatment sessions (McCarty, 2014). Research showsthat IOT
can be as effective as inpatient and residential treatment, but rates of program completion

are low (Dalton, Bishop, & Darcy, 2021; Loveland & Driscoll, 2014) and relapse rates



are high (Hser etal., 2015). Moreover, longer retention in treatment has been found to be
associated with an increased rates of sobriety (Hser etal., 2015).

Improving patient activation in IOT among persons with OUD might improve
engagement and treatment outcomes. Patient activation occurs when persons’ understand
their role within the healthcare process and have the confidence, knowledge, and skills to
self-manage their health and healthcare (Greene & Hibbard, 2012). Research shows that
high levels of patient activation have been associated with many positive health-related
outcomes including effective self-management of chronic diseases (Muralidharanetal.,
2019) and collaborative relationships with providers (Denneson, Pisciotta, Hooker,
Trevino, & Dobscha, 2019). Activation is thus likely to be an important aspect of 10T.
While there is a growing body of literature on activation in mental health treatment
(Muralidharan etal., 2019; Singla et al., 2020), little is known about activation in persons
with OUD. In order to develop strategies to improve treatment outcomes for persons with
OUD, a deeper understanding of activation in the context of substance use treatment is
needed.

BACKGROUND
The OUD Cerisis in the United States

OUD is a public health crisis in the United States. Opioids include prescription
pain Killers such as hydrocodone (e.g., Vicodin) and oxycodone (OxyContin) as well as
heroin. Addiction occurs in an estimated 3-19% of persons taking prescription opioid
medications (American Psychiatric Association, 2018). Dependence can develop quickly
with opioid use (within 4-8 weeks) and abrupt cessation leads to severe withdrawal

symptoms (e.g., pain, chills, nausea/vomiting) (American Psychiatric Association, 2018).



The national cost of OUD was estimated to be more than $78.5 billion; this includes the
financial burdens of lost productivity, health care, and treatment (Florence, Zhou, Luo, &
Xu, 2016).

Opioid medications can be a gateway drug to heroin use given their similar
pharmacologic effects (National Academies of Sciences Engineering and Medicine;
Health and Medicine Division; Board on Health Sciences Policy; Committee on Pain
Management and Regulatory Strategies to Address Prescription Opioid Abuse, 2017). For
example, approximately 80% of people who use heroin first took prescription pain
medications (Muhuri, Gfroerer, & Davies, 2013) . Growth in heroin use has occurred in
demographic groups that historically have had lower rates of substance use, including
women, persons with higher incomes, and personswho are privately insured (National
Academies of Sciences Engineering and Medicine; Health and Medicine Division; Board
on Health Sciences Policy; Committee on Pain Management and Regulatory Strategies to
Address Prescription Opioid Abuse, 2017). Over the past decade, heroin use in the 18-25
age group has doubled (National Academies of Sciences Engineering and Medicine;
Health and Medicine Division; Board on Health Sciences Policy; Committee on Pain
Management and Regulatory Strategies to Address Prescription Opioid Abuse, 2017).

Mortality rates for persons with OUD can be up to 20 times higher than the
general population (Sahaetal., 2016). In 2017, more than 70,000 people died from a drug
overdose, making it a top cause of injury-related death in the U.S. From 2015-2017,
almost all racial/ethnic groups in the U.S experienced an increase in opioid-related
deaths, with the largest increase occurring among persons who are Black, ages 45-64, and

living in large metropolitan areas (Centers for Disease Control and Prevention, 2019).



The state of Indiana experienced over 1,800 drug overdose deaths in 2018, ranking 14 in
the nation (Indiana State Department of Health, 2019). From 2016-2017, the Indiana
Health Department reported a 22% increase in overdose deaths, with opioids accounting
for 63% of the deaths (Indiana State Department of Health, 2019).

Effective treatments for OUD include a combination of medications and other
therapeutic approaches (American Psychiatric Association, 2018). However, only 20% of
people with OUD receive specialty addiction treatment (McCance-Katz, 2018; Substance
Abuse and Mental Health Services Administration, 2019) and, of those do, attrition rates
range from 40% to 80% (American Addiction Centers, 2020; Loveland & Driscoll,
2014).

IOT Programs for Persons with OUD

Throughout 1990s, IOT programs became the most widely used treatment for
people with addiction. 10T serves as an important step in the continuum of care for
people with OUD. The continuum of care includes the following services: (1) level 0.5 -
early intervention; (2) level I - outpatient; (3) level Il - intensive outpatient or partial
hospitalization; (4) level I1I - residential or inpatient; (5) level IV - inpatient medically
managed (Substance Abuse and Mental Health Services Administration (US), 2006). This
continuum reflects opportunities for persons with OUD to enter the level of treatment
best suited to their needs and make program adjustments (i.e., increase or decrease
program intensity) as they engage in recovery.

Persons with OUD commonly transition into IOT at some point in their recovery
journey due to the flexible nature of these programs. IOT can provide a treatment entry

point, care step-down, and care step-up (Substance Abuse and Mental Health Services



Administration (US), 2006). IOT programs use a behavioral approach in which
individual, group, and/or family therapies often combined with medications for opioid
use disorder (MOUD) (Substance Abuse and Mental Health Services Administration
(US), 2006).

IOT programs allow individuals to remain in their homes and communities, which
is thought to improve their adjustment to community life. The goals of IOT are to help
persons learn early-stage relapse management and coping strategies, ensure they have
psychosocial support, and address their unique symptoms and needs (McCarty etal.,
2014). When compared to residential or inpatient programs, IOT programs have resulted
in equivalent reductions in problem severity and increases in abstinence days, with
abstinence reported by 50 to 70% of participants at follow-up (McCarty et al., 2014).

Despite positive effects of IOT, barriers to engagement in treatment exist.
Research has shown attrition rates of up to 80% in 10T programs (Loveland & Driscoll,
2014) and relapse rates as high as 70% (Hser et al., 2015). Barriers to engagement
include lack of social support, financial insecurity, fragmented care, mental illness, and
physical symptoms/limitations (Zulmanetal., 2018).

Patient Activation

Enhancing patient activation is a patient-centered approach aimed at leveraging
patients as partners and active participants in their healthcare. Patients with chronic
illness in particular must be active participants in their own health to maintain optimal
functioning (Hibbard, Mahoney, Stockard, & Tusler, 2005).

Research on patient activation in the past decade has shown a strong link between

patient activation and positive health behaviors and outcomes in people with chronic



disease (Almutairi, Hosseinzadeh, & Gopaldasani, 2020; Golubinski, Oppel, &
Schreydgg, 2020; Hibbard & Greene, 2013; Hibbard, Greene, Shi, Mittler, & Scanlon,
2015; Kinney, Lemon, Person, Pagoto, & Saczynski, 2015). A national survey of adults
in the United States (U.S.) found that higher levels of activation were associated with
fewer chronic conditions, better self-rated health, higher education, higher income, and
age (Smith et al., 2016). Moreover, patients who have higher activation levels are more
likely avoid health-threatening behaviors, such as smoking and illicit drug use (Hibbard
& Greene, 2013). Systematic reviews have identified that people with higher activation
reported less emergency room use and hospitalizations (Kinney etal., 2015) and
increased activation resulted in improvements in hemoglobin A1C in persons with
diabetes (Almutairi et al., 2020). A descriptive study involving patients with atrial
fibrillation found attributes such as higher education, being employed, less symptom
burden, less depression and anxiety, and tobacco abstinence to be associated with higher
levels of activation (McCabe etal., 2018). A large panel survey involving people with
chronic disease (e.g., hypertension, diabetes, depression, asthma, heart disease) over four
years found higher levels of activation led to better self-management, improved
functioning, and less costly healthcare use (e.g., emergency department visits,
hospitalizations) over time (Hibbard etal., 2015). Additionally, a scoping review
identified lower levels of depression, higher self-efficacy, higher health status, and hope
to be the most common psychosocial/psychological factors associated with patient

activation (Golubinski etal., 2020).



Patient Activation in Persons with OUD

Patient activation is likely to be an important factor of successful addiction
recovery. OUD is a chronic mental health disorder (Hser etal., 2015) and a goal of
treatment is to facilitate persons assuming responsibility for their own recovery (Zulman
etal., 2018). Despite this, very few studies have focused on activation in persons with
SUD. Only one study on activation enrolled people exclusively in outpatient addiction
treatment (Weisner etal., 2016), and a few others (Lara-cabreraetal., 2016; Alegria et
al., 2014; Salyers etal., 2009) enrolled a small number of patients with mental health
disorders and co-existing addiction. Research with persons with mental health disorders
more generally, however, have shown that people with high levels of activation tend to
accept their mental health illness, perceive recovery and hope in their treatment, utilize
positive health behaviors (e.g., avoiding risky substances, adopting self-management
behaviors), and collaborate in their treatment planning (Kukla, Salyers, & Lysaker, 2013;
Salyersetal., 2009; Salyers, Matthias, Sidenbender, & Green, 2013). In contrast, those
patients with low activation tend to not accept their mental health diagnosis, perceive
control over their illness, or be able to identify supporting resources, treatment groups,
and medications (Salyers etal., 2013).

