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1. Introduction

In recent years, queueing models, which are frequently used to estimate a
system’s performance and to optimize server management policies or customer profit
strategies, have been developed and applied in a wide variety of settings. Urban
police operations is one of the now classic application areas.

The police patrol and dispatch system can be described and modeled as a multi-
server queueing system in which calls for service (CFS’s) and patrol-initiated
activities (PIA’s) arrive randomly over time and space and require various amounts
of service time. A CFS is initiated by a citizen telephoning the police, reporting the
need for on-scene police service. A PIA is a discretionary activity undertaken by the
mobile police patrol officer as a result of something he or she sees from the patrol car
(e.g., traffic violation, building check, car check, pedestrian check, resident check,
car chase). The first analytic model to incorporate the spatial queueing aspects of
police patrol and dispatch was Larson’s hypercube queueing model; he described
both an exact model incorporating a 2N state continuous time Markov process
(assuming N police cars in the system) (1974) and an “approximate model” that
reduces the number of equations to solve from 2N to N (1975). In 1978, building on
word described by Larson in Chapter 5 of his book Urban Police Patrol Analysis,
Chaiken and Dormont designed the Patrol Car Allocation Model (PCAM). The
original versions of both models have two major limitations. First, they assume that
only a single unit is dispatched to each call, and second, they allow only two activity
states for each patrol unit : busy on a CFS, or free on patrol. In applications, these
assumptions are not always realistic. For instance, Larson and McKnew reported
that up to fifty percent of the busy time of a police patrol unit may be on PIA’s (1982).
Green and Kolesar (1984), in New York City, reported that thirty percent of
dispatches were multiple unit dispatches (i.e., dispatches in which more than one
police patrol vehicle was assigned to respond to the scene of the CFS.)

To extend the hypercube models’ applicability, Chelst and Barlach (1981)
presented two models, one exact and the other approximate, that capture the
simultaneous response of one or two identical units dispatched to a single call.
Furthermore, to incorporate patrol-initiated activities that consume a sizable
fraction of a patrol unit’s time, Larson and McKnew (1982) developed a hypercube
type queueing model of a police patrol force that allows PIA’s. With regard to



PCAM, Green (1984) presented a multi-server, multi-priority queueing model in
which the number of servers assigned to each customer is a random variable that
depends on the customer’s “type” and the availability of servers. Recently, Schaack
and Larson (1986 and 1988) considered the differences between high- and low-
priority demands for service and developed cutoff priority queues to optimize server
management, including the complexity of multiple unit assignments.

Basically, the Chelst and Barlach and the Larson and McKnew methods are built
on Larson’s hypercube model (1974 and 1975), both exact and approximate forms. In
this paper, we present two models, one exact and the other approximate, to allow
multiple-unit dispatches and police patrol-initiated activities within a system
queueing model, thereby merging into one model the earlier generalization of Chelst
/ Barlach and Larson / McKnew. This is the first generalization of the hypercube
model that incorporates both of these complexities, which are important in
implementation environments in such cities as St. Louis, New York City, and
Peoria, Illinois.

On the basis of these two models, we then create two computer programs that can
be run on any 16-bit microcomputer such as the IBM PC/AT (since most city-
supported computer facilities do not have mainframe systems). The approximate
version is more feasible to use since the state space of the exact model expands to
become computationally infeasible for even medium-sized emergency service
problems. Our purpose is to develop more accurate, management-oriented tools to
improve patrol dispatch policies. The outcomes of our tests on these two models
using simulations and statistics support our work.

Section 2 introduces the models and their assumptions. In Sections 3 and 4, we
describe the required notation and discuss the mathematical structure of the exact
model and the approximate model. We then implement the models’ formulae in two
computer programs that are written in FORTRAN and can be run on a 16-bit
microcomputer. (The Appendix describes the organization and computational
results of these implementation tools). Section 5 lists some statistical results of the
approximate model. Finally, in Section 6, we offer some remarks on implementing
the results, and briefly discuss the possible applications of the models.



2. An introduction to the models and their assumptions

In order to develop a spatially-oriented, N-patrol-unit system, we consider a
continuous-time, discrete-state Markov model that is a generalization of the
hypercube model (Larson 1974). In addition to yielding values for all the
performance measures of the hypercube model, our version allows multiple-unit
dispatches and police-patrol initiated activities. We assume the reader is familiar
with Larson (1974, 1975), Chelst and Barlach (1981), and Larson and McKnew
(1982).

Suppose we have J geographical atoms and N servers. CFS ( calls for service )
from each atom j, and PIA ( patrol-initiated activities ) opportunities for each server
n, arrive according to independent Poisson processes. For simplicity, we distinguish
between two types of CFS’s: type I calls summon only a single unit to service, while
type Il calls require two units. For any given atom j, type I and type II CFS’s
arrive independently at the rate A,V (j) and A,® (j), respectively. Similarly, A,(n) is
the arrival rate of PIA opportunities for server n.

We assume that the (on scene) service times for both the CFS’s and the PIA’s are
independently and exponentially distributed for each server n. The same condition
is also true for the two units dispatched under type II CFS’s. In other words, when
service begins, the “completion time” for CFS’s (type I or type 1I) and PIA’s for each
server, say server n, has a distribution that is exponential, with mean ;,1l(n)'l and
ny(n)~!, respectively. If p,(n)~!equals p,(n)~! for each server n, two units servicing a
type II CFS can be treated as equivalent to two units servicing two separate type I
CFS’s. In such a case, we can reduce the number of states and simplify the model. In
order to save computer storage space and simplify the computation, we make some
assumptions about the service times. Considering the case in which the variation in
service times between a CFS and a PIA is more than that between servers, we have
the following assumption for the approximate model : p,(n) = p, and p,(n) = p,, for
all servers n.

