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Abstract

Background. Anxiety and depression are leading causes of disability worldwide, yet indivi-
duals are often unable to access appropriate treatment. There is a need to develop effective
interventions that can be delivered remotely. Previous research has suggested that emotional
processing biases are a potential target for intervention, and these may be altered through brief
training programs.
Methods. We report two experimental medicine studies of emotional bias training in two
samples: individuals from the general population (n = 522) and individuals currently taking
antidepressants to treat anxiety or depression (n = 212). Participants, recruited online, com-
pleted four sessions of EBT from their own home. Mental health and cognitive functioning
outcomes were assessed at baseline, immediately post-training, and at 2-week follow-up.
Results. In both studies, our intervention successfully trained participants to perceive ambigu-
ous social information more positively. This persisted at a 2-week follow-up. There was no
clear evidence that this change in emotional processing transferred to improvements in symp-
toms in the primary analyses. However, in both studies, there was weak evidence for improved
quality of life following EBT amongst individuals with more depressive symptoms at baseline.
No clear evidence of transfer effects was observed for self-reported daily stress, anhedonia or
depressive symptoms. Exploratory analyses suggested that younger participants reported
greater treatment gains.
Conclusions. These studies demonstrate the effectiveness of delivering a multi-session online
training program to promote lasting cognitive changes. Given the inconsistent evidence for
transfer effects, EBT requires further development before it can be considered as a treatment
for anxiety and depression.

Depression and anxiety are leading causes of disability worldwide (World Health
Organization, 2017). Current treatment strategies include antidepressant medications and psy-
chotherapy. While these can be effective, they are often difficult to access, financially costly,
and associated with side effects. A substantial proportion of patients will not respond to
their first-line treatment (Rush, 2007). There is an urgent need to address this treatment
gap by developing effective treatments that can be delivered rapidly and remotely. Digital
health technologies are being increasingly explored as a method to deliver both standalone
and adjunct therapies for mental health disorders (Hollis et al., 2015). These therapies must
be validated by real-world studies to ensure they are safe, evidence-based, and effective.

A potential target for intervention is biased emotional processing (Penton-Voak, Munafò,
& Looi, 2017). Depressed and anxious individuals display negative biases when processing
ambiguous social cues (Beevers, Wells, Ellis, & Fischer, 2009; Bourke, Douglas, & Porter,
2010; Hayes & Hirsch, 2007). For example, when viewing ambiguous facial expressions,
depressed individuals may be more likely to interpret them as showing a sad or hostile emo-
tion, rather than a positive emotion. This tendency may play a causal role in the development
of low mood, as individuals receive undue negative feedback from their environment and sub-
sequently respond maladaptively, worsening their social experience further. Current pharma-
cological treatments, such as selective serotonin reuptake inhibitors (SSRIs), appear to alter
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emotional processing early in the treatment course, and these
changes are associated with symptom remittance at a later time-
point (Godlewska, Browning, Norbury, Cowen, & Harmer, 2016;
Harmer, Goodwin, & Cowen, 2009). In neurocognitive models,
this reduction of negative processing allows individuals to experi-
ence the world more positively, which in time leads to improve-
ments in symptoms and cognitive functioning (Pringle,
Browning, Cowen, & Harmer, 2011; Warren, Pringle, & Harmer,
2015). This reasoning has led to the development of interventions
that modify emotional processing through non-invasive behav-
ioural, rather than pharmacological, methods (Hallion & Ruscio,
2011; Menne-Lothmann et al., 2014), with the hope that changes
to this cognitive target lead to symptom remittance.

We have developed an intervention that targets negative pro-
cessing biases through emotional bias training (EBT). EBT uses
feedback to train participants to interpret ambiguous facial
expressions as displaying a positive rather than a negative emo-
tion, with the aim of inducing a positivity bias. It is theorised
that this positivity bias will have beneficial downstream effects
on the participants’ interpretation of their wider social experi-
ences, which are preferable to those produced by more negative
interpretations. In short, this is achieved by asking participants
to categorise a continuum of ambiguous faces, ranging from
very happy to very sad, in order to determine their emotional ‘bal-
ance point’ (the point where they perceive a switch between
‘happy’ and ‘sad’). Participants are then trained to categorise
more of the ambiguous faces as happy (i.e. trained to a higher bal-
ance point). This approach is effective in modifying emotional
processing in a range of populations, including individuals suffer-
ing from emotional and conduct disorders (Penton-Voak, Bate,
Lewis, & Munafò, 2012, 2013; Rawdon et al., 2018). It has also
shown promise as a tool to improve mood, with some studies
reporting increases in positive affect, reduced self-reported
anger and improved stress resilience (Penton-Voak et al., 2012,
2013; Peters et al., 2017). However, the effectiveness of EBT is
yet to be studied when delivered in a real-world setting.

A recent neuroimaging study found that EBT alters emotional
processing by increasing neural activation in response to happy
facial expressions (Penton-Voak et al., 2020). After five sessions,
participants showed increased activity in the medial prefrontal
cortex and bilateral amygdala when viewing a novel set of
happy faces. These brain areas are implicated in emotion regula-
tion and mood disorders (Disner, Beevers, Haigh, & Beck, 2011),
and related changes in activity are identified during SSRI treat-
ment. For example, depressed individuals in their 1st week of
SSRI treatment have a reduction in neural activity in the amygdala
when viewing fearful (v. happy) faces (Godlewska, Norbury,
Selvaraj, Cowen, & Harmer, 2012, 2016). Importantly, these
changes preceded the remittance of symptoms. While the exact
neural mechanism of EBT requires further investigation, it is
promising that our digital intervention appears to target similar
pathways to current pharmacological treatments for anxiety and
depression. One aim of the current research is to evaluate whether
administering EBT as an adjunct therapy to SSRIs has the poten-
tial to offer additional benefit.

Here we describe two pre-registered studies evaluating EBT as
a digital intervention for anxiety and depression. In both studies,
participants were recruited and completed all study sessions
online from their own homes, providing a test of the intervention
in a ‘real world’ setting in which digital therapeutics may be deliv-
ered. The EBT procedure closely matched those in previous
laboratory-based studies (Penton-Voak et al., 2020), and was

delivered over four sessions, which has been shown to produce
enduring changes on the emotional bias task (e.g. at 2-week
follow-up; Rawdon et al., 2018). Participants returned for
a 2-week follow-up, which allowed us to assess the effects of train-
ing after participants had a reasonable opportunity to engage in
social interactions. We assessed several mental health and func-
tional outcomes known to be associated with anxiety and
depression.

