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Abstract: Poly(lactic acid) (PLA) and biosourced polyamide (PA) bioblends, with a variable PA
weight content of 10–50%, were prepared by melt blending in order to overcome the high brittleness
of PLA. During processing, the properties of the melt were stabilized and enhanced by the addition of
a styrene-acrylic multi-functional-epoxide oligomeric reactive agent (SAmfE). The general analytical
equation (GAE) was used to evaluate the kinetic parameters of the thermal degradation of PLA
within bioblends. Various empirical and theoretical solid-state mechanisms were tested to find the
best kinetic model. In order to study the effect of PA on the PLA matrix, only the first stage of the
thermal degradation was taken into consideration in the kinetic analysis (α < 0.4). On the other hand,
standardized conversion functions were evaluated. Given that it is not easy to visualize the best
accordance between experimental and theoretical values of standardized conversion functions, an
index, based on the integral mean error, was evaluated to quantitatively support our findings relative
to the best reaction mechanism. It was demonstrated that the most probable mechanism for the
thermal degradation of PLA is the random scission of macromolecular chains. Moreover, y(α) master
plots, which are independent of activation energy values, were used to confirm that the selected
reaction mechanism was the most adequate. Activation energy values were calculated as a function
of PA content. Moreover, the onset thermal stability of PLA was also determined.

Keywords: PLA; PA; bioblend; thermal stability; kinetic models; reaction mechanisms; random scission

1. Introduction

The generation of polymers derived from renewable sources, also called bio-based
polymers, is an important field of research due to the role that these ecofriendly polymers
play in reducing plastic residues, which are a source of pollution, and carbon dioxide
production, which leads to a decrease in the carbon footprint of its lifecycle [1,2]. Over the
past decade, bio-based polymers, such as poly(lactic acid) (PLA), have gained interest as
a substitute for conventional fossil-based polymers in biomedical and commodity appli-
cations. Its main features are its biodegradable nature, the decrease in the CO2 footprint
associated with the product, and the non-toxic residues released during processing [3–6].

Despite its great potential, PLA still has limitations, such as its brittleness, its reduced
service temperature range, and its high instability during processing where good melt
strength is required. There is a large amount of research dedicated to solving these draw-
backs with the aim of expanding its application window to become a commodity or even
an engineering thermoplastic [7–11].

Blending PLA with other engineering soft polymers represents an industrially relevant
strategy for developing bio-based formulations with tailored performances [12]. Specif-
ically, numerous works report the investigation of melt blending PLA with polyamides
(PA) [13–18]. However, the inherent immiscibility of this binary polymer system results in
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rather poor mechanical properties. To overcome the aforementioned issue, Pai et al. [14]
and Patel et al. [18] reported the first attempts to compatibilize PLA/PA blends by adding
titanium isopropoxide and a low molecular weight epoxy resin, respectively. Unfortunately,
a high PA content (≥50%) is needed to change the blend morphology from a droplet-matrix
to co-continuous in order to improve the mechanical properties [15,17,18]. Therefore,
PLA/PA blends with a predominant PLA content still exhibit brittleness. Polymer blends
exhibiting a fine-tuned morphology with a significantly reduced droplet size of the minor
phase are promising due to their enhanced toughness in comparison to coarse sea-island
morphologies. Indeed, the challenge is not only the compatibility of phases but also the
control of the resulting morphology after processing, which contributes to determine the
mechanical performance. Initially, a refined droplet morphology of the minor phase should
be better, in terms of enhanced toughness in comparison to a coarse sea-island morphology.
However, it has been demonstrated that the generation during processing of a suitably
compatibilized and oriented fibril morphology of the dispersed phase could generate a
mechanical reinforcing effect [19].

Among all available strategies that enable a processing-controlled morphology, the
viscosity ratio of the parent polymers in blends is that which is considered in industrial
practice. Indeed, using PLA as a matrix with enhanced melt viscosity and melt elasticity
through reactive extrusion (using a styrene-acrylic multi-functional epoxide reactive agent)
promotes a more homogeneous PA microstructure with improved interfacial adhesion, thus
promoting a nucleant effect in the PLA phase [20]. Based on the work of Walha et al. [21],
this enhanced feature could be attributed to the reaction between the unreacted epoxy
groups present in modified PLA and the amine chain ends of PA.

Along with many types of aliphatic polyesters, PLA is subject to some thermal de-
composition above its melting temperature, especially during processing. Radical and
non-radical reactions have been proposed to explain the various complex mechanisms
that could occur during processing that lead to a reduction in the molecular weight and
viscosity. As a result, a general decrease in the material properties is expected. Yu et al.
(2003) [22] argued that thermal and hydrolysis reactions for biocopolymers could be gener-
ated by random chain scission reactions of the ester groups. Coupled with this mechanism,
intra- and inter-molecular transesterification reactions could also cause a drop in molecular
weight at longer reaction times.

The ever-increasing commercial importance of polymeric materials has aroused contin-
uous interest in their thermal stability. The kinetic modeling of the decomposition process
plays a central role in many of these studies, as it is crucial for an accurate prediction of
the material behavior under different working conditions [23–31]. A precise prediction
requires knowledge of the so-called kinetic triplet: the activation energy, pre-exponential
factor, and kinetic model. The latter parameter, also known as conversion function, f (α),
is an algebraic expression that is associated with the mathematical model that describes
the kinetics of solid-state reactions. Therefore, the kinetic analysis also provides some
understanding of the mechanism of the reaction under study. Knowledge of the kinetic
model and the mechanism of thermal degradation of macromolecules is very helpful in the
study of the thermal stability of polymers [32–34].

