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Abstract: The distribution of physical activity bouts through the day may provide useful information
for assessing the impacts of interventions on aspects such as physical function. This study aimed to
investigate the associations between physical activity fragmentation, tested using different minimum
physical activity bout lengths, with physical function in older adults. The SITLESS project recruited
1360 community-dwelling participants from four European countries (>65 years old). Physical
activity fragmentation was represented as the active-to-sedentary transition probability (ASTP),
the reciprocal of the average physical activity bout duration measured using ActiGraph wGT3X+
accelerometers. Four minimum bout lengths were utilised to calculate the ASTP: >10-s, >60-s, >120-s
and >300-s. Physical function was assessed using the 2-min walk test 2MWT) and the composite
score from the Short Physical Performance Battery (SPPB) test. Linear regression analyses, after
adjusting for relevant covariates, were used to assess cross-sectional associations. After adjustment
for relevant covariates, lower ASTP using >10-s bouts were associated with longer 2MWT distances
and higher SPPB scores. Lower ASTP using >120-s bouts and >300-s bouts were associated with
longer 2MWT distances but not the SPPB. Less fragmented physical activity patterns appeared to be
associated with better physical function in community-dwelling older adults.
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1. Introduction

In ageing populations, sufficient levels of physical activity at any intensity have been
shown to reduce premature mortality, improve both physical and psychological function by
reducing chronic disease risk and generally lead to better health and wellbeing [1-4]. Being
physically active into older age confers benefits to the cardiometabolic and musculoskeletal
systems which results in a greater number of healthy life years free from chronic disease and
disability [2,5]. However, older adults are likely to be the least physically active population
segment with many failing to meet the minimal physical activity guidelines [6,7].

Current guidelines recommend that older adults should be achieving >150 min of mod-
erate physical activity, >75 min of vigorous physical activity or a combination of both every
week while also limiting prolonged sedentary behaviour [8-10]. Notably, these recently updated
physical activity recommendations are moving away from requiring continuous moderate-
vigorous physical activity to meet guidelines and towards a more flexible approach to achieving
sufficient moderate-vigorous physical activity by including any bout length [8-10]. For example,
evidence in older men has shown similar reduced risks of cardiovascular disease events from
accumulating 150 min/week moderate-vigorous physical activity sporadically or in continuous
bouts of greater than 10 min [11]. These new guidelines are more likely to be sustainable for
individuals who are frailer and less physically fit. Nevertheless, it has been suggested that a
more fragmented physical activity pattern containing few sustained physical activity bouts
coupled with frequent sedentary breaks may suggest higher levels of frailty and fatigability due
to reduced muscle function [12,13].

With accelerometer-based research in older adults continuing to grow, there is an
opportunity to extend analyses beyond traditional physical activity variables (i.e., total
daily levels and time in certain intensities) and exploring more novel composite variables,
and fully analyse their properties in relation to health outcomes [12,14]. An example of a
composite variable would be physical activity fragmentation, which can be represented as
the active-to-sedentary transitioning probability (ASTP). The ASTP has been previously
defined as the probability of transitioning from an active state to a sedentary state and is
assessed as the reciprocal of the average physical activity bout duration [15]. Measuring
physical activity fragmentation is useful because it allows for the total volume of physical
activity to be controlled for when assessing the number of physical activity bouts. These
composite variables may prove useful to assess changes in physical function, defined as the
ability to perform basic and instrumental activities of daily living [16]. Previous research
exploring the utility of measuring physical activity fragmentation in adult and older adult
populations have generally been supportive of its use. For example, more fragmented
physical activity patterns have been associated with higher fatigability [15,17,18] and
increased risk of premature mortality [13].

These findings show there is potential for fragmentation indices to be useful additional
measures for researchers. However, to date, there have been few studies which have
explored physical activity fragmentation indices in relation to physical function in older
adults. The minimum epoch value to classify a physical activity bout in order to calculate
fragmentation is also unclear. Researchers have used different minimum bout lengths to
classify physical activity in older adults, from >5-s [19] to >60-s [15,17,20]. In addition,
using higher minimum bout lengths such as >120-s or >300-s may prove to be more useful
as these are more reflective of fitness elements such as endurance capacity, and could
provide useful indicators of an older adult’s performance without completing a physical
function test. However, these minimum bout lengths have currently been untested.

The aim of this study was to investigate the associations between physical activity
fragmentation, tested using different minimum physical activity bout lengths, with physical
function in older adults.
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2. Materials and Methods
2.1. Participants and Procedures

The current study uses a cross-sectional design using baseline data from the SITLESS
study, which was collected from July 2016 to December 2017. The SITLESS study was
a multi-country randomised controlled trial of 1360 community-dwelling older adults
(>65 years old) which investigated the ability of an enhanced exercise referral scheme
which included self-management strategies to reduce sedentary behaviour, increase phys-
ical activity and improve physical function compared to a traditional exercise referral
scheme (ERS) and a control group receiving healthy lifestyle advice. Each country’s Re-
search and Ethics Committee provided approval for all study procedures. Written informed
consent was given by all participants. Eligibility criteria included being able to walk for
>2 min without help from another individual; a Short Physical Performance Battery (SPPB)
score of >4 [21]; not meeting physical activity guidelines (>30 min on >5 days per week)
and/or prolonged time spent in self-reported sedentary behaviour (i.e., 6-8 h per day).
Individuals were excluded if they had: >3 errors on a six-item cognitive impairment ques-
tionnaire; medical conditions which may have affected the study design; unstable medical
conditions (e.g., fluctuating blood pressure) or symptomatic cardiovascular diseases that
prevented physical activity participation; did not intend to attend 75% of the intervention
sessions; or already participated in ERS <6 months prior to their initial assessment visit. Af-
ter determining eligibility, participants completed two study visits during baseline testing
to collect the accelerometry (between the two study visits), physical function, demographic
and health outcomes. Full information on how the cohort were recruited and the study
procedures are described elsewhere [22].

