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ABSTRACT

The thesis makes an analysis of methods available for
scheduling nursing staff on a week by week basis. As illustration
it considers the situation pertaining at the Simpson Mémorial
Maternity Pavilion between 1973 and 1978, where student midwives have
to be allocated in order to satisfy staffing requirements on each
ward, while simultaneously ensuring that each nurse receives the
necessary experience on different wards in the course of her year's
training.

Section I analyses the constraints governing nurse scheduling
at the S.M.M.P. under two separate systems used between 1973 and
-1978, and provides an exhaustive survey of alternative course
structures and solution formulation methods.

Section 2 details the existing solution in 1973 and describes
two models of that situation which were formulated in order to permit
computer simulation of the problem.

In Section 3 the scheduling problem at the S.M.M.P. is put into
the context of generalised allocation methods. The suitedness of
existing mathematical techniques to this problem is considered, and
that of sub-gradient optimisation is tested extensively, with
modifications to published techniques being detailed where an
improvement has been made in the applicability to the present problem.
The method is found to be weak when applied to problems of this
scale, so a new method is developed which uses a heuristic algorithm

to allocate nurses to a set of acceptable schedules. This approach



is more powerful and may have applications in other fields.

Section 4 describes changes in the training constraints which
make it possible to adopt a cyclically repetitive standard schedule
at the S.M.M.P. Drawbacks in the present allocation pattern are
pointed out, and a new scheduling system developed which eliminates
these.

In the Conclusions comparison is made between the above methods
of allocation with regard to their suitability to the real situation

as typified by that at the S.M.M.P.

<



GLOSSARY

It has been necessary to use some terms and abbreviations, for

various concepts, which have a meaning specific to this thesis.

While deprecating the use of jargon, it is felt that the use of

these terms helps to simplify the stating of the problem and to

prevent ambiguity, and is thus justified.

WARD :

5ls 52, H3

54 .

49 :

LW:

SC, SCU:

This is used to refer to the group or place in which
a girl's training takes place each week. In most
cases it will be an actual hospital ward, but in
some cases it may be a unit or a department. For
instance out-patients is a department rather than a
ward, but still comes under that general classifi-
cation. The following are all classified as wards:
Post-natal wards. These are sometimes referred to
as GENERAL wards, since the staffing levels required
are often less exacting than those for the special
wards. They are referred to individualiy by their
numbers, or collectively by the abbreviation GEN.
This ward is used for segregation, patients with
temperatures, and terminations (abortioms). It is
referred to by its number.

This is the pre-natal ward, where expectant mothers
stay prior to the delivery.

Abbreviation for labour ward.

Abbreviations for special care unit,



OP:

SPECIAL
WARDS :

SET:

ROSTER:

PLAN :

EXPERIENCE :

CHOICE :

SLACK :

URGENCY :

ALLOCATED :

vii

Abbreviation for out-patients' ward.
These are the five wards above, as opposed to the

GENERAL wards.

A monthly intake of around 12 girls. Referred to by
its month of arrival e.g. The June Set. Divided

into half-sets. Also any other group arriving together.

The chart or computer matrix which shows when each
half-set will be on night duty, day duty, district

work, and leave.

The chart or computer matrix which shows which ward
each girl is on or has been on for each week. It is

made up of individual schedules for each girl.

(EXP) The list of wards which a girl has already

visited in the relevant half of her course.

The list of wards which a nurse is free to visit

next.

The number of weeks a girl has to do on special
wards deducted from the number of weeks she has
available to do them in. Slack weeks are done on

general wards.

A rating based on the number of special wards a
girl still has to visit and the amount of slack she

has.

Placed on a specific ward for a number of weeks.



viii
PRE-ALLOCATED: Used to describe the situation when during the week

being considered, a girl is not free to move, but is

already performing a spell of duty on a ward.

SCHEDULE : A one-year plan for one girl, showing which ward the
girl will be on for each week of her course. More

than one girl may be put on the same schedule.
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INTRODUCTTION

0.1 The setting of the problem - The Simpson Memorial Maternity
; Pavilion

The practical work which forms a basis for this thesis was
carried out using the course structure, staffing levels and nursing
requirements which existed at the Simpson Memorial Maternity
Pavilion in 1973. Most real examples will refer to this period and
to the constraints which were relevant at this time. Subsequent re-
organisation in December 1976, which included the amalgamation of
this hospital with the Elsie Inglis Memorial Maternity Hospital, has
altered the framework of the problem, and permitted a considerable
degree of simplification, the most striking example of which is
that it is now possible to plan schedules using blocks of six girls
rather than having to allocate them individually. Some flexibility
is lost, but implementation is greatly simplified. The hospital's
existing solution to the new form of the problem is discussed in
Chapter 3, along with the recommendations of this thesis for its

: 1 :

improvement. The Nurses Information Booklet™ contains the
following:

"The Simpson Memorial Maternity Pavilion is named after
Sir James Young Simpson who died in May, 1870 after making outstand-
ing achievments in the field of medicine. He was Professor of
Midwifery, House Surgeon, Manager, Gynaecologist and Obstetrician.
It was Sir James' studies of the problems of administering other
anaesthesia in Obstetrical practice that led to his use of
chloroform. As a man he had an overwhelming ambition to relieve
pain, and it is true to say that every pregnant woman owes this

great genius some respect.

After his death, a memorial fund was set up and it was agreed
that the monies so raised should be used tc establish a specially



planned Maternity Hospital to be known as the Edinburgh Royal
Maternity and Simpson Memorial Hospital. This was founded at

79, Lauriston Place in 1879 and functioned successfully for over
40 years. By 1926, however, the old hospital was proving to be
quite inadequate in space and inconvenient for the increasing
demands put on it. It was also undesirable to extend on the same
site. Accordingly, the directors accepted an offer from the
Managers of the Royal Infirmary to build a new Maternity Hospital
in conjunction with that institution.

The new hospital and present Pavilion opened in 1939. It has
today a bed complement of 208 with 28 Special Care Baby Cots. As a
unit, it has proved to be very functional and because of its
flexibility for modernisation the plans are to develop the existing
building rather than to build afresh. The first stage of a £im
development has already commenced in our Labour Suite and it is
hoped that once complete, the facilities so provided will maintain
the Hospital's position in the forefront of modern maternity units."

This hospital performs a general function for the Edinburgh
region by taking care of a proportion of normal straightforward
deliveries, but in addition to this it has facilities for special
care. Cases may be referred to the Simpson from other hospitals,
particularly those in the Border region, if they promise to have
any complications which would be better dealt with there, for
instance in the case of diabetics. Up to 4000 deliveries are
performed at the Simpson each year, of which about 25% are
instrumental deliveries.

As well as providing this service to the community, the
Simpson is a training hospital, teaching girls from all over the
world. 1Its good reputation extends to most countries, with a
particularly large proportion of its intake coming from countries
which are, or used to be, a part of the Commonwealth. The girls
who come to be trained are already qualified nurses, and as a result
the course can afford to be quite intensive. As well as attending
a course of lectures and theoretical teaching the girls were

expected, under the previous system, to start nursing in the

hospital from the first week they arrived. The wards which they

]



started on were ones where their general nursing training was
sufficient for them to cope, while they were acquiring additional
skills in midwifery.

The qualifications required on entry to the programme of
training are:

Registered General Nurse/State Registered Nurse or

Registered Sick Children's Nurse
The aim of the course2 is

"To prepare Registered Nurses to become proficient in the
practice of midwifery and to function as a member of a team caring
for the mother and child during pregnancy, labour, postnatal and
neonatal periods."
The qualification obtained is:

State Registered Midwife.

Recruitment and application are the responsibility of the
Senior Midwife Tutor, South Lothian College of Nursing and
Midwifery, and she shares the responsibility for selection with

the Divisional Nursing Officer (Midwifery), South Lothian District.

0.2 The nature of the training course

The course which the girls take lasts for a year. During this
time they will work on a variety of different tasks, gaining
practical experience of different aspects of the work as they go
along. It can be seen that the Simpson is particularly well suited
to this function, dealing as it does with a large variety of
unusual cases which a nurse in an ordinary hospital might
encounter only infrequently.

The sort of work which each girl does takes several different



forms. For part of her course she will work on pre- and post-

natal wards where the need for general nursing care predominates.
She will work on the Labour Ward where as well as performing nursing
duties she will also have to perform deliveries herself. Some of
the departments which she works with are not actually wards, such as
the out-patients department and the special care unit. For a few
weeks she will work as a district nurse outside the hospital. The

aims and objectives of the course are stated in appendix 1.

0.3 The trainee's role

While the girl is being trained she is expected to work in a
number of different wards which are mentioned above. While she is
doing this work she will be contributing to the level of service
provided by that ward. Since the number of trainees approaches the
number of trained staff at the hospital, each ward depends on
having a certain minimum number of trainees working there every
week.

During the period with which this study concerns itself, the
number of girls being trained at any one time was around 140, while
ﬁrained staffﬂﬁade up around 180. The proportions are shown in
detail in tables 0-1 to 0-4. The required staffing levels have been
determined by past experience, and for a given rate of deliveries
per year they should remain within known limits - an assessment of
the validity of the accepted required staffing levels is contained

in Chapter 2. Figure 0-1 shows the staffing levels graphically.

0.4 The nature of the problem

The basic problem is to plan the training courses for a number
of trainee midwives in such a way that

* All trained nurses plus auxilliaries, but excluding student midwives.
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1973

Senior Nursing Officers

Nursing Officers (Teaching)
Clinical Tutors
Night Superintendant

Nursing Officers (Service)
District Nursing Sisters
Ward Sisters

Staff Midwives

Staff Nurses

Enrolled Nurses

Nursery Nurses

Nursing Auxilliaries

Student Midwives
Extra Student Nurses

Research

0.T. Attendants
Dietitian

TABLE O-1

S.M.M.P. ESTABLISHMENT COMPOSITION, 1973

L

29%
39

12
13
a7

130

29
40

12
12%
59

125

Fractions represent part-time staff

MAR APR
5 4
4 4

1

1 1

5 6

31 31
42 41
13% 6
12 12
12% 14
58 57

126 130
2 3
1 1

MAY JUN UL

Ll I R &)

30
34

11
15%
61

120

T o S

31
32
2%
10
16
63

126

11
19
63

132

AUG SEP OCT

A

31%
32
6
10%
17%
64

136
21
0

31
32
3%
10%
19%
61%

138
14
2

31
33
5%
10
16
54%

134
11
2

NQV  DEC
5 5
4 4
2 2
7 7

33 34
29% 30%
10% 3%
9% 9%
16 14
60 59%
134 130
17 10
2 2



1974

Senior Nursing Officers
Nursing Officers (Teaching)

Clinical Tutors

Nursing Officers (Service)
District Nursing Sisters
Ward Sisters

Staff Midwives

Staff Nurses

Enrolled Nurses

Nursery Nurses

Nursing Auxilliaries

Student Midwives
Extra Student Nurses

Research

0.T. Attendants

TABLE 0-2

S.M.M.P. ESTABLISHMENT COMPOSITION, 1974

JAN FEB MAR APR MAY JUN JUL AUG SEP OCT NOV DEC
5 5 5 4 5 5 5 5 5 5 5 5
3 3 3 4 4 4 4 4 4 3 4 4
2 2 ; 3 3 3 3 3 3 3 3 3
7 7 7 8 8 8 8 8 8 8 8 8
30 29 30 33
33% 33% 33% 33% 33% 34 33 33
36 33% 38 37 37% 38 38 36
38 43 46 38
11% 11% 7% 8% 10% 4 7 7
9 9 9 9 9 9 9 9 9 9 9 10
14% 14 15 15 15 15 15 15 15 16 15 15
59 60 59% 59 59 62 61 60 61 59 60 60
132 140 138 133 135 127 126 132 123 124 123 120
9 13 14 15 28 29 18 6 0 24 14 16
2 2 2 2 2 2 3 3 3 2 2 2
1 1 1 1 1 1 1 1 1 1 1 1



1975

Senior Nursing Officers
Nursing Officers (Teaching)

Clinical Tutors

Nursing Officers (Service)
District Nursing Sisters
Ward Sisters

Staff Midwives

Staff Nurses

Enrolled Nurses

Nursery Nurses

Nursing Auxilliaries

Student Midwives
Extra Student Nurses

Research

0.T. Attendants

TABLE 0-3

S.M.M.P. ESTABLISHMENT COMPOSITION, 1975

JAN FEB MAR APR MAY JUN JUL AUG SEP OCT NOV DEC
5 5 5 5 5 4 4 4 4 5 5 5
4 3 3 3 3 3 3 3 3 3 3 3
3 3 3 3 3 3 3 3 2 2 3 2
8 8 8 8 8 8 8 8 8 7 7

8
33 33 32 35 35 36 37 39% 34% 34% 41
32%
38
40 45 45 43 44 49 46 43 43 46 49%
5
8 8 10 10 11 11 10 10 9 10% 9 9
17 17 17 17 17 15% 15% 18 18% 19 19 19
56 61 61 65 66 64 63 62 60 60% 62 59%
122 123 123 128 133 129 125 127 129 132 130 127
21 25 12 24 26 36 17 19 14 12 17 16
3 3 3 3 3 3 2 2 2 3 3 0
1 1 1 1 1 1 ( 3 1 1 1 1



1976

Senior Nursing Officers
Nursing Officers (Teaching)
Clinical Tutors

Nursing Officers (Service)
District Nursing Sisters
Ward Sisters

Staff Midwives

Staff Nurses

Enrolled Nurses

Nursery Nurses

Nursing Auxilliaries

Student Midwives

Extra Student Nurses

Research

0.T. Attendants

TABLE 0-4

S.M.M.P., ESTABLISHMENT COMPOSITION, 1976
JAN FEB MAR APR MAY JUN JUL AUG SEP OCT NOV DEC
5 5 2 2 5 5 5 5 5 5 5 4
3 3 3 3 3 3 3 3 3 3 3 4
2% 2% 2% 2% 2% 2% 2% 2% 2% 2% 2% 2%
7 7 7 7 7 7 8 8 8 8 8 8
8 8 8 7 7 7 7 7 6 6% 5% 5%
33% 31% 32 35 35 34 32% 32% 33% 34% 39 38
43 44 49 49 49 52% 51% 47% 47 45 40% 53%
11 10 11 12 10% 6 12 11 3 13 20 2
10 9 9 9 9 10 10 10 10 10 10 10
19 21 20 19 18 17% 18 18% 19 19% 19% 20%
60 59% 60 59 57 60 61 59 58 58 56 56
133 130 128 129 124 127 121 122 116 115 115 139
28 26 22 16 13 19 30 14 11 13 13 14
1 1 1 1 1 1 3 4 4 4 4 4
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(1) Each girl has completed certain minimum training require-
ments by the end of her year's course.

(2) Each ward is fully staffed every week.

These two requirements should be numerically compatible.

Certain structural parallels allow one to express this problem
in a similar fashion to the formulation of job-shop scheduling
problems. If we assume that each nurse is an item which needs to be
processed by different machines (wards) in order to emerge after a
certain time as a finished article, then we can state that each
machine has a minimum as well as a maximum capacity.

The constraints in the problem now divide themselves into two
categories; process constraints and loading constraints. If the
problem is re-stated in these terms, then the following formulation
is arrived at:

Schedule the processing of a number of items in such a way
that
Process constraints:

(A) Each item will spend a certain time duration being

procesged by each machine.

(B) The order in which each item is processed by different
machines is one of a set of pre-determined acceptable
sequences.

Loading constraints:

(C) No machine will be over-loaded at any time.

(D) No machine will be under-utilised at any time.

Since there is no standard solution method for job-shop
scheduling problems with more than a very few variables this

approach is of limited usefulness as far as applying a known



Al
technique is concerned.3 However, it is necessary to explore all
similarities with standard methods even if only for the sake of
completeness, permitting the elimination of certain approaches. 1In
many cases, as in the formulation above, a greater insight into the
structure of the problem can be attained by such comparisons.

The two aspects, patient care and midwife training, which
affect the problem may be broken down into other component aspects:

Patient care

(1) The number of trainee midwives available at a given time
on a given ward must not fall below a stipulated minimum or rise
above a stipulated maximum, since understaffing will cause a drop
in the standard of patient care provided, while overstaffing in one
area indicates inefficient distribution of staff overall.

(2) The girls present must be sufficiently trained and
experienced to perform the job - certain jobs require skills and
knowledge which the girl only acquires while on the course.

Midwife training

(1) A stipulated number of weeks must be done on each of a
number of different duties in the course of a year.

(2) In order to achieve the best balance between theoretical
teaching and practical experience it is advisable for each ward to
be visited more than once in the course of the year.

(3) To avoid unnecessary disruption each ward must not be
visited too oftem; the number of switches from one ward to another
must be kept within limits. In practice rules (2) and (3) give
rise to the situation where ideally each ward is visited once in the
first half of a girl's course and once in the second.

(4) A set number of weeks must be worked on night duty.
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These constraints combine to produce a problem of considerable
complexity. In Chapter 6 it will be shown that a mathematical
programming approach can be useful, but that the size of the problem
presents problems in some cases. First, however, some manual approaches
to the problem will be studied. In order to place this work in its
appropriate setting the next section will give a brief resume of

other work in the field of nurse scheduling.

0.5 Operations Research in hospital planning and scheduling

0.R. has been used in some studies in order to construct an
economic model of the hospital. Attempts have been made tﬁ quantify
factors such as the general need for care which has to be met4 and
the costs of supplying nursing staff with the correct levels of
training and experience

It is difficult to locate any work which is relevant to this
problem among the large volume of medical journals. As yet computer
allocation of nursing staff has not been particularly successful,
nor is it widely used. Perhaps typical of a section of the
published work is "Allocating Student Nurses by Computer' by
Davis and Saundersﬁ. In this example, the Oxford Regional Hospital
board is allocating student nurses in a teaching hospital. Between
8 and 12 weeks can be spent on each duty, relatively flexible
requirements, and the 500 student nurses form a smaller percentage
of the total staff than do those at the Simpson. Also the different
duties can be done in any order. The result of these factors is that
both the staffing and the training are much less critical than at
the Simpson. The computer programme has been designed merely to
keep a record of each nurse's training, and to warn the allocator

each time a nurse is due to move to a new ward. The allocation is
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performed manually - the computer is just used as an extensive
filing system.

In some cases, more use is made of the computational power of
existing O.R. techniques. Gupta et al? have used queueing theory
to determine the optimal size for the messenger staff in a hospital;
Williams et a18 and Haussmann9 have applied the same methods to out-
patient service and to service requirements in a burn unit respectively.

Some work has been done on the problem of designing cyclical
repeating schedules to be allocated manually. Maier-Rother and Wolfe10
have looked at this subject, considering what number of cycles is
needed relative to the numbers of girls employed on one ward at a
time in order that staffing be even enough. However this only deals
with twelve nurses, and only two states are considered, on or off duty,
making it trivial by comparison with the problem at the Simpson.
Francisll and Howell12 have considered a similar problem, but in this
case they deal only with up to seven personnel over a seven week
period. Although day, night, evening and split shifts are considered,
the alternatives are still only on or off duty. Banksl3 has
published his work on manual allocation, and this is used extensively
by British hospital staff concerned with allocation.

More relevant to the present problem are those papers which
relate mathematical programming to hospital work. Rothstein14 tries
to minimise the personnel required for day to day staffing while
maximising the number of weekly schedules with the two days off
paired rather than separate. This is a fairly trivial problem,

dealing with a seven day period and a small number of people to be

allocated. Again only two states (on or off duty) are considered.

A system is used by Newcastle Regional Hospital Board which has



been described by Barlow15. Up to 50 nurses are considered for
periods of up to 208 weeks. Acceptable arrangements of holiday,
study blocks and fixed periods are fed in for each nurse. The
computer then tries out "every possible arrangement of experience
within the restraints set by the information given by the user" to
"eive the most even staffing possible for the whole three year
period of training". It is stated that an average training scheme
usually involves trying hundreds of possible arrangements which
takes the computer only a few minutes. It is hard to see how an
explicit énumeration scheme could actually consider all of the
combinations of schedule provided by a 50 girl, 208 week scheme
anything like as fast as this - it can only be assumed that a very
large number of options are ruled out in advance for reasons of
personal preference or otherwise. Certainly the staffing must not
be critical in this hospital, for the results quoted are very
uneven. For instance the staffing on Specialty B changes from
16 to 5 over the period which they cover, that of Specialty C from
11 to 1, and that of Specialty O from 14 to zero. Thus, although
the problem is large, a very wide range of results seems to be accept-
able. This would not be acceptable in the case of the Simpson.
Warner and Prawd316 develop an algorithm which attemps to
minimize '"shortage costs'" of nursing care over the scheduling
period, while assigning nurses of the correct skill class among the
wards and shifts of a scheduling period. This uses a powerful
computational approach to a problem which concerns the same order of
magnitude of nurses as that at the Simpson, but while considering
skill classes, it has no sequencing constraints of any kind to

satisfy. Finally Warnerl? has considered a heuristic approach to
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scheduliné nursing staff which takes account of individual preferences.
While the problem is not of immediate relevance, the method bears

some similarities to that developed in Chapter 7 of this thesis, so

a resume is given in Appendix D.

To sum up, it is evident that very little work has been done on
the particular kind of problem discussed in this thesis. As a result
tools which have been employed to tackle this problem have been taken
from the more general field of mathematical programming - there seems

to be no precedent within the nursing field.



CHAPTER 1

9 Introduction

In this Chapter, some different approaches to the problem are
described, dealing in general terms with the nature of the questions
which must be asked in order to arrive at a meaningful formulation
of the problem. 1In the long term there are no uncontrollable
variables in this problem. However at any given time the Central
Midwives Board for Scotland, or through them the E.E.C., impose a
series of rules external to the decision process at the Simpsont
These rules define values which certain variables have to assume,
making them uncontrollable variables in the context of the present
problem.

Most of these uncontrollable variables relate to training
requirements. However when staffing levels are considered the
situation is not so easily defined, since many short-term factors
affect staffing levels from day to day. In many cases, the desired
minimum number of student nurses required on a given ward may be
open to dispute, particularly when the number is relatively large
(- more than two on duty simultaneously). Even when a minimum
requirement is determined, though, the scheduled number of nurses
is not automatic. The question needs to be asked: 1in order to
ensure that there is always one girl on duty on a given ward, how
many nurses have to be scheduled nominally to that duty? Because
of the fact that service has to be provided for twenty four hours

a day, the shift work structure has to be taken into account.

=
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Unlike that fixed factor, short-term absenteeism can not be
calculated precisely, and instead sufficient extra staffing has to
be provided so that, given the prevalent absence levels, it will
always be possible to provide one nurse of sufficient experience
at all hours of the day, or that failure to do so will occur
sufficiently infrequently that the level of disruption caused by
short-notice re-arrangements of the schedule is kept within
acceptable limits. Thus discretion and judgement are needed to
establish a realistic range of desired staffing levels.

For a given status quo a realistic way of approaching the
problem is to start by fixing the values of certain variables and
to see if a solution can be achieved. If no acceptable answer is
found, the variables which have been taken as uncontrollable can be
re-assessed and altered, and the procedure repeated. So, with
regard to staffing levels, the first approach to the problem is
to try to design a model which provides solutions which do not
violate the minima currently used in the manual method. Only if
this fails is it necessary to re-examine the minima in order to see
if they can be altered. This is not to say that minimum staffing
levels quoted by the Hospital are accepted without question, rather
it makes a distinction between long and short-term planning. This
is clearer when an example is considered.

If the staff of the Simpson say that twelve girls are needed
on a given ward for any given week, then it is reasonable to
enquire whether ten or eleven would suffice. Because of the shift
system a scheduling of twelve will provide two or three girls on
duty at any given time% (See Chapter 2.11 : Determination of

staffing requirements.) However if the Simpson says that the

17



minimum number of girls actually on duty on a given ward is one,
then this figure brooks no argument - it is fixed in the short-term,
and has to be accepted for the purposes of constructing any model,.
In the long-term, however, it is reasonable and necessary to
ask the question: If ward A was moved geographically to be
adjacent to ward B (whose minimum on duty was also one) could a
single nurse keep an eye on both wards simultaneously without
letting the level of patient care suffer? If the answer is yes,
then a change could be made to the physical location of resources
and facilities which would alter the constraints affecting any
model. Thus a short-term uncontrollable variable can become a

decision variable in the long-term.

L.2 General solution structures

Let the following factors be taken as fixed:
(1) Each girl is present for one year?
(2) During that time she is sometimes available to work on
the wards, but not always.
The factors which could cause her absence are:
Holidays
Lectures
Community work
Illness or indisposition
The first three are predictable and can be pre-planned;
their structure will be built into any model. The last
factor, absenteeism, is a variable which for most
purposes can be treated as random. Its affect on

planning is allowed for in two ways
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(A) A safety margin must be left when overall minima
are determined, so that there are always enough
girls who can be re-allocated at short notice.

(B) Provision must be made for girls who have been ill
to catch up on the experience which they have missed.
Commonly this is allowed for by planning for the
course to end with a holiday period. Any girl who
has missed out on some clinical experience can work
during this final holiday, without having to extend
the period during which she is nominally at the
Simpson. This prevents disruption to any plans she
has made for the time after she is due to leave the
Simpson, possibly to take on a new job.

Holidays and community work have remained significantly

unchanged over the period concerned in this study, but

lectures have been altered (see Table 8-3). Under the
old system a girl would spend one day a week studying
even when nominally on a given ward. She would also miss
the occasional hour or two's work by attending lectures.

These factors were taken into account when establishing

the old minimum staffing levels (i.e. pre - 1977). This

course structure had to be accepted as an internal
uncontrollable variable; the decision to alter it could
only come from authorities external to the Simpson. In

October 1975 the Central Midwives Board for Scotland

issued a recommendation4 that the study time should be

re-arranged to fit into specific weeks during which no

ward work would be done. These would be arranged into
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(4)

(5)
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blocks of one or two weeks at intervals throughout the
year's course. It was this structural change which
permitted the approach described in Chapter 8.

The number of girls being trained at any one time is
fixed (within defined limits).

The total number of all staff, trained and student, is
fixed. Once again this total is within defined limits,
since the actual fixed figure is an overall budget for
salaries for the establishment, set externally. Thus
it would be possible to employ more nurses of lower
grades and wage scales, or fewer nurses of higher grades.
However, as stated earlier, for the sake of constructing
a model it is realistic to start by taking the size and
quality of the present establishment as being fixed.
Thus we can say that the number of staff is fixed.
Minimum staffing requirements are fixed. To repeat,
these levels are to some extent discretionary, but at
this stage, as with establishment size, we can say let
the levels be fixed, without specifying at what level.
In other words, in order to investigate the structure
of the problem, we are really labelling these variables
as short-term uncontrollable wvariables; we will
investigate and define their specific levels and values
later.

Now let us consider the main decision variables. These
are as follows:

(A) How many intakes do we have each year ?

(Defining: What is the size of each intake?)



(B) How many different schedules do we use?

1.:3 How many intakes per year?

To understand the conflicting factors involved in this

problem, some extreme solutions will be considered:

(1)

(2)

Have one intake per year of N girls, where N is the
total complement of staff at any given time. There are
two main reasons why this is not practicable. Firstly
in order for staffing to be even on all wards at least
some of the girls would have to start on the Labour
Ward in their first week, without any training, which
would obviously put the patients at risk. Secondly, the
level of experience would fluctuate wildly - at the end
of each year the Hospital would be staffed by practically
fully trained midwives; the next week they would be
replaced by complete beginners. Again this would
produce a less satisfactory service for the patients.
Have N intakes every 365/N days (N still defined as
above). With a training complement of over 100 this is
impracticable, since with girls arriving individually
every two or three days throughout each week it would
produce a situation of unneccessary complexity - it
would be impossible to plan a coherent pattern of study

for them or even to keep track of who was doing what.

Obviously both of these extremes are ludicrous, but they

enable us to establish between what limits the best solutions will

lie. Table 1-1 1lists the multiples of days which are most likely

to be useful.



TABLE 1-1

USEFUL MULTIPLES OF INTAKE AND COURSE LENGTHS

TIME _ TOTAL | BEST | SIMP- EVEN- | ADMINISTRATIVE
INTAKES X PERIOD ~ DAYS FIT | LICITY | NESS SIMPLICITY NOTES
N
1 X 365 = 365 | wkx | wer | owwx Annual
2 X 180 = 360 ke
3 X 120 = 360 ek
4 X 90 = 360 k% FR¥
4 X 91:(13x7) = 364 wk Fokd Quarterly
6 X 60 = 360 KRk
7 X 52 = 364 wH wRk EITHER EXTREME
10 X 36 = 360 IS UNACCEPT-
12 X 30 = 360 * ABLE : CENTRAL
12 x (4 or 5)X 7 = 364 #% | wwx  |wwx | REGION IS BEST | Monthly
13 X 28:(4 X 7) = 364 ek *% dededs COMPROMISE 4-Weekly
18 x 20 = 360
20 X 18 = 360
28 X 13 = 364 ok
26 X 14 = 364 % R
30 X 12 = 360
36 X 10 = 360
52 X 7 =364 | wx | wwx o [wwn Weekly
365 X 1 = 365 | wxx | wwx \4
CONSTANT
EXPERIENCE

A blank in any column indicates that the intake category concerned
possesses no advantage with respect to that characteristic. A rating
of one to three stars indicates a particular advantage with respect to
that characteristic, with more stars showing a greater advantage.
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In order to make a decision between these possibilities there
are several factors which have to be considered. The decision will
be based mainly on practical considerations, but if implementation
of the scheme is being considered it is as important to design a
scheme which is easy to employ as one which is mathematically
elegant. The following criteria were considered:
(A) Simplicity of pattern
Ideally the system should fit neatly into the calendar
year, so that its logic is easily understood and
remembered. Given this requirement certain decisions
still have to be made; for instance is it neater to
have girls arriving on the same date each month, or on
the same day of the week each month?
(B) Evenness
There is a relationship between the number of weeks spent
away from ward duty and the number of weeks between each
intake. If the former are almost multiples of the latter,
then an evén overall staffing will be possible. For
instance, to take arbitrary figures, if there was an
intake every ten weeks, giving just over five intakes per
year, and if each girl spent ten weeks away from the wards,
then, as long as these weeks were distributed in some
even and interlocking fashion, at any given time there

would be exactly four intakes on ward duty.
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In the example above, if twenty weeks were spend off the
wards, the staffing could still be arranged evenly, but
any figure between multiples, or less than the number of
weeks between intakes, would cause large variations in
the staff available for ward duty.

Experience levelling versus administrative complexity

As mentioned above, if the number of annual intakes is
small, the drop in overall average experience level will
be great at each intake, whereas if the number of intakes
is large, there will be a large number of small groups of
girls to plan for and keep track of, leading to frequent
personnel changes on each ward. (The senior staff of

the Simpson are of the opinion that increasing turnover
of staff on the ward tends to lead to lack of stability
and continuity.)5 The best solutions will occur between

these two extremes.

Let us examine these factors one by one to see which solutions

they tend to suggest in conjunction.

(a)

Simplicity

The most elegant solutions would be to have intakes
either weekly, monthly, or quarterly. The arrival of
each new set would tie in neatly with the calendar, and
be easily remembered. Weekly arrivals have the

advantage that each intake would always start on the

same day of each week, a bonus not shared by the other
two systems. A quasi-monthly system could be used which,
by ignoring a discontinuity at the end of the year, would

also ensure arrival on the same day of the week each time;
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the thirteen intake system at four-week intervals. This
system however loses one benefit of the monthly and
quarterly systems - they can be referred to by the name
of the month or season of arrival, whereas it would have
to be labelled in some arbitrary fashion, thereby losing
its quality of simplicity in application; not a critical
point, but worth noting.

The next point is that for the purpose-of organising the move-
ment from one duty to another it is essential that any given period
can be sub-divided into an exact number of weeks, since a week is the
smallest unit which this plan is designed to cope with. No girl is
ever placed on a ward for less than a week, and the training require-
ments are all in multiples of weeks. Any period, defined by an overall
scheme, which involved numbers of days rather than even numbers of
weeks would be unsuitable for the purpose for which it was intended.
This eliminates most of the alternatives listed, but highlights two in
particular as being suitable:

(i) The quarterly intake divides the year into four thirteen

week periods.
(ii) The four-weekly intake divides the year into thirteen
four-week periods.
By assigning an arbitrary length of four weeks to each month other
than March, June, September and December which are five weeks long, it
is possible to use a monthly intake. This keeps each quarter a
constant length of thirteen weeks, but has several disadvantages, not
least of which are the problems caused by the irregularity of the
course structure.

(b) Evenness/
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(b) Evenness
Under the two systems, the number of weeks when a girl
was not available for nursing duties were as follows:

Year Study Holiday Total

Monthly : 1973 5 5
Table 1-2
Quarterly : 1977 9 5 14

Under the 1973 system, if the schedule was the same for
each girl in an intake, at least ten intakes would be
needed before the five weeks of holiday were spread out
evenly throughout the year. Under the 1977 system, with
fourteen weeks out of 52 spent on activities other than
ward duties, it is possible to spread out the weeks of
ward attendance by using only four intakes.
With quarterly intakes, and one overall repeating
schedule, once every thirteen weeks there would be two
different intakes on holiday simultaneously, with only
one intake being on holiday for the other twelve weeks.
By employing more than one schedule, it will of course be
possible to spread out this peak of absence, but not to
achieve complete evenness of availability until the
number of schedules increased to equal the number of weeks
between intakes. Still considering a quarterly intake,
it can be seen that, although with thirteen different
schedules being used it would be possible to spread the
periods of absence through study and holiday out evenly,
there is still no guarantee that a system which causes one

girl to take a certain holiday thirteen weeks later in the

course than her fellow student will be acceptable.



(e)

_7
Although the pattern can be adjusted till it fits
mathematically, there is no guarantee that the training
schedules which result will be good ones. The question
of the number of schedules will be discussed later in
this Chapter. Thus on the criterion of evenness the
simplest regular staffing levels will be achieved when
the number of intakes is equal to, or a multiple of,
the number of weeks in a year divided by the number of
weeks when a girl is unavailable for nursing under any

given system:

52
unavailable weeks

minimum number of intakes =

So, under the 1973 system, there must be over 10.4 intakes

per year, and under the new system there must be over

3.7 intakes per year in order for it to be possible to

achieve an even staffing level with the minimum number

of schedules.

Experience levelling versus administrative complexity

As mentioned above, in the extreme case of one intake per

year, the average level of experience drops from 51% weeks

just before the end of the year to half a week one week
later, an unacceptable drop. Let us consider the
variation which occurs with three other systems, the
weekly intake, the monthly and the quarterly.

Weekly intake : From the middle of one week to the middle
of the next there is no alteration in
average experience levels, since both
points in time are half #ay through a

cycle. The maximum fluctuation will



Monthly intake:

Quarterly
intake :

always be less than a week, so this can
be taken as one extreme case with the of
annual intakes as the other.

In order to compare regular systems we
will consider here the four-weekly intake,
values for which will be very similar to
the monthly intake. Half a week before
the end of a cycle (i.e. half a week
before thenext intake), and half a week
after a new intake are the two points in
time compared. The average number of
weeks completed by the students drops
from 27% to 24%, a fall in average
experience level of 10.9%.

If the same two points, half a week
before and half a week after an intake,
are compared the drop is from an average
experience of 32 weeks to 20 weeks, or

37 .5%.

So, to tabulate the dropsin experience level as measured

by average number of weeks per girl already completed,

the results are as follows:

Intakes Drops in experience level
Annual 100. %
Quarterly 37 5 T
Table 1-3
Four-weekly 10.9 %
Weekly 0.

This factor is thus quantifiable in its simplest form,
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but it must be borne in mind that the quality of the
overall schedule affects the acceptability of any given
solution. For example, if a schedule spreads the
experienced girls in the latter parts of their course
evenly throughout the wards, then more supervision
is available for the less experienced girls, thereby
mitigating to some extent overall variations in
experience level. However if the experienced girls tend
to move from ward to ward together in a group, then the
average experience level of the girls who are onother
wards will become critical.

More difficult to quantify is the degree of administrative

complexity. There are several factors involved here.

(i) Selection. This is simpler and fairer if intakes
are large, since all of the candidates' qualifications
can be compared side by side. This would tend to
avoid the situation where a less well qualified girl
might be accepted because she was able to start at a
time of the year which was unpopular and poorly
subscribed.

ii) Variations in numbers of actual arrivals. Not all
of the girls who are awarded a place at the Simpson
actually arrive, and allowance has to be made to
permit some degree of oversubscription to counteract
this. There are points to be made for and against
frequent and infrequent intakes on this account.
With infrequent large intakes, the Law of Large

Numbers will ensure a smaller proportional variation.
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To illustrate this point consider the actual intake

sizes for 1973. The set sizes were as follows:

Jan. 11 July 14
Feb. 6 Aug. 12
Mar. 12 Sep. 17
Table 1-4
Apr. 13 Oct. 12
May 10 Nov. 12
June 12 Dec. 9

The preferred size of set at this time was 12, so
the average absolute deviation from the correct
number for both halves of the year is 13.8% (both
are the same only by co-incidence).

If the first six months are grouped together and
taken as a single intake, and similarly with the
second six months, then the desired number is 72 in
each case., The actual numbers are 64 and 76, giving
deviations respectively of -11.2% and + 5.5%, an
absolute average of 8.4%.

The second point in favour of infrequent intakes is
that, once the girls have arrived, the size of the
student body is then known precisely for a
reasonable period ahead*and plans can be made accord-
ingly. On the other hand, if for some reason there
is a critical drop from the anticipated number of
arrivals, then it is impossible to make adjustments
till the arrival or at least recruitment of the next
intake. With frequent intakes a low figure one

period can be rectified sooner, but a time lag still

* barring drop-outs and long term absences
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exists.

(iii) Theoretical teaching. Where large groups with the
same level of clinical experience are a disadvantage
from the nursing point of view, because of the
irregularity in average experience levels discussed
above, they are an advantage from the teaching point
of view. With relatively few intakes it is possible
to have larger classes all with the same level of
practical experience and all at the same stage of
their course. On the other hand with frequent
intakes it is either necessary to teach girls of
different experience simultaneously or to deliver the
same lectures again and again to new groups as they
reach the required level.

A summary of how these criteria affect different intake
patterns is given in Table 1-1.

It can be seen from the above assessment that there is no one
system which is entirely satisfactory on all criteria. The insistance
that the periods between intakes should be an exact number of weeks
limits the choice to annual, quarterly, four-weekly and weekly intakes.
The monthly intake can also be adjusted to work out in exact numbers
of weeks by assigning the appropriate number to each nominal month.

Of these five alternatives, all are neat and the sets easily labelled
except for the four-weekly intake.

The concept of evenness which dictates that the interval between
intakes should ideally not be greater than the total number of weeks
that each girl is unavailable for nursing rules out annual intakes

under both the 1973 and 1977 requirements. The annual intake system



is also ruled out by the average experience level criterion. Under

the 1973 system, a quarterly intake is too infrequent for the number

of unavailable weeks to be spread out evenly, so we are left with

the weekly, four-weekly and monthly system for the 1973 requirements.
The weekly intake system is then elimated because of the

administrative and teaching problems it would introduce. This leaves

a choice of monthly or four-weekly for the 1973 system and quarterly,

monthly or four-weekly for the 1977 system. At this stage it is a
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question of assessing priorities, since each system has its drawbacks.

The choices that were made by the Simpson were as follows:
1973-1976
During this period the monthly system was used. The actual
system is described in detail in Chapter 3, but suffice it to
say here that this system was probably adopted for reasonms
which were not specifically examined by the Simpson. Many of
the scheduling problems, caused by the complexity of the
irregular system, were no doubt not anticipated when the
system evolved. Its advantages were neatness, in that each
set was labelled with the name of the month of its ar;ival, and
a capability of providing very even staffing on most wards with
a basic plan (referred to as the roster in this thesis) which
was very similar for every girl, and was highly suitable in
terms of the training pattern which was provided.
Its disadvantages were the administrative complexity of coping
with twelve intakes each year from both the planning and
teaching points of view, and the fact that, since the lengths
of service on each ward did not fit neatly into the number of

weeks available for them, it was impossible to use a standard
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repeating schedule which would ensure even staffing. As a
result it was necessary to invent a unique schedule for each
girl to spread out the staff availability, a task of great
complexity whose time requirements were excessive. More will
be said on this subject later.
Post 1977
From the beginning of 1977 a change to a series of quarterly
intakes was commenced. The advantages of this are great from
the administrative point of view. It is now possible to
design standard schedules which can be repeated to give the
required staffing, obviating the need for individual scheduling.
Administratively it is simpler, and above all, the teaching
system is now much more coherent and easily planned. However,
there are disadvantages. The flexibility of scheduling only a
few weeks ahead is lost, since it is harder to make short-term
allowances for unpredictable alterations in staffing levels
caused by absences or nurses leaving and the evenness of
staffing will rarely match that under the old system. The
training programmes are also less satisfactory, since the
schedules have had to be changed from a training-oriented point
of view to one relating more to staffing requirements. For
instance, under the new system it is essential for some girls
to visit the Labour Ward first, after only two weeks of theory,
whereas in the past they always visited either the Ante- or
Post-natal Wards first. Not only is this less satisfactory
from the girl's point of view, giving her less chance to settle
in and learn her way around before being given such responsible

work, but also it is inevitable that the patients will be



attended by some girls less experienced than the girls were

previously.

There is another point which should be cleared up here: it will
have been noticed that the convenient multiples discussed earlier in
this Chapter never added up to exactly one year - in fact with leap
years occurring it is impossible for them to do so. The quarterly
system does have an advantage here. Arrivals occur on the 1lst of
March, June, September and December, giving quarterly lengths in 1977
of 12 weeks 6 days to lst March, 13 weeks 1 day to lst June, 13 weeks
1 day to lst September and 13 weeks exactly to lst December. Thus
although the quarters are almost exactly divisible into weeks, any
odd days can be allowed for by altering the exact time spent on study
each time at the start of the course. Although problems may still
arise if the adjustments are not made judiciously, the discrepancy
will probably be maintained at a lower level than under the old
system, where the intake for one month arrived earlier and earlier
in the previous month as the years passed. It still may be necessary
at some time in the future to have a long week of perhaps ten days in

order to bring the plans back into line with the calendar.

1.4 How many schedules are needed?

Let us again start by considering the extreme cases. The
first is to have a unique schedule invented for each girl. This
method obviously involves a lot of work, but will give in the end,
if successful, the most even staffing possible by any method,
possessing the flexibility to take care of even short-notice
discrepancies. It can be used regardless of how many intakes there
are each year.

The other extreme is to have one standard schedule which is
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applied to all arrivals. Unlike the other extreme, this one is
dependent on there being sufficient intakes to even out the staffing.
An example will best illustrate this point. Suppose that the
standard schedule placed a girl on community work for four weeks
starting in week 26. In order for there to be continuity of
staffing, one group would have to start its twenty-sixth week at the
same time as the previous one started its thirtieth. Thus with a
unique schedule the number of intakes must be such that the time
between each is no greater than the time of the shortest duty
required for the training of each nurse. If we now consider a ward
which has to be visited for a period of five weeks it can be seen
that, with one schedule and the required four-weekly arrivals, the
number of girls on this ward will double for one week in every four
as two groups arrive there simultaneously.

This leads to the conclusion that if differing lengths of
time have to be spent on different wards it will be impossible to
achieve even staffing with only one schedule. 1Indeed it will still
be extremely difficult even with more than one schedule, perhaps
impossible, but at least the variation in staffing levels will have
the potential to be progressively reduced as the number of schedules
increases.

The relationship between length of duty on a given ward and
intake frequency can be taken further. Assume again that community
work is dome for four weeks, but that there is a twelve week period
between intakes. It is easily seen that in order to spread the
work out to provide even staffing for the community section it will
be necessary to have three different schedules. This introduces
the drawback mentioned in Section 1.3 while factor (b) was being

discussed. If it was already decided that the best schedule which



could be devised placed a girl on community work for four weeks from
week 26, then we are now faced with the problem of inventing two
more schedules which are less satisfactory in order to maintain even
staffing. These two new schedules might put girls on community work
for four weeks starting on weeks 22 and 30 respectively. Thus,
although the three schedules put girls on this duty in such a way
that they are consecutive to each other, there is still an eight
week difference between the commencement week for community work
between two of the schedules, over 15% of the total length of the
course.

The situation is complicated still further when the thirteen
week gap between quarterly intakes is considered, instead of the
twelve week period used above. The number of schedules required to
give completely even staffing now jumps to thirteen, providing four
out of the thirteen groups on duty at any one time. Compare this
fraction of four-thirteenths with the fraction of one third occurring
in the previous example. The difference in commencement time between
the extreme groups will now have to rise from eight weeks to twelve
weeks, almost one quarter of the total course length.

Once again we can see that compromise will be necessary. The
more schedules that are employed, the more even is the staffing
provided. Unfortunately here we have two factors in opposition to
this - as the number of schedules increases, not only does the
complexity of administration increase, but also the quality of the
training supplied to each girl falls further and further on average
below that provided by the one or the few ideal schedules, since
girls may be forced to go on to certain wards at inappropriate times

during their courses, where there has been insufficient chance to
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cover the necessary ground in their theory course. The decision as
to how many schedules to use is affected by these factors and also
by the compatibility of the relationships between the length of
visits to each ward and the length of time between intakes as
described above. Thus two approaches are possible. Firstly, it will
be evident that some duties will be more difficult to deal with than
others; for instance a ward or duty which is visited only once by
each girl and for a short number of weeks will be more difficult to
schedule in order to provide even staffing than one which is visited
more than once, for a total number of weeks which is greater. A
problem ward like this might dictate a certain minimum number of
schedules, as in the case of community work described above. This
minimum number may still have to be increased in the light of the
evenness of staffing provided on the wards.

The second approach is to work out the best achievable staffing
for any given structure and number of schedules. Let us take as an
example the quarterly intake system. The mechanics of this
calculation will be explained in more detail in Chapter 8 , but
suffice it to say at this stage that, if each girl goes on a certain
ward for four weeks once during the year, and if there is an intake
every thirteen weeks, then using the most even spread possible the
number of girls on that ward at any time will be four thirteenths of
the size of each intake. This can be achieved when the number of
schedules is unlimited, and if fractions of a nurse are permitted.
However if nurses and sets of nurses are taken as being indivisible,
then completely even solutions will no longer be possible in most
cases. Moreover, if the number of schedules is restricted the
distribution of staffing will become more uneven still, since a

spread of staffing can only be achieved by sufficient variety of
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schedules. Let the example be taken further to illustrate:

During any given quarter of thirteen weeks, one intake will
do its duty on the ward under consideration for four weeks. We
can say that the total staffing available for the quarter is

4 intake weeks.

If we use six schedules, we divide the intake up into six

separate sets. Total staffing available is now 24 set weeks.

We have thirteen weeks in the quarter, so given a completely

even spread we would have 1 11/13ths sets on duty each week.

However, since by definition each set cannot be broken up into sub-
sets, thereby increasing the number of schedules, we must reject
this fractional answer. What it tells us is that for eleven weeks
out of the thirteen there will be two sets on duty, while for two
weeks each quarter there will only be one. This is the best possible
staffing achievable in this situation with six schedules. There is
no guarantee that a plan can be devised which will produce this in
practice, since the staffing for other wards may conflict, but
at least we know what the target is that the scheduler is aiming for.
Thus, without having to produce and design a plan, we still
know what its best possible results will be, and we can press on or
reject it on this criterion. Let us say that the prospect of halving
the staffing on this ward eight weeks in the year was not acceptable.

We could then repeat the calculation for another number of schedules,

say twelve:
Staffing = 4 intake weeks
= 48 set weeks if there are 12 schedules
Staffing/wk = 48/13 throughout each quarter

3 9/13
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It is possible to demonstrate this algebraically:

Let N = the number of intakes per year
tn = the time spent on ward n
S = the number of sets in each intake

The fraction of an intake on ward n each week tn/%%

The number of sets on ward n each week (tn/%%) X S

tn X N X §
52

In the case quoted above the number of sets on ward n each week

will be 4 X 4 X 12 =
52

373

The implication of this wvulgar fraction is that the minimun number
of sets for any week will be 3 (the answer ignoring the remainder),
while the remainder indicates that there will be an extra set
available for 9 weeks out of every 13. So there will be 4 sets on
duty for nine weeks and 3 sets on duty for four weeks in each
quarter. The drop now is only one quarter, but it happens for four
weeks each quarter instead of two. This will no doubt be more
acceptable on balance.

Each different ward can be examined in this way, and the
number of different schedules eventually decided upon would be the
minimum one which still gave an acceptably small variation in
staffing levels. The next step would be to attempt to design a set

of schedules which attained these optimum levels, bearing in mind

that they might not be simultaneously possible for all wards. 1In

the example above, for instance, it might be that the pattern needed

for the other wards forced a solution where for one week there were
only two sets on the ward considered above, and for another week

five.
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There is yet another compromise available when the number of
schedules needed is being assessed. It is possible to standardise
some elements of the schedules and to leave others variable. For
instance, in the case where each girl had an individual schedule
which was only worked out for a few weeks in advance it would still
be advisable to pre-plan which weeks each girl would go on holiday.
Here we differentiate between what we have called "roster" and
"plan" when discussing the type of formulation which schedules
individually. We have used '"roster" to label the pre-decided
elements of each schedule and ''plan'" to describe the week by week
allocations. This is described in more detail in Chapter 3, but
the system which was in use up to 1977, which was incorporated into
our model, used a roster which pre-determined holiday, community
work and night duty times. There were six different types of
roster, and between them they achieved even staffing on community
work and night duty, but rather variable numbers of sets on holiday

at any given time, from one to four.

1.5 Continuous versus discrete allocation

In this context these terms are to be defined as follows. It
is possible to allocate for a short period ahead, continually updating
the scheduling in real time as the weeks pass. A decision made now
will affect planning in weeks to come, but its implications are not
necessarily determined explicity. This is referred to as continuous
allocation. An alternative method is to take a period of time in
the future and make allocations within that period which are self-
contained and do not affect other time periods. This is referred to
here as discrete allocation.

Let us assume that a decision has been made as to how many



intakes and schedules there should be in a given context. These
are now taken as uncontrollable variables, and the problem they
define has to be formulated in such a way as to permit values to be
assigned to the controllable variables. A different approach has
to be made in the case of two different types of formulation. In
one, where a relatively small series of schedules can be devised so
that cyclical repetition will provide even staffing, the allocation
will be done once and for all by manual methods involving pattern
manipulation with some degree of trial and error. In the other,
where individual schedules are invented from week to week a decision
has to be made as to the approach to take.

1.5.1 Continuous allocation

It is possible, both manually and by computer, to design a
continuous system which allocates one week ahead at a time. It can
be seen that a heuristic system has to be used here, since without
the facility for looking ahead to assess the after-affects of each
decision it is impossible to minimise overall staff shortages. 1In
one approach the primary objective is to provide even staffing for
the week being considered (one week ahead) by using the resources
currently available, i.e. the nurses who are so far not allocated
for that week. As a direct result of this, it becomes a secondary
objective to allocate these nurses in such a way that they will
complete all of the duties laid down in their training requirements
by the time they leave the course.

A different approach is to allocate for the week ahead in
such a way that each girl is likely to be able to complete her
training programme, relegating the staffing requirements to the

status of a secondary objective. By this method neither aim will



actually be guaranteed, although usually schedules will be arrived
at which are satisfactory. This method can only be used with the
present allocation problem at the expense of some degree of
inefficiency through overstaffing.

1.5.2 Discrete allocation

In order to introduce optimisation techniques it is necessary
to isolate discrete portions of the problem. To take a very simple
example, if there was a yearly intake there would be no overlap
between groups, so it would be possible to solve the scheduling
problem for one year ahead at a time. An iteration scheme could be
designed which improved the regularity of staffing each time, and
testing for optimality would be easy, using two main criteria.

(1) By one method the optimum levels for staffing would be
known in advance by a series of simple calculations as
described in the section of this Chapter relating to
the choice of numbers of schedules. All that would be
required would be a check at each iteration to see if
these levels had been achieved.

(2) The other most useful criterion would be to assess the
variations between the required and actual staffing
levels achieved at each iteration. If the objective was
to elimate all under-staffing, with over-staffing being
ignored, tnen the optimum point would be recognised when
the sum of all shortfalls equalled zero.

Similarly the absolute deviation from the required level could

be summed and progressively reduced towards zero. These objectives
would be pursued on the assumption that satisfying the training

programmes of each girl was guaranteed by the structure of the
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formulation. This could be achieved for instance by supplying a
list of feasible schedules and devising an algorithm which would
choose a suitable combination of them.

This method of isolating a discrete portion of the problem,
for a specific time ahead, will also work even when there are over-
lapping intakes. It is possible to start at a certain point where,
for example, one intake is starting and others are partially
completed, and to work ahead for a quarter of a year. As long as
the schedules and portions of schedules used are feasible then the
problem is still to minimise some measure of deviation from the
stipulated staffing levels. Thus it is a property of the series of
methods of solving scheduling problems for a fixed period that
they may also be applied to sections of a continuing problem,
either consecutively or with an overlap between time periods which
ensures some form of updating in order to take account of changing
circumstances such as girls leaving half way through their course.

If the discrete unit being considered represents only part
of the total staffing for a period, then overall optimisation will
not be achieved, but in some circumstances it would be an advantage
to ascertain the optimal way of distributing the nurses whose
schedules to date were known, then to add to that the schedules for
more recent arrivals.

This property has proved useful when investigating the
applicability of different solution methods as in Section Three,
since one which is inefficient can be ruled out after a trial with
a reduced and simplified problem, saving the waste of time which
would be associated with formulating each type of approach to the

problem in a way which would cope with the complexity and scale of



of the real problem.

This does not imply that a full scale continuous problem can
be solved by decomposing it into smaller parts; rather it means that
any method which fails to work at the simple level will certainly

not work at the more complex.



CHAPTER 2

2.1 Introduction

In this Chapter the constraints affecting the aspects of the
problem discussed in Chapter 1 are discussed in greater detail, with
differentiation bging made between the situation as it existed in
1973 and as it has evolved since 1977.

At this stage it is useful to list the different types of
ward or department which a girl is likely to visit during her
course, since their individual characteristics determine many of the

scheduling rules.

WARD 49: This is the Pre-natal Ward where patients stay before
the birth. The reason that some mothers come in for
a while before the birth has already been referred
to: this hospital takes a number of cases where
complications are expected. The seriousness of the
complications varies, but many (high blood-pressure
in the mother for instance) might make it advisable
to monitor the progress of mother and child before
the birth. About a quarter of the trainee nurses
start their training on this ward.

WARDS These are the Post-natal Wards where the patients

51.52,53:

receive after-care. Girls who do not start their
course on Ward 49 will start on one of these wards.

WARD 54 : This ward is for patients who need to be kept in

isolation, for patients with temperatures and for
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terminations of pregnancy.

LABOUR WARD: While each girl is here she is expected actually to
perform a certain number of deliveries as well as
assisting at others.

SPECIAL CARE This is not actually a ward, but is the department

UNIT:
where all critical cases are handled - babies who

are premature or are not well for some reason or

another.

All of these wards require a certain minimum staffing level
for night duty as well as for day duty. Their requirements will be

discussed in more detail in Section 2.6.

OUT-PATIENTS : This department needs a certain number of trainees
during the day but is not open at night.
DISTRICT WORK For a spell of four or five weeks each girl will do

also known as
COMMUNITY some district nursing outside the hospital. Despite
WORK :
the fact that it is outside it is still a necessary

part of the course.

2.2 Generation of a simple course structure

Now that we know more about the types of work which a girl will
do on the course we can start to define some simple criteria governing
the order in which she visits each ward. Before we start to generate
a structure, however, two points should be made clear:

(1) The criteria which will be discussed and the descriptions

of the training which will be given, in the rest of this
Chapter relate to the external constraints which obtained
in January 1973. An attempt will be made to generalise

and to explain the rationale behind the 1973 course



structure as implemented by the staff of the Simpson in
order to facilitate understanding of the various
influences which governed the form of the training
programme. Later, when dealing with the computer model,
many of the rules of thumb discussed here will be adopted
as fixed constraints.

(2) This Chapter is not intended to be a complete description
of the problem but instead should act as a general
introduction to a series of concepts which will be
discussed in more detail, and from a more quantitative
viewpoint, in the next Chapter. A deeper assessment of
the validity of these concepts will be made in Chapter 3.

Let us now set out a few simple rules which will affect the

order in which a girl visits the various wards. These are not
necessarily binding, but are factors which helped to shape the
course in 1973.