The goal of this paper was to determine the thermal stability of PLA/PA bioblends
containing between 50% and 90% rheologically modified PLA. Moreover, empirical (n-
order and autocatalytic) and theoretical (R1, F1, D1, R2, F2, D2, R3, F3, D3, and random
scission) kinetic models were tested in order to elucidate the best mechanism to describe
the thermal degradation of PLA within these bioblends. The variation in activation energy
values with PA content was also assessed.
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2. Theoretical Background

Thermally stimulated solid-state reactions, such as thermal decompositions, are hetero-
geneous processes. The reaction rates of such processes can be kinetically described when
they take place under conditions that are far from equilibrium, by the following expression:

dα

dt
= k f (α) = A exp

(
− E

RT

)
f (α) (1)

where dα/dt is the reaction rate, k is the kinetic constant, A is the Arrhenius frequency factor,
R is the gas constant, E is the activation energy, α is the reacted fraction or conversion,
T is the process temperature, and f (α) accounts for the reaction rate dependence on α.
The conversion function, f (α), describes the dependence of the reaction rate with the
process mechanism.

When integrating Equation (1) and truncating the infinite series to the second term,
the linear integral equation is derived for experiments carried out at a constant heating
rate (β = dT/dt). This equation is called the general analytical equation (GAE), developed
by Carrasco [35].

ln

β
g(α)

T2
(

1 − 2RT
E

)
 = ln

AR
E

− E
R

1
T

(2)

where
g(α) =

∫ α

0

dα

f (α)
(3)

It must be considered that the activation energy calculation, through Equation (2),
requires an iterative procedure given that E is needed to evaluate the first member of the
equation. The E value determined from the slope was introduced in the first member. The
new E value obtained from the slope was again introduced in the first member and so on,
until reaching a constant E value.

Different conversion functions are reported in literature for describing the kinetic
mechanism of solid-state reactions. These mechanisms are proposed to consider different
geometrical assumptions for the shape of the material particles (spherical, cylindrical, and
planar) and driving forces (interface growth, diffusion, nucleation, and growth of nuclei).
Table 1 shows the equations used for the linear regression analysis of the most common
solid-state theoretical mechanisms (R1, R2, R3, F1, F2, F3, D1, D2, D3, and random scission).
The random scission mechanism is applied to L = 2, where L is the minimum length of
the polymer that is not volatile. For L ≥ 3, there is no symbolic solution and an iterative
procedure is required. The conversion functions, f (α), assume idealized models, which may
not be necessarily fulfilled in real systems. On the other hand, empirical kinetic models are
also proposed: n-order and autocatalytic. The exponents n = 0.550 (for n-order kinetics),
and n = 0.771 and m = 0.244 (for autocatalytic kinetics) were previously optimized for the
thermal degradation of PLA [36]. The activation energy and frequency factor values for
each kinetic model were calculated using Equations (2) and (3).
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Table 1. Integral kinetic equations for various solid-state mechanisms.

Mechanism f(α) General Analytical Equation in Linear Form

n-order (1 − α)n ln
[

β
1−(1−α)1−n

(1−n) T2(1− 2RT
E )

]
= ln AR

E − E
R

1
T

Autocatalytic (1 − α)nαm ln
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1−(1−α)1−n
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= ln AR
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1
T
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3. Materials and Methods
3.1. Materials

A commercially extrusion-grade PLA (Ingeo 4032DR; D lactide content: 2%) was
purchased from Natureworks (Arendonk, Belgium) and used as received.

SAmfE reactive agent, namely Joncryl ADR-4300FR, was kindly supplied by BASF
(Ludwigshafen, Germany) with an epoxy equivalent weight of 433 Da and a functionality
of about 12.

The predominantly bio-based PA10.10 was produced by Dupont (Midland, MI, USA)
under the trade name Zytel RS LC1000 BK385.

3.2. Reactive Extrusion and Bioblend Preparation

Bioblends were prepared by using a two-step process. Prior to processing, raw PLA
was dried at 80 ◦C for 4 h in a Piovan (DSN506HE, Venice, Italy) hopper-dryer (dew
point = −40 ◦C). SAmfE flakes were vacuum-dried overnight at RT over silica gel. The
enhancement of the PLA melt properties was achieved through reactive extrusion using
a corotating twin-screw extruder with a screw diameter of 25 mm (L/D = 36) (KNETER
25 × 24D, Collin GmbH, Ebersberg, Germany) and a nominal SAmfE weight content of
0.6%. The seven heating zones were set to 45, 165, 165, 170, 180, 190, 190 ◦C from feeding
to die zones.

The screw speed was set to 35 rpm, leading to a residence time of 4.1 min. The extru-
date was water-cooled and pelletized. Then, five PLA/PA blends, covering the 10–50%
PA weight composition range, were prepared by melt mixing, using a Brabender batch
mixer (Brabender Plastic-Corder W50EHT, Brabender GmbH & Co., Duisburg, Germany)
operated at 210 ◦C and 50 rpm for 12 min. The obtained materials were further compression
molded into 0.6 mm thick plates in an IQAP LAP PL-15 hot plate press (IQAP Master-
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batch S.L., Barcelona, Spain) for 5 min at 210 ◦C and 4 MPa and then cooled at −50 ◦C/min.
Prior to processing, PLA and PA were vacuum dried overnight at 80 ◦C over silica gel.

3.3. Thermal Characterization

TGA data were processed on a Mettler Toledo thermogravimetric analyzer, model
TGA-SDTA851. Samples of 20 mg were heated at various linear heating rates (2.5, 5,
and 10 K/min) from room temperature to 600 ◦C, under a dry nitrogen gas flow rate of
40 cm3/min. Two replicates were scanned and errors were lower than 1.5%.

