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Abstract

Asset-pricing Theory show that forecast returnstime-varying risk
premium, stochastic  bubbles,learning mechanismetc.,, present nonlinear
structure. A flexible method to capture it is to introduce discrete mixture of
distributions,which has time-varying conditional mean and variance and
leptokurtic unconditional distribution.And Markow-switching regime model
proposed by Hamilton is popularly adopted.The model and its extentions
sucessfuly analysis many macroeconomic and financial daia, take into account
regime shifts reasonably, decrease pseud high volatility persistence and improve
out-of-sample forecasts.This paper will propose empiricaly adjusted
MS-GARCH and smoothed probability,and apply them to Shanghai Stock index
and Shenzhen Constituent index to describe the characteristics of regime shifts
and volatility persistence in China’s stock market.As the author know,there are
no such empirica sudiesin Chinato this day

The main results show (1) There exist obvious regime shiftsin China’s stock
market and highh and low-volatility regimes are significantly
different;(2)Regime persistence is an important source of volatility clustering
and Introduction of switching regime will significanlty decrease coefficient of
persistence;(3)By means of smoothed regime probability,we can successfully
identify important political event in Ching;(4)The system of T+1 and Limit up
or down make strong impacts on high- or low-volatility regimes,especialy after
carrying out of the latter China’s stock market basically stays in a low-volatility

regime.
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