2.2. Physical Activity and Sedentary Behaviour Assessment

The ActiGraph wGT3X+ accelerometer (ActiGraph, LLC, Pensacola, FL, USA) was
used to assess sedentary behaviour and physical activity. The normal filter setting was
used and a sampling rate of 30 Hz was chosen [23]. Participants wore the accelerometer
positioned on the dominant hip using an elastic belt for seven consecutive days during
waking hours from the day after the assessment visit. It was removed during water-based
activities (e.g., washing or swimming), and during night-time sleeping with on and off
times recorded in an activity monitor diary. To remove periods of non-wear time before
analysis, the Choi (2011) algorithm was utilized [24]. At least four valid days including
one weekend day was required; a valid day needing >600 min [25-27]. Maximum daily
wear-time was set at 19 h using a pragmatic choice based on participants” diaries and sleep
time recommendations for older adults [28]. For participants above the maximum wear-
time threshold, their activity monitor diary was compared with the software calculated
wear-time. For relevant participants, a log diary with on/off times from their own activity
monitor diary was included. Raw data were analysed using ActiLife 6.13.3 software
(ActiGraph, LLC, Pensacola, FL, USA) and summarised into 10-s epochs. Using the vertical
axis, time in sedentary behaviour was classified at <100 CPM [29] while physical activity
time was classified at >100 CPM [7]. As these cut points were developed for 60-s epoch
lengths, ActiLife software linearly scaled down accordingly to adjust for the 10-s epoch
length. To assess physical activity fragmentation, four different minimum bout lengths were
utilised: >10-s, >60-s, >120-s and >300-s. Physical activity fragmentation, represented
as the ASTP, was derived from the reciprocal of the participant’s mean physical activity
bout length (i.e., (1/mean physical activity bout length in minutes) multiplied by 100).
Physical activity bouts were defined as the time spent in consecutive epochs >100 CPM
(adjusted for the 10-s epoch length) before commencing a sedentary behaviour bout. In
order to provide more comparable ASTP scores across the four different minimum bout
lengths, the >10-s, >120-s and >300-s bout lengths were normalised to the >60-s data. This
meant each participant’s ASTP calculated using >10-s was divided by six and the ASTP
calculated using >120-s and >300-s bouts were multiplied by two and five respectively.
Higher ASTP values represented higher physical activity fragmentation and therefore less
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desirable physical activity patterns (e.g., 60% is less desirable than 30%) [15]. An ASTP
value of 100% would suggest that, on average, an individual only accrues their bouts of
physical activity at the minimum bout length threshold. To assess total physical activity
time (i.e., total volume of physical activity), the percentage of waking time spent in physical
activity was utilised.

2.3. Physical Function

The 2-min walk test 2MWT) was used to measure functional endurance capacity.
Participants were asked to walk as fast as they could for 2 min over a 15.2-m out-and-back
course. At halfway, the following standardised line was given: “You are doing well; you
have 1-min left”. Participants could slow down during the test if they became fatigued
but were encouraged at the beginning of the test to keep walking until the 2 min had
ended. The distance recorded at the end of the test was measured in metres to the nearest
0.1 metres with longer distances indicating better functional endurance. The 2MWT has
been shown to have sufficient reliability across various age groups [30].

The participants’ lower extremity function was assessed using the SPPB. The scores
of the test were derived from three timed tasks involving three balance-based positions
held for up to 10 s each (i.e., feet together, feet in a semi-tandem position and feet in a
full tandem), usual gait speed over 4 metres, and standing up from a seated position five
times [31]. Each of these tasks were scored from 0 to 4 (worst to best performance) meaning
the overall SPPB scores ranged from 0 to 12. A systematic review has recommended using
the SPPB in community-dwelling older adults as an overall measure of physical function in
terms of high validity, reliability and responsiveness compared with other measures [32].

2.4. Covariates

Variables which may influence physical activity and physical function in older adults
were chosen from several studies [5,13,16,33]. Therefore, the following demographic and
health characteristics were controlled for: country (Denmark, Spain, Northern Ireland and
Germany); sex (male/female); age (years), body mass index (BMI—kg/ m?); education
(cannot read or write/can read and write/primary/secondary/tertiary levels); number
of comorbidities (none/1-2/>2); 12-item Short Form Survey (SF-12) physical component
(higher score equals better physical health); and SF-12 mental component (higher score
equals better mental health) scores were included in all analyses along with daily sedentary
behaviour time. In addition, accelerometer wear-time was included as a covariate in
analyses involving physical activity fragmentation due to accelerometer wear-time already
being accounted for within the physical activity volume variable.

2.5. Statistical Analysis

A cross-sectional analysis was undertaken using the baseline data from the SITLESS
clinical trial. The assumptions for linear regression were tested and met. Hierarchical
linear regression analyses were conducted to explore whether different minimum bout
lengths for determining physical activity fragmentation were statistically associated with
physical function measured using 2MWT distance and SPPB score. Table 1 contains
information of the composition of the linear regression models. Model 1 included the
physical activity variables only. Model 2 included daily sedentary behaviour time for the
physical activity-related variables while also including daily accelerometer wear-time for
the fragmentation variables only. Model 3 included the relevant variables from the first two
models in addition to demographic and health variables: country (to adjust for clustering
effect), age, gender, BMI, education levels, number of co-morbidities and SF-12 (physical
and mental components). All analyses were conducted using SPSS Statistics (IBM SPSS
Statistics for Windows, Version 25.0. Armonk, NY, USA). Data are presented as mean £ SD
unless otherwise stated. Statistical significance was set at p < 0.05. Only complete cases
were included.
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Table 1. Composition of linear regression models.