221 Some simple rules governing course structure

(1) A trainee should only visit a certain ward when she has
learnt enough from her lectures and her experience on
other wards to perform her job competently.

(2) A trainee should only do night duty once she has achieved
a sufficient general understanding of the work, since at
night there are fewer other people about to help her.

(3) If a trainee visits a certain ward early on in her course
she is likely to learn less from the experience than she
would do later, with the aid of more theoretical knowledge.
On the other hand, the theoretical training will be more

easily absorbed if she knows what conditions are like in



(4)

(5)
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practice.

A trainee is likely to learn less if she is moved
frequently from ward to ward - she will have less
opportunity to settle in and learn the routine in any
one place. The standard of service which she provides
is also likely to suffer. Let this stand, therefore

as a proviso to rule three - that a trainee should be
moved as few times as possible.

A trainee should not start a spell of night duty at the
same time as starting a spell of work on a new ward -
the move to the new ward should occur at least one week
before the commencement of night duty in order to let
the girl find her way about. This is for the same
reason as (4) but is more specific in its application.
The rule is broken sometimes in practice, but this will

be dealt with later. .

These rules can be divided into two categories:

NEVER BROKEN - (1) Practice should be preceded by sufficient

DESTRABLE

theory. ( See 1 above.)
(2) Night duty should be undertaken only when the
nurse is sufficiently experienced to work alone.
- (3) Each ward should be visited more than once.
(4) As few changes as possible should be made.
(5) When night duty is to be done on a certain ward,
the move to that ward should be at least one

week prior to the change to night duty.

22252 The implications of these rules

Let us take these rules one by one and see what concrete ideas



are suggested by each.

Rule 1:

Rule 2:

Rule 3:

Rule 4 :

Rule 5:

The first type of ward to be visited is critical,
since it represents the first practical training

of the course. At this stage the student nurse's
practical experience will be least. An inspection
of the list of wards indicates that Ward 54, the
Labour Ward and the Special Care Unit require
specialised skills. Ward 49 is slightly more
complex than the three Post-natal Wards, but is
still within the capabilities of a trained nurse.
The course should therefore start with a session on
any one of Wards 49, 51, 52 or 53.

District work should be undertaken only once a

girl has visited every type of ward at least once,
so it will need to be dome about half way through
the course, if not later.

This rule would prevent us from putting a girl onto
night duty as soon as she arrives at the hospital,
but would let her do such work after she had been
there for a few weeks.

The problem can be alleviated by arranging for each
girl to visit each type of ward more than once.

The effect of this rule is to limit the number of
visits to each ward to two if possible.

This prevents us from starting a block of night duty
immediately after a block of district work or holiday,
since it would then be impossible to do one week of

day duty on the same ward prior to the change.



It has now been established that each ward should be visited
twice if possible, with the two visits as far apart as possible to
allow for the absorption of theoretical knowledge between the two
periods. Each duty should therefore be performed once early, and
once late, in the course. The course requirements1 provide for a
three week holiday during the course. The logical conclusion to
be drawn from the above rules is that each ward should be visited
once before the holiday and once after it.

The criterion in Rule 1 relating to district work places
that duty sometime after the end of the first half. Since there
is a natural break in the course there anyway it would seem reasonable
to do the district work either immediately prior to or after the

holiday.

2.3 A suggested general course structure

Using these rules we can now draw up a schedule which looks
like Table 2-1.

Several points arise at this stage which need further
explanation. Extra information needs to be supplied to explain a
differentiation between Wards 51,52 and 53, and the others. This
is as follows:

(1) Wards 51, 52 and 53 are all Post-natal Wards and are
thus similar in most respects. For this reason only
one needs to be visited although all three could be.
We can therefore classify the three together as being
one type of job, a visit to a Post-natal Ward being
viewed in the same light in terms of training as a
visit to one of the other single wards.

(2) Although special midwifery skills are needed in these

wards, a fair proportion of the work could be described



Night duty to be done  District before Night duty to be done
Course

no earlier than this or after holiday  somewhere in this half
starts point
| | Vo !
S P / /I\ L > J
Wards 49, LW,SC540P to be done . LWSC,540P 49 to be done
51,520r53 once each.Rest of time Holiday  once each. Rest of time to
to be spent on 4%, 5152,53 be spent on 951,52 and 53
Simple block schedule
Course Night duty to be done Night duty to be done
starts : : . .
ey " no earlier than this somewhere In this half
nly war : Lali i
49’%1’52‘53 J/pomt Holiday \L Holiday
/____)_‘ ‘b
\ . J Ao . J
LW,SC,540P 49 1o be done once each. District W SC,540P 49 to be done once
Spare weeks 1o be spent on 49,5, 52, 53 Spare weeks to be spent on 5152,53
TABLE 2-2

More specific block schedule

Night Night | Hol { Dist Night Hol

All unmarked sections are day duty

TABLE 2-3
Actual block schedule, 1973
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as general nursing, and therefore

these wards can be treated less stringently than the
others. Although it would be extremely inadvisable
from the point of view of continuity to do a single
week on say Labour Ward and then move on again, it is
more feasible for this to be done with a Post-natal
Ward. This puts Wards 51, 52 and 53 into a category of
greater flexibility than the other wards. In practice
the spells of duty on the other wards (referred to here
as the Special Wards) are shuffled about within the
available time, with the spare weeks remaining being
spent on the Post-natal Wards. This explains the legend
on Table 2-1. In the first half, all the Special

Wards need to be visited once - Labour Ward, Special
Care, Out-patients, 54 and 49. Ward 49 is unique

among the Special Wards in that a girl can start her
course on it, but if she starts instead on a Post-natal
Ward she will still need to visit Ward 49 at some time

in the first half.

2.4 General course structure used by the Simpson in 1973

This Section will describe the general course structure which
was in use in 1973. Although several variations could be devised
which would be consistent with the rules stated above, the system
actually used was at least as simple and logical as any other. The
rationale behind each non-arbitrary decision will be explained in
order to assist with the description of the system rather than to
attempt to justify it.

The Central Midwives Board required there to be five weeks of



holiday on the c0urse2. It was decided by the Simpson that two of
these weeks should be at the end of the course. The reasoning
behind this is that any girl who has missed some of the course
through illness or for any other reason can work on through her final
holiday to cover the training which she has missed. This leaves
three weeks holiday for the midle of the course.

The C.M.B. (Central Midwives Board) asked for four or five
weeks of district works. It was decided arbitrarily by the
Simpson that these weeks should follow the holiday.

On the basis of the above extra information it is now possible
to draw up a more specific general structure for the course - see
Table 2-2.

The training 1:'.c-_gu1an:ionsl+ stipulate that each girl should do
thirteen weeks altogether on night duty, and the organisers of
this course have decided that the most suitable method of breaking
this up is to do it in three sessions, two of four weeks and one of
five. Since the period of district work is included in the second
half it might seem reasonable to do only one spell of night duty
in the second half, with two in the first. The way that this has
been done is shown in Table 2-3.

At this stage one might ask why it is necessary to determine
in advance the parts of the course where night duty should be done.
Why not leave the system in a more flexible state? The answer is
that this structure of the course has to dovetail with the
programme of lectures which the girls attend. If a girl is on
night duty she is unable to attend theoretical study so it is
better if the whole class goes on night duty together and takes a

break from lectures.



2.5 Fixed versus flexible course structure

Using the definitions as defined in the previous Chapter,
the type of allocation practised by the Simpson was continuous
allocation; decisions would be made and updated from week to week,
only a short time, typically one to ten weeks, before their
implementation. As a result it would not be possible to tell
a new trainee in advance what ward she would be on three months
hence. This system was very flexible with regard to the way in
which it could cope with short-term fluctuations in staffing.
However, in order to plan ahead for such factors as holidays and
district work, which affect the overall numbers available for
ward duty at any given time, and night duty and lectures, which
have to inter-relate, it is necessary to have an underlying
course structure which is pre-determined.

Henceforth we shall refer to the fixed course structure as
"roster'". This term has been adopted because the hospital staff
did not have a specific name for it. Table 2-3 shows the general
form of the roster for one girl, Later we will be combining these
for a number of girls, and will be more specific as to the
durations of the different sections of the course.

The more specific type of schedule, showing which actual

ward a girl is on for a given week will be called the '"plan'".

2.6 Summary of general staffing requirements

We have now covered the general structure which a girl's
course will follow. We have looked at some of the basic pressures
which help to shape the course. In the next Chapter a specific
description will be given of the way in which the hospital

actually runs the course, including details of the staffing levels
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achieved in practice.

So far we have looked mainly at process constraints - those
which affect the training which each girl receives. Now let us
look at the loading constraints - the factors limiting the staffing
levels within the hospital.

Although this is a description of the general situation and
problem of the hospital's solution, it is apparent that it is
worth introducing specific figures at this stage, since they
relate to staffing levels which have been discovered from experience
to be needed (See Section 2.11 of this Chapter). Thus they are
constraints belonging to the situation rather than to the hospital's
method of scheduling. In all cases but out-patients (and district
work, which is a special category, being external) there are two
sets of figures, one for day duty and one for night duty. These

sets are subdivided to give a minimum and an optimum figure for each

ward :
WARD 49  51,52,53 54 SC LW OP DISTRICT
Op timum 12 8 4 10 15 8 12
DAY
Minimum 11 7 4 9 14 7 6
Table 2-4
Op timum 5 5 2 6 6 - -
NIGHT
Minimum 4 4 2 5 5 - -

Required staffing levels for student nurses as
determined by the staff of the Simpson as at 1973.
(For a discussion of the process by which these

staffing levels are determined, see Section 2.11).

Several points are raised by this Table.
(1) No maximum figures are given. There are limits to the

number of girls who can work on a ward, set by a number



of factors. The first is the fact that wards could be

overcrowded with staff. This is not going to be critical

unless the overstaffing was very great, causing a

shortage in staff facilities for that ward or creating

a situation where nurses get in each other's way. The

second is that, since each girl is meant to be learning

from her experience she will need a realistic share of
the workload. This will be most critical in the Labour

Ward where each girl actually has to perform a number of

deliveriesf‘ Overstaffing there will mean that there are

fewer deliveries for each girl, with the possible
consequence of some failing to complete the minimum
training requirements.

However, it can be seen that in general the maximum

staffing loads will be less critical than the minimum.

In the case of an understaffed ward there is going to be

a reduction in service to the patients, with a possible

risk of danger to life, either of the mother or the child.

In practice, therefore, no maxima are quoted. However

this does not cause the system to go out of control, for

two reasons:
(i) The allocators attempt to keep the figures as near
to the optimum as possible.

(ii) Because of the general balance of the system a case
of overstaffing at one point would be matched by
understaffing elsewhere. Since the latter case is
critical it would be rectified or prevented,

thereby correcting the original overstaffing.

s
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and is also in competition with medical students



(2) The minimum is usually only one below the optimum. This
suggests that the task of obtaining the exact number of
girls wanted in each ward each week is quite critical,
In practice the actual number placed on a ward will
exceed the optimum by one or two girls in quite a high
percentage of cases. This will be discussed in
Chapter 3 as part of the assessment of the hospital's
solution.

(3) In the case of Ward 54 the minimum and optimum figures
are the same, both by day and by night. 1In fact these
figures also count as maxima in practice, so for the
purposes of the formulation of the problem they can be
taken as fixed staffing requirements.

The reasons for this are mainly ethical. Since most of
the work on this ward concerns abortionmns, thé staff in
charge of the Simpson feel that as few student nurses
should work there for as little time as possible. This
kind of work is unpopular with nursing staff as it goes
against not only the raison d'étre of the hospital but
also the sense of vocation of the nurses. As a result,
the staffing level of four is the minimum number which
will permit this ward to be staffed on a continuous
basis, and is not exceeded in practice.

Since the service to the patients at the Simpson needs to be
provided on a continuous basis it is necessary to spread out the
weeks of holidays, district work and other ward duties throughout
each year. The merits and demerits of using greater or small numbers

of intakes each year have been discussed in Chapter 1, where it was



explained that, although the use of twelve intakes a year possessed
some qualities of neatness, the irregularity of the schedule
structure precluded the use of standard repeating solutions to the
problem. In that Chapter the calculations governing the number of
intakes and schedules required to give even staffing were explained,
and it was mentioned that, in the case of a system where twelve
intakes a year were used, it would be a good idea to fix some
aspects of the course in advance and leave others flexible.

It can be seen that, although even staffing can be achieved
either by increasing the number of intakes or by subdividing each
into a great enough number of schedules, a satisfactory solution
can really only be achieved by a blend of the two aspects.

To illustrate this point, it would be possible to obtain
fairly even staffing with regard to holidays with only one intake
each year, but in order to do so, some girls would have to go on
holiday for the first few weeks of their course! It was also
demonstrated in Chapter 1 how the experience levels of the staff
would fluctuate wildly from one period to the next.

With a greater number of intakes each year it is possible to
make the structures of each schedule more similar to each other
while still giving an even spread of staffing. This was one of the
priorities of the 1973 system - the training patterns followed
fairly -strict rules, but the use of twelve intakes allowed even
staffing to be provided with only six basic patterns of roster.
These are given in Table 3-2 in the next Chapter.

The fact that many of the blocks of duty contained within the
Roster have durations of four or five weeks would tend to suggest

that even staffing might be achieved with one type of roster for
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each intake, so that twelve different groups were on duty at a

time. In fact at that time it was considered desirable to have

some overlap éach time that a new group arrived on a given ward

and another left. Generally it was wished that the old girls, or

some of them, stayed on the ward concerned for a week after the

new girls had arrived in order to smooth the transition and help

the new girls. To this end it was necessary to subdivide the

twelve intakes each into two half sets. The mechanism of this
arrangement is explained in the next Chapter where the hospital's

1973 solution is explained.

2.7 Controllable and uncontrollable wvariables

In Chapter 1 it was explained how some aspects of the problem
could be treated either as controllable or uncontrollable variables
depending on the priorities and external influences on the problem
at any given time. The factors affecting the problem in 1973 have
now been as;essed, permitting the following distinctions to be
made :

2.7 Uncontrollable wvariables

The number of intakes per year.

The number of groups per intake.

The total number of girls.

The number of girls per intake.

The length in weeks of the course.

The number of weeks to be done on each ward in each half of
the course.

The number of weeks of night duty to be dome,

The number of weeks of district work to be done.

The number of weeks of holiday to be done.



As well as these variables there are a series of precedence
rules governing the sequences of training permitted, affecting
both the structural aépects such as roster and the decision aspects
such as plan. Henceforth these words ("roster'" and '"plan') must be
distinguished from two programs "ROSTER" and "PLAN". These
programs are part of the large-scale simulations of the problem,
defining the range of options available in each category. In the
case of ROSTER, the precedence rules are specified in a fixed form
by defining the six patterns of roster which are permitted but
with PLAN the rules serve merely to modify the vast range of
possible course patterns which are possible. The rules will be
summarised below.

2.7.2 Controllable variables

(1) The ward which each girl will be placed on each week.
This deceptively simple statement disguises the actual approach
which is usually adopted:

Is this girl already allocated this week?

If not, which ward should she go to?

How long should she stay there?
On the other hand it is also possible to approach the problem by
defining a set of feasible schedules, in the same way as the
rosters were defined. The disadvantage of this is that whereas
there are six rosters, each of which is used in rotation with the
others, in the case of PLAN there will be an extremely large
number of possible schedules. There are roughly forty thousand
sequences in which the wards can be visited, and each sequence can
give rise to more than one schedule since the length of each visit

to a ward can vary. This figure is based on explicit listings of
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schedules which were devised for the two halves of the course
during the design of an early computer model of the scheduling
system. These are discussed in Section 4.5.1.

Thus two girls can perform their visits in an identical
order, yet one may spend three weeks on a certain Post-natal Ward
at the start of her course and the other four, doing one less
week of ante-natal during the second half of her course. The
schedules for the two girls will be radically different in that
they will only be on the same ward together for about thirty five
weeks in the year.

Despite this problem it is possible to define a set of
feasible schedules which are selected to be compatible with one
another, or to use some sort of system for generating feasible
schedules which suit the problem at a given stage in its solution.
The approach will be described in Chapter 7. Using this sort of
method the other decision variable is:

(2) The schedule which each girl will be placed on.

2.8 Summary of data for the 1973 system

It is now possible to summarise the rules, constraints and
data for the 1973 problem, although specific values for some of
the constraints will not be stated here but will be explained in
more detail in the next Chapter.

Summary of the constraints for 1973 system

Number of trainee midwives present at any time 144 approximately
Number of intakes per year - 12

Number of rosters per intake - 2

Number of girls per half set 6 approximately

Length of course 52 weeks



Training requirements ( - weeks per nurse):

lst half 2nd half
Ward ; of course of course Total
49 24 = 3 > 7
Post-natal Z 13
54 < 2% < 2% < 4
oP =2 > 1 = 3
w = 4 2 4 2 8
SC 24 2> 2 2 6
Holidays 3 2 5
District - 4 or 5 4 or 5
Night Duty > 8 2 4 13
Staffing levels:
DAY NIGHT

Ward OPT MIN QPT MIN

49 12 11 5 4

51, 52, 53 8 7 5 4

(each)

54 4 4 2 2

oP 8 7 - .

w 13 14 6 5

SC 10 9 6 5

District 12 6 - -

ROSTER

Roster pattern as described in Section 3.3. and in Table 3-3.

Sequencing rules

These are investigated in Chapter 3 and summarised in

Section 3.7.

o
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* The requirement here is that no nurse should stay on Ward 54
for more than two weeks in either half. Work on this ward is not
compulsory and ﬁay be refused on ethical or religious grounds. See
Staffing Requirements, point (3), in Section 2.6.

Table 2-5

2.9 A comparison of 1973, 1977 and proposed future staffing levels

Appendix 2 gives in full the text of the October 1975
recommendations for the revision of training for student midwives.
This revision was made necessary by the policy of the E.E.C. of
unifying standards throughout the member countries. It is this
requirement which has heralded the change of emphasis towards a
training - rather than service-based system. The old system struck
a balance between the two which permitted both aims to be met
simultaneously. The E.E.C. directives are solely aimed at providing
the required amount of clinical experience for each girl, and take
no account of the contribution which she normally makes to staffing
levels. As a result, the changes recommended have had a tendency
to place girls for longer periods on the Special Wards, where they
may not be needed, and take them away from Ante- and Post-natal
Wards, where their general nursing training allows them to
contribute soonest and most safely to the staffing of the hospital.

Because of this incompatibility, the senior staff of the
Simpson have so far resisted pressures to comply in total.with the
E.E.C. recommendations, but have instead moved only as far towards
them as they feel they can without jeopardizing the levels of care
provided to patients, although the staffing levels in some wards
have in fact been forced down.

The main change is that the theory teaching is now done in



blocks of study weeks rather than interspersed with the practical
training work. Nine weeks of the course are now devoted entirely
to theory. That the number of weeks each girl is available to
work on the wards appears to have been reduced by nine is slightly
mitigated by the fact that the girls do not have to spend a day
per week while on ward duty in going to lectures and studying.
However the actual number of days spent on study has been increased
from thirty five to forty five, so in effect the hospital has two
ward weeks per girl less to staff the hospital with. Under the new
system the Out-patients department is considered together with the
Ante-natal Ward, so in the following tables this adjustment has
been made throughout for consistency.

The E.E.C. reccmmendation55 as to the length of time each
trainee midwife should spend on each ward compared to that under

the old system is as follows:

Theory OP+ Post-
(days) LW 49 SC natal Nights District
1973 System 35 g 1o o=71 13 13 4-5
E.E.C. 45 10 10 6-7 8 8 4
recommendations L weeks )
Table 2-6

From these figures, knowing the number of girls who will be
present in total, it is possible, using the methods outlined in
Chapter 1, to calculate how many girls will theoretically be
available each week for each ward. Before doing so, we shall
introduce the set of figures which the hospital wants to aim for

during a transition period:



OP+ POST-
W 49 sC NATAL NIGHTS DISTRICT
WEEKS : 9 - 8 5 12 8-9 4
Table 2-7

These figures will be used to produce the 'theoretical best"

figures for the 1977 system, but another set labelled the '"real
figures" for 1977 are those achieved by a scheme proposed by Blacke.
The 1973 ''real average' figures are compiled from the Simpson's

training records for that year. The following tables show by

comparison the implications of the training scheme proposed by the

E.E.C.7

STAFFING LEVELS
LABOUR WARD : ) DAY NIGHT TOTAL
1973 system optimum 15., 6 21.
1973 system real average 1543 6 2143
E.E.C. recommendations 21.7 6 2Tad
1977 system real figures (11) 18-24 (¥ 6 (11) 24-30 (2)
1977 system theoretical best 18.9 6 24.9

Table 2-8

SPECIAL CARE : DAY NIGHT TOTAL
1973 system optimum 10. 6 16.
1973 system real average 10.5 6 16.5
E.E.C. recommendations L2 6 18.
1977 system real figures (9) 6-12 (4) 6 (9) 12-18 (4)
1977 system theoretical best 7.8 6 13.8

Table 2-9



ANTE-NATAL (+OP): DAY
1973 system optimum 20.
1973 system real average 24,1

E.E.C. recommendations 22.7

1977 system real figures (4) 12-18 (9)

1977 system theoretical best 16.2
Table 2-10

POST-NATAL : DAY

1973 system optimum 28,

1973 system real average 29.5

E.E.C. recommendations 17.2

1977 system real figures (6) 24-30 (7)

1977 system theoretical best 2742
Table 2-11

NIGHT

66

TOTAL

25,
294
2744
(4) 18-24 (9)

22.2

TOTAL

45.
46.5
22,2
(6) 30-36 (7)

33.2

*Where two figures are shown for the real figures under the 1977

system these refer to the staffing levels achieved by the scheme

devised by Blacks.

This scheme is described in full in Chapter 8.

Under this system the staffing varies, and is either one or the

other of the figures given, but never in between.

The figures in

brackets on either side of the two figures linked by the dash indicate

the number of weeks out of thirteen that each applies.

In the cases of Labour Ward and Special Care the E.E.C.

recommenations produce a rise in the staffing supplied by student

midwives.

These figures have all been arrived at by calculating

what change in staffing would occur as a direct result of putting

each nurse onto each ward for the number of weeks they recommend.

The Black system falls on either side of the level inferred from

E.E.C. proposals in the case of Labour Ward, but below the inferred



level in the case of Special Care. The drastic fluctuation
between six and twelve girls will be discussed further in

Chapter 8. in the case of Ante-natal, the reduction is even more
than the E.E.C. would require, but the reason why these reductions
have had to be made become clear when the figures for Post-natal
are examined. If the E.E.C. recommendations were carried out,
with the inherent shift from post-natal training to the more
specialised duties the result would be that staffing supplied by
student midwives would drop from an average of 29.5 during the day
to 17.2, and from 17 at night to 5. The hospital has chosen only
to go part way with this, mainly by reducing the staff on night
duty, but in order to keep enough girls on post-natal duties it
has had to make some reductions elsewhere; in the case of Special
Cafe, where they can ill be afforded. The reason why shortages are
so critical will be explained in the next section, but basically

a certain minimum number of girls have to be on a given duty for

a given week before round-the-clock staffing can be provided - any
shortfall below the critical number will not just cause fewer
girls to be available, it will cause there to be none on duty for
a shift instead of ome.

Although actwm 1l figures have been quoted from the Black
system, the derivation of these does not concern us at this stage;
the point being made is that the E.E.C. rules have not yet been
accepted in full. While certain concessions have been made to the
E.E.C. norm as part of a gradual transition the hospital is hoping
that it will not be forced to change all the way. This means
that staffing levels are not fixed and uncontrollable. Instead,

discretion has to be used when choosing suitable values for



staffing levels and then trying to design a set of schedules which
achieves this target. Since the hospital has defined a new set of
required-lengths of training as an interim proposal, and these are
the parameters used by the Black scheme, we too shall adopt them

for our proposals.

2.10 Summary of constraints for the 1977 system

Thus the proposed alterations to the training scheme have
a direct repercussion on the theoretically best achieveable staffing
levels. The other main effect of the changes has already been
assessed in Chapter 1 - the separation of the theory work into
exclusive weeks of study has so altered the balance of the problem
that it now becomes possible to achieve even staffing with a scheme
using quarterly intakes. Despite having some drawbacks this
system would seem to be an improvement in many ways over the monthly
intake scheme. As a result of this several uncontrollable variables
under the 1973 system become controllable variables under the new
scheme, and the problem becomes less closely defined in many ways.
The following summary indicates what rules have been established so
far.

Summary of constraints for the 1977 system

Number of trainee midwives present at any time 144 approximately

Number of intakes per year - 4

Length of course 52 weeks
The number of sub-groups per intake and the size of each is now a

decision wvariable.

Training requirements/




Training requirements :

Ward Weeks
49 + OP 8
Post-natal 12
+ 54
LW 9
sSC 3
Holidays 5
District 4
Night duty 8-9
Staffing levels:
Ward Day Night
49 + OP 16 6
Post-natal 27 6
+ 54
LW 19 6
SC 8 6
District 10 -

ROSTER As defined in the Revision of Training recommendations,

October 1975 (Appendix 2).

Sequencing rules Will be discussed and defined in Chapter 8.

Table 2-12

2.11 Determination of staffing requirements

The determination of staffing levels is an extremely difficult
subject at the Simpson. Attempts have been made to establish a set

of rules which govern the levels of staffing required on different



wards, notably by McFarlaneg. One system commonly applied is the
Aberdeen formula10 named after the region where it was developed.
The rationale behind these systems is that the level of nursing
care which is needed is closely linked to a series of identifiable
factors. For instance patients are classified with regard to the
amount of care they need and the seriousness of their case - are
they bed-ridden, in wheelchairs, or able to walk? Are they
incontinent? Are they able to turn over in bed without assistance?
Factors such as these can be assessed, then the formula determines
an overall likely work load for the entire ward, enabling a
decision to be made as to the number of staff needed, and their
required skills.

Unfortunately the Simpson has not been able to obtain or
develop a model which gives meaningful results for a maternity
hospital, and prefers therefore to use knowledge gained from past
experience}l If adequate numbers of staff are available this method
works very efficiently, but there is still the underlying problem
that the work load is unalterable and the budget for the overall
staff wage bill is fixed. 1In fact pressures are applied from
time to time by the govermment for the Simpson and other hospitals
to cut back on the size of the establishment. As a result, if
extra nursing care is required in one department it can only be at
the expense of a reduction elsewhere, or by reducing the average
level of experience and qualification of the establishment as a
whole, to obtain more staff for the same money. This tends to
eliminate the usefulness of any system which produces a series of
ideal staffing levels, since they will often be impractical.

As a rule of thumb there should be five staff to every child



in an intensive care unit and three staff to every child otherwisell.
As mentioned in the previous Section, it is easier to identify
a critical number for staffing if, for instance, at least one nurse
has to be on duty round the clock. When the lengths of shifts are
taken into account plus the effects of working only five days out
of seven it becomes necessary to have five girls allocated to a ward
to ensure that at least one is constantly on duty. Thus five is the
absolute minimum for any given staffing unit. However, as mentioned
above, in many cases staffing levels are dictated by necessity
rather than by choice, so in this thesis the staffing levels which
have been aimed for are those quoted as being satisfactory by the
senior staff of the Simpson. Obviously extra staff cannot be
produced if they are not employed by the Simpson, and if the money
is not available to increase the size of the establishment. A much
more realistic aim is to plan the scheduling so that the best use
is made of the staff available. The best way to do this is to
produce a system which provides the most even staffing possible
rather than alternating between over- and under-staffing. Since the
theoretical best levels of staffing can be calculated from the
number of staff present and the number of weeks worked on each ward
according to the training schedules, as described in Chapter 1, the
target is already known, and the objective of any scheme must be to
approach this theoretical target as closely as the integer restraints

of dealing with nurses permit.



CHAPTER 3

THE EXISTING SOLUTION AT JANUARY 1973

3.1 Introduction

In the previous Chapter the general situation has been
described, and the framework of the problem, partly determined by
external factors, partly by the conscious decisions of the hospital,
has been established. 1In this Chapter the 1973 solution will be
dealt with in a more specific fashion.

(A) This Chapter will describe the rules used by the staff

of the Simpson to solve the problem, and the methods by
which they apply those rules.

(B) Actual numbers will be introduced.

3.2 Practical use of Roster

In the last Chapter the need for am overlap between different
groups on a ward was explained. The choice of twelve intakes in a
year, and the use of blocks of work of four and five week durations
tends to lead to a situation where the staffing pattern has no gaps.
There is no overlap since an entire group leaves a certain duty at
once and is replaced for the next week by a totally new group.

It was also pointed out that the fewer the intakes in a year,
the greater the number of different rosters needed for each intake
would be, in order to obtain even staffing levels.

We have now demonstrated that twelve subdivisions in a year

gives even staffing, but the hospital found that to get an overlap
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at each changeover a further subdivision was needed. Each group
was therefore divided into two half sets. The following table
demonstrates this point:
23 24 25 26 27 28 29 | WEEK

NOVEMBER{ N N N

INTAKE
N N N N
DECEMBER N N N N
INTAKE

N N N N = NIGHT DUTY
Table 3-1
This diagram shows only the changeover point an& not the whole spell
of night duty for each group. It shows how half the November set
leaves after week 25, leaving the other half set to help the new-
comers from the December set along. These people in turn can help
the second half of their own set. The above example also serves to
illustrate the terminology used by the hospital. Each intake group
is called a SET, and is referred to by the month in which it arrived.

The intervals between the arrival of successive groups are not
even since twelve does not divide evenly into fifty-two weeks. Every
third interval will be for five weeks instead of four. This suggests
that the minimum number of sets which can be represented in an
overall roster is three. To put this another way, there will need
to be three different roster patterns, but this block of three can
then be repeated for successive intake groups. Since the sets are
divided into half sets to provide continuity at the changeovers, it
is apparent that in fact we will have six basic roster patters,

combining to form a unit which is repeated every thirteen weeks.

3.3 The actual roster

The roster in use over the period being considered is
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1972 1973 1974
DEC JAN FEB MAR APR MAY JUN JUuL AUG SEP OoCT NOV DEC JAN
L3 ]10017 h.v_u_l\‘?n“ 28l 4 (il istasl 4l islasl 1 |2 lislazlze] 6 [13|ze 27| 3 |10 |1y |24] 1 |8 |rs|zz]2q| 5 [ fesf2 [ ]06]23|50] 7 |14 |21 |28]4 |0 | 1B]2s] 2|9 |14 {23 30| & [ 13]20]27]| 3

LILEZ NINININ NINININ|LILIL [DID|DID|DINININ N [N LIL N
LILE N{ NININ NIN[N[N{LIL{L |D|DID|D{DIN|N|N|N{N LiL
L|L NINNIN NININININ|L[L[L |DIDID{D] [NIN[N|N LU
LIL NIN|N|N NININ|NINIL[LIL [D[DID[D| [NIN|N[N 1B
N L|L NININININ NININ[NIL [LIL [DIDIDID] [NINININ
NIN LiL NININ[NIN NINININ[LIL |L[D|D[D{D] [N[N|N[N
ININ[NIN LI ININININ NINININ[L [L|L |D|D{D|D|D{N[N|N|N[N
D| [NINININ LIL NIN[N N NINININJLILIL [D[DID{DID|N[NIN[N [N
DIDIDID| |N|N|N|N LiL NIN|IN|N NIN[NIN[N[L[L|L[D|D{D|D| [N|N[N|N
L [D|DIDID| [N|N|N|N LIC NIN|IN|N NININININILIL |L |DIDIDID] [N[N[N|N
NIL[L|L|D|DID|D] [NIN[N|N LIL NIN[NININ NINININ[LIL[L[D[D[D[D]| [N]|N
NINILILILIDIDIDID] [N[NININ LiL INININININ NIN[N[NIL|LIL [DIDIDID] |N
NINININILILIL [D|DID|DIDIN[N|N[N|N [B/iw NININ [N NINININ|L L [L |D|D|D
NIN[NINILIL [L|D|DID|D{DININ |N[N|N LiL NIN[N|N NIN{NINILILIL|DID
NININ[NIN[LIL L [DID[D|D] [N[NININ 5L N N{N [N NININININ L
NININININILIL|LIDIDIDID] [NIN|NIN [mjie NININ [N NIMNINININ
NINININILIL L [DIDID|D] [NIN{NIN LiL NIN [N[NIN N
NIN[NINIL [L[L[D|D[DID] ININININ LIL NININ|NIN
N NIN[NINIL|LIL|D[DID|DIDIN|NIN[N|N LIL N NN [N
NIN NINININ[L|L{L|D{DID|DID|N|N|N|N|N LILA N{NJN [N
NININ|N NININ[NIN[LILIL|D{DID|D] [NININ|N EilE NINININ
NINININ NIN[N|NIN[LIL|L [D|D|D|D] [NIN[N|N L[L NININ [N
L NININ [N[N NINININILILIL[D|D[DID] INININ|N L |L NIN|NNIN
L N[N [NIN[N NINININJLILIL [DIDIDID] ININININ L NINININ
TABLE 3-2
Actual 1973 roster
N = Night duty
D = District Note irregularities caused by uneven lengths of years

L = Leave
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reproduced in Table 3-2. The number of weeks spent on each duty

for each of the six basic roster types is shown in the following

table:
NI- NI- LE- DIST- NI- LE-
DAY GHT DAY GHT AVE RICT DAY GHT DAY AVE : TYPE
Sets lst half 4 4 13 4 3 5 0 5| 12 2 1
1,4,7 etc. set
2nd half 5 4 13 4 3 5 0 5 L 2 2
set
Sets 1st half 4 4 13 | 5 3 4 I 4 12 2 3
2,5,8 etc. set
2nd half 5 & 1318 3 4 1 4 11 -2 4
set
Sets 1st half &4 |5 |13 4 3 4 1 4 12 2 5
3,6,9 etc. set
2nd half 5 5 13 4 3 4 1 4 11 2 6
set
Table 3-3

The differing numbers of weeks done on the first batch of day
duty establish a staggered effect between the two halves of each
set which is eventually compensated for in the last session of day
duty. All girls do thirty weeks on day duty except those in the
first set (types 1 and 2) who replace one week with an extra week of
district work. This longer session on district for one set in three
is needed to provide the overlap and continuity of staffing through-

out the year. The following table illustrates this point:



TOTAL WEEKS DISTRICT
DONE BY EACH

SCHEDULE EACH COLUMN REPRESENTS 1 WEEK SCHEDULE TYPE

TYPE :
5 D 4
6 DD 4
i | DDDDD 5
2 DDDDD 5
3 DDDD 4
4 DDDD 4
5 DDDD 4
6 DDDD 4
1 DDD 5
2 DD 5

2222 2222 52822 2232

Table 3-4

2 2 TOTAL NUMBER OF SETS
ON DUTY

Not only do we have a constant overlap, but we also have a constant

level of staffing with two half sets on district work at any time.

The actual variation in the lengths of time spent on any duty from

one type to another is never more than one weeks duration at any

stage of the course, and in fact the totals are identical for all

categories, regardless of the type of roster, with the exception of

the one week district/day swop mentioned

It can be seen from Table 3-2 that
sets on night duty. To be more specific
sets on their first spell of night duty,

two on their third. The reason why this

above.

there are always six half
there are always two half
two on their second and

has worked out so evenly

is explained by Table 3-3. Each set does two spells of four

weeks and one of five, and the five week

blocks have been enclosed

in rectangles to make the pattern clearer.

3.4 The scale of the problem

At any one time during the period 3rd June, 1973 to 28th

October, 1973 there were between 126 and

training. From this it can be seen that

142 girls receiving

the average size of an



intake is somewhere around eleven girls. This is a very small
number, since each month a certain number of girls fail to arrive.
This occurs more frequently with girls from distant countries. 1If
two or three fail to turn up there could be a critical staff
shortage. There are two aspects of the course which held to combat
this:

(1) At most times there will be more than one set available
to perform a certain duty. When sets are added together
they will tend to balance out any variation in numbers.
An exception to this is district work, where for most of
the time all of the girls will come from the same set
(apart from overlap weeks). As a result this duty shows
a higher variation in numbers than any other, with a
minimum of 6 and a maximum of 14 for the period quoted
above.

(2) Since the drop-out rate prior to arrival is relatively
constant the hospital tends to overbook for the places
available. This tends to prevent acute shortages, but
it can also lead to the situation where all of the girls
turn up one month, causing a problem of overstaffing.

From the figures in Table 3-17, the smallest average set size

for any week was 10.5 and the largest 11.8. 1In the same period,
the largest set contained seventeen girls and the smallest six.
These gave rise to the largest and smallest half-set sizes of nine
and three, (Table 3-5).

This demonstrates that the subdivision of the total number of

girls into a great many smaller units is likely to cause a large

variation in the sizes of the units.



TABLE 3-5

SET SIZES IN 1972/3

SET Ostc:gﬁIT{SE OF EE&{SE (1 gitkerent)
1972 July 8
August 9
September 15
October 13
November 14 13
December 7
1973 January 11
February 6
March 12
April 11 9
May 10
June 12 11
July 12 13
August 14 12
September 17 16
October 12
November 12

December 9



The following Table shows the actual staffing situation for

those aspects of the course controlled by the basic plan

ACTUAL FIGURES
(From training records,
JAN - DEC 1973)
OPTI- MINI-
MUM MUM MIN AV MAX
DAY DUTY 73 65 67 79 100
NIGHT DUTY 32 28 28 32 36
DISTRICT 12 6 6 10 14
HOLIDAY - - 2 10 21
Table 3-6

These figures show a successful overall picture, with the only
evident problem being overstaffing on day duty. As well as creating
some problems from the service point of view, the main disadvantage
of this is that girls may not be getting sufficient experience in
certain aspects of the work. To quote a specific example, each
girl has to perform a certain number of deliveries to receive her
qualification, and if there are too many girls being trained, then
there may not be sufficient deliveries to go round. If the girl
does not get through her quota while she is working in the Labour
Ward then she might have to be called at short notice from another
ward at a later date to perform a delivery.

On the other hand, it may be this very overstaffing which
permits the present allocation system to work without violating the
minimum restraints too often, a situation which is obviously more
critical from the point of view of service to the patient. This
implies that a more efficient system of allocation could manage

with fewer girls.



3,5 Training requirements

In this section we will look at the specific training require-
ments and training pattern of the nurses. Some of the rules are
stipulated by the Central Midwives Boardl, others are dictated by
the specific situation at the Simpson. However it should be
emphasised that the series of rules described in this section
represents the overall problem as tackled by the Simpson Maternity
Hospital, not as we have formulated it.

The requirements of the course are described chronologically,
starting from week one, and the description is split into two parts,
corresponding to the two halves of the course.

The training requirements stipulated by the Central Midwives
Boardz, are reiterated below:

lst half 2nd half
of course of course Total

Pre-natal Ward 49 : 4 3 7 (minimum)
Terminations etc. 54 : 2 2 4 (maximum)
Out-patients OP: 2 1 3 (minimum)
Labour Ward IW : 4 _ 4 8 (minimum)
Special Care Unit SC: 4 2 6 (minimum)

Table 3-7: Weeks of different duties to be performed
during the year's course.
District training is taken care of by the roster, so any weeks not
covered by the above are spent in Post-natal Wards (51,52 and 53).
The minimum number of weeks to be spent on these wards is
theoretically 13, but in effect they are used as slack variables
to be used when the girl is not needed on any of the other wards.

3.5.1 First half of the course/
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3.5.1 First half of the course

When a new girl arrives we have a series of requirements to

be met in the first half of her training. The following rules of

thumb are a summary of the rules and reasons which determine the

structure of the course as implemented by the Simpson.

(1)

(2)

At this stage the girl will have a general nursing
training, but no experience of midwifery. The first

ward she is put on is one where she can cope and be
useful, while at the same time learning more specific
skills in practice and from the lectures she is receiving.
What is done is to put roughly 3 girls out of 4 on the
Post-natal Wards (51, 52 and 53) and one in four on the
Pre-natal Ward (49). The exact proportions are of course
subject to overall demand for staff on each ward. She

is put on this ward for a number of weeké one less than
the number of weeks she is doing on her first session

of day duty. This is because the next ward she will work
in will involve night duty, so the change is made one
week before her session of night duty starts to give her
a chance to familiarise herself with the set up in the
new ward during the day when there are more people around
to help her.

If the girl has started on a Post-natal Ward, then when
she changes ward one week before her session of night
duty, she has a choice of three wards to work on. (By
this it is meant that there are three wards which she is
permitted to work on. The choice is made by the person

working out the allocation, not by the girl. We shall
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continue to use this meaning of the word choice for the
sake of convenience, since no ambiguity should now arise).
The Out-patient Department is closed at night, and the
student midwife will not yet be experienced enough to
work on Ward 54, so she is left with the possibility of
working on Ward 49 (Pre-natal), Labour Ward or the Special
Care Unit.

If, however, the girl has started on Ward 49 then she must
spend at least three weeks on one of the Post-natal Wards
before going on to one of the more specialised wards.

Thus the first few weeks of the course for a half-set of

four might look like this:

DAY DUTY NIGHT DUTY
GIRL WEEK: | 1 2 3 4 5 6 7 8 |9
1 51 51 51 ILW| LW LW IW
2 52 52 52 8c¢| se Sc s¢
3 53 53 53 49| 49 49 49
4 49 49 49 51| 51 51 51

Table 3-8

From this point onwards, until one week before the next spell
of night duty, she has a free choice of wards, with one exception;
Qut-patients can only be done on day duty. A spell on Ward 49 from
this point onwards in the first half will be for four weeks. The
lengths of duty on the other special wards will be as shown in the
Table on page 62 The minimum session for a Post-natal Ward is one
week - the maximum is determined by the amount of slack for that
ward which can be defined as the number of weeks before the next
spell of night duty minus the number of weeks needed to complete

the training on all the wards other than 51, 52 and 53. To determine
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this one needs to look ahead to the night duty to be performed at
the end of the first half of the course.

This night duty is done exclusively on Post-natal Wards and
on Ward 54. Preferably, but not always, the change to a ward for
night duty is again made one week before the commencement of night
duty. For brevity, and to distinguish them from the special wards
such as Labour Ward, Out-patients etc., I have called the Post-
natal Wards "GENERAL'" Wards. This is contrary to the terminology
used in the hospital, where the éord implies something different,
but for the purpose of this study it is useful as it suggests the
concept of a non-specialist ward where the girl is placed to fill
up the slack in her training program. In print-out from the
simulation programs I have used the letter G to represent the General
or Post-natal Wards.

Ward 54 has a maximum constraint with regard to number of weeks
training, but no individual minimum. That is to say that a girl
can decline to work on it at all if she has religious or moral
objections to dealing with abortions, but from the overall planning
situation there is a minimum number of girls who must work on it to
maintain the staffing at an acceptable level. Thus as far as an
individual girl's plan is concerned Ward 54 tends to behave in some
ways as a secondary slack variable, since it is not complusory but
can be used to fill in time if needed.

To exemplify the previous few paragraphs let us take a
hypothetical case of a girl who has no objection to working on
Ward 54. Let us assume (in advance) that she will work there for
two weeks immediately prior to her first set of holidays. Her

roster is type one, (see Table 3-3) and her training has started like

that of girl 1 in the previous example. Her incomplete plan for
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part 1 will look like this:

DAY NIGHT DAY NIGHT LEAVE
G.G.G.IW.IW.IW.ILW. . . + + + &« &« + « =« « + -G.G.G.54.54.L.L.L.
Table 3-9

There are thirteen weeks to be filled in, and in this period she has
to do two weeks of OP, four weeks of 49 and four weeks of SC. That
adds up to ten weeks, leaving three slack weeks to be filled with G.

Since OP is for days only, the next week to be filled in must
be 49, SC or G. The session of G can be from one week to the
maximum slack of three. There is some advantage in putting the
girl on for all three weeks together, but the pressures from other
constraints within the problem are much more critical, and this
cannot always be achieved. In the examples below A is preferable
to B:

DAY NIGHT DAY NIGHT LEAVE
A: G.G.G.LW.LW.LW.LW.G. G. G.SC.SC.SC.SC.49.49.49.49.0P.0P.G.G.G.54.54.L.L.L.
B: G.G.G.LW.LW.LW.LW.G.SC.SC.SC.SC. G.49.49.49.49. G.OP.0OP.G.G.G.54.54.L.L.L.

Table 3-10 |

Although the second spell of night duty has to be done on G or
54, 54 does not necessarily have to be done at the second spell of
night duty. Thus the plan could equally well look like either of
these two examples:

DAY NIGHT DAY NIGHT LEAVE

.G.G.G.LW.LW.LW.LW.SC,SC.5C.5C.54.54. G.49.49.49.49.0P.0P.G.G.G.G.G.L.L.L.

.G.G.G.LW,LW,LW.LW,54.54.5C.SC.8C.8C.49.49.49.49. G.OP.0P.G.G.G.G.G.L.L.L.

Table 3-11

These, then, are the rules for the first half of the course.

Some are dictated by the need to make sure that a girl has the
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necessary experience to tackle certain wards at certain stages in her
course, some (like the session of G on night duty at the end of the
first half) because they help to provide an even availability of
staff throughout the year, and some because of the nature of the
work (no OP duty at nights).

3.5.2 Second half of the course

Similar rules exist for the second half of a girl's training,
but in this case they are simpler than for the first half. This is
to be expected, as by now a girl will have six months experience
behind her, so she can really go to any ward at any time.

She will start the second half with a spell of four or five
weeks night duty, possibly preceded by one week's day duty. Ideally
she will start that week of days on the same ward which she will be
on for nights, but since she has probably been to each ward this
constraint is not so critical as earlier in the course. For instance
she could do one week on a General Ward on day duty and then start
straight away on night duty in the Labour Ward, since she will
already be familiar with it. Again the constraint applies that she
cannot do OP work on night duty, and theoretically she should do her
night duty on a special ward, but in practice the requirements of
the different wards are more important week by week and she might
end up doing her night duty in a Post-natal Ward if it is short-
staffed.

In some cases the rules may have had to be violated in the
first half. For instance a girl may have done five instead of four
weeks on Labour Ward because of a temporary shortage of staff. 1In
cases like this the requirement for the second half would be
altered to compensate. In fact in the second half each girl does two

two-week sessions on Labour Ward. This gives greater flexibility to
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the overall staffing plan. (Bearing this in mind there is no reason
why the two sessions should not be done consecutively.)

If a girl has been ill and has missed some training during

the year then she can do up to two extra weeks' work during her
final spell of leave to complete her minimum training requirements.

The allocation rules used by the Simpson in 1973 have now been

defined in sufficient detail for us, using the same system, to invent
a training schedule for one nurse which will fulfil all requirements
as far as her experience is concerned.

(1) The girl might decide to leave before her course is
completed. Since some advance planning is essential it
can be seen that the disruption caused will vary as a
function of how much notice the girl gives.

(2) 1If a girl is ill or falls behind for some reason by more
than the three weeks allowed for in her final leave then
it is sometimes necessary to have her drop to a later
set, i.e. leave her intake group and join the one which
started a month after her. This will make the pattern
which her training follows look odd, but causes very
little disruption to the overall set-up, unless she was
originally a member of an understaffed set.

(3) Some girls return to the Simpson to do a refresher course.
They are nominally attached to the monthly intake which
they coincide with, but their training is simplified and
more flexible. Typically they might do a week or two on
a Post-natal Ward, two weeks on LW, a week on OP, SC and
49, three or four weeks on district and one week's

holiday.
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NOVEMBER|NOVEMBER|DECEMBER ~ [JANUARY |[FEBRUARY |MARCH APRIL MAY
1973 SET 14 |11|18]25| 2 | 9 16 [23]30] 6 [13]2027| 3 [10]17 |24| 3 [1oh7[24(31 | 7 |14 [21 [o8] 5 |12
J. BARKER [ 51|51 [51 |49 { 49|49 |64 [sC)sc|s¢|s¢ ([ )
R.DUNSNUIR |52 {52 [52 |49 (4q |49 ]uq [52 )52 ( ,
T Herp |51 51|51 |tw{w|w|5t]s1 )| op [op ( )
T HNvcotk |53 (53 (53 | { tw | |53 |53 ( )
S. SIMMONS |52 [52|52|sc(sc|sc|sc %,v% 4949 | )
F.SMITH |53 |53|53 |sc [sc|sc|sc |4q]¢a| 4|4 [ ]
AMULEOD 149(44 |43 | 51[51 |51 |LofLw L) (

A TKCPHERSIN| 52 | 52 | 52| 52 |sc {sc | sc | sc |52

S. NAGHTON |53 (53| 53| 53 |Lw (o |09 [ e ) g |ea |49 ,

R.UBCH |st|s1 sl |50 49 [eq]eq |4 [sc)sc|se|sc [

R. MOGRIDGE [ 49|49 |49 |52 |52 (52|52 | | e [Lw i

ANNIGHT 4949 |49 |49 |53 (53| 53] sc|s¢c ) sclsc A.
TABLE 3-12

Actual planning table, November 1973 set




OCTOBER |OCTOBER [NOVEMBER|DECEMBER |JANUARY |FEBRUARY [MARCH APRIL
1973 SET |7 14(21128] 4 |11]18(25]| 2 | 9 [16|23|30| 6 [13 [20[27| 3 |10]17 [24| 3 10|17 |24(31|7
N NIGHTY g 5 z_m._.j.u.l../
A.EM.BROWN |52 52|52 | 4a( 49 | 41| 49|52 )52 | b [ |Lw]sc [se|se[se|op [or ( J oo
M.DELAHUNTY (49 |49 |44 mmﬂwmm 52 |52 rz“vt,_ W | |56 (54| 0P |oP | Sc|sc |sc|sc h. Ll L
L.RINNELL [53|53 |53 riAHrs LW LW SU_E ba | 4q| of | OP St [54| SC|S¢ [se|Sc Ax Mol
A Hoehn |5t [ 50| [4a(4q ]aq ]t [ st )sc|sc [sc|sc|si]50 o [of [w] wov|ow] [54]s¢ jmn
7 WhobELL |4l 4e e o] s BT Too w i
E.WESTE |51 |51]|SI|Se ,wmn se|sc|5) vm_ SHLW| W[ | W 49| 69]|49 (9] 0P |oP |5 wm_ SI|56¢ mi i
G.BENNETT |52(52|52 |52 |49 ‘ﬁ 49 [ [ me 52 | Sc|S¢ |Sc [SC [ W [LW [LW | Lw |op |ef A wr
C.DUNCAN 149 |49 |9 |69 |S2( 52| S2| 52 |sc Jsc [sc | Sc|w|w [Lw | ( \_ L
7. JOHN St |51 (51|51 Lol [ [w | s1)se|se|sc|se|se|sc|e (e [4]uqop |op ( )L
A. LEWIS s2152152 |52 mnA”mo $e.|se mw,vi 494949 |54 |5¢ [of |of |LW]LW | LW |ww __,\ mv L
S. QUAYLE | S3|53|g3|53 EA,E WLW |51 )51 6a |4y 49149(5 |5 |of |oP |Sc |sc |Se [S¢ ”mp Sy L
M. SRRIGGS |53|53|53|53 mn_,mn sc|sc |Lw _ra W {Lw [ o [oP [¢1 (&1 | &9 |G| S¢| sk f 5 mﬁ L
TABLE 3-13

Actual planning table, October 1973 set



3.6 Allocation in practice

Given the rules as defined above, it is possible to consider
the status quo at any point in 1973, and to take each girl in
turn and say which options were open to her for the next week of
her course. Some would be on a Pre or Post-natal Ward on the first
month of their course, some would be nearing the end of their
first or second halves and would have a very limited choice of wards
to squeeze in by a deadline, and others would be about a third of
the way through either half with up to six possible wards to choose
from. Some girls will already be placed for the week we are
considering. For instance if a girl was put on a session of four
weeks LW last week then she will be spoken for for the next three -
her case is not therefore under consideration this week. Table 3-12
is a copy of the actual planning book entry for the November set as
at the week commencing 6th January, 1974, and should make this point
clear. This group is at the most flexible point in the first half
of their course, so no forward planning is required at this point.
For instance, on the week of the 6th, R. Dunsmuir could go onto
LW, SC, OP, 54 or G (51, 52 and 53), a very wide choice. Similary
Haycock has a choice of SC, OP, 49, 54 or G. -

However, if we look at a group which is nearer to a deadline,
it becomes evident that more precise forward planning is required.
Table 3-13 is a copy of the page for the previous set, OCTOBER, as
it looked at 6th January, 1974. E, Weste, for instance, has been
tentatively scheduled for three months ahead, up till the end of
the first part of her course at the week starting March 24th.

There are several points of interest which this diagram

illustrates.
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First, consider the case of Ward 54. This ward is critical
since the daytime staffing requirement of four is a maximum as well
as a minimum - there is no slack, and the same applies to the night-
time requirement of two. Clearly the night duty must be planned in
advance to give the exact numbers and correct overlap. This has
been done on the chart where the relevant entries have been under-
lined.

Consider also the block for the first two girls (outlined).
Both girls have the same two special wards to visit before their
next spell of night duty, so these have been pre-planned to inter-
lock in a balanced fashion.

Another ward which illustrates careful pre-planning is Out-
patients. At any week in the year there will be between 5 and 6
sets available to do OP duty, i.e. on the thirteen week spell of
day duty in the first half or any time after the night duty in the
second. In the case of Jan 6 for instance there are five sets
available. Over a thirteen week period the weekly sequence of
number of sets available for OP looks like this:

5%, 6, 6, 5%, 5%, 5%, 6, 5, 5, 5%, 6, 6, 5

OP requirements are: Minimum - 7
Op timum - 8
Actual average - 8.8 For period June 3
Observed maximum - 11 SZtober 28th 1973

It is not usual for girls to go onto OP immediately after
their first spell of night duty for two reasons:
(1) They are often in the middle of a three or four week
session of LW, SC or 49, started a week before the end

of night duty.
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OCTOBER
1973 SET

OCTOBER

NOVEMBER

DECEMBER

JANUARY

FEBRUARY

MARCH

APRIL

7 14121128

4 1111825

2(916]23

30

6

13

20

27

3101724

17

24

31

A.E.M. BRoOWN

op | of

M. DELARUNTY

oP

op

L. HINNELL

oP

op

A. ROGAN

oP

op

J.WADDELL

E.WESTE

oP| oP

G BENNETT

of | oP

C. DUNCAN

J. JoHN

op | of

A .LEWIS

oP

oP

. QUATLE

opP

oP

M. SPRIGGS

0P

oP

TABLE 3-14

Actual planning table, October 1973 set, OP only



(2) At this stage they are still not very experienced.

From the point of view of getting accumtomed to a ward for a
week before going onto night duty there, it is also unusual for a
girl's one week on OP in the second half to be fitted into the one
week of day duty which sometimes occurs between her finishing her
district work and her starting her third spell of night duty.

So making allowance for these and similar idiosyncracies of
the system the average number of sets available in any week to do
OP drops from around 5% to around 4%. One way to obtain an even
overall staffing is to obtain local solutions for each set. If you
can organise a constant supply of two girls from each set in advance,
overlapping at the changeovers, then when each week's final allocation
has to be made a few adjustments with one or two girls who have a
relatively free choice that week should solve the problem.

Diagram 3-14 is a copy of diagram 3-13 omitting all but the OP
allocations.

It can be seen that a good sub-optimal solution for this set
has been achieved. It satisfies both local criteria:

(A) The number of girls from this set doing OP in the relevant

period is relatively constant, and

(B) there is a week's overlap at each changeover.

Duncan's spell of OP has not been scheduled yet, but as the
self-imposed minimum limits from this set have already been met, her
contribution is no longer vital, and can be left till the actual
week involved. In this way she might be able to compensate at
shorter notice for a shortfall in the other groups. Im the same way
the girls who are on the second half of their course are liable to

be allocated only one week in advance, as they only do a one week



visit to OP in the second half, and overlap then is impossible (and
also less necessary since by then they are moreexperienced).

So this process of local optimisation in advance serves two
purposes:

(a) It helps to ensure a regular staffing level over an

indefinite period.

(b) It helps to keep the blend of girls of different levels
of experience relatively constant on that ward. There
are likely to be, at any one time, two girls in the
fourth month of their course, two in the fifth, two in
the tenth and two in the eleventh.

It should perhaps be pointed out at this stage that the pre-
planning is only a guide, and can be changed when any individual
week's requirements become critical. For instance if the week start-
ing Jan 27th had a shortage of girls for SC it might be decided to
put Quayle on SC instead of OP that week. Duncan could then do her
fortnight's OP. (She could not go onto SC as she had already done
that ward.)