Phenomena similar to patient activation, such as engagement and shared decision-
making, have been explored in patients with alcohol and other substance use disorders
(Yarborough etal., 2018; Neale, Nettleton, & Pickering, 2013; Eliacin, Salyers, Kukla, &
Matthias, 2015). For example, a study investigating patients’ perceptions of shared
decision making found factors such as perceived inadequacy, fear of being judged, and

the nature of the patient-provider relationship influenced willingness to engage in



treatment decisions (Eliacin etal., 2015). Moreover, one study revealed that persons in
heroin detoxification indicated that playing active roles in decision-making was an
important aspect of their treatment (Neale etal., 2013). These findings suggest that
activation is likely to be important in addiction treatment, but more research is needed to
determine how patient activation is manifested in 10T.

THEORETICAL FRAMEWORK

The proposed dissertation is guided by a patient activation theory (Hibbard &
Mahoney, 2010), which is informed by a consumer driven healthcare approach and the
chronic illness care model (Hibbard et al. 2004). Consumer driven healthcare is based on
the assumption that access to information about the quality and cost of healthcare
information will lead consumers to make wiser health decisions, ultimately increasing
activation (Hibbard, Stockard, Mahoney, & Tusler, 2004). The chronic iliness care model
reflects the integration of patients and families into the care team, highlighting patient-
centered care (Bodenheimer, Lorig, Holman, & Grumach, 2002). The model suggests
that patients need to experience activation to effectively participate in the care team (Von
Korff, Gruman, Schaefer, Curry, & Wagner, 1997).

The initial application of the patient activation theory was in the domain of public
health and focused on the information, skills, and motivations that persons with chronic
illness (e.g., diabetes, heart disease) need to be full participants in their healthcare
(Hibbard etal., 2004). The stages are (1) recognizing the importance of playing an active
role in one’s health, (2) gaining the knowledge, skills, and confidence to take action, (3)
taking action, (4) continuing positive health behaviors in the presence of stress (Hibbard

etal., 2004). The theory also includes four levels of activation: Disengaged and



Overwhelmed (Level 1), Becoming Aware but Still Struggling (Level 2), Taking Action
and Gaining Control (Level 3), and Maintaining Behaviors and Pushing Further (Level
4), as shown in Figure 1. The framework originally focused on activation in chronic
physical illnesses, but has since been applied to mental health disorders.

By locating patients on the activation continuum (i.e., Levels 1-4), clinicians can
determine what interventions or strategies are needed to increase activation (Hibbard et
al., 2004). For example, if a patient is assessed to be at Level 1, clinicians might help
break down the disease process, providing small doses of education to patients. If a
patient is assessed to be at Level 2, clinicians might educate patients on disease self-
management strategies. If a patient is assessed to be at Level 3, clinicians might
encourage patients to assume healthy lifestyle activities, such as healthy eating and
exercise. If a patient is assessed to be at Level 4, clinicians might reinforce their healthy
stress coping strategies.

Figure 1: Patient Activation Levels

LEVEL 1 LEVEL 3

Disengaged & Becoming Aware, But Taking Action Maintaining Behaviors
Overwhelmed Still Struggling and Pushing Further
Individuals are passive Individuals have some Individuals have the key Individuals have adopted
and lack confidence. knowledge, but large facts and are building new behaviors, but may
Knowledge is low, gaps remain. They self-management skills. struggle during stressful
goal-orientation is weak, believe health is largely They strive for best- times. Maintaining a
and adherence is poor. out of their control, practice behaviors, and healthy lifestyle is a key
but can set simple goals. are goal-oriented. focus.
Their perspective:
“My physician is in Their perspective: Their perspective: Their perspective:
charge of my health.” “l could be doing more.” “I'm part of my “I’'m my own advocate.”

healthcare team.”

© 2021 Insignia Health. Patient Activation Measure® (PAM®) Survey Levels. All rights reserved.

The patient activation measure (PAM) was developed and tested to provide a

reliable and valid instrument to measure patient activation (Hibbard et al., 2004). The



assumptions of the measure include that (1) knowledge, skills, and beliefs are
developmental and activation occursin a sequential order, and (2) interventions
implemented to increase activation relies on the baseline stage of the individual (Hibbard
etal., 2004). The PAM is a 22-item measure that has been widely used to measure
activation in a variety of patient populations. Examples of items from the PAM include “I
understand the nature and causes of my health condition; “I know how to prevent further
problems with my health condition; “I am able to handle problems of my health condition
on my own athome. (Hibbard etal., 2004).”
OVERVIEW OF DISSERTATION PROJECT

Problem Statement

OUD is a chronic mental health disorder associated with high morbidity and
mortality. 10T is the most widely used treatment for OUD, and while it is shown to be
effective, engagement is a significant problem that can impede recovery and relapse is
common. As patient activation theory would suggest, improving activation in persons in
IOT would likely increase engagement and improve outcomes, but little is known about
activation in this population.
Purpose and Aims

The purpose of this dissertation is to describe how persons with OUD experience
intensive outpatient treatment (I0T), especially regarding activation. The specific aims
are to (1) synthesize studies of activation in persons with mental health disorders
generally, (2) describe the experiences of persons with OUD in IOT from enrollment
through program departure, and (3) identify instances of activationin IOT. The

dissertation project includes three components: (1) an integrative review, a (2) grounded
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theory study, and (3) a qualitative descriptive study. The second and third components
are based on interviews conducted with 14 persons who had beenenrolledin an 10T
program in an academic health center. The dissertation is organized as follows:

Component 1 (Chapter 2). Activation in Persons with Mental Health
Disorders: An Integrative Review. The first component, described in Chapter 2, is an
integrative review based on the review method described by Whittemore and Knafl
(2005). The purpose of the review was to summarize and synthesize research articles
investigating patient activation in persons with mental health disorders. The specific aims
were as follows: (1) identify factors associated with levels of activation in persons with
mental health disorders, and (2) determine what interventions have shown to be effective
in increasing levels of activation in persons with mental health disorders. Results are
described in Chapter 2.

While the original intent of the review was to examine activation in persons with
substance use disorders, very few studies addressed this topic, and | broadened the focus
to persons with mental health disorders more generally. As substance use disorders are a
class of mental disorder according to Diagnostic and Statistical Manual, Fifth Edition
(American Psychiatric Association, 2013), the results from this review provided
foundational information that grounded Components 2 and 3 and provided directions for
further research on activation with persons with OUD.

Component 2 (Chapter 3): The Experiences of Persons with Opioid Use
Disorder in an Intensive Outpatient Treatment Program: A Grounded Theory
Study. The second component, described in Chapter 3, is a constructivist grounded

theory study based on procedures outlined by Charmaz (2014). The purpose of this
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grounded theory study was to describe processes people with OUD undergo as they
participate in an IOT program. The specific aims were as follows: to describe how people
with OUD experience (1) enrollingin an IOT, (2) acclimating to an 10T, and (3)
receiving treatmentin an 10T as it unfolds. Results are described in Chapter 3.

Component 3 (Chapter 4): Activation of Persons with Opioid Use Disorder in
Intensive Outpatient Treatment. The third component, described in Chapter 4, is a
qualitative descriptive study based on procedures outlined by Sandelowski (2000). The
purpose of this qualitative descriptive study was to describe types of instances in which
persons play an active role in their IOT (activation) and, conversely, types of instances in
which they play a more passive role in their IOT or their treatment is directed by others
(non-activation). Results are described in Chapter 4.

Chapter 5 will summarize the findings of the three components of the
dissertation, examine cross-cutting themes, discuss the strengths and limitations of the
dissertation, propose clinical and policy implications of the findings, and provide

suggestions for future research.
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CHAPTER TWO

INTRODUCTION

Promoting patient activation, a healthcare strategy aimed at leveraging patients as
partners and active participants in their health care, could be an important component of
treatment for persons with mental health disorders. Patient activation is defined as an
understanding of one’s role within the healthcare process and having the confidence,
knowledge, and skill to self-manage one’s health and healthcare (Hibbard etal., 2004).
Persons with high levels of activation have collaborative relationships with their health
care providers and are actively engaged in maintaining their health conditions (Hibbard et
al., 2004). Hibbard’s four stages of activation are as follows: (1) believing an active role
IS important, (2) having knowledge and confidence to take action, (3) taking action, and
(4) staying on track in the presence of stress (Hibbard etal., 2004).

