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Abstract

We introduce a quantitative model that can be used for decision support for planning and
optimizing the composition of portfolios of market-driven academic programs within the context
of higher education. This model is intended to enable leaders in colleges and universities to
maximize financial performance of the selection of market-driven academic programs while also
achieving qualitative targets for dimensions of the portfolio (e.g., mission alighment, student
demographics, and faculty characteristics). This model is then applied to a case from a school of
continuing education at a prestigious private university in the US. The results of the case highlight
the potential positive impact of utilizing a model such as this for planning purposes.
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1. Introduction

Academic education is an important enabler for economic growth and expansion (Schultz, 1973; Seers,
2007; Denneen, 2012; Teixeira, 2016). Colleges and universities offer a variety of academic program types
including traditional academic-focused bachelors, masters, and doctoral degree programs, market-driven
degree programs, and other non-degree program offerings. To develop and maintain these programs, funding
from the operating budget of a college or university is required. The operating budget is made up of many
components. Some of these components are net negative financially for the overall budget (e.g., funds used
exceed funds created by research in many cases, overhead expenses, PhD programs, traditional
undergraduate programs, centers and institutes) while other components are net positive financially (e.g.,
funds created exceed funds used by non-traditional undergraduate programs, executive education, and
market-driven masters degree programs). To ensure that the overall operating budget is balanced and
provides funding for the core activities of the organization, strategic planning at the college and university
level is employed and critical.

Over time, expenses in operating budgets have increased at a faster rate than sources of funding have
grown and many colleges and universities are finding themselves in a difficult financial situation (Selingo,
2013; Denneen, 2012; Lyken-Segosebe, 2013; Drucker, 1997). As a response to these financial issues, colleges
and universities are in-part, investing significantly in market-driven academic programs (Seers, 2007; Altbach,
2007; Hemsley-Brown, 2010; McDonald, 2007). These programs leverage academic research in a variety of
disciplines as well as leading practices from industry to prepare students to address opportunities and
challenges that exist in these areas of focus. Market-driven academic programs that address market gaps and
needs for employee development of specialized skills, knowledge, and capabilities have the potential to not
only impact society in a positive way, they can also play a key role in addressing the financial challenges of the

colleges and universities who effectively address these market needs. That said, a balanced focus on financial



performance, academic quality, reputation, and mission realization is desired and more likely to have a long
term positive impact (Weisbrod, 2008; Chetkovich & Frumkin, 2002; Herman & Renz, 1998).

Colleges and universities can work to balance this dual objective of financial growth and quality by
proactively managing sets of market-driven academic programs as a portfolio of programs. Portfolios of
market-driven academic programs include multiple programs each with their own design, focus, and
outcomes. These designs, foci, and outcomes result in programs that exhibit differing levels of alignment with
desired portfolio dimensions. For example, one program could be very much in line with financial objectives
for the portfolio, but be very far away from the mission desired for the portfolio. Another program could be
the opposite. In this simplistic example, at a portfolio level, the financial and mission dimension objectives
could both be achieved even though neither fully achieved by each and every program. Management of the
portfolio is thus important to achieve the objectives of each dimension. This can be accomplished by adding
new programs into the portfolio, redesigning elements of programs that exist within the portfolio, or
removing programs from the portfolio. By viewing sets of market-driven programs as a portfolio of programs,
all boats rise as these market-driven academic programs become a provider of much needed financial support
for other areas of the college or university as well as contribute in new and different ways in the form of
interdisciplinary and academically robust programs.

Significant complexity exists for many colleges and universities in planning for and managing the portfolio
of market-driven academic programs and capabilities are still emerging (Friga, 2003). Traditionally, the
maintenance and development of a portfolio of market-driven academic programs has evolved somewhat
organically. In some cases, programs are launched or maintained as a result of an individual faculty member
who is involved. Perceived market need, emulating competition in the market, or a personal interest of
leadership are other drivers. Based on the observations of the researchers, some qualitative analysis is

performed by colleges and universities to assess each program in the context of the overall portfolio for



dimensions considered important for each college or university. Financial modeling is virtually always
performed, however, as described above, this is only one dimension of the objective of leading colleges and
universities operating in this space (Weisbrod, 2008). For both individual programs and the portfolio of all
programs, objectives associated with financial performance are key drivers for decision making in the
management of the portfolio. Additionally, qualitative objectives tied to academic quality, mission alignment,
student demographics, and many other dimensions of the individual programs and the portfolio exist as well
and must be taken into account. Balancing these dimensions to achieve the desired impact of the set of
programs is critical and as the number of these programs increases within colleges and universities, proactive
strategic planning and management are required.

While strategic planning in colleges and universities has been researched significantly (e.g., Keller, 1983;
Fathi, 2009; Machado, 2010) and its importance clear, limited research on decision models to support
portfolio planning exists especially as it relates to market-driven academic programs. Additionally, while
program dimensions are analyzed retroactively, limited research exists tying these variables to proactive
planning efforts to maximize the value of any qualitative dimension of a program or portfolio. Given the
number of programs that can exist in a portfolio of market-driven academic programs, the financial and
gualitative dimensions that are important to measure and monitor (Bilder, 1996; Sawhill, 2001), and the
growing importance of these programs to colleges and universities, more sophisticated strategic planning
models are required.

Strategic planning research for colleges and universities to this point has been focused primarily on
implementing processes for strategic planning (Keller, 1983; Fathi, 2009; Machado, 2010) with limited
research related to developing models for program planning specifically. Wells and Wells (2011) for instance
have developed a qualitative model to assist leaders in strategic planning for managing a program portfolio.

Using a model adapted from the General Electric McKinsey Product Portfolio Model, two dimensions,

4



attractiveness of the academic program's marketplace and capabilities of the program and institution, are
utilized to balance the market risk of a portfolio. Francis (2011) also provides significant detail on
considerations at the program level for new program development processes for individual professional (e.g.,
market-driven) science masters programs. The models presented in the existing research are primarily
gualitative with the exception of notable recent work by Labib (2014) where operations research techniques
are used as a decision support model for high-level strategic planning for colleges or universities. Labib focuses
on providing senior leadership in a college or university a model for their high-level entity strategic
development “to model the changing scenarios in order to refine their strategic plans in response to external
and internal drivers” (Labib, 2014: 887). However, their approach does not cover models for use in planning
and optimization of market-driven portfolios of academic programs to inform complex decisions and
environments.

