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• Environmental heterogeneity (EH) gen-
erally promotes community variation.

• Phytoplankton dispersal in rivers is
modulated by flow conditions.

• Community distinctiveness highlights
patterns of variation in space and time.

• Nutrient-enrichment promotes de-
crease in community distinctiveness.

• Higher dispersal masks the relationship
between EH and community
distinctiveness.
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Environmental heterogeneity (EH) in space and time promotes niche-partition, which leads to high variation in
biological communities, such as in algae. In streams, EH is highly related to the intensity of the water flow and
may lead to community variationmainly during the low flow conditions. Despite the wide knowledge on the re-
sponses of phytoplankton communities to EH in lentic and semi-lentic systems, studies of riverine phytoplankton
community variation are still scarce. Here,wefirst investigated the relationship betweenphytoplankton commu-
nity variation and EH in different courses of the river and between seasons.We expected that under low or inter-
mediate flow conditions, there is a positive correlation between community variation and EH. Alternatively, we
did not expect any relationship between EH and community variation under high flow condition because stron-
ger downstream transport would mask environmental filtering. We sampled nine sites monthly (May 2012 to
April 2013) in a tropical river of Brazilian Southeast. We calculated EH from abiotic data whereas for community
variation, here community distinctiveness (CD), we used Sorensen (CDSor) and Bray-Curtis (CDBray) dissimilar-
ities. Differences in EH, CDSor and CDBray were tested at between-season and among-course levels. We found
lower distinctiveness during the dry season when EH was the highest. Contrastingly, phytoplankton CD was
the highest evenwhen EHwas low during thewet season.We found that this pattern raised from the increasing
in individuals dispersal during thewet season, promotingmass effects. Finally, our results thus reject the first hy-
pothesis and show a negative relationship between EH and distinctiveness. However, results support our
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alternative hypothesis and show that during the wet season, distinctiveness is not driven by EH. These results
provide new insights into howEHdrives community variation, being useful for both basic research about riverine
algal communities and biomonitoring programs using phytoplankton communities as bioindicators.

© 2019 Elsevier B.V. All rights reserved.
1. Introduction

Spatial variation in biotic communities can stem from various pro-
cesses including species dispersal, speciation, extinction, niche
partitioning and biotic interactions (MacArthur and Wilson, 1967) of
which balance depends on ecosystem type and species traits. Generally,
microorganisms such as phytoplankton, are relatively well dispersed
even over the globe due to their small size and high abundance that
leads to their cosmopolitan or at least continental distributions (Green
and Bohannan, 2006; Naselli-Flores and Padisák, 2016). High dispersal
capacity supports a long-standing statement for microorganisms, that
is ‘everything is everywhere, but, the environment selects’ (Baas-
Becking, 1934). Despite fairly wide knowledge about the dispersal ca-
pacity of microbial taxa in general (Fenchel and Finlay, 2004) the ques-
tion of whether phytoplankton species show dispersal limitation at
broad spatial scales still remains largely unresolved (Vanormelingen
et al., 2009).

The spatial factors may have a distinct role over biotic communities
also at much smaller spatial scales than at global or intercontinental
scales typical for biogeographical studies. Mostly relevant at regional
or landscape scales,metacommunity theory (Leibold et al., 2004) disen-
tangles the importance of local (i.e., environmental variables or biotic
interactions) and regional (i.e., dispersal limitation and mass effects)
processes structuring spatially interacting communities. The balance
between local environmental filtering and species dispersal typically
varies between the organism strategies for growth and reproduction,
and environmental settings leading to four main metacommunity ar-
chetypes: neutral model, species sorting, patch dynamics and mass ef-
fects (Chase and Leibold, 2003; Hubbell, 2001; Leibold et al., 2004;
Leibold and Chase, 2018; Shmida and Wilson, 1985).

The importance of environmental filtering vs. dispersal processes
typically also vary with spatial scales and, at broad spatial scales, dis-
persal limitation tends to be higher while species sorting and mass
effects may prevail at intermediate or smaller scales (Astorga et al.,
2012; Tonkin et al., 2018b). For example, some evidence suggests
species sorting drives phytoplankton communities especially at in-
termediate spatial scales where dispersal limitation is weaker and
the spatial scale is too large for the mass effects to take place
(Huszar et al., 2015; Soininen, 2014), but this is still uncertain.
Therefore, to understand the factors underlying the multiple
metacommunity archetypes, the variation in community composi-
tion in space or time, is perhaps the most powerful concept (Viana
et al., 2016). In the light of species sorting, it is expected that envi-
ronmental heterogeneity (i.e., the spatial variation in environmental
factors) would be directly related to the level of community variation
(van der Velde et al., 2008).

