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Abstract

Improving re-employment chances for older
unemployed individuals is a priority for policymakers
around the world. While digital job search interventions
have proven beneficial for young and middle-aged
individuals, their value to support re-employment at
older ages has not been investigated so far. To shed light
on the potential of digital interventions to assist older
unemployed individuals, we analyze a unique data set
from a randomized field study introducing online job
search peer groups at the Federal Employment Agency
in Germany. Results suggest that online peer groups
offer substantial added value compared with traditional
job search counseling. Participation in online peer
groups significantly increases the number of job
applications and job interview invitations. We show that
older unemployed individuals are accessible for digital
job search assistance and identify online peer groups as
a powerful intervention to activate this target group.

1. Introduction

The loss of employment is a traumatic event for
anyone, but the consequences are especially devastating
for people above the age of 50. Compared to younger
people, older individuals suffer stronger financial and
psychological losses related to unemployment [1, 2].
This age group has lower chances of returning to work
[3, 4], which often leads to long-term unemployment
and an early labor market exit [5]. The cumulative effect
of these individual disasters is a tremendous societal
challenge, as the sustainability of public finances and
economic growth is threatened by unemployment in a
rapidly growing sector of the worldwide population
[5, 6].

To address this issue, research and policy have
developed a wide range of active labor market programs
to assist older unemployed individuals. Examples
include training, job-search counseling, and subsidized
employment [5, 7, 8]. Still, these programs are often
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cost-intensive [5, 7] and their effectiveness is mixed
[7, 8, 9]. Since these programs are mostly delivered in-
person, the societal wvalue of Information and
Communications Technology (ICT) to improve
re-employment chances of older unemployed
individuals remains untapped [5, 9].

While initial research testifies to the benefits of ICT
for finding employment in young and middle-aged
individuals [10, 11, 12, 13, 14, 15], little is known about
the effectiveness for older unemployed people. To gain
insights into the impact of ICT on this target group, we
collected and analyzed a unique data set from a
randomized field study introducing a digital labor
market intervention for unemployed individuals above
the age of 50 at the Federal Employment Agency in
Germany between February 2019 and March 2020. The
intervention consisted of online peer groups, which
build on the social support of individuals who share a
common issue or need [16] and connect peers in a
discussion forum facilitated by digital media [17, 18].
Online peer groups have previously been shown to be
effective across a wide range of settings, such as
fighting addiction [19], fostering education [20], and
even improving re-employment in young job seekers
[15].

To the best of our knowledge, our case study is the
first to provide quantitative data on the effectiveness of
participating in an online peer group for older
unemployed individuals. Participating in online peer
groups significantly increased job search activities,
including job applications and job interviews, as
compared to a control group. Furthermore, our results
demonstrate that older unemployed individuals actively
use digital approaches to find employment. Our
contribution to research and practice is twofold. We
identify online peer groups as a powerful measure to
activate older unemployed individuals. Second, our
research provides evidence that older unemployed
individuals are responsive to targeted-group-based
digital services in the context of job search.

The research presented in this paper is structured as
follows. Section 2 illustrates the theoretical background,
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followed by a description of the research methodology
in Section 3. After demonstrating our results in Section
4, we discuss the implications of our findings in Section
5. In Section 6, we reflect on the limitations of our study
and provide directions for further research. A summary
concludes our paper in Section 7.

2. Theoretical Background

2.1. Problem Context

The consequences of unemployment at a more
advanced age are severe on both the individual and the
societal level. Job loss has a particularly devastating
effect on older individuals who suffer tremendous
financial and psychological losses related to
unemployment [1, 2]. As older unemployed individuals
have comparatively weak chances of finding new
employment [3, 4], job loss in this age group is often a
prelude to long-term unemployment and early labor
market exit [5].

While the definition of older individuals varies
between different countries and regions [5], for this
research we focus on individuals above the age of 50.
This group is shown to experience age-related
workplace discrimination [21] and have lower chances
of re-entering the labor market [3, 4].