Model

PA Fragmentation Variables

PA Volume Variable

1

ASTP using 10-,60-, 120- or 300-s PA bouts

Percentage time in total PA

ASTP using 10-,60-, 120- or 300-s PA bouts
Daily SB time
Daily wear-time

Percentage time in total PA
Daily SB time

ASTP using 10-,60-, 120- or 300-s PA bouts
Daily SB time
Daily wear-time
Country
Sex
Age
BMI
Education
Number of comorbidities
Physical SF-12
Mental SF-12

Percentage time in total PA
Daily SB time
Country
Sex
Age
BMI
Education
Number of comorbidities
Physical SF-12
Mental SF-12

Abbreviations: BMI = body mass index; PA = physical activity; ASTP = active-to-sedentary transitioning probabil-
ity; SB = sedentary behaviour; SF = short form.

3. Results

3.1. Descriptive Data

Table 2 highlights the descriptive statistics for the sample population. Participants were
split relatively equally between the four countries, three fifths of the sample were female,
mean age was over 75 years old, most participants were classified as being overweight
according to BMI, over 75% had completed at least secondary education and 90.5% reported
having at least one comorbidity.

Table 2. Participant demographic and health characteristics (n = 1360).

Number % or Mean £+ SD
Country
Denmark 338 249
Spain 356 26.2
United Kingdom 321 23.6
Germany 345 25.4
Sex
Male 520 38.2
Female 840 61.8
Age, years 1359 753 +£6.3
BMI, kg/ m? 1352 289 +£5.2
Education
Cannot read or write 5 0.4
Can read and write 36 2.7
Primary education 279 20.8
Secondary education 712 53.2
Tertiary /university education 303 22.6
Unwilling to answer 3 0.2
Other 1 0.1
Number of comorbidities
No comorbidities 124 9.5
1-2 comorbidities 494 37.7
>2 comorbidities 692 52.8
Physical SF-12 score 1305 448 +9.2
Mental SF-12 score 1306 51.7 £ 8.9

Abbreviations: BMI = body mass index; SD = standard deviation; SF = short form.
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The data for physical function, sedentary behaviour and physical activity are high-
lighted in Table 3. Individuals not being able to complete the 2MWT (1 = 12), not undertak-
ing any of the three SPPB tasks (1 = 16) or not meeting the minimum valid accelerometry
wear-time criteria (n = 94) were the reasons for missing data. On average, participants
spent almost 80% of waking time being sedentary with daily physical activity time lasting
slightly over 3 h.

Table 3. Participants’ physical function, sedentary behaviour and physical activity levels. (1 = 1360).

Total (Number) Mean + SD
Physical function
2-Minute Walk Test (metres) 1348 149.6 + 34.5
Short Physical Performance Battery score (0-12) 1344 93+24
SB and PA variables
Daily SB time (minutes) 1266 678.7 +75.9
Percentage time in total SB (%) 1266 78.8 +7.00
Daily PA time (minutes) 1266 183.3 + 63.4
Percentage time in total PA (%) 1266 21.2 +7.00
Daily wear-time (minutes) 1266 862.1 £ 68.7
ASTP using >10-s PA bouts (%) 1266 33.0£7.0
ASTP using >60-s PA bouts (%) 1266 51.1 +9.5
ASTP using >120-s PA bouts (%) 1265 545+ 11.9
ASTP using >300-s PA bouts (%) 1205 622+ 15.1

Abbreviations: PA = physical activity; ASTP = active-to-sedentary transitioning probability; SB = sedentary
behaviour; SD = standard deviation.

3.2. Regression Analysis

On average, when using any physical activity variable, the final model accounting
for covariates (Model 3) explained 53.0% of the variance in 2MWT distances and 39.4%
of the variance in SPPB scores (see Supplementary Materials). Lower ASTP using >10-s
physical activity bouts, along with higher total physical activity volume were statistically
significantly associated (p < 0.05) with longer 2MWT distances (3 = —0.60, t (1195) = —4.27,
p = 0.007) and higher SPPB scores ( = —0.04, t (1191) = —3.88, p < 0.001) (Table 4). Lower
ASTP using >120-s and >300-s physical activity bouts were statistically significantly
associated (p > 0.05) with longer 2MWT distances (3 = —0.16, t (1194) = —2.65, p = 0.008
and 3 = —0.11, t (1140) = —2.21, p = 0.028, respectively) but not SPPB scores (Table 4). No
statistically significant associations (p > 0.05) were found for ASTP using >60-s bouts with
2MWT distance (p = 0.159) and SPPB score (p = 0.704).

Table 4. Associations of different sedentary behaviour and physical activity patterns with physical
function after adjusting for covariates (Model 3).

Unstandardized Standardized 3

H 0,
Variables Coefficients Coefficients 95% CI P
2-Minute Walk Test (metres; n = 1207)

ASTP using >10-s PA bouts (%) —0.60 —0.12 —0.87 to —0.32 <0.001
ASTP using >60-s PA bouts (%) 0.10 0.03 —0.04 to 0.24 0.159
ASTP using >120-s PA bouts (%) ? —0.16 —0.06 —0.28 to —0.04 0.008
ASTP using >300-s PA bouts (%) b —0.11 —0.05 —0.20 to —0.01 0.028
Total PA (%) 0.95 0.19 0.65 to 1.25 <0.001
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Table 4. Cont.