Upon completion of service, the server immediately returns to one of its possible
locations, which depends on the probability that the server is located in one of
several possible atoms. Let Ij be the probability that server n, when available, is
located in atom j. Associated with each atom k is a list that ranks servers in order of
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their dispatch preference. The ranking is determined by the relative average travel
time, thk, from the possible locations of each server n to atom k, the atom under
consideration. The server that has the smallest t,x occupies first place, followed by
the server with the next smallest t,i, and so forth. The determination of t,x depends
on

e lnj - the probability that server n islocated in atom j, for all j,
e dix - thedistance between atomsjandk, and
e v - theeffective average respond speed of each server.

Clearly each atom has a fixed list of servers, independent of the state of the system.
This dispatch policy, labeled EMCM (expected modified center-of-mass) by Larson
has been shown (Larson 1972) to be a more appropiate dispatch policy compared to
the methods SCM (strict center-of-mass), MCM (modified center-of-mass) and ESCM
(expected strict center-of-mass).

We consider a finite state system. When a type I CFS arrives at an atom, the
highest ranked available server is dispatched. In the case where all N servers are
busy, the CFS will be lost. For type II CFS’s, the two highest-ranked available
servers are dispatched. If only one server is available, we will treat this CFS as a
type 1 CFS and dispatch the available server. In all other cases, this CFS will be
lost. PIA opportunities not observed by a free (patrolling) server are also lost. There
is no preemption.

In practice, no service system will ever satisfy the mathematical model’s
assumptions exactly. We can check compatability of the model with real system by
means of test results and simulations.



3. The exact model

Before we describe the formulation of the exact model, we need to introduce some
new notation. We define

S(i,n) = status of server n when the systemisinstatei; i = 0,1, -, 4-1;
n=1,2,-,N;
=0 [free]
=1 [busyontype I CFS’s]
= 2 [busyon type Il CFS’s]
=3 [busyonPIA’s].

Thus we have the following 1-1 mapping from 4" system states {i;i= 0, 1, 2, -,
4N_1 }into the status of servers {(S(i,n);n=1,2,-,N),i=0,1,2,,4¥-1}:

i= 8, N)-4N¥-14 -4 S, m)-4™1+ -+ S3, 2)-4'+ S(, 1)-4°,
By the assumptions stated in Section 2, we see that when the system is in state i,
and a CFS arrives from atom j, one or two servers n(i, j) that satisfy S(i, n(i, j))=0

should be dispatched to the CFS. Otherwise, the call will be lost.

Let n !

1]

identification number of the server to be assigned to the CFS,
given a type I CFS from atom j when the system is in state i;
i=01,2,-,481;j=1,2,-,4J.

ni'jz(l),ni’jz(Z)E identification numbers of two servers to be assigned to the
CFS, given a type Il CFS from atom j when the system is in
statei; i= 0, 1,2,,4¥-1; j=1,2,,J.

P()

equilibrium probability that the system is in state i;
i=0,1,2,,4N-1,

Obviously, these definitions imply the following conditions.
Sd, ni.,-‘) = S@, n; 52(1)) = 8(3,n; %(2))=0

and
Pl)=0 foralli < 0andi= 4N.



We can now proceed to derive a balance-of-flow formula for the exact model by
equating the output flow from and the input flow into each statei :

1) ,(2)
P(al(hlul B+ D Am o+ > pm) + Y pz(m)]
m: S(i,m)=0 m: S(i,m)=12 m:S(i,m)=3

= > [{P(i+4""l)+P(i+2- 4™ H} p(m)+PG+3- 4™ pz(m)]

m: Sti,m)=0
+ > Pi-4"™h Y AP
m: S(i,m)=1 . 1
i o 4 =m
i-4 o J
+ > P(i—s(m,,m.)) > Se)
m,my: S(t,m1)=S(t,m2)=2 je {"‘1""2}9{ n, -z(ml’mz)’ ju,‘ n, -3(’”1""2)’ j(2)
+ > PG-3 4" Hrm) (1)
m:S(i,m)=3
wheres(m;,;m,) = 24™-1+24m2-1  ifthere exist m ,m, such that
S@i,m,)=8(i,m,)=2.
24m;-1 if only one m, say m, satisfies S(i,m,)=2.
i+1 if for all m, S(i,m)=2.
§ = 1 if at least one server is free.
0 if all servers are busy.
J J N
1\‘1" = zl A(‘l)(f) : )\‘12’ = Zl A‘f’(ﬂ : A, = zl A )
Jj= Jj= n=

Each term on the left-hand side of (1) contains the rate the system leaves state i,
due respectively, to
@ dispatch assignments to CFS’s
@ initiations of PIA’s
completions of service on CFS’s
@® completions of service on PIA’s.