OP is a relatively simple example, being a days-only ward,
with planning durations of only two and one weeks in each half,
but the principles illustrated by the analysis of the pre-planning
of this ward should also apply to the other special wards. Whether
or not these principles work effectively is discussed in Section 3.8.

So far we have looked at service-based allocation. That is
to say we have pre-planned to ensure that each ward will be correctly
staffed (within the framework of each girl's possible training
programme). However, problems can arise this way. For instance one

might pre-plan to satisfy the minimum requirements for OP for say

93
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three months ahead. It could then occur that six extra girls reach
the last week of their course not having done their second half's
one week there. One would have no option but to put them on that
ward along with the other eight who had been pre-planned, causing
gross overcrowding. Obviously it would have been better to have one
too many on the ward for the past six weeks. This contingency is
difficult to check for. It might be possible to run a computer
~simulation forward for six months or so at a time, but this would
have to work on assumed future numbers of monthly arrivals which
might be inaccurate. If the excess at any oﬁe week was caused by
more girls arriving than the average then the model would not be
able to predict it.

It is also possible that there could be long-term imbalances
in the system. Girls might, on the average, be doing their first
session on OP a fraction of a week later as the months passed, and
this might not cause a critical build-up of girls needing trained
on that ward for several years.

A possible way of avoiding this sort of build-up is to consider
every girl each week, looking at how much slack there is in her
schedule and how many special wards she still has to visit in that
part of her course. This way it is possible to avoid the situation
where some girls have their options restricted near the end of their
course; the position will be recognised in advance.

This point of view could be called training-based allocation.
Both approaches however rely on there being a balance in the system
between staffing requirements, and availability of nurses. If the
system is in equilibrium then either will work. If it changes then

problems will occur, in the first case with girls receiving



insufficient training, and in the second with wards being under- or
over-staffed. The second problem can be prevented in the long run
by maintaining a relatively steady number of girls going through the
system. Although the number in a set has reached 50% above or

below the ideal, the number present in total at any week between
June 1973 and Oct 1973 never varied by more than a4 TEL.

The first problem is more difficult to control. The presence
of too many trainees is not the only factor which might lead to each
getting insufficient experience. A drop in the number of deliveries
at the hospital also causes difficulties, and is more difficult to
control, especially if it is part of an overall drop in birth rate.
At the moment some girls are having to spend a week out in another
hospital to perform the necessary number of deliveries. It would
seem then that the policy at the Simpson is to allocate from the
training point of view, as the general pattern is of over-staffing,
and to rely on this to ensure that there will always be enough girls
available each week for each ward.

In this Chapter the allocating procedure used by the staff of
the Simpson has been described. When considered along with the
fixed rules affecting staffing levels and training requirements we
have a complete definition of the 1973 problem. In the next
Section these different aspects are combined to give a complete list

‘'of rules and preferences affecting the scheduling at that time.

3.7 The 1973 system - a summary of rules and objectives

The rules governing the 1973 system were summarised in
Section 2.8 with regard to the training requirements and staffing
levels needed. In this Chapter the procedures used by the staff of

the Simpson when allocating have been described. Some are hard and
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fast rules; others are merely preferences, but when summarised they
define the influences which affect the sequencing of each girl's
training coursé. In the next Chapter, when dealing with computer
models it is necessary to decide which of the Simpson's rules will
be adopted as constraints on the models, but here they can be quoted
in their entirety.
The following list summarises the points raised in this
Chapter :
(1) First ward of training is 49, 51, 52 or 53.
(2) Length of visit is one week less than length of initial spell
of day duty.
(3) If first ward is 51, 52 or 53, second ward is 49, LW or SC.
(4) If first ward is 49, second ward is 51, 52 or 53.
(5) If second ward is 49, LW or SC, length of visit is 4 weeks.
(6) 1If second ward is 51, 52 or 53, length of visit is at least
3 weeks.
(7) 1If second ward is 51, 52 or 53, length of visit is preferably
4 weeks.
(8) OP can only be done on day duty.
(9) The second spell of night duty is done on 51, 52, 53 and/or 54.
(10) The ward chosen will be started one week ahead of second spell
of night duty.
(11) By that week the girl must have visited every special ward
once.
(12) Every spare week up till then will be donme on 51, 52 or 53.
(13) The girl can start her second half on any ward except if it
starts on night duty in which case OP is impossible.

(14) The first spell of night duty in the second half will preferably



be done on 49, LW or SC.

(15) 1In the second half she will visit LW twice and every other
special ward once.

(16) She will spend any spare weeks on 51, 52 or 53.

(17) These spare weeks will preferably be consecutive.

(18) They will preferably all be done on the same ward.

These rules cover the normal sequence of training for a
student midwife as applied until 1977. The following list should

be added for completeness:

(19) 1If a girl is ill or for any reason misses more than three weeks'
work she may be moved to the set which started one month later
than she.

(20) If a girl does a refresher course it will comprise:

Post-natal: 2 weeks

Ante-natal: 1 or 2 weeks

SC: 1 week
LW : 2 weeks
OP : 1 week
District: 1 week optional

(21) These can be done in any order as long as District is not the

first duty.

The froblem as approached by the staff of the Simpson in 1973
has now been completely defined. The model described in the next
Chapter uses these rules as a basis for its structure, while the
simulation described in Chapter 5 drops many of the arbitrary rules
in an attempt to simplify the detail of the problem while preserving

its essential structure and nature.
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TABLE 3-15

1974 system - a comparison of training and staffing requirements

STAFFING - TRAINING -
STAFFING* NURSE /WKS/YR (x52) TRAINING NURSE /WKS /YR

WARD MIN OPT MAX MIN OPT MAX MIN MAX sz?SS MAX

51 7 8 13 364 416 676

52 7 8 13 364 416 676

53 7 8 12 364 416 624

Post-natal 21 24 38 1092 1248 1976 15 1950

54 4 4 4 208 208 208 4 520

49 11 12 18 572 624 936 7 910

sc 9 10 14 468 520 [728 ] 6 780

OP 7 8 11 364 416 572 3 390

LW 14 15 18 728 780 E 8 @

DISTRICT 6 12 14 312 624 728 4 5 520 650

The figures in boxes show cases where there is a conflict between the two requirements,

inevitable, 1In practice, since 2 girls do 4 weeks of District for every 1 who does 5 weeks, the training

needs will supply 563 nurse weeks per year, less than the optimum staffing.

*Figures quoted by Senior Nursing Officer in 1974

making overstaffing



3.8 Assessment of the Simpson's solution

The system described was used for some years, and worked
successfully énough. Rules were broken from time to time, but this
was not really crucial. The main problem was the amount of time
which was taken each week to work out the allocation manually.
However for the sake of obtaining a precise picture of the status
quo for comparison with proposed alternative solutions let us look
at the different aspects of the hospital's solution one by one.

(1) The roster is of necessity clumsy, since it is meant to be
based on a monthly intake. In order to have each set arriving
on the same day of the week the months lmve had to be assigned
arbitrary four and five week lengths. This is satisfactory
for the first few years, but after six years the set for one
month will be arriving three quarters of the way through the
previous month. What has happened in the past is that someone
has had to make out a new roster every few year, incorporating
a transition period which eliminated the fact that the old
roster was out of step with the months. One solution to this
would seem to be to abandon the idea of labelling each set with
the name of a month. If they were referred to by colours, or
letters of the alphabet then the problem wouldn't arise, and the
roster could be allowed to slip behind by a day or so each year.
At the moment it seems that the effort to keep each intake in
line with a month is causing problems to arise and possibly
errors to be made. For instance on the hospital's roster the
type 1 and type 2 half sets (see Table 3-3) appear to be starting
with five and six weeks of day duty respectively instead of four

or five. At the end of the course they are doing eleven and ten
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weeks respectively instead of twelve and eleven. This system
would still work, although it would distort the time spent on
differenf wards. For instance if a type two nurse started on
Ward 49 she would do five weeks on it, instead of the normal
three weeks half way through the first half. However when the
plan sheets are consulted showing the actual weeks worked for
each set one discovers that the Jan 73 group started normally
but ended with the shorter second half session on day duty,
giving them only 51 weeks training instead of 52. The April 73
group started with the longer start and finished with the shorter,
giving them the correct length of course of 52 weeks. The July
group had the long start, but the October group used the normal
roster again.

To sum up, this uncertainty could be removed by retaining roughly
twelve intakes every year, but by disassociating them from the
months of the year.

In the vast majority of cases the training schedule for each

girl is adhered to, but in some cases the rules are broken. Take
for instance the first llf's training for the second half set of
the January 73 intake. This is reproduced in Table 3-16. Non-
standard allocations have been marked. In some ways, this
deviation may be an advantage. Why did Young stay on LW when
Wilson was due to start there, and could equally well have done
so? In this case it seems to have been done to avoid putting
Wilson on night duty without prior experience on LW. In that
case the flexibility of the plan is an advantage. (She did only
three weeks of LW instead of four in her second half to

compensate). On the other hand the case of Hammer doing five
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JANUARY |JANUARY |[FEBRUARY |MARCH APRIL MAY JUNE JULY
1973 SET | 7114121128| 4 |11 [18[25] 4 (11 [18|25] 1 |8 [15]22|29| 6 |13|20|127| 3 |10[17|24| 1 | 8
J. JAMES _ _ H ,

E. REES j ) , )

L. MAYES _ ] )

A. MULHOLLAND ] ﬁ )

7. BRAND H ,,

E. WYLIE ] ,
G.WILSON |49 [49]|49 |49 |52 (52|52 |52 |52) 1w |Le | Lw sc [sc|se|Sc [S% |54 |[Lw|oP |oP |52(| 52| 52|52 |52
S.Youne |51 |51 |51]8l rz..ra Lw LW | Lw) 54| St [ 49 (44 | 4a|ug | op | op |sc|sc |sc |sc | 5] | 51|51|S1|5SI

L. WH\TE |[52(52|52(52 |52 e Lw sz |52 |op |6p | sc|sc|se|se|52]|49 | 6q| 4 %imf 56415353
E.UNToN |53|53 (5353 sc(sc|se|se {41 )49 ]|4q|ea [ |w|un|w |53 |53 |op |op [52|52[53 |3 | 56] 56
N. HAMMER |52 |52 [52 |52 | 49| 49|69 | 49 | 49| sc | sc|sc |sc|op|oP |Lw [ LW | | |54 |Se 53| 53|53 [$3|ex

TABLE 3-16

Actual planning table, January 1973 set, second half-set only
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weeks of 49 seems to indicate a breakdown of the system. She
stayed on, not because she needed the training there, but
because the ward was short-staffed. Once again this was allowed
for in the second half of her course.

Overall it would seem that the training schedule for one nurse
in six or seven breaks the rules normally adhered to, usually

by keeping a girl on a certain ward longer than she should be.
In the week before the second spell of night duty however, about
two girls out of five fail to start on the ward with which they
will continue on night duty. So usually it seems that deviations
from the standard patterns of training schedule happen because
the staffing situation has become critical on a certain ward for
that week. Obviously the adequate staffing of wards week by
week should take priority over the training schedules, but it
would be better if both were satisfactory.

(3) How well are the wards staffed from week to week? Table 3-17
shows the actual numbers on each ward in the period June to
October 1973. Weeks where the staffing has fallen below the
minimum requirement are shown in red. Weeks where the staffing
is at the optimum level are underlined. Most of the other
weeks are over-staffed. It can be seen from this that under-
staffing of the ward is a very rare occurence, and to this
extent the system seems to be working well. However there are
certain costs associated with this success. One of them, the
disruption to girls' training schedules, has already been
discussed and been found relatively unimportant. Another, though,
is this:

With a relatively inefficient allocation system, satisfying
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ACTUAL STAFF PRESENT JUNE TO OCTOBER 1973

TABLE 3-17

1 2 W E K S 3 4 5 6
op 8|7 9 9 9 9 9 10 8 8 8 11 11 11 11 8 8 8 8 & 7 9| 176 | 8.8 | 1155
49 12 |11 13 12 17 16 16 17 16 12 13 16 18 16 17 16 17 16 13 14 16 14 305 | 15.3 18 | 90
LW 15 (14 | 16 16 14 15 15 16 18 16 15 17 16 17 14 14 16 15 3 B 15 15| 306 [15.3| 18|45
51 8 7 9 8 8 8 8 8 10 8 7 9 12 13 10 1.5 8 10 8 7 8 9 176 8.8 13 | 40
52 8|7| 8 7 8 8 8 8 10 8 7 8 13 12 9 9 8 10 8 7 7 9| 172 | 8.6 | 13|35
53 8|7| 8 7 7 7 7 7 9 7 7 9 11 12 9 8 8 10 7 7 7 8| 162 8.1 1230
54 44 4 5 4. 4 4 4 4 4 4 4 4 &4 4 4 4 & & 4 4 4| BL| 41| 5[5
sc of9] 9 9 10 9 9 11 12 10 9 11 1& 13 11 11 13 11 10 9 9 10| 210[10.5 | 14|45
NIGHT 32 |28 35 33 33 32 32 32 232 36 33 33 28 28 31 31 31 32 33 33 34 33 645 | 32.3 36 | 50
DAY 73 |65 76 73 B6 76 76 81 87 173 7O 85 100 89 83 79 82 86 71 67 73 78 [1591 100 | 70
HOLIDAY 8 13 4 19 21 12 6 18 21 6 3 2 T 14 11 6 i 3 ) 13 7 3 206 [ 10.3 21
DISTRICT | 12 6 9 12 14 9 6 6 6 8 11 11 11 11 10 7 7 ¥ 10 13 14 14 196 9.8 14 | 20
TOTAL 132 135 137 136 135 131 131 135 135 135 142 142 131 131 131 131 126 127 128 128
AVERAGE
SET SIZE 11 11.3 11.4 11.3 11.3 10.9 10.9 11.3 11.3 11.3 11.8 11.8 10.9 10.9 10.9 10.9 10.5 10.6 10.7 10.7

Columns :

Optimum
Minimum
Total

Average

Maximum

% of cases overstaffed
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minimum criteria can only come at the expense of general over;
staffing. Column 6 of Table 3-17 shows the percentage of cases
in which a ward is overstaffed in this period. It can be seen
that the figures are very high. As mentioned earlier, this
overstaffing can be critical on the Labour Ward where girls
have to get a certain amount of experience on actual deliveries,
as well as causing general overcrowding. The costs of over-
staffing may not be very high, buﬁ the real disadvantage is the

inefficient use of resources.



CHAPTER 4

sl Introduction

The previous Chapter describes the drawbacks associated with
the manual allocation system in use in 1973. Of these the most
serious was the time which the scheduling took and the menfal strain
caused by the task of having to settle the allocations only a week
prior to the time when they came into operation. The member of staff
who performed this task used to spend up to four hours outside her
normal working period on a Friday evening in order to establish the
next week's schedules, and confessed to living in permanent fear of
discovering one week that an allocation was just not possible within
the rulesl.

It appeared that to improve on that solution method a more
efficient allocation system was required. It also seemed advantageous
to set up a system which could be run for several weeks into the
future, to identify possible future bottlenecks.

For simplicity a constant average number of arrivals for each
new set was assumed, but this number could be altered to see what
variations were caused.

To this end a computer model was designed which would mimic the
real-life situation as closely as possible, the idea being that
different systems could be tried out on the model to see which gave
the best long-term results. The resulting program was, of necessity,
rather long and consisted almost entirely of logical rather than

arithmetic operations.

|._..I
(®)
\n



This Chapter sets out to describe the model and to indicate
how it was developed. It can be divided into sections whose
specific tasgs can be carried out independantly of the other
sections. This simplified the design task and also provides a
scheme by which the operation of the model can be described in a
step-by-step fashion.

The four main divisions in this Chapter are:

4.5: What choices are open to each girl? This describes the
development of various methods, and explains the
adoption of one of them.

4.6: What criteria should be used to decide between these
choices? This introduces the concept of '"urgency",
which is used to decide which nurse to allocate first.

4.7: Allocation. In this section some allocation heuristics
are evaluated.

4.8: Data handling. This describes the scheme by which data
are stored, and indicates how they are modified by the
program.

Section 4.9 outlines the basic differences between the model

and the manual approach.

4.2 General aims of the model

An attempt was made to design a computer model which duplicated
the characteristics of the real situation in as many ways as possible.
The main objective was to draw general conclusions from the solution
of the problem which might lend themselves to formulation as heuristics
to be used with similar problems. For the purposes of generating the
model, the rules of allocation and optimal staffing levels were taken

directly from those used by the hospital, with no attempt being made
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to adapt, improve or criticize at this stage. The results produced
by the model should then cast some light on the structure of the
real-life prﬁblem.

Ackoff and Sasieni describe this approach to problem solving
in "Fundamentals of Operations Research"z. Scientific method usually
entails experimentation, but in operations research it may not be
practical to manipulate variables in an organisation; for instance
a company cannot risk failure in order to carry out a successful
experiment. The answer to thié is to construct representations of
the system (models) on which the research is carried out. In most
cases it is possible to find the optimal wvalues of the controllable
variables - those values that produce the best performance of the
system for specified values of the uncontrolled variables. The
solution may be derived by conducting experiments on the model (i.e.
simulation) or by mathematical analysis. In some cases the values
of the variables must be known (concrete or numerical analysis)
while in others it may not be necessary (abstract or symbolical
analysis). For certain types of function classical mathematics
provides powerful tools for finding the best values of the controlled
variables, and new techniques have been developed in recent years for
those cases where the constraints are too numerous for the traditional
methods.

On the other hand the function may consist of a set of computat-
ional rules (an algorithm) which permits us to compute the utility of
performance for any specified set of wvalues for the controlled and
uncontrolled variables. This does not provide the optimum values
directly, but usually it is possible to devise a system whereby

successive values of the controlled variables are chosen which
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converge on an optimal solution. With some systems a good solution
can be found relatively quickly and easily, while the cost of contin-
uing till an optimal soiution has been found would outweigh the

benefits which this improvement would bring.

4.3 Nature of the model

The model which was designed to represent the scheduling
problem at the Simpson was a concrete or numerical model. A
procedure was incorporated which tended to produce a good initial set
of values for the controlled variables. The utility of the model was
then evaluated, and, if this was acceptable, the process was repeated
for the variables corresponding to the next time period. Several
models were designed, each of which performed a part of the total
task, with varying degrees of simplicity or sophistication. These
models were then combined. The usual relationship was that the output
produced by some parts was used as input by others. The largest part
of the combined model at this stage was concerned with data handling
rather than allocation. For instance, one part of the model would
determine what the roster was for all girls, while another would
discover which girls were free to be moved in the week under consider-
ation. Another would find out which wards each girl could move to,
while yet another would decide which girl's situation was the most
urgent. All of this processing would have to occur before an attempt
was made actuallyto allocate any of the girls for that week.

When the model had been developed to this stage, a very simple
heuristic was used to allow it to make allocations, and its perform-
ance was assessed. The model could not mimic faithfully every
aspect of the real life situation in every respect. For instance the

case of girls arriving at random intervals to do refresher courses



was not included. Neither was the situation where a girl would miss
gsome weeks because of illness and then drop back to another set.

Tﬂe reason for this is that the information to be gleaned from the
program by making it slightly more realistic was minimal in relation
to the amount of extra programming which would be required. There
are other examples than those mentioned, and they will be dealt with
under the relevant section in the description of the development of

the model.

4.4 Description of its development

It is felt that the best way to describe the form and functions
of the model would be to describe its component parts in the order
in which they were developed. 1If the aim of each part of the model
is understood, along with the method by which it produces its results,
then the structure of the full scale model will be much more readily
apparent. In the full model, some of the earlier parts are present
as untouched portions of ééxt, others as subroutines,

For the purposes of this model the rules and values quoted in
Section 2.8 were adopted, with the roster as shown in Table 3-3. The
sequencing rules used were those described in Section 3.7 with the
following modifications:

Rule (6) is dropped and rule (7) is upgraded from a preference

to a fixed course of action.

Rules (14), (17) and (18) are dropped since they tend to

complicate the programming without making any appreciable

difference to the capability of the program. If the model
worked well they could be introduced subsequently as extra

constraints, and if it didn't work well they would be irrelevant.

Similarly the rules (19) to (21) describe situations which do



not affect the majority of trainees, so these events, together

with that of girls leaving during the year, were not built

into the structure of the model. As in the cases above they

could be added subsequently if the model proved to have a

useful practical application.

In "Fundamentals of Operations Research"S, Ackoff and Sasieni
point out that a solution to a model can only be of use if the
model copies faithfully enough the characteristics of the real-life
situation. The procedure described in the previous paragraph is an
aftanpt to copy all of the salient aspects of the real problem as
approached by the staff of the Simpson while leaving out any irrele-
vant detail.

The model's function can be divided into four main parts; the
first determines what wards a girl can move to at each juncture,
while the second compares the choices which are available according
to various criteria. In the third part the individual allocation is
made according to the results of part two. The fourth part is the
data manipulation and storage. This division is not sequential -
the four aspects of the model overlap and inter-relate, but a
division of this nature makes analysis and description of the model

more coherent.

4.5 What choices are open to each nurse?

This was the first section to be tackled when the model was
being designed. The problem can be stated:
(1) The number of weeks of her course which have been done
already.
(2) The nature of the roster she is onm.

(3) Her past experience i.e. which wards she has already

A

10



visisted, in what order, and for how long.
The first move was to attempt to draw up a decision tree which
would show all possible combinations of training schedules.

&y 551 Decision trees

If a girl's experience is traced along successive branches
from the start, each node representing duty on a new ward, then a
node will be arrived at which represents the ward she is presently
on. Branches will lead from it to a number of other nodes, each of
which represents a ward to which she is permitted to move to at her
next change. A section of this type of system representing the first
half of the course is shown in Figre 4-1. This section represents
all possible schedules for a student nurse who has started with
Ward 49 as her first position. There are two main drawbacks with
the method of following a decision tree to determine the choices open
to a girl at a given stage. The first is that, in itself, the
system is not completely authoritative. The list of choices which
it gives at each node is still subject to further conditions. For
instance the occurrence of G as a possibility at a node is still
subject to the amount of float remaining in the schedule. That is
to say that the choice of G might still be open at éhis juncture, so
long as too many weeks have not been spent on G earlier in the
course. As another example, take the case of the end of the first

half where a girl has the choice of OP — G or G — OP — G. If

there are only two weeks on day duty left before the final first
half spell of night duty then the first case is the only possihle
one, since the second would involve doing OP on night duty, which is
impossible. However, if there were three or four weeks left before

the weeks of night duty then it would be possible for a girl to do
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one week of G before her spell of OP.

This then is the first objection, that the choices defined at
each stage ére all possible under some conditions, but are not
definitive in all cases. The second objection is that of size. To
list the complete set of all possible schedules involves the use of
an unnecessary amount of computer storage space. When the branch
system is drawn out in full the number of possible routes is approx-
imately nine hundred for the first half and seven hundred for the
second. If it is permitted for a schedule to split the work on Post-
natal Wards in the second half to more than one visit then the
potential number of schedules rises to 5,000 with two visits to ante-
natal, and over 40,000 with three. It would seem an improvement if
an algorithm was designed which would generate parts of the decision
tree, rather than storing all the information contained in the whole
tree. The advantage of this approach is that in many cases the
system can be entered somewhere in the middle, without having to
trace the relevant girl's course right from the beginning.

4.5.2 The advantages of an algorithmic approach to choice
determination

What is it about this method which gives it greater flexibility
than the tree network? The answer is this: The tree network is
totally divergent. At each node, the number of choices open to a
girl is represented by the number of branches shown. As a result
the total number of ways of completing the course can be found merely
b& counting the number of branches which exist as a represéntation
of the last week of the course. It can be seen that in order to
discover the choices open to a girl in any one week it is necessary
to identify precisely which node she is at. The only way to do this

is to trace her course right through from the start.



However a tree is only a specialised form of net work in which
no loops occur. It is possible to modify the existing divergent
network so thaf it converges in places, by identifying nodes which
are common to more than one branch, as demonstrated by the following
example :

If a girl starts her course with Ward 49 instead of a general
ward then the next two or three choices she has will be affected.

At this point therefore the system is diverging. However, by the
time she gets to the end of the first half of her course, with only
a couple of wards left to visit, the identity of the first ward she
visited is no longer relevant. It can be seen that somewhere during
her first half the system has become convergent again, giving a

final part to her course which is to all intents and purposes linear.

It may be necessary to design an algorithm which analyses the
options at relevant nodes in order to achieve this convergence.

The first algorithm to be constructed was still largely
divergent except in two places (Figure 4-2). At each node a number
of choices may be offered. These depend on the part of the
algorithm's flow diagram which the girl has reached, and also on the
wards which she has visited on the way. A choice between wards at
any stage does not necessarily imply divergence. 1In fact the only
time that this is the case is right back at the first week where the
choice between Ward 49 and the general wards determines which half
of the flow diagram will be followed. All other divergences in the
system are a result of simple tests such as "Are there more than
two weeks left?" and "How many special wards still have to be done?"
(After choices 9 and 13). This algorithm was not entirely satisfactory

and was improved on later, but it is worth describing its operation
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here for comparison with later alternative methods.

4.5.3 Flowgram

Flowgram is the néme given to the computer program based on
the flow diagram part of which is shown in Figure 4-2. If the whole
flow diagram had been included it would have extended to several
pages ; the section shown is sufficient to show the method. A glance
is sufficient to indicate that it is still inordinately long for the
job which it does. It takes as input a roster for one girl, and a
list of the wards which she has worked on at each week of her course
so far (Plan). It processes "plan" to give a shorter list (EXP) which
stores the identity of each ward she has visited, regardless of the
duration of that visit.
If Plan so far looked 1like this:
G.G.G.G.LW.LW.LW.LW.G.OP.0OP.SC.SC.SC.SC
then EXP would look like this:
G.LW.G.OP.SC.
It then processes this information and prints out what choices are
open to the girl for her next week's work. Although this program
was based on the flow diagram shown in Figure 4-2, various modifications
were made in order to make the programming easier. In effect the flow
diagram traces the possible paths through the decision tree, part of
which is shown in Figure 4-1. 1In most cases it identifies specific
nodes of the tree, but where there are sections which are shared by
more than one route, it uses a subroutine to attain some convergence.
For instance there is one in Flowgram called "allocate night
duty" which deals with the last five or six weeks of the course.

This can be called from three different points in the program,

in the first and the second half, so in effect it provides a
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common ending for more than one branch of the flow diagram.

4.5.4 Flowgram's faults

To re-itérate, flowgram is unnecessarily long, and is not
definitive enough. That is to say that its final selection of
choices might still have to be modified with reference to the
point on the roster occupied by the girl in question. Luckily
both of these problems can be solved by the same methods. These
are:

(1) Pay attention to the week of the course which the girl

in question is on, with referenee to her roster type.

(2) Use the concept of float more extensively to determine

whether a girl still has the Post-natal Wards as a
choice.

The effect of these two measures can be simply described.
Originally we started with a branch diagram, which was totally
sequential i.e. to identify a node one had to trace a girl's course
right through from her first week. Flowgram continued to be
sequential, but started to achieve some convergence towards the end
of the first half which at least allowed some sub-routines to be
used to reduce the size of the program. Now, by introducing the
two points above, we have a situation where choice can be determined
half-way through the first half of the course without having to
trace through every ward which the trainee being considered has
visited.

45,5 Choice

A new program was written embodying principles (1) and (2)
above. In fact a certain degree of sequentiality was preserved in
parts where it seemed simpler to tackle the question in that fashion.

For instance a different route will be followed at first depending
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on whether the girl started on a pre- or post-natal ward. However,
since the routes converge again so soon, the main part of the
program is independant of the early sequence. A flow diagram for
the first half of this program is shown in Figure 4-3.

Choice takes as input the following information:

(1) the roster type for the girl in question.

(2) The week of the course which she is on.

(3) Her plan to date, showing which wards she has visited
and for how long.

"exp" (experience to date i.e.

It processes ''plan" to give
wards visited regardless of duration).

As output, it produces the following information:

(A) The list of choices open to her for her next week's

work.

(B) The half of the course which she is on.

(C) Her float (the number of weeks of post-natal still to

be done).

This program is much shorter than flowgram, and the_results
which it gives are totally definitive, since reference to roster
and float has been made from the earliest stages. The second half
of this program is shown in Figure 4-4 and it can be seen that,
thanks to the greater simplicity of the second half of the course,
total linearity has been achieved i.e. there is no divergence,

In Section 3.7 a list of rules was given covering the
required training pattern as adopted by the hospital. Choice
satisfies all of the rules one to eighteen, with the exception of

two, five, six and seven which refer to duration of stay rather than

the order in which wards should be visited. This aspect of the
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+1 to 25 removing from
CHOICE any special wards
already done

CHOICE includes LW if LW has
been done less than 3 times

if ROSTER=8(nights) then OP
is not included in CHOICE

calculate FLOAT

if FLOAT>0O then CHOICE
includes GENERAL wards

v

FINISH

FIGURE 4-4
Flow diagram of CHOICE (Second half)




problem will be dealt with in a different part of the program, to
be discussed later.

A copy of the output for Choice is included in Appendix E.
It is designed to be run as an interactive program. That is to say
that the program asks for certain data as it is running, producing
a form of conversation with the operator through the medium of a

teletype machine.

4.6 What criteria should be used to decide between these choices?

4,6.1 Urgency

Urgency is a model which is designed to mimic the human
decision - making process involved in determining which girls should
go on to which wards. Because of this derivation it is a heuristic
rather than an optimisation technique. There are several reasons
why this problem{as it stands does not lend itself to optimisation,
other than locally for specific totally defined sections, the most
important of which is the fact that it is too cumbersome in terms of
store requirements.

As stated in General Aims at the start of this Chapter, it
is possible to design an algorithm for many problems whose initial
or early solutions are sufficiently good that the additional benefits
which would be gained by optimising would be outweighed by the
extra computational time involved. Also, in order to optimise
using the technique of re-solving the problem with slightly
different values of the controllable variables each time, it is
usually necessary to devise a system whereby an improvement in overall
utility is achieved at each iteration. If this is not guaranteed
then it is not always possible to ensure that the solutions will

eventually converge on the optimum. In Section 3, iterative
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techniques are discussed, but the intention here is to assess what
degree of success can be achieved using a non-optimising simulation
of the human decision - making progress.

In general a satisfactory solution is being sought to a set
of constraints which, when found, determines the allocations for
successive weeks, i.e. we are merely looking for a feasible solutiom.
Having found one there is no need to search for alternatives, for,
although they exist, they will be no better than the one we already
have, according to the set of rules which shape the problem. For
instance if we have put girl X on Ward 51 and girl Y on Ward 52 we
may have a feasible solution. Changing it so that X is on 52 and
Y is on 51 is not going to alter the situation for better or worse
as long as both girls are free to be put on these wards.

The observant reader will have noted that it was stated
earlier that a set of solutions was being sought which would serve
to minimise the absolute deviations from the staffing levels named
by the hospital as being optimal. This is quite true, and the problem
will be formulated in this way mathematically, but when the problem
is being tackled manually, or using a set or heuristics built into a
computer model, a different approach suggests itself.

Let us assume that the total number of staff available is
exactly sufficient to provide the optimum staffing level for each
ward, no more, no less. It was seen in Table 1-4 that the minimum
staffing level for each ward is always one less than the optimum
level, with the exception of Ward 54, where the required level is
fixed, with no deviation permitted, and district work, which depends
on the size of successive sets. If we have exactly the right number
of girls then a deficiency on one ward will always be accompanied by

an overstaffing on another.
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Because of this relationship, not only is understaffing
constrained against, but so, indirectly, is overstaffing. As a
resﬁlt our solution will be feasible only if it falls within
narrowly defined limits. In practice there are more girls being
trained than would be needed if the allocation was 100% efficient,
so hopefully any deviations from the optimum will be in a positive
direction, i.e. causing over- rather than under-staffing, a
situation which is obviously not so critical from the point of
view of patient care.

These three points would seem to suggest that a heuristic
approach is justified. It is now necessary to decide which criteria
will determine the allocations of different girls. Let us assume
that the problem is in the process of being solved - last week and
its predecessors had satisfactory solutions, and the immediate task
is to allocate girls for the coming week. The program CHOICE has
provided the information as to which girls can go to which wards,
so how should the decisions be made between the alternatives
provided?

The following is a list of situations chosen to represent the
whole range of urgency from critical to non-critical allocation
decisions. They are presented in random order so that each can be
assessed on its own merits:

A girl may be:

(a) Starting the course this week.

(b) Somewhere in the middle of the second half - choice of

two wards - float zero.

(c) On second spell of night duty.

(d) In middle of first half - choice of four wards.



(e) Two weeks of course left - two weeks of LW still to do.

(£) Already on a ward which was chosen last week.

(g) In second half - choice of two wards - float three.

It is obvious that some are at more critical parts of their
courses than others, but which would we decide to look at first?
Which cases are the most urgent?

No mechanism exists at the present state of the model for
removing a girl from a ward once she has been placed on it, so it is
fairly evident that the highest priority situation for this week is
the one where a girl has already been allocated in a block starting
on a previous week, case (f). Henceforth such a girl will be
described as being "pre-allocated" for the relevant week.

Setting this case aside, which remaining situation presents the
smallest range of choice? A glance at the list will show that case
(e) must be most urgent. Here there is only one choice - the girl
must go onto LW - so her schedule is as fixed and as high on the
list still to be allocated as it could be. The remaining cases are
not as simple as these two, however. From among a series of
apparently disimilar cases it is necessary to extract a number of
common characteristics which can be used as criteria when the
decision is made as to which case to consider for scheduling first.

Obvious points are these:

(1) How many wards does the girl have left to do in this

half of her course?

(2) How long will it take to do them?

(3) How many weeks does she have left to do them in?

(4) Are all her choices special wards?

(5) 1If not, how many weeks of general wards does she still



have to do?

However, the girl might be at a point in her course where these
questions are not applicable; for instance she may just have
finished the first four weeks of her course, performed on Ward 49.
She has a large portion of the first half of her course to complete,
has many wards to visit in that time, and has the maximum amount of
float (weeks of general wards still to do), yet she is constrained
by the stipulations of her course to visit a general ward for at
least four weeks of her fifth week onwards. Her urgency will be
greater than the general criteria above would suggest, so we must
classify her as a special case.

Let us then take another look at the questions which must be
asked in order to determine the urgency for any particular girl. It
is possible to simplify the five above by combining them.

(A) Is the girl at a special point in her course?

YES: Give her a pre-determined urgency appropriate to
that case.
NO: Continue.
(B) How many special wards does she still have to do?
(C) What is her float? (How many weeks of General does
she have left?)
Her float is determined by a subroutine which finds out the number
and identity of the special wards she still has to visit, counts
ahead to the next natural break in the routine of the course (the
second spell of night duty in the first half of the course: the
holidays at the end of the second half of the course), and
subtracts from the number of weeks left till that point the number

of weeks needed for special wards. The questions (1) to (5) are
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answered as follows:
(i) Answer is the number of special wards left (counted by
subroutine) plus one if float is greater than zero.
(Remember that she does not have to visit all three
general wards)

(ii) The minimum time is now known for the special wards
still to be done. (The subroutine has access to the
information relating to-lengths of stay on wards done
at different parts of the course)

(iii) The subroutine has found this out by a straightforward
count. To be strictly accurate the subroutine counts
ahead in the first half until it reaches one week prior
to the second spell of night duty, since the change
over to G and 54 work starts from then.

(iv) Yes, if float equals zero, no otherwise.

(v) Answer equals float.

It can be seen that our original five questions have been
reduced to a check for generality followed by a two-criterion assess-
ment.

Common sense, supported by experimentation, tells us that the
first criterion - '"How many special wards still to do?" - is a
stronger one than the second - "Size of float?" - since the nature
of the problem dictates that we are trying to allocate first those
girls with the most limited choice. The second criterion can still
serve a function, as a tie-breaker in the case of two girls having
the same number of special wards each still to visit. Let us
examine the implications of this decision by considering two examples:

(1) Girl A has four special wards to visit and her float is
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one week. Girl B has one special ward to visit and her float is
four weeks. Girl A can go onto any one of four special wards next
week plus three general wards, giving her a total number of choices
of seven wards. Girl B can go onto one special or three general
wards giving a total of four choices.

In the case of Girl A, all four special wards have to be
visited at some time or another, but only one general need be.

Since the girl can be put onto any of the general wards (the one
with the greatest shortage) they can be classed together, for the
purposes of comparison in this example, as one category. Using

this basis for comparison, A has a genuine choice of five wards, and
B only two. B should therefore be more urgent.

(2) Girl A has one special ward to visit and her float is ome
week. Girl B has one special ward to visit and her float is five
weeks. Both have a choice of two categories (four if the individual
general wards are considered). They are both therefore equally
easily allocated this week, so we must look to the future. If we
put Girl B on the special ward this week, then by next week Girl A
(who has been doing one week of G - her only week of float) will be
reduced to-one choice with zero float - the highest urgency other
than pre-allocated. However if A were to be put on the special
ward and B on General then it would take B five weeks to reach that
state or urgency, during which time another place on the special
ward will quite possibly have become vacant.

Looked at another way the number of schedules available to A
is two, while the number available to B is six. Thus the minimum
number of weeks before starting the special ward will be zero, if

special is next week, while the maximum number will be equal



to the amount of float. If each different schedule is considered
independently, then the number of possible schedules in the one-
special-ward case will be Float + 1.

Therefore, the lower the float, the higher the urgency.

Let us now define RESIDUE as being the number of special wards
still needing to be visited at any point in a girl's course.

Using our first and second level criteria we can construct a
hierarchical order covering most general cases, giving each one a
number to represent its urgency. This is shown in- Table 4-1.
Omitted from this first table are two important cases, those for
the row RESIDUE = O and the column FLOAT = 0. Values for these, and
for the special cases, can only be arrived at by trial and error.
The rationale behind the assignment of the first set of values was
as follows:

(a) Treat the zero float situation as a special case, assuming
that the absence of G as an alternative makes a lot of
difference. The reason for this is that the optimum
staffing level asked for by the hospital for the three
general wards combined is twenty four, nine greater than
the optimum for LW, the next largest. The minimum
satisfactory staffing level for the three general wards,
once again as stipulated by the hospital, is twenty one,
compared to fourteen for LW. It is obviously easier to
find a place for a girl in a category where the require-
ment is 21 - 24 rather than one where it is 14 - 15, since
a greater week by week variance is acceptable.

For these reasons the zero float situation was given a

higher set of urgencies.



TABLE 4-1

Simple Urgency Table

RESIDUE

TABLE 4-2

Modified Urgency Table,

RESIDUE
(54 DONE)

TABLE 4-3

Modified Urgency Table,

RESIDUE
(54 NOT
DONE)

£ W M = O

e O I

~ W = O

FLOAT
1 2 3 4 5 6 7 8
31 30 29 28 27 26 25 24
23 22 21 20 19 18 17 16
15 14 13 12 11 10 9 8
7 6 5 4 3 2 1 0
54 done
F LOAT
0 1 2 3 4 5 6 7 8
37 37 37 37 37 37 31 37
37 31 30 29 28 27 26 25 24
36 23 22 21 20 19 18 17 16
35 15 14 13 12 11 10 9 8
34 7 6 5 4 3 2 1 0
54 not done
FLOAT
0 1 2 3 4 5 6 7 8
36 36 36 36 36 36 36 36
37 33 32 31 30 29 28 27 26
36 25 24 23 22 21 20 19 18
35 17 16 15 14 13 12 11 10
34 9 8 7 6 5 4 3 2
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(b) In the residue = O situation the only choices are from
among the general wards. This limits the number of
choices considerably, and although it should be relatively
easy to find a place on a general ward, the limitation
would seem to merit a high urgency rating. This is
further justified by the fact that the needs of a girl
who can only go onto a general ward tend not to clash with
those of girls who have special wards still to do. 1In
this case it will not matter how many weeks of G the girl
still has to do, since the ranges of her choices for
subsequent weeks will remain unchanged, suggesting that
all girls with residue = O should have the same urgency
regardless of float. |

The modified table is represented in Table 4-2,

4.6.2 Special cases - Ward 54

It can be seen that only four special wards are being considered
in the section above. This is because Ward 54 is a special case. It
is not compulsory for a girl to visit Ward 54, but out of each batch
of girls, a certain proportion will have to do it to maintain the
staffing level there. The model simulates this situation by making
Ward 54 non-compulsory, but by increasing the urgency of a girl who
has still not visited that Ward, increasing the likelihood of her
being picked for it. For all of the values in Table 4-2 other than
the row and column for residue = 0 and float = 0 a figure of 2 is
added to the urgency if the girl has not visited Ward 54.

On the other hand, 54 behaves in some ways as an alternative
to the general wards, in that it can be done during the second

spell of night duty. Also its non-compulsory nature makes it in



effect increase the value of the float, especially for the row
residue = 0. Since it is increasing the choice for that row, without
introducing any elementof compulsion, the row residue = O has all of
its values reduced by 1 if 54 still has not been domne.

The column float = O has its wvalues unchanged, since the
performance of 54 affects float, a float of zero implying that 54 has
already been done.

Table 4-3 shows the figures for a case where 54 has not yet been
done, as opposed to 4-2 where 54 is assumed to have been done.

4.6.3 Further special cases

(1) On the first week of a girl's course, 54 has not been done, and
there is a choice of one special ward (49) or G (so float must be
greater than zero). Looking at Table 4-3, the most appropriate
urgency is 33. The tables cannot be used directly for this case, as
the first spell of night duty is still to be done, and the concept
of float here must be meaningless.

(2) If a girl has started on G, and now awaits allocation to her
next ward, she has a choice of three special wards, with no G. This
gives an urgency of 35.

(3) A girl waiting to start her second ward who has just finished
on Ward 49 will have a choice of G only. Here the urgency is some-
what arbitrary. We know that it should be high, to be compatible
with other cases where the choice is G only, but in this case the
girl is being placed on the ward for at least four weeks, as opposed
to the one week minimum in other cases. For the sake of simplicity
the figure of 35 was chosen, to be the same as case (2) above.

(4) 1If the week being considered is the week before the second

spell of night duty starts, then the girl will be about to start on



a general ward. Her situation will be the same as that in case (3)
above, so the same urgency of 35 is awarded.

At this stage it was decided to distinguish between a girl who
had a choice of only G and who was already on a general ward, and a
girl with a choice of only G who was doing something different up
till this point. The reason for this is that it was intended to
incorporate a preference later in the program for a girl to stay on
one general ward rather than moving from one to another. In order
to facilitate this it is advisable to make the case of a girl who
is already on G more urgent than that of a girl just starting G.

The difference chosen was 2, taking priority over the difference of
1 produced by consideration of whether or not Ward 54 had been done.
Consideration of this point gives us a value for the next special
case.

(5) If the week being considered is during the second spell of
night duty then the girl is in the same situation as in case (4)
above, except that she is already on a general ward. The urgency is
thus 37. Similarly,in the cases of residue = 0, where the girl is
not already on a general ward, the urgency can be reduced by two.

In case (4) and (5) above, if Ward 54 has already been done,
then the urgency can be reduced, since, as described in the previous
Section, the urgency rating should make it likely that 54 will be
visited, without making it compulsory. The equivalent cases to (4)
and (5), in the cases where 54 has already been done, are as follows.
(6) One week before the second spell of night duty, 54 already
done: urgency = 34,

(7) During second spell of night duty, 54 already done: urgency =

36.
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TABLE 4-4

Complete Urgency Table

lst WEEK: 33
2nd WEEK: 35

PRE-ALLOCATED : 38

54 DONE -

FLOAT
0 I 2 3 4 5 6 7 8
ON G - 0] 30 3 3 3 37 3 3 37
NOT ON G =~ 0 35 35 35 35 35 35 35 35
L 37 3L 30 29 28 27 26 25 24
RESTDUE 2 36 23 22 21 20 19 18 17 16

3 35 15 14 13 12 11 10 9

4 34 7 6 5 4 3 2 0

54 NOT DONE -

FLOAT
;- T 2 3 4 5 6 7 8
ON G - 0 36 36 36 36 36 36 36 36
NOT ON G - 0 34 34 34 34 34 34 34 34
1 37 33 32 31 30 29 28 27 26
RESIDUE 2 36 25 24 23 22 21 20 19 18
3 35 17 16 15 14 13 12 11 10
4 3 9 8 7 6 5 &% 3 2

ONE WEEK BEFORE 2ND NIGHIDUTY TILL END OF 1ST HALF -

ON G NOT ON G

36 34 54 DONE

37 35

54 NOT DONE
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4,6.4 Justification of urgency values

The full set of urgency ratings, including special cases, is
laid out in Table 4-4. These urgencies are relative, being based
on an assessment of the human scheduler's decisions and on the
analysis of the problem detailed above. If the model produces good
results then the choice is vindicated; otherwise it will be seen
to be a poor simulation, in which case some relative values may be
altered. The hypothesis is that the scheduling is performed accord-
ing to the general principles outlined above, but not necessarily
as represented by the relative values given in the urgency tables

(4-4).

4.7 Allocation in the model

We are now in the situation of knowing for each girl the wards
which she is free to visit and the urgency which is associated with
her present situation. It is also assumed at this stage that we know
how many girls are on each ward at the present and how many are
needed for each in the next week. How then do we allocate the
nurses to the wards?

The first method to be adopted was a simple heuristic
procedure. The hospital has stipulated the staffing levels which
they regard as being most suitable for each ward. These figures are
adopted as target values., First the girls who are already allocated
(urgency = 38) are considered. When they are allowed for, a
"shortage'" figure is arrived at for each ward.

The girls with urgencies of 37 are now considered. These are
girls who can only go onto a general ward, or who have a choice of
only one special ward with no float left. If a girl has a choice

between more than one ward then she is allocated to the ward with
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the greatest shortage. Once she is put on that ward, the shortage
is reduced by one. This process continues until we reach the girls
with the lowest urgencies. By now the choice of available wards
will be more restricted than it was originally, but the girls we

are looking at are the oneswith the widest choice, so an appropriate
matching should still be possible.

These procedures determine which girls should be considered
first, but they do not decide which wards they should be put on when
there is a choice. A number of criteria are possible, the simplest
relating to the shortages on the possible wards. It would seem
reasonable that, if the girl under consideration is able to move on
to either of two similar wards, she shouid be put on the one which
is furthest below its optimum staffing level. However this is a
crude way to decide the allocation, and many improvements will
spring to mind. For instance, if there are two choices, Ward X
whose optimum is 10 and whose present staffing 7, or Ward Y whose
optimum is 5 and whose present staffing is 3, which of the two
should be selected? Ward X has the greatest absolute shortage, but
Ward Y has the greater percentage shortage. It can be seen that
the lower the optimum number, the greater will be the effect of any
understaffing. Similarly, because of the varying nature of the
duties on different wards, a shortage of one girl may be more
critical on some wards than on others. Different criteria were
experimented with in the small scale simulation described in the
next Chapter, but for the purposes of this full-scale model these
different aspects of the critical nature of shortages from ward to
ward were reflected by introducing a weighting system. The choice

would now be made as follows:



Of the choices available select the one whose present
shortage multiplied by its weighting factor is greatest. 1In the
case of a tie, the first ward encountered with the tied value was
selected. The program accomplishes this by adopting the first
possible ward as its choice, but then replacing it by any subsequent
ward whose shortage x weight is higher.

Different values were then tried for the weights, the most
efficient being those based on the optimum number for each ward,
with the smallest wards having the greatestweighting. The figures

giving the best results were as follows:

DAY PHTY NIGET DUTSY

OPT- WEIGHT- OPT- WEIGHT-
WARD IMUM ING IMUM ING
49 12 5 5 12
P 8 7 5 12
54 4 15 2 30
W 15 4 6 10
sC 10 6 6 10
(0)5 8 8 0 0

Table 4-5

The product of the optimum staffing value and the weighting is
nearly constant i.e. weighting 0<‘55E%£G;; with the exception of
Post-natal and Out-patients, where Out-patients is given a slight
advantage over Post-natal, since the importance of full staffing on
the former duty is likely to be greater.

The use of these weights provides a neat way of applying the
rule that the optima of 4 for Ward 54 on day duty, and 2 for Ward 54

on night duty, are maxima as well as minima. As soon as the optimum

figure is achieved, the appropriate weighting is altered to zero,
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thereby ensuring that no girl is put on that ward henceforth.

4.8 Data manipulation and storage

The status quo may be stored in three arrays, roster, plan
and exp, which will be described below. These three arrays are the
only data external to the program which have to be read in at the
start of each run. As a result of the updating which occurs within
the run to each it is possible to produce the three arrays as
output, and then read them in their revised form at the beginning
of the next run. For simplicity the same format will be used to
describe these arrays here as is used in the program. The general
case for a two-dimensional array can be represented as follows:

ARRAYNAME (ml Pmy oMy nz)

This describes an array whose first dimension has wvalues from
m, to m, inclusive, by increments of one, and whose second dimension

4 2

is from n, to n, inclusive by increments of one. The lower and
upper values can be either positive or negative integers, so long as
the latter is greater than the former. The arrays used here are as
follows :

Roster (1 : 280 , 1 : 110) - roster has been described earlier;
it contains the basic schedule for each girl relating to holidays,
community work and night duty. In this program it will accomodate
up to 280 girls and will continue into the future for up to 110
weeks. Different spells of night duty, holiday, etc. are represented
by single digit numbers, which are contained in a location in the
array identified by the two parameters. For instance the term
Roster (20, 5) might have the value 2, which represents the first

spell of night duty. This then stores the information that nurse

number 20 is on her first spell of night duty at week 5.



Plan (1 : 280 , -1 : 110) - plan has the same dimensions as
roster plus an additional two colums corresponding to week labels of
-1 and 0. The zero column was used as a spare column in the event
of some labelling being required to differentiate between different
categories of plan in the future; the -1 column contains a code
number indicating each girl's working status. It will be 112 if she
has not started or has finished the course at the week being
considered, 111 if the file is a blank, and zero if the girl is on
the course at the relevant week. This requires further explanation.
When the data is read in the first few files are occupied by girls
whose entire course has been planned, and whose courses end on week
48, Week 49 is the first week for which planning is required. The
next set's plan starts on week 1 of our plan, and is four weeks
from completion at week 48. The third set's plan does not start
till week 4, and is eight weeks from completion at week 48. If the
array were printed two-dimensionally it would have the structure
shown in Table 4-6,

The vertical line between weeks 48 and 49 divides the period
already planned (on the left of it) from the period to be planned
by the program. The diagram represents the nature of the data as
read in at the start of a computing run. As the run progressed,
the hypothetical vertical line would move to the right as more of
the plan was filled in. At any given week the program works with
the relevant data which it selects from the preceding part of the
plan - in other words the allocations which it makes for one week
become data for subsequent weeks. The code numbers contained in
column -1 refer to the status of each girl at the week being

considered, so they are updated as the line moves to the right.
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weeks
110
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courseat-
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280
girls
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A Y

starting week

TABLE 4-6

Structure of plan array
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Some of the rows will remain blank as the sets are of different
sizes in the real situation. Enough spare capacity is included to
cope with anything up to the largest set size occuring in the
period since 1973.

Plan is completed by filling in single digit numbers correspond-
ing to the different wards which each girl is to visit.

EXP (1 : 280 , 1 : 25) - Exp is an abbreviation of experience,
and is explained in detail in Section 4.5.3 of this Chapter. To
reiterate, it stores the identity of each ward visited in turn,
regardless of the duration of each visit. Each time that an
allocation is made, the exp array for that girl is altered by
scanning the row relating to that girl's code number (between 1 and
280), and replacing the first zero encountered with the code number
relating to the ward éhe is being placed on. The code numbers used
in the model (whose final form was labelled X280 in order to refer
to the number of girls it could cope with) were as follows:

Code : 1 2 3 4 5 6 7 8

Ward: 49 51 52 53 54 LW SC OP

Thus if a girl were put on Ward 49 as her first duty, her
experience file would be a number one followed by twenty-five zeros.

Although this is a programming consideration it is mentioned
here in order to clarify the meaning of some of the sample print-
out in Appendix E.

Thus, using these three arrays it is possible to store the
status quo at any given stage of running the model. If it is wished
to carry on allocating when the storage of the program is full it
is merely necessary to read the status quo into a file, and re-run
the program, instructing it to read in its data from the new file

rather than the original file. 1In practice it is necessary to
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terminate the first run at a point where the roster structure matches
that of the original data, so that the same procedure may be used for
reading it in again.

These arrays are fairly large, so to reduce the amount of time
required for processing the data it was stored in direct access
form.

There are many other ways in which this program could have
been modified to make it more efficient to run and more elegant in
structure, but the construction of the original crude model gave
enough information to indicate that it would be more fruitful to
progress to a smaller scale model, which would be cheaper and faster
to run which behaving in the same way as the full scale model,
rather than attempt to perfect the original scheme.

Appendix E contains the complete text of the program X280. To
aid understanding of its method of operation a resume is also given.
This is done in preference to the common method of including a flow
diagram, since the sequence of operations mainly follows one single
route, with only a few loops or alternative courses of action. A
definition of the meaning of certain variables is included before
the resume; most have already been discussed in earlier sections of

this Chapter.

4.9 Full-scale model versus manual allocation - a comparison

At this stage it is intended merely to point out some of the
basic differences between the two approaches - a full appraisal
will be found in the conclusions in Section 5.

The intention behind designing a model such as this was to

find out whether the human decision - making process in this context



could be simulated effectively by a computer model. The rules of

the problem were adopted largely intact, with the exception of some
minor simplifications, and the method of approaching the week by week
solution of the problem was designed to copy as far as possible the
solution techniques adopted by the existing allocators. There were
however some shifts of emphasis which were almost unavoidable by the
nature of the process being used.

The human allocator starts with a set of rules governing the
structure of the training course, some explicitly stated and others
adopted by common sense or by virtue of their past suitability in
similar situations. Within the framework of these rules she attempts
to arrange a set of schedules so that the required staffing levels
are attained. If an impasse is reached and it seems to be impossible
to provide enough staff for a certain ward then the allocator breaks
or modifies the training rules in order to obtain the requisite
number of staff for the week under consideration. In the real-life
situation the week being considered is likely to be the week
immediately after that in which the allocation is being done, so there
is a greater feeling of urgency than if the week being planned were
some time in the more distant future, with the likelihood of there
being future alterations to be made prior to the implementation of
the plan. It is conceivable that from time to time the rules might
be broken unneccesarily if a solution existed which the allocator had
failed to find. This situation is more likely to occur under the
conditions of urgency mentioned above.

It would be exceedingly complicated to program a model so that
it too could break certain rules. The nature of this problem

dicates that the normal approach would be to simulate the staffing



situation and adopt the real training rules, then to minimise the
deviations from the correct staffing. It would be extremely
difficult to design a model which guaranteed the achievement of

even staffing and attempted to minimise the deviation from the
normal rules. This may sound ludicrous, but is not in fact so, on
closer examination. The above approach would be possible if all

the constraints were of the type such as i 8 where t; represents
the number of weeks spent on the Labour Ward. With constraints of
this nature it would be possible to relax them and to permit ty O
equal seven or nine weeks. However it is these constraints which
we least wish to violate. The Rules which could conceivably be
broken are the sequencing rules, since their effect on the quality
of service or of training is not absolute but is one of degree.
Thus, if a girl only did seven weeks on LW she would fail to achieve
the required training which would allow her to be awarded her
qualification. If on the other hand she had to do only two weeks

of LW in the first half and six in the second instead of four and
four, it might be inconvenient as far as her theory training was
concerned but it certainly would not be critical.

Unfortunately since these sequencing rules are not concerned
with mere numerical values it would be very difficult to design ways
in which they could be broken in a controlled fashion. It is not
possible to relax them to a degree - they would have to be dropped
entirely and replaced by other rules which, though less desirable,
produced an acceptable different result. A series of penalties
would have to be assigned to violations of the preferred rules.

Thus there is a different emphasis demonstrated by the

model.



The next problem is that although the model copies many of
the human thought processes it does not have the ability to produce
new techniques in answer to new problems. The human allocator,
when faced with a situation which has not occurred previously will
try to apply known techniques to its solution. If these fail then
he or she will examine the new situation for characteristics
which might suggest a new technique or approach. There may, for
instance, be a type of pattern.or symmetry about the situation
which indicates a new method of resolving it. It is this flexibility
which gives the human an advantage over the computer when
unfamiliar problems occur, since the human will search out new
patterns and relationships while the computer will only be able to
recognise those which have been anticipated and which it has been
programmed to identify.

