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ABSTRACT

Most research on user-generated content (UGC) 
has focused on readers of comments and re-
views. However, very little research is aimed at 
profi ling travelers based on the extent to which 
their decisions regarding the choice of hotels are 
infl uenced by UGC. This research was therefore 
carried out to profi le tourists based on the extent 
to which their choices of hotels are infl uenced 
by diff erent types of peer-to-peer applications, 
while also considering their socio-demographic 
characteristics, frequency of travel, and motiva-
tions for using the Internet and UGC when mak-

SAŽETAK

Većina istraživanja o sadržaju koji stvaraju korisni-
ci (user-generated content, UGC) usredotočena je 
na čitatelje komentara i recenzija. Unatoč tome, 
postoji malo istraživanja kojima je cilj profi liranje 
putnika prema mjeri u kojoj UGC utječe na nji-
hovu odluku o odabiru hotela. Zbog toga je ovo 
istraživanje provedeno kako bi se profi lirali turisti 
prema mjeri u kojoj je njihov odabir hotela pod 
utjecajem različitih vrsta peer-to-peer aplikacija. 
Pritom su se isto tako uzele u obzir njihove socio-
demografske karakteristike, učestalost putovanja 
i motivacija za korištenje interneta te sadržaja 
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ing their travel choices. For this purpose, latent 
class segmentation was applied on a sample of 
607 Italian tourists, and three clusters were iden-
tifi ed: “digitally passive tourists”, “focused tour-
ists”, and “social tourists”. Wald and Chi-square 
tests revealed signifi cant diff erences among the 
three clusters based on all the variables consid-
ered in the study. Its fi ndings suggest that hos-
pitality marketers should run their social media 
strategy by focusing their attention on Travel 2.0 
applications according to the socio-demograph-
ic and behavioral characteristics of their target 
market. Contributions to the body of knowledge 
and suggestions for further research are given.

koji stvaraju korisnici pri odabiru putovanja. U 
tu svrhu primijenjena je vrsta klasterske analize 
pod nazivom latent class segmenation anayisis na 
uzorku 607 talijanskih turista, pri čemu su iden-
tifi cirana tri klastera, a to su: „digitalno pasivni 
turisti“, „fokusirani turisti“ i „društveni turisti“. Na 
osnovi svih varijabli razmatranih u istraživanju 
Waldov i hi-kvadrat test pokazali su postojanje 
značajnih razlika između triju klastera. Nalazi 
istraživanja upućuju na to kako bi marketinški 
stručnjaci u turizmu i ugostiteljstvu trebali pro-
voditi strategiju društvenih medija fokusirajući 
svoju pažnju na putničke 2.0 aplikacije, uzimajući 
u obzir socio-demografske i bihevioralne karak-
teristike njihovog ciljnog tržišta. Prikazan je do-
prinos postojećim spoznajama te su navedene 
preporuke za daljnja istraživanja.
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1. INTRODUCTION

Important changes have occurred in the trav-
elers’ search for information since the advent 
of information and communication technolo-
gies (ICT), the Internet (Buhalis & Law, 2008) and 
UGC (Gretzel & Yoo, 2008). In their analysis of 107 
ICT-related papers published in tourism and hos-
pitality journals during the period 2009–2013, 
Law, Buhalis, and Cobanoglu (2014) concluded 
that social media plays a major role in online 
marketing and tourists’ decision-making.

Some years ago, eMarketer (2007b) reported that 
approximately 75.2 million American online users 
used UGC applications. According to eMarketer 
(2007a), two out of every three European tourists 
used the Internet to upload their blogs and share 
reviews about their holidays with other people. 
The use of UGC applications has grown rapidly 
in the most recent years. PhoCusWright (2011) 
reported more than two out of 10 travelers as 
saying that UGC, within the scope of their social 
networks, is infl uential in their travel-related de-
cision-making. According to the TEXT100 Digital 
index, 44% of Asia-Pacifi c leisure travelers use 
social media for advice and inspiration regarding 
their choice of accommodation, and more than 
one-third of them also looks to UGC to get ideas 
for attractions, vacation activities, and hotels 
(eMarketer, 2013). 

Prior research sheds light on the signifi cant in-
fl uence of UGC and Travel 2.0 applications on 
service expectations (Mauri & Minazzi, 2013), on 
stimulating travel, on the actual planning pro-
cess, and during the post-travel phase (Gretzel & 
Yoo, 2008). Sometimes, they also induce tourists 
to alter their decisions after obtaining further 
information online. Indeed, for example, eMar-
keter (2007b) reports that, among tourists who 
use peer reviews to help them make their ho-
tel bookings, the percentage of travelers who 
changed their booking based on reviews post-
ed online by other consumers are 25% and 33%, 
respectively, for infrequent and frequent leisure 
travelers. An empirical investigation on a sample 

of 823 Italian tourists (Del Chiappa, 2011) con-
fi rmed this fi gure, with respondents reporting 
that, after having read reviews and comments 
posted online, they changed their hotel accom-
modation sometimes (64.8%), almost always 
(12%), or always (0.5%). Recent research also 
showed that online buyers sometimes changed 
the accommodation suggested by a travel agen-
cy on the basis of UGC (Del Chiappa, 2013; Del 
Chiappa, Alarcón-del-Amo & Lorenzo-Romero, 
2015; Del Chiappa, Lorenzo-Romero & Gallarza, 
2014; Prayag & Del Chiappa, 2014).  

Most research on UGC has focused on readers 
of comments and reviews. Despite this, very lit-
tle research is aimed at profi ling travelers based 
on the extent to which their choice of hotel is 
infl uenced by UGC. This is particularly true in the 
case of Italy, for which no article focusing on this 
topic has been published to date. This study is 
intended to address this point by presenting and 
discussing fi ndings obtained by applying cluster 
analysis to a sample of 607 Italian consumers. 
Specifi cally, it aims at establishing a typology of 
tourist demand based on the extent to which 
their choices are infl uenced by UGC, their so-
cio-demographic characteristics, frequency of 
travel and motivations for using UGC in their 
travel planning. 

