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Abstract

Swiss policy makers created a unique link between unemployment benefits and
active labor market programs (ALMPs) by making benefit payments conditional
on program attendance after 7 months of unemployment duration. We evaluate
the effect of ALMPs and benefit entitlement on the duration of unemployment
in Switzerland. In the evaluation we allow for selectivity affecting the inflow into
programs. Our results indicate that

(i) after ALMP-participation the transition rate to jobs increases for Swiss
women but not for Swiss men. However, the job hazard rate is strongly reduced
during participation. Taken together, this leads to the conclusion that programs
prolong unemployment duration for men, but tend to shorten durations for
women.

(ii) once the unemployment spell approaches the expiration of unconditional
benefit entitlement the job-hazard rate increases strongly, both for women and
for men.

(iii) there are important selectivity effects for Swiss females, but not for
Swiss males.

Keywords: active labor market policy, benefit entitlement, treatment effect,
bivariate duration model

JEL Classification: C14, C41, J64



1 Introduction

There is an increasing consensus among policy makers that actively assisting
the unemployed in job search is preferable to simply providing them with pas-
sive income support. The danger is that reliance on passive income support
may reduce work incentives and job-search activities and therefore increase the
risk of long-term unemployment. Active labor market policies (ALMPs) are
seen by many as the key to minimize these risks. Despite the agreed impor-
tance of ALMPs the success of the adopted programs has been rather mixed.
One potentially important factor for the effectiveness of ALMPs may be the
way in which benefit recipients are treated during the various stages of their
unemployment spell. In particular, the obligations that go hand in hand with
entitlement to unemployment insurance benefits (UIBs) and the degree to which
these obligations are strictly enforced should be a determinant of the success of
an ALMP-measure. As a result, many countries are discussing and/or imple-
menting ‘activity tests’ to enhance the effectiveness of these measures.

The aim of the present paper is to study the impact of active labor market
policies (ALMPs) on the duration of unemployment in Switzerland. The Swiss
case is of interest because Switzerland has gone particularly far in activity test-
ing by adopting new rules that link benefit eligibility closely to participation
in ALMP-measures. According to the second revision of the national unem-
ployment insurance act (AVIG), enacted in 1997, unemployed individuals are
unconditionally entitled to UIBs only for a total of seven months. For an ad-
ditional 17 months benefit payments are conditional upon participation in an
ALMP-measure. After a ‘framework period’ of 24 months is expired, an indi-
vidual has to rely on social assistance provided by local authorities.

As mentioned by the OECD (1996), the new Swiss unemployment insurance
system is very ambitious and - from an international perspective - unique. While
other countries apply measures that require the unemployed to enter programs
in order to be entitled to UIBs, the Swiss rules are different in two important
respects. First, the intervention takes place at a rather early stage of the un-
employment spell, after seven months. Secondly, UIB payments are strictly
conditional upon ALMP-participation and this participation does not lead to a
new (unconditional) benefit entitlement.

There are several other reasons why it is interesting to study the Swiss case.
Switzerland has had a very distinct unemployment experience. The Swiss un-
employment problem started not before the 1990s, which turned out as a decade
of economic stagnation and increasing labor market problems. Before 1990, the
Swiss labor market was a lucky island surrounded by high and persistent un-
employment in most other European countries. The situation has changed in
the early 1990s when the Swiss unemployment rate rose from 0.5 % to 4.5 %
between 1990 to 1993. Over the same period, the fraction of long-term un-
employed increased from about 5 % to 25 %. In 1997 the unemployment rate
reached a high of 5.2 % together with a share of long-term unemployed of more
than 30 %. While these figures are still low by continental-European standards,
their increase within a relatively short period of time raised the concerns of
the public and policy makers. The reaction of the Swiss government was to
introduce ALMPs on a rather large scale. It is per se interesting whether this
policy has reached its goal to reduce the participants’ unemployment duration.
Moreover, in 1998 the unemployment rate went down to 3.9 %, from 5.2 % in



1997, and this reduction coincided with the implementation of ALMP-measures
on an economy-wide basis. It is therefore suggestive to ask whether the intro-
duction of ALMP-measures could have contributed to the recent decrease in
Swiss unemployment.

The question how participation in ALMP-measures affects labor market his-
tories of individuals has been the subject of substantial debate over the last
years. In this literature, the main problem usually concerns the possible endo-
geneity of ALMP-participation (See Heckman et al. (1999) for an overview of
the economics and econometrics of ALMPs). The problem is that labor market
outcomes for participants may be systematically different from non-participants
for reasons (other than ALMP-participation as such) that are unobservable to
the researcher. This is the well-known selection problem. In Switzerland, like in
most European countries, but unlike in the U.S., randomized social experiments
are uncommon, so one has to deal with non-experimental data. With such data,
the conventional procedure is to model the mechanism that determines selection
into a training program together with the process of exit from unemployment.

To study the impact of ALMPs on unemployment duration the present paper
employs the ‘timing-of-events’ method used in several studies.” This approach is
similar in spirit to the above mentioned conventional approach but goes beyond
it in two important respects. First, while most of the literature is concerned
with a binary treatment framework - participation yes or no - the ‘timing-of-
events’ approach explicitly makes use of the information contained in the timing
of the treatment. A treatment can be started at different points of time during
an unemployment spell and variation in the timing of the treatment can be
exploited to identify the (causal) treatment effect. Secondly, identification of the
treatment effect does neither rely on a conditional independence assumption nor
is it necessary to have a valid instrument.? Given that economic theory does
not suggest a natural instrument, this is a particularly useful feature of this
approach. To avoid biased estimates of the impact of ALMPs on unemployment
durations it is necessary that individuals do not behave in anticipation to future
events. If an unemployed worker knows that he will start to work in a job at
a given future date he will decide not to enroll in a ALMP. For that reason
the effect of that ALMP may be underestimated (example from Van den Berg
(2000)). If unemployed workers have inside information on the future date of
their entrance into an ALMP they may stop searching for a regular job. This
may lead to overestimation of the effect of that ALMP. We return to this issue
below when we consider the possibility of anticipation effects with respect to
Swiss ALMP in more detail.

We use a new data set covering all entrants into unemployment in Switzer-
land over the four-months period 12/97 until 03/98. The data come from ad-
ministrative records and contain detailed information not only on a standard
set of individual characteristics but also on the timing and duration of ALMP-
participation. The large sample size allows us to estimate the treatment-effect
for different ALMP-measures and/or different sub-populations allowing for max-
imum interaction between the various explanatory variables. This is important
since the various ALMP-measures are likely to have a different impact on dif-

1See Van den Berg (2000) for an overview of duration models and in particular the use of
these models in estimating treatment effects.

2The matching approach to evaluation invokes the conditional independence assumption
(Heckman (1997) discusses the matching approach in detail).



ferent groups of individuals.

The plan of the paper is as follows. In the next section we describe the Swiss
labor market policy in more detail and review previous studies on unemployment
duration in Switzerland. In Section 3 we provide specific information on our
data set and show some relevant descriptive statistics. Section 4 describes the
methodology. The results of our analysis are presented in Section 5. Section 6
concludes.

2 Labor market policy and unemployment du-
ration in Switzerland

Due to the absence of any serious unemployment problem, there was no need
for a labor market policy in Switzerland in previous decades. Even compulsory
unemployment insurance has not been introduced before the aftermath of the
first oil shock which hit Switzerland particularly hard. Coverage was expanded
further with the enactment of the national unemployment insurance act (AVIG)
in 1984. This law guaranteed a maximum entitlement to unemployment ben-
efits of 50 weeks provided that one had been employed and had contributed
to the insurance system for at least 6 months within the last year prior to
the unemployment spell. Active labor market policy measures were practically
non-existent.

When unemployment started to rise in the early 1990s, the government’s
initial reaction was the introduction of more generous rules of unemployment
benefit eligibility. In 1992 and 1993 entitlement to unemployment benefits was
increased successively to a maximum of 80 weeks. At the same time one needed
to have been employed and contributed to the system still for at least 6 months,
but now within the last 24 months prior to unemployment.

The second revision of the AVIG in 1995, enacted in 1997, constituted a
radical change away from passive income maintenance towards active measures
aiming at a rapid integration or reintegration of job seekers. The policy changes
concerned both passive and active measures. On the passive side, entitlement
to benefits was increased to a maximum of 24 months. One requirement to
qualify for this maximum period was that the individual has been employed
and had contributed for at the least 6 months within the 24 months prior to the
unemployment spell. Furthermore, a job-seeker may decline a job-offer without
loosing benefits, provided that the offered employment was not a ‘suitable job’.
An important part of the new law is a tighter definition of what is considered
as ‘suitable’. Work which pays 70 per cent of previous earnings is regarded as
‘suitable’ and has to be accepted by the job-seeker. Even a job that pays less
than 70 per cent has to be accepted but then the individual can claim limited
earnings support (‘intermittent pay compensation’). Furthermore, the maxi-
mum period of benefit sanctions for uncooperative behavior has been increased
from 40 to 60 days.

The most significant and ambitious change, however, took place on the active
side. First, the new law lead to the creation of regional placement offices. The
objectives of these offices is to provide services to both job seekers and employers.
In particular, to keep a close contact with job-seekers and try to reintegrate them
in a ‘fast and lasting’ way. Human resource consultants should be assigned



between 75 and 150 unemployed and are expected to meet once a month for an
in-depth personal interview with each job-seeker. This is rather ambitious and
matched only by few other European countries (OECD, 1996, Curti, 1998).

Secondly, the new law obliged the Swiss cantons to supply a minimum num-
ber of ALMP-places per year. Economy-wide, these requirements add up to a
stock of 25,000 places. This compares to an average stock of unemployment of
about 188,000 individuals in 1997 and about 140,000 in 1998.

Thirdly, and certainly the most radical step, the new law created a close link
between unemployment entitlement and participation in an active measure. For
a newly unemployed the maximum entitlement period amounts to 104 weeks.
This period of 104 weeks is divided into two different parts. For at most 7
months the job-seeker can receive UIBs, unconditional upon participation in
an active measure.®> For the remaining 17 months UIBs are paid only if the
unemployed is participating in a measure.* After the 7 months of unconditional
UIB-entitlement have been expired, an unemployed individual can be forced to
enter an active measure, otherwise he or she looses the entitlement.

The above entitlement regulation holds for an individual who has been em-
ployed and has contributed to the insurance system for at least 6 within the last
24 months. For such a person a new ‘framework period’, amounting to 24 months
of conditional and unconditional UIB-entitlement starts with the beginning of
the spell. The situation is different for an individual who becomes repeatedly
unemployed within that framework period. In that case, UIB-entitlement de-
pends on the previous unemployment spell and UIB-history counts meaning that
the new spell is treated as if the old unemployment episode would continue.

For obvious reasons, studies dealing with unemployment duration in Switzer-
land are scarce. Among the few papers focusing on the exit process from un-
employment are Gerfin and Schellhorn (1995) who focus on the years 1991-1994
using data from the Swiss Labour Force Survey. Their findings indicate that
older and less qualified individuals have a lower transition rate from unemploy-
ment to employment. No significant differences are found between men and
wormen, as well as between Swiss and non-Swiss individuals but there are signif-
icant regional differences. They do not find negative duration dependence. In
a recent study, Sheldon (1999) presents a comprehensive analysis of the Swiss
unemployment change in the early 1990s. He finds that not only age and qual-
ification but also the immigrant status are significant determinants of the exit
rate from unemployment and concludes that the increase in the UIB-eligibility
duration since 1990 may have significantly increased unemployment durations
in Switzerland.®

3The maximum entitlement period is substantially longer for older workers whereas for
younger job-searchers it amounts to 7 months.

4The actual application of this rule is not as rigid and mechanic. If no appropriate ALMP-
slots are available for an unemployed worker whose unconditional entitlement is exhausted,
the unemployed continues to receive benefits for a period of 80 days without participating in
a measure.