It was hoped that this inability to grapple with some of the
more testing aspects of the scheduling would be compensated for by
its ability to apply the simple rules very quickly and totally
methodically, and thereby to work further into the future than the
manual method. It was hoped also that by working for several
months ahead rather than just one week it would be able to predict
future bottlenecks in training, allowing manual intervention, and
so removing one aspect of uncertainty which worried the human
allocators who did not have the time available to work more than
one week ahead at a time. It was possible for them to do so with
regard to perhaps one ward, as described in Section 3.6, but not
to work out the entire schedule in advance.

However it was this type of insight, allowing the human brain

to recognise patterns in the scheduling of future weeks, which the



model could not imitate. In effect, although the human allocator
was normally only planning the week ahead, she would always do so
with an implicit understanding of likely future effects whereas
the model allocates one week at a time with only the underlying
structure of the training course to ensure that feasible solutions
will exist for future weeks. As a result it is possible for an
underlying imbalance to develop, and for the solutions to
deteriorate week by week. This is what occurred with the full
scale program - its initial solutions were good, but as the weeks
were tackled one by one it deteriorated progressively. To take

an example of the kind of situation which the model was unable to
handle at its existing stage of development, consider the case of
an allocation which has to be made immediately prior to a session
of night duty. Since the model has no facility for scanning

ahead it is capable of making decisions whose future implications
can lead to infeasible situations occurring. Let us assume that
the week being considered was for day duty in the case of a number
of the nurses, with night duty starting the following week. If
there was a large number of places still to be filled on the Labour
Ward, it is conceivable that eight of these girls be placed on that
ward for four weeks each. This will solve the present week's
staffing problems, but consider what will happen in the next week.
Each of these girls will go onto night duty; giving a total of at

least eight on that ward, whose optimum number is six. Regardless

of what is done for the next weeks allocations there are bound to be

at least two girls too many on that ward, and it is possible that
this will also create a shortage on other wards.

The prospect of eight girls from the same set all starting on

16
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the same ward simultaneously is extreme, but the principle applies,
and situations like this caused the solutions to deteriorate. Tt
was difficult to experiment with the large model, since its size
dictated that it be run as a batch job, which entailed a delay
between each run and any subsequent modifications to the program.
Because of this restriction it was decided that it would be more
realistic to construct a small scale model, possessing all the main
characteristics of the full scale one, which could then be used
for experiment on the more rapid interactive basis. If this could
be made to work, then the findings which resulted could be applied
to the large scale model.

The next Chapter describes this model and the results which it

produced.



CHAPTER 5

5.1 Introduction

It was explained in the previous Chapter that the small model
was developed in order to ease the computational burden. This made
it possible to run the program interactively, thus eliminating the
time delay between maki;g a modification to the program and seeing
its results.

In this Chapter the small scale simulation will be described,
with particular attention being paid to the characteristics which
it shares with the full-scale simulation. Where there are
differences between the nature of the two models these will be
explained. Flow diagrams are provided to illustrate the decision
and operating sequence of the small-scale model, and it will readily
be seen that they are very similar in structure to those reproduced
in Chapter 4 which describe the program X280, the large scale
simulation. The program of the small-scale simulation is labelled
X108, since it cycles through 108 nurses when allocating. That is
to say that the label is a measure of the maximum capacity of the
program in terms of the number of nurses it can allocate.

Some sample printout is included to show what information the

program provides; the results of several runs are then illustrated

graphically.

5.2 Description of the small-scale simulation

It was essential that the smaller scale model retained the

main characteristics of the full-scale model, so the new program
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Weeks: 4 8 2 16 20 24 28 32 36 40 44
Day [Night Day Hol
Day | Night Day Hol
Day [Night Day Hol
Day |Night Day Hol
Day |Night Day Hol

TABLE 5-1

Simplified model - roster suggestion

Day |Night Day Hol




was developed merely by editing the larger program. Alterations
would be made to specific values (for instance the figure 280
relating to the total number of nurses would be deleted each time
it appeared and be replaced by the figure 108) but no change would
be made to the sequence of operations. Thus the logical structure
of the smaller scale model would still be identical to that of the
larger. The roster was greatly simplified and the length of the
course shortened. This was achieved not by reducing the number of
weeks spent on each ward, but by removing a portion equivalent in
length to the second half of the course. For neatness, the course
was divided into six portions of four weeks each. Originally the
plan was to have been structured as in Table 5-1, but it was
discovered that the use of only one four-week spell of night duty
gave an unrepresentative allocation problem, so the roster was
simplified yet again. By dropping the spell of night duly the roster
became merely a twenty week spell of duty followed by a four week
holiday. The lengths of each visit are almost identical to those

required for the first half of the course under the 1973 system:

CODE 1 2 3 4 5 6

WARD 49 G 54 LW sc oP

WEEKS 3 5 2 4 4 2
Table 5-2

Once again the abbreviation of G for general wards (51, 52 and
53) has been used to distinguish their characteristics within the
model as being different from the other special wards. All wards
other than G are visited once only; G is visited for a three-week
spell if it is the first ward of the course, with either one or two

visits thereafter, or else it may be visited for as many as five one-



week spells. The first duty is always 49 or G, thereafter the

wards may be visited in any order. The required staffing for each
ward was derived from the availabilities of nurses produced by

the above training scheme i.e. the figures were devised so that it
would be possible, given the number of nurses available, always to
provide the correct number for each ward without having to deal with
fractions of nurses. Similarly it is possible to allocate sufficient
to each ward without needing extra girls to cover fluctuations, with
the consequent overstaffing which this entails. The staffing

requirements are as follows:

CODE 1 2 3 4 5 6

WARD 49 G 54 Lw sC oP

OPT 5 8 3 6 6 3

MIN 4 7 3 6 6 3
Table 5-3

With the exception of wards 49 and the general wards, the
minimum and optimum figures are the same, so the problem has very
little slack. An overstaffing on one ward will most usually be
accompanied by an understaffing on another. In order to ensure
that feasible solutions would be possible an initial set of data
was constructed which would produce even staffing henceforth
merely by repetition. This is shown in Table 5-4.

All figures on the left of the line are data supplied to the
model. The tens in the top right hand corner are the code for the
holiday, and are determined by the roster. The line is not
straight since the wards are allocated for up to four weeks ahead.
At the bottom of the table are vertical totals for each of the six

wards. Note that the plan for each intake is identical as far as

ik
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the starting data are concerned, so mere repetition of each would
cause the staffing levels indicated to repeat every four weeks.
However the model cannot recognise such a pattern, and is obliged
to allocate each week in isolation as in the case of the full-
scale model. There is no point in programming the model to
recognise this sort of pattern since it is an artificial device
created in order to guarantee the existence of an ideal solution,
and would not occur in real life. This table also shows an
unsuccessful first week's run by an early version of the model.
It should be noted that OP is not done during the second four
weeks of the course. This means that the data could also have
been used if a trial had been wished with the night duty session
included. The plan shows that each intake comprises six girls.
It might be assumed that this simplifies the problem since there
are half as many girls to allocate in each intake as in the large
scale simulation, but in fact the opposite is the case. With six
girls available there is much less flexibility, with fewer girls
ready to change wards at any given week of the course. Also,
since there are now only six sets present at any time rather than
twelve, flexibility will be further reduced, and the solution of

the problem will become harder still.

5.3 Small-scale simulation - a summary of constraints

The following summary is in the same form as for the large-

scale problem:

No. of trainees present at any time - 36
No. of intakes per course length - 6
No. of rosters per intake - 1

Length in weeks of course = 24



STAFFING LEVELS

TRAINING
WARD REQUIREMEN TS OPTIMUM MINIMUM
49 3 5 4
Post-natal 5 8 7
54 2 3 3
LW 4 6 6
SC 4 6 6
oP 2 3 3

ROSTER: 20 weeks of duty + 4 weeks of holiday

SEQUENCING RULES: 49 or Post-natal first, then other wards

in any order. All wards but Post-natal to
be visited once only; Post-natal minimum
spell of duty is one week.

Since this model is a modified form of the full-scale model,
the flow-diagramsdescribing it are almost identical to those for
the larger model. A simple one and one slightly more detailed are
shown in Figures 5-1 and 5-2.

Roster and Plan have the same format as those in the large-
scale model, X280, but Exp is different. In X108 (again named with
reference to its maximum capacity for girls), Exp is no longer an
array which stores theidentities of wards visited in the appropriate
sequence. Because of the simpler nature of the training sequence
requirements it is now only necessary to record whether each ward
had been visited yet or not. The array is EXP (1:108, 1:6). Its
initial value is all zeroes, but as each girl visits a new ward the
number corresponding to that ward is changed to a one. Thus if girl
No. 1 visits Ward 5, then exp (1, 5) is altered from zero to one.
The Exp column corresponding to ward code 2 is redundant but is

retained to make the labelling simpler. As a result if all of the

Exp values for one girl are added it will give the total number of
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special wards which she has visited so far.
GEN (1:108) is used to accumulate the number of weeks of G

which each girl has done.

5.4 Small-scale model - urgency values

The urgencies are calculated on the same basis as with the
full-scale model:

Pre-allocated: 99

First week : 28 -
5 4 3 2 1 O - No. of weeks of G already done

5 30 29 28 27 26
Total 4 30 29 28 27 26 25
Nuﬁger 3| 24 23 22 21 20 19
Special Table 5-5
Wards 2 18 17 16 15 14 13
Visited

94 Small-scale model - allocation system

All of the aspects of the model discussed so far have been
handled in the same way as in the full-scale model. The advantage is
that because of the reduced scale it is possible to experiment with
the allocation rules and get immediate feed back of results. Under
the time restrictions imposed by the size of the full-scale model it
was only possible to run for thirteen weeks ahead at a time, but
with the smaller scale model a run of forty-eight weeks is possible.
By using the same technique as with X280 of reading the status quo out
into a data file, then using it as input for the next run, it is
possible to examine interesting algorithms far into the future. Again

the method of Direct Access input and output is used.



The original versions worked on the same basis as X280 when
allocating. To recap, the rule was:

Of the choices available for a girl, select the one whose
present shortage multiplied by its weighting factor is greatest. In
the case of a tie, the first ward encountered with the tied wvalue
is selected. The program accomplishes this by adopting the first
possible ward as its choice, but then replacing it with any
subsequent ward whose shortage x weight is higher.

A series of runs was then made as before trying out different
values for the weights for each ward. The results of these runmns,
and subsequent ones described below, are given in the next section.

The next factor to be taken into consideration was the number
of alternative ways that a ward could be staffed. To illustrate,
let us consider an extreme example. Let us assume that the first
girl to be considered has a choice of two wards, 49 and G. Let us
further assume that there are four other girls who could do G but
none who could do 49. If the shortage on G was 4 and on 49 was 1,
then the previously described algorithm would tend to put the girl
on G. Thus it reacts to the shortage there without taking into
account the fact that it has left itself with no possible girl for
Ward 49. To attempt to rectify this situation the algorithm was
modified so that the weights each time were multiplied by the inverse
of the number of girls currently available to go onto the relevant
ward. Thus the fewer girls available as an alternative to the one
being considered, the greater the weighting tending to place her on
the ward in question.

It was noticed that this new algorithm caused an imbalance in

the rare circumstance of two wards becoming overstaffed during



allocation. The results were good, but the logic of the algorithm
was improved by causing the alternative staffing factor to be
multiplied with the weighting in its non-inverted form if the
shortage on a given ward became negative, i.e. if it became over-
staffed.

For each of the above runs the weight attached to Ward 54 was
reduced to zero as soon as that ward was correctly staffed, in
order to ensure that it was never overstaffed. This was to mirror
the situation in the real-life problem whereby the optimum for
Ward 54 was also a maximum. In subsequent runs the maximum staffing
was maintained by an arithmetic manipulation which caused Ward 54 to
exhibit a weight of -50 as soon as it became correctly staffed.

A modification was made to the urgency ratings to take into
account how many weeks of the course had been completed. This
involved either adding this number to the urgency, adding one half
of the number, or adding one tenth of the number. All of these
measures detracted from the results.

In some cases, the first few weeks were predetermined so that
the model did not have to work them out. It was felt that, by
automatically starting four girls on G each time and two on Ward 49,
the model would be assisted towards producing a balanced set of
solutions with better overall staffing. In fact the reduction of
the models choice seemed to be the critical aspect, and the solutions
worsened.

Finally there were a number of trials carried out where minor
adjustments were made between different wards with regard to the
models behaviour when they were almost correctly staffed, but

perhaps one under or over. The effects of this fine tuning did not

56
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FIGURE 5 - 1
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FIGURE 5 -21

Detailed flow
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produce any noticeable improvement.

Detailed results of these experiments are given in Section

Fad's

5.6 Qutput and assessment of results

The format of the output was at first fairly similar to that
of X280, with the same optional output of different information.
Sample output for X108 is shown in Appendix E. At the end
of each week's printout the computer analyses its own results and
prints them out. Once the system had been properly tested a further
reduction in computational burden could be achieved by instructing
the program to print an analysis of the results, but to omit the
results themselves.

Two cumulative measures of assessment are used:

(1) Mean weekly deviation. This is the average deviation,
both positive and negative, from the optimum range. For
the purposes of this measure both the minimum and
optimum figures for 49 and G are taken as being a
deviation of zero. The absolute value of all other
deviations is summed and an average determined. Mean
weekly deviation can therefore be represented by

T J
2 2 |a,

t=1 j=1 | J|¢

T
where T is the number of weeks being considered and
d, is the absolute value for deviation from the
t

optimum in week t on ward j.

(2) Root mean squared deviations. A measure of the variance
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could have been obtained by calculating

[ 2

J
t=1 j=

1

T

where §3 was the average number of staff on ward j; xjt
was the actual number on ward j at week t.

However this is not ideal for two reasons: Firstly, §5 will
always tend to be the optimum figure, or near enough to make its
inclusion unnecessary. Secondly the above expression is looking at
the variance ward by ward as well as week by week, whereas what is
more relevant here is some measure of how good or bad the average
week's total allocation is. This means that it is no longer possible
to use the device of squaring to eliminate neatly the positive and
negative signs of the deviations.

However, the method of squaring can still be of use in order

to emphasise any individual bad weeks. The expression which was

used was as follows

T J 2 where |d,| is the absolute
d J

2 | 2 .

fml =1 value of dj

It was considered better to have a series which consistantly
erred from the optimum by a small amount than one which allocated
correctly for most of the time but then produced the occasional
unacceptably bad figure. Consider the two series below, representing

deviation figures for ten weeks each:



SUM OF | MEAN OF SUM
MEAN | SQUARES | OF SQUARES

A : 0 0O O 01 O O 4 1 0] 0.6 18 1.8
B 32 T © 2 1. 032 0 1 0] 0,6 6 0.6
Table 5-6

It can be seen that series A and B have the same arithmetic
mean, although series A would seem to be less acceptable because of
the one bad week which it contains. The mean of the sums of the
squares are 1.8 and 0.6 respectively, while the 'root mean squared
deviations' are 1.34 and 0.77 for A and B. Thus by this method it
is possible to distinquish between two such series, and to select
one which spreads any deviations it contains as evenly as possible
between the weeks.

For the abbreviated runs a different format was used, printing
out only the staffing levels achieved each week for the six wards,
then after sixty-eight weeks printing out the relevant diagnostics.
If the program was run for successive batches of forty-eight weeks
each then the printout for subsequent ones could be made to include
all of the deviation figures from week twenty-one, so providing
a complete record for the equivalent of several years forward rum.

Samples of this printout are given after the normal printout.

5w Results of experiments with the small-scale model

It is usual practice in problems of this nature to try a large
number of different data sets, in order to ensure that the results
obtained are representative, and not determined atypically by some
chance configuration in the first data set used. In order to guard
further against the possibility of there existing some favourable

idiosyncracy in the data sets used, these are often published along



with the results to permit future researchers to test their own
algorithms on the same sets{ In this way it is possible to achieve
a direct comparison with previous work, for instance in terms of
the average number of iterations needed for an integer program to
reach an optimal point, or the machine time needed to solve a given
problem. Commonly these are averaged for a number of data sets
which is sufficiently large for the findings to be statistically
valid.

However the model under consideration creates its own data;
only the starting point is common to all runs, and if run for
enough weeks ahead (in terms of the model) the algorithm being
tested will tend to stabilise at a particular average deviation
level. This quality of solution will by then be independant of the
original data pattern, but as long as each algorithm is given the
same starting point the results will be comparible at an even
earlier stage.

Unless otherwise stated, the cumulative figures quoted will
be those achieved by week sixty-eight, i.e. forty-eight weeks after
the starting point. By this point they all tend to settle down to
a steady level of deviation, since there will have been two complete
changes of personnel by then.

The first experiments were made using differing weights, in
order to explore the emphasis which should be given to the different
wards in order to achieve the best overall staffing balance. It
will be noticed that the Post-natal Wards (labelled G) are often
singled out for a different weight from the others - this is
because the optimum and minimum figures for that category differ by

a figure of one. The same applies to Ward 49, but the aim was
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merely to give different treatment to one of the wards with a degree
of slack, so G was chosen since its overall staff requirements are

the greater. The weights tested, with results were as shown in

Table 5-7.
WEIGHTS MEAN ROOT MEAN

VERSION 49 G 54 LW SC OP DEVIATION  SQUARED DEVIATIONS

1 2 2 2 2 2 2 2.0 2.69

2 2 1 2 2 2 2 2.5 3.32

3 4 1 4 & 4 &4 347 4.14

4 10 1 10 10 10 10 4.3 5.13

5 5 3 8 4 4 8 3.2 3.75

6 10 3 16 8 8 16 3.2 3.68

Table 5-7

When the shortage for 49 or G reaches 1 the weight for that ward
is reduced to 1 if it is not already at that wvalue, since the minimum
figure has been achieved. The criterion used when selecting which
of the possible wards a given girl should move to was to select the
one whose product of weight and present shortage was the greatest.

The figures for version 5 were chosen because they give very
nearly a constant when multiplied by the optimum staffing levels:

49 G 54 LW SC 0P :  WARD

5 8 3 6 6 3 :  OPTIMUM

If a given ward requires a large number of girls, as in the
case of G, then by the nature of the model there will be more girls
available to perform that duty, so it will be easier to achieve the
correct level of staffing, or one very near it. Conversely if the
required number is small it may be more difficult to provide the

correct staffing, so the weights in version 5 were intended to
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WEIGHTS S00F

% 1 MEAN SQUARED

VERSION 49 G 54 LW SC OP ~ AVAILABILITY DEVIATION DEVIATIONS
¥ . 1 1 1 1 1 1 v 1.6 2.06
8 2 1 2 2 2 2 v 0.9 1.65
9 4 1 4 4 4 4 Vv 0.7 1.50
10 10 1 10 10 10 10 v 1.4 2.5
l1a 5 3 8 4 4 8 v 1.2 2.00
12a 15 13 18 14 14 18 v 1.2 2:27

Table 5-8
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VERSTION

11

WEIGHTS

As Version 9

X 1
AVATLABILITY

+ve shortage

Table 5-9

X AVAILABILITY

-ve shortage

MEAN

DEVIATION

0.9

ROOT MEAN
SQUARED

DEVIATIONS

1.78



counteract this tendency.

The next hypothesis to be tested was that a given girl should
be encouraged to go to a certain ward if the number of alternative
girls who could perform the same duty was small, and discouraged
from being placed on a ward if there were many other nurses who
could do the same. This was achieved by using the inverse of the
number of nurses available for each ward as the weighting factor.
This brought a marked improvement over the previous weightings.

The inverse availability weighting was then combined with the other
weightings previously tried, and a further improvement was achieved -
see Table 5-8.

An improvement was made to the logical consistency in cases
of overstaffing by causing the availability figure to be used as it
stood rather than inverted in cases where the staffing figure for
a given ward had a negative shortage. Version 11 is the same as
Version 9, but with this modification made. The result was
marginally worse, but only by an amount which could be attributed
to a random variation caused by this alteration. This is shown in
Table 5-9.

The next question to be considered was whether the allocation
could be improved by altering the urgency figures to take more
account of the number of weeks left in any girl's course. In order
to increase the urgency of any girl nearing the end of her course,
some proportion of the number of weeks already done was added to the
existing urgency figure. For brevity the figure representing the
number of weeks done will be referred to in these tables by the label
used in the program - SLACKINV. 1If a fraction of SLACKINV was

required, any remainder was ignored. This operation, known as



integer division, was represented in the program by two oblique
lines, and this convention will also be used in these tables.

Another option to be considered was whether the allocation
would be improved by dictating how each girl's course should start.
It was felt that by insisting that four girls out of six should
start on G and two on 49, a balance might be established which
would then be maintained by the program. The results of these
modifications are given in Table 5-10. The changes are all made
to Version 11, since that is the best version so far with the
exception of Version 9 which contained the logical inconsistency
discussed above.

Version 11, without starting constraint -

URGENCY MEAN ROOT MEAN
VERSION MODIFICATION DEVIATION SQUARED DEVIATIONS
12 + Slackinv 1.3 2.16
13 + Slackinv //2 1.4 2.41
14 + Slackinv //10 1.4 2.21

Version 11, with starting constraint -

URGENCY MEAN ROOT MEAN
VERSTION MODIFICATION DEVIATION SQUARED DEVIATIONS
15 = 2.2 2.89
16 + Slackinv i 2522
17 + Slackinv //2 1.8 2.45
18 + Slackinv //10 2.0 Y
Table 5-10

The conclusion seems to be that an attempt to introduce an
extra constraint, even if it should theoretically be a move which
helps the algorithm towards a good solution, will in fact limit the

range of choice of that algorithm and thus cause the solutions to
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WEIGHTS ROOT MEAN
MEAN SQUARED
VERSION 49 G 54 1W SC Op +ve shortage -ve shortage DEVIATION DEVIATIONS
1
X Availabi % .78
11 46 1 & 4 4 4 demu..pm_uﬂ.u..n% vailability 0.9 1.7
22 8 1 4 4 4 4 X H X Availabili
Availability NG lanl ey 1.1 2.22
1
23 4 1 4 4 4 4 X X Availability X 10 1.1 2.11

Availability X 10

Table 5-12
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deteriorate in quality overall, as measured by deviations from ideal
staffing levels.

Further experiment was made with fine adjustment of the
weights. Version 9 was taken as a basis, and the weight for Ward 49
was altered to varying values. In Table 5-11, Version 9 is repeated

for comparison.

WEIGHTS way  Squmr
VERSION 49 G 54 LW SC OP AVAILABILITY DEVIATION DEVIATIONS
9 4 1 4 & 4 4 v 0.7 1.50
19 6 1 4 & 4 4 v 0.7 1.52
20 8 1 4 4 4 4 Y, 0.7 1.51
21 10 1 4 4 & 4 Y, 0.7 1.52
Table 5-11

More of a difference was observed when Version 11 was taken as
the basic version - see Table 5-12.

So far Wards 49 and G have had optima of 5 and 8 respectively,
and minima of 4 and 7. As an experiment the requirements were
tightened up so that the minimum concept was dropped and the
optimum for 49 was 4 for two weeks out of four and 5 for the other
two. Similarly G had optima of 7 and 8. The resulting increase in
deviation was not as great as might be expected from the effects of

the modification made in Version 15. This is shown in Table 5=13.

MEAN ROOT MEAN
VERSION DESCRIPTION DEVIATION SQUARED DEVIATIONS
24 As 9 but with optimum Ll 1.74

requirements altered

Table 5-13
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The next factor to be altered was the reduction of the weights
to 1 when Ward 49 or G reached the minimum value. The results of this

are contained in Table 5-14

MEAN ROOT MEAN
VERSION DESCRIPTION DEVIATION  SQUARED DEVIATIONS

25 Same as 20 but Ward 49 stays 0.8 172

at 8 when on minimum
26 Same as 24 but Wards 49 and 1.2 1.93

G stay at 4 when on minimum
27 Same as 11 but Ward 49 stays 0.6 1.39

at 4 when on minimum
28 Same as 11 but Wards 49 and 1.8 2.28

G stay at 4 when on minimum

Table 5-14

Finally two more experiments were carried out on the weighting

values. These are described in Table 5-15.

MEAN R.M.S.
VERSION DESCRIPTION DEVIATION  DEVIATIONS
29 Same as 9 but weight for G becomes 23 3.16
0 when G has negative shortage
30 Same as 9 but weights for 49 and G 2.4 3.19

become O at shortage of 1, then 1
again at shortage of O

Table 5-15

To recap; each week 30 nurses are being allocated to 6 wards.
In the case of Wards 49 and G there is a small tolerance in that
staffing at the optimum and the minimum levels will count for zero
deviation, but the other four wards have to be on the optimum level
to avoid registering any deviation. This is a fairly exacting
requirement, yet the simple heuristics outlined in this Chapter have

been able to achieve patterns of staffing whose average weekly
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. deviation is around 0.7 girl wards. That is to say that the total
of over- and under-staffing averages out at less than one girl out
of thirty per week.

Figures 5-3 to 5-11 illustrate some of the sets of results
which provided the tables in this section. Whereas in the tables, the
deviation figures quoted are for Week 68 each time, Figures 5-3 to
5-8 plot the cumulative values of the deviations week by week up till
Week 60. Figures 5-9 and 5-10 consider a longer run forward to
Week 212, and examine patterns of absolute as well as cumulative

deviation wvalues.



CHAPTER 6

6.1 Introduction

In this Chapter a survey will be made of existing general
solution methods applicable to the nurse scheduling problem. Several
of the more commonly used linear and integer programming techniques
prove to be unsuitable, and this is explained in Sections 6.3 and 6.4.
In Section 6.5 the concept of Lagrangian adaptation is introduced,
and its relevance explained. It is shown how this technique allows
some of the constraints to be temporarily relaxed and the advantages
of this approach are outlined.

Sections 6.6 to 6.8 describe Fishef%l method of using
Lagrangian relaxation, while Sections 6.9 to 6.12 give an account
of a relation of this method proposed by Held and Karpz. The
original papers restrict themselves to fairly formal mathematical
presentations of the techniques so in each case we attempt to provide
an intuitive analysis of the algorithms being considered rather than
merely recounting extracts from published sources. The insight gained
from this is valuable in its own right, and has aided considerably
in the application of these powerful techniques to the problem
studied here.

Sections 6.13 and 6.14 describe the application of the sub-
gradient algorithm explained in the previous Sections, while Section
6.15 details some alternative procedures which were tested. Sections

6.16 to 6.21 evaluate the performances of each of the methods used.

6.2 The approach to computational methods/
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6.2 The approach to computational methods

It was felt that a problem of this complexity might be amenable
for a more powerful computational approach. 1In order to facilitate
the testing of a number of methods, a series of approximations to the
real-life problem were established, in some cases equal in scale to
the real problem, and of the same degree of structural complexity,
but with some of the incidental idiosyncracies removed to simplify
the initial formulation.

The general problem was taken to be:

(1.1) minZz = > ¢ . x,
< 19 g

(1.2) s.t. z Xiq " 1 i
q
> .
(1.3) z aith xiq = djt’ v i P
iq
(1.4) Xiq = loroO o Nokiq
Where X =1 if girl i is on schedule q (the decision variables),

ciq is the cost of putting girl i on schedule q,
aith = 1 if schedule q puts girl i on ward j at time t.

djt is the demand for girls on ward j at time t.

Constraint (1.2) permits each girl to be placed on only one
schedule.

Constraint (1.3) ensures that demand will be satisfied for each
ward at each unit of time.

One of the problems encountered in the real problem was that
of generating permissible schedules. Here we will treat schedule-
generation as a separate sub-problem. As a result, we eliminate

from this formulation the set of precedence constraints, since

permissible schedules will be stated explicitly. This highlights
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the difference in approach from the model-building or simulation
method discussed earlier. In that case, each week was dealt with as
it was reached, and limits as to how far ahead the program could be
run were only dictated by external factors, such as the amount of
machine time available, or the amount of storage needed.

In the case of the formulation above, however, it is necessary
to consider a discrete unit of time. The model will produce a
solution for that period, but could not consider a subsequent period
without further data. This differs from the simulation's method,
which creates its own data as it runs. Against the drawback of being
forced to consider a discrete time period can be set the advantage
of obtaining a better overall view within that period. Whereas the
simulation could make a decision at one point which would present
bottlenecks later, the general mathematical model treats the time
units within its prescribed period simultaneously, the equivalent
of looking ahead within that limited period.

The criterion used in the objective function is cost. This may
be approached in two ways. In some cases a realistic set of costs
would be established, relating to the suitability of different
schedules to each girl. However, in most cases there would be no
difference between the needs of different girls - a schedule which
was a good one for one girl would also be good for another.

The cost are still useful, however, in permitting the
allocation mechanism to distinguish between two girls or more.

In the case of a stalemate between two equally suitable choices,
the differing artificial costs will determine in a random fashion
which of the two should be selected, thus permitting a valid

selection to be made. By using this method, one is assured that
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any solution arrived at will automatically satisfy both the

precedence constraints which are implicit in the permitted schedules

and the demand constraints which are stated explicitly in the problem.
In order to avoid a situation where the model continues - to work

at obtaining the cheapest solution unneccesarily, it is possible to

stop calculation as soon as a feasible solution is arrived at.

6.3 Linear programming

Constraint (1.4) was relaxed and some sets of data were run as
linear programé, using a standard package3 in order to see if integer
solutions were produced. Small sets of data, up to the order of
10 girls X 10 weeks X 5 schedules, generally produced integer solutions,
but exceptions were found to this. Problems of a greater magnitude
would seem to produce non-integer solutions even more frequently, but
this was not investigated more closely since larger problems caused
the package being used to exhaust its available store. This drawback
is not an insoluble one, but it does indicate that a more efficient
tool than the linear program is needed. Clearly integer programming
methods which incorporate linear programming stages, such as the
Lang-Doig branch and bound algorithm4, or R.J. Dakin's subsequent

modifications, will also be wunwieldy in this case.

6.4 Integer solution methods30

The.best method would seem to be one which leads rapidly to
the establishment of an initial feasible solution, since the
computation can be stopped at that point if the costs being used are
artificial. Because this stage of the problem is difficult in this
type of allocation problem, it seemed logical to choose a method

which would allow the problem to commence with a less binding set of



constraints.

6.5 Lagrangian relaxation6

Lagrangian relaxation is a method of relaxing some of the con-
straints temporarily and it seemed particularly suitable in this
case, for reasons which will be explained after a description of the
method.

According to this idea, some of the constraints governing the
problem are removed, and incorporated in a modified form in the
objective function. In effect, any violation of the original
constraint is penalised by having the deviation from the permitted
equality multiplied by a factor and added to the cost of the
objective function. The factor is called the Lagrangian multiplier,
and there is one for each constraint which has been relaxed. At
each iteration, an alteration is made to the values of the
Lagrangian multipliers in order to increase the penalty attached
to constraints whose desired limits are being exceeded mosé
consistently. Minimisation of the Lagrangian objective function
with fixed multiplier values yields a lower bound on the cost of an
optimal solution to the scheduling problem, and these bounds become
stronger as the multipliers are adjusted iteratively?. This method
is generally used when one set of constraints is "harder'" to satisfy
than another, in the sense that they complicate an otherwise simple
problem. The "easier" constraints are left intact, and therefore
have to be satisfied at each iteration, whereas the tighter
constraints contained in modified form in the objective function are

accounted for more gradually, iteration by iteration. In this case

it is the set of demand constraints which is '"harder'" to satisfy.
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Define ﬂ't to be the cost of a violation of demand constraint

j
jt’ jt - )

Vi, t (1.3)

3

=
If z S By P
1q
are the constraints being considered then any violation of a constraint
will be of amount (;%; aith xiq - djt) oly 4 Sves

The cost of each violation will hence be

njt (% aith xiq - djt) E Y j, t-

If we incorporate this into our objective function we arrive at the

Lagrangian formulation of the problem:

(2.1) min L (x, D = |> 19 %iq " 2 (7, (iEq %yt Big = Gyl

1g Jt
(2.2) 8.t zxiq =1, Vi
q
(2.3) Xiq = loro, Vi,q

If this were solved with the /T values set at O, then the
solution arrived at would be the solution to the original problem (1)
with the constraints (1.3) omitted. In effect each girl would be
put on the schedule which was cheapest for her, regardless of the
effect on staffing. If the /T values are increased selectively and
the process repeated, then a new solution will be arrived at. This
minimisation of the Lagrangian provides a new lower bound on the
cost of an optimal solution to the original scheduling problem.jl

At this stage a system has to be developed by which the 7T
values are altered in such a way that the primal problem tends

towards its optimum objective function value. First an existing

method developed by Fisher8 will be described, then an adaptation
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of an alternative method which the author believes is more relevant
to this specific problem.

6.6 An algorithm for solving resource-constrained network scheduling

problems

In this Section a brief resume will be given of Fisher's paper,
"Optimal Solution of Scheduling Problems Using Lagrange Multipliers:
Part I"9 which bears many similarities to the present problem. Fisher
also uses Lagrange multipliers to dualise the resource constraints,
forming a Lagrangian problem is which the network constraints appear
explicitly, while the resource constraints appear only in the
Lagrangian function. Fisher's network constraints are more complex
than those in the nurse scheduling problem since he is considering
individual jobs week by week, whereas here the permitted schedules
are stated explicitly, but the general method is of relevance.

6.6.1 A resume of Fisher's method

Fisher considers a scheduling problem that meets these six
conditions:

1. A set of T jobs must be performed, where the i th job consists
of n, tasks numbered from 1 to n, and the time taken to perform
each task is a known integer represented by pij for the j th
task of the i th job,

2. A set of K resources is available, where Rkt is the amount of

the kt resource available in time period t, and r, . 1is the

h ijk

amount of the k th resource required by task ij during its
processing. In the case of the job-shop scheduling problem, the
resources would correspond to the available machines, and each
task would require only a single machine while it was being

processed.
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Once a task ij is started, at start time tij’ it must continue,
uninterrupted, for pij time units, to its finish time fi" In
other words, £,, = t_ _ + ] =1 wsann, f4= s 5
3 1J lJ pij (J 3 3 i L] 1 13 3 I)
The start times of the tasks on a given job are constrained by
a cycle-free precedence network which is determined by a set of
constraints for each job of the form
- " - -
tij > fi]_ til Pi1 » L € P(ij), where P(ij) is the

predecessor set for task kj and contains all tasks of job i that

‘'must be completed before ij is started.

Define f, = max, _ (f£,.) to be the completion time
i _l""i ij
of job i.
fi < T(i =1, ..., I) where T is an integer upper bound on the

number of time periods until all the jobs are completed.

We are required to minimise Z = jzi g; (fi), where g. is some
specified non-decreasing function of fi’ by finding wvalues of
tij (3 = L5 seus n; o i=1, ..., I) that satisfy conditions
Depending on the function chosen for 8; it might be decided to
minimise total job tardiness, or to minimise a more complicated
function such as the square of job tardiness.

3

Fisher's formulation in its most general form is almost identical

to (1):
(3.1) min :E c. X,
iq 19 iq
(3.2) s.t. zxiq'—'l, (1, = Tz 95 s T
q
(3.3) E s By € Bt 085 By s v THE # U 2,
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(3.4) Xiq =0 or 1. (g =1, 2, ..., Qi s % o= Lo e s e T)

where ciq is a function of job tardiness,
xiq = 1 implies that the q th job schedule is being
used for job i
aiqkt is the amount of resource k used during time
period t by job i under schedule q
Rkt is the amount of the kth resource available in

time period t.

From this formulation, Fisher develops the Lagrangian problem:
LetiTkt (t=1, ..., T 3k =1, ..., K) denote a non-negative
multiplier associated with the Kt th constraint in (3.3). We

then have
(4.1) w (1) = minxiq [z cj_q Xiq x Z nkt (izq EI'iql:ct Xiq - Rkt):[’

iq kt

(4.2)  s.t. > A by G2 Ly cesy D)

(4.3) Xiq " BGor'l (g= Ly soey Qy 3 =Dy wuny 1)

Positive values of /T will tend to impose constraints (3.3) by
penalising solutions which violate these constraints. Fisher uses
w (7/T) as a lower bound on the optimal objective value of (3).

Proof of this relationship, the weak duality theorem, may be

found in sub-section 6.6.2.

In order to apply this relationship two questions must be answered:
(1) How to solve (4) given 7T

(2) How to set /T to obtain stong bounds

2 The weak duality theorem

Let Z* denote the optimal objective wvalue of (3). Then



w (/7 < 2* for any /T> 0

Proof. Let x*iq be optimal in (3). Then we have
e = * > b * )
2 % Csqa " tg 7 % ®iq *iq T %”kt (izq gkt *F1q = Bie? 2 VD

6.7 Solution of Fisher's Lagrangian problem

Let /Tbe specified. Now let us reformulate (4.1)
(4.1) w (1) = min I:E ®iq ®iq + znkt (z 8iqkt Ziq " Rkt)]
iq | iq kt iq
= minxiq [lzq Ciq xiq + %nkt ]Zq aiqkt xiq
- g MMee Rkt}

= I'Jinxiq [z (Ciq b znkt aiqkt) %iq ~ kzt Py Bey ]

iq kt
Let by = gy % Mee 21qke
Then w (/1) = min zb. X, -zi’T
xiq[ iq iq 1iq Kt kt Rkt
Let bi = minq biq' It is now evident from the above reformulation of
(4.1) that an optimal solution of (4) may be obtained by setting an x,

1q
for which b, = b, to 1 for each i and all other x. to zero. The
iq 1 1q

value of the objective function will then be

i kt

Fisher then presents two algorithms for finding a job schedule
with minimum value of biq’ one for precedence networks of general form,
and one for a special network. Explanations of these algorithms are
omitted from this thesis as being irrelevant to the development of

the approach in question.

6.8 Determining values for Fisher's /T

Fisher's method of adjusting /T values uses a linear programming
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problem, equivalent to the general formulation of this stage in the
process of solving the present problem which may be stated as
(5.1) max w (/T
(5.2) s.t. T20

The new formulation is given by

(6.1) max w = z b, - 2 Rt Mew
i kt

+ = L
(6.2) s.t. b, < ciq g aiqktnkt 5 GO Lo ceay Q ;i Ly ewey L)
(6.3) ﬁkt; 0 (k =1, ve., K ;38=1, ..., T)
(6.4) w and b, (i =1, ..., I) unrestricted in sign.

Problem (6) is exactly the LP dual of (3) with integrality
relaxed. The simplex method is applied to (6), dealing explicitly
with only a subset of the constraints in (6.2), since these constraints
are too numerous to be considered in their entirety. This selection
of critical constraints is valid since only a few are binding at any
given extreme point solution. The non-explicit constraints are
checked for violation at each iteration by solving a sequence of job
subproblems, the most violated constraint being added to the explicit
set of constraints, In other words, Fisher examines some of the job
sequences which the present solution provides, and has discovered
that it is usually only necessary to enumerate two or three in order
to determine which of the implicit constraints is being most violated
and should therefore enter the basis. Fisher uses this method as a

bounding procedure to be used with a branch and bound algorithm.

6.9 An alternative method of determining values for /T

Held & Karpl0 (1970) devised a function w which acted as a

"pseudo-dual'" for the problem from which it was derived, its maximum
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value providing excellent bounds for their branch-and-bound algorithm.

The general form of this type of problem can be stated as:

T

v__) is a real n-vector
mn

(7.1) maxw (T, TE S

(7.2) where w (/T) = min ‘{c +7T. v. :m
m m

where c¢_ is a scalar, v. = (v_., ...,
m m ml

for all m, S is a closed convex subset of En, (1. Ve denotes

the inner product), and M is very large.

They tried a steepest-ascent procedure and a simplex method using
column generation in order to maximise w, but found these prohibitively
slow. To get round this problem they devised a new "sub-gradient"
method, -which turned out to be highly effective. Subsequently it
was pointed out to Held & Karp that their method bore similarities
to one discussed by Agmonll and Motzkin& Schoenberg12 for the

solution of linear inequality systems.

6.10 Held and Karp‘513 sub-gradient method

In (7) they assume that w has an upper bound. Since it is
piecewise linear there exists at least one point 7/T* such that
w (/T*) = w* = max w. They denote by V (/T) the set of all n-vectors

Y such that the minimum is assumed for the index m;

(7.3) vV (D ={vm e /My =w (D ,m=1, ..., M}

Figures 6-1 and 6-2 present this graphically.

At 7/T_, the minimum of w (/1) is assumed for m = 2, i.e. V (/T) = {:Vl}

1°
Athz, however, the values of two vectors coincide, both sharing the
value of w (TE)

At this point V (/T) = {vl, vz}

When, as is usually the case, V (/T) is a singleton, the function
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w(7T)

FIGURE 6 -1

Graphical representation of w(rT)

w(7T)

FIGURE 6-2

Graphical representation of w ¥
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w is differentiable at /T, and the single member of V (/T) is the grad-

ient Vw (/TN'. To cope with the situation at /T, (and indeed cases

2
where more than two vectors have equal values at a point) a new
concept has to be introduced. At a point like w Cﬂé) we consider
the sub-gradient rather than the gradient.

At a point like w (75) where two vectors coincide any gradient
whose value lies between the gradients of the two intersecting
functions of /T is called a sub-gradient. More precisely, the set of
all sub-gradients at /T is the compact, convex set Ow (/T) called the
subdifferentiall4.

In graphical form this may be represented as in Figure 6-3.

At /T, in Figure 6-3, all sub-gradients are less steep than v

1

steeper than V,s OF they equal v, or v

1°
9 in gradient i.e. they lie in
the cone indicated.

Put more precisely:

The n-vector u is a sub-gradient ataﬂo = E" of the concave
function w on E- if

w (y) - w (7)) L u. (y- 7m) for all y € EY, (7.4)
where E" is the set of all real numbers. Figure 6-4 shows this
graphically.

For the present application, only linear cases will occur,

since w is piecewise linear.

6.11 Resume

Let us consider what we have so far established:

We have a function w (/1) which is equal to the minimum values
of the expression < + 7T. v over all values of m. In the cases we
shall consider it will be possible to determine a maximum value for

w (/). This value can be attained for more than one value of 7T, if
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FIGURE 6-3

Graphical representation of subgradients

m =1 u

u.(y-my)

w(/1)

FIGURE 6-4

Graphical representation of a subgradient
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we have a situation like the one depicted in Figure 6-5, but
generally it will reach its maximum value for omne value /T* of /T.
We wish to identify the value of /T for which this maximum value w¥*
is attained. We can determine the gradient of w (/1) for each value
of 7/Twhere V (/T) is a singleton. In the next Section it will be
explained that more than one approach may be taken in the event of

V (/T) having more than one member.

6.12 Method

Given a value of /1, we know two things by calculation:

(1) The value of w (/T)

(2) The gradient V w (/1) or subdifferential Ow (/1) depend-

ing on the cardinality of the set V (/1).

We need to know two more things:

(1) Is w (/T) already at its maximum?

(2) If it is not, how should we alter the value of /T to

increase the value of w (/1)?

(1) is easy to answer: If the gradient V w (/) or one of the
sub-gradients comprising Ow (/1) is equal to zero, then we are at
the maximum value of w (/T). If not, a movement along the function
w (/T) in the correct direction will produce an increase in value.

In answer to (2), the positive or negative value of the
present gradient tells us which way to alter /T, and the steepness
or otherwise gives an indication of how close we are to the maz w on.

Since the specific algorithms to be described work in slightly
different ways, the general solution method will first be explained.
Once again an intuitive analysis will be given using a graphical
approach.

It is reasonable to start with the value of /T set to zero.
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w(rT)

FIGURE 6-5

Multiple cases of %
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Figure 6-6 shows our present state of knowledge. We know the value
of w (T%) and we know that we have at this point a positive gradient.
This means that an increase in /Twill lead to an increase in w (/1)
within certain limits. If we go too far, the value of w (/T) will
decrease again. However, rather than play safe we want to make quite
large changes in /T at first with smaller ones later in order to

home in fastest on the maximum value of w (/T). The move from /T, to

0

ﬂi is called a step, and the problems connected with determining
the best step sizes will be discussed at length later on. For the
time being, let us assume that we have decided what the step size
multiplier (a positive scalar, S) shall be. We re-evaluate w (/T)
and V w (/1) for the new value of 7T, giving the situation shown in
Figure 6-7.

The gradient V w (7&) is negative, so we have come too far,
past the peak of the function w (/7). By luck, however, w (7&) is
greater than w (f%). We know now to make a smaller step in the
direction of the new gradient. Since the step size, S, is always
positive, and the gradient w (f&) is negative, we will end up
reducing the value of /1. Figure 6-8 shows the situation at the next
iteration.

Vw Cﬂé) is still slightly +ve, but less so than before. (It
must be < V w (fb)). 7T is therefore increased again, but by a
smaller still amount. It would appear that, given the correct step
size sequence, each iteration would provide a value for 7T nearer to
7T% (the value for which the maximum value of w (7T), w* is attained)
even though the value of w (/T) would not necessarily increase at

each iteration. 1In Section 6.18 it will be demonstrated why this

property is not sufficient to ensure convergence on /T* in a finite
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number of steps.

In the general example above, each iteration has produced a
singleton V (/T), with w differentiable at /T. What happens when the
set V (JT) has more than one member? It is possible to use Ow (77)
to define a direction of steepest ascent for a non-optimal point,
in order to make use of existing steepest ascent procedures, as
suggested by Bertsekas and MitterlS, Dem'janovlﬁ, Geoffrionl? and
GrinﬂdlB, but the work done by Held19 suggests that this is
unneccesary. He tak;s the view that the identification and
evaluation of the entire set V (JT) in order to get a direction which
is only locally preferable requires too much computation to justify
its usefulness. Instead he elects to obtain only a unique
vim=v €Vvin (7.5
as a result of the evaluation (7.2) of w (/T).

To illustrate the effects of this let us consider the function
w () = min (-7T,, T - 37,5 7T +—2f&)

Figure 6-9 indicates the contours of this function.

Let us consider first a simple situation, that which pertains
at the point (3,0). From this point, the function slopes "uphill"
to the origin, the gradient being -le. Movement towards this inter-
section will eventually lead one to the point (0,0) where w (77) is
maximised.

Now consider the situation at the point (3,2). The set V (/1)

is still the singleton {(—1,0)}. However if 7T, is reduced as before,

1

then after a reduction of one we arrive at the point (2,2). Any
further reduction of 7'[1, according to the gradient [(-1,0)} will
lead to a decrease in w (/7). Since we are on one of the three rays

shown in Figure 6-9 we are at a point where V (/1) has two members.
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FIGURE 6-9
Contours of the function w(7m)=(-711,2714-3719, /11 + 2715 )min




In this case V (/T) = {(-1,0), (2,;35}. Unfortunately any movement
in the direction (2,-3) from point (2,2) will also lead to a .
decrease in w (/). In fact at any point on any of the three rays
w will be nondifferentiable, and Vs < 0 for all 29 E V (71). As
stated above, however, one v (7T) will be evaluated and used
despite this drawback, rather than spend the computational effort
required to find a locally best direction:
v (M = v E Y WD L (5.

This decision leads to a further simplification. Since the
choice of direction is not always locally optimal, there is no

point in trying to maximise w (7T) in that direction. The
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computational requirement is again reduced by this decision, although

more iterations may be required in total.

6.13 Held's sub-gradient algorithm20

Given7T0 € E” and the sequence {Sn} of positive scalars as
step sizes, define the sequence'an} by
71n+l ="+ Sn v AT for o & Oy Ly wee o (7.6)

Now we have to establish a set of conditions under which
w 1) will converge to its maximum w*. The most general result,
according to Poljak21 is that this will occur under the conditions

cO
§—> 0, 55, =00 (7.7)

n=0
A number of more specific conditions was used by Held, each of
which was a variation on the Agmon-Motzkin - Schoenberg procedure22
for the determination of a point /T such that w (/) 2 @, (where w is

an underestimate of the maximum value w (/1%)) i.e.

n-vm2 ?a—cm,m=l,...,M (7.8)

In general terms, convergence is assured thus:



Let /T be any point in the optimal set. Since v (ﬂn)E ow (/Tn),
relation (7.4) says
wk-w 0T S v o) * o - (7.9)

Assumingi’Tl1 to be non-optimal, then the direction v Cnn) makes
an acute angle with the ray from /T through /T*. As long as Sn is
sufficiently small, the point27n+1,will be closer to 7T*% than was ff{
The sequence will thus approach the optimal set, though the
objective values w (/') are not monotonic.

As illustration, consider the function

w (T) = min (-2/T1 +71,, 27T - 4/T2, n, o+ 2712)

Let us assume that we are at the point (2,1), giving w (/1) = -3

(Figure 6-10). 1In this case 7/T* = (0,0) for simplicity. A step size

+1
(1,1%). 777"~ is nearer to 7T than

-+
of §_ = % produces the new /T .
was 7" as predicted, even though w Cﬂn+l) is now equal to -4, where

w 1) equalled -3. As the step size is increased from zero,iﬂn+l

becomes closer ;oaﬂ*, until the point where its direction of change
is at right angles to a line between its present position and /T*,.
From there onwards it recedes from /T* until, beyond a certain point,
it is further from /T than was 7T.

It can be seen from this that the choice of step size is
absolutely critical to the algorithm. Convergence is not guaranteed

overall by the relationship expressed in (7.9); it only occurs

within limits.

6.14  Choice of step size

To complicate the matter further, although we know that there
is an upper limit on the step size which will permit convergence to

occur, we do not know what this upper limit is. (7.7) gives us a
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FIGURE 6-10

Effects of step size: maximisation problem.
-------- Indicates the locus of all nN*!1 where 7N
lies on the plane -2/14+75,and A=1. In this case it
passes through the optimum point since the estimate
is equal to w*. In future this line will be referred to as
the A=1 step limit.
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general set of conditions under which convergence will occur, but
it is fairly obvious that a more precise but flexible set of
conditions is required in order for a solution to be arrived at
within a sufficiently small number of iterations.

(7.8) employed an underestimate, W, of the maximum value of w*

of w (/T'). The choice of step size adopted by Held®” is as follows:

~ n
w-w (1)
=\ — (7.10)
n v G 2
where |-| denotes the Euclidean norm. For each n, € < }51 < 2 for

some fixed € > 0. The sequence w (T7) either converges to W, or

a point /T is obtained such that w (/T') = @. This procedure has
obvious drawbacks, not the least of which are (1) the difficulty of
obtaining a good underestimate, and (2) the fact that the procedure
stops when the underestimate is exceeded.

Attempts were made to devise a method less sensitive to the
accuracy of the estimate, and these will be described later. First,
however, let us take a brief look at the derivation of (7.10).

The numerator of the expression, W - w Qﬂn), is self evident.
If w (UT) is homing in on W then one wants to take smaller steps to
avoid overshooting by too much. On the other hand if the difference
between W and the current value of w (T) is great then relatively
larger steps can be risked with less danger of going beyond the
critical point WhereiTn+1 is further from /7% than was m.

Next let us consider the denominator, |V Ty l 2. This relates
to the fact that the gradient of a plane on which /1" sits not only
determines the direction that a step will take us but also how far
it will move /1. As illustration, consider Figure 6-11. This
diagram represents the contours of the function

w (7/T) = min ( —/"Tl, 2/'[1 - 37T,7T1 +27]:,2)

0l



FIGURE 6 -11

Effects of step size : maximisation problem
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with only positive values of 7& being considered.
/T is the point (2,2). Let us take a step size of % in the

direction suggested by each plane in turn.

A step of S_ % in the direction (—fﬁ) gives us 7101 = (1%,2).

A step of Sn % in the direction (Zﬂi ~3f5) gives us
+1
T = (2%,1%).
(nn+l . . .
w ) is the same in both cases, at 2%, but it can be seen that a
step in the direction of the steeper gradient, (27& -iﬂé) causes a
greater movement across the plane of the axes.
It must be remembered that the critical property for convergence
N n+1 n
to occur is that /T must be nearer to /1% than was /T , the value of
+1 ; o .
w T ") being of limited relevance. To illustrate the effect let
us now consider a step size of size Sn = 1.
n . . - . n+l
From/T" = (2,2), in the direction (-TH) we find 71 = (1,2)
n . . . . n+1
From/T° = (2,2), in the direction (Zni -jné) we find 7T = (4,-1).

In both cases, w Cﬂn+l) = -4, but it is fairly evident that the point

(1,2) is nearer to 7/T* at the origin than is (4,-1).

In general terms, then, it can be seen that movement in the
direction of a small gradient will result in a decrease in the
distance between /T and /T over a much greater range of step sizes,
whereas movement in the direction of a steep gradient causes ™ to
recede from /T as soon as Sn exceeds a relatively low value.

Held, then, chooses to divide the step size by the square of
the Euclidean norm of the direction v Cﬂn), so that, the larger the
gradient, the smaller the step size Sn.

Finally we have the factor An' The determination of values for
A is somewhat arbitrary, but Held uses a positive value less than

two. The upper limit is set by investigation into a suitable order



of magnitude for Sn’ while the lower limit must have a fixed value
greater than zero, since if it ever reached zero the whole solution
process would stop. Between these limits, the best sequence seemed
to Held to be a decreasing series, for the following reasons:

Held adopted a modification of the Agmon - Motzkin - Schoenberg
procedure, in that he replaced the underestimate W with an overesti-
mate W. This avoids the problem that the solution procedure stops
as soon as w is exceeded, but it introduces a new problem i.e. the
sequence Sﬁ will no longer diminish to zero. To overcome this
problem it is necessary to adopt a sequence‘An which tends towards
zero. Held chose a number of series with this characteristic,
typical of which was the following:

Set A= 2 for 2p iterations, where p is a measure of the problem

Halve the value of A and the number of iterations until the
number of iterations reaches some threshold value Z.

Halve A every Z iterations until the resulting Sn is sufficiently
small.

Held notes that this procedure violates the condition TZZSH =00,
causing the possibility to occur of convergence to a non-optimal
print, but claims that this almost never happened.

The various series chosen for this research will be explained

and evaluated in Section 6.18.

6.15 Alternative ascent procedures

6151 Steepest ascent procedure

Grinold24 outlines a steepest ascent procedure which is
equivalent in this case to exploring the directional derivatives of

the function w (/1). The directional derivative of w (/1) in the
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direction v is defined as:

Vv (i) = 1w Qhov) = w 0D (8.1)

Suppose /TE /1 and w (71) is the dual of a bounded primal of the form:
min u x (8.2)

subject to Ax = b, x = O (8.3)

Grinold defines the dual problem as

max w (u) (8.4)

s.t. uD £ g (8.5)

Let Dl represent the tight constraints : dk = D1 if and only if

A direction v is feasible if u +X v &€ V for some & > 0. Thus
v is feasible if and only if v Dl < o.

Grinold defines the steepest ascent problem as:

max V w (u : v) (8.6)
k. WD X 0, (8.7)

- B % Q; (8.8) '
(-1, =1, eouy =1) S v € (1, 1, oo, 1) (8.9)

where R is the matrix of extreme tight rays : ur = O if and only if

r € R. Grinold demonstrates how the inclusion of the contraint

(8.8) eliminates the consideration of directions of infinite decrease.
Grinold's procedure was not tried for the present problem,

since it was considered by Held25 to be unnecessarily costly in terms

of computation time for the limited benefits which it brought, i.e.

determining a locally optimal direction.

6.15.2 Modified gradient direction

The method considered here was that proposed by Camerini,
Fratta and Mafficlizs. Their problem is defined in the same form as

7.1-2),



o
(@]
o~

%%x w (7T) = ﬁ%n {cm +-7LVﬁ} (9.1)
= eatm T Vatm (9.2)

and they adopt the same iterative scheme,

=0

AR e (9.3)
n

{Sn} being a sequence of scalars, the step sizes in (7), and
gn the gradient of w (7T) such that

n
g = Vw0 =v m (9.4)

They make the point thaf gn can be a unique gradient, or one
of a set of sub-gradients if the gradient of m(/T) is undefined at
the point under consideration, in which case any of the sub-gradients
can be used. They justify this by pointing out that the purpose of
the iteration scheme is to come closer and closer to the optimum
region, rather than to improve the value of the objective function
at each step.

They then claim that the efficiency of the procedure can be
improved by selecting the modified gradient direction
g = v +p8 gt (9.5)

where vn =v n and/B is a suitable scalar (Sn-l =0 forn =0).
m(T ) n

Several policies were tested by Camerini et.al. for choosing
Sn and gn, and the one which they decided was most successful was the

following:

]

n n n-1
g L ﬁ% g where

-7 L, - if gn_l v < 0,

P

(9.6)

0 otherwise

and/
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and S = WwW¥ - w
n n

-nzgrﬂ1z (9.7)

where w* is a good estimate of %%x w (7T).

