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Fused prediction

Method step 1: mapping traffic areas on aerial images by neural network and multitemporal fusion

Need for research on parking data

Parking data important for academia and applications:
e Transport modelling
e Urban planning
e Tratfic management systems

o L. Prediction on single image
Uncertainties in existing datasets:

e |[ncomplete inventory of managed parking spaces
e Parking areas on private property

e Traffic areas regularly used for parking
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Flight campaigns capture RGB Images are segmented into Predictions showing the same scene at different
e : region of interest under traffic areas, supported by OSM times and viewing angles are merged into a single
Objectives for a better understanding various conditions OpenStreetMap (OSM) network nasks map layer Ground truth

e Automate large-scale mapping of parking-related data

e Explore associations between parking and : : : : : _—
spatial structures Method step 2: estimating a parking area regression model with Bayesian inference
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| Uncertainty is modeled and can be fed into applications | share of land use where parking is less likely to model zero and positive values separately





