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1.1 FHAROHE

=2 — AFREAICE, FEFPLHEMRBED = 2 — X4 XY Mt 3 R 35k
DEENTNEZENZWV. 2O &L RAMPLFIROFICIE, FEEANAL 7 A IEH
%, WHEOEVHERPREEZA WS I LT, =a— A4 XY MR LTI EEN
REENR AR E G522 X5 RAREERDH 2D DPFEHET S, ZDEIR=a2—R5
HOEWERAERT 208, BBENOEMPHWLh ZenHE. Lirl, —=2—2X
AHOHENL, BREAA TRAEEGARXEZ MM T2 22T, Kk=a2—X3
FHIREENTOVEBEANAAL 7RAEHEIBELCLESAENL D 5. 20 & 5 REEIE,
FEDRNTICBWTEE L RAVWHRZG R IREERD 2. IR, ¥V —
SHXNRTF 4 TIZBIT B2 — A BORELD S, Twitter!! D X 572V — v )L X
F A TR FEbNE X5 RBICLEN>T, 2—F—1F Web LD =2 —2FH
Y =YX N AT 4 T7HBLTAFITEIEeNEL RoTz. 2RV, 22— —Z
BRABREEO = 2 — R ERENICFICANIERINPEZITVWS. LrL, BHENER
Za—2ADEFA—F—DBIREG| W [1]. /2, V=% AT 4 7RBEL
THRAZZ2—APERA 221D, 2—HF-B LI LIIEREZZRERT 5.
DX RIERBZENHFETFE0IC, —a— XD LEA»TOAS [2]. V—
AN AT 4 7 OEMECE, =2 —RFELEARAYADY Y ZIZMAT, =2 —XDEH
NEDLETRBREIND DD E. 2D, =2 —ADMLitAETI 2—F -1,
INSDENEFHAT 2 —RAEHERT IR H 2. ZOLE, —2—ADEH
DEEREAA T AZHBEL TV E, 22— =132 — A4 XY MR LT, fMmic
HEW, FLEEENRRAMEIALATREELD S, X515, ZOLIRY - ¥ L X
T A TITIFBRBREEEDSTFEL TVE Z e DEL, =2 =AY MNIWNT SH- 7%
HfRD L TEEFINLGE, BEENPERILZVIET= 2 — X2MEECT 2 AlRelEDS
Hb. DX, EVDZIHENSAREED H 2 KMITB VT, ERDFEREN

1 https://twitter.com
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YN

A7 AEHEBEBLTVWEZLITEF LRV,

—RM B D D ERER 7 L2 X AT, FHMEREEIC D & S RiERENA
TARERT S LI LREREERTITCOVRWY. £, ANCkB3T /- arE{To
77—ty VERHWTEEIEE-D, 7/ T7—X—BHHDORMEN T U X
NTWRAREE D H 2. ZD7z, Hifid b MHAEN 7 L2 ) X 2 O BERHEFIE,
FERANA T AEEZATOVA X EEANICHE L TOWAARENELH 5. RFZEIE,
AFHI TN TY XM ETUIELFEREANAAL 7R EEOXEHE LT VO EFHNS Z
CEHNE L TWS. 3, fiEREN 7 L) ZLADR Y OEEEEANL 7 A28
XEHE LT VO EEEMTHETS 2 72D DIEEEIRET 5. 20K, WO
OB RHREN 7 L) XLADHINTH LT ZOEEEFEHAL, 71ra) XA
WEoTEDEIRCFHEENA T RADDHE2XDOMBP LT EINER > TVWED0 %
N5,

KX DEBRIILI T O@E D TH 5.

o BEEEZ AV, FERICBHFOMBBERN 7 L) X2 L THEHAT 2 Z .
T, 7V AL LIWCEREANA T RAZEOXOME LT IR ELL AL
TWB ZeDahoi-.

s TINICBOWTEERYEHEBTZ2DICEETHZ L ELNTWVWEXDNE, &
FHGER, XORIWCHTIRMER, BEN TRAZEAR B LY
T BAMREMEZ R L 7.

o MERIBEZ, BTNV XL2DMREZ TS 2 70D LTAL AV S
LT3 ROUGE [3] TIRIEZSNRVEHETEN 7 LI Y X %Ml T =
. ZD7=%, ZOEE%R ROUGE e Gb¥ THEHAT 22T, LhE LS
RS DEHN TN XL DFHEDRIRETH S Z  Zm L.

