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ABSTRACT

Knowledge discovery in databases(KDD) is a rapidly emerging research field relevant to
artificial intelligence especially to machine learning techniques, and database system. Current
society is marching for so-caled digital society, the explosive growth of many business,
government, and scientific databases have far outpaced our ability to interpret and digest this data,
creating a need for a new generation of tools and techniques for automated and intelligent
database analysis, and that is the goal of KDD and is undoubted of great practical value.

In this paper, we first present basic notions of KDD, then we focus on two kinds of basic
knowledge maodels: association rules and classification rules.The application background of this
paper is based on China's stock market This paper is a prework in some critical methods. To form
an efficient decision support system for stock selection based on intelligent and automate analysis
on history transaction data is the final goal of the whole research work.

This paper is organized as four parts, and the main content of each part is as below:

The first part includes chapter one as outlines basic notions of KDD including its basic
concepts, iterative process procedure, basic discovery methods and its relationship with some
related research fields.

The second part includes chapter two and three. In chapter two, some improvements based
on basic agorithms of association rules discovery are presented, as increase the efficiency of
generation of frequent sets and scanning speed of database. Updating algorithms on renewed data
and dynamic changing minimum support are respectively presented and introduced. In chapter
three, by extending ordinary item set to those with its attribute of time dimension, we can mine
association relationship among different data records in database and generate association rules
with forecasting function.

The third part includes chapter four and five. Rough set is a new theoretical tool of KDD,
especidly in classification rules mining, as is discussed in detail in chapter four. Chapter five
focuses on finding buying and selling rules in stock market based on rough set theory.

The last part is chapter six. The total research work is summarized here, the inadequacies and
future possible improvements are pointed out. Some important ideas of future work are also
pointed out.
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