5 Currently, several groups of researchers - among them the authors of the present paper -
are independently evaluating the impact of Swiss ALMP-measures. For a paper that uses the
matching approach to estimate the effect of ALMPs, see Gerfin and Lechner (2000). In contrast
to our paper, they do not focus on a possible impact of the particular Swiss entitlement rules.



3 Data

The data set from which we drew our sample, covers all unemployment entrants
in Switzerland over the period December 1997 to March 1998 and follows these
individuals up to the end of May 1999. These data come from administrative
records of the State Secretariat for Economic Affairs (AVAM- and ASAL-data
base). Among the 41,725 Swiss workers (24,127 males, 17,598 females) who
started an unemployment spell during the above period we concentrate our
empirical analysis on a subsample of those workers who (i) were eligible to
unemployment benefits and (ii) for whom we could match the information of
the AVAM- and ASAL-data base with information from social security records
(AHV-data).® The latter provide detailed information on the individuals’ earn-
ings and employment history over the last 10 years prior to the unemployment
spell. This subsample contains 8,427 Swiss men and 5,462 Swiss women. To
get a more homogeneous sample we excluded 402 male (1,548 female) part-
time workers (’partly unemployed’ because entitled to collect some benefits),
122 male (79 female) disabled workers, 426 males (116 females) with unreliable
earnings data, and 33 females previously employed in the construction sector.
The sample on which our empirical estimates are based contains 7,477 Swiss
men and 3,686 Swiss women.

Table 1

Apart from detailed information on the duration of unemployment, the tim-
ing and duration of ALMP-attendance and the individuals’ earnings- and em-
ployment history, the data provide information on various individual character-
istics like gender, age, family status, number of dependents, skill level, type of
last job, as well as on the unemployed’s region, industry, and occupation. Most
interestingly for the purpose of the present study, the data also contain infor-
mation on the duration of unconditional benefit eligibility for all unemployment
entrants, as measured at the date of unemployment entry. Table 1 presents
descriptive statistics on a subset of variables used in the subsequent analysis,
separately for participants and non-participants (see Tables Ala and A1b in the
Appendix for descriptive statistics on all variables). To account for the hetero-
geneity in the various ALMP-measures we split the group of participants into
those attending training courses and those enrolled in employment programs.
As can be seen from Table 1, non-participants, course-participants and par-
ticipants in employment programs differ substantially with respect to various
characteristics. For both males and females, participants in employment pro-
grams tend to be older, lower skilled, less easily employable and earned a lower
wage in their last job than non-participants. Participants in courses are also
older, but are better (males) or equally well (females) skilled and employable,
and earn a higher wage than non-participants.

Figure 1a, 1b

Figure 1 shows the empirical hazard rate for the various processes under
consideration. For Swiss males, the job hazard rate is increasing in the initial
stage of the unemployment spell and reaches a high of 14 % after a duration

6We had only limited to access to the social security records. The matching of social
security data with the unemployment files was random.



of 3 months. Thereafter the hazard rate decreases and falls below 5 % for the
long-term unemployed. The picture is qualitatively and quantitatively similar
for Swiss women. The job-hazard rate first rises, reaches a peak of about 14 %
after the first 2 months, then decreases continually and falls to 5 % and below
for the long-term unemployed. Both for males and for females, the empirical
entry-rates to ALMP-courses have a shape similar to the job-exit rate, but at a
lower level. The picture is less clear for employment programs where, for males
and females, the empirical hazard rate varies relatively little with duration.

Figure 2

Figure 2 shows the job-hazard rate against the time since unconditional ben-
efit eligibility has expired. (On the horizontal axis a negative number —t means
that an individual is still unconditionally eligible for ¢ months, a positive num-
ber ¢ means that unconditional benefit eligibility has expired since ¢ months).
For both, men and women the hazard rate increases with a shorter remaining
unconditional benefit eligibility duration. Note that the shape of the job-hazard
rate in Figure 2 mixes up an impact of benefit eligibility rules with possible neg-
ative duration dependence (as suggested in Figure 1). This may explain why
at higher durations the exit rates decrease again. Nevertheless, Figure 2 shows
that the impact of benefit eligibility rules may be of substantial importance in
the explanation of job-finding rates.

The various ALMP-measures supplied by the regional placement offices can
be divided into five broad categories: (i) courses to improve basic skills (aiming
at improving the effectiveness of individual job search and self-esteem), (ii)
language courses (including reading and writing skills), (iii) computer courses
(basic word processing and spreadsheet calculation), (iv) other course (a rather
heterogeneous group of course types’ ), and (v) employment programs.

Table 2

Table 2 shows the distribution of the 2,398 ALMP-participants in our sample
across these broad categories of ALMP-measures. We examine the effect of the
first ALMP an unemployed entered which lasted for at least one week. We
will present additional results on the impact of attending a second program on
unemployment duration in Section 5.2.

Courses to improve basic skills make up more than a third of all measures,
somewhat more than 20 % are enrolled in employment programs. The categories
computer courses and ‘other courses’ account for somewhat more than 30 % and
language courses for about 10 %. There are important differences between men
and women. Women are more frequently enrolled in computer courses and lan-
guage courses, whereas men are more often found in employment programs and
other courses. Basis courses and computer courses are on average shorter than
one month whereas language courses and, in particular, employment programs
tend to last quite long. About 20 % of the courses were still in progress at the
end of our observation period (May 1999). There is some variation in the timing
of ALMP-entry. In general, short courses are attended earlier, longer measures
are attended at a later stage of the unemployment spell.

"They include specific computer training, business administration, technical training,
courses in the tourism and the health sector - this is a group of very heterogeneous, but
each quantitatively small programmes.



4 'The empirical model

In order to establish the treatment effects of ALMP-programs on the exit rate
from unemployment to a regular job we have to set-up a model that accounts for
possible selectivity in the inflow into the programs. For this we use a multivariate
duration model. Generally, in multivariate duration models the variation in the
durations at which treatment is administered to individuals, and data on the
corresponding pre- and post-treatment durations can be exploited to identify
the treatment effect. A formal proof of this is given in Abbring and Van den
Berg (1998). Van den Berg (2000) presents an overview of duration models and
has a general discussion on the use of duration models in estimating treatment
effects.

In previous studies sometimes ‘treatment’ has been modeled as a separate
labor market state. Gritz (1993) for example considers the impact of training
on the employment experience of American youths and Bonnal, Fougeére and
Sérandon (1997) study the effect of public employment policies set up in France
during the 1980’s. Both studies deal with the potential selectivity of the inflow
into the treatment state by allowing related unobserved heterogeneity terms to
affect both the inflow into treatment and the inflow into other labor market
positions.

In our study we do not treat ALMPs as a separate state. We assume that
the job finding rate shifts to another level at the moment a worker enters an
ALMP, a shift Gritz (1993) calls an ‘incidence effect’.® Similar models like
ours have been estimated in several studies. Examples are Abbring, Van den
Berg and Van Ours (1997) and Van den Berg, Van der Klaauw and Van Ours
(1998). In these studies the effect of benefit sanctions on the transition rate from
unemployment to employment is modeled. Here too, the issue of selectivity is
very important. Selectivity is accounted for by modeling both the job finding
rate and the rate by which unemployed get a sanction imposed and allowing
for correlation between the unobserved heterogeneity terms in both transition
rates. Both studies find a significant positive effect of benefit sanctions on the
transition rate from unemployment to a job. In the study by Van den Berg, Van
der Klaauw and Van Ours (1998) it is shown that if unobserved heterogeneity
is not accounted for, no effect of sanctions is found.”

Other examples are Lubyova and Van Ours (1999) and Van Ours (2000) in
which the system of ALMPs in the Slovak Republic is investigated. The treat-
ment system consists to a large extent of the creation of temporary subsidized
jobs and of retraining unemployed workers. Lubyova and Van Ours (1999) find
that selectivity is important. If in the estimation selectivity is not accounted for
a negative effect of treatment on the transition from unemployment to a regular
job is found. If selectivity is accounted for, treatment has a positive effect on
the transition from unemployment to a regular job. Van Ours (1999) extends
this analysis by also examining the job separation rates for those unemployed

8 As discussed below, we distinguish between a ‘during treatment’ and an ‘after treatment’
effect. That is, we consider a possible shift of the transition rate from unemployment to a
regular job at the moment a worker enters a program and at the moment he or she leaves the
program. Furthermore, we investigate whether or not the ‘after treatment’ effect is duration
dependent.

9 A related study is Holm, Van den Berg and Van Ours (1998). In this study it is investigated
whether temporary jobs help medical students to become a medical specialist.



that find a job after having entered an ALMP. He finds that it is important to
account for initial selectivity of the inflow into ALMP.

We start with a simple specification in which the transition rates are not af-
fected by the presence of unobserved heterogeneity components. In this baseline
model we assume the different transition rates to be uncorrelated. Later on, we
introduce unobserved heterogeneity components in the different transition rates
where we allow these terms to be correlated. This way we account for possible
selectivity in the entrance into ALMPs.

Our baseline model has proportional hazards with a flexible baseline. We
distinguish three transition rates, from unemployment to a regular job, from
unemployment to a training program (course) and from unemployment to an
employment program. Programs are not considered to be separate states, but
once an unemployed worker enters a program there is a shift in the transition
rate from unemployment to a regular job. Once the unemployed leaves the
program there is again a shift in the job finding rate.

Apart from the treatment effects we are also interested in the possible ef-
fects of the exhaustion of benefit payments that are not conditional on ALMP-
participation. Workers who are confronted with benefit exhaustion may change
their behavior before this exhaustion actually occurs. To account for possible
anticipation effects, we investigate whether 1 month before benefit exhaustion
there is already an effect on the job finding rate. We also investigate the effect
1 month after and more than 1 month after potential benefit exhaustion.'”

First, we consider the transition from unemployment to regular jobs. Dif-
ferences between unemployed individuals in the transition rate from unemploy-
ment to a job can be characterized by the observed characteristics x, the elapsed
duration of unemployment itself, and a variable indicating whether or not the in-
dividual started in program p (p = course, employment program). Let ¢, be the
time at which the individual starts participating in program p and let ¢,. be the
time at which the individual ends program p. Furthermore, let I(tps <t < tp.)
be an indicator variable for participation in program p and let I(tp. < t) be
an indicator variable for after program participation.!! Finally, let d. be an
indicator of benefit exhaustion (z = 1 month before, 1 month after, more than 1
month after benefit exhaustion. Then, the transition rate from unemployment
to a job at time t conditional on z, tps, tpe and d. can be specified as follows:

Ou(t|, tpss tpe, dz) = Au(t)-exp(' By +0p-T(tps <t < tpe)+8peI(tpe < t)+:uuz-(dZ))

1
where A;(t) represents individual duration dependence, 6, measures the instan-
taneous effect that participation in program p has on the transition rate from
unemployment to a regular job and 0, measures the after-treatment effect of
program p. Furthermore, p,,, measures whether there is any benefit exhaustion
effect. We model flexible duration dependence by using a step function

Au(t) = exp(Er(Au,k - Lk (t)) (2)

10Note that we able to identify this effect because not every individual has the same potential
benefit period. If that was the case we would not be able to distinguish the benefit exhaustion
effect from the effect of duration dependence.

H'The indicator variables have a value of 1 if the expression is true and a value of 0 if not
true.
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where k(= 1,..,4) is a subscript for time-intervals and Ij(t) are time-varying
dummy variables that are one in subsequent time-intervals. We distinguish four
time intervals: 1-3 months, 3-6 months, 6-12 months and 12 and more months.
Because we also estimate a constant term, we normalize A, 1 = 0.