4. Results and Discussion

Figure 1 shows the experimental curves recorded for the thermal degradation of PLA
(produced by reactive extrusion), PA, and two PLA/PA bioblends (with PLA weight con-
tents of 50% and 90%), under a nominal linear heating rate of 10 K/min. It is clear that PA
is significantly more resistant to thermal degradation compared to PLA. TG curves of PLA
and PA are sigmoidal and they present a unique profile of decomposition. Therefore, the
thermal degradation of these pure polymers presents a unique value of activation energy
within the entire range of conversion. Contrarily, the TG curves of PLA/PA bioblends
clearly exhibit three different zones of decomposition: a first step, where PLA degrades, a
second step, where the decomposition of PLA and PA takes place simultaneously, and a
third phase, where residual PA degrades until the total disappearance of the organic mate-
rial. When comparing the first stages of the TG curves of the 90/10 and 50/50 bioblends, it
can be concluded that the bioblend with a higher PA content is a more thermally resistant
material. Therefore, the presence of PA in higher proportions clearly protects the matrix
of PLA. From the TG data, it was possible to evaluate the conversion and the conversion
derivative by taking into account the inorganic residual material at 600 ◦C, which was
lower than 2%.
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Figure 2 shows the conversion derivative values of PLA and PA as a function of
temperature. This graphic clearly reveals that PLA and PA degrade in a completely
different temperature range: 290–380 ◦C for PLA and 380–490 ◦C for PA. This finding
is very important because it means that we were able to study the thermal degradation
of PLA without any decomposition of PA. For this reason, it was possible to study the
influence of PA on the thermal degradation of the PLA matrix. Given that the different
materials contain 10–50% PA, the kinetic study of the degradation of PLA was considered
for conversions of PLA lower than 0.4. Within this interval (α = 0–0.4), no degradation of
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PA can occur, thus allowing for the specific study of the thermal stability of PLA in the
presence of various proportions of PA.
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Figure 3 shows the experimental conversion curve for the bioblend containing 50/50
PLA/PA (under a nominal linear heating rate of 10 K/min) and the theoretical conversion
curve constructed by a linear combination of PLA and PA experimental curves. The
difference between these curves was caused by the additional melting process needed
to prepare the bioblend and the development of a new tridimensional structure, as a
consequence of interactions between the molecular chains of PLA and PA. At α < 0.25,
the bioblend is less resistant to heat (due to the melting process), whereas at α > 0.25, it is
more resistant (due to interactions between PLA and PA). If we consider the degradation of
single components equivalent to 5% of thermal degradation (in order to “take into account
the bioblending process”), the “modified theoretical” curve clearly shows that thermal
degradation is higher for the sum of single components compared to that of the bioblend,
thus demonstrating the protective effect of PA on the PLA matrix.
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From Figure 1, it was possible to obtain various decomposition temperatures, i.e.,
the onset decomposition (T5) and final decomposition (T95) temperatures, defined as the
temperatures at which 5% and 95% of the mass was lost, respectively, as shown in Table 2.
The values of T5 for the bioblends increased with PA content, from 315.8 ◦C to 321.2 ◦C
when the PA content increased from 10% to 50%. On the other hand, the values of T95
ranged from 455 ◦C to 554 ◦C, with an erratic variation as a function of the PA content.
Table 2 also shows other thermal parameters, i.e., conversion (αm), conversion derivative
((dα/dT)m), and temperature (Tm) at the maximum decomposition rate of PLA.

Table 2. Decomposition temperatures of the PLA/PA bioblends, at a nominal heating rate of
10 K/min.

T5 (◦C) T95 (◦C) αm Tm (◦C) (dα/dT)m
(K−1) αr Tr (◦C) (dα/dT)r

(K−1)

PLA/PA 90/10 315.8 455.0 0.54 349.8 2.39·10−2 0.45 346.1 2.38·10−2

PLA/PA 80/20 317.4 554.4 0.43 343.1 2.49·10−2 0.40 341.8 2.46·10−2

PLA/PA 70/30 318.8 540.2 0.35 339.2 2.83·10−2 0.35 339.3 1.76·10−2

PLA/PA 60/40 320.5 484.1 0.30 338.5 2.69·10−2 0.30 338.4 0.49·10−2

PLA/PA 50/50 321.2 479.2 0.27 337.6 2.01·10−2 0.25 336.6 0.18·10−2

It is clear that the presence of PA considerably modified the conversion values at the
maximum rate from 45% to 27% when the PA content increased from 10% to 50%. This
shift was essentially due to the variable content of PLA in the bioblends and also to the
presence of interactions between the PLA matrix and PA.

Table 2 also contains the temperature (Tr) and conversion derivative (dα/dT)r) values
at α = αr (reference conversion). These values are necessary to construct standardized
conversion functions, as is shown later. Usually, reference conversion is taken as being
equal to 0.5. This is correct for pure polymers. In the case of mixed polymers, this value
must not be considered. For example, for the 50/50 bioblend, a conversion of 0.5 means
the total decomposition of PLA and this cannot be considered as a reference of the PLA
thermal decomposition. For this reason, a new reference conversion was defined in this
work: αr = 0.5 x, where x is the mass fraction of PLA in bioblends. Therefore, the reference
conversions are 0.45, 0.40, 0.35, 0.30, and 0.25 for bioblends containing 90%, 80%, 70%, 60%,
and 50% PLA. Curiously, these reference conversion values are very near to the conversion
values at the maximum decomposition rate.

Figure 4 shows the results of the general analytical equation (GAE) for three theoretical
conventional mechanisms (F2, R2, and D2) for the thermal degradation of the bioblend
containing 70% PLA, under a nominal linear heating rate of 10 K/min. The experimental
data fit was excellent (r2 > 0.99) for the three kinetic models. The activation energy values
evaluated are shown in Table 3 (mean value for the three heating rates ± confidence
interval). The activation energy values for the thermal degradation of PLA depend on
the considered mechanism and the content of PA. These E values ranged, for the various
bioblends, as a function of the reaction mechanism as follows: 236–311 kJ/mol (n-order),
192–254 kJ/mol (autocatalytic), 154–205 kJ/mol (random scission), 253–334 kJ/mol (F1),
216–284 kJ/mol (R1), 441–578 kJ/mol (D1), 294–389 kJ/mol (F2), 234–308 kJ/mol (R2),
464–610 kJ/mol (D2), 340–450 kJ/mol (F3), 240–317 kJ/mol (R3), and 490–643 kJ/mol (D3).
Therefore, the activation energy values are highly influenced by the presence of PA for each
mechanism. Diffusion (D1, D2, and D3) and the F2 mechanisms had the highest activation
energies, whereas random scission, autocatalytic, and R1 had the lowest activation energies.



