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Abstract

Social distancing was encouraged and sometimes
enforced via lockdowns during the worst of the COVID-
19 pandemic. However, people still needed to socialize
to combat feelings of loneliness, so many turned to
social media. While online interactions were
encouraged, sharing about behaviors considered unsafe
during the pandemic was met with increased shaming
and vitriol. This study focuses on understanding
whether and why online self-disclosure behaviors
changed during the holiday season — a time many people
believe should be spent with family and loved ones —
because of the pandemic. We collected two rounds of
survey data in December 2020 from Facebook and
Instagram  users. QOur results show significant
differences between the kinds of information disclosed
online between 2019 and 2020. We also found that
evaluation apprehension moderated the relationship
between predicted and reported behaviors for socially
desirable information — such as wearing a mask and
working from home.

Keywords: Social  media, Self-disclosure,
Pandemic, Holidays, Longitudinal study

1. Introduction

The COVID-19 pandemic changed how and what
people talked about on social media. For some, social
media became a place for users to stay connected with
the world — as a source of news and contact with others;
this was evidenced by increased usage on Facebook and
Instagram (40%), messaging services — such as
WhatsApp and Facebook Messenger (70%) — Chinese
social media apps Weibo and WeChat (58%), video
services YouTube and TikTok (~15%), and social
gaming (31%) [1, 2, 3, 4, 5] from February to April
2020. Nielsen data indicated that social media apps
accounted for 25% of all mobile app usage among US
adults beginning in mid-March, up from around 20% on
January 1, 2020 [6]. News outlets attributed the
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increased time online to combatting depressive episodes
and increased levels of anxiety [7, 8, 9].

The rise in social media use was paralleled by a
reported rise in social shaming for behaviors deemed
socially unacceptable in the context of a pandemic -
such as dining out and traveling [10, 11, 7, 8]. Against a
backdrop of changing prescriptions from federal
agencies — such as the Center for Disease Control and
Prevention (CDC) [12] and the World Health
Organization (WHO) [13] — a patchwork of state level
actions [14], and conflicting information from
government leaders [15], social media users engaged in
conversations about (in)appropriate behaviors during
the pandemic. In the United States, masks were a
particularly divisive topic [16]. We suspect this
combination of factors — increased usage of social media
and the perceived increase in social shaming — has
impacted how individuals use and interact with others
on social media.

To understand the interplay of the context of
COVID-19 with patterns of social media use, we
conducted a longitudinal, quasi-experimental study with
Facebook and Instagram users during the 2020 winter
holiday season in the United States. The holidays are
typically viewed as a time for reconnecting with one’s
extended social circle [17], so we believed this was a
prime time to explore patterns of online self-disclosure.
While prior self-disclosure research used a privacy
calculus lens to study how users evaluated the personal
costs and benefits of revealing personal information
online [18, 19], this study considers social impacts on
the decision to self-disclose. Using a social calculus lens
offers an opportunity for developing a contextualized
understanding of self-disclosure during the pandemic-
afflicted holiday season because of the reported increase
in social pressure to adopt and signal preventive
behaviors. As such, it affords opportunities to
understand how future global health crises impact what
and why individuals self-disclose. Our study focuses on
how specific kinds of information people disclose online
— socially desirable, socially undesirable, and holiday-
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related — has changed and the moderating effect of
evaluation apprehension (i.e. how they perceive their
social contacts may react to their disclosure) on self-
disclosure intention and behavior. Accordingly, we have
two research questions (RQs):

RQ1: How has self-disclosure on social media
changed because of the pandemic?

RQ2: How does evaluation apprehension affect
the influence of self-disclosure intention on
behavior?

Answering these RQs provides insight into how the
broader offline and online environments shape social
media users’ decisions to share information. This helps
identify how COVID-19 has affected social media use
and informs managers’ understanding of possible online
user behaviors during future emergencies and health
crises. Such insight is important because it affects the
reliability of social media data used to inform marketing
and advertising decisions. Although this data is specific
to the COVID-19 pandemic, the results are likely to be
useful for predicting behavior during future pandemics
spurred by our increasingly global community and,
consequently, integrated biological portmanteau.