In this paper we introduce a quantitative model that can be used as a decision support model for
optimizing the composition of portfolios of market-driven academic programs. This model seeks to maximize
financial performance of a portfolio of market-driven academic programs during a desired planning time
period while also achieving targets for other non-financial dimensions of the portfolio (e.g., mission alignment,
student demographics, and faculty characteristics) by deciding which programs to add, redesign, and/or
remove for each year of the planning period. The output of the model is a program management schedule and
development plan for the desired planning time period. We use an integer linear program (i.e., mathematical
optimization) to describe the portfolio optimization problem. Integer linear programs are widely used for
optimizing portfolios of financial and non-financial products and services in non-educational settings (e.g.,
Markowitz, 1952; Dantzig, 1963). The impact of (integer) linear programming on practice and theory has been
significant. Some examples can be found in Troutt (1983), Mansini et al. (2014), Abbassi et al. (2014), and

Schrijver (1999). An elementary overview on possible application of linear programming in practice can be



found in Kanu et al. (2014). In order to use an integer linear program for our model, we must incorporate
qualitative data into our quantitative model. To do so, we first discuss two methods of quantifying qualitative
information related to market-driven program dimensions in the following section.

This paper adds to current theory and practice by applying operations research techniques to the problem
of portfolio optimization in the context of market-driven academic programs in a college and university. To our
knowledge no research on quantitative models exists for strategic planning in higher education especially as
they relate to portfolio optimization. Given the importance of academic education to economic growth and
expansion, more effective decision models are important to not only address market needs, but also to
address the financial challenges within colleges and universities. This paper contributes significantly by
providing a model for optimizing both financial and non-financial dimensions of portfolios of market-driven
academic programs. Further, this model is applied to a case from a school of continuing education at a
prestigious private university in the US. The results of the case highlight the potential positive impact of
utilizing a model such as this for planning purposes. Financially, the model results in almost double the
financial surplus than without the model while also achieving higher scores for all non-financial dimensions
measured for the portfolio analyzed.

The remainder of this paper proceeds as follows. Section 2 discusses methods of quantifying qualitative
market-driven program attributes. Section 3 introduces the integer linear programming model that provides
an optimal program portfolio management and development plan for a desired planning time period. Section
4 applies the model to a case a school of continuing education at a prestigious private university in the US and

illustrates how it can be utilized by a college or university and shows its potential impact. Section 5 concludes.



2. Quantifying qualitative market-driven academic program elements

Market-driven academic programs and portfolios of such programs have multiple dimensions of financial
(e.g., revenue) and non-financial (e.g., faculty characteristics) measurement that are unique to each college or
university. Each of these dimensions consists of one or more elements that are combined to determine the
dimension score. Since some of these elements have a qualitative nature, we first need to assign quantitative
scores to these qualitative elements. We describe two approaches of quantifying qualitative program
elements in this section and then illustrate how they can be utilized to calculate the dimension score for an
individual program and a portfolio of market-driven academic programs.

The first approach to assign a quantitative score for a qualitative element is to select a score based on a
rubric established by an organization and assign that score to the element. Such a rubric transforms a
measurable qualitative score into a score between 0 and 5, the so called rubric score for a given element E,

i.e.,

(1)  Rubric Score (E) = anumber between 0 and 5 obtained from one or more rubrics

For example, a typical element for assessing the faculty characteristic dimension is the number of
publications in specific types of journals. A rubric for the number of publications could be created by the
college or university to transform this element into a score between 0 and 5. The rubric may prescribe that
three publications in top journals in one year will lead to a score of 5 whereas three publications in non-peer
reviewed journals will score a 2. This score would be recorded for the individual faculty member and leveraged
as part of an overall calculation of the faculty characteristic dimension for a program. Rubrics for element

scoring can be established by leadership teams and committees within the college or university and given that




rubrics reflects the unique objectives and data available to each college or university, it is possible that
different scores at different institutions will be established.

The second approach for quantifying qualitative program elements considers that an organization could be
interested in the determining the degree of achievement of a certain target or optimal mix within the
element. For instance, for the faculty characteristic dimension, a college or university could also be interested
in achieving a certain target percentage of faculty have doctoral degrees. As colleges and universities seek to
create balance in the amount of academic and practitioner expertise, faculty members with doctoral degrees
not only bring the desired academic experience and rigor desired, they also have the potential to add
substantively to the academic quality of the program. For this example, let’s assume that a college or
university seeks an optimal mix where 75% of their faculty members have a doctoral degree. When this target
is achieved, a score of 5 on a scale from 0 to 5 for this element is determined. Calculating the so called target
score for an element E first requires determining the absolute distance from the target and then converting it
into a score between 0 and 5. The latter is performed in order to combine the rubric and target scores as
desired in determining the overall score of dimension. Henceforth, the target score of an element E is defined

as follows.

|Target Value — Actual Value)|
(2) TargetScore(E) = 5%|1—

Target Value




Using the introduced rubric and target score for a data element E, we can now calculate the dimension score
of a portfolio of programs. Before this can be established we will define the score for an individual program
made up of one or more elements. In the following, we will denote both the rubric score and target score of
an element E by score(E), since it will be evident from the nature of the element whether we are dealing with
a rubric or target score.

Consider a set! of programs, portfolio PP, that consists of n programs Ps, P, ..., Pn. Next consider a specific
dimension, D, and assume that the dimension D is specified by m data elements, Ej, E;, ...,Em. For each
program P;, where i =1, ..., n, we determine the dimension score D. To do so, we introduce a set of non-
negative weights W, W, ..., W, with the properties Y.7=, W, = 1 and W}, > 0 for each element. Each weight
reflects the importance of its corresponding element in the dimension score, i.e. weight W1 corresponds to Ej,
et cetera. Then the dimension score D for program P;is defined as the sum of the weighted scores of the

elements, i.e.,

m
(3) DimensionScore,(P;) = z Wy score(Ey) for eachi € PP
k=1

Observe that the individual program dimension score is a number between 0 and 5 by the definition of the
rubric and element score and the definition of the weights. The following example illustrates the calculation of
the individual program dimension score for the faculty characteristic dimension that is measured using two
elements.

Example: In this example we assume that the faculty characteristic dimension, i.e., D = 1, score uses the two

elements previous determined, research productivity (Ez) and percentage of faculty with a doctorate degree

A set is a collection members (e.g., programs, years). For a given set A that includes members {a,b,c}, the symbol € is used to
denote that ais a member of A, i.e. a € A.
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(E2). A college or university would only need to establish the desired weight for each of these elements to
calculate the dimension score. Assume that the college or university values these elements equally and sets
the weight for each to 50% of the total dimension score (i.e., W1= W> = 0.5). Using the previously described
two methods of quantifying qualitative program elements, the faculty characteristic dimensions score for each
program can be calculated. The left-hand side of Figure 1 illustrates the calculation of the score of the faculty
characteristics for each program P;,i = 1,2, ..., 9. For example, utilizing a rubric to establish the score for
research productivity, for Program 3, i.e. Ps, in the portfolio of nine market-driven academic programs has a
research productivity element score of 4, i.e. score(E1) = 4. Also, given that the percentage of faculty with a
doctorate degree in Program 3 is 30% and the target percentage is 75%, using formula (2) to calculate the

target score for the percentage of faculty with a doctorate degree element score (E2), a score of 2 is

|75%—30%|

determined, i.e. score(E;) = 5 * (1 —ry

) = 2. Hence, the score of the faculty characteristic

dimension is, using formula (3) is DimensionScorep(P;) = 0.5 %4 + 0.5 * 2 = 3.0. [

