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ABSTRACT As the use of unmanned aerial vehicles (UAVs) is greatly increasing, there is an emerging
threat of using UAVs in infrastructure/cyber-attacks and data-eavesdropping. From the safety and security
perspective, it is a timely need to build an air surveillance system that enables a seamless detection
function for low-and-middle altitude flying targets. However, it is unrealistic to widely deploy classical
radar stations due to the astronomical cost. Rethinking the role of cellular mobile communication networks,
we desire to add a ““vision-like” capability to the widely deployed outdoor cellular base stations (BSs)
to realize joint imaging and communication (JIAC) simultaneously through sharing the existing cellular
communication infrastructure and spectrum. In this work, it is for the first time to systematically study
and demonstrate the concept of cellular base station imaging for UAV detection, which allows a cellular
BS to work like an inverse synthetic-aperture radar (ISAR) besides communication. Firstly, we provide
the JIAC transmission signalling and systematic operation mechanism. Secondly, the feasibility of JIAC is
investigated and analysed to support the idea of cellular base station imaging. Finally, numerical simulation
evaluates the imaging performance of three typical types of cellular BSs operating at 900 MHz, 3.5 GHz
and 28 GHz, respectively, which implies that cellular BS imaging works for UAV detection! Furthermore,
the radar imaging function, as a new by-product, requires only a very little change to the current orthogonal
frequency-division multiplexing (OFDM) communication signalling and has nearly no influence on the
current communication operation and performance.

INDEX TERMS Cellular mobile communication, joint imaging and communication (JIAC), high resolution
radar imaging, unmanned aerial vehicles (UAVs) detection.

I. INTRODUCTION

The development of low-and-middle altitude unmanned
aerial vehicles (UAVs) has attracted greatly increasing atten-
tion from both academia and industry, due to its benefits in
flexible mobility, low cost and easy operation compared to
conventional ground carriers and manned aircrafts. This leads
to a host of different applications of UAVs to both aerial
and ground missions such as product deliveries, agriculture,
policing and surveillance, infrastructure inspections, disaster
emergencies and UAV-assisted communication networks [1]—
[3]. However, as a double-edge sword, the increasing use of
UAVs could become one of the biggest emerging threats to
the security and safety, e.g., invasion of privacy, unauthorised
aerial surveillance & data collection, collisions with aircraft,
and even terrorist attack, when they fall into the wrong hands.
One fresh instance is that two explosive-laden drones crashed
into the Indian Air Force station at Jammu in June 2021.
Another notable case is that more than 140,000 passengers

The associate editor coordinating the review of this manuscript and

approving it for publication was Yafei Hou

VOLUME 10, 2022

This work is licensed under a Creative Commons Attribution 4.0 License. For more information, see https://creativecommons.org/licenses/by/4.0/

and 1,000 flights were affected by the malicious drone attack
at Gatwick Airport near London in December 2018. There-
fore, there is a timely need to build an early-warning air
surveillance system to track and identify the UAVs.

Radar is a sensing system that utilises radio frequency
waves to sense targets in day/night all-weather conditions.
If classical air-defence radar systems, e.g., military radar, are
utilised to detect small UAVs, yet it seems like to fire cannons
to kill mosquitoes. Furthermore, it is also unrealistic to widely
deploy classical radar stations, e.g., military radars, so as
to provide seamless coverage due to the astronomical cost.
As a result, UAVs can easily defeat conventional air-defence
system due to its limited coverage as the aforementioned
examples.

