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Abstract

Background: Adolescents and young adults are among the most frequent Internet users, and accumulating evidence suggests
that their Internet behaviors might affect their mental health. Internet use may impact mental health because certain Web-based
content could be distressing. It is also possible that excessive use, regardless of content, produces negative consequences, such
as neglect of protective offline activities.

Objective: The objective of this study was to assess how mental health is associated with (1) the time spent on the Internet, (2)
the time spent on different Web-based activities (social media use, gaming, gambling, pornography use, school work, newsreading,
and targeted information searches), and (3) the perceived consequences of engaging in those activities.

Methods: A random sample of 2286 adolescents was recruited from state schools in Estonia, Hungary, Italy, Lithuania, Spain,
Sweden, and the United Kingdom. Questionnaire data comprising Internet behaviors and mental health variables were collected
and analyzed cross-sectionally and were followed up after 4 months.

Results: Cross-sectionally, both the time spent on the Internet and the relative time spent on various activities predicted mental
health (P<.001), explaining 1.4% and 2.8% variance, respectively. However, the consequences of engaging in those activities
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were more important predictors, explaining 11.1% variance. Only Web-based gaming, gambling, and targeted searches had mental
health effects that were not fully accounted for by perceived consequences. The longitudinal analyses showed that sleep loss due
to Internet use (8=.12, 95% CI=0.05-0.19, P=.001) and withdrawal (negative mood) when Internet could not be accessed (3=.09,
95% CI=0.03-0.16, P<.01) were the only consequences that had a direct effect on mental health in the long term. Perceived
positive consequences of Internet use did not seem to be associated with mental health at all.

Conclusions: The magnitude of Internet use is negatively associated with mental health in general, but specific Web-based
activities differ in how consistently, how much, and in what direction they affect mental health. Consequences of Internet use
(especially sleep loss and withdrawal when Internet cannot be accessed) seem to predict mental health outcomes to a greater
extent than the specific activities themselves. Interventions aimed at reducing the negative mental health effects of Internet use
could target its negative consequences instead of the Internet use itself.

Trial Registration: International ~Standard Randomized Controlled Trial Number (ISRCTN): 65120704;
http://www.isrctn.com/ISRCTN65120704?q=&filters=recruitmentCountry:Lithuania&sort=&offset=
S&totalResults=32&page=1&pageSize=10&searchType=basic-search (Archived by WebCite at http://www.webcitation/abcdefg)

(JMIR Ment Health 2016;3(3):e31) doi: 10.2196/mental.5925
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Introduction

Depression and anxiety are two of the most prevalent psychiatric
disorders among adolescents [1-3], and suicide, which is often
closely related to these disorders, is the second leading cause
of death in the world for 15- to 29-year olds (after traffic
accidents) [4]. Over the past decade, there has been a growing
interest and concern about how adolescents’ mental health and
emotional development are affected by their Internet use. Almost
80% of the European population are Internet users, with
percentages above 90% in some countries [5], and with the
increasing use of smartphones, more and more individuals have
instant and continuous access to the Internet. Over 90% of 16-
to 24-year olds in Europe regularly use the Internet at least
weekly, a percentage that is higher than for any other age group
[6]. Although it is difficult to measure exactly how much time
is spent on the Internet, most young people access the Internet
on a daily basis, and the Internet has become a well-integrated
part of their lives. This has led to changes in how people live
their lives and how they construct and maintain social relations
and self-identities, seek information, and enjoy entertainment.

A major line of research has linked mental health problems to
what has been termed problematic Internet use (or pathological
or compulsive Internet use), which is often conceptualized as
an impulse control disorder similar to gambling addiction and
other behavioral addictions. The most used and validated
measure of problematic Internet use, the Internet Addiction Test
(IAT) [7], was constructed through an Internet use-specific
reformulation of the Diagnostic and Statistical Manual of Mental
Disorders Fourth Edition (DSM-4) diagnostic criteria for
Pathological Gambling Disorder (for a review of problematic
Internet use measurements, see [8]). As such, this screening
instrument measures compulsive aspects of Internet use resulting
in clinical impairment or distress (eg, feeling preoccupied with
the Internet; inability to control or reduce Internet use; feeling
moody or depressed when attempting to stop or reduce Internet
use; staying online longer than intended; lying about excessive
Internet use, and so forth). However, there is no standardized
way of classifying problematic Internet use because
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measurements, cutoffs, and classification procedures vary
between studies [8-9]. These differences in diagnostic
procedures aside, numerous studies have found problematic
Internet use to correlate with DSM Axis I disorders, mainly
depression but also social phobia and anxiety, substance use,
attention-deficit hyperactivity disorder, and certain personality
variables such as hostility [10-13]. The putative mechanism by
which problematic Internet use affects mental health is partly
related to the excessive time spent on Web-based activities,
which results in a neglect of protective offline activities such
as sleep, physical exercise, school attendance, and offline social
activities, and partly related to symptoms of withdrawal when
those activities cannot be accessed [9,14].

Studies show that the problematic aspects of certain individuals’
Internet use are restricted to one or a few specific Web-based
activities (eg, gaming or social media use), whereas other
activities are nonproblematic [15-17]. Although there is some
recent evidence that the factor structure of the IAT [7] is
consistent across measuring problematic engagement in specific
activities such as gambling and gaming [18], this has led to a
differentiation between generalized problematic Internet use
and specific forms of problematic Internet use. For example, as
most Internet-use research has focused on problematic
Web-based gaming, and as many studies have found an
association between gaming and severe mental health
symptomology, this is the only specific form of problematic
Internet use that has been considered for inclusion in DSM-5,
whereas generalized problematic Internet use and other specific
forms have not [9,19].

It is thus important to differentiate between activities when
investigating the mental health effects of Internet use. In some
cases, it could be important because the activity in question is
prone to becoming addictive, such as Web-based gambling (eg,
Web-based poker, sports betting, casino spins) [20-23]. In other
cases, it might be important because the content itself may
impact mental health by producing specific emotional, cognitive,
or behavioral reactions. For example, 1 study on social media
use suggests that passive consumption of social content increases
feelings of loneliness, whereas direct communication with

JMIR Ment Health 2016 | vol. 3 | iss. 3 | €31 | p. 2
(page number not for citation purposes)


http://dx.doi.org/10.2196/mental.5925
http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR MENTAL HEALTH

friends does not [24]. Another example is performing
information searches. Studies show that young people, including
those with mental health problems, often perform targeted
searches related to their physical and mental health [25-27].
Depending on what information they find, this type of behavior
could probably have both negative and positive outcomes.
Website content that promotes self-destructive behaviors or
self-harm may be of particular concern. Furthermore,
adolescents perform increasing amounts of school work using
the Internet, and as academic performance is usually associated
with better mental health [28], using the Internet for such
purposes might be predictive of positive mental health rather
than what would be expected from a problematic Internet use
perspective [29,30]. Other research has shown that certain types
of games (eg, massively multiplayer online role-playing games)
and certain motives for playing those games (in-game
achievement, socializing, immersion, relaxation, and escapism)
are predictive of mental health problems and problematic
gaming [31-33]. Although the majority of previous research is
correlational, it suggests that Internet use can impact mental
health either through the activity or content that is used or
through delayed consequences that follow the use of the Internet.

This study aimed to investigate how adolescents’ mental health
is predicted by time spent on the Internet and their level of
engagement in 7 types of Internet activities: social media use,
gaming, gambling, pornography viewing, newsreading or
watching, activities related to school or work, and targeted
information searches that are not related to school or work.
Second, the study also tested whether these effects would be
sustained or accounted for by perceived consequences of using
those Web-based activities. We investigated the impact of both
negative consequences (eg, withdrawal, sleep loss) and positive
consequences (eg, enjoyment, finding new friends). In addition
to performing these analyses on cross-sectional data, we also
tested whether these effects would predict changes in mental
health over a period of 4 months.