2. Literature Review

2.1. Online Self-Disclosure

Online self-disclosure is defined as any message
about the self communicated to another via an online
medium [20]; this behavior is considered crucial to
relationship development and maintenance as it is how
an individual enables another person to learn about them
[21]. Although we struggled to find studies concerning
self-disclosure during a pandemic, we found studies that
were relevant given what news outlets have reported
about individuals and their motivations for using social
media during this historic time. Specifically, prior
studies have found that feelings of loneliness [22, 23],
the frequency and duration of social media use [24, 25],
and relationship maintenance motivations [26, 27] are
positively related to self-disclosure. This means
individuals are more likely to share personal
information online when they 1) feel lonely, 2) use the
social media platform often and for extended periods of
time, and 3) want to nurture and/or deepen relationships.
Conversely, individuals are less likely to share personal
information online if they suspect unwanted audiences
may access their content [28].

Furthermore, a recent study argued that the
pandemic made individuals more aware of how others
evaluate what they disclosed on social media. This
phenomenon — referred to as inside-out (i.e. topics not
previously common to disclose are now socially
encouraged) and outside-in (i.e. topics previously

common in disclosures are now discouraged) — indicates
that individuals consider more than personal benefits and
costs in self-disclosure decisions; they are likely to apply
an other-focus (or social calculus lens) in determining
what information to share and when [2].

Our literature search uncovered very few studies
related to self-disclosure around the holidays. While
extant literature indicates holidays are a time for
reconnecting with an extended social circle [17], it is
unknown how much of that is done online. A study on
holiday e-cards revealed it was only deemed acceptable
to send an e-card instead of a physical card for far-flung
relations and friends [29], though it is unclear how the
pandemic may have affected those perceptions. Another
study investigating Twitter activity around the
Christmas holiday found that Christmas-related tweets
numbered nearly one million per day by December 8,
with steady increases beginning around December 14
through a peak on Christmas Eve (December 24); the
tweets decreased significantly after December 26 [30].
This behavior seems to echo that observed in an earlier
study about social media use before, during, and after a
vacation. Many individuals used social media to search
for activities and seek out recommendations from their
networks before the vacation; about half of the
respondents used social media to stay connected with
friends during the vacation and 80% posted about their
experiences immediately following their return [31].

2.2. Evaluation Apprehension

Evaluation apprehension refers to individuals’
concerns about how others evaluate them and their
actions [32, 33]. The fear of retaliation or judgement by
others results in people acting in a different manner than
they would in normal life. The concept of evaluation
apprehension has been used by IS researchers in
studying electronic brainstorming systems [33] and
group support systems [34].

With the connectivity and transparency of the social
media environment [35], evaluation apprehension
influences how individuals behave and share
information on social media platforms. An individual’s
actions are easily observed and can be revisited through
their profile by others. People care about social rewards
and punishment; thus, they are more likely to consider
others’ perspectives in evaluating the costs and benefits
of sharing information [36].

3. Research Model
By adopting the social calculus lens [2], we
contextualize the exploration of online self-disclosure

during the pandemic by identifying three high-level
groups of information disclosed during the winter
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holiday season: socially desirable, socially undesirable,
and holiday-related. The first group are behaviors that
comply with CDC and WHO recommendations for
preventing the contraction and spread of COVID-19; as
such, we expect this information to be relatively specific
to conversations and posts in 2020. The second group of
disclosures represent information that was likely to be
openly shared before the pandemic but could be
perceived as selfish or irresponsible in the midst of the
pandemic. Lastly, the holiday-related disclosures are
specific to the time of data collection; because holidays
are a time for reconnecting and the pandemic conditions
discouraged get-togethers and travel, we anticipate these
disclosures to be lower in 2020.

In addition to these differences in the kinds and
amounts of information shared during the holiday
season, we also test the model presented in Figure 1. The
relationship between intention and behavior is
previously explored in the literature [37, 38, 39], so we
anticipate replicating those findings. In other words,
intention to disclose will positively influence disclosive

behavior.
Evaluation
Apprehension
Self-Disclosure Self-Disclosure

Intention Behavior

Holiday Holiday
Disclosures Disclosures
Socially Socially
Desirable Desirable
Socially Socially
Undesireable Undesireable