In study 1, we examined the effectiveness of EBT in a sample
of healthy volunteers to test the feasibility of conducting the EBT
trial remotely and to explore Peters et al.’s (2017) finding that
EBT may lead to a reduction in daily stress in healthy partici-
pants. Mental health and functional outcomes were assessed at
baseline, immediately post-training, and at a 2-week follow-up.
We hypothesised that four sessions of EBT would induce a posi-
tivity bias in the recognition of emotional facial expressions, as
shown in previous laboratory-based research (Penton-Voak
et al., 2012). We also hypothesised that this change in bias
would transfer to decreased daily stress and greater motivation
to seek reward (Peters et al., 2017). We also explored if EBT led
to self-reported improvements in quality of life.

In study 2, we recruited volunteers who were currently taking
SSRIs for anxiety or depression, to investigate the potential of EBT
as an adjunct therapy. Based on study 1 findings, we hypothesised
that an EBT induced positivity bias would transfer to an improve-
ment in self-reported quality of life. In addition, we investigated
transfer effects to other mental health and functional outcomes:
daily stress, anhedonia, depressive symptoms, state anxiety and
‘feeling of treatment’ (the extent to which the participant felt
their current treatment was working for them).

Method

Overview

Both studies were preregistered on the Open Science Framework
(study 1: osf.io/qf28h/; study 2: osf.io/wuvjb/), where full methods
can be found. Ethics approval was granted by the Faculty of
Science Human Research Ethics Committee of the University of
Bristol (study 1: 53001; study 2: 55441).

Emotional bias training

Our training paradigm modifies participants’ perception of emo-
tional facial expressions, by encouraging them to perceive more
ambiguous facial expressions as positive (happy) rather than
negative (sad) emotion. Each training session consists of three
blocks: baseline, training, and test. In all three blocks, participants
respond to a series of faces, indicating whether they perceive them
to be ‘happy’ or ‘sad’. Each face stimulus is from a continuum of
15 morphed faces, that range in intensity from unambiguously
happy (face 1) to unambiguously sad (face 15) (see original
paper for further details; Penton-Voak et al., 2012)

In the baseline block, participants respond to 45 trials (all 15
faces, presented 3 times) and receive no feedback regarding
their categorisation of the faces. This determines the balance
point (i.e. face number) at which participants shifted from per-
ceiving happiness to perceiving sadness. This is calculated by
the number of faces judged as ‘happy’ divided by a number of
trials, multiplied by 15. In the training block, participants receive
feedback on each trial, indicating whether their categorisation was
‘Correct’ or ‘Incorrect’ (Online Supplementary Fig. S1). Feedback
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is tailored to each participant, based on their baseline balance
point. For participants receiving active training, feedback pro-
motes recognition of two more faces (along the 15-point con-
tinuum) as ‘happy’. In the sham condition, feedback is given in
line with their baseline balance point, meaning no training is
administered. The final (test) block is identical to the baseline
block, in order to measure any immediate changes in the partici-
pants’ balance point after training. An entire training session
takes approximately 8.5 min to complete.

Participants

Study 1 recruited healthy participants via Prolific (www.prolific.co),
an online recruitment platform. Eligible participants were above 18
years old, fluent in English, and had normal or corrected-to-normal
colour vision. Participants were ineligible if they were taking anti-
depressants, anxiolytics or anti-psychotics, or had consumed alco-
hol within the last 12 h. Participants who completed all sessions
were reimbursed £10, plus any additional monetary reward
earned during the study (see study 1 Measures).

Study 2 participants, also recruited via Prolific, were currently
taking SSRIs (either citalopram, escitalopram, fluoxetine, paroxe-
tine, sertraline or vilazodone) to manage anxiety and/or depres-
sion. Eligible participants were above 18 years old, had English
as a first language (or equivalent) and had a normal or corrected
colour vision. Participants were ineligible if they had participated
in study 1, or consumed alcohol 12 h before the study session.
Participants who completed all sessions were reimbursed £10.

In both studies, participants accessed information sheets
(hosted on Prolific) prior to their participation and gave their
informed consent (via a checkbox) upon entering the study.

Design

Both studies used a single-blind randomised controlled design. As
this study was conducted remotely, experimenters were unable to
bias participants’ performance. Participants were randomly
assigned (by random number generator) to active or sham EBT.
All participants were required to complete four training sessions
within 10 days, and a follow-up session approximately 2 weeks
after their final training. Mental health and functional outcomes
were assessed at baseline (start of session 1), post-training (end
of session 4), and follow-up (end of session 5).

In study 2, we replaced the EBT test block of sessions 1, 2 and
3 with a second training block, and added an additional training
block to session 4. This doubled the number of training blocks
(from 4 to 8) while maintaining a similar study duration.

Study 1 measures

The primary outcome of study 1 was self-reported daily stress,
immediately post-training. In line with previous work (Peters
et al., 2017), we assessed daily stress through average impact rating
on the daily stress inventory (DSI-AIR; Brantley, Waggoner,
Jones, & Rappaport, 1987). This measure captures participants’
self-reported stress responses in the past 24 h, to a range of com-
monly occurring stressors. Secondary measures included quality
of life and effort for reward. Quality of life was measured with
the Quality of Life Enjoyment and Satisfaction questionnaire
(QLES, short-form version; Endicott, Nee, Harrison, &
Blumenthal, 1993) and a percentage of maximum score (out of
56) was calculated for each participant. Effort for reward was

assessed through the Effort Expenditure for Reward Task
(EEfRT; Treadway, Buckholtz, Schwartzman, Lambert, & Zald,
2009), an objective measure of anhedonia, which required partici-
pants to press sequences of keys in return for differing monetary
rewards. Participants were given the choice between ‘easy’ and
‘hard’ trials and scored on the proportion of hard trials chosen.
See online Supplementary Materials for full description.