In their experience, a value of 1.5 was found to be best for 'y.
The modified gradient direction method was easily incorporated into
the program used to assess the sub-gradient algorithm, since the
basic procedure is identical. In fact if ) is given a value of zero
the program works with unmodified gradient direction, since (9.5)
is in fact a weighted sum of all previous gradient directions. It
is claimed that Crowder27 has successfully used the method to avoid
troublesome effects due to the ''sub-gradient's alternating components'.
By this they mean that in cases where there is a zig-zag effect from
one plane to another and back again, the modified gradient will tend
to lead each successive value of w (/1) in the direction of the line

of intersection of the two planes until another plane is encountered.

6.16 Implementation and results

Held's sub-gradient method and choice of step size were used
as a basis for experimentation with the scheduling problem. At each
iteration values were printed out for the following variables:

(1) Dual

(2) Step size

(3) Deficit

(4) Primal

Let us see how these variables relate in practice to their
theoretical values as discussed earlier in this Chapter.

6.16.1 Dual

The value of the dual problem, w (/T), was defined as



min {cm+ﬂ.vm tm =1, ,M} (7.2)

Successive values of /T were selected to maximise the minimum
value of w (/T), by decreasing the distance between /T and /T (the
maximum value of 7/T). Although the optimal set will be approached,
the increase in value of w (/T) is not monotonic.

The definition of w (/T) which was used was obtained by trans-

forming the Lagrangian formulation (2).

.hAl

(2.1) L (x, 7D b ®ps = z (JTjt (Z Syt Feg = djt){|

| 19 jt iq
(10.1) | ¥ e ® e QL. D B )
| iq 1q 19 it Jjt iq i1jqt iq
+ > 7.4 ]
jt JE. gt
(10.2) w (7)) = min L (x, /D

(10.3) = min z + z %, Lo, = Z 7T ‘
2% .=
L 19
(10.4) = > 71._d._ +min >z le = > 7. a. )
St jt Jt iq iq iq it It jqQE
S X, =1
q 4
(10.5) = d, 7T. + min (c, - o T T
2 jt it 2 q ig % jt "iqt

jt J i

Thus (10.5) was the expression which was evaluated to give the
current value of the dual at each iteratiom.

6.:16.2 Step size

Let us consider the gradient Vw (/7). This can be defined
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as
(10.6) Ow (M)

*
B?Tjt jq*t

= djt - :%;a.

if girl i is allocated to schedule gq*, i.e. Ciq* - ;% Tgt ajq*t

gave the minimum value in (10.5). It is a point worthy of note that
the gradient is equivalent to a meaningful value when applied to

the real problem, since (10.6) defines the shortage or deficit on a
given ward during a given week. Now consider how this affects the

step size in practice. Held's choice of step sizes was

(7.10) s =n W-w ¢

n n ‘V‘(ﬂn)| 2
Wherei .1 denoted the Eucdidean norm, and for each n, € <:Arf< 2 for
some fixed € > 0. w was the underestimate, Sn the step size for

iteration n.

In practice this becomes :

(10.7) Sn =7\n w-w (T)
:E 2
d S B ot
it e % *jqre’

d, i, j, q, t are used

as defined in (1.1-4)

d - :E i on

jt = T %jqrt

If we let sjt represent the shortage

ward j in week t then the expression becomes

~

(10.8) ¢ -3 ¥-w ()

S,

jt are not included

The sequence {ﬂn} was defined by

(7.6) 71n+l =" + £ v ™) for n = 0, 1,

2

9

n n 2 Negative shortages, i.e. overstaffing,



By substituting the expression in (7.10) we arrive at

nn+1=n,n+}\ w-wri/'ln)zxv(fln)
L R ) 1
(7.11) =n“+?\n w-w )
v )

For the present let us assign a value of one tolﬁn} so that it

may be dropped from the expression. It can now be seen that

w - w )
v (T) is the increase required inaﬁn, in order that w Gﬁn+1)

should equal w, if and only if w (/") lies on the same plane as w.

This may be illustrated graphically as in Figure 6-12,

This situation will only occur on the last iteration, and even
then only if W = w*. More commonly the plane that w (/T°) lies on
will not pass through the maximum point on w (/T). Keeping W = w* the
situation shown in Figure 6-13 might occur.

Here the same increase in /T has been made, but a new plane has
been met, and the maximum value of w* has not been reached. It can
be seen from the convex nature of w (/T) that any move which fails to
reach w* will fall short rather than overshoot, and that the precise
move illustrated in Figure 6-12 will only be needed on the last
iteration. This is the reason for Held's use of the variable A. By
assigning to it any value greater than one the step made will be
proportionately greater along the /T axis. He used a starting value
of two and decreased it during the solution of the problem. More
will be said later on this subject in Section 6.18.

6.:16:3 Deficit

The wvalue printed out was the sum of the shortages on all
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weeks and wards: :E s

As defined at (10.8) Sjt only includes
jt

it

positive shortages.

6.16.4  Primal

The value of the primal, as given in (1.1) is 22 C., X, .

19 19 19

On the final iteration, when w¥* is attained, Z (the value of the
primal) will equal w (/T). Any change in either the deficit or the

primal value from one iteration to the next indicates that the

value of w (7/T) is now defined by a new plane.

6.17 Choice of estimate

Mention was made in Section 6.14 of the problems associated
with the use of an underestimate. First, it is difficult to obtain
a good underestimate, and second, the procedure stops when the under-
estimate is reached or exceeded. For some types of problem this
may not be critical. In most types of calculation it is the value
of the objective function in the primal which is of interest. If
the procedure was being used to set up a series of schedules where
the cost being considered was a monetary one, it might in some cases
be possible to state in advance that any solution which had an
objective function value of less than a pre-determined level was
acceptable, even if some of the Lagrangianised constraints were
being violated. Here, however, the Lagrangian constraints are
critical and the wvalue of the objective function, and hence the
stated underestimate G, are irrelevant since they deal with
artificial costs. It is not even necessary to minimise these costs,
since the objective of the procedure is to obtain a feasible solution
which does not violate the constraints which have been Lagrangianised.

As a result the solution procedure is terminated as soon as the



213
value of ;% Sjt is reduced to zero, regardless of whether the
value of the dual, w (/T) could be further increased, or the value
of the primal decreased.

Experiments were made using over- as well as underestimates,
and these proved to be fairly successful.. In order to reduce ;%'Sjt
to zero it is only necessary to arrive on the correct plane of
w (/1), not to find the maximum value of w (/T on that plane, so even
a poor overestimate (W) could achieve reasonable results in some
cases. It was felt that the overestimate should be generated
automatically by the data, since the algorithm could then be assessed
on its own performance, rather than being subject to the initial
value selected by the programmer.

The first method used was to cycle through each girl, i, in

turn, selecting the schedule, q, whose cost was greatest for her:

2 (max ¢, YV q)
i iq

This gives the maximum possible value for the primal, given
the present set of costs. Although this sets an upper limit it may
still be an order of magnitude too great, and the over-large series

of step sizes which result are likely to cause the algorithm to fail.
Experimentation with different estimates revealed the
relationship between the estimate and the step sizes selected. If
the estimate was much too high, then the numerator of the step size
expression, W - w (ﬂn), would be correspondingly great, and too

n+1 )

large a step would be taken. In many cases the value of w (71
would be negative and would become progressively more negative in
subsequent iterations as the algorithm took w (/T) further away from

W, owing to increasing step sizes. With a good estimate, however,

the step size would be within the correct range and the value of
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w (f#) would be higher than that of w Cﬂo). This property
suggested a heuristic which could be used to arrive at a reasonable
overestimate. If the initial value of w (f}) was lower than w (fP)
then the overestimate could be reduced and a new value for w (f#)
calculated using a new step size. As the estimate was successively
reduced, and the step size got smaller, eventually one would be
arrived at which produced a w (fﬁ) near to w* than was w Cﬂo). At
this point the current éstimate would be retained, and a new step
could be taken from w Qﬂl) to w Gﬂz). Although it was necessary to
require that w (f#) was greater in value than w Qﬂo), this condition
could now be dropped, and the normal iterative scheme used from
W (r?) onwards. It was found by experiment that a reduction of 10%
in the estimate at each iteration which failed to improve w Cﬂo)
gave the best results. Sometimes this produced a slight underestimate,
and this could have caused the algorithm to converge below the
required value of w*. Rather than wait until this convergence
had occurred, the estimate was increased each time that the current
value of w (/T) came within a certain percentage of the value of W.
If w (T") became equal to or greater than 0.95% of W then w would be
increased again by 10%. The primary reason for changing the estimate
is to cause an associated change in the step size. However, the step
size can be changed independently without recourse to an alteration
in the estimate. In the next section such changes in step size will

be discussed.

6.18 Choice of step size - implications

As described in 6.16.2 the main determinants o step size are
(1) the distance between the current value of the dual and the estimate

and (2) the gradient of the current solution plane. However it was
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mentioned that the factor A was used by Hel&mtc vary the step size
at different stages of the problem's solution. The scheme used by

Held to vary A was as follows:

A = 2 for 2p iterationms
A=1 " p "
A=% " p/2 R
A=x " p/a

until Z iterations, then halved every Z iterations.
p is a measure of the problem size.

A decreasing series of this nature is needed in order to cause
convergence to occur. Perusal of Figures 6-12 and 6-13 would tend
to suggest that a value of A= 1 would suffice, since the optimal
point would be arrived at accurately as soon as the correct plane is
reached. However this only applies in the one-dimensional cases
illustrated, where w (/T) only varies with one /T. Figure 6-14 shows
the moves made at each iteration in a two-dimensional case. The
dotted lines show the positions which should be moved to from each
plane in an attempt to attain the estimate, which in this case is
equal to the optimum point of wvalue zero. The dotted lines are
plotted to show the step size in the case of A= 1. It can be seen
from this that an infinite number of iterations will be required to
reach w¥, even when W = w%, This seems to be a fundamental weakness
in the system. However it can be seen from Figure 6-14 that at least
the search will tend to head in the right direction and can be
terminated at any point considered to be acceptably near the

optimum. Figure 6-15 illustrates another two-dimensional case. This
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FIGURE 6-14

Route taken to reach the optimum value, given
correct estimate ;maximisation problem.
~=====: A =1 step limits
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FIGURE 6-15
Route taken to reach optimum value, given an
overestimate; maximisation problem.

_______ A =1 S'tep IlmItS



time the optimal point is still zero, but the estimate is now w = 1.
Each time that a step is taken, from any point on the three planes
indicated, the new value of w (/T) will lie on one of the three
dotted lines. They represent the respective contour lines, for each
plane, whose value is equal to one, and thus will be arrived at
after any step where A= 1. Since none of the lines pass through
the optimal point, no convergence will occur. As the series of
values allocated to A decreases below one, a new mechanism will come
into play. This is illustrated in Figure 6-16. The locus of w (/T)
is shown when A is very small. It may take several iterations to
reach a new plane, but, when one is met, a zig-zag procedure starts
along the line of intersection of the two planes. Eventually the
third plane will be reached, and, if the values of A are reduced, then
w (/T) will converge on the optimum point, but once again only after
an infinite number of iterations. It can be seen that the value of A
is critical. If it is reduced too far too soon it will cause the step
size to decrease to a value at which no further useful progress will
be made. This was found to occur fairly often, and manifested
itself by an alternation between two pairs of values for deficit and
primal value indicating a direction of progress along the edge
between two planes.

Various methods of altering the choice of step size were tried,
with the aim of (1) avoiding unneccesarily large steps and (2)
avoiding premature reduction of the step size. The next two sub-
sections describe these attempts.

6.18.1 Improving the dual value

Held's algorithm caused w (/T) to approach w without necessarily

requiring its value to increase on each iteration. As an experiment
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Route taken towards minimum as A is reduced
progressively.
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a condition was inserted into the algorithm causing it to repeat an
iteration if the value of w (/1) had decreased. The next iteration
was performed with the size of the step halved. Unless w (/1) is
currently on one of the rays of intersection of two planes it will
always be possible to increase its value by taking a sufficiently
small step up the planeit currently lies on,or on to an adjacent
plane. The step size was successively halved each time a move
failed to increase w (/T), and each step was taken from the same
point until an ;ncrease was achieved. This iteration was then
adopted, and the next series commenced. As a result of this
procedure a distinction was made between iterations (each improve-
ment in w (/7)) and evaluations (each attempt to improve w (/T)). In
effect this procedure causes the small step size strategy illustrated
in Figure 6-16 to take place without the same risk of premature
reduction in step size below a useful value. In general, movement
will be made along successive rays towards the optimal point,
making the accuracy of the overestimate almost totally irrelevant.
The system does have one drawback, however; progress will become
very slow if at any iteration a ray is approached too closely,
since the insistence on an improvement in the dual at each iteration
will set an upper limit on the possible step sizes.

Despite this drawback the system did prove to be fairly
successful at getting close to the optimum early on, and in later
iterations most often an improvement in the dual was achieved every
time with only one evaluation.

6.18.2 Increasing the step size

As mentioned in Section 6.18 it could happen that the step

size decreased prematurely, causing a repetitive alternation between
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Table 6-1

Sub-gradient method - experimental results for one data set

Program: FAST 6 Data set: REAL 3

Estimate: 200 reduced to 45.75 after 16 evaluations

ITERATION 0 1 2 3 4 5 6 7
EVALUATION 0] 16 17 18 19 20 21 22
DUAL 25.71 26.15 27:03 27,49 27.72 28.00 23.15 28.28
PRIMAL 250 2990 L 2509 2L T 26,00 12757 | 2755 273
DEVIATION 47 3 44 5 27 5 14 14
ITERATION 8 9 10 11 12 13 14 15
EVALUATION 23 25 26 28 29 32 33 34
DUAL 28,31, 128,42y 28.71 28757 29,90 28.94 29,01 29,14
PRIMAL 27.7 28.2 26.6 277 275 28.2 27 .4 28.4
DEVIATION 21 3 26 5 14 3 10 3
ITERATION 16 17 18 19 20 21 22 23
EVALUATION 35 36 37 38 39 30 41 42
DUAL 29517 29.29 29.31 29:35 29.37 29,39 29.40 29.43
PRIMAL 28.2 2 28.4 28.2 284 < 28.2 29.% 28,2 28.9
DEVIATION 3 3 3 3 3 3 3 1
ITERATION 24 25 26 27 28 29 30 31
EVALUATION 43 43 45 40 47 48 49 50
DUAL 29.44 29.46 29.47 29.48 29.49 29.51 29.54 29.60
PRIMAL 2849 28.9 28,9 2¥.9 ¢ 28.9. 28.9 28,9 28,9
DEVIATION (& 1 1 k 1 1 1 1
ITERATION 32 33 34 35 36 37 38
EVALUATION 51 52 53 57 60 63 65

DUAL 29,73 :29.98 30.03 30,03 30.1L - 30,18 30.24

PRIMAL 28,9 28.9 309 31.3 30.9 , 28.9 30.2

DEVIATION 1 1 2 4 2 1 0



Table 6-2

Sub-gradient method - experimental results for one data set

Program:

Estimate:

ITERATION
EVALUATION
DUAL
PRIMAL
DEVIATION

ITERATION
EVALUATION
DUAL
PRIMAL
DEVIATION

ITERATION

EVALUATION

DUAL
PRIMAL
DEVIATION

ITERATION
EVALUATION
DUAL
PRIMAL
DEVIATION

ITERATION
EVALUATION
DUAL
PRIMAL
DEVIATION

FAST 6

0

25471
25.7
47

27
28.59
27.7

18
39
29 .:32
28.2

27
48
29.48

28.9

36
64
30.06
30.9
2

Self-generated

18
26,11
29.9

10

28
28.75
26.6

26

19
40
29.36

28.4

28
49
29.49

28.9

37
67
30.13
30.6
&

Data set:

REAL 3

279.20 reduced to 46

19
27 .04
25.9

44

11
30
28.76

28.2

20
41
29.39

28.2

29
50
29,51

289

38
71
30.21
30.9
2

20
27 .49
26.0

12

31
28.92
26.6

26

21
42
29.40

29.1

30
51
29.54

28.9

39
1.5
30.23
28.9
1

21
27.74
277

27

13
34
28.96

279

22
43
29.42

28.2

31
22
29,61

28.9

40
78

30.24
30.2
0

.56 after 18 evaluations

22
28.00
2755

14
35
29.06

27.7

23
44
29.44

28.9

32
53
29.74
28.9
1

23
28.16
277

14

15
36
2912

28.4

24
45
29.45

28.9

33
54
30.00
28.9

1

24
28.28
271

16
37
29.20

28.2

25
46
29.47

28.9

34
55
30.02
30.9
2

25
28.53
2757

20

17
38
29.30

28.4

26
47
29.48

28.9

35
60
30.02
31:3
4
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two planes with only slow progress being made along the ray of
intersection towards the optimum. The system outlined in 6.18.1 is
also susceptible to this fault. To counter against this, the
program being used for the sub-gradient algorithm was modified to
keep a memory of the past few values of the deficit and primal. If
these were found to be repeating in cycles then the step size was
increased by a factor of at least two with no improvement in the
dual being required. This would usually serve to remove the
iteration sequence from the rut which it had got into. In practice
this was not often needed. Experience seemed to suggest that if a
given problem was going to be capable of solution then the optimum
would be found after less than 100 and most often less than 50
iterations. If it continued beyond that region it most often
converged to a point short of the optimum. As a result it was
usually evident after a few iterations whether the program was going

to work with a given set of data.

6.19 Practical comparisons between two modified solution methods

Tables 6-1 and 6-2 show the values of dual, primal and deficit
at each iteration for two runs of the modified sub-gradient program
described above. Note that not every evaluation is listed, only
those which led to an improvement in the dual and hence a new
iteration number. In both cases the same set of data has been used.
The problem has been to allocate 30 girls to 5 wards over 20 weeks
with 10 schedules to choose from. The values of Z and the interval
at which A halved are not relevant since the step size alteration
procedure outlined in 16.18.2 was used. If the solution lay on the
same plane then the step size was doubled at each iteratiom, as

long as the dual was being increased each time. It was then halved



TABLE 6-3

Effects of varying the estimate

Programs: LAG 5 or FAST 5 (algorithms are identical, only printout
format differs)

Data set: REAL 3

STANDARD
REDUCTION ESTIMATE  ITERATIONS EVALUATIONS  SUB-GRADIENT

1. 0.95 60 58 fail 140 fail 127 fail
2. 0.95 50 19 29 34
3 0.9 272 20 68 109 fail
4. 0.9 60 29 88 78
5. 0.9 50 17 fail 71 fail 62 fail
6. 0.9 40 16 31 89 fail
7. 0.9 35 35 56 91

8. 0.85 272 22 64 67 fail



o
o
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at each evaluation which failed to bring an improvement. In the
problem shown in Table 6-1 a bad estimate of 200 was inserted for

a set of data whose optimum was 30.24. After 16 evaluations of the
first iteration the estimate had been reduced to 45.75, and improve-
ment in the dual was obtained, and the algorithm went on to improve
the dual in the next seven succesive evaluations, reaching the
optimum eventually after 38 iterations and 65 evaluations. In
Table 6-2 the program has been instructed to create its own estimate.
It has done so by starting with the greatest primal cost bossible
with the given data set. When this has been reduced after 18
evaluations the final estimate has come down from 279.20 to 46.56.
By comparing the deficits and primal values in the two tables it
can be seen that many iterations have arrived at the same planes in
succession, demonstrating that the solution process has become
relatively independant of the estimate size. 1In each case the
reduction in the estimate size has been 10% i.e. the new estimate
has been 0.9 of the previous one. Table 6-3 gives the number of
iterations needed to solve the same problem with different
estimates and reduction factors. It can be seen that the procedure
is highly variable in terms of its chances of success and solution
time. By comparison the figures for the number of iterations taken

by the standard sub-gradient method as described by Held reveal

it to be even more unreliable.

6.20 Evaluation of modified gradient technique

Section 6.15.2 described a technique for modifying the
gradient direction at each iteration. Table 6-4 shows a series of
runs performed with a set of data of the same dimensions as the

previous test. With gamma equal to zero, the gradient is unmodified,
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TABLE 6-4

Modified gradient direction results

Program: LAG 40PT Data sets: REALCOST, REAL 3 to REAL 10
AVERAGE

GAMMA ITERATIONS
0 111
-1 106
0.1 109
0.5 106
1.5 110

2.0 115
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so this provides a basis for comparison. It would seem that the
improvement gained is not great in this case, probably because the
unmodified method was already fairly efficient at approaching the
optimum. The problem of step size and the accuracy with which the
algorithm homes in on the optimum is the critical part of the
operation, and this has not been improved by the modification of
the gradient.

In order to assess the effectiveness of Grinold'gaascent
procedure described in 16.5.1 a modification was made to several
runs of the program. The direction of steepest ascent is obvious if
w (/T) lies on one plane; it is only when an edge is encountered
that a sub-gradient needs to be considered and a direction of
steepest ascent could be of benefit. The program being used was
altered so that it printed out a message whenever a tie occurred
between two planes. Apart from deliberate trials that message was
never printed out on any subsequent run, demonstrating what was
intuitively obvious, that the probability of landing on the line of
intersection of two planes after a step whose length was based on
other factors was extremely low. It would seem in fact that the
commonly used term "sub-gradient optimisation" is a misnomer, since
the sub-gradients never need to be calculated. If it were possible
to move to an intersection point by calculation, as in the Simplex
method, then it might be possible to move along the line of inter-

section, but so far this has not been achieved.

6.21 The concepts of size and looseness - results

As improvements were made to the algorithm, attempts were made
to solve larger problems. Experimentation revealed that the tight-

ness or looseness of the data was as important as the size of the
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problem. If one set of data required every girl for each week of the
time under consideration in order to achieve full staffing then the
problem was said to be tight. Under these circumstances a solution
was rarely found by the sub-gradient method, and took a great number
of iterations when it was found. However much larger problems were
solved easily when the requirements were loose. The percentage
tightness was defined as ZE d. . 100

y& X
IT

This definition was the most representative, although others
would have been possible. For instance the requirements of one
ward might dictate a unique solution in terms of the total number of
girls on each schedule even if there were surplus girls each week
as far as the requirements of other wards were concerned. Thus it
might have been useful to assess how many alternative solutions
there were in the case of each set of data and use this as a measure
of looseness, but since in many cases it was very hard to determine
this, this approach was found to be unsuitable. In each case the
data was constructed so that at least one solution was possible. This
was done by designing the schedules, allocating an arbitrary number
to each so that the total number of girls was correct, and then basing
the ward demands on the number supplied by that blend of schedules.
Table 6-5 gives an analysis of the results obtained from sets of
data with varying numbers of girls, wards, weeks and schedules and
within different ranges of tightness. It can be seen that these are
very unimpressive. The looser sets of data could be solved
trivially by many methods, even manually. The tighter ones are the
critical sets, where an algorithm could be of most use if efficient.

However this one seems to be of extremely limited usefulness for any
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SIZE TIGHTNESS
No.| | T1Q1QIIJTQ| B50%+ | ©60%+| 70%+| 80%+| 90%+ KEY
213 =66-7|0/2 on 0/2 0/2 AIB = C
1 | 30 201 20 | 600 |60,000
235 76 D E
718 = 87-5|3/6= 50 [1]7= 143 |O/6 0/6
2 |36 2010 | 300 | 30,000 13.3 44|27 8 Mm 4
3 44- 1-3 150 A : Successes
= = 1 . |
3 | 20 10l s 120 | 6000 11 100 | 212 100 [O/1 on 0/ B Trials
11 18 [20-5 34 C :%, Success rate
i 13 ol e | w61 500 414 = 100 |2/3=667|116= 16-7|0/2 0/3 o”?m_dmm number of
: 98 16:5|21 37|39 93 ierabens
3/3 100 |11 100 O/ on 0N mubam._,d@n number of
5| s ls| 40 | 2000 13 = = / evaluations
i O i e Both averages are
212 = 1000 |2/13=66-7|0/2 0/3 113 =333 for successful runs
6|8 54| 32| 800 only
11 15.5113 16-5 37 96
3/3= 1001|3/3= 100 |2/4 = B0 |1/3 = 33:3|0/2
718 514 32 480
5 7:3|9-7 18-3114-5 22 1123 57
2/2= 100]|2/2= 100(1/1 = 100 |1/2 = 50O |0/2
8|6 413 18 216
3 7 <) 95| 9 20 |11 40
2/2= 100|3/3= 100|2/2= 100 ]|2/2 = 100{(0/2
9| 4 314 16 96
2+5 4 11-3 7714 17-5115-5 31
3/3= 100|3/3= 100(|3/3= 100 |2/3= 66-7|1/3= 33-3
101 4 412 8 64
1 4 [1-3 3.312:3 8-715:5 12 |19 17
TJABLE 6 -5

Overall table of results for subgradient

method



sets above 607 tightness.

Linear programming might work better on tight programs
(perhaps over 80 - 90%) but the drawbacks mentioned in Section 6.3
still apply, and the area within which most sets of data might be

expected to fall (60 - 90%) would remain uncovered.



CHAPTER 7

71 Introduction

In view of the unsatisfactory results obtained from the use of
standard approaches to this type of problem, in particular from sub-
gradient optimisation, it was felt that it might be possible to
design an algorithm which could deal with tighter problems more
satisfactorily. A heuristic approach was adopted which was tailored
to suit the special characteristics of this problem. The task was
simplified by omitting the artificial costs and an approach was
developed which ensured far better initial solutions. This Chapter
describes the algorithm and its implementation.

Its structure in similar to one described by Warnerl which is
a cyclic co-ordinate descent algorithm (explained in Section 7.6 and
in Appendix D). 1In this case, as in his, a set of acceptable
schedules exists, and an initial solution is obtained by allocating
each nurse to one of the set of schedules according to a system which
tends to produce a fairly good staffing arrangement at the start.

At each iteration one or more nurses is moved from her present
schedule to one which, from explicit calculation, is known to improve
the overall solution, or if that is not possible, to improve the
staffing on the ward and week with the worst deficit. An iterative
system of this sort does not guarantee convergence on the optimal
region, but is found in most practical cases to work well. A method
of dealing with local optima is described, and it is also demonstrated

that this drawback only occurs infrequently. A table of results is

His
b2
I—J
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given which compare favourably with those obtained for the sub-gradient

methods.

7.2 A heuristic approach to the simplified scheduling problem

In practice, as can be seen from the tables of results 6-3 to
6-5, the modified and simple sub-gradient methods took an excessively
large number of iterations, most fairly lengthy, to arrive at the
optimum point or even one close to it. The results also seemed to
be too dependent on an accurate estimate of the va;ue of w*, the
maximum value of w. If an underestimate, W, of w* is used, then one
of two events will occur:

(1) The sequence w (T) will converge to w. Using Held's

choice of step size (7.10), Sn will equal zero when
W =W (ﬂn), so the iteration will cease.

(2) A point/T" is obtained such that w (T°) > @&. Again

the procedure will terminate.

If an overestimate is used then it is very difficult to ensure
convergence within the correct range of values. A point w ™) may
be reached which is very close to w¥*, but the step size is based on
the difference between w (T') and the overestimate, which may still
be large. As a result a series of large steps will be made which
will cause a hunting or divergent sequence to commence. Thus, with
an overestimate, the correct range of values for w Oﬂn) will be
found relatively quickly, but convergence, even with reductions in
A, may fail to occur.

It was felt that a heuristic method would be at least as
efficient at arriving at a near-optimal point, and might be an
improvement. The reasons for this are as follows:

(a) It is possible to devise a method whereby the artificial



costs, Ciq’ inserted merely to perturb the problem and
prevent a continuous series of ties between numerous

alternatives, could be dropped, so simplifying the

problem.

(b) The best starting solution for the sub-gradient method
involved putting each girl on to the schedule which
incurred the least cost for her; standard procedure for
this type of problem, but one which, considering the
arbitrary nature of the costs, was unlikely to achieve

even an approximation to the best solution in this

particular case.

If the artificial costs, Ciq’ are dropped, the following

formulation is arrived at:

min z l:D_"It = z xq ath]+ 11.1)

jt q
s.t: = 1 11,2
zxq (11.2)
q
xq?OVq (11.3)
where l:o{l =Xif X>0
+
=01if X< O

the number of girls on schedule q (Integer V q)

"
]

H
]

the number of girls available
Djt = the demand for girls on ward j in week t

8jqt = 1 if schedule q puts a girl on ward j in week t;

It can be seen that in this formulation the simplification

arises because no distinction is made between different girls.

distrinction was only imposed partly arbitrarily in (1);

<33

0 otherwise.



is equal to % Xiq in (1) for all q.

In this case, the objective function seeks to eliminate all
shortages, paying no regard to overstaffing. Overstaffing was
considered during the development of the algorithm; although it
would be possible to try to minimise overstaffing as well as under-
staffing, perhaps with a lesser weighting attached, such an
endeavour would be unproductive, since the overall balance of the
staffing availabilities and requirements within the problem ensures
that any algorithm which minimises one will automatically minimise
the other.

With regard to (b), the starting solution in this case is just
as obvious, but is much more likely to be close to the eventual
optimum i.e. start with a roughly' even number of girls on each
schedule. If the schedules are complementary to each other then in

many cases the starting solution will be an optimum solution.

T3 The heuristic algorithm

The simplest method of trying to improve on the starting solution
is to move one girl off her present schedule and put her on another
which improves the solution. This can be done according to a number
of different criteria.

Let q be the schedule from which the girl is going to be removed

and q+ be the one on which she will be placed. Let Oq q+_ = 1. 45f
Jjt

- + 2 : @
a move from q to q 1increases the number of girls on ward j in week t,

-1 if it reduces it, and 0 if it leaves it the same.

Da q+_t will be 1 or -1 if one or other schedule has an
ath = 1 for that j and t, or O if neither or both has.

The following criteria were considered:

Select the change which makes the greatest reduction in overall
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costs, the costs being defined as:

(1) The sum of the +ve shortages over all Djt's.

(2) The number of Djt's with a 4+ve shortage.

(3) The sum of the +ve shortages plus half the sum of the -ve

shortages (overstaffings).

(4) The sum of all +ve and -ve shortages i.e. all deviations

from the Djt‘s.

(5) The sum of the squares of the +ve shortages for all Djt's.

All of the above criteria were found to be very demanding in
terms of required computational time, for the following reason:

Oq q+5t has to be worked out for every permitted q and q+, e.g.
for every q where xq > 0, related to every other q. In the usual
case where all xq > 0 this involves considering Q X (Q - 1) changes,
where Q is the number of permitted schedules. Since this is of
order Q2 it can be seen that the computation required increases as
the square of the number of available schedules. This imposes

a drastic computational penalty on the type of problem often
encountered in a real-life situation.

Despite this drawback, all the above methods were considered,
and the problem resolved itself as will be explained below. The
other main shortcoming was that even the better of the above
approaches tended to arrive very rapidly at local optima, this being
an accepted pitfall of this sort of combinatorial approach.

In an attempt to resolve these local optima a system of
progressive weightings was introduced which related to evaluation
of individual wards and weeks. When assessing potential changes
according to the criteria above the amount of over- or under-

staffing on each ward and week would be taken into account. It was
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felt that those Djt's which were consistently not met could be singled
out by comparing a weighted average of staffing figures rather than
the figures which applied only to the iteration in question. It was
hoped that the weightings could be adjusted so that a persistent
offender with a small current deviation from the ideal staffing level
would take precedence over a case which was only temporarily badly
staffed.

It was intende& that temporary stalemates between two schedules
would be resolved by this procedure, but in practice the method
proved to be unsatisfactory. Local minima still occured which
involved two or more alternative schedules, and the algorithm caused
the solution to cycle between them. Rather than gradually giving
more and more weight to the wards which were being neglected by the
cycling schedules, the weights merely accentuated the shortages
which were already determining the cycling behaviour.

In order to resolve this problem, and simultaneously to reduce
the computational task, an attempt was made to analyse the sort of
heuristic approach which one would adopt if one was to try to solve

a problem manually.

7.4 Comparison with manual methods

A common procedure can be stated as follows:
(1) Scan through schedules to see if any allocates uniquely to a

given 3 and i This is to say, if Djt is > 0 for any j and g and

only one schedule q allocates to that j for that week then the

t’

minimum number of girls on that schedule to permit a 'feasible"

solution (where min :E D. - :Ex .a, = 0) must be D, . That
it jt g 4 J9E] 5 jt

is to say,
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> i = =
Xgx 2 DJt if % LT 1 and 8 gt 1: W 3, & (11.4)
. : = 3 = -
Alternatively, min xq* it 153 ;? Tt 1 and a’q*t 1
= 0 otherwise i 0 Ty B

From this, if ;; min xq > I, then the problem is infeasible.
More obviously, if, for any j and t, D,_ > 0 and = a, . = O then
jt q Jqt

the problem is also infeasible. These operations are simple to
perform, and as well as checking for two conditions for
infeasibility, they will also, in any cases where there are unique
ath's, reduce the size of the problem. The minimum number required
is pre-allocated to each appropriate schedule, and the Djt's and
total girls available, I, are reduced accordingly. In practice
this occurs quite frequently, and the resulting simplification of
the problem is considerable.
(2) Adopt a starting solution, let us say by placing as near an
equal number as possible of girls on each schedule.
(3) Total up the shortages relating to each Djt' If total = 0 then
stop.
(4) Look to see where the greatest shortage occurs.
(5) Select a schedule that will alleviate this shortage, and put
an extra girl on it, taking her from one which seems to have the
greatest number of allocations to weeks and wards which do not have
shortages.
(6) Return to (3).

Although this set of heuristics is crude, it has an approach
which characterises human solution methods; that is to say that it
relies more on locally obvious improvements than on an exhaustive

analysis of all possible solutions. In this case, some computation
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is needed to define the new shortages, but having got these, the
normal approach would seem to be to eliminate the greatest
shortage rather than to make a move which causes the best overall
improvement. The advantage of this strategy is that the number of
changes which has to be assessed is drastically reduced. There may

be only two schedules which have an = 1 for the j and t with

%iqt
the greatest shortage - there cannot be only one or the Djt would
already have been satisfied in step (1), but also there cannot be
many or that Djt would not be associated with the largest deficit.

Thus the potential schedules for q+ will be small in number,
and commonly one would be chosen at random.

To find q , one would tend to scan the other schedules where
xq > 0 to find the one whose staffing pattern had the least
correspondence with the wards and weeks with shortages. In other
words, computation would be minimised, and selection would be done
instead on the basis of pattern matching.

Obviously if some of these heuristics are being adopted as
part of an algorithm for computer use, one can afford to be slightly
more exhaustive in terms of the arithmetic required to determine
which q° could best be used, with minimum disruption of the existing

solution, but the same basic approach will greatly reduce the amount

of computation required.

T An algorithm based on the manual method

With this in mind, a program was designed to adopt the follow-
ing rules for swopping:
(1) Find the maximum shortage on any j and t. Label its location
j*, t*. If maximum shortage is O then stop.

3

(2) 1Identify the schedules where aj*qt“ = 1. Try each in turn as
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+
permissible g

= %
(3) Consider all permissible Qq q totalling in each case:

jt?
The sum of all +ve and -ve changes made to existing deficits where
(a) the deficit before the change was +ve
or (b) the deficit after the change was +ve. See below for
explanation.

- +
(4) Select the 9q ¢ which causes the greatest overall

jt

reduction in deficit i.e. where the sum of the changes totalled

according to the conditions in (3) was the most negative or least

in value.

(5) Reduce X" by one, and increase xq+ by one. Return to (1).
The following examples should clarify rule (3):

If a given deficit before a potential change is 5, and after

it is 4, then the value of the change is -1.

If it is changed from 1 to O then the change of deficit = -1
= = " = - 0 to -1 " i . 3 i = 0
2 L " -1lto O " t L 1 L = 0
meomon " " 0Oto 1 " " " " " = +1
“ v & i « 2 to 3 " & ! " " = +1
o o " " -6 to-5 " L L i I = 0

In other words any change which increases or decreases the total of
+ve deficits is counted; a change which only affects the amount of
overstaffing on a given ward and week is ignored.

In brief the strategy can be described thus:

Find the change which will cause an improvement in the maximum
deficit. If there is more than one candidate, choose the one which
causes the greatest overall improvement in staffing deficits, or the

least deterioration.
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T8 Initial assessment

Three methods were used, within this overall strategy, with
regard to the number of changes made at each iteration. In order to
give the algorithm its most testing conditions for operation, sets
of data were constructed with known feasible solutions, usually
requiring the placing of an equal number of girls on each schedule,
and the problem was commenced with all the girls on one schedule,
one of the worst possible solutions. Three rules tried were as
follows :-

(1) Move one girl from q to q+ at each iteratiom.

(2) Move from q to q+ half the number of girls presently on

q (rounded down in the case of odd numbers).
(3) Move from q to q+ a number of girls equal to the
identified maximum shortage on any j and t.

Method of (1) is going to be capable of homing in on a
specific solution more accurately than (2) and (3), since in a near-
optimal situation, (2) and (3) are likely to move too many girls at
a time, possibly swapping back and forwards past the optimal
solution. (2) will be much worse than (3) in this respect, but
there are circumstances in which (3) will move too many as well. On
the other hand, method (1) is a priori going to require many more
iterations to reach the optimum point. With I girls and Q schedules,
starting with all of thé girls on the first schedule, and with the
solution requiring an equal number of girls on all schedules, the
minimum number of iterations will be equal to I - I/Q.

With both methods (2) and (3) the minimum will be Q - 1, but
this minimum is far more likely to be achieved with (3) than with

(2), since it is sensitive to specific maximum shortages.
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With these points in mind it seemed advisable to employ a
mixed strategy, using method (3) until the maximum shortage dropped
below a set level, then, having got near to the optimum, changing
to method (1). The level which turned out to be most suitable was
a maximum shortage of three; on arriving at this the change was
made to method (1). (This level would change for different problem
sizes). Using method (1) gives an algorithm which bears similarities
to a method proposed by Warnerz, described in Appendix D. The
problem which he considers only bears superficial similarities to
this one, since they are not having to meet requirements for a
number of different wards; they are only concerned with whether a
girl is on or off duty during a specific time period, in their case
a day rather than a week. This makes their problem considerably
simpler, and allows them to consider individual nurse preferences.
Initial results were extremely promising - the algorithm was
able to solve much larger problems than the sub-gradient method, and
in the case of data which both could cope with, it solved the problem

much faster. For an analysis of results see Table 7-9.

757 An analysis of the problem structure

Tiaidial Geometric analysis - introduction

Although it is possible to analyse the structure of this type
of problem in different ways there are various characteristics of
the type which lend themselves to geometrical analysis. It was seen
in Section 6.12 that both the one- and two-dimensional cases of the
sub~gradient method could be represented on paper. However they
failed in most cases to illustrate the drawbacks which occur in
multi-dimensional cases. It will be explained below that a

constraint on the value of the sum of all co-ordinates permits us to
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map the feasible region of a three-dimensional problem in two
dimensions. Similarly a three dimensional model may be built to
represent the feasible region of a four-dimensional case. The
values of the objective function may be plotted on the diagram or
model, along with figures for the maximum shortage on any given
ward and week, for each feasible point. When this is done, relation-
ships appear which were not otherwise apparent, permitting an

extra insight to be gained, not just into the iteration procedures
which would produce the fastest convergence to the optimal region,
but also the nature of cases which might be awkward to solve. The
geometrical approach promoted new ideas for algorithms which

could then be tested on multi-dimensional cases. If a new procedure
had an unexpected effect it was possible to return to the three or
four-dimensional cases to determine the reasons.

7.7.2 Geometric analysis - explanation

In the case of a problem with two schedules, the set of possible
solutions can be shown as in Figure 7-1.

They will range from I girls on schedule 1 and none on schedule
2 to the opposite extreme. It must be noted that only integer points
on the line indicated are feasible. If a third schedule is
introduced, a three dimensional representation of the problem can be
drawn. See Figure 7-2.

At all integer points on the plane indicated (that which passes
through the points I, 0, O ; 0, I, O ; O, O, I) the sum of the
values of 9,9, and 3 will be equal to I, therefore each such point
will be a feasible solution. The algorithm swops from one point to
an adjacent one at each iteration. Since the sum of the three

co-ordinates is constrained to a constant for any point on the plane,
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it is possible to represent the three-dimensional case in two
dimensions, by drawing the feasible plane and mapping on it the
positions of the integer points. For the problem size Q = 3 and
I = 3 the plane would look like Figure 7-3.

It can be seen that there are ten feasible points. The lines
represent moves which can be made by taking a girl off one schedule
and putting her on another. Thus it is possible to move from
1,0, 2 to 1, 1, 1 in one move, but not from 1, 0, 2 to 1, 2, O or
to: 25 15 0O

7.7.3 Analysis of some typical cases

Figures 7-4 to 7-11 give examples of a number of sets of data
with the problem analysis which results from them. At each point,
two figures are given: the upper is the total shortage at that
point, the lower is the maximum shortage. The contour lines
indicated separate groups of points with the same maximum deficit,
and it can be seen that, in the three-dimensional case at least,
changes from point to point according to a reduction in the maximum
gradient will cause a very efficient arrival at the optimum point
or points. In the cases shown here, a reduction in the total sum of
shortages is also effected at each iteratioﬁ, but as will be seen
later, this is not always the case with problems of more than three
dimensions. Note also that a series of iterations according to
greatest reduction in overall shortage will often take a different
route from a series based on reduction of the maximum shortage,
with overall deficits being the secondary criterion. In Figure 7-6
for instance, starting at the point O, O, 9 (the upper point of
the triangular plane in the diagram) the latter rule will move

through the solution points shown below:
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Co-ordinates : 0,0,9 0,1,8 1137 152,6 2.2.5 2:3:4 3,33

Total deficit : 27 20 18 11 9 2 0

Max deficit 3 3 2 - 1 0
Table 7-1

whereas the former will take this route:

Go=ordinates ;10,059 0,128 0207 10,356  Leds5 2,354 3533

Total deficit : 27 20 13 6 5 2 0

Max deficit : 3 3 3 3 2 35 0
Table 7-2

The number of iterations is the same in both cases.

Analysis of this kind also reveals the reasons for the relative
efficiencies of the three rules concerning the number of girls to be
moved at each iteration. Consider Figure 7-12 starting at the point
9,0,0 (the bottom right hand corner). Taking first the least efficient
rule, where half the number of girls on q (rounded down in the case

+ - - :
of an odd number) are moved to q . The sequence of iterations is

this:

Co-ordinates : 9,0,0 5,4,0 5,2,2 3,4,2 3,2,4

Total deficit : 36 17 12 7 7 g ¢ 5
Max deficit : 6 3 2 it 1

Table 7-3
These moves are shown on Figure 7-13 which represents the same problem.
The solution then swops indefinitely from point 3,2,4 to 3,4,2 and
back, failing to arrive at the optimum point.

The one swop at a time rule gives us this:

Co-ordinates : 9,0,0 8,1,0 7,2,0 6,3,0 5,3,1 4,3,2 3,3,3
Total deficit : 36 29 22 15 10 5 0
Max deficit : 6 5 4 3 2 1 0
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Six moves is the shortest possible route which can be taken
one step at a time from an extreme point to the centre. This can
easily be seen from inspection of the table. Note that this agrees
with the formula for this type of data set quoted above: I - I/Q.

Finally, consider the route taken by the third method, which
states that the number of girls moved should be equal to the wvalue
of the greatest deficit. This method guarantees that the greatest
deficit on a given ward and week, or at least one of the greatest
deficits if there is a tie, will be reduced to zero. Although this
method is extremely efficient given the appropriate conditions, it
is not always possible to apply it. For instance, the number of
girls at present on q may be less than the maximum deficit, and it
will be impossible to apply this rule. This is why a mixed
strategy must be employed. However the efficiency of this rule in
the right circumstances can be seen by applying it in the problem

represented in Figures 7-12 and 7-13.

Iteration - 0 1 2
Co-ordinates : 9,0,0 3,6,0 3,3,3
Table 7-5
Total deficit : 36 21 0
Max deficit : 6 3 0

So far the maximum deficit algorithm has not done anything
which the total deficit algorithm could not do. To consider the
matter further we must examine some four-dimensional problems.
Since the total values of each of the four schedules are still
constrained to a fixed sum, the four-dimensional case can be built
as a three-dimensional model whose shapewill be pyramidal. Some
interesting relationships come to light when viewed in this sort

of structure. Figure 7-14 represents such a structure, with adjacent
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layers in the vertical sense depicted side by side. Q =4 and I = 4
in this case. At each node is given the following information:
adjacent

points in level
above

Total Maximum
Deficits CO-ORDINATES Deficit

adjacent
points in level
below

Permissible steps can be ascertained either by following a
line on the same horizontal plane, or by referring to the co-ordinates
given at the present point for adjacent levels.

This problem differs from many of those previously considered
in that the optimal solution point no longer occurs at the point
representing equal numbers on all schedules (1,1,1,1) but at the
point 2,0,0,2, half-way up one edge of the pyramid. Let us consider
what happens when we’ start at the point 0,4,0,0 (the bottom left

hand corner of the base of the pyramid) and employ the maximum

shortage algorithm, moving one step at a time. The sequence is this:

Iteration : 0 1 2 3 4 5

Co-ordinates 3 0,4,0,0 0;3,1,0 1,2,1,0 1,1,1,1 2,0,1,1 2,0,0,2

Total deficit 18 10 5 1 4 0

Max deficit 2 2 2 1 1 1 0
Table 7-6

There are many points of interest here; first it is not possible to
obtain a reduction in the value of the maximum deficit at each
iteration. This also was true in the three dimensional case. This
time, however, it is not possible to secure a reduction in the total

deficit at each iteration either. Taken together, though, the



combined algorithm manages to reach the optimum point. At iteration
4 there are actually three candidate points, each with identical
values for the total and maximum deficits, but the choice is
irrelevant, since all are adjacent to the optimal point. One has
been chosen at random. The route taken requires one more iteration
than is theoretically necessary for this particular problém; the
shortest route would have been used if the first -move had been to
1,3,0,0 instead of 0,3,1,0.

Consider what takes place at iteration 4. No improvement is
made to the maximum deficit, and the total deficit actually
deteriorates. The move is made in this case only because a move has
to be made unless the optimal point has been found. Thus a local
minimum would be characterised by a series of iterations cycling
away from the local minimum and back to it, the first move
constrained and the second according to the criteria of the algorithm.

In this example there is one noticeable local minimum in
terms of total deficits; that with a total of two at 0,2,2,0. No
adjacent point has a value less than five. However a drop in the
value of the maximum deficit is obtained by moving to either of two
adjacent points, 1,2,1,0 and 1,1,2,0. The solution route from

0,2,2,0 would look like this:

Iteration - 0 1 2 3 4

Co-ordinates P03252,0 15251,0 151,151 2,0,1,1 2504042

Total deficit : 2 5 1 4 0

Maximum deficit : 2 1 1 1 0
Table 7-7

Once again there are alternative moves, this time at iterations

1 and 3. This route possesses aninteresting characteristic when

262



examined on a three dimensional model; 0,2,2,0, 1,1,1,1, and
2,0,0,2 are in a straight line. The movements away from this
straight line which result in an increase in the total deficit are

caused by the prohibition of non-integer solutionms.

7.8 Implementation and results

The algorithm used was that described in 7.4. Two aspects of
the method were amenable to different strategies:

7.8.1 The starting solution

Many different criteria could be used to provide a starting
solution.
(1) The simplest one was merely to place all available girls on the
first schedule. This would normally provide a very bad starting
solution, but subsequent improvement would be rapid.
(2) The nurses could be distributed as evenly as their integer
nature would allow between all the schedules. This usually gave a
fairly good initial solution, but sometimes this led to a local
minimum which caused the algorithm to fail. For reasons which will
be explained in 7.%.2, progress from an even starting solution is
often slow.
(3) Another heuristic tried was:
Find which Djt is greatest.
Allocate half the girls to a schedule which alleviates this
demand.
Alter demands accordingly, and locate new maximum deficit.
Allocate half remaining girls to a schedule which helps this.
Repeat previous two steps till all girls have been placed on a
starting schedule.

This provides a better starting solution than (1) but avoids the



problems caused by the even spread given by method (2).

(4) A similar method to (3) is:
Find which Djt is the greatest.
Allocate a number of girls corresponding to half of that
demand to a schedule which alleviates it.
Alter demands accordingly, and locate new maximum deficit.
Allocate a number of girls corresponding to half that demand,
or the remaining girls, whichever is least, to a schedule which
helps this deficit.
Repeat previous two steps till all girls have been placed on a
starting schedule.

This provides a starting solution similar to that given by (3).

7.8.2 The step size

Section 7.5 describes three different rules which could be
used to determine the step size, and outlines the relative advantages
and drawbacks of each. A mixed strategy is described, as follows:
(1) Move from q to q+ a number of girls equal to the identified
maximum shortage on any j and t.

If this exceeds the number of girls currently on q , then only
move that number of girls.

If the number arrived at by either of the above criteria is less
than or equal to three then only move one girl,

Another mixed strategy which was used was this:
(2) Move from q to q+ a number of girls equal to the identified
maximum shortage on any j and t.

If this exceeds half the number of girls currently on q , then
only move half that number of girls.

If the number arrived at by either of the above criteria is
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less than or equal to three then only move one girl.

Both of the above strategies have the effect of moving
relatively large numbers of girls at each iteration until the maximum
shortage drops to three. From that point on they home in one move
at a time, a procedure which is likely to be more accurate, if more
time-consuming. The decision to move a number equal to the current
greatest shortage whenever reasonable is self-explanatory. It was
originally introduced when it was noticed that, using the single
step method, the same step was often repeated until one bad deficit
was reduced sufficiently.

It can now be seen why an even spread will not necessarily be
the best choice for the initial solution. In many cases an even
distribution will cause there to be sufficiently few nurses on each
schedule that a single step only will be possible at each iteration.
If the solution demands a larger number on one or two schedules
than on the others, then it may take a large number of iterations
to achieve this, moving girls one at a time from various other
schedules. Conversely, if the initial solution is an uneven one,
it is much simpler for the algorithm to even them out if that is
what is required, since, several may be moved at a time. The
following example illustrates this point; the numbers represent the
number of girls on each of the 3 schedules. In the first case an
even solution is desired, but the initial solution is to put all the
girls on the first schedule. In the second case the required
solution is for all the girls to be on the first schedule, and the

starting solution is an even one:



CASE 1:

Iteration 0 1 2

Schedule 1 9 6 3

CASE 2: Table 7-8

Itération 0 1 2 3 4 5 6

Schedule 1 3 4 5 6 7 8 9

It takes two iterations in case 1, and six iterations in case 2.
Balanced against the fact that it is easier to smooth out the
distribution between schedules, than to make it uneven from an even
start, is the observation that the even starting solution is often

a better one. However it may be a good solution but near to a local
minimum, and in some cases the local minimum would cause the

solution procedure to get stuck in a problem which could successfully
have been solved given an uneven initial solution with a bad initial
value.

When analysing the performance of this algorithm different
starting solutions were tried with the same sets of data in some
cases, and sets of data were chosen which exhibited widely varying
solutions, some with an even spread, some very uneven. The number
of iterations taken, together with the number of trials where a
solution was obtained is shown in Table 7-9.

It is seen that the size of problem tackled by this
algorithm is far greater than that coped with by the sub-gradient

algorithm as shown in Table 6-5. Trials for the heuristic
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SIZE TIGHTNESS
No,| | TIQ| 1Q|UTQ| 70%+| 80%+| 90%+| 95%+ | 100% KEY
414 = 100 |4/4 = 100 (414 = 100|114 = 25]0/4 AB = (@
1 |200 20 |60 |12000[1200000
22:3 29 37-3 46 D
5 |45 20| 60 [n400la0000 414 = 100 |4/4 = 100|414 = 100|214 = 50|0/4
. S 20 27-5 39 54 A ; Successes
4714 = 100|4/4 = 100|414 = 100|2/4= 50|0/4 B: Trials
3 180 20 | 60 110800[1080000, 9.5 53 31.8 44.5 C: °% Success rate
D : Average number of
414 = 100|4/4 = 100|414 = 100|3/4= 75(0/4 . iterations -
4 1120 20 | 30 |3,600|360,000 5.8 18 26.3 30.3 successful cases only
& 414 = 100|4/4 = 100|474 = 100|474 = 100|2/4 = 50
60 20 | 30 | 1800|180000 ,., 5.8 1 - 5
TABLE 7-9

Overall table of results for heuristic method
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algorithm were performed with sets of data up to the size which might
be encountered in a real problem, the upper limit being set by
practical considerations relating to the time taken to run such
large problems. The size of I only affects the number of iteratioms
required indirectly, whereas J, T and Q, because of the cycle
structure, tend to affect the time taken for each iteration directly,
This is an improvement on the sub-gradient algorithm, where the
deepest-nested cycle involved I, J, Q and T, causing the value of I
to be far more critical. It is interesting to note that each
iteration of the heuristic algorithm is relatively fast (about
3 seconds CPU time) when the number of schedules with girls on them
is small, since fewer comparisons have to be made between swops from
potential donor schedules. The time taken for an iteration rises to
over 15 seconds when there are girls on every schedule. (These figures
are for a 190 girls, 5 ward, 20 week, 60 schedule problem). With
more efficient coding these timings would be expected to speed up

considerably.

7.9 Schedule generation

It is advantageous to use as few schedules as possible defined
explicitly in the data, in order to keep the problem size to a
minimum. However it will sometimes happen that no feasible solution
is found with the given range of schedules. At this point it
would be reasonable to define a further schedule or group of
schedules which could be added to the list of feasible schedules in
order to facilitate solution of the problem.

Two method of doing this suggested themselves.

(1) When looping occurs, indicating a local minimum, or non-optimal

overall minimum, record which wards and weeks are causing the
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greatest problem, and which are non-critical. Feed these desired
characteristics into an algorithﬁ which generates permissible
schedules, and add the newly generated schedule or schedules to
the explicitly defined set of schedules. For instance, if there had
been consistent difficulty in finding a set of schedules which
provided girls for ward 1 in week 1 at the same time as providing
girls for ward 5 in week 20, then a schedule would be generated
which did these two things simultaneously. Sometimes it might be
necessary to produce two or three schedules in order to achieve a
desired blend.

(2) A simpler method, the one which was tried in practice, was to
store a much larger list of permissible schedules which would not be
considered until the original set caused the solution procedure to
stick. At this point the larger set would be referred to. It was
only necessary to scan the large set for certain wards and weeks where
conflicts had occurred. One or more extra schedules could then be
added to the set considered explicitly at each iteration. A typical
size of problem to be tried had a set of sixty starting schedules in
its explicit set, and a set of two hundred potential extra schedules.
It was found in practice that it was best policy to adopt
several new schedules if looping started. Although this would
increase the problem size by a certain extent, this was found to be
preferable to adding new schedules one at a time. The reason was
that several iterations were needed to detect looping - sometimes
the same five solutions would occur in a repetitive cycle, so the
identity of at least six previous solutions had to be kept and
updated at each iteration. If a new schedule were introduced,

unsuccessfully, then it might take another six iterations before the
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looping was detected again, or more if it did not start at once.
For this reason it was found to be worth the slight extra increase
in problem size to achieve the best modification each time the
external schedule list had to be consulted.

In practice the method of keeping a store of extra schedules
proved to work, allowing solutions to be found for problems which
were previously insoluble, but it was a fairly time-consuming
process to introduce and test new schedules at a near-optimal point.
Whether or not the system would be of practical use would depend
on how critical it was that a zero-deficit solution was found,

rather than one which was near-optimal.



CHAPTER 8

8.1 Introduction

It would be appropriate to pause at this point to re-iterate
the meanings of some previously encountered terms and to define any
new ones necessary for the understanding of this Chapter. The
Chapter's contents will then be outlined.

So far the systems which have been considered have shared
many features. They have had a roster which was designed in advance
of individual schedules and was repeated unchanged time after time.
The roster contained information relating to the fixed aspects of a
nurse's schedule, such as which weeks would be spent on leave, on
night duty or on district work. Within the framework of the roster

nurses would have their plan designed - this would be an individually

allocated schedule dictating the ward to be visited on any given

week of the year's course. Although many of the plans may have been
similar from one nurse to the next it would only be by coincidence
if the plan followed by one nurse was identical in structure and
content to one which had previously been used for another girl, or
which was being used concurrently by another. The plan would not
usually be determined in full at the start of a girl's course; it

would be scheduled continuously as the course progressed.

In Chapter 8 the concept of a cyclical standard schedule will

be discussed. This consists of plans which are used repeatedly by

different nurses who have consecutive courses. These plans are

fixed in advance like the roster in the previous systems and may be
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used simultaneously by groups of girls. Together with other such
plans, the individual components are part of an overall schedule.