Polymers 2021, 13, 3996 8 of 15

Polymers 2021, 13, x FOR PEER REVIEW 8 of 15 
 

 

activation energy values are highly influenced by the presence of PA for each mechanism. 
Diffusion (D1, D2, and D3) and the F2 mechanisms had the highest activation energies, 
whereas random scission, autocatalytic, and R1 had the lowest activation energies. 

 

 
Figure 4. Integral kinetic analysis by means of the general analytical equation (GAE) for the thermal 
degradation of the bioblend containing 70% PLA using three theoretical conventional mechanisms 
(F2, R2, and D2) (nominal heating rate = 10 K/min). 

There was a compensation factor between the frequency factor and activation energy 
for all the empirical and theoretical kinetic models and for all the materials under study. 
Figure 5 shows an excellent linear relationship between LnA and E (for TG experiments 
carried out at a nominal heating rate of 10 K/min). The equation relating these two kinetic 
parameters is LnA (s−1) = −4.15 + 0.19 E (kJ/mol). This means that an increase in the activa-
tion energy (i.e., a higher energy barrier for the thermal degradation) leads to an increase 
in the frequency factor (i.e., a higher probability to be decomposed). This compensation 
factor was also observed for the other heating rates used in this work. 

Table 3. Mean activation energies of the thermal degradation of PLA, obtained using the general 
analytical equation at various heating rates, for PLA/PA bioblends containing from 50% to 90% PLA. 

 E (kJ/mol) 
Mechanism 90/10 80/20 70/30 60/40 50/50 

n-order 236 ± 4 259 ± 3 309 ± 3 311 ± 3 283 ± 3 
Autocatalytic 192 ± 3 212 ± 3 253 ± 3 254 ± 3 231 ± 2 

Random scission 154 ± 2 170 ± 2 204 ± 3 205 ± 3 180 ± 2 
F1 253 ± 4 278 ± 4 332 ± 4 334 ± 5 300 ± 4 
R1 216 ± 4 237 ± 3 283 ± 3 284 ± 3 263 ± 3 
D1 441 ± 5 484 ± 5 576 ± 6 578 ± 6 536 ± 6 
F2 294 ± 4 324 ± 5 386 ± 5 389 ± 5 340 ± 4 
R2 234 ± 4 257 ± 3 307 ± 3 308 ± 4 281 ± 3 
D2 464 ± 6 510 ± 6 607 ± 6 610 ± 5 559 ± 6 
F3 340 ± 5 375 ± 5 446 ± 6 450 ± 6 384 ± 5 
R3 240 ± 3 264 ± 3 315 ± 4 317 ± 4 287 ± 3 
D3 490 ± 7 538 ± 7 640 ± 8 643 ± 8 584 ± 7 

 
When summarizing the results of the linear regressions, all the mechanisms led to 

regression coefficients higher than 0.99 for all the bioblends. This means that all the mech-
anisms are satisfactory, from a mathematical point-of view, to represent the kinetics of the 

Figure 4. Integral kinetic analysis by means of the general analytical equation (GAE) for the thermal
degradation of the bioblend containing 70% PLA using three theoretical conventional mechanisms
(F2, R2, and D2) (nominal heating rate = 10 K/min).

Table 3. Mean activation energies of the thermal degradation of PLA, obtained using the general
analytical equation at various heating rates, for PLA/PA bioblends containing from 50% to 90% PLA.

E (kJ/mol)

Mechanism 90/10 80/20 70/30 60/40 50/50

n-order 236 ± 4 259 ± 3 309 ± 3 311 ± 3 283 ± 3

Autocatalytic 192 ± 3 212 ± 3 253 ± 3 254 ± 3 231 ± 2

Random scission 154 ± 2 170 ± 2 204 ± 3 205 ± 3 180 ± 2

F1 253 ± 4 278 ± 4 332 ± 4 334 ± 5 300 ± 4

R1 216 ± 4 237 ± 3 283 ± 3 284 ± 3 263 ± 3

D1 441 ± 5 484 ± 5 576 ± 6 578 ± 6 536 ± 6

F2 294 ± 4 324 ± 5 386 ± 5 389 ± 5 340 ± 4

R2 234 ± 4 257 ± 3 307 ± 3 308 ± 4 281 ± 3

D2 464 ± 6 510 ± 6 607 ± 6 610 ± 5 559 ± 6

F3 340 ± 5 375 ± 5 446 ± 6 450 ± 6 384 ± 5

R3 240 ± 3 264 ± 3 315 ± 4 317 ± 4 287 ± 3

D3 490 ± 7 538 ± 7 640 ± 8 643 ± 8 584 ± 7

There was a compensation factor between the frequency factor and activation energy
for all the empirical and theoretical kinetic models and for all the materials under study.
Figure 5 shows an excellent linear relationship between LnA and E (for TG experiments
carried out at a nominal heating rate of 10 K/min). The equation relating these two
kinetic parameters is LnA (s−1) = −4.15 + 0.19 E (kJ/mol). This means that an increase
in the activation energy (i.e., a higher energy barrier for the thermal degradation) leads
to an increase in the frequency factor (i.e., a higher probability to be decomposed). This
compensation factor was also observed for the other heating rates used in this work.
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empirical and theoretical kinetic models studied and for all the bioblends analyzed (nominal heating
rate = 10 K/min).

When summarizing the results of the linear regressions, all the mechanisms led to
regression coefficients higher than 0.99 for all the bioblends. This means that all the
mechanisms are satisfactory, from a mathematical point-of view, to represent the kinetics of
the thermal degradation of the samples considered in this study. Therefore, it was necessary
to employ a method that is able to discern the best mechanism (and then it became possible
to evaluate the activation energy responsible for splitting the macromolecules, which
occurred during the thermal degradation). For this reason, an isoconversional kinetic
analysis was carried out.

Following the ICTAC recommendations [37], the Kissinger–Akahira–Sunose method
was employed:

ln

[
βi

T2
α,i

]
= Const − Eα

R
1
Tα

(4)

From this method, it was possible to evaluate the isoconversional values of the acti-
vation energy without assuming any particular form of reaction model. For this reason,
isoconversional methods are frequently called “model-free” methods. The nominal heating
rates used for this analysis were 2.5, 5, and 10 K/min. As reported by Vyazovkin et al. [37],
determination of the reaction model requires that the variation in Eα with α to be negligible
so that Eα dependence can be replaced with a single average value, Eo. In our study, no
sample exhibited a significant dependence of activation energy with conversion.