Research and policy have developed a wide range
of active labor market programs to help unemployed
people re-enter the labor market [5, 7, 8]. To assess the
effectiveness of these programs in improving the
likelihood of employment, research suggests the
following three indicators: increased job search
behaviors, advanced job search skills, and high self-
efficacy [9, 22, 23].

First, an increase in job search behaviors is
associated with higher chances of re-entering the labor
market [24]. Such behaviors constitute a set of career-
related activities, such as submitting applications or
networking [25]. An improvement in job search
behavior is often operationalized as job-search intensity,
thus, devoting more time and effort to the job search
[22, 23]. Job search intensity declines with age [26] and
partly explains lower re-employment chances amongst
older workers [4]. Changing job search behavior is
therefore a promising means for counteracting these
trends. Behavioral learning theory suggests social
reinforcement and supervision can induce behavioral
change and increase job seeking activities [9].

Second, good job search skills are related to higher
job search success and are often the immediate
outcomes of active labor market programs [9, 22, 23].
More specifically, these include both the knowledge and
the ability to conduct a job search effectively, e.g., CV

writing skills, interview skills, developing a clear job
search strategy [9, 22, 23]. As older individuals are
assumed to have a less developed skillset for the job
search in general [3, 9] and digital job search tools in
particular [3,5], improving job search skills is
particularly important for this target group.

Finally, the theory of planned behavior suggests
that positive attitude and perceived behavioral control
impact behavioral performance. In the context of job
search, this dimension is often operationalized by
increased self-efficacy, i.e., the belief of having the
capacity to conduct actions to produce a desired
outcome [27], which is closely associated with self-
assessed job search skills [9]. Prior research shows that
high self-efficacy improves chances of re-entering the
labor market [27], as it positively influences job search
behavior [9]. As self-efficacy declines with age, active
labor market programs designed for older job seekers
should aim to improve this dimension [28].

2.2. Digital Labor Market Interventions

“Today, fast-evolving technologies have a potential
to transform the traditional way of doing things across
all functions and domains of government” [29, p. 29].
However, most job search assistance is delivered in-
person [5, 9], and the potential of digital technology to
serve the unemployed population remains untapped
[5, 9]. In the context of re-employment, digital services
might be more efficient as they help to reduce costs,
enable scaling, and eliminate time and space constraints
[14, 30]. Even more importantly, digital services might
be more effective in helping unemployed people re-
enter the labor market compared to analog job search
assistance.

There is initial evidence testifying to the benefits of
ICT for finding employment in young and middle-aged
individuals. Access to high-speed internet has been
shown to improve re-employment rates in Germany
[10]. In addition, online job search raised employment
chances among young employment seekers in the U.S.
by 25% [11]. Furthermore, engaging in social networks
increased the number of job leads and interviews in
educated, white-collared workers with an average age of
39, who lost their jobs at large organizations across the
U.S. during 2010 [12]. Research also suggests that
technology-mediated job search interventions can
improve labor market prospects. The introduction of a
mobile application facilitated the job search and
motivated young job seekers in German states, where
youth unemployment was above the national average
[13]. Also, digital job search assistance increased the
number of job interviews in the U.K., for a group with a
median age of 36, almost half of them with a university
degree [14].
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However, little is known about the effectiveness of
digital interventions for improving re-employment in
older individuals. Contrary to conventional wisdom,
initial research suggests that a large share of
unemployed individuals above the age of 50 has access
to and even desires more digital job search assistance
[31]. Further, research suggests that digital media
engagement helps older unemployed individuals to
better cope with the psychological consequences of job
loss. While an investigation of unemployed social media
users showed that social media engagement improved
well-being across age groups, the effect was especially
prominent in older participants [32]. This is consistent
with findings in other settings suggesting that digital
engagement improves social connectedness in older
individuals [33, 34].