Research has revealed positive associations between patient activation and
positive health behaviors and outcomes. Patients with higher levels of activation are more
likely to engage in positive health behaviors (e.g., eating well, exercising regularly), seek
preventive care (e.g., obtaining immunizations, having regular check-ups) (Hibbard &
Greene, 2013), report less emergency room use and fewer hospitalizations (Kinney et al.,
2015), have better self-management, improved functioning, and less costly healthcare use
over time (Hibbard etal., 2015), and experience enhanced surgical recovery (McDonall
etal., 2019; Skolasky, Mackenzie, Wegener, & Riley, 2011). In contrast, evidence
indicates that persons with lower levels of activation have lower levels of knowledge

related to self-management, poorer medication adherence, more health risk behaviors
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(e.g., smoking, using illicit drugs), more hospitalizations, and higher emergency room
utilization (Hibbard et al., 2015).

Several factors have been shown to be associated with patient activation. A
national survey of adults in the United States found that fewer chronic conditions, better
self-rated health, higher levels of education, greater income, and certain age groups (i.e.,
ages 61-70) were associated with higher levels of activation (Smith etal., 2016).
Additionally, a scoping review revealed that less depression, higher self-efficacy, better
health status, and hope were associated with higher levels patient activation (Golubinski
et al., 2020). Moreover, positive associations have been found between patient activation
and patient perceptions of empowering or quality relationships with nurses (Jerofke,
Weiss, & Yakusheva, 2014) and physicians (Alexander, Hearld, Mittler, & Harvey,
2012).

Several interventions have been developed to improve patient activation. In a
review of evidence, Hibbard & Greene (2013) described a variety of activation
interventions used in healthcare, community, and workplace settings that result in
improvements in activation. These interventions tend to focus on skill development,
problem-solving, and peer support (e.g., disease self-management programs); changing
the social environment (e.g., workplace information campaigns); and tailoring support to
persons’ level of activation (e.g., tailored coaching).

Evidence that higher levels of activation promote positive health outcomes in
patients with chronic disease suggests that enhanced activation in patients with mental
health disorders may aid in their treatment and recovery. Mental health disorders, a wide

range of conditions that affect persons’ mood, thinking and behavior (World Health
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Organization, n.d.), are prevalent in the United States and represent a major public health
concern. In 2017, approximately 46.6 million adults, or one in five Americans, lived with
a mental health disorder (National Institute of Mental Health, 2019). Mental health
disorders are the fastest growing medical conditions in the United States (U.S.), with an
estimated expenditure in 2013 of $201 billion (Roehrig, 2016). Compared to the general
population, persons with mental health disorders are at higher risk for developing co-
morbid health concerns such as metabolic, cardiovascular, viral, and respiratory diseases
(Hertet al., 2011). Worldwide, an estimated 8 million deaths (14.3%) are attributed to
mental health disorders annually (Walker, McGee, & Druss, 2015).

Due to the high prevalence and disease burden of mental health disorders,
treatment and recovery are important concerns. A large body of evidence supports the
effectiveness of a number of mental health treatments including psychotherapy,
medication, case management, hospitalization, complementary and alternative medicines,
and self-help and peer support programs (Mental Health America, 2020). Yet
underutilization and poor treatment outcomes are common in mental health populations.
Experts estimate that less than half of persons diagnosed with a mental health disorder
receive adequate treatment (National Institute of Mental Health, 2019), contributing to
high rates of relapse (Dixon, Holoshitz, & Nossel, 2016). For example, relapse estimates
for patients diagnosed with schizophrenia or bipolar disease range from 70 to 95% within
1 to 5 years of completing treatment (Ayano & Duko, 2017; Emsley, Chiliza, Asmal, &
Harvey, 2013; Price & Marzani-Nissen, 2012).

Research suggests that persons with mental health disorders have less activation

than persons with other chronic diseases and therefore enhancing their activation may
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improve treatment utilization and treatment outcomes (Chen, Mortensen, & Bloodworth,
2014). In order for psychiatric mental health nurses and other cliniciansto develop
therapeutic strategies to enhance activation, information is needed about factors that are
associated with activation in persons with mental health disorders and about interventions
that have been shown to be effective in improving activation in this population. Although
over the past decade researchers have begun to investigate patient activation in persons
with mental health disorders, no systematic reviews have been conducted to summarize
this research. Therefore, the aims of this integrative review are to (1) identify factors
associated with levels of activation in persons with mental health disorders, and (2)
determine what interventions have shown to be effective in increasing levels of activation
in persons with mental health disorders.
METHODS

An integrative review, based on procedures outlined by Whittemore and Knafl
(2005), was conducted to address study aims. An integrative review is a systematic and
rigorous process used to summarize research studies of diverse methodologies in order to
provide a comprehensive understanding of a phenomenon of interest (Whittemore &
Knafl, 2005). This method was used for this review because it allows for inclusion of a
broad range of evidence and was thus consistent with our goal of identifying factors
associated with activation as well as identifying effective interventions. Review stages
include problem identification, search of the literature, data evaluation, analysis of data,
and presentation of findings (Whittemore & Knafl, 2005). The review team was led by a

doctoral candidate in nursing (AK, firstauthor) and included three senior nurse
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researchers (YL, UO, CBD, second, third, and last author, respectively) and a senior
public health researcher (OM, fourth author).
Problem Identification

The problem identification stage involves a clear selection of a phenomenon of
interest and clarification of review purpose (Whittemore & Knafl, 2005). As stated
above, research has been conducted on factors associated with patient activation, as well
as on interventions to increase activation among persons with mental health disorders, but
this information has not been synthesized. Such a synthesis is needed to inform the
development of therapeutic strategies to increase activation in this population.
Literature Search

The literature search included a number of strategies that ensured all relevant
literature on the topic of the review was included. First, the authors determined the
inclusion and exclusion criteria for determining relevant articles. Inclusion criteria
included (a) peer-reviewed articles published in English between the years 2004 and
2020, (b) study samples included persons with mental health disorders, identified by
formal diagnosis or self-report, and (c) indices of correlations between any measure of
activation (e.g., Patient Activation Measure [PAM], Premium Abbreviated Activation
Scale [PAAS]) and a measure of any other factor OR indices of the efficacy of any
intervention on patient activation were provided. Articles were excluded if the study
samples included persons with a range of chronic ilinesses and findings related
specifically to mental health disorders could not be disentangled from findings related to
other illnesses. The search was limited to articles published after 2004 as that was the

year that the PAM instrument was developed and research related to patient activation

17



became prominent in health services research (Hibbard et al., 2004). Articles were
excluded if studiesincluded measures of concepts closely related to activation, such as
patient engagement and shared decision-making, but did not include measures of patient
activation.

Second, a search was conducted by the first author (AK) using the following
databases: APA Psycinfo, CINAHL, ProQuest Public Health, and PubMed. In
consultation with the university’s Research Engagement and Scholarly Services
Coordinator, the following search terms were selected: "patient activation" AND
("mental health” OR "behavioral health” OR "anxiety" or "depression™ OR "post-
traumatic stress disorder" OR "bipolar disorder" OR "schizophrenia" OR “severe and
persistent mental” OR “personality disorder” OR “obsessive compulsive” OR "addiction"
OR "substance use™ OR "substance abuse"). The search process is presented in the
Preferred Reporting Items for Systematic Reviews and Data Analysis (PRISMA) diagram
(Moher, Liberati, Tetzlaff, & Altman, 2009) in Figure 2.

Data Evaluation

The authors used the Johns Hopkins Nursing Evidence-Based Practice Research
Evidence Appraisal Tool to evaluate level and quality of articles in the final sample
(Dang & Dearholt, 2017). The articles were appraised so we could assess the strength of
evidence available for each conclusion we make in our review rather than to eliminate
articles for poor quality. The evidence of each study was categorized into Level |
(randomized controlled trial or experimental study), Level 11 (quasi-experimental study),

or Level Il (nonexperimental descriptive, comparative, or correlational study) (Dang &

Dearholt, 2017). The quality of each article was determined to be high (A), good (B), or
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low (C) based on 15 questions. The items in the appraisal tool address specific quality
criteria such as clear presentation of study purpose, current literature review, sufficient
sample size, instrument reliability and validity, and discussion of limitations (Dang &
Dearholt, 2017). Each article was evaluated independently by two authors. Discrepancies
were easily resolved by discussion and consensus by the authors following review of the
questions on the appraisal tool. The results of the data evaluation for each article are
displayed in Tables 1 and 2.