Depression and anxiety (state and trait) were assessed via the
PHQ-9 (Spitzer, Kroenke, & Williams, 1999) and STAI (Y1 and
Y2 forms; Spielberger, Gorsuch, Lushene, Vagg, & Jacobs,
1983), respectively. The suicide ideation question was removed
from the PHQ-9 on the request of the ethics committee. Other
measures (not discussed here, available in our open datasets)
included the Immediate Mood Scaler (Nahum et al., 2017) and a
brief survey of participants’ social experiences in the past 24 h, at
each session. These were collected alongside information regarding
the usability of the intervention for task development purposes,
should the intervention be successful.

Study 2 measures

The primary outcome of study 2 was quality of life (QLES; per-
centage maximum score) as study 1 suggested EBT may lead to
an improvement in QLES amongst individuals with depressive
symptoms. Secondary outcomes included daily stress (DSI-AIR),
depressive symptoms (PHQ-9), state anxiety (STAI-Y1), and
anhedonia. Anhedonia was assessed using the Snaith-Hamilton
Pleasure Scale (SHAPS; Snaith et al., 1995), a self-report measure
of anhedonia, rather than the EEfRT used in study 1.

In study 2, participants provided information regarding the dur-
ation of SSRI treatment and whether they were currently receiving
talking therapy, either online or in-person. Participants also
reported their ‘feeling of treatment’ (whether they felt improved
by their current treatment for anxiety or depression) at baseline,
post-training and follow-up. This was a 5-point scale ranging
from ‘much worse’ to ‘much better’.

Sample size determination

Study 1 sample size was determined based on the previously iden-
tified effect size of group difference in daily stress (DSI-AIR) fol-
lowing EBT (d = 0.35) (Peters et al., 2017). A sample of 586
participants would allow us to detect this effect with 95%
power and an alpha level of 1%, and a more conservative effect
of d = 0.23 with 79% power at an alpha level of 5%. A total of
891 participants signed up to the study. Of these 874 participants
accessed the study website and 527 provided complete datasets.
These datasets were screened for outliers and inappropriate
responding (see protocol for full details), resulting in a final sam-
ple of 522 participants (see online Supplementary Fig. 2).

Study 2 sample size was determined based on a small to
medium effect size of d = 0.30 for quality of life (QLES), equiva-
lent to 4.2 points on this measure (expressed as a percentage max-
imum score). We originally calculated that a sample size of 278
would allow us to detect this effect with 80% power and an
alpha level of 5%. However, this was erroneously based on a
one-sided test in our pre-registered study protocol. A total of
500 participants were recruited for study 2, 233 of which provided
complete datasets. The final sample for study 2 consisted of 212
participants after the removal of 21 outliers as per protocol (see
online Supplementary Fig. 3). This sample size provided 58%
power at an alpha level of 5% to detect an effect size of d = 0.3,
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and 80% power to detect an effect size of d = 0.39 (equivalent to
5.5 points on the QLES).

Sample size calculations were conducted in G*Power (Faul,
Erdfelder, Buchner, & Lang, 2009).

Statistical analyses

Statistical analyses were conducted in RStudio (RStudio Team,
2015). For each study, we conducted a series of linear regression
analyses to investigate the effect of condition (active/sham EBT)
on mental health and cognitive outcomes post-training.
Analyses were adjusted for age, sex, and baseline score of the
respective measure. These models were repeated for study out-
comes at follow-up (Session 5) to investigate the longer-term
effects of EBT.

In study 1, the second set of models additionally adjusted for
baseline depression (PHQ-9) and state anxiety (STAI-Y1) scores.
We also investigated the effects of training in subgroup analyses
stratifying by baseline depression and anxiety. For the depression
analysis, participants were split by PHQ-9 score (>4 indicating
signs of at least mild depression; Kroenke, Spitzer, & Williams,
2001). For anxiety, participants were median split into high and
low trait anxiety by STAI-Y2 score (high anxiety >44).

In study 2, an additional set of models adjusted for length of
SSRI use and whether the participant was receiving talking ther-
apy (dummy coded as yes/no). Secondary analyses investigating
the interaction of training with baseline mental health were
then conducted as described for study 1. For the depression ana-
lysis, the sample was median split by PHQ-9 (>12). For anxiety,
participants were median split by trait anxiety (STAI-Y2 >58).

Results

Participant characteristics

Baseline characteristics of both studies can be seen in Table 1.
Study 1 recruited a sample of 522 adult participants who were
not currently taking antidepressants, anxiolytics or antipsychotics.

Of the 522 participants, 54% were female (sham condition: 45%,
active condition: 61%).

Study 2 recruited 212 adult participants who reported that they
were currently taking an SSRI to treat anxiety or depression
(Citalopram: 26.4%, Escitalopram 3.8%, Fluoxetine: 21.7%,
Paroxetine: 2.8%, Sertraline: 45.3%; average duration of 50
months). Of the participants, 82% were female (sham condition:
85%, active condition: 79%). The self-reported mood was gener-
ally low, with the average PHQ-9 score indicating moderate
depression (Kroenke et al., 2001). 22% of participants reported
currently receiving talking therapy.

Correlations with baseline balance point

At baseline in study 1 (healthy participants), balance point was cor-
relatedwith trait anxiety (STAI-Y2; r(520) = −0.10, p = 0.029), daily
stress (DSI-AIR; r(520) = −0.10, p = 0.022) and quality of life
(QLES; r(520) = 0.09, p = 0.034), indicating individuals with lower
symptoms categorisedmore faces as ‘happy’. Therewas no clear evi-
dence for correlations with depressive symptoms, state anxiety, or
effort for reward (online Supplementary Table S6).

In study 2 (participants on medication), there was evidence
for a small negative correlation with depressive symptoms (PHQ-9;
r(210) =−0.15, p = 0.027), trait anxiety (STAI-Y2; r(210) =−0.12,
p = 0.082), anhedonia (SHAPS; r(210) =−0.21, p = 0.002), and
a positive correlation with the quality of life (QLES; r(210) = 0.16,
p= 0.022). Therewas no clear evidence for a correlationwith the feel-
ing of treatment, daily stress, or state anxiety.

Effectiveness of EBT on cognitive target

In both studies, EBT produced positive changes in participants’
emotional balance point (see Fig. 1, Panel A), meaning that par-
ticipants classified more ambiguous faces as ‘happy’ following
active training.