2. LITERATURE REVIEW

The online interpersonal infl uence exerted by 
UGC is referred to as electronic word-of-mouth 
(eWOM), which can be defi ned as “all informal 
communications directed at consumers through 
Internet-based technology related to the usage 
or characteristics of particular goods and ser-
vices, or their sellers” (Litvin, Goldsmith & Pan, 
2008). eWOM is particularly important for the 
tourism sector because tourism and hospitality 
products and services are diffi  cult to evaluate, 
being intangible goods and high-involvement 
products where behavior patterns during pur-
chase are not routine. Furthermore, the pur-
chasing of these products requires a mix of 
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emotional and rational criteria, as well as a sig-
nifi cant amount of time, thought, energy, and 
other resources (Swarbrooke & Horner, 2007). 
These circumstances mean that UGC attracts the 
attention of consumers because online reviews 
and recommendations that tourists post online 
are perceived to have a higher credibility than 
traditional tourist information sources (Gretzel & 
Yoo, 2008).

Previous research has divided consumers into 
six segments, according to how they use social 
technologies; these are: spectators, inactives, 
joiners, critics, creators, and collectors (Li & Ber-
noff , 2008). Certain studies have also analyzed 
the main motivations that push tourists to post 
and to use (Wang & Fesenmaier, 2004; Yoo & 
Gretzel, 2008). Bronner and de Hoog (2010) set 
down these motivations in fi ve main catego-
ries: self-directed, helping other vacationers, 
social benefi ts, consumer empowerment, and 
helping companies. Ayeh, Au and Law (2013) 
categorized people searching for informa-
tion through social media into the following 
groups: “problem solvers” and those seeking 
fun, amusement, fantasy, arousal, sensory stim-
ulation, and enjoyment, arguing that such a dis-
tinction in the context of UGC cannot be easily 
supported. Specifi cally, they argue that when-
ever consumers are using UGC, they do this as 
a way to obtain the information needed in an 
effi  cient and timely way (behaving as problem 
solvers) and to look for the fun associated with 
this experience (behaving as travelers in the 
second category). 

Strielkowski, Wang and Platt (2013) discovered 
consumer preferences for e-services in European 
cultural destinations in order to elicit potential 
consumers’ preferences for e-services related 
to tourism and cultural heritage. Three types of 
consumers were contacted: residents, visitors, 
and (cultural heritage) service providers. While 
the majority of people analyzed said they were 
frequent users of e-services’ to plan their trips, 
most people attributed greater importance to 
“traditional” e-services, such as booking services 
or journey planners.

The existing literature has analyzed several fac-
tors that are capable of exerting a moderator ef-
fect on the infl uence that UGC can exert on tour-
ists’ choices, such as personality, gender, age, 
cultural background, frequency of using the In-
ternet to search for information, frequency, type, 
and motivation of travelling. For example, Gretzel 
and Yoo (2008) reported females gaining more 
benefi t from using reviews than male travelers. 
Age diff erences were also found. For example, 
those aged 65 years or over are less likely to read 
other travelers’ reviews, whilst younger travelers 
fi nd reviews more important in deciding where 
to stay (Gretzel & Yoo, 2008). Additionally, fre-
quent travelers value peer reviews the most and 
are more likely to be infl uenced by them (Gretzel, 
Yoo & Purifoy, 2007). McCarthy, Stock and Verma 
(2010) showed that the infl uence of UGC varies 
with the type of travelling and argued that rec-
ommendations of friends and colleagues are less 
important to business travelers than they are to 
leisure travelers. According to Volo (2010), cultur-
al diff erences exist in the way tourists use and are 
infl uenced by UGC in blogs. In her study about 
the blogs of 103 tourists visiting South Tyrol 
(written in both English and Italian), Volo (2010) 
showed that Italian blogs seem to have a greater 
potential to infl uence the choices of prospective 
visitors than do narratives uploaded on interna-
tional blogs.

Yoo, Lee, Gretzel and Fesenmaier (2009) showed 
that trip planners with greater trust in travel-re-
lated UGC sources are more likely to perceive the 
impacts and benefi ts of UGC. Trustworthiness 
can be defi ned as “the degree of confi dence in 
the communicator’s intent to communicate the 
assertions he/she considers most valid” (Hov-
land, Janis & Kelley, 1953, p. 21). According to 
Willemsen, Neijens and Bronner (2011), perceived 
trustworthiness has the potential to infl uence 
consumers’ intention and attitude toward a spe-
cifi c source of information. In recent research, 
perceived trustworthiness was found to posi-
tively impact the perception of usefulness and 
attitude, whereas the direct eff ect on intention 
was not signifi cant. 
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Interestingly, recent research has begun to an-
alyze the credibility and trustworthiness that 
tourists confer upon diff erent Travel Social Web 
applications, which helps clarify the extent to 
which they aff ect tourists’ attitudes and pur-
chasing decisions. According to PhoCusWright 
(2009), reviews on Online Travel Agencies 
(OTAs) are the most trustworthy (50%), followed 
by traveler-generated photography/virtual 
tours (43%) and other pee-to-peer applications. 
Del Chiappa (2011) found similar fi ndings in his 
study on a sample of 823 Italian tourists, with 
comments and reviews posted in OTA being 
considered the most trustworthy. Yoo and oth-
ers (2009) indicated that UGC is most credible 
when posted on offi  cial tourism bureau web-
sites (41.2%) and travel agency websites (36.8%), 
followed by other types of 2.0 applications. Del 
Chiappa (2011) also showed that respondents 
consider reviews posted online to be more 
trustworthy when there is the same proportion 
of positive and negative comments (51.2%), 
or when there are fewer of the latter than the 
former (39.9%). Similarly, Sparks and Browning 
(2011) reported the willingness to book online 
being higher when hotel reviews are predomi-
nantly positive.