Analysis of Data

The goal of data analysis is to synthesize evidence through a detailed summary
and interpretation of the findings of the studies in the review (Whittemore & Knafl,
2005). To conduct the analysis, information was extracted from the articles by the first
author (AK) and displayed in two tables - one for each review aim. The information
displayed on the tables was independently verified by at least one other author. Table 1
includes basic information extracted from articles in which correlations between
measures of activation and measures of other factors were provided. Conclusions were
drawn were based on how many studies examined each factor, how many studies
revealed significant correlations between activation and each factor, and the quality of the
articles that yielded significant findings.

Table 2 includes information extracted from the articles of intervention studiesin
which at least one outcome was level of patient activation. Articles about the same or
similar types of interventionswere grouped together. Conclusions were drawn based on
the number of studies that examined each type of intervention, how many studies

revealed significant positive outcomes, and the quality of the articles. Conclusions based
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on both tables were proposed by the first author (AK) through regular discussions with
the last author (CBD). All conclusions were then verified by the other authors (YL, UO,
AM).
FINDINGS

Search Results

The initial database search revealed 482 articles (see Figure 2). All citations were
examined and 138 duplicate articles were removed. Next, the abstracts of the remaining
articles were screened and 294 articles were removed. Most of the articles were removed
because the study did not exclusively include persons with mental health disorders,
patient activation was not measured, or no correlation indices or intervention outcomes
related to activation were reported. A review of the remaining 50 full-text articles led to
the additional removal of 21 articles for reasons similar to those stated above. The final
sample included 29 articles.
Associations Between Levels of Patient Activation and Other Factors

Ten studies examined associations between activation and other factors (Table 1).
The factors fell into three groups. The first group was individual-level factors, which
included factors reflecting individual differencesamong persons (e.g., demographic
characteristics, health status). The second group was community -level factors, which
included factors reflecting characteristics of communities where personsreside (e.g.,
population demographics, available health resources). The third group is treatment
relationship factors, which include factors related to the quality of interactions between

patients and providers (e.g., therapeutic alliance, quality of communication). Some
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studies examined one type of factor whereas other studies examined two or three types of
factors.

Of the ten studies, six used correlational cross-sectional designs (Chen,
Mortensen, & Bloodworth, 2014, Eliacin etal., 2018; Ivey, Shortell, Rodriguez, & Wang,
2018; Kuklaetal., 2013; Pinto, Greenblatt, Williams, & Kaplin, 2017; Sacks, Greene,
Hibbard, & Overton, 2014), one used a correlational longitudinal design (Allen etal.,
2017), two were secondary analyses from randomized controlled trials that reported
baseline associations between activation and other factors (Oles, Fukui, Rand, & Salyers,
2015; Singla et al., 2020), and one was a randomized pragmatic clinical trial (Mccusker
etal., 2016). Most of the participants in the studies were recruited from primary care
clinics, mental health centers, and communities. Sample sizes ranged between 60 (Pinto
etal., 2017) and 5,253 (Sacks et al., 2014). Activation was measured in six studies with
the PAM-13 (Hibbard etal., 2005), in three studies with the PAM-Mental Health (MH)
(Greenetal., 2010), and in one study with the Premium Abbreviated Activation Scale
(PAAS) (Kanter, Mulick, Busch, Berlin, & Martell, 2007).

Based on the Johns Hopkins Nursing Evidence-Based Practice Research Evidence
Appraisal Tool (Dang & Dearholt, 2017), nine studies were evaluated to be a Level Il as
they used non-experimental designs. One study was evaluated as Level | because it was a
randomized controlled trial that examined factors associated with activation at baseline.
Six studies were rated high quality (A) and four were rated good quality (B).

The results are grouped according to the three type of factors identified above. The
number of studies that examined associations between the factorsand activation are first

reported followed by report of the number of significant associations found.
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Individual-level Factors

Demographic characteristics. Six studies examined associations between
demographic characteristics and activation, but few associations were found. Studies
examined associations between activation and education, gender, age, employment status,
or insurance but found none (Allen etal., 2017; Chenetal., 2014; Kuklaetal., 2013;
Mccusker etal., 2016; Oles etal., 2015). Only two of the five studies that examined
associations between race/ethnicity (Allen etal., 2017; Chen etal., 2014; Eliacin et al.,
2018; Kuklaetal., 2013; Oles et al., 2015) found associations, and both these studies
found that White persons had higher levels of activation that Black persons (Chen etal.,
2014; Eliacin etal., 2018). One study found associations between activation and
residence in several U.S. Census Divisions (i.e., geographical sub-divisions used for
statistical rather than governmental purposes) (see Table 1 for these associations) but did
not find significant associations between activation and marital status, family size, family
income, language, and location (large metro, small metro, nonmetro) (Chen etal., 2014).
One study found no association between activation and housing status (i.e.,
homelessness) (Kukla etal., 2013).

Health-related factors. Nine studies examined associations between activation
and a wide variety of health-related factors. Studies found positive associations between
activation and self-reported mental health status (Allen etal., 2017; Mccusker et al.,
2016); emotional, social, and physical functioning (Ivey etal., 2018); self-reported health
status (Chen etal., 2014); and lower comorbidity (Mccusker etal., 2016) and negative
associations between activation and number of disability days (Allen etal., 2017) and

presence of emotional discomfort symptoms (Kukla et al., 2013). Conversely, some
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studies found no significant associations between activation and physical health status
(Mccusker etal., 2016), presence of chronic disease (Chen etal., 2014), diagnosis (Kukla
etal., 2013), and mild cognitive impairment (Mccusker etal., 2016).

The results of five studies that examined associations between psychiatric
symptoms or diagnoses and activation were mixed. Most of these studies focused on
depression. Studies found negative associations between activation and the presence of
depression symptoms and/or depression severity (Pinto etal., 2017; Sacks etal., 2014;
Singla et al., 2020), although one study found no association between activation and
depressive symptoms (Mccusker etal., 2016). One study found positive associations
between activation and depression remission and depression treatment response
(Mccusker etal., 2016). The one study that focused on mental health more broadly found
no association between activation and primary mental health diagnosis (Allen et al.,
2017).

Six studies examined associations between activation and health attitudes and
behaviors, and several associations were reported. In regard to health attitudes, studies
found positive associations between activation and hope (Kukla etal., 2013; Oles et al.,
2015) and global perceived recovery (Kukla etal., 2013). In regard to health behaviors,
studies found positive associations between activation and better illness self-management
(Kukla etal., 2013), more frequent exercise (Mccusker etal., 2016), transitioning to a
normal body mass index, and meeting clinical recommendations for Papanicolaou (PAP)
smears (Sacks etal., 2014). Yet studies found no associations between activation and
smoking status/quitting smoking (Mccusker et al., 2016; Sacks et al., 2014), alcohol

consumption (Mccusker etal., 2016), frequency of everyday activities (e.g., social
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activities, solitary activities) (Mccusker etal., 2016), medication adherence (Kukla etal.,
2013), and meeting mammaography guidelines (Sacks etal., 2014).

Four studies examined associations between health service utilization and
activation. One study found an association between activation and having a usual care
source (e.g., physician’s office, emergency department, outpatient clinic) (Chen etal.,
2014). Other studies, however, did not find associations between activation and number
of physician visits and nonpsychiatric specialty visits (Mccusker et al., 2016), attendance
ratio in treatmentand length in treatment (Allen etal., 2017), or treatment modalities
(e.g., antidepressant medications, number of medications, counseling) (Mccusker etal.,
2016).

Community-level Factors

One study examined the association between activation and community factors
and found that higher per capita income, lower percentage of foreign-born populations,
and availability of more community mental health centers were associated with activation
(Chenetal., 2014).

