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Abstract Local mvarant features are recewing ncreasing atienton fran computer visbn research community Local
invarant featires have been widely utilzed n a lage number of applicatbns e g, wide baselhematchmng ob fct
recogniton, and categorization i age retrieval viual search wbot localization, scene chssification textre recogn itbn
and datam ning Ths paper gives an ovewew of the various approaches and properties of local invariant features W e focus
on threemapr areas (1) bcal nvariant feature detectors (2) bcal nvariant feature descriptors and ( 3) local nvariant
feature m atching M ost of the existing bcal mvariant feature detecors can be categorzed mto comer detectors bbb
detectors or regon detectors Local descriptors can be categorized mto d strbution-based filter-based mom entbased
descriptors and others descrptors S ilarity measuran ent matching strategy and matching verificaton are three key
components of robustm atching aloritms F nally sane research challenges and future d irec tions are d iscussed
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