Control
Online
Figure 1. Research model

In considering the social media environment during
the pandemic, we argue that it is important to consider
how other users influence an individual’s decision to
disclose information on social media platforms (social
calculus lens). Prior research has found that negative
evaluation by others in one’s social network reduces
one’s intention to self-disclose [36]. We propose this
fear of negative evaluation by others will actually alter
the intention-behavior relationship because the nature of
social media enables individuals to decide against
sharing a disclosure at the last moment — a person may
intend to create a new post and decide against doing so
with no repercussions [40, 41]. Many social media users
will have established patterns of behavior from before
the pandemic, so including evaluation apprehension as
a moderator allows us to explore disruptions to these
established behaviors. Given the reports of increased

social shaming in online environments, it’s likely
evaluation apprehension is more salient than in non-
pandemic times. Due to the varying nature of the three
groups of disclosures, we suspect evaluation
apprehension will operate differently for each, though
the literature provides limited guidance in formulating
specific hypotheses.

Lastly, we include online self-efficacy as a control
variable. Prior studies have found a positive relationship
between self-efficacy and self-disclosure — meaning that
individuals who feel more capable in using social media
and its privacy settings are more likely to disclose
personal information on the platform [42, 43]. Given our
focus on social influences on the intention-behavior
relationship, including self-efficacy as a control is
important to limit alternative explanations for the results
from model testing — such as competent use of privacy
settings.

4. Method

Data for this study was collected at two different
times using Prolific (https://www.prolific.co/) to recruit
and compensate respondents. The first round of data
collection occurred on December 19 and 20, 2020 and
the survey included items for reported disclosures
during the 2019 holiday season, intended disclosures
during the 2020 holiday season, online self-efficacy, and
evaluation apprehension.  Preceding the items
concerning 2019 disclosive behaviors, participants were
presented with a short primer paragraph reminding them
of “business as usual” before the pandemic began.
Similarly, before the items concerning 2020 disclosive
behaviors, we presented a short primer paragraph
describing the current reality during the pandemic,
including discussing furloughs, homeschooling, and
cancelled travel plans. We followed up with a second
survey from December 28, 2020 to January 1, 2021 to
measure reported disclosures over the holidays;
Prolific’s platform enabled us to limit respondents of the
second survey to those who completed the first survey.
Individuals who completed both surveys were
compensated £3.75 — approximately 5USD.

Our dataset only contains records for respondents
who completed both surveys. We removed records that
exhibited longstring (consecutively repeated) responses
of 19 or more, multiple failed attention checks, and
response rates less than two seconds per item. This
resulted in a final dataset of 497 usable responses. The
following subsections provide additional details on the
measures used and the participants of the study. The full
instrument is provided in the Appendix.
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4.1. Measures

Online self-efficacy was measured using a slightly
modified version of the instruments from Compeau and
Higgins [44] and Venkatesh and Davis [45] on a seven-
point sliding Likert scale. Given our social media
context, we determined four of the original eight items
were well suited to reflecting online self-efficacy in this
study with minimal modification. The other four items
were greatly modified to reflect confidence in one’s
ability to use Facebook or Instagram for interacting with
others and protecting information shared. Following a
pilot test on MTurk, three of the original items and one
of the heavily modified items were retained for the full
study. The composite reliability for the measure in the
full study was .797.

Evaluation apprehension was measured using the
three highest loading items from the instrument by La
Greca and Lopez [46] on a seven-point sliding Likert
scale. We slightly modified two of the items and
changed the third item to focus on support instead of
liking. No further modifications were made to this
measure following the pilot test. The composite
reliability for the measure was .940.

The online self-disclosure measure was developed
for this study. While the construct is generally
considered to be multi-dimensional - capturing
elements of the message (e.g. intimacy, honesty) and
behavior (i.e. the intentionality with which information
is shared) [20] — we were more concerned with
capturing the kind of information being shared rather
than measuring more general sharing behaviors. As
such, we followed examples from the literature [47, 48]
and developed a list of nine behaviors that might be
shared on social media representing a range of risk given
the ongoing pandemic. We included three items we
classified as “new and good” behaviors based on CDC
recommendations [49], and two items each for low-,
moderate-, and high-risk categories based on
information published by the British Heart Foundation
[50]. Risk, here, is determined by the likelihood one
might contract or spread COVID-19 from participating
in the specified activity.