In order to elucidate the best reaction mechanism, standardized conversion functions
were successfully used to compare the experimental and theoretical data relative to the
reaction mechanisms. Theoretical values were determined using conversion functions, as
shown in Table 1, and they depended only on the reaction mechanism. On the other hand,
experimental values were calculated by means of the following equation:

f (α)
f (αr)

=
(dα/dT)
(dα/dT)r

exp
[

E
R

(
1
T
− 1

Tr

)]
(5)

where f (αr), (dα/dT)r, and Tr are the conversion function, conversion derivative, and
temperature at α = αr (reference conversion), respectively. These reference conversions are
reported in Table 2. The conversion derivative and temperature at α = αr are experimental
values and E is the activation energy previously evaluated for each of the mechanisms con-
sidered, as shown in Table 3. Therefore, the experimental values depend on the activation
energy values.
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Figure 6 shows the variation in the standardized conversion functions with the conver-
sion for two mechanisms: random scission and D1. The fitting between the experimental
and theoretical values was excellent for the random scission mechanism, but this fitting was
very poor when mechanism D1 was considered. These standardized conversion functions
give valuable information about the most suitable mechanism. However, this information
is only qualitative. In order to elucidate the most appropriate kinetic model, it was nec-
essary to develop a quantitative procedure. For this reason, an index, the integral mean
error (IME), was proposed in a previous work [38]. This index takes into consideration the
mean area under the curve of absolute error of the standardized conversion function vs.
conversion, and is defined as follows:

IME =

∫ α
0

∣∣∣∆ f (α)/ f (αr)

∣∣∣dα∫ α
0 dα

·100 (6)
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Figure 6. Variation in standardized conversion functions as a function of conversion for the thermal
degradation of PLA in the bioblend containing 90% PLA, when considering two reaction mechanisms:
random scission and D1.

Table 4 contains integral mean error (IME) values for all the mechanisms studied in
this work. For each bioblend, the minimum IME values were found for the random scission
mechanism (5.5–6.7%), which correspond with the lowest errors.

Table 4. Integral mean error (IME) between experimental and theoretical data of f (α)/f (αr) for various
mechanisms for the thermal degradation of PLA for bioblends containing from 50% to 90% PLA.

IME (%)

Mechanism 90/10 80/20 70/30 60/40 50/50

n-order 28.7 ± 0.7 22.9 ± 0.6 7.9 ± 0.2 7.8 ± 0.2 21.1 ± 0.5

Autocatalytic 20.3 ± 0.6 17.7 ± 0.4 7.1 ± 0.2 7.0 ± 0.2 40.1 ± 0.5

Random scission 5.5 ± 0.2 6.0 ± 0.2 6.2 ± 0.2 6.2 ± 0.2 6.7 ± 0.3

F1 20.3 ± 0.5 18.1 ± 0.4 7.2 ± 0.2 7.6 ± 0.3 25.7 ± 0.4

R1 37.2 ± 0.8 28.1 ± 0.6 11.1 ± 0.3 9.4 ± 0.3 19.5 ± 0.4

D1 87.8 ± 0.9 57.5 ± 0.8 14.5 ± 0.3 17.3 ± 0.4 27.3 ± 0.5

F2 5.8 ± 0.3 6.8 ± 0.2 8.9 ± 0.3 9.0 ± 0.3 25.7 ± 0.5



Polymers 2021, 13, 3996 11 of 15

Table 4. Cont.

IME (%)

Mechanism 90/10 80/20 70/30 60/40 50/50

R2 29.5 ± 0.6 23.4 ± 0.5 8.9 ± 0.3 7.8 ± 0.2 20.9 ± 0.4

D2 81.3 ± 0.9 54.0 ± 0.7 11.0 ± 0.3 17.1 ± 0.4 28.7 ± 0.6

F3 40.3 ± 0.7 12.2 ± 0.4 15.7 ± 0.4 12.3 ± 0.3 28.0 ± 0.7

R3 26.7 ± 0.5 21.7 ± 0.4 8.6 ± 0.3 8.0 ± 0.3 21.4 ± 0.6

D3 71.1 ± 0.7 48.9 ± 0.8 10.8 ± 0.3 17.0 ± 0.4 30.0 ± 0.7

The activation energy values of the thermal decomposition of PLA, through a random
scission mechanism, are those shown in Figure 7. These results indicate that the activation
energy increases when the PA content increases because of the protecting effect of PA on
the PLA matrix (especially for a PA content up to 30%). Indeed, the activation energy
increased by 16 kJ/mol when the PA content increased from 10% to 20%, and it increased
by 34 kJ/mol when the PA content increased from 20% to 30%. The activation energy
remained almost constant when the PA content increased from 30% to 40%. Contrarily,
an activation energy decrease of 25 kJ/mol was observed when the PA content increased
from 40% to 50%; the latter was likely due to an inversion of phases caused by the high
PA content.
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Figure 7. Activation energy values of the thermal decomposition of PLA through a random scission
mechanism: the influence of PA content.

In a previous work dealing with the morphology of PLA/PA bioblends, Cailloux et al. [39]
stated that both droplet and elongated PA domains coexisted when the PA content was
30%. The morphology transition to co-continuous was completed when the PA content was
further increased to 40%. Therefore, the bioblend morphology clearly has a protective effect
against the thermal decomposition of PLA within the bioblend. Moreover, a decrease in
the stiffness and strength and an increase in the strain were reported with an increasing PA
content. On the other hand, diffusion mechanisms led to the highest IME values (27–88%),
which are unacceptable. This is later corroborated by means of standardized conversion
function plots and y(α) master plots.