Methods
Study Design

Data were collected as a part of the Suicide Prevention through
Internet and Media Based Mental Health Promotion
(SUPREME) trial (Current Controlled Trials
ISRCTN65120704). The study was carried out by collaborating
mental health research centers in Estonia, Hungary, Italy,
Lithuania, Spain, Sweden, and the United Kingdom. As part of
this project, a randomized controlled longitudinal study was
carried out in 2012-2013 to evaluate a Web-based mental health
intervention website, which was tested in a randomly selected
sample of adolescents in a selected area of these countries.
Inclusion criteria of the schools were: (1) the school authority
agrees to participate; (2) the school is a state school (ie, not
private); (3) the school contains at least 100 pupils within the
age range of 14-16; (4) the school has more than 2 teachers for
pupils aged 15 years; (5) no more than 60% of pupils are of
either gender. Participants were cluster randomized, based on
school affiliation, into either a full-intervention condition (with
access to the intervention website) or a minimal-intervention
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control group (without access to the intervention website), and
were administered an evaluation questionnaire at baseline and
at 2 and 4 months of follow-up. The questionnaire included
questions about their Internet habits, mental health and suicidal
behaviors, and other variables relevant to the evaluation. This
study did not aim to evaluate any effects of the Web-based
intervention but instead explored Internet-related risk factors
for mental health problems.

Participants

Subjects were registered pupils of state schools randomly
selected from a predefined area in each country: West Viru
County (Estonia), Budapest (Hungary), Molise (Italy), Vilnius
city (Lithuania), Barcelona city (Spain), Stockholm County
(Sweden), and eastern England (the United Kingdom). Eligible
state schools in these areas were randomly arranged into a
contact order, the order in which schools were contacted and
asked to participate. If a school declined, the next school on the
list was contacted. If a school accepted participation, a team of
researchers went to the school and presented the background,
aims, goals, and procedures of the study to the pupils verbally
and through consent forms. As the study procedure included
screening for suicidal adolescents, participation was not
completely anonymous, but participants’ identities were
encrypted in the questionnaire. Written consent was obtained
from all pupils who agreed to participate (as well as from one
or both parents according to ethical regulations in the region).
The study was approved by ethics committees in all participating
countries.

The sampling procedure resulted in a total number of 2286
adolescents participating at baseline (Estonia=3 schools, 416
participants; Hungary=6 schools, 413 participants; Italy=3
schools, 311 participants; Lithuania=3 schools, 240 participants;
Spain=3 schools, 182 participants; Sweden=9 schools, 337
participants; the United Kingdom=3 schools, 387 participants).
Of the participants, 1571 (68.72%) were randomized to the
full-intervention group and 715 (31.27%) to the
minimal-intervention group. There was a notable dropout rate
in the study. In the total sample, the number of subjects that
discontinued participation comprised 467 pupils (20.42%)
between T1 and T2 and 244 pupils (13.41%) between T2 and
T3. Subjects were included in the longitudinal analyses if they
had participated at least at T1 and T3, but participation at T2
was not necessary. This resulted in a longitudinal sample of
1544 subjects, with 56% women and a mean age of 15.8 years
(standard deviation, SD=0.91 years).

Internet Use Measures

Measures of Internet behaviors and uses were constructed
specifically for this study. This included items that measured
the regularity of Internet use (eg, using the Internet once a month
vs using it once a week) and the number of hours spent on the
Internet on a typical week. Participants were also asked to rate
how much time they spend on 7 different activities when using
the Internet (socializing, gaming, school- or work-related
activities, gambling, newsreading or watching, pornography,
and targeted searches that are not related to school or work).
Participants rated these activities on a 7-point scale (1=I spend
very little or no time doing this; 7=I spend very much time doing
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this). The last set of items asked participants to rate the
self-perceived consequences of engaging in said activities.
Participants were asked to rate the extent to which various
consequences apply to them, but only in relation to those
activities that he or she engaged in to a considerable degree (had
previously rated as >4). The participants rated, on a 7-point
scale (1=very seldom or never; 7=very often), the occurrence
of the following consequences: “I find new friends”; “I have
fun”; “I learn interesting things”; “I stay online longer than
intended”; “I chose these activities instead of hanging out with
friends (In real life)”; “I stay up late and lose sleep”; “I feel
depressed or moody when I have no access to the above
mentioned activities”. Participants also rated how their Internet
use affected their work performance or school grades (1=my
work or grades suffer; 4=not affected at all; 7=my work or
grades improve) and whether it was thought to contribute to
their life meaning (1=less meaningful; 4=equally meaningful
as without them; 7=more meaningful).

For the sake of clarity, we refer to some of these consequences
as “positive” (finding new friends; having fun; learning
interesting things) because they are outcomes of Internet use
that do not necessarily imply addictive behavior and can be
expected to lead to better mental health (if at all). We refer to
other consequences as “negative” (staying on the Internet longer
than intended; choosing Web-based activities instead of offline
social activities; staying up and losing sleep; feeling moody
when Web-based activities cannot be accessed) because they
suggest symptoms of problematic Internet use and can therefore
be expected to lead to poor mental health. For example, these
negative consequences resemble those included in the IAT [7]

and the Internet Gaming Disorder measurement
recommendations by Petry et al [9]. Finally, some consequences
are considered “bidirectional” (My work or grades

improve/suffer; My life becomes less or more meaningful)
because subjects could rate them either negatively or positively
or indicate no change at all.

Mental Health Measures

Participants’ levels of depression, anxiety, and stress were
assessed by means of the 3 subscales constituting the 42-item
version of the Depression Anxiety Stress Scale (DASS-42) [34].
Each subscale consists of 14 statements that are scored on a
4-point Likert scale according to how much the statement
applied to the person over the past week. The scales are designed
to measure negative emotional states of depression (dysphoria,
hopelessness, devaluation of life, self-deprecation, lack of
interest or involvement, anhedonia, and inertia), anxiety
(autonomic arousal, skeletal muscle effects, situational anxiety,
and subjective experience of anxious affect), and stress or
tension (difficulty relaxing, nervous arousal, and being easily
upset or agitated, irritable or over-reactive, and impatient).
Studies that have investigated the psychometric properties of
this scale have reported satisfactory outcomes on reliability and
validity measures in healthy and clinical populations [34-37],
also when administered over the Internet [38]. However, there
have been reports that young adolescents distinguish less
between the 3 factors as compared with adults, and correlations
among them are typically high [39,40]. The scales demonstrated
high internal consistency in the present sample, in terms of
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Cronbach alpha calculated on the baseline data (depression
alpha=.93; anxiety alpha=.89; stress alpha=91). As some
participants did not respond to all scale items, the final score
on each scale was calculated by dividing the sum score by the
number of items that they had responded. Only participants with
50% missing data or more were excluded. The scales correlated
highly with each other (depression x anxiety: 7=.76; depression
x stress: r=.79; anxiety X stress: r=.78; all P values <.001), and
the combined 42-item scale demonstrated high internal
consistency (alpha=96). Due to the relatively high
intercorrelation between constructs, and to simplify analysis,
the 3 scales were combined into a single measure of mental
health.

Procedure

All study procedures took place at the respective schools in
classrooms or computer rooms. The questionnaires were
administered either in paper and pencil format or using a
Web-based survey tool, if the school was able to provide
computers for all pupils at time of data collection. The
questionnaire contained items used to screen for suicidal
adolescents (The Paykel Suicide Scale [41]), and the screening
procedure took place within 24 hours after each wave of data
collection. Therefore, participation was not completely
anonymous; however, subjects’ identities were encrypted using
individual “participation codes,” which were written on the
questionnaire instead of the participants’ name. The codes were
linked to pupil’s identities only to connect data longitudinally
and to contact high-risk suicidal adolescents (emergency cases)
to offer help. Subjects were defined as emergency cases if they
responded that they had seriously contemplated, planned, or
attempted suicide within the past 2 weeks. The exact procedure
for dealing with risk cases varied between countries and was
contingent on the regional ethical guidelines and available help
resources. Emergency cases were excluded from the data
analysis (n=23). The intervention tested in the SUPREME
project was administered after baseline data collection and is
described further in Multimedia Appendix 1.