Treatment Relationship Factors

Four studies examined the associations between activation and the nature of the
treatment relationships between persons with mental health disordersand their providers.
The studies found positive associations between activation and therapeutic alliance
task/goal factor [i.e., extent of patient/provider agreement on tasks/goals to complete in
treatment] (Allen etal., 2017), working alliance (Eliacin etal., 2018), quality of
patient/provider communication, self-appraisal of communication skills with providers

(Pinto et al., 2017) and therapy quality (Singla etal., 2020). The only treatment factor
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that was found not to be related to activation was bond factor [i.e., extent of
patient/provider caring, respect, and trust within the relationship] (Allen etal., 2017).
Summary

Few strong conclusions can be drawn regarding associations between individual-
level, community-level, and treatment relationship factors and activation in persons with
mental health disorders. While there is a robust body of evidence linking these factors
and activation in other chronic illness populations, we found only ten studies that have
examined such linksin personswith mental health disorders. While the studies reviewed
were evaluated to be of high or good quality, they focused on a wide variety of factors
and thus provided little evidence to firmly support associations between any one factor
and patient activation. For example, with the exception of some evidence that
race/ethnicity and residence in certain U.S. Census Divisions may influence activation,
no evidence exists that ties any demographic factor to activation. Similarly, some
evidence suggests that measures of health and well-being are tied to activation but
because there was little consistency in the health indices measured (e.g., mental health
status, general health status, social/emotional/physical functioning), it is difficult to draw
any definitive conclusionsabout overall health and activation in persons with mental
health disorders. Moreover, some evidence indicates that depression symptoms/severity
are tied to lower activation, but more evidence is needed to draw firm conclusions about
the role of depression in activation. Additionally, some health outlooks (e.g., hope,
perceived recovery) and some health behaviors (e.g., self-management, frequent exercise)
were tied to higher activation but only in a few studies. Only one study examined the

relationship between community-level factors and activation and thus any conclusions
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linking the communities in which persons with mental health disorders live and activation
are limited. For persons with mental health disorders receiving treatment, some evidence
indicates that positive therapeutic relationships are linked to higher activation, but more
information is also needed to understand this link.
Patient Activation Interventions

Twenty studies examined the effects of interventions on patient activation in
persons with mental health disorders (Table 2). A number of outcome variables were
targeted in the studies, but here we focus on only the outcome of activation. The
interventions included the following approaches: education, case management/patient
navigation, use of a web-based patient portal, coaching, self-referral to treatment, and
implementation of a patient feedback system. Of these studies, eleven were randomized
controlled trials, eight used quasi-experimental designs, and one used a comparative
effectiveness design. Most of the participants in the studies were recruited from
outpatient community mental health centers, primary care clinics, medical centers, and
hospital outpatient facilities. Sample sizes ranged from 17 (Bartels etal., 2013) to 1,259
(Guo etal., 2019). Eleven studies used the PAM-13 (Hibbard et al., 2005) to measure
activation, three used the PAM-22 (Hibbard et al., 2004), three used the PAM-MH
(Greenetal., 2010), and three used other measures of activation. Based on the Johns
Hopkins Nursing Evidence-Based Practice Research Evidence Appraisal Tool, 12 studies
were rated Level I (n=12) and eight were rated Level Il (n=8). Fifteen studies were rated
as high quality (A), and five were rated as good quality (B). The results are grouped

according to the types of interventions examined in the studies. The number of studies
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that examined each type of intervention is first reported followed by report of the number
of interventions found to have positive outcomes on activation.
Educational Interventions

Eleven of the studies examined the effects of educational interventions on patient
activation. These interventions typically assisted persons to learn about their illness, ask
questions of their providers, be involved in treatment decisions, and learn communication
or self-management skills. Of these interventions, five were led by professionals (Alegria
etal., 2014; Chiangetal., 2019; Fujitaetal., 2010; Kaltman et al., 2016; Weisner et al.,
2016), one was led by peers (Druss etal., 2010), and five were led by a combination of
professionals and peers (Bartels etal., 2013; Goldberg et al., 2013; Lara-cabrera et al.,
2016; Muralidharan etal., 2019; Turner, Realpe, Wallace, & Kosmala-anderson, 2015).
The number of sessions ranged between one (Lara-cabrera etal., 2016) and thirteen
(Goldbergetal., 2013), with an average of seven sessions. Six of the studies were
randomized controlled trials (Alegria etal., 2014; Chiangetal., 2019; Druss et al., 2010;
Goldbergetal., 2013; Lara-cabrera etal., 2016; Muralidharan et al., 2019), and five used
quasi-experimental designs (Bartels et al., 2013; Fujita et al., 2010; Kaltman et al., 2016;
Turneretal., 2015; Weisner etal., 2016). Nine interventions were delivered to patients
(Alegria etal., 2014; Druss et al., 2010; Fujita et al., 2010; Goldbergetal., 2013;
Kaltman etal., 2016; Lara-cabreraetal., 2016; Muralidharan etal., 2019; Turner etal.,
2015; Weisner etal., 2016) and two were delivered to patients and providers (Bartels et
al., 2013; Chiangetal., 2019).

In the five studies that tested educational interventions using a quasi-experimental

design, four interventions were found to be effective in improving activation pre- to post-
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test (Bartels etal., 2013; Fujita et al., 2010; Kaltman etal., 2016; Turner etal., 2015),
whereas one study found no differences (Weisner etal., 2016). In the six studies that
tested educational interventions using a randomized control design, five found the
intervention group was more effective in improving activation than a treatment-as-usual
(Alegria etal., 2014; Druss etal., 2010; Goldberg etal., 2013; Lara-cabreraetal., 2016)
or attention control group (Muralidharanetal., 2019), and one found no difference
between the intervention and control group (Chiangetal., 2019). Two studies examined
if positive effects in activation were maintained post-intervention; one found that effects
were maintained at four-month follow-up (Lara-cabreraetal., 2016), and one found
effects were not maintained at two-month follow-up (Goldberg et al., 2013).
Case Management/Patient Navigation Interventions

Four studies examined the effects of case management/patient navigation
interventions on patient activation (Cabassaetal., 2018; Chinman etal., 2013; Guo et al.,
2019; Schuster etal., 2018). These interventions typically facilitated healthcare provider
visits, health service coordination, and co-creation of care plans. The interventions were
found to be effective in improving patient activation in a pre-posttest comparison
(Cabassa etal., 2018) and when compared to a treatment-as-usual group (Chinman etal.,
2013). In a comparative effectiveness cluster-randomized study, a provider-supported
group and a self-directed group both increased activation but the provider-supported
group increased activation more rapidly (Schuster etal., 2018). In a three-year pragmatic
trial, no differences were found between an intervention and control group at years one
and two follow-ups, but the intervention group was shown to be more effective in

improving activation at year three (Guo etal., 2019).
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Web-based Portal Interventions

Two studies examined the effects of web-based portal interventions on patient
activation (Denneson et al., 2019; Kipping, Stuckey, Hernandez, Nguyen, & Riabhi,
2016). These interventions provided training for patients and access to their electronic
health information. Both web-based interventions were found to be effective in
improving patient activation in pre-posttest comparisons (Dennesonetal., 2019; Kipping
etal., 2016).
Other Interventions

Three of the studies tested interventions that differed from those discussed above.
One study was a randomized pragmatic clinical trial examining the efficacy of a coaching
intervention on activation (Mccusker et al., 2016). The intervention involved access to a
mental health toolkit and assignment to a lay coach. The study found no difference in
activation between the intervention and control groups (Mccusker et al., 2016). One study
was a parallel group randomized controlled trial to evaluate the efficacy of a self -referral
to inpatient treatment (SRIT) contract on patient activation (Moljord etal., 2017). The
intervention was designed to improve patient accessand participation in treatment
through self-referral. The study compared the intervention to a treatment-as-usual group
(Moljord etal., 2017) and found no differences in activation but did find the intervention
was effective with participants with a patient activation score below a specific threshold
(i.e., patient activation scores below 47) (Moljord et al., 2017). One study was a parallel
group randomized controlled trial evaluating efficacy of implementing the Partners for
Change Outcome Management System (PCOMS) on patient activation (Rise, Eriksen,

Grimstad, & Steinsbekk, 2016). The intervention collected and used patient feedback in
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treatment sessions, but the study found no difference between the intervention and
treatment-as-usual group (Rise etal., 2016).
Summary

Evidence suggests a variety of interventions may be effective in improving
activation in persons with mental health disorders. We identified 20 intervention studies
of good or high quality that were delivered to persons with mental health disorders and
that included activation as one of the outcome measures. The majority of these
interventions used educational approaches and most of these interventions were found to
have a positive effect on activation, although little is known about whether these effects
last over time. Other studies demonstrated some positive effects on activation with other
approaches, such as case management/patient navigation and the use of web-based
portals, but due to the small number of studies examining each approach no strong
conclusions can be made about the efficacy of these approaches on patient activation.