Still, the evidence of digital interventions on re-
employment indicators in older individuals remains
vague. An Australian study analyzing the effects of an
online application assistance found that it increased job
finding rates among individuals aged 35 - 50; at the
same time, the intervention did not improve outcomes
for subjects above the age of 50. The authors argued that
job seekers above the age of 50 might have a reduced
ability to effectively navigate online resources [35].
Another explanation, demonstrated in research on
offline job search interventions, might be the fact that
older job seekers mostly benefit from targeted
interventions [9, 36].

To date, to the best of our knowledge, no study
exists that quantifies the impact of digital job search
interventions to support re-employment at older ages.
Against this backdrop, this study investigates the effect
of online peer groups on indicators related to re-
employment.

2.3. Online Job Search Peer Groups

Connecting older unemployed individuals via
offline peer groups has been shown to increase
employment in participants across a diverse range of
different occupations (31% manual or unskilled, 33%
skilled or clerical, and 36% managerial or professional)
[37]; replicated in a following study [38]. During the
proliferation of digital media in the 1990s, online peer
groups received increasing research attention [39]. Peer
groups build on the social support of individuals who
share a common issue or need [16]. The online version
brings those individuals together in a forum facilitated
by digital media [17, 18]. The peers provide mutual
support to each other by exchanging advice, information
or empathy [40], and thereby foster a “change in the
belief, attitude or behavior” [41, p. 138].

Online peer groups provide benefits to diverse age
groups, including the elderly [42] and school-age

students [15]. Also, they show positive societal impact
across a wide range of settings, such as fighting
addiction [19], fostering education [20], and even
finding employment [15].

Online peer groups increase employment in pupils
of middle schools, main schools, and comprehensive
schools in Germany and improve attitude, intensity, and
maturity of job seeking, thus providing an effective
supplement to face-to-face career counseling [15]. In the
context of unemployed individuals with complex
barriers, such as mental health issues or addiction,
effectiveness is less clear. On the one hand, participants
in this German study appreciated the design features of
the online peer group, e.g., mobile and anonymous
communication [43], and showed positive tendencies
along several indicators of successful employment,
although none of the results were significant [43]. On
the other hand, the results also showed a negative
tendency for having a clear career strategy, suggesting a
potentially distorting effect of participation in an online
peer group [43].

Research to date has not investigated the
effectiveness of participating in an online peer group in
the older unemployed population. To gain insights into
the potential of online peer groups to serve unemployed
individuals above the age of 50, we analyze a unique
data set from a randomized field study introducing
online peer groups at the Federal Employment Agency
in Germany.

3. Research Methodology

3.1. Case Setting and Subjects

We conducted our randomized field study in
cooperation with the Federal Employment Agency in
Germany (Bundesagentur flir Arbeit). With 156
employment agencies, roughly 600 branch offices, and
over 95,000 employees, the Federal Employment
Agency is the largest provider of labor market services
in Germany. Services include career counseling,
employment placing, and financial support.

Between February 2019 and March 2020, a new
digital service was introduced to assist labor market
prospects for unemployed individuals above the age of
50. The case study was conducted in Baden-
Wirttemberg, the third-largest state in Germany and
home to a large automotive and mechanical engineering
industry [44]. During the study, the region experienced
slowed economic activity [45].

The digital service consisted of online peer groups
that supplemented the traditional face-to-face
counseling sessions. The peer groups were realized via
the instant messaging client Riot.im based on the Matrix
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protocol. Each online peer group consisted of about 20
participants and a professional career counselor who
acted as a moderator. In addition to facilitating the
exchange of text messages, the application also
supported document sharing, such as CVs and brochures
for career events. All online peer groups had a total
duration of three months and were deactivated
afterwards; the last group was deactivated end of
January 2020.

To measure the effectiveness of the online peer
groups, we conducted a pre-test/post-test on both the
treatment and the control group, following an
established research design [15, 43]. The study
consisted of three stages (see Figure 1 for an overview).