Cellular mobile networks have now been developed for
40 years from the first generation (1G) to the fifth gen-
eration (5G) that aims to provide seamless service cover-
age for massive mobile subscribers [4]. As typical cellular
mobile networks only focus on the functions of “‘speaking”
(transmitting signal) and “listening” (receiving signal), it is
motivated to have a rethink and explore a new “‘vision-like”
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function. A question has arisen - Is it possible to utilise the
existing widely deployed cellular base stations to ’see” fly-
ing targets but meanwhile without disrupting communication
operation and performance? From a scientific perspective,
this question might be realistic based on the following facts:
1) Wireless communication and radar sensing, both based on
radio frequency waves, have similar hardware structure and
system components in both baseband and RF ends, thereby
allowing them to share most of the hardware and software;
2) Cellular bases stations are equipped with multiple anten-
nas, even large scale antennas (tens or even hundreds anten-
nas) in 5G, to generate large-gain directional beams, which
can be used to combat the path loss for both communi-
cation and radar sensing; 3) Cellular base stations occupy
large transmission spectrum, e.g., 20-100 MHz or even up
to 400 MHz bands for sub-6 GHz by using carrier aggregation
and 400 MHz - 2 GHz bands for for unlicensed millimetre
waves (mm-waves), e.g., mm-wave signalling used for target
detection [5], [6]. Wide transmission bands lead to both high
data rate in communication and high range resolution in radar
sensing.

Recently increasing research effort has been made on
the study of the integration of sensing and communica-
tion (ISAC) that is recognized as an emerging feature in future
beyond 5G and the sixth generation (6G) wireless systems
[7]-[13]. Some recent research focuses on transceiver design
in the radar-communication spectrum and infrastructure shar-
ing scenarios, to realize the joint communication and radar
operation mainly through beamforming and frame structure
design [14], [15]; Some other work consider the waveform
design [16]-[20] and joint radar-communication resource
allocation [21]—[23] to optimize the trade-off between com-
munication and radar performance in the ISAC systems. The
above two classes of work study the ISAC mainly from the
perspective of the physical layer signal processing and opti-
mization, e.g., beamforming and signalling strategy design,
to properly balance the radar-communication resource shar-
ing. A different class of ISAC research is to utilize the
existing wireless communication signals, e.g., WiFi/LiFi sig-
nals, to realize some sensing functions, which is like the
by-product of wireless communication. In particular, active
localization is a widely applied important way to estimate
the receiver’s position through actively measuring the sig-
nals’ characteristics, e.g., the time of arrival (ToA), angle
of arrival (AoA) or received signal strength (RSS), at the
receiver from the access points [24]-[26]. Passive positioning
and sensing is to detect target’s (neither the transmitter nor
receiver) position/movement features through observing and
analysing the changes (e.g., micro Doppler frequency shift) of
wireless channel state information, because the target’s differ-
ent location and movement, as a part of wireless propagation
environment, have different influence on the wireless prop-
agation channel state [27]. The performance of localization
and passive sensing heavily rely on deployment and layout of
the access points and receivers. There are also some excellent
effort has been made on using communication signals to
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realize radar imaging, for example, using WiFi signalling
to detect human’s movement and activities behind the wall
based on ISAR technology [28], and the feasibility and lim-
its have been analysed in [29]. In [30], the outdoor static
environment is imaged by using cellular communication base
stations based on synthetic-aperture radar (SAR) technology,
and the potential of ISAR based imaging is also mentioned
but lack of systematic study and demonstration.

In this work, it is for the first time to systematically study
and demonstrate the concept of cellular base station imaging
that allows an outdoor cellular base station to work like
an ISAR to ”see” flying targets, but meanwhile at nearly
no extra cost of the current cellular mobile communication
function and performance. From a systematic study point of
view, we firstly provide the signalling strategy and operation
mechanism for a cellular base station to realize JIAC. Then,
the feasibility of cellular base station imaging is investigated
and analysed based on the radar equation. The feasibility
study provides a suggestion on the ability of cellular base sta-
tion detection and imaging for different flying targets based
on different types of cellular base stations. Finally, numerical
simulations evaluate the imaging performance of cellular
base stations operating at 900 MHz, 3.5 GHz and 28 GHz,
respectively. The one-dimensional (1D) high resolution range
profiles (HRRPs) and two-dimensional (2D) images are gen-
erated for the flying targets with different size and range,
which verify the feasibility analysis of cellular base station
imaging.