In the final part of this section we will determine the dimension score of the portfolio PP. Assume that in
the market portfolio PP, each program P; has H; students and the total number of students in a portfolio is 7,
i.e. T = X", H;. In order to demonstrate the relative importance of each program in the portfolio, the
percentage of students in a specific program is compared to the total number students in the portfolio. Using
the proportion of each program’s enrollment to the total enroliment for the portfolio enables the dimension
score for the portfolio to be reflective of the variation of program size and the impact to the overall portfolio.
The portfolio score for the dimension Dis calculated by summing the product of the dimension score (D) for
each program (P;) and the proportion of the total headcount of the program (H;) as related to the total

headcount of the portfolio (7), i.e.,
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n
(4) DimensionScore,(PP) = z DimensionScorep (P;) * (H; / T))

i=1

The following example illustrates the calculation of the portfolio score for a specific dimension.
Example: As illustrated in the right-hand side of Figure 1, for this portfolio, the faculty characteristic
dimension weighted portfolio score is calculated for each program by multiplying the proportion of the total
headcount of the program as related to the total headcount of the portfolio by each program’s faculty
characteristic dimension score. For example, Program 3, i.e. P53, in the portfolio of nine market-driven
academic programs has a faculty characteristic score of 3.0, i.e. DimensionScorep(P;) = 3.0. Multiplying
the DimensionScorep (P;) by the proportion of students in Program 3, i.e. H; = 50, relative to the total
student headcount in the program portfolio PP, i.e. T = 380, yields the Program 3 individual program
weighted score, i.e. DimensionScorep(P3;) * (H3/T) = 3.0 * (50/380) = 0.39. Using formula (4), all
individual program weighted scores are then summed to determine the faculty characteristic dimension score

for the portfolio, i.e. DimensionScore,(PP) = 2.29. [
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Individual Program (i) Faculty Characteristic

Dimension Score Calculation Calculation of Weighted

p N N Portfolio Score
A
s N
Research % of Faculty Faculty Program Weighted
PROGRAM Productivity | w/ Doctorate | Characteristic | Headcount Score
PORTFOLIO Ey E, Score (T1=380) | _
(W,=50%) | (W,=50%) | (imensionscoreg(p) | (H,/T) | (Oimensionscorey(e)
[ progms ] 1 5 30 0/380 0.00
[ progam2 ] 2 1 15 10/380 0.04
[progems ] 4 2 3.0 50 /380 0.39
[ Progms ] 2 1 15 100 / 380 0.39
= 1 1 1.0 0/380 0.00
[rrogeme ] 1 2 2.5 30/380 0.20
[ roeom7 ] 1 3 20 40/ 380 0.21
[ roseme ] : 1 10 s0/380 | 0.3
[prowems ] 5 2 3s 100/380 | 092

Weighted Portfolio Faculty Characteristic Score (DimensionScorep(PP)) = 2.29

Figure 1: Example calculation of weighted-average faculty characteristic dimension score for a portfolio

As described above and illustrated through the faculty characteristics dimension score calculation
example, it is possible to leverage this general method of quantifying qualitative program data detailed in this
section to assign quantitative scores to qualitative data. By selecting the elements that are important in
describing each qualitative dimension, determining the selected approach to quantify each element (e.g.,
assigning a score using a rubric or assessing the degree of achievement of a target), and then establishing each
element’s relative weight in the calculation of the qualitative score, a quantitative score can be established for
each qualitative dimension for an individual program. Once the dimension scores are established for each

program, the overall portfolio score is determined using the relative size of each program in the overall
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portfolio. These steps can be followed by colleges and universities to quantify many types of qualitative

dimensions of academic programs.

3. General Portfolio Planning Model

We introduce a quantitative model that provides support in selecting the composition of portfolios of
market-driven academic programs for a desired planning time period in order to achieve the desired financial
and non-financial objectives of a college or university. As discussed previously, portfolios of market-driven
academic programs have evolved somewhat organically in the past in part as a result of the complexity of
measuring qualitative objectives (e.g., faculty characteristics) and the limited ability to balance these
objectives with financial objectives. The former challenge is addressed using the methods presented in the
previous section to quantify qualitative market-driven academic program elements and as a result of
guantifying this information, an integer linear program can be utilized to address the latter challenge.

Optimization utilizing linear programming is well established as a technique for analyzing many complex
decision or allocation problems (Kanu et al., 2014; Newman, 2013). As Luenberger states, “it offers a certain
degree of philosophical elegance that is hard to dispute, and it often offers an indispensable degree of
operational simplicity. Using this optimization philosophy, one approaches a complex decision problem,
involving the selection of values for a number of interrelated variables, by focusing attention on a single
objective designed to quantify performance and measure the quality of the decision. This one objective
[function] is maximized (or minimized, depending on the formulation) subject to the constraints that may limit
the selection of decision variable values.” (Luenberger, 2008: 1)

The specific complex design problem we seek to inform is in establishing the annual composition of a
portfolio of market-driven academic programs in a way to achieve the financial and non-financial objectives of

the college or university. The output of the model is a program management schedule to achieve the desired
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results (e.g., programs to add, continue, and/or modify). Figure 2 illustrates the potential output of the model
for a 5-year planning time period. At the start of the planning period, the portfolio consists of 6 programs and
over the course of the five years, the portfolio grows to 8 programs with only 2 programs remaining the same
as in Year O (program 3 and 6). Two programs are modified during this planning horizon (program 2 and 4),
and 4 new programs are added (program 7-10). Additionally, 2 programs are no longer matriculating new

students (program 1 and 5).

PROGRAMS
EXISTING AT START
OF PLANNING
PERIOD YEAR 1 YEAR 2 YEAR 3 YEAR 4 YEAR 5

e HEE

:
§

¥

Figure 2: lllustrative Model Output

In the remaining part of this section we will provide the formal description of the integer linear program
problem that is used in this paper.

Decision variables and parameters. In the general form of the model, decision variables for our integer linear
program are the number of programs to add, continue, and modify for each year in the planning period are
required. These decision variables will be solved to achieve the desired objective function subject to the

constraints identified. If we denote N as the set of new program types, E as the set of existing program types,

=
N



M as the set of modified program types, and Y as the number of years of planning including the starting year

indicated by year 0, the following decision variables can be established.

Ni; number of new program type i launched in year j, wherei E N; j €Y
Eij number of existing program type i running in year j, wherei € E; jEY
M;; number of modified program type i launched in year j, where i € M; j € Y

Given programs cannot be partially in any of these states, the decision variables associated with adding,
continuing, and/or modifying programs can only take a non-negative integer value (i.e., 0, 1, 2, etc.). This
restriction makes our problem an integer linear programming problem.

