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ABSTRACT

A scene classification algorithm based on global optimized framework is proposed. Firstly the global
scene feature named spatial envelop is obtained from the whole image the visual word of each image
block is extracted and latent variable is defined to represent the semantic feature of the extracted visual
word. Secondly the structure graph of latent state is introduced to represent the context of visual words.
In respect to scene classification strategy objective function consisting of different potential functions is
constructed in which potential functions are defined to measure the relevance of the variables including
global scene feature latent variables and scene category. Finally the scene category of the image is
determined when the global optimized solution of objective function is obtained. The experiments on the

standard dataset demonstrate that the proposed algorithm achieves better results than the state-of-the-art

algorithms.
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