1.2 EBENMTACBHRNT TR

AT 4 7IBF B4 7R, FEDOIIEBIT 2 RESLHGBEOMEIC X > TEA X
NBFEEAL 7Ry, WEORWREZ AW TWE DI TERWD, Hi# D HHEER
DHEZHIT 2 A[REED D 23T K o TEHASIN D EWRANA 7T ADEET S [4]. &
LI IZZERETNDANAL 7 ZDH % RT.

KIIIWRLE=Za2a—RI1F, K=+ FAT7VRENT T - INTRITEDZXT 4
F7BERIINT 2z R LTWVS. GEENA TRADH2XDHE LTRLEXI,
“dishonest and hypocritical” & 5 i%fﬁ# BRANA T AORP L L TREINATNS
ZORINIIR N2 FfF > TW 2729, n/L%k&i%O)ﬁﬁ@hﬁomtﬁﬁ%?@#%%
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1.2 FERANA 7 AL EHRANA 7 A

A sentence with lexical bias

Obama campaign spokeswoman Lis Smith described the new
Romney-Ryan ad on the subject as “dishonest and hypocritical,”

considering Ryan’s own proposals for Medicare.

A sentence with informational bias

Paul Ryan went on offense Tuesday in response to criticism over
his Medicare plan, using an interview with Fox News coupled
with a new TV ad to claim President Obama’s health care plan

treats the treasured entitlement like a “piggy bank™ while the

“Romney-Ryan” plan preserves it.

F£ 1.1 [BERAAL TRALEBENA T ADD 5 XDH|

AREMDIH 5. 2D XK S5IT, MIEDEWHEGER 7 L — X0 E& TV 2 UIFER N A
TADHBZXE LTHDONSE. —T7, HWAA TADBD2XOH e L TRL X,
President Obama’s health care plan treats the treasured entitlement like a “piggy bank”
while the “Romney-Ryan” plan preserves it. £\ 95 —XHHEHRANA 7 Z DR T
TV, ZOXTIE, NF77 « ANTRDBGEZIIEL TWDE 00 X 51IH#H IR
RZ2HrE 2 X2 RBRNEIZR>TWED, NATAMRDH 2 Z L ZREDT S K D72l
HEDRNHEERL 7 L —XFIFE LRV D, FEEANA 7T ADND 2 LTiEibihi
W, ZD X, XOBHIKRZ2FEIP HNL 7 2XOEEE B30 2 DH L v,
ZDZa—ARHLEBANRY MIHLTRE-LEERZHE AP EDL L 52DD
X, THHRANA T7ROH 5 LTHRbI S, RERTIE, FBEANAANTAZHNRE Lk
EEBRZITS. [HHRANA 7 AR 2 D —RIVICHE#E e S TBD [5], £
NEARFERIZBOTBHHNTE LR WDTDH 5.






£28 KEHRR

2.1 BEEN

HEIZIEI R E < 0 TRt B ZEH) & R BB 0T 5 2 e ik 5. ffiHH A SR
FNIXEDP HERCZE R IREXLZ WL OPBERL TOREEGOE S Z & THENNX
PHERT B HETH 2. MIRBERNL, TR OFICENI L ZAERT %K
TH3 [6]. AEBRTIIHMEMENZNRE T2, HHBEENEZEEDD 713V
AL L TN ZLDEIET 5. Bk L 71a) X6 LTRENZDD
%, LexRank [7] %° TextRank [8] 23 3. TNSHDHIEE, X777 %MEL, EHE
EZHIH T2 e TEEEDORAT Y VI 2175 /iETH 5. LexRank & TF-IDF %
HLITNT T 7% WEEL, TextRank IZHFEOEHE 2 LI T 7 72 MET 5. X
flido b 7 L3V XL, SVM, RERZ W HEREDHFEI N TWD, IEFET
F7T =&ty FORER, —a—J3xy POFEREIZED, —=a—F1%xy FEHWL
72D DML EINDE XD -oTWD [6]. KRENZDDE LTIE, RNN ZHW
7= SummaRuNNer [9] %, FHHIFE AIRER S35 7 /LD BERT (Bidirectional Encoder
Representations from Transformers) [10] %\ 7z BERTSum [11] 72 ¥ DS(FET 5.