In study 1, participants in the active condition had a 2.6 point
increase (95% CI 2.3–2.9, p < 0.001) in their balance point post-

Table 1. Baseline characteristics (Means and Standard Deviations) of study samples

Baseline measure

Study 1: Healthy participants Study 2: Participants on medication

Sham (n = 251) Active (n = 271) Sham (n = 104) Active (n = 108)

Age (years) 34.8 (11.7) 34.1 (10.5) 37.2 (11.6) 37.0 (10.7)

Emotional bias (balance point) 7.7 (1.4) 7.8 (1.2) 7.7 (1.3) 7.6 (1.4)

Daily stress (DSI-AIR) 2.59 (0.86) 2.48 (0.86) 3.63 (1.07) 3.65 (0.98)

Effort for reward (EEfRT) 0.45 (0.28) 0.41 (0.26) – –

Anhedonia (SHAPS) – – 3.38 (3.26) 3.36 (2.96)

Quality of life (QLES) 62.66 (14.41) 64.28 (13.74) 49.78 (16.01) 48.71 (15.52)

Depressive symptoms (PHQ-9) 6.53 (4.74) 6.37 (4.91) 11.63 (5.69) 12.22 (5.22)

State anxiety (STAI-Y1) 40.77 (12.44) 40.29 (12.52) 52.73 (13.27) 52.60 (12.67)

Trait anxiety (STAI-Y2) 45.08 (12.25) 44.51 (12.70) 56.69 (11.34) 57.89 (10.59)

SSRI duration (months) – – 46.9 (54.6) 52.0 (61.0)

Feeling of treatment – – 1.69 (0.76) 1.34 (0.99)

Note. DSI-AIR: Daily Stress Inventory (Average Impact Rating), EEfRT: Effort Expenditure for Rewards Task, SHAPS: Snaith-Hamilton Pleasure Scale, QLES: Quality of Life Enjoyment and
Satisfaction Questionnaire (short form), PHQ-9: Patient Health Questionnaire, STAI: State Trait Anxiety Inventory, SSRI: Selective Serotonin Reuptake Inhibitor. Possible score ranges: DSI-AIR
(1-7), EEfRT (0-1), SHAPS (0-14), QLES (0-100), PHQ-9 (0-24), STAI-Y1 (20-80), STAI-Y2 (20-80), Feeling of Treatment (−2 to +2).
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training and 2.0 point increase (95% CI 1.7–2.3, p < 0.001) at
follow-up (fully adjusted models, Table 2), indicating that partici-
pants in the active branch continued to categorise more faces as
‘happy’ 2 weeks later.

There was some evidence for an interaction with baseline men-
tal health (see Table 3 and online Supplementary Fig. S5), with
EBT being less effective in individuals with depressive symptoms
(b = −0.6, 95% CI −1.1 to −0.0, p = 0.033) and higher baseline
trait anxiety (b =−0.7, 95% CI −1.3 to −0.2, p = 0.006).
However, stratified analyses indicated that participants in the
higher stratum on these measures still substantially increased

their post-training balance point following EBT (with depressive
symptoms: 2.3 points, 95% CI 2.0 to 2.7, p < 0.001; with high
trait anxiety: 2.2 points, 95% CI 1.8 to 2.6, p < 0.001).

In study 2, the medicated sample, there was also strong evidence
of EBT leading to an increase in balance point, both immediately
post-training and at follow-up (Table 4). There was no clear evi-
dence for an interaction between training condition and either
baseline depression or trait anxiety on post-training balance
point (depression: b = 0.2, 95% CI −0.7 to 1.0, p = 0.700; trait anx-
iety: b =−0.1, 95% CI −1.0 to 0.7, p = 0.779), suggesting that symp-
tom severity had little impact on the effectiveness of training.

Fig. 1. Effects of EBT across both study 1 (healthy participants) and study 2 (participants on medication). (a) Mean emotional balance point at each study session,
per EBT condition. Error bars display standard error of the mean. Means are from the baseline (pre-training) block of that EBT session. Sessions 1–4 were com-
pleted within a 10-day period. Session 5 was completed approximately 2 weeks after Session 4. (b) Effect estimates of EBT condition on study outcomes.
Standardized beta coefficients for the effect of condition on study outcomes immediately post-training (end of Session 4). Models were adjusted for age, sex,
and baseline measure of the respective outcome. For ease of interpretation, the effect estimates for anhedonia, daily stress, depression, and state anxiety
have been inverted (i.e. positive Betas now indicate improvement across all measures).
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Transfer effects in healthy participants (study 1)

In healthy participants, there was no clear evidence that active
EBT had an effect on the primary outcome of daily stress
(DSI-AIR; Table 2), nor secondary outcomes of effort for reward
(EEfRT) and quality of life (QLES). However, all effect estimates
were in the direction of improvement (see Fig. 1, Panel B for a
plot of effect estimates across both studies).

There was little evidence for interactions between EBT condi-
tion and baseline mental health (level of trait anxiety and presence
of depressive symptoms) on study outcomes (Table 3). There was
some evidence for an interaction between depressive symptoms
and EBT condition on post-training quality of life (QLES).
Stratified analyses indicated that individuals with depressive
symptoms reported increased quality of life following active
EBT (b = 2.36, 95% CI −0.11 to 4.83, p = 0.061). This pattern
did not remain at follow-up (see online Supplementary Table S1).

Transfer effects in participants on medication (study 2)

Amongst individuals taking SSRIs, there was no clear evidence
that active EBT had an effect on the quality of life immediately
post-training (QLES; study 2 primary outcome). There was also
no clear evidence for an effect at follow-up (unadjusted model:
b = 2.59, 95% CI −0.36 to 5.54, p = 0.085; Table 4).

There was also no clear evidence for transfer effects of EBT
when examining the secondary outcome measures, either imme-
diately post-training or at follow-up (Table 4), and no evidence
for interactions between EBT condition and baseline mental
health (online Supplementary Tables S2 and S3). However, parti-
cipants who received active EBT reported a greater feeling of treat-
ment (i.e. that their current treatment was working for them;
Table 4). This effect remained at follow-up.