In order to check the validity of the activation energy values obtained for the thermal
degradation of PLA, y(α) master plots, as proposed by Criado et al. [40], were used:

y(α)exptal =

(
T
Tr

)2 (dα/dT)
(dα/dT)r

(7)



Polymers 2021, 13, 3996 12 of 15

y(α)theor =
f (α) g(α)

f (αr) g(αr)
(8)

These master plots are very interesting because experimental data are not dependent
on activation energy values. Figure 8 shows y(α) master plots for the thermal degradation
of PLA for the bioblend containing 90% PLA. These findings corroborate the previously
reported results, i.e., the best reaction mechanism for the thermal degradation of PLA is ran-
dom scission, whereas D1 and F2 mechanisms showed poor fitting between experimental
and theoretical data. The rest of the mechanisms also provided poor fitting. In conclusion,
the best mechanism is that of random scission of macromolecular chains, as confirmed
through three different pieces of evidence: the standardized conversion functions, IME
values, and y(α) master plots.
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The variation in conversion with temperature for the thermal degradation of PLA,
through a random scission mechanism, is evaluated as follows:

α =

[
1 − exp

[
− A R T2

β E

(
1 − 2RT

E

)
exp
(
− E

RT

)]]2

(9)

Figure 9 shows the variation in conversion with temperature when the random scis-
sion mechanism was considered for the bioblend containing 90% PLA. The fitting between
the experimental and theoretical data was excellent, thus confirming that random scis-
sion is the best mechanism with which to explain the thermal degradation of PLA in
PLA/PA bioblends.
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5. Conclusions

The thermal stability and potential degradation mechanisms of PLA in PLA/bio-based
PA 10.10 were analyzed. In this case, a matrix of a rheologically modified PLA from reactive
extrusion was employed, with the addition of 10–50% of biobased PA as a second phase.
PLA/PA bioblends (with a predominantly biosourced PA10.10) containing 10–50% PA
were prepared by melt blending in order to overcome the extreme brittleness of PLA.

The temperature at which 5% of the mass was lost (T5) increased from 315 to 321 ◦C
when the PA content increased from 10% to 50% (at a nominal heating rate of 10 K/min). On
the other hand, the temperature at which 95% of the mass was lost (T95) varied erratically
in the range 455–540 ◦C. Similar conclusions were obtained at the other heating rates
employed in this study.

The general analytical equation (GAE) was used in order to evaluate the kinetic
parameters of the thermal degradation of PLA (at conversions lower than 0.4). Various
empirical and theoretical solid-state mechanisms were tested to elucidate the best kinetic
model: n-order, autocatalytic, random scission, F1, F2, F3, R1, R2, R3, D1, D2, and D3.
Three different methodologies were used for this: the standardized conversion functions,
IME (integral mean error) indexes, and y(α) master plots, which revealed that the most
probable mechanism for the thermal degradation of PLA was random scission of the
macromolecular chains. The activation energies obtained were 154, 170, 204, 205, and
180 kJ/mol for the bioblends containing 10%, 20%, 30%, 40%, and 50% PA. These results
indicate that the activation energy increases when the PA content increases because of the
protecting effect of PA on the PLA matrix (especially for PA contents up to 30%). Indeed,
the activation energy increased by 16 kJ/mol when the PA content increased from 10%
to 20%, and it increased by 34 kJ/mol when the PA content increased from 20% to 30%.
The activation energy remained almost constant when the PA content increased from 30%
to 40%. Contrarily, an activation energy decrease of 25 kJ/mol was observed when the
PA content increased from 40% to 50%; the latter was likely due to an inversion of phases
caused by the high PA content. Therefore, the bioblend containing 30% PLA exhibited an
excellent thermal resistance against degradation. This result is in accordance with previous
rheological and morphological analyses.



Polymers 2021, 13, 3996 14 of 15

Author Contributions: Conceptualization, F.C.; methodology, F.C. and M.L.M.; formal analysis, F.C.
and O.S.P.; investigation, F.C., O.S.P. and M.L.M.; writing–original draft preparation, F.C.; writing–
reviewed editing, F.C.; project administration, M.L.M.; funding adquisition, M.L.M. and O.S.P. All
authors have read and agreed to the published version of the manuscript.

Funding: This research was funded by the Ministry of Science and Innovation of the Spanish
Government, grant number PID2019-106518RB-I00.

Conflicts of Interest: The authors declare no conflict of interest. The funders had no role in the design
of the study; in the collection, analyses, or interpretation of data; in the writing of the manuscript, or
in the decision to publish the results.

Nomenclature

A frequency factor (s−1)
E activation energy (J/mol)
f (α) conversion function (adimensional)
k kinetic constant (s−1)
R gas constant (J/mol·K)
t time (s)
T temperature (K)
w residual weight (%)
y(α) master plot as a function of conversion
Greek letters
α conversion (adimensional)
β linear heating rate (K/s)

References
1. Nakajima, H.; Dijkstra, P.; Loos, K. The recent developments in biobased polymers toward general and engineering applications:

Polymers that are upgraded from biodegradable polymers, analogous to petroleum-derived polymers, and newly developed.
Polymers 2017, 9, 523. [CrossRef]

2. Vadori, R.; Misra, M.; Mohanty, A.K. Sustainable biobased blends from the reactive extrusion of polylactide and acrylonitrile
butadiene styrene. J. Appl. Polym. Sci. 2016, 133, 4377. [CrossRef]

3. Siracusa, V.; Rocculi, P.; Romani, S.; Rosa, M.D. Biodegradable polymers for food packaging: A review. Trends Food Sci. Technol.
2008, 19, 634–643. [CrossRef]

4. Garlotta, D. A Literature Review of Poly(Lactic Acid). J. Polym. Environ. 2001, 9, 63–84. [CrossRef]
5. Auras, R.; Harte, B.; Selke, S. An overview of polylactides as packaging materials. Macromol. Biosci. 2004, 4, 835–864. [CrossRef]
6. Zeng, J.B.; Li, K.A.; Du, A.K. Compatibilization strategies in poly(lactic acid)-based blends. RSC Adv. 2015, 5, 32546–32565.

