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[Abstract] In clustering of high dimensional data, most of the existing algorithms can not reach people’s expectation due to the curse of

dimensionality. Based on the classic PreDeCon algorithm, this paper presents the StaDeCon, a density clustering algorithm for high dimensional

data, which introduces a measure of subspace dimensional weighting to avoid the problem existing in PreDeCon caused by using full dimensional

distance, and in this way, the quality of clustering is improved. Experimental results both on artificial and practical data show that the algorithm is

more accurate, and it is effective and feasible.
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