On the right-hand side of (1), each term contains the rate the system enters state i ,

due respectively, to
@ both types of service completions that bring the system into state i

@ the rates for dispatch assignments for type I CFS'’s
® the rates for dispatch assignments for type Il CFS’s
@ the rates of PIA opportunities that take the system into state i

Since the system equations (1) are linearly dependent, we add the condition that

&N
> Pe=1

i=0
to solve for 4N unknown probabilities. Once we obtain the P(i)’s, system performance
measures and additional key statistics are easy to calculate. For instance,

e The workloads of server n on type I and type Il CFS’s and on PIA’s, respectively,
are

oL = % P ; <2a)

i:S(i,;n)=1

iS3in)=2

o4 = > Po . (2c)

i:S3i,n)=3

The total workload for servernis p_=p CFS!4p CFSIl4 g PIA

e Thesaturation probability is

Pop = > PO . (3)

i:S(i,n)=0,Vn



Consider type 1 CFS’s from atom j, the fraction of dispatches that are assigned
toservernis

1
fn.j,l = 1_p Z PG . (4)

Consider type Il CFS’s from atom j, the fraction of dispatches that are assigned
to server m and server nis

1
fmm.i2 = 1-P > P@ . (5)

SAT 2 2
{m,n} -{nl.J.( 1), n‘.J(2)}

Consider type II CFS’s from atom j, the fraction of dispatches that are assigned
to a single server, the serverm, is

1
fmo.j2 = 1-P )3 P@ . (6)

SAT __, 2 2
m={ nw.u), n; J(z) }

The average travel time to atom j is

my nj
-0 . 8

Z [fm.j.1+ z fimm, j,2+f<m,m.j.2]
m=1 n=1

N t .+t . ]

i~

The average travel time of server nis

J
A‘D (2) A2
Z [ (I)f Jl’lJ A wzf(mn)Jan mf(nO)JZru
TU, = {— ' (8)

Z AOgy, | +120) Z Frmmji 2t M im0 5.2




The average travel time to requests in the primary response area of server n is

y N Lt
TRA TS rcspoée arean mz=1 [ fm.j' lth * gl f("‘»l),j'z( 2 )+f('"'0)vj'2 tmj] (9)
n N N .
z Z [f’"’f»1+ Zlf(ml).j,2+f(m.0),j.2]

J € responsearean m=1




4. The approximate model

In many practical applications, the number of servers is greater than 5. This
reduces tremendously the applicability of the exact model. The number of
simultaneous linear equations that must be solved, 4Y, increases exponentially as
the number of servers, N, increases. Calculating the steady-state probabilities thus
requires enormous amount of storage and execution time. To handle this drawback,
we now present an approximate model that requires only the solution of N
simultaneous linear equations (which describe an “aggregate” model) and N
simultaneous nonlinear equations to solve the workload performance measures.

To compute system performance measures in the approximate model, we need
dispatch probabilities rather than fine-grain Markov system state probabilities. We
formulate the aggregate model to estimate “correction” factors in a product form
solution, and use the correction factors to account for the false assumption that the
servers in the approximate model are mutually independent of each other. Our
approximate model is analogous to Larson’s (1975) for the hypercube model, and
differs mainly in both the details of the aggregate model and in the correction factors
required.

To simplify the aggregate model, we assume that all servers are identical. This
implies that mean service times are server independent, i. e., p,(n)=p,, p,(n)=p,
foralln=1,2,...,N.

We assume that there is a fixed preference dispatch list for each atom. To derive
the correction factors, we define the following terms.

Wn = the nth ranked server is working. (i. e., “busy”)
Wp° = the nth ranked server is not working. (i. e., “not busy”)

P(W W,...W We, ) the probability that the (k+1)th server
will be dispatched. (10"
W, We, . ;) = the probability that the Ith and (k+1)th
(1= 1 =k) servers will be dispatched.(11’)
the probability that only the (k+1)th

server will be dispatched. (12’

P(W,W,...W,_ W W

1410

P (W, W, W, WE, +1WrzWy)
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If the servers are independent of each other, we can obtain, by the product of
respective servers’ utilization factors or availability factors, the probabilities (10’),
"(17’) and (12’) that some servers will be dispatched to CFS’s. We then introduce the
factors Q(N, k, 1) and Q(N, k, 2) to “correct” this independence argument. Thus we
have the following expressions.

Consider a type 1 CFS from atom j. We approximate (10’) as follows:
k
PW W,..W WS )=Q®N,k1) |:]l Py 1= Py - (10)

Consider a type II CFS from atom j. We approximate (11’) and (12’), respectively,
as follows:

k
c ¢ =
POV Wy Wy WiW, o W WED=QWE2D) ] o, d-p)A-04,,) (11)
r=1r=l
N
¢ =~
POV Wy W WS Wy W )= QW N=1,1) lﬂk lp(r)(l-p(km) , (12)
r=l,rer+

where p(r)=fraction of time that the rth preferred server is busy on CFS or PIA
opportunities, and
Q(N, k&, 1) and Q(N, k, 2) are correction factors for dispatching one and two
servers, respectively.

Because of the assumption that all servers are identical, the right-hand sides of
Equations 10, 11 and 12 reduce, respectively, to

Q(N, &, 1)pk(1 —-p); Q(N,k,2)pk-1(1-p)2; and Q(N,N—-1,1)pN-1(1-p).
To derive the correction factors, we try to solve the left-hand sides of Equations 10

11 and 12. Following the theory developed by Larson (1975) for sampling servers
without replacement, we condition on all states of the system having exactly m
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servers busy, where m=1, 2, ..., N. Thus the left-hand sides of 10, 11 and 12,
respectively, can be obtained as follows.

N-1
c —_ [
PW W, . W WS )= Z:. PW W, W WS IS PS, )
m=

-2
c — c
PW W, . W,_WW,_ . .WW )= Z:. 1P(Wlwz....Wl_lW§Wl+l....WkWHlISm)P(Sm)
m=Rg—-

g c _
P(W1W2....WhWHlW“_z....WN) = P(Wlwz""whwznwh2“"WN'SN—1)P(SN—1) ,

where S_ is the state corresponding to exactly m servers being busy.