The basic assumption in our baseline model is that the inflow into the pro-
gram is a random process in the sense that it is independent of the process by
which unemployed find jobs. The selection into the program is exogenous and
does not depend on unobserved characteristics that also affect the job finding
rate. In other words, conditional on observed characteristics and the duration
of unemployment the quality of the unemployed flowing into a program is as
good (or as bad) as the quality of the unemployed that remain unemployed.
Then, if we measure an effect of program p (6, # 0 or 6, # 0), this is a ’true’
effect. This effect could go both ways. If for example ¢, < 0 the program has a
negative instantaneous effect on the re-employment hazard, which could imply
that during the program the unemployed worker looks for a job with a smaller
search intensity. If for example the after-treatment effect is smaller than zero,
this could be caused by stigmatization. If 6, > 0 the program participants
have a higher (after-program) transition rate to a job than the non-participants
have, an effect that could be due to an increase in human capital. Note that
in the specification of the hazard in equation (1) the after-treatment effect of a
training program also occurs immediately.

The density of realized unemployment durations ¢, is simply:

tu
fu(tu|x7tpsatpeadz) = eu(tu‘xatpsatpe) eXp(_/ 9j(8|$,tp5,tpe)d8) (3)
0

In a similar way we model the transition rate to program p at time ¢ condi-
tional on x and d, as:

Op(t].d2) = No(t) exp(a’ B + ppe-d) (4)

where A,(t) = exp(Zp(Apk - Ix(t)) and the normalization is A,; = 0. The
density of realized durations of “search” t, for program p is equal to:

Foltplz.dz) = 0,(t, |z, d.) exp(~ /0 " 0,(slz, d.)ds) (5)

In our extended model we allow for unobserved heterogeneity to affect the
transitions to both a job and to a program:

eu(t‘xatpsvtpea dza u) = )‘u(t) . eXp(Ilﬁu + 61’ ’ I(tps <t S tpe) + 6176 : I(tpe < t) + Muz'dz + u)

Op(tla,dzvp) = Ap(t) exp(a’ By, + iy, -dz + vp)

where v and v, are the components of unobserved heterogeneity in the transition
rates to a regular job and to program p. Now we can allow for selectivity in the
inflow into a program. If the unobserved characteristics have a negative effect
on the job finding rate and a positive effect on the transition rate to a program,
then conditional on the observed characteristics and the elapsed duration of
unemployment the average quality of the workers in a program is lower than the
average quality of workers who do not enter a program. Then, if we would simply

11
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compare the transition rates to regular jobs of both groups we would compare
workers with unfavorable characteristics and program participation with workers
with more favorable characteristics and non-participation. Therefore, we would
underestimate the true effect of participating in a program. The opposite effect
is also possible. One could imagine that the people in control of the programs
want their programs to be a success. Therefore they prefer workers with good
characteristics to flow into their program. This would imply that there is a
positive correlation between the unobserved heterogeneity components in both
transition rates. Then, we would overestimate the treatment effect of programs.

We define G(u,v,) to be the joint distribution of the unobserved character-
istics w, v,. Then, the joint density function of ¢,,t, conditional on x, tps, tpe
and d, equals

Fup(tustol@s o trosds) = / / Falbal @, tyss tyes d) fo (|2, v)dG u, v,) (7)

We assume G to be a multivariate discrete distribution of unobserved het-
erogeneity. Work by Heckman and Singer (1984) suggests that discrete dis-
tributions can approximate any arbitrary distribution function G. We assume
that each transition rate has two points of support (ue,vpa), (us, vps). The
associated probabilities are denoted as follows'2:

Pr(u = Uq,Vp=7pa)=p1 Pr(u=1taq,vp,="2vpp)=p2

Pr(u = up,vp =10p4) =ps Pr(uv=1u vy, =1vp1) =ps (8)

where 0 < p; < 1, ¢ = 1,..,4. We model p; = exp(a;)/(1+ % exp(a;)),

normalizing ay = 0, to have a multinomial logit specification. The set-up of
the likelihood is similar to the one presented in equation (6). However, because
of the introduction of unobserved heterogeneity it is not possible to factorize
the likelihood.

5 Estimation results

In the following subsection 5.1 we will discuss the effect on the transition rate
from unemployment to a job of the first attended ALMP-measure that lasts
longer than one week!?. In all cases, we provide separate estimates for men and
women.

Subsection 5.2 deals with several extensions and sensitivity tests for the re-
sults of our basic specification. We will discuss (i) the impact of the second
attended measure, (ii) the possible impact of a lower job hazard rate between
course assignment and start of the course, (iii) more sophisticated specifications
of the correlations between the various processes, (iv) the impact of distinguish-
ing separate transition rates to each of the five ALMP programs, (v) the possible

12Note that this specification implies that we assume that there is perfect correlation be-
tween the unobserved heterogeneity terms of the labor market programs.

13We assume that shorter treatments have no impact on the exit process from unemploy-
ment.
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duration dependence of the after program treatment effect and (vi) the possible
occurrence of anticipation effects.

Subsection 5.3 presents the results of some simulations, which give an idea
of the magnitude of the treatment effects.

5.1 Parameter Estimates

Table 3 displays the estimated treatment effects and the estimated effects of
benefit entitlement rules on the transition rates to a regular job for Swiss males
and Swiss females. Results using the univariate model (columns 1 and 3) and
the selectivity model (columns 2 and 4) are reported. This allows us to discuss
the impact of accounting for selectivity on the estimated treatment effects.

Treatment effects and selectivity. For Swiss males, the results in Table
3 draw a negative picture of the success of the ALMP-measures (column 1 in
Table 3). We estimate a strong reduction in the job hazard during participation
meaning that most ALMP-attendants do not leave before the measure ends.
The shift is of almost equal size in all five broad ALMP-categories. The effect
of primary interest, the change in the job-hazard rate after ALMP-participation,
shows that for Swiss males the corresponding programs were not particularly
successful. While the point estimate is positive for four out of the five broad
ALMP-measures, none of the effects is significantly different from zero. We
cannot reject the hypothesis that participation in these programs had no impact
on transitions to a regular job for Swiss males. Using a Likelihood-Ratio test,
which compares the model in Table 3 column 1 (with likelihood Ly) with a
model where all five treatment effects after participation are put to zero (with
likelihood Lg), yields a test statistic —2in(Lgr/Ly) = 3.19. This is clearly below
the critical value of X?(5) = 11.07.

The second column of Table 3 contains the results for Swiss males once we
allow for selectivity in the inflow into ALMPs. The estimated parameters of the
unobserved heterogeneity distribution (masspoints and probabilities in column
2 of Table 3) indicate that for unemployed Swiss males unobserved components
(u, ve, ve) of the job-hazard and the two ALMP-entry rates can be characterized
by a distribution with two points of support.'* The first group, indicated by
superscript a, (77 % of the population) has a relatively low job-hazard rate
(u* = —4.05), a relatively high entry rate into courses (v¥ = —2.32), and a
relatively high entry rate into employment programs (v¢ = —4.01). The second
group, indicated by superscript b, (23 % of the population) has a relatively
high job-hazard rate (u® = —3.45), a relatively low entry rate into courses
(vf = —5.98), and will never enter an employment program (v2 = —o0). This
means, the results in column 2 of Table 3 indicate that there is negative selection:
Conditional on observed characteristics and elapsed unemployment duration,
the inflow into ALMPs has worse job prospects that those who do not enter. As
a result of this negative selection, the estimated treatment effects, both during
and after participation, are now larger (or less negative). However, accounting
for selection on the basis of unobserved heterogeneity does not lead to a strong
improvement in the log-likelihood. Moreover, according to the Akaike (1973)

4 The estimated model allowed for four points of support of the joint distribution of
(u, Ve, ve). In the estimation it turned out that two points of support suffice.
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Information Criterion (AIC), the selectivity model performs worse than the
univariate model. For Swiss males, we therefore have to reject the selectivity
model.'?

For Swiss females the results are different (column 3 in Table 3). With the
exception of language and other courses, we find that the reduction in the job
hazard during participation is considerably smaller for Swiss women than for
Swiss men. The most significant difference, however, shows up in the effect
after treatment. With the exception of language courses, we find a significant
improvement in the job chances for Swiss females in all broad ALMP-categories
as a result of ALMP-participation. A joint test of all five after participation
effects reveals that ALMPs significantly increase the job-hazard for Swiss fe-
males at any conventional level of significance (—2in(Lg/Ly) = 386.10). This
is clearly above the critical value at conventional levels of significance. For com-
puter courses and other courses we find that the increase in the job hazard rate
is quantitatively important. The impact is even stronger for women enrolled in
employment programs.

Column 4 in Table 3 presents the corresponding results that correct for se-
lectivity. Similar to Swiss males, we estimate that the unobserved heterogeneity
distribution for Swiss females has two points of support. The first group, indi-
cated by superscript a, (18 % of the population) has a relatively low job-hazard
rate (u® = —4.07), a relatively low course-entry rate (v¢ = —4.12) and a rel-
atively high entry rate into employment programs (v¢ = 1.76). The second
group, indicated by superscript b, (82 % of the population) has a relatively high
job-hazard rate (u® = —2.47), a relatively high course-entry rate (v2 = —4.06)
and will never enter an employment program (v2 = —00). This means we have
strong negative selection into employment programs, but positive selection into
courses (which is weak since v? — v is small). Again it is interesting to look at
the consequences of accounting for unobserved heterogeneity for the estimated
treatment effects. The change in the course-treatment effects is minor. This is
not surprising given that selectivity is weak. The change in the treatment effect
for employment programs, however, is substantial. The treatment effect during
participation changes from negative to positive, and the after-treatment effect
increases strongly. Not taking into account unobserved heterogeneity, we com-
pare job-exit rates of non-participants (which have better job prospects) to the
exit-rates of participants (with worse prospects). By accounting for unobserved
heterogeneity we net out the heterogeneity component. The result is a larger
estimate for the treatment effect.

In sum, our results are threefold. First, ALMP-participants have a lower exit
rate, because program-attendance is time-consuming and leads to a lower search
intensity during participation. This effect is rather robust and, in general, does
not depend on whether or not we account for selectivity. This effect tends to
prolong the duration of unemployment. Second, we find that there is no impact
of participation after the end of the program for men, but a strong impact of

15We cannot use a conventional likelihood ration test, because the probability parameter
lies on the border of the parameter space in the model without heterogeneity. Instead, we
use the Akaike (1973) Information Criterion (AIC). Denote by L 4 the value of the likelihood
function at the maximum for a model A and by P4 the number of parameters of this model.
Then the criterion is AIC(A) = —2In(L4) + 2P4. The preferred model minimizes the AIC.
In other words, a parameter should be added only if the log likelihood increases by more than
one unit.
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almost all programs for women. Finally, selectivity is important for females but
unimportant for males.

Accounting for the activity test. As mentioned in section 2, the Swiss un-
employment system creates a strong link between UIB-entitlement and ALMP-
participation. A ‘typical’ individual who starts a new ‘framework period’ is
entitled to benefits without ALMP-participation for the first 7 months of an
unemployment spell. Thereafter, an unemployed is only entitled if he or she at-
tends a program. If all individuals were ‘typical’, the impact of the entitlement
rules could not be distinguished from duration dependence. To identify such an
effect, there has to be variation across individuals in the point of time when fur-
ther UIB-entitlement requires mandatory attendance of some ALMP-measure.
Such variation may come from two sources. First, there are exceptions from
the above rule if individuals meet certain characteristics. For instance, older
individuals are unconditionally entitled for more than 7 months. Second, for
those individuals who have become repeatedly unemployed within a short time,
the current unemployment spell is viewed as a continuation of the last spell.
This means, unconditional entitlement duration is lower for those individuals.

Figure 3

Figure 3 shows the distribution of unconditional benefit eligibility duration
at the start of the unemployment spell both for men and for women. The spikes
around month seven indicate the situation for the ’typical’ individual. Apart
from these spikes there is substantial variation both below and above 7 months
of unemployment duration. As a consequence we can separate a possible effect
of the benefit entitlement rules from the duration dependence effect.

Obviously, an individual who wants to avoid being forced into a program may
search harder before unconditional UIB-entitlement has expired. As indicated in
the previous section, to test for such entitlement effects we allow the job-hazard
rate to shift already one month before the expiration date. Moreover, we allow
the job-hazard rate to shift after expiration of unconditional entitlement to see
whether the activity test leads to a higher search effort of workers after the
unemployment spell has reached the stage of mandatory ALMP-attendance.