Data Analysis

Two main analyses were performed in this study: 1
cross-sectional hierarchical multiple regression analysis and 1
longitudinal analysis. The measure of frequency of Internet use
was omitted from analysis owing to a ceiling effect (90% of
participants reported using the Internet at least once per day).
The remaining predictor variables were thus the self-reported
number of weekly hours online, the ratings of the 7 activities,
and the ratings of the 9 consequences of Internet use. The
composite DASS score was the dependent variable in these
analyses (tests of statistical assumptions are described in
Multimedia Appendix 1). In the cross-sectional regression,
Internet behaviors at T1 were used to predict mental health at
T1. The longitudinal regression analysis predicted change in
overall DASS (the score difference between T1 and T3) by
means of change in Internet behaviors. Only the longest
follow-up was of interest in this study. Gender, age, and
experimental condition were included as control variables in
the first model. Time spent on the Internet was added in the
second model, activity ratings were added in a third model, and
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the consequence ratings were added in a fourth model. Further,
because participants were instructed to rate perceived
consequences only if they performed at least one online activity
above the >3 threshold, a minority (n=82; 5%) of subjects whose
scores had transcended above or below the threshold between
T1 and T3, had incomplete data for the calculation of difference
scores. However, sensitivity analyses indicated no statistically
significant difference between these subjects and other cases,
regarding the average amount of longitudinal change in DASS
scores or mean online activity scores.

Results

Descriptive Results

DASS-42 scores could be calculated for 2220 participants. Total
DASS scores ranged between 0-3 points, where higher scores
indicate more mental health problems. The mean baseline scores
for males, females and the total sample are presented in Table
1. Females scored significantly higher than males on all mental
health measures (Table 1). In the total sample, 1848 participants

Hokby et al

(83.24%) had a mean DASS score below 1, and 314 (14.1%)
had a score between 1 and 1.99, and 58 (2.6%) had a score of
2 or above. There were small but significant differences between
the countries in DASS scores (Fig, 21379.28, nzpamal=.02,
P<.001). The average change in DASS scores over the 4-month
study period was —0.15 (SD=0.42), which indicates a decrease
over time. Participants who dropped out of the study between
T1 and T3 had somewhat higher baseline DASS scores than
adhering participants (mean difference=0.10; 7,,5=4.068;
P<.001).

Table 1 also summarizes the average reported time spent on the
Internet, activity ratings, and consequence ratings at baseline.
The table summarizes that average number of hours spent on
the Internet per week was 17.23, with large variation in the
sample, and that men had spent slightly more hours on the
Internet than women. It was most common for the adolescents
to use the Internet for social purposes, followed by school or
work, targeted searches, gaming, newsreading or watching,
pornography viewing, and gambling, although there were
notable gender differences regarding these activities.

Table 1. Descriptive results (means and standard deviations) for mental health and Internet use measures at baseline.

Variable? Total Women Men Gender difference”

M (SD) M (SD) M (SD) t P d
Depression 0.52 (0.59) 0.62 (0.64) 0.40 (0.49) 9.15 <.001 0.40
Anxiety 0.48 (0.49) 0.54 (0.51) 0.40 (0.45) 7.02 <.001 0.30
Stress 0.72 (0.60) 0.83 (0.63) 0.57 (0.53) 10.39 <.001 0.37
DASS (total) 0.57 (0.52) 0.67 (0.54) 0.46 (0.45) 9.71 <.001 0.42
Time spent on the Internet 17.12 (17.72) 16.43 (17.04) 17.96 (18.50) -1.99 .046 —0.09
Socializing 4.94 (1.73) 5.29 (1.62) 4.51(1.77) 10.80 <.001 0.46
Gaming 3.05 (2.04) 2.03 (1.42) 4.33(1.98) -31.95 <.001 -1.33
School or work 3.71 (1.54) 4.01 (1.49) 3.34 (1.52) 10.44 <.001 0.45
Gambling 1.31 (0.98) 1.09 (0.51) 1.58 (1.30) —12.06 <.001 —0.50
News 2.96 (1.66) 2.93 (1.63) 2.99 (1.69) -0.83 41 NS
Pornography 1.73 (1.48) 1.10 (0.55) 2.53 (1.86) —25.42 <.001 -1.04
Targeted searches 3.28 (1.68) 3.28 (1.68) 3.29 (1.68) -0.19 .85 NS
Finding friends 3.42 (1.79) 3.40 (1.81) 3.44 (1.76) —-0.45 .65 NS
Learning 4.07 (1.64) 4.02 (1.60) 4.12 (1.68) -1.35 18 NS
Having fun 4.66 (1.77) 4.49 (1.73) 4.88 (1.80) -5.08 <.001 -0.22
Meaningfulness 4.12(1.22) 4.10 (1.15) 4.14 (1.30) -0.69 49 NS
Impact on grades 3.95(1.24) 3.95(1.24) 3.93(1.24) 0.37 71 NS
Staying on the Internet longer 4.03 (1.86) 4.22 (1.84) 3.79 (1.86) 5.34 <.001 0.23
Prefers Web-based relations 2.14 (1.44) 1.99 (1.38) 2.31(1.49) =5.16 <.001 -0.22
Sleep loss 3.07 (1.97) 3.05 (1.98) 3.09 (1.95) —-0.51 .61 NS
Withdrawal (negative mood when ~ 2.25 (1.52) 2.24 (1.54) 2.26 (1.49) —-0.22 .83 NS

inaccessible)

*Mental health scores (depression, anxiety, stress, DASS total) range between 0 and 3. Time spent on the Internet is measured in hours. All other

Internet-related measures range between 1 and 7.

bGender differences were determined through independent samples t-tests; 7-values, P values, and Cohen’s d are presented.
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Cross-Sectional Regression Analysis

The cross-sectional hierarchical multiple regression analysis
was used to predict DASS scores at T1 by means of Internet
use at T1. The first model comprising the control variables
(gender, age, experimental condition) was highly significant
(Fis. 1683=26.40, P<.001) and explained R’,;=4.3% of the
variance in psychopathology. The second model (time spent on
the Internet) contributed significantly to the prediction (F
change(; 162)=26.05, P<.001) by 1.4%, resulting in a total of

Rzadj=5.7% explained variance. The third model (relative time
spent on activities) contributed significantly to the prediction
(F change; 1675=8.29, P<.001) by 2.8%, resulting in a total of
Rzadj
of Internet use) contributed significantly to the prediction (F'
change g 1466=26.80, P<.001) by 11.1%. This resulted in a final

total of Rzadj=19.6% explained variance, 15.3% of which was

=8.5% explained variance. The fourth model (consequences

accounted for by Internet-related factors. The adjusted R’
continued to increase at each step in the analysis, indicating that
the model was not overfitted. There was no indication of
problematic collinearity as all variables had a tolerance above
0.5. The results of the regression analysis, including the
standardized beta coefficients (B) for each predictor in each
model, are summarized in Table 2.

Table 2 summarizes that gender was the only significant control
variable, whereas age and experimental condition were not. The
self-reported average number of hours spent on the Internet was
a significant predictor of higher DASS scores in models 2 and
3 but not when accounting for consequences of Internet use in
the fourth model. The effect size (B) of individual Web-based
activities varied between .05 and .13. Using the Internet for
social purposes was a significant predictor of DASS scores in
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model 3, but not in model 4, suggesting that the risk associated
with socializing on the Internet was accounted for by the
consequences measured in the study. Web-based gaming
followed the opposite pattern, as this activity was not a
significant predictor of DASS in model 3 but turned significant
in the fourth model. The negative beta value indicates that
Web-based gaming was a protective factor associated with
mental health. Performing school or work activities on the
Internet was also a significant protective factor for
psychopathology in the third model but not when accounting
for consequences of Internet use. Web-based gambling was a
significant risk factor for higher DASS scores in both models
3 and 4. Consuming news content was not significantly
associated with DASS in either model. Viewing pornographic
content on the Internet was a significant risk factor only in model
3 but not model 4, thus accounted for by consequences of
Internet use. Performing targeted searches on the Internet was
significantly and strongly positively associated with DASS
scores in both models 3 and 4, having the largest effect size of
the activities. Regarding consequences of Internet use, finding
new friends, learning interesting things, and having fun did not
predict DASS scores in model 4. Thus, these “positive”
consequences did not seem to act as protective factors. However,
Internet use that was perceived to increase life meaning or
improve school or work performance was a significant protective
factor. The “negative” consequences were more powerful
predictors of DASS scores. Although staying on the Internet
longer than originally intended was not a significant predictor,
the statements “I choose these activities instead of hanging out
with friends,” “I stay up late and lose sleep,” and “I feel
depressed or moody when I have no access to the
above-mentioned activities” were highly significant risk factors,
with effect sizes () ranging between .12 and .22.
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Table 2. Results from the cross-sectional hierarchical multiple regression analysis. Statistics are presented for each predictor variable in each model.