DISCUSSION

Because patient activation is a key component of illness self-management and an
important goal of treatment for persons with mental health disorders, it is important to
determine what factorsare associated with activation in this population. Although more
research is needed, our review reveals that factors that may be associated with higher
levels of activation in this population include better health status, lower depression,
positive health attitudes and behaviors, and higher quality therapeutic relationships.
These findings, although tentative, are consistent with other studies and reviews of
activation in persons with mental health disorders and other health conditions. Similar to

our findings, for example, the health attitude of hope was revealed to be positively
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associated with activation in a scoping review examining psychosocial and psychological
factors in patients with chronic and other health conditions (Golubinski et al., 2020).
Moreover, consistent with our findings, other studies with personswith chronic illness
and mental health disorders revealed that the quality of relationships with healthcare
providers (e.g., interpersonal communication quality, goal setting involvement by the
patient) is positively associated with activation (Alexander etal., 2012; Allen etal., 2017,
Eliacin et al., 2018). In one mixed methods study, persons with schizophrenia with high
levels of activation highlighted collaborative treatment experiences with providers in
their narratives (Salyers etal., 2013). Other studies, however, have explored factors that
did not figure prominently in our review. For example, in the mixed methods study cited
above, patients with higher activation were more likely to acknowledge and accept their
disease, while persons with lower levels of activation were less likely to perceive control
over their illness (Salyers etal., 2013).

Interventions that increase activation in persons with mental health disorders
could be important components of mental health treatments. Our review reveals evidence
that suggests a variety of interventions, most notably educational programs, can improve
activation in this population. This finding is consistent with prior systematic reviews and
meta-analyses that have shown that a variety of interventions increase patient activation
in a number of different chronic disease populations (Hosseinzadeh, Verma, &
Gopaldasani, 2020; Lin, Weng, Apriliyasari, Van Truong, & Tsai, 2020).

What Study Adds to Existing Reviews
Other published reviews have synthesized research findings on factorsassociated

with activation (Golubinski etal., 2020) and interventions used to increase activation
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(Hosseinzadehetal., 2020; Lin etal., 2020), but these reviews have focused primarily on
chronic disease populations. To our knowledge, our review is the first comprehensive
review that examines factors associated with activation and interventions aimed at
improving activation in persons with mental health disorders. By focusing specifically on
this group, the conclusions can provide information that enables psychiatric mental health
nurses and other clinicians to tailor programs and implement strategies to increase
activation in persons with whom they work.

Limitations

Our conclusions should be considered in relationship to the limitations of the
body of literature reviewed. The studies that investigated factors associated with
activation covered a broad range of factors, but no one factor was examined by a
sufficient number of studies to provide conclusive evidence of associations. Moreover,
most of the studies used a cross-sectional design so we cannot make claims about causal
relationships. For example, available evidence doesnot allow us to ascertain if depression
dampens levels of activation or if lower levels of activation contribute to depression.

A number of limitations were also noted in the intervention literature. While a
number of studiesrevealed that educational interventions increased activation, the
interventions varied so widely it was impossible to compare across studies or conclude
what components of the interventions resulted in change. The interventions varied on
dose (e.g., 1 to 13 sessions), length of sessions (i.e., 30 minutes to 4 hours), intervention
content, and interventionists (i.e., providers or peers). In addition, while most studies
used some variation of the PAM (Hibbard et al., 2004) as an outcome measure, four

studies used investigator-developed or other instruments to measure patient activation
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(Alegria etal., 2014; Chiangetal., 2019; Kipping et al., 2016; Singlaetal., 2020), thus
limiting comparison across studies. The instruments used in the majority of studieswere
self-report, which may have introduced participant bias into the findings. In addition,
because many of the intervention studies included all persons with serious mental
illnesses, but did not report outcomes according to diagnostic group, we were unable to
ascertain which interventions were most likely to be effective with which diagnosis.

The majority of both the correlational and intervention studies included samples
of persons with a variety of mental health disorders, and, with the exception of studieson
depression, few studies focused on persons with a specific mental health disorder (e.g.,
bipolar disorder, schizophrenia). Therefore, no conclusions could be drawn about
whether particular types of mental health disorders influence activation differentially.
One group that was notably underrepresented in the studies were persons with substance
use disorder. Only one study exclusively recruited persons with substance use disorder
(Weisner etal., 2016), and two studies included persons with substance use and another
mental health disorder (Alegria etal., 2014; Lara-cabrera etal., 2016).

Limitations to our review methods also restrict our conclusions. For both the
correlational and intervention studies, we focused on activation but did not examine
constructs that likely overlap with activation such as self -efficacy, self-management, and
shared decision-making. We also did not examine the impact of activation on other health
outcomes such as quality of life, decrease in disease burden, or treatment utilization.
More work is thus needed to understand the complex role that activation plays in the

treatment and recovery of persons with mental health disorders.
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Research Implications

We recommend that future studies focus on common factors (e.g., depression,
treatment relationships) thought to be associated with activation, use well-established and
standardized self-report measures of activation, and obtain observational measures of
activation (e.g., independent ratings of activated behaviors within treatment sessions) in
addition to self-report. We also recommend more longitudinal studies to allow
conclusions regarding causal relationships among activation and other factors and to
provide a better understanding of complex relationships among them. Research is also
needed to develop a standardized intervention that can be tested in a variety of mental
health groups. For example, the chronic disease self-management program (CDSMP), a
widely used effective self-management workshop for persons with a variety of chronic
iliness, has been successfully adapted for use for persons with mental health disorders
(Drussetal., 2010; Goldbergetal., 2013; Muralidharan et al., 2019). The program
focuses on decision-making, problem-solving, and action planning and thus addresses
key components of activation. With continued development, such standard programs for
persons with mental health disorders could then be implemented and scaled-up in a wide
variety of mental health settings.
Clinical Implications

Despite the limitations of the review, the findings suggest that psychiatric mental
health nurses and other clinicians should consider activation as an important treatment
goal. Routine assessment of persons’ levels of activation using the PAM (Hibbard etal.,
2004) could inform the development of individualized treatment plans. Clinicians should

consider persons with mental health disorders as partners in treatment planning,
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encourage their active participation in their health care, and encourage self -management
of their iliness. The review points to therapeutic approaches that could improve activation
in persons with mental health disorders. For example, our findings suggest that clinicians
may be able to increase activation by using strategies that focus on health attitudes,
beliefs, and behaviors, such as incorporating discussions of hope, perceived recovery, and
self-management of illness into therapeutic work. Additionally, because treatment quality
appears to affect activation, clinicians should always attend to the nature of their
relationships with patients and continually aim to enhance therapeutic communication
and strengthen the working alliance. Moreover, as our review providesinformationon a
variety of interventions that have been shown to improve activation in persons with
mental health disorders, psychiatric mental health nurses and other clinicians can
consider providing such interventions in their practice settings and evaluating their
effectiveness.
CONCLUSION

This is the first review we are aware of that provides a systematic synthesis of
research on factors associated with patient activation in persons with mental health
disorders and on interventions that target activation. Such information is important to
because persons with mental health disorders have high rates of morbidity and mortality,
treatment underutilization, and poor outcomes and because improving activation may be
one approach that could enhance their treatment and facilitate their recovery. The review
points to some factors that are likely associated with activation and provides evidence
that some interventions, especially educational programs, improve activation in this

population. Although more research is needed to fully understand the role of activation in
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the treatment and recovery of persons with mental health disorders, psychiatric mental
health nurses and other clinicians should assess levels of activation and use therapeutic

strategies to improve patient activation in their clinical practice.
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Table 1: Individual-level, Community-level, and Treatment Relationship Factors

Author Design Purpose Sample/ Activation Other Variables Associations between PAM and other Evidence
(year) Setting Variable variables Level,
(Measure) Quality

Allen et al. Correlational, | “To estimate the | Patients from Patient activation | Therapeutic alliance At baseline, linear regression adjusting I, A
(2017) longitudinal unique effects of | 13 community- | (Patient (Working Alliance for clinical contributors and patient

communication based mental Activation Inventory-Short [WAI- factors revealed that activation was

and therapeutic health clinics in | Measure-13 SR], (task/goal and bond positively associated with the

alliance on the United [PAM-13]) factors) (Tracey & therapeutic alliance task/goal factor

patient activation | States (U.S.) (Hibbard etal., Kokotovic, 1989) (B=0.54,p=0.01); however,

both cross (N=264) 2005) communication (f=0.28, p=0.50)and

sectionally and
longitudinally in
patients
attending
community-
based mental
health clinics”
(p.432)

Communication (Kim
Alliance Scale) (Kim,
Boren, & Solem, 2001)

Clinical characteristics
(self-reported mental
health status, primary
mental health diagnosis,
disability days,
attendance ratio, self-
reported length in
treatment)

Socio-demographic
characteristics (gender,
race/ethnicity, age,
immigrant, education,
employment status,
insurance status)

therapeutic alliance bond factor (=0.00,
p=0.99) were notsignificant.