Our results present a clear picture: the Swiss unemployment benefit en-
titlement rules tend to increase the transition rates from unemployment to a
regular job. For Swiss men, the hazard rate starts to increase already before
the expiration of unconditional benefit entitlement and stays at that level dur-
ing the month of expiration. Thereafter there is a strong further increase in
the transition rate to a regular job. Also for Swiss women, we see an increase
in the job transition rate, which starts during the month of benefit expiration
and stays at a slightly lower level thereafter. These ’activity’ rules therefore
tend to reduce the duration of unemployment. It seems that the requirement
to participate in an ALMP-measure makes further unemployment significantly
more unattractive for unemployed individuals. As a result they search harder
for jobs and are more willing to accepted job offers once ALMP-participation
becomes a requirement for further benefit entitlement.

It is also interesting to take a look at the impact of entitlement rules on the
entry-rates to ALMP-measures (Table 4). If the rules were strictly enforced we
would expect a very strong increase in the ALMP-entry rate, both to courses and
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to employment programs, after expiration of unconditional entitlement. We find
positive and significant effects in all selection processes. For Swiss men, entry
into programs increases significantly during the month of exhaustion and stays
at about this level thereafter. For Swiss women, we find the strongest increase in
the course-entry rate during the month when unconditional benefits expire and
a somewhat smaller (but still higher than in the early stage of unemployment)
increase thereafter. Entry rates to employment programs increase relatively
strongly for Swiss women.

While we find a significant increase in ALMP entry-rates when eligibility
becomes conditional upon ALMP-participation, there is no evidence for a situa-
tion where all individuals who approached exhaustion have to enter a program in
order to gain further entitlement. There are two reasons for this. First, ALMP-
participation during the first seven months leads to delay the period when UIB
payment become activity tested. This means that the date of UIB-expiration
at the start of the unemployment spell does not coincide with actual expira-
tion.'% Secondly, and perhaps more importantly, whether or not an individual
will actually be forced to enter a program does also depend on the supply of
measures. Our results indicate that the regional employment offices apparently
are not in a position to provide the supply of ALMP slots to all unemployed
whose unconditional benefit eligibility has run out. Individuals for whom no
such slot can be supplied are entitled to a limited duration (80 days) of further
UIB payments.

Duration dependence. The results in Table 3 account for possible duration
dependence by allowing the two hazard rates to shift over time. For Swiss males
the estimated exit rate from unemployment starts at a relatively low level and
reaches its high during the interval 3 to 6 months of unemployment. Thereafter,
there is negative duration dependence. For Swiss males, the job hazard is sur-
prisingly low in the first 3 months of the unemployment spell compared to the
months 4 to 6. This may be due to seasonality. We consider the inflow from
December 97 to March 98. For the average individual in the sample, the first
months of the spell is therefore characterized by a small outflow for seasonal rea-
sons. Moreover, a high 23 % of the inflow originally worked in the construction
sector.

Also the duration dependence pattern is somewhat different for Swiss females
as compared to Swiss males. As far as the job-finding rate is concerned, we
do not find a significant impact of duration during the first 6 months of the
unemployment spell. Thereafter there is strong negative duration dependence.

5.2 Sensitivity Analysis

In order to investigate the sensitivity of our results we have extended the analysis
in a number of ways.!” First, we investigated whether there is an impact of the
second attended program. We find that the estimated effects of second programs
on the transition rates from unemployment to a job are very much the same as

16 This means that for a small proportion of our sample - those who entered an ALMP and
participated already before unconditional benefits expire (10 % of the sample) - we underes-
timate unconditional benefit eligibility duration.

1"We only discuss the treatment effects, since in all estimations it turned out that the impact
of benefit-exhaustion was very similar to the one estimated in the baseline model of Table 3.
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those of first attended programs. During the program the job finding rate is
smaller and after the program, the job finding rate increases. For males the
during-effect is significantly negative for all but one program'®, while the after-
effect is significantly positive for other courses and employment programs. For
females, the during-effect is negative, though not significantly different from
zero. The after-program effect for females is significantly positive for computer
courses and employment programs. In the context of our model this implies
that for females participating in several programs might be worthwhile.!?

Table 5

We also investigated what happened during the period of time between the
moment that workers where informed about the course they had to attend
and the start of the course. In an experimental study in Kentucky, Black et al.
(1998) find that unemployed who find out about mandatory program obligations
leave unemployment rather quickly. In fact the differences in the job finding rate
between unemployed that are assigned to a mandatory employment or training
program and other unemployed is the pre-program effect rather than the effect of
the actual receipt of employment and training services. Our investigation shows
that this effect does not occur in Switzerland. It turns out that no individual
left unemployment between the assignment date and the start of an ALMP-
program. As part of the sensitivity analyses we re-estimated both the baseline
and the extended model using the assignment date as start of the program, but
this did not affect the results concerning the treatment effects a lot.2’

Furthermore, we investigated whether more sophisticated specifications of
the correlations between the various processes was relevant. In particular, we
estimated a model that allowed for the entrance into both types of programs
to be less than perfectly correlated through the unobserved components. We
did this by trying to estimated a multivariate discrete distribution with eight
points of support. However, we could not estimate additional points of support.
The distribution in our extended model with four points of support seems to be
sufficiently flexible.

We also analyzed to what extent our results change if instead of estimating
transitions to two broad types of ALMP-programs we distinguish separate tran-
sition rates to each of the five ALMP programs. We found that these hardly
affected the results with respect to the treatment effects.

Furthermore, we tried to investigate whether the introduction of three mass-
points instead of two changed the estimation results. However, we were not able
to find a third point of support in the discrete heterogeneity distribution.

We then investigated possible duration dependence of the after program
treatment effect (see Table 5, lower panel). We did this by making a distinction
between the treatment effects less than 2 months after the program and the
treatment effects more than 2 months after the program. We could not reject
the hypothesis that both types of treatment effects are similar. The treatment

18For language courses that were the second program there are insufficient observations
about transitions to a job to estimate the treatment effect.

19There are not sufficient observations to investigate whether particular combinations of
programs are more beneficial than other combinations.

20In fact only the during-program effect changed because this now included the period
between assignment and start of the program.
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effect does not seem to be duration dependent, at least not in the short period
of time we consider.

Finally, we investigated the relevance of possible anticipation effects con-
cerning the start of an ALMP. As Van den Berg (2000) indicates the timing
of events approach requires that the unemployed do not anticipate the start of
the treatment. They may know the determinants of the transition rate into
the treatment state but may not know the exact time when their treatment
starts. Such knowledge would cause the individuals to behave accordingly al-
ready before the treatment. There are several reasons why such anticipation
effects are not significant in the case of Swiss ALMP-programs. First, the time
between assignment to a specific program and the actual start of the program
is usually short, in the range from one to two weeks. Second, an unemployed
worker cannot just start at any program. There has to be a vacant slot and
if there is one, there has to be a match between the slot and the persons in-
volved. There is also competition between unemployed workers for vacant slot.
Nevertheless as part of our sensitivity analysis we investigate to what extent
possible anticipation effects may bias our results. We performed two types of
sensitivity analyses with respect to possible anticipation effects. First, we an-
alyzed a subsample only including unemployed that were entitled to 7 months
of initial benefits. For this sample we estimated a model where all durations
beyond 5.5 months were treated as right-censored. So, we only use information
over a period of time when anticipation effects are not really important. For
training courses we found similar results as presented in Table 3.2! Second, we
introduced a new variable that indicates the probability that an unemployed in
a particular Canton is assigned to an ALMP.?? This variable was introduced in
all processes and was interacted with the after-participation treatment effects.
We found that this ‘anticipation’ variable does not affect the transition rates.
It does have some effect on the after-treatment effects of employment programs
for males and the after-treatment effects of other courses for females. However,
the size of the effects is small. Therefore, on the basis of both types of sensitivity
analysis we conclude that anticipation effects are not important.

5.3 Simulations

To get an idea about the magnitude of the treatment effects we perform some
simulations. The treatment effect of a program consists of two parts. First, there
is the during program effect that is negative in many cases because apparently
unemployed reduce their search efforts while being on a program. The second
effect is the after program treatment effect that is sometimes but not always
positive. So, individuals that participate first have a lower job finding rate and
then have a higher job finding rate than individuals that do not participate in a
program. On the basis of our estimation results we can calculate a ”break-even”
duration of the ALMP-programs, that is the duration at which the cumulative
exit probability of participants and non-participants is the same. Once the

21For employment programs we could not estimate an after-treatment effect because of lack
of observations.

22This variable is defined as the logarithm of the ratio of the number of participants in
ALMP-programs divided by sum of the number of those who exhausted benefits plus the
number of participants in ALMPs for each canton (there are 26 cantons in Switzerland). It is
measured at the start of the unemployment spell and indicates to what extent an unemployed
individual will have to attend an ALMP when benefits expire.
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unemployment spell goes beyond this duration the participant is better off than
a non-participant. However, until that moment the non-participant is better
off. Table 6 shows the results of our calculations.

Table 6

For Swiss males, it takes rather long until the negative effect during treat-
ment is compensated by the positive effect after treatment. Computer courses
have the lowest break even duration; it takes 11.0 months until the survival
probability of participants equals the survival probability of non-participants.
In contrast, basic courses show the worst performance. The survival rates of
Swiss men who participate in a basic course are always above the survival rates
of comparable non-participants because basic courses do not have a positive
effect on the job hazard. Employment programs, language courses and other
courses display break even durations which are longer than two years - the
maximum benefit entitlement period in Switzerland. Clearly, negative effects
during participation and more importantly low effects after participation are
responsible for long break even durations for Swiss males.

The situation is different for Swiss females. All except one break-even dura-
tion are shorter than 6 months. Employment programs have the lowest possible
break even duration of zero months because participants never have lower exit
rates than comparable non-participants. Unambiguously, employment programs
shorten unemployment duration for Swiss females. While computer courses, ba-
sic courses and other courses do impede job-search during the program, they
are short (basic courses and computer courses) or exhibit strong positive ef-
fects after participation (other courses). For these reasons, computer courses,
basic courses and other courses exhibit relatively short break even durations of
1.5, 2.5 and 5.7 months. Language courses have the worst break even duration
for females; it takes more than 2 years until the cumulative exit probability of
participants is the same as that of non-participants.

In summary, we find that programs increase unemployment duration for
Swiss males, but tend to shorten unemployment duration for Swiss females. It
takes quantitatively strong positive effects on the job hazard after participation
to make up for the strong reduction in the exit rate from unemployment during
the program.

6 Conclusions

The Swiss labor market policy enacted in 1997 created a link between entitle-
ment to unemployment benefits and participation in active labor market pro-
grams (ALMPs). This paper evaluates the effect of participating in ALMPs
as well as the effect of a change in benefit eligibility status on the duration
of unemployment in Switzerland. Our evaluation methodology takes possible
selectivity in the inflow into programs into account.

Our main result shows that there is an important trade-off between train-
ing the unemployed and reducing unemployment duration. Most active labor
market programs have positive - albeit sometimes not significant - effects on the
transition rate to jobs after the program ends. However, almost all participants
experience a significant reduction in the job-hazard rate during the program.
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Simulations show that it takes quantitatively high effects after program to com-
pensate for the negative effects during participation if programs are asked to
deliver positive effects as early as 9 months after the program starts.

Second, we show that linking unemployment benefits to participation in a
program increases transitions to a regular job shortly before and permanently
after participation has become a requirement for further benefit-entitlement. It
appears that assignment to training is interpreted like a punishment by some
job-seekers.

We draw two conclusions for active labor market policy: (i) Training and
employment programs must be structured such that there is enough time for
continuous job search. (i7) Linking participation in ALMPs tightly to unem-
ployment benefits can reduce unemployment duration considerably.