22 Za—AXTATENATR

a2 — 2 RNCRBEEICE AN T ZAEEZEATVS., =2 — BT B4
7 2%, HEHEPHMEEBE D = 2 —ZAA XY M T 2RMBICE o ThEAR IR, &
ZWWERHED =2 —RARNY MINT 25EOEMEM T 2086 M21H 5 [12].
adfontesmedia*! Ti¥, TE R =2 —2A X7 1 7OEMEOMHEAEZ/RLTEYD, HILA
VG TRHEZHEOTVWRVW= 2 —AXAT A TRELKFET L2005, ZOKD
W2, NATZRFFRCEF L RAWEEL L5370, BRAIZOBE»OXT 47
DNA TR LD, N4 7 ZAOHNRBEE 21T X5 RAENRDHS. 20X

*I https://adfontesmedia.com/



5 2 B BEETIY
S RBIFRDHICIE, BURIAREISIC X o TAE LT 234 7 ZIZE D M TeirZEe [5] [13]
[14], =2 =AY FOFEFEBFREZRMIE S LD BN 7 RITHD HT I D
% [15] [16].

2.3 BWMFEBICETZNAT7 ADMEE

B A I A B R X7 ICBVWTHW S22, B EICBVWTIE, MEvg
ZAZWIEL T =&ty FEICICETADEERZITS. L, 28 TFT—XHND, i
LPDREZBICH L TR DD - 71285E, TETLVOHNIANAL 7 A2 EEETLE
SZeWHB [17]. ETLVDFFIZHOWONS T —XI1E Web L bIEEINHD
MZW720, Web BBENICEATVWENA 7 A% ET VORI L T L% 5 7]
REMEDSH 2 [18]. F7z, ZLOEEFETHWIAAZ71I2BWT, HFHiFEEITA S
ETNEHOEFEIDIFFICEWERZERKLTWS. LrL, TOHDETILD
HATFEBICHOWE T = RN TABFEL TOWEREE, AL 7 ADBFEEL
TWAA[REMEDERI S T W 5 [19].

BRI BN BT 234 7 ZDOWGEE LTIE, V= v A X T4 7ORBED X 572,
FEIFEREMEFROLI -V —DER L2 ED CICERENEZITOE, FEOREME
ROV — DDA EMNCHE L2 LTHHEEIATLES K584 7 &
WL 2 EF5ED3TEE S 5. Dash 513, FairSumm & FEIEN 2 EREHN TFEZERL
7z [20]. Shandilya 5%, ERZEMICHBIT 20 FHEOMBEICOWTHEL, N FEL
WOBETERENONER2ERBILT2-DDIEEEER L [21]. LeL, K5
TS K572, B—FE2MRL LMHBERICBT 284 7 XOREIZMIEE N
TV,
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£3E REREZ

3.1 HHEENICEITEHE=/NT T ADIER

BB BT 258N 7 ADER(LFEFE L LT, SBS (Summary Bias Score)
CIEENZIEERIRE TS, BHNONR LRI CEEAE D PHI %, i FHOX
W% Di(c D) THT. By(C D) I&, BRALTABDHZL TR Y IEATOS
COREETT. £, ERAL T ADEENS I b, € B LB, BT AT
VAL CH, XED, B2 EBEHDL s;,(€ D) TRHLTHNELLERaTE,
O(sin, Di) TRENS. BYFALTY R4 C, L& D, 12513 3 SBS % SBS(C, D)
t3sk,