All that said, it is evident that a deep analysis of 
the extent to which UGC is able to infl uence tour-
ists’ choices is relevant from both theoretical and 
managerial points of view. Despite this, there is 
currently very little research aimed at profi ling 
travelers based on the extent to which their fi nal 
choices are infl uenced by UGC. This is particular-
ly true in the case of Italy; it occurs despite the 
importance that the Italian tourism market rep-
resents for many countries worldwide, especially 
in Europe (Del Chiappa et al., 2015). This study 
was therefore carried out to provide deeper and 
updated knowledge about the extent to which 
UGC infl uence Italian tourists’ choices by pre-
senting and discussing fi ndings obtained apply-
ing cluster analysis to a sample of 607 Italian con-
sumers. In particular, the study aims at analyzing 
whether the extent to which UGC uploaded in 
diff erent peer-to-peer applications is currently 
infl uencing Italian tourists’ choices, depending 

on their socio-demographic characteristics, their 
frequency of travel and the frequency of Internet 
use when searching for information and, fi nally, 
their motivations of use.

3. METHODOLOGY

In view of the fact that there is very little exist-
ing research aimed at profi ling travelers based 
on the extent to which their decisions regarding 
the choice of hotels are infl uenced by diff erent 
types of Travel 2.0 applications and considering 
their socio-demographic and behavioral charac-
teristics, this study was carried out with an aim 
to explore this somewhat neglected area of tour-
ism research.

Specifi cally, it aimed at answering the following 
research questions:
RQ1.  Does the infl uence of UGC on tourists’ 

choice of hotels change based on the 
specifi c Travel 2.0 application in which 
comments and reviews are uploaded? 

RQ2.  Does the infl uence of UGC on tourists’ 
choice of hotels change based on their 
socio-demographic and behavioral 
characteristics? 

For the purposes of this study, data were collect-
ed through an online questionnaire. A snowball 
sampling technique was used (Wrenn, Stevens 
& Loudon, 2007), allowing the study to reach 
people from all regions of Italy. Initial respon-
dents were generated from 1,500 contacts of 
an Italian Tourism Association based in Central 
Italy. These individuals, residing in diff erent re-
gions of Italy, received an e-mail inviting them 
to complete an online survey by clicking on a 
link provided in the e-mail. At the same time, 
they were invited to forward the survey to their 
friends, relatives, and contacts (older than 18 
years of age).

The survey used in the research was divided into 
three parts and structured on closed questions, 
both dichotomic and multichotomic, with sim-
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ple and multiple choice answers. The fi rst part 
displayed a list of diff erent 2.0 applications and 
proceeded to ask respondents if they had ever 
used them when making hotel reservations. 
People giving a positive answer to this ques-
tion were then asked to reply to some general 
demographic questions. The second part asked 
respondents to assess (a) their yearly frequen-
cy of travel; (b) how often they use the Internet 
to search for information; (c) how often UGC 
sources induce them to alter their decision 
once it has been taken; and (d) what the main 
motivation is that pushes them to use UGC 
in their search for information. The third part 
asked respondents to assess, from their point of 
view, to what extent UGC uploaded in diff erent 
types of peer-to-peer applications infl uences 
their choices. To this aim, the following 2.0 ap-
plications were considered: forums on compa-
ny websites, tourism-related blogs, photo-shar-
ing, video-sharing, OTAs, tourism-related social 
networks, non-tourism-related social networks, 
and microblogging. A fi ve-point direct rating 
scale (1=very low, 5=very high) was used to in-
dicate their answers. 

The questionnaire was pilot-tested to verify the 
validity of its content, and the comprehensibil-
ity of both the questions and the scale used to 
make the assessments. No concerns were re-
ported in the pilot tests. 

Allowing for a three-week survey period (No-
vember 2012), a total of 1,209 questionnaires 
were returned, of which 607 were complete and 
usable for the purpose of statistical latent seg-
mentation analysis. 

4. RESULTS

4.1. Measurement of variables

Latent segmentation methodology was adopt-
ed to profi le demand by Italian tourists in depen-
dence of whether they are more or less familiar 
with travel-related social web applications. This 
type of procedure allows assigning individuals 
to the segments based on the probability of 
their belonging, breaking with the restrictions 
of deterministic assignment inherent to non-hi-
erarchical cluster analysis (Dillon & Kumar, 1994). 
This methodology assigns the individuals to dif-
ferent segments under the supposition that the 
data stems from a mixture of distribution prob-
abilities, in other words, from various groups or 
homogenous segments that are mixed in un-
known proportions (McLachlan & Basford, 1988).

The advantage of latent class models is that they 
allow the incorporation of variables with diff er-
ent measurement scales (continual, ordinal, or 
nominal). Furthermore, the models usually in-
corporate independent variables that aff ect be-
longing to the latent classes. These exogenous 
variables are known as covariates or grouping 
variables (Vermunt & Magidson, 2002). 