There is both theoretical (Leibold et al., 2004) and some empirical
(López-González et al., 2015; Thomaz et al., 2007; Thomaz et al.,
2003) evidence showing that EH and β-diversity (i.e. community varia-
tion) are positively related. This has also been observed for phytoplank-
ton in lakes (Alves-De-Souza et al., 2017; Maloufi et al., 2016), reservoir
(Wojciechowski et al., 2017), floodplain (Bortolini et al., 2017a;
Chaparro et al., 2018), and river systems (Wu et al., 2018). However,
some studies also reported a negative or hump-shaped EH-
community variation relationship (Bini et al., 2014; Heino et al., 2015a
and references therein). In riverine communities, the lack of relation-
ship between EH and community variation (Heino et al., 2013;
Jyrkänkallio-Mikkola et al., 2016) has been reported to possibly result
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from mass effects, which would homogenize the community irrespec-
tive of the level of EH (Soininen et al., 2007a).

In streams, spatio-temporal patterns in EH are typically related to
hydrology. Considering the constant longitudinal connectivity of run-
ning waters, EH would be lowest mainly in the periods of high flow
(Bozelli et al., 2015) due to water chemistry homogenization promoted
by river flow (Wetzel, 2001). For instance, freshwater phytoplankton in
lentic systems is mostly controlled by bottom-up processes such as nu-
trient supply and light availability (Reynolds, 2006) whereas for river-
ine phytoplankton community, physical factors (e.g. water discharge,
temperature, turbidity) (Descy et al., 2017) and downstream transport
process (Lucas et al., 2009; Reynolds, 2000; Yu et al., 2015) take place
because nutrients are often not a limiting factor for growth in streams.
Concerning dispersal rates, longitudinal flow is one of the main drivers
of microorganisms in flowing systems (Lampert and Sommer, 2007).
Studies showed that among passive disperses (e.g. phytoplankton), wa-
tercourse distance might overcome other types of dispersion (e.g. over-
land, symmetric) and create a longitudinal pattern of species
distribution (Devercelli et al., 2016; Liu et al., 2013). In addition, in den-
dritic network systems, the number of rivers connected to the main
channel affect community resilience to disturbances (Altermatt and
Fronhofer, 2018). This implies that the relationship between commu-
nity variation and environmental conditions would also depend on
the network area, because higher dispersal rates would increase the ar-
rival of individuals and diminish extinction rates. It is also important to
highlight that the increase in river flowmight introduce non-planktonic
species to the water column through downstream transport processes
(Várbíró et al., 2018; Wang et al., 2018; Wang et al., 2014). This would
increase stochasticity in distribution patterns and weaken the link be-
tween community composition and environmental conditions (Descy
et al., 2012; Jamoneau et al., 2018).

Here, we first investigate the relationship between river phyto-
plankton community variation, or hereafter, community distinctiveness
(see details below) and EH in different river courses and between wet
and dry seasons. We hypothesized that under intermediate or low
flow conditions in a dry season, phytoplankton community variation
is positively correlated with EH, because environmental filtering is ex-
pected to be strong when dispersal rates are so low that abundances
are not affected by the arrival of new individuals (Heino et al., 2015a).
Alternatively, under high flow conditions in awet season, we do not ex-
pect any effect of EH on community variation, because stronger down-
stream transport processes increase stochasticity in species
distributions and lessen environmental filtering while increasing the
likelihood ofmass effects. Finally, we examine themost important envi-
ronmental drivers of phytoplankton distinctiveness in the river and dis-
entangle the importance of downstream transport processes and
environmental filtering in phytoplankton community variation.

2. Materials and methods

2.1. Study area

Piabanha river located in the Atlantic forest biome in Brazilian
Southeast, has 80 km long and the drainage basin is approximately
4500 km2. The headwaters are at 1125 m altitude (Petrópolis city, Rio
de Janeiro state), and drain to the medium valley of Paraíba do Sul
river, crossing three municipalities with different population densities
(Fig. 1). Population density data were obtained from Socioeconomic
ownstream transport processesmodulate the effects of environmental
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https://doi.org/10.1016/j.scitotenv.2019.135519


Fig. 1.Map of Piabanha River basin, Rio de Janeiro State – Brazil, highlighting sampling sites, weather stations, population density within the watershed, drainage area of upper, medium
and lower course and elevation profile of the river.
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Data and Application Center (Center for International Earth Science
Information Network - CIESIN - Columbia University, 2017, see
https://beta.sedac.ciesin.columbia.edu/data/set/gpw-v4-population-
density-rev10).