Interaction with Age

Exploratory inspection of the study 2 dataset suggested a potential
interaction between the age of participants and condition, leading
to unplanned posthoc analyses of age effects. We performed a
median split by age (older >35 years) and ran linear regressions

for all outcomes (adjusted for sex and baseline score of the out-
come) in both age strata. There was evidence for condition and
age interactions on post-training quality of life (QLES) and
state-anxiety (STAI-Y1), and weaker evidence for interaction on
post-training depressive symptoms (PHQ-9; see online
Supplementary Table S4). Stratified analyses indicated that active
EBT was associated with improvements on these measures
in younger participants (quality of life: b = 4.54, 95% CI 0.91–
8.17, p = 0.015; state anxiety: b =−5.13, 95% CI −8.07 to −2.20,
p = 0.001, and depressive symptoms: b =−1.17, 95% CI −2.24 to
−0.09, p = 0.034), but not older participants (all p > 0.10; online
Supplementary Table S4). The effect of active EBT on quality of
life and state anxiety persisted for younger participants at
follow-up (quality of life: b = 6.17, 95% CI 2.10–10.24, p = 0.003;
state anxiety: b =−4.19, 95% CI −8.03 to −0.35, p = 0.033).
There was no clear evidence of age interactions for the remaining
mental health outcomes; however, effect estimates were consist-
ently larger for younger participants (and in the direction of
improvement). For completeness, these analyses were repeated
for the study 1 sample (older >32 years). No evidence of age
effects was identified (online Supplementary Table S5).

Discussion

Here we report two studies that investigated the effectiveness of
EBT when remotely delivered as a digital therapeutic, in both
healthy participants and individuals taking SSRIs for anxiety or
depression. In both, EBT produced positive changes in facial emo-
tion perception, with effects comparable to those found in
laboratory-based studies (Penton-Voak et al., 2012, 2020).
Previous experimental work has found that these changes can
transfer to novel faces (Dalili, Schofield-Toloza, Munafò, &
Penton-Voak, 2017), suggesting that a short course of EBT has
the potential to influence participants’ wider social encounters.
In study 1, there was some evidence these changes were larger
in individuals with no self-reported depressive symptoms and
lower levels of trait anxiety. This is perhaps unsurprising, given
that depression has been found to be associated with cognitive
impairment in attention and memory (Rock, Roiser, Riedel, &
Blackwell, 2014). However, importantly, positive changes (which

Table 2. Study 1 effects of training condition on mood and cognitive outcomes

Outcome

Model 1 Model 2

b 95% CI p b 95% CI p

Post-training (Session 4)

Emotional bias (Balance point) 2.6 2.3–2.9 <0.001 2.6 2.3–2.9 <0.001

Daily stress (DSI-AIR) −0.04 −0.15 to 0.08 0.518 −0.04 −0.15 to 0.07 0.500

Effort for reward (EEfRT) 0.01 −0.03 to 0.05 0.705 0.01 −0.03 to 0.05 0.678

Quality of life (QLES) 0.58 −1.09 to 2.25 0.494 0.58 −1.05 to 2.20 0.486

Follow-up (Session 5)

Emotional bias (Balance point) 2.0 1.7–2.3 <0.001 2.0 1.7–2.3 <0.001

Daily stress (DSI-AIR) −0.04 −0.17 to 0.09 0.555 −0.04 −0.17 to 0.08 0.524

Effort for reward (EEfRT) 0.03 −0.02 to 0.07 0.225 0.03 −0.02 to 0.07 0.219

Quality of life (QLES) −1.32 −3.14 to 0.49 0.152 −1.33 −3.10 to 0.44 0.140

Note. Model 1: Adjusted for baseline (session 1) measure of the respective outcome and basic demographics (age and sex). Model 2: Additionally adjusted for baseline mental health: state
anxiety (STAI-Y1) and depressive symptoms (PHQ-9).
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remained at 2-week follow-up) were identified across all samples,
including individuals in study 2 who self-reported moderate to
severe levels of depression. This result is encouraging for the
use of digital therapeutics in emotional disorders more generally,
demonstrating individuals with relatively high levels of symptoms
can successfully adhere to and benefit from a multi-session online
intervention. However, despite these positive changes in emo-
tional bias, we found little evidence for transfer effects to mental
health and functional outcomes, which suggests that EBT cannot
currently be considered therapeutic.

In healthy participants (study 1), we did not find any effect of
training on the primary outcome of self-reported daily stress, nor
on the secondary outcomes of anhedonia (effort expenditure for
reward) or quality of life. Previously, a laboratory-based study
of EBT in healthy participants identified weak effects of EBT on
the same measures of daily stress and anhedonia (Peters et al.,
2017). The present study provides little evidence that changes in
emotion perception are sufficient to produce significant changes
in wellbeing for healthy individuals. As study 1 tested EBT in a
healthy sample, it may be expected that participants would be
unlikely to see substantial improvement in their existing levels
of functioning. Stratified analyses provided some evidence for
this, as effect estimates for changes in daily stress and quality of
life were larger for participants with poorer mental health at base-
line. In particular, there was some evidence that active EBT was
associated with a greater quality of life when only examining indi-
viduals who reported depressive symptoms at baseline, despite
these individuals showing a smaller training effect in terms of
the emotional balance point. Tentatively, this may suggest that
alterations in emotional processing have a greater impact in indi-
viduals with higher levels of symptoms. However, this pattern was
not found at a 2-week follow-up.

In study 2, participants, who were taking SSRIs, reported mod-
erate levels of depression at baseline (mean PHQ-9 score of 12).
Previous research has suggested SSRIs may have a therapeutic
effect by altering biased emotional processing (Warren et al.,
2015). We sought to investigate whether the additional adminis-
tration of EBT could provide further benefit. Our results provide
little evidence for this, with positive changes in emotion percep-
tion not appearing to transfer to symptoms. However, once
again, effect estimates were consistently in the direction of
improvement.

Post-hoc analyses of study 2 indicated that active EBT had
stronger therapeutic effects in younger participants (<35 years),
finding positive changes in state anxiety, depressive symptoms
and quality of life. This apparent interaction with participant
age cannot be explained by the effectiveness of the training in
terms of changes in emotion perception, which appeared equally
effective for younger and older participants. Previous studies of
EBT in younger participant groups, such as dysphoric undergrad-
uates and adolescents with social anxiety (Penton-Voak et al.,
2012; Rawdon et al., 2018), have also reported modest changes
in symptoms. Tentatively, the present finding suggests that the
benefits of EBT may be greater for young people. This could be
due to age-related differences in emotional face processing, as
previous studies have shown that neural activation of the amyg-
dala (a brain area known to be affected by successful EBT;
Penton-Voak et al., 2020) plays a larger role in emotional face
processing in younger, rather than older, adults (Fischer,
Nyberg, & Bäckman, 2010). Alternatively, these age effects may
be due to symptom duration, with older participants potentially
have experienced longer periods of poor mental health. TheseTa
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unplanned analyses require further investigation and should be
treated as hypothesis-generating. If this pattern is confirmed, it
may have important theoretical implications, indicating that dis-
ruptions in emotional processing are more central to the develop-
ment of mental health symptoms in young people.