The eight variables used as indicators for the 
latent cluster analysis were items (i.e. diff erent 
types of travel-related social web applications) 
that measure the consumers’ perceived in-
fl uence of UGC on their choices. Diff erent so-
cio-demographic characteristics (gender, age, 
education, and occupation) were introduced as 
covariates in order to outline the resulting seg-
ments, as well as the yearly frequency of travel 
and of using the Internet to search for informa-
tion. Finally, we also considered a set of motiva-
tions for consumers to use UGCs (i.e. time sav-
ing, the possibility of searching for information 
at any time of day, a way to spend free time, so-
cialize and share experiences, trustworthiness 
of UGC) (Table 1). 
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Table 1: Indicators and covariates

VAR. ITEMS MEASURED CATEGORIES
I

N
D
I
C
A
T
O
R
S

Infl uence of the following Travel 
Social Web applications:
Forum on the company’s website
Tourism-related blogs
Photo-sharing sites
Video-sharing sites
Online Travel Agencies (OTAs) 
Tourism-related social networks
Non tourism-related social networks
Microblogging 

Very low
Low
Neither low nor high
High
Very high

C
O
V
A
R
I
A
T
E
S

Gender Male
Female

Age

18–24
25–34
35–44
45–54
55–64
65 or older

Level of education

None
Primary school
Secondary school 
High school 
University degree
Master’s degree
Ph.D.

Occupation

Student
Administrative/clerical worker 
Employed
Manager/executive 
Teacher or professor
Trader/retailer
Self-employed
Retired
Unemployed
Other

Yearly frequency of travel

1–2
3–5
6–8
9–11
More than 11

Frequency of using the Internet to 
search for information 

Almost never
Sometimes
Almost always
Always

Use of UGC applications 

Photo-sharing sites
Video-sharing sites
Tourism-related blogs
Online travel agencies (OTAs)
Tourism-related social networks
Non tourism-related social networks
Microblogging

Motivation for using UGC to make hotel 
reservations

Time saving
Possibility of searching for information whenever I want 
To spend free time
To socialize and share experiences with others 
Trustworthiness of UGC  
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Based on the positioning of diff erent individuals 
with regard to these variables, we tried to obtain 
some groupings that fulfi ll the principles of max-
imum internal coherence and maximum exter-
nal diff erentiation. For this, we used Latent Gold 
4.5 Statistical software. Additionally, the SPSS 19.0 
software was used to run χ2 analysis.

4.2. The impact of UGC on 
hotel choice: profi ling 
Italian tourists

The fi rst estimation step consisted of choosing 
the optimum number of segments, with 1 indi-
cating that no heterogeneity existed, and run-
ning up to 8. Table 2 shows the estimation sum-
mary and the adjustment indices for each one of 
the 8 models. 

Table 2: Summary of the model results

Number of  
conglomerates LL BIC(LL) Npar L2 p-value Class.

Err. Es R2

1-Cluster -6872.2753 13949.6236 32 13707.4605 2.0e-2459 0.0000 1 1

2-Cluster -6305.6736 13098.3955 76 12574.2571 5.9e-2254 0.0442 0.83 0.85

3-Cluster -6121.9798 13012.9831 120 12206.8695 5.8e-2208 0.0807 0.81 0.81
4-Cluster -6027.7874 13106.5735 164 12018.4846 8.6e-2200 0.0917 0.82 0.81

5-Cluster -5924.7153 13182.4047 208 11812.3405 1.4e-2188 0.0925 0.83 0.80

6-Cluster -5844.5266 13304.0024 252 11651.9630 9.8e-2188 0.0881 0.85 0.84

7-Cluster -5789.6945 13476.3135 296 11542.2988 1.5e-2198 0.0922 0.86 0.83

8-Cluster -5733.2665 13645.4327 340 11429.4428 6.8e-2210 0.0813 0.87 0.84
LL=log-likelihood; BIC=Bayesian information criterion; Npar=number of parameters; L2= LL statistic 
(measure of performance); p-value=signifi cance of the model; Class.Err.=classifi cation error; E

s
= entropy 

statistic; R2=Standard R-squared

The model adjustment was evaluated using the 
Bayesian information criterion (BIC), which per-
mits identifi cation of the model with the least 
number of classes that is best adjusted to the 
data. The lowest BIC value was considered as 
the best model indicator (Vermunt & Magidson, 
2002). In this case, the best alternative was re-
fl ected by means of dividing the sample in three 

diff erent user groups, as the BIC is minimized in 
this case.

The L2 statistics can be interpreted as the indicator 
of the quantity of the relationship observed be-
tween the variables that cannot be explained by a 
model; the higher the value, the poorer the mod-
el adjustment to the data and even worse are the 
observed relationships described by the specifi ed 
model (Vermunt & Magidson, 2005). On the other 
hand, the p-value is a formal evaluation of the mea-
surement in which the model adjusts itself to the 
data (the null hypothesis of this test is that the mod-
els specifi ed are valid for the population). Therefore, 
in our case, we have a good adjustment. Also, the 
entropy statistic (E

s
) and R2 are both close to 1.

In addition to the data set shown in Table 2, we 
have analyzed the Wald statistic, which serves to 
evaluate the statistical signifi cance within a group 

of estimated parameters (Table 3). For all the indi-
cators, we obtained a signifi cant p-value associat-
ed with the Wald statistics, as an indication that 
each indicator discriminates between the clus-
ters in a signifi cant statistical manner (Vermunt & 
Magidson, 2005). Table 3 also contains the profi les 
of each cluster – namely, “digitally passive tourists”, 
“focused tourists”, and “social tourists”. 
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Table 3: Tourist cluster profi les (indicators)

Digitally passive 
tourists

(Cluster 3)

Focused 
tourists 

(Cluster 1)

Social 
tourists 

(Cluster 2)
Wald p-value R2

Size of cluster 15.26% 51.60% 33.15%
FORUM ON THE COMPANY’S WEBSITE
Very low 0.2549 0.0944 0.0190

66.5656 3.5e-15 0.1756
Low 0.3887 0.2625 0.0190
Neither low nor high 0.1795 0.2211 0.1696
High 0.1636 0.3678 0.5500
Very high 0.0132 0.0542 0.1581
TOURISM-RELATED BLOGS
Very low 0.2604 0.0373 0.0010