These measures were run in a separate pilot study
to determine if the classification was valid for further
testing. In this study, MTurk respondents were asked to
rate on a 10-point scale their perception of being judged
or punished for posting the information on social media.
This test revealed no statistical difference between
moderate- and high-risk behaviors and “new and good”
and low-risk behaviors when evaluated for perceived
judging and punishment; these two groups of items were
statistically different from each other, with the former
resulting in higher perceptions of judging and
punishment.

Based on these results, we reclassified the
moderate- and high-risk items as socially undesirable
disclosures; the low-risk and “new and good” items
were reclassified as socially desirable disclosures. We
developed three additional items that focused on
holiday-specific behaviors in which one may partake
during the winter season. For each item, respondents
indicated if they shared or intended to share the
information online (yes/no) and then how frequently
they shared (would share) that information on a six-
point semantic scale from never to every day. We
combined these measures into a single value for each
item using the following formula: shared * (frequency -
1). Subtracting one from the frequency set the “never”
response equal to zero from the default value of one, and
multiplying by the yes/no response corrects for any
misaligned answers between the two responses (e.g. a
respondent saying they wouldn’t share this information
and indicating they shared it once a week). Final values
for the disclosure items ranged from zero to five. The
composite reliabilities for these measures in the first
survey (intended behavior) were .626, .787, and .630
respectively; in the second survey (reported behavior),
the composite reliabilities were .645, .758, and .529
respectively. While the socially undesirable and holiday
behaviors are lower than most recommended cutoffs for
reliability, these are new measures and all factor
loadings were greater than .404 [51], so we determined
these levels acceptable enough to continue our analysis
at this time.

All measures exhibited acceptable convergent and
discriminant validity.

4.2. Participants

Our data included 239 Instagram users and 258
Facebook users recruited through the Prolific platform.
Of all participants, 54% identified as female, 43% as
male, and 3% as nonbinary or genderqueer. Seventy-two
percent identified as white, 15% as Asian, 7% as black,
and 4% as multiracial; in terms of ethnicity, 7%
identified as Hispanic or Latinx. Most of our sample was
employed full-time at the time of the survey (40%), 18%
were unemployed, 16% were students, and 16% were
employed part-time.

Because our survey included items specific to
winter holidays, we also asked respondents about their
religious affiliation and tendency to celebrate a holiday
during the 2020 holiday season — we did not specify a
holiday so as to be inclusive of the myriad of
celebrations. Half of the respondents indicated they
were not religious and another 1% identified as
agnostic; thirty-five percent practiced some form of
Christianity, 3% practiced Judaism, 2% identified as
spiritual, 2% practiced Hinduism, and 1% practiced
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each Buddhism, Islam, and Paganism. Ninety-three
percent of respondents said they typically celebrated a
holiday during December, though only 64% reported
planning to celebrate with family and/or friends during
December 2020.

5. Results

We analyzed the data using ANOVA in SPSS 26
and structural equation modeling with moderation in
MPlus 8.6. First, we review the results of the ANOVA
analysis. Then we discuss the results of testing the
moderated model.

5.1. ANOVA Results

Our data collection provided the disclosure
behavior items for three time periods: 2019 holiday
season, intended 2020 holiday season, and reported
2020 holiday season. As such, we ran a set of repeated
measures ANOVA to examine statistical differences
across these times for each classification of disclosure.
To do so, we averaged the relevant items for socially
desirable, socially undesirable, and holiday behaviors at
each time period. In all of these analyses, the assumption
of sphericity was violated (p=.000), so we used the
Huynh-Feldt correction [52]; this statistic was
significant (p=.000) in each run, indicating there were
significant differences between the means. The results
are shown in Figure 2.

Beginning with socially undesirable behaviors (the
top chart), there is no statistical difference between the
intended (SUI) and reported (SUR) behaviors during the
2020 holiday season (p=.713); however, the reported
behaviors from the 2019 holiday season are significantly
higher than those for 2020 (p=.000). The socially
desirable behaviors (middle chart) demonstrated
significant differences at all three periods (p=.000).
These behaviors are lowest in 2019 — which is to be
expected as some of the items discuss wearing masks
and working from home; perhaps more surprising is that
respondents expected to share more of these behaviors
during the 2020 holiday season (SDI) than they actually
reported (SDR) sharing. Lastly, the holiday behaviors
(bottom chart) showed significant differences between
the three time periods. Behaviors in 2019 were
significantly higher than in either of the 2020 periods
(p=.000); the intended holiday disclosures (Holl) were
also statistically higher than the reported behaviors
(HolR; p=.013), though the magnitude is to a smaller
degree than with socially desirable behaviors. However,
this similarly demonstrates that respondents expected to
share more about their holiday plans than they reported
sharing on social media at the end of the season.