By arguments similar to those of Larson and McKnew (1982), we find the
following correction factors:

N-1 CcM P
¢ N—-m) m
QN,k,1)= k=1,2,..,N-1.
mz=), Civ (N—Fk) rk(l -7

N-2 7 _ e P
QN k,2)= z k-1 N—-m)(N-m-1) m

ni OV N-R+DN-k) -l _ 2

k=1,2,.. ,N-1.
where r is the average utilization factor of servers in the aggregate model, i.e.,
L N
re=2 mP,_ . (13)
m=1

To solve P =P(S,) and derive the above correction factors, we develop an
appropriate aggregate model. Figure 1 is the state-transition-rate diagram for this
model. We say that the queueing system “ is in state n ” in the aggregate model
whenever n servers are busy (n=0, 1, 2, .-, N).
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2)
Al

A[N-1]

n[N]

Figure 1. Transition diagram of the aggregate model.

The following global balance equations (14) can be used to compute the correction
factors Q(N, k, 1) and Q(N, &, 2).

2 -
{A[0]+A P, = pi1l P,
{A1+2P+pl] P, = MO] Py +p2] P,
{An)+AP+pin)  }P, =APP_ +Ma-11P,_, +pln+1lP_ n=23,.,N-2

{MN-1] +uN-11}P, _ =APP, +AIN-21P, +ulNl P,

—1(@
BNl Py =M7Py .+ AIN-11P, |

N
P. = 1
i

» (14

where
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N-n

N Az n=0,1,...,N-2,

Mn] =20 +

1
NS S (1)
AIN-1] —Al + A2+ ‘)‘l

(1 -1
1= Ay l+ Ay 1
M= o, T, s

1 The 71 1 The T2

-1
0y N--1)
uln] 1! L N_* 1 ] 2,3,...N
nj=n - - n= .
N—-(n-1) N—-(n-1) p T
(D, (D 1 3\, @, N=-tn-1) p,
}‘1 +Al+-—-——N A2 A1+A1+ A2

Because the approximate model assumes that all servers are identical, each
available server initiates PIA opportunities at the same rate, A2/ N. In other words,
if i servers are busy (i = N —1), the transition rate from state i to state (i+1) is
A1+ A2 (N —i) / N: the first term corresponds to CFS’s and the second to PIA’s. The
other upward transition rate, due to type II CFS’s, from state i to state (i +2) is A1@.

The downward transition rates from state i to state (i—1) are obtained to
approximate the average service rate of mixed work between CFS’s and PIA’s for
each state. Consider the state i. There are three possible dispatches into this state:
type 1 CFS’s, type II CFS’s and PIA’s. Type 1 CFS’s and PIA’s are dispatched from
state (i —2) into state i, while type II CFS’s are dispatched from state (i — 1) into state
i. We approximate the average fraction of customers in service that correspond to
CFS’s by

fors= AP+ 2121/ MO+ 21D+ (N —i + 1)Ag/N],

Of course, the average fraction of customers in service that are PIA customers is
1—fces- The average service times for CFS’s and PIA’s are 1/p; and 1/pg,
respectively. The average time for any one of the busy servers to complete its service
on a current customer would then be f.(1/p1) + (1 — fp)(1/p2). If we use the inverse
of this average time to approximate the rate of service completions for every busy
server, the downward transition resulting from the completion of service from state i
to state (i—1) is p[n], as given above.
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By solving N simultaneous linear equations (14), we obtain Py,, the equilibrium
probability that exactly i servers are busy. We then compute the correction factors,
based on the equilibrium probabilities. After computing the correction factors, we
can develop an iterative procedure to estimate the server workloads.

Let G * = set of atoms for which unit n is the kth preferred server.
V) = identification number of the kth preferred server for atom j.
R, = rate at which server n becomes busy.

Following the derivation of Larson and McKnew (1982), we have the following
equations:

R =)\, (mPW'}+ > [A‘;’(i)ﬂ‘f’(ﬂ]P{Wfl}
. |
,]EG’l

+ [A‘I”mu‘f’m]P{wv.lw;}+ > A‘f’(})P{W\f’IWZ}
i€ ! j€6? !

n

¢ (2) c ¢ c ¢
v_zwn}+ _5_ A 1 (i)[P{Ww Wv. Wn}+P{Wv' Wv. Wu}
Jj1 2 J1 Jj2

i

+ > [A‘l”(;)u‘f’(,)] PW, W, . W, W'}
jec !

Jj2 JIN-1)

N-1
+ > AP0 > PW, W, WEW, LW we}
N o] i1 k-1 Yik Yjk+n  ViN-p "
J
n
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= { A (m)+ > [A‘l"(,)u‘f’m]
jGGi

+ [A(l”(nﬂk(f)(l)]Q(N,l,l)p + 2 AP0, 1,2)1-p )
G2 i i
e jeG?

+ > [A;1)0)+A(12)0)]Q(N,N—l,l)pv. e

N j1 VjiN-
J n
N-1 N-1
+ 2 2Ppew,N-1,2> ( [] Dv‘)(l—pvlk)} (1-p,)
. k=1 =l,s=k J8 J
JEG::, ] s
=F_(-p,) (15)
B
an plpn-t-)‘z(n)(l—pn)[l——] . (16)
Hy

By equating (15) and (16), we obtain the following expression for workloads pp,.

Fn
p = n=1,2,.,N. (17)

n

L
Fu+p1+A2(n)[ ;— —1]
2

Based on the expressions for workloads shown in (17), we can solve iteratively
each workload pp, n=1, 2, ..., N, by setting all the initial values equal to r, which is

givenin (13).