At baseline, linear regression adjusting
for clinical contributors and patient
factors revealed that activation was
positively associated with beingan
immigrant (f=-5.20, p=0.07), mental
health status (f=6.47, p=0.01
[excellent], B=-7.91, p=0.02 [very
good], p=7.73, p=0.01 [fair], =8.63,
p=0.14 [poor]), and disability days (B=-
0.25, p=0.02); non-significant
associations were observed for patient
activation and gender (f=3.01, p=0.18),
race/ethnicity (p=0.29, p=0.94 [Latino],
p=0.58, p=0.88 [Black], $=6.79, p=0.14
[other race]), age (B=2.94, p=0.28 [35-
49],p=2.53,p=0.39 [50-64], p=-5.62,
p=0.56 [65+]), education (p=-1.59,
p=0.51), employment status ($=1.48,
p=0.56), insurance status (p=-3.21,
p=0.35 [private only], =0.99, p=0.69
[public only], p=11.34, p=0.42 [other
insurance]), diagnosis (p=1.36, p=0.70
[anxiety disorder], p=1.84,p=0.70
[bipolar disorder], p=-2.79, p=0.62
[psychotic disorder], =0.51,p=0.89
[adjustment disorder], =-4.83,p=0.14
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[other diagnosis]), attendance ratio (B=-
0.14, p=0.98), length in treatment
(B=0.01, p=0.65).

Chen etal.
(2014)

Correlational,
Cross-
sectional

“Examine the
association
between
contextual
factors and self-
reported
activation levels
among patients
with depression”
(p.614)

Data from the
Health
Tracking
Household
Survey 2007
and Area
Health
Resource File
2008 for people
with diagnosed
depression in
U.S. (N=1670)

Patient activation
(PAM-13)
(Hibbard etal.,
2005)

Usual source of care
(yes/no)

Care source (physician
office, emergency
department, hospital
outpatientclinic or health
center, other care source)

Community
characteristics (number of
mental health institutions,
number of psychiatrists
for every 1,000 citizens,
percentage of foreign-
born citizens, percentage
of non-White citizens,
college or higher
education level, per capita
income)

Population characteristics
(age, sex, racelethnicity,
marital status, family
size, education, income,
location)

In multivariate linear regression
controlling for site of care, patients
utilizing hospital outpatient clinics (coef
-3.59, p<0.05) or emergency department
(coef -5.04, p<0.05) had lower
activation index than those using
physician’s offices as usual care source.

In a multivariate linear regression
controlling for community
characteristics, higher activation was
associated with higher per capitaincome
(coef 0.14, p<0.05), lower percentage of
foreign-born populations (coef -0.31,
p<0.01), and availability of more
community mental health facilities (coef
0.14, p<0.05) atthe county level.

Ina multivariate linear regression
controlling for both sites of care and
community characteristics, patient
activation was associated with
race/ethnicity (coef=-3.80 [African
American compared to White] p<0.05),
U.S. Census Division (East North
Central, coef=3.07, p<0.05), (South
Atlantic, coef=3.68, p<0.05),
(Mountain, coef=6.11, p<0.001),
(Pacific, coef=6.11, p<0.001); Health
status (poor, coef=-9.15,p<0.001), (fair,
coef=-5.97, p<0.001), (good, coef=-
4.55, p<0.001); non-significant
relationships (p>0.05) were observed for
Latino (coef=-1.82) and “other”
race/ethnicity category (coef=-1.32), age
(coef=0.16), gender (coef=0.49), marital
status (coef=1.89), family size (coef=-
0.16), years of schooling (coef=-0.14

I, A
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[12-16 years], coef=1.90 [more than 16
years]), family income (coef=-0.17
[200-400% Federal Poverty line]),
chronic disease (coef=2.08 [diabetes],
coef=-0.33 [arthritis], coef=-0.06
[hypertension], coef=-0.16 [heart
disease], coef=2.21 [cancer]), health
insurance (coef=-0.92 [uninsured],
coef=-0.54 [Medicare], coef=0.86
[Medicaid], coef=-1.60 [other public
health insurance], language (coef=-
3.38), location (coef=0.90 [small metro
under 200,000], coef=0.45
[nonmetropolitan area]).

Eliacin et Correlational, | “Toexaminethe | African- Patient activation | Working alliance (WAI- In stepwise regression analysis, I, B
al. (2018) Cross- association American (AA) | (PAM-MH) SR), (Tracey & significant association between race and
sectional between and White (Greenetal., Kokotovic, 1989) activation was identified (p=0.002).
race and two key | veterans from 2010) White veterans (M=65.3+/-15.5) had
aspects of patient | outpatient Race (AA or White); significantly higher activation scores
engagement: mental health gender; age; education; than African American veterans
patient clinics in employment; length of (M=56.6+/-14.7).
activation and Indiana time with employer (self-
working (N=152) reportand medical In linear regression, after controlling for
alliance” (p. 187) records) demographics, workingalliance
predicted activation (R2 = 0.297,
F(7,100) =6.044, p < 0.001).
Ivey et al. Correlational, | “To assess the Patients with Patient activation | Emotional functioning In hierarchical linear regression, 111,B
(2018) Cross- extentto which cardiovascular, [ (PAM-13) (Patient Health patient activation was positively
sectional practices with diabetes and (Hibbard etal., Questionnaire 4 [PHQ-4]) | associated with social (p=0.62,

patient-centered
cultures, greater
shared decision-
making
strategies, and
better
coordination
among team
members have
better patient-
reported
outcomes

coexisting
mental health
diagnosis from
participating
primary care
practices
(N=606)

2005)

(Kroenke, Spitzer,
Williams, & Lowe, 2009)

Physical functioning (12-
items from Patient-
Reported Outcomes
Measurement System
[PROMIS]) (Cella et al.,
2010)

P<0.001), emotional (p=0.33, P<0.001),
and physical functioning (f=0.42,
P<0.001).
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(PROs) for
patients with
diabetes and/or
cardiovascular
and comorbid
mental health
diagnoses” (p.
551)

Social functioning (8-
items from PROMIS)
(Cella et al., 2010)

Kuklaet al.
(2013)

Correlational,
Cross-
sectional

“To understand
the relationship
between patient
activation and
symptoms,
medication
adherence,
recovery
attitudes, and
hope (p.339)”

Patients with
schizophrenia
at a community
mental health
centerin
Indiana
(N=119)

Patient activation
(Patient
Activation
Measure-Mental
Health [PAM-
MH]) (Green et
al., 2010)

Demographic

characteristics (sex,
ethnicity, diagnosis,
education, housing,
employment status)

Psychiatric symptoms
(Positive and Negative
Syndrome Scale
[PANSS]) (Kay &
Fiszbein, 1987)

Medication adherence
(Morisky Medication
Adherence Scale
[MMAS]) (Morisky &
Green, 1986)

Global perceived
recovery (Recovery
Assessment Scale [RAS])
(Corrigan, Faber, Rashid,
& Leary, 1999)

Hope (Adult State Hope
Scale[AHS]) (Snyder et
al., 1996)

Global illness self-
management (lliness
Management and
Recovery scale [IMR])
(Mueser etal., 2004)

Bivariate correlations revealed that
patient activation was positively
correlated with global perceived
recovery (r=0.66, p<0.01), hope (r=0.57,
p<0.01), and illness self-management
(r=0.42, p<0.01) and patient activation
was negatively correlated with
emotional discomfort symptoms
(PANSS) (r=-0.28, p<0.01); patient
activation was not significantly related
to medication adherence (coef=-0.18,
p<0.01).

In stepwise regression, hope (R2=0.49,
F[2,105]=50.1, p <0.01) and global
perceived recovery (R2=0.44,
F[1,106]=83.6, p<0.01) predicted
patient activation.

Patient activation was notsignificantly
associated with sex, race/ethnicity,
diagnosis, education, housing, or
employment status (p=>0.01)".