We set three river stretches (lower, medium and upper courses)
based on sharps slopes at the river elevation profile (Fig. 1). Hydrologi-
cal features of each stretch were obtained through a digital elevation
model (source: http://www.webmapit.com.br/inpe/topodata/) and
processed in ArcGIS 10.5 with the Spatial Analyst package. Besides hy-
drological differences, the stretches also showdifferent population den-
sities with the upper course being the more populated in this study
(Table 1).
2.2. Sampling and laboratory analysis

Monthly samples were taken in nine stations approximately every
6 km from headwaters to the mouth of Piabanha River between May-
2012 and April-2013 (Fig. 1). Data from two meteorological stations,
close to the sampling sites, were used to characterize rainfall. We ana-
lyzed meteorological data up to 3 days before each campaign and
Table 1
Main features of Piabanha river (RJ, Brazil) stretches.

River stretch Elevation range (m) Length (km) Mean s

Upper course 1125–825 9.6 31.25
Medium course 825–640 32.5 0.57
Lower course 640–266 36.3 10.30
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observed a dry season fromMay to October and a wet season from No-
vember to April.

We took water samples in each station and each sampling occasion
and kept these frozen (one or 2 weeks) until the laboratory analysis for
ammonium (N·NH4

+, mg L−1), nitrate (N·NO3
−, mg L−1), total phospho-

rus (TP, mg L−1) and soluble reactive phosphorus (SRP, mg L−1). Water
samples were filtered (except for total phosphorus analysis) using boro-
silicate filters (Whatman GF/C). Determinations of nutrient concentra-
tions were performed following APHA, 1998. In the field, we measured
temperature (°C), dissolved oxygen (DO, mg L−1) and turbidity by a
multiparameter probe sonde (YSI model 600 QS). Water discharge
(WD, m3 s−1) was measured with the SonTek RiverSurveyor –M9.

Subsurface samples of phytoplanktonwere collectedwith a bottle of
200 mL and fixed with Lugol-acetic solution. Phytoplankton population
densities (ind mL−1) were estimated by using the sedimentation tech-
nique (Utermöhl (1958) under an inverted microscope (400×magnifi-
cation, Olympus CKX41). Biovolume (mm3 L−1) was estimated by
multiplying the density of each population by the average volume, esti-
mated from 20 random chosen individuals (whenever was possible),
using the appropriate geometrical forms (Hillebrand, 1999; Sun and
Liu, 2003).
lope (m per km) Population density (ind/km2) Sampling points

3172 S1 and S2
412 S3–S6
165 S7–S9

ownstream transport processesmodulate the effects of environmental
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2.2.1. Data analysis
A huge variety of community variation metrics has been used to un-

derstand the relationship between community variation and environ-
mental heterogeneity (Anderson et al., 2011). Most of these metrics
consist of pairwise dissimilarities, or even in some cases, one single
value representing a group of multiple sites (Baselga, 2013). However,
assessing community variation as the distinctiveness of each site or spe-
cies from a focal sample or group instead of pairwise ormultiple sitemet-
rics may provide some advantages in predicting spatial or temporal
patterns (Legendre and De Cáceres, 2013; Legendre and Gauthier,
2014). This approach has also been used for estimating loss of native
and gain of non-native species in a community (Cassey et al., 2008).
Here, we measured community distinctiveness (CD) of each site as the
distance to a group centroid using: i) Sørensen dissimilarity (CDSor),
based on phytoplankton incidence data (presence-absence) and, ii)
Bray-Curtis dissimilarity (CDBray), based on phytoplankton biovolume.
The first metric is more likely to reflect variation in species spatial distri-
butionswhereas the latter ismore sensitive to environmental gradients in
the study area (Declerck et al., 2011). We considered seasons and river
stretches separately in the analyses and thus tested for differences be-
tween (i) dry and wet season and (ii) upper, medium and lower courses.
We estimated the environmental heterogeneity (EH) for each sample
from Euclidean distances of standardized abiotic data (TP, SRP, N·NO3

−,
N·NH4

+, DO, turbidity, temperature and pH). Because the lack of WD
data in some sampling sites (i.e. S1, S2) or samplingmonths (i.e. Septem-
ber andNovember), we considered themean values of the past 7 years as
our local values, which implies that no temporal variation in WD is ex-
pected among these sites. Therefore, to avoid any bias in our analysis,
we did not consider water discharge when estimating EH.