B 7T 0%, ERNENCBI A XOERERFHEE LTRa 7y v ¥
25D EZDIHHEHKE. Ra7AEFUEEWVEY, BEHXE LTOEETH
522 xRLTWS. SBS X, FERAA 7ADNEEN TV U L TEN 7 LT Y
ALDEIDIR- 2R a7 B IEFILLZEDOEEITH S, B, N T7APEELTH
ZDEILECEI>TERE S TWED, FBEANA TANEENTVABXDOTIE
FEEITS. SBS IR EFNEIKEWVIZIY, ZOBENT7NLTY X LIEGERANAL 7 AD
HHZXEENL LTHHE LR TV WS HALBHZ VWS Z e ZRLTWS., RHE
BT7 LI XLZed SBS ZHE T 2081, XEEAE D 2xXfRe Lz SBS OHAM
PRV, ZHUIBITORTERINS.

SBS(C, D;) =

3.1)

AﬁwaCjnz-i-EZSRﬂaLm (3.2)

Pl 5=p
FHIOHINICEENA TR 280 XN EENI6 VW R E N 255, MSBS
DNZVWTNNT) XRLZEETHZEDNEFE L.



5 3 B ERIEE

3.2 #HEMHOHMBEENICESITS, BENATADHERD
5DRHEEDT SR

FETER LR EEICE D CBEND b iR ENICB VT, FMHE L FEEANA
7 ZADEFRE NS % 72912, SFPI (Summary Feature Permutation Importance) & W
SfEREEIEER T 5. SFPLIX, 2703V XL L TREDRHEED, Yy
MSBS ZHRKZEZDIZHG L TWRD0EFAND 12D DERNRIEETH 5. SFPI
PIEDGE, ZORMEINEENA 7R 2 GO EEETH I LEIRLPIL TS
LIHEHLTLES 22 Z/RLTWA, SFPIBKZITIUTKEWIZY, MEAIERIC
B 2FEENA 7 AR LT WRHMETHS L ERX 5. XL T, SFPL BEDY;
B, TOFMBEIERAL 7RAEFOXEEETH S LBIRLIILLK T2 IHS
LTW53. SFPIAVNXFAUI/NIWEY, I RERNICB I 25581 7 A 2K L
RTVWRHETH S 525, ZOEEE, BHEECBVT, BU71a) X260
HEEmIC B 2 BE L FHE % E &IV S 72 D Permutation Importance [22] & FEE
NBIEEICEREZSTWS. SFPI OFIHEGEEZ I TITRT.

7T XLDFHEICHWE T —Xty b2 G TR TOTF—Xty b GIEER
RO T—=2THY, THENZTNDOXT—XIIHIGL, FHBZEDT—XDORHE f
ZRT. I, XEESD 2RERXOTFT—XICEH L, FEICE T 252035
LZell&oTlEONS. 7AIVILCIIXLT, =2ty s G EHWEED
MSBS % MSBS(C,G) £ §%. GIZBWT, FlE f o7 —%, $hbbil feo >
L%y IV LT =Rty b2 Gy &35, KIGaTEEE LK, kEREIEHO
RITICB T 2 FE [ © SFPI %2 MSBS(C,Gf) £35. ZOR, 71TV XL CI2
BWT, F&E f @ SFPI 72 % SFPI(C,Gf) BT O XS IEHHIN 5.

