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Signal Recongruction Based on Compressed Sensing

L I Bo ,XIEJiezhen, WAN GBo-liang
(Dept.of Information Science & Technology ,Xiamen Universty ,Xiamen 361005 ,China)

Abstract :With the development of information technology , the demandsfor information are increasng dramaticaly , which causes a series
of chalengesin sgnd sampling, transmisson and storage. An emerging theory of compressed sensng (CS) ,which is presented in recent
years, provides a new method for lving thisproblem. CSproject a Sngnd into alower dimenson at frist ,then by usng nonlinear recov-
ery dgorithms (based on convex opti mization) , super - resolved sgnds and images can be reconstructed from what appearsto be highly
incomplete data. Introduces the processng of the sgnd sarse representation , observation matrix and recovery adgorithms and focuson the
theoretica framework of compressed sengng and discusses the existing difficult problems. Apply this new theory to data of one dimenson
and image of two dimensons and give the Smulated result in the end. Experiments proved CSis higher compresson ratio and smaler
compresson error than traditiona data compresson agorithm.
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