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Abstract: Human action recognition is a difficult and active research area in computer vision. At present,
most of researchers in this field focus on recognizing action from video. However, human can understand human
action based on a single picture. Recognize action from single still images has more challenge and is a trend in
action recognition in recent years, but also a good entry point to explore the mysteries of human vision. In this
paper, we sort out the methods of recognizing action from single still images and classify these methods into three
categories. At last, the future research directions are discussed.
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