A key input, described by several parameters in the general model, is detailed information for each
‘program type’ either existing currently in the portfolio or available to be developed by the college or
university. Program types are defined by the college or university and financial and non-financial element
scores are defined for each type for each year of the program’s life (e.g., first year of running, ramp-up, and
steady state). Many options exist for colleges and universities when developing new programs. The model
assumes one or more program types are available to launch for new programs to be developed. For modified
program types, it is assumed that existing programs are converted to one of the new program types available.
Given pre-existing students, faculty, courses, and other elements are in place for the existing program, the
financial objective measure and all required non-financial dimensions selected by the college or university for
each program type are adjusted and are available to the model.

The variable amount of investment capital the model allocates each year is also an important decision
variable in the general model. Program development and/or modification in the initial years can have a
negative surplus (e.g., revenue — expense) while the program is ramping to desired returns. For colleges and
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universities, it is typical to have capital available that can be utilized to fund these investments. Investment in
the model is assumed to be allowed in any year of the planning, however, there is a total maximum amount of
investment capital available for the planning horizon. Each year of the planning horizon, the model determines
how much investment capital to allocate to the portfolio.
I; amount of investment capital provided in year j, where j €Y
Objective function. For the case of optimizing a portfolio of market-driven academic programs, a college or
university’s objective function could be financial (i.e., revenue, profitability, cost) or qualitative (i.e., mission
alignment) as the objective function seeks to optimize one dimension. A college or university could seek to
maximize revenue, minimize cost, and/or maximize the mission alignment score of the portfolio. The objective
of this general model is to maximize financial performance of the portfolio during the planning time period (Y)
where Si’y (Sl-b;-, S{]V-’) is the surplus estimated for each new (respectively existing, or modified) program type i €
N (i EE, i €M, respectively)and j €Y.

The result of the objective function (formula 4) is the cumulative surplus for all years in the planning
period (Y). The inner summation calculates the total surplus for all program types in a given year j. The outer

summation then sums each year’s total together to establish a total for the overall planning period.

()  maximize ) () NS+ ) EySE+ ) MySH)

JEY iEeN i€E ieM

Constraints. Constraints may limit the selection of decision variable values and ultimately potentially limit the
achievement of the objective function (Luenberger, 2008). Constraints for colleges and universities with

portfolios of market-driven academic programs can be financial or non-financial and are highly dependent on
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the college or university. Several constraints typically important to colleges and universities are included in the
general model. Colleges and universities have limited resources and capacity to develop new programs.
Programs take considerable time and resources to envision, design, approve, develop, launch, and ramp to
steady state (e.g., grow program enrollment, offerings, and desired outcomes to full scale). Program
modification goes through many of the same stages and requires significant resources and capacity as well. Let
PDC; (PMC;, respectively), with j € Y, denote the maximum capacity to develop new program (modify,
respectively). A natural upper bound on the number of programs that can be newly developed or modified are

ensured through the constraints, i.e.,

(6) z N;j < PDC; foreachj €Y
iEN

(7 Z M;; < PMC; foreachj € Y
ieM

Colleges and universities in most all cases also have financial growth objectives for portfolios of market-
driven academic programs and limited financial investment funds available. A portfolio growth requirement
constraint has also been included in the general model. Let G;, with 0 < G; < 1, be the portfolio growth rate
requirement in year j, IC be the total investment capital available for the portfolio over the planning period,
and [;, with 0 < [; < IC, represent the current year’s investment allocation. Therefore, the portfolio growth
requirement constraint ensures the current year’s total surplus and investment exceed the previous year’s

total surplus multiplied by the targeted growth rate, i.e. 1 + G;. Formally, forall j = 0,1, ..., [Y/-1, we get,

(8) 2 Nijr1Siieq + Z Eij+1Sfis + Z Mij1Siq + I 2

IEN LEE iEM
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iEN IEE ieEM

The final constraint ensures that total investment funds /C for the portfolio are not exceeded for the

planning period by yearly investments [;, j €Y, i.e.,

9) Z I; < IC foreachj € Y

jeY

Additionally, as colleges and universities seek to balance financial performance with the achievement of
non-financial dimensions, the general model leverages the methods described in the previous section to
include constraints on the financial performance to ensure the achievement of targeted non-financial
dimension scores for the portfolio. The general model takes this critical constraint to the financial optimization
into account by utilizing a slight modification of formula (4) from the previous section for each dimension
utilized by the college or university. Let Dy, ..., D, be the set of dimensions that are important to the college or
university. Consider dimension D, for somei € {1, ...,q}, then the corresponding targeted portfolio
dimension scores for the portfolio PP in year j is denoted by DimensionTargetp, (PP)]-. The constraint
should reflect that the portfolio score for a dimension D, in a certain year j must be larger than the dimension

target score of this dimension in that year, i.e.

(10) DimensionScorep,(PP); = DimensionTarget, (PP); for eachj € Y

where the calculation of DimensionScoreDa(PP)j is applied using the headcount for the programs in year j

and formula (4).
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The general model portfolio planning model described above which includes the decision variables,
program type parameters, objective function, and constraints can be solved using appropriate software (e.g.
Matlab). The solution of this optimization problem is an optimal program management plan for a portfolio
that maximizes financial surplus for the period while also achieving the desired non-financial dimension

scores.

4. Case study
To illustrate how the general portfolio planning model described can be utilized by a college or university
and qualitative program elements can be quantified, a portfolio of programs from a school of continuing

education at a prestigious private university in the US (“SCE”) is analyzed.

Case description. Detailed annual program financial and non-financial measures from 2011 through 2015 for a
set of programs were available for this analysis from SCE. During this period, SCE had over 6,500 students
enrolled annually in a variety of interdisciplinary subject areas such as bioethics, sustainability management,
technology management, negotiation and conflict resolution, and strategic communications. The total size of
the portfolio for the school at this time included approximately 55 programs (including 14 master of science
programs).

For this case, data for a portfolio of six masters programs were selected for analysis. These six programs
(fundraising management, construction administration, technology management, sustainability management,
strategic communications, and sports management) were all of the masters degree programs sharing a core
academic domain focus on management. There was limited change during the period between 2011 and 2015
in this set of programs while during the same period, the school expanded significantly. The same six programs

that were present at the beginning of the 5-year planning time period beginning in 2011 were still present in
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their near original form at the end of the time period. Additionally, no new programs were added to this
division during this period. Annually during this timeframe, there were approximately 800 students enrolled in
the division with program size ranging from 80 to 300 students per program. Approximately 50% of the total
population was female (22%-83% range) and 16% of the students in the division were international (4%-29%
range).

Actual financial and non-financial data for each program in this portfolio is available for analysis. Figure 3
illustrates the actual portfolio along with the annual financial surplus of the division and portfolio scores for
the division in the qualitative dimensions of interest for this case: mission alighment, student demographics,
and faculty characteristics. During this period, the portfolio yielded a total of $42.7M in surplus and achieved
scores of 3.49, 2.68, and 3.93 in year 5 (i.e., 2015) in the mission alignment, student demographics, and faculty

characteristics dimensions.