Entered in model Predictor variable Model Standardized 95% CI t P Tolerance
no no® Beta
1 (Constant) 1 1.07 .29
2 0.41 .68
3 0.03 97
4 —-0.30 7
1 Exp. Condition® 1 .00 —0.05 to 0.04 -0.12 .90 1.00
2 —.01 —0.05 to 0.04 —0.28 78 1.00
3 .00 —0.05 to 0.05 0.02 98 0.99
4 .02 —.03 to 0.06 0.80 42 0.98
1 Gender® 1 =21 —0.26 to —0.16 —8.80 <.001 1.00
2 =22 -0.26 to —0.17 -9.10 <.001 1.00
3 -.26 —0.32 t0 —0.20 —8.03 <.001 0.52
4 =22 —0.28 to —0.16 -7.10 <.001 0.51
1 Age 1 -.03 —0.07 to 0.02 —-1.04 .30 1.00
2 —.01 —0.06 to 0.04 —-0.39 .69 0.98
3 .00 —0.05 to 0.05 —0.02 99 0.97
4 .01 —0.04 to 0.05 0.31 .76 0.92
2 Time spent on the Internet 2 12 0.08-0.17 5.10 <.001 0.98
3 .10 0.05-0.14 3.88 <.001 0.91
4 .02 —0.03 t0 0.07 0.93 .35 0.84
3 Socializing 3 .05 0.00-0.10 2.06 .04 0.90
4 —-.01 —0.06 to 0.03 —0.57 57 0.78
3 Gaming 3 -.02 —0.07 to 0.04 —0.54 .59 0.64
4 —-.06 —0.12 to —0.01 -2.17 .03 0.57
3 School or work 3 -.05 —0.10 to 0.00 -2.02 .04 0.83
4 -.03 —0.08 t0 0.02 -1.22 22 0.78
3 Gambling 3 .08 0.03-0.13 3.11 .002 0.89
4 .05 0.01-0.10 2.30 .02 0.87
3 News 3 .01 —.04 to 0.06 0.50 .62 0.85
4 .03 —0.02 t0 0.07 1.08 28 0.82
3 Pornography 3 .07 0.01-0.12 2.46 .01 0.72
4 .02 —0.03 t0 0.07 0.78 44 0.71
3 Targeted searches 3 13 0.08-0.18 4.94 <.001 0.84
4 .09 0.04-0.14 3.56 <.001 0.75
4 Finding friends 4 .03 —0.01 to 0.08 1.38 17 0.79
4 Learning 4 .01 —0.04 t0 0.06 0.34 73 0.67
4 Having fun 4 -.05 —0.10 to 0.00 —1.80 .07 0.71
4 Meaningfulness 4 —-.05 —0.10 to —0.01 —2.22 .03 0.90
4 Impact on grades 4 —.07 —0.11 to —0.02 —2.78 .005 0.88
4 Staying on the Internet longer 4 .01 —0.04 to 0.07 0.53 .60 0.66
4 Prefers Web-based relations 4 12 0.07-0.17 4.74 <.001 0.79
4 Sleep loss 4 13 0.08-0.19 4.95 <.001 0.65
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Entered in model Predictor variable Model Standardized 95% CI t P Tolerance
no no® Beta
4 Withdrawal (neg. mood when inac- 4 0.22 0.17-0.27 8.80 <.001 0.76

cessible)

%The model numbers designate which values were obtained when (1) only control variables were analyzed, (2) when time spent over the Internet was
added to the model, (3) when Web-based activities were added to the model, and (4) when consequences of Internet use were added to the model.

OFor experimental condition, the minimal-intervention condition constitutes the reference group.

For gender, females constitute the reference group.

Longitudinal Regression Analysis

The longitudinal hierarchical multiple regression analysis was
used to predict change in overall psychopathology (the score
difference between T1 and T3) by means of change in Internet
use. There was no indication of problematic levels of collinearity
in the model, as all variables had a tolerance value above 0.7.
The first model comprising the control variables (gender, age,
experimental condition) was not significant (F3 1)< 1, P=.59),
and neither was the second model (time spent on the Internet;
F change(; 959y < 1, P=.95). The third model (relative time spent
on activities) contributed significantly to the prediction (¥
change ; ¢73=2.25, P<.03) by R’
This contribution was attributable to news viewing, where an
increase in news viewing from T1 to T3 was associated with
an increase in DASS scores (3=.07, 95% CI=0.00-0.13, P=.049).
All other Web-based activities were nonsignificant (P> .19) in
this model. The fourth model (consequences of Internet use)
contributed significantly to the prediction (F' change g ¢64=3.39,

P<.001) by 2.1%, resulting in a total of Rzadj=2.8% explained
variance. News consumption was rendered nonsignificant here
(P=.13). The contribution of the fourth model was attributable
to 2 of the negative consequences. The statements “I stay up
late and lose sleep” (8=.12, 95% CI=0.05-0.19, P=.001) and “I
feel depressed or moody when I have no access to the above
mentioned activities” (3=.09, 95% CI=0.03-0.16, P<.01) were
significant predictors in this model. All other predictors were

ai=0-7% explained variance.

nonsignificant (change in life meaning: P=.10; other variables
had P values above that).

Thus, Internet use that was reported to result in staying up late
and losing sleep (“sleep loss”) and to produce negative mood
when it could not be accessed (“withdrawal”) were the only
variables that consistently predicted longitudinal change in
mental health. To further investigate these negative
consequences, 2 standard multiple regressions were calculated
to predict longitudinal changes in each of these variables by
means of changes in time spent on the Internet and the different
Web-based activities. The regression model that predicted sleep
loss was significant (Fg 1120)=5.76, P<.001, Rzadj:3.3%
explained variance) and so was the regression that predicted
withdrawal (Fig 1155=11.17, P<001, R’
variance). The coefficients from these regressions are
summarized in Table 3 and Table 4, respectively. Table 3
summarizes that the strongest predictor for increased sleep loss
was a decrease in school or work activities, followed by
increased gaming, targeted searching, pornography viewing,
and online time in general. Social activities, gambling, and news
viewing were not significantly related to change in sleep loss.
Table 4 summarizes that the strongest predictors of change in
withdrawal were gambling activities, followed by overall time
spent on the Internet, pornography viewing, and gaming.
Changes in social activities, school or work, news viewing, and
targeted searches were not significantly associated with change
in withdrawal.

=6.7% explained

Table 3. Results from the multiple regression analysis predicting changes in “sleep loss” by means of change in Internet use.

Predictor variable Standardized beta 95% CI t P
Constant 0.82 42
Time spent on the Internet .07 0.01-0.13 2.25 .03
Socializing .06 0.00-0.11 1.89 .06
Gaming .08 0.02-0.14 2.59 .01
School or work -.10 —0.16 to —0.04 -3.16 .002
Gambling .01 —0.05 t0 0.07 0.36 72
News .04 —0.02 to 0.10 1.20 23
Pornography .06 0.01-0.12 2.14 .03
Targeted search .08 0.02-0.14 2.56 .01
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Table 4. Results from the multiple regression analysis predicting changes in “withdrawal” by means of change in Internet use.

Predictor variable Standardized beta 95% CI t P
Constant 3.47 .001
Time online 12 0.06-0.17 3.93 <.001
Socializing .03 —0.03 to 0.09 1.03 31
Gaming .08 0.02-0.13 2.56 .01
School or work .00 —0.06 to 0.06 —-0.03 97
Gambling .14 0.08-0.20 4.75 <.001
News .04 —0.02 t0 0.10 1.27 .20
Pornography .10 0.04-0.16 3.38 .001
Targeted search .02 —0.04 to 0.08 0.57 57
Discussion health by means of their perceived consequences, mainly the

Cross-Sectional Findings

The purpose of this study was to identify Internet-related risk
and protective factors for mental health problems and to test if
the effects of time spent on the Internet and on various
Web-based activities could be accounted for by a number of
perceived consequences of those activities. This was investigated
by examining the association between adolescents’ general
mental health (combined levels of depression, anxiety, and stress
or tension) and those Internet-related behaviors, both
cross-sectionally and longitudinally over a 4-month period.