86.9679 1.3e-19 0.3368
Low 0.4026 0.1704 0.0167
Neither low nor high 0.1961 0.2453 0.0896
High 0.1372 0.5068 0.6888
Very high 0.0037 0.0403 0.2039
PHOTO-SHARING
Very low 0.5196 0.0434 0.0013

76.8031 2.1e-17 0.4782
Low 0.4033 0.2404 0.0267
Neither low nor high 0.0638 0.2712 0.1100
High 0.0130 0.3937 0.5840
Very high 0.0002 0.0512 0.2780
VIDEO-SHARING
Very low 0.5730 0.0437 0.0012

85.5747 2.6e-19 0.4981
Low 0.3528 0.2105 0.0219
Neither low nor high 0.0630 0.2939 0.1149
High 0.0110 0.4027 0.5908
Very high 0.0002 0.0493 0.2712
OTAs WITH BOOKING AND RATING/REVIEW FUNCTIONS
Very low 0.2382 0.0302 0.0024

92.4353 8.5e-21 0.2774
Low 0.3362 0.1161 0.0223
Neither low nor high 0.1875 0.1767 0.0810
High 0.2235 0.5747 0.6278
Very high 0.0146 0.1023 0.2664
TOURISM-RELATED SOCIAL NETWORKS
Very low 0.4464 0.0400 0.0007

104.3005 2.2e-23 0.4599
Low 0.3840 0.1660 0.0121
Neither low nor high 0.1183 0.2471 0.0778
High 0.0506 0.5101 0.6936
Very high 0.0008 0.0368 0.2158
NON-TOURISM-RELATED SOCIAL NETWORKS
Very low 0.6458 0.1477 0.0046

83.0307 9.3e-19 0.4670
Low 0.3032 0.3541 0.0498
Neither low nor high 0.0433 0.2580 0.1649
High 0.0076 0.2321 0.6740
Very high 0.0001 0.0081 0.1067
MICROBLOGGING
Very low 0.7691 0.3186 0.0297

88.4617 6.2e-20 0.4371
Low 0.2071 0.3923 0.1389
Neither low nor high 0.0212 0.1835 0.2464
High 0.0026 0.1022 0.5206
Very high 0.0000 0.0033 0.0644
*Boldface indicates the highest relative importance between each category in each segment
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Table 4 shows the composition of each group, also considering the information from the other de-
scriptive variables included in the analysis. 

Table 4:  Tourist profi le of latent segments

Descriptive 
criteria Categories

Clusters

χ2 value p-valueDigitally 
passive 
tourists

Focused 
tourists

Social 
tourists

Gender
Male 60.02% 44.12% 36.91%

11.547 0.001
Female 39.98% 55.88% 63.09%

Age

25–34 9.86% 18.75% 20.43%

985.144 0.000
35–44 55.94% 56.18% 61.25%
45–54 21.33% 20.03% 14.68%
55–64 7.45% 4.40% 3.14%
65 or older 5.41% 0.64% 0.50%

Education

Secondary school 8.23% 2.96% 3.53%

644.051 0.000
High school 22.18% 36.04% 42.52%
University degree 48.48% 48.82% 45.32%
Master 15.74% 8.39% 7.53%
Ph.D. 5.36% 3.77% 1.10%

Occupation

Administrative/clerical 
worker 3.31% 3.05% 5.16%

1019.327 0.000

Employed 30.32% 31.14% 23.55%
Manager/executive 5.50% 2.51% 1.01%
Teacher or professor 3.40% 2.54% 2.43%
Trader/retailer 3.10% 0.70% 1.47%
Self-employed 23.91% 11.89% 8.76%
Retired 0.00% 0.64% 0.00%
Unemployed 5.17% 6.06% 12.54%
Other 25.29% 41.47% 45.07%

Yearly 
frequency of 
travel

1–2 40.56% 37.03% 54.41%

444.960 0.000
3–5 26.47% 39.12% 30.78%
6–8 13.04% 10.50% 6.98%
9–11 6.89% 5.40% 2.34%
More than 11 13.03% 7.94% 5.50%

Frequency of 
using Internet 
to search for 
information 

Almost never 5.47% 4.28% 5.73%

164.380 0.000
Sometimes 27.18% 27.69% 25.40%
Almost always 36.44% 36.62% 33.58%
Always 30.91% 31.41% 35.29%

Use of UGC 
applications1

Photo sharing 43.75% 47.59% 51.41% 2.973 0.085
Video sharing 70.73% 70.52% 80.83% 159.765 0.000
Tourism-related blogs 4.52% 11.00% 10.83% 478.810 0.000
Online travel agencies 
(OTAs) 70.56% 79.61% 75.71% 210.918 0.000

Tourism-related SNSs 32.28% 39.41% 33.64% 65.735 0.000
Non tourism-related 
SNSs 75.44% 79.50% 82.57% 257.164 0.000

Microblogging 6.08 8.88% 14.36% 443.031 0.000
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Descriptive 
criteria Categories

Clusters

χ2 value p-valueDigitally 
passive 
tourists

Focused 
tourists

Social 
tourists

Motivation 
for using UGC 
to make hotel 
reservations 

Time savings 32.80% 30.91% 27.75% 107.541 0.000
Possibility of looking 
information whenever 
I want

46.50% 42.09% 33.35% 27.648 0.000

To spend free time 11.41% 5.60% 2.93% 584.325 0.000
To socialize and share 
experiences with 
others

6.45% 8.95% 9.00% 532.565 0.000

Trustworthiness of 
UGC 52.49% 70.83% 68.35% 82.005 0.000

1 Only positive values (yes) have been refl ected in the Table.

formation. Compared to the other clusters, this 
segment includes a greater number of people 
who consult tourist blogs (11.00%) and OTAs to 
choose their travel (79.61%) and use tourism-re-
lated social networking sites (39.41%). Finally, 
focused tourists use UGC mainly because they 
believe that this source of information is trust-
worthy (70.83%), and do this more than all the 
other clusters.