1.00
0.80
0.60
0.40

0-20 I\I—I

0.00

SU2019 SUI SUR
1.00
0.80
060
040 x/\
0.20
0.00
SD2019 SDI SDR
1.00
0.80
060
0.40
0.20
0.00
Hol2019 Holl HolR

Figure 2. Means and 95% confidence intervals for
information disclosed over time (from top to bottom:
socially undesirable, socially desirable, and holiday-
related disclosures)

5.2. Structural Modeling Results

Using MPIlus software, we ran the structural
equation model presented in Figure 1 with and without
moderation to compare model fit — the output with
moderation only provides AIC and BIC fit statistics; in
comparing these statistics, smaller values represent a
better model fit. The model with moderation provided a
slightly better fit (AIC: 30716.489; BIC: 31154.182)
over the model without moderation (AIC: 30737.428;
BIC: 31170.912), indicating the moderating effect
provided valuable additional information. The results of
the moderated model are presented in Figure 3.

It is important to note that the model would not run
with a moderator on the relationship between intended
and reported socially undesirable disclosures; upon
examining the data further, we believe this is because
the wvariance in these two constructs was not
significantly different from zero. We tested an
alternative calculation based entirely on dummy
variables for the socially undesirable items; while this
did give us (nonsignificant) results with the moderator,
the factor loadings were lower and the analysis
generated a warning about the trustworthiness of the
standard errors; as such, we do not report a moderation
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estimate for the socially undesirable disclosures, though
we have reason to believe it would be nonsignificant.

Evaluation
Apprehension

Self-Disclosure -.057,
Intention Holidlay

) Disclosures
Holiday 739* R2 = 548*

Disclosures

Self-Disclosure
Behavior (SDB)

Socially 824~
Desirable

Socially 571
Undesireable = Socially

Undesireable
R2=.344%

Control

Online
Self-Efficacy

SDB-Hol: .064
SDB-SD: .006
SDB-SU: -.114*

Figure 3. Results of testing the moderated model

As expected, intention was a strong predictor of
reported behavior for all three classifications of
disclosures. The online self-efficacy control variable
was only significant for socially undesirable
disclosures. This negative effect indicates individuals
who are more aware of how to protect their information
online seem to do so by not posting online.

Evaluation apprehension has no significant effect
on holiday disclosures. However, it has a significant,
positive moderating effect on socially desirable
disclosures. This indicates individuals who are more
concerned with how others perceive them are likely to
share about socially desirable behaviors more often than
those who aren’t. This interaction is shown in Figure 4.
To generate the figure, we calculated the average for
each respondent on the three evaluation apprehension
items. We then found the overall average (3.18);
respondents whose average was higher were assigned to
the high group and those whose average was lower were
assigned to the low group.

06 High

0.5
04
03

0.2

Average of SDI Average of SDR

Figure 4. The evaluation apprehension moderation
effect for socially desirable disclosures

6. Discussion

Against the backdrop of COVID-19 and the 2020
holiday season in the United States, this study explores
what and why individuals disclosed different kinds of
information on social media. Specifically, we addressed
two research questions by identifying different types of
information individuals disclose on social media during
a pandemic and explaining how evaluation
apprehension moderates the effects of self-disclosure
intention on behavior.

6.1. Key Findings

In a departure from prior work, we suggested that a
social calculus lens (i.e. the inside-out and outside-in
phenomenon) would drive what and why individuals
shared information during the pandemic-afflicted
holidays. Perhaps, unsurprisingly, we found the
pandemic changed the self-reported holiday season
behavior from 2019 to 2020. By pandemic standards,
individuals were more likely to self-disclose socially
desirable behaviors in 2020 than in 2019 and less likely
to disclose socially undesirable behaviors during the
same period. This provides initial support for our
contention that a social calculus drives self-disclosure
during a pandemic. More importantly, our analysis of
evaluation apprehension helps explain why behavior
changed during the pandemic. Specifically, we found
that evaluation apprehension significantly moderated
the relationship between intentions to disclose socially
desirable behavior and reported disclosure. We found it
did not moderate the relationship between holiday
disclosure intention and behavior. While we found a
direct relationship from intention to behavior for
undesirable information, we were unable to estimate a
trustworthy moderating effect.