Now we can calculate the workload, pp, for server n, wheren=1,2, ...,N.
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The iterative processes are convergent if the maximum difference in our
implementation between any successive corresponding py, is less than €, where eis a
small number (for instance, ¢ is set to be 10~ ). Experimental observations show
that the required number of iterations is roughly between 3 and 6.

As the last step in deriving the approximate model, we can calculate some
performance measures based on the correction factors and workloads. For instance,
we can determine that

.o Thesaturation probability is
PsaT=PN (solved by (14)).

o The fraction of type I CFS’s from atom j dispatches that are assigned to servern,
wheren = Vi1 Vigs oo Vi is

1
v.ogl fo in
jrd sumjl "Vjpl

1 :
f, k=2.

L= - f .
jk"'l sumj1 le,r"l

e The fraction of type II CFS’s from atom j dispatches that are assigned to server m

and server n, wherem = Vip D =V, 1=k <p=N,is

1 ’

f 2= I ‘
“'jk"’jp)' 52 sumj2 “'jk'vjp)’ 52

1sk<ps N.

e The fraction of type II CFS’s from atom j dispatches that are assigned only server
m, wherem = Vi1 Vigs eeo Vi is

1 .
f“'ﬂ.'°’-f’2 T sumj2 f(vj,,,m.j.z k=1,2,..,N.

where
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J 1
) k-1
f, ”:Q(N,k—l,l)” p, (—p ) k=2,
’ p-l
[ v )’j,2=Q(N.p—1.2) n p, A=p, )A=~p ) 1sk<ps= N.
J& jp 1=1 J Jjk Jjp
) ‘ N
fov. ,0).j.2=Q(N’N"1’1) ﬂ p, 1=p, ) k=1,2,.,N.
Jk =1 J ik
N
sumjl = z fv . Jj=1,2,..,d.
= v ‘
N N
sumz = 3 [f(v.k,O),j,2+ > foo v, ),j,zl j=12,..J
k=1 J p=k+1 J® jp

The average travel time to atom j is as given in Equation 7.

The average travel time to atom j is as given in Equation 7.

The average travel time of server n is as given in Equation 8.

The average travel time to requests in the primary response area of server n is as
given in Equation 9.
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5. Testing the numerical results of
the exact model and the approximate model

For most real-world cases, we cannot apply the exact model due to the huge
storage requirements and long execution times of such problems. The approximate
model is the more usable and important evaluation tool. In this section, we test the
accuracy and the speed of the approximate model and find that, it works extremely
well.

As a test for accuracy, we first develop several data sets that are representative of
actual police patrol configurations. We then compare the numerical results based on
the exact model or the approximate model with those resulting from simulations
using the same data set, and use the latter figures as the standard for comparison.
We compare two measurements: workload of each unit and the fraction of dispatches
of each atom that are assigned to different server(s). Fig. 1 exhibits the test results
using the exact model versus the simulation. Figs. 2, 3, 4 and 5 exhibit the test
results using the approximate model versus the simulation. These results confirm
that the output of the approximate model is sufficiently close to the true
performance. By comparing the numerical results using the exact model with those
using the simulation method, we conclude that the simulation results represent true
performance to a great extent.

The testing process involves three comparisons. First, we compare corresponding
workload measurements for each unit. The data represented by the bars filled in
heavy vertical lines are derived from the exact model (Fig. 1) or the approximate
model (Figs. 2, 3,4 and 5). The data represented by the bars filled in light horizontal
lines are derived from the simulations. Next we compare the saturation
probabilities of two comparing models, P!, and PZ%;,,, from the exact model or the
approximate model and the simulations. In the last step, we calculate the
correlation coefficient (Corr. Coe.) of two sets of * fraction of dispatches ” and the
percentage distribution of corresponding differences, D;, between them.

The adopted data sets are AS1003, AS1206 AS1506 and AS2010, whose number

of atoms and number of units are (10, 3), (12, 6), (15, 6) and (20, 10) respectively. The
testing is done by running lengthy simulations on a mainframe to assume accuracy.
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The number of CFS’s and PIA’s generated in a simulation process is approximately
80,000.

We estimate the workloads for each server, pp, in the simulation process as
follows :

time period during which server n is busy 12 N
— n=1,2,.. N.
Pn total time period under consideration

In addition, we estimate the saturation probability PsaT in the simulation
process in the following way :

_ no.of type 1 CFS’s that are lost + no. of type 11 CFS’s that are lost

P
SAT no.of type 1 CFS’s + no. of type Il CFS’s

Evaluating performance measures such as average travel times, workload
measurements, and saturation probability is an important step in setting or
adjusting dispatch policies. We found that the performance measures of both models,
the exact and the approximate, and the simulation yielded very similar results.
Comparing the corresponding fraction of dispatches, we observe that the relative
differences between these performance measurements are small. The most
important criterion for these tests is the quality of numerical results as a function of
N (number of servers) and Psat (saturation probability). From Figures 2, 3, 4 and
5, we observe that the quality of the numerical results of the approximate model
improves as N gets large and/or as PsaT gets smaller.
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unit/workload(%)

(%)

Exact Model: workload .:’.';:" S IEETLES
Simulation:  workload -
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‘[ﬂTIIHIIIIIIlIHIIFIH'

-0.06

P, =0.162384
P, =0.162274

Corr. Coe. (Ei, Si) = 0.9940

Ei = fraction of dispatches in
exact model.