The outline of the paper is organized to address the above
contributions on cellular base station imaging - its concept,
JIAC signalling strategy and radar imaging technology in
Section II, the feasibility study in Section III, simulation
results in Section IV, and finally concluded in Section V,
respectively.

Il. CONCEPT, SIGNALLING STRATEGY AND IMAGING
TECHNOLOGY

Consider a typical cellular base station equipped with mul-
tiple antennas that operates at spectrum band (f., B) in the
downlink, where f; and B denote the carrier frequency and the
spectrum bandwidth both in Hertz (Hz). Based on this typical
cellular base station system model, this section provides the
concept, signalling strategy and imaging technology for the
base station to allow the joint radar imaging and communica-
tion.

A. CONCEPT

Here, we introduce the concept of cellular base station imag-
ing - integration the “’vision-like”” radar imaging functionality
into cellular base stations to allow radar imaging for moving
targets besides conventional communication simultaneously.
With this concept, a base station can not only speak to and
hear from mobile users as normal but also meanwhile can see
moving targets. Cellular base station imaging enhances the
functionality and capability of a base station in a different
dimension. In principle, the cellular base station imaging can
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FIGURE 1. Cellular base station imaging system and concept.
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be applied to both aerial and ground moving targets, e.g.,
vehicles. In this work, the illustration focus is given on flying
targets, e.g., UAVs.

As illustrated in Fig.1, a cellular base station, usually
deploy on the top of a tower or roof of the tall building, has an
additional aerial radar sensing area targeting the flying objec-
tives, besides the conventional mobile communication service
mainly supporting ground mobile users. The joint of sensing
and communication is based on the sharing of both infrastruc-
ture and spectrum. As the mobile communication function
is little influenced by the new radar imaging function, the
focus of the work is given on realizing the cellular base station
imaging function. The effective imaging area ranging from a
minimum distance Ry, to the maximum distance Rp.x and a
predefined angular range to cover the cross range dimension,
which forms a three-dimensional (3D) effective monitoring
space shaped-like a doughnut. The multi-antenna base station
allows to generate directional beams pointing to mobile users
and flying targets, respectively, in a space division multiple
access manner and possibly also in different time sequence.

To implement of the radar sensing function, the base sta-
tion runs exhaustive beam scanning periodically to searching
potential targets, which can utilise off-line generated beam
codebook as the beam swapping in beam training stage in
mm-wave communication. Once the direction of interest
is determined, for example where some unexpected echoes
come, the base station starts to send out radar imaging signals
pointing to the direction of interest for the target imaging and
further recognition.

Regarding the clutter and interference in radar sensing,
it is worth noting that flying targets experience much less or
even ignorable clutter compared to ground targets. Even when
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FIGURE 3. Cellular base station imaging OFDM based LFM signals.

there exist severe clutter and interference, e.g., multipath
reflections by buildings and trees, they can still be mitigated
by designing radar sensing beams to nullify the major clutter
and interference directions that can be determined by estimat-
ing long-term static sensing channel in advance.

The detailed radar signalling strategy will be described in
the following part.

B. SIGNALLING STRATEGY

Orthogonal frequency division multiplexing (OFDM) utilizes
multiple carriers to transmit data in parallel, which forms the
basic signal format in 4G/5G mobile communications. In this
work, OFDM downlink signalling transmission is considered
at cellular base stations.

As shown in Fig.2, the cellular base station transmits
OFDM symbols S,—1, Sp, ..., Sqx+n, sequentially in the
downlink, where T and T, denote the OFDM symbol dura-
tion and guard interval. The guard interval is utilised to
separate the two adjacent OFDM symbols in order to elim-
inate inter-symbol interference. In order not to influence the
OFDM symbols’ transmission, we propose to insert radar
imaging signals into some (not all) OFDM guard intervals
that depends on the pulse repeat interval 7;, i.e., the radar
sensing pulse signal is transmitted every 7, second. The
radar imaging employs linear frequency modulated (LFM)
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signal — chirp signal, which is defined as a radar pulse that
spans within the time interval 7T); (with central time f)
and the frequency range [fiy — Bk /2, fx + Bk /2] for the k-th
carrier, where f; and By denote the carrier frequency and
bandwidth for the k-th carrier. When these LFM signals for
the carriers are set as shown in Fig.3, they can be easily
aggregated to a large LFM signal spanning within the total
frequency range [f. — B/2, f. + B/2] and the pulse width T,
where the pulse width 7, should be no longer than the guard
interval Ty in order not to overlap with the OFDM symbol
transmission. Therefore, as shown in Fig.2, LFM signal for
radar sensing only occupies a very small time portion in part
(not all) of OFDM time guards (when there is no OFDM
symbol transmission), and this JIAC signalling has almost
no influence on the current cellular communication operation
and performance.