Differences in homogeneity of variances of environmental conditions,
community composition and community biovolume between seasons or
among river stretches were investigated through a permutation test of
multivariate homogeneity of groups dispersions (PERMDISP; Anderson
et al., 2006) through betadisper function within the R package vegan
(Oksanen, 2015). This test considers the distance of individual observa-
tions to their group centroid and distances represent the amount of vari-
ation among samples.We also performed Levene's test through leveneTest
function within the R package car (Fox et al., 2018) to check for differ-
ences in the variance of each abiotic variable between seasons and
among river stretches. Levene's test is considered a univariate version of
PERMDISP andwas performed evenwhenwedid notfind any differences
in EHbetween courses or among stretches. Tukey's testswere further per-
formed to detect significant differences among river stretches.

Because PERMDISP tests for homogeneity in variances, we applied a
permutational analysis of variance called Adonis (Oksanen, 2015) to
test for differences in community composition and biovolume between
seasons, among river stretches and also their possible interactions.
Pairwise Adonis was carried out to test for the differences among river
stretches using the function pairwise.adonis2 within the R package
pairwiseAdonis (Martinez Arbizu, 2019). In addition, similarity percent-
age tests (SIMPER) were used at classes and species level to identify
which taxa explained most of dissimilarities among groups of samples.
We used function simper within the R package vegan (Oksanen, 2015).
Taxa that comprised b0.2% of biovolume were removed to minimize
the influence of rare or inadequately sampled taxa.

To disentangle the effect of environmental filtering on phytoplank-
ton community variation we applied mixed-effects linear models with
beta distribution family (Cribari-Neto and Zeileis, 2010) using the func-
tion gamlss within the R package gamlss (Stasinopoulos and Rigby,
2007). Firstly, we tested for the effects of seasonality in the relationship
between EH and CD and included samplingmonth as a random factor in
the model to account for the within-season multiple measures. Sec-
ondly, we tested for the spatial effects in the relationship between EH
and CD and included sampling site as a random factor in the model to
account for the within-stretch multiple measures. Models were carried
out using both species incidence and biovolume-based measures of CD,
Please cite this article as: C. Graco-Roza, J.B.O. Santos, V.L.M. Huszar, et al., D
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totalizing four different models. Then, we determined the relative im-
portance of each environmental variable to CDwith Boosted Regression
Trees (BRT)method. BRT is amachine learning ensemblemethod based
on regression trees and boosting. The final BRTmodel can be considered
as an additive regression model in which the individual terms are trees
resulted from a stage wise algorithm (Elith et al., 2008). We fitted BRT
models considering tree complexity = 5, bagging fraction = 0.5, learn-
ing rate = 0.001 using the function gbm.step in the R package dismo
(Hijmans and Elith, 2013) with a Gaussian error distribution. The per-
centage of explained deviance was assessed based on aggregated ten-
fold cross-validation with resubstitution (Elith et al., 2008).

Lastly, we used variation partitioning to explore the relative effects
of spatial vs. environmental constraints on community composition.
To control for the effects of seasonality, we performed analysis on com-
munity variation based on species incidence and biovolume considering
all sampling sites and also separately at seasonal level. Dissimilarityma-
trices based on species incidence (i.e. Sorensen) and biovolume (i.e.
Bray Curtis) were used as response variable and all the environmental
variables were considered as predictors (now including WD). We then
determined which of the environmental variables explained best com-
munity variation by applying a forward selection procedure on
distance-based redundancy analysis through the functions dbrda and
ordistep in vegan package. To account for the spatial autocorrelation
among sites, spatial distances were extracted from asymmetrical eigen-
vectors maps (AEM; Blanchet et al., 2008) built from a connectivity ma-
trix through the function aem within adespatial package (Dray et al.,
2018). AEMmodel is an eigenfunction-based spatial filtering technique
designed tomodel spatial structures produced by directional processes.
We included the first eigenvector (AEM1) in our analysis because our
sampling design comprises a single streamline with no samples in trib-
utary rivers or connected lakes,whichmeans that each site is connected
to all the upstream sites above the focal site. It has been advocated that
AEM1 describes the broadest spatial structure and encompasses the
spatial variation in the whole study area (Blanchet et al., 2008; Yang
et al., 2018). Finally, we partitioned the variation in community compo-
sition into the fractions explained by selected environmental variables
vs. spatial factors for both seasons using the function varpart within
vegan package. The variation partition (here partial redundancy analy-
sis) is a multivariate extension of the linear regression that calculates
the amount of variation explained (adjusted R2) that can be attributed
exclusively to one or the other set of environmental or spatial explana-
tory variables or their joint effects (Borcard et al., 1992; Cottenie, 2005).
This procedure allowed us to investigate the effects of species sorting
solely by the environment and solely by spatial processes
(i.e., dispersal limitation or mass effects) on our communities.