One potential explanation for the small effects found across
these studies is that our measure of emotion processing (i.e. emo-
tional balance point) may suffer frompoor validity. Baseline correl-
ation analyses suggested that emotional balance point was
associated with several measures of mental health in both studies.
However, these correlationsweremodest, and the average emotional
balance point was similar in both study populations – despite one
population consisting of healthy participants and one consisting
of participants receiving treatment for low mood. While such com-
parisons require formal testing in a future case−control study, this
data points towards our measure of emotion processing not being
strongly tied to participants’ mood, limiting the capacity that EBT
has to produce large transfer effects. Further research is required
to determine whether these modest associations (and subsequent
transfer effects) are due to using a measure with poor validity, or
whether the causal association between emotional processing biases
and mental health is overstated.

Study 2 has important limitations. Firstly, we lacked control
over SSRI duration or type. We adopted a pragmatic recruitment
strategy in order to test EBT in a larger sample of participants.
This relied on participants self-reporting their SSRI medication
and treatment duration. Participants reported a range of SSRI
types and significant variation in the length of their use (mean
50 months). The extent of SSRI-associated neurogenesis at these
durations is unknown and previous studies suggest SSRIs can
alter emotion perception after only a few doses (Godlewska
et al., 2016). Therefore, participants may have already maximally

benefitted from such changes earlier in their medication course.
Secondly, as study 2 was insufficiently powered, the findings should
be regarded as preliminary. Future research should investigate EBT
as an adjunct therapy in participants who are beginning SSRI treat-
ment, potentially controlling for SSRI type (the effects of which are
currently understudied). Administering EBT at this early stage may
allow for quicker, or more pronounced, changes in emotional per-
ception and hasten any resulting clinical benefit. Longer time per-
iods should also be explored, as previous research suggests that
benefits following changes in emotional bias may appear several
weeks later (Harmer et al., 2009). Our investigation demonstrates
that patients with emotional disorders can readily incorporate a
remote digital therapeutic into their treatment routine.

Despite minimal changes in symptoms, participants receiving
active EBT reported that they felt more positively about their cur-
rent treatment for low mood than participants receiving sham
EBT. This effect remained at follow-up. As this was not a primary
outcome of the investigation, we did not collect sufficient qualita-
tive data to determine the nature of this change. It is unclear
whether this is the result of an EBT-induced positivity bias, or
a by-product of engaging with a mildly challenging cognitive
task. This warrants further study, as beliefs surrounding treatment
can influence adherence to antidepressant medication (e.g. Brown
et al., 2005). A brief digital intervention may promote more posi-
tive health behaviours by improving engagement with treatment.

Taken together, these studies demonstrate the feasibility of
delivering a multi-session digital intervention to promote positive
changes in emotion perception in healthy and medicated samples.
However, evidence of transfer effects was weak and inconsistent,
suggesting EBT does not currently serve as a therapeutic and
requires development before being deployed as a treatment for
emotional disorders.

Table 4. Study 2 effects of training condition on mood and cognitive outcomes

Outcome

Model 1 Model 2

b 95% CI p b 95% CI p

Post-training (Session 4)

Emotional bias (Balance point) 2.3 1.9–2.7 <0.001 2.3 1.9–2.7 <0.001

Quality of life (QLES) 1.61 −1.03 to 4.25 0.231 1.47 −1.18 to 4.13 0.276

Daily stress (DSI-AIR) −0.05 −0.25 to 0.15 0.614 −0.06 −0.26 to 0.14 0.578

State anxiety (STAI-Y1) −1.36 −3.45 to 0.73 0.201 −1.46 −3.57 to 0.64 0.172

Anhedonia (SHAPS) −0.36 −1.09 to 0.37 0.330 −0.41 −1.14 to 0.32 0.268

Depressive symptoms (PHQ-9) −0.31 −1.16 to 0.54 0.472 −0.32 −1.17 to 0.54 0.463

Feeling of treatment 0.36 0.12–0.59 0.003 0.35 0.11–0.59 0.004

Follow-up (Session 5)

Emotional bias (Balance point) 1.8 1.4–2.2 <0.001 1.8 1.4–2.2 <0.001

Quality of life (QLES) 2.59 −0.36 to 5.54 0.085 2.29 −0.64 to 5.23 0.125

Daily stress (DSI-AIR) −0.10 −0.32 to 0.12 0.364 −0.10 −0.32 to 0.12 0.369

State anxiety (STAI-Y1) −1.18 −3.59 to 1.24 0.339 −1.22 −3.66 to 1.22 0.326

Anhedonia (SHAPS) −0.39 −1.21 to 0.43 0.347 −0.43 −1.25 to 0.40 0.308

Depressive symptoms (PHQ-9) −0.30 −1.31 to 0.72 0.563 −0.26 −1.27 to 0.76 0.622

Feeling of treatment 0.26 0.04–0.48 0.021 0.27 0.05–0.48 0.018

Note. Model 1: Adjusted for baseline (session 1) measure of the respective outcome and basic demographics (age and sex). Model 2: Additionally adjusted for length of SSRI use and
additional therapy use.
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be found at https://doi.org/10.1017/S0033291721002014.

Data availability. The datasets underlying the results reported here, and
accompanying R analysis scripts, are available on the University of Bristol data
repository, data.bris, at https://doi.org/10.5523/bris.lowf35tsgxav2rnb1jpvjvkm3
and https://doi.org/10.5523/bris.1jk6puznegx4121cjt72j1mln9.