Experimental Design
Stage 1

Allocated to
control group

Allocated to
treatment group

Completed Pre-Survey Completed Pre-Survey

Stage 2

Received face-to-face
counseling

b

Completed Post-Survey

Received face-to-face
counseling and online
peer group

';'%TF';J +

Stage 3

E

o

0
=]

Completed Post-Survey

Figure 1. Experimental design

In stage 1, we assessed subjects for eligibility,
briefly informed them about the study, randomly
allocated them to the treatment and the control group,
and requested that they complete a pre-survey. 267
subjects allocated to the treatment and 264 subjects
allocated to the control group volunteered to participate
and completed the pre-survey.

In stage 2, during three months, all subjects
received traditional face-to-face counseling, while
subjects in the treatment group also participated in
online peer groups. Of the 267 subjects who completed
the pre-survey, 205 participated in the online peer
groups, and 62 decided to discontinue the project. All
264 subjects allocated to the control group received
face-to-face counseling.

In stage 3, we asked all participants to complete a
post-survey. 61% of all subjects in the treatment and
47% of all subjects in the control group completed the
post-survey. In the analysis, we only included those

subjects who completed both surveys. Due to data
quality issues, we had to exclude several subjects (5%
in the treatment group, 6% in the control group). In total,
we collected 119 valid questionnaires for the treatment
and 118 valid questionnaires for the control group.

Subjects in the randomized field study were
sampled among unemployed individuals above the age
of 50 (participants' age-span: 50-66) in seven
employment agencies, including both rural and urban
districts. Most subjects were priorly employed in
clerical or professional positions (82%), followed by
workers (13%), civil servants (2%), and self-employed
individuals (2%). Participation in the experiment was
entirely voluntary, with the requirement that all
participants have sufficient German language skills to
communicate via written messages effectively. Table 1
summarizes the demographics of our sample, based on
data gathered from valid pre- and post-surveys.

Table 1. Sample demographics

Variable N (Percentage)
Gender
Female 101 (43%)
Male 136 (57%)
Age
50-55 81 (34%)
55-60 92 (39%)
>60 64 (27%)
Education
No school leaving certificate 3 (1%)
Lower secondary 36 (15%)
Intermediate secondary 41 (17%)
Upper secondary 17 (7%)
Vocational training 59 (25%)
University degree 79 (33%)
Not specified 2 (1%)
Unemployment duration
< 3 months 10 (4%)
3-6 months 45 (19%)
6-12 months 74 (31%)
>12 months 108 (46%)

Our analysis is based on two datasets: usage data
and survey data. We collected usage data, i.e., all
messages, including metadata such as participant
identification code and timestamp. In total, 205
unemployed individuals and 11 counselors from 7
employment agencies, replaced by a colleague in case
of absence, participated in 11 online peer groups.
Second, we conducted pre- and post-surveys with all
participants in the treatment and the control group. In
the analysis, we only included those subjects who
completed both surveys resulting in 119 valid
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questionnaires for the treatment group and 118 valid
questionnaires for the control group. Participants chose
to complete the survey in either a paper-based or online
format. The tool “SoSci Survey” was used to collect the
online version. All questions were provided in German,
and no incentives were offered to respondents.

3.2. Measurement

To ensure reliability and validity of the
measurements, we used indicators established by prior
research to measure improvement in re-employment
chances [9, 22, 23]. To operationalize improvement in
job search behavior and self-assessed job search skills,
we adopted established constructs from research on the
effects of employment interventions in Germany [25].
As digital incompetence impedes job search in older
individuals, we added an abbreviated assessment of
digital  competencies based on established
questionnaires [46]. Finally, we used standard
questionnaires to measure improvement in self-efficacy
[47].

Except for constructs related to the dimension job
search behavior, all constructs were measured using a
Likert-type scale ranging from 1 (“strongly disagree”)
to 6 (“agree strongly”). When a construct was comprised
of multiple items, we calculated the variable as the mean
of the item’s score. Table 2 provides an overview of the
constructs per dimension, the number of items per
construct and the items’ scales.