. Unstandardized Standardized
Variables Coefficients Coefficients 95% C1 P
SPPB score (n = 1203)

ASTP using >10-s PA bouts (%) —0.04 —0.12 —0.06 to —0.02 <0.001
ASTP using >60-s PA bouts (%) —0.00 —0.01 —0.01 to 0.01 0.704
ASTP using >120-s PA bouts (%) € 0.00 0.00 —0.01 t0 0.01 0.934
ASTP using >300-s PA bouts (%) d 0.00 —0.02 0.00 to 0.00 0.364
Total PA (%) 0.07 0.20 0.04 to 0.09 <0.001

Abbreviations: 95% CI = 95% confidence intervals; PA = physical activity; ASTP = active-to-sedentary transitioning
probability; SPPB = Short Physical Performance Battery test; * n = 1206 due to 1 participant not completing any
120-s PA bouts; ? 1 = 1152 due to 55 participants not completing any 300-s PA bouts; ¢ n = 1202 due to 1 participant
not completing any 120-s PA bouts; ¢ 1 = 1147 due to 56 participants not completing any 300-s PA bouts; All
models were adjusted for country, sex, age, body mass index, education, number of comorbidities, physical SF-12
and mental SF-12. Additionally, ASTP was adjusted for daily sedentary behaviour time and daily wear-time
while total percentage time in physical activity was adjusted for daily sedentary behaviour time. Bold signifies
statistically significant associations (p < 0.05).

Additional information regarding the covariates associated with physical function is
provided within the Supplementary Materials. The following characteristics were found to
be associated with better 2MWT performance and SPPB scores: being male; younger age;
having lower BMI; being more educated; having higher self-rated physical function; and
having higher self-rated mental function. Living with a lower number of comorbidities
was only found to be significantly associated with better 2MWT performance and not
SPPB scores.

4. Discussion

This study investigated associations between physical activity fragmentation, calcu-
lated using different minimum bout lengths, with physical function in community-dwelling
older adults. Our study has helped to address a recognised limitation in previous research
in that the minimum bout length has generally only been defined using a >60-s bout
duration. It has been suggested that other durations could yield different results [20]. We
tested four different minimum bout lengths to calculate ASTP values. Importantly, the
association with physical function appeared to be altered depending on how the ASTP
value was calculated, alongside the physical function test chosen. Lower ASTP calculated
using >10-s minimum bouts was associated with better performance in both physical
function tests while lower ASTP calculated using >120-s and >300-s minimum bouts was
also associated with better 2MWT performance but not SPPB scores. Total physical activity
volume was found to be associated with both physical function tests. These findings add to
previous reflections from Chastin and colleagues (2015) who highlighted that while volume
metrics, such as total time and numbers of bouts, provide straightforward directions of
behaviour change and how this may have occurred, these metrics might be less sensitive to
change compared to hybrid metrics such as fragmentation index [34].

The only ASTP value which was associated with both physical function tests was
ASTP calculated using >10-s physical activity bouts. However, further exploration using
Pearson’s correlation coefficient revealed that ASTP using >10-s physical activity bouts
was significantly associated (p < 0.001) with total physical activity volume (r = —0.68).
Therefore, this suggests that this specific minimum bout length is likely to be too reflective
of total physical activity volume to provide any further usefulness.

Lower ASTP using >120-s and >300-s physical activity bouts resulted in longer
2MWT distances, although no significant associations were found for ASTP using >60-s
physical activity bouts. These findings suggest that more fragmented physical activity
patterns, with reduced longer bout patterns, may be an indirect indicator of reduced
functional capacity in older adults. This has been shown in Finnish older adults [35] using
the longer 6MWT (p < 0.001) and also a different accelerometer (ActiHeart). Physical
activity which continues to be fragmented over a prolonged period may also be a good
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indicator of morbidity status in cancer survivors [17] as well as increased all-cause mortality
risk in older adults [13,20]. Our findings are also partially supported by work from the
Baltimore Longitudinal Study of Aging in that we found a more fragmented physical
activity pattern appeared to be associated with worse physical function [15]. However, our
study did not find that ASTP using >60-s physical activity bouts was related to the 2MWT
whereas Schrack and colleagues (2019) found that more fragmented physical activity using
>60-s physical activity bouts was associated with slower time in another walk test (i.e.,
400 m) as well as slower gait speed and higher perceived fatigability. Our assumption
was that physical activity fragmentation calculated using higher minimum bout lengths
(i.e., >120-s and >300-s) would be more reflective of endurance-based activities and this
seemed to be the case with regards to the 2MWT. Examples of endurance-based activities
relevant for older adults could be walking to the shops or meeting up with a friend at a
cafe. These findings support recent recommendations from Leroux and colleagues (2020)
regarding the need for interventions to target improvements in endurance which may in
turn reduce physical activity fragmentation [36]. However, an important consideration for
researchers looking to explore different minimum bout lengths when looking to calculate
physical activity fragmentation is that higher thresholds (e.g., >300-s) may result in some
individuals, particularly those who are frailer and less functionally able, not being included
in the analysis because they are likely to be unable to complete continuous physical activity
bouts for this length of time.

No significant associations were found for ASTP using >60-s, >120-s and >300-s
physical activity bouts with the SPPB. This contrasts with another study which found
that more fragmented physical activity using >60-s physical activity bouts was associated
with lower expanded SPPB scores [15]. Possible reasons for these conflicting findings
may include using different accelerometers (ActiGraph versus Actiheart) in different body
locations (hip versus chest), epoch lengths to summarise physical activity (10-s versus 60-s),
wear-time (waking hours only versus all-day wear-time), using different versions of the
SPPB and different types of populations being investigated (exclusively older adult versus
mixed adult/older adult samples). The general lack of associations between physical
activity fragmentation and the SPPB may also be due to the SPPB being a composite
measure of physical function with limited variety in the overall scoring (i.e., 0-12). For
example, two participants may have the same overall score but could actually be quite
different in terms of their balance ability, gait speed and leg strength. As physical function
incorporates numerous elements, it will be important for future research exploring physical
activity fragmentation to utilise other testing procedures focusing on aspects such as
balance, co-ordination and strength.

