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Abstract

Key Words:Web Log Mining;Data Preprocessing;Clustering Analysis

The World Wide Web (WWW) continues to grow at an astounding rate in both the
sheer volume of traffic and the size and complexity of Web sites.With the huge
amount of information available online,the World Wide Web is a fertile area for data
mining research.The web mining research is a most vibrant area.

Web log mining which applies web mining techniques to find user access patterns
is of benefit to the web sites.

Web mining can guide a web site to better serve the needs of users of the
site,adjust its structure and implement effective ,characteristic business behaviors.

First,some basic concepts,methods and techniques,tools of data mining and so on
are introduced.What's data mining,why should need data mining and how to data
mining,main procedures and categories of data mining are stated in this paper.

Then,concepts and techniques of web mining,and concepts of web content
mining,web structure mining and web usage mining are introduced.XML standards
coming forth,to integrate all kinds of heterogeneous data sources on the internet has
one good chance.So,XML technigues and its application in web mining are presented
here.The following chapters focus on the introduction to the web usage mining and its
system model,and interpret the 6 phases of data preprocessing in detail:data
cleaning,user identification,session identification,path completion,transaction
identification and data formatting.In the meantime,an transaction identification method
named MFP algorithm is interpreted.

With the log of web site of Career Center,Xiamen University,web log mining is
carried into effect.

Classical transaction identification algorithm:maximal forward reference
generation is described in this paper,and a detailed implementation for the algorithm
is carried out.A fast and effective clustering algorithm for user access pattern is
described in detail,and with the transactions generated by MFP,the algorithm is
implemented.

In addition,with the frequent access paths,a modification of classical assocication
rules algorithm Aprior is made to adapt to mining web user frequent access paths.As a
result,an Apriori-Like algorithm is put forward and its implementation by C++ is carried
out.A simple attempt is made for visualization of mining results.

In the last place,a simple web log minging system prototype is designed.
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