K-—1
SFPI(C,Gf) = MSBS(C,G) — 1 > MSBS(C,G¥f) (3.3)

K k=0
ZORITBWTIE, SFPI(C,Gr) > 0 D5, KR f 28N LR MSBS 23
TAoTWBEEWIEENELNDE/2D, 71TV XA CIBWTHHEE f A MSBS
DHRIZFELTLEoTWBEEZRS. MLT, SFPI(C,Gf) <0 DHE, FE
f 2T USSR MSBS 23 B o TWR e WHHEENELNL 20, FilE [ 2
MSBS OREIZHFG L TWS LR 5.
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41 EEBENRHZ7ILIIVIL

AFEETIE, EBRWUROMEBEREN 7 LI Y XL LTHMRLOBD L HLiidD D
DHDEHEL, ThZhHB e To%. 2L D713 X4 e LT LexRank
[7] & TextRank [8] ZHW2%. #fifidh D72V X ¥ LT SummaRuNNer [9] &
BERTSum [11] W/, ZhoD=a—J3xy bEAVEHEEDD D712 X
DX, NG b EBDODET N —F T 7F vy TR XN TW5S. —FEEHIX Encoder
T3 3. SummaRuNNer (2313 % Encoder 1%, HiEEZ AN LHABERRZEHT 3
RNN THE XL CTW3 [9]. BERTSum 2813 % Encoder 1%, X% AJJ& L THIRFE
Wa M3 25175 7EABERT Th 5 [11]. —FEE HIX Summarization Layer T &
%. Summarization Layer (& Encoder I & » TI§ 6= X BERBFEZ AL L, AS
DRBEZDH L ICENICEERE20EDrZ T ME7 V%2 13 %, SummaRuNNer
%, Encoder, Summarization Layer ¥ % (Z Bi-GRU % i\ /2. AREER T D729
'Z, Encoder, Summarization Layer D J7iZ Attention Z B/ L 7z D b FEEI SR &
L CHEL7. BERTSum &, Encoder ¥ LT BERT ¥, BERT ¥ [d— D% o
MERIFE %17 > TV Transformer Stack % W23 D% & L7-. Transformer
Stack Z W72 3% DX, TransformerSum & FEX. BERTSum, TransformerSum 3,
Summarization Layer & L T Bi-LSTM, Feed-forward Network TH§{ X 417z Linear,
% LT Transformer Z W7z b D% AR L7z. SummaRuNNer I /7 & H Ny FH A
A 32 T 5 Epoch & L7=b D%/, BERTSum, TransformerSum (&£, Ny
F %4 X 3,000 T 50,000 Epoch 2#E L7=d D% HWv, &b ROUGE-1 BEWVWE T IL
ZERENMRE UCGRIRL. 2B, #hEidD 703 ) X 24133 XT CNN/DailyMail
T—&Xtvy b 23] EHOTEELTWS. 721, CNN/DailyMail 7—&t v b,
MHREROEEICHE L /27— Xty FTRERW. 20729, MERENICHWS Z
KD X 512 Cheng & [24) I & o TRIWED TONZ b DZRMHEH L. #EiDH
D713 XD ROUGE Ra7 %% 4.1 1TR7.



5 4 B FBREOE

ROUGE-1 | ROUGE-2 | ROUGE-L
SummaRuNNer 22.7 9.0 14.0
SummaRuNNer (Attention) 22.7 9.0 14.0
TransformerSum (Linear) 41.3 18.6 37.6
TransformerSum (RNN) 41.1 18.3 37.4
TransformerSum (Transformer) 41.2 20.3 39.6
BERTSum (Linear) 43.3 20.3 39.6
BERTSum (RNN) 43.2 20.2 39.6
BERTSum (Transformer) 43.0 20.1 394

£ 4.1 EBENROHAEHD 7 71 —F D ROUGE 22 7. CNN/DailyMail ® 5
b, FEICHOTOWARWVLS D% 10,000 FHWTRD 7. fFHilloFicsd#fisatn
%% DiF, Summarization Layer THWHNTWSETAMETDH 5.