The cross-sectional results showed that mental health was
predicted by Internet-related behaviors at baseline (15.3%
explained variance after adjusting for the number of predictors
in the model). Individual effect sizes were rather small
(standardized B=.05-.22). Time spent on the Internet had a larger
effect than most individual activities, but consequences of
Internet use explained the largest variance in DASS scores
(11.1%). Of these, 3 of the 4 negative consequences were the
most important predictors (preference for Web-based activities
over offline social activities, sleep loss, and withdrawal),
whereas the positive consequences were nonsignificant. Internet
use that was perceived to increase life meaning or improve
school grades or work performance was associated with better
mental health, but the effects were smaller than for the negative
consequences.

Furthermore, the results showed that time spent on the Internet,
social media use, pornography viewing, and school or work
activities were only significant predictors when perceived
consequences were not accounted for, which suggests that the
mental health effects of these activities were explained by the
consequences. Web-based gaming, gambling, and targeted
searches, on the other hand, were significant predictors of mental
health even when controlling for perceived consequences,
suggesting that the content of these activities was relatively
important in comparison with perceived consequences, with
regard to mental health. Together, these results indicate that all
Web-based activities measured in this study are predictive of
mental health, but only some of them seem to have
content-based effects large enough to be detected in a fully
adjusted model. The other activities seemed to only affect mental
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preference for Web-based interactions, sleep loss, and
withdrawal. As these negative consequences are indicative of
problematic Internet use [9,14], their relatively strong effect on
mental health is expected from a problematic Internet use
perspective. It should be noted, however, that perceived
consequences may be different from actual consequences.

Longitudinal Findings

Previous studies have linked sleep loss and withdrawal
symptoms to mental health problems and problematic Internet
use [9,12,42-45]. The longitudinal analyses in this study
similarly suggest that sleep loss and withdrawal (negative mood
when content is inaccessible) predict changes in mental health
over time (2.1% explained variance), and in fact, these were the
only variables to do so in the long term. Longitudinal changes
in time spent on the Internet and various activities did not predict
change in mental health directly but instead had an indirect
effect by predicting changes in sleep loss and withdrawal (3.3%
and 6.7% explained variance, respectively). This suggests that
time spent on the Internet and content viewed are predictive of
mental health mainly because they predict negative perceived
consequences, such as sleep loss and withdrawal. This
interpretation is in line with the problematic Internet use
approach and also supports the differentiation between
generalized and specific forms of problematic Internet use (eg,
[15-17]), as activities were indeed differently associated with
negative consequences. It also suggests that interventions aimed
at reducing the negative mental health effects of Internet use
could target the negative consequences instead of the Internet
use itself. For instance, instead of reducing the time spent on a
certain activity, the intervention could focus on making sure
that activity does not interfere with sleep. However, with certain
types of Internet use, such as gambling, activity-specific
interventions may be more effective.

General Discussion

The results of this study confirm that problematic (or unhealthy)
Internet use cannot simply be equated to high-intensity or
frequent Internet use. First, although time spent on the Internet
was found to be negatively associated with mental health, some
activities, such as school work, were positively associated.
Second, time spent on the Internet was not an independent risk
factor for mental health after accounting for the perceived
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consequences of Internet use, underlining that Internet use is
not intrinsically harmful. Even when it comes to specific
activities, for example, gaming, the relationship could be
complex. Previous studies have established that gaming has a
negative effect on mental health (eg, [12,29]), whereas in this
study, the effects were positive. Most studies that have found
negative gaming effects have typically only investigated
problematic gaming. Thus, it seems possible that gaming has
some protective properties when used to a certain extent, but
negative consequences might overshadow those properties when
used excessively. For instance, in this study, we found that
despite its positive mental health effects, gaming significantly
predicted sleep loss and withdrawal, which in turn were
associated with mental health problems. In line with this, a
recent European study on gaming among children aged 6-11
years, found that, once controlled for high usage predictors,
gaming was not significantly associated with mental health
problems but was instead associated with less peer relationship
problems and prosocial deficits [46].

The causal link between general Internet use and mental health
also seems complex. Previous authors have acknowledged the
possibility that the risk associated with Internet use could reflect
an already present disorder, which may have an effect on how
the Internet is used [47-49]. Certain cognitive styles that
constitute disposition toward using the Internet in certain ways
may also influence mental health. For example, Brand et al [50]
suggested that problematic Internet use is associated with
expectations that the Internet can be used to positively influence
mood, which in some cases might be a false assumption on
behalf of the user. The disappointing reality of this may in turn
worsen preexisting mental health problems. In this study,
performing targeted searches (unrelated to school or work) was
associated with higher DASS scores and had a larger effect size
than any other Web-based activity. A possible explanation for
this is that individuals who experience more distress are more
prone to use the Internet as a tool for coping with their problems
[27]. It could also reflect a general tendency to rely on
Web-based sources to solve problems or concerns even when
professional help would be more useful. However, because
health issues are not the only possible target of Internet searches,
future studies will have to explore this hypothesis further.

Furthermore, although Internet-related sleep loss was found to
be a longitudinal predictor of mental health, there is an
established bidirectional link between sleeping problems and
depression [51] as well as mood and affective functioning in
general [52]. It therefore seems likely that the relationship
between Internet use-related sleep loss and mental health is
also reciprocal. Therefore, interventions aimed at reducing
problematic Internet use may be more successful if they include
simultaneous treatment of comorbid disorders (including
depression and sleep disorders). Similarly, a number of previous
studies have found problematic gambling to be predictive of
generalized problematic Internet use, suggesting that addictive
gambling and Internet use have some common etiology
[20-23,53]. Our results support this view, as gambling activities
were the strongest predictor of perceived withdrawal, suggesting
that treatment of problematic Internet use behaviors should also
address any gambling problems. However, it is important that
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future studies examine in more detail which variables act as
precursors of harmful Internet use (eg, personality, cognitive,
emotional and motivational factors, and existing mental
disorders) and which variables act as outcomes and mediators.
As certain personality domains might constitute a predisposition
toward risk factors such as withdrawal, future studies should
investigate the mediating role of such nonpathological variables.

In this study, we found no effect of perceived positive
consequences of Internet use on mental health, and it is possible
that this is because they are actually rather motives for using
the Internet. In other words, participants may have reported
consequences they hoped for rather than what actually happened.
Sagioglou and Greitemeyer [54] pointed out that self-reported
outcomes of different Internet activities may have limited
validity, especially when made temporally distant, in which
case it may rather reflect what participants see as plausible
motivations for their use. More accurate measures may be
obtained when participants are asked to rate them immediately
after using a Web-based application, which was not possible in
this study. Future studies should consider treating positive
consequences of Internet use as predictors of using certain
Web-based content (in healthy or unhealthy ways) rather than
as direct predictors of mental health.

Limitations

This study is limited by the nature of the measurements used
to estimate the participant’s Internet use. One issue of validity
concerns the consequences of Internet use, which cannot be
assumed to perfectly reflect the real outcomes. In addition to
the difficulty of observing the impact of daily activities on one’s
own health and behaviors, this measure might also be
particularly vulnerable to recall biases and expectancy effects.
Hence, this study only intended to measure the perceived
consequences. It is also difficult to know whether the perceived
consequences are produced by the Internet behaviors or some
third factor, such as comorbid disorders. Another limitation of
this study is that we did not make in-depth measures of the
Web-based content that participants use. Therefore, one should
take caution when applying these results to uses of more specific
content; for example, different types of games and social
networking activities may have different effects on both
perceived consequences and mental health. Furthermore, our
measurements did not include any problematic Internet use
diagnostic tool. It is possible that if we had included more
negative consequences of Internet use, or specific problematic
Internet use criteria, this would have explained a larger
proportion of the effects of the Web-based activities. Finally,
there was a notable dropout rate between baseline and follow-up
measurements (34%), which reduced the statistical power in
the longitudinal analyses compared with the cross-sectional
analyses. Also, participation in this study was not completely
anonymous, and participants with high suicidal risk were
excluded from the data analysis, which could mean that some
of the adolescents with the most severe psychopathology were
not represented in the analyses.