This standard schedule may be so designed that the staffing is even

at all points, and the individual plans are all satisfactory. The
standard schedule is then repeated at the appropriate intervals and
the staffing is thus taken care of indefinitely.

Such an attractive system must have drawbacks, or else it
would have been adopted earlier by the staff of the Simpson. Firstly
it is not always possible to design one which achieves the ideals
of staffing and training mentioned above. Secondly there may not be
an appropriate time interval which repeats evenly. Thirdly the
problem of fluctuating arrivals has to be overcome.

One attempt to design such a system for the Simpson is
described in this Chapter. It has many advantages and is cleverly
designed, but in our view it fails to satisfy some of the crucial
criteria relating to staffing levels which such a plan must take as
a sine qua non. We then detail our own proposals for an amended
version which in our view makes use of the advantages of the first

described system, but eliminates its worst faults. An analysis of

a proposed transitional period is included.

8.2 Cyclical standard schedules for use with the real problem

A number of changes introduced at the start of 1977 made it
feasible to consider the design of a series of standard schedules,
i.e. ones which could be applied repeatedly to provide even staffing
levels. Previous to these changes there had been several obstacles
to the introduction of such a system.

The manual system in use in 1973 had caused a great deal of

; ; i3 e
hard work and strain for those people involved in its running , but



the results which they produced by that method were very good -
staffing levels were kept very even, and a great degree of flexibility
was maintained.

One of the basic obstacles to using a repeating set of schedules
is the uneven length of the year - it can not be divided exactly
into a number of weeks or even days, so some sort of compensation
factor has to be introduced every once in a while like the system
of leap years. In designing a standard schedule which will fit each
year, allowance has to be made for such variation. If the system is
tied rigidly to repeating sets of thirteen weeks then monthly
arrivals will occur earlier each year, and at some point it will
become necessary to make some major re-adjustment. Obviously a
better system is to have some section of the course which can be
stretched if necessary so that the schedules fit the year's length
exactly; for instance a week could be deemed to last for eight days
at a suitable point. Under the old system this would have been very
difficult to achieve since girls started work on the wards right
from the first week, but since the new system commences each time by
putting an intake on lectures for two weeks there is now a greater
degree of flexibility as to the actual day that the girls start on
the wards; in other words alterations of one day to the length of the
initial study period will be sufficient to keep each intake's work
pattern in alignment with those of its predecessors, a necessary
condition for the standard schedules to produce even staffing.
Because of the extra latitude which this gives it is possible with
the new system to fix arrival dates for each intake which are
unchanged from one year to the next; the first days of March, June,

September and December.
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The second obstacle to the use of standard schedules under the
old system was that of unevenness in arrivals. With standard
schedules one loses the flexibility which individual scheduling
provides, and as a result it becomes more impartant to have a
regular number of girls available month by month in order to be able
to maintain the staffing levels which a pre-planned schedule can
achieve given a constant supply of nurses. Under the old system the
variation was too great to allow this system to be used. For
instance in 1973 the minimum size of an intake was six and the maximum
seventeen. Obviously if these girls had been slotted into pre-
planned schedules then there would have been gross over- and under-
staffing which would have accompanied each set from ward to ward.

The old individual allocation system was able to cope with this
however, and could spread any shortfall or over-supply between
different wards, perhaps balancing one against the other.

So it can be seen that steady numbers of available nurses are
a pre-condition for using standard schedules. Variability is too
great when there are twelve or thirteen intakes per year, but becomes
acceptable with a quarterly intake system owing to the smoothing
effect of grouping larger numbers of girls together.

These then are two basic reasons why a standard repeating
system should be feasible under the new system but not under the old.
There is one more reason which, although less tangible, still has
a powerful effect on the decision to opt for a set of standard
schedules. One of the drawbacks of such a system, as discussed in
Chapter 1, is that staffing levels will be less even on the whole
than those achieved with individual scheduling. On the other hand,

good training plans will be provided, and in fact guaranteed, for
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each girl., It is notable, then, that the people involved with
planning the schedules are also most concerned with the teaching side
of the hospital. Their priorities, understandably enough, are to
schedule the girls with the minimum of effort compatible with

giving each her required training. Problems which the resulting
schedules may cause for the other people whose job it is to provide
round-the-clock service with the fluctuating numbers of nurses
provided by these schedules do not affect the scheduler directly.

In fact in one case one of the people connected with scheduling
and traiﬁing denied that a staffing problem existed. Until recently
the Assistant Matron worked out the schedules, and her priorities lay
more in favour of providing even staffingeven if it meant deviating
from each nurse's ideal training course. In other words there has
been a shift in emphasis which permits the prospect of standard
schedules to be considered, notwithstanding the drawbacks which this

entails.

8.3 The 1977 schedule - Black system

In October 1975 a set of recommendations relating to student
midwife training were put forward by a committee set up to consider
the subject following the issue of a new set of E.E.C. directives.
(See Appendix B). Although the recommendations were approved in
principle by the Central Midwives Board for Scotland, the proposed
programme was not one which would have given even staff availability
from week to week, since the blocks of study would have overlapped
with those from other intakes so that in some weeks all girls would
have been on the wards whereas in others there would have been two
intakes (i.e. half the total complement of student midwives) away

doing their theoretical studies. At this stage Roy Black of
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Strathclyde University2 was consulted and he devised four schemes,
each of which was a repeating set of standard schedules within the
framework of the new E.E.C. directive. One of these was accepted
and approved by the Central Midwives Board for Scotland for
implementation as from the lst December 1976. The scheme which was
accepted is reproduced in Table 8-1. The presentation of the scheme
is reproduced in Appendix C.

The first point to be made is that, under the new requirements,
there are five weeks of holiday per year, and nine weeks of study,
giving a total of fourteen weeks during which girls will not be
available for ward work. Since there are thirteen weeks between
intakes it is possible to stagger the weeks-off in such a way that,
apart from one week, there will always be a constant number of girls
available for practical nursing duties. Under the Black plan the
odd fourteenth week of absence from ward duty is not spread out on
to a different week for each of the six sets, but instead two of the
sets have a week's holiday on week twenty-three, and another two on
week twenty-seven. This indicates a conflict between two aims. On
one hand there are administrative advantages to having all the girls
taking this one week's holiday on the same week, but on the other
hand this obviously will not provide even staffing. Having accepted
that the sets must take their holidays on different weeks it would
seem better to give the six sets six different weeks rather than just
four. The week by week staffing position in terms of number of sets
on duty for each week of a quarter is shown below:

WEEK : 1. 2 3 4 5 &6 7 8 91011 1213

Table 8-2
NO. OF SETS: 16 18 18 18 18 18 18 18 18 16 18 17 17
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Under this system it has become necessary to put some sets on
to the Labour Ward for their first spell of clinical duty. This is
a result of the decision to put every girl on the Labour Ward at
some time before her first holiday. Having decided that, it
becomes necessary to start some girls on that ward in order to provide
even staffing. Under the 1973 system every girl had a spell on post-
or ante-natal first, duties which she should be capable of performing
with the standard of training which she has already reached. The
hope is that enough of the ground will be covered in the initial
two weeks of study under the new system to prepare the girls for such
a duty early on.

The other problem which this plan might introduce is also
inherent in its structure - will it be satisfactory to have gaps of
up to thirteen weeks between the blocks of theoretical study? Under
the previous system the teaching was continuous throughout the year,
and some doubts have been raised as to the advisability of having
these large gaps, despite the fact that the actual number of study
hours is similar to that under the previous system. Apart from the
fact that the clinical and the theoretical experience will tend to
inter-relate less, there is also the consideration that there will
be less feedback on the student midwife's performance during the
periods between study blocks. Only time will show whether these
fears have any foundation, but on balance the present indications are
that the advantages of a stable coherent system of theoretical
teaching made possible by the simplification of the teaching time-
table will outweigh these disadvantages. Apart from these two points

the schedules provided for each set are very suitable.

8.4 Fluctuations in staffing levels/
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8.4 Fluctuations in staffing levels

The main drawback to this system is the fluctuation in staffing
levels which it causes. In the interests of simplification of the
scheduling problem several sources of variation instaffing levels
have arisen which could be considered to violate some of the basic
requirements dictated by the service needs. The following two
tables serve to illustrate some of these points. Two columns are
given for the new system, the first on the basis of there being 160
girls present, the second referring to a trainee establishment of

140 nurses.

OLD
SYSTEM NEW SYSTEM
TOTAL TRAINEES 140 160 140
HOLIDAY WEEKS/GIRL 5 5 5
DISTRICT WEEKS/GIRL 4=5 4 4
STUDY WEEKS/GIRL - - 2
9-10 18 18
WARD DUTY WEEKS/GIRL 42-43 34 34
WARD DUTY GIRL WEEKS/YEAR 5973 5440 4760
Table 8-3

The drop in apparent staffing levels will not be quite as
great as this suggests, since when each girl is on a ward she will
now be working there for more complete days each week. However
there is still an overall drop in the level of staffing which will
be provided by students., Under the old system the average number
of hours worked on the wards each week that a girl was allocated
to ward duty was thirty four. Under the new system the figure is

forty hours. Multiplying these figures by the total number of girl-
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weeks available per year gives us:

Nurse-hours on ward duty per year (140 girls present)

1973 system - 203,082 hours

1977 system - 190,400 hours

Reduction - 12,682 hours
This is equivalent to having eight or nine girls fewer than under
the old system for the same size of establishment. Put another way,
that is approximately £22,000 worth of nursing care which is no
longer available for staffing, that being the cost of hiring eight
more nurses to make up the number of hours of staffing needed.
Since however the budget for the hospital is fixed, any shortfall of
this kind must necessarily result in reduced standards of care for
the patients. A comparison of optimum and actual staffing levels
under the old system and as provided by the new, is shown in Table
8-4. It is compiled under the assumption that there are 6 girls in
each section, a total of 144 being trained. The old figures are
compiled from a 20-week period when the aﬁerage total number of
nurses was just under 134; maximum = 142, minimum = 126.

The figure for girls working on Out-patients is now included
with the figure for Ward 49. Apart from this there are some
noticeable differences in the staffing levels provided. The greatest
concerns the Post-natal Wards, 51 to 54, where the day-time staffing
level has dropped from an actual average of 29.5 to a proposed level
of 24 to 30 and the night-time level has dropped from 17 to 6. This
difference will need to be made up by employing more trained staff
on these duties. Since the total number of staff in the establish-

ment is more or less fixed by the amount of money available in the

overall budget, this means that there will be fewer trained staff
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OLD SYSTEM NEW SYSTEM
160 GIRLS 144 GIRLS
WARD OPTIMUM ACTUAL ACTUAL
49 12 15.3 12 (4 wks), 18 (9 wks)
51.3 24
28 29.5 24 (6 wks), 30 (7 wks)
54 4
SC 10 10.5 6 (9 wks), 12 (4 wks) > DAY DUTY
W 15 153 18 (I11wks), 24 (2 wks)
oP 8 8.8 -
DIST 12 9.8 6 (2 wks), 12 (L1lwks) y
49 5 5 6 h
51,3 15
17 17 6
54 2 > NIGHT DUTY
SC 6 6 6
LW 6 6 6 )

(The figure in brackets shows the number of weeks in
each quarter that the given staffing level will
obtain)

Table 8-4



available elsewhere, which may reduce levels of patient care. Where
are the girls who would previously have been used to a greater
extent on the post-natal wards now deployed? Apart from general
reductions in numbers of girls, the other answer lies in the number
of girls on Labour Ward. Here the average complement has risen

from 15.3 girls on day-duty to 18.5. Thus part of the problem is
that in order to satisfy training requirements the Labour Ward is
staffed by a greater number of student midwives, while staffing
levels in the less demanding Post-natal Wards must either be made

up using fully trained staff, or must be allowed to drop.

The use of more student midwives on the Labour Ward could
produce problems when trying to ensure that each girl was able to
perform the required number of deliveries, were it not for the fact
that the requirement has dropped from 20 to 15.

So the first problem associated with the new schedule is the
necessary redeployment of trained staff. The second problem, which
exacerbates the first, is the amount of fluctuation which is caused
in staffing levels from week to week.

The problem is greatest on the Special Care Unit, where for
four weeks out of thirteen the staffing level doubles from six to
.twelve. Since the previous staffing level averaged just over ten
it seems likely that this unit will be understaffed for over two
thirds of the year. Figure 8-1 shows variation in staffing levels
in graphical form; it can be seen that the Special Care Unit is
not the only duty with a very large fluctuation. For instance, for
nine weeks out of thirteen, Ward 49 increases its complement by 50%,
and for two weeks out of thirteen, the number of nurses on community

work halves.
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It is pertinent at this point to assess whether these large
fluctuations are a result of poor design. In fact it is the choice
of system which is at fault, not the design within the system.
Black has chosen to work with each intake divided into six sets,
making the number of girls in each set about six (exactly six if
the complement of trainee midwives is 144)., Rapid inspection,
using the methods outlined in Section 1-4 shows that it is
impossible to achieve completely even staffing with this number
of sets - the availabilities are not even multiples of the require-
ments. Thus, for each week when the staffing provided by the
system deviates from the ideal, the difference will be at least
six girls too few or too many. Similarly, the number provided must
always be a multiple of six except in the case of the Post-natal
Wards where the allocation is split between four wards. Because of

this, some of the old optima can no longer be achieved.

8.5 Justification of the Black system

We must consider here the possible justifications for develop-
ing this system. In order to assess these, one has to consider
whether the payoff of increased evenness of staffing balances the
problem of increased complexity. The critical ward here seems to
be the Special Care Unit. This is the one with the greatest
fluctuation, and also the one where for over two-thirds of the year
the staffing drbps to a level which is causing concern among the
top staff at the Simpson3. If the situation here could be improved
then it definitely would merit the complexity of having more than
six intakes. It is evident from the symmetry of the arrangement of
SC on the Black plan that this ward was filled in first, the others

being fitted in around it. Ignoring the other wards for the time
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being, the pattern is as shown in Figure 8-2,

All of the Special Care duty is done between weeks twenty and
thirty-two of a girl's course, apart from night duty which is done
later. Apart from the beginning and the end and the point in the
middle between weeks 26 and 27 Black has managed to achieve an over-
lap between successive groups. The problem is that although this
overlap is desirable from a continuity point of view, it causes the
number of staff to double four times in the thirteen week cycle. It
will be noticed that set 3 only does two weeks of duty at this
point. This is so that they have a week of SC in hand which can be
done later as an extra week of night duty, a necessary condition in
order to attain evenness of staffing then. Since overall numbers
are smaller at night and there are fewer trained staff about this
requirement is of the utmost priority and is achieved admirably by
the Black system.

Still considering only the staffing on SC we must now ask:

If the number of sets is increased would it be possible to make the
staffing more even? We can shuffle the weeks of duty around,
retaining one two-week block out of six, in order to try to make
the overlaps occur at different weeks. It is not feasible to move
a girl from SC to another ward and then back again since this would
disrupt her training too much.

First consider the possible improvement which could be achieved
if the number of sets was doubled. Let us keep the first six sets
as they are above and then add a further six whose overlaps occur at
different points, such as in Figure 8-3.

Comparison of the six-set system (six girls per set) with the

twelve-set system (three girls per set) produces the figures in



Table 8-5.

REPEATING 13 WEEK CYCLE: 1 2 3 4 5 6 7 8 9 10 11 12 13
NUMBER OF GIRLS{ 6 SETS: 6 612 612 6 6 6 12 6 12 6 6
12 8EIS: 6 9 9 9 9 9 6 9 9 & 9 6 6

Table 8-5

The peaks of twelve girls are spread out more evenly under the second
system, but there are still five weeks during which the minimum
number of six girls-applies. This is obviously still not satisfactory.
It is possible to assess what the best spread would be with eighteen
sets - at the most even it would provide eight girls for twelve weeks
and six girls for only one; a much better solution. However, it
does not seem to be possible to design an eighteen set pattern so
that this is achieved. Figure 8-4 is the best spread that has been
achieved in practice, and it is possible to demonstrate that this is
in fact the best that can be done, since inevitably two groups of six
sets out of the eighteen must share an overlap.

Thus it would be possible at this stage to discard the idea of
using a greater number of sets than six, since the extra complexity
does not seem to be balanced by the solution of the staffing problem.
This is the point at which the rules defining the problem were
reconsidered. As stated earlier, the staff held it to be unacceptable
for a girl to do two weeks of special care, move to another ward, and
then return for a single week, since the disruption would be too
great. However in answer to an inquiry it was stated4 that it would
be reasonable for a girl to take a week's holiday during a period of
special care, since this would not involve the disruption of moving

from one ward to another. This altered the problem radically, and
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made it possible to design an eighteen set system which achieved
the theoretical best staffing, with eight girls for twelve weeks
and six for only one. This is shown in Figure 8-5.

It would seem then that the systems involving larger numbers
of sets were not considered because no way of making the best
use of their potential had been found. Unfortunately the problem
seems to have been oversimplified when the proposed scheme was
presented to the staff of the Simpson. The solution with only six
sets has the advantage of looking simple and easy to use, and at
first glance appears to be a surprisingly simple solution to a
complex problem. This neatness and simplicity will obviously appeal
to the person who has to implement the procedure. However this still
leaves the fact that the staffing levels provided, especially for
the Special Care Unit, should have been inadequate enough to merit
the rejection of the scheme. Why were they accepted? The answer would
seem to lie in the way that the scheme was presented. Nowhere on the
duplicated plan of the scheme are actual numbers of girls mentioned;
instead the plan refers to numbers of sets. With an establishment
of 160 student midwives being reduced to 140, it would seem reasonable
to take a figure of 144 as being a suitable one to work with in order
to compare different schemes, since all of the numbers of sets being
considered will divide into it. This figure even flatters a bad
solution, since a plan which allows one set on SC at a time will
let the minimum drop from six girls to five from time to time if the
establishment falls to 140. (Remember that the previously accepted
optimum number was ten.)

Using the figure of 144, then, each set will comprise six
trainee midwives. By presenting the staffing levels in terms of

numbers of sets on duty (See Table 8-1) the variation is never more
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than plus or minus one set from the norm, and on.superficial
examination this gives the impression of being fairly even. It is
only when each figure is multiplied by six that the position becomes
clear, with both Special Care and Community section varying between
twelve and six girls, and Ante-natal being eighteen and twelve, to
name the wards which have the greatest proportional variationm.

The staff at the Simpson were happy to adopt any system which
gave some relief from the complexity of individual week by week
planning, so a plan of this form which gave the impression of
extreme simplicity combined with albeit illusory evenness of staffing
would appear most attractive, even if the transition period from one

system to another promised to be chaotic.

8.6 Proposal for an improved standard schedule

The Black system is admirable in its simplicity, and provides
good training schedules, but falls down badly in the daytime provision
of staff. The analysis detailed above with regard to the Special
Care Unit suggested that it would be worth trying to construct a
system with a greater number of sets, each of a smaller size. SC was
considered since it had tighter constraints than any other type of
ward within the framework of the type of system used by Black, and
had the worst staffing pattern as a result. Having shown that the
problem could be resolved with regard to this ward by increasing the
number of sets it seemed likely that the other wards would benefit
as well.

The task as it now appeared was to design a system that, while
smoothing out the irregularities of the Black system, still preserved
its advantages. It would be an advantage to keep the structure as

similar to the Black system as possible to facilitate the transition
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from one system to the other, causing as few variations from the
' optimum as possible during the interim.

In the light of what had been discovered while investigating
the SC problem it was decided to adopt an eighteen set instead of
a six set system. The blocks of study have been retained unchanged,
as have the first and third periods of leave. The patterns of night
duty are directly related to those in the Black system, as these are
successful features of that method. The balance of the parts of the
course when each girl visits each ward are kept very similar, to aid
a possible transition from on; method to the other. In other words,
if under the Black system community work was always done between
weeks 35 and 47, then this rule would be retained.

At first, Black's six sets were adopted as the first six of
the eighteen, and even after subsequent modification to relate to the
other twelve they have remained very similar.

In designing the system the SC weeks and night duty were
blocked into the framework first, along with community schedules.
Weeks 3 to 9, 12 to 15, and 49 and 50, are used exclusively for Ante-
natal, Post-natal, and Labour Ward, and moreover they are thirteen
in number. It is possible to plan them so that they are self
contained, since between them they cover each week of a quarter exactly
once and once only. Haﬁing designed a system for them which is
internally balanced and provides completely even staffing the
scheduler is then left with the gaps in the two thirteen week periods
from weeks 20 to 32 and weeks 35 to 47 inclusive. If these proved
to be impossible to fill evenly then it was necessary to return to
the thirteen week group of Ante-natal, Post-natal and Labour Ward and

make changes, and once or twice it was even necessary to change some



of the arrangements for night duty and community work. Each stage
was carried out in close consultation with Miss Jamieson, the
Divisional Nursing Officer of the Simpson (formerly called the
Matron). Finally a system was devised which reached the optimum
staffing levels theoretically possible with an eighteen set plan.
The training schedules provided are similar to and at least as good
as those under the Black system. Table 8-6 shows the plan which

was eventually arrived at.

8.7 Comparison of the Black system and the proposed system

The comparitive figures for staffing under the Black system and
the proposed new one are given in Table 8-7, and are represented
graphically in Figure 8-6. The improvement in the regularity of the
staffing does not have to be discussed point by point - the figures
speak for themselves. In response to an enquiry from Miss Jamieson
as to whether the plan caused each girl to change more frequently
from one ward to another, the average number of times each girl
started a new ward in the course of the year was calculated. For the
Black system the figure is 13.0; for the proposed system 13.3.
However, this figure does not take into account one or two subtleties
of the proposed system. To quote an example; In the Black system,
set 3, the girl is on LW for weeks 31 and 32, block for two weeks,
Post-natal for two weeks, then LW for two more weeks. A similar
situation obtains for the same weeks for set 7 under the proposed
system. Here the pattern is LW for weeks 31 and 32, block for two
weeks, then straight back to LW, without an intervening visit to
another ward. This is followed by Post-natal for two weeks, but
instead of yet another change of ward, the next change is to night

duty on the same ward. This benefit applies to eight of the eighteen
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sets, and twice in two cases. When this is taken into account the
revised figures are:

Average number of changes under the Black system - 13.0

Average number of changes under the new system - 12.7

Thus it can be seen that the new system has a slight advantage
over the Black system in terms of quality of schedules as well as
having a great advantage in terms of evenness of staffing. The only
issue remaining to be considered is whether the disruption caused in

the changeover period would be great enough to outweigh the advantages

of the proposed system.

8.8 Changeover to the new system

In fact the two systems are very similar. It was stated in
Section 8.6 that the Black system was adopted with minor modifications
as the schedule for the first six sets of the eighteen. As a result
the two systems are highly complementary and a change from one to
the other would provide the minimum of disruption. Figure 8-7 shows
the reason for the great amount of disruption caused when the Black
system was adopted. Instead of replacing each group as it left it
was necessary to wait for the start of each new quarter, when a
larger group was admitted. This caused great under-staffing prior
to each quarterly intake as can be seen from the diagram. It can
also be seen that a change from the Black system to the proposed system
would provide no problem of this nature since both systems involve
quarterly intakes. The next point to be considered is the week by week
staffing provided for each ward during the transition period. It is
proposed that the change would occur as each new intake arrived -
they would start on the new system, but girls presently on the Black

system would complete their courses according to it. The change would
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therefore take place over three quarters. Table 8-8 shows the
staffing levels for all wards over the transitional year. Of 154
ward/weeks there are only four where the staffing level is higher
or lower than that under the Black system. In every other case
the staffing stays the same or improves at each new transitional
quarter. All of these figures are impressive, but once again the
critical case of the Special Care Ward stands out.

This would seem to negate the only criticism which could be
levelled at the scheme - that it would be a nuisance to change to

it after the disruption caused during the previous change. These

figures amply demonstrate that, far from being a nuisance, it would

improve the staffing situation progressively from one quarter after

its implementation.
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CHAPTER 9

CONCLUSIONS

The conclusions presented here will offer comparisons between
the different solution methods available according to the same scheme
as used in the body of the thesis. The main classification to be
made will be between continuous and discrete methods of solution,
and each of these will be assessed under a number of categories. In
the case of continuous solution methods, manual and heuristic computer
model approaches will be compared. The categories of discrete
problem methods are manual, computer heuristic and computer optimising.

9.1 Continuous solution methods

A short comparison of manual and computer methods has already

been made at the end of Chapter 4, and the main points it makes will
be reiterated here. In certain circumstances the overall pattern of
scheduling is too varied from one year to the next to permit the use
of a repeating fixed schedule. If this is the case then it is
necessary to deal with the problem on a continuous basis. It was
hoped that a model could be constructed which would take over the
manual task of scheduling, and by virtue of its speed and efficiency
could be made to run for a duration representing a timescale of

many weeks ahead, thereby identifying future bottlenecks in training
in sufficient time for action to be taken to prevent them. A model
was constructed which tackled the full-size scheduling problem,

and although it started by producing tolerable solutions for a few
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weeks it gradually deteriorated, designing progressively less
satisfactory solutions. This indicated that there was some sort of
imbalance in the scheduling rules, but one whose subtle nature had
escaped definition or quantification. In other words if a human
allocator and the model were given the task of allocating for ome
week ahead, the model's solution would appear to be at least as

good as the human one. However if both had to allocate for up to
ten weeks for instance, the model would tend to be trapped by bottle-
necks which resulted from its own past allocations, while the human
would gend to be aware of an overall pattern even while doing the
week by week allocations, and would so avoid this problem. To quote
an example, it could be that staffing figures for a group of wards
were coming predominantly from one set, but that none of that set
had been on OP to date. A human allocator would tend to notice this
coincidence, but the model might continue to use girls from the same
set for duties on a selection of other wards. Staffing figures
might be ideal, and all would be well until the set in question came
to the end of whatever half of the course they were on. At that
point, the model would be obliged to put all of them on OP at once,
regardless of the overstaffing which that might cause.

It is interesting to note that the very complexity of the
problem, with regard to variable set size and unexpected drop-outs,
which makes the problem such a chore for the human allocator, is
also the characteristic which makes the poor allocator's manual
methods of solution the most efficient and successful.

Experiment with the small scale model led to an improvement in
the week by week allocation methods, and the algorithms used managed

to achieve a state of steady staffing whose deviation from the ideal
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was not excessive. However these did not have to deal with the
conflict caused by a girl changing from day to night duty while on
the same ward, and so their improved week-by-week methods would
still have failed to combat the overall imbalance found when using
the full-scale data.

The ability to work ahead for some time was one of the
aspects of the model which was anticipated to be an advantage.
However this proved not to be the case in practice. If the program
did identify a bottleneck in the future it was not capable of
identifying the cause or of re-allocating in such a way as to
prevent it from happening. At this stage a human allocator would
have to step in and start altering the program's solutions. In
other words, at the last resort, it would be necessary to fall back
on manual methods. Although the model could perform a run forward
for several weeks it would have to be re-run each week to take
account of variations in the expected data such as

(1) Absenteeism

(2) Drop-outs

(3) Variations in the expected number of arrivals for

new sets.

(4) Applications for short refresher courses.

As a result most of its ability to run ahead on projected data
would be lost.

Consider now its ability on a week-to-week basis. As far as
scheduling for one week ahead is concerned it could on occasion be
more efficient than a human allocator. It would be faster, and
would be incapable of overlooking any aspects of any trainee's

course. For instance it would not be able to put a trainee into a
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situation where insufficient weeks were left for that girl to
visit all of the required wards. However any short term advantages
of this nature that it might possess are overridden by the problems
of the long term imbalance.

The second adverse aspect of its short term operation is that
the data manipulation involved with running the program is complex.
This is no great disadvantage if the program only had to be rum
once a year, but since a weekly run would be needed to take
account of unexpected fluctuations in nurse supply as listed above,
the time taken to set the program up does assume some importance.
Even in normal circumstances it would almost be as quick to allocate
manually as it would be to feed into the computer all of the
information required to update the attendance status. Any on-the-
spot alterations made to the schedule to take account of last
minute crises would also have to be amended on the computer's files,
and a listing would have to be given of the staffing at the time to
check that all alterations had been made correctly. If the
computer did make allocations which were unsatisfactory, then it
could be a very lengthy business to replace them with a better
manual allocation.

On balance, it would seem that a computer model which attempts
to solve a problem of this nature by emulating the proccesses
carried out by its human allocator can only improve on the previous
allocator in terms of short-term efficiency and speed. If these
advantages are negated, as described above, then its lack of
flexibility is a real drawback, and for this reason it was decided
not to pursue this line of enquiry any more but to consider what

could be achieved by a different approach.
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2 Discrete solution methods

By selecting a discrete period of time reaching for a certain
number of weeks into the future it is possible to define the problem
in such a way as to give the computer a greater advantage over a
human allocator. Here the problem is considered in its entirety
instead of one week at a time, and this increased combinatorial
complexity favours the speed and thoroughness of the computer. It
is now possible to introduce the possibility of optimising the
solution according to certain criteria for this fixed time period.
Heuristic methods can still be used, and were tried with some
success, but they can be of a much more elegant nature when the problem
is being considered as a whole than they were when only portions of
it were being considered at a time. What of the previously stated
arguments against the use of the computer? Firstly, in this case
time is not an object, since the program would only need to be run
infrequently - for instance it could be designed to deal with
thirteen weeks at a time. How then would the objection be countered
that variation in staffing levels caused unexpected fluctuations?
With the previous type of model, of a continuous nature, every girl
had to be included, and a variation one week would cause repercussions
in future weeks. Any manual intervention would then have to be fed
into the computer to allow it to compensate. With the discrete
system it would be possible to produce a schedule for the future few
weeks which would be a starting point for manual alterations. If a
girl did leave during her course, manual changes could be made to
the overall schedule to compensate, but it would not be necessary to
feed this information back into the computer since the scheduling
would not be interactive. It would merely mean that a slightly

different set of data would be fed into the computer for its next
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run. One policy might be to run the program as soon as the number
of arrivals was known for each new intake, or alternatively several
runs could be made in advance for each of a possible range of
arrival numbers.

The question at this stage was whether techniques existed
which were powerful enough to deal with a problem of this nature and
size. The problem as defined by (1.1-4) has (I X J X Q X T) "a"
variables, describing the schedules, and (J X T) + (I X Q) + I
constraints. If we consider the case of a problem where there are
140 girls, 8 jobs, 100 schedules and 20 weeks being considered we
find that the dimensions of the problem are as follows:

Number of variables: x = 14,000

Number of constraints: One schedule per girl constraints = 140

1}
=
(o))
o

Demand constraints

Before comparing results obtained by different methods let us
consider some of their relative merits and demerits. With reference
to his research into the Travelling Salesman problem, Olav Soleml
quotes the following as characteristic properties for the different
solution methods considered here:

Combinatorial programming

Good: Great flexibility in constraint and object function formulation.
Computation can be stopped (resulting in a feasible solution).
Initiation solution can be used.

Bad: Data dependent with large scattering in computer times from
one case to another.

Difficult to estimate computer times.

High computer times.
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Heuristic programming

Good: Low computer times.
Easy to program.
Time independent.

Bad: No guarantee of discovering a specified solution.

Most of these characteristics apply here as well, with the notable
exception of the second point relating to combinatorial programming.
Because of the artificial nature of the costs a feasible solution is
all that is required for this problem, but even the sub-gradient
optimisation method had great difficulty in finding any. Also with
this problem the advantage of being able to supply a starting
solution applies equally to the heuristic method.

Let us consider first the results which were achieved using

combinatorial programming.

9.3 Computer optimisation methods

Several methods were considered, and the one chosen as being
most suitable for the present nurse scheduling problem was that of
sub-gradient optimisation. The methods used are described in detail
in Chapter 6. Held, Wolfe and Crowder's algorithm2 was used with a
variety of sets of data then modifications were made to it and their
usefulness assessed. It was found that Held's use of an under-
estimate was inappropriate to the present problem, since it caused
premature termination of the solution procedure. Further investigation
revealed that Held's method would only work in cases where feasible
solutions were easily attainable, and where it was possible to state
an objective function value which, though non-optimal, was satisfactory
as a solution. These conditions impose grave limitations on the

usefulness of Held's approach. In an attempt to surmount these



difficulties various procedures were adopted. The use of an over-
estimate proved to be effective in causing rapid convergence to the
general vicinity of the optimal region, but further convergence was
not assured. Several systems were then assessed which made use of
a variable estimate. A method was devised whereby an overestimate
was calculated automatically from the given data, eliminating the
need for an informed guess. This procedure was able to work because
the first crude overestimate was subsequently reduced to a fairly
acéurate figure in the light of the initial trial iterations. This
procedure is described in Section 6.17, and is likely to be of use
in the case of any problem where an underestimate is unsatisfactory.

Attempts to base the choice of A (the step size multiplier) on
various factors which related to the current position of /T proved
ineffectual and investigation of the reasons for this led to the
demonstration of some fundamental weaknesses in the entire sub-
gradient method. It was shown that only one gradient ever needed to
be calculated, and that, in the extremely rare event of an iteration
arriving at a value of /T which lay on the line of intersection of
two planes, a random decision as to which gradient to use would
suffice. Thus the method is far less subtle than would appear from
many published sources. Furthermore, examination of the properties
required for convergence on the optimum to occur revealed the
following facts:

(1) The method in practice relies critically on the accuracy

of the estimate. In many kinds of problem this is
impossible to determine precisely enough.

(2) It is extensively quoted that use of the correct sequence

of A will guarantee convergence despite the use of an
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estimate which differs from the optimum. In fact it can
be proved that convergence will occur after an infinite
number of iterations if not before, a property which,
though mathematically sound, is of extremely limited
practical usefulness.

Some variations on Held's method were assessed, notably
Grinold's steepest ascent procedure3 and Camerini, Fratta and
Maffioli's modified gradient directiona. These were all limited by
the basic flaws in the system. In order to make an evaluation of
the basic system, ignoring the accuracy of the estimate, a large
number of trials were carried out where the estimate was exactly
equal to the optimum value for each set of data. This information
makes the problem considerably simpler to solve, since the step
size should always be of exactly the right magnitude. However
practical trials supported the view described above, that any number
of iterations up to infinity might still be needed. For the optimum
value to be reached any sooner than that dgpended to a large degree
on chance, and the probability of its being found exactly after any
given step decreases in inverse proportion to the number of solution
planes associated with any given set of data.

Gue et al5 stated in 1968 that computational results up to then
offered little hope of solving zero-one problems with more than 100
variables. IAlthough progress has-been made since then, that limit
seems to apply to this particular method, as seen by Table 6-5. The
number of x variables is given by the product IQ and it can be seen
that in cases where this figure exceeds 100 a solution is rarely
found. Where a solution is achieved this is because the looseness
of the problem causes the feasible region to the sufficiently large

that the iterative procedure can arrive at it without any necessity
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for precise convergence.

9.4 Suggestions for further study

It has been demonstrated in this thesis that the sub-gradient
method has two fundamental weaknesses:

(1) It is over-dependent on the accuracy of the estimate.

(2) It cannot guarantee convergence on the optimum in a

finite number of iterations.

However the method does possess properties which it might be
possible to exploit in a more efficient fashion than has been achieved
to date. So far, sub-gradient methods have relied upon the gradient
of the plane on which /7% lies in order to determine the direction
and extent of the next move. The modified gradient direction method
will tend to lessen the zig-zag effect in the case of a series of
iterations alernating between two adjacent planes, and the net effect
of this is that a direction is chosen which tends to be closer to
that of the line of intersection of the planes. This is a slight
improvement, but does not help the problem of convergence occurring
only in an infinite number of iterations. The only way that this can
be surmounted is by identifying the actual gradient and direction of
a line of intersection of two planes and travelling along it until a
new plane is encountered. At this point two or more new rays will
be met, and the steepest of these should be selected. In simple
terms this procedure could be described as moving along the edges of
the multi-dimensional function rather than from point to point on its
surface planes. Since any given ray is joined, by other rays, in a
finite distance, to the optimum point or plane, it would seem that
this procedure would be more specific in terms of the iterative path

which it prescribed. Computationally it would be more demanding, but
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there must be many types of problem where the guarantee of achieving
the optimum point in a finite number of iterations would justify the
extra burden of calculation at each iteration. It should also be
noted that this procedure would be able to work with a precise
determination of the step size at each iteration, and would therefore

require no estimate of the optimum wvalue to be provided in advance.

9.5 Heuristic programming

Attempts were made to devise a heuristic system which could
cope more satisfactorily with tight problems, and which was less
dependent on the number of variables. The method which was adopted
was similar in some ways to the cyclic co-ordinate descent
algorithm described in Appendix D. To re-iterate the procedure
involves the choice of an initial solution according to wvarious
criteria which will tend to make it a relatively good one. At all
stages the current solution is feasible with regard to training
patterns for each nurse and is meaningful in practical terms (i.e.
it does not involve fractions of nurses or other impossible concepts).
The factor which changes at each iteration is the staffing level on
each ward for each week. Iterative schemes were tested which, in
general, tended to ensure that the overall staffing pattern at each
iteration was better than that at the previous iteration. Many
different criteria were tested, but the basic scheme remained
unchanged - that at each iteration one or more girls were mﬁved frém
a schedule which was making an adverse contribution to the staffing
pattern to one which benefitted the staffing levels. It was not
possible to ensure an improvement in total deficits at each
iteration, but gradually a system was evolved which tended towards

the optimum region. The system is described in detail in Chapter 7,
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but to put it briefly it can be stated thus:

Find the change which will cause an improvement in the maximum
deficit on any ward and week. If there is more than one candidate,
choose the one which causes the greatest overall improvement in
staffing deficits, or the least deterioration. If there is no
candidate which improves the maximum deficit then choose that one
which keeps it the same, while causing the greatest improvement in
staffing deficits, or the least deterioration.

At first sight this seemed slightly arbitrary, in its
insistence on a move being made, even to the detriment of overall
shortage with no associated improvement in maximum shortage. It was
only when detailed analysis was made, using graphs and three-
dimensional models as well as experiment with varied data sets, that
it became apparent that it possessed qualities not exhibited by
other superficially similar iterative procedures.

As is the case with most heuristic methods, it cannot guarantee
that a solution will be found - it is possible to construct sets of
data which can trap the iterative procedure at a local minimum of
overall and maximum staffing deficits. Although such sets of data
can be contrived, it is surprising how infrequently the heuristic
fails when using data sets more typical of real-life scheduling
problems. Procedures are described which will permit the solution
procedure to be continued. It is interesting to note that a very
simple one, that of giving the problem a new starting solution after
a local minimum has been encountered, will still guarantee that the
optimal solution is eventually found in a finite number of trials,
which is better than can be claimed for the sub-gradient method!

Finally, there is one parameterwhich can still be wvaried, and



that is the number of girls who should be moved at each iteration -
loosely equivalent to the concept of step size. Trials with different
values are compared in Section 7.8.2.

9.6 Comparison of results obtained by combinatorial and heuristic
methods

In theoretical terms the sub-gradient method will reach the
optimal point after an infinite number of iterations if not before.
The abandonment of the solution procedure and adoption of a new
starting point will, at worst, lengthen the sélution procedure.

The heuristic procedure will almost always take no more
iterations than would be required by an explicit enumeration process,
since it is possible to choose a new starting point in such a way as
to benefit from the information gained in the previous attempt.
However, the important comparison is not between the theoretical
worst performances of each method, but between the general quality
of solutions which they achieve in practice. Here the difference
between the two systems is most telling: compare Tables 6-5 and 7-9.

The sub-gradient method was unable to solve any problem of over
80% tightness which had more than 32 "x" wvariables.

The heuristic method solved all problems which it was presented
with of up to 90% tightness, the largest of which had 12,000 "x"
variables. All of the problems which had been solved by the sub-
gradient method were solved trivially by the heuristic method;
typically in roughly one tenth of the number of iterations.

Within the field of scheduling there are many variations =~
problems which have superficial similarities may have to be
formulated differently from each other, some being easily solved

and others being effectively impossible within our present framework
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of knowledge. However the heuristic which has been described within
this paper deals with a problem which is fairly general in its
nature. In wide terms the problems which it could solve possess the
following characteristics:

(1) Certain processes, j, have to be performed on each item, i.

(2) Certain sequences, q, determining order and duration of
processes exist.

(3) There is one processing unit for each process. Each unit

has a processing level dj which determines a preferred

t
limit to the number of items it may process simultaneously
in time t. This may be a minimum or a maximum level.

(4) It is desired to allocate a sequence, q, to each item, i,
so that the overall shortage below the minima djt (or the
overall excess above the maxima djt) may be minimised over
all j and t.

It can be seen that this formulation describes many recognised

problems, and it is felt that useful progress might be made in

studying the applications to which it is suited.

9.7 Repetitive standard schedules

While this research was under way, a change in the external
constraints upon the Simpson was made, as described in Chapter 2. A
new system was adopted which uses a standard set of six schedules.
There are now four intakes a year, and each girl on arrival is
placed on one of the standard schedules, which is designed to overlap
at quarterly intervals with the same schedules which are already
being used by the girls who are part way through their courses.
Administratively this is much simpler than the previous system, but

the staffing levels which are provided by this method are inferior in
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many ways to those achieved by the more laborious system which used
to be used of planning an individual schedule for each girl.

In Chapter 8 the drawbacks of the present system are detailed.
A proposed replacement system is described which was designed to
provide better staffing while maintaining the simplicity of the current
system and providing a trouble-free transitional period. Its
advantages are manifest, and it was greeted with enthusiasm by
Miss Jamieson, the Divisional Nursing Officer. If sanctions are
brought to bear to force the hospital to adopt the exact E.E.C.
regulations then it will be necessary in the near future for the
system to be altered again to satisfy the revised constraints. If
this proves to be necessary then it is hoped that the proposed system

will form a basis for the new solution.

9.8 Summary

As far as the specific problem at the Simpson is concerned, a
repeating standard schedule is by far thé easiest to operate, and in
most ways the most satisfactory solution, but in designing one great
care must be taken to ensure that the endeavour to simplify the
problem does not cause previously accepted staffing levels to suffer.
Simplicity can only be bought at a price, and unfortunately the
people who benefit from the ease of using such a programme are not
usually the ones who suffer from the staffing drawbacks. With these
reservations, such a system must be regarded as the best available.

If the structure of the problem is such that, because of
irregularity and variations in staffing supply, it is not possible
to use such a system, then the manual method of allocating week by

week, although time-consuming and difficult, still seems to produce

the best results.
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The heuristic scheduling method described in this thesis could
be used to design a set of repetitive standard schedules as required
by the Simpson, where the problem is well defined. However it is too
difficult, in the light of unexpected variations in available
staffing levels, and because of the uneven nature of our calendar,
to use a computerised system like this as a continuing process. It
would be necessary to employ a permanent member of staff to update
the data in order to make best use of the method.

The implications and potential uses of the heuristic method
extend to a much wider and more general field than is represented by
this specific problem. The sub-gradient method has been extensively
studied and widely used, but has been found wanting for certain
classes of problem because of their size or complexity, or because
of the difficulty of providing an accurate estimate as to the optimal
value. It has been shown that the heuristic method will prove to be

of particular use in these cases.



APPENDIX A

AIMS AND OBJECTIVES OF MIDWIFERY TRAINING

C.M.B. FOR SCOTLAND

To prepare registered nurses to become proficient in the

practice of midwifery and to function as a member of a team caring

for the mother and child during pregnancy, labour, postnatal and

neonatal periods.

OBJECTIVES :

L. To promote an understanding of the physiological, psychological,

pathological and social events relating to pregnancy, labour,

puerperium, and the newborn child.

Course content to include -
(a) reproductive and fetal anatomy.
(b) physiology of reproduction - genetics.
(¢) physiological changes in pregnancy, labour, puerperium.
(d) neonatal adaptation.
(e) disorders of pregnancy.
(f) complications of labour.
(g) complications of puerperium.
(h) neonatal disorders.
(i) family planning.
(j) teaching of parentcraft.
(k) anaesthesia - general and regional.
2 To prepare the student to develop knowledge and skills in all

aspects of care during pregnancy, labour, postnatal and neonatal

periods.

Skills

(a)

include -

practical skills.

L
]
O~



(b)
(e)
(d)
(e)
(£)

observational skills.

recording skills.

skills to deal with emergency situatioms.
communication skills.

teaching skills.

The student should be able to -

IN PREGNANCY :

(a)

give an acceptable standard of care to patients in
pregnancy.

(b) take a complete history from the patient.

(¢) perform a selective physical examination of the patient.

(d) receive and admit a patient to the antenatal ward.

(e) wunderstand and assist in investigative procedures.

(f) understand and assist in therapeutic procedures.

(g) be aware of needs of pregnant woman and be able to meet
these needs.

(h) be able to teach parents.

IN LABOUR:

(a) give an acceptable standard of care to patients in labour.

(b) receive and admit a patient in labour.

(¢) evaluate the condition of the mother and fetus and take
appropriate action.

(d) wunderstand the use of specialised techniques and equipment.

(e) take necessary action in emergency situations.

(f) 1list the measures to relieve pain in labour.

(g) be proficient in the use of inhalational analgesia.

(h) perform an episiotomy under local analgesia.

(i) deliver a patient safely.

(j) conduct, under supervision, a spontaneous delivery.

(k) prepare the patient for operative procedures and assist
in such procedures when required.

(1) document all necessary records and be aware of recognised

lines of communication.

IN POSTNATAL WARD:

(a)

(b)
(e)

(d)

(e)
(£)
(g)
(h)

(1)
(i)

give an acceptable standard of care specific to postnatal
patients.

receive and admit a mother and baby to postnatal ward.
perform daily examinations of the mother and baby and
take appropriate action.

understand and assist in investigative and therapeutic
procedures.

take necessary action in emergency situations.

provide an optimum environment for the mother and baby.
understand the importance of infant nutrition.

be aware of needs of postnatal women and be able to meet
these needs.

be able to teach postnatal mothers.

recognise the need for ensuring continuity of care of
mother and baby after discharge.
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(k) 1list methods of family planning.
(1) initiate discussion on family planning.

IN NEONATAL UNIT:

(a) give an acceptable standard of care.

(b) preparation for reception of infants to the unit.

(c) evaluate the condition of the infant and take appropriate
action.

(d) assess behaviour of infant and detect deviations from
normal.

(e) understand infant nutrition and hydration.

(f£) know alternative methods of feeding babies.

(g) wunderstand the use of specialised equipment in the unit.

(h) understand and assist in investigative procedures.

(i) wunderstand and assist in therapeutic procedures.

(j) know long term prognosis-and recognise the need for
ensuring continuing care following discharge.

(k) be aware of the importance of communication with parents,
and exchange of information.

3 To prepare the student to acquire a knowledge of legislation
applicable to midwifery practice and an understanding of social
and environmental factors affecting the childbearing woman and
her infant.

Course content to include -

Statutory and professional organisations.

Acts and regulations relevant to maternity services.
Notification and registration of births.

The unsupported mother.

Financial and social benefits; wvoluntary services.
Adoption; foster parents; child minders.

Genetic counselling.

Non-accidental injury.

Handicapped Children.

Vital statistics.

4. To assist the student to develop skills in teaching.
Course content to include -
Instruction in use, value and limitations of teaching methods
and teaching aids.
Parentcraft teaching.
Participation in parentcraft teaching.

= To stimulate interest in research techniques -

(a) initiate midwifery research.
(b) participate in research projects.
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LECTURES

OBSTETRICS :

Reproductive physiology; genetics; maternal
adaptation to pregnancy 3

Antenatal pathology including sexually

transmitted diseases 7

Labour - physiology and pathology 6
Puerperal complications 1
Family planning 1
Infertility 1
PAEDIATRICS : 10

1. Neonatal adaptation

2. Resuscitation of newborn

3. Congenital abnormalities

4. Metabolic disorders

5. Respiratory disorders

6. Neonatal infections

7. Neonatal jaundice

8. Low birth weight

9. Normal and abnormal patterns of development

10. Non-accidental injury

ANAESTHESTA :

General and regional; Resuscitation of patients 3

COMMUNITY HEALTH and
relevant LEGISLATION 4




APPENDTIZX B

CENTRAL MIDWIVES BOARD FOR SCOTLAND

REVISION OF TRAINING

These recommendations of the ad hoc Committee set up to consider

student midwife training have been approved in principle by the

Central Midwives Board for Scotland.

LENGTH OF TRAINING

Following registration as a nurse the length of midwifery

training should extend to one year. If the EEC directives require

two years for acceptance throughout the community, the second year

should consist of a planned in-service programme of consolidation,

but midwifery training should not be extended to two years.

REVISTION OF CURRICULUM

L

All programmes should follow a similar plan with conformity of
timing and content to a suggested programme (Attached).

There should be an introductory block of at least one week.
Subsequently the choice of "blocks" or study days should be
left to the individual training school. If the block system
is adopted nine weeks should be devoted to theoretical
instruction. The two final blocks should be used for revision.
45 study days would equate to 9 weeks of block system.

Total Hours of Instruction - 300

The instruction day should be from 0900 - 1630 hrs. but this

320
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could be varied slightly so long as the number of hours remained
the same.

Consultants' Participation

Consultants' periods of instruction may be in lectures or
clinical teaching sessions, a total of 36 hours.

Community Experience

Four weeks community experience should be retained. Programmes
must be well organised and submitted to the Board for approval.
The experience must be related to obstetrics and paediatrics
and use made of suitable General Practitioner Units and Health
Centres.

Night Duty

The time spent on night duty should be reduced to eight weeks.
Preferably the first experience of night duty should not be
given before the 12th week. The longer period should be in the
second half of training when greater responsibility may be given.
Holidays

Students cannot be given a choice of holidays. They should,
however, be informed of the dates of holidays at the beginning
of the course.

Starting Dates

Courses should commence three monthly - on lst March, lst June,
lst September and lst December each year.

Clinical Experience

Antenatal - 12 weeks
4 weeks to be spent in antenatal outpatient
departments to cover all aspects of outpatient

care.

Labour Ward - 10 weeks
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Neonatal Intensive Care Unit - 6 weeks

Attendance at Clinics

Attendance at a clinic should be for
20 hours at antenatal clinics

6 hours at parentcraft classes

4 hours at child health clinics

2 hours at family planning clinics

All clinics must be approved by the Board. They may be in
hospital or at a Health Centre.

Labour Ward Experience

1. Students should attend a patient in labour on at least
20 occasions, if possible being present at the actual
delivery.

2. The number of patients personally delivered must be not
less than 15 and preferably exceed this requirement.

3. In the last twelve weeks of training each student must
conduct the delivery by another student of five patients.
Supervision of this procedure must be carried out by the
midwife in charge of the Labour Ward or by sister
midwives approved by her.

EXAMINATIONS

Continuous Assessment

Assessment by the teaching and clinical staff of the training
school should take place throughout the training period and
should include -

(a) assessment of clinical performance

(b) performance in theoretical work including test marks

(¢c) clinical/oral examination in last twelve weeks

If in the opinion of the teaching and clinical staff the
student is not making progress she must be counselled about the
advisability of repeating certain experience or of discontinuing
training. Only those who reach a satisfactory standard as a
result of this continuous assessment can be presented for the

State Examination, which will consist of -

Written Examination/
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Written Examination

No change from the present pattern.

Oral Examination

This should be of 30 minutes duration and be in part
clinically orientated.

Dates of Examinations

These will be held as at present, namely commencing on the
third Tuesday of February, May, August and November.
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SUGGESTED PROGRAMME - MIDWIFERY TRAINING

(47 weeks exclusive of holidays)
1st 6th 11th 18th 23rd
Orientation | Antenatal Block Labour Ward Block Clinical Block Clinical Block Clinical
and and Experience - Experience Experience
= 1 meek Postnatal L week Special Care L waelk All departments 1. sewle 4 K L week 3
N siln Unit - weeks - weeks
- b weeks Holidays
- 4 weeks - 4 weeks €5 Taatiita X
night duty = 3 weeks
- 3 weeks
30th 39th 45th 49th 50th
Block Community Block Clinical Block Clinical Block Clinical Holidays -
1 week - 4 weeks 1 week SeEeE e 1 week Exjeridnce 1 week Expeticuce 2 weeks +
Night Duty - 5 weeks - 3 weeks ~ 2 weeks 5 days
- 4 weeks
CLINICAL EXPERIENCE -~ 40 weeks 1600 hours STUDY BLOCKS - 9 weeks - 300 hours
(including 36 hours instruction from
1. Antenatal including antenatal outpatient department - 12 weeks - 480 hours consultants)
2. Labour Ward 10 weeks - 400 hours ; ?
3. Neonatal Intensive Care Unit 6 weeks - 240 hours (Instruction Day - 9.00 - 16.30).
4. Postnatal 8 weeks - 320 hours
5. Community 4 weeks - 160 hours

1600 hours
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LOTHIAN HEALTH BOARD

- SOUTH LOTHIAN COLLEGE OF NURSING AND MIDWIFERY

MIDWIFERY TRAINING PROGRAMME

Agreement in principle has already been reached with the Central
Midwives Board for Scotland for the grouping of the Midwifery Schools
at the Simpson Memorial Maternity Pavilion and the Elsie Inglis
Memorial Maternity Hospital. The date of implementation is to be

lst December, 1976. The enclosed paper outlines the proposed new

programme.



SUBMISSION

ATM
"To prepare Registered Nurses to become proficient in the
practice of midwifery and to function as a member of a team

caring for the mother and child during pregnancy, labour,

postnatal and neonatal periods".

PROFESSIONAL QUALIFICATION

Registered Central Nurse or State Registered Nurse

Registered Sick Children's Nurse

RESPONSIBILITY FOR RECRUITMENT

Senior Midwife Tutor

South Lothian College of Nursing and Midwifery

APPLICATION AND SELECTION

Application - Senior Midwife Tutor
South Lothian College of Nursing and Midwifery

Selection - Joint responsibility between the Senior Midwife
Tutor

South Lothian College of Nursing and Midwifery
Divisional Nursing Officer (Midwifery),

South Lothian District

NUMBER OF INTAKES AND STUDENT MIDWIVES

Intakes 4 - 1lst March, June, September and December

ALLOCATION

This will be the responsibility of the Senior Midwife Tutor in

consultation with the Divisional Nursing Officer (Midwifery).



Experience will be divided between the two hospitals, each
student having experience in both. Approximately 25% of the
Student Midwives available for clinical experience will be

placed at the Elsie Inglis Memorial Maternity Hospital.

THEORETICAL TEACHING

This will be carried out at the Simpson Memorial Maternity

Pavilion.

EDUCATIONAL PRCGRAMME

This is based on the requirements as laid down by the Central
Midwives Board for Scotland, outlined below:
Course content -

(a) reproductive and fetal anatomy

(b) physiology of reproduction - genetics
(c) physiological changes in pregnancy, labour, puerperium
(d) neonatal adaptation

(e) disorders of pregnancy

(f) complications of labour

(g) complications of puerperium

(h) neonatal disorders

(i) family planning

(j) teaching of parentcraft

(k) anaesthesia - general and regional

Lecture time - 36 hours:

OBSTETRICS

Reproductive physiology; genetics; maternal
adaptation to pregnancy 3 hours

Antenatal pathology including sexually transmitted

diseases 7 hours
Labour -I physiology and pathology 6 hours
Puerperal complications 1 hour
Family planning 1 hour
Infertility 1 hour

PAEDTATRICS/



PAEDIATRICS

Neonatal adaptation

Resuscitation of newborn

Congenital abnormalities

Metabolic disorders

Respiratory disorders

Neonatal infections

Neonatal jaundice

Low birth weight

Normal and abnormal patterns of development
Non-accidental injury

ANAESTHESTA

General and regional; resuscitation of patients

COMMUNITY HEALTH and relevant LEGISLATION

Tutorial time - 264 hours

Biological sciences related to Obstetrics
including applied Anatomy and Physioclogy

Obstetrics
Paediatrics
Community and Social Services
Parentcraft

Analgesia and Anaesthesia

Remaining time - 65 hours

Seminars

Symposia

25

£25

30

10

hour

hour

hour

hour

hour

hour

hour

hour

hour

hour

hours

hours

hours

hours

hours

hours

hours

hours

hours

hours

328



Discussion

Projects and Research

Clinical demonstrations - e.g. Ultrasound
Case presentation

Revision

Assessments and examinations

STUDY BLOCKS

These will consist of 9 weeks or 300 hours of instruction
including consultants' lectures. The Study Blocks will occur
at weeks 1, 2, 10, 11, 18, 19, 33, 34 and 48. Each

instruction day will run from 0830 hours until 1600 hours.