Si = fraction of dispatches in
simulation.
Di = Ei-Si; i=12,.,90

-0.03 0.00 0.03 0.06

Fig. 1 Exact model vs. Simulation with data file AS1003
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unit/workload(%)

Appr.Model: workload §iii Hi

P'.s; =0.160561

Simulation:  workload P2,y =0.162274

Corr. Coe. (A/,Si) =0.8816

(%) - Ai = fraction of dispatchesin
approximate model.
— Si = fraction of dispatchesin
30 [ simulation.
- Di = Ai-Si; i=1,2,-,90
20 —
10
0 iR Di

-0.20 -0.10 0.00 0.10 0.20

Fig. 2 Approximate model vs. Simulation with data file AS1003
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2
SAT

Corr. Coe. (Ai,Si) =0.9797

Ai = fraction of dispatchesin
approximate model.

Si = fraction of dispatchesin
simulation.

Di = Ai-Si; =12, 324

i MO b D ,
0.08 0.16

Fig.3 Approximate model vs.Simulation with data file AS1206
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Corr. Coe. (Ai,Si) =0.9923
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Fig. 4 Approximate model vs. Simulation with data file AS1506
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5 Approximate model vs.Simulation with data file AS2010
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6. Summary

We have presented exact and approximate models of an emergency service that
includes PIA opportunities and in which two identical units may be dispatched to
one call. We then generalized and created two computer-implemented versions
based on these two models. Because of the computational infeasibility of the exact
model, we concentrated more on the approximate version.

The programs that accompany this paper are intended to serve as a local police
planner’s tool. An assignment manager can evaluate a policy by running the
program in advance and can then perform appropriate adjustments to arrive at an
efficient dispatch policy. After entering the required data, the manager obtains the
dispatch list for each atom. Based on each dispatch list, he or she can estimate some
performance measures of the whole system. To balance the workload of each server,
the manager can adjust the patrol or location probabilities. In addition to the
model’s usefulness as an aid in determining allocations of service facilities, it has
proven to be a valuable tool for evaluating policies by considering fractional dispatch
measures and/or average travel time.

The present model could be extended to relax the assumption of identical servers, or

to allow CFS’s to be queued, or to include the case of random number (= 3) of servers.
Such extensions would increase even further its applicability to real world problems.
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7. Appendix

In Sections 3 and 4, we developed the probabilistic deployment model and its
approximate analog. To implement these two models, we have written two computer
programs, EXAC.FOR and APPR.FOR. In practice, an assignment manager can
choose the appropriate policy by comparing the computational results of either
model. In general, the maximum number of atoms and servers allowed in the exact
model are 230 and 3, respectively, while in the approximate model, the numbers are
120 and 15, respectively.

In this Appendix, we first outline the data requirements and potential outputs of
these two programs. We then explain briefly how to execute them. We illustrate our

explanation with two examples, one for the exact model and the other for the
approximate model.

7.1 Input and output

The following input data are required to run the programs.

J,N = numberof atoms and servers.
A, MG = arrival rate of type 1 CFS for jth atom. j =12,..,J
A,®(G) = arrival rate of type Il CFS for jth atom. i =12,..,J
A, (n) = arrival rate of PIA opportunities for servern. n =1,2,..,N
B l(n)‘1 = mean service time for server n corresponding to CFS. n =12,..,N
1.12(11)'l = mean service time for server n corresponding to PIA. n =1,2,..,.N
(Inj) = the probability that server nislocated inatomj when n =1,2,..,N
available for dispatch. i =14L2,...,J
(djj) = distance between atom i and atom j. i,j=12,..,J

For simplicity, we set v, the speed of each server, to be 1 in both programs.

The output of the exact model contains a preference list for each atom, P(i);
equilibrium probabilities, pp; workloads, Tj, TUn, TRAp; average travel time, PsAT;
saturation probability; and fraction of dispatches, fn, j, 1, fim,n), j, 2. In the
approximate model, on the other hand, instead of P(i), we have more output on the
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state probabilities of the aggregate model and the correction factors Q(N, k, 1) and
Q(N, k, 2).

7.2 Execution

As a first step in executing these programs, the user enters in the name of the
appropriate program, EXAC or APPR, which corresponds to the exact or the
approximate model. He or she is then asked to provide the name of the input data
file. After the name of data file is input, the output will be displayed on the screen.
The user may also print out the result. We will illustrate the execution of these two
programs with the following examples.

7.3 Implementation of exact model and computational results

EXAMPLE 1. Implementation of the exact model.
DATA NAME: AS1003 PROGRAM NAME: EXAC.FOR

Before running the program, the user should create a data file which contains the
input data, asin the following format.

Data file : 10 3 <-J,N
(AS1003) 0.40.20.50.20.40.40.20.30.90.4 <--1,Y()
0.30.10.10.50.10.20.30.10.10.4 <--1,2(j)
0.30.10.6 <- 1,(n)
5.010.05.0 10.05.0 10.0 <-p,{n)!,p,(n)?
000100000 00O <= ()
0000 1000 0 0 0
0000 0O 0 050500
0352575577 <-- (dj)
3025248610 8
5207 4 210 81210
2570353355
S243026486
7425208610 8
581 36 80 2 2 4
568 346204 2
71012 5 8102 4 0 2
78105684220
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The following procedures and information are shown on the screen while the
program EXAC.FOR is executing.

>EXAC <return>
Please input the name of data file? AS1003 <return>

Preference list : atom1 -> 123
atom2 -> 213
atom3 -> 213
atom4 -> 123
atom5 -> 213
atomb6 -> 213
atom7 -> 312
atom8 -> 312
atom9 -> 312
atom 10 -> 312

** Saturation probability Psar = 0.1624
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server n workload
0.455

0.442
0.455

TRAN = the average travel time to requests in primary response area of server n.
TUn =the average travel time of server n.