Conclusions

Different Web-based activities or content can have specific
effects on mental health, even when used in moderate levels
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and when adjusting for the number of hours spent on the
Internet. Web-based activities differ in how consistently, how
much, and in what direction they affect mental health. Activities
also differ regarding which negative consequences they produce,
and those consequences (especially sleep loss and withdrawal)
seem to predict mental health outcomes to a greater extent than
the activities themselves. Therefore, it seems that time spent on
the Internet and Web-based content are predictive of mental
health mainly because they predict such negative consequences.
These results underscore the importance of differentiating
between generalized and specific forms of problematic Internet

Hokby et al

but it depends on the activity that one engages in, and how it
affects the individual. Change in mental health over time appears
to be best predicted by changes in Internet-related sleep loss
and withdrawal, and interventions to reduce harmful Internet
use should therefore target such consequences. Positive
consequences of Internet use may not predict mental health
directly but might predict the propensity to engage in certain
Web-based activities excessively or problematically. However,
the causality between Internet use and mental health morbidity
is complex and likely to be reciprocal, which means
interventions or treatments of problematic Internet use might

use. It also confirms that Internet use is not intrinsically harmful, have to be multifaceted to be effective.

Acknowledgments

All authors except J Westerlund were involved in the planning or execution stages of the SUPREME project, including the
Randomized Controlled Trial, where V Carli was the principal investigator. J Balasz, A Germanavicius , M Sarchiapone, A
Virnik, and V Carli were the site leaders or field coordinators for the SUPREME project in their respective countries. S Hokby
and G Hadlaczky conceived of the present investigation, performed the statistical analyses, and prepared the manuscript, to which
J Westerlund made critical contributions, revising it for important intellectual content. All authors reviewed and approved the
final manuscript. The SUPREME project was funded 60% by the European Commission’s Executive Agency for Health and
Consumers (EAHC; Grant Agreement number: 2009.12.19) and 40% by the participating country centers.

Conflicts of Interest

None declared.

Multimedia Appendix 1
[PDF File (Adobe PDF File), 40KB-Multimedia Appendix 1]

References

1.  Merikangas KR, He JP, Burstein M, Swanson SA, Avenevoli S, Cui L, et al. Lifetime prevalence of mental disorders in
U.S. adolescents: results from the National Comorbidity Survey Replication--Adolescent Supplement (NCS-A). J Am Acad
Child Adolesc Psychiatry 2010 Oct;49(10):980-989 [EREE Full text] [doi: 10.1016/j.jaac.2010.05.017] [Medline: 20855043]

2. Wittchen HU, Jacobi F, Rehm J, Gustavsson A, Svensson M, Jonsson B, et al. The size and burden of mental disorders and
other disorders of the brain in Europe 2010. Eur Neuropsychopharmacol 2011 Sep;21(9):655-679. [doi:
10.1016/j.euroneuro.2011.07.018] [Medline: 21896369]

3. Zahn-Waxler C, Klimes-Dougan B, Slattery MJ. Internalizing problems of childhood and adolescence: prospects, pitfalls,
and progress in understanding the development of anxiety and depression. Dev Psychopathol 2000;12(3):443-466. [Medline:
11014747]

4.  World Health Organization. Preventing suicide: a global imperative. Switzerland: World Health Organization; 2014.

5. Internet World Stats. 2015. Internet usage in the European Union URL: http://www.internetworldstats.com/stats9.htm
[accessed 2016-04-15] [WebCite Cache ID 6gmmXulps]

6.  Eurostat. 2013. Internet use statistics - individuals URL: http://ec.curopa.cu/eurostat/statistics-explained/index.php/
Internet use statistics - individuals [accessed 2016-04-15] [WebCite Cache ID 6gmnQ9qV (]

7. Young KS. Internet Addiction: The Emergence of a New Clinical Disorder. CyberPsychology & Behavior 1998
Jan;1(3):237-244. [doi: 10.1089/cpb.1998.1.237]

8. Laconi S, Rodgers RF, Chabrol H. The measurement of Internet addiction: A critical review of existing scales and their
psychometric properties. Computers in Human Behavior 2014 Dec;41:190-202 [FREE Full text] [doi:
10.1016/4.chb.2014.09.026]

9.  Petry NM, Rehbein F, Gentile DA, Lemmens JS, Rumpf HJ, Mo6Ble T, et al. An international consensus for assessing
internet gaming disorder using the new DSM-5 approach. Addiction 2014 Sep;109(9):1399-1406. [doi: 10.1111/add.12457]
[Medline: 24456155]

10. Kaess M, Durkee T, Brunner R, Carli V, Parzer P, Wasserman C, et al. Pathological Internet use among European adolescents:
psychopathology and self-destructive behaviours. Eur Child Adolesc Psychiatry 2014 Nov;23(11):1093-1102 [FREE Full
text] [doi: 10.1007/s00787-014-0562-7] [Medline: 24888750]

11. Carli V, Durkee T, Wasserman D, Hadlaczky G, Despalins R, Kramarz E, et al. The association between pathological
internet use and comorbid psychopathology: a systematic review. Psychopathology 2013;46(1):1-13. [doi:
10.1159/000337971] [Medline: 22854219]

http://mental.jmir.org/2016/3/e31/ JMIR Ment Health 2016 | vol. 3 | iss. 3 | €31 | p. 11

(page number not for citation purposes)

RenderX


https://jmir.org/api/download?alt_name=mental_v3i3e31_app1.pdf&filename=0de07e57828e4c0c35ffad7d77508ff6.pdf
https://jmir.org/api/download?alt_name=mental_v3i3e31_app1.pdf&filename=0de07e57828e4c0c35ffad7d77508ff6.pdf
http://europepmc.org/abstract/MED/20855043
http://dx.doi.org/10.1016/j.jaac.2010.05.017
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20855043&dopt=Abstract
http://dx.doi.org/10.1016/j.euroneuro.2011.07.018
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21896369&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=11014747&dopt=Abstract
http://www.internetworldstats.com/stats9.htm
http://www.webcitation.org/

                                            6gmmXuLps
http://ec.europa.eu/eurostat/statistics-explained/index.php/Internet_use_statistics_-_individuals
http://ec.europa.eu/eurostat/statistics-explained/index.php/Internet_use_statistics_-_individuals
http://www.webcitation.org/

                                            6gmnQ9qVC
http://dx.doi.org/10.1089/cpb.1998.1.237
http://www.sciencedirect.com/science/article/pii/S0747563214004786
http://dx.doi.org/10.1016/j.chb.2014.09.026
http://dx.doi.org/10.1111/add.12457
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24456155&dopt=Abstract
http://europepmc.org/abstract/MED/24888750
http://europepmc.org/abstract/MED/24888750
http://dx.doi.org/10.1007/s00787-014-0562-7
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24888750&dopt=Abstract
http://dx.doi.org/10.1159/000337971
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22854219&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR MENTAL HEALTH Hokby et al

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

King DL, Delfabbro PH, Zwaans T, Kaptsis D. Clinical features and axis I comorbidity of Australian adolescent pathological
Internet and video game users. Aust N Z J Psychiatry 2013 Nov;47(11):1058-1067. [doi: 10.1177/0004867413491159]
[Medline: 23719181]

Ko CH, Yen JY, Yen CF, Chen CS, Chen CC. The association between Internet addiction and psychiatric disorder: a review
of the literature. Eur Psychiatry 2012 Jan;27(1):1-8. [doi: 10.1016/j.eurpsy.2010.04.011] [Medline: 22153731]

Block JJ. Issues for DSM-V: internet addiction. Am J Psychiatry 2008 Mar;165(3):306-307. [doi:
10.1176/appi.ajp.2007.07101556] [Medline: 18316427]

Montag C, Bey K, Sha P, Li M, Chen YF, Liu WY, et al. Is it meaningful to distinguish between generalized and specific
Internet addiction? Evidence from a cross-cultural study from Germany, Sweden, Taiwan and China. Asia Pac Psychiatry
2015 Mar;7(1):20-26. [doi: 10.1111/appy.12122] [Medline: 24616402]

Kiraly O, Griffiths M, Urban R, Farkas J, Kokonyei G, Elekes Z, et al. Problematic internet use and problematic online
gaming are not the same: findings from a large nationally representative adolescent sample. Cyberpsychol Behav Soc Netw
2014 Dec;17(12):749-754 [EREE Full text] [doi: 10.1089/cyber.2014.0475] [Medline: 25415659]

van Rooij AJ, Schoenmakers TM, van de Eijnden RJ, van de Mheen D. Compulsive Internet use: the role of online gaming
and other internet applications. J Adolesc Health 2010 Jul;47(1):51-57. [doi: 10.1016/j.jadohealth.2009.12.021] [Medline:
20547292]