Social tourists are the most socially active cluster. 
When compared to focused tourists, they are 
more infl uenced by all Travel 2.0 applications 
when making hotel reservations, especially when 
non-tourism related social media are concerned. 
The majority of social tourists are women aged 
25–34 who have a university degree (45.32%) 
and are employed as administrative or clerical 
workers (23.55%), who travel once or twice a year 
(54.41%), and heavily use UGC and the Internet 
when searching for information.

The contrasts associated with statistical χ2 con-
clude that signifi cant diff erences exist between 
the segments regarding gender (χ2 = 11.547, p < 
0.01), age (χ2 = 985.144, p < 0.01), education (χ2 
= 644.051, p < 0.01), occupation (χ2 = 1019.327, p 
< 0.01), yearly frequency of travel (χ2 = 444.960), 
and use of the Internet to search for information 
(χ2 = 164.380, p < 0.01), infl uence of all but one 

Table 4 - Continued

Digitally passive tourists are the least infl uenced by 
UGC in their choices (e.g. OTAs: 33.62%, forum on 
the company’s website: 38.87%). This segment is 
mainly made up of men (60.02%) in the 35–54 
age bracket (77.27%) who hold a university (un-
dergraduate) degree (48.48%) and are employed 
as administrative or clerical workers (30.32%). 
The majority of them travel once or twice a year 
(40.56%) and reported that they always (30.91%) 
or almost always (36.44%) use the Internet to 
search for information. Their main motivation for 
using UGC is the trustworthiness of this source of 
information (52.49%), followed by the possibility 
to search for information whenever they want 
(46.50%), time saving (32.80%), a wish to spend 
free time (11.41%), and to share experiences with 
others (6.45%).

Focused tourists represent the largest cluster and 
include consumers who are highly infl uenced 
by UGC in their choices, especially when tour-
ism-related social media are concerned (e.g. 
OTAs: 57.47%, tourism-related social networks: 
51.01%). The majority are women under 44 years 
of age (74.93%) who have a university degree 
(48.82%) or high-school qualifi cation (36.04%) 
and are employed as administrative or clerical 
workers (31.14%). Most of them travel 3–5 times 
a year (39.12%) and almost always (36.62%) or 
always (31.41%) use the Internet to search for in-
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(photo-sharing) Travel 2.0 application, and moti-
vations for using UGC (table 4). 

Figure 1 clearly allows appreciation of the profi le 
of the respondents belonging to each cluster, 
according to the indicators, and in Figure 2 ac-
cording to the covariates. 

5. DISCUSSION

Marketing theory holds that market segmenta-
tion is critical in terms of eff ectiveness and effi  -
ciency. Based on the research questions indicat-
ed in the methodology section, this study aims 

Figure 1:  Graphic profi le of tourists contained in each cluster (indicators)

Figure 2:  Graphic profi le of tourists within each cluster (covariates)
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at profi ling Italian tourists in terms of the extent 
to which UGC infl uences their hotel booking. 
To achieve this aim, the study also considers 
some covariate variables in defi ning consumers’ 
profi les: socio-demographic characteristics, fre-
quency of travel, use of UGC applications, and 
motivations for using UGC in travel planning. 

Specifi cally, our fi ndings revealed that three 
segments can be considered (namely, “digitally 
passive tourists”, “focused tourists”, and “social 
tourists”). There are signifi cant diff erences be-
tween them based on the extent to which UGC 
uploaded in all but one (photo-sharing) Travel 
2.0 applications infl uence their choices. Further, 
signifi cant diff erences were also reported to ex-
ist in terms of their socio-demographic charac-
teristics, frequency of travel, frequency of using 
the Internet to search for information, and mo-
tivations for using UGC. For example, digitally 
passive tourists are characterized as being male 
and older compared to other clusters, and as re-
lying less on UGC when searching for informa-
tion. For the most part, they use UGC because it 
saves time, to search for information whenever 
they wish and because they enjoy doing it in 
their free time. On the contrary, the majority of 
focused tourists are female, they travel three to 
fi ve times a year, and are infl uenced the most 
by tourism-related social media, which they use 
mainly because they are more trustworthy. Final-
ly, social tourists are female, younger than those 
in all the other clusters, they travel once or twice 
a year, and their choices are highly infl uenced 
by all types of peer-to-peer travel applications, 
which they use more than others to socialize 
and share experiences with other people. Our 
fi ndings seems to confi rm that those with lower 
travel frequency are non-experienced travelers 
who rely more on the opinions of others (exter-
nal sources of information), rather than on their 
own experiences (personal memory, internal 
sources of information) (Beatty & Smith, 1987). 
More broadly, our fi ndings appear to corroborate 
previous studies, showing that the way UGC in-
fl uences tourists’ choices diff ers in dependence 
on their age, gender, income, and education 
level, with users being more likely to be female, 

younger, college-educated, employed full time 
(Yoo & Gretzel, 2011), and frequent travelers (Gret-
zel et al., 2007). Finally, Bronner and de Hoog’s 
(2010) fi ndings showed that motivations to post 
content infl uence the type of peer-to-peer ap-
plication where UGC is uploaded; our fi ndings 
suggest that the motivations to use Travel 2.0 
applications infl uence the extent to which UGC 
is able to infl uence the tourists’ decision-making. 