C. RADAR IMAGING TECHNOLOGY

ISAR is a radar technique that enables the radar imaging
functionality for targets, where the radar is stationary and
the target is moving relatively. The relative movement of the
target contains radial motion and rotation around the central
of the target. For the ISAR imaging, the movement of the
target creates the synthetic aperture, and the resultant Doppler
shift of the target’s scatters from the rotation can be used to
generate high resolution radar images. In this work, a typical
stationary cellular base station will be modelled as an ISAR
system to sense the UAVs.

The transmitted LFM signals can be expressed as

. A i .1
s(tr, tm) = P Gperect (%) exp (jZn (fclf + Eytf))

P
X CXP(fZNfc?m) (D
= szszSO(?f)eXPUZﬂfc(?f + m)) ()
where Py, and Gy, are the base station transmit power in Watts
and antenna gain in linear unit; 7 and 7,, = mT, are the

fast time and slow time, respectively, and tm + ?f is the total
instantaneous time; y = B/T), is the frequency linear modu-
lation rate as shown in Fig.3; so(?f) = rect(ff /Tp)exp(jm yffz-)
denotes the basic LFM signal where rect represents the rect-
angular window function defined as rect = 1 for |¢] <
1/2 and rect = O for || > 1/2.

Considering that the collected echoes is composed of N
range bins and M observation echo pulses, when the target
has L scatters during the observation, the echo in the m-th
pulse can described as

L
selp.tm) =Y A(ar)solly — Te(im)

=1
xexp(—janf.(ir +im)),  (3)

where A(oy) denotes the amplitude contributed by the ¢-th
scatter of the flying target to the m-th echo; dy(%,) is the
range distance between the radar and the ¢-th scatter, and
To(t) = 2dy(f,)/cis the caused time delay; and z(7,,) denotes
the additive while Gaussian noise.
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After range compression, 1D HRRPs can be obtained as

L
sef, tm) = BY_ A(op)sinc(B(iy — 2d¢/c))
=1
xexp(—jAnde(in)/2) + 2m),  (4)

where sinc(B(?f — 2dy/c)) denotes the envelope of the echo
signal with sinc(x) = sin(mx)/(mwx); exp(—jdmde(tn)/L)
denotes the phase of the echo signal; A = c¢/f, denotes the
carrier wavelength.

Assume that the maneuvering target’s movement compo-
nent - rotation around the rotational centre of the target with
a rotational speed is w and ® = wMT, in radian denotes the
target’s rotation angle during the observation time MT;.. After
range compression, the time difference 74(Z,,) in sinc(B(ff —
7¢(f,,))) reflects the shift in the range bins (rows) that can be
compensated by range alignment. After removing the motion
phase error, a 2D ISAR high resolution image can be obtained
by cross range compression, i.e., doing DFT in the cross range
dimension. This autofocus can be realized by joint range
compression and cross range compression [31], [32].