3. Results

3.1. Abiotic data

During the dry season, nutrient values, except for N·NO3
−, were sig-

nificantly (p b 0.05) higher, whereas temperature andWDwere higher
during thewet season (Fig. 2). Among the river stretches, lower courses
of the river had higher values of temperature andWD, especially during
the wet season, whereas nutrient concentrations, except N·NO3

−, were
lower in the lower courses. Furthermore, EH was higher during the
dry season than wet season (Table 2) with high variance in TP,
N·NH4

+ and DO (Table 3). EH did not show differences in homogeneity
among stretches, althoughwe found differences in some individual var-
iables, namely DO, N·NH4

+ and temperature variances (Table 3).

3.2. Biological data

A total of 148 taxa belonging to seven taxonomic classes were regis-
tered. Bacillariophyceae, Chlorophyceae and Cyanobacteria contributed
themost to the total number of species (80%).With regards to biovolume,
ownstream transport processesmodulate the effects of environmental
://doi.org/10.1016/j.scitotenv.2019.135519
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Fig. 2. Boxplots of environmental variables across river stretches (upper, medium and lower) and seasons (dry andwet) of Piabanha River, Rio de Janeiro, Brazil, during the sample period
(April 2012 to May 2013). The central line on the boxplot shows the median, the outer edges of the boxes denote the 25th and 75th percentiles, the whiskers show the 10th and 90th
percentiles and any outliers are show as dots.

5C. Graco-Roza et al. / Science of the Total Environment xxx (xxxx) xxx
Bacillariophyceae (43%) was the most representative, followed by
Cyanobacteria (32%), Euglenophyceae (14%) and Chlorophyceae (6%), to-
talizing 98% of the total biovolume. The highest total biovolume was ob-
served during the dry season (F1, 98 = 9.865, p b 0.01) with a greater
contribution of Pinnularia sp. 1 and Pseudanabaena sp. 4 (Table S1).
Concerning the river stretches, the highest biovolume was attained by
Pinnularia sp. 1 and Cymbella sp. in the medium course (Table S1), al-
though no significant difference was observed in total biovolume
among river stretches (F2, 97 = 1.686, p = 0.191). The complete list of
species with mean biovolume across seasons and river stretches can be
found in the supplementary material (Table S1).

The community differed between seasons both for incidence (R2 =
0.06, p b 0.01) and biovolume-based (R2=0.03, p b 0.01) dissimilarities
(Table S2). Additionally, PERMDISP analysis showed highest heteroge-
neity of CDSor (incidence) and CDBray (biovolume-based) during the
dry season (Table 2). The phytoplankton community differed between
the upper course and the other river stretches when considering inci-
dence dissimilarities (Table S2). In contrast, we observed differences
in the communities among all the river stretcheswhen considering spe-
cies biovolume (Table S2). Nonetheless, we did not observe any differ-
ence in the variation of CDSor among river stretches, but we found
Table 2
Mean value and s.d. (±) ofMultivariate homogeneity of group dispersions (PERMDISP) results
(CDSor) and based on biovolume (CDBray) in different seasons and river stretches in Piabanha R

Season

Dry season Wet season

EH 2.79 (±1.05) 2.14 (±0.82)
CDSor 0.54 (±0.05) 0.60 (±0.03)
CDBray 0.63 (±0.05) 0.66 (±0.03)

Significant values are in bold. Small letters refer to Tukey test in pairwise comparisons among
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higher variance in CDBray at the upper course when compared to other
stretches (Table 2). Additionally, SIMPER analysis revealed that
Cyanobacteria accounted for 23% of seasonal differences in community
variation, mainly related to species from the genus Pseudanabaena
(Lauterborn) showing higher biovolume during the dry season rather
than the wet season (Table S3). For river stretches, the reduction in
Cyanobacteria biovolume along the river channel accounted for 27%
(upper to medium courses) and 29% (upper to lower courses) of the
variation in the community (Table S3). A reduction in Bacillariophyceae
biovolume, represented mainly by species from the genus Cymbella
(Agardh) and Navicula (Bory de Saint-Vincent), accounted for 32% of
the community variation between the medium and lower course
(Table S3).
3.3. Environmental heterogeneity (EH) × community distinctiveness (CD)

There was a significant negative relationship between EH and CDSor

(R2 = 0.48, p b 0.01) and CDBray (R2 = 0.24, p = 0.02) during the dry
season, but no significant relationship during the wet season (Fig. 3).
For the stretches, EH and CDBray had a significant negative relationship
of environmental heterogeneity (EH), community distinctiveness (CD) based on incidence
iver.