Our analysis does not shed light on the effects of ALMPs on other outcome
variables. The duration of the first job after an ALMP would be a good indicator
of the medium-run effects of a program. The wage in the first job after an ALMP
would measure more directly by how much general skills of the unemployed
improved through the program. While our data do not allow us to study these
questions, further research should address these important issues.
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Table 1
Descriptive statistics for a subset of covariates, Swiss Males and Swiss Females

Non Participantsin Participantsin

All Participants Training Employment
Courses” Programs
SWISS MALES
Age
16to 30 0.43 0.46 0.32 0.37
30to 50 0.44 0.42 0.53 0.48
50 to 65 0.13 0.12 0.15 0.15
Skill Leve
Unskilled 0.08 0.08 0.06 0.14
Medium 0.10 0.10 0.08 0.12
High 0.82 0.82 0.86 0.74
Employability”
Bad 0.11 0.10 0.11 0.19
Medium 0.53 0.53 0.52 0.58
Good 0.25 0.25 0.28 0.18
Unknown 0.11 0.12 0.09 0.05
Wage in previous Job? 4.14 4.08 4.59 3.69
Number of Observations 1477 6011 1096 370
SWISS FEMALES
Age
16to 30 0.48 0.51 0.38 0.52
30to 50 0.42 0.40 0.51 0.37
50 to 65 0.10 0.09 0.11 0.11
Skill Leve
Unskilled 0.15 0.16 0.14 0.18
Medium 0.11 0.10 0.12 0.13
High 0.74 0.74 0.74 0.69
Employability”
Bad 0.09 0.10 0.07 0.08
Medium 0.58 0.57 0.60 0.63
Good 0.25 0.25 0.25 0.24
Unknown 0.08 0.08 0.08 0.05
Wage in previous Job” 3.45 3.39 3.74 3.18
Number of Observations 3686 2754 737 195

Notes: a) See notes of Table 2 for a description of training courses.
b) Subjective rating by public employment service staff at beginning of unemployment spell.
¢) In SFR (1 SFR was approx. 0.75 USD in 1997), divided by 1000.



Table 2
Descriptive Statistics of Active Labor Market Programsa)

Elapsed Completed  Unemployment
ALMP-Duration ALMP-Spells Duration at Entry

#0bs. [%] [ Months] [%] [ Months]
SWISSMALES
Training Courses
Basic Course” 523 35.7 0.6 92.4 2.7
Language Course” 87 59 2.0 79.3 35
Computer Course” 238 162 0.9 89.1 33
Other Course® 248 169 1.7 80.2 3.6
Employment Progranme” 370 252 4.7 62.4 4.4
Total 1466 100.0 2.0 81.4 34

SWISS FEMALES
Training Courses

Basic Course” 320 34.3 0.7 88.1 3.1
Language Course® 110 11.8 21 727 34
Computer Course” 212 22.7 0.7 91.5 3.3
Other Course® 95 10.2 25 75.8 34
Employment Programmef) 195 209 4.5 57.9 3.9
Total 932 100 19 79.5 34

Notes: a) First ALMP which lasted longer than one week.

b) Courses aiming at improving the effectiveness of individual job search and self-esteem.

¢) Language courses (reading and writing skills).

d) Basic word processing and spreadsheet calculation.

€) Specific computer training, business administration, technical training, coursesin the tourism
and the health sector, ...

f) Temporary jobsin the Non-Profit sector (government, NGOs, ...).



Table3

The effect of ALMPs and Benefit Exhaustion on transitions to aregular job

SWISS MALES SWISS FEMALES
Correlated Heterogeneity Correlated Heterogeneity
No Yes No Yes
Effect of ALMP during Participation
Basic Course -0.86 (-3.5) -0.69 (-2.7) -0.62 (-2.2) -0.63 (-2.2)
Language Course -0.84 (-3.6) -0.67 (-2.9) -1.09 (-2.9) -1.09 (-3.0)
Computer Course -0.92 (-3.0 -0.75 (-2.5) -0.30 (-1.0) -0.31 (-1.1)
Other Course -0.97 (-4.9) -0.81 (-4.0) -1.01 (-2.2) -0.98 (-2.1)
Employment Programme -1.03 (-7.8) -0.86 (-5.8) -0.53 (-3.1) 0.89 (0.8)
Effect of ALMP after Participation
Basic Course -0.03 (-0.3) 0.14 (1.49) 0.25 (2.3) 0.27 (1.6)
Language Course 0.11 (0.5) 0.28 (1.1) 0.03 (0.1) 0.03 (0.1)
Computer Course 0.08 (0.7) 0.25 (2.1) 0.37 (2.7) 0.45 (2.7)
Other Course 0.13 (1.1 0.29 (2.4) 0.48 (2.2) 0.64 (1.7)
Employment Programme 0.18 (0.9) 0.34 (1.5) 0.63 (3.3) 2.05 (1.7)
Effect of unconditional Benefit Exhaustion
1 to 0 Months before 0.16 (2.4) 0.16 (2.4) 0.03 (0.2) 0.02 (0.2)
0to 1 Months after 0.15 (1.9 0.15 (1.8) 0.26 (2.1) 0.26 (2.1)
1 and more months after 0.32 (8.0) 0.31 (7.7) 0.22 (2.8) 0.19 (2.1)
Duration Dependence transition rate to jobs
3 to 6 months 0.42 (4.3 0.42 (4.6) 0.01 (0.2) 0.04 (0.5)
6 to 12 months -0.16 (-1.6) -0.14 (-1.5) -0.51 (-4.9) -0.44 (-2.7)
12 to 18 months -0.69 (-6.7) -0.67 (-6.4) -0.94 (-4.0) -0.86 (-3.0)
Masspoints
u? -3.81 (-4.9) -4.05 (-5.4) -2.60 (-3.9) -4.07 (-3.7)
A -2.64 (-2.6) -2.32 (-2.2) -4.07 (-3.6) -4.12 (-3.6)
A -4.49 (-2.1) -4.01 (-2.0) -1.99 (-1.2) 1.76 (0.6)
P - - -3.45 (-4.3) - - -2.47 (-3.6)
Ve - - -5.98 (-3.7) - - -4.06 (-3.5)
Ve - - -inf () - - -inf ()
Prob(u=u®, v=ve® veavd)? - - 0.77 (12.5) - - 0.18 (3.4)
Prob(u:ub, VA ve:veb) - - 0.23 () - - 0.82 (-)
log Likelihood -17272.8 -17270.2 -9211.7 -9202.9
Akaike Information Criterionb) 34877.5 34880.3 18743.5 18733.8
Number of Observations 7477 7477 3686 3686

Notes: t-Vauesin parentheses. All estimates control for family situation, age, skill level, employability, inflow period, industry,
occupation, urbanization, cantonal unemployment rate, cantonal ALM P-participation rate and percentage in favor of

cutting benefits, information on previous employment spell, recent (1988-1995) and distant (1995-1997) employment history.
a) The correlated modd dalows for 4-point heterogeneity. Estimation reveas that two points suffice.
b) The preferred model minimizes the Akaike Information Criterion



Table4
The impact of Benefit Entitlement on ALMP-entry rates

SWISSMALES SWISSFEMALES

Entry into Training Cour ses

1 to 0 Months before Exhaustion. 0.15 (0.76) -0.07 (-0.35)

0to 1 Months after Exhaustion. 0.37 (2.12) 0.62 (4.08)

1 and more months after Exhaustion. 0.39 (3.75) 0.26 (2.34)
Entry into Employment Programmes

1 to 0 Months before Exhaustion. 0.34 (0.96) 0.53 (1.88)

0to 1 Months after Exhaustion. 0.78 (4.03) 0.60 (2.22)

1 and more months after Exhaustion. 0.59 (3.26) 1.46 (4.33)
Number of Observations 7477 3686

Notes: Results are based on the model in Table 3 column 1 (Swiss males),
and the model in Table 3 column 4 (Swiss females).



Table5

Effect of Second ALMP? and Duration Dependence
in the effect after participation

SWISS MALES SWISS FEMALES

Effect of SECOND ALMP during Participation

Basic Course -1.22 (-1.95) -0.38 (-0.66)
Language Course NA NA -1.57 (-1.67)
Computer Course -2.38 (-2.34) -0.99 (-1.11)
Other Course -1.07 (-2.90) -0.32 (-0.68)
Employment Programme -1.02 (-3.81) -0.39 (-1.46)
Effect of SECOND ALMP after Participation
Basic Course -0.60 (-1.47) 0.35 (0.92)
Language Course 0.25 (0.35) 0.46 (1.06)
Computer Course -0.02 (-0.06) 0.73 (3.98)
Other Course 0.49 (2.62) 0.20 (0.37)
Employment Programme 0.46 (1.86) 0.76 (1.82)
Effect of ALMPOTO 2MONTHS after Participation
Basic Course -0.01 (-0.07) 0.31 (1.98)
Language Course 0.33 (1.56) -0.25 (-0.62)
Computer Course 0.05 (0.39) 0.50 (3.00)
Other Course 0.18 (0.89) 0.59 (1.45)
Employment Programme 0.28 (1.12) 2.43 (1.66)
Effect of ALMP MORE THAN 2 MONTHS after Participation
Basic Course -0.06 (-0.51) 0.36 (1.30)
Language Course -0.20 (-0.54) 0.47 (1.81)
Computer Course 0.12 (0.58) 0.55 (1.59)
Other Course 0.05 (0.32) 1.08 (1.15)
Employment Programme -0.01 (-0.04) 219 (1.41)
Number of Observations 477 3686

Notes: a) Effect of Second ALMP measured with respect to nonparticipants.



Table 6
The Break Even Duration? of Active Labor Market Programs

Assumed Estimated
Assumed Duration of Effect of ALMP Break Even
Timeof Entry  Program  During After Duration
[ Months] [ Months] [ Months]
SWISS MALES
Basic Course 3.0 1.0 -0.86 *** -0.03 -
Language Course 35 3.0 -0.84 ***  0.11 >24
Computer Course 35 1.0 -0.92 ***  0.08 11.0
Other Course 35 3.0 -0.97 ***  0.13 >24
Employment Programme 4.5 6.0 -1.03 *** 0.18 >24
SWISS FEMALES

Basic Course 3.0 1.0 -0.63 ** 0.27 25
Language Course 35 3.0 -1.09 ***  0.03 >24
Computer Course 35 1.0 -0.31 0.45 **> 15
Other Course 35 3.0 -098 ** 064 * 5.7
Employment Programme 4.5 6.0 0.89 2.05* 0.0

Notes: @) The break even duration is the time from ALMP start until ALMP participants have the same

cumulative survival probability as non-participants.
Results are based on the model in Table 3 column 1 (Swiss males), and the model in Table 3
column 4 (Swiss females). ***, ** * denotes 1%, 5%, and 10% level of significance.
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Figure 1a. Empirical transition rates, Swiss Males.