42 RRICEHATSI T—¥tvhk

AREERTIE, FEBNGROT—%+ v b LT BASIL (Bias Annotation Spans on the
Informational Level) 7 — &t v + [4] ZHWA. ZO7F—%+t v MiX, Fox News,
Huffington Post, New York Times 2> 5N L7 = 2 — XGLFH TR N, X Z L IZ5E
BAAL T RACNEREANAL 7 ADT ) T—YarRIEhTtnsd. EEOF— X613,
1.2 HCTRL. %28, BERTZANE LTHWS 7 L) X4k, XOANEDN
512 b =27 VIZHIB XA TW3 [10]. 2D, EBRONFEEETTHI1z, FEh
MROETDOTNIY ZALITEWVWT, XOANEDN 512 b—=27 Y DINIINE 5 X512
7=ty FOIMTLZEITo .
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N,
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COETIE, FHHANEN 7 LI X LDOHNICBIT 25EEA 4 7 2%, 3.1 filc
BWTRLZ MSBS ZHWTOMT 5. VT, 2D X57% MSBS AR YD X
ICHELTWED0EHL DD %21TS.

51 ZIJdVXLT&®dD MSBS DL

B7NLTYRXLZ D MSBS OHEZN 5.1 127”7 .

o
o
o
—
—

o o o o
o o o o
N @ = @

Mean Summary Bias Score (MSBS)
o
o
=

o
o
)

LexRank TextRank  SummaRuNNerSummaRuNNer
(Attention)

BERTSum Trai
(Bi-GRU)

ersum BERTSum TransformerSum BERTSum TransformerSum
(B GRU) (Linear] ) (Linear] ) (Transformer) (Transformer)

50 &7 XL 22D MSBS D L8, Al 5T, SummaRuN-
Ner (Attention) (X RNN Z il 2 T Attention %= Fl W72 % @ T »H % . BERT-
Sum/TransformerSum (2B L T, #&H50DH & Summarization Layer (235 W TH W
TWb 4y N —2WEERT. TI7—"—1F, t DHICBIT D 95% (EHEXRE %R
LTW53.

X 51 &b, ZMZL 7L XLZELTUTOE SR g or-.



55 AERY 7 L3 ) X ADOHINCE T BEER AL T AD 5T

e TextRank ® MSBS 73 LexRank ® MSBS ¥ FEXTEW.

e HMH Y 713V X LB L TIX, Sentence Encoder ¥ LT BERT % Trans-
former Stack % W TW % BERTSum/TransformerSum (&, RNN %2 HW\WTWwW3
SummaRuNNer & ttXT MSBS 2MEWEADH 5.

e SummaRuNNer (2B L TlX, Attention O FHETA =7 MSBS O EIFFA L
TR,

¢ BERTSum/TransformerSum (2 L Tl%, Summarization Layer £ L T¥ D X 5
BEED =2 —F L%y bEAWTS MSBS ISk ERZR TRV,

O

17X

-

2 BENATADHIXNZSATEENL
DHB3IXZEZFEFHVWEHNODLEE
5.1 ¥ b, SummaRuNNer ¥, Summarization Layer ¥ L T Transformer % {# -

72 BERTSum Tl3 MSBS VK E L B o TWB Z 3w h 30, EEOH % g
LTEDEIREBNNRSLNDOEFANS. HEREX 52, K53I1TR7.

=
B/

"The President congratulated Secretary Clinton for securing the delegates necessary to clinch the Democratic Nomination for President.

Her historic campaign inspired millions and is an extension of her lifelong fight for middle-class families and children," White House Press Secretary Josh Earnest said in
a statement.

"The President thanked Senator Sanders for energizing millions of Americans with his commitment to issues like fighting economic inequality and special interests'
influence on our politics."

The meeting was arranged "at Senator Sanders' request," Earnest said, and the two will discuss "how to build on the extraordinary work he has done to engage millions of
Democratic voters, and to build on that enthusiasm in the weeks and months ahead."

Obama has yet to make an endorsement in the race, but White House officials have said that it could come as early as this week.
In recent months, Obama has privately suggested that Sanders drop out of the race to help Democrats unite around Clinton and prepare for the general election.

He has also shown an eagerness to assail presumptive GOP nominee Donald Trump, which could be an important asset in helping Clinton defeat Trump in the general
election.