[CrossRef]
7. García-Masabet, V.; Santana Pérez, O.; Cailloux, J.; Abt, T.; Sánchez-Soto, M.; Carrasco, F.; Maspoch, M.L. PLA/PA boi-blends:

Induced morphology by extrusion. Polymers 2020, 12, 10. [CrossRef]
8. Anderson, K.S.; Schreck, K.M.; Hillmyer, M.A. Toughening polylactide. Polym. Rev. 2008, 48, 85–108. [CrossRef]
9. Babu, R.P.; O’Connor, K.; Seeram, R. Current progress on bio-based polymers and their future trends. Prog. Biomater. 2013, 2, 8.

[CrossRef]
10. Silva, A.P.B.; Montagna, L.S.; Passador, F.R.; Rezende, M.C.; Lemes, A.P. Biodegradable nanocomposites based on PLA/PHBV

blend reinforced with carbon nanotubes with potential for electrical and electromagnetic applications. Express Polym. Lett. 2021,
15, 987–1003. [CrossRef]

11. Hamad, K.; Kaseem, M.; Ayyoob, M.; Joo, J.; Deri, F. Polylactic acid blends: The future of green, light and tough. Progr. Polym. Sci.
2018, 85, 83–127. [CrossRef]

12. Spinella, S.; Cai, J.; Samuel, C.; Zhu, J.; McCallum, S.A.; Habibi, Y.; Raquez, J.M.; Dubois, P.; Gross, R.A. Polylactide/poly(ω-
hydroxytetradecanoic acid) reactive blending: A green renewable approach to improving polylactide properties. Biomacromolecules
2015, 16, 1818–1826. [CrossRef]

13. Kakroodi, A.R.; Kazemi, Y.; Ding, W.; Ameli, A.; Park, C.B. Poly(lactic acid)-based in situ microfibrillar composites with enhanced
crystallization kinetics, mechanical properties, rheological behavior, and foaming ability. Biomacromolecules 2015, 16, 3925–3935.
[CrossRef]

14. Pai, F.C.; Lai, S.M.; Chu, H.H. Characterization and properties of reactive poly(lactic acid)/polyamide 610 biomass blends. J. Appl.
Polym. Sci. 2013, 130, 2563–2571. [CrossRef]

15. Stoclet, G.; Seguela, R.; Lefebvre, J.M. Morphology, thermal behavior and mechanical properties of binary blends of compatible
biosourced polymers: Polylactide/polyamide-11. Polymer 2011, 52, 1417–1425. [CrossRef]

http://doi.org/10.3390/polym9100523
http://doi.org/10.1002/app.43771
http://doi.org/10.1016/j.tifs.2008.07.003
http://doi.org/10.1023/A:1020200822435
http://doi.org/10.1002/mabi.200400043
http://doi.org/10.1039/C5RA01655J
http://doi.org/10.3390/polym12010010
http://doi.org/10.1080/15583720701834216
http://doi.org/10.1186/2194-0517-2-8
http://doi.org/10.3144/expresspolymlett.2021.79
http://doi.org/10.1016/j.progpolymsci.2018.07.001
http://doi.org/10.1021/acs.biomac.5b00394
http://doi.org/10.1021/acs.biomac.5b01253
http://doi.org/10.1002/app.39473
http://doi.org/10.1016/j.polymer.2011.02.002


Polymers 2021, 13, 3996 15 of 15

16. Rashmi, B.J.; Prashantha, K.; Lacrampe, M.F.; Krawczak, P. Toughening of poly(lactic acid) without sacrificing stiffness and
strength by melt-blending with polyamide-11 and selective localization of halloysite nanotubes. Express Polym. Lett. 2015,
9, 721–735. [CrossRef]

17. Nuzzo, A.; Coiai, S.; Carroccio, S.C.; Dintcheva, N.T.; Gambarotti, C.; Filippone, G. Heat-resistant fully biobased nanocomposite
blends based on poly(lactic acid). Macromol. Mater. Eng. 2014, 299, 31–40. [CrossRef]

18. Patel, R.; Ruehle, D.A.; Dorgan, J.R.; Halley, P.; Martin, D. Biorenewable blends of polyamide-11 and polylactide. Polym. Eng. Sci.
2014, 54, 1523–1532. [CrossRef]

19. Palacios, J.K.; Sangroniz, A.; Eguiazabal, J.I.; Etxeberria, A.; Muller, A.J. Tailoring the properties of PP/PA6 nano-structured
blends by the addition of nanosilica and compatibilizer agents. Eur. Polym. J. 2016, 85, 532–552. [CrossRef]

20. Keridou, I.; Cailloux, J.; Martínez, J.C.; Santana, O.; Maspoch, M.L.; Puiggalí, J.; Franco, L. Biphasic polylactide/polyamide 6,10
blends: Influence of composition on polyamide structure and polyester crystallization. Polymer 2020, 202, 122676. [CrossRef]

21. Walha, F.; Lamnawar, K.; Maazouz, A.; Jaziri, M. Rheological, morphological and mechanical studies of sustainably sourced
polymer blends based on poly(lactic acid) and polyamide 11. Polymers 2016, 8, 61. [CrossRef]

22. Yu, H.; Huang, N.; Wang, C.; Tang, Z. Modeling of poly(L-lactide) thermal degradation: Theoretical prediction of molecular
weight and polydispersity index. J. Appl. Polym. Sci. 2003, 11, 2557–2562. [CrossRef]

23. Antunes, A.; Luyt, A.S.; Kasak, P.; Aljarod, O.; Hassan, M.K.; Popelka, A. Effect of plasma treatment on accelerated PLA
degradation. Express Polym. Lett. 2021, 15, 725–743. [CrossRef]

24. Carrasco, F.; Pagès, P. Thermogravimetric analysis of polystyrene: Influence of sample weight and heating rate on thermal and
kinetic parameters. J. Appl. Polym. Sci. 1996, 61, 187–197. [CrossRef]

25. Bianchi, O.; Martins, J.D.; Florio, R.; Oliveira, R.V.B. Changes in activation energy and kinetic mechanism during EVA crosslinking.
Polym. Test. 2011, 30, 616–624. [CrossRef]

