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Tab.1 Precision and recall under the different length of recommended list
ItemRank MaxF ItemRank MaxF
10 0.320 0 0.240 0 0.221 3 0.116 0 0.122 1 0.1219
20 0.300 0 0.2159 0.182 3 0.196 7 0.173 1 0.152 8
30 0.266 7 0.186 9 0.173 0 0.243 6 0.182 4 0.172 9
40 0.271 4 0.172 3 0.163 2 0.318 2 0.2259 0.212 0
50 0.240 0 0.163 0 0.151 3 0.343 2 0.271 0 0.256 9
60 0.200 6 0.153 8 0.147 7 0.343 8 0.293 2 0.283 8




« 468 - ( ) 2014

0351 ) —o— AL 0401 ) —o— ATUHIL
——=4—— ItemRank ——+4—-- ItemRank

030} —=&—— MaxF
N 0.25¢. -
g N
R o020f g Ty

e
0.15 T
0.10 : . ! * !
10 20 30 40 50 60
etk
1 3 MovieLense (a) (b)

Fig 1 Three algorithms performances of the Movielens data set; (a)precision, (b) recall.
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A Recommendation Approach to Users’ Browsing
Path Based on Ant Algorithm

LIU Jin-pei, ZENG Jianping”

(School of Information Science and Engineering, Xiamen University, Xiamen 361005, China)

Abstract ;: A new recommendation approach is proposed combining ant algorithm and the collaborative filtering in this paper. Accord-
ing to the principle of ant foraging,the user is considered as" ant",the target commodity as" food",then using pheromones between
the ants communication to predict the next commodity to be browsed. The benchmark Moviel.ens is applied in the experiment. Re-
sults shows that this method can efficiently alleviate the dataset sparsity problem, and provide better recommendation results than

collaborative filtering algorithms.
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