Table 2. Overview on constructs measuring
success with respect to employability

Dimension Construct Items Scale
Number of job Free |rt1)put (;n
applications 1 number o
Job search applications
behavior Number of Free input on
invitations to 1 number of
job interviews invitations
Written
application 4 6-point
Job search skills »-pomn
. Likert-type
skills Career strategy
A - scale
and interview 6
skills
Information 1
. processing 6-point
Digital . Communication 3 Likert-type
competencies
Safety 2 scale
Problem solving 2
6-point
Self-efficacy Self-efficacy 10 Likert-type
scale

The design of our questionnaire follows scientific
guidelines to reduce response bias [48, 49]; thus, we
selected an even-numbered Likert-type scale to prevent
middle option bias [48].

The comprehensibility of the survey items was
validated with professionals at the Federal Employment
Agency and four Information Systems researchers.

4. Results

4.1. Adoption of Online Peer Groups

First, we determined whether and to what extent
participants assigned to the treatment group utilized the
digital service by analyzing usage data.

83% of all participants in the treatment group wrote
at least one message during the experiment’s duration.
The participants shared 2,390 messages between each
other during the three months of treatment, excluding
the messages shared by the professional counselors who
acted as moderators (median number of messages in
active participants = 8).

Number of active participants and messages per
participant (percentage)

170 /
(83%) \

Active
participants

103

(50%) . Median of 8

messages

1-10 11-20 >20

Number of messages

Figure 2. Adoption of online peer groups
4.2. Effect of Online Peer Groups

Comparability of subjects in the treatment and the
control group is a prerequisite to attribute any
significant difference between the groups to the
experimental manipulation, i.e., the online peer groups.
Therefore, we verified that the random assignment had
indeed produced similar distributions in the treatment
and the control group for potentially confounding
characteristics such as gender, age, education, German
language skills, marital status, children, unemployment
duration, and previous occupation [3, 4]. Chi-square
analyses of these variables revealed no significant
differences between the two groups at the beginning of
the experiment.
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To evaluate the effect of the online peer-group
based intervention, we first derived the differences in
each construct per subject in the treatment and the
control group. As a next step, we compared the
distribution of differences in the control group against
the distribution of differences in the treatment group. To
investigate whether a significant difference exists in the
development of the two groups, we applied Mann-
Whitney U tests for independent samples. For this
research, a significant difference is defined at a p-value
below 0.05.

In what may be the most critical outcome of this
study, our results show that job search behavior is
positively affected by participating in an online job
search peer group.

With respect to the number of job applications, we
detect a significant between-group difference according
to the Mann-Whitney U test statistic (p = 0.036). The
median number of job applications of the subjects in the
control group does not change between the pre- and
post-survey (median control group pre = 10, median
control group post = 10). In contrast, the subjects in the
treatment group show a striking positive difference,
with a median of 10 job applications before the
treatment and 14 job applications by the end of the
three-month experimental period (see Figure 3).

Test Statistic
Number of job applications (Mann-
(change in median after 3 months) Whitney U)
p <0.05

Pre Post Pre Post

Control Treatment
Group Group

Figure 3. Development in job applications

We also observe that the number of job interview
invitations is positively affected by participating in an
online peer group (see Figure 4). The subjects in the
treatment group show an increased number of
invitations to job interviews as compared to control
group subjects (Mann-Whitney U test; p = 0.030).
Similar to the development in the number of job
applications, the median number of invitations to job

interviews does not change in the control group between
the pre- and post-survey (median control group pre =1,
median control group post = 1). Surprisingly, the
subjects in the treatment group show a prominent
positive difference following the treatment period, with
a median of 1 interview invitation before the treatment
and 2 invitations afterwards.

Test Statistic
Number of job interview invitations (Mann-
(change in median after 3 months) Whitney U)
2
p <0.05
1 1 1
Pre Post Pre Post
Control Treatment
Group Group

Figure 4. Development in job interview
invitations

The treatment group and the control group show no
significant difference regarding the development of self-
assessed job search skills (see Table 3).