CLINICAL EXPERIENCE

Diagram 1

Demonstrates the sequence of theoretical instruction and
clinical experience. Each class is divided into six sections
or streams which progress through the clinical areas. The
diagram shows one complete student midwife programme as well
as the overall distribution of the students throughout the
clinical areas in each week. As each class is divided into
six sections the totals indicated at the foot of the diagram
represent 'sixths' of classes, e.g.

Week 1:

Day Duty 12/6ths or two complete classes including -
2/6ths in antenatal

4/6ths in postnatal

3/6ths in labour ward

1/6th in special care unit

2/6ths in community

Night Duty 4/6ths

Diagram 1/
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Diagram IT

Indicates the Total Clinical Experience obtained in each area,

including Night Duty.
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DIAGRAM II TOTAL CLINICAL EXPERIENCE
Total
Section Antenatal Postnatal Labour Ward Special Care Unit Community Weeks
1 8 weeks (includes 4 | 12 weeks (includes 2 weeks 5 weeks (includes 2 4 38
weeks night duty) weeks night duty) weeks night duty)
2 8 weeks 12 weeks (includes 2 weeks (includes 4 |5 weeks (includes 2 4 38
weeks night duty) weeks night duty) weeks night duty)
3 8 weeks (includes 4 12 weeks (includes 2 weeks 5 weeks (includes 3 4 38
weeks night duty) weeks night duty) weeks night duty)
4 8 weeks 12 weeks (includes 3 weeks (includes 4 |5 weeks (includes 2 4 38
weeks night duty) weeks night duty) weeks night duty)
5 8 weeks (includes 3 | 12 weeks (includes 2 weeks (includes 2 |5 weeks (includes 2 4 38
weeks night duty) weeks night duty) weeks night duty) weeks night duty)
6 8 weeks (includes 2 | 12 weeks (includes 2 weeks (includes 3 |5 weeks (includes 2 4 38
weeks night duty) weeks night duty) weeks night duty) weeks night duty)




APPENDTIZX D

A brief resume of D. Michael Warner's paper "Scheduling
Nursing Personnel According to Nursing Preference: A Mathematical

Programming Approach', Operations Research 24, 1976 pp 842-856.

Warner's preface reads:

"This paper formulates the nurse scheduling problem as one of
selecting a configuration of nurse schedules that minimise an
objective function that balances the trade-off between staffing
coverage and schedule preferences of individual nurses, subject to
certain feasibility constraints on the nurse schedules. The problem
is solved by a cyclic co-ordinate descent algorithm. We present
results pertaining to a 6 month application and compare hospital with
computer results."

The algorithm finds near-optimal solutions. It starts with an
initial configuration of nurse schedules, one each. It fixes all but
one, i, and then searches fE.(the set of feasible solutions for nurse
i). The lowest present cost and best schedule configuration are
updated if one of 7& results in a lower schedule configuration cost
than to date. When all f& have been tested, the cost has either
dropped or stayed constant. This process cycles through all I nurses,
and stops when I iterations are carried out without an improvement.
Each set f& will always contain at least one feasible schedule,
because of the way in which the feasibility sets are constructed.

At first those schedules are used which have the lowest
dissatisfaction cost. If the feasibility region is viewed as the
cartesian product of the feasibility regions FH,{HE, f%, "";TI’

the algorithm is simply a cyclic co-ordinate descent algorithm

along the co-ordinate directions,ﬂi. When 4 days are given off every
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14 day pay period, f& contains at most (%?) = 1001 schedules. The

number is reduced considerably when previous schedules, special
requests and other feasibility set constraints are considered.
Convergence is assured since the cartesian product contains a
finite number of points, namely

L |~

i=1-1I

, where H]Til’ is the number of schedules in the set 7&

The procedure is as follows:

1. Determine f& for each i

2. Calculafe schedule pattern costs for each schedule
xiE fTi for i = 1, .o

3. Choose initial mix, let BEST be its cost. (Lowest cost
schedule for each f&}

4. Leti =1, K =“7T1H , k = 1 and CYCLE = 0

5. Try kth candidate schedule, xik in mix by removing present

schedule for i. Let cost = TEST

6. If TEST < BEST go to 8
7% Let k =k +1, If k =K+ 1l go to 9 else go to 5
8. Let CYCLE = 0 and BEST = TEST. Insert xlk in place of i's

current schedule. Schedule mix now has best found so far. Go
to 7

9. If CYCLE = I, stop. Otherwise i =i + 1 (if i > I, leti =1)
and let K =||ni” , k =1, and CYCLE = CYCLE + 1. Go to 5.

The problem is defined as:
1 g
find x', x?, ..., x¥ tomin A [% fie (Zi Ry L % % hjk(igBj g )]

+ (1 -A) El Ai 2 . 8. (xi)

n in in



335

-

i
where costs are: g, (x7)

I}

cost of violating nonbinding constraint

in
n € Ni of schedule xi

(S ' = weight given by nurse to violation of
nonbinding constraint n & Ni (aversion
co-efficient)

Ai = Aversion index (historical comparison of
past schedules with nurse i's preferences)

k = 1 to 14 days

; S i i i i
Group staffing level costs are fk ( = X ), where x (xl s ees Xpy )

Bj = index set of nursing subgroups j; J is index set of all
subgroups
L. min. no. of nurses on day k for subgroup j
dkj = desired no. of nurses on day k for subgroup j

: : : ; ; > i
Staffing cost for violating these constraints is hjk (iEBj X )

With a 4 nurse, 20 schedule problem the figures were as follows
Initial cost = 239.45

12.3 achieved in a CPU time of 0.367 on a CDC 6400

cost

Optimum cost = 7.55 " woE n " " 10.509

With a 5-7 nurse problem with 200 schedules on average, CPU times
for an acceptable reduction in cost were around 5 seconds.

It can be seen that this problem is of a much smaller scale than
the scheduling problem considered in the body of the thesis. It is
also much simpler in that the only states that each nurse can be in
on a given day are on duty/off duty (vacation, request, Birthday,
weekend, etc)/meeting/class. As far as costs are concerned the only

states considered are on or off duty. This contrasts with the eight
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or more wards which are being simultaneously considered for 140 girls

in the present problem.



APPENDIX E

Contents :

CHOICE - Program

CHOICE - Printout

X280 - Variables

X280 - Resume

X280 - Program

X280 - Output

X108 - Program

X108 - Output

X108 - Abbreviated output
FASTNEW 7 (Heuristic method) - Program
FASTNEW 8( ! ! ) - Output

Lo Raly

2
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FILE TDENTIFIER: CHOICE

CHOICE - Program

LBEGIM
YINTEGER %APEAY “ATRIX(1:13,0:110), CHOICE(0:3), EXP(1:13,1:25)
FINTEGER [,J,COUNT Y, ZsNG,COMP,AsHALF,CORE,LW+SC,OP,FORTYNINE
YINTEGER FLOAT X, HOL, JEEK K K1, HIGHT, FIFTYFOUR,FNO,FN1,FN2,FN3,FN4
LINTEGER NEWVALUE

A=20

YINTEGERFN ROSTER (XINLTEGER CODE,WEEK)
YRFSULT=ATRIX(CUDE,VEEK)=(MATRIX(CUDE,WEEK)//100) %100
YEND

ZINTEGERF!N PLAN (YIMNTEGER CODE,WEEK)
%QESULT=VATRI!ﬁCODE.NEFK)II1OU-(HATRIX(CGDE.HEEK}/!1GOOD)*100

REHND

LINTEGERFN USGENCY (%INTEGER CUDE,WEEK)
ZRESULT="ATRIX(CODE,WEEK)//10000
%XEND .

“ROUTINE CHALGFE ROSTER (XINTEGER CODE.WEEK,MNEWVALUE)
UATRIX(CONEwWEEXR)=("ATRIX(CODE,YEEK) //100)*100+NEWVALUE
LED

YRCGUTINE CHAUGE PLAN (YINTEGER CODE,WEEK,MEWVALUE)
YATRIX(CUNEZUFEX)S(MATRIX(CCDE,WEEK)//10000)#10009%C
+(MATRIN(CODE,MEEK)=(aTRIX(CONE,WEEK)}//100)*100)%C
+HFUNVALUE*100

%E!ND

RANTINE CHANGE URGENCY (XIMTEGEPR CGDE;NEEK.NEN?&LJE)
CATRIX(CODE, wEEK)=(MATRIX(CUDE,WEEK)=(MATRIX(CODE,WEEK) %L
//7100uD)*10C00) +HEWVALUE*T1O00D

HEWD

YROYTINE RISTERS(XINTEGER L)
XCYCLE I=x,1,¥1

CHANGE ROSTERCJ,I,L)
LRFPEAT
SEND

TROUTINE ALLSCATE ROSTER(UINTEGER A,B,C,DsEsFsG,H)
K=i+l;K1=K+5+3
POSTERS (1)
KEK1+1i¥1=v+C+3
ROSTERS(2)
K=r1+1:k1=x+12
20STERS(3)
KFEE1+13K1=K++3
ROSTERS (&)
K=k1+1i¥kl=u+)
ROSTERS(5)
KK 1+1:K1=K+E+3
FOSTERS(48)
SIF F=1 %THFr ChANGE ROSTER(J,.%1+1,7)
K=K1+FrTik1=K+G+3
RUSTERS(A)
KF=R1+1; ¥ 1=y +11+2
20STERS (D)
PEK1+1: K=+
ROSTERS(1%)
CEND

CRGUTINE FIEN SALF(UINTEGER X)
COLNT=2s0ALF=D
LCYCLE 1=X,1,%¥+25
FHO=ROSTER(CANE, D)

_FLF FHC=5 YTREN =»35
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%1F FNG=11 RThEN =>40
COQUNT=CaunT#H
%WREPEAT
35: HALF=1
401 HALF=2
XENND

SUNLESS HALF=1

%YROUTINE CALCULATE FLOAT(XINTEGER X)

FIND HALF(X)
YIF HALF=1 “THEHNLC
XSTART
MIGHT=0
YCYCLF I=X,1,X+COUNT
SIF ROSTER(CODPE,I)=4 XTHEN NIGHT=MNIGHT+1
YHREPEAT
LW=4;5C=4;:0P=2;FORTYNINE=S
YCYCLE I=1,1.25
IF EXP(CORE,[)=1"X“THEN FORTYMNINE=)
“I1F EXP(CODE,I)=4A UTHEN LW=0
“I1F EXP(CODE,I)=7 ¥%THEH SC=0
“1F EXP(CODE,I)=3 H4THEN OP=0
YRPEPEAT
FLOAT=COUNT=NTIGHT=1=FORTYHINE=LW=SC=0P
AFINISH .
“IF HALF=2 Y%THENYC
¥START
LW=4%;5C=6;0P=3;FORTY!IINE=T
XCYCLE I=1,1.,25
YIF E¥PC(CODE,I)=1 YA4D FORTYNINE=7 “THEN FORTYNINME=3
ALF EXP(CODE,I)=1 AA"D FORTYNINE=3 %THEN FAPTYNINE=(Q YAND =>5(
MIF EXPCCODE,I1)=6 XAMD LW=8 ZLTHEM LW=4 Y%AND =>50
Z1F EXP(CODE,1)=6 HAND LW=4 %THEN LHs2 %AND ->50
“IF EXP(CORE,I)=A ZAND (W=2 ZTHEMN LW=0 %AND =350
Y1F EXP(CODE,I1)=7 Y%AMD SC=6 %THEMN S5C=2 %ZAMD =350
YI1F EXP(CCDE,I)=7 “AND SC=2 ATHEN SC=0 %AND =>50
GIF EXP(CGDE,I)=8 %ALD 0OP=3 XTHEN OP=1 %ALD =>50
S1F EXPCCUDE,I)=28 %ALD NP=1 4THEM 0P=(0 %AND =350
503
YREPEAT
FLOAT=COUNT=FORTYNINE=L4=§C=0P
YFINISH
YEND
counT=u
REAN(CODE)
REAN(ND)
LWEERK=A+NCH+
X=hrkk
YCYCLE 1=1,1,13
SCYCLE d=0+14113
MATRIXC(I )Y =0
“RAFPEAT
TREPEAT
LOYCLE 1=1,1,40
BEADCHECVALUE) s CHANGE PLAN (CODE, 1, SEWVALUE)
CREPEAT
XCYCLE I=Q,1,8
ChOICECTI)=C
AREPEAT
ACYCLE I=1,1,25
EXP(CGDE,T1)=0
YREDEAT
£=1;C0"P=0;1=0
ZCYCLE Y¥=1,1,11n
FHU1=P LA (CODE,Y) s EN2=PLANICONE, Y=1)
FXPOCODE,ZY=FNT %UMLESS FH1=0 %OR FU1=Fu?
YIF EXF(CIDE,7)=¢& YTHEYN CoMP=COMP+1
Y1E CUI'P=2 %THENL %START
I1=0+1
SIFPLANCCONE, Y+2)=6H Ya'ln 1=1 %THENY%C
EXP(CORE,Z2+1)=6 %AuD%LC
7=2+1
TrINISH
7=7+1 JUNLESS EXPLCODE,.ZY=0
“IF FYA=) %AUD En280 ATHEN=310

TRECEAT [
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10:

J=CODE

J\LLI'.‘CATF ROSTER(A,L 1 !0!0'1;0’2)
CALCULATE FLOAT(X)
FN3=ROSTER(CUDE,wEEK)

EIF FM3=5 ZTUEN CHOICEC1)=10 Xaup=->15
LIF FN3=6 ATHEM CHOICE(1)=9 %AND=>15
PRINT STRING("HALF IS:")
WRITE(HALF,S)

MEWLINE

“IF HALF=1 YNTHEN YSTART

Y1F EXP(CODE,1)=0 %THEN XASTART
UCYCLE I=1,1,4
CHOICE(I)=1
“REPEAT
=>15
WFINTSH
%IF EXP(CODE,1)=1 LTHEMY%C
%START
%IF _EXP(COCE,2)=0 %THEN CHOICE(1)=2 %ANDXC
CHOICE(2)=3 %aANDYXC
CHOTCE(3)=4 %AND=>15
TIF EXP(CCOE,3)=0 YTHEM CHOLICE(1)=6 %ANDYC
CHOTCE(2)=7 ZAND=3>15
LFINISH ZELSE %START
%“IF EXP(CUNE,2)=0 %THEM CHOICE(1)=1 ¥%AMDY%C
CHOTCE(2)=6 YAMDXEC
CHOICE(3)=7 Z%ANMD=>15
EIF EXP(CODE,3)=0 Y%OR(EXP(CODE,4)=0 %ANDXLC

FN3=2)%C
YTHEN %START
AWCYCLE I=1,1,7
CHOICE(I)=1
LREPEAT
CHOICE(EXP(CODE,2))=0
->15
“FINTSH
UFINISH
ZIF FN3=ROSTER(CONE,WEEK+1)=3 X4THEN %C

"STEET
XCYCLE [=1,1,8
CHIICEC(I)=]
APEPEAT
ZCYCLE 1=1,1,15
SIF EXP(CODE,I1)=1 %THEN CHOICE(1)=)
“CYCLE J=5,1,8
TIF EXP(CODE,T)=J %THEN CHOICE(J)=0
YPEDEAT
PREPEAT
ZUNLESS FLOAT>O %THEN %START
ZCYCLE 1=2,1,4
CHOICE(IY=9
XREPEAT
“FIHNISH
=>15
TEINISH
FIFTYFOUR=(
YCYCLE I=1,1,15
YIF EXP(CIDE,1)=5 “THEN FIFTYFOUR=1
AREDEAT
“IF FIFTYFQGUR=1 ZTHEN *“START
%CYCLE 1=2
CHOTICEC(]
YPEPEAT
YFIMISH ZELSERC
WSTART
WIF NIGHT>Z ATHEN 4START
ZCYCLE 1=2,1,5
CHOICE(I)=]
ZREPEAT
SFINISH XRELSESC
CHNICE(S5)=5

1,4

L L
)=1

YFI]SH
YFIGISH ZELSE YMSsTAMT
4CYCLE I=1,1,15

ni‘.L:I
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YIF EXP(CORE,1)=9 %THEN=>70
SREPEAT
70:
%CYCLE I=1,1,8
CHAOICE(])=1
“REPEAT
ZCYCLE I=HOL+1,1,25
CHOICECEXP(CODE,I))=0 HUKLESS 1<EXP(CODE,])<5
%REPEAT

LW=n
XCYCLE I=1,1,25
“IF EXPC(CONE,1)=6 YXTHEN Lu=LW+1
AREPEAT
BIF LYW<3 LTHEN CHOICE(A)=4
UIF Fi3=8 LTHEN CHEOICE(8)=0
CALCULATE FLOAT(WEEK)
YUMLESS FLOAT®D “THEN "“START
YCYCLE [=2,1,4
CHOICEC(I) =D
YREPEAT
WFINISH
XFINISH

15:PRINT STRING('ROSTER 1S5:")
%CYCLE I=1,4,110

FML=RNSTES(CCDE, )

NUNLESS Fu4=0 Y%THELR WRITE(FN4L,2)
YREPERT
NEWLIVE

PRIMT STRING('CHOTCES AT THIS POIMT ARE:')
YCYCLE I=1,1.8

YUNLESS CHOICE(I)=0 YTHEN WRITE(CHOICEC(I),S)
ZREPEAT
YEWLIME
PRINT STRING('FLOAT I1S:");WRITE (FLOAT.S5):NEWLINE
counT=25
HIF HALF=2 %THEY CoUnT=0
20:MUMLESS CuUMT=25 %THEN PRINT STRING('THE FIRST HALF IS COMPLETE')
MEWLIME :
PRINT STRIUG('EXPERIENCE SO FAR IS:'")
“CYCLF I1=1,1,25

ZULLESS EXP(COPE,[)=0 ZTHEM WRITECEXP(CODE,I),5)
YREPEAT
LENMDOFPROGR A

Sample run of CHOICE :

COMMAND :RUNCOB2)
DATA:1 46 2 2 2
DATA:10 10 10 9
HALF 1S: 2
CHOICES AT THIS POINT ARE: 1 8
THE FIRST HALF IS COMPLETE
EXPERIENCE S0 FAR IS: 2
9 2 [ 6 2

66 8611 118 &5 5077 W 2282228
9992 6 6-86 & 2 BB 5 57T T

10

uoo
o
w
-
n
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ORDER (comp, 1): Nurse's code number if on days.
ORDER (comp, 2): Nurse's urgency if on days.
COMP : Total of nurses on days with free choice.
COMP 2: Total of nurses on days with one choice.
TOTAL (1-8): Number of COMP nurses available to each ward.
TOTAL 2 (1-8): Number of COMP 2 nurses available to each
ward.
ROSTER : PLAN (X, -1):
PART OF COURSE  ROSTER CODES : O0: Girl on course
IN SEQUENCE CODE
112: Not yet on course
DAY 1
or finished
NIGHT 2
111: Blank nurse file
DAY 3
NIGHT 4
PLAN (X, 1-110):
HOLIDAY 5
PLAN
DISTRICT 6 WARD CODE
DAY 7 49 1
NIGHT 8 51 2
DAY 9 52 3
HOLIDAY 10 53 4
END 11 54 5
W 6
sC 7
OP 8

Variables used in X280
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X280 - 7.10.74 VERSION

RESUME

The lines marked with an asterisk perform calculations or alter
data in some way. The others are concerned with data input and output.

START

Declarations
Request for style or printout
Request for mode of output

Routines :
*Quicksort
*Find half
*Calculate float
*Find urgency (Subroutine of C.U. below)
*Calculate urgency

Read quarter

*Initialise ALLOCATION, HALF, AUG, EXP, PLAN, URGENCY

If quarter = 1, then read (direct access) initial data for ROSTER,

PLAN and EXP

LOtherwise read them in from output of previous run and

Put codes for PLAN (221-280, -1) to 112 for six and 111 for 4 in each 10.
Copy holidays & district work from ROSTER to PLAN
*Establish weights (848 : wards for day & night)

Cycle for 13 weeks (49-61 inclusive)

Print headline: Week X

Put ALLOCATION, HALF and CHOICE to zero
*Put SHORTAGE 1 & 2, WARD 1 & 2, TOTAL 1-4, ORDER 1 & 2 to zero
*Re-establish weights for ward 5 at original values

*Cycle code = 1>280 <
*If any nurse is on her first week then alter code to include her
*If girl is not on course or is a blank then return to cycle —=>—
*If girl is just finished, alter code and go on to next nurse ——
*We are now considering one girl on her course:

* CALCULATE URGENCY

*The next section calculates what choices of ward are available to this
* nurse for the next week (the one under consideration)

On request prints out urgency and choices for each girl



*TOTAL 1 & 2 and COMP 1 & 2 put to ZERO

Print headline: DAY DUTY

On request give number of each available girl, her urgency, and put
an asterisk under the column for each ward she can go on, unless
she has already been allocated in a previous week, or if she is on
night duty (if ROSTER is an even no.)

*Increase COMP by 1

*Store day nurses code no. & urgency in ORDER

*Put choices available to that nurse into comulative TOTAL (1-8)

*1f girl is pre-determined (+day duty, still on course) then put her

* choice into TOTAL 2 (1-8)

*COMP 2 increases by 1

OUTPUT: Print COMP (total available days) then total available for

each ward

Print pre-allocated totals - overall then ward by ward

Print optimum = "

Print minimum ' -

Print shortage (opt - pre-allocated)
*QUICKSORT - sorts available nurses (not pre-allocated) into order of
* urgency

List printed on request
*Ward (1-8) put to zero
*Cycles through each available girl, from most urgent first €<——
*Takes ward which she can go on to whose combined weight & shortage
* are 2 any other ward she can go to - puts her on it (ALLOCATION
* (girl) = WARD (1-8)) and that reduces that shortage by one

Print day allocations on request
*Cycles through all girls; if allocation has been made, calculates
* how long the girl will be on her new ward and changes PLAN & EXP
* accordingly

LIST new shortage

"

n

*Repeat section between brackets for night duty

On request prints updated PLAN

On completion of one quarter (13 cycles) reads out status quo into
DA file

END



FILE IDENTIFIER: x2R1)
X280

#3EGLH

PRINT STRING('OFF JE GOI');HUEWLINE

ASTRING(10) REPLY1.REPLYZ2/REPLY3,REPLYAH,REPLYS)REPLYE+REPLY7,REPLYS
ZSTRINGC10) REPLYS,REPLY10,REPLY11

~IHNTEGERARRAY OQROER(1:102,1:2),5HORTAGE(D:3),SHORTAGEZ2((:8)
MINTEGERARRAY CRMER2(1:10C,1:2)

ABYTEINTEGERARRAY ALLOCATICH(1:280) ,WARDC1:H),WARND2(T1:8) ,WEIGHTTI(1:8)
RAYTFINTEGERARRAY UALF(1:280),TOTAL3(1:8),TOTALL(1:3) ,WEIGHT2(1:8)
SAYTEINTEGERARRAMY QHSTEA(1:ZEC-C:11&).EKP(1:283.1:25).AUG(1:289)
UBYTEIMTEGERARRAY CHOTCE(1:230,0:8),TATAL(1:83),TOTAL2(1:8)
TYTEINTEGERARRAY PLANC1:2230,=1:110) ,URGENCY(1:280,0:110)

SIMTEGER COUNT,Z,COMP,COMP2,CCMP3, COMP4L,FLOAT,RESTDUE,A i
A3YTEINTEGER FORTYMNINE ) LAoSCoyCP, FIFTYFOUR,FHO,FR1,FN2,FN3,FNG4,FNS5,FNGE
SBYTEINTEGER MIGUT.NEWVALUE,HCL.FNT7,FN8,FNS,FN1D

WINTEGER NOJWEEK,X,Y,sCODE+SECTsIodeKala,yDAYT

AREALARRAY TTT(1:14).TTTT(1:11)

“EXTERMALROUTINESPEC OPENDACAINTEGER CHAWNEL)

SEXTERNALROUTINESPEC READDACYINTEGER CHAMNMEL XINTEGERNAME SECTYC

P ANAME BEGINLEND)

HEXTERMALROUTINESPEC WRITEDA(XINTEGER CHANNEL,XINTEGERMAME SECTYZC
vAalAIE BEGIN,END)

TEXTERNALROUTINESPEC CLOSEDACXINTEGER CHAaNNEL)
~EXTERNALLCYUGREAMLFHSPEL CPUTINME

HEWWALUF=0:NIGHT=0;k=03PESIDUE=D

FNO=us FNT1=07FN22G FU3=0; FNA=) FuS=0FNG6=0; FNT7=0:FNE=0HOL=D

PRIMT STRIMG('"DD YQU YANT PRE=SELECTED PRIMTOUT?'");NEWLINE

REAT STPINGC(REPLY11)

WIF GERPLYTI1='YES' STAEN %START
READ STRING(REPRLY1)
RFAD STRING(REPLYZ2)
READ STRIMG(REPLYS)
READ STRING(REPLY?)
REAL STRING(REPLYZ)
REAJ STRING(REPLYZ)
READ STRING(REFLYD)
REAG STRING(REPLYSG)

. AFINISH

PRINT STRING('DC YOU WANT RESULTS OUTPUT 0N LIMF PRINTER?')
HEWLIWE
READ STRIMG(REPLYT )
ALF GEPLYTOD='YES' MTHEN %START e B e v
SELECT OUTPUT(A])
SFEInIsH

AROUTINE QUICKSCUT(LINTEGERARRAYHUAYE X, %RIHTEGER A,3)

TINTEGER L.UsidsE
ZRETURN YIF Ad=a
L=A;=B70=X(U,2):F=X(U,1)
=>F[uD

yos L=L+1
=>FQuUMD ZIF L=U

FT:lls «3UP ZUMLESS X(L,2)»D
XCUp2)sX (L, 222 4CUe1)2XCL, 1)

anLter Ustl=1
=>FJUND .IF L=V
=3P0WUN YYNLESS X{U.2)<¢n

XCLe 223X (U, 272X (L, 1)=XCU, 1)
-2
FouaneX(U,2)=0:%(0,1)=¢E
IMICKSORT(L, A, L=-1)
JITCKSORT(X U+, M)
LEND

345
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LZROUTINE FIND HALF(XINTEGER X)
TTTC1)=CPUTIVE
CounT=a
ACYCLE 1=%X.,1,%+27
FUC=ROSTER(COPE, 1)
“IF FN0sS ¥THEN =235
ETF FHO=10 ATAHEN =244
COUNT=COUNT+1
AREPEAT
35: HALF(COQE)=1 TUNLESS COUHNT>27
401 HALF(CGDE)=2 ¥UNLESS HALF(CODE)=1 %OR CQUNT>27
AALF(CONDE)=3 RUNLESS HALF(CODE)=1 %OR HALF(CODE)=?
TTT(2)=CPUTIME

NEND

AROUTINE CALCULATE FLOAT(XINTEGER X)
TTT(3)=cPUTIHE
AlF HALF(CODE)=1 XTHENTIC
ASTART
Li=4;SC=b4;0P=2; FORTININE=4;RESIDUE=4;FIFTYFQUR=0
#CYCLE I=1,1,25 :
J=EXP(CODE.I)

“IF J=0 ZTHEN =>30 )

WIF J=1 UTHEY FCRTYNIME=Q %AND RESIDUE=RESINUE=1 %AND =>70
WIF J=6 UTHE] Lw=0 XAUD RESIDUE=RESIDUE=1 %AND =377

SIF J=7 LTHEM SC=0 %AND RESIODUE=RFSIDUF=1 %ANMD =370

ZIF J=23 XTHEN CP=2 X%AND RESIDUEZRESIDUE=1 JAND =>70

SIF J=5 4THEN FIFTYFAUR=1

FO:AUGCLODE)=T
YREPEAT
a0 FLOAT=COU T=HIGHT=1=FJIRTYNINE=LU=5C=0P
LFTHISH
WIF HALF(COOE)=2 ZTHENNC
ISTART
LW=4;S5C=2;0p=1:
XCYCLE 1=4.,1.,15
%1F EXP(COCE.I)
XCYCLE J=1+1.1,
FUP=EXP(CQOE.L)
WIF Fu7=0 TTHEN ~>85
WIF Fu7=31 ZTHEN FORTYNINE=0 ZAND RESIDUE=RESIDUE=1 XAND=>50
“IF FN7=5 %THE!N FIFTYFOUR=1 XAND =>50
“IF FN7=¢ “THEN %START
S1F Lish BTHEN Lu=2 %AD=3>50
AlF L¥=2 %THEM Lu=y ZA4Y RESIDUE=RESIDUE=1 ZAND=>S5(
BFEIMISH
«lF FN7=7 LTHEN SC=0 %A5D RESINUE=RESIDUE=1 ZAND=»50
A1F FuU?7=# STHEM JgP=0 YA4D RESIDJE=RESIDUE=1
30:0UG(LCDEY=Y
EREPEAT

FORTYNINE=3:;RESIDUE=4:;FIFTYFQUR=(

ATHEN XSTART

=g
25

wFIHISH
IREPEAT
353 FLOAT=COU.T=FORTYHINE=L=SC=0P
YFTHISH
TTTCW)=CRUTINE

3 ey B

SROUTIMF FIND URGEUCY(AZINTEGER A)

TTT(S)=CcPUTIE
Y1F RESTRUESD ETHEN 4S5TarT
SIF 1KPLANCCIDE, 1=1)<5 ITHE! URGENCY(CIDE,X)=34+FIFTYFQURYC
LELSE URGENCY(CODE,¢)=34+FIFTYFOUP
SFINISY ZELSE %START
JRGEHUCY(CNDE, X} =A=(RESINUE*E)
WFINISH
TTT(ed=CPUTIVF
Al
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AROUTIMNE CALCULATE URGENCY(RINTEGER X)
TTT(7)=CcPUTIHE
FIFTYFOUR=0;RFSIDUE=D;FLOAT=U:FORTYNINE=U LWw=025C=0:0P=0
%IF PLANCCCDE X)«4y %THEN URGENCY(CODE.X)=38 Yaud HALF(CODE)=1 XAND =>11S
SIF EXP(CODE.1)=y THEY URGENCY(CODE,X)=33 2AND HALF(CODE)=1 YAND =>115
%1F EXP(CODE.1)=1 %aND EXP(CCDE.2)=0 XZTHEN URGENCY(CODE,X)=35%C
ZAND HALF(CODE)=1 %ail=>115
#I1F 1<EXP(CGDF,1)<5 TALD EXP(CODE,2)=0 %THE: URGENCY{(CODE,X)=35%C
XAND HALF(CODE)=1 ZauD =>115
FIun HALF(X)
%1F WALF(CODE)=1 ¥THENLC
“START
MIGHT=
RCYCLE IsX,1,x+C0UNT
%IF ROSTER(COOE,1)=4 ATHEN NIGHT=NIGHT+1
LREPEAT
RIF COUNT=HIARUT=1>0 ZTHEN CALCULATE FLOAT(X) ZAND =345
IF COUNT=HIRHT=1=] MTHEN CALCULATE FLGAT(x) XANDXC
URGEMCY(CODE.X)=35=-FIFTYFOUR
“IF ROSTER(CCNAF.%)=4 UTHENIC
“START
CALCULATE FLCAT(X)
URGENCY(CQDE«%)=37=FIFTYFOUR
XFIMISH :
=245
TFINISH
CALCULATE FLOAT(X)
451
SIF FLOAT==1 XAND COUNT=HIGHT=1=3 NAND OP=0%C
wTHE URGENCY(CQDF.x)=37
SIF FLOATZKQ 5THE!N SSTART
SIF HALF(CCUE)=1 %allD COUMT=NIGHT=1>1 4THEH URGENCY(CODE,X)=%9
YIF MALF(COuE)=2 XTHE' URGENCY(CODE,Xx)=99
SFIVISH
#IF FLOAT=0 XTHE. LSTART
“IF RESIDUE>Y XTHEN URGENCY(CODE,X)=38=RESIDUE%C
ZELSE FIND URGENCY(99)
GFINISH
IF UKFLOATLO %THF'! FIND UPGENCY(L2=FLOAT=FIFTYFOUR=FIFTYFOUR)
%ZIF FLOAT=28 %THEN UAGEMCY(COUDE,X)=0
“IF FLOAT>E UTHEN XSTART
PRINT STRING('FLCAT=")
WRITE(FLOAT,4)
NEWLINE
SFINISH
T15:TTT(3)=CPUTI "¢
ZEMD

TTT(3)=CPUTI"E
“CYCLE J=1.1.,28¢C
ALLICATIONCY)=C
AALF(I) =¢
a6y )=0
TCYCLE I=1.1.25
ExPlJ,1)=0
IREPEAT
YCYCLE 120,171,114
PrLanCd,1)=y
HRGENRCY(J, 1) =0
YREDEAT
LREPEAT
DPENDAC(20)
SECT=1
NEADDA(20,SECT,A0STER(T1,0),ROSTER(C220,110))
CLoseoac2e)
DPENDALS))
SECT=1
REANOACITLSECT o PL2 10 1e=1),PLARC2RD,110))
CLOSEDA(3D)
JRENPA(SY)
SECT=1
REAADA(SUSSECT,EXP(1,1),EXP(28(,25))
CLOseDACST)
«CYCLE T1=1,14287
LCYCLFE J=1.1,117
ATF RCSTE2(T1,4)=5 %TIHEL PLAHCI,J)=1Q
YIF POSTER(T,J)=6 %TAEY PLAN(IJ)=?
4TF RACSTER(1,4)= LTHEY PLANCT.J)=11
. TEPEAT

REPEAT



WEIGHT1(1)=5
HEIGHT1(2)=7
JETSaT1(3)=7
WwEIGHT1(4)=/
AEIGUT1(S5)=15
WEIGHT1(&)=4
SEIGUTI(T7) =8
AEIGHTI1(8)=3

WEIGHT2(1)=12
AEIGHT2(2)=12
WEIGHT2(3)=12
AETGHT2(4)=12
AELIGAT2(5)=31
AEIGHT2(8)=1)
WEIGHT2(7)=10
SEIGHT2(3)=0

TTT(12)=CPUTIME
WCYCLE WEEK=49,1,61

X=WEEK
HEWLINES(S):5PACES(25)

PRILT STORINGC"WEER ")2MAITE(VEEX,3):MEWLINE
SPACES(25):PRINT STRING('==emecaca= "IINEWLINES(R)

LZCYCLE I=1,1,283
ALLCCATIOH{T) =0
AALF(1)=0
YCYCLE J=0,1.8

CanpCEC(T,J)=0
YREPEAT
LREPEAT

SCYCLE 1=C.1.8
SHORTAGE( ) =0
SHORTAGEZ(I) =y

SAHEPEAT

TOTALCT
TITAL2(
TOTAL3(L
TOTALALCT

JREPEAT

REYCLE 1=141,100
YCYCLE J=21,1.¢
ARRER(I,Jd) =D
ORDER2(I,d)=y,
LREPEAT
SRE2EAT

'EIGHT1(8)=15
NEIG.T2(5)=30

ACYCLE CODE=1,1,23%

- %IF PLANCECDE,=1)=111 STHEN =>104)
PLANCCUDE,=1)=112

YiF PLANCCCDE. <EFK)=11 ATHEY

TTT(11Y=CPUTIVE

CALCULATE URBENCY(AFEX)

TTIT(12)=CPUTIIE

348
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%CYCLE 1=0,1.8
CHANICECCODE, 1) =0
ZREPEAT
ZIF O<PLANCCODE,«)<9 XTHEN CHCICEFC(CODE,PLAMCCODE,X))=PLANCCODE,X)%C
EANY =215
FNI=POSTER(CONE, “FER)
S“IF 4<FN3<7 UTHE', CHOICE(CPDODE,1)=15=FN3 LAYND=3>15

“IF AALF(CODEY=1 T“THEW ZSTART

“IF EXP(CODE,1)=J LTHEN %START
“CYCLE I=1,1.,4
CHCICE(CODRE,I)=]
SREPEAT
->15
“FINISH
«IF EXP(CODE,T)=1 UTHENZC
ASTART
WIF EXP(CODE,2)=0 “THEN CHOQICE(CODE,1)=2 %AuN%C
CHAOICEC(CCDE,2)=3 RANDXC
CACICE(CCDE,3)=4 ZAND=>15
41F EXP(CODE,3)=0 “THEM CHOICE(CODE,6)=6 LANDXC
CHOICE(CGDE,7)=7 XAuD=>15
~FI'NISH %ELSE XSTART
“1F EXP(CODE,2)=( %THEM CHOQICE(CADE,1)=1 %A"DXC
CHOICECCODE,6)=6 %ANDYEC
CHOICE(COLE,7)=7 ZAMND=>15
LIF FAP(CUDE,3)=0 %ORCEXP(CODE,&)=0 XANDXC
FN3=2)%C
YTUEN USTART
:C?CLE I=Qc1u?
CHOTICE(CODE.I)=1

“REPEAT
CHIICECCODE,EXP(CODEs2))=C
=->15
HF1UISH
EFINIS
YIF FN3=ROSTEFP(CICE,WEEL+1)=3 LTHEN %C

USTART
*CYCLE I=1,1.8
CHOTCEC(CODE,I)=1
YREPEAT
*CYCLE 121,1.15
%I1F EXP(CODE,1)=1 NTHCN CHOICE(CODE,1)=0
ACYCLE J=5.1,2
2lF EXP(COOE,1)=J XTHEN CHOICE(CODE,J)=0
NREPEAT
LREREAT
GFUNLESS FLOAT>) XTHEW MSTART
#CYCLE I=2.1+4
CHOICE(CODE.1)=0
LREPEAT
AFINISH
2IF FLOATZC2 TAH) RESIDUEDD XTHEN CHOICE(CODE,S)=n
=>15
HFIHISH
FIFrYFoue=0Q
4CYCLE 1=21:1,15
“IF EXP(COPE, [)=5 ¥THEH FIFTYFOUR=1
RREPEAT
ZIF FLIFTYFOUR=T ITUEYM ESTART
ACYCLE I=2:1,4
CHOICE(CODE,I)=1
%WREPEAT
YFIMNISH ™MgLSEXC
E5TART
ACYCLE 1=22.41.5
CHOTCE(CORE, 1) =1
WREPEAT
SIF A1GMT<2 NTHEN CHOICE(CCDE,S)=0
SEINTISH
SEILSH ELSE LSTanT
~CYCLE 1=1,1,15
nabk=T1
“ITF FAP(CONE.I)=9 YTHEN=29)

SREDCAT
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:;E'I’CLE '[31'105
CHOICE(CODE,.I) =1
#REPERT
SCYCLE 1=H0L#+1,1,25
FNR3=gXP(COCE.[)
CADICECCODE,Fudl=u ZUKLESS 1<FN3<K5S
KREPEAT

Lu=0n
“CYCLE 1=1,1.,25

TIF EAP(CODE,I)=6 THEM LAd=L4+1
AREPEAT
#~1F LW<3 YTHEM CHYUICE(CCDE.E)=6
%“IF FN3=8 YTHEM CHOICE(CQDE,3)=)
TUMLESS FLOAT>0 ZTHEN ASTART

YCYCLE 1=2,1+4

CHOICE(CODDE, 1)=D

YREPEAT
WFINISH
“ULLESS FLOAT>1 ZT4en CJQICEC(COCE,S)=0
WFIvISH

15:
TTT(13)=CPUTIME

1002
AREFEAT

TTT(14)=CPUTIME

PRIMT STRPING('DC YNU WANT CCMPLETE URGEHCY LISTINGS?'):MEWLINE
READ STRIMG(REPLYT) SUNLESS REPLYT1='YES'

RUMLESS REPLY1='YyES' ZTHEN =>12¢

ZCYCLE 1=1+1,280
TIF 110<PLANCT,=1)<113 TTHEN =2>110
; ILTHE
HRITE(L+3) 5P CES(S) s wRITECURGENCY (I, WEEK),3):SPACES(S)
ICYCLE J=1,1,3
SUNLESS CHOTCFC(I,.J)=0 ATHEN WRITE (CHOICE(I.Jd).2)3%C
AELSE uSTART

SPACES(3)
AFINISH
IPEPEAT
110:%REPCAT
HEWULINE

12C:PATYNT STRINGC'M0 YO WANT DAY DUTY LISTINGS?'):NEWLINE
REAY STRING(REPLY?) LUNLESS REPLY11='YES'

LCYCLE 1=1,1,R
rToTaL(l)=d
TUTALZ2(I)=C

~REDEAT

Coxp=Q

ccrpe=)

NEWLINESC(10)

SPACES(25)PRINT STRIUG( " **DAY DUTY#+*)
VEVLIMES (L)
SPACES(2)
PRIYT STRIMGC CUDE')2SPACES(4)2PRINT STRING("URGENCY'"):SPACES(4)
PRI LT STRING('4Y 51 52 53 54 Lv sC op")
NEVLTIES(2)
SCYCLE 1=1,1,280 y
WIFE O110ULPLANCT,=13<113 ar URGENCY(I,UEEX)=3RZ
YR ORASTER(I, weln)=(RASTER(I,wEEK) //2)%2=0 4TUENL =>125
HI1F REPLYZ2='"YES' %THE H%START
ITITECTS3):SPACES( )i v ITECURGENCY (I, VEER) »2) s SPACES (&)
YFLHI5H
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COUP=COMP+]
ORDER(CCHMP,1) =T
ORDER(COMP,2)=URGENCY (14 4EEK)
“IF REPLY2='"YES"' “THE{ %START
YCYCLE J=141,2
YUMLESS CHOICF(I, dJd)=0 SATHEM PRINT STRING('#* *J%C
SAND TOTALCGJ)=TOTALCJ)+1 ZELSE ASTART
SPACES(4)
WFINISH
AREPENT
HEALLINE
MFIMISH XELSE ISTART
LCYCLE J=1,1,23
MUNLESS CHOICEC(L.J)=0 %THEN TOTALCI)=TOTALCJ)+1
%AFPEAT
ZFTNISH
125: %IF URGENCY(I,WEEK)=38 Z%AiD PLANCI,WEEK)#1Q%C
“AND ROSTER(I,wEEX)=(ROSTER(I,WEEK)//2)#*220 %THEN ZSTART
#CYCLE J=1+1.3
%IF J<CHOTCECTIJ)<9 XTHEN TOTAL2(J)=TOTAL2(J)+1
AREPEAT
CoMP2=CcOMP2+1
AFINISH
AREPEAT

“IF REPILY2='YES' XTHEMN WuSTART
SPACES(1)
PRINT STOIMG("=== - - - - - - - - -
HEWLIMNES(A)
YFIMISH
®RITE(CAYP,3):SPACES(15)2%CYCLE 1=1,1,38
WRITE(TOTALCL),3)
YREPEAT
SPACES(2)
PRINT STRING(':MAX AVAILABLE')
WEWLINFES(4)
ARITECCOMP2,3):SPNCESITIS)IUCYCLE [=141.78
WRITEC(TATAL2(I1),3)
AREPEAT
SPACES(?)
PRINT STRING(C" sPAE=~ALLICATED")
HEULINES (&)
PRINT STRING(' 73'):SPACES(17)
PRIVNT STRING('12 2 A 7 4 15 10 8 IOPTIMUM')
EWLINES(4)
PRINT STRINGC(' 5&")1SPACES(17)
PRINT STRINGC('11 7 7 7 4 14 9 7 rdluIMuMt)
JEALINES(4)
SHORTAGE(Q)=73=CapP2
SHOATAGE(1)=12=TaTa2(1)
SHORTAGE(2)=3=TUTAL2(2)
SHORTAGE(3)=3=TaTALZ2(3)
SHORTAGE(A)=3=TOTALZ2(A)
SHNRTAGF(S)=4=TOTAL2(5)
SHORTAGF(AR)=1S5=-ToTALZ2(6)
SHAOSTAGF(?)=10=TaTAL2(7)
SHORTAGE(R)=2=TOTALZ(R)
SAITTE(SHUORTAGE(C) ,3)2SPACES(15)
CYCLE 121,17
WETTECSHORTAGE(I).3)
AREPFAT
PRIVT STAING(' :SHORATAGLE")
{E~LINESC1D)

AVICKSORT(ORDER,T.C0MP)

PRINT STRINGC'DD Yuu WAuT DAY LISTING IN JRDER OF URGENCY?")
YEWLINEZREAD STRING(REPLYE) HUNLESS REPLY11='YES®
“lF REOLY&=2'YES' iTHEN .START
MCYCLE r=1,1,c0%p
IRITE(ORUERCT.1),3)3sPACES(T)
HARTTECCROER(T,2),2)i5PACES(R)
LCYCLE J=1,1.2 .
WUNLESS CHOICF(ARNDER(IL1),J)=0 NTHEN PRINT STRING('* e A
XELSE ASTART
SEACES(4)
SEINIS:!
FERPEAT
EWL TR
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SREPEAT
HEWLIMESC(1D)
UFIHNISH

#CYCLE 1=1,1,73
WARDC(I)=¢0
AREPEAT

ZCYCLE M=COMP,=1,1
J=0
“CYCLE I=141,0
ZUMLESS CHOTCF(ORDERCH,1),1)=0 NUTHE:N J=J+1 XC
%AND WARDC(J)=CHOICEC(ORDER(M,1),1)
TREPEAT
ZTF SHORTAGE(S)=d YTUHEN SEIGHT1(S5)=)
YCYCLE I=1,1.4
L=0
MCYCLE K=1,1,4
%IF SHORTAGECJARDCI))I*WEIGHTIC(WARD(I))I>=SHORTAGE(wARD(K)) %C
*WEIGHTTI(JARDC(K)) %THE; L=L#+1
ZIF L=J ZTHEN ALLOCATIONCORDER(M,1))=daRo(I)4C
WAMD SHOPTAGEC(WARI(I)I=SHORTAGE(WARD(I))=1 %AMND=>150
%REPEAT
) LREPEAT
150:LREPEAT

PRIST STRINGC('DO YOu YANT DAY ALLOCATIONS?®)sNEWLINE
READ STRING(REPLY?7) “UMLESS REPLY11="YES'
ACYCLE CJ0E=1,1,.282

Fii9=ALLCCATINU(CODE) ;FNT1U=HALF(CODE)

TIF FANG=0 YTHEL=>155
AlF PEPLY7="YES' YTHEY USTART

(R ITF(CODE,3) s SPACES(7) s UuRITECFND,2);nEVLINE
AFINISH

AIF 2<FNS<5 LAMND R0STER(CCDE,X)=1 XAND ROSTER(COOE,X+1)=1%C
GTHE: %START
JAaY1=0¢
CYCLE I=0,1,2
AlF RESTERCCOHDE, X+1)=1 XTHEN DAY1=DAY1+1 Y%ELSE=>190
LREPEAT
160:%CYCLE 1=2,1,Dn4a71=2
PLAGM(CCDEX+1)=FNS
WREPEAT
EXP(CODE,AUG(CCDE)+1)=FNT
->»15%
UFINTSH
HIF 1<FHN9<S YANMD ROSTER(CODE,x)=1 YAND RAOSTER(CODE«X+1)=2%C
~THE %START
%“CYCLE I=2,1,3
PLAICCCOR«X+1)=FYT
HREPEAT
EXP(CONE, aUG(CINE)I+1)=F1IQ
->155 '
BFINISH
WIF 1<FH9<S5 HA0R (FI9=3 AND FN13=2) ATHEN PLANCCODE ,WEEK)=FNIYC
BANT EXP(CONE,AUSCCHIE)+1)=FH9 “AND=>155
SIF O (FN921 LCR S<F9<2) YAND F!19=1 ASTHEN %START
weYcLe J=0,1.3
PLAM(CODE,HEEK+J)=FNT
“REFPEAT
EAP(CGOEAUGC(CODE) #1)=FNO
=->155 ’
BFINISH
#*IF Fu9=5 LOR (S5<F4u%<2 YAND FN10=2) %ORXC
(Fiug=8 ZAND FR1)=1) HUTHEN HSTART
TCYCLE J=0,1.1
PLANCCODE,WEEK+J)=F"9
ZREPEAT
EXP(CIOOE,AJUGC(CODE)*+1)=F 7
=->155
HFINISH
SIF Fu9=1 ZAND Fui)=2 “TUEY SSTART
yo LCYCLE 4=0,1,2
ALAYCCODE . WEER+J)=FLS
SREPEAT
EXP(CODE.AUGCCADEY+T1)I=FNY
LFLaISH
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NEWLIMNES(S)

SPACES(1%)

4“CYCLE 1=1,1,%
WRITECSHORTAGE(T)3)

“REPEAT
PRINT STRING(® :nEL SHIRTAGE')
HEWLIMES(10)

16G:PRINT STATNG('00 Y3 WANT NMIGHT DUTY LISTIMGS?"):NEWLINE
READ STRINGC(REPLYS) 4UMNLESS REPLY11="YES'
SPACES(25);PRINT STRING("*#+N[GHT DUTY**")

ACYCLE r1=1,1,.8
TOTAL3(1) =C
TOTALA(T) =0

AREPEAT

CoMp3I=0

CoHPL=0

NEJLINES(4)iSPACES(2)
PRINT STRING('COOE')ZSPACES(4)sPRINT STRING('URGENCY'):;SPACES(4)
PRINT STRING('49 51 52 53 54- L4 SC ap")
MEJLINES(2)
“CYCLE 1=1,1,23¢
Z1F 11u<PLAN(I,=1)3<113 %OR URGENCY(TI,WEEK)=33%(C
S0P ROSTER(I,Wery)=(RISTER(I,~EEK)//2)*245 NTHEN =>130
YIF REPLY3="YES' ITHEN ZSTART
WRITECI,3)2SPACES(?) s RITECURGENCY (T, WEEX) 2):5PACES(S)
AFT1SH
COUP3I=CCMP3+
JRDER2(COMFR, 1) =1
ORDERZ(COMP3,2)=URGENCY( (T, JEEK)
SIF REPLY3='YES' ATHEN YSTART
A“CYCLE J=1,1,2
AUNMLESS CHOTCE(T,Jd)Y=0 ZTHEM PRINT STRING('~w ')EC
LAND TOTAL3I(JU)=TOTAL3(J)+1 LELSE WuSTART
SPACES(4)
AFINTISH
AREPEAT
IEULINE
SFINISH %ELSE ZSTART
“CYCLE J=1,1,8
BULLESS CHOICECIJ)=0 %UTHEN TATALIC(J)=ToTAaLI(J)+1
LREPEAT
%FITISH
132: ZIF URGENCY([,wEEX)=32 ZAUD PLANCL,WEEK)IHIXC
HAND ROSTERC(I,JEEX)=(ROSTER(IWEEK)//2)%*2=3 LTHEN XSTART
HCYCLE J=1.1.3
AIF O<CHOICECI,J)<9 WNTHEN TOTALACJ)=TOTAL4ACJ)+1
AREPEAT
COMPa=CONPA+]
#FINISH
ARFNEAT

ALIF REPLY3="YES' LTUEN *START
SPaccscl)
PRINT STRING(' === -~ = - = - - " - -
NEWLINES(4A)
aF 11154
4RITECCNIP3,3):SPACESCIS)%CYCLE I51,1,3
WRITECTOTAL(IL),3)
WREPEAT
SPACES(2)
PRIVT STRINGC  s¥ax. AVATLABLE")
HEALINES(G)
ARTITECCG P4, 3):S2aCFS(13) 7 0CYCLE I=51,1.3
WRITECTOTALLC(TD),3)
MRALPEAT
SPACES(2)
PRINT STRING(':PuE=aALLOCATED")
NEWLINES(4) i *

PRIEGT STRINGLCY J4*):1SPACESOID)

PRI“T ST2IM6(' S 5 5 5 2 & 6 QPTIMUMY)
HESLITES (&)

PRIGT STRING('  25'):SPACESCIT)

PRIT STRINGLY 4 4 u 4 2 S 5 TLNIMUN )



NEWLIMNES(4)
SHORTAGE2(0)=34=C004
SHORTAGEZ2(1)=5=TaTAaL4(1)
SHORTAGE2(2)=5-TaTaL4(2)
SHORTAGEZ2(3)=5=TaTaL4(3)
SHORTAGE2(4)=S5=TaraL4s(4)
SHOATAGE2(5)=2=TaTAaL4(5)
SHORTAGF2(&)=€6=TOTALG (&)
SHORTAGEZ2(T7)=F=TUTALA4(7)
SHORTAGEZ(3)=0=TOTALL(D)
WRITE(SHORTAGEZ2(J),3)7SPACES(15)
ACYCLE 1=21,1,8
WRITE(SHORTAGE2(1),3)
%“REPEAT
PRINT STRING(' :SHNRTAGE')
NEWLINES (&)

QUICKSORT(ORDERZ,1,COMP3)

PRINT STRING('DO YOU WANT HIGHT LISTING I ORDER OF URGEMNCY?')
WEWLIME
REAN STRING(REPLY®) %U'NLESS REPLY11="YES'
WIF REPLYRZ='YES' LTHEN %START
ACYCLE 1=1,1.C0V03
JRITECCGRUERPZ2C(I,1).3):8PACES(T7)
SRITF(ORDER2(1,2),2);SPACES(3)
YCYCLE J=1.1.4
FUNLESS CACICECCRDER2(I,1),d)=0 XUTHEY PRINT STRING('+ o 4
YELSE “START
3PACES(4)
SFEINIsH

(n]

LPEPEAT

GEULINE
WREPEAT
NEWLTYES(16)
“FINISH

ACYCLE 1=1.1.,2
JarD2(1)=9
LRESEAT

SCYCLE “=COMP3,=1.1

uCYcLe I=1,1.4
YUHLESS CHOICE(ORDERZ2(M,1),1)=0 ATHEN J=d+1 %C
XALD WARD2(4)=CHOICE(CRDER2(M,1),1)

YNEPFAT

“IF SHORTAGEZ2(S5)=0 ATHEN JEIGHT2(5)=0

TCYCLE I=1,1.4

L=0

LCYCLE K=Tab.4

TIF SHORTAGE2( IARDZ2CI)I*UEIGHT2CUARDZ(I)I>=SHORTAGE2(WARD2(K) ) %C

*LHETGHTZ2(WARD2(K)) UTHEN L=L+1
IF L=J XTHE: ALLOCATIOH(CRDER2(M,1))=2UARD2(II%C
SAND SHORTAGE2 (HARDZ(ID)I=SHORTAGE2(WARNZ2(1))=1 XAND=>130
LRERCAT
NEEPEAT
132+ "FEREAT

PRUCT STRING('D0 YOU HANT ALL ALLOCATIQHS?')#NEUWLINE
READ STRING(REPLYSG) WUNLESS REPLY11='YES'
%CYCLE 1=1,1.2380
FLO9=ALLACATICH(T)FH10=HALF(])
CIF OFNG=0 RTMEN=»1R5
AIF REDLY9='YFS' %THE! %START
SRITF T3 2SPACES(7) s URITE(FID,2) i NENLLIE
SFI*1SH

GLF 1<FN9<S TCR O (FU9=R MAND FN1U=2) YUTHEH PLANCI,WEFXK)=FHU9TC
WANG EXP(CONE,AMNGIENIE)+1)=FUS ZAHD=>185
TIF (FuG=1 ZOF 5<FuG<3) 2AHD FH10=1 TTHE!N %START
ACYCLF J=0,1,3
PLANCL HEERK+J)I=FNG
YREPFAT
EXD(LADE, ALUGCCIDE) #1)=F 19
=->125
BELVISH
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AIF FN9=5 ZOR (5<F19<2® ZaNd FMN10=2) ZORYC
(FNG=8 %AND FN10=1) ATHEMN #%START
ACYCLE J=0,1,1
PLANCI WEEK+J)=FH9
WREPEAT
EXP(CODE,AUG(CODE)+1)=Fu¢
~>185
EFINISH
%1F FU9=1 ZAND F10=2 ZTUEN SSTART
ACYCLE J=0,1,2
PLANCL WEEK+J)=Fu9Q
4REFEAT
EXP(CODE,AUG(CODE)+1)=FNY
YFINISH
185: “REPEAT

AEULTINES(S)

SPACES(19)

ACYCLE 1=1,41,.7°
URITE(SHORTAGE2(1).3)

AREPEAT

PRINT STRING(' :NEW SHORTAGE')

MEWLINESC(1D)

T45:PRINT STRING('D0 YOU WANT UPDATED PLANZ?');MEULINE
READ STRING(REPLYT4) KUNLESS REPLY11='YES!