IIl. FEASIBILITY ANALYSIS

This section will provide the feasibility study for the cellular
base station imaging. After transmitting the LFM signals
from the base station, the signal-to-noise ratio (SNR) of the
radar echoes received at the base station can be expressed as
follows

PGy er)\zo

SNR, = ,
© 7 (An ) R*kpTB)nsLs

&)

where Py is the base station transmit power in Watts, and
Gy, Gy are the base station transmit and receive beamform-
ing gain in linear unit; A is the carrier wavelength; o denotes
radar cross-section (RCS) of the flying target in square
meters, which reflects the echoes; R is the distance/detection
range from the base station to the target in meters; kp, T and B
are the Boltzmann constant, the temperature in kelvins, radar
sensing spectrum bandwidth in Hertz, thereby the product of
kpTB being the thermal noise; and ny, Ly denotes the system
noise figure, safety margin/loss in the transmission except for
the ideal free space path loss.

A. DETECTION RANGE
The received SNR of radar echoes in Eq. (5) implies that the
free space path loss is proportional to 1/R*, which follows
the inverse fourth-power law in the detection range R. This is
different from the inverse square law for the path loss in com-
munication systems, because the radar echoes experience the
round travel that doubles the impact of distance-based path
loss compared to the one-way communication transmission.
To guarantee successful target detection, there is usually a
minimum SNR threshold requirement for the radar echoes.
Given a predefined minimum SNR threshold SNRy, the
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maximum effective detection range can be derived as

R — minl 4 PyGixGrro ﬁ 6)
e (47)3SNRo(kTB)nsLs” 2 |’
where the term in # Wm is derived based on

the radar equation (5) and SNR, > SNRg. The term c7;-/2 is
determined by the pulse repeat interval (PRI) 7, i.e., the time
interval between two adjacent radar pulse, because the next
radar pulse should not be sent out before the previous radar
pulse returns. To avoid the radar pulse overlapping with the
symbol transmission, 7, needs to be set as

T, =nx(Ts+ Tg) @)

where n > 1 is a positive integer as shown in Fig.2. This
determines the pulse repeat frequency of the imaging signals
transmission.

The minimum valid detection range can be determined as

Rpin = CTP/Z, (8)

where T, denotes the radar pulse-width in second, as the
typical half-duplex radar cannot receive the echoes when the
same pulse has not been transmitted out completely. The
reduce of radar pulse width T}, decreases the minimum effec-
tive detection range at the cost of less observation time. For
the OFDM signal transmission, T}, is up to the guard interval
T, as shown in Fig.2-3.

For the typical 4G LTE OFDM transmission example, the
standard symbol duration and the cyclic prefix guard interval
are defined as 66.7 s and 4.69 s, respectively, with a carrier
spacing of 15 KHz. Without loss of generality, an example of
T, = 500us and T, = 0.4s yields Rpin = 60 meter, and the
possible theoretical maximum range c7, /2 = 75 km will be
lower-bounded when consider the SNR requirement SNRy in
practical as shown in Eq.(6), which will be evaluated later.
In theory, the proposed OFDM based LFM signals need to be
transmitted for every 70 OFDM guard interval, and only takes
a very small portion for the used guard interval, which implies
that the above radar imaging signalling strategy nearly does
not influence the existing communication OFDM symbols’
transmission.

B. IMAGING RESOLUTION

For the ISAR imaging, the range resolution and the cross
range resolution refer to the height and width of a pixel in the
radar image. Let §, and . denote the range resolution and
the cross range resolution, respectively, which can be defined
as

8, = c¢/2B, )
Ser = 1/20, (10)

where © is the rotation angle in radian of the flying target
during the total observation time, i.e., contributed by the rota-
tion movement component. The higher resolution, the more
detailed features of the target will be presented in the radar
image. Therefore, high resolution radar imaging is desired.
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Based on Eq.(9), the range resolution is enhanced as the
bandwidth B increases. From this perspective, radar imaging
and wireless communication have the same need - using large
bandwidth - to increase the range resolution and the data
rate simultaneously. For the cross range resolution in (10),
it can be improved as the carrier frequency increases given the
fixed rotation angle ®. Therefore, as the bandwidth is usually
limited for the sub-6GHz licensed spectrum, it is preferred to
utilize the high frequency, e.g., at unlicensed mm-waves, for
high resolution ISAR imaging by benefiting from its small
wavelength and large bandwidth. For example, given a typical
observed rotation angle of a maneuvering target ® = /60,
the imaging resolution are §, = 1.5,8, = 1 meters for a
microwave spectrum band f, = 3 GHz, B = 100MHz, and
8y = 0.15, 8., = 0.1 meters for a millimetre wave spectrum
band f, = 30 GHz, B = 1 GHz and, respectively.