Limitations and Strengths

The study used a cross-sectional design, meaning it was impossible to establish
whether unfavourable fragmentation patterns caused reduced physical function or vice-
versa. Due to high levels of collinearity, it was impossible to control for physical activity
intensity in the current analysis meaning this may have impacted the findings. Regardless,
there are strengths of the study. These include using a widely used and accepted mea-
surement tool for physical activity (i.e., the ActiGraph), using objective measurements of
physical function, considering different methods of calculating fragmentation patterns, in-
cluding a large sample of older adults from four diverse European countries and controlling
for relevant covariates.

5. Conclusions

The findings suggest that after adjusting for relevant covariates, less fragmented
physical activity patterns calculated using >10-s, >120-s and >300-s minimum bout lengths
were associated with better physical function measured in community-dwelling older
adults. However, no significant associations with physical function were found using >60-s
minimum bout lengths. Assessing physical activity fragmentation may help researchers
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to understand how their participants are typically accruing their physical activity. This
may provide important information on how they may become more active, which could
support intervention design/development and lead to improved outcomes such as physical
function. There may also be the possibility that measuring physical activity fragmentation
could be useful at predicting quality of life, wellbeing outcomes and life-years gained for the
purposes of economic modelling; this needs to be determined. Future research investigating
the correlates of fragmented physical activity patterns and the potential associations with
other important outcomes such as cardiometabolic health in older adults would help to
further understanding on the usefulness of physical activity fragmentation as a clinical
measure. In addition, pairing the epoch length used to summarise the accelerometry data
with the minimum physical activity bout length (e.g., using 120-s epoch length when using
>120-s minimum physical activity bout length) could be an area for future exploration in
this particular area. Longitudinal studies investigating the potential of physical activity
fragmentation at predicting physical function during ageing would also be useful to provide
further evidence for the utility of measuring physical activity fragmentation.

Supplementary Materials: The following are available online at https://www.mdpi.com/article/10.3
390/jal2010006/s1. Table S1: Linear model of predictors of 2MWT including ASTP using >10-s PA
bouts with 95% Confidence Intervals. Table S2: Linear model of predictors of 2MWT including
ASTP using >60-s PA bouts with 95% Confidence Intervals. Table S3: Linear model of predictors
of 2MWT including ASTP using >120-s PA bouts with 95% Confidence Intervals. Table S4: Linear
model of predictors of 2MWT including ASTP using >300-s PA bouts with 95% Confidence Intervals.
Table S5: Linear model of predictors of 2MWT including total PA volume with 95% Confidence
Intervals. Table S6: Linear model of predictors of SPPB including ASTP using >10-s PA bouts with
95% Confidence Intervals. Table S7: Linear model of predictors of SPPB including ASTP using >60-s
PA bouts with 95% Confidence Intervals. Table S8: Linear model of predictors of SPPB including
ASTP using >120-s PA bouts with 95% Confidence Intervals. Table S9: Linear model of predictors
of SPPB including ASTP using >300-s PA bouts with 95% Confidence Intervals. Table S10: Linear
model of predictors of SPPB including total PA volume with 95% Confidence Intervals.

Author Contributions: Conceptualization, J.J.W., M.S., P.C. and M.A.T.; methodology, ].JW., LM.,
JJ-R.,, GR.O,, J K, D.D., L.C.-P, EM., M.S,, PC. and M.A.T,; validation, N.E.B.,, N.K., P.C. and
M.A.T,; formal analysis, J.J.W.; investigation, ]J.].W., LM., N.E.B. and M.S,; resources, L.C.-P.,, EM.,
P.C. and M.A.T.; data curation, J.J.W. and M.S.; writing—original draft preparation, J.J.W., P.C. and
M.A.T.; writing—review and editing, LM., N.E.B.,, N.K,, ] J.-R,, GR.O,, ] K., D.D., L.C.-P, EM. and
M.S.; supervision, P.C. and M.A.T.; project administration, L.C.-P., EM., P.C. and M.A.T.; funding
acquisition, L.C.-P, EM., P.C. and M.A.T. All authors have read and agreed to the published version
of the manuscript.

Funding: This research was funded by the European Union program Horizon 2020, grant number
H2020-Grant 634270 as part of the SITLESS consortium.

Institutional Review Board Statement: The study was conducted according to the guidelines of the
Declaration of Helsinki, and approved by the Ethics and Research Committee of each intervention
site: The Ethics and Research Committee of Ramon Llull University (reference number: 1314001P;
Fundaci6 Blanquerna, Spain), The Regional Committees on Health Research Ethics for Southern
Denmark (reference number: S-20150186; University of Southern Denmark, Denmark), the Office for
Research Ethics Committees in Northern Ireland (reference number: 16/NI/0185; Queen’s University
of Belfast, United Kingdom) and the Ethical Review Board of Ulm University (reference number:
354/15; Ulm, Germany).

Informed Consent Statement: Written informed consent was obtained from all participants involved
in the study.

Data Availability Statement: The data presented in this study are available on request from the corre-
sponding author. The data are not publicly available at the time of publication due to ongoing analyses.

