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The Analysis of Harmonic Based on Multi— Processor

FAN Harr qing, LU Da, ZHU Xrna
(Department of Computer Science, Xiamen University, Xiamen 361005, China)

Abstract: With muli- core technology development, multi— core com puter has gradually becom e the mainstream i the market; It brings
tremendous change in program design. How to modify the existing code with the least price and let it adapt to multi- core computers, has
become an important ssue. Based on the crucial part— harmonic detection in analyzes of the quality of electric energy, analyzes Fourier
transform algorithm which used in the harmonic detection, subsequently, proofs of the relationship betw een the result of Fourer trans
form and harmonic wave. Furthermore introduces some classical Harmonic analysis algorithms. At the end of this academic thesis emphat-
ically points out the course of parallel transformation in the Fourier transform algorithm which based on complex sequence, and analyses
the parallelizaton efficiency. The experiments show that OpenMP is not expectative for calculating effect of the small amount of data but
suitable for the parallel computing of large data.
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