© To Job A To Course

O To Empl Prog
\ \ I [ \ L L \ \ L

.15 7 r

Hazard

.05

Figure 1b. Empirical transition rates, Swiss Females.
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Figure 2. Trangition rate to jobs by time since exhaustion of unconditional benefit eigibility
(negative (positive) number is before (after) Exhaustion)
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TABLE Ala. DESCRIPTIVE STATISTICS, SWISS MALES

ALL Non Participants in  Participants in
Participants  Training Employment
Courses Programmes
Unemployment Spell
Elapsed Duration 472 4.00 6.63 10.73
Exit to Job 0.48 0.51 0.33 0.31
Unconditional Benefit Eligibility at Start® 6.73 6.64 7.03 6.94
Individual Characteristics
Married 0.31 0.30 0.36 0.26
Number of Dep. 0.67 0.65 0.86 0.60
Age
16 to 30 0.43 0.46 0.32 0.37
30to 50 0.44 0.42 0.53 0.48
50 to 65 0.13 0.12 0.15 0.15
Skill Level
Unskilled 0.08 0.08 0.06 0.14
Medium 0.10 0.10 0.08 0.12
High 0.82 0.82 0.86 0.74
Employability
Bad 0.11 0.10 0.11 0.19
Medium 0.53 0.53 0.52 0.58
Good 0.25 0.25 0.28 0.18
Unknown 0.11 0.12 0.09 0.05
Looking for Other Occupation 0.27 0.26 0.31 0.36
Other Characteristics
Inflow Period
Dec 97 0.44 0.44 0.48 0.40
Jan 98 0.28 0.28 0.26 0.29
Feb 98 0.16 0.16 0.14 0.14
March 98 0.12 0.12 0.12 0.17
Industry
Construction 0.23 0.25 0.17 0.17
Tourism 0.06 0.06 0.06 0.05
Manufacturing 0.19 0.18 0.20 0.17
Transport / Utilities 0.07 0.07 0.06 0.06
Wholesale and Retail Trade 0.14 0.13 0.18 0.15
Financial Services 0.03 0.02 0.04 0.02
Other Services 0.25 0.26 0.27 0.33
Entry from Nonemployment 0.03 0.03 0.02 0.05
Occupation
Construction 0.16 0.17 0.09 0.16
Tourism 0.06 0.06 0.05 0.06
Other Occupations 0.78 0.77 0.86 0.78
Urbanization
Village 0.60 0.61 0.55 0.55
Small City 0.14 0.14 0.14 0.17
Large City 0.26 0.25 0.31 0.28
Log (Unemployment Rate in Canton) 1.59 1.59 1.54 1.62
Log (ALMP-Participation Rate in Canton) -1.52 -1.53 -1.47 -1.49
Log (Percentage Votes for Benefit Cut in Canton) 3.80 3.80 3.82 3.77




Table Ala. (Continued)

Earnings and Employment History
Previous Employment Spell

No Previous Job 0.01 0.02 0.00 0.01
Wage” 4.14 4.08 4.59 3.69
Wage Squared 19.64 19.10 23.91 15.77
Duration of previous Employment Spelld 2.80 2.74 3.31 2.21
Recent Past: 1995 to 1997
No Job 0.01 0.01 0.01 0.01
Mean Wage” 3.64 3.58 4.11 3.15
Variance of Wages® 0.03 0.03 0.03 0.04
Percentage Employed 0.80 0.80 0.81 0.75
Number of Employment Spells 1.92 1.94 1.75 2.07
Percentage Unemployed 0.10 0.10 0.09 0.12
Number of Unemployment Spells 0.95 0.96 0.86 1.10
Distant Past: 1988 to 1994
No Job 0.06 0.06 0.04 0.08
Mean Wageb 2.93 2.87 3.41 2.58
Individual Wage Variance® 0.04 0.04 0.04 0.04
Percentage Employed 0.82 0.83 0.84 0.77
Number of Employment Spells 2.34 2.35 2.24 2.48
Percentage Unemployed 0.04 0.04 0.05 0.06
Number of Unemployment Spells 0.74 0.72 0.77 0.85
Number of Observations 1477 6011 1096 370

Notes: a. In months, measured at start of unemployment spell.

b. In Swiss Francs (1 SFR = .75 US Dollars in 1997), divided by 1000.

c. divided by 1,000,000.

d. Duration of previous employment spell in the period 1988-1997, in years.



TABLE Alb. DESCRIPTIVE STATISTICS, SWISS FEMALES

ALL Non Participants in  Participants in
Participants  Training Employment
Courses Programmes
Unemployment Spell
Elapsed Duration 473 3.88 6.59 9.78
Exit to Job 0.47 0.52 0.31 0.41
Unconditional Benefit Eligibility at Start® 6.48 6.40 6.74 6.37
Individual Characteristics
Married 0.23 0.22 0.28 0.26
Number of Dep. 0.45 0.41 0.58 0.49
Age
16 to 30 0.48 0.51 0.38 0.52
30to 50 0.42 0.40 0.51 0.37
50 to 65 0.10 0.09 0.11 0.11
Skill Level
Unskilled 0.15 0.16 0.14 0.18
Medium 0.11 0.10 0.12 0.13
High 0.74 0.74 0.74 0.69
Employability
Bad 0.09 0.10 0.07 0.08
Medium 0.58 0.57 0.60 0.63
Good 0.25 0.25 0.25 0.24
Unknown 0.08 0.08 0.08 0.05
Looking for Other Occupation 0.27 0.26 0.29 0.40
Other Characteristics
Inflow Period
Dec 97 0.38 0.39 0.41 0.37
Jan 98 0.28 0.27 0.27 0.30
Feb 98 0.18 0.18 0.17 0.20
March 98 0.16 0.16 0.15 0.13
Industry
Construction 0.02 0.02 0.03 0.02
Tourism 0.16 0.17 0.13 0.10
Manufacturing 0.13 0.12 0.15 0.14
Transport / Utilities 0.04 0.04 0.05 0.04
Wholesale and Retail Trade 0.20 0.20 0.20 0.15
Financial Services 0.05 0.05 0.07 0.03
Other Services 0.34 0.34 0.32 0.45
Entry from Nonemployment 0.06 0.06 0.05 0.07
Occupation
Construction 0.00 0.00 0.00 0.00
Tourism 0.18 0.19 0.15 0.17
Other Occupations 0.82 0.81 0.85 0.83
Urbanization
Village 0.53 0.53 0.49 0.53
Small City 0.18 0.18 0.19 0.19
Large City 0.29 0.29 0.32 0.28
Log (Unemployment Rate in Canton) 1.60 1.60 1.62 1.63
Log (ALMP-Participation Rate in Canton) -1.52 -1.53 -1.52 -1.50

Log (Percentage Votes for Benefit Cut in Canton) 3.79 3.80 3.78 3.73




Table Alb. (Continued)

Earnings and Employment History
Previous Employment Spell

No Previous Job 0.01 0.01 0.00 0.00
Wage?® 3.45 3.39 3.74 3.18
Wage Squared 13.94 13.48 16.29 11.55
Duration of previous Employment Spelld 2.54 2.45 2.91 2.43
Recent Past: 1995 to 1997
No Job 0.02 0.02 0.02 0.03
Mean Wage® 2.99 2.96 3.25 2.47
Variance of Wages® 0.03 0.03 0.03 0.02
Percentage Employed 0.76 0.76 0.79 0.74
Number of Employment Spells 1.81 1.84 1.70 1.87
Percentage Unemployed 0.11 0.11 0.10 0.12
Number of Unemployment Spells 0.92 0.94 0.84 1.02
Distant Past: 1988 to 1994
No Job 0.10 0.10 0.08 0.11
Mean Wagea 2.18 2.14 2.43 1.84
Individual Wage Variance® 0.03 0.03 0.03 0.03
Percentage Employed 0.74 0.74 0.75 0.69
Number of Employment Spells 2.32 2.32 2.34 2.29
Percentage Unemployed 0.05 0.05 0.06 0.06
Number of Unemployment Spells 0.68 0.66 0.71 0.81
Number of Observations 3686 2754 737 195

Notes: a. In months, measured at start of unemployment spell.

b. In Swiss Francs (1 SFR = .75 US Dollars in 1997), divided by 1000.

c. divided by 1,000,000.

d. Duration of previous employment spell in the period 1988-1997, in years.



Table A2a. The effect of ALMPs and Benefit Exhaustion, Males, no correlated Heterogeneity

TO JOB TO COURSE TO EMPL. PROG

Individual Characteristics
Married 0.07 (1.35) -0.17 (-1.17) -0.34 (-2.93)
Number of Dep. 0.02 (0.60) 0.13 (3.05) 0.11 (1.94)
Age (16 to 30)

30to 50 -0.40 (-8.82) 0.09 (0.98) 0.46 (3.62)

50 to 65 -0.84 (-7.67) -0.18 (-1.29) 0.53 (2.95)
Skill Level (Unskilled)

Medium 0.11 (1.10) 0.06 (0.46) -0.13 (-0.45)

High 0.33 (3.67) 0.33 (2.88) -0.12 (-0.85)
Employability (Unknown)

Bad -0.51 (-5.97) 0.11 (0.54) 0.99 (5.17)

Medium -0.10 (-1.14) 0.10 (0.67) 0.70 (5.14)

Good 0.07 (1.12) 0.35 (1.93) 0.56 (2.45)
Looking for Other Occupation -0.08 (-2.36) 0.18 (2.93) 0.26 (1.56)
Other Characteristics
Inflow Period (Dec 97)

Jan 98 0.07 (1.41) -0.17 (-2.70) -0.09 (-0.63)

Feb 98 0.07 (1.52) -0.30 (-2.02) -0.60 (-2.45)

March 98 0.06 (1.00) -0.31 (-1.69) -0.18 (-0.78)
Industry (Other Services)

Construction 0.13 (3.50) -0.17 (-1.34) -0.52 (-2.66)

Tourism 0.12 (1.51) 0.28 (1.89) -0.53 (-1.27)

Manufacturing 0.05 (1.35) -0.08 (-0.69) -0.32 (-2.24)

Transport / Utilities 0.15 (2.09) -0.24 (-1.39) -0.34 (-1.11)

Wholesale and Retail Trade 0.02 (0.45) 0.18 (1.89) -0.27 (-2.09)

Financial Services 0.03 (0.30) 0.16 (0.75) -0.85 (-2.00)
Entry from Nonemployment 0.08 (0.54) -0.03 (-0.12) 0.03 (0.09)
Occupation (All Other)

Construction -0.01 (-0.32) -0.45 (-3.19) 0.17 (0.75)

Tourism 0.03 (0.26) -0.04 (-0.18) 0.30 (0.77)
Urbanization (Village)

Small City -0.19 (-3.83) 0.17 (1.57) -0.12 (-0.66)

Large City -0.23 (-2.04) 0.03 (0.29) -0.10 (-0.46)
Log (Unemployment Rate in Canton) -0.42 (-2.70) -0.39 (-1.26) 0.53 (0.68)
Log (ALMP-Participation Rate in Canton) -0.06 (-0.58) 0.73 (1.98) 0.91 (2.07)
Log (Percentage Votes for Benefit Cut in Canton) 0.21 (1.69) 0.13 (0.50) 0.17 (0.40)
Earnings and Employment History
Previous Employment Spell

No Previous Job -0.19 (-0.65) -2.09 (-2.27) -1.35 (-1.84)

Wage 0.24 (3.74) 0.20 (2.25) 0.05 (0.54)

Wage Squared -0.03 (-4.50) -0.01 (-0.89) -0.01 (-1.23)

Duration of Last Employment Spell -0.02 (-2.90) -0.01 (-1.03) -0.01 (-0.60)
Recent Past: 1994 to 1997

No Job 0.01 (0.04) -0.37 (-0.81) -0.27 (-0.39)

Mean Wage 0.03 (0.81) 0.03 (0.90) 0.01 (0.18)

Variance of Wages -0.24 (-0.49) -0.15 (-0.29) 0.14 (0.13)

Percentage Employed 0.54 (4.35) 0.05 (0.16) 0.19 (0.84)

Number of Employment Spells 0.02 (0.69) -0.13 (-2.04) 0.00 (0.04)

Percentage Unemployed -0.83 (-3.74) -1.56 (-3.77) -0.46 (-1.01)

Number of Unemployment Spells 0.05 (1.80) 0.07 (1.49) 0.04 (0.59)




Table A2a. (Continued)

Distant Past: 1988 to 1994

No Job 0.15 (1.01) -0.13 (-0.58) -0.34 (-0.70)
Mean Wage 0.01 (0.97) 0.02 (0.46) -0.12 (-2.43)
Individual Wage Variance 0.72 (2.66) 0.14 (0.28) -0.14 (-0.18)
Percentage Employed 0.43 (2.88) -0.20 (-0.82) -0.41 (-0.97)
Number of Employment Spells -0.01 (-0.69) -0.08 (-2.12) -0.08 (-1.74)
Percentage Unemployed -1.71 (-4.22) 0.77 (2.14) 0.04 (0.06)
Number of Unemployment Spells 0.03 (0.82) 0.06 (1.19) 0.02 (0.41)
Masspoints
u?, v, vl -3.81 (-4.91) -2.64 (-2.64) -4.49 (-2.14)
Duration Dependence (0 to 3 Months)
3 to 6 Months 0.42 (4.35) -0.01 (-0.05) 0.55 (2.60)
6 to 12 Months -0.16 (-1.64) -0.69 (-4.28) 0.15 (0.89)
12 to 18 Months -0.69 (-6.72) -0.99 (-3.58) -0.59 (-2.20)
Effect of unconditional Benefit Exhaustion
1 to 0 Months before Exhaustion 0.16 (2.42) 0.15 (0.76) 0.34 (0.96)
0 to 1 Months after Exhaustion 0.15 (1.86) 0.37 (2.12) 0.78 (4.03)
1 and more Months after Exhaustion 0.32 (8.01) 0.39 (3.75) 0.59 (3.26)
Effect of ALMP during Participation
Basic Course -0.86 (-3.50)
Language Course -0.84 (-3.63)
Computer Course -0.92 (-3.00)
Other Course -0.97 (-4.91)
Employment Programme -1.03 (-7.78)
Effect of ALMP after Participation
Basic Course -0.03 (-0.30)
Language Course 0.11 (0.51)
Computer Course 0.08 (0.73)
Other Course 0.13 (1.09)
Employment Programme 0.18 (0.86)
log Likelihood -17272.8
Number of Observations 7477

Note: t-Values in parentheses.