TOTAL/AVERAGE

Financial Surplus 57.83M $9.21M $8.92M $9.06M $7.65M $42.7M
Mission Alignment 325 350 3.58 3.58 3.49 3.48

Score

Student Demographic 226 245 262 2.61 2.68 2,53

Score

Faculty Characteristic 305 3.96 3.95 3.94 3.93 3.95

Score

Figure 3: SCE management programs actual performance: 2011 through 2015
Considerations for planning model. The model described previously allows for considerable tuning to match a

college or university’s strategy, parameters, constraints, and objectives. Incorporating these settings into the
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model and leveraging program financial and non-financial data from SCE programs during this same period, it
is possible to observe the optimal portfolio as compared to the actual results. The difference between the
actual results and the model results could be seen as ‘missed opportunity’ for the school. Specific settings for

SCE’s planning model are described in the following sections.

Parameters. While in theory, there are many types of programs that can be launched by a college or
university, efforts have been underway to develop standardized program designs that seek to optimize
resources and enhance the achievement of learning objectives (Attis, 2014; National Research Council, 2008;
Council of Graduate Schools, 2011). SCE, during this period, was also working to minimize variation and
simplify the program design, development, and execution of market-driven academic programs. To achieve
these objectives, the school targeted three main standard program types for new program development and
program redesign. Size of the cohort was the most significant element defining the program types for two
main reasons: internal planning models used 25-person course sections for instructional staffing and expense
models and depending on the subject area, market demand for a program was roughly estimated to fall into
one of three categories, i.e., 25-, 50-, or 75-person cohort sizes. The size of the program type also had
ramifications on the expenses required to support the program and these have been considered in the
financial projections utilized by the model for each program type.
e Type 1 (“small/boutique program”): 25 person cohort annually, $100,000 program support, 15% of
revenue allocated expense rate, 50% part-time student enrollment, 12 classes, $50,000 startup
marketing. These inputs lead to program surplus Sy (S1;,S17) for eachj € Y.
e Type 2 (“mid-sized program”): 50 person cohort, $160,000 program support, 20% of revenue
allocated expense rate, 50% part-time student enrollment, 12 classes, $100,000 startup marketing.
These inputs lead to program surplus S3; (53, S57) for eachj € Y.
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e Type 3 (“large program”): 75 person cohort, $220,000 program support, 25% of revenue allocated
expense rate, 50% part-time student enrollment, 20 classes, $200,000 startup marketing. These
inputs lead to program surplus 5% (S3;,53}) for eachj € Y.
Observe surplus levels for each program type vary for new, existing, and modified programs given that varying
levels of current student enrollment and revenue, courses, and other considerations for existing and modified
programs will impact the level of surplus and timing for ramping programs to the desired level.
There are nine program type decision variables each year j, i.e. Ny j, Ny j, N3j, E1j, Eyj, E3j, My j, Myj, M3;. In
the year prior to start of the planning period, year O, Nyg, N5, N3}, Ey j, E5j, E3j, M1, M, M3; all have a value

of zero.

Objective. As part of the overall university operating budget, SCE was intended to be net positive financially to
offset other components that are not. SCE’s financial objective was to maximize cumulative financial surplus
(i.e., revenue — expense) for the planning period, i.e. adding the values corresponding to

S{\}, 55-, and S{‘j’-’ representing the financial surplus for each program type obtained in all years. For SCE,
revenue was primarily tuition revenue and was calculated by multiplying the total number of credits students

were enrolled in for the fiscal year by the credit tuition rate for the program. Total expense for a program type

was a combination of direct and allocated expenses as described in the program type section previously.

Constraints. SCE desired to maximize cumulative financial surplus for the portfolio of management programs
while also achieving targets in the areas of mission alignment, student demographics and faculty
characteristics. Additionally, constraints for program development and modification capacity as well as

investment capital available were present for the school during this period.
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Mission alignment measures the alignment of the program to the mission of the school or unit (0-low and
5-high mission alignment). Measuring mission in a university or any nonprofit organization is fraught with
complexity. Sawhill and Williamson (2001) illustrate this complexity through their analysis which includes over
thirty nonprofit organizations and Palmer (2008) provides an in-depth view of variance between mission
statements among business schools. Measuring mission alignment for nonprofit organizations is non-
standardized and likely very important for organizations that hold mission and impact very close.

The mission alignment dimension score for an individual program for SCE during this time period was
informally determined by five elements: area of interest for school (E;), association with other programs (E>),
alignment with other areas of university (E3), existing market need (E,), and degree of program innovation
(E5). SCE had a desire to develop programs and serve faculty and students in areas where there was alignment
in subject area domain both internally at the school and at the University. This enabled SCE to build on existing
brand and capabilities, extending and growing on a solid foundation. Additionally, the school’s role at the
University was to be innovative and market-responsive in developing new programs and offerings in current
domains and emerging domains and given the broad range of subject area domains possible, interest for the
school in the domain was also a key consideration. Using the rubric approach described in section 2, each of
these elements were assigned a score between 0 and 5. Additionally, these five elements were considered
equally important to the mission of SCE. Therefore, the weight of each element was chosen to be equal, i.e.
Wi=W,=W;3=W,=W5= 0.2, in the calculation of the mission alignment dimension score using formula (3). SCE
then sets an annual minimum target for the overall portfolio mission alignment dimension score. Mission
alignment is critical and the school worked diligently to improve over this period, so a ramping dimension
target for the portfolio over the 5-year period from a score of 3 in year 1 to a score of 4.5 in year five is

assumed in the model.
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Colleges and universities that focus on market-driven academic programs are keenly aware that the cohort
of students assembled is critical to the success of individual programs and the overall organization as well.
Market-driven academic programs are designed to address specific needs of the market and student
demographics come into play significantly in the design of each program. For example, if the market demands
individuals who have 5-8 years of work experience in addition to a graduate degree, the program will be
designed to fit the needs of a population who has some work experience versus covering elements that would
be considered too basic for the students enrolled. For example, in response to an increasing international
student population, business schools are working to develop ways to incorporate new elements into their
curricula to foster success for these students (Zhang, 2016)

Additionally, from a recruitment perspective, it is important for most all colleges and universities to bring
in top candidates for each program. Tracking the realization of this objective is important to the long-term
success of the program as well as the college and university. Matriculating students who are not at the
standard of the program likely will cause the program to be perceived by the market poorly and lead to limited
value of the program in the market.