C. BEAMFORMING

Given the number of antennas, the narrower beam generated
will provide the higher beam gain G, and G,, in Eq.(5).
Without loss of generality, when N, base station antennas
are used in transmitting and receiving, the peak phased-only
beamforming gain can be roughly characterized as G, =
Gy & Na2 in linear unit. Therefore, the large scale antenna
array, e.g., massive MIMO, is also desired in radar sensing by
benefiting the higher beamforming gain to combat the inverse
fourth-power law based path loss of radar echoes.

D. TRADE-OFFS

As we analysed above, large bandwidth B is desired to
achieve high range resolution §,, while the large B also
introduce the high thermal noise power kg7B that degrades
the received SNR of echoes. On the other hand, high carrier
frequency along with the large bandwidth, e.g., mm-wave,
is expected to increase both the range resolution and cross
range resolution. However, the high carrier frequency trans-
mission suffers from more severe free space path loss, which
will limit the effective detection range.

In the typical cellular mobile communication networks,
different carrier frequencies usually correspond differ-
ent frequency bandwidth, e.g., the unlicensed mm-wave
allows larger transmission bandwidth than the sub-3G Hz
microwave. For instance, 5G NR FR1 band nl has f, =
2100MHz and B = 5 — 50MHz but 5G NR FR2 band
n259 corresponds to f, = 41GHz and B = 50 — 400MHz,
respectively. Therefore, the choice of f. and B are related
with each other. There exists a trade-off to determine suitable
(f¢, B) according to the needs to jointly balance the imaging
resolution, path loss, noise power, and the detection range.

In terms of the implementation and complexity, the
Nyquist theorem states that a signal with the bandwidth
B can be completely reconstructed if 2B samples per sec-
ond are used. Therefore, the radar echoes’ sampling data is
increasing with the frequency bandwidth B, which causes a
higher demanding for the data storage and processing capa-
bility at the cellular base station. Especially, when the higher

24847



IEEE Access

P. Cao: Cellular Base Station Imaging for UAV Detection

TABLE 1. Cellular base station imaging performance.

Carrier frequency 3G/4G (< 3 GHz) 5G FR1 (3 — 6 GHz) 5G FR2 (mm-wave)
Bandwidth 5-100 MHz 5-400 MHz up to 2 GHz
Range resolution 30 - 1.5 meter 30 - 0.35 meter up to 0.075 meter
. 1.91 meter@900MHz,
Cross range resolution (for © = 7/36) 0.96 meter@ 1800MHz, 0.49 meter@3.5GHz 0.06 meter@28GHz
. . small targets: detection (HRRP) . .
Radar sensing detection (HRRP) large targets: 2D imaging 2D imaging

800 " fc = 900MHz, B = 20MHz

[ fc = 3.5GHz, B = 100MHz
fc = 28GHz, B=1GHz

600

749 antennas
149 antennas

400
52 antenas

No of Antennas

200

1000

Rmax (meter) 0.2 0.4 0.6 0.8 1

RCS (square meter)

FIGURE 4. The minimum number of antennas required varying with
target’s RCS and maximum detection range.

resolution imaging is expected, the larger frequency band-
width is needed, as defined in Eq. (9). In this case, the high
resolution imaging quality might be conflicting with data
storage and processing capability of the cellular base station.
This trade-off can be balanced according to the hardware
capacity of the cellular base station.