6 . CONCLUSIONS

Marketing theory agrees that market segmenta-
tion is critical for the eff ectiveness and effi  ciency 
of results. This study on a sample of 607 Italian 
travelers revealed that, when three segments are 
considered (namely, “digitally passive tourists”, 
“focused tourists” , and “social tourists”), the ex-
tent to which UGC infl uences their fi nal choices 
diff ers signifi cantly in dependence on their so-
cio-demographic characteristics, their yearly fre-
quency of travel and their frequency of using the 
Internet to search for information, the types of 
travel-related social web applications they use, 
and their motivations for using UGC.

Our fi ndings are signifi cant for both researchers 
and hospitality managers. On the one hand, they 
provide further insight into the scientifi c debate 
on UGC and their infl uence on tourists’ choices, 
revealing the existence of three clusters and the 
fact that several moderator factors can infl uence 
the extent to which the UGC infl uences tourists’ 
choices, thus representing by themselves ade-
quate segmentation criteria. On the other hand, 
and in accordance with previous studies (e.g. 
Yoo & Gretzel, 2011), this study suggests that hos-
pitality marketers should run their social media 
strategy paying attention to the socio-demo-
graphic characteristics of the segment they are 
targeting, while employing a social media strate-
gy that makes use of those Travel 2.0 applications 
that are most regarded by their specifi c target 
market as being infl uential. For example, hospi-
tality marketers should focus on managing their 
social media presence/reputation predominant-
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ly in relation to tourism-related social networks if 
they are targeting young women who travel less 
frequently and use the Internet intensively for 
these are the characteristics that most accurately 
describe “social tourists”. On the contrary, hos-
pitality marketers should concentrate on OTAs 
and tourism-related blogs when targeting mid-
dle-aged women who travel frequently; indeed, 
these are the characteristics that most accurate-
ly describe “focused tourists”. Finally, hospitality 
marketers should concentrate on OTAs and the 
forum on the company’s website when target-
ing middle-aged men who travel less frequent-
ly and use the internet intensively as these are 
the characteristics that most accurately describe 
“digitally passive tourists”. Furthermore, our 
study suggests that hospitality marketers should 
encourage their guests to upload UGC on those 
peer-to-peer applications that exert a greater in-
fl uence on the choices of tourists belonging to a 
specifi c market segment which they are target-
ing, thus rendering this information most useful 
to others. Finally, they might focus on sending 
online thank-you messages to their customers, 
inviting them to rate their satisfaction with the 
hotel services, and subsequently, if this assess-
ment is positive, to redirect them to a link that 
allows their customers to post a review in certain 
types of social media. This should be done es-

pecially with those guests who have the charac-
teristics most commonly found in social tourists, 
seeing that these consumers are more likely to 
use social media to share their experience with 
others.

Aside from the theoretical and managerial con-
tribution of this study, there are some limitations 
that ought to be mentioned. First, like most 
online surveys, this study suff ers from the cov-
erage error; hence, the sample cannot be con-
sidered representative of Italian social media 
users in general. Secondly, the fi ndings cannot 
be generalized because of the particular meth-
od of sampling we used (i.e., snowball sampling). 
Thirdly, the study was carried out exclusively in 
the context of Italy; further research in diff erent 
countries would be needed to analyze the data 
through multi-group analysis in order to deter-
mine whether diff erences based on cultural 
background do exist and should be investigated 
via cross-cultural comparison. Finally, we carried 
out the segmentation taking into account only 
a few of the several latent variables that could 
have been considered for this purpose. Future 
research should include other types of latent 
variables (e.g. attitude towards the SNS, level of 
satisfaction, trust, and perceived risk), as well as 
other as covariates (e.g. personality and culture). 

REFERENCES

1. Ayeh, J. K., Au, N., & Law, R. (2013). Predicting the intention to use consumer-generated media for 
travel planning. Tourism Management, 35, 132-143.

2. Beatty, S. E., & Smith, S. M. (1987). External search eff ort: An investigation across several product 
categories. Journal of consumer research, 14, 83-95.

3. Bronner, F., & de Hoog, R. (2010). Vacationers and eWOM: Who Posts, and Why, Where, and What?. 
Journal of Travel Research, 50(1), 15-26.

4. Buhalis, D., & Law, R. (2008). Progress in information technology and tourism management: 20 
years on and 10 years after the Internet – The state of eTourism research. Tourism Management, 
29(4), 609-623.

5. Del Chiappa, G. (2011). Trustworthiness of Travel 2.0 applications and their infl uence on tourists’ 
behaviour: an empirical investigation in Italy. In: R. Law, M. Fuchis & F. Ricci (Eds.), Information and 
Communication Technologies in Tourism 2011 proceedings of the international conference in Innsbruck 
(pp. 331-342), Vienna: Springer-Verlag.



TRŽIŠTE
235THE INFLUENCE OF USER-GENERATED CONTENT ON TOURISTS’ CHOICES UDK 338.482

■ Vol. 27, N
o. 2, 2015, pp. 221 - 236

  6. Del Chiappa, G. (2013). Internet versus travel agencies: the perception of diff erent groups of Italian 
online buyers. Journal of Vacation Marketing, 19(1), 1-12.

  7. Del Chiappa, G., Alarcón-del-Amo, M. D. C., & Lorenzo-Romero, C. (2015). Internet and user-gen-
erated content versus high-street travel agencies: a latent gold segmentation of Italian travel-
ers. Journal of Hospitality Marketing & Management, DOI: 10.1080/19368623.2014.1001933.

  8. Del Chiappa, G., Lorenzo-Romero, C., & Gallarza, M. (2014). Attitude toward disintermediation in 
hotel reservations: Spanish travelers profi le. European Journal of Tourism Research, 9, 129-143.

  9. Dillon, W. R., & Kumar A. (1994). Latent Structure and Other Mixture Models in Marketing: An Inte-
grative Surgey and Overview. In: R. P. Bagozzi (Ed.), Advanced Methods of Marketing Research (pp. 
259-351), Cambridge: Blackwell Business.

