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Abstract

With the gradually deepening of China's financial reform and the opening of China's
financial industry, banks will face unprecedented competitive pressure. The banks
how to improve decision-making ability and speed to adapt to such pressures is a
challenge. Using the current database system, banks have a lot of data. Although the
system can effectively carry out data entry, query and statistical functions, but it can
not find the existence of the relationship and rules in the data. It can not predict the
future development of trend based on the data. Data mining technology can potential
helpful information form the data. Using data mining techniques to analyze the data of
the bank, we can find important data model, convert the data "grave" to knowledge
"gold", and provide strong support to the making of decision. Therefore, data mining

technology isimportant to the commercial banks.

Credit business is the core business of commercial banks. Because of these
advantages, which are risk diversification, interest income, great market's potential
and derived significant benefits. This dissertation use high-dimensional clustering to
analysis the personal-credit information of the banks. The traditional approach in this
case isto determine a single subset of feature weights for the entire unlabeled data set
prior to clustering. However, by ignoring the existence of different sub-structures in
the data set, which requires different subsets of feature weights, the performance of
any clustering procedure can be severely degraded. Simultaneous Clustering and
Attribute Discrimination performs clustering and feature weighting simultaneously. Its
continuous feature weighting provides a much richer feature relevance representation
than binary feature selection. Second SCAD can adapt to the changes present in the

data set into different categories. With the use of fuzzy membership, it also allows

overlapping.

This dissertation introduces the relevant concept of data mining and high-



dimensional clustering, then prepare the personal-credit data, such as data acquisition,
data transform, data integration and data cleaning, then on the basis of FCM a gorithm,
achieve Simultaneous Clustering and Attribute Discrimination algorithm. Using
SCAD in analysis of the data of the bank personal-credit, the effect of clustering is
low clutter and high precision. It can grasp the situation of personal-credit customers
and find the weight association of the main factors in personal-credit information. On

this basis, the bank can adjust the policy of releasing and predict potential customer

group.

Keywor ds. High-Dimensional Clustering; Personal-Credit; SCAD
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