6.2. Implications

These findings on online self-disclosure during
COVID-19 have important implications for our
understanding of information sharing on social media
during pandemics.

First, this study enriches the self-disclosure
literature. Specifically, there is some novelty in studying
online self-disclosure during the holiday season as this
is understudied despite indications that individuals may
disclose more during these times. In addition, there is
limited understanding in how disclosive behaviors have
shifted due to an international health emergency and
heightened social pressures [2]; while research
conducted before the pandemic suggests we should see
increased tendency to disclose personal information
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online [22, 23, 24, 25, 26, 27], these studies were
conducted under a different social climate.

Second, our findings confirm the inside-out and
outside-in phenomenon shapes information sharing
during a pandemic. Our work explicitly examined
intentions to disclose information categorized as
holiday-related, socially desirable, and socially
undesirable — based on the pandemic context. We found
that self-disclosure intention most strongly predicted
holiday and socially desirable information sharing. In
contrast, our findings imply that, while powerful,
intention had less predictive power for disclosure of
socially undesirable information sharing behavior.
Future work should examine how and why people
disclose socially undesirable information which is
important because social media is one data source used
in contact tracing during outbreaks [53]. Relatedly,
future research should also seek to understand which
behaviors are considered socially undesirable in various
contexts. To increase the usefulness of social media as a
data source, we need to understand which activities are
unlikely to be discussed and how we might encourage a
fuller range of disclosures. This data is also important
because firms increasingly rely on social media data to
improve shopping and product experiences for
customers [54]; if that data is incomplete or key
customer segments are underrepresented, the resulting
decisions will be untrustworthy.

Third, we found evaluation apprehension offers
intriguing insight into how a social calculus shapes
information disclosure during a pandemic. Evaluation
apprehension did not moderate the relationship for
holiday-related disclosure intentions on behavior. This
was notable because it suggests that when engaging in
social behaviors considered normal or typical of the
holidays, the context of COVID-19 did not change this
fundamental  relationship.  However, evaluation
apprehension magnified the power of intention on
disclosure for socially desirable behaviors. This may
indicate that social influences can disrupt previously
established patterns in the intention-behavior
relationship on social media. This finding is also
important because it suggests individuals may disclose
socially desirable behaviors to avoid negative
judgements and/or reap praise for openly performing
and supporting these behaviors. Future work
investigating the nuance of these two motivations could
be important; whether individuals disclose behavior due
to fear of judgement or desire for social capital
influences how policy makers and organizations can
effectively encourage social media users to respond
appropriately to future pandemic situations. For
example, such insight could inform whether health
officials emphasize fear of what could happen from not
complying with health guidelines or the benefits of

complying with health guidelines during a pandemic
[55].

7. Limitations and Future Research

As with all research, our study is not without
limitations. First, the study we report here is subject to
bias from use of a single method — survey. This
especially limits the kinds of activities disclosed during
the data collection periods. However, we have tried to
balance this by collecting data at a second time period
shortly after most December holidays had concluded.

Second, we rely on self-reported behaviors in the
survey. We used priming in the initial survey to help
distinguish between the 2019 and 2020 holiday seasons
before asking participants to respond. This priming
included an invitation for the respondent to review their
timeline from 2019 to remember what kinds of
information they posted, though we have no way to
know if participants did so. With the second data
collection following after the conclusion of most
holidays, it is likely these reports are more trustworthy
due to recency bias [56].

Third, our survey does not capture more detailed
information on participants’ locations within the United
States. However, around the holiday season, most cities
and states were in various stages of reopening and all
were permitting interstate travel. Although we cannot
account for exact differences in local government
pandemic responses based on location, we feel the
situation in the United States was approximately the
same across the country at the time of collection.

Fourth, the data collection coincided with a hotly
contested election in the United States. Although
holidays are often considered times for family (94% of
our sample somewhat to strongly agreed with this
statement) and encourages reconnecting with one’s
network [17], political tensions were quite high and
divisive as the election results faced ongoing
contestation [57, 58]. Consequently, one could argue
our findings are a result of the pandemic and the
election. However, because all respondents were
residents of the United States, they all faced the same
political climate and so all results should be similarly
affected by this outside influence.