Khazaal Y, Achab S, Billieux J, Thorens G, Zullino D, Dufour M, et al. Factor Structure of the Internet Addiction Test in
Online Gamers and Poker Players. JMIR Ment Health 2015 Apr;2(2):e12 [FREE Full text] [doi: 10.2196/mental.3805]
[Medline: 26543917]

American Psychiatric Association. DSM5. 2013. Internet gaming disorder URL: http://www.dsmS5.org/Documents/
Internet%20Gaming%20Disorder%20Fact%20Sheet.pdf [accessed 2016-04-15] [WebCite Cache ID 6gmnv91YE]
Critselis E, Janikian M, Paleomilitou N, Oikonomou D, Kassinopoulos M, Kormas G, et al. Internet gambling is a predictive
factor of Internet addictive behavior. J Behav Addict 2013 Dec;2(4):224-230 [FREE Full text] [doi: 10.1556/JBA.2.2013.4.5]
[Medline: 25215204]

Phillips JG, Ogeil RP, Blaszczynski A. Electronic Interests and Behaviours Associated with Gambling Problems. Int J Ment
Health Addiction 2011 Oct 15;10(4):585-596. [doi: 10.1007/s11469-011-9356-7]

Tsitsika A, Critselis E, Janikian M, Kormas G, Kafetzis DA. Association between internet gambling and problematic internet
use among adolescents. J Gambl Stud 2011 Sep;27(3):389-400. [doi: 10.1007/s10899-010-9223-z] [Medline: 20953681]
Yau YH, Pilver CE, Steinberg MA, Rugle LJ, Hoff RA, Krishnan-Sarin S, et al. Relationships between problematic internet
use and problem-gambling severity: findings from a high-school survey. Addict Behav 2014 Jan;39(1):13-21 [FREE Full
text] [doi: 10.1016/j.addbeh.2013.09.003] [Medline: 24140304]

Burke M, Marlow C, Lento T. Social network activity and social well-being. 2010 Presented at: Proceedings of the SIGCHI
Conference on Human Factors in Computing Systems (CHI'10); 2010 Apr 10-15; Atlanta, Georgia, USA. [doi:
10.1145/1753326.1753613]

Burns JM, Davenport TA, Durkin LA, Luscombe GM, Hickie IB. The internet as a setting for mental health service utilisation
by young people. Med J Aust 2010 Jun 7;192(11 Suppl):S22-S26. [Medline: 20528703]

Horgan A, Sweeney J. Young students' use of the Internet for mental health information and support. J Psychiatr Ment
Health Nurs 2010 Mar;17(2):117-123. [doi: 10.1111/1.1365-2850.2009.01497.x] [Medline: 20465756]

Trefflich F, Kalckreuth S, Mergl R, Rummel-Kluge C. Psychiatric patients' internet use corresponds to the internet use of
the general public. Psychiatry Res 2015 Mar 30;226(1):136-141. [doi: 10.1016/j.psychres.2014.12.037] [Medline: 25623020]
DeSocio J, Hootman J. Children's mental health and school success. J Sch Nurs 2004 Aug;20(4):189-196. [Medline:
15283617]

Gentile DA, Choo H, Liau A, Sim T, Li D, Fung D, et al. Pathological video game use among youths: a two-year longitudinal
study. Pediatrics 2011 Feb;127(2):¢319-e329. [doi: 10.1542/peds.2010-1353] [Medline: 21242221]

Jackson LA, von Eye A, Witt EA, Zhao Y, Fitzgerald HE. A longitudinal study of the effects of Internet use and videogame
playing on academic performance and the roles of gender, race and income in these relationships. Computers in Human
Behavior 2011 Jan;27(1):228-239. [doi: 10.1016/j.chb.2010.08.001]

Kiraly O, Urban R, Griffiths M, Agoston C, Nagygyorgy K, Kokonyei G, et al. The mediating effect of gaming motivation
between psychiatric symptoms and problematic online gaming: an online survey. J Med Internet Res 2015;17(4):e88 [FREE
Full text] [doi: 10.2196/jmir.3515] [Medline: 25855558]

Scott J, Porter-Armstrong AP. Impact of Multiplayer Online Role-Playing Games upon the Psychosocial Well-Being of
Adolescents and Young Adults: Reviewing the Evidence. Psychiatry J 2013 Article ID 464685. [doi: 10.1155/2013/464685]
Zanetta Dauriat F, Zermatten A, Billieux J, Thorens G, Bondolfi G, Zullino D, et al. Motivations to play specifically predict
excessive involvement in massively multiplayer online role-playing games: evidence from an online survey. Eur Addict
Res 2011;17(4):185-189. [doi: 10.1159/000326070] [Medline: 21494046]

Lovibond PF, Lovibond SH. The structure of negative emotional states: comparison of the Depression Anxiety Stress Scales
(DASS) with the Beck Depression and Anxiety Inventories. Behav Res Ther 1995 Mar;33(3):335-343. [Medline: 7726811]

http://mental.jmir.org/2016/3/e31/ JMIR Ment Health 2016 | vol. 3 | iss. 3 | e31 | p. 12

RenderX

(page number not for citation purposes)


http://dx.doi.org/10.1177/0004867413491159
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23719181&dopt=Abstract
http://dx.doi.org/10.1016/j.eurpsy.2010.04.011
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22153731&dopt=Abstract
http://dx.doi.org/10.1176/appi.ajp.2007.07101556
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18316427&dopt=Abstract
http://dx.doi.org/10.1111/appy.12122
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24616402&dopt=Abstract
http://europepmc.org/abstract/MED/25415659
http://dx.doi.org/10.1089/cyber.2014.0475
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25415659&dopt=Abstract
http://dx.doi.org/10.1016/j.jadohealth.2009.12.021
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20547292&dopt=Abstract
http://doi
http://dx.doi.org/10.2196/mental.3805
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26543917&dopt=Abstract
http://www.dsm5.org/Documents/Internet%20Gaming%20Disorder%20Fact%20Sheet.pdf
http://www.dsm5.org/Documents/Internet%20Gaming%20Disorder%20Fact%20Sheet.pdf
http://www.webcitation.org/

                                            6gmnv91YE
http://europepmc.org/abstract/MED/25215204
http://dx.doi.org/10.1556/JBA.2.2013.4.5
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25215204&dopt=Abstract
http://dx.doi.org/10.1007/s11469-011-9356-z
http://dx.doi.org/10.1007/s10899-010-9223-z
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20953681&dopt=Abstract
http://europepmc.org/abstract/MED/24140304
http://europepmc.org/abstract/MED/24140304
http://dx.doi.org/10.1016/j.addbeh.2013.09.003
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24140304&dopt=Abstract
http://dx.doi.org/10.1145/1753326.1753613
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20528703&dopt=Abstract
http://dx.doi.org/10.1111/j.1365-2850.2009.01497.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20465756&dopt=Abstract
http://dx.doi.org/10.1016/j.psychres.2014.12.037
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25623020&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15283617&dopt=Abstract
http://dx.doi.org/10.1542/peds.2010-1353
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21242221&dopt=Abstract
http://dx.doi.org/10.1016/j.chb.2010.08.001
http://www.jmir.org/2015/4/e88/
http://www.jmir.org/2015/4/e88/
http://dx.doi.org/10.2196/jmir.3515
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25855558&dopt=Abstract
http://dx.doi.org/10.1155/2013/464685
http://dx.doi.org/10.1159/000326070
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21494046&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=7726811&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR MENTAL HEALTH Hokby et al

35.

36.

37.

38.

39.

40.

41.

42.

43.

44,

45.

46.

47.

48.

49.

50.

51.

52.

53.

54.