Acknowledgments: The authors wish to express their appreciation for all those that volunteered
for this study and Nicky Laird for her administrative support. We also thank the Northern Ireland
Clinical Research Facility and the Municipality of Odense for facilitating the assessments in the


https://www.mdpi.com/article/10.3390/jal2010006/s1
https://www.mdpi.com/article/10.3390/jal2010006/s1

J. Ageing Longev. 2022, 2 72

United Kingdom and Danish sites, respectively. The work described in this publication was part of
the SITLESS project, supported and funded by the European Union program Horizon 2020 (H2020-
Grant 634270). Consortium members of the participating organisations of the SITLESS project:
Antoni Salva Casanovas, Alex Domingo, Marta Roqué and Laura Coll-Planas: Health and Ageing
Foundation of the Universtitat Autonoma de Barcelona, Spain; Maria Giné-Garriga, Miriam Guerra-
Balic, Carme Martin-Borras, Javier Jerez-Roig, Guillermo R Oviedo, Marta Santiago-Carrés, Oriol
Sansano and Guillermo Varela: Faculty of Psychology, Education and Sport Sciences Blanquerna,
Ramon Llull University, Barcelona, Spain; Emma McIntosh and Manuela Deidda: Health Economics
and Health Technology Assessment, University of Glasgow, UK; Dietrich Rothenbacher, Michael
Denkinger, Katharina Wirth, Dhayana Dallmeier and Jochen Klenk: Institute of Epidemiology
and Medical Biometry, Ulm University, Germany; Frank Kee: Centre for Public Health, School of
Medicine, Dentistry and Biomedical Sciences, Queen’s University Belfast, UK; Mark A. Tully, Jason
J. Wilson, Nicole E. Blackburn and Ilona McMullan: School of Health Sciences, Ulster University,
UK; Paolo Caserotti and Mathias Skjedt: Department of Sport Science and Clinical Biomechanics,
University of South Denmark, Denmark; Guillaume Lefebvre: SIEL, Sport initiative et Loisir Bleu
association, Straflbourg, France; Denise Gonzalez: SIEL, Sport initiative et Loisir Bleu association,
Barcelona, Spain.

Conflicts of Interest: The authors declare no conflict of interest. The funders had no role in the design
of the study; in the collection, analyses, or interpretation of data; in the writing of the manuscript; or
in the decision to publish the results.

References

1.

10.

11.

12.

13.

14.

Cunningham, C.; O’Sullivan, R.; Caserotti, P; Tully, M.A. Consequences of physical inactivity in older adults: A systematic review
of reviews and meta-analyses. Scand. |. Med. Sci. 2020, 30, 816-827. [CrossRef]

Bangsbo, J.; Blackwell, J.; Boraxbekk, C.; Caserotti, P.; Dela, F.; Evans, A.B.; Jespersen, A.P.; Gliemann, L.; Kramer, A .F; Lundbye-
Jensen, J.; et al. Copenhagen Consensus statement 2019: Physical activity and ageing. Br. J. Sports Med. 2019, 53, 856-858.
[CrossRef]

Ekelund, U.; Tarp, J.; Steene-Johannessen, J.; Hansen, B.H.; Jefferis, B.; Fagerland, M.W.; Whincup, P; Diaz, KM.; Hooker, S.P,;
Chernofsky, A.; et al. Dose-response associations between accelerometry measured physical activity and sedentary time and all
cause mortality: Systematic review and harmonised meta-analysis. BMJ 2019, 366, 14570. [CrossRef]

Chodzko-Zajko, W.J.; Proctor, D.N.; Fiatarone Singh, M.A.; Minson, C.T,; Nigg, C.R.; Salem, G.J.; Skinner, J.S. American College of
Sports Medicine Position Stand—Exercise and Physical Activity for Older Adults. Med. Sci. Sports Exerc. 2009, 41, 1510-1530.
[CrossRef] [PubMed]

Figueiro, T.H.; Arins, G.C.B.; Santos, C.E.S.D.; Cembranel, F.; Medeiros, P.A.; d’Orsi, E.; Rech, C.R. Association of objectively mea-
sured sedentary behavior and physical activity with cardiometabolic risk markers in older adults. PLoS ONE 2019, 14, €0210861.
[CrossRef] [PubMed]

Sun, F; Norman, L]J.; While, A.E. Physical activity in older people: A systematic review. BMC Public Health 2013, 13, 449.
[CrossRef] [PubMed]

Troiano, R.P.; Berrigan, D.; Dodd, K.W.; Masse, L.C.; Tilert, T.; McDowell, M. Physical activity in the United States measured by
accelerometer. Med. Sci. Sports Exerc. 2008, 40, 181-188. [CrossRef]

Bull, EC.; Al-Ansari, S.S.; Biddle, S.; Borodulin, K.; Buman, M.P.,; Cardon, G.; Carty, C.; Chaput, ].P,; Chastin, S.; Chou, R.; et al.
World Health Organization 2020 guidelines on physical activity and sedentary behaviour. Br. J. Sports Med. 2020, 54, 1451-1462.
[CrossRef]

UK Chief Medical Officers’ Physical Activity Guidelines. Available online: https://assets.publishing.service.gov.uk/government/
uploads/system/uploads/attachment_data/file/832868 / uk-chief-medical-officers-physical-activity-guidelines.pdf (accessed on
2 December 2021).

