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ABSTRACT

It’s credit risk that requires much emphasis in bank risk management. Basel II
capital accord has promoted many domestic commercial banks to cultivate their own
internal credit scoring models providing sophisticated credit risk management.

Researches on credit scoring technology have always rooted in artificial databases,
which basically conform to characteristic of statistical assumptions. Unfortunately, a
real data set for modeling, in fact, tends to be a massive database which shows a
multiple correlation property with unbalance data structure as well as data redundancy
or data gap. It means that the mainstream opinion still goes like’ data set satisfying
with common hypotheses’. Then following question appears hereby: empirical study
on an artificial data set has deficient support on the actual efficacy. Therefore,
research on how to establish credit scoring models based on real database is valuable.

In this paper we present a case study based on a sample of credit applicant
database in banking industry of Taiwan, which presents all the challenges mentioned
above. The main objective is to build robust models. This paper proposes the use of an
ensemble classification technique, block-subagging, particularly suitable for highly
unbalanced credit scoring data. The methodology has been applied using hybrid
algorithm of artificial neural network and decision tree .We would show the © two—
stage hybrid model of artificial neural network and block subsample Aggregation
decision tree’ achieve better performance, especially in default custom discrimination.

From above, we can conclude that it’s feasible of the introduction of ensemble
learning algorithm in credit scoring. Also the shortage of the target credit scoring
model exploit possibility of optimization of future works. Besides, empirical study

validates the practicality of credit information.

KEYWORDS: Bank Credit; Credit Scoring; Ensemble Learning Algorithm;
Empirical Study
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