E. NUMERICAL FEASIBILITY STUDY

To evaluate the feasibility of cellular base station imaging,
we consider three typical types of cellular base stations:
1) 3G/4G base station with f, = 900MHz, B = 20MHz,
2) 5G base station with FR1 f, = 3.5GHz, B = 100MHz, and
3) mm-wave base station f, = 28GHz, B = 1GHz. Consider
the typical base station transmit power P;, = 43 dBm, noise
figure ny = 5 dB and the safety margin/loss L, = 3 dB. Given
a minimum required SNR SNRy = 10 dB, the simulation is
to estimate how many antennas at least are needed to detect
the target with the varying RCS from 0.01 to 1 square meter
and the range from 100 to 2000 meters.

Fig.4 illustrates numerical results based on the above sys-
tem setting. It is observed that the number of required anten-
nas is increasing with the detection range R, to combat
the increasing path loss, but decreasing with the target RCS.
Note that N, = 52, 149 and 749 antennas are needed for
the 3G/4G base station imaging operating at f, = 900MHz,
5G base station at f, = 3.5GHz and mm-wave base station
at f, = 28GHz, respectively, to detect a 2000 meters away
target with a very small RCS of 0.01 square meter. It is
worth to know that a flying bird has a RCS as small as
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FIGURE 5. 3D scattering model for a typical four-rotor drone.

0.01 square meter. Even these number of antennas might be
feasible for the corresponding cellular base stations. When
low-and-middle altitude UAVs with the reasonable sizes are
considered, the required number of antennas can be greatly
reduced for the RCS that is larger than 0.01 square meter and
reasonable range, e.g., hundreds of meters. Therefore, based
on this simulation, it is feasible to realize cellular base stations
imaging for UAVs.

The table 1 summarizes the key observation and sugges-
tions for the capability of cellular base station imaging.

IV. UAV IMAGING ILLUSTRATION

In this section, cellular base station imaging is illustrated by
processing the collected 1000 echoes with the pulse width
T, = 0.4us and PRI T, = 500us, thereby the total radar
observation time 0.5 s. Assume that the maneuvering target
has a typical rotation angle of ® = /36 during the obser-
vation time block. A four-rotor drone is used to model flying
targets with different size and its basic 3D scattering model
is given in Fig.5. In the simulation, we scale the same drone
model in Fig.5 to denote the different sized UAVs in order to
do a fair performance comparison for the imaging capability
with different base station settings.

A. SIMULATION RESULTS FOR 900MHz

This section is to firstly evaluate the base station operating at
the carrier frequency 900MHz with bandwidth B = 20MHz.
Fig.6a illustrates the 1000 echoes after range compression,
from which we can see that there is a very narrow *’bright
line” that is formed by the peaks of 1000 compressed echo
(HRRPs). After range alignment and cross range compres-
sion, the 2D image is generated as shown in Fig.6b, which
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Cross range

(a) Range compression: 16 antennas, target size 0.8m x Im (RCS § =
0.33m”) and distance 1000m

455

460
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150 160 170 180 180 200 210
Cross range

(b) 2D image: 16 antennas, target size 0.8m x 1m (RCS § = 0.33m?)
and distance 1000m
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340
342
344
346

Range
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352

354
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(c) 2D image: 32 antennas, target size 24m x 30m and distance 2000m

FIGURE 6. Base station imaging examples for 900 MHz band.

has only one focused peak. This is because the drone in size
of 0.8m x 1m is smaller or comparable to the low range reso-
lution 6, = 7.5m and the cross range resolution §., = 0.955m
so that the target takes only one pixel and its side lobes may
also take a few pixels. In this case, the size and the shape of the
target cannot be recognised but can be only detected. When
the large target is considered, e.g., the drone is scaled up to
24m x 30m, it can be imaged as Fig.6c, from which the shape
of the four-rotor drone can be roughly observed, and also we

520 530 540 550 560 570 580 590 600
Cross range

(a) 2D image: target size 16m x 20m and distance 1000m

015 20

Envelope amplitude

0 -
X [meter]

0 50 100 150 200 250 300 350 400 450 500
Range

(b) HRRP: target size 16m x 20m and distance 3000m
240
250

260

Range

270

280

290

720 730 740 750 760 770 780
Cross range

(c) 2D image: target size 8m x 10m and distance 200m

250
252
254
256
258

Range

262
264
266

735 740 745 750 755 760
Cross range

(d) 2D image: target size 2.4m x 3m and distance 200m

FIGURE 7. 64-antenna base station imaging examples for 3.5GHz band.

can roughly estimate the size of the drone by counting the
number of range bins and the number of columns. Therefore,

the low frequency below 3GHz is more suitable for the long
range detection, except for the very large-sized targets.
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FIGURE 8. 512-antenna base station imaging examples for 28GHz band.