Piercy, K.L.; Troiano, R.P;; Ballard, R.M.; Carlson, S.A.; Fulton, J.E.; Galuska, D.A.; George, S.M.; Olson, R.D. The Physical Activity
Guidelines for Americans. JAMA 2018, 320, 2020-2028. [CrossRef]

Jefferis, B.J.; Parsons, T.].; Sartini, C.; Ash, S.; Lennon, L.T.; Papacosta, O.; Morris, R.W.; Wannamethee, S.G.; Lee, I.-M.; Whincup,
P.H. Does total volume of physical activity matter more than pattern for onset of CVD? A prospective cohort study of older
British men. Int. |. Cardiol. 2019, 278, 267-272. [CrossRef]

Wanigatunga, A.A.; Ferrucci, L.; Schrack, J.A. Physical activity fragmentation as a potential phenotype of accelerated aging.
Oncotarget 2019, 10, 807-809. [CrossRef]

Wanigatunga, A.A.; Di, J.; Zipunnikov, V.; Urbanek, ].K.; Kuo, P.-L.; Simonsick, E.M.; Ferrucci, L.; Schrack, J.A. Association of
total daily physical activity and fragmented physical activity with mortality in older adults. JAMA Netw. Open 2019, 2, €1912352.
[CrossRef]

Shiroma, E.J.; Schrack, J.A.; Harris, T.B. Accelerating accelerometer research in aging. J. Gerontol. A Biol. Sci. Med. Sci. 2018, 73,
619-621. [CrossRef]


http://doi.org/10.1111/sms.13616
http://doi.org/10.1136/bjsports-2018-100451
http://doi.org/10.1136/bmj.l4570
http://doi.org/10.1249/MSS.0b013e3181a0c95c
http://www.ncbi.nlm.nih.gov/pubmed/19516148
http://doi.org/10.1371/journal.pone.0210861
http://www.ncbi.nlm.nih.gov/pubmed/30657795
http://doi.org/10.1186/1471-2458-13-449
http://www.ncbi.nlm.nih.gov/pubmed/23648225
http://doi.org/10.1249/mss.0b013e31815a51b3
http://doi.org/10.1136/bjsports-2020-102955
https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_data/file/832868/uk-chief-medical-officers-physical-activity-guidelines.pdf
https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_data/file/832868/uk-chief-medical-officers-physical-activity-guidelines.pdf
http://doi.org/10.1001/jama.2018.14854
http://doi.org/10.1016/j.ijcard.2018.12.024
http://doi.org/10.18632/oncotarget.26631
http://doi.org/10.1001/jamanetworkopen.2019.12352
http://doi.org/10.1093/gerona/gly033

J. Ageing Longev. 2022, 2 73

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

Schrack, J.A.; Kuo, PL.; Wanigatunga, A.A.; Dj, J.; Simonsick, E.M.; Spira, A.P.; Ferrucci, L.; Zipunnikov, V. Active-to-sedentary
behavior transitions, fatigability, and physical functioning in older adults. J. Gerontol. A Biol Sci. Med. Sci. 2019, 74, 560-567.
[CrossRef]

Garber, C.E.; Greaney, M.L.; Riebe, D.; Nigg, C.R.; Burbank, P.A ; Clark, P.G. Physical and mental health-related correlates of
physical function in community dwelling older adults: A cross sectional study. BMC Geriatrics 2010, 10, 6. [CrossRef]
Wanigatunga, A.A.; Gresham, G.K.; Kuo, PL.; Martinez-Amezcua, P.; Zipunnikov, V.; Dy, S.M.; Simonsick, E.M.; Ferrucci, L.;
Schrack, J.A. Contrasting characteristics of daily physical activity in older adults by cancer history. Cancer 2018, 124, 4692-4699.
[CrossRef]

Kuo, P; Zipunnikov, V.; Dj, ].; Wanigatunga, A.A.; Simonsick, E.M.; Studenski, S.A.; Ferrucci, L.; Schrack, J. Fragmentation of
physical activity is strongly associated with gait speed and fatigability. Innov Aging 2017, 1 (Suppl. S1), 252. [CrossRef]

Menai, M.; van Hees, V.; Elbaz, A.; Kivimaki, M.; Singh-Manoux, A.; Sabia, S. Accelerometer assessed moderate-to-vigorous
physical activity and successful ageing: Results from the Whitehall II study. Sci. Rep. 2017, 7, 45772. [CrossRef]

Di, J.; Leroux, A.; Urbanek, J.; Varadhan, R.; Spira, A.; Schrack, J.; Zipunnikov, V. Patterns of sedentary and active time
accumulation are associated with mortality in US adults: The NHANES study. bioRxiv 2017, 182337. [CrossRef]

Guralnik, ].M.; Ferrucci, L.; Simonsick, E.M.; Salive, M.E.; Wallace, R.B. Lower-extremity function in persons over the age of 70
years as a predictor of subsequent disability. N. Engl. J. Med. 1995, 332, 556-562. [CrossRef]

Giné-Garriga, M.; Coll-Planas, L.; Guerra, M.; Domingo, A Roqué, M.; Caserotti, P.; Denkinger, M.; Rothenbacher, D.; Tully,
M.A.; Kee, F; et al. The SITLESS project: Exercise referral schemes enhanced by self-management strategies to battle sedentary
behaviour in older adults: Study protocol for a randomised controlled trial. Trials 2017, 18, 21. [CrossRef]

Brend, ].C.; Arvidsson, D. Sampling frequency affects the processing of Actigraph raw acceleration data to activity counts. J. Appl.
Physiol. 2016, 120, 362-369. [CrossRef]

Choi, L.; Liu, Z.; Matthews, C.E.; Buchowski, M.S. Validation of accelerometer wear and nonwear time classification algorithm.
Med. Sci. Sports Exerc. 2011, 43, 357-364. [CrossRef]

Gorman, E.; Hanson, HM,; Yang, PH.; Khan, K.M.; Liu-Ambrose, T.; Ashe, M.C. Accelerometry analysis of physical activity and
sedentary behavior in older adults: A systematic review and data analysis. Eur. Rev. Aging Phys. Act. 2014, 11, 35-49. [CrossRef]
Migueles, ].H.; Cadenas-Sanchez, C.; Ekelund, U.; Delisle Nystrom, C.; Mora-Gonzalez, J.; Lof, M.; Ortega, F.B. Accelerometer data
collection and processing criteria to assess physical activity and other outcomes: A systematic review and practical considerations.
Sports Med. 2017, 47, 1821-1845. [CrossRef]