WUNMLESS REPLYL='"YES' NMTHEM=>1&0

SPACESC20)IPAINT STRING('**UPDATED PLAN®+*) ;MEJLINES(4)

ACYCLE 1=1,1,223¢
LIF PLANCL,=1)=111 XTHE I=>185
MEWLINE
YCYCLE J=25,1,¢40
SUNLESS PLAt(I4d) =0 ETHEN WRITEC(PLANCT.J),2)4C
SELSE %START
SPACES(3)
WFINISH
LTEPEAT
T65:1nREPEAT

160

TTTC1S)=CPUTIMNE

TTT(18)=CPUTIME

RCYCLE 1=1,1,5
TITTCII=STTIT(241)=TTT(2%1=1)

AREDEAT

ACYCLE 1=2641.10
TTTTCI)=STTT I #8)=TTT(I+5)

WREPEAT

TTTT(A)=TTT(14)=TTT(1D)

HEMILIMESC2)

HCYCLE 1=1.1,10
ARTTECT3)3SPACTS(S)Y s PRINTCTTTITCI) »1,3) s HEWLTINE

LhAgoLAT

AREDEAT

LENONOFPRCGRAN

355



CCDE

22
24
25
2é
32
34
35
52
61
&2
63
64
65
66
141
142
144
145
14¢
147
151
152
154
155
163
164
171
173
174
175
133
188
191
193
154
222
223
224
225
22¢

4C

40C

33

URGENCY

30
3¢
34
3é
34
32

0
13
13

é
12
14

é
14
34
34
3¢
34
27
&
3¢
36
35
36
37
37
33
26
21
31
23

49

*

I & & % % % ¥

12

12

'ﬁ'EEK

- -

**DAY DUTY#+

un
-

* & + % ¥ %

* & & * & X X F X AR * N

*

* & ¥ ¥ % &

30

[ 3

w
Y]

* * % ¥ % %

& & % 4 % F & o F o* ok X R k¥

*

* * * * ¥ &

(e 1]

5a

v
N

LA B B R SR R O O * * & ¥ X ¥

*

F S

30

[y 28

54

& * + ¥ X 4 * ¥ * * * * x ¥

* * %

23

X280 -Sample printout (Started at

L T S

* *

I+ = % *+ %

16

12

15

14

sC

* x % »

* %

I & * % * *

19

week 26)

QP

O I

14

tMAX AVAILABLE

$PRE=ALLQCATED

I0PTIMUM

sMINTIMUM

tSHORTAGE

356



DO YOU WANT DAY LISTING
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**NIGHT DUTY**

CODE URGENCY 49 51 52 53 54 4N ¢ gP
?’1 13 * * a* * * *
72 A * * * * * *
?5 £ * * * * * & *
76 & * * * * * i *
g1 ('3 * * * * * * *
az 4 * * * * * * *
83 4 - * * - * * *
84 A * * * * * * *
121 37 * - *
122 3? * * *
125 3? * - u*
134 37 * * *
135 3? +* * a*
201 15 - - * * L4 *
203 1% * * * * * *
204 15 L I S A
205 15 * * * * * *
17 g T A7 1 12 m 10 0 :MAX AVAILABLE
25 3 0 0 0 6 2 4 0 :PRE-ALLQOCATED
34 5 5 5 5 2 6 6 C  sOPTIMUM
28 4 6 4 4 2 5 5 0 aMInNpMUM
2 2 5 5 5 =4 4 2 0 :SHORTAGE

DO YOU WANT MNIGHT LISTING IN CROER OF URGENCY?
24 A * * d * * * *
832 £ * * * * * * *
82 4 * * * * * * >
21 L * * * * * * *
76 (o] * * * * * * *
75 2 * - * * g * *
71 13 * * * * * *
72 14 * * * * * #

205 15 R s
204 1% * * W * * *
203 i * * * * * *
201 1% * * * * * *
135 37 - S

134 37 i * *

125 37 * * *

122 37 * * *

121 37 * o *

1 1 1 T =4 1 1 ¢ :NEw SHORTAGE

A negative shortage is overstaffing - inevitable in this case
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**UPDATED PLAN*®
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FILE IDENTIFIER: X108M X108 - Program

RBEGIHN .

PRINT STRINGC('OFF WE GOIl')sNEWLIMNE

%STRING(10) REPLY1,REPLYZ2.,REPLY3,REPLY&,REPLYS5,REPLY6,REPLY?,REPLYS
%STRING(10) REPLYS,REPLYTU,REPLY11,REPLY12,REPLY13,REPLY14
%INTEGERARRAY OQRDER(1:36,1:2),SHORTAGE(U:6),SHORTAGEZ2(0:6)
AINTEGERARRAY ORDER2(1:36,1:2)

%SHORTINTEGERARRAY ALLOCATICN(1:;108) ,WARD(1:6) +WARD2(1:6) ,WEIGHTT1(1:6)
%SHORTINTEGERARRAY TOTALS(1:6),TOTALL(T1:6) WEIGHTZ2(1:6)
%“SHORTINTEGERARRAY ROSTER(C1:108,0:72),EXP(1:108,1:6),GENC1:108)
%SHORTINTEGERARRAY EXPT(1:108)

%“SHORTINTEGERARRAY CHOICE(1:103,0:8),TOTALC(1:6),TOTAL2(1:6)
%SHORTINTEGERARRAY PLAN(1:108,0:72) URGENCY(1:108,0:72)

%INTEGER COUNT,Z,CAMP,COMPZ2,CCMP%,COMP4,FLOAT,RESIDUE,A,B
%SHORTINTEGER FORTYNINE,LWsSC,OP, FIFTYFOUR,FNOsFN1,FN2,FN3,FN4,FNS,FN6
%SHORTINTEGER NIGHT,NEWVALUE,WOL,FN7,FN8,FNG,FN10,FNT11,QUARTERSLACKINV
%INTEGER NO,WEEK,X,Y,CODE,SECT,IsJsKeLsMsN,DAYT,MALLOCT

4REAL ROOTSUMT,RWEEK

AREALARRAY TTT(1:16),,TTTT(1:11),DIVISOR(136)

YEXTERNALROUTINESPEC OPENDACRINTEGER CHANMEL)

%EXTERNALROUTINESPEC READDACAINTEGER CHANNEL %INTEGERNAME SECTXC

¢+ ZANAME BEGIN,END)

MEXTERMALROUTINESPEC WRITEDACXINTEGER CHANNEL,ZINTEGERMAME SECTXC
rANAME BEGIN,END)

%EXTERMALROQUTINESPEC CLOSEDACXINTEGER CHANNEL)

ALEXTERMALLONGREALFNSPEC CPUTIME

NEWVALUE=CINIGHT=0;K=UZRESIDUE=0
FMNO=0:FNI1=03FN2=0;FN3=U;FN4A=UIFNS20;FNOH=0; FN7=0U;FNE8=03 HOL=0

PRINT STRING('DOOQ YOU WAHT PRE=-SELECTED PRINTOUT?'");NEWLINE

READ STRING(REPLY11)

4IF REPLYT1="YES' %THEN %START
READ STRING(REPLY?T)
READ STRING(REPLY2)
READ STRING(REPLY®S)
READ STRINGC(REPLY?)
READ STRING(REPLY3)
READ STRING(REPLYR)
READ STRING(REPLYS)
READ STRING(REPLY&)

%“FINISH

PRINT STRING('DO YOU WANT NCRMAL OUTPUT?')
NEWLINE

READ STRING(REPLY12)

PRINT STRING('DC YnU WANT WEIGHTS?'):NEWLINE
READ STRING(REPLY14)

PRINT STRING('DO YOU WANT RESULTS OUTPUT ON LINE PRINTER?')
NEWLIME
READ STRINGC(REPLY1D)
%1F REPLY10="YES' %THEN %START
SELECT OUTPUT(40)
%FINISH

PRINT STRING(' VERSION 171")

NEWLINES(S)

%RCUTINE QUICKSCRT(ZINTEGERARRAYNAME X,%ZINTEGER A,B)

RINTEGER L,UJsD+E
*RETURN %IF A>=p
L=A;U=RBzD=X(U,2):E=X(U,1)
=>F1IND

Ue; L=L+1
=>FOUND %IF L=U

FIND: «>UP ZUNLESS X(L,2)>D
X(U2)=X (L, 22400, 1020 0L, 1)

pOMN: Usu=1
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=>FOUND %IF L=U
=>DOWN %UNLESS x(U,2)<D
XCLe2)3XCU,2) 58X (L, 103XCU, 1)
. =3UP
FOUND:X(U,2)=D;X(U,1)=E
QUICKSCRT(X,A,L=1)
QUICKSORT(X,U+1,3)
%END

XROQUTINE FIND CHOICE
TTT(2)=CPUTIME
%CYCLE 1=041.,6
CHOICE(CODE,I)=0
%YREPEAT
A#IF O<PLANCCODE,WEEK)<7 %THEN CHQICE(CODE,PLANCCODE,WEEK))%C
=PLANCCODE,WEEK) %ZAND =>15
%1F GEN(C(CODE)=0 %AND EXPC(CODE,1)=0 ATHEN CHQICE(CODE,1)=1%C
AAND CHOICE(CODE,2)=24C
RAND=>15 s
%1F EXP(CCDE,1)=0 %THEN CHOQICEC(CODE,17)=1
%CYCLE 133:1:¢6
%1F EXP(CODE,1)=0 ATHEN CHOICE(CODE,I)=I
%REPEAT
%IF GEN(CCDE)<S5 ZTHEN CHOICE(CODE.Z)=2

15

TTT(3)=CPUTIME
%EMND

%ROUTINE CALCULATE URGENCY

%1F PLANCCODE,WEEK)#0O ATHEN URGENCY(CODE,WEEK)=99 XAND =>115

EXPT(CODE) =0

RCYCLE 1=21,1:6

EXPT(CCDE)=EXPT(CODE)+EXP(CODE,I)

%WREPEAT

%1F ROSTER(CODE,WEEK)=2 XTHEN PLANCCODE,0)=111 %AND =3115

%“1F EXPT(CODE)=S5 ¥THEN URGENCY(CODE,WEEK)=22&5+GEN(CODE)XC
%ELSE URGENCY(CODE,WEEK)=6*EXPT(CODE)+1%C

+GEN(CODE)

%IF ROCSTER(CODE,WEEK)=1 XAND ROSTER(CODE,WEEK=1)=0 XTHEN XC

URGENCY(CCDE,WEEK)=28

SLACKINV=EXP(CONE,1)*3+EXP(CODE,3)*2+EXP(CODE,4)*4RC

+EXP(CODE,S5) *4+EXP(CODE,6)*2+GEN(CODE)

T35

WEMD

TTT(9)=CPUTIME
PRINT STRING('WRITE NUMBER OF QUARTER')INEWLIME
READ(QUARTER)
FN11=(QUARTER=1)+48
%CYCLE J=1,1,108
ALLOCATIONCJ) =D
GEN(CJI=0
GCYCLE 1=141,6
EXP(J,1)=0
“REPEAT
YCYCLE I=0,1,72
PLANCI,T)=0
URGENCY(J, 1)
%1F I>0 %THEN ROSTER(J,I1)=0
%REPEAT 7
4“REPEAT
HSHORTINTEGERARRAY MALLOCCT1:688+FN11)
%ZIF DUARTER=1 %THEN %START
ACYCLE 1=1,1,68+F111
MALLOCC(I) =D

=0
!



%REPEAT

MALLOCT=0

ROOTSUMT=0

%FINISH XELSE %START

%CYCLE 1=21+FN11,1,68+FN11
MALLOC(1)=0

%REPEAT

%FINISH

ZREALARRAY MEANMAL(21:68+FN11),RO0TSUM(21:68+FN11)

COUNT=0sA=1;:B=20
ACYCLE 1=1,1,108
COQUNT=COUNT#*1
%TF COUNT>6& %THEN A=A+4 JAND B3B+4& ZAND COUNT=1
%IF B<73 XTHEN FN7=8 R%ELSE FN7=272
“IF A>72 ZTHEN =>130
. #CYCLE J=A.,1,FN7
ROSTER(I,J)=1
%“REPEAT
%IF B+1>72 XTHEN =>180
AI1F B+4<73 ATHEN FN8=B+4- RELSE FN&=272
%CYCLE J=B+1,1,FNS8
ROSTER(I,J)=2
%REPEAT
180:
AWREPEAT
SELECT INPUT(QUARTER+2)
CYCLE 1=21+,1.+30
%CYCLE J=0,1,24
READCPLANCI,J))
WREPEAT
AREPEAT
4ACYCLE 1=1,1.30
%CYCLE J=1.,1.6
READCEXP(I,J))
%REPEAT
%YREPEAT
%“CYCLE 1=1,1,30
READ(GENC(I))
AZREPEAT
ACYCLE 1=31,1.,108
PLANCI,0)=112
%REPEAT

4AIF QUARTER>1 XTHEM XASTART
READ(MALLOCT) ; READCROQTSUMT)
%“CYCLE I=21,1,20+FN11
READ(MEANMALC(T))
READ(ROOTSUMC(TI))
READ(MALLOC(T))
%“REPEAT
AFINISH
SELECT INPUT(9R)

%CYCLE 1=1,1,108
%CYCLE J=1,1,72
%IF ROSTER(I,J)=2 XTHEN PLANCI,J)=10
*REPEAT
%REPEAT

WEIGHT1(1)=4
WEIGHT1(2)=4
WEIGHT1(3) =4
WEIGHT1(4)=4
WEIGHT1(5)=4
WEIGHT1(&)=4
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WEIGHT2(1)=34
WEIGHT2(2)=4
WEIGHT2(3)=4
WEIGHT2(4)=4
WEIGHT2(5)=4
WEIGHT2(6)=0

TTT(10)=CPUTIME

ACYCLE WEEK=21,1,68
X=WEEK

%IF REPLY12='YES' %THEN XSTART

SELECT QUTPUT(S50)
WRITE(WEEK,3);NEWLINE
%“FINISH
%IF REPLY10='YES' ¥%THEN XSTART
SELECT QUTPUT(4O)
AFINISH
AZIF REPLY12="YES' %THEN %START
NEWLINES(5):SPACES(25)
AFIYISH %ELSE ASTART
NEWLINE
AFINISH

PRINT STRING('WEEK ');WRITE(WEEK+(QUARTER=1)*43,3)
“1F REPLY12="NQ' ZTHEN %ZSTART
PRINT STRINGC(':")
AZFINISH ZELSE ZASTART
NEWLINE
SPACES(25) PRINT STRING('"=======m=")NEWLINES(8)
AFINISH
%CYCLE I=1,1,108
ALLCCATICN(I)=0
%CYCLE J=0,1,6
CHOICEC(I,J)=U
%WREPEAT
%REPEAT

%CYCLE 1=0,1+6
SHORTAGE(I)=
SHORTAGEZ2(I)

ZREPEAT

0
=0

“CYCLE 1321,1.,6
WARD(I)=0
WARDZ2(1)=0
TOTALC1)=0
TOTAL2CI)=0
TOTAL3(I)=0
TOTALSL(I)=0

%WREPEAT

“CYCLE [=1,1,386
%CYCLE J=141,2
ORDER(I,J)=0
ORDERZ2(I,J)=0
XREPEAT
AZREPEAT

%CYCLE CCDE=1,1,108
%IF ROSTER(CODE,WEEK)=1 %AND PLAN(CODE,0)=112 ZTHEN &%C
PLANCCCDE,C)=0
%“I1F 110<PLANCCCDE,U)<113 ATHEN =2>100
%1F ROSTER(CCDE,WEEK)=2 W%THEN PLAN(CCODE,0)=111 ZAND =2>100

TTIT(11)=CPUTIME

CALCULATE URGENCY



TTT(1)=CPUTIME
FIND CHOICE

TTT(12)=CPUTIME

TTT(13)=CPUTIME

100:
%REPEAT

TTT(14)=CPUTIME

%IF REPLY12="'YES' ZTHEN %START

PRINT STRING('DO YNU WANT COMPLETE URGENCY LISTINGS?'")INEWLINE
READ STRING(REPLY1) XUNLESS REPLY11='YES'

%UNLESS REPLY1='YES' ZTHEN =>120

%CYCLE 1=1,1,108
ZIF 1TT0<PLANCI,D)<113 XATHEN =>72
MEWLINE
WRITE(I,3):SPACES(5);WRITE(URGENCY (I, WEEK),3):SPACES(S)
XCYCLE J=1,1,6
%UNLESS CHOICE(I,J)=0 ZRTHEN WRITE (CHQICE(I,J),2)}%C
%ZELSE %ASTART

SPACES(3)
%FINISH
“REPEAT
72:%REPEAT
NEWLINE

120:PRINT STRING('DQ YOU WANT AVAILABILITY LISTINGS?')INEWLINE
READ STRING(REPLY2) %UNLESS REPLY11='YES'
ZFINISH

XCYCLE 1=1.1.,6
TOTALC(T)=0
TOTALZ2(I)=0

%“REPEAT

cCoMp=0

comp2=0

%“IF REPLY12='YES' TTHEN %START

NEWLINESC(10)

SPACES(Z5):;PRINT STRING('**AVATLABILITY**")

NEWLINES(4) v
SPACES(2)

PRINT STRING('CODE')sSPACES(4):PRINT STRING('URGENCY');SPACES(4)

PRINT STRING('49 G 54 Lw 5¢C oP')
NEWLINES(2)
LFINISH

%CYCLE 1=1,1,108
%IF 110<PLANCI,0)<113 %OR URGENCYCI,WEEK)=99%C
%OR ROSTER(I,WEEK)~(ROSTER(CI WEEK)//2)*2=0 %THEN =>125
%“1F REPLYZ2=2'YES' %AND REPLY1Z2='YES' XTHEN %START
WRITE(I1,3):SPACES(7)+WRITE(URGENCY(I,WEEK),2);SPACES(E)
%FINISH

CoMPacoMP+1
ORDER(CCMP,1)=]
ORDER(CCMP,2)=URGENCY (I, WEEK)
%IF REPLYZ23'"YES' %AND REPLY12='YES' ZTHEN ZSTART
WCYCLE J=1,1,6 )

WUNLESS CHOICE(I,J)=0 %THEN PRINT STRING( '+ )%e

%AND TOTALCJ)=TOTAL(J)+1 %ELSE %START

SPACES(4)
AFINISH
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%REPEAT
NEWLINE
ZFINISH XELSE X%ZSTART
XCYCLE J=1,1,6
YUNLESS CHOICECI,J)=0 XTHEN TOTALCJ)=TOTALC(J)+1
WREPEAT
%SFINISH
125: %IF URGENCY(I,WEEK)=99 ZAND PLANCI,WEEK)#10%C
%AND ROSTER(I,WEEK)=~(ROSTER(I,WEEK)//2)*2#0 X%THEN XSTART
XCYCLE J=1 |1|6
%ZIF OKCHOICE(I J)<? ZATHEN TOTALZ2CJ)=TOTALZ(J)#*1
%“REPEAT
COMP2=COMP2+1
AFINISH

AREPEAT

Z1F REPLY2='YES' %AND REPLY12=2'YES' ZTHEN %START
SPACES(1)
PRINT STRING('=== -~ - - - - =)
MEWLINES(4)
%FINISH
%IF REPLY12="YES"' XTHEN %START
WRITECCOMP,3) :SPACES(T15)s%CYCLE I31,1.6
WRITE(TOTAL(I),3)
; AREPEAT
SPACES(2)
PRINT STRINGC(':MAX AVAILABLE")
NEWLINES(4)
WRITECCOMPZ2,3):SPACES(I5)s%CYCLE 131,146
WRITE(TOTAL2(I),3)
AREPEAT

SPACES(2)
PRINT STRING(':PRE=ALLQCATED')
NEWLINES(4)
PRINT STRING(' 31')2SPACES(17)
PRINT STRING(' 5 8 3 ] 6 3 t0PTIMUM')
NEWLINES(4)
PRINT STRING(' 29'):SPACES(17)
PRINT STRINGC('" 4 T 3 -} ] 3 IMINIMUM')
NEWLINES(4)
AFINISH
SHORTAGE(Q)=31=COMP2
SHORTAGE(1)=5=TOTAL2(1)
SHORTAGE(2)=B=TOTAL2(2)
SHORTAGE(3)=3=TOTAL2(3)
SHORTAGE(4)=6=TOTAL2(4)
SHORTAGE(S)=6=TCTALZ2(5)
SHORTAGE(E)=3=TOTAL2(O)
%IF REPLY12="YES"'" XTHEN XZSTART
WRITE(SHORTAGE(C),3):SPACES(15)
%CYCLE 1=1,1,¢6

WRITE(SHORTAGE(T) +5)
%REPEAT
PRINT STRING(' :SHQORTAGE')
MEWLINES(10)
AFINISH

QUICKSORT(ORDER,1,COMP)

A1F REPLY12="YES"' X%THEN %START
PRINT STRING('DC YAU WANT DAY LISTING IN ORDER OF URGENCY?")
NEWLINE;READ STRING(REPLY6) AUNLESS REPLY11='YES®
4A1F REPLY&='YES' XTHEN %START
ZCYCLE 1=1,1,C0MP
WRITECORDER(I,1),3):5PACES(7)
WRITEC(ORDER(I,2),2):5PACES(H)
%CYCLE J=1:146
%UMLESS CHOTICE(ORDER(TI«1),J)=0 XTHEN PRINT STRING('w )%
%ELSE %START

SPACES(4)
“FINISH
%ZREPEAT
NEWLIMNE
%REPEAT
NEWLINES(10)
AFIHISH

XFINISH



ACYCLE I1=1,17.6
WARD([)=0
DIVISOR(I)=TOTALCI)*+1
*REPEAT

%ZCYCLE M=COMP,=1,1
J=0
%CYCLE I=1,1,6
%ZUNLESS CHOICECQORDER(M,1),1)=0 ATHEN J=J+1 XC
%AND WARDCJ)=CHOICECORDER(M,1),1)
HZREPEAT
%IF SHORTAGE(1)=1 ZTHEN WEIGHTI1(1)=1
%1F SHORTAGE(2)=1 %THEN WEIGHT1(Z)a1
“1F SHORTAGE(3)=0 %THEN SHCRTAGE(3)==1 XAND WEIGHT1(3)=50
%IF REPLY14="YES"' %THEN XSTART
NEWLINE
LZCYCLE 1=141.4
PRINT (SHORTAGE(WARD(I))*(1/DIVISOR(WARD(I)))X%C
+*WEIGHT1(WARD(ID)),3,3)
SPACES(2)
%REPEAT
%FINISH
%CYCLE I=1,1.J
L=0
%CYCLE K=1,1,J
%1F SHORTAGE(WARD(I))*(1/(DIVISCR(WARD(I))))AC
*WEIGHTT1(WARDC(I))>="
SHORTAGE(WARD(K) ) *(1/(DIVISOQR(WARD(K))))AC
*WEIGHTT1(WARD(K)) %C
ATHEN L=L+1
#IF L=J %THEN %START
ALLOCATIONCORDER(M,1))}=WARD(I])
SHORTAGE(WARD(I))=SHORTAGE(WARD(]))=1 : o
ZCYCLE N=1,1,6
%UNLESS CHOICE(QRDER(M,1),N)a0 ATHEN XSTART
%1F DIVISORCN)I>T ATHEN DIVISOR(NI=DIVISORIN) =1
“1F Q<DIVISCR(N)<1 ATHEN DIVISOR(NI=1/(1/DIVISOR(N)=1)
AFINISH
%REPEAT
=->150
AFINISH

4REPEAT
%REPEAT
150:%REPEAT

%1F REPLY12="YES' %THEN X%START
PRINT STRING('DO YOU WANT DAY ALLOCATIONS?')INEWLINE
READ STRING(REPLY?7) %UNLESS REPLY11=3'YES'
AFINISH
%CYCLE CCDE=1,1,108
FNO=ALLOCATICN(CCDE)
%IF FN9=0 XTHEN=>155
%1F REPLY?='YES' %AND REPLY12=2"YES' XTHEN %START
WRITE(CODE,3):SPACES(7)sWRITE(FNG,2) I NEWLINE
AFINISH

%1F D<FNG<3 %AND 20STER(CCDE,X)=1 %AND ROSTER(CQDE,X=1)=0%C
%“THEM %START

%ZCYCLE 1=0,1.,2

PLANCCCDEX+1)=FN9
%REPEAT
%IF FN9=1 %THEN EXP(CODE,FN9)=1 XELSE GEN(CODE)=%C
GEN(CCDE)+3
->155
%YFIMISH

%IF FN9=2 %THEN PLANC(CORE,WEEK)=FNY ZAND GENC(CODE)=GEN(CODE)+1XC
AAND =>155

4#IF 3<FN9<6 ZTHEYN %START

“CYCLE J=0+,1+3
PLAMﬁCCDE-NEEK+JJ=FN9

“REPEAT
EXPCCODE,FNG) =1 ‘
=>155
AFINISH

ZIF FHN9=3 Z0R FNG= “THEN ASTART
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ACYCLE J=U,1¢1
PLANCCODE WEEK+J)=FN9
AREPEAT
EXP{CODE,FNT)=1
=->155
ZFINISH
AIF FN9=1 XNTHEN NSTART
%CYCLE J=0,1,2
PLAN(CODE,WEEK+J)=FN9
LREPEAT
EXP(CODE,FNS)=1
*FINISH
15531 %REPEAT
%IF SHORTAGE(1)>0 %THEM SHORTAGE(T1)=SHORTAGE(1)=1
%IF SHORTAGE(2)>0 %THEN SHORTAGE(Z2)=SHORTAGE(2)e1
%IF SHORTAGE(3)<0 %THEN SHORTAGE(S5)=SHORTAGE(3)+1
ZCYCLE 121,146

%IF SHORTAGE(I)<0 %THEN MALLOCC(WEEK+FN11)=MALLOC(WEEK+FN11)%C
=SHORTAGE(I) %ELSE MALLOC(WEEK+FN11)}3MALLOC(WEEK+FN11)+SHORTAGE(I)

%REPEAT

NEWLINES(S) ZUNLESS REPLY1Z2='NOD'
SPACES(19)
#CYCLE 1=1,1,46
WRITE(SHORTAGE(I) 3)
%AREPEAT
%1F REPLY12="YES' ¥%THEN Z%START
PRINT STRING(' +NEW SHORTAGE')
BFINISH XELSE Z%ASTART
NEWLINE
AFINISH
MEWLINES(10) ZUNLESS REPLY12='NQO'

145;%1F REPLY12="YES' Z%THEN ASTART

PRINT STRING('DC YOU WANT UPDATED PLAN?');NEWLINE

READ STRINGCREPLY4) XUNLESS REPLY11="YES'

AUNLESS REPLY&L="YES' RTHEN=>TE0

SPACES(20);PRINT STRING('**UPDATED PLAN#**'") ;NEWLINES(4)

%CYCLE 1=1.,1,108
“IF PLANCI,0)=112 ATHEN=>165
NEWLINE
%IF WEEK<31 %THEN ZSTART
RCYCLE J=1,1,WEEK+3
HUNLESS PLANCI.J)=S0 %THEN WRITEXC
(PLANCI,J)+1) %XELSE %START
SPACES(2)
AFINISH
RREPEAT
AFINISH XELSE ASTART
“CYCLE J=WEEK=30,1,WEEK+3 )
KZUNLESS PLAN(I,J)=a0 %THEN WRITECPLANCI,J),1)XC
%ELSE %START
SPACES(2)
RFINISH
%“REPEAT
%FINISH
165:%REPEAT

1603 %FINISH

TTT(15)=CPUTIME

TTT(16)=CPUTIME
TTTT(S)STTTCI0)=TTT(9)

%CYCLE 1=6,1,10
TTTTCI)STTTCI4+4)=TTT(I+5)

%REPEAT

TTTTCR)=TTIT(14)=TTT(10)

TTTTCL)=TTT(3)=TTT(2)

TTITT(3)=TTT(12)~TTT(1)

%IF REPLY12='YES' %THEN %START

NEWLINES(2)

%CYCLE 13341+10
WRITECT,3):SPACES(S) ;PRINTCTTTTCI) »1,3) s NEWLINE

AREPEAT

AFIUTSH
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%IF REPLY12='YES' %THEN XSTART

NEWLINES(5)

%CYCLE 1=21,1,WEEK
WRITE(I,3)

AREPEAT

PRINT STRING('3;WEEK")

NEWLINES(2)

%CYCLE 1=21,1,WEEK
WRITE(MALLCC(ID),3)

%REPEAT

PRINT STRING('IDEVIATICN')

MEWLINES(2)
ACYCLE 1=21.,1,WEEK
WRITE(MALLOCCI)*MALLOC(I),3)

AREPEAT
PRINT STRINGC':SQUARED DEVIATION')

MALLOCT=MALLOCT+MALLGC(WEEK)

RWEEK=WEEK=20

MEANMALCWEEK)=MALLOCT/RWEEK

NEWLINES(S)

PRINT STRING('MEAN WEEKLY DEVIATIONZ 2
PRINTCMEANMAL(WEEK) ,3+1)

ROOTSUMT=ROOTSUMT+(MALLOCCWEEK) *MALLOCCWEEK))
ROOTSUM(WEEK)=SQRT(ROOTSUMT/RWEEK)

MEWLINES(S)

PRINT STRING('ROQT MEAN SGUARED DEVIATIONS: =
PRINT(ROOTSUMCWEEK) ,35,2)

AFINISH XELSE %START

I=WEEK+FN11

MALLOCT=MALLOCT+MALLOCC])

RWEEK=1=20

MEANMALCI)=SMALLCCT/RWEEK
ROOTSUMT=ROOTSUMT+(MALLOCC(I)*MALLOCCI))
ROCTSUM(I)=SART(ROOTSUMT/RWEEK)

%AIF WEEK=68 XTHEN %START

PRINT STRING('DC YOU WANT DEVIATIONS TO DATE?')NEWLINE

READ STRINGC(REPLY13)

%TF REPLY13='YES' NTHEN ZSTART

NEWLINES(S)

SPACES(30):PRINT STRING('ROCT'):NEWLINE

SPACES(20):PRINT STRING('MEAN');SPACES(6);PRINT STRING('MEAN')
NEWLINE

SPACES(20):PRINT STRING('WEEKLY')sSPACES(4);PRINT STRING('SQUARED")
NEWLINE

PRINT STRING('WEEK');SPACES(&)2PRINT STRIMG('DEVIATION')ISPACE
PRINT STRINGC('DEVIATION'):SPACE;PRINT STRING('DEVIATIONS')
MEWLINES(3)

%CYCLE [=21+1,WEEK+FN1T
WRITE(I+3):S5PACES(6)
WRITE(MALLOC(I),3):SPACES(E)
PRINT (MEANMAL(I) 3,2)3SPACES(4)
PRINT (ROOTSUMCI) S5.2)

NEWLINE

AREPEAT

%FINISH

AFINISH
AFINISH
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%1F WEEK=68 %AND REPLY12='NC' XTHEN XSTART

SELECT OUTPUT(QUARTER+3)

XCYCLE 1=73.,1,102
WRITEC(PLANCI,0),2)
%CYCLE J=49,1,72

WRITE(PLANCI,J)2)
%REPEAT
%REPEAT

%CYCLE 1=73,1,102
ZCYCLE J=21,1,6
WRITECEXP(I,J).2)
%REPEAT
ZREPEAT

ZCYCLE 1=273.1.1702

WRITE(GENCI),2)
%REPEAT

WRITE(MALLOCT,2)

PRINTC(ROOTSUMT 4,1)

%CYCLE 1=21,1,WEEK+FN11
PRINT (MEANMAL(I),3,2)
PRINT (ROOTSUMCI), 5,2)
WRITE (MALLOC(I).3)
NEWLINE

%REPEAT

REINISH

WREPEAT
%ZENDOFPRCGRAM
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WEEK ff X108 - Sample printout

*RAVATILABILITY**

CADE URGENCY 49 G 54 LW SC qg°P

15 8 15 15- 11 9 14 :MAX AVAILASLE
15 2 0 3 4 &4 2 iPRE=-ALLOCATED
73 b] 2 3 6 6 3 0PTIMUM

66 4 7 3 6 6 3 MINIMUM

1¢ 3 B 1] 2 é 1 tSHORTAGE

DO_YOU WAMT DAY LISTING IN ORDER OF URGENCY?
5% & * * * - * *
52 & * * * * * W
51 4 * * * * * *
5N 4 * * * * * *
49 4 * * ¥ * * *
54 7 * * * * *
44 10 * * * = »
L& 11 * * +* W *
48 13 ¥ *
37 17 « x »
41 17 * w* ¥ *
39 17 LA T *
42 21 A *

34 23 * w *
32 23 W *

003;0U WANT DAY ALLOCATIONS?

34
37
35
41
42
44
46
42
49
50
51
52
53
54

A s AL I RS TS BN B A N ¥
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NEW SHORTAGE

0

0

**UPDATED PLAN®*
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Wit ITE NULMBER OF QUARTEs
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=T 3

243

X108 - Abbreviated output.
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LEEK EH
WEEK b6
NEEK o7:

HEEK 6ot

vl YJU WANT DEVIATIOGNS TO DAT

UATA: *YES *

U
&1
o
63
5]
=]
(e
i

VEVIATIUN DEVIATIuN UEVIAT LN

CCMNCCOCNCLCCNCOCRNAECESHENEE ~NKNe CRc CRNANCNWUNCE~CCPr——=CNCC

VIE AN
WEEKLY

Uau
U«
Je b7
Us DU
Ues ol
usoT
lela
1.0l
Usead
U«9u
lalg
ledo
1«13
le29
le33
lez>
le2y
letl
1.63
l.22
lesn
lsou
less
a7
1equ
leae
leal
1.56
151
le3G
1asaz
1.37
133
leal
leds
1aGy
1«32
137
1e.33
Lesu
le27
lezzy
le2o
1423
Tazzu
lezez
lal%
1el7

g =i
V] u
U u
9] V]
=] 1
J u
9] V]
J U
-1 1
(V] u
V] u
?
~udT
MEAN
SULARED

U Uy
Uaelu
l.12
Ieuu
lauu
l.uu
1.77
166
1.36
l.d2
l.oo
leou
lecz
153
193
leoa?
leco
246
2ed4
g0
2.l
Z2edl
2426
2e21
= A}
2eld
zslo
2elz
el
2eUo
2417
2el4
ZslU
2slo
Zslo
cel>
“ele
2elz
= e U7
2ealb
Seug
Zelisd
ZeUl
leyy
(e
L2
LMy

Levs
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FILE IDENTIFIER : FASTNEW? HEURISTIC METHOD - Program

ABEGIN

WREAL TEMP,ESTREDUCT

NEWLINES(2)

USTRING(20) REPLY1,REPLY2

“INTEGER CUUNT.QOpCHIH1.CFINE.CHnHGMIN.JSTURE-TSTGRE

4INTEGER RECTRANT,RECTRANZ,REPLY3

AINTEGER I+JdsT,Q,IT,G,0S,GRADMAX,JGRAD, TGRAD,2,HALFINTERVAL

#INTEGER TINT IM JM, TH,QH,PRICS ) ECHANGE ,EV/EVM,DEF,GMAX, AMI N
SELECT INPUT(CS)

WEXTERNALRGUTINESPEC PROMPT(ZSTRING(20) S)

ZEXTERNALLONGREALFNSPEC CPUTINME

PROMPT('GIRLS?2");READCIM)
PROMPT('WARDS?'):READ(JI)

PROMPT('WEEKS?');READC(TN)

PROMPT('"SCHEDULES?"):READ(QM)

PROMPT('Z'):READ(Z)
PROMPT('HALFINTERVAL: ') READCHALFINTERVAL)

RINTEGERARRAY AXCT1:CM, 11TH) (X XX, XSTORE, TITE,LIMIT(T:aM)
“INTEGERARRAY GS,GSTGRE(C1:IM),CHANGE(T1:QM=1,2:0M)
AINTEGERARRAY GRAD,GRADSTCRE,D(1:sJdM,1:THM)

RREALARRAY CC1:Q1), UCT:JH,1;TH) ,USTORECT:dM,1:TH)
SREALARRAY V,SCHED(1:QM),TTTC113),TTTT(1:2),SUBMAX(1: M)
WREAL HULT ey STER o Ils 21T+ H HI s HSTORE, PRIMALCOST  MULTMULT
SREAL SCHEDMIN,SCHEDNAX

RINTEGERFN ACXINTEGER J,T.Q)
TIF AX(Q,T)=J ZTHEN XRESULT=1 ZELSE ZRESULT=0

AEND

EV=021T=0sMULT=2;217=2;4=0;PRICS=0;PRIMALCOST=0;ECHANGE=D
H=0; RECTRANT=2=1;RECTRANZ=(

PROMPT(*CCSTS")
“CYCLE G=1,1,0M
READ(C(R))
£(u)=90
SCHEB(W)=C
LIMIT(G)Y=T!
“REPEAT

PRCHMPT(*DEMAND") e ==
“CYCLE J=1,1,dM
ZCYCLE T=1,1,7TV
READCDC(J,T))
U(JaT)=0
USTCRECJ, T)=(
GRADSTOREC(J,T)=0
YREPEAT
AREPEAT

PROI'PT('"SCHEDULES")
WCYCLE 0=1,1.,0n
“CYCLE T=1,1,7M
READ(CAX(Q,T))
HREPEAT
WREPEAT

PROVPT('ESTINATE")
READCIIT)
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PROMPT('PROBLEM SIZE')
READ(N)

PRINT STRING('DC YOU WANT EACH ITERATION?');NEWLINE
PROMPT('?)
READSTRING(REPLY1)

PROMPT(TEVALUATIONS: ')
READCEVM)

PRINT STRING('DC YGU WANT TO START AT THE BEGINNING?')
PROMPT('")
MEWLINE
READSTRING(REPLY2)
“IF REPLY2="H0' %TUE!N XSTART
PROMPTC('NEW DATA?")
%CYCLE 0=1,1,aM
READ(XX(Q))
%REPEAT
AFINISH

PRINT STRING('HCW MANY SCHEDULE LIMITS?'):MEWLINE
READ (REPLY3)
“1F REPLY3>0 XTHEN %START
WCYCLE I1=1,1,REPLY3
PRCMPT('SCHEDULE:"):READ(Q)
PROMPTC('LIMIT:");REACCLIMIT(G))
ZREPEAT
“FINISH

TTT(1)=CPUTIMNE

“CYCLE T=1,1,TH

CYCLE J=1,s144¥
TITE(J)=0

“REPEAT

ZCYCLE 9=1,1,0p
TINT=AX(Q,T)
TITECTINT)I=TITECTINT) +1

ZREPEAT

“CTCLE J=1,1,4¥
YIF TITEGI)=0 ZAND DCJ,T)>0 ZTHEN=>600
AIF TITECJ)=1 ZTHEN “START
SCYCLE @=1,1,0H
ALF AX(QeT)=J ZAND X(Q)<DC(J,T) %THEN xX()=ndy,T)
YREPEAT
AFINISH

“REPEAT
AREPEAT

TIUT=_

ACYCLE Q=1,1,0H4
TINT=TINT+X(Q)

RREPEAT

SIF TINT>IM %THEN=>700
IM=IN=TINT

-’:CYKLE J=1,1,4n
CCYCLE T=1,1,7TH
6=
XCYCLE Q=1,1,0#
G=G+A(J,T,0)*x(Q)
AREPEAT
DCJsTI=D(J, T) =0
TIF IM=0 HANC DCJ.T)I>C ATHEN =>730
SREPEAT
SREPEAT
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PRINT STRING("TIGHT ALLCCATIONS:'):NEWLINE
TEMP=(
ACYCLE g=1,1,0M
TEMP=TEMP+1
WRITE(X(Q),&)
%I1F TEMP=1(0 XZTHEN HEWLIME X%AMD TEMP=Q
XSTORE(Q)=X(CQ)
“IF REPLYZ2='"YES" XTHEN X(Q)=0 XELSE X(Q)=aXX(q)
AREPEAT
NEWLINES(S)
PRINT STRING('ITERATIOHN DEF');SPACES(10Q)
TTT(2)=CPUTIME
TTTT( ) =TTT(2)=-TTT(1)
PRINT STRING('SET=UP TINME:")
PRINTCTTTT(1),1,.3)
NEWLINE

100:%IF EV=EVM UTHEHN =>200
EV=gV+1

IT=1T+1

TTT(2)=CPUTIME

RIF EV=1 XTHEN XSTART
“IF REPLY2='YES' NTHEMN XSTART
TEMP=C(1)
TIHT=1
%CYCLE G=2,1,6M
A1F CCQAIKTEVP NTHEM TEMP=C(G) X%AND TINT=G
WPEPEAT
A(TINT)=IM
A=CCTINT) *IH
AFINISH
RFINISH ZELSE X%START

H=0

ACYCLE J=1,1:JM
UCYCLE T=1,1,TH
H=id+D(J o TI*UCJ, T)
*REPEAT
%REPEAT

CounT=0

f:CYCLE Q=1,1,0M=1
“CYCLE 00=0+1,1,0M
CHANGE(Q,QQ@)=0

TAUNLESS X(R)>0 JTHEHN =>300
ZIF RECTRANZ+(100%G+GQ)=0 %THEH =>300
GUNLESS ((=A(JSTORE, TSTORE,C)+A(JSTORE,TSTORE,QQ))>0 %C
RAND X€Q)>0 HAND X(QUISLIMITC(QG)) 4THEH =->300

XCYCLE J=1,1,4H

#CYCLE Tel,1,TH

TINT=GRAD(J TI+ACY,T,Q)=ACJ,T,0G)
“1F TINT>C WOR GRAD(J,T)I>0 %THEN CHANGE(G,QQ)=%C
CHANGE(Q,QQ)+A(J,T,0)=ACJ,T,00)

AREPEAT

%REPEAT
COUNT=COUNT+1
wIF CCUNT=1 THEW CHANGMIN=CHANGE(Q,RG) HAND CHINT=Q %AND CMINZ=GG
WIF CHANGE(Q,0Q)<CHANGHTI ZTHEN CHANGMINSCHANGE(Q,QG) %C
LAND CMINT=G XAND CMIN2=GG
500:

SREPEAT

AREPEAT

SCYCLE ©=1,1,0t=1
YCYCLE Q@=a+1,1,an
CHanGE(Q,QQ) =0
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“IF RECTRANZ=(100%0+00)=0 NTHEN =>400
“UNLESS ((=A(JSTORE,TSTCRE,G)+A(JSTORE,TSTORE,QQ))<0 %C
AAND X(QG@)>0 YAND X(Q)SLIMIT(Q)) ZTHEN=>400

ACYCLE J=1,1,4M
ACYCLE T=1,1,TH
TINT=GRADCJ»TI)=ACJ, T, Q)+A(J,T,Q0Q)
“IF TINT>C XCR GRADC(J,T)>0 ZTHEN CHANGE(Q,QQ)=X%C
CHANGE(G,Q0)=ACJ,T,0)+A0J,T,00)

“REPEAT

AREPEAT
COUNT=COUNT+1
“IF COUNT=1 WTHEN CHANGMINSCHANGE(Q,QQ) %AND CMIN1=0Q %ZAND CMINZ=C
“IF CAANGE(Q,0Q)<CHANGMIN XTHEN CHANGMINSCHANGE(Q,QG)%C
AAND CMINT=QQ TAlD CMINZ=Q
400:

H“REPEAT

BREPEAT

WIF GRADMAXSX(CMINT) ZTHEN TINT=GRADMAX XELSE TINTs1
#IF GRADMAX<4 ZTHEN TINT=1
“IF RECTRANT+RECTRANZ=0 XTHEN TINT=X(CMIN1)//2
RECTRAN1=RECTRANZ
AIF CHINI>CMINZ THEN %START
RECTRAN2==(100*CMIN2+CMINT)
GFINISH %ELSE %START :
RECTRANZ2=1J0*CIIINT1+CMINS
SFINISH

TINT=1

ACCMIN2)SA(CHIN2)+TINT
ACCHINI)=X(CHINTI)=TINT

AFINISH

DEF=(:DS5=0;GRADMAX=D

ACYCLE Jg=1,1,J4M
UCYCLE T=1,¢1,TH
G6=0
ZCYCLE @=1,1,aM
G=G+A(J,T,a)*X(Q)
“REFPEAT
GRAD(J+TI=D(J,T)=G
AIF GRADC(J,T)I>0 XTHEN DEF=DEF+GRAD(J,T)
DS=DS+GRAD(J,TI*GRAD(J,T)
%IF GRAD(J,TI>GRADMAX XTHEN GRADMAX=GRAD(J,T)Y%C
TAND JSTORE=J 4AND TSTORE=T
TREPEAT
YREPEAT

A“lF GRADMAX<=0 Z%THEN =>200
ARITEC(GRADMAX yS) i WRITE(JSTORESS5) s URITECTSTORE,S)sNEWLINE

AIF REPLY1='YES' ZTHEN #ASTART
WRITECIT,4)iSPACES(S)
WRITE(NDEF ,4)

MEWLIHE
TENMP=D
SCYCLE ©0=1,1 ,q¥

TEI'P=TEMP+1

ARITECACQ) ,8)

YIF TEMP=10 HTHEN MEWLINE %ZANID TEMP=(
TREPEAT ‘
NEWLIWE

“FINISH
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TTT(3)=CcPUTIME

TTITT(1)=TTT(3)=TTT(2)

TITT(2)=TTT(3)=TTT(1)

PRINT STRING('ITERATION TIME:');PRINT(TTTT(1),1,3)
PRINT STRINGC'TCTAL TIFE:"):PRIHNT(TTTT(2),1,3)

=2100
200:%IF REPLY1 ='NQ' ZTHEM %START
PRINT STRING('ITERATICHS: ');WRITE(CIT,&);NEWLINE
PRINT STRING('EVALUATIGHS: ");WRITECEV,6)iNEWLINE
RFINISH
PRINT STRING('SCLUTION= ')iWRITE(DEF,4);SPACES(10)
HEWLINE
TEMP=(
HCYCLE Q=1,1.0H

TEMP=TEMP+1

WRITECX(Q),é&)

%IF TEMP=10 XTHEN MNEWLINE %AND TEMP=0Q

%REPEAT

TENMP=Q
“CYCLE @=1,1,6H1

TENMP=TEMP+1

PRINT(SCHED(C),4,1)

“IF TEMP=10 NTHEMN NEWLINE Z%AND TEMP=Q
SREPCAT

HEWLIHEsPRINT STRING(' UEFICITS:szNEkLINE

KETCLE J=1,1,4d1
SCYCLE T=1,1.7TV
URITE(GRAD(J,T),2)
ZIF T=TM ZTHE# MNEWLINE
T“REPEAT
“REPEAT
HEWLINE

“IF EV=EVM XTHEN %START
PRCMPTC(" )
PRINT STRING('HOW MANY MORE EVALUATIONS?');NEWLINE
READ (TINT)
ZIF TINT=S0 XTHEN =>500
EVH=SEVM+TINT

=>100
ZFINISH
PRINT STRING('TCTAL ALLOCATIONS: "):NEWLINE
TEMP=0

%CYCLE 0=1,1,0/
TEMPTEHP+1
WRITE(X(Q)+XSTCRE(Q),6)
%IF TEVP=10 ZTHEN NEWLINE %AND TEMP=0
UREPEAT

A1F GRADMAX<=0 XTHEN=>SU0

600:

PRINT STRING('PRCBLEM [S INFEASIBLE'):NEWLINES(2)

PRINT STRING('THERE IS NO SCAEDULE WHICH PUTS A GIRL ON WARD")
WRITE(J,1):PRINT STRING(' IN WEEK')

WRITE(T,2):HEVLINE

=>503

700;

PRINT STRING('PROBLE! IS NFEASIBLE"):NEWLINES(2)

PRINT STRING('THCRE ARE TOO FEW GIRLS TO SATISFY THE TIGHT CONSTRAINTS')
HEWLINE

300:

SENDCFPROGRAM



RUNCFNEW80O)

Data set: REAL 13 (1=60,J=5,Q=20,T=30)

D0 YOU WANT EACH ITERATIONT

‘YES”

EVALUATIONS? 20

00 YOU WANT TO START AT THE BEGINNING?
'YES

HOW MANY SCHEDULE LIMITS?

0

TIGHT ALLOCATIONS:
O 0 0 0 0 0
O 0 0 0 0 0
O 0 0 0 & &

[ e ]
S OO
=R e Rel
SO0

SET-UF TIME: 1,369

ITERATION? 1
SHORTAGES: 271

SHORTAGE OF 17 ON WARD 4 IN WEEK ¢

16 0 % 0 710 0 0 0 0

O 0 0 0 0 0 0 0 0 0

O 0 0 0 0 0 0 0 0 O
ITERATION TIME!: 0.411 TOTAL TIME:

ITERATION: 2
SHORTAGES: 227

SHORTAGE OF 13 ON WARD 4 IN WEEK %

146 0 5 0 710 0 0 0 0

O 0 0 0 0 0 0 0 0 0

0 0 0 0 0 0 0 0 0 4
ITERATION TIME: 1.178 TOTAL TIME:

ITERATIONS 3
SHORTAGES: 242

SHORTAGE OF 19 ON WARD 2 IN WEEK 5
8 0 % 0 710 0 8 0 o0
0O 0 0 0 0 0 0 0 0 0
© 0 0 0 0 0 0 0 0 4
ITERATION TIME: 1.183 TOTAL TIME:

ITERATIONS 4
SHORTAGES: 213

BHORTAGE OF 17 ON WARD 2 IN WEEK 5
8 0 3 0 710 0 8 2 o
0O 0 0 0 0 0 0 0 0 ©
O 0 0 0 0 0 0 0 0 4
ITERATION TIME: 1.307 TOTAL TIME:

ITERATIONS 3
SHORTAGES: 198

SHORTAGE OF 14 ON WARD 2 IN WEEK &
8 0 2 0 710 0’8 2 0
0 0 0 0 0 0O 0 0 0 0
1 0 9 0 0 0 0 0 0 4

ITERATION TIME: 1.317

1.827

3.040

4.258

S5.601

TOTAL TIME: 6.953

HEURISTIC METHOD
Sample output
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ITERATIONS &
SHORTAGES?: 149
SHORTAGE OF 12 ON WARD 2 IN WEEK ©

8 0 2 0 710 0 4 2 0
0 0 0 0 0 0 0 0 0 0
S 0 0 0 0 0 0 0 0 4
ITERATION TIME! 1.336 TOTAL TIME: 8.324

ITERATION? 7
SHORTAGES: 136
BSHORTAGE OF 10 ON WARD 4 IN WEEK 7

8 0 2 0 410 0 4 2 0
O 0 0 0 0 0 0 0 0 0
8 0 0 0 0 0 0 0 0 4
ITERATION TIME: 1.330 TOTAL TIME: 9.489

ITERATION? 8 =
SHORTAGES: 100
SHORTAGE OF 7 ON WARD 1 IN WEEK 16

8 0 2 0 4 5 0 4 2 0
¢ 35 0 0 0 0 0 0 0 0
g 0 0 0 0 0 0 0 0 4
ITERATION TIME: 1,222 TOTAL TIME: 10.946

ITERATION? 2
SHORTAGES: B0
SHORTAGE OF S ON WARD 1 IN WEEK 14

8 0 2 0 4 3 0 4 2 0
0 5 0 2 0 0 0 0 0 0
g 0 0 0 0 0 0 0 0 4
ITERATION TIME: 1.221 TOTAL TIME: 12.203

ITERATION: 10
SHORTAGES: 65
SHORTAGE OF 5 ON WARD 4 IN WEEK 7

g 0'2 ¢ 4 3 2 2 2 0
o 3 0 2 0 0 0 0 0 0
8 0 0 0 0 0 0 0 0 4
ITERATION TIME: 1.246 TOTAL TIME: 13.484

ITERATION: 11
SHORTAGES: 94
SHORTAGE OF 4 ON WARD 4 IN WEEK 9

g 0 2 0 2 3 2 2 2 0
0O 3 0 2 0 0 0 0 0 0
8 0 0 0 0 0 0 0 2 4
ITERATION TIME: 1.389 TOTAL TIME: 14.909

ITERATION: 12
SHORTAGES: 71
SHORTAGE OF & ON WARD 2 IN WEEK 5

13 - 2
oo
[oal N
SRS
SO

3
0
0

(=
[ ]
- RO
b OO

ITERATION TIME: 1.736 TOTAL TIME: 16.480



ITERATION: 13
SHORTAGES: 52
SHORTAGE OF S ON WARD
4 g2 B @ g 3
0 5 0 2 0 0 0
8 0 0 0 0 0 0
ITERATION TIME: 1.482
ITERATION: 14
SHORTAGES: 44
SHORTAGE OF 3 ON WARD
b 0, 2 0 2 3 3
0 5 0 2 0 0 0
8 0 0 0 0 0 0
ITERATION TIME! 2.346
ITERATION: 15
SHORTAGES: 38 :
SHORTAGE OF 2 ON WARD
& 0 2 0 2 2 3
0O 6 0 2 0 0 0
8 0 0 0 0 0 0
ITERATION TIME!: 1,489
ITERATION: 16
SGHORTAGES: 32
SHORTAGE OF 2 ON WARD
& 0 2 0 2 2 3
0O 6 0 2 0 0 0
8 0 0 0 0 0 0
ITERATION TIME: 1.702
ITERATION: 17
SHORTABES: 23
SHORTAGE OF 1 ON WARD
& 0 = 0 g % 3
0O 6 0 2 0 0 0
8 1 0 0 0 0 0
ITERATION TIME!: 2.340

ITERATION: 18
SHORTAGES: 19
SHORTAGE OF 1 ON WARD
a o 1 0 2 1 3
0O &6 0 2 0 0 0
8 1 0 0 0 0 0
ITERATION TIME: 2.428

ITERATION?
SHORTAGES?

SHORTAGE OF

SO =

4 0
o 4
g 1

ITERATION

12
15

1 1
0 0
o 0

SO

TIME: 1.404

1 ON WaRD

ST b

SO

S OR

S Sk

OO

OO

2 IN WEEK 12

SR &
£SO

TOTAL TIME: 18.397

IN WEEK 3
3 0
0o o0
2 4

TOTAL TIME: 20.799

IN WEEK 5
3 0
0 0
2 4

TOTAL TIME: 22.523

IN WEEK 12
3 0
o 0
2 5

TOTAL TIME: 24.260

IN WEEK B8
3 0
o 0
2 5

TOTAL TIME: 26,641

IN WEEK 14
3 0
o 0
2 .3

TOTAL TIME: 29.104

IN WEEK 2
3 0
0 0
2 5

TOTAL TIME: 30.743

-

382



ITERATION: 20
SHORTAGES: 11

SHORTAGE OF 1 ON WARD
6 0 1 0 1 0 4
o 6 0 2 0 0 1
8 1 0 0 0 0 0
ITERATION TIME: 2.933
SOLUTION= 11
& 0 1L 9 1 0 3
0 6 0 2 0 0 1
8 1+ 0 0 0 0 0
DEFICITS:
1 1 1 0 0 0 0
= 9 @ ¢ 1 9 9
0 0 0 0 ¢ 0 0
=f: sl = 9 49 1 1
i 0 0 0 -1 -1 -1
HOW MANY MORE EVALUATIONS?T
10
ITERATION: 21
SHORTAGES 9
SHORTAGE OF 1 ON WARD
6 0 1 0 1 0 4
0 72 0 2 0 0 1
g8 1 0 0 0 0 0
ITERATION TIME: 1.384
ITERATION: 22
SHORTAGES: -]
SHORTAGE OF 1 ON WARD
6 0 1 0 1 0 4
0O 6 0 2 0 0 1
8 1. 0 0 0 0 0
ITERATION TIME: 2,612
SOLUTION= L]
5 0 1 0 1 0 4
O 4 0 2 0 0 1
g r o 0 0 9 ©
DEFICITS:
0 0 0 0 0 0 0
o 0 0 0 0 0 0
O 0 0 0 0 0 0
o 0 0 0 0 0 0
O 0 0 0 0 0 o
TOTAL ALLOCATIONS:
bl 0 1
0 =) 0
8 1 0

1 IN WEEK
1 3 0
1 0 0
o 2 5

O

e OO0

2

[=R_ ]

O SO

SO OO0

TOTAL TIME:

3 0
o 0
2 3
0 0 0
0O 0 o0
0 0 0
o 0 0
0 0 0
IN WEEK
3 0
0o 0
a2 5

TOTAL TIME:

IN WEEK 1
3 0

0 0

3 5

TOTAL TIME:
3 0

o 0

3 6

0O 0 0 o0
Q @ 6 0
e 9 9 0
o 0 0 0
o 0 0 0O
0 1
2 4]
0 &

1

SCOC OO

33.712

oo Co

35.436

38,080

SO oo

COOO0

CO oo

&~ C o

SCSCOOCO

COCoOO

COC OO

[=RolsRale]

COC OO

SO OSO

O oo

CCoCC

OO O

CC oOCOoOO

OO CE

(=ReRaele]

LE8 B o

[ e N e
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