Our study and these limitations suggest several
directions for future research. First, building on the
results of our study, it would be beneficial to continue
exploring the effects of social calculus (i.e. inside-out
and outside-in  phenomenon) on self-disclosure
behaviors. Privacy calculus is extensively studied in
attempting to understand online sharing behaviors,
though the results are often mixed and contradictory
[20]. However, social calculus may be able to explain
aspects of these behaviors that are as yet less understood
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by researchers, including the differences between
adolescents and adults. This research may explore social
calculus constructs and their impact on online self-
disclosure, but may also continue exploring motivators
for socially (un)desirable disclosures.

Second, we face a unique opportunity to continue
studying online disclosive behaviors during a global
pandemic. As vaccinations are distributed worldwide, it
will be interesting to explore how this change impacts
disclosure decisions and perceptions of socially
(un)desirable behaviors. Additionally, it will be
important to determine if the effects of the pandemic are
enduring. The pandemic clearly encouraged sharing
information that wasn’t previously shared as openly or
broadly, and discouraged sharing other kinds of
information that was more commonplace — as revealed
in our ANOVA analyses. As our world recovers from
the recent pandemic, how do perceptions of socially
(un)desirable disclosures change? Has the past year
permanently changed how much individuals are willing
to disclose certain kinds of information?

Third, the pandemic reached the United States
during a divisive time in its political history. It may be
valuable to analyze actual social media posts, paired
with interviews, to disentangle the effects of the
pandemic from those of the political environment.
Given the pandemic was politicized in the United States
[16], it may be interesting to compare social media
habits in the United States to those in another country
less affected by politics in its pandemic response.

8. Conclusion

This study explored what and why social media
users disclosed during the 2020 holiday season in the
midst of a pandemic. We found evidence that a) the kind
of information disclosed changed during the 2020
holiday season compared to reported 2019 disclosures
and b) social calculus drove decisions to share about
socially desirable behaviors. While we found intention
explained a moderate amount of variance in disclosing
socially undesirable behaviors, our findings suggest a
need for developing more nuanced explanations for
understanding this information sharing behavior.
Additionally, we believe future research should
continue exploring online self-disclosure through a
social calculus lens and determine which, if any, effects
of the pandemic are enduring. Both of these may have
major implications for firms and the management of
future health crises.
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Appendix

The items included for disclosive behaviors are
from the first survey in regards to intended behaviors
during the 2020 holiday season; each item started with
“This holiday season....” The 2019 items started with
“Last holiday season...”, the items on the second survey
started with “During the recent holiday season...”, and
both had modified verb tenses.

Online Self-Efficacy (*significantly modified)

1. 1 could use privacy settings on

[Instagram/Facebook] if there was no one around to

tell me what to do as | go.

2. | am confident in my ability to protect my
information on [Instagram/Facebook].*
3. | could use privacy settings on

[Instagram/Facebook] if | had only online guides
for reference.

4. | could use privacy settings on
[Instagram/Facebook] if |1 had seen someone else
using them before trying it myself.

Evaluation Apprehension
1. I worry about what others would say about me.

2. | worry that others would not like me.

3. | am afraid that others would stop supporting me.
Disclosive  Behaviors (“socially undesirable,

~socially desirable, the rest are holiday items)

1. ...1 will share details about going to the beach on
[Instagram/Facebook].”

2. ...l will discuss attending a religious service at the
place of worship on [Instagram/Facebook].”

3. ...I will share about going to a salon or barber for a
haircut on [Instagram/Facebook].*

4. ...I will openly share about working out at the gym
on [Instagram/Facebook].”

5. ...1 will share about washing my hands frequently
on [Instagram/Facebook].~

6. ...I will talk about buying groceries at the store on
[Instagram/Facebook].~

7. ... will post about ordering delivery from a

restaurant on [Instagram/Facebook].~
8. ..I will discuss wearing a mask on
[Instagram/Facebook].~

9. ..I will discuss working from home on
[Instagram/Facebook].~

10. ...I will post on [Instagram/Facebook] about going
out to look at holiday light displays in my town.

11. ..1 will openly share on [Instagram/Facebook]
about attending local outdoor festivities (e.g. a tree
lighting).

12. .1 will share about holiday parties with

friends/family on [Instagram/Facebook].
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