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Unsupervised Based Object Recognition with Kinect

WANG Ding—jie, ZHOU Chang—le

(Department of Artiticial Intelligence, Xiamen University, Xiamen 361005, China)

Abstract: Most object recognition systems are based on supervised learning, and dealing with 2I) image which gives little infor-
mation about the background and foreground. Even state of art supervised object recognition can 't promise good result, let alone
unsupervised based system. With the advent of Kinect, it’s more easy to get 2.5D data. This paper proposes an innovative unsu-
pervised based object recognition system. The first step 1s to fit plane and use space based clustering to extract objects from the
scene. The second step 1s segmenting objects based on geometry primitive fitting, constructing graph model for each object based
on the segmentation result. Finally, embed the graph model to normal vector space and calculate the similarity between objects

with extended Earth Mover’'s Distance. The experiment gives a good result.
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