River stretch

Upper course Medium course Lower course

2.56 (±1.33) 2.46 (±1.0) 2.02 (±0.83)
0.56 (±0.03) 0.58 (±0.04) 0.58 (±0.04)
0.60 (±0.08)a 0.64 (±0.04)b 0.64 (±0.04)b

river stretches.

ownstream transport processesmodulate the effects of environmental
://doi.org/10.1016/j.scitotenv.2019.135519
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Table 3
Levene's test of the variation in environmental variables across seasons and river stretches.

Seasons

Environmental variables Variance Levene's test

Dry season Wet season F-value

pH 0.14 0.14 0.09
Temperature 3.99 8.35 9.99
Turbidity 289.71 186.32 0.70
Total phosphorus 0.07 0.02 17.51
Dissolved oxygen 3.92 2.05 6.17
Nitrate 0.64 0.35 0.71
Ammonium 7.05 1.57 9.40
Soluble reactive phosphorus 0.01 0.01 2.91

River stretches

Environmental variables Variance Levene's
test

Upper
course

Medium
course

Lower
course

F-value

pH 0.21 0.11 0.12 0.39
Temperature 5.67 5.57 10.99 3.23
Turbidity 99.32 383.79 102.49 1.29
Total phosphorus 0.05 0.07 0.04 1.58
Dissolved oxygen 4.06 1.72 0.87 8.10
Nitrate 0.39 0.22 0.42 0.02
Ammonium 7.32 4.25 0.14 10.17
Soluble reactive
phosphorus

0.01 0.01 0.00 2.49

Significant values are in bold.
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(R2 = 0.17, p = 0.04) in the medium course. Detailed results of each
model can be found in supplementary material (Table S4).

BRTmodels showed higher explained deviance of CD across seasons
than river stretches (Fig. 4), although environmental variables showed
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Fig. 3. The relationships between environmental heterogeneity and community distinctiveness
of Piabanha River, Rio de Janeiro, Brazil. Solid lines are the regression lines fitted to the data. D
month as a random effect in the seasonal models (left panels) and sampling site as a random e
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the same rank of importance in explaining phytoplankton variation.
From the total of nine environmental variables considered in the BRT
models, TP, N·NH4

+, WD and temperature explained together N50% of
the explained deviance for both CDSor and CDBray across seasons and
river stretches (Fig. 4).

The distance-based RDA revealed that different subsets of environ-
mental drivers were important across seasons, depending on the dis-
similarity measure used (Fig. S1). The variation partition showed
overall higher importance of environmental variables for both phyto-
plankton incidence and biovolume, although spatial distances showed
significant contribution for community variation, especially when con-
sidering seasons separately (Table 4). During the dry season, we did
not observe any pure spatial effect in phytoplankton community
(Table 4). However, during the wet season, spatial factors had only
weak importance on species incidence but they had comparable impor-
tance to environmental variables when considering species biovolume
(Table 4).

4. Discussion

We investigated the effects of EH in the variation of phytoplankton
community of river Piabanha across seasons and river stretches using
twomeasures of community distinctiveness (CD) based on species inci-
dence (CDSor) and biovolume (CDBray). It is expected that in general, an
increase in EH would increase community variation (Bortolini et al.,
2017b; Maloufi et al., 2016; Wu et al., 2018). However, our results re-
vealed that this is not the case in river Piabanha.We found that the sea-
sonal differences in phytoplankton incidence, biovolume and also EH
highlight the importance of river dynamics in shaping phytoplankton
community. Our results provide evidence that even under high EH,
community variation may be low in sections more affected by anthro-
pogenic activities or during the low flow periods. In addition, the ob-
served spatial variation in phytoplankton biovolume were most likely
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result of both downstream transport process (i.e. species originating
mainly from the upper course were found also in lower courses but
with lower biovolume) and environmental filtering (e.g. dominance of
Cyanobacteria under high nutrient concentrations), which suggests
that bothmass effects and species sortingmay play roles in this system.
Next, we will discuss our main findings in detail.