Tj = the average travel time to atomj.

server

0.000 0000 0.119
0.000 0.000 0.000
0.000 0.000 0.127
0.432 0.000 0.119
0.000 0.000 0.000
0.000 0.000 0.127
0.432 0.000 0.118
0.000 0.000 0.000
0.000 0.432 0.127
0.000 0.000 0.119
0.000 0.000 0.000
0.000 0.000 0.127
0.432 0.000 0.119
0.000 0.000 0.000

0432 0000 O 119
0.000 0.000 0.000

0.000 0.000 0.000
0.415 0.119 0.000
0.000 0.144 0.000
0.000 0.000 0.000
0.415 0.119 0.000

wu-awwi-ww—nwm-wu-wu-wu-awrw- 3

1
1
1
2
2
7
3
3
3
4
4
4
H
5
5
6
6
6
7
7
7
-

8
8
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server
m

0.000 0.000 0.000

0.415 0.119 0.000

0. 000 0. 000 0. 000
0.415 0.119 0.000

fm,j1 = thefraction of dispatches for type 1 CFS that assign server n to atom j.
fim.0),j,2 = the fraction of dispatches for type II CFS that only assign server m to atom j.
fim.n),j,2 = the fraction of dispatches for type II CFS that assign server m and n to atom j.

Do youwant to brint outtheresults? (Y/N) -> N

EXAMPLE 2. Implementation of the approximate model.
DATA NAME: AS1506 PROGRAM NAME: APPR.FOR

Before running the program, the user should create a data file which contains the
input data, asin the following format.

Data file : 15 6 <-J, N
(AS1506) 0.60.51.00.40.30.30.30.60.30.70.70.40.40.60.5 <- A V(n)
0.30.40.40.30.70.50.71.00.40.50.40.30.30.30.3 <-- )\ ‘2’(n)
0.40.40.60.81.10.7 <-- (n)
6.012.06.012.06.012.06.012.06.0 12.0 <-p,{n)!,py(n)?
000100 000 0O0O0O0O0O0O <(
0000 10000 00O0UO0 O OO
0000 O OO0505000 00 0O
0000OOOUO OOO 100 0 00
0000O0OOUO OO OGO O 0303040
0000OOOOUOOOTO OO 10
0352575577979 912 <- (dj)
302524861086 46 6 9
S 207 4210812104 6 4 8 7
2570353355757 710
5243026486424 47
7425208610824 265
58103 6 80 2 2 4104 6 6 9
56 83 46204282447
710125 810 2 4 0 2126 8 4 7
781056 84220104 6 2 5
9 6 47 4210812100 6 4 8 5
7466524426460 22°5
9 6 4742648642043
9 6 8746644282403
129 710 7 S 9 77 555 3 3 0
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The following procedures and information are shown on the screen while
program, APPR.FOR, executes.

>APPR <return>
Please input the name of data file ? AS1506 <return>

Preference list : atom1 -> 123546
atom2 -> 215436
atom3 -> 245163
atom4 -> 123546
atom5 -> 215436
atomé6 -> 245163
atom7 -> 315264
atom8 -> 315264
atom9 -> 315624
atom 10-> 351624
atom 11-> 426513
atom 12-> 523164
atom 13-> 562431
atom 14-> 562314
atom 15-> 654231

3
0.2117

0.8468
0.7508

P(k) = equilibrium probabnllty that k servers are busy in aggregate model.
Q(N,k,1) = correction factor for dispatching one server.

Q(N,k,2) = correction factor for dispatching two servers.

** Saturation probability = P(6).

server n workload
1 0.548
0.579
0.543
0.484
0.598
0.463

TRAN = the average travel time (Min) to requests in primary response area of server n.
TUn =the average travel time (Min) of server n.
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Tj = the average travel time (Min) to atomj.