B. SIMULATION RESULTS FOR 3.5GHz

In this part, we firstly consider a 64-antenna 5G base station
operating at the carrier frequency 3.5GHz and B = 100MHz.
Consider a large target in the size of 16m x 20m, Fig.7a shows
the 2D radar image for the drone with the distance 1000m
from the base station. In this case, with the range resolution
8 = 1.5m and the cross range resolution 6., = 0.49m,
the shape of the drone is roughly shown. When we increase
the distance to 3000m, the target cannot be imaged in two
dimensions due to low SNR caused by the severe path loss.
Yet, the HRRP can be still obtained as Fig.7b, from which
the range size of the target can still be roughly estimated by
accounting how many range bins the target reflected peaks
take.

When the bandwidth is increased to B = 400MHz by using
carrier aggregation, it might be allowed to image smaller
sized target. For example, Fig.7c clearly show the target in
size of 8m x 10m by benefiting from the high range resolution
8y = 0.375m and the cross range resolution §. = 0.4911m.
However, when the size of the target is further reduced to
2.4m x 3m, the width of the drone (3m) only takes a few cross
range pixels so that the target cannot be clearly presented in
cross range as shown in Fig.7d. Therefore, the 5G base station
at 3.5GHz is more suitable to perform 2D imaging for the
middle-and-large sized targets at middle-and-long range.

C. SIMULATION RESULTS FOR 28GHz
This part shows the imaging performance for the 512-antenna
base station operating at the carrier frequency of 28 GHz.

24850

For the bandwidth is B = 2GHz at 28 GHz, very high
imaging resolution can be achieved - the range resolution
8y = 0.075m and the cross range resolution 8., = 0.0614m.
Therefore, the shape and even detailed features of the target
with size of 8m x 10m and a 200m distance are clearly pre-
sented as the imaging example in Fig.8a. When the target size
is reduced to the very small size 0.8m x 1m, it is still feasible
to observe the shape and estimate the size of this very small
target, as shown in Fig.8b. However, the path loss at mm-wave
becomes much more severe compared with the sub-6GHz
microwave, which usually results in low SNR for the far
away targets. Therefore, the mm-wave band is more suitable
to achieve very high resolution imaging for short-range and
small-sized targets due to its very high resolution and severe
path loss.

V. CONCLUSION

In this work, we systematically study and illustrated the con-
cept of cellular base station imaging, along with its signalling
strategy and imaging mechanism. The feasibility study pro-
vides a theoretical view and analysis of this JIAC idea. Note
that this JIAC method requires a very little change of the
current OFDM transmission in cellular mobile networks, and
has almost no influence on the current communication oper-
ation and performance. Therefore, this cellular base station
imaging has a great potential for the practical application.
In terms of implementation, high resolution imaging needs
wide frequency band, but it in return will cause large radar
echoes’ sampling data, resulting in a high hardware demand-
ing of the radar data storage and processing capability at a
cellular base station.

It is for the first time to illustrate the proposed cellular
base station imaging concept numerically, from which the
imaging performance where evaluated for the different types
of cellular base stations, for example at 900MHz, 3.5GHz
and 28GHz, respectively. The results imply that cellular base
station at sub- 3GHz is more suitable for the long-range target
detection due to its low range resolution and less sever path
loss. In contrast, mm-wave bands allows the base station to
”’see” the detailed features of targets but at short distance
because of its sever path loss and very high range resolution.
The frequency range at 3.5GHz can be a trade-off choice,
especially when the bandwidth becomes large by using carrier
aggregation.
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