5.2 SummaRuNNer |2 & o TH XNz, MR T I2EE 2RI T4 T
MICFAE T B B8 NA 7 AD B 5k &t 10

T LIEFRT I A WGP TN I XHBEN T AT Y XL Ko TERI N D
DTHY, FITHROTA U5 0pNTVWEIIEN 7 LT X8I & - GEIRIN
FBENA TAPFETIZLERLTVWS, ZO=a—R X, “I73VV— 27V Y
K23, K e U ORI 2 7D BB ORAREEBE L2k A
N RKEENIHB L EVWOISHNED =2 —2ATH5. X525, SummaRuNNer
\& Her historic campaign inspired millions and is an extension of her lifelong fight for
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S52FERANATRADDH B2 X BGATRERN EFERANA T ADD %% & 72 VER DL

Her historic campaign inspired millions and is an extension of her lifelong fight for middle-class families and children," White House Press Secretary Josh Earnest said in
a statement.

"The President thanked Senator Sanders for energizing millions of Americans with his commitment to issues like fighting economic inequality and special interests'
influence on our politics."

The meeting was arranged "at Senator Sanders' request," Earnest said, and the two will discuss "how to build on the extraordinary work he has done to engage millions of
Democratic voters, and to build on that enthusiasm in the weeks and months ahead."

In recent months, Obama has privately suggested that Sanders drop out of the race to help Democrats unite around Clinton and prepare for the general election.

He has also shown an eagerness to assail presumptive GOP nominee Donald Trump, which could be an important asset in helping Clinton defeat Trump in the general
election.
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“Under study for years. Will update soon with Secretary Zinke. Thank you!”
Ryan Zinke, the interior secretary, said in a statement later Friday night that the decision applied to two African countries, though it did not name them.
“President Trump and I have talked, and both believe that conservation and healthy herds are critical,” the statement said.

“As a result, in a manner compliant with all applicable laws, rules and regulations, the issuing of permits is being put on hold as the decision is being removed.”

On Thursday, the service announced on its website that it would begin issuing permits to allow the import of elephants hunted from 2016 to 2018, with two trophies
allowed per import.

Nearly two weeks ago, the department also waived the ban in a similar manner for Zambia.

Zambia and Zimbabwe have had mixed success in recent years maintaining or increasing their elephant population, according to the Great Elephant Census, a project
financed by Paul G. Allen, a founder of Microsoft.

The project also found that the African elephant population shrunk nearly 30 percent from 2007 to 2014.
It is unclear why Mr. Trump reversed the decision, but the announcement faced backlash from both conservatives and liberals.
Laura Ingraham, a Fox News host, said Thursday on Twitter that she did not understand how the decision would not “INCREASE the gruesome poaching of

elephants,” while the comedian Ellen DeGeneres started an online ¢ using the hashtag #BeKindToElep} to raise funds for elephant conservation
efforts.
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WASHINGTON — President Trump on Friday reversed the government’s decision to start allowing hunters to import trophies of elephants that were killed in two
African countries, pending a further review.

His evening Twitter message reversed a decision by his own administration over Zimbabwe that was announced this week and promoted as recently as Friday
afternoon by the White House press secretary, Sarah Huckabee Sanders.

“Put big game trophy decision on hold until such time as I review all conservation facts,” Mr. Trump tweeted.

“Under study for years. Will update soon with Secretary Zinke. Thank you!”

Ryan Zinke, the interior secretary, said in a statement later Friday night that the decision applied to two African countries, though it did not name them.
“President Trump and I have talked, and both believe that conservation and healthy herds are critical,” the statement said.

“As a result, in a manner compliant with all applicable laws, rules and regulations, the issuing of permits is being put on hold as the decision is being removed.”

It is unclear why Mr. Trump reversed the decision, but the announcement faced backlash from both conservatives and liberals.

Laura Ingraham, a Fox News host, said Thursday on Twitter that she did not understand how the decision would not “INCREASE the gruesome poaching of
elephants,” while the comedian Ellen DeGeneres started an online campaign, using the hashtag #BeKindToElephants, to raise funds for elephant conservation
efforts.
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