There are many potential student demographic dimensions related to the student population that colleges
and universities could be interested in analyzing and managing. Gender, GPA of incoming population,
percentage of students with previous degrees, undergraduate degree, and amount of previous work
experience are just a few. The student demographic dimension score for SCE during this time period primarily
used only two student demographic elements: percentage of international students enrolled (E;) and gender
balance (E,). Percentage of international students is a measure of internationalization of the student
population in a given program. Gender balance measures the variance from target equal representation of
each gender in a program. During this period, SCE was aggressively growing the number of international

students in programs both to diversify the cohorts and diversify the sources of students for the portfolio.
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Additionally, while the school was evolving into a data-driven organization where many program elements
were codified and available, gender was one of the fields that was more readily available during this entire
period. Data such as undergraduate GPA, other schools attended, etc. was not codified in a way where it could
be easily reported on during this time. The target score method in formula (2) is used to calculate the
difference between the target and actual program performance for both elements. For SCE, each of these
elements resulted in a score between 0 and 5 was calculated. Similarly to the mission alignment score, the
elements that influence the student demographic score are considered to be equally important, i.e. Wi=W>=
0.5. SCE then would have set an annual minimum target for the overall portfolio student demographic
dimension score. At the start of this planning period, SCE’s portfolio scored poorly (i.e., 2.26) and the school
worked to improve over this period. A ramping target dimension score over the 5-year period from a score of
2.35in year 1 to a score of 3.50 in year five is assumed in the model.

As discussed previously, for market-driven academic programs, significant consideration is put into
determining the appropriate characteristics of the faculty to best achieve the objectives of the program as well
as the college and university. The faculty characteristics dimension score for SCE during this period was
calculated using primarily one element: the percentage of faculty in the program who were full-time faculty
versus faculty who were practitioners in the discipline/field of study (E;). SCE was primarily focused on this
element during this period given little standardization in the requirements for faculty existed at the school
level. Most requirements were at the program level and these requirements varied significantly limiting the
value of analysis across the portfolio. Again the target score is utilized for this dimension. For SCE, a score
between 0 and 5 was calculated. Observe, since only one element influences the faculty characteristic
dimension we have that this element receives all the weight, i.e. W1=1.0. Given the sole focus of the school on

this limited measure for the portfolio, the faculty characteristic score was higher than the other non-financial
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dimensions, i.e. 3.95, so it is assumed that SCE would like to increase this score over the 5-year planning
period from a score of 4.00 in year 1 to a score of 4.20 in year five.

Desired annual financial surplus growth for the portfolio is a constraint in the model to ensure annual
growth targets are achieved in addition to the cumulative financial surplus for the planning period. For SCE, a
target of 10% growth over the previous year’s financial surplus was required, i.e. G;=0.10for all j € Y). The
10% annual growth rate was an expectation from University leadership as part of multiyear planning effort
that had taken place in 2009.

At SCE during this period, three programs were able to be developed annually (PDC; =3 forall j € Y) and
two programs were able to be modified annually (PMC; =2 for all j € Y). This capacity constraint was a result
of both limited direct staffing to design, develop, and implement program development and/or modification
efforts as well as limited resources in shared services (e.g., admissions, student affairs, etc.) required to
support these efforts.

In this case, SCE is assumed to have had a total investment capital fund of $1.5M available for the planning
time period (/C = $1.5M). While it is difficult to pull apart investments in the school to improve quality in
existing programs and departments from investments in the growth of new and/or modified programs,
assuming an average cost of development or modification of approximately $50-S100K and given the
development and modification capacity constraints, it is fair to assume that $300K of investment per year on

average would have been estimated for the 5-year planning horizon.

Model output and analysis. Upon configuring the model with the case-specific objective, constraints, and
parameters described in the previous section and leveraging 2011 program data as ‘existing’ programs in the
portfolio, an optimal program management and development schedule is shown in Figure 4. Whereas in the

actual portfolio during this period, all existing programs persisted, no additional programs were added and no
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existing programs were modified, the portfolio suggested by the model includes adjustments in each of these
areas.

Specifically, in year 1, 2 and 3, three additional programs are launched each year (e.g., programs 7, 8, and
9in 2011; programs 10, 11, and 12 in 2012; and programs 13, 14, and 15 in 2013). Three of the original six
programs are modified during this planning horizon (e.g., programs 1, 2, and 6) and two programs are not
executed in one year prior to being modified (e.g., programs 2 and 6 in 2013). Only one program is cancelled
(e.g., program 5). The cumulative financial surplus for the portfolio when optimized by the model is $79.8M
for this planning horizon. Mission alignment, student demographic, and faculty characteristic scores in year 5

(i.e., 2015) are 4.50, 3.51, and 4.28 respectively.
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TOTAL/AVERAGE

Financial Surplus $7.86M $8.67M $16.14M $21.03M $26.09M $79.8M
Model Mission Alignment Score 3.43 3.86 410 429 450 4.04
Output ::z‘r’:"wem”g'“hi‘ 239 276 3.07 3.32 3.51 3.01
:‘::::V Characteristic 4.03 2.09 419 421 428 4.16
[Financial Surplus $7.83M $9.21M $8.92M $9.06M $7.65M $42.7M
Actual Mission Alignment Score 3.25 3.50 358 3.58 3.49 3.48
Performance :z:‘::"memugmphi: 226 245 262 261 268 2.53
::2‘:':" Characteristic 3.95 3.96 395 394 3.93 3.95

Figure 4: Model output and Actual Performance for SCE management programs: 2011 through 2015

As compared to actual performance of the portfolio (Figure 4), the performance of the model not only
projected higher financial surplus annually and in total for the planning horizon, it also resulted in
achievement of higher scores in all non-financial dimensions (e.g., mission alignment, student demographics,
and faculty characteristics) every year in every dimension. Financially, an additional $37M of cumulative
surplus (86.6% increase) could have been realized by SCE during this planning timeframe if the portfolio would
have been composed of the suggested programs. With the exception of year 2 of the planning horizon, annual

surplus was also greater in the model as compared to actual performance. As illustrated in Figure 4, significant
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improvement in all non-financial dimensions by year 5 could also have been achieved. By using this model,
additional funding could have been created and have had a meaningful impact on the overall university
operating budget and the portfolio itself could have more effectively achieved the school’s qualitative

objectives.

Evaluation of model constraints for further policy direction.

To ensure quality of the portfolio, constraints on the model and portfolio such as mission alignment,
student demographics, and faculty characteristics must remain at the defined levels regardless of the size of
the portfolio. These values are established by senior leadership and while adjusting the dimension calculation
weights for elements in formula (3) and/or adjusting target values for specific elements when using the target
method in formula (2) will impact the solution for the model, it is assumed that values are determined
independently for these constraints.

However, the capacity to develop of new programs, the capacity to modify existing programs and the
determination of the amount of investment capital are parameters that can be adjusted. Holding the
constraints that ensure quality of the portfolio, i.e., mission alignment, student demographics, and faculty
characteristics, at their previously described targets and relaxing the capacity to develop, capacity to modify,
and amount of investment capital constraints, provides insight on the individual impact of each of these
constraints on the objective solution value established.