4.1. Environmental heterogeneity

In this study, EH varied between seasons due to the different hydro-
dynamics, showing lower values during the wet season when the ex-
change of material is higher because of the highest flow (Bozelli et al.,
2015). This might stem from the observed reduction of the spatial vari-
ation and nutrient concentrations (except for N·NO3

−) during the wet
season. In fact, the main loads of inorganic matter to Piabanha River
are thewastewater discharge from the cities. Thus, the runoff promoted
by the rainfall during the wet season is not themajor factor for variabil-
ity in nutrient concentrations, especially for paved urban areas. In this
case, the increase in water level during the wet season promotes the di-
lution of nutrient concentrations from wastewater (Uhlmann, 1971;
Zhu et al., 2007). Note that the nutrient concentrations were highest
in the upper course, which is in the most populated city of the study
(Table 1). Here, we note that the lack of spatial EH could result from an-
thropogenic impacts in the headwaters that act as a source of nutrients
from the most impacted reaches to the downstream. This agrees with
earlier studies that highlight the importance of river headwaters to
water quality downstream (Alexander et al., 2007; Jamoneau et al.,
2018; Yang et al., 2016). Such findings suggest that besides the hydrol-
ogy, surrounding land use also play an important role in driving phyto-
plankton communities.
Table 4
Adjusted coefficients of determination (R2adj) of each component to explain the variation
in phytoplankton incidence and biovolume. [a] % explained solely by environmental con-
ditions; [b] % shared variation between the environment and space and [c] % explained
solely by space. Only components [a] and [c] are testable and significant values are in bold.
[d] % unexplained variance.

[a] [b] [c] [d]

All sites
Incidence 6.8 0.7 0.5 91.9
Biovolume 2.6 1.5 0.03 95.6

Dry season
Incidence 5.0 0.6 ⁎⁎ 94.6
Biovolume 1.7 1.1 0.2 97

Wet season
Incidence 3.5 1.4 1.6 93.3
Biovolume 1.5 0.1 1.3 96

⁎⁎ Values lower than zero are not shown.
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4.2. Environmental heterogeneity × community distinctiveness – seasons

The hypothesis that under low flow conditions, phytoplankton com-
munity variation is positively correlatedwith EHwas rejected, irrespec-
tive of themetric used (Sorensen or Bray Curtis). Instead, we observed a
negative relationship between CD and EH during the dry season (Fig. 3),
even if some earlier river studies found a positive relationship between
EH and community variation (Jyrkänkallio-Mikkola et al., 2017) or no
relationship (Heino et al., 2013; Jyrkänkallio-Mikkola et al., 2016). The
reason for such a negative relationship is speculative at present, but it
may stem from the fact that the higher environmental heterogeneity
in our study is related to the highest nutrient concentrations, especially
in the most populated reaches. In fact, BRT results revealed the impor-
tance of nutrients to phytoplankton community, especially the fact
that the increase of TP affected negatively CD (Fig. S2). This finding
emerged even though for riverine phytoplankton, physical factors
such as turbidity and water discharge are often considered as the
most important drivers of community variation (Descy et al., 2012,
2017; Soares et al., 2007). Furthermore, high P and N concentrations
generally select for a small subset of species such as filamentous
Cyanobacteria (Cardoso et al., 2017), and most importantly, leads to bi-
otic homogenization (Wengrat et al., 2018). Consequently, it is reason-
able that EH and CD were negatively related especially during the low
flow periods when dispersal processes are not likely to affect species
abundances more than environmental filtering (Bozelli et al., 2015;
Heino et al., 2015b).

Our second hypothesis - under high flow conditions, there is no ef-
fect of EH in community variation – was accepted. The lack of relation-
ship between CD and EH during the wet season indicates the interplay
between resource availability and dispersal rates in riverine phyto-
plankton. During the wet season, nutrient concentrations were lower,
water discharge was higher and not surprisingly, we observed lower
EH. Somewhat surprising was that during the high flow periods, CD
was the largest even if high among-site dispersal, denoted by the impor-
tance of spatial factors in variation partition (Table 4), should homoge-
nize communities. It may be that high community variation stemmed
from the fact that higherwater discharge can drive phytoplankton com-
munities either through settling patterns (Bowes et al., 2016;
Engelhardt et al., 2004) or through the insertion of benthic species
that are dislodged by the river flow and then occur as tychoplankton
(Descy et al., 2017; John and Museum, 2013; Liu et al., 2013; Wang
et al., 2014). Such new colonists would increase stochasticity (Abonyi
et al., 2012; Devercelli et al., 2016) leading also to higher community
variation. Collectively, this may lead to a lack of a relationship between
environmental factors and community variation of planktonic species
(Jamoneau et al., 2018) along with overall higher community variation
observed here.
ownstream transport processesmodulate the effects of environmental
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4.3. Environmental heterogeneity × community distinctiveness – river
stretches

