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Abstract: In order to improve the efficiency of image retrieval, an image retrieval algorithm based on text and content
was proposed. This method used Dense Scalednvariant Feature Transform ( DSIFT) feature to construct visual words to
describe image content, roughly searched query image according to the visual semantics acquired by automatically annotating
based on Probabilistic Latent Semantic Analysis (PLSA) model, then sorted the filtered semantically related images according
to the similarity of content. Experimental results in Corell000 database demonstrate that the proposed algorithm can retrieve
images effectively and achieve better performance than the algorithm only based on image content.
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Arica 66.67 78.89
Beach 45.56 87.78
Buildings 38.89 82.22
Bus 93.33 97.78
Dinosaurs 98.89 100. 00
Elephants, 68. 89 87.78
Flowers 84.44 97.78
Horses 88.89 100. 00
Mountains 17.78 46.67
Food 41.11 58.89
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