Given that the previously described model for SCE represents the optimal balance of financial and non-
financial elements of the portfolio, analyzing the impact of the constraint values on the solution established by
the model, specifically, the capacity to develop, capacity to modify, and amount of investment capital, can
provide additional insights for leadership in capacity and investment decisions as part of the planning process.

Significant consideration of the appropriate level of investment and resources takes place by colleges and
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universities with portfolios of market-driven academic programs. Understanding the interplay of these
constraints, the importance of each to the achieving the overall financial and qualitative objectives, and the
appropriate level to invest is very important for leadership’s ability to clearly describe what can be significant
investments intended to drive return for the college or university. In the remainder of this section, these three

constraints will be analyzed further.

Sensitivity analysis of the constraints.

We apply the model in three ideal, but unrealistic, situations to illustrate the impact of each of these
constraints on the model solution: (a) capacity limited to develop new programs, (b) capacity limited to modify
existing programs, and (c) investment capital limited. In each of these scenarios, it is assumed that the
unlimited capacity exists for the other two parameters. If left unbounded for any of these constraints, the
maximum of the model will also be unbounded. Therefore for (a) and (b), the capacity to develop and capacity
to modify constraints were set to (the unrealistic huge number of) 10,000 programs and for (c) investment
capital available was set to (the similar unrealistic huge number of) $100M for the period. Constraints on the
model and portfolio such as mission alignment, student demographics, and faculty characteristics remained at
the desired levels to ensure quality of the portfolio regardless of the size of the portfolio.

Table 1 summarizes the model output for each of these scenarios as compared to the actual performance
of the portfolio, the model output from the previous section, and an unrealistic maximum case where
unlimited capacity and capital are assumed available. The capital constraint is shown to have the most
significant impact on the objective value for the model. The new program development capacity constraint
and the program modification capacity constraint are shown to have much less impact on the objective value

for the model than the capital constraint. That said, the capacity constraint for new program development is

30



more impactful than the capacity constraint for program modification, i.e., approximately $2M cumulatively

over the 5-year period.

2011 2012 2013 2014 2015 TOTAL/AVERAGE
Financial Surplus $7.86M $8.67M $16.14M $21.03M $26.09M $79.8M
Model Mission Alignment Scorej 3.43 3.86 4.10 4.29 4.50 4.04
Output :Z:f:“m’m"mphic 2.39 2.76 3.07 332 351 3.01
Faculty Characteristic 2.03 4.09 4.19 421 4.28 4.16
Score
Financial Surplus $7.83M $9.21M $8.92M $9.06M $7.65M $42.7M
Actual Mission Alignment Score| 3.25 3.50 3.58 3.58 3.49 3.48
Per_farmance [student Demographic 296 2.45 262 261 268 2.53
Score
faculty Characteristic 3.95 3.96 3.95 3.04 3.93 3.95
Score
Unﬁmited Financial Surplus $18.99M $20.88M $22.98M $25.27M $27.80M $115.9M
capacity and  |yission Alignment scora 3.43 4.09 4.47 475 451 4.25
capital :
PIG" - ftudent Demographic 239 2.86 318 3.43 3,50 3.07
(unrealistic  Score __
maximum) [ty Characteristi 4.03 410 419 424 425 4.16
Financial Surplus $18.63M $20.50M $22.55M $24.80M $27.28M $113.8M
(a) Capacity  |ission atignment scord 361 4.07 4.40 459 451 4.24
limited to develo, :
tudent Demographic 243 3.01 3.34 3.47 3.50 3.15
new programs [score _
faculty Characteristic 4.04 4.20 422 423 437 421
Score
Financial Surplus $18.99M $20.87M $22.98M $25.27M $27.80M $115.9M
{b) Capadty Mission Alignment Score| 343 4.09 4.47 4,75 451 4.25
limited to modify ;
L ptudent Demographic 239 2.86 318 343 3.50 3.07
existing programsﬁcore —
aculty Characteristic 4.03 4.10 4.19 4.24 4.25 4.16
core
Financial Surplus $7.85M $8.64M $15.87M $23.00M $26.86M $82.2M
(c) Investment |mission Alignment Score 343 3.86 4.05 431 4.51 4.03
caprta! unlimited zz:t::nt Demographic 539 276 3.09 332 350 3.01
[Faculty Characteristic 4.03 4.09 4.23 431 4.28 4.19
Score

Table 1: Summary of financial and qualitative impact of capacity constraints

Capacity to develop new programs.
Investing in capacity to develop new program is an important decision colleges and universities with market-
driven academic programs must consider. Further, the decision is not only to have this capacity within the

school or unit, but also how much capacity should be on hand.
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The case includes a capacity constraint equal to three programs able to be developed annually. To
understand the impact of this parameter on the overall portfolio over the planning horizon, we adjusted the
program development capacity parameter in the base model while holding everything else constant. Program
development capacity parameter values between 0 and 4 were modeled (Figure 5). Cumulative surplus for
each scenario is also provided in Figure 5. The impact to cumulative surplus between the capacity to develop 1
program each year versus 4 is clear, i.e., $24.8M, and even the impact between the capacity to develop 3
programs each year, i.e., $2.4M cumulative surplus, is attractive. Program development capacity parameter
values of 5 and greater resulted in the same solution as a parameter value of 4.

Several findings that potentially impact how managers make decisions in this area are highlighted.

First, with no program development capacity, no solution exists. It is not possible to achieve the qualitative
dimension targets for the portfolio. It is known in colleges and universities focused on market-driven academic
programs and illustrated in the model output (Figure 4) that program development is important to maintain
the desired financial surplus, however, it appears as important to achieving the qualitative dimensions.

Second, relatively small investment in the capacity to develop has the potential to significantly impact the
total financial surplus of the portfolio. As illustrated in Figure 5, if the capacity to develop new programs is 3
versus 1 each year, the total cumulative surplus (including the additional expense) is $21M greater.

Third, logic holds that with more capacity, the total value of the portfolio is greater, however, other
constraints such as investment capital available and the planning horizon also come into play. For example, if
investment capital is limited, the number of programs developed could be limited making the capacity to

develop new programs non-impactful for the model.
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Annual Surplus Given Varying Capacity to Develop New Programs
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Figure 5: Impact of Capacity to Develop New Program on Portfolio

Capacity to modify programs. In the case, the capacity to modify capacity is limited to two programs each
year. To understand the impact of this parameter on the overall portfolio over the planning horizon, we
adjusted the program modification capacity parameter in the base model while holding everything else
constant. Program modification capacity values between 0 and 2 were modeled as scenarios greater than 2
resulted in the same outcome as 2.