The mean scores for written application skills and
career strategy and interview skills do not develop
differently following the treatment period between the
treatment group and the control group.

Also, subjects in the treatment group and the control
group show no difference in the development along the
following self-assessed digital skills: information
processing, communication, safety, and problem
solving (see Table 3).

Finally, there is no significant difference in self-
efficacy development between the two groups (see
Table 3). The mean self-efficacy scores of the treatment
and the control group do not change after the treatment
period.
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Table 3. Development in job search skills,
digital competencies and self-efficacy

Dimension / Test
Construct %olgtgol Tré?gnl]ent Statistic
(6-point Likert-type (MeanF; (Meanp) (Mann-
scale) Whitney U)

Pre Post Pre Post

Job search skills

Written application

skills ' ' ' No
significant
difference
_Caree_rstrate_gyand 46 46 47 49 !
interview skills
Digital
competencies
Information
processing 44 45 49 50
Communication 39 41 40 43 sign’i\:‘(i)cant
Safety 51 52 53 55 difference
Problem solving 47 49 51 53
Self-efficacy
No
Self-efficacy 43 43 45 45 significant
difference
5. Discussion

Our research is motivated by the societal challenge
of fighting unemployment in older individuals. We
investigate whether ICT can meet this challenge and
serve to improve the re-employment chances of older
job seekers. To this end, we analyzed a unique data set
from a randomized field study of online peer groups for
unemployed individuals above the age of 50, conducted
in cooperation with the Federal Employment Agency in
Germany. Our findings have three main implications for
theory and practice.

First, our research provides strong evidence that
online peer groups help activate older unemployed
individuals. We observe a significant improvement in
job search behaviors after participation in online peer
groups when compared to a control group. The
treatment group participants wrote more applications
(change in median +4), and were invited to more job
interviews (change in median +1) after the treatment. In
contrast, the control group shows no improvement in
either area. Our research suggests that the change in
behaviors observed in offline peer groups [37, 38] can
be replicated digitally for the older unemployed
population. Also, we confirm that the increase in job
search intensity observed in youths [15] can also be
demonstrated in older job seekers. Evidence indicates

that social support serves as a pathway to increase job
search intensity in unemployed individuals above the
age of 50 [26, 50]. More specifically, this target group
mainly benefits from support provided by unemployed
friends, rather than other employed or retired friends or
family members [26, 50]. As online peer groups help to
connect peers who share a common challenge or need,
our research provides preliminary evidence that online
peer groups serve as an effective means to build such
relationships. The convenience and ubiquitous nature of
mobile service delivery might have further facilitated
the change in behaviors [51], as research on offline peer
groups for older individuals reports a desire for more
frequent exchanges with peers [38]. From a practical
perspective, activating older job seekers is particularly
crucial, as job search intensity declines with age [26]
and partly explains lower re-employment chances for
older job seekers [4]. In light of this challenge, we
identify online peer groups as a powerful measure to
increase job search intensity among the older
unemployed population. Thus, our research is an initial
step towards modernizing labor market services and
suggests the adoption of digital peer-group based
services in addition to face-to-face counseling.

Second, our results shed light on the limitations of
online peer group interventions for older unemployed
individuals. We observed no change in written
application skills, interview and career strategy skills,
digital competencies, and self-efficacy following
participation in online peer groups. This contrasts with
observations in other settings where online peer groups
improved  attitude and  self-assessed  skills
[15, 52, 53, 54]. Observations from offline peer groups
might shed light on these findings. Older unemployed
individuals show improvement in self-efficacy when
specific learning assignments complement peer group
participation [55]. Other evidence suggests that skill and
self-efficacy ~ development  require  additional
components [9, 56], and that peer learning works best as
a supplement to other training [57]. Our findings
indicate that while peer groups serve the crucial goal of
activating older unemployed individuals, additional
interventions are needed to improve skills and self-
efficacy.