10. eMarketer (2007a). UGC users outnumber creators. Available at: http://www.eMarketer.com (ac-
cessed January 2, 2015).

11. eMarketer (2007b). Niche Sites invigorate Online Travel. Accessed online. Available at: http://www.
eMarketer.com (accessed January 5, 2015).

12. eMarketer (2013). In Asia-Pacifi c, Social Media Inspires Travelers. Available at: http://www.emarket-
er.com/Article/Asia-Pacifi c-Social-Media-Inspires-Travelers/1009605 (accessed February 5, 2015).

13. Gretzel, U., & Yoo, K. H. (2008). Use and Impact of Online travel Reviews. In: P. O’Connor, W. Höpken 
& U. Gretzel (Eds.). Information and Communication Technologies in Tourism proceedings of the inter-
national conference in Innsbruck (pp. 35-46), Vienna:  Springer-Verlag.  

14. Gretzel, U., Yoo, K. H., & Purifoy, M. (2007). Online Travel Review Study: The role and impact of online 
travel reviews. Laboratory for Intelligent System in Tourism, College Station.

15. Hovland, C. I., Janis, I. L., & Kelley, H. H. (1953). Communication and persuasion. New Haven, CT: Yale 
University Press.

16. Law, R., Buhalis, D., & Cobanoglu, C. (2014). Progress on information and communication tech-
nologies in hospitality and tourism. International Journal of Contemporary Hospitality Manage-
ment, 26(5), 727-750.

17. Li, C., & Bernoff , J. (2008). Groundswell: Winning in a World Transformed by Social Technologies. New 
York, NY: Harvard Business Press.

18. Litvin, S. W., Goldsmith, R. E., & Pan, B. (2008). Electronic word-of-mouth in hospitality and tourism 
management. Tourism Management, 29(3), 458-468. 

19. Mauri, A. G., & Minazzi, R. (2013). Web reviews infl uence on expectations and purchasing inten-
tions of hotel potential customers. International Journal of Hospitality Management, 34, 99-107.

20. McCarthy, L., Stock, D., & Verma, R. (2010). How Travelers Use Online and Social Media. CHR Report. 
The Center for Hospitality Research at Cornell University, 10(18).

21. McLachlan, G. J., & Basford, K. E. (1988). Mixture Models: Inference and Applications to Clustering. New 
York, NY: Marcel Dekker.

22. PhoCusWright (2009). Consumer Travel Report. Report.
23. PhoCusWright (2011). Social media in travel 2011: Traffi  c, activity and sentiment. Report.
24. Prayag, G., & Del Chiappa, G. (2014). Hotel disintermediation in France: perceptions of students 

from Generation Y. Anatolia, 25(3), 417-430.
25. Sparks, B. A., & Browning, V. (2011). The impact of online reviews on hotel booking intentions and 

perception of trust. Tourism Management, 32(6), 1310-1323.
26. Strielkowski, W., Wang, J., & Platt, S. (2013). Consumer preferences for cultural heritage and tourism 

e-sevices: A case study of three European cities. Market, 25(2), 161-176.
27. Swarbrooke, J., & Horner, S. (2007). Consumer Behaviour in tourism. The Netherlands: Elsevier Ltd.
28. Vermunt, J. K., & Magidson, J. (2002). Latent class cluster analysis. In J. Hagenaars, & A. McCutcheon 

(Eds.), Applied Latent Class Models (pp. 89-106), New York, NY: Cambridge University Press.



TR
ŽI

ŠT
E

236 Giacomo Del Chiappa,  Carlota Lorenzo-Romero,  María-del-Carmen Alarcón-del-Amo
■

 V
ol

. 2
7,

 N
o.

 2
, 2

01
5,

 p
p.

 2
21

 - 
23

6

29. Vermunt, J. K., & Magidson, J. (2005). Latent GOLD 4.0 User’s Guide. Belmont, Massachusetts: Statisti-
cal Innovations Inc.

30. Volo, S. (2010). Bloggers’ reported tourist experiences: Their utility as a tourism data source and 
their eff ect on prospective tourists. Journal of Vacation Marketing, 16(4), 297-311.

31. Wang, Y., & Fesenmaier D. R (2004). Toward understanding members’ general participation in and 
active contribution to an online travel community. Tourism Management, 25(6), 709-722.

32. Willemsen, L. M., Neijens, P. C., & Bronner, F. E. (2011). Perceived expertise vs perceived trustwor-
thiness. The suppressed eff ect of source type on review attitude. In: S. Okazaki (Ed.), Advances in 
advertising research pp. (423-436), Wiesbaden: Gabler Verlag.

33. Wrenn, B., Stevens, R. E., & Loudon, D. L. (2007). Marketing research. Text and cases, New York, NY: The 
Haworth Press.

34. Yoo, K. H., & Gretzel, U. (2011). Infl uence of personality on travel-related consumer-generated me-
dia creation. Computers in Human Behavior, 27(2), 609-621.

35. Yoo, K. H., & Gretzel, U. (2008). What motivates consumers to write online travel review. Information 
Technology & Tourism, 10(4), 283-295.

36. Yoo, K. H, Lee, Y., Gretzel, U., & Fesenmaier, D. R. (2009). Trust in travel-related consumer generated 
media. In: W. Höpken, U. Gretzel & R. Law (Eds.), Information and Communication Technologies in 
Tourism 2009 (pp. 49-59). Vienna: Springer-Verlag.  

37. Yoo, K. H., & Gretzel, U. (2010). Antecedents and impacts of trust in travel-related consumer-gener-
ated media. Information Technology & Tourism, 12, 139-152.



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