We found lower CDBraywithin the upper coursemostly due to higher
biovolume of Cyanobacteria under the highest nutrient concentrations,
and a significant relationship between EH and CDBray within the me-
dium course. In fact, the smaller streams, such as the ones that join to
Piabanha headwaters, are not expected to contribute significantly to
planktonic communities as rapid stream flow does not allow planktonic
communities to develop (Allan and Castillo, 2007). Additionally, up-
stream communities that are less influenced by the new colonists, are
generally driven more strongly by species sorting than dispersal effects
(Jamoneau et al., 2018; Tonkin et al., 2018a). Furthermore, the efficient
dispersal in the lower reaches should lead to a decrease in community
distinctiveness because the constant arrival of individuals would ho-
mogenize communities (Gianuca et al., 2017). It has been advocated
that river flow is the driving force behind riverinemicroorganismal dis-
persal (Lampert and Sommer, 2007) and may lead to mass effects
(Sarremejane et al., 2017). On the other hand, higher water discharge
can also intensify environmental filtering in some circumstances
selecting species able to cope with intermittent flow (Tornbjerg et al.,
2019). This suggests that the relationship between CD and EH should
differ among stretches because both the environmental filtering and
dispersal rates vary along the water channel (Descy et al., 2012;
Jamoneau et al., 2018). In addition, contrary to as suggested in river con-
tinuum hypothesis (Vannote et al., 1980), the conditions in the middle
stretches of the rivers rather than lower stretches seem to suit better
for truly planktonic species (a.k.a. euplankton) and should be less influ-
enced by the detached benthic algae (Reynolds and Descy, 1996;
Reynolds et al., 1994; Soares et al., 2007).

Both theoretical (Soininen et al., 2007b) and empirical (Wetzel et al.,
2012) evidence states that community similarity decreases along a spa-
tial gradient. However, riverine passive dispersers such as phytoplank-
ton are expected to show a constant drift to downstream direction
(Tonkin et al., 2018a), and in some cases, it can overcome environmen-
tal filtering due tomass effects (Chaparro et al., 2018; Dong et al., 2016;
Heino et al., 2015a). Results from pRDA (Table 4) showed that species
sorting is the main metacommunity archetype behind the community
assembly processes in the phytoplankton of Piabanha river. However,
seasonality plays an important role in the balance between dispersal
processes and environmental filtering. The importance of environmen-
tal and spatial factors controlling phytoplankton community assembly
is under huge debate and it is still uncertain. Studies point that environ-
ment plays themost important role (Huszar et al., 2015; Soininen et al.,
2011), but exceptions exists (e.g. Meier and Soininen, 2014). Here, we
suggest that the observed lack of among-stretch differences in incidence
based distinctiveness (CDSor) most likely results from the dynamics of
running waters in terms of flow processes and stochastic extinction-
colonization processes (Schmera et al., 2018). Moreover, the dendritic
structure of the rivers increases the exchange of individuals and, at
some spatial extents, increases the community variation even within
homogeneous environments (Altermatt and Fronhofer, 2018). Then,
one can suggest that the highest variance in the biovolume (CDBray) in
the upper course as well as the negative effect of EH in the medium
course stems from the complexity of the dendritic structure of the riv-
ers. Furthermore, the gradual loss of phytoplankton biovolume from
the upper to the lower course (Table S3) and the variance in community
biovolume explained jointly by environment and space during the wet
season (Table 4) is a compelling evidence of downstream transport pro-
cess carrying species from the source points to suboptimal conditions,
revealing an interplay between dispersal (downstream transport) and
environmental constraints (chemical homogenization) along the river
channel.

In conclusion, our results show a negative effect of EH in community
distinctiveness, but during the wet season, this effect was reduced due
to species dispersal. These results provide new insights into the factors
Please cite this article as: C. Graco-Roza, J.B.O. Santos, V.L.M. Huszar, et al., D
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driving phytoplankton community variation in rivers by showing how
downstream transport processes and nutrient enrichment modify the
relationshipwith EH. Finally, future studieswould benefit from examin-
ing riverine phytoplankton communities with combining large spatial
extent with high sampling resolution in space and time, in order to de-
tect the relative importance of downstream transport and EH on com-
munity variation.
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