Table A2b. The effect of ALMPs and Benefit Exhaustion, Males, with correlated Heterogeneity

TO JOB TO COURSE TO EMPL. PROG

Individual Characteristics
Married 0.09 (1.54) -0.19 (-1.30) -0.39 (-3.04)
Number of Dep. 0.01 (0.43) 0.14 (3.14) 0.13 (2.13)
Age (16 to 30)

30to 50 -0.42 (-8.91) 0.12 (1.24) 0.50 (3.93)

50 to 65 -0.86 (-7.30) -0.16 (-1.12) 0.59 (3.22)
Skill Level (Unskilled)

Medium 0.11 (1.10) 0.07 (0.47) -0.13 (-0.44)

High 0.33 (3.55) 0.34 (2.95) -0.11 (-0.78)
Employability (Unknown)

Bad -0.53 (-5.95) 0.15 (0.67) 1.06 (5.54)

Medium -0.11 (-1.20) 0.12 (0.77) 0.74 (5.30)

Good 0.07 (1.02) 0.37 (1.94) 0.61 (2.58)
Looking for Other Occupation -0.09 (-2.39) 0.19 (3.09) 0.29 (1.72)
Other Characteristics
Inflow Period (Dec 97)

Jan 98 0.08 (1.54) -0.19 (-2.82) -0.11 (-0.73)

Feb 98 0.08 (1.67) -0.33 (-2.09) -0.63 (-2.41)

March 98 0.07 (1.09) -0.33 (-1.78) -0.20 (-0.86)
Industry (Other Services)

Construction 0.14 (3.73) -0.19 (-1.33) -0.54 (-2.65)

Tourism 0.12 (1.51) 0.27 (1.67) -0.53 (-1.28)

Manufacturing 0.05 (1.43) -0.09 (-0.73) -0.32 (-2.22)

Transport / Utilities 0.16 (2.14) -0.25 (-1.34) -0.36 (-1.13)

Wholesale and Retail Trade 0.02 (0.40) 0.17 (1.66) -0.27 (-2.11)

Financial Services 0.03 (0.32) 0.16 (0.71) -0.89 (-2.08)
Entry from Nonemployment 0.08 (0.54) -0.04 (-0.14) 0.04 (0.10)
Occupation (All Other)

Construction -0.01 (-0.20) -0.46 (-3.10) 0.16 (0.70)

Tourism 0.04 (0.27) -0.04 (-0.19) 0.28 (0.71)
Urbanization (Village)

Small City -0.20 (-3.88) 0.19 (1.69) -0.12 (-0.64)

Large City -0.24 (-1.98) 0.03 (0.33) -0.10 (-0.41)
Log (Unemployment Rate in Canton) -0.43 (-2.63) -0.37 (-1.14) 0.54 (0.72)
Log (ALMP-Participation Rate in Canton) -0.08 (-0.72) 0.79 (2.03) 0.99 (2.20)
Log (Percentage Votes for Benefit Cut in Canton) 0.21 (1.75) 0.13 (0.48) 0.16 (0.39)
Earnings and Employment History
Previous Employment Spell

No Previous Job -0.18 (-0.60) -2.13 (-2.34) -1.40 (-1.92)

Wage 0.24 (3.67) 0.19 (2.10) 0.04 (0.43)

Wage Squared -0.03 (-4.48) -0.01 (-0.59) -0.01 (-1.03)

Duration of Last Employment Spell -0.02 (-2.91) -0.01 (-0.90) -0.01 (-0.59)
Recent Past: 1994 to 1997

No Job 0.04 (0.11) -0.45 (-0.93) -0.43 (-0.56)

Mean Wage 0.03 (0.84) 0.03 (0.78) 0.01 (0.11)

Variance of Wages -0.23 (-0.47) -0.24 (-0.43) 0.05 (0.05)

Percentage Employed 0.55 (4.41) 0.03 (0.11) 0.17 (0.74)

Number of Employment Spells 0.03 (0.76) -0.12 (-1.94) 0.00 (-0.05)

Percentage Unemployed -0.81 (-3.67) -1.62 (-3.94) -0.55 (-1.12)

Number of Unemployment Spells 0.05 (1.69) 0.07 (1.56) 0.05 (0.66)




Table A2b. (continued)

Distant Past: 1988 to 1994

No Job 0.16 (1.05) -0.15 (-0.63) -0.42 (-0.78)
Mean Wage 0.01 (0.99) 0.02 (0.44) -0.11 (-2.25)
Individual Wage Variance 0.75 (2.60) 0.10 (0.17) -0.22 (-0.28)
Percentage Employed 0.45 (3.07) -0.24 (-1.00) -0.54 (-1.15)
Number of Employment Spells -0.01 (-0.52) -0.08 (-2.18) -0.09 (-1.76)
Percentage Unemployed -1.77 (-4.49) 1.18 (2.35) 0.41 (0.55)
Number of Unemployment Spells 0.03 (0.78) 0.04 (0.86) 0.02 (0.26)
Masspoints
u?, v wh -4.05 (-5.42) -2.32 (-2.15) -4.01 (-1.98)
u, v WP -3.45 (-4.26) -5.98 (-3.70) -inf (-)
Duration Dependence (0 to 3 Months)
3 to 6 Months 0.42 (4.58) 0.01 (0.07) 0.56 (2.55)
6 to 12 Months -0.14 (-1.48) -0.66 (-4.10) 0.16 (0.89)
12 to 18 Months -0.67 (-6.44) -0.95 (-3.19) -0.56 (-1.95)
Effect of unconditional Benefit Exhaustion
1 to 0 Months before Exhaustion 0.16 (2.37) 0.17 (0.85) 0.35 (0.98)
0 to 1 Months after Exhaustion 0.15 (1.79) 0.39 (2.24) 0.80 (4.07)
1 and more Months after Exhaustion 0.31 (7.67) 0.44 (4.04) 0.64 (3.39)
Effect of ALMP during Participation
Basic Course -0.69 (-2.74)
Language Course -0.67 (-2.89)
Computer Course -0.75 (-2.53)
Other Course -0.81 (-4.03)
Employment Programme -0.86 (-5.84)
Effect of ALMP after Participation
Basic Course 0.14 (1.36)
Language Course 0.28 (1.14)
Computer Course 0.25 (2.06)
Other Course 0.29 (2.38)
Employment Programme 0.34 (1.52)
Prob(u=u?, v=v?, w=w?) 0.77 (12.51)
Prob(u=u?, v=v", w=w") 0.00 (-)
Prob(u=u®, v=v®, w=w?) 0.00 (-)
Prob(u=u®, v=v", w=w") 0.23 (-)
log Likelihood -17270.2
Number of Observations 7477

Note: t-Values in parentheses.



Table A3a. The effect of ALMPs and Benefit Exhaustion, Females, no Heterogeneity

TO JOB TO COURSE TO EMPL. PROG.

Individual Characteristics
Married -0.06 (-0.67) 0.03 (0.32) 0.14 (0.69)
Number of Dep. -0.12 (-2.94) 0.06 (1.03) -0.07 (-0.92)
Age (16 to 30)

30to 50 -0.24 (-3.02) 0.27 (3.26) -0.19 (-1.35)

50 to 65 -0.68 (-6.38) 0.04 (0.23) 0.11 (0.35)
Skill Level (Unskilled)

Medium 0.10 (0.78) 0.18 (1.15) 0.23 (1.00)

High 0.42 (3.87) 0.26 (2.92) 0.07 (0.34)
Employability (Unknown)

Bad -0.26 (-1.68) -0.40 (-2.13)  -0.03 (-0.07)

Medium 0.03 (0.34) -0.09 (-0.75) 0.31 (1.07)

Good 0.17 (1.70) -0.06 (-0.51) 0.33 (1.15)
Looking for Other Occupation -0.24 (-4.04) 0.16 (2.31) 0.40 (2.50)
Other Characteristics
Inflow Period (Dec 97)

Jan 98 -0.04 (-0.59) -0.14 (-1.39)  -0.02 (-0.11)

Feb 98 0.01 (0.17) -0.25 (-1.67)  -0.14 (-0.57)

March 98 -0.04 (-0.61) -0.24 (-1.85)  -0.55 (-2.09)
Industry (Other Services)

Construction -0.10 (-1.10) 0.23 (1.10) -0.13 (-0.31)

Tourism 0.20 (2.39) 0.04 (0.35) -0.71 (-3.36)

Manufacturing -0.07 (-0.78) 0.11 (1.05) -0.26 (-1.12)

Transport / Utilities 0.08 (0.75) 0.36 (1.56) -0.06 (-0.16)

Wholesale and Retail Trade 0.05 (0.84) 0.15 (1.45) -0.57 (-2.15)

Financial Services 0.18 (1.78) 0.40 (2.79) -0.17 (-0.47)
Entry from Nonemployment -0.30 (-2.17) -0.15 (-1.04) -0.15 (-0.61)
Occupation (All Other)

Tourism -0.07 (-0.65) -0.01 (-0.06) -0.01 (-0.05)
Urbanization (Village)

Small City -0.13 (-2.22) 0.18 (1.76) -0.07 (-0.44)

Large City -0.18 (-1.82) 0.09 (0.99) 0.18 (0.82)
Log (Unemployment Rate in Canton) -0.44 (-3.52) 0.38 (1.04) 0.23 (0.54)
Log (ALMP-Participation Rate in Canton) 0.00 (0.03) 0.77 (2.47) 1.23 (3.01)
Log (Percentage Votes for Benefit Cut in Canton) 0.20 (1.78) 0.25 (1.19) -0.29 (-0.92)
Earnings and Employment History
Previous Employment Spell

Wage 0.18 (2.41) 0.26 (4.76) 0.57 (2.89)

Wage Squared -0.03 (-2.91) -0.01 (-2.72)  -0.06 (-2.36)

Duration of Last Employment Spell -0.03 (-1.77) 0.00 (0.13) 0.03 (0.70)
Recent Past: 1994 to 1997

No Job -0.14 (-0.49) 0.06 (0.17) -0.36 (-0.74)

Mean Wage 0.03 (1.07) -0.02 (-0.41) -0.23 (-2.41)

Variance of Wages -0.58 (-2.00) -0.33 (-0.56) -2.76 (-1.84)

Percentage Employed 0.09 (0.74) 0.49 (2.21) 0.30 (0.67)

Number of Employment Spells -0.03 (-0.77) -0.03 (-0.61) 0.08 (0.62)