As illustrated in Figure 6, when there was no capacity to modify programs (e.g., modification capacity
equal to zero), the cumulative financial surplus for the portfolio during this planning horizon was $69.3M -
$10.4M less than the solution with a capacity to modify two programs each year. When the capacity to modify
programs was one, the result was within $2M of the cumulative surplus total of the optimal solution and

anything higher than a capacity to develop two programs per year had no impact on the results.
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Annual Surplus Given Varying Capacity to Modify Programs
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Figure 6: Impact of Capacity to Modify Programs on Portfolio

Investment capital. |dentifying, retaining, and growing investment capital is a significant effort for leadership
at colleges and universities developing market-driven academic programs. In reality, as described previously,
universities have limited levers to pull when it comes to increasing funding and colleges and universities in this
area are one of the most effective sources of funding for the larger college or university. The shared
responsibility and challenge for leadership at both levels is to understand the appropriate amount of
investment required as to not over-invest and not under-invest.

The case model includes a total pool of $1.5M of investment capital that can be used in any year during
the planning horizon. To understand the impact of investment capital on the overall portfolio over the
planning horizon, we adjusted the amount of investment capital in the case while holding everything else
constant. Investment capital between $1.3M and $10M were modeled (Figure 7). No solution existed for

investment capital amounts less than $1.3M since the required dimension targets cannot be attained.
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Several findings that potentially impact how managers make decisions in this area are highlighted.

First, investment capital, even a small amount, is required to achieve a solution that balances the financial
and non-financial objectives of a portfolio. In this case, investment capital levels of less than $1.3M do not
allow the model to establish a solution.

Second, increased investment capital available, to a point, results in higher annual and cumulative surplus
for the portfolio. At a certain point, marginal return of investment capital reduces significantly and further
investment has no impact to annual or cumulative surplus. For example, between investment capital pools of
$2.5M and $10M, when you take into account the additional amount of investment, there is no difference in
the cumulative surplus created. Between investment capital pools of $1.3M and $2.0M on the other hand,
there is a difference of $24.4M in the cumulative financial surplus achieved taking into account the additional

investment capital provided.

Net Annual Surplus Given Varying Levels of Investment
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Figure 7: Impact of Level of Investment on the Portfolio
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Based on the sensitivity analysis on the constraints we can conclude the following two major results based on
this case.

First, effectively managing the amount of investment capital available for the portfolio has the potential to
yield significant return. Given limited capital available for investment in many colleges and universities, this
analysis illustrates that while for this model, investment is required to achieve a solution, large amounts of
capital investment may not be required to achieve targeted financial and non-financial objectives.

Second, the capacity to develop new programs is minimally more impactful than the capacity to modify
existing programs. Significant political challenges are many times associated with program development in
colleges and universities. Additionally, the skillset of individuals who develop a new program and/or modify an
existing program are very similar. Given the challenges associated with developing new programs, the
similarity in resources required, and minimal value from focusing on development versus modification of
programes, this case highlights that colleges and universities should consider prioritizing program modification

over development.

5. Conclusion

This paper presents two methods of quantifying qualitative program attributes and a general program
portfolio planning model that leverages such data and seeks to maximize the financial return of a portfolio of
market-driven academic programs while also achieving non-financial dimension targets. As illustrated in the
case with a school of continuing education at a prestigious private university in the US, the methods and
model can be effective in both the planning process and as a ‘policy guide’ for portfolios of (market driven)
academic programs. While colleges and universities will differ in their unique financial and non-financial
objectives, decisions and input parameters, this program portfolio assessment model can be leveraged and

impactful. Using the model to both assess and support decisions in portfolios of (market driven) academic
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programs can add substantively to the achievement of qualitative objectives, as well as, to the financial
operating budgets of colleges and universities, improving the state of higher education and ultimately
enabling economic growth and expansion.

This paper adds to current theory and practice first by developing and testing two methods of quantifying
gualitative data and proving data such as this can be useful through the model. These methods enable the
field to move forward via the possibility to incorporate qualitative elements in quantitative optimizations in
many areas. Second, this paper shows that the linear programming can also be used to optimize educational
portfolios. This is an extension of the applicability of this method. Future research in this area could include
leveraging the portfolio planning model to analyze additional colleges and universities and/or expanding the
scope to include all programs within a college or university (both market-driven and traditional). Additionally,
the model can be altered to consider objectives other than financial maximization and considerations other
than mission alignment, student demographics, and faculty characteristics to match the specific college or
university’s strategy. For example, a college could instead have an objective to maximize mission alignment
and a constraint for achieving a certain financial return or impact measure.

Another area of potential research is to utilize this model to better design program types to fit the
portfolio. For example, if one or more program types are not utilized (i.e., selected) by the general planning
model, they could be redesigned to better fit the needs of the organization. Additionally, to achieve desired
financial and qualitative targets for program types, looking back through the complete process required to
identify and recruit students and faculty, as well as, identify and select subject areas could yield enhanced
outcomes for the program portfolio. In fact, the complete system can be considered a supply chain for
students, faculty, and subject areas. As illustrated in Figure 8, the design of a market-driven academic program
is influenced significantly by the market of students demanding the program and faculty with appropriate skills

available to design and teach in the program. From a student perspective, the reasons individuals decide to
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investigate, apply, and ultimately start a program as well as the skills they have coming into that program have
a big impact on the design. A program that would best enable a junior population of students with limited
experience and a focus on impact to achieve their goals might not be the best program for a more senior
population hoping to achieve the next level in their career. Top faculty are also a critical element for a market-
driven academic program. For such programs, faculty are sourced from either traditional research and/or
academic fields or are currently practitioners in the field of study. Availability of the right type and quantity of
faculty for a program impacts the program design. Additionally, from a financial perspective, the cost of
student acquisition and/or the salary required for faculty will impact the program design and ultimate impact.
By analyzing the sources of students and faculty for each market-driven academic program, it is possible to

optimize the design and financial performance at the program level as well.

Mission and Reputation
Financial Surplus
Student Characteristics
Operating Model
Interaction in portfolio
Modality

CarsssOpportipities PORTFOLIO

Practitioners = = Availability of Instructors

Academic researchers

Mission and Reputation
Financial Surplus
Student Characteristics
Operating Model
Interaction in portfolio

Modality

Practitioners = = Availability of Instructors

Academic research ~ =————_

——

%’; Academic researchers
__o——'-'—-'—_'-

Research funding

Figure 8: Portfolio of market-driven academic programs
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The sensitive analysis performed in this paper is illustrative in nature and elementary. For a more rigorous
mathematical approach, we recommend the use of stochastic optimization techniques (King et al, 2012) or
robust optimization techniques (El Ghaoui, 2009). Further enhancement of this model would leverage these
techniques to model uncertainty related to program launch, enrollment, and other program elements.

Identifying new ways to support research and education are very important for colleges and universities
and economic growth and expansion. Market-driven academic programs are one lever to achieving this critical
objective. This paper shows that it is possible to optimize the value of portfolios of these types of programs to
achieve enhanced financial return and non-financial dimension target achievement. While strategic planning is
essentially adding error to chaos, by analyzing the chaos with a variety of qualitative and quantitative decision

models such as this, colleges and universities have the potential to create additional capacity and impact.
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