Financial support. This research was supported by an Innovate UK
Knowledge Transfer Partnership grant (KTP010453) that enabled the knowl-
edge transfer between the University of Bristol and Cambridge Cognition Ltd.,
and by the NIHR Biomedical Research Centre at University Hospitals Bristol
NHS Foundation Trust and the University of Bristol (BRC-1215-20011). The
views expressed in this publication are those of the author(s) and not necessar-
ily those of the NHS, the National Institute for Health Research or the
Department of Health and Social Care. It was also supported by the
Economic and Social Research Council and the Medical Research Council
Integrative Epidemiology Unit (MRC IEU) at the University of Bristol
(MM_UU_00011/7).

Conflicts of interest. I. S. P.-V. and M.R.M. are directors of Jericoe Ltd.,
which develops software for assessing and modifying emotion perception.
Cambridge Cognition Ltd. is a neuroscience digital health company that devel-
ops products and technologies to enhance research of the brain and measure
cognitive health and wellbeing in patients worldwide. K.G., J.H.B. are employ-
ees of Cambridge Cognition Ltd. C.Y.L. was funded by a Knowledge Transfer
Partnership and was jointly appointed by the University of Bristol and
Cambridge Cognition Ltd. O.J.R. has completed consultancy work for Ieso
Digital Health and Brainbow and is running an Investigator-Initiated Trial
with Lundbeck. He holds an MRC Industrial Collaboration Award with
Cambridge Cognition. He is a member of the committee of the British
Association of Psychopharmacology. J.L. is now an employee of Prolific but
had no affiliation at the time of study design and data collection.

Ethical standards. The authors assert that all procedures contributing to
this work comply with the ethical standards of the relevant national and insti-
tutional committees on human experimentation and with the Helsinki
Declaration of 1975, as revised in 2008.

References

Beevers, C. G., Wells, T. T., Ellis, A. J., & Fischer, K. (2009). Identification of
emotionally ambiguous interpersonal stimuli among dysphoric and nondy-
sphoric individuals. Cognitive Therapy and Research, 33(3), 283–290.
doi:10.1007/s10608-008-9198-6

Bourke, C., Douglas, K., & Porter, R. (2010). Processing of facial emotion
expression in major depression: A review. Australian & New Zealand
Journal of Psychiatry, 44(8), 681–696. doi:10.3109/00048674.2010.496359

Brantley, P. J., Waggoner, C. D., Jones, G. N., & Rappaport, N. B. (1987). A
daily stress inventory: Development, reliability, and validity. Journal of
Behavioral Medicine, 10(1), 61–73. doi:10.1007/BF00845128

Brown, C., Battista, D. R., Bruehlman, R., Sereika, S. S., Thase, M. E., &
Dunbar-Jacob, J. (2005). Beliefs about antidepressant medications in pri-
mary care patients: Relationship to self-reported adherence. Medical Care,
43, 1203–1207. doi:10.2307/3768206.

Dalili, M. N., Schofield-Toloza, L., Munafò, M. R., & Penton-Voak, I. S. (2017).
Emotion recognition training using composite faces generalises across iden-
tities but not all emotions. Cognition and Emotion, 31(5), 858–867.
doi:10.1080/02699931.2016.1169999

Disner, S. G., Beevers, C. G., Haigh, E. A. P., & Beck, A. T. (2011). Neural
mechanisms of the cognitive model of depression. Nature Reviews
Neuroscience, 12(8), 467–477. doi:10.1038/nrn3027

Endicott, J., Nee, J., Harrison, W., & Blumenthal, R. (1993). Quality of life
enjoyment and satisfaction questionnaire: A new measure.
Psychopharmacology Bulletin, 29(2), 321–326.

Faul, F., Erdfelder, E., Buchner, A., & Lang, A.-G. (2009). Statistical power ana-
lyses using G*Power 3.1: Tests for correlation and regression analyses.
Behavior Research Methods, 41, 1149–1160.

Fischer, H., Nyberg, L., & Bäckman, L. (2010). Age-related differences in brain
regions supporting successful encoding of emotional faces. Cortex, 46(4),
490–497. doi:10.1016/j.cortex.2009.05.011

Godlewska, B. R., Browning, M., Norbury, R., Cowen, P. J., & Harmer, C. J.
(2016). Early changes in emotional processing as a marker of clinical
response to SSRI treatment in depression. Translational Psychiatry, 6(11),
e957. doi:10.1038/tp.2016.130

Godlewska, B. R., Norbury, R., Selvaraj, S., Cowen, P. J., & Harmer, C. J.
(2012). Short-term SSRI treatment normalises amygdala hyperactivity in
depressed patients. Psychological Medicine, 42(12), 2609–2617.
doi:10.1017/S0033291712000591

Hallion, L. S., & Ruscio, A. M. (2011). A meta-analysis of the effect of cognitive
bias modification on anxiety and depression. Psychological Bulletin, 137(6),
940–958. doi:10.1037/a0024355

Harmer, C. J., Goodwin, G. M., & Cowen, P. J. (2009). Why do antidepressants
take so long to work? A cognitive neuropsychological model of antidepres-
sant drug action. The British Journal of Psychiatry: The Journal of Mental
Science, 195(2), 102–108. doi:10.1192/bjp.bp.108.051193

Hayes, S., & Hirsch, C. R. (2007). Information processing biases in generalized
anxiety disorder. Psychiatry, 6(5), 176–182. doi:10.1016/j.mppsy.2007.02.003.

Hollis, C., Morriss, R., Martin, J., Amani, S., Cotton, R., Denis, M., & Lewis, S.
(2015). Technological innovations in mental healthcare: Harnessing the
digital revolution. British Journal of Psychiatry, 206(4), 263–265.
doi:10.1192/bjp.bp.113.142612.

Kroenke, K., Spitzer, R. L., & Williams, J. B. (2001). The PHQ-9: Validity of a
brief depression severity measure. Journal of General Internal Medicine, 16
(9), 606–613. doi:10.1046/J.1525-1497.2001.016009606.X

Menne-Lothmann, C., Viechtbauer, W., Höhn, P., Kasanova, Z., Haller, S. P.,
Drukker, M., … Lau, J. Y. F. (2014). How to boost positive interpretations?
A meta-analysis of the effectiveness of cognitive bias modification for inter-
pretation. PLoS ONE, 9(6), e100925. doi: 10.1371/journal.pone.0100925.