I, B
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McCusker Randomized “To describethe | Patients from Patient activation | Severity of depressive Multivariate regression analysis found A
et al. pragmatic cross-sectional 41 family (PAM-13) symptoms (Patient Health | high patient activation was positively
(2016) clinical trial® and longitudinal | doctorsin (Hibbard etal., Questionnarie-9 [PHQ- associated with French language
associations of Montreal with 2005) 9]) (Kroenke, Spitzer, & (B=5.01,p<0.01), being born outside
activation and at leastone Williams, 2001) Canada (p=4.50, p<0.05), frequent
self-efficacy chronic exercise (B=0.68, p<0.05), lower
with condition or Physical and mental comorbidity (p=-4.58, p<0.05), and
demographic, chronic pain health status (12 Item higher mental status (p=0.21, p<0.05).
physical and and minimum Short Term Survey [SF-
mental health of mild 12] Physical Component | Multivariate regression analysis found
status, health depression Summary [PCS] and non-significantassociations (p>0.05)
behaviors, (N=215) Mental Component between patient activation and age (B=-
depression self- Summary [MCS]) (Ware, | 2.75[55-64], =-1.04[65+]), smoking
care, health care J. E., Kosinski, M., & status (f=0.94 [past smoker], B=-0.30
utilization, and Keller, 1996) [current smoker, </=14/day], p=-4.62
use of self-care [currentsmoker, >/14/day]), alcohol
tools; and to Exercise, activity consumption (coef=2.73 [1-6
examine the frequency, drinks/week], coef=-4.44[7+
effects of a smoking/alcohol intake, drinks/week], everyday activities
depression self- (coef=0.13 [social activities
care coaching Sociodemographic (age, times/week], coef=0.33 [solitary
intervention on birthplace, preferred activities times/week]), physical health
these two language, health service (coef=0.13), depressive symptom
outcomes” utilization, treatments) severity (coef=-0.01), mild cognitive
(p.716) impairment (coef=-3.30), numberfamily
physician visits (coef=-1.04),
nonpsychiatric specialty visits
(coef=1.74); and treatments including
antidepressant medication (coef=1.23),
number of medications (coef=-0.02),
and counseling (coef=-3.10).
Oles et al. Secondary “To examine the | Patients with Patient activation | Hope (AHS) (Snyder et Cross lagged panel model showed i, Af
(2015) analysis from | prospective schizophrenia (PAM-MH) al., 1996) positive correlation between hope and
randomized relationship receiving (Greenetal., patientactivation at baseline (r=0.57,
control trial between hope mental health 2010) Demographics (gender, p<0.001), 9 months (r=0.62,p<0.001),
and patient (MH) services age, race, education) 18 months (r=0.67, p<0.001).

activation over
time” (p.273)

at VA Medical
Center or
community MH
centerin

Correlation matrix showed non-
significantassociations (p>0.01)
between patient activation and gender
(coef=-0.09 [9 months], coef=-0.06 [18




ey

Indiana

months], age (coef=0.01 [9 months],

(N=118) coef=-0.02 [19 months], race (coef=-
0.13[9 months], coef=-0.16[18
months], and education (coef=-0.08 [9
months], coef=0.03 [18 months]).
Pinto et al. | Correlational, | “Explore the People with Patient activation | Quality of interaction Path analysis revealed that the quality of | Ill, B
(2017) Cross- predictive self-reported (PAM-13) with a provider (Quality patient-provider communication (f =
sectional relationships of depressionin (Hibbard etal., of Provider-Patient .43, p<.01) and self-appraisal of
the clinical Northeast Ohio | 2005) Interaction [QQPPI]) communication skills with providers (B
encounter, which | (N=60) (Bieber, Muller, Nicolai, =.30, p <.05) (communication
includes Hartmann, & Eich, 2010) | functions) had direct effects on patient
communication activation (R2 = .45, p <.01) (proximal
functions and Self-appraisal of outcome).
proximal communication skills
outcomes to with providers (Patients’ | Patient activation was found to have
improve health Self Competence direct effects on depressive symptoms
outcomes” (p. Subscale [PSC]) (Cegala, | (B=-0.55, p<0.01).
533) Coleman, & Turner,
1998)
Depressive symptom
levels (depressive
symptom subscale of the
Hospital Anxiety and
Depression Scale
[HADS]) (Zigmond &
Snaith, 1983)
Sacksetal. | Correlational, | “Explorethe Patients with Patient activation | Depression (PHQ-9) In bivariate regression, patients with I, A
(2014) Cross relationship moderate to (PAM-13) (Kroenkeetal., 2001); more severe depression had atendency
sectional between baseline | severe (Hibbard etal., depression treatment to be less activated (p<0.001) T.
patient activation | depression 2005) response, depression
in depressed receiving care remission, and depression | In multivariate regression, patients with
patients and at Fairview severity variables the highest level of patient activation
depression Health Services (PA) were more likely to experience a
outcomes one Minnesota Self-reported depression | reduction in depression symptoms
year later” (p.2) | (N=5253) recovery variables (coef=-2.04, p<0.001),depression

(quitting smoking,
lowering BMI, newly
meeting clinical
recommendations for
Papanicolaou (PAP)

remission (OR=2.15, p<0.001),and
higher level treatment response
(OR=1.84, p<0.001).
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smears, newly meeting
clinical recommendations
for mammography)

In multivariate regression, initiation of
health-promaoting lifestyle change, such
as transition to a normal BMI (PA level
4,0R=1.54, p<0.05) and newly meeting
PAP smear guideline (PA level 2,
OR=1.85, p<0.001), (PA level 3,
OR=1.45, p<0.05), (PA level 4,
OR=1.46, p<0.05), were related to level
of patient activation; patient activation
level was notassociated (p>0.05) with
quitting smoking (PA level 2,
OR=0.70), (PA level 3, 0R=0.91), (PA
level 4, OR=0.79) or newly meeting
mammography guidelines (PA level 2,
OR=1.19), (PA level 3, OR=0.97), (PA
level 4, OR=1.05).

Singla etal.
(2020)

Secondary
data analysis
from two
parallel
controlled
randomized
trials

“Explore the
potentially
predictive and
mediating roles
of treatmentand
patient behaviors
on depression
and drinking
outcomes at 3-
months post-
enrollment”

(p.69)

Study
participants
from Health
Activity
Program [HAP]
and Counseling
for Alcohol
Problems
[CAP] studies
in India
(N=100)

Patient activation
(PREMIUM
Abbreviated
Activation Scale
[PAAS] based on
Behavioral
Activation For
Depression
Scale) (Kanter et
al., 2007)

Depression (depressive
symptoms severity scores
from the PHQ-9)
(Kroenkeetal., 2001)

Therapy quality (HAP
and CAP Therapy Quality
Scale [TQS] includes
general and treatment-
specific subscales)
(Singla et al., 2014)

In multiple linear regression, patient
activation was positively associated with
therapy quality treatment-specific (r =
0.303, p = 0.034) and general skills (r =
0.346, p = 0.015); patient activation was
negatively associated with depression (r
=-0.458,p=0.0008).

I, A

Correlation coefficient not reported.
SData for correlational objectives reported from multivariate model (data for intervention objective reported in Table 2)

"Appraisal based on currentsub study (not parentstudies)
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Table 2: Patient Activation Interventions

Author Design Purpose Intervention Sample/Setting Activation Findings Evidenc
(year) Variable e Level,
(Measure) Quality
Educational interventions
Alegria etal. | Randomized “To determine whether | -DECIDE is an educational | Patients from 13 Patient In mixed regression analysis, I, A
(2014) clinical trial the DECIDE program to help patients outpatient activation the intervention group had
(mixed intervention improves ask questions and make community mental (Patient higher patientactivation (B =
efficacy- patient activation and decisions with providers. health clinics in the | Activation 1.74[0.58]; P=.003)
effectiveness) | self-management, as -3 in-person sessionsover 3 | U.S. and Puerto Scale [PAS]) compared to control.
well as engagement and | months (30-45 minutesper | Rico; were (Alegriaetal.,
retention in behavioral session) led by bilingual generally low- 2008)
health care” (p. 557) care managers income Latino/other
minority (N=647)
Bartels etal. | Quasi- “To pilot test study -CAT-PC includes co-led Patients with a Patient In t-test repeated measure I1,B
(2013) experimental, feasibility and potential | patienteducation and serious mental activation analysis, improvementwas
pre-post pilot effectiveness of a training and training for health illness and (PAM-13) found for patient activation
collaborative activation | primary care providers. cardiovascular (Hibbard et (ES=0.54, p=0.03) post
training in primary care | -9 weekly peer co-led health risk al., 2005) intervention.
(CAT-PC)” program (p. | patienteducation and skills | conditions from 2
278;279) training session (90 minutes | primary care mental
per session) over 2 months; | health centers in
interveners were PhD social | New Hampshire
worker + 2 wellness peer (N=17)
specialists; 45 minute
video-based training for
primary care providers
Chiangetal. | Randomized To explore “the effect -DECIDE-PA is a training 13 hospital-based Patient In multilevel, mixed-effects I,A
(2019) clinical trial of DECIDE-PA program that supports and community activation models, patient intervention
program (Decide the patients to learn abouttheir | outpatient (modified and dose of clinician
problem; Explore the illness and learn Massachusetts version of interventions had no effecton
questions; Closed or communication skills to mental health clinics | PAS) (Alegria | pa