Third, our results demonstrate that older
unemployed individuals actively use digital career
search assistance. About 83% of all subjects in the
treatment group wrote at least one message, and about
33% even wrote over ten messages throughout the
duration of the experiment. Thereby, older individuals
participate almost as actively as youths in a similar
employment-related peer group, which had a 100%
participation rate [15]. Further, the participation rate is
strikingly high when compared to online peer groups in
other settings [19] and large social health networks,
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where less than 25% of participants contribute more
than one message [58]. The active participation in the
online peer groups partly contests findings of an
overrepresentation of older unemployed individuals
among non-users of digital media [59] and the higher
share of older people among “lurkers” in online support
groups [60]. Thus, our findings are consistent with
research suggesting that older unemployed individuals
are accessible for digital assistance in job search [31].
The setting and design of the digital intervention, aimed
explicitly at individuals above the age of 50, might serve
as a potential reason for the strong participation.
Research demonstrates that older job seekers mostly
benefit from interventions specifically targeted to them
[9, 36]. Furthermore, the intervention design was
informed by prior literature. The peer groups were
implemented as localized and closed sub-networks [42],
aiming at high usability and data protection standards
identified as essential features for job seekers above 50
[31]. Our research provides evidence that older
unemployed individuals are responsive to targeted-
group-based digital services in the context of job search.

6. Limitations and Directions for Future
Research

Besides the highlighted research contributions
presented in this paper, we acknowledge the limitations
of this study that constitute interesting avenues for
future research.

First, our data comes from a single case study in one
country. Though we build on a rich dataset gathered
from several online peer groups at different branch
offices of the Federal Employment Agency in Germany,
including both rural and urban areas, these findings may
not be generalizable to other countries. Thus, we invite
future research to investigate online peer groups for
older unemployed individuals in other countries to shed
light on the impact of cultural and regional differences
and to substantiate our findings.

Second, we acknowledge that our initial sample of
eligible participants may suffer from self-selection bias.
We addressed this bias by the randomized allocation of
the participants to the control and the treatment group.

Third, our study provides evidence for introducing
an online peer group in addition to face-to-face
counseling, as our experiment did not include a
no-treatment control group. Thus, we cannot isolate the
effects of participating in the online peer group and
attending the face-to-face counseling sessions. Still,
ethical and legal considerations do not support such a
study design in our setting.

Finally, our case study is solely intended as a first
step in examining the effect of online peer groups in the

older unemployed population. In contrast to prior
research, we observe that the increased job seeking
activity of older unemployed individuals did not go
along with elevated self-efficacy or self-assessed skills.
Thus, we suggest future research to further expand our
study’s findings by investigating the underlying
dynamics for the behavior changes in older unemployed
individuals. In particular, researchers might investigate
the factors influencing the observed activation effect in
more detail. Future research might compare cohorts
with a diverse educational or professional background,
unemployment duration, or chat activity. Also, we invite
future research to investigate the inner-workings of
online peer groups, e.g., to identify specific moderation
types that elevate success.

7. Conclusion

Improving labor market prospects for older people
is a priority for policymakers around the world [5], in
light of the rapid aging of the worldwide population
[5, 6]. To date, research and policy have focused on non-
digital job search assistance for this target group [9, 5].
Our research is motivated by the desire to investigate
whether ICT can serve the older unemployed
population. To this end, we analyzed the effect of online
peer groups on several indicators related to
re-employment. We conducted the analysis using a
unique online peer group data set from a randomized
field study with unemployed individuals above the age
of 50 at the Federal Employment Agency in Germany.

Our findings suggest that online peer groups can
support older unemployed individuals. We observe that
online peer groups activate participants and increase the
number of job applications and job interviews. Our
results further highlight that older unemployed
individuals actively participate in online peer groups
and thus support the call for a targeted design of digital
interventions for this age group.

We hope our findings will encourage further
investigation into the power of digital interventions to
serve the older unemployed population.
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