Nahum, M., Van Vleet, T. M., Sohal, V. S., Mirzabekov, J. J., Rao, V. R.,
Wallace, D. L., … Chang, E. F. (2017). Immediate mood scaler: Tracking
symptoms of depression and anxiety using a novel mobile mood scale.
JMIR MHealth and UHealth, 5(4), e44. doi:10.2196/mhealth.6544

Penton-Voak, I. S., Adams, S., Button, K. S., Fluharty, M., Dalili, M., Browning,
M., … Munafò, M. R. (2020). Emotional recognition training modifies
neural response to emotional faces but does not improve mood in healthy
volunteers with high levels of depressive symptoms. Psychological Medicine,
Feb 17, 1–9. doi:10.1017/S0033291719004124.

Penton-Voak, I. S., Bate, H., Lewis, G., & Munafò, M. R. (2012). Effects of
emotion perception training on mood in undergraduate students:
Randomised controlled trial. The British Journal of Psychiatry : The
Journal of Mental Science, 201(1), 71–72. doi:10.1192/bjp.bp.111.107086

Penton-Voak, I. S., Munafò, M. R., & Looi, C. Y. (2017). Biased facial-emotion
perception in mental health disorders: A possible target for psychological
intervention? Current Directions in Psychological Science, 26(3), 294–301.
doi:10.1177/0963721417704405

Penton-Voak, I. S., Thomas, J., Gage, S. H., McMurran, M., McDonald, S., &
Munafò, M. R. (2013). Increasing recognition of happiness in ambiguous
facial expressions reduces anger and aggressive behavior. Psychological
Science, 24(5), 688–697. doi:10.1177/0956797612459657

Peters, S. E., Lumsden, J., Peh, O. H., Penton-Voak, I. S., Munafò, M. R., &
Robinson, O. J. (2017). Cognitive bias modification for facial interpretation:
A randomized controlled trial of transfer to self-report and cognitive mea-
sures in a healthy sample. Royal Society Open Science, 4(12), 170681. doi:
10.1098/rsos.170681.

Pringle, A., Browning, M., Cowen, P. J., & Harmer, C. J. (2011). A cognitive
neuropsychological model of antidepressant drug action. Progress in
Neuro-Psychopharmacology and Biological Psychiatry, 35(7), 1586–1592.
doi:10.1016/j.pnpbp.2010.07.022

Rawdon, C., Murphy, D., Motyer, G., Munafò, M. R., Penton-Voak, I., &
Fitzgerald, A. (2018). An investigation of emotion recognition training to
reduce symptoms of social anxiety in adolescence. Psychiatry Research,
263, 257–267. doi:10.1016/j.psychres.2018.02.023

Rock, P. L., Roiser, J. P., Riedel, W. J., & Blackwell, A. D. (2014). Cognitive
impairment in depression: A systematic review and meta-analysis.
Psychological Medicine, 44(10), 2029–2040. doi:10.1017/S0033291713002535

Psychological Medicine 9

https://www.cambridge.org/core/terms. https://doi.org/10.1017/S0033291721002014
Downloaded from https://www.cambridge.org/core. IP address: 86.31.137.61, on 08 Jun 2021 at 09:05:24, subject to the Cambridge Core terms of use, available at

https://doi.org/10.1017/S0033291721002014
https://doi.org/10.1017/S0033291721002014
https://www.cambridge.org/core/terms
https://doi.org/10.1017/S0033291721002014
https://www.cambridge.org/core


RStudio Team. (2015). RStudio: Integrated Development for R. RStudio, Inc.
Retrieved from http://www.rstudio.com/.

Rush, A. J. (2007). Limitations in efficacy of antidepressant monotherapy.
Journal of Clinical Psychiatry, 68 (Suppl 10), 8–10.

Snaith, R. P., Hamilton, M., Morley, S., Humayan, A., Hargreaves, D., &
Trigwell, P. (1995). A scale for the assessment of hedonic tone. The
Snaith-Hamilton pleasure scale. British Journal of Psychiatry, 167(JULY),
99–103. doi:10.1192/bjp.167.1.99

Spielberger, C. D., Gorsuch, R. L., Lushene, R., Vagg, P. R., & Jacobs, G. A. (1983).
Manual for the state-trait anxiety inventory. Palo Alto, CA: Consulting
Psychologists Press.

Spitzer, R. L., Kroenke, K., & Williams, J. B. (1999). Validation and utility of
a self-report version of PRIME-MD: The PHQ primary care study.

Primary care evaluation of mental disorders. Patient health question-
naire. JAMA, 282(18), 1737–1744. http://www.ncbi.nlm.nih.gov/pubmed/
10568646.

Treadway, M. T., Buckholtz, J. W., Schwartzman, A. N., Lambert, W. E., &
Zald, D. H. (2009). Worth the “EEfRT”? The effort expenditure for rewards
task as an objective measure of motivation and anhedonia. PLoS ONE, 4(8),
e6598. doi: 10.1371/journal.pone.0006598.

Warren, M. B., Pringle, A., & Harmer, C. J. (2015). A neurocognitive model for
understanding treatment action in depression. Philosophical Transactions of
the Royal Society of London. Series B, Biological Sciences, 370(1677),
20140213. doi: 10.1098/rstb.2014.0213.

World Health Organization. (2017). Depression and Other Common Mental
Disorders Global Health Estimates.

10 Steph Suddell et al.

https://www.cambridge.org/core/terms. https://doi.org/10.1017/S0033291721002014
Downloaded from https://www.cambridge.org/core. IP address: 86.31.137.61, on 08 Jun 2021 at 09:05:24, subject to the Cambridge Core terms of use, available at

http://www.rstudio.com/
http://www.rstudio.com/
http://www.ncbi.nlm.nih.gov/pubmed/10568646
http://www.ncbi.nlm.nih.gov/pubmed/10568646
http://www.ncbi.nlm.nih.gov/pubmed/10568646
https://www.cambridge.org/core/terms
https://doi.org/10.1017/S0033291721002014
https://www.cambridge.org/core

	Emotional bias training as a treatment for anxiety and depression: evidence from experimental medicine studies in healthy and medicated samples
	Method
	Overview
	Emotional bias training
	Participants
	Design
	Study 1 measures
	Study 2 measures
	Sample size determination
	Statistical analyses

	Results
	Participant characteristics
	Correlations with baseline balance point
	Effectiveness of EBT on cognitive target
	Transfer effects in healthy participants (study 1)
	Transfer effects in participants on medication (study 2)
	Interaction with Age

	Discussion
	References


