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Abstract This paper mproved K-means clustering algorithm by using transaction recoverym echanisn. The new algorihm was
able b resune itself without loss of can puting tin e after the can puter nmning  itwas shut down on puipose or by chance at
any ting so that it could achieve its goal n big data sets on ordinary canputers Itwas verified n a clsterng task which
spent as bng as 400 hours
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