Ricardo, L.I.C.; Wendt, A.; Galliano, L.M.; Muller, W.D.A ; Cruz, G.IN.; Wehrmeister, F.; Brage, S.; Ekelund, U.; Silva, I.C.M.
Number of days required to estimate physical activity constructs objectively measured in different age groups: Findings from
three Brazilian (Pelotas) population-based birth cohorts. PLoS ONE 2020, 15, e0216017. [CrossRef]

Hirshkowitz, M.; Whiton, K.; Albert, S.M.; Alessi, C.; Bruni, O.; DonCarlos, L.; Hazen, N.; Herman, J.; Katz, E.S.; Kheirandish-
Gozal, L.; et al. National Sleep Foundation’s sleep time duration recommendations: Methodology and results summary. Sleep
Health 2015, 1, 40-43. [CrossRef] [PubMed]

Matthews, C.E.; Chen, K.Y,; Freedson, P.S.; Buchowski, M.S.; Beech, B.M.; Pate, R.R.; Troiano, R.P. Amount of time spent in
sedentary behaviors in the United States, 2003-2004. Am. ]. Epidemiol. 2008, 167, 875-881. [CrossRef] [PubMed]

Bohannon, R.W.; Wang, Y.C.; Gershon, R.C. Two-minute walk test performance by adults 18 to 85 years: Normative values,
reliability, and responsiveness. Arch. Phys. Med. Rehabil. 2015, 96, 472-477. [CrossRef] [PubMed]

Guralnik, ].M.; Simonsick, E.M.; Ferrucci, L.; Glynn, R.J.; Berkman, L.F.; Blazer, D.G.; Scherr, P.A.; Wallace, R.B. A short physical
performance battery assessing lower extremity function: Association with self-reported disability and prediction of mortality and
nursing home admission. J. Gerontol. 1994, 49, M85-M94. [CrossRef] [PubMed]

Freiberger, E.; De Vreede, P; Schoene, D.; Rydwik, E.; Mueller, V.; Frandin, K.; Hopman-Rock, M. Performance-based physical
function in older community-dwelling persons: A systematic review of instruments. Age Ageing 2012, 41, 712-721. [CrossRef]
Sardinha, L.B.; Santos, D.A.; Silva, A.M.; Baptista, F.; Owen, N. Breaking-up sedentary time is associated with physical function
in older adults. J. Gerontol. A Biol. Sci. Med. Sci. 2015, 7, 119-124. [CrossRef]

Chastin, S.EM.; Winkler, E.A.H.; Eakin, E.G.; Gardiner, P.A.; Dunstan, D.W.; Owen, N.; Healy, G.N. Sensitivity to change of
objectively-derived measures of sedentary behavior. Meas Phys. Educ. Exerc. Sci. 2015, 19, 138-147. [CrossRef]

Palmberg, L.; Rantalainen, T.; Rantakokko, M.; Karavirta, L.; Siltanen, S.; Skantz, H.; Saajanaho, M.; Portegijs, E.; Rantanen, T. The
associations of activity fragmentation with physical and mental fatigability among community-dwelling 75-, 80- and 85-year-old
people. J. Gerontol. A Biol. Sci. Med. Sci. 2020, 75, €103-e110. [CrossRef]

Leroux, A.; Xu, S.; Kundu, P; Muschelli, ].; Smirnova, E.; Chatterjee, N.; Crainiceanu, C. Quantifying the predictive performance
of objectively measured physical activity on mortality in the UK Biobank. J. Gerontol. A Biol. Sci. Med. Sci. 2021, 76, 1486-1494.
[CrossRef]


http://doi.org/10.1093/gerona/gly243
http://doi.org/10.1186/1471-2318-10-6
http://doi.org/10.1002/cncr.31745
http://doi.org/10.1093/geroni/igx004.928
http://doi.org/10.1038/srep45772
http://doi.org/10.1101/182337
http://doi.org/10.1056/NEJM199503023320902
http://doi.org/10.1186/s13063-017-1956-x
http://doi.org/10.1152/japplphysiol.00628.2015
http://doi.org/10.1249/MSS.0b013e3181ed61a3
http://doi.org/10.1007/s11556-013-0132-x
http://doi.org/10.1007/s40279-017-0716-0
http://doi.org/10.1371/journal.pone.0216017
http://doi.org/10.1016/j.sleh.2014.12.010
http://www.ncbi.nlm.nih.gov/pubmed/29073412
http://doi.org/10.1093/aje/kwm390
http://www.ncbi.nlm.nih.gov/pubmed/18303006
http://doi.org/10.1016/j.apmr.2014.10.006
http://www.ncbi.nlm.nih.gov/pubmed/25450135
http://doi.org/10.1093/geronj/49.2.M85
http://www.ncbi.nlm.nih.gov/pubmed/8126356
http://doi.org/10.1093/ageing/afs099
http://doi.org/10.1093/gerona/glu193
http://doi.org/10.1080/1091367X.2015.1050592
http://doi.org/10.1093/gerona/glaa166
http://doi.org/10.1093/gerona/glaa250

	Introduction 
	Materials and Methods 
	Participants and Procedures 
	Physical Activity and Sedentary Behaviour Assessment 
	Physical Function 
	Covariates 
	Statistical Analysis 

	Results 
	Descriptive Data 
	Regression Analysis 

	Discussion 
	Conclusions 
	References

