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Improved FCM algorithm using difference of neighborhood information

LIN Ya<hong', HAO Gan’, GU Jinku’

(1. The 175 Hospital ( Southeast Hospital of Xiamen University) , Zhangzhou Fujian 363000, China;
2. Department of Computer Science, Xiamen University, Xiamen Fujian 361005, China)

Abstract: In order to overcome the shortcoming of Fuzzy C-means ( FCM) that cannot deal with image noise and
weaknesses of its common improved algorithms, an improved FCM algorithm using the difference of neighborhood information
was proposed in this paper, which used Gaussian function to characterize the difference of space and gray value about
neighborhood pixels reasonably, and to adjust the center pixel membership to achieve the purpose of noise image segmentation.
The experimental results show that the proposed algorithm can effectively deal with the images with Gaussian and Pepper & Salt
noise, and can remove the noise while retaining more complete details of image. Its segmentation results are better than several
improved FCM algorithms in the literatures.
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