Antony MM, Bieling PJ, Cox BJ, Enns MW, Swinson RP. Psychometric properties of the 42-item and 21-item versions of
the Depression Anxiety Stress Scales in clinical groups and a community sample. Psychological Assessment
1998;10(2):176-181. [doi: 10.1037/1040-3590.10.2.176]

Crawford JR, Henry JD. The Depression Anxiety Stress Scales (DASS): normative data and latent structure in a large
non-clinical sample. BrJ Clin Psychol 2003 Jun;42(Pt 2):111-131. [doi: 10.1348/014466503321903544] [Medline: 12828802]
Page AC, Hooke GR, Morrison DL. Psychometric properties of the Depression Anxiety Stress Scales (DASS) in depressed
clinical samples. Br J Clin Psychol 2007 Sep;46(Pt 3):283-297. [doi: 10.1348/014466506X158996] [Medline: 17697478
Zlomke KR. Psychometric properties of internet administered versions of Penn State Worry Questionnaire (PSWQ) and
Depression, Anxiety, and Stress Scale (DASS). Computers in Human Behavior 2009 Jul;25(4):841-843. [doi:
10.1016/j.chb.2008.06.003]

Duffy CJ, Cunningham EG, Moore SM. Brief report: the factor structure of mood states in an early adolescent sample. J
Adolesc 2005 Oct;28(5):677-680. [doi: 10.1016/j.adolescence.2005.08.013] [Medline: 16154190]

Szabo M. The short version of the Depression Anxiety Stress Scales (DASS-21): factor structure in a young adolescent
sample. J Adolesc 2010 Feb;33(1):1-8. [doi: 10.1016/j.adolescence.2009.05.014] [Medline: 19560196]

Paykel ES, Myers JK, Lindenthal JJ, Tanner J. Suicidal feelings in the general population: a prevalence study. Br J Psychiatry
1974 May;124:460-469. [Medline: 4836376]

AnJ, Sun Y, Wan Y, Chen J, Wang X, Tao F. Associations between problematic internet use and adolescents' physical and
psychological symptoms: possible role of sleep quality. J Addict Med 2014;8(4):282-287. [doi:
10.1097/ADM.0000000000000026] [Medline: 25026104]

Caplan SE. Preference for online social interaction: a theory of problematic Internet use and psychosocial well-being.
Communication Research 2003;30(6):625-648 [FREE Full text] [doi: 10.1177/0093650203257842]

Lam LT. Internet gaming addiction, problematic use of the internet, and sleep problems: a systematic review. Curr Psychiatry
Rep 2014 Apr;16(4):444. [doi: 10.1007/s11920-014-0444-1] [Medline: 24619594]

Lee BW, Stapinski LA. Seeking safety on the internet: relationship between social anxiety and problematic internet use. J
Anxiety Disord 2012 Jan;26(1):197-205. [doi: 10.1016/j.janxdis.2011.11.001] [Medline: 22169053]

Kovess-Masfety V, Keyes K, Hamilton A, Hanson G, Bitfoi A, Golitz D, et al. Is time spent playing video games associated
with mental health, cognitive and social skills in young children? Soc Psychiatry Psychiatr Epidemiol 2016
Mar;51(3):349-357. [doi: 10.1007/s00127-016-1179-6] [Medline: 26846228]

Holden C. Psychiatry. Behavioral addictions debut in proposed DSM-V. Science 2010 Feb 19;327(5968):935. [doi:
10.1126/science.327.5968.935] [Medline: 20167757]

Pies R. Should DSM-V designate “Internet addiction” a mental disorder? Psychiatry (Edgmont) 2009 Feb;6(2):31-37 [FREE
Full text] [Medline: 19724746]

Shaffer HJ, Hall MN, Vander Bilt J. “Computer addiction™: a critical consideration. Am J Orthopsychiatry 2000
Apr;70(2):162-168. [Medline: 10826028]

Brand M, Laier C, Young KS. Internet addiction: coping styles, expectancies, and treatment implications. Front Psychol
2014 Nov;5:1256 [FREE Full text] [doi: 10.3389/fpsyg.2014.01256] [Medline: 25426088]

Riemann D, Workshop Participants. Does effective management of sleep disorders reduce depressive symptoms and the
risk of depression? Drugs 2009;69 Suppl 2:43-64. [doi: 10.2165/11531130-000000000-00000] [Medline: 20047350]
Watling J, Pawlik B, Scott K, Booth S, Short MA. Sleep Loss and Affective Functioning: More Than Just Mood. Behav
Sleep Med 2016 May 9:1-16 Epub ahead of print. [doi: 10.1080/15402002.2016.1141770] [Medline: 27158937]

Dowling NA, Brown M. Commonalities in the psychological factors associated with problem gambling and Internet
dependence. Cyberpsychol Behav Soc Netw 2010 Aug;13(4):437-441. [Medline: 20575708]

Sagioglou C, Greitemeyer T. Facebook’s emotional consequences: Why Facebook causes a decrease in mood and why
people still use it. Computers in Human Behavior 2014 Jun;35:359-363. [doi: 10.1016/j.chb.2014.03.003]

Abbreviations

DASS: Depression Anxiety Stress Scale

DSM: Diagnostic and Statistical Manual of Mental Disorders

IAT: Internet Addiction Test

SUPREME: Suicide prevention through Internet and media based mental health promotion

http://mental.jmir.org/2016/3/e31/ JMIR Ment Health 2016 | vol. 3 | iss. 3 | e31 | p. 13

RenderX

(page number not for citation purposes)


http://dx.doi.org/10.1037/1040-3590.10.2.176
http://dx.doi.org/10.1348/014466503321903544
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=12828802&dopt=Abstract
http://dx.doi.org/10.1348/014466506X158996
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17697478&dopt=Abstract
http://dx.doi.org/10.1016/j.chb.2008.06.003
http://dx.doi.org/10.1016/j.adolescence.2005.08.013
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16154190&dopt=Abstract
http://dx.doi.org/10.1016/j.adolescence.2009.05.014
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19560196&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=4836376&dopt=Abstract
http://dx.doi.org/10.1097/ADM.0000000000000026
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25026104&dopt=Abstract
https://soic.iupui.edu/files/Thesis_content_example2.pdf
http://dx.doi.org/10.1177/0093650203257842
http://dx.doi.org/10.1007/s11920-014-0444-1
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24619594&dopt=Abstract
http://dx.doi.org/10.1016/j.janxdis.2011.11.001
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22169053&dopt=Abstract
http://dx.doi.org/10.1007/s00127-016-1179-6
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26846228&dopt=Abstract
http://dx.doi.org/10.1126/science.327.5968.935
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20167757&dopt=Abstract
http://europepmc.org/abstract/MED/19724746
http://europepmc.org/abstract/MED/19724746
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19724746&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=10826028&dopt=Abstract
http://dx.doi.org/10.3389/fpsyg.2014.01256
http://dx.doi.org/10.3389/fpsyg.2014.01256
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25426088&dopt=Abstract
http://dx.doi.org/10.2165/11531130-000000000-00000
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20047350&dopt=Abstract
http://dx.doi.org/10.1080/15402002.2016.1141770
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27158937&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=20575708&dopt=Abstract
http://dx.doi.org/10.1016/j.chb.2014.03.003
http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR MENTAL HEALTH Hokby et al

Edited by J Torous; submitted 29.04.16; peer-reviewed by V Rozanov, B Carron-Arthur, T Li; comments to author 31.05.16; revised
version received 14.06.16; accepted 15.06.16, published 13.07.16

Please cite as:

Hokby S, Hadlaczky G, Westerlund J, Wasserman D, Balazs J, Germanavicius A, Machin N, Meszaros G, Sarchiapone M, Virnik A,
Varnik P, Westerlund M, Carli V

Are Mental Health Effects of Internet Use Attributable to the Web-Based Content or Perceived Consequences of Usage? A Longitudinal
Study of European Adolescents

JMIR Ment Health 2016,3(3):e31

URL: http://mental jmir.org/2016/3/e31/

doi: 10.2196/mental. 5925

PMID: 27417665

©Sebastian Hokby, Gergd Hadlaczky, Joakim Westerlund, Danuta Wasserman, Judit Balazs, Arunas Germanavicius, Nuria
Machin, Gergely Meszaros, Marco Sarchiapone, Airi Virnik, Peeter Varnik, Michael Westerlund, Vladimir Carli. Originally
published in JMIR Mental Health (http://mental.jmir.org), 13.07.2016. This is an open-access article distributed under the terms
of the Creative Commons Attribution License (http://creativecommons.org/licenses/by/2.0/), which permits unrestricted use,
distribution, and reproduction in any medium, provided the original work, first published in JMIR Mental Health, is properly
cited. The complete bibliographic information, a link to the original publication on http://mental.jmir.org/, as well as this copyright
and license information must be included.

http://mental.jmir.org/2016/3/e31/ JMIR Ment Health 2016 | vol. 3 | iss. 3 | e31 | p. 14
(page number not for citation purposes)

RenderX


http://mental.jmir.org/2016/3/e31/
http://dx.doi.org/10.2196/mental.5925
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27417665&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