server

F(m,n).j.2
n=1 n=2n=3 n=4 n=5 n=6

D.000 0.219 0.125 0.036 0.051 0.019

0.000 0.000 0.110 0.032 0.045 0.017

0.000 0.000 0.000 0.037 0.052 0.019

0.000 0.000 0.000 0.000 0.000 0.024

0.000 0.000 0.000 0.030 0.000 0.015

0.000 0.000 0.000 0.000 0.000 0.000

0.000 0.000 0.029 0.072 0.110 0.019

0.219 0.000 0.025 0.063 0.097 0.017

0.000 0.000 0.000 0.000 0.000 0.019

0.000 0.000 0.037 0.000 0.000 0.024

0.000 0.000 0.024 0.058 0.000 0.015

0.000 0.000 0.000 0.000 0.000 0.000

0.000 0.000 0.014 0.000 0.000 0.034

0.049 0.000 0.012 0.248 0.085 0.030

0.000 0.000 0.000 0.000 0.000 0.000

0.071 0.000 0.017 0.000 0.124 0.043

0.045 0.000 0.011 0.000 0.000 0.027

0.000 0.000 0.019 0.000 0.000 0.000

0.000 0.219 0.125 0.036 0.051 0.019

0.000 0.000 0.110 0.032 0.045 0.017

0.000 0.000 0.000 0.037 0.052 0.019

0.000 0.000 0.000 0.000 0.000 0.024

0.000 0.000 0.000 0.030 0.000 0.015

0.000 0.000 0.000 0.000 0.000 0.000

0.000 0.000 0.029 0.072 0.110 0.019

'0.219 0.000 0.025 0.063 0.097 0.017

0.000 0.000 0.000 0.000 0.000 0.019

0.000 0.000 0.037 0.000 0.000 0.024

0.000 0.000 0.024 0.058 0.000 0.015

m
1
2
3
4
5
6
1
2
3
4
5
6
1
2
3
4
5
6
1
2
3
4
5
6
1
2
3
4
5
6

0.000 0.000 0.000 0.000 0.000 0.000




server F(m,n),j.2
n=1n=2 n=3 n=4 n=5 n=6
D.000 0.000 0.014 0.000 0.000 0.034
0.049 0.000 0.012 0.248 0.085 0.030
0.000 0.000 0.000 0.000 0.000 0.000
0.071 0.000 0.017 0.000 0.124 0.043
0.045 0.000 0.011 0.000 0.000 0.027
0.000 0.000 0.019 0.000 0.000 0.000
0.000 0.055 0.000 0.017 0.103 0.038
0.000 0.000 0.000 0.015 0.000 0.033
0.237 0.056 0.000 0.018 0.105 0.039
0.000 0.000 0.000 0.000 0.000 0.000
0.000 0.045 0.000 0.014 0.000 0.031
0.000 0.000 0.000 0.024 0.000 0.000
0.000 0.055 0.000 0.017 0.103 0.038
0.000 0.000 0.000 0.015 0.000 0.033
0.237 0.056 0.000 0.018 0.105 0.039
0.000 0.000 0.000 0.000 0.000 0.000
0.000 0.045 0.000 0.014 0.000 0.031
0.000 0.000 0.000 0.024 0.000 0.000
0.000 0.024 0.000 0.017 0.102 0.070
0.000 0.000 0.000 0.015 0.000 0.000
0.237 0.024 0.000 0.017 0.105 0.071
0.000 0.000 0.000 0.000 0.000 0.000
0.000 0.019 0.000 0.014 0.000 0.057
"0.000 0.033 0.000 0.024 0.000 0.000
—0.000 0.024 0.000 0.017 0.000 0.070
0.000 0.000 0.000 0.015 0.000 0.000
0.129 0.024 0.000 0.018 0.211 0.071
0.000 0.000 0.000 0.000 0.000 0.000
0.103 0.019 0.000 0.014 0.000 0.057
0.000 0.033 0.000 0.024 0.000 0.000
0.000 0.000 0.013 0.000 0.000 0.000
0.021 0.000 0.012 0.000 0.033 0.112
0.000 0.000 0.000 0.000 0.000 0.000
0.030 0.245 0.017 0.000 0.048 0.164
0.019 0.000 0.011 0.000 0.000 0.000
0.033 0.000 0.019 0.000 0.053 0.000
0.000 0.000 0.000 0.017 0.000 0.038
0.055 0.000 0.121 0.015 0.000 0.034
0.064 0.000 0.000 0.018 0.000 0.039
0.000 0.000 0.000 0.000 0.000 0.000
0.051 0.196 0.111 0.014 0.000 0.031
0.000 0.000 0.000 0.024 0.000 0.000

:::::::3335‘33,@«0@0«0@00ooooooooooL\u\u\:A\luh\nmmmmmm"

m
T
2
3
4
5
6
1
2
3

4
5
6
1
2
3
4
5
6
1
2
3
4
5
6
1
2
3
4
5
6
1
2
3
4
5
6
1
2
3
4
5
6

| ed] wd| ] ]
NN NN NN
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server F i

i m | Fmit | Fmoni2 | ne1 ne2 no3 R n=5 n=6
1 . . 0.000 0.000 0.000 0.000 0.000 0.000
13 2 0.105 0.023] 0.012 0.000 0.021 0.053 0.000 0.000
13 3 0.039 0.027 0.013 0.000 0.000 0.000 0.000 0.000
13 4 0.078 0.034 0.017 0.000 0.037 0.000 0.000 0.000
13 5 0.450 0.022 0.011 0.081 0.020 0.049 0.000 0.246
13 6 0.302 0.037 0.019 0.140 0.034 0.084 0.000 0.000
14 1 0.043 0.027 0.000 0.000 0.000 0.017 0.000 0.000
14 2 0.105 0.023 0.024 0.000 0.047 0.015 0.000 0.000
14 3 0.069 0.027 0.027 0.000 0.000 0.017 0.000 0.000
14 4 0.033 0.034 0.000 0.000 0.000 0.000 0.000 0.000
14 5 0.449 0.022 0.022 0.081 0.043 0.014 0.000 0.246
14 6 0.302 0.037 0.038 0.140 0.075 0.024 0.000 0.000
~15 1 0.025 0.026 0.000 0.000 0.000 0.000 0.000 0.000
15 2 0.052] 0.023] 0.012 0.000 0.021 0.000 0.000 0.000
15 3 0.038 0.027 0.013 0.000 0.000 0.000 0.000 0.000
15 4 0.125 0.034 0.017 0.052 0.031 0.000 0.000 0.000
15 5 0.171 0.021 0.011 0.033 0.020 0.098 0.000 0.000
15 6 0.589 0.037 0.018 0.057 0.034 0.170 0.244 0.000

fm.j,1 = the fraction of dispatches for type I CFS from atom j assigned to server n.

fim.0).j,2 = the fraction of dispatches for type 11 CFS from atom j assigned only to server m.

fim.n).j,2 = the fraction of dispatches for type II CFS fromatom j assigned to server m and server n.

Do you want to print out the results2(Y/N) -> Y

[ Printing is now in process. ]
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