26. Paik, P.; Kar, K.K. Thermal degradation kinetics and estimation of lifetime of polyethylene particles: Effects of particle size. Mater.
Chem. Phys. 2009, 113, 953–961. [CrossRef]

27. Carrasco, F.; Pagès, P. Thermal degradation and stability of epoxy nanocomposites: Influence of montmorillonite content and
cure temperature. Polym. Degrad. Stab. 2008, 93, 1000–1007. [CrossRef]

28. Pérez-Maqueda, L.A.; Criado, J.M.; Sánchez-Jiménez, P.E. Combined kinetic analysis of solid-state reactions: A powerful tool
for the simultaneous determination of kinetic parameters and the kinetic model without previous assumptions on the reaction
mechanism. J. Phys. Chem. A 2006, 110, 12456–12462. [CrossRef]

29. Carrasco, F.; Pagès, P.; Gámez-Pérez, J.; Santana, O.O.; Maspoch, M.L. Processing of poly(lactic acid): Characterization of chemical
structure, thermal stability and mechanical properties. Polym. Degrad. Stab. 2010, 95, 116–125. [CrossRef]

30. Velázquez-Infante, J.C.; Gámez-Pérez, J.; Franco-Urquiza, E.A.; Santana, O.O.; Carrasco, F.; Maspoch, M.L. Effect of the unidirec-
tional drawing on the thermal and mechanical properties of PLA film with different L-isomer content. J. Appl. Polym. Sci. 2013,
127, 2661–2669. [CrossRef]

31. Vyazovkin, S.; Sbirrazzuoli, N. Isoconversional Kinetic Analysis of Thermally Stimulated Processes in Polymers. Macromol. Rapid
Commun. 2006, 27, 1515–1532. [CrossRef]

32. Cañavate, J.; Pagès, P.; Saurina, J.; Colom, X.; Carrasco, F. Determination of small interactions in polymer composites by means of
FTIR and DSC. Polym. Bull. 2000, 44, 293–300. [CrossRef]

33. Sánchez-Jiménez, P.E.; Pérez-Maqueda, L.A.; Perejón, A.; Criado, J.M. Combined kinetic analysis of thermal degradation of
polymeric materials under any thermal pathway. Polym. Degrad. Stab. 2009, 94, 2079–2085. [CrossRef]

34. Pérez-Maqueda, L.A.; Sánchez-Jiménez, P.E.; Perejón, A.; García-Garrido, C.; Criado, J.M.; Benítez-Guerrero, M. Scission kinetic
model for the prediction of polymer pyrolysis curves from chain structure. Polym. Test. 2014, 37, 1–5. [CrossRef]

35. Carrasco, F. The evaluation of kinetic parameters from thermogravimetric data: Comparison between established methods and
the general analytical equation. Thermochim. Acta 1993, 213, 115–134. [CrossRef]

36. Carrasco, F.; Pérez-Maqueda, L.A.; Sánchez-Jiménez, P.E.; Perejón, A.; Santana, O.O.; Maspoch, M.L. Enhanced general analytical
equation for the kinetics of the thermal degradation of poly(lactic acid) driven by random scission. Polym. Test. 2013, 32, 937–945.
[CrossRef]

37. Vyazovkin, S.; Burnham, A.K.; Criado, J.M.; Pérez-Maqueda, L.A.; Popescu, C.; Sbirrazzuoli, N. ICTAC Kinetics Committee
recommendations for performing kinetic computations on thermal analysis data. Thermochim. Acta 2011, 520, 1–19. [CrossRef]

38. Carrasco, F.; Santana, O.; Cailloux, J.; Maspoch, M.L. Kinetics of the thermal degradation of poly(lactic acid) obtained by reactive
extrusion: Influence of the addition of montmorillonite nanoparticles. Polym. Test. 2015, 48, 69–81. [CrossRef]

39. Cailloux, J.; Abt, T.; García-Masabet, V.; Santana, O.; Sánchez-Soto, M.; Carrasco, F.; Maspoch, M.L. Effect of the viscosity ratio on
the PLA/PA 10.10 bioblends morphology and mechanical properties. Express Polym. Lett. 2018, 12, 569–582. [CrossRef]

40. Criado, J.M.; Málek, J.; Ortega, A. Applicability of the master plots in kinetic analysis of non-isothermal data. Thermochim. Acta
1989, 147, 377–385. [CrossRef]

http://doi.org/10.3144/expresspolymlett.2015.67
http://doi.org/10.1002/mame.201300051
http://doi.org/10.1002/pen.23692
http://doi.org/10.1016/j.eurpolymj.2016.11.010
http://doi.org/10.1016/j.polymer.2020.122676
http://doi.org/10.3390/polym8030061
http://doi.org/10.1002/app.12093
http://doi.org/10.3144/expresspolymlett.2021.60
http://doi.org/10.1002/(SICI)1097-4628(19960705)61:1&lt;187::AID-APP20&gt;3.0.CO;2-3
http://doi.org/10.1016/j.polymertesting.2011.05.001
http://doi.org/10.1016/j.matchemphys.2008.08.075
http://doi.org/10.1016/j.polymdegradstab.2008.01.018
http://doi.org/10.1021/jp064792g
http://doi.org/10.1016/j.polymdegradstab.2009.11.045
http://doi.org/10.1002/app.37546
http://doi.org/10.1002/marc.200600404
http://doi.org/10.1007/s002890050605
http://doi.org/10.1016/j.polymdegradstab.2009.07.006
http://doi.org/10.1016/j.polymertesting.2014.04.004
http://doi.org/10.1016/0040-6031(93)80010-8
http://doi.org/10.1016/j.polymertesting.2013.04.013
http://doi.org/10.1016/j.tca.2011.03.034
http://doi.org/10.1016/j.polymertesting.2015.09.014
http://doi.org/10.3144/expresspolymlett.2018.47
http://doi.org/10.1016/0040-6031(89)85192-5

	Introduction 
	Theoretical Background 
	Materials and Methods 
	Materials 
	Reactive Extrusion and Bioblend Preparation 
	Thermal Characterization 

	Results and Discussion 
	Conclusions 
	References

