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Abstract Studying diffusion rules of information in microblog is significant for public opinion predicting and
controlling, marketing and etc. The most current information diffusion models ignore the diversity of different in-
formation and different users. In order to solve the problem, this paper, by choosing the characteristics of users'
browsing and retweeting behavior, uses binary-class classification algorithm based on logistic and SVM to predict
individual behavior. In this paper, the information diffusion model is to predict users' browsing and retweeting be-
havior for given information. Simulation result shows that this model can better predict the process of information
diffusion in real microblog network.
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