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Novel Edge preserving Algorithm for Defocus Blurred Image Restoration
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Abstract Relevant research on image restoration indicates that imagé s subjective visual quality is closely related to its
local details. A novel restoration algorithm for defocus blurred image was proposed.T he proposed algorithm based on
BTV regularization framework by introducing a local adaptive weighted function constructs a new cost function for ima
ge restoration. This cost function which not only takes into account the global datea fidelity, but also considers the local
statistical properties of image, meaning to fully consider the local structural features of image under global data fidelity,
hence behaves much better in edge preservation. Experimental results confirm the effectiveness of the proposed method.
The image is restored with better subjective and objective visual quality, compared with other methods such as traditic
nal BT V regularization approach.
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