Percentage Unemployed -0.39 (-1.75) -0.55 (-1.15) -1.04 (-1.17)

Number of Unemployment Spells -0.05 (-1.31) -0.03 (-0.67) 0.10 (1.34)




Table A3a. (continued)

Distant Past: 1988 to 1994

No Job 0.27 (1.77) -0.35 (-0.90) -0.71 (-1.45)
Mean Wage 0.02 (0.54) 0.01 (0.46) -0.08 (-1.06)
Individual Wage Variance 0.12 (0.33) -1.35 (-1.96) -1.11 (-0.69)
Percentage Employed 0.26 (1.59) -0.47 (-1.82) -0.56 (-1.13)
Number of Employment Spells 0.01 (0.41) -0.02 (-0.55) -0.09 (-1.43)
Percentage Unemployed -1.12 (-2.83) 0.83 (1.53) -0.47 (-0.47)
Number of Unemployment Spells 0.01 (0.19) -0.06 (-0.91) 0.13 (1.12)
Masspoints
u?, v, wh -2.60 (-3.94) -4.07 (-3.60)  -1.99 (-1.20)
Duration Dependence (0 to 3 Months)
3 to 6 Months 0.01 (0.10) 0.04 (0.29) 0.43 (2.71)
6 to 12 Months -0.51 (-4.87) -0.81 (-4.97) -0.18 (-0.77)
12 to 18 Months -0.94 (-3.99) -0.64 (-2.20) -1.20 (-2.54)
Effect of unconditional Benefit Exhaustion
1 to 0 Months before Exhaustion 0.03 (0.21) -0.07 (-0.35) 0.49 (2.36)
0 to 1 Months after Exhaustion 0.26 (2.15) 0.62 (4.13) 0.42 (1.94)
1 and more Months after Exhaustion 0.22 (2.84) 0.27 (2.27) 0.79 (3.92)
Effect of ALMP during Participation
Basic Course -0.62 (-2.23)
Language Course -1.09 (-2.92)
Computer Course -0.30 (-1.04)
Other Course -1.01 (-2.19)
Employment Programme -0.53 (-3.05)
Effect of ALMP after Participation
Basic Course 0.25 (2.32)
Language Course 0.03 (0.12)
Computer Course 0.37 (2.73)
Other Course 0.48 (2.18)
Employment Programme 0.63 (3.31)
log Likelihood -9211.7
Number of Observations 3686

Note: t-Values in parentheses.



Table A3b. The effect of ALMPs and Benefit Exhaustion, Females, with correlated Heterogeneity

TO JOB TO COURSE TO EMPL. PROG.

Individual Characteristics
Married -0.05 (-0.49) 0.03 (0.33) 0.06 (0.20)
Number of Dep. -0.14 (-2.56) 0.06 (1.04) -0.07 (-0.46)
Age (16 to 30)

30to 50 -0.24 (-2.84) 0.27 (3.25) -0.28 (-1.52)

50 to 65 -0.70 (-6.00) 0.03 (0.24) 0.16 (0.43)
Skill Level (Unskilled)

Medium 0.15 (1.14) 0.19 (1.12) -0.29 (-0.76)

High 0.44 (3.84) 0.26 (2.92) -0.20 (-0.62)
Employability (Unknown)

Bad -0.29 (-1.71) -0.40 (-2.12) 0.49 (0.72)

Medium 0.00 (-0.00) -0.09 (-0.81) 0.60 (1.80)

Good 0.19 (1.57) -0.06 (-0.50) 0.37 (0.93)
Looking for Other Occupation -0.25 (-3.63) 0.16 (2.31) 0.46 (1.72)
Other Characteristics
Inflow Period (Dec 97)

Jan 98 -0.06 (-0.77) -0.15 (-1.34) 0.23 (0.54)

Feb 98 0.02 (0.22) -0.25 (-1.68) -0.13 (-0.24)

March 98 -0.04 (-0.51) -0.24 (-1.83) -0.72 (-1.82)
Industry (Other Services)

Construction -0.10 (-0.85) 0.23 (1.12) 0.41 (0.67)

Tourism 0.23 (2.78) 0.04 (0.36) -1.14 (-3.64)

Manufacturing -0.02 (-0.21) 0.11 (1.04) -0.43 (-2.43)

Transport / Utilities 0.08 (0.68) 0.36 (1.56) -0.54 (-1.02)

Wholesale and Retail Trade 0.09 (1.33) 0.15 (1.52) -0.88 (-2.14)

Financial Services 0.20 (1.90) 0.40 (2.65) -0.25 (-0.39)
Entry from Nonemployment -0.30 (-2.21) -0.15 (-1.04) -0.34 (-0.92)
Occupation (All Other)

Tourism -0.08 (-0.66) -0.01 (-0.05) 0.01 (0.04)
Urbanization (Village)

Small City -0.14 (-2.21) 0.18 (1.78) 0.01 (0.04)

Large City -0.18 (-1.56) 0.09 (0.99) 0.16 (0.57)
Log (Unemployment Rate in Canton) -0.48 (-3.57) 0.39 (1.04) -0.20 (-0.24)
Log (ALMP-Participation Rate in Canton) 0.01 (0.06) 0.77 (2.39) 0.93 (1.13)
Log (Percentage Votes for Benefit Cut in Canton) 0.24 (2.17) 0.25 (1.20) -0.79 (-1.21)
Earnings and Employment History
Previous Employment Spell

Wage

Wage Squared 0.19 (2.31) 0.26 (4.71) 0.42 (1.61)

Duration of Last Employment Spell -0.03 (-2.64) -0.01 (-2.68) -0.04 (-1.24)
Recent Past: 1994 to 1997 -0.03 (-1.85) 0.00 (0.12) 0.05 (1.01)

No Job -0.20 (-0.73) 0.06 (0.16) 0.72 (1.50)

Mean Wage 0.03 (1.25) -0.02 (-0.42) -0.26 (-2.29)

Variance of Wages -0.68 (-2.13) -0.33 (-0.57) -2.72 (-1.11)

Percentage Employed 0.05 (0.37) 0.49 (2.20) 1.03 (1.75)

Number of Employment Spells -0.05 (-1.08) -0.03 (-0.61) 0.24 (1.57)

Percentage Unemployed -0.48 (-1.76) -0.55 (-1.14) -0.52 (-0.83)

Number of Unemployment Spells -0.04 (-0.69) -0.03 (-0.65) 0.11 (0.88)




Table A3b. (Continued)

Distant Past: 1988 to 1994

No Job 0.24 (1.37) -0.35 (-0.91) -0.92 (-1.18)
Mean Wage 0.02 (0.66) 0.01 (0.46) -0.09 (-0.96)
Individual Wage Variance 0.16 (0.44) -1.34 (-1.90) -1.30 (-0.61)
Percentage Employed 0.26 (1.44) -0.47 (-1.82) -0.92 (-2.42)
Number of Employment Spells 0.01 (0.56) -0.02 (-0.54) -0.20 (-1.81)
Percentage Unemployed -1.25 (-2.87) 0.83 (1.52) -0.06 (-0.04)
Number of Unemployment Spells 0.02 (0.39) -0.06 (-0.91) 0.12 (0.69)
Masspoints
u?, v, vt -4.07 (-3.74) -4.12 (-3.55) 1.76 (0.59)
TRV -2.47 (-3.58) -4.06 (-3.55) -inf ¢)
Duration Dependence (0 to 3 Months)
3 to 6 Months 0.04 (0.50) 0.05 (0.29) 0.51 (2.23)
6 to 12 Months -0.44 (-2.75) -0.80 (-4.90) -0.08 (-0.18)
12 to 18 Months -0.86 (-3.04) -0.64 (-2.16) -0.94 (-1.39)
Effect of unconditional Benefit Exhaustion
1 to 0 Months before Exhaustion 0.02 (0.16) -0.07 (-0.35) 0.53 (1.88)
0 to 1 Months after Exhaustion 0.26 (2.06) 0.62 (4.08) 0.60 (2.22)
1 and more Months after Exhaustion 0.19 (2.12) 0.26 (2.34) 1.46 (4.33)
Effect of ALMP during Participation
Basic Course -0.63 (-2.21)
Language Course -1.09 (-2.99)
Computer Course -0.31 (-1.09)
Other Course -0.98 (-2.12)
Employment Programme 0.89 (0.75)
Effect of ALMP after Participation
Basic Course 0.27 (1.62)
Language Course 0.03 (0.12)
Computer Course 0.45 (2.74)
Other Course 0.64 (1.70)
Employment Programme 2.05 (1.68)
Prob(u=u®, ve=v,?, Ve=V,?) 0.18 (3.40)
Prob(u=u®, v.=v,.°, Ve=v,°) 0.00 (-)
Prob(u=u®, ve=v.2, Ve=Vv,?) 0.00 (-)
Prob(u=ub, vczvcb, vezveb) 0.82 ()
log Likelihood -9202.9
Number of Observations 3686

Note: t-Values in parentheses.



Table A4. Definition of variables.

Unemployment Spell
Elapsed Duration
Exit to Job
Unconditional Benefit Eligibility at Start

Individual Characteristics
Married
Number of Dependents
Skill Level

Unskilled

Medium

High
Employability

Bad

Medium

Good

Unknown
Looking for Other Occupation

Other Characteristics
Urbanization
Village
Small City
Large City
Log (Unemployment Rate in Canton)
Log (ALMP-Participation Rate in Canton)

Log (Percentage Votes for Benefit Cut in Canton)

Earnings and Employment History
Previous Employment Spell

No Previous Job

Wage

Duration of previous Employment Spell
Recent Past: 1995 to 1997

No Job

Mean Wage

Variance of Wages

Percentage Employed

Number of Employment Spells

Percentage Unemployed

Number of Unemployment Spells
Distant Past: 1988 to 1994

No Job

Mean Wage

Individual Wage Variance

Percentage Employed

Number of Employment Spells

Percentage Unemployed

Number of Unemployment Spells

time from registering unemployed until transition to job or censoring

Exit to paid employment in first labor market.

150 work days (approx. 7 months) for individuals younger than 50 years.

250 work days (approx. 11.5 months) for individuals between 50 and 60 years
400 work days (approx. 18.5 months) for individuals older than 60.

shorter for those repeatedly unemployed within same framework period

see text.

1 if married, O otherwise (single, divorced, widow(er))
number of people who depend on the income of the individual

no apprenticeship
short apprenticeship (<=2 years)
long apprenticeship (>2 years)

staff at regional placement offica rate each unemployed with
respect to employability at start of the unemployment spell.

1 if previous occupation not equal to desired new occupation, 0 otherwise

City of residence has

less than 10,000 inhabitants

between 10,000 and 100,000 inhabitants

more than 100,000 inhabitants

unemployment rate at start of unemployment spell

number of unemployed in ALMP divided by nhumber of unemployed
at start of unemployment spell

percentage voting for a cut in unemployment benefits of 1 to 3%,
national referendum held on 28 Sept. 1997.

Previous wage is zero
Wage in previous job, in SFR (1 SFR=.75 USD in 1997), divided by 1000.
Duration of previous employment spell, period 1988-1997, in years.

Mean wage is zero, 1995-1997

Mean wage, in SFR (1 SFR=.75 USD in 1997), divided by 1000, 1995 to 1997.
Variance of individual earnings, weighted by duration of job, 1995-1997.
employment duration divided by total time in labor force, 1995-1997.

number of employment spells, 1995-1997.

unemployment duration divided by total time in labor force, 1995-1997.
number of unemployment spells, 1995-1997.

Mean wage is zero, 1988-1994

Mean wage, in SFR (1 SFR=.75 USD in 1997), divided by 1000, 1995 to 1997.
Variance of individual earnings, weighted by duration of job, 1988-1994.
employment duration divided by total time in labor force, 1988-1994.

number of employment spells, 1988-1994.

unemployment duration divided by total time in labor force, 